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Abstract. 
Jatropha (Jatropha curcas L.) is an economically important species with a great potential for biodiesel production. To enrich the jatropha genomic databases and resources for microgravity studies, we sequenced and annotated the transcriptome of jatropha and developed SSR and SNP markers from the transcriptome sequences. In total 1,714,433 raw reads with an average length of 441.2 nucleotides were generated. De novo assembling and clustering resulted in 115,611 uniquely assembled sequences (UASs) including 21,418 full-length cDNAs and 23,264 new jatropha transcript sequences. The whole set of UASs were fully annotated, out of which 59,903 (51.81%) were assigned with gene ontology (GO) term, 12,584 (10.88%) had orthologs in Eukaryotic Orthologous Groups (KOG), and 8,822 (7.63%) were mapped to 317 pathways in six different categories in Kyoto Encyclopedia of Genes and Genome (KEGG) database, and it contained 3,588 putative transcription factors. From the UASs, 9,798 SSRs were discovered with AG/CT as the most frequent (45.8%) SSR motif type. Further 38,693 SNPs were detected and 7,584 remained after filtering. This UAS set has enriched the current jatropha genomic databases and provided a large number of genetic markers, which can facilitate jatropha genetic improvement and many other genetic and biological studies.



1. Introduction
Jatropha curcas L. is a diploid (2 = 2 = 22) perennial plant in the Euphorbiaceae family that can grow up to 5–7 meters tall and live up to 50 years [1, 2]. The species shows a great potential for biofuel production. It originated from Mexico and Central America and is currently widely distributed in the tropical and subtropical areas, including the Americas, Asia, and Africa. Jatropha seeds contain 30–40% oil, which is suitable for producing biodiesel, especially bio jet fuel [3, 4], and has already become a commercial source for biodiesel production in Senegal, Tanzania, India, and the Philippines [5]. However, jatropha is still an undomesticated plant because breeding and genetic improvement programs are limited [6]. In the United States, it is limited to southern regions because of cold sensitivity, in addition to unavailability of suitable germplasm, and limited genomic resources, which are major concerns in jatropha breeding programs. Selection of best plant materials based on important traits, such as high oil content, high yield, cold tolerance, among others is imperative for commercial success in jatropha breeding.
The microgravity environment has unique characteristics that allow studies of its effects on plant cell structure and physiology [7]. Hereditary variations in tomato submitted to microgravity have been reported, likely due to alterations in the genetic expression through mutations and/or differential gene expression [8]. Therefore, microgravity-induced mutations could be explored as a new approach to plant breeding by combining space biology with agricultural breeding technology [9]. Previous studies in space have demonstrated the effects of microgravity on cell growth, signaling pathways, and gene expression [10–13]. Therefore, the exposure of jatropha cells to microgravity could reveal changes, which could be evaluated for their potential in assisting with the genetic improvement of the species and contribute with its domestication as a feasible crop [9]. Four spaceflights experiments with jatropha cells have been performed and data has been collected for evaluation of differential gene expression using microarray analyses (unpublished data). However, before alterations in genetic expression in jatropha can be evaluated through mutations and/or differential expression, comprehensive genomic information is needed.
The whole genome of jatropha has been sequenced using a combination of Sanger, pyrosequencing, and Illumina sequencing methods [14, 15]. The total length of the final genomic sequences is 297.7 Mb which covers 72–78% of the expected whole genome (380~410 Mb) of jatropha. Expressed sequence tags (ESTs) generated from cDNA libraries provide valuable and reliable information for gene discovery and analysis of gene structure and functions. The first attempt of jatropha EST sequencing had generated 13,249 sequences from developing and germinating seeds, which were assembled into 7,283 unisequences, consisting of 1,606 contigs and 5,677 singletons [16]. Genes related to lipid synthesis, degradation, and some proteins related to toxicity of jatropha seeds were identified in this set of ESTs. Sato et al. [15] sequenced whole genome as well as cDNAs from callus and leaf tissues and generated a total of 21,225 unigenes. Natarajan and Parani [17] reported 14,327 new assembled transcripts with 2,589 full-length cDNA and 27 transcripts directly involved in oil biosynthesis. Subsequently, Eswaran et al. [18] reported 1,240 ESTs generated from root cDNA libraries of jatropha grown at different drought conditions. Hirakawa et al. [14] further assembled all these public available jatropha EST sequences together with their own data, resulting in a total of 30,203 genes, 17,575 transposon related genes, and 2,124 putative pseudogenes. With the advent of low-cost next generation sequencing (NGS) technologies, transcriptome analysis through NGS has become a fast and powerful approach for genome-wide gene discovery and molecular marker development [19–21]. Transcriptomics has been used in jatropha to study gene expression profiles related to cold stress [22]; gene expression in seeds [23]; oil metabolism in maturing seeds [24]; impact of cytokinin on inflorescence buds [25]; metabolic pathways in drought tolerance [26]; and apical meristem [27]. Availability of these resources helps in jatropha gene discovery and crop improvement using molecular tools.
Molecular markers have been systematically accelerating breeding programs through genetic diversity analysis, marker-assisted selection, gene discovery, gene mapping, linkage map construction, quantitative trait locus (QTL) analysis, association analysis, gene transformation, and so forth [28–31]. In jatropha, Random Amplified Polymorphic DNA (RAPD) has been widely and successfully applied to study genetic diversity in India, Africa, China, and other countries [32–37]. Amplified Fragment Length Polymorphism (AFLP) and Inter-Simple Sequence Repeat (ISSR) markers have also been utilized for genetic diversity assessment in India, Malaysia, and other countries [32, 37–44]. Simple Sequence Repeat (SSR) markers are advantageous over the above three types of markers because they are highly polymorphic, abundant, codominant, analytically simple, and readily transferable [45]. However, not many SSR markers have been developed in jatropha. In 2010, SSR markers from cassava were used to investigate the genetic diversity from five jatropha accessions collected from different countries [46]. Sharma and Chauhan [36] showed that 70% (211 out of 320 randomly selected) SSRs from castor bean could be amplified in jatropha but only 7.58% showed polymorphism in 49 jatropha genotypes and 8 jatropha species. Laosatit et al. [27] developed 432 expressed sequence tag-Simple Sequence Repeat (EST-SSR) primer pairs from transcriptome of jatropha and related species, of which 269 were polymorphic. Among the various DNA markers, Single Nucleotide Polymorphism (SNP) markers are the most abundant type of sequence variations in genome [33, 47] and are thus more informative than other markers. In 2011, a total of 1,574 high quality SNPs were identified from 11.9 Gb of sequences, suggesting extremely low frequency of SNPs in jatropha [48]. Later on, 2,482 informative SNPs were discovered from jatropha DNA sequences in a pool of 61 genotypes [47].
Limited genetic diversity in jatropha highlights an immediate need to widen germplasm base [48, 49]. The current molecular tools for jatropha germplasm assessment and genetic studies are not fully developed and molecular markers are not saturated on jatropha genome for high throughput genome wide association analysis. The further enriched genomic resources and molecular markers will facilitate the germplasm evaluation and important gene discovery and elevate the breeding programs for jatropha cultivar improvement. Even though a few NGS based transcriptomes were assembled, all the transcripts in jatropha have not been fully assembled due to high dynamics of gene expression and sequence depth limitation [14, 16, 17, 22–24]. Transcriptomes in young leaves and calli presumably cover the transcripts of majority of the functional genes. This study was initiated in order to generate genomic resources and molecular tools that could assist in microgravity studies and help to accelerate jatropha breeding and genetic improvement. The objectives of this study were (1) to enrich the jatropha genomic databases by transcriptome sequencing and annotating the functions and features of the jatropha transcriptome in leaves and calli and (2) to develop and validate SSR and SNP markers in jatropha. Results from this study will provide useful genomic resource for gene expression analyses in jatropha cell cultures submitted to microgravity and consequently may assist in future genetic, genomic, or biological studies in jatropha.
2. Materials and Methods
2.1. Plant and RNA Extraction for RNAseq
Jatropha plants were grown at the Tropical Research and Education Center (TREC), in Homestead, FL. Leaf and callus samples collected from six jatropha accessions originating from Mexico, Tanzania, India, Indonesia, Costa Rica, and Fiji were subjected to RNA extraction using Plant RNA Reagent kit (Life Technologies, Carlsbad, CA). The total RNA samples were pooled for cDNA library construction.
2.2. Plant and DNA Extraction for Marker Validation
Seven jatropha accessions, each from Mexico, Guatemala, Brazil, Tanzania, Mozambique, India, and Indonesia, were used for DNA extraction. The genomic DNA of these seven plants was isolated from 500 mg young leaves using the method described by Dellaporta et al. [50] with slight modification, specifically, that polyvinylpyrrolidone (PVP) was added into the extraction buffer to remove phenolic compounds and an extra precaution was taken prior to the addition of isopropanol to remove lipids and proteins with chloroform.
2.3. cDNA Library Preparation and Sequencing
cDNA library preparation, normalization, and sequencing were performed at the Roy J. Carver Biotechnology Center, University of Illinois, Urbana-Champaign, following the procedures described by Lambert et al. [51]. Firstly, messenger RNA was isolated from 20 μg of total RNA using Oligotex kit (Qiagen, Valencia, CA), followed by the cDNA library construction with titanium adaptors (454 Life Sciences, Branford, CT). Secondly, the cDNA library was normalized using the Trimmer Direct Kit (Evrogen, Russia). Finally, this normalized library was sequenced on the 454 Genome Sequencer FLX+ system according to the manufacturer’s instructions (454 Life Sciences, Branford, CT).
2.4. Sequence De Novo Assembly and Annotation
Raw sequencing data (deposited in NCBI Short Read Archive with ID: SRR998547 and SRR998927) were assembled using GS de novo Assembler, Newbler v2.8 (454 Life Sciences, Roche, Branford, CT 06405) using “-cdna” and “-vt” options on the input “sff” files that assembles the reads after trimming off the adapter and primer sequences. In order to remove the redundant sequences or isoforms, CD-HIT program [52] was used with settings (-c 0.9, -n 8) to collapse the redundant or isoforms of assembled sequences and to form a uniquely assembled sequence (UAS) set. This UAS set was compared with the upgraded genome sequence of jatropha http://www.kazusa.or.jp/jatropha/ release 4.5 [14] using BLAT at 99% identity. The sequences were also compared with the jatropha CDS database which was assembled from all public available EST sequences (57,437 sequences; ftp://ftp.kazusa.or.jp/pub/jatropha/), [14] using BLAST with a cutoff at -value < 10−6 in order to identify novel transcripts.
2.5. Assembly Verification by Reverse Transcription (RT) PCR
RNA was extracted from leaves of jatropha accession from Mexico using the Plant RNA Reagent kit (Life Technologies, USA) and reverse-transcribed into cDNA using SuperScript III First-Strand Synthesis System (Invitrogen, USA). The assembly by Newbler was validated by PCR amplification of selected contigs. In total, 15 contigs assembled by Newbler were selected. These 15 contigs covered different length ranges: short (<500 bp), medium (500–1000 bp), and long (>1000 bp) (Table B1) (in Supplementary Material available online at https://doi.org/10.1155/2017/8614160). Primers were designed for flanking the junction of two singletons by Primer3 [53]. For the larger contigs, multiple primer pairs covering different regions were designed. The PCR reactions were set up in a total volume of 20 μL, containing 4 μM of each primer, 1 μL of Taq polymerase, 1x PCR buffer, 40 μM Mg2+, 5 μM of dNTP, and approximately 50 ng of template cDNA. The following PCR cycling was used for amplification: initial denaturation at 95°C for 1 min; 46 cycles of 95°C for 45 s, 60°C for 45 s, 72°C for 2 min; and a final extension at 72°C for 7 min. The RT-PCR products were separated on 1% agarose gel and visualized by ethidium bromide staining.
2.6. Sequence Annotation
The uniquely assembled sequences (UASs) set was annotated by running blast against GenBank non-redundant (nr) protein and nucleotide (nt) databases using BLASTX (-b 20, -v 20, -p blastx, -e 0.00001, -m 7, –d nr) and BLASTN programs (default parameters with -e 0.00001), respectively. Gene ontology (GO) terms were assigned to UASs by Blast2GO program [54]. The BLASTX output file and the UAS file were submitted to the TargetIdentifier web server to predict full-length cDNAs (http://proteomics.ysu.edu/tools/TargetIdentifier.html) [55]. These UASs were then compared against the protein and nucleotide (untranslated region, coding region, and introns) databases of Arabidopsis thaliana (http://www.arabidopsis.org/); castor bean (Ricinus communis) (TIGR; http://castorbean.jcvi.org/); and cassava (Manihot esculenta) [56] (phytozome) using BLAST (-a 8, -b 0, -v 1, -p blastn, -m 0, -d nt). Furthermore, the sequences were subjected to orthology analyses by aligning to Eukaryotic Orthology Groups (KOG, http://www.ncbi.nlm.nih.gov/COG/) using BLAST with a cutoff at -value < 10−6. For pathway analysis, the UAS set was mapped to metabolism pathways using the Kyoto Encyclopedia of Genes and Genomes (KEGG) Automatic Annotation Server (KAAS, http://www.genome.jp/kaas-bin/kaas_main) [57] against the A. thaliana, A. lyrata, Vitis vinifera, and Oryza sativa japonica gene data set using the bidirectional best hit (BBH) assignment method. Plant Transcription Factor (PlnTFDB 3.0, http://plntfdb.bio.uni-potsdam.de/v3.0/) [58] database containing 29,473 sequences of plant genes involved in transcriptional control was used to predict the transcription factors by BLAST with a cutoff at -value < 10−6.
2.7. SSR and SNP Marker Discovery
SSR detection and primer design were performed using a combined script of MIcroSAtellite (MISA) identification tool (http://pgrc.ipk-gatersleben.de/misa) and Primer3 (http://pgrc.ipk-gatersleben.de/misa/primer3.html) [53]. Compound type SSRs were not counted in this study.
For SNP discovery, the trimmed and filtered reads from Newbler were first aligned to the assembled CDS using BWA-SW with default settings [59]. After that, Samtools was used to call the SNPs [60]. The “SAM” files generated from BWA-SW were further converted to its binary format “BAM” and sorted. In the “mpileup” step, options used were “-u -D -g -f.” The information on SNP calling was stored in “VCF” files.
2.8. SSR and SNP Marker Validation
A total of 262 SSR markers were selected for validation, including 88 dinucleotide SSRs and 174 trinucleotide SSRs (Table B2). The selection was based on two criteria: similar number of each motif and the length of SSRs were longer than 18 bp. Primers were synthesized by Invitrogen™, Life Technologies. The amplification and polymorphic rates of these SSRs were tested using seven accessions collected from different countries. Accessions from Mexico, Tanzania, India, and Indonesia were the same as those used for transcriptome sequencing, while we chose different accessions from Guatemala, Brazil, and Mozambique. Validation of markers in these new lines will show the power and correctness of these markers. PCR reactions were performed in 10 μL volumes containing 1 μL of 10x PCR buffer; 0.8 μL of Magnesium Chloride (25 mM); 1.2 μL of dNTP (2 mM); 0.5 μL of Taq enzyme; 2 μL of forward and reverse primer (2 mM); 0.5 μL of DNA template (10 ng/μL); and 4 μL of double distilled water. The PCR program was as follows: initial denaturation at 95°C for 1 min; 5 cycles of 95°C for 45 s, 68°C for 45 s, and 72°C for 40 s; 5 cycles of 95°C for 45 s, 65°C for 45 s, and 72°C for 40 s; 5 cycles of 95°C for 45 s, 60°C for 45 s, and 72°C for 40 s; 5 cycles of 95°C for 45 s, 55°C for 45 s, and 72°C for 40 s; and final extension at 72°C for 7 min. PCR products were separated on 6% nondenatured polyacrylamide gel electrophoresis (PAGE) under 350 volts for 2.5 hours and imaged using silver staining.
Validation of the SNPs was performed by sequencing the amplicons of selected SNP regions using the Sanger method. A total of 21 SNP primer pairs were designed from flanking sequences of the targeted SNPs using Primer3 with two criteria: the amplicon sizes ranged from 400 to 600 bp, and the SNP was close to the middle of the PCR product (Table B3). All the SNP primers were synthesized by Invitrogen, Life Technologies. A PCR protocol for Phusion® High-Fidelity DNA polymerase (New England Biolabs, Inc.) was used following manufacturer’s instructions. The amplification and polymorphism of these SNPs were tested using two jatropha genotypes: one from Mexico and the other from Brazil. The PCR program was as follows: initial denaturation at 94°C for 3 min; 5 cycles of 94°C for 30 s, 68°C for 20 s, and 72°C for 40 s; 5 cycles of 94°C for 30 s, 65°C for 20 s, and 72°C for 40 s; 5 cycles of 94°C for 30 s, 60°C for 20 s, and 72°C for 40 s; 5 cycles of 94°C for 30 s, 55°C for 20 s, and 72°C for 40 s; and final extension at 72°C for 7 min. The resulting PCR products were purified using Qiagen minElute PCR purification kit (Qiagen, Valencia, CA). The purified PCR products were then sequenced using Sanger method at the Interdisciplinary Center for Biotechnology Research, University of Florida.
3. Results
3.1.  Sequencing and Assembly
The cDNA library sequencing runs on 454 GS-FLX platform generated 1,714,433 reads, including 2 lanes of titration reads (48,586 and 44,009) and 2 lanes of sequencing reads (835,663 and 786,175), with an average sequence length of 441.2 nucleotides. After trimming the primers and adapters and removing the low quality reads, 1,714,419 high quality reads were subjected to Newbler v 2.8 assembly. In total, 1,512,952 (88.3%) reads were assembled into 27,897 contigs using Newbler v2.8 (Table 1, Figure 1). In order to get uniquely assembled sequences, the contigs along with singletons and reads that were not assembled were clustered to avoid redundancy and isoforms using CD-HIT [52]. Sequences less than 100 bp were discarded and a total number of 115,611 UAS set was formed. This UAS set included 20,624 contigs after removing 1,526 contigs that were shorter than 100 bp. The length of contigs in the final UAS set ranged from 100 to 11,929 bp, with an average of 1,380.9 nucleotides, a N50 of 1,746 nucleotides (Table 1, Figure 1), and an average depth of 23.6 folds (Figure 2). We compared our UAS set against the upgraded genome sequence of jatropha release 4.5 [14] that consists of 39,277 contigs with a total of 297 Mbp and a N50 of 15,950 bp. This genome sequence covered 71% of the estimated jatropha genome of 416 Mbp [61]. Out of 115,611 sequences in the UAS set, 90,889 sequences (78.61%) showed a significant match on the current jatropha genome.
Table 1: Summary statistics of the transcript sequence reads assembly.
	

	 	Raw sequence	Assembled contigs (Newbler)	UASs (>100 bp) (Newbler + CD-HIT)	Contigs (>100 bp) 
(Newbler + CD-HIT)
	

	Number of sequences	1,714,433	27,897	115,611	20,624
	Min length	40	1	100	100
	Max length	956	11,929	11,929	11,929
	Median length	464	839	491	1168.5
	Average length	441.2	1082.2	621.0	1380.9
	N25	—	2,481	1,435	2,554
	N50	—	1,679	556	1,746
	N75	—	1,036	471	1,150
	N90	—	607	396	751
	GC%	41.67	40.45	39.54	40.56
	







	
	
		
		
		
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
		
		
		
			
		
			
		
			
		
		
		
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
	


Figure 1: Length distribution of the assembled contigs from Newbler.






	
	
		
		
		
			
		
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
				
		
			
				
		
			
		
			
		
			
		
			
				
		
			
				
		
			
		
			
		
			
				
		
			
				
		
			
		
			
				
		
			
				
		
			
		
			
				
		
			
				
		
			
		
			
				
		
			
			
		
	


Figure 2: Contig depth distribution.


The final assembly of our UAS set contained a substantial number of large contigs, with the largest contig of 11,929 nucleotides. We picked the top 10 longest contigs to check their assembly and functions individually (Table B4). All of the longest contigs are full-length cDNAs with CDS. The longest protein-coding gene identified was hypothetical protein POPTR_0011s09640g [Populus trichocarpa] with 3,755 amino acids. Nine of the ten long contigs specifically aligned to unique proteins with relatively high sequence identity indicating successful assembly of these long contigs and one contig hit multiple protein sequences. RT-PCR and Sanger sequencing of the PCR products were used to verify the fidelity of assembly. For 15 selected contigs assembled by Newbler v2.8,  16 primer pairs were designed. All of the primer pairs from the target contigs amplified the cDNA fragments with expected size, except one with a smaller amplicon size (Table B1). Out of the 115,611 UAS set, 21,418 were identified as full-length cDNAs with complete Open Reading Frame (ORF).
After aligning the whole UAS set to the jatropha CDS database which was assembled from all public available EST sequences (57,437 sequences; ftp://ftp.kazusa.or.jp/pub/jatropha/) [14], a total of 23,264 UASs including 9,301 contigs were identified as novel sequences and they were deposited into NCBI DDBJ/EMBL/GenBank (TSA accession ID: GAOW00000000, first version) to enrich the current jatropha EST database. Further, the UAS set was compared against the NCBI protein and nucleotide databases separately, resulting in a total of 77,807 (67.3%) and 70,431 (60.9%) of the UAS, respectively, having hits indicating significant orthology and homology of this UAS set with previously discovered sequences from several other species. When comparing the UAS set to protein and nucleotide databases of Arabidopsis, castor bean, and cassava, respectively (Table B5), it was found that jatropha UASs had a much higher identity to cassava and castor bean as compared to Arabidopsis (Figure 3).




	
	
		
		
		
			
		
		
			
		
		
			
		
		
			
		
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
	


Figure 3: Gene index distribution for Arabidopsis, cassava, and castor bean.


3.2. Functional Annotation and Classification of the UAS Set
To understand the functions of the UASs, the whole UAS set was compared to a known transcription factor database and 14,868 (12.9%) UASs were identified as transcription factors, which were distributed in 60 families and 22 other transcription factor regulators. Among the transcription factor families, the C3H family (208, 5.8%) was the most abundant one, followed by bHLH (198, 5.5%), HB (154, 4.3%), orphans (150, 4.2%), MYB (149, 4.2%), MYB-related (148, 4.1%), and PHD (224, 4.2%) transcriptional regulator (Figure 4).




	
	
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
			
			
			
			
			
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
	


Figure 4: Classification distribution of the transcripts in different transcription factor families.


The UAS set was further classified into functional categories by assigning GO terms using the Blast2GO program. A total of 59,903 annotation counts were obtained and the proportions of each UAS attributing to different functional categories were determined (Figure 5). In the biological processes, cellular (21%) and metabolic processes (20%) constituted the major categories suggesting active cellular and metabolic functions in the jatropha callus and leaves (Figure 5(a)). Among the molecular functions, catalytic (43%) and binding (43%) activities were the two major categories, which are in agreement with the active metabolic functions in the examined tissues (Figure 5(b)). Most of the genes were functioning in cellular (36%) and organelle (30%) components. Some genes were playing functions as membrane components (15%), macromolecular complex components (8%) and other compartments of the cell (Figure 5(c)).
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Figure 5: Classification distribution of the annotated GO terms of the UASs.


The UAS set was further classified by aligning to the KOG protein database, a highly conserved functional core gene set based on orthologous relationships between genes [62, 63]. In total, 12,584 (10.9%) UASs showed significant similarity to the KOG database belonging to 25 categories. Among the 12,584 UAS sequences, 7,635 (60.7%) were assigned to single or multiple KOG categories (Fig A1) and 1,573 (20.6%) were categorized as general function prediction only. A total of 2,706 (35.4%) genes were involved in cellular process and signaling including posttranslational modification, protein turnover, and chaperones signal transduction mechanisms, and 2,027 (26.5%) of the UASs were involved in metabolism pathways such as transport and metabolism of carbohydrate, lipid, and amino acids. A small portion of the UASs (290, 3.8%) was classified into a group of secondary metabolites biosynthesis, transport, and catabolism, suggesting that those important processes occurred in the leaves and callus of jatropha.
To understand the pathways and gene interactions where the UASs are involved, all the UASs were analyzed in the KEGG pathway database, a collection of manually drawn pathway maps representing knowledge on the molecular interaction and reaction networks. Out of the 115,611 UASs, 8,822 (7.6%) had significant matches in the database and were assigned to six main categories (Fig A2) including 317 different KEGG pathways (Table B6). Most of the mapped genes (3,135; 35.5%) were involved in metabolism, such as carbohydrate metabolism, amino acid metabolism, energy metabolism, nucleotide metabolism, lipid metabolism, and biosynthesis of other secondary metabolites suggesting various metabolic activities of the collected tissues. Some UASs (1,621; 18.4%) were divided into the genetic information processing including transcription, translation, folding, sorting and degradation, replication, and repair. A significant portion of (1,038, 11.8%) UASs were classified into organismal systems containing plant-pathogen interaction, plant circadian rhythm, and natural killer cell mediated cytotoxicity. Moreover, 734 (8.3%) and 657 (7.4%) UASs were involved in cellular process and environmental information processing, respectively.
To explore the applications of this UAS set, we searched for genes involved in biosynthesis of oil, such as fatty acid and triacylglycerol (TAGs) contained in jatropha seed. In the UAS set, biosynthesis pathways of several types of oils including four major fatty acids, oleic, linoleic, palmitic, and stearic fatty acids, were identified. Through KEGG mapping, 23 UASs [13 KEGG orthologs (KOs)] involved in fatty acid biosynthesis, 12 UASs (7 KOs) in fatty acid elongation, and 51 UASs (27 KOs) involved in fatty acid metabolism were identified. In addition, 6 UASs (4 KOs) were found to be involved in linoleic acid metabolism. With respect to the pathways of fatty acid biosynthesis, several UASs were found to encode enzymes such as acetyl-CoA carboxylase, acyl-[acyl-carrier-protein] desaturase, and fatty acyl-ACP thioesterase A/B (Fig A3 and Table 2). Manipulation of these functional genes using biotechnology will help to enhance oil production in jatropha.
Table 2: Identified UASs involved in oil biosynthesis and oil metabolic pathways.
	

	Name	Definition	EC	KO
	

	Fatty acid biosynthesis	 
	K01964	Acetyl-CoA/propionyl-CoA carboxylase	6.4.1.2; 6.4.1.3	K01964
	accC	Acetyl-CoA carboxylase, biotin carboxylase subunit	6.4.1.2; 6.3.4.14	K01961
	fabH	3-Oxoacyl-[acyl-carrier-protein] synthase III	2.3.1.180	K00648
	fabG	3-Oxoacyl-[acyl-carrier protein] reductase	1.1.1.100	K00059
	fabA	3-Hydroxyacyl-[acyl-carrier-protein] dehydratase	4.2.1.59	K01716
	fabZ	3-Hydroxyacyl-[acyl-carrier-protein] dehydratase	4.2.1.59	K02372
	fabI	Enoyl-[acyl-carrier protein] reductase I	1.3.1.9; 1.3.1.10	K00208
	fabD	[Acyl-carrier-protein] S-malonyltransferase	2.3.1.39	K00645
	DESA1	Acyl-[acyl-carrier-protein] desaturase	1.14.19.2	K03921
	FATA	Fatty acyl-ACP thioesterase A	3.1.2.14; 3.1.2.-	K10782
	FATB	Fatty acyl-ACP thioesterase B	3.1.2.14; 3.1.2.-	K10781
	Linoleic acid metabolism	 
	PLA2G, SPLA2	Secretory phospholipase A2	3.1.1.4	K01047
	LOX1_5	Linoleate 9S-lipoxygenase	1.13.11.58	K15718
	LOX2S	Lipoxygenase	1.13.11.12	K00454
	



Since jatropha is a cold sensitive tropical plant, cold stress responsive genes are of great importance to molecular biologists and breeders. We picked 30 cold responsive genes to check whether they exist in jatropha. These 30 candidate genes included transcription factors like C-repeat- (CRT-) binding factors (CBF1-3), inducer of CBF expression 1 (ICE1, MYC-like basic helix-loop-helix transcription factor), and cold regulated genes (COR) like Rd29a, KIN1, cor15a, and others (Table B7). After BLASTX search, six of the 30 cold stress responsive genes including High Expression of Osmotically Responsive Genes (HOS1), a RING-type ubiquitin E3 ligase, ICE1, and CBF1 had putative orthologs in the jatropha UAS set (Table 3). Three of these genes, namely, HOS1, ICE1, and CBF1, were also found to be differentially expressed during cold stress in jatropha [22].
Table 3: Identified UASs involved in cold stress responses.
	

	Gene	Protein	UAS hits
	

	HOS1	E3 ubiquitin-protein ligase HOS1	Contig 15459
	ICE1	Transcription factor ICE1	Contig 18116, contig 17481
	ICE2	Inducer of CBF expression 2	Contig 18116, contig 17481
	CBF1/DREB1b	Dehydration-responsive element-binding protein 1B	Contig 05683 contig 19154
	RAV1	AP2/ERF and B3 domain-containing transcription factor RAV1	Contig 09872, contig 21221
	Rd22	Dehydration-responsive protein RD22	Contig 20575
	



3.3. Characterization of SSRs and Validation
A total of 9,798 SSRs were discovered from the jatropha UAS set, including 6,668 (68.1%) dinucleotide SSRs, 3,047 (31.1%) trinucleotide SSRs, 46 (0.5%) tetranucleotide SSRs, 9 (0.1%) pentanucleotide SSRs, and 29 (0.3%) hexanucleotide SSRs (Table B8). In general, the SSR presence decreased with an increase in the nucleotide number in repeat units. Among the 64 SSR motifs, the most frequent motif type was AG/CT (45.8%), followed by AT/AT (17.0%), AAG/CTT (8.3%), and AC/GT (5.2%). Primer pairs were designed from the flanking sequences of all SSRs except 27 SSRs discovered.
A total of 262 SSR markers were selected for validation based on different motifs, including 88 dinucleotide SSRs and 174 trinucleotide SSRs (Table B2). Validation of these SSRs was based on the size difference among the seven different jatropha genotypes. In total, 202 (77.1%) of the selected 262 SSRs were successfully amplified. For dinucleotide SSRs, a polymorphic rate of 18.3% was observed and for trinucleotide SSRs, 15.5% were polymorphic (Table 4). Interestingly, all the polymorphic SSRs showed unique band pattern in Mexico accession.
Table 4: Summary statistics of SSR detection and validation.
	

	 	Di-	Tri-	>3	Total
	

	SSRs in the database	8,175	3,485	384	12,044
	Ordered SSR primer pairs	88	174	—	262
	Amplified SSRs	60	142	—	202 (77.1%)
	Polymorphic SSRs	11	22	—	33
	Polymorphic rate	18.3%	15.5%	—	16.3%
	



3.4. SNP Calling and Validation
A total of 38,693 SNPs were detected from the jatropha UAS set. After filtering the SNPs with low quality or with a read depth of less than three, 7,584 (19.6%) high quality SNPs remained. Among the 7,584 SNPs, 4,337 (57.2%) were transition mutations (C/T or G/A) and 3,247 (42.8%) were transversion mutations (C/G, A/T, C/A, or T/G). The average SNP density was one SNP per 10 kb of transcript sequences. Twenty-one pairs of primers were designed flanking 275 SNPs and 17 of them amplified specific bands (Table B3) and were successfully sequenced. In total, 28 (13.1%) SNPs contained in five different (29.4%) SNP amplicons were validated between the Mexico and Brazil accessions using sequencing (Table 5, Table B9). These validated SNPs had a read depth of 4 or more than ten when called computationally.
Table 5: Summary statistics of SNP detection and validation.
	

	 	Depth	 	Number
	

	SNPs discovered in the database	0	 	38,693
	≥4	 	7,584
	≥10	 	4,767
	Chosen SNPs for validation	4–10	 	96
	11–20	 	90
	21+	 	89
	Primers designed flanking the chosen SNPs	 	21	 
	Total expected SNPs chosen	 	275	 
	Amplified primers for Sanger sequencing	 	19	 
	SNPs for Sanger sequencing	 	240	 
	Primers succeeded for sequencing	 	17	 
	SNPs succeeded for sequencing	 	214	 
	Primers validated containing SNPs	 	5 (29.4%)	 
	Matched SNPs with sequencing results	 	28 (13.1%)	 
	



4. Discussion
4.1. Jatropha Transcript Sequencing and Assembly
In this study, we performed a de novo assembly of jatropha transcriptome in order to discover novel transcripts that might not have been discovered if we followed a map-based assembly on the current jatropha genome (version 4.5) [14] which covers 71% of the jatropha genome with 39,277 contigs (over 500 bp) and a N50 of 15,950 bp. The de novo assembled UAS set with an average length of 1,381 bp, which was longer than those in previous jatropha transcriptome studies, 916 bp, [17] and 789 bp [22], and transcriptome studies of other plants using the 454 sequencing platform (Panax ginseng, 559 bp [64]; blueberry, 933 bp [65]; Japanese larch, 667 bp [66]; switchgrass, 535 bp [67]; and sheepgrass, 607 bp [68]). In total, 18,391 (89.2%) contigs in our dataset were longer than 500 bp, and 12,008 (58.2%) contigs were longer than 1000 bp. The long assembled contigs may result from the long average read length, high sequencing depth, and a combination of assembler and cluster collapsing isoforms and removing redundant short sequences. A total of 21,418 UASs are full-length cDNAs, accounting for more than half of the genes predicted in the jatropha genome [14, 15] indicating fair quality of sequencing and assembling in our study.
Various de novo assembly algorithms have already been released, and each may model different portions of the true transcriptome with different accuracies [69, 70]. De novo assembly of our jatropha transcript sequences using Newbler v2.8 revealed that approximately 88.3% of the reads were assembled into contigs, which is comparable to the rates observed in other studies (American ginseng, 93.1% [71]; jatropha, 81.6% [17]; lentil, 91.9% [20]; and blueberry, 90.8% [65]). RT-PCR and Sanger sequencing of PCR products from 15 selected contigs verified the fidelity of the assembly. Ten longest contigs that were checked individually were full-length cDNAs with CDS and most of them specifically aligned to unique proteins with high sequence identity, suggesting a good assembly in our study. There are still some unassembled reads that remain as singletons in the UAS set (Table 1), which could have resulted from artifacts, sequencing error, low-abundant transcripts, simple repeat regions, or limitations of assembler algorithm [72, 73]. After checking the annotation of the singletons, we noticed that the majority of the unassembled reads or singletons have hits in the NCBI databases suggesting that they are most likely rare genes.
4.2. Enrichment of Current Jatropha Genomic Database
Hirakawa et al. [14] assembled previous jatropha ESTs together and predicted 30,203 genes out of which 25,433 were complete. By aligning to the jatropha CDS database, we found 23,264 new UASs in our database, which enriched the current EST database significantly. More than 21,418 full-length cDNAs identified in our study can be applied in analyzing functions of individual genes through gene transformation and other reverse genetic approaches.
A comprehensive annotation of the UAS set revealed diverse functional categories of the genes in the UAS set with most of them involved in cellular metabolism, which can be further characterized with specific biological experiments. Our annotations provide a great foundation and reference for designing those experiments. They also provide the basis for analyses of differential gene expression in jatropha cells submitted to microgravity. Genetic variability in jatropha is essential for breeding programs, selection of superior individuals, and consequently for assisting in the genetic improvement of jatropha [6]. For instance, the discovery of the transcription factors will facilitate further investigation of the diverse gene regulatory networks in jatropha. Several oil biosynthetic pathways were also identified, which are important in jatropha oil composition studies, although fewer genes were involved in these pathways than previously reported [15, 17], mostly due to the sampling of leaves. In addition, jatropha as a tropical plant is sensitive to cold stress and cold tolerance in jatropha might be a key for allowing the expansion of cultivation areas into more temperate climates. The mechanisms of how jatropha responds to cold stress need to be studied for the possibility of inducing or manipulating cold tolerance in jatropha. Previous studies have shown that plants undergo different changes in response to cold stress, which include physiological changes, activation of antioxidant salvage system, gene expression, and protein changes [74]. We found that jatropha does possess some genes common to cold stress responses (Table 3). Specifically, previous studies have shown that DREB1 expression could be upregulated by both cold stress and circadian clock [75]. HOS1, ICE1, and CBF1 were also found to be differentially expressed during cold stress in jatropha [22]. These orthologs are based on sequence similarity and their specific functions in jatropha need to be verified. These cold-responsive-gene orthologs could provide a reference for further cold stress response analysis in jatropha by overexpressing or knocking out the genes to understand the cold response network in jatropha.
For the KEGG pathway analysis, 1,637 UASs were mapped to 10 human disease categories including cancers, neurodegenerative diseases, cardiovascular diseases, and infectious diseases (Table B6). In order to check if this was due to contamination, we randomly picked one UAS from each category (10 UASs in total) and checked their functions. Most of these sequences were mapped to plant proteins with very basic functions, such as kinase, phosphatase, and transcription factors for basic levels of function in various pathways (Table B10). For example, contig 19405 mapped in human disease is an ortholog of K04371 (extracellular signal-regulated kinase 1/2), which was found in 77 pathways including MAPK signaling pathway, toll-like receptor signaling pathway, and pathways in cancer. Thus, these mapped human disease pathways suggest some nonspecificity of the category naming in KEGG instead of sample contamination.
4.3. SSR and SNPs from the Jatropha Transcriptome
We have discovered a large number of SSRs and SNPs for jatropha in this study that can be utilized by the breeding community for genetic improvement of jatropha. This complements previous studies on jatropha that were limited to 786 SSRs [76] and 432 EST-SSRs [77]. The dinucleotide SSR types discovered in this study had a higher frequency than other types of SSRs, which is consistent with previous studies [78]. The most abundant dinucleotide SSR type was AG/CT (45.8%), followed by AT/AT (17.0%) and AC/GT (5.2%) (Table B8). These numbers are slightly lower than previous studies in jatropha, but the trend is consistent [76, 77]. AG/CT was also found to be the most abundant dinucleotide type in other major crops, such as wheat, rice, maize, and soybean [79]. Among the trinucleotide SSR types, AAG/CTT (8.3%) was the most frequent, which was in agreement with other studies [76–78]. Dicots and monocots have different ratios of trinucleotide and dinucleotide. Dinucleotide SSRs are usually the most abundant types in dicots while trinucleotide SSRs are the most abundant type in monocots [76, 78, 79]. For the trinucleotide SSRs, the motif AAG/CTT is abundant in dicots [79]; however, the most abundant type of motif is different in different monocots. For example, AAC/GTT is the most common motif in wheat, AGG/CCT in rice and soybean, and CCG/CGG in barley and maize [79, 80]. The functions of these trinucleotide repeats are not fully understood, but some of them are found to be related to genes with certain functions. For example, CCG repeats were found to be involved in stress resistance, transcription regulation, metabolic enzyme biosynthesis, and signal transduction. AAC repeats were found to be related to the storage proteins glutenin and gliadin, important agronomical traits of wheat. This knowledge can be utilized to characterize novel trinucleotide repeat-containing genes when the relationship between particular trinucleotide repeats and specific functional categories of genes are established [79].
The total SSR amplification rate was 77.1%, which was comparable to a couple of previous studies in jatropha (82.82% [77]; 78% [76]), and slightly higher than another study (55.85%) [46]. The amplification rate in this study has demonstrated the success of SSR discovery and SSR primer design. Lack of amplification of the remaining primers might be due to (1) the primer sequence being in the exon-exon junction, (2) a large intron between exons to be amplified, and (3) sequencing error [81].
Though the main purpose of the amplification of the selected SSRs was to validate the SSR, we evaluated the SSR polymorphism using six selected germplasm accessions. The polymorphic rate of 19.8% in this study was much lower than previous studies in jatropha: 72.39% [77]; 44.63% [46]; 57.0% [76]. The low polymorphism rate might be because of the low genetic background of the jatropha accessions. Jatropha varieties from China, India, Africa, and Brazil had lower genetic variation than the varieties from Mexico [82]. Yue et al. [83] found no genetic variation among 278 individuals of jatropha collected from four continents at 29 loci using sequencing. In this study, all the polymorphic bands came from the Mexico accession, which is consistent with previous studies [82, 84]. Ambrosi et al. [84] analyzed 27 accessions of jatropha from different geographic locations in the world and found that the germplasms had limited genetic variation with the exception of accessions from Mexico.
Even though SNP discovery from EST sequences has been successfully applied in a large number of plants, such as soybean [85], alfa-alfa [86], black cottonwood [87], and cassava [88], limited studies have been reported in jatropha. In 2012, a total of 2,484 SNP markers were developed using 61 genotypes [47]. Among them, 47 out of 60 selected SNPs showed polymorphism. In our study, we sampled RNA from six jatropha genotypes, which showed significant phenotypic variation in the field and covered wide geographic areas, including three continents (Central America, Africa, and Asia) and one island in the South Pacific Ocean. Therefore, the sequence data set covered a large and diverse genetic pool and will be a potential resource for discovering transcript sequence variations. A total of 7,584 SNPs were called and the SNP validation rate was 13.1%. Since most of the validated SNPs had a read depth of more than ten, a read depth of 10 is recommended for jatropha SNP calling. The results of this study enriched the genetic tool box and current jatropha genomic database and provided SSR and SNP marker resources that can be utilized for genetic studies and molecular breeding in jatropha. These results are also essential for the evaluation of differential gene expression in jatropha cells submitted to microgravity, which may assist with breeding and genetic improvement programs for jatropha.
Competing Interests
The authors declare that they have no competing interests.
Acknowledgments
This study was funded by Vecenergy, Inc. and the Vecellio Group, Inc.
References
	W. M. J. Achten, L. Verchot, Y. J. Franken et al., “Jatropha bio-diesel production and use,” Biomass and Bioenergy, vol. 32, no. 12, pp. 1063–1084, 2008.
	N. Dahmer, M. T. S. Wittmann, and L. A. dos Santo Dias, “Chromosome numbers of Jatropha curcas L.: an important agrofuel plant,” Crop Breeding and Applied Biotechnology, vol. 9, no. 4, pp. 386–389, 2009.
	W. M. J. Achten, L. R. Nielsen, R. Aerts et al., “Towards domestication of Jatropha curcas,” Biofuels, vol. 1, no. 1, pp. 91–107, 2010.
	J. Kanter, “Air New Zealand flies on engine with jatropha biofuel blend,” The New York Times, 2008.
	A. S. Attaya, D. Geelen, and A. E.-F. H. Belal, “Progress in Jatropha curcas tissue culture,” American-Eurasian Journal of Sustainable Agriculture, vol. 6, no. 1, pp. 6–13, 2012.
	L. L. Bhering, C. F. Barrera, D. Ortega et al., “Differential response of Jatropha genotypes to different selection methods indicates that combined selection is more suited than other methods for rapid improvement of the species,” Industrial Crops and Products, vol. 41, no. 1, pp. 260–265, 2013.
	A. D. Krikorian, “Strategies for “minimal growth maintenance” of cell cultures: a perspective on management for extended duration experimentation in the microgravity environment of a space station,” Botanical Review, vol. 62, no. 1, pp. 41–108, 1996.
	G. S. Nechitailo, L. Jinying, X. Huai, P. Yi, T. Chongqin, and L. Min, “Influence of long term exposure to space flight on tomato seeds,” Advances in Space Research, vol. 36, no. 7, pp. 1329–1333, 2005.
	W. A. Vendrame and A. Pinares, “Characterizing parameters of Jatropha curcas cell cultures for microgravity studies,” Advances in Space Research, vol. 51, no. 11, pp. 2069–2074, 2013.
	A. Cogoli and F. K. Gmünder, “Gravity effects on single cells: techniques, findings, and theory,” Advances in space biology and medicine, vol. 1, pp. 183–248, 1991.
	I. Walther, P. Pippia, M. A. Meloni, F. Turrini, F. Mannu, and A. Cogoli, “Simulated microgravity inhibits the genetic expression of interleukin-2 and its receptor in mitogen-activated T lymphocytes,” FEBS Letters, vol. 436, no. 1, pp. 115–118, 1998.
	T. G. Hammond, F. C. Lewis, T. J. Goodwin et al., “Gene expression in space,” Nature Medicine, vol. 5, no. 4, p. 359, 1999.
	A.-L. Paul, M. P. Popp, W. B. Gurley, C. Guy, K. L. Norwood, and R. J. Ferl, “Arabidopsis gene expression patterns are altered during spaceflight,” Advances in Space Research, vol. 36, no. 7, pp. 1175–1181, 2005.
	H. Hirakawa, S. Tsuchimoto, H. Sakai et al., “Upgraded genomic information of Jatropha curcas L,” Plant Biotechnology, vol. 29, no. 2, pp. 123–130, 2012.
	S. Sato, H. Hirakawa, S. Isobe et al., “Sequence analysis of the genome of an oil-bearing tree, Jatropha curcas L,” DNA Research, vol. 18, no. 1, pp. 65–76, 2011.
	G. G. L. Costa, K. C. Cardoso, L. E. V. Del Bem et al., “Transcriptome analysis of the oil-rich seed of the bioenergy crop Jatropha curcas L,” BMC Genomics, vol. 11, no. 1, article no. 462, 2010.
	P. Natarajan and M. Parani, “De novo assembly and transcriptome analysis of five major tissues of Jatropha curcas L. using GS FLX titanium platform of 454 pyrosequencing,” BMC Genomics, vol. 12, article no. 191, 2011.
	N. Eswaran, S. Parameswaran, B. Anantharaman, G. R. K. Kumar, B. Sathram, and T. S. Johnson, “Generation of an expressed sequence tag (EST) library from salt-stressed roots of Jatropha curcas for identification of abiotic stress-responsive genes,” Plant Biology, vol. 14, no. 3, pp. 428–437, 2012.
	E. S. Ersoz, M. H. Wright, J. L. Pangilinan et al., “SNP discovery with EST and NextGen sequencing in switchgrass (Panicum virgatum L.),” PLoS ONE, vol. 7, no. 9, Article ID e44112, 2012.
	S. Kaur, L. W. Pembleton, N. O. I. Cogan et al., “Transcriptome sequencing of field pea and faba bean for discovery and validation of SSR genetic markers,” BMC Genomics, vol. 13, no. 1, article 104, 2012.
	F. Mercati, P. Riccardi, J. Leebens-Mack, M. R. Abenavoli, A. Falavigna, and F. Sunseri, “Single nucleotide polymorphism isolated from a novel EST dataset in garden asparagus (Asparagus officinalis L.),” Plant Science, vol. 203-204, pp. 115–123, 2013.
	H. Wang, Z. Zou, S. Wang, and M. Gong, “Global analysis of transcriptome responses and gene expression profiles to cold stress of Jatropha curcas L.,” PLoS ONE, vol. 8, no. 12, Article ID e82817, 2013.
	A. J. King, Y. Li, and I. A. Graham, “Profiling the developing Jatropha curcas L. seed transcriptome by pyrosequencing,” Bioenergy Research, vol. 4, no. 3, pp. 211–221, 2011.
	D. Chandran, H. M. Sankararamasubramanian, M. A. Kumar, and A. Parida, “Differential expression analysis of transcripts related to oil metabolism in maturing seeds of Jatropha curcas L.,” Physiology and Molecular Biology of Plants, vol. 20, no. 2, pp. 181–190, 2014.
	M.-S. Chen, B.-Z. Pan, G.-J. Wang, J. Ni, L. Niu, and Z.-F. Xu, “Analysis of the transcriptional responses in inflorescence buds of Jatropha curcas exposed to cytokinin treatment,” BMC Plant Biology, vol. 14, no. 1, article 318, 2014.
	H. Sapeta, T. Lourenço, S. Lorenz et al., “Transcriptomics and physiological analyses reveal co-ordinated alteration of metabolic pathways in Jatropha curcas drought tolerance,” Journal of Experimental Botany, vol. 67, no. 3, pp. 845–860, 2016.
	K. Laosatit, P. Tanya, P. Somta et al., “De novo transcriptome analysis of apical meristem of Jatropha spp. Using 454 pyrosequencing platform, and identification of SNP and EST-SSR markers,” Plant Molecular Biology Reporter, vol. 34, no. 4, pp. 786–793, 2016.
	B. C. Y. Collard, M. Z. Z. Jahufer, J. B. Brouwer, and E. C. K. Pang, “An introduction to markers, quantitative trait loci (QTL) mapping and marker-assisted selection for crop improvement: the basic concepts,” Euphytica, vol. 142, no. 1, pp. 169–196, 2005.
	K. Proite, S. C. M. Leal-Bertioli, D. J. Bertioli et al., “ESTs from a wild Arachis species for gene discovery and marker development,” BMC Plant Biology, vol. 7, article 7, 2007.
	T. S. Johnson, N. Eswaran, and M. Sujatha, “Molecular approaches to improvement of Jatropha curcas Linn. as a sustainable energy crop,” Plant Cell Reports, vol. 30, no. 9, pp. 1573–1591, 2011.
	D. L. Hyten, Q. Song, E. W. Fickus et al., “High-throughput SNP discovery and assay development in common bean,” BMC Genomics, vol. 11, no. 1, article no. 475, 2010.
	S. D. Basha and M. Sujatha, “Inter and intra-population variability of Jatropha curcas (L.) characterized by RAPD and ISSR markers and development of population-specific SCAR markers,” Euphytica, vol. 156, no. 3, pp. 375–386, 2007.
	S. Gupta, M. Srivastava, G. P. Mishra et al., “Analogy of ISSR and RAPD markers for comparative analysis of genetic diversity among different Jatropha curcas genotypes,” African Journal of Biotechnology, vol. 7, no. 23, pp. 4230–4243, 2008.
	M. A. Jubera, B. S. Janagoudar, D. P. Biradar et al., “Genetic diversity analysis of elite Jatropha curcas (L.) genotypes using randomly amplified polymorphic DNA markers,” Karnataka Journal of Agricultural Sciences, vol. 22, no. 2, pp. 293–295, 2008.
	M. Y. Rafii, M. Shabanimofrad, M. W. Puteri Edaroyati, and M. A. Latif, “Analysis of the genetic diversity of physic nut, Jatropha curcas L. accessions using RAPD markers,” Molecular Biology Reports, vol. 39, no. 6, pp. 6505–6511, 2012.
	A. Sharma and R. S. Chauhan, “Repertoire of SSRs in the castor bean genome and their utilization in genetic diversity analysis in Jatropha curcas,” Comparative and Functional Genomics, vol. 2011, Article ID 286089, 9 pages, 2011.
	N. Sunil, M. Sujatha, V. Kumar, M. Vanaja, S. D. Basha, and K. S. Varaprasad, “Correlating the phenotypic and molecular diversity in Jatropha curcas L.,” Biomass and Bioenergy, vol. 35, no. 3, pp. 1085–1096, 2011.
	E. Owusu Danquah, R. Akromah, S. J. Quashie-Sam et al., “The genetic diversity of Jatropha Curcas (L.) germplasm in Ghana as revealed by random amplified polymorphic DNA (RAPD) primers,” Agroforestry Systems, vol. 86, no. 3, pp. 443–450, 2012.
	C. Grativol, C. Da Fonseca Lira-Medeiros, A. S. Hemerly, and P. C. G. Ferreira, “High efficiency and reliability of inter-simple sequence repeats (ISSR) markers for evaluation of genetic diversity in Brazilian cultivated Jatropha curcas L. accessions,” Molecular Biology Reports, vol. 38, no. 7, pp. 4245–4256, 2011.
	J. Machua, G. Muturi, S. F. Omondi, and J. Gicheru, “Genetic diversity of Jatropha curcas L. populations in Kenya using RAPD molecular markers: implication to plantation establishment,” African Journal of Biotechnology, vol. 10, no. 16, pp. 3062–3069, 2011.
	V. Pecina-Quintero, J. L. Anaya-López, A. Z. Colmenero et al., “Molecular characterisation of Jatropha curcas L. genetic resources from Chiapas, México through AFLP markers,” Biomass and Bioenergy, vol. 35, no. 5, pp. 1897–1905, 2011.
	P. Tanya, P. Taeprayoon, Y. Hadkam, and P. Srinives, “Genetic diversity among jatropha and jatropha-related species based on ISSR markers,” Plant Molecular Biology Reporter, vol. 29, no. 1, pp. 252–264, 2011.
	D. Umamaheswari, M. Paramathma, and N. Manivannan, “Molecular genetic diversity analysis in seed sources of jatropha (Jatropha curcas L) using ISSR markers,” Electronic Journal of Plant Breeding, vol. 1, no. 3, pp. 268–278, 2010.
	I. W. Arolu, M. Y. Rafii, M. M. Hanafi, T. M. M. Mahmud, and M. A. Latif, “Molecular characterization of Jatropha curcas germplasm using inter simple sequence repeat (ISSR) markers in Peninsular Malaysia,” Australian Journal of Crop Science, vol. 6, no. 12, pp. 1666–1673, 2012.
	J. L. Weber, “Informativeness of human (dC-dA)n · (dG-dT)n polymorphisms,” Genomics, vol. 7, no. 4, pp. 524–530, 1990.
	M. Wen, H. Wang, Z. Xia, M. Zou, C. Lu, and W. Wang, “Developmenrt of EST-SSR and genomic-SSR markers to assess genetic diversity in Jatropha Curcas L.,” BMC Research Notes, vol. 3, article no. 42, 2010.
	P. Gupta, A. Idris, S. Mantri et al., “Discovery and use of single nucleotide polymorphic (SNP) markers in Jatropha curcas L,” Molecular Breeding, vol. 30, no. 3, pp. 1325–1335, 2012.
	O. B. Silva-Junior, T. B. Rosado, B. G. Laviola, M. R. Pappas, G. J. Pappas, and D. Grattapaglia, “Genome-wide SNP discovery from a pooled sample of accessions of the biofuel plant Jatropha curcas based on whole-transcriptome Illumina resequencing,” BMC Proceedings, vol. 5, supplement 7, article P57, 2011.
	T. B. Rosado, B. G. Laviola, D. A. Faria et al., “Molecular markers reveal limited genetic diversity in a large germplasm collection of the biofuel crop Jatropha curcas L. in Brazil,” Crop Science, vol. 50, no. 6, pp. 2372–2382, 2010.
	S. L. Dellaporta, J. Wood, and J. B. Hicks, “A plant DNA minipreparation: version II,” Plant Molecular Biology Reporter, vol. 1, no. 4, pp. 19–21, 1983.
	J. D. Lambert, X. Y. Chan, B. Spiecker, and H. C. Sweet, “Characterizing the embryonic transcriptome of the snail Ilyanassa,” Integrative and Comparative Biology, vol. 50, no. 5, pp. 768–777, 2010.
	W. Li and A. Godzik, “Cd-hit: a fast program for clustering and comparing large sets of protein or nucleotide sequences,” Bioinformatics, vol. 22, no. 13, pp. 1658–1659, 2006.
	S. Rozen and H. Skaletsky, “Primer3 on the WWW for general users and for biologist programmers,” Methods in Molecular Biology, vol. 132, pp. 365–386, 2000.
	A. Conesa, S. Götz, J. M. García-Gómez, J. Terol, M. Talón, and M. Robles, “Blast2GO: a universal tool for annotation, visualization and analysis in functional genomics research,” Bioinformatics, vol. 21, no. 18, pp. 3674–3676, 2005.
	X. J. Min, G. Butler, R. Storms, and A. Tsang, “TargetIdentifier: a webserver for identifying full-length cDNAs from EST sequences,” Nucleic Acids Research, vol. 33, supplement 2, pp. W669–W672, 2005.
	S. Prochnik, P. R. Marri, B. Desany et al., “The cassava genome: current progress, future directions,” Tropical Plant Biology, vol. 5, no. 1, pp. 88–94, 2012.
	Y. Moriya, M. Itoh, S. Okuda, A. C. Yoshizawa, and M. Kanehisa, “KAAS: an automatic genome annotation and pathway reconstruction server,” Nucleic Acids Research, vol. 35, no. 2, pp. W182–W185, 2007.
	P. Pérez-Rodríguez, D. M. Riaño-Pachón, L. G. G. Corrêa, S. A. Rensing, B. Kersten, and B. Mueller-Roeber, “PlnTFDB: updated content and new features of the plant transcription factor database,” Nucleic Acids Research, vol. 38, no. 1, pp. D822–D827, 2009.
	H. Li and R. Durbin, “Fast and accurate long-read alignment with Burrows-Wheeler transform,” Bioinformatics, vol. 26, no. 5, pp. 589–595, 2010.
	H. Li, B. Handsaker, A. Wysoker et al., “The sequence alignment/map format and SAMtools,” Bioinformatics, vol. 25, no. 16, pp. 2078–2079, 2009.
	C. R. Carvalho, W. R. Clarindo, M. M. Praça, F. S. Araújo, and N. Carels, “Genome size, base composition and karyotype of Jatropha curcas L., an important biofuel plant,” Plant Science, vol. 174, no. 6, pp. 613–617, 2008.
	E. V. Koonin, N. D. Fedorova, J. D. Jackson et al., “A comprehensive evolutionary classification of proteins encoded in complete eukaryotic genomes,” Genome Biology, vol. 5, no. 2, p. R7, 2004.
	R. L. Tatusov, E. V. Koonin, and D. J. Lipman, “A genomic perspective on protein families,” Science, vol. 278, no. 5338, pp. 631–637, 1997.
	S. Chen, H. Luo, Y. Li et al., “454 EST analysis detects genes putatively involved in ginsenoside biosynthesis in Panax ginseng,” Plant Cell Reports, vol. 30, no. 9, pp. 1593–1601, 2011.
	L. J. Rowland, N. Alkharouf, O. Darwish et al., “Generation and analysis of blueberry transcriptome sequences from leaves, developing fruit, and flower buds from cold acclimation through deacclimation,” BMC Plant Biology, vol. 12, article 46, 2012.
	Y. Zhang, S. Zhang, S. Han, X. Li, and L. Qi, “Transcriptome profiling and in silico analysis of somatic embryos in Japanese larch (Larix leptolepis),” Plant Cell Reports, vol. 31, no. 9, pp. 1637–1657, 2012.
	Y. Wang, X. Zeng, N. J. Iyer, D. W. Bryant, T. C. Mockler, and R. Mahalingam, “Exploring the switchgrass transcriptome using second-generation sequencing technology,” PLoS ONE, vol. 7, no. 3, Article ID e34225, 2012.
	S. Chen, X. Huang, X. Yan et al., “Transcriptome analysis in sheepgrass (leymus chinensis): a dominant perennial grass of the eurasian steppe,” PLOS ONE, vol. 8, no. 7, Article ID e67974, 2013.
	S. Kumar and M. L. Blaxter, “Comparing de novo assemblers for 454 transcriptome data,” BMC Genomics, vol. 11, no. 1, article no. 571, 2010.
	X. Ren, T. Liu, J. Dong et al., “Evaluating de Bruijn graph assemblers on 454 transcriptomic data,” PLoS ONE, vol. 7, no. 12, Article ID e51188, 2012.
	C. Sun, Y. Li, Q. Wu et al., “De novo sequencing and analysis of the American ginseng root transcriptome using a GS FLX Titanium platform to discover putative genes involved in ginsenoside biosynthesis,” BMC Genomics, vol. 11, article 262, 2010.
	D. Li, Z. Deng, B. Qin, X. Liu, and Z. Men, “De novo assembly and characterization of bark transcriptome using Illumina sequencing and development of EST-SSR markers in rubber tree (Hevea brasiliensis Muell. Arg.),” BMC Genomics, vol. 13, no. 1, article 192, 2012.
	M. Pop and S. L. Salzberg, “Bioinformatics challenges of new sequencing technology,” Trends in Genetics, vol. 24, no. 3, pp. 142–149, 2008.
	A. Theocharis, C. Clément, and E. A. Barka, “Physiological and molecular changes in plants grown at low temperatures,” Planta, vol. 235, no. 6, pp. 1091–1105, 2012.
	M. A. Dong, E. M. Farré, and M. F. Thomashow, “Circadian clock-associated 1 and late elongated hypocotyl regulate expression of the C-repeat binding factor (CBF) pathway in Arabidopsis,” Proceedings of the National Academy of Sciences of the United States of America, vol. 108, no. 17, pp. 7241–7246, 2011.
	H. Kumar Yadav, A. Ranjan, M. H. Asif, S. Mantri, S. V. Sawant, and R. Tuli, “EST-derived SSR markers in Jatropha curcas L.: development, characterization, polymorphism, and transferability across the species/genera,” Tree Genetics and Genomes, vol. 7, no. 1, pp. 207–219, 2011.
	K. Laosatit, P. Tanya, C. Saensuk, and P. Srinives, “Development and characterization of EST-SSR markers from Jatropha curcas EST database and their transferability across jatropha-related species/genus,” Biologia, vol. 68, no. 1, pp. 41–47, 2013.
	S. P. Kumpatla and S. Mukhopadhyay, “Mining and survey of simple sequence repeats in expressed sequence tags of dicotyledonous species,” Genome, vol. 48, no. 6, pp. 985–998, 2005.
	L. Gao, J. Tang, H. Li, and J. Jia, “Analysis of microsatellites in major crops assessed by computational and experimental approaches,” Molecular Breeding, vol. 12, no. 3, pp. 245–261, 2003.
	T. Thiel, W. Michalek, R. K. Varshney, and A. Graner, “Exploiting EST databases for the development and characterization of gene-derived SSR-markers in barley (Hordeum vulgare L.),” Theoretical and Applied Genetics, vol. 106, no. 3, pp. 411–422, 2003.
	N. Nicot, V. Chiquet, B. Gandon et al., “Study of simple sequence repeat (SSR) markers from wheat expressed sequence tags (ESTs),” Theoretical and Applied Genetics, vol. 109, no. 4, pp. 800–805, 2004.
	V. Khurana-Kaul, S. Kachhwaha, and S. L. Kothari, “Characterization of genetic diversity in Jatropha curcas L. germplasm using RAPD and ISSR markers,” Indian Journal of Biotechnology, vol. 11, no. 1, pp. 54–61, 2012.
	G. H. Yue, F. Sun, and P. Liu, “Status of molecular breeding for improving Jatropha curcas and biodiesel,” Renewable and Sustainable Energy Reviews, vol. 26, pp. 332–343, 2013.
	D. G. Ambrosi, G. Galla, S. Collani, and G. Barcaccia, “Oil rich seeds of Jatropha curcas L. as a renewable source of biodiesel: genotyping clones of cultivated varieties and cloning genes for fatty acid biosynthesis,” The International Journal of Plant Reproductive Biology, vol. 5, no. 2, pp. 102–117, 2013.
	X. Wu, C. Ren, T. Joshi, T. Vuong, D. Xu, and H. T. Nguyen, “SNP discovery by high-throughput sequencing in soybean,” BMC Genomics, vol. 11, no. 1, article 469, 2010.
	Y. Han, Y. Kang, I. Torres-Jerez et al., “Genome-wide SNP discovery in tetraploid alfalfa using 454 sequencing and high resolution melting analysis,” BMC Genomics, vol. 12, no. 1, article 350, 2011.
	A. Geraldes, J. Pang, N. Thiessen et al., “SNP discovery in black cottonwood (Populus trichocarpa) by population transcriptome resequencing,” Molecular Ecology Resources, vol. 11, no. s1, pp. 81–92, 2011.
	C. Lopez, B. Piégu, R. Cooke, M. Delseny, J. Tohme, and V. Verdier, “Using cDNA and genomic sequences as tools to develop SNP strategies in cassava (Manihot esculenta Crantz),” Theoretical and Applied Genetics, vol. 110, no. 3, pp. 425–431, 2005.


EPUB/Navigation/nav.xhtml


		

			

		  1. Introduction

		  2. Materials and Methods

		  3. Results

		  4. Discussion

		  References 





EPUB/Content/page-template.xpgt
 

   


     
	 
    

     
	 
    


     
	 
    


     
         
             
             
             
        
    

  




