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With the rapid development of society, all walks of life need the support of the Internet of 'ings, and the financial industry is no
exception. 'is article integrates blockchain technology with supply chain finance and builds a supply chain financial alliance
architecture based on blockchain technology and an underlying model of the Ethereum blockchain system suitable for supply
chain finance. We innovated new supply chain finance models and operating mechanisms and proposed business scenarios for
supply chain finance from the perspective of blockchain. Taking into account the actual operation of the blockchain supply chain
financial platform, the principal-agent model and the incentive theory are applied, and the supply chain financial accounts
receivable model is taken as an example in the case of complete information and incomplete information. 'e incentive
mechanism between the service provider of the chain supply chain financial platform and the core enterprise promotes the better
implementation of blockchain technology and supply chain finance. Based on the existing theoretical research, this paper
identifies the key influencing factors of the supply chain’s cross-enterprise incentive mechanism.'ese influencing factors system
includes two dimensions: transaction factors and relationship factors. Transaction factors include resource dependence, un-
certainty, and cooperation experience; relationship factors include corporate reputation, trust level, and relationship com-
mitment. Based on the nature of the incentive mechanism, information sharing and revenue sharing are extracted as the
measurement dimensions of the supply chain’s cross-enterprise incentive mechanism. On this basis, this article draws on the
existing enterprise life cycle division method and constructs a hypothetical model of the influencing factors of the incentive
mechanism in the incubation period, the growth period, and the maturity period. Relevant data was collected through ques-
tionnaires, and SPSS and AMOS software were used to perform statistical analysis, reliability analysis, exploratory factor analysis,
confirmatory factor analysis, and structural equation hypothesis testing on the data.'e performance of each influencing factor in
different stages of the enterprise’s life cycle and the importance of each influencing factor in the same life cycle stage are obtained.

1. Introduction

In the industrial field, the supply chain has realized the
optimal allocation of physical resources, while supply chain
finance is the optimization of the supply chain’s capital flow
in the financial field [1, 2]. Supply chain finance is a single
credit financing business combining short-term finance and
closed accounts based on the real trading background and
the credit level of the leading supply chain enterprises, using
the future trade cash flow determined by the enterprise as the
repayment source. Supply chain finance is an effective way to
realize the effective allocation of capital to enhance the

liquidity of capital and lubricate the supply chain [3–5]. It is
also an effective way to alleviate the financing problems of
SMEs. In the context of overcapacity and the need to
destock, prepaid account financing has its unique advan-
tages. Prepaid account financing is mostly used for dis-
tributor financing, which is beneficial to alleviating the
inventory backlog of manufacturers. At present, the research
on account receivable financing and inventory financing is
relatively mature, and there is little research on prepaid
account financing. And it is only limited to the qualitative
analysis of supply chain financial business model and op-
eration process and their respective income risks [6, 7].
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Researchers believe that supply chain finance should
analyze the internal transaction structure of the supply
chain, combine risk diversification measures such as core
enterprises, logistics supervision companies, and capital flow
guidance tools, and apply the credit model of self-com-
pensation trade financing to provide supply chain node
enterprises with credit and financial services such as set-
tlement and wealth management [8, 9]. Related scholars
have put forward the development concept that supply chain
financing should be led by commercial banks; that is, fi-
nancial institutions use wealth management, investment
banking, and other advantages to give full play to the role of
stability and maintenance in the operation of the supply
chain, so that it can operate healthily and create profit
margins [10]. Researchers believe that order financing is a
financing business in which financing companies apply for
loans from financial institutions based on valid sales orders
and issue closed loans after the financial institutions review
[11, 12]. Financing pricing must be based on accurate cost
measurement. 'e initial loan pricing of Chinese banks is
based on the cost of capital plus the target rate of return.
Relevant scholars believe that SMEs have a longer cooper-
ative relationship with banks [13, 14]. Although they in-
crease the chances of obtaining loans, they also bear higher
debt costs. 'e companies that maintain relationships with
the two banks get the cheapest debt. 'eoretically, limits are
set on the degree of concentration of relations with banks.
Prepaid account financing often involves warehouse receipts
and inventory pledges [15]. 'e pledge rate is the core risk
control indicator of an enterprise. 'e pledge rate represents
the degree of guarantee of the pledge. In practice, banks
often rely on experience to evaluate collateral. For example,
the mortgage rate of real estate is generally 70%, the
mortgage rate of production equipment is about 50%, the
mortgage rate of movable property is about 20%–30%, and
the mortgage rate of special equipment is only around 10%
[16]. 'e most important customer relationship in supply
chain finance is the bank-enterprise relationship. Due to the
low internal information transparency of SMEs, serious
information asymmetry problems often occur between
banks and enterprises [17]. 'erefore, banks and enterprises
need to maintain long-term close contact to form a rela-
tionship. 'e impact of this relationship on loan interest
rates is controversial. Some studies believe that the close
relationship between banks and enterprises will have a
negative effect on corporate loan interest rates [18, 19].
However, from a bank’s point of view, when the relationship
between banking companies is tense, the bank is more likely
to raise interest rates to recover the prior dedicated in-
vestment. Relevant scholars found that when the bank-en-
terprise relationshi is close by studying the SME loan data of
a commercial bank, the bank tends to charge higher loan
interest rates to borrowing companies that maintain long-
term business relationships, and the lending companies are
also willing to increase the loanability of funds [20].

Due to the asymmetry of information, it is often nec-
essary to consider the existence of adverse selection prob-
lems and moral hazard problems. 'erefore, this chapter
studies the blockchain technology service platform’s

incentive contracts for core supply chain finance companies.
We design problems under information and incomplete
information and design and solve the corresponding in-
centive contract model. 'is article analyzes and processes
the survey data of the gestation period, growth period, and
maturity period. First, we use SPSS19.0 to perform de-
scriptive statistical analysis, reliability analysis, and ex-
ploratory factor analysis on the data; then, we use AMOS17.0
to perform confirmatory factor analysis, model correction,
and hypothesis testing on the data. During the gestation
period, the hypotheses H4b, H5a, H5b, H6a, and H6b did
not pass the test, and the remaining hypotheses all passed the
test; in the growth period, the hypotheses H2b, H3b, and
H4a did not pass the test, and the other hypotheses passed
the test; at the maturity stage, hypotheses H1a, H2a, H3a,
H3b, and H4a have not passed the test, and the remaining
hypotheses all passed the test.

'e rest of this article is organized as follows. Section 2
discusses related supporting theories. Section 3 designs the
revenue incentive mechanism of core information service
enterprises under blockchain technology. Section 4 carries
out a numerical analysis. Section 5 summarizes the full text.

2. Related Supporting Theories

2.1. "e Hierarchical Structure of the Internet of "ings.
'e Internet of'ings consists of a three-tier architecture, as
shown in Figure 1. It can process tens of millions or even
billions of information in a few seconds, which provides a
shortcut for processing the massive amounts of information
collected in the Internet of 'ings system. Cloud computing
emphasizes the aggregation, optimization, and dynamic
processing of information, which greatly improves operating
efficiency while reducing information processing costs.

2.2. Related "eories of Supply Chain Finance

2.2.1. Principal-Agent "eory. From an economic perspec-
tive, as long as there is a relationship between competition
and cooperation, information asymmetry will appear. 'is
relationship is called a principal-agent relationship. 'ere is
also a difference of interest between the principal and the
agent due to the difference in the effect function [21]. 'e
client’s expectation is to maximize profits, while the agent
only cares about whether his own interests can be met. 'is
is also in line with the basic assumptions of the current
mainstream economics and rational people. 'is assump-
tion is the specific premise of the principal-agent theory [22].

2.2.2. Transaction Cost "eory. Asset exclusivity means that
the funds invested in a certain business are not used for other
purposes; that is, they cannot be transferred [23]. Once the
business transaction is terminated, the cost of investing in
the business is difficult to recover. 'is factor keeps trans-
action costs at a relatively high level. Transaction uncertainty
refers to the occurrence of various risks that a certain
business will face during the transaction process. 'e lim-
itation of bounded rationality and the existence of
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information asymmetry in the transaction process make it
impossible to accurately predict the future [24]. Both parties
to the transaction can only prevent loss of interest by signing
a contract. 'erefore, the existence of transaction uncer-
tainty will increase the cost of supervision and bargaining
and cause an increase in transaction costs. Management and
bargaining costs will increase with the increase in transac-
tion frequency [25, 26].

2.2.3. "eory of Self-Compensation Trade Financing. 'e
theory of self-compensation trade financing means that
banks and other financial institutions can effectively control
credit risk by controlling logistics or tying third-party re-
sponsible persons according to the capital flow of the en-
terprise under the premise of effectively mastering the
business cooperation background of SMEs [27–29]. Under
the premise of providing financing services for small- and
medium-sized enterprises, the repayment generated by the
business activities of the enterprise shall be used as the first
source of loan repayment. 'e theory emphasizes the ap-
proval of single credits. 'e focus of the review is the au-
thenticity of the trade background, the strength of the
counterparty, credit, etc. 'e closed operation of the loan
and the self-repayment of the repayment are the foundation
for the realization of the self-repaying trade financing theory,
which limits the risk to a controllable range.

2.3. Supply Chain Finance Model. In the supply chain
“production-supply-sale” operation process, cash flow plays
an important role in the normal operation of SMEs. Because
it is in a relatively weak position in the supply chain, capital
flows cannot return in a reasonable time. Without sufficient
self-reserve funds, companies will be burdened with in-
sufficient cash flow pressure and difficult-to-maintain nor-
mal production operations. 'is has created an urgent
demand for loans from small- and medium-sized

enterprises, but the limitations of their own credit strength
make it difficult to obtain loans from banks or the interest on
loans is high. 'e supply chain financial financing platform
is shown in Figure 2.

2.3.1. Prepayment Financing Model. Prepayment financing
is a financing model that occurs in the procurement stage of
the supply chain and can be understood as “future inventory
financing.” 'e premise of the development of this model is
that the core supplier enterprises in the upstream of the
supply chain must commit to repurchase, and then the fi-
nancing SMEs use the purchase documents generated be-
tween the core enterprises to apply for the corresponding
loan line to the bank, and the right to take delivery is
controlled by the bank.

2.3.2. Inventory Pledge Financing Model. Inventory pledge
financing refers to financing small- and medium-sized en-
terprises that use temporarily immobile goods in their in-
ventory as pledges to apply for loans from banks. 'e bank
entrusts the supervision and transportation of the pledged
goods to third-party logistics companies to provide liquidity
support to the small- and medium-sized enterprises. 'is
can effectively reduce the capital occupation cost of fi-
nancing SMEs’ inventory and the cost of warehouse use.
'rough inventory pledge financing, a balance between
production and sales stability and liquidity can be achieved.
'e business process of inventory pledge financing is shown
in Figure 3.

In the inventory pledge financingmodel, financing SMEs
apply for loans from banks and other financial institutions
with their own inventory of goods under the credit guar-
antee of the core enterprises with which they have a co-
operative trade relationship. Banks first need to review the
trade background of the supply chain where the financing
SMEs are located, the credit strength of the core enterprises,
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and the strength of cooperation with the core enterprises. At
the same time, it has entrusted third-party logistics com-
panies with professional businesses that it does not possess,
such as the evaluation of pledges, warehousing, and trans-
portation, which greatly increases the operability of the
inventory pledge financing model. After passing the pro-
fessional evaluation of the third-party logistics company, the
evaluation report is submitted to the bank. If the require-
ments are met, the bank will directly sign the pledge loan
agreement with the financing SME after signing the re-
sponsibility guarantee letter with the core enterprise. After
the pledged goods are delivered by the financing SME to the
warehouse designated by the third-party logistics company,
the logistics company issues a pledged warehouse receipt

and transmits it to the bank. 'e bank sets a reasonable
pledge rate based on various influencing factors and uses this
as a benchmark for the financing company loans. After
successful sales, SMEs get the money back and repay the
bank loan with the money. According to the amount of
repayment funds, the bank informs the logistics enterprise to
issue a corresponding proportion of pledges, and this
business will end until the loan is repaid.

2.3.3. Accounts Receivable Financing Model. Credit sales
have become the trend of trade cooperation between en-
terprises. Noncore suppliers in the upstream of the supply
chain cannot get the money back in time because of the gap
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in strength or business needs. At the same time, they cannot
successfully obtain the support from bank due to the lack of
qualifications or collateral. Insufficient funds will affect the
company’s subsequent production and operations, causing
the capital chain to break or even stop production.'e act of
selling on credit has brought great liquidity pressure to the
cash flow of middle and upper reaches in the supply chain.
'e existence of the credit sale transaction has given birth to
the emergence of the accounts receivable financing model.

'e financing of the upstream of the supply chain be-
tween small- and medium-sized supplier enterprises and the
downstream core manufacturer enterprises produces trade
cooperation. After the small- and medium-sized enterprises
sign the order contract with the core enterprise, the core
enterprise issues accounts receivable documents to the
small- and medium-sized enterprises to obtain the owner-
ship of the goods. Subsequently, the financing SMEs can
apply for loans from the bank with the accounts receivable
documents as pledge. 'e bank needs to review the au-
thenticity of the document, the creditworthiness of the core
company, and the ability to collect funds. If the loan re-
quirements are met, the bank will sign a transfer agreement
with the financing SME and inform the core enterprise of the
actual transfer. Under normal sales conditions, core en-
terprises receive continuous capital return and can repay the
bank loans in batches or in full. When debt settlement is
over, the bank will cancel the accounts receivable pledge
contract with upstream financing SMEs.'e development of
the accounts receivable financingmodel has better solved the
problem of rupture of the capital chain caused by the
pressure of purchase and sale of upstream SMEs.

3. The Revenue Incentive Mechanism Design of
the Core Information Service
Enterprise under the Blockchain Technology

3.1.Business Scenarioof “Blockchain + SupplyChainFinance”.
As shown in Figure 4, under the blockchain architecture, all
different entities involved in the supply chain financial
business can join the supply chain financial service platform
in an equal manner and use blockchain technology to solve
the problem of multiple parties in an uncertain environ-
ment. 'e issue of mutual trust reduces the high cost of
credit enhancement through third-party credit intermedi-
aries and reduces asset transaction costs. In the complete
system, the information service platform centered on core
enterprises, financial institutions, and the supply chain fi-
nancial system uses blockchain technology to exchange data
and complete transaction links. Financial nodes and
transaction nodes form financial ledgers and transaction
ledgers in the blockchain platform through specific trans-
actions, share data, and reach cooperation, forming a
complete supply chain financial ecology.

Most SMEs use indirect financing as the main financing
method, but in fact, direct financing (issuing stocks and
bonds) is the key problem that solves the current difficulty of
financing for SMEs. As a major direct financing method,
ABS (asset securitization) can play amajor role in solving the

financing problems of SMEs, reduce the financing costs of
SMEs, improve their financing convenience, and introduce a
large amount of private capital in a legal manner.

3.2.Model Description andAssumptions. In the supply chain
finance accounts receivable financing link, the relationship
between the blockchain supply chain financial information
service platform and the core enterprise is that the block-
chain supply chain financial information service platform is
the principal and the core enterprise is the agent. Based on
the asymmetric information in the initial stage of the es-
tablishment of the blockchain-based supply chain financial
platform, an incentive mechanism contract model based on
the constraints of the blockchain supply chain financial
information service platform is established. Companies
improve their product quality and service quality, apply the
principal-agent model to solve analysis, explore the be-
havioral characteristics of core companies in the financing
process, help the blockchain supply chain financial infor-
mation service platform to identify the sales capabilities of
core companies, and promote core companies to improve
their own comprehensive strength.

Assume that the sales volume of the core company on the
supply chain financial financing platform based on block-
chain technology is

Q � δ − ae + d. (1)

Among them, a represents the sales ability of core en-
terprise sellers, which is generally related to the core en-
terprise’s product quality, advertising and promotion
methods, customer demand and service levels, product
prices, etc.'e stronger the core enterprise’s sales ability, the
greater its sales. Since the blockchain supply chain financial
service platform cannot use decentralized technology to
accurately assess the actual sales capabilities of the core
enterprise before the core enterprise uses the blockchain
technology and the early stage of using the blockchain
technology, the probability density function of the private
information of an enterprise is f (a).

In real life, core companies tend to exaggerate a to fi-
nancial institutions to increase more credits and obtainmore
loans for upstream and downstream companies in the
supply chain. e represents the level of effort of the core
enterprise. Among them, a and e are continuous variables,
core company sales capability a is the core company’s private
information under adverse selection, and effort level e is the
core company’s hidden information under moral hazard. d
represents the maturity of the blockchain technology faced
by the blockchain supply chain financial information service
platform, and the value of d has a positive correlation with
the maturity. δ represents the exogenous uncertainty factor
when the seller conducts sales and satisfies a normal dis-
tribution with a mean of 0 and a variance of σ2.

g represents the sum of the benefits obtained by the
blockchain supply chain financial information service
platform through the core enterprises on the platform. 'e
utility of the blockchain supply chain financial information
service platform is
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πB � Q[k(a) + g] − a. (2)

Assuming that the core enterprise is a risk aversion type,
its utility function has an invariable absolute risk aversion
feature, so its expected return function satisfies

EπR � 1 − e
− pπR . (3)

πR represents the total income of the core company, and p

represents the absolute risk aversion of the core company.
Assuming that the retained income of the core enterprise is
0, then the above can be summed up:

πR � 0.5fe
2

+ nQ − aQk(a). (4)

Using the deterministic equivalent quantity method, the
expected benefits of the core enterprise can be obtained as
follows:

EπR � 0.5fe
2

− (ae + d)(n − ak(a)) + 0.5pσ2ak(a). (5)

3.3. Design of Incentive Mechanism under Complete
Information. Under the condition of complete information,
core enterprises package and upload their business capa-
bilities, sales contracts, production and operation, and other
information to the blockchain supply chain financial service
platform; the blockchain system automatically accounts for
the entire network. 'ere is no private company in the core
enterprise. Information, the blockchain supply chain fi-
nancial service platform, and the core enterprise are com-
pletely information transparent, and the service platform
can intuitively observe the core enterprise’s sales ability a
and sales effort level e. At this time, when the information is

completely symmetrical, the blockchain supply chain fi-
nancial service platform and core enterprises will seek to
maximize their own interests and achieve the best overall
configuration.

From the model assumptions, the client’s blockchain
supply chain financial service platform is a risk-neutral type,
which encourages core companies to strive to improve sales.
'erefore, the expected benefits of the blockchain supply
chain financial service platform are

EπB � a(d + ae)[k(a) + g]. (6)

According to Stackelberg’s theory, the optimal planning
problems and constraints of the blockchain supply chain
financial service platform can be obtained. 'e optimal unit
sales subsidy incentive k∗(a) increases with the maturity of
the blockchain technology d. As the absolute risk aversion
degree p, the core company’s effort cost coefficient f, and the
uncertainty factor variance σ2 increase, it decreases;
therefore, for core companies with relatively low effort costs,
the blockchain supply chain financial service platform is
willing to provide higher sales incentive subsidies to ensure
that core companies can reach the highest possible operating
level and ensure the ability to repay later. At the same time,
when the blockchain supply chain financial service platform
develops more mature and stable profitability, the infor-
mation service platform will also be more capable of giving
incentive subsidies.

'e optimal expected benefits of the blockchain supply
chain financial information service platform will increase
with the sum of the benefits brought to the information
service platform by the core enterprise using the blockchain
supply chain financial platform, the core enterprise’s sales
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revenue function, and the maturity of blockchain technol-
ogy. At this time, the expected income of the core enterprise
is zero. 'erefore, the better operating conditions and
business capabilities of core enterprises can bring better
benefits to the blockchain supply chain financial information
service platform.

3.4. Construction of Incentive Mechanism Contract Design.
In an incomplete information environment, before the
blockchain supply chain financial information service
platform signs an incentive mechanism contract with the
core enterprise, the blockchain supply chain financial
information service platform as the client can only know
the general situation of the agent’s core enterprise in-
formation. 'e true capability level of the core enterprise
is hidden, and blockchain supply chain finance cannot
directly observe this information. 'erefore, at this time,
the two parties cooperating on the alliance chain have the
problem of adverse selection before signing the incentive
mechanism contract. When the incentive contract is
signed, the core enterprise of the agent usually chooses the
level of effort based on its own rationality, while the
principal’s blockchain supply chain financial service
platform generally has no way to know the true level of
effort of the agent’s choice, so there is a certain amount of
effort at this time.

Under the asymmetric information variable, its effort
level e is the hidden information variable under moral
hazard. 'e core enterprise chooses its own optimal effort
level according to the incentive contract k (a) designed by
the blockchain supply chain financial service platform. 'e
service platform uses this to identify the sales capabilities of
the core companies on the blockchain alliance chain and to
provide efficient incentives for them.

According to the assumption of the above model, the
blockchain supply chain financial service platform is known
to be risk-neutral, so the expected benefits of the blockchain
supply chain financial service platform are

EπB � f(a)a(d + ae) − [g + k(a)]. (7)

Assuming that the retained earnings of the core enter-
prise is zero, the individual participation constraint (IR) is

(ae + d)[ak(a) − n]≥ 0.5fe
2

+ 0.5pnk(a)σ2. (8)

'e incentive contract of the blockchain supply chain
financial information service platform can promote core
enterprises to improve their sales efforts on the blockchain
platform.'e core company’s incentive strength is analyzed,
and the incentive contract is analyzed to obtain

EπR � dnk(a) + 0.5pσ2ak(a)
2

+ a
2
. (9)

In order to maximize its own benefits, the blockchain
supply chain financial service platform provides incentive
contracts for core companies as follows:

maxEπB
� f(a)a(d + ae)[k(a) + g]. (10)

4. Numerical Analysis

4.1. Reliability Analysis. In this study, SPSS19.0 was used for
reliability analysis, and for the three inverse questions in the
uncertainty variable, the question data was replaced before
the reliability analysis. Reliability is an indicator of the
consistency or stability of the results measured through
repeated tests, or the estimated error of the measurement, to
reflect the actual degree of the actual quantity. 'e greater
the reliability of the scale, the smaller the standard error of
measurement. Commonly used reliability testing methods in
Likert scales are Cronbach’s α coefficient and split-half re-
liability. Since split-half reliability only uses half-sample
reliability, it usually reduces the length of the original test
questions.'erefore, this study uses Cronbach’s α coefficient
to test the reliability of the sample. Reliability analysis of the
scales of gestation period, growth period, and maturity
period was carried out, and the specific results are shown in
Figure 5.

From Figure 5, it can be found that the Cronbach α
coefficients of each subscale are all above 0.7, and the
Cronbach α coefficients of the total scale are all above 0.8,
which shows that the scale has good consistency and internal
structure and good reliability.

4.2. Confirmatory Factor Analysis. Confirmatory factor
analysis is to further test the relationship between latent
variables and observed variables on the basis of exploratory
factor analysis and test the authenticity and rationality of the
hypothetical model by testing the degree of fit between the
data and the hypothetical model. Generally speaking, con-
firmatory factor analysis is a prestep or basic framework for
integrated structural equation analysis. 'is study uses
AMOS17.0 software to perform confirmatory factor analysis
to prepare for the subsequent construction of structural
equation models.

'e basic fitness is used to test whether the model has
identification problems, data file input errors or sequence
errors, etc. 'e measurement indicators are generally the
error variance in the estimated parameters, the significance
of the error variation, and the factor loading. It is generally
believed that there can be no negative error variables in the
estimated parameters, and all error variations must reach a
significant level.'e factor loading degree is between 0.5 and
0.95. 'e larger the factor loading, the more the index
variable can be explained by the construct. 'e index var-
iable can effectively reflect the characteristics of the variable
to be measured.

'e internal structural fit of the model is mainly used to
evaluate the significance of the estimated parameters in the
model, the validity and reliability of each indicator variable,
etc. Generally speaking, the evaluation indicators of the
model’s inherent structural fit are the scale’s t value, P value,
combination reliability, and average variance extraction
value (AVE). 'e t value is the t-test value. If the absolute
value of this value is greater than 1.96, the parameter esti-
mate reaches the 0.05 significance level. If the absolute value
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of the t value is greater than 2.58, the parameter estimate
reaches the 0.01 significance level.

4.2.1. Confirmatory Factor Analysis of the Gestation Period
Scale. 'e confirmatory factor analysis results of each
variable of the gestational period scale and the overall model
fit analysis results are shown in Figure 6.

According to the confirmatory factor analysis result of
the gestation period scale, it can be seen that the combined
reliability and AVE value of each observation variable are
both greater than 0.5, which indicates that the model has a
good inherent quality. According to the analysis results of
the model fit, it can be seen that except for the GFI which
is slightly less than 0.90, the other fit indexes meet the
requirements, which indicates that the model has a good
fit.

4.2.2. Confirmatory Factor Analysis of the Growth Stage
Scale. 'e confirmatory factor analysis results of each
variable of the growth stage scale and the overall model fit
analysis results are shown in Figure 7. According to the
confirmatory factor analysis results of the growth stage
scale, it can be seen that the combined reliability and AVE
value of each observation variable are greater than 0.5,
which indicates that the model has good inherent quality
and good fit.

4.2.3. Confirmatory Factor Analysis of the Maturity Scale.
'e confirmatory factor analysis results of each variable of
the maturity scale and the overall model fit analysis results
are shown in Figure 8. According to the confirmatory factor
analysis results during the maturity period, it can be seen
that the load of each factor is greater than 0.85, and the
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fitness index is good, which shows that each variable has a
good validity structure.

5. Model Modification and Fitness Evaluation

'e adaptability of the sample data of the three stages of the
enterprise life cycle and the hypothesis model of this study is
tested separately. According to the adaptability summary
table of the AMOS output report, it can be found that all the
adaptability indicators in the initial hypothesis model have
not reached the ideal status. However, from the revised index
table, we can find that the residual correction index among
the latent variables resource dependence, uncertainty, co-
operation experience, corporate reputation, trust level, and
relationship commitment is relatively high. 'erefore,
establishing the correlation between them will significantly
reduce the chi-square value and increase the significance.
'e comparison of the fitness of the hypothetical model
before and after the correction is shown in Figure 9. It can be
seen that after the correction of the hypothetical model, the
fitness indicators have reached the ideal level (>0.9). Fig-
ure 10 shows the results of the hypothesis test of the maturity
scale.We give the path coefficient and P value of the research
hypothesis.

6. Conclusion

'is article considers a series of influencing factors such as
core enterprise sales ability, blockchain technology maturity,
sales effort level, etc.; through principal-agent and incentive
mechanism theory, we design the incentive contract in the
blockchain supply chain financial alliance chain under the
accounts receivable model. Taking into account the possi-
bility of failure to repay on time or bad debts due to poor
management of core enterprises, a good incentive contract
can effectively help the blockchain supply chain financial
service platform to screen the true operating conditions of
core enterprises. It can appropriately stimulate the sales level

and sales effort of the core enterprise and avoid the risk of
repayment. With the help of enterprise life cycle theory, this
research discusses the measurement dimensions and
influencing factors of the supply chain’s cross-enterprise
incentive mechanism, constructs research hypothesis
models for different life cycle stages, and conducts empirical
analysis and hypothesis testing based on survey data. It
reveals the mechanism of the supply chain’s cross-enterprise
incentive mechanism based on time and vertical sequence.
Based on the perspective of the enterprise life cycle, this
study explores themechanism of the incentive mechanism of
different life cycle stages related influencing factors from the
perspective of time and vertical sequence. 'is is a new
attempt to study the supply chain cross-enterprise coop-
eration relationship. 'erefore, in the choice of research
methods, research approaches, and research ideas in this
article, it is inevitable that they will appear imperfect due to
the immature theory. 'is research is an exploratory em-
pirical research. It analyzes and discusses the mechanism of
the incentive mechanism of the relevant influencing factors
in different stages of the enterprise life cycle and identifies
the important influencing factors of the incentive mecha-
nism in different life cycle stages and the changes in the role
of influencing factors at different stages trend. Based on this,
it is imperative to construct a set of incentive mechanisms
suitable for different life cycles of enterprises, and future
research will focus on this. Based on the theory of self-
compensated trade financing, supply chain finance has
played down the financial analysis and access standards for
financing small- and medium-sized enterprises, shifted the
focus to the control of operations, and directly infiltrated the
management of risks by controlling the flow of funds and
logistics. 'is is conducive to realizing dynamic control of
risks, and at the same time realizing the risk isolation of
credit subjects. Banks and other financial institutions use the
credit guarantees of core enterprises in the supply chain to
further reduce their own credit risks, match the flow of funds
in the supply chain with the trade cycle, shorten the
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Figure 10: Hypothesis test results of the maturity scale.
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financing cycle, and make up for the weak operating stability
of SMEs. At the same time, the trade cooperation rela-
tionship of the supply chain can be used to carry out
upgraded business development from point to chain to
network.
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