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.is study combs through relevant literature, adopts a combination of typical sampling and random sampling, collects three big
data technology-driven interactive marketing e-commerce companies in a specific period of Sina Weibo sample data for research,
obtains historical information and data, and constructs a model. .rough relevant analysis to eliminate invalid variables, we
creatively selected three variables of Internet hot words, activities, and microtopics as independent variables and used marketing
effects as dependent variables to carry out empirical analysis and study the marketing innovation of three representative
companies based on big data technology. We discussed the use of self-media in interactive marketing e-commerce and the
situation of marketing innovation based on self-media, focusing on the interactive relationship betweenmarketing innovation and
Internet word-of-mouth (brand image). .rough research, we have derived the three-force model, which is the biggest result of
this research, and provided a reference model for interactive marketing e-commerce companies to carry out follow-up marketing
innovation based on the media. Limited to the level of research and ability, there are some deficiencies in the research, such as
barrage marketing, big data marketing, and emotional computing, that have not been analyzed in depth. .is article fully
considers the dependence of small and medium e-commerce companies on e-commerce platforms in the era of big data and
conducted detailed market research on their precision marketing strategies in the era of big data. .is will be a new field that does
not come from media marketing. .is article intends to summarize a series of experiences and laws from special to general, from
individuality to generality, so as to give full play to the role of personalized marketing in increasing website traffic and order
conversion, in order to personalize the use of data by other e-commerce companies with marketing provides some valuable
experiences and methods for reference.

1. Introduction

With the rapid development of information technology, the
arrival of big data has brought new development opportu-
nities for scientific research, business, and technological
progress. Big data has become one of the important tools in
the field of e-commerce [1]. In recent years, the country’s
e-commerce has ushered in a period of rapid development,
and the transaction volume and scale of e-commerce have
expanded rapidly [2]. On the other hand, the huge user and
product base of e-commerce requires e-commerce companies
to build precision marketing systems based on user needs and
potential needs. .e rapid development of information
technology and the continuous progress of network

technology have promoted the vigorous development of
e-commerce. .e development of e-commerce is profoundly
changing people’s consumption and living habits [3]. .e
total online retail sales have accounted for one-sixth of the
total retail sales of consumer goods. E-commerce has become
a powerful driving force that drives national consumption and
promotes national economic growth. After nearly two de-
cades of development, the country’s e-commerce market has
basicallymatured, and a domestic retail system represented by
online retail giants, such as Taobao, JD.com, and Amazon, has
formed, and the industrial competition pattern has basically
taken shape [4–6].

Modern society is a society with rapid development of
science and technology, and the ability to process
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information is continuously enhanced. Information is
generated by human activities and fed back to people
through data analysis techniques. Big data are the product
born under this background [7]..e term big data has begun
to be widely used by various media. Big data analysis
methods are widely used in computer, cloud computing,
Internet, and and other fields [8, 9]. Scholars from all walks
of life have carried out a lot of research on the methods of
collecting, processing, analyzing, and using big data and
achieved fruitful results [10]. Big data analysis methods take
cloud computing technology as the main thrust and grad-
ually penetrate into the analysis and research of various
disciplines and industries. In addition, big data technology
has been deeply integrated with enterprise management. At
present, big data are not only used to promote enterprise
management and market information collection but also
combined with e-commerce has brought new development
opportunities for all types of enterprises. .e Internet and
related industries have become the first source and demand
side of big data [11]. E-commerce companies can use big
data technology to analyze consumer needs through massive
data mining, integrated analysis, and application, and they
can provide consumers with personalized services and push
notifications. With the continuous fermentation of big data
technology, marketing strategies based on big data have also
begun to be used by small- and medium-sized e-commerce
companies, bringing many opportunities and challenges to
e-commerce companies [12–14].

.e purpose of this research is to integrate the relevant
theories of the four disciplines of tourism, economics,
marketing, and communication from a microperspective
and examine the marketing innovation activities of in-
teractive marketing e-commerce companies based on self-
media. .erefore, the development of e-commerce big
data research must be deeply integrated with relevant
marketing strategies, which supported the basic strategies
of precision marketing, combined with big data analysis
technology, and explored the survival method of small-
and medium-sized enterprises in the era of big data. Based
on the gaps in academic research and the actual devel-
opment needs of e-commerce companies, this article uses
E-Commerce Co., Ltd. to study how e-commerce com-
panies, especially small- and medium-sized e-commerce
companies that rely on major e-commerce platforms,
should adapt to the background of the era of big data. In
the era of big data, we use big data technology to track
changes in customer needs, better discover customer
needs, cater to changes in customer needs, and carry out
research on the development of enterprises. .rough
relevant research on the company’s products, pricing,
promotion, and business strategies, it discusses how small-
and medium-sized e-commerce companies can do pre-
cision marketing from the perspective of the development
and trend of small- and medium-sized e-commerce
platforms. .rough the introduction of statistical analysis,
content analysis, and other techniques to establish a
complete quantitative indicator system, we extract rep-
resentative interactive marketing e-commerce companies,
conduct comprehensive analysis and evaluation of

interactive marketing e-commerce based on self-media
marketing and marketing innovation, and analyze the
actual situation. We stage interactive marketing e-com-
merce companies publish content and effects in operating
Weibo accounts, sum up experience, and give suggestions
for improving the marketing strategies of interactive
marketing e-commerce companies.

2. Related Work

.e research scope of foreign scholars is relatively wide. .e
first is the organization and operation of the tourism des-
tination marketing system, marketing alliances, and their
performance evaluation. .e solution usually adopted
abroad is to establish marketing alliances and conduct re-
search on their development and operations. Secondly, the
research also focuses on the characteristics, advantages,
development issues, evaluation system, and operation of
online marketing. In terms of operational research on
tourism destination marketing systems, more emphasis is
placed on the research on actual operational effects [15].

Malhotra and Rishi [16] referred to the tourism desti-
nation marketing system as a tourist information system.
.ey believed that the basic theme and commonly used
dominant function of DMS is to publish and process in-
formation and processing of all tourism activities-related
organizations and attractions in a particular tourist area for
reservation business and several core database-based ap-
plication systems used in tourism information management,
public information services, industry exchanges, and tour-
ism online marketing. .e e-commerce expansion model of
the destination marketing system established by Hu [17]
realized the three functions of commercial activities: online
promotion, service provision, and transaction execution.
From this perspective, the three functions of the destination
marketing system are proposed with information and service
provision functions, marketing functions, and transaction
execution functions. Wright et al. [18] believed that the
destinationmarketing system is an integratedmarketing tool
that gathers resources and services from a marketing per-
spective and is also a one-stop shopping center for tourists to
choose and purchase products and services from the per-
spective of tourists. Elia et al. [19] research focused on how
destination tourism information is delivered to tourists and
how software and hardware equipment can meet tourists’
needs. .ey gave particular attention to how national-level
tourism agencies use this system to publicize and promote
tourism destinations in the country. .is concept is more
appropriate to explain the functions of the national-level
tourist agency information system, but its core focuses more
on reflecting the function of information data processing,
ignoring the other important functions of the system,
namely, the interactive communication function and the
needs of tourists for the function of the service. Liu et al. [20]
pointed out that the destination marketing system should
consider functions from two levels: management and in-
formation technology. At the management level, the system
should achieve three major functions: information provi-
sion, marketing, and market research; at the technical level,
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three tasks must be completed: web design, website pro-
motion, and website evaluation.

Other scholars believe that the tourism destination
marketing system organically combines efficient Internet-
based tourism promotion and marketing with local
tourism consulting services to provide tourists with full
service, which can greatly enhance the image of the tourist
destination and the overall service level. .e tourism
destination marketing system is not only a destination
information system but also a regional organization
system. .ey pointed out that the tourism destination
marketing system has competitive advantages in terms of
network sales market agglomeration, the establishment of
regional unified cognition, and the sharing of information
resources [21]. Some scholars have introduced integrated
marketing theories into the research of DMS, introduced
the forms of integrating information resources, products,
and services in the system, as well as introduced specific
integrated methods for unified external publicity, pro-
motion, and communication with customers. Scholars
discussed it from multiple angles. Some experts also
pointed out that marketing innovation is a new product,
new process, or new system that has the potential to create
a new market or change the existing market. .ey believe
that marketing innovation is a general practice in a dif-
ferent industry, which is a jump in the rules of the game.
In this way, the marketing process or the results of the
marketing process are not the same as the conventional
ones. Marketing innovation is a part of strategic inno-
vation. It is a kind of corporate ability that can create value
for customers, weaken competitors, and create wealth for
stakeholders. .e essence of innovation lies in the for-
mation of a “communication element” and marketing
activities that play its role so that users can have a sense of
trust in their products and motivate them to buy. .e
communication element is expressed as an idea or con-
cept, expressed as images, words, sounds, and symbols,
which can give consumers a deep impression and redis-
tribute. Researchers believe that there are two types of
marketing innovation: incremental innovation and
transformative innovation. Incremental marketing in-
novation is mainly product innovation, whereas trans-
formative marketing innovation is technology oriented
and market oriented [22, 23].

3. Construction of an Interactive Marketing
E-Commerce Recommendation System
Driven by Big Data Technology

3.1. Spatial Composition of Big Data Technology. Big data
mean that it does not rely on sampling surveys but in-
tegrates all the data on a certain issue for analysis and
processing. It is completely different from the method of
sampling samples in terms of data sources and analysis
methods. Big data contain the most complete reflection of
the information of an event. Figure 1 shows a big data
technology space architecture..erefore, the information

contained in big data is often far more than general data.
.e most complete information that can be reflected on
the above. Compared with general data, big data contain a
larger amount of information, which means more data.

.e information contained in big data has gone beyond a
single text form..e information of big data can be reflected
in various forms, such as pictures, videos, audios, and
geographic information, and it can also reflect a certain
behavior from different dimensions. .erefore, the multi-
dimensional nature of big data determines that an event can
be reflected from more dimensions, and it also contains
more useful information, but it also increases the difficulty of
information processing.

p(x(1), x(2), . . . , x(n)) � 
n

i�1
p x(n) | x(n − i + 1){ }. (1)

At present, there are many ways to apply big data at the
technical and decision-making levels, and there is no fixed
research method. Big data analysis technology is still in the
integration stage.

C � 2 ×
(p(x) × p(n))

1/2

(p(x) + p(n))
,

f(x) � x(i) +
x(i) × x(j)

x(i) + x(j)
.

(2)

More importantly, big data are how to effectively collect
market data, and at the same time, on the basis of further
processing and researching market data, it can obtain in-
formation that is beneficial to the organization or enterprise,
obtain market dynamics, understand customer needs, and
adjust it. .e business strategy of an enterprise, obtaining
greater profits, and the scope of market operations are all
important content that big data can achieve for enterprise
development.
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Because big data contain a large amount of information
and reflect a large number of dimensions, and the factors
that play a decisive role in a certain matter often only ac-
count for a small part, so in the processing of large-capacity
but low-density information, data analysis technology seems
particularly important.
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(4)

Big data have the characteristics of variability, authen-
ticity, and high value. Variability refers to the fact that data
are prone to change during the recording process of big data,
which increases the difficulty of information processing, and
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complexity is an extension of low density. High value is the
most fundamental feature of big data. Its main connotation
is that if big data are used reasonably, it can derive greater
value. However, the value of big data are directly propor-
tional to the overall amount of big data collected.

3.2. Interactive Marketing Content Elements. Interactive
marketing technology is a deeper method in big data analysis
methods, which mainly refers to the effective analysis of data
by appropriate methods from massive amounts of data.
Interactive marketing technology provides technical support
for precision marketing, and many scholars have made
outstanding contributions in this regard. .e core of in-
teractive marketing is to analyze the characteristics of
consumer behavior and to manage and research consumer
groups with common characteristics based on the charac-
teristics of consumer behavior obtained by interactive
marketing. .e first process of big data analysis is collection.
Big data collection refers to the use of big data collection
information collection platforms to collect users or other
data collection tools. In the process of big data collection, the
main problem is that the amount of data information is
huge, the amount of data collected is high, and there are
many data collection points. In the same period, a large
amount of data needs to be collected at the same time.
Figure 2 shows the statistical distribution of the deviation of
interactive marketing data collection. .erefore, in the
process of big data collection, it is necessary to establish a
fairly large database, and how to further design the rea-
sonable use and distribution of the database.

.e second step is import and preprocessing, which
mainly refers to the elimination of invalid information,
redundant information, and low-value information after the
first collection of information. .erefore, it is necessary to
effectively filter and analyze the data before processing.
.en, we import the obtained preliminary screening

information into another large database. .is step is mainly
to preprocess the big data. .e third step is to conduct
statistics and analysis. .is process is a process of further
refined processing of big data..e effective data are analyzed
and filtered, and statistical processing is performed, and
finally, effective information is obtained. Different from the
above process, big data information mining does not have a
definite path or statistical analysis method. .e division of
labor for small- and medium-sized e-commerce companies
has been further refined, and the industrialization of
commodities, art, operations, inventory management, and
delivery has been formally formed, which has also led to the
development of models, express delivery, and other in-
dustries. It mainly uses a large amount of data collected in a
database and uses various algorithms to perform calcula-
tions, which results in complex data. As far as possible to get
the effect of prediction or to be able to draw other effective
conclusions, the statistical analysis andmining process of big
data are considered to be the key process of whether data can
be transformed into value space and source of value in the
process of big data information processing.

3.3. E-Commerce Platform Construction. E-commerce usu-
ally refers to the use of Internet technology, based on the
browser/server application method, where buyers and sellers
conduct various trade activities on the Internet platform in a
face-to-face manner to realize consumers’ online shopping,
online payment, and various business activities and trans-
action activities and other new business operating models.
Figure 3 shows the distribution of e-commerce platform
models. .e rise of e-commerce has a close relationship with
the development of computer network technology, and the
development history of e-commerce has a close relationship
with the progress of computer network technology.
E-commerce includes manymodels, typically, B2B (Business
to Business), B2C (Business to Consumer), C2C (Consumer
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to Consumer), and the recent emergence of P2P (Peer to
Peer), and O2O (Online to Offline). Small- and medium-
sized e-commerce enterprises refer to small- and medium-
sized enterprises that are engaged in e-commerce business
(mainly B2C, C2C, O2O) and conduct e-commerce business
on large-scale e-commerce platforms. .ese enterprises are

generally small in scale, with traffic entrances and payment
methods. Goods transportation is mainly controlled by
large-scale e-commerce platforms and express operators.

E-commerce platform companies provide a good de-
velopment platform for small- and medium-sized e-com-
merce companies. Customs clearance is directly attached to
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Figure 2: Statistical distribution of the deviation of interactive marketing data collection.
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large-scale e-commerce platforms, saving small- and me-
dium-sized e-commerce companies the trouble of building
their own traffic portals. Users can complete what they need
on an e-commerce platform. For most of the transactions,
the integrated platform operation also helps small- and
medium-sized e-commerce companies develop better.
However, with the increasingly fierce competition in the
industry, the emergence of big data, and the transformation
of small- and medium-sized e-commerce companies
themselves, market competition has turned to competition
characterized by the discovery and satisfaction of user needs,
precision marketing strategies, and differentiated competi-
tion strategies; the combination of big data strategies is an
important path for the continued development of small- and
medium-sized e-commerce companies in the future. Pre-
cision marketing is a company that pays more attention to
marketing actions and results when formulating marketing
communication plans. .is requires marketing communi-
cation and the implementation of marketing activities to be
more precise, measurable, and able to achieve higher
returns. Small- and medium-sized e-commerce companies
have large and small data, simple and relatively complex
data, and generally use Access databases or SQL-server
databases. Considering that the data types and specific
characteristics of user profile data may be more cumber-
some, the use of NoSQL databases may be more reasonable
and common. NoSQL databases are integrated with the data
analysis package, which can efficiently process, organize, and
manage data, which has very important advantages. .e use
of the database is very wide, so it is also widely used by
e-commerce companies, with lower usage and maintenance
costs.

3.4. System Hierarchical Weight Distribution. After having
the database, the next step is to analyze the data..e analysis
of the data mainly starts from the two steps of statistical data
and exploratory analysis. .e statistical data are mainly to
analyze the existing data, from which some conclusions can
be drawn, such as the popularity of the product, the con-
sumer’s preference for buying the product, the relationship
between the consumer’s demographic characteristics, and
the purchase of a certain product or service to compare
product sales with similar products or products of different
categories in other stores. Table 1 shows the cluster analysis
of consumer purchasing preferences. Exploratory analysis is
a further level of data analysis. It is mainly to dig out some of
the content and conclusions of the existing data that are not
represented by the appearance, such as clustering and
classification. .ese require unique analysis techniques, and
how big the information can be extent to which the value is
played also differs in this process.

.e goal of precision marketing is to achieve a low-cost
sales strategy through precise customer communication
channel selection and sales channel selection, so that both
customers and manufacturers can benefit. .e core of the
word “precision” in precision marketing is to focus on the
needs of consumers, which means that the precision mar-
keting system can distinguish a consumer from other

consumers, and recommend the best for consumers
according to their needs. It is possible that a certain product
or service, instead of the previous emphasis on marketing
coverage, should be broad and comprehensive. With the
development of information technology, after effective in-
tegration, analysis and processing of big data generated by
consumers, target consumers can be found among consumer
groups, so as to achieve accurate information transmission.

Figure 4 shows the histogram of the economic efficiency
of marketing activities. We screen out the information used
for identification on the website, such as baby ID; through
comprehensive comparison, screen out cross-cutting and
interfering data, such as “sales” in the number of sales and
successful transactions; do not consider those that do not
affect the decision-making factors such as store name, store
reputation, and product rating. Specifically, precision
marketing means that companies pay more attention to
marketing actions and results when formulating marketing
communication plans. .is requires marketing communi-
cations and marketing activities to be implemented more
accurately, measurably, and with high returns. In addition,
more and more investment in direct sales. In the end, factors
that have an impact on the selection of products are left:
product specifications, transaction prices, and other cus-
tomer-related factors; store-related factors such as the
number of successful transactions and service commitments;
and factors related to platform and regional sales, such as
shelves. Precision marketing greatly reduces the cost of
investing in unrealistic consumers by discovering potential
consumers in consumer groups, improves the economic
efficiency of marketing activities, and greatly reduces the
cost of marketing activities themselves, but the cost re-
duction will not weaken the marketing activities themselves,
it will increase the accuracy of the activities.

4. Application and Analysis of Interactive
Marketing E-Commerce Recommendation
System Driven by Big Data Technology

4.1. Big Data Feature Extraction. .e dependent variable in
this study is marketing effect, which can be defined as
feedback from media content. .is definition mainly mea-
sures the short-term effects of self-media marketing. .e
marketing effect index is expressed by the sum of the number
of likes and the number of comments. Typical sampling is
used for the selection of self-media platforms. Figure 5 shows
the pie chart of the percentage of marketing effect indicators.
Sina is selected as the representative from the relevant Weibo
platforms, so the data come from Sina Weibo. Its

Table 1: Cluster analysis of consumer purchasing preferences.

Cluster
index Popularity Fusion rate/

%
Economic efficiency

ratio
1 0.71 82.5 1.01
2 0.84 81.7 1.17
3 0.69 79.6 1.14
4 0.82 77.1 1.07
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representative significance is that Sina Weibo is the largest
self-media platform, covering a large consumer group. At the
same time, all major interactive marketing e-commerce
companies have opened Weibo accounts on Sina Weibo,
which is an important platform for interactive marketing
e-commerce online marketing, which facilitates horizontal
comparison between manufacturers. At the same time, Sina
Weibo has the characteristics of open access, can obtain
historical information and data, and can provide a sufficient
number of samples. .erefore, this article chooses to collect
Sina Weibo sample data from a specific period for research.

Using the network data collector, we will analyze the
collected 927,174 sets of 268.88 million data. Because these
data have the characteristics of large data volume, various
types, and low-value density, we will do the data before
analysis. After a certain amount of preprocessing, the results
of this preprocessing are used to position the target market in
terms of channels and regions, and in terms of product at-
tributes and brands, to position consumer demand prefer-
ences. We take the seller’s ten service promises as the product

attribute influencing factors that influence customers to
choose between different brands, set it as a dummy variable to
introduce the model, and use the MNL model to predict the
probability of customers choosing between different brands,
which is then the company’s selection of promotion channels
during the product launch process that provides a basis for
decision-making. From the perspective of consumer prefer-
ences, we analyze different platform structures through data,
and make a certain analysis of which category and which
brand of products sell well and the positioning of average
prices. Specific to the price range, we discover the potential
purchasing power and consumption range of the target
customer group; through the analysis of product attributes,
we can find out which features of the product will be par-
ticularly favored by consumers. Finally, it provides a basis for
company A’s precise marketing decision on the product.

4.2. E-Commerce System Evaluation. Because the total
number of microblogs in the three sample companies
exceeded 2,000 within a year, the existing research methods
are not sufficient to analyze all of them..erefore, this article
adopts the method of random sampling by computer. We
establish a personnel service feedback and evaluation system
and establish a personnel efficiency database based on big
data. Based on consumer feedback to various service per-
sonnel, company internal evaluation system information,
and basic information data, the performance of employees
can be analyzed and compared, various personnel ar-
rangements can be made, and avoidable accidents can be
predicted. .e specific steps are to use the random sampling
function of the R language, and each manufacturer will
sample three months. Secondly, we extract the page numbers
of each manufacturer in each month. According to power
analysis, this number of microblogs can represent the total
sample during the study at a significance level of 0.95. After
we have a detailed understanding of the requirements, we
need to sort out the data collected on this page. In the end, I
chose the store name, product name, price, and number of
successful transactions as the collection object. Figure 6
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shows the histogram of the number of successful e-com-
merce transactions. After completing the data collection, the
second step is to classify and filter the data: which are the
information used by the website for identification and do not
have the value of data exploration and mining; which data
are almost duplicated and can be eliminated in half; and
which data need to simultaneously consider and get useful
data.

.e information included in the transaction data that I
finally sorted out includes product type, platform, store
name, store reputation, product rating, store location, title,
baby ID, brand, product specifications, whether it is free
shipping, title, price, transaction price, sales volume, number
of successful transactions, number of comments, number of
favorites, and payment methods. After screening, there are
174 groups of valid and complete data information. Al-
though the target of collaborative filtering technology is
specific users, it cleverly uses the information of all users.
Recommendations are mainly based on the preferences of
other users who are most similar to the user. .ere are many
ways to calculate similarity, such as cosine similarity (the
denominator is the square root of the product of the number
of products purchased by two users). After we calculate the
similarity, we can sort the preferences of other users on the
products according to the similarity weighted summation
method and then recommend them to specific target users.
.is collaborative filtering recommendation technology can
not only accurately infer the potential needs of users, but
more importantly, it can increase cross-sales, that is, when
users purchase a certain category of products, they rec-
ommend other categories of products to users, thereby
increasing the diversity of high user purchases.

4.3. Example Application and Analysis. Content-based rec-
ommendation technology is one of the important contents
of personalized marketing in the era of big data. .is
technology originated from information retrieval and

information filtering, and its root lies in the acquisition and
quantitative analysis of content. Because the research in text
information acquisition and filtering is relatively mature,
most of the current content-based recommendation systems
are mostly the text of the product information operation
after analyzing. Coding is to place the analysis unit in the
category system. For the first time, we have arranged a week
to train coders and improve the coding plan based on the
training situation to make the understanding between
coders similar to achieve the predetermined reliability.
Second, we conduct preresearch to check the reliability of
coders and ensure that they master coding skills and
methods. .ird, in the formal study, standardized tables are
used, and computer-aided coding and statistical work are
used. Based on similar research, we use a category system to
classify eachWeibo..e classification is carried out from the
three levels of Weibo’s basic information, content category,
and form, and 21 subcategories are determined to try to
exhaust the possibilities of interactive marketing e-com-
merce microblogs and produce meaningful results.

Figure 7 shows a stick chart of the significance test of
e-commerce product categories. To analyze the data of the
target product, it is first necessary to separate the data that
meet the requirements from the 100 sets of data that have
been preliminarily sorted out. After preliminary screening,
100 sets of target product data were obtained, and then,
service commitment attributes were selected among them as
the data basis for modeling. Next, we need to analyze and
process this part of the data. We will use 70% (the first 50
groups) of samples as training samples for modeling and
analysis. In addition to taking security measures to protect
consumers’ personal information, the industry has also
developed a star-rated label on the web page to allow
consumers to identify the company’s logo for safeguarding
consumer data. We will substitute variables into the MNL
model and use SAS to test them for empirical analysis, and
based on the results of this analysis, we make the choice of
promotion channels for the products on the shelves. After
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Figure 6: Histogram of the number of successful e-commerce transactions.
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the model is obtained, the model is used to predict the
remaining 30% (15 groups) of the test samples, and finally,
the prediction results are tested. Using 70% (the first 50
groups) of samples as training samples, the following results
are obtained through repeated screening of variables.
Obtaining the data summary, the significance test of the
respective variables’ influence on the overall model, and the
estimated value and significance test of the respective var-
iables are given. It can be seen that the variables VAR18,
VAR19, and VAR25 all passed the significance test. .e last
line is the likelihood ratio test of the goodness of fit of the
model..e likelihood ratio statistic is 6.93, and the statistical
result is not significant (p � 0.0743), which shows that the
fitted model is acceptable. .e last column gives the results
of the significance test of each independent variable for each
MNL model, in which the coefficient estimates of the
remaining independent variables are not significant except
for the estimated value of the second coefficient of VAR18

and the estimated value of the third coefficient of VAR19. All
passed the significance test.

Figure 8 shows a line chart of the percentage of product
sales prices. It can be seen that in terms of product prices,
from the perspective of Taobao’s entire network, the product
industry’s most shipped price range is between 11 yuan and
22 yuan, of which shipments accounted for 27.9%, and the
high sales price range is between 22 yuan and 33 yuan, of
which sales accounted for 14.3%. In addition, there is a
significant increase in the range of 333–432 yuan, indicating
that most consumers still choose relatively low-end cos-
metics and do not pursue branded products; the other part
tends to buy branded products, focusing on products pur-
chased in several well-known brands, although the products
at the midprice range are seldom bought. Judging from the
basic information of the research subjects, they have the
ability to read and understand the questionnaire of this
research and can accurately express their opinions.
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Figure 7: Matchsticks for the significance test of e-commerce product categories.
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.erefore, the data of this questionnaire are valid. .e sales
of normal specifications accounted for the highest pro-
portion, accounting for nearly 90% of the market share,
whereas the choice of suits was less, indicating that con-
sumers’ demand is only to choose a certain type or a certain
fragrance of the product according to their preferences,
rather than buying a certain brand. For a full set of products,
some consumers tend to prefer to purchase the corre-
sponding light-backed products, and such consumers may
prefer to use them for their own use.

5. Conclusion

.is article mainly studies the precision marketing system
based on big data, sorts out the history of e-commerce de-
velopment, discusses the possibility of combining big data and
precision marketing systems, and analyzes the major
e-commerce platforms and enterprise application of big data
technology in the era of big data. At the same time, the study is
carried out with it as a typical case, focusing on small and
medium e-commerce companies, especially small e-commerce
companies that rely on e-commerce platforms, such as Am-
azon, JD.com, and Taobao, to carry out the real possibility and
necessity of precision marketing based on big data. Based on
practical factors, this article designs a general system platform
based on general big data precision marketing strategies and
uses clustering algorithms as an example to illustrate the use of
the system. At the same time, from the aspects of improving
enterprises’ understanding of big data strategy and precision
marketing, applying big data to adjust corporate marketing
strategies, precision marketing channels, deepening consumer
demand analysis, applying big data analysis results to optimize
business operations, and the like, it proposes to optimize the
precision marketing of system countermeasures and sugges-
tions. In most cases, the measurement of validity is the
measurement of construction validity, and the measurement
of construction validity is carried out through confirmatory
factor analysis. Specifically, it is judged by the standardized
factor loading of the item, if the fit is good, then it can be
further tested for validity through standardized factor loading
coefficients. .is study avoids the complicated model con-
struction and high-specialization design and selects the MNL
model (Multinominal Logit Model), which is simple in model
construction and widely used in data analysis, to quantitatively
construct the predictive model and obtain the customer’s
purchase probability, and it achieved a high accuracy rate,
rather than a general qualitative analysis, so that small and
micro e-commerce merchants can more targeted product
selection and sales, which can provide a basis for e-commerce
precision marketing but also have a high actual operation. We
hope that through the analysis of typical cases in this article, we
can develop precision marketing strategies for small- and
medium-sized e-commerce companies in the future and
provide a good reference and experience.
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