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Land use change plays an important role in regional socio-economic development and global environmental change. Whether the
land is effectively and efficiently used is not only related to the income level of the people in the surrounding cities but also closely
related to the local economy and national economy. Intelligent environment refers to the indoor environment with a variety of
data acquisition equipment. Combined with related technologies, the reasoning and analysis of the data can be used to realize the
functions of activity identification, data perception, and control. In addition, the Yangtze River Delta is an economically developed
area in China, and its land use situation is related to the economic development in the next ten or even decades. )erefore, it is
necessary to analyze the spatial and temporal pattern of land use in Yangtze River Delta region by remote sensing image
technology and GIS in intelligent environment. Based on intelligent environment, this paper uses RS and GIS technology to
interpret remote sensing image and map land use in multitemporal coastal zone. )e land use dynamic degree model and spatial
interpolation method were used to analyze and evaluate the spatial and temporal evolution characteristics of land use in the
Yangtze River Delta region, and the landscape pattern changes in the Yangtze River Delta region were analyzed and evaluated.
)is study found that the land use types in the Yangtze River Delta have transformed each other, and the land use change speed is
fast, which is inseparable from the rapid economic development. In the future, in addition to maintaining the rapid and stable
development of industry, the rational use of limited land resources, the improvement of agricultural development short board, and
the improvement of tourism economic benefits will make the economy of the Yangtze River Delta region to a new level.

1. Introduction

In recent years, with people’s yearning for convenient and
comfortable home, office, public service places, and other
environment, combined with the support of related tech-
nologies, intelligent environment [1] came into being. As the
embodiment of the Internet of things technology in the
indoor environment, various sensor devices are arranged in
the intelligent environment for data acquisition and analysis.
Combined with sensor, communication, embedded, auto-
matic control, and other technologies, it can realize the
cooperative operation of multiple devices, so as to realize the
user’s perception and monitoring of data according to
different life needs and behavior habits of users, and provide

a better environment for users [2]. Land use refers to the
long-term or periodic operation and management and
transformation of land by human beings according to the
natural characteristics of land and according to certain
economic and social purposes by adopting a series of bio-
logical and technological means. )e breadth, depth, and
reasonable degree of land use are the concentrated reflection
of the scale, level, and characteristics of land production. At
present, with the rapid growth of population, the decrease in
available land resources, the trend of urbanization, and the
increasing expansion of urban area [3] lead to the contra-
diction between urban land and other sectors of national
economy, especially agricultural land. Due to the progress of
technology, the ability of human beings to transform and
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utilize the natural environment is increasing day by day. If it
is not careful, it will pollute the environment and destroy the
ecological balance. In land use, this phenomenon is often
more prominent. )e status of land use is not only related to
the development of local economy and the living conditions
of the people but also related to the overall economic de-
velopment of a country. At present, the situation of land use
is mainly affected by man-made destruction, uncontrolled
exploitation, and abuse of land. For this, it is very necessary
to use science and technology to evaluate the local land
condition reasonably and effectively, which can better help
the development of local economy and help human beings
distribute and utilize the existing land resources more
reasonably and effectively.

)e Yangtze River Delta is a flat and roughly triangular
land formed by the continuous deposition of rivers. )e
region includes the Jiangsu Zhejiang economic belt with
Shanghai as the leader. )e Yangtze River Delta cities in-
cluded Shanghai and 8 cities in the southeast of Jiangsu
Province. )is area is not only advantageous in geographical
location but also rich in talents. Every year, many graduates
and social talents come here to seek their ideals and realize
their aspirations. In the face of the rapid development of
economy and human resources in Japan, the land use sit-
uation in this area is also facing huge hidden dangers. High-
rise buildings, unreasonable disposal of garbage in scenic
spots, and vehicle exhaust pollution are all the land use
problems that need to be solved urgently in this area. How to
maintain economic development and realize the rational use
of land and create available resources for future generations
are the urgent problems to be solved.

Remote sensing technology [4] is to detect and identify
the electromagnetic wave, visible light, and infrared ray
reflected or radiated by the target in a certain distance. All
objects have spectral properties, and in particular they have
different spectral properties of absorption, reflection, and
radiation [5]. Different objects in the same spectrum reflect
different spectra. Even the same object, at different times and
places, will reflect and absorb different spectra of light due to
different angles of sunlight. According to the principle of
remote sensing technology, these targets are judged. Remote
sensing technology usually adopts green light, red light, and
infrared light to detect [6]. )e green part is usually used for
the detection of groundwater and geotechnical properties.
)e red part is used to detect plant growth, change, and
water pollution. )e infrared section detects land, minerals,
and resources.

)e geographic information system is a rapidly de-
veloping spatial information analysis technology. It plays a
leading role in the application of resources and environ-
ment [7]. Geographic information system technology can
not only effectively manage all kinds of resources and
environment by using spatial attribute information [8], so
that the resource and environment management and
practice mode can be analyzed and tested quickly and
repeatedly, but also can effectively manage a variety of
resources and environments and monitor the changes of
resources and environment conditions and production
dynamics analysis, and decision-making will also be

integrated into a common information stream, which
greatly improves work efficiency and economic benefits,
solves the problems of resources and environment, and
ensures the sustainable development of production. )e
main application of GIS technology is the management,
without data spatial analysis and other decision-making
functions. Its application in land science mainly includes
land evaluation (land suitability or multiple suitability
evaluation, land production potential evaluation, land
sustainable use evaluation, urban land price evaluation,
and land price evaluation); land use planning (including
general plan) and multiobjective land use planning; land
use and land cover classification mapping; and dynamic
monitoring of the land use cover.

As the most developed area of China’s economic de-
velopment, the Yangtze River Delta region’s land use has an
important impact on the regional social and economic
development. )e efficient use of land in this area is not only
related to the income level of people in surrounding cities
but also closely related to the local economy and national
economy and to the economic development in the next
decade or even decades. Based on today’s intelligent envi-
ronment, it is necessary to use remote sensing image
technology and GIS to analyze the spatial and temporal
pattern of land use in the Yangtze River Delta region so as to
better help human science control the development of the
Yangtze River Delta region. In this paper, remote sensing
and geographic information system are used to interpret and
map land use in multitemporal coastal zone. Based on the
land use dynamic degree model and spatial interpolation
method, the spatial and temporal evolution characteristics of
land use in the Yangtze River Delta were analyzed and
evaluated.

2. Introduction to Related Theories
and Methods

2.1. Dynamic Degree Model. )e dynamic model [9] is a
mathematical expression describing the time-varying law
between system variables usually expressed by differential
equation or difference equation. It is a model that describes
system characteristics related to the timing and sequence of
operations, events that affect change, sequence of events,
context of events, and organization of events. It is usually
expressed as a mathematical equation for a continuous or
discrete time variable [10].)e dynamic model of the system
can be described by sequence diagram, state diagram, and
activity diagram.

Using a single land use dynamic degree model, the
dynamic change range and rate of various land character-
istics in the Yangtze River Delta were studied:

K �
Ub − Ua

Ua

×
1
T

× 100%, (1)

where K is the dynamic degree of a certain land use type in
the monitoring period; Ua and Ub are the areas of the land
use type at the beginning and the end of the study; and T is
the monitoring period.
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)e comprehensive land use dynamic degree model is
used to characterize the spatial change characteristics and
transfer speed of land use:

LC �


n
i�1 LUi−j

2
n
i�1 LUi

×
1
T

× 100%. (2)

In the formula, LC is the comprehensive dynamic degree
of land use in the study area and△LUi−j is the conversion of
type I land use type to non-I type, J type, J� 1,2,3 ...,n is the
area of the first type of land use type at the initial stage of
monitoring; n is the total number of land use types; and T is
the monitoring interval [11].

2.2. Space InsertionValue. )e space insertion value method
[12] is usually used to transform the measured data of
discrete points into continuous data surfaces and compare
them with the distribution patterns of other spatial phe-
nomena. )e spatial interpolation algorithm is defined that
derived from the data of known points in the same region
unknown point data. Spatial extrapolation is defined that the
extrapolation of data from a known region to another re-
gion. )ere are two spatial interpolation methods, the first
one is deterministic method and the second one is geo-
statistical method. Deterministic interpolation is a method
of establishing installation surfaces, such as inverse distance
weighted average interpolation, spline function, and other
geostatistical interpolation methods, such as using the sta-
tistical regularity of sampling points to quantify the spatial
autocorrelation relationship between sampling points. )is
interpolation method is used to establish the model points of
the surrounding prediction sample spatial structure. points
of the spatial structure of the surrounding prediction
samples.)e characteristic of the deterministic interpolation
method is that the interpolation result of the sampling point
is basically consistent with the actual value of the original
sampling point. If the uncertain interpolation method is
used, the interpolation results of the sampling points are not
necessarily consistent with the measured values of the
samples, and some of them are far away from each other.

In order to analyze the hot spots of the use of land
change, the study area was divided into grid. )e spatial
interpolation method considers that the points with close
spatial distribution have similar eigenvalues. )e spatial
interpolation can calculate the data of other unknown points
in the research area through the center of gravity data of
known grid and simulate the discrete gravity center calcu-
lation data as continuous data surface, which is convenient
for the comparison of spatial distribution models.

2.3. Landscape Pattern Analysis. Landscape pattern [13]
basically means the spatial arrangement and combination of
landscape elements of different sizes and shapes. For ex-
ample, different types of patches can be randomly distrib-
uted, evenly distributed, or aggregated in space. )e spatial
distribution of landscape elements is regular and forms
various patterns. Landscape elements are called configura-
tion (configuration). From the perspective of spatial

distribution of landscape elements, there are five most ob-
vious configurations, which are uniform distribution pat-
tern, agglomeration distribution mode, linear distribution
mode, parallel distribution mode, and specific combination
or spatial connection.

Landscape stability can be analyzed and evaluated by
landscape pattern, that is, landscape spatial structure
characteristics, and characterized by landscape index
changes. )e calculation of landscape index is based on
FRAGSTATS software platform and based on the spatial
distribution map from 2015 to 2019.

Landscape stability is maintained by the spatial het-
erogeneity [14] of landscape pattern, which is the basis of
ecological service function. Due to the correlation of some
indexes in the landscape index, in order to avoid the
cumbersome analysis and better global analysis, combined
with the characteristics, the number of patches, Shannon
diversity index, Shannon evenness index, perimeter area
ratio fractal dimension, landscape condensation index,
dispersion, and juxtaposition index were selected to calcu-
late the year 2015 and 2016. )e landscape index data of
Yangtze River Delta in 2017, 2018, and 2019 are used to
describe the patch characteristics, dispersion and adjacency
characteristics, diversity characteristics, and fragmentation
information of the Yangtze River Delta landscape.

3. Experimental Process of Spatial and
Temporal Pattern Analysis of Land Use

3.1. Remote Sensing Image Classification Processing. )e
accuracy evaluation is a crucial step in land use remote
sensing monitoring [15] and also a measure of whether the
classification results are credible. In general, sampling in-
spection should be carried out for accuracy evaluation. )e
sampling methods generally include systematic sampling,
random sampling, zonal sampling, systematic sampling, and
partitioned random sampling. Shi Peijun then conducted
field investigation or used more accurate data such as large-
scale aerial photos to obtain verification data and established
error matrix on this basis to calculate various precision
indexes. Accuracy evaluation based on pixel level is a
common method. )e calculation of pixel level classification
accuracy is based on error matrix. Each row of the error
matrix represents the distribution of sampling points of a
certain type of land use type in the actual verification data of
remote sensing classification images, and the diagonal part
represents the number of sample points of a certain type
consistent with the verification data.

3.2. Land Use Pattern at Landscape Scale. In order to study
the degree of fragmentation of the landscape, the number of
patches is selected as the analysis index, which represents the
total number of patches. )e higher the value, the higher the
degree of fragmentation of the landscape [16]. A patch is a
landscape pattern different from a relatively uniform non-
linear area. Fragment is common in all hierarchical systems
in nature, and it reflects internal and internal similarity or
difference systems. Different patch sizes, shapes, boundary
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properties, distances, and other spatial distribution char-
acteristics constitute different ecological zones, forming
ecological differences and regulating ecological processes.

Fractal dimension [17] is a concept of dimension pro-
posed by mathematicians from the perspective of mea-
surement in 1919. In order to quantitatively describe the
“irregular” degree of objective things, the fractal dimension
is extended from integer to fraction, which breaks the
boundary that the dimension of general topological set is
integer. Resolution is also called resolution. In order to judge
the separation degree of the separated substance on the
chromatographic column, the resolution is usually used as
the total separation efficiency index of the column. R is the
ratio of the retention time difference of adjacent chro-
matographic peaks to the average peak width of two
chromatographic peaks, indicating the separation degree of
adjacent chromatographic peaks. )e greater R, the better
the separation of adjacent components.

Dominance is used to represent the status and role of a
group. Ecological dominance index [18] reflects the change of
species populations. )e more uneven the distribution of the
species population, the more obvious its ecological advan-
tages. Uniformity represents the distribution of the total
number of species in a community or habitat and reflects the
uniformity of species distribution. In any environment, there
is diversity. On the macrolevel, ecological environment and
social culture will present diversity. Intuitively, it is the di-
versity of biological species and commercial products. At the
microscopic level, the genetic diversity of the same species is
also diverse. )ere is often a dynamic balance between dif-
ferent levels of diversity, some of which have been eliminated
and new forms have emerged that are different from the past.
Diversity has always existed in the ecological aspects, such as
biological diversity, species diversity, ecosystem diversity,
cultural diversity, genetic diversity, and so on.

3.3. Measurement of Average Dimension of Land Patches.
Landscape pattern index [19] refers to landscape pattern and
landscape index. Usually it refers to the landscape structure in
the landscape spatial structure, which is formed by nature or
man-made. A series of landscapemosaics with different shapes,
sizes, and arrangements are arranged in the landscape space. It
is the performance of landscape heterogeneity and various
ecological processes at different scales, including the interfer-
ence effect on the results. Spatial patch is the most common
form of landscape pattern, which is shown in different scales.
Landscape pattern [20] and its changes are the result of the
interaction of natural and human factors and must be the
comprehensive reflection of the regional ecological environ-
ment system. )e type of landscape patches is the result of the
interaction of various interference factors and affects the de-
velopment of the regional ecological environment system,
regional ecological process, and edge effect [21].

3.4. Cohesion Calculation and Analysis of Landscape Con-
densation Index. In the analysis of land use in this area, the
national policy, economic policy, and population policy are
also inseparable. National policies and land planning affect

the scale, speed, and direction of regional construction, as
well as the transfer direction of land use [22]. National
policies can be reflected by the fixed investment of the whole
society. )e fixed investment amount of the whole society
can be divided into capital construction, real estate devel-
opment, urban and rural reconstruction, and other invest-
ment, which can reflect the national policy tendency. )e
GDP index can best measure the regional economic de-
velopment. )ere is an obvious positive correlation between
construction land and GDP in the Yangtze River Delta,
which shows that construction land will increase with GDP
growth. )erefore, GDP is an important driving factor for
the evolution of spatial pattern [23]. At the same time, the
proportion of the tertiary industry and tourism is gradually
increased, which promoted the population movement [24],
driving the development of the local economy. )e increase
in population will directly lead to urban and rural expansion,
resulting in the increase in construction land and road
construction demand, thus accelerating the development of
urbanization [25]. )is will inevitably lead to the expansion
of construction land area, increase the employment demand,
and gradually increase the number of employees. Population
growth promotes the development of urbanization. In order
to disperse the pressure of population living and employ-
ment, the scale of construction land and road construction is
expanding.

4. Result Analysis

4.1. Accuracy Evaluation of Remote Sensing Image
Classification. As shown in Table 1, the total accuracy of
supervised classification of remote sensing images in 2015
was 92.10%, which exceeded 80% in terms of producer
accuracy. From the perspective of user accuracy, the clas-
sification accuracy of all categories exceeded 75%, and the
index was 0.92, indicating that some points in the classifi-
cation process were given correct categories.

As shown in Table 2, the total accuracy of remote sensing
image supervised classification in 2019 is 91.13%. From the
perspective of producer accuracy, the accuracy of all cate-
gories exceeds 80% and that of all user categories exceeds
75%. )e index is 0.88, which indicates that some points of
remote sensing images in the classification process have been
assigned the correct classification.

4.2. Analysis of Land Use Pattern Change on Landscape Scale.
As shown in Figure 1, the total number of patches of land use
types in the Yangtze River Delta region under the intelligent
environment is on the rise over time. From 15000 in 2015 to
18000 in 2016, an increase of 3000 is observed, and then from
18000 in 2016 to 19320 in 2017, an increase of 1320 is
observed, and then from 19320 in 2017 to 20000 in 2018, an
increase of 680 is observed, and then from 20000 in 2018 to
21002 in 2019, an increase of 1002 is observed.

4.3. Comparison of Average Dimensions of Land Patches.
In the intelligent environment, the patch density of land use
types also shows the same upward trend as the number of
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patches, from 10.5 in 2015 to 12.2 in 2016, from 12.2 in 2016
to 12.7 in 2017, from 12.7 in 2017 to 13.4 in 2018, and then
from 13.4 in 2018 to 14.6 in 2019, showing an upward trend.

As shown in Figure 2, based on the intelligent envi-
ronment, the average fractal dimension of land use patches

in Yangtze River Delta changed greatly in 2016. )e average
fractal dimension of the whole patch showed a downward
trend: 028 in 2015, 1.003 in 2016, 0.996 in 2017, 0.985 in
2018, and 0.974 in 2019.)e average fractal dimension index
means the degree of self-similarity of patches, which reflects

Table 1: Error matrix of TM image surveillance classification in 2015.

Data 1 2 3 4 5 6 7 8 9 Line total User accuracy
1 18 0 0 0 0 0 0 0 0 18 100
2 0 35 5 0 0 0 0 0 0 40 93.40
3 0 4 12 0 0 0 0 0 0 16 84.43
4 0 0 0 67 0 0 0 0 3 70 94.32
5 0 0 0 0 123 6 0 0 0 129 95.25
6 0 0 0 0 5 46 0 0 0 51 87.14
7 0 0 0 0 0 0 12 2 0 14 91.10
8 0 0 0 0 0 0 2 6 0 8 89.90
9 0 0 0 8 0 0 0 0 35 43 83.04
Column total 18 39 17 75 128 52 14 8 38
Producer’s accuracy 100 95.46 78.78 87.65 95.68 85.54 92.13 88.82 87.78 Kappa index� 0.92
Index note: 1 represents water area, 2 represents residential area, 3 represents industrial and mining land, 4 represents bare land, 5 represents plain desert
grassland, 6 represents mountain desert grassland, 7 represents cultivated land, 8 represents woodland, and 9 represents surrounding land.

Table 2: Error matrix of TM image surveillance classification in 2019.

Data 1 2 3 4 5 6 7 8 9 Line total User accuracy
1 16 0 0 0 0 0 0 0 0 16 100
2 0 30 3 1 0 3 0 0 0 36 94.40
3 0 3 12 0 0 0 0 0 0 15 86.43
4 0 0 0 46 2 3 0 1 3 55 78.32
5 0 2 0 0 74 2 0 0 0 78 89.25
6 0 1 1 0 5 87 0 0 0 94 97.14
7 0 0 0 0 0 1 12 2 0 15 90.10
8 0 0 0 0 0 2 2 6 0 10 88.90
9 0 1 0 4 0 0 0 0 35 40 84.04
Column total 16 37 16 51 81 102 14 9 38
Producer’s accuracy 100 87.46 81.20 87.65 94.68 86.54 92.13 89.82 87.78 Kappa index� 0.88
Note: 1 represents water area, 2 represents residential area, 3 represents industrial and mining land, 4 represents bare land, 5 represents plain desert grassland,
6 represents mountain desert grassland, 7 represents cultivated land, 8 represents woodland, and 9 represents surrounding land of buildings.

2015 2016 2017 2018 2019

Number of plaques

Number of plaques

0

5000

10000

15000

20000

25000

(a)

2015 2016 2017 2018 2019

Patch density

Patch density

0

2

4

6

8

10

12

14

16

(b)

Figure 1: Number and density of landscape patches in Yangtze River Delta from 2015 to 2019.
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the impact of human activities on patches to a certain extent.
Landscape separation refers to the degree of spatial distri-
bution of landscape types.)is shows that the patch shape of
each landscape type is complex and relatively concentrated
during the year. Under the interference of human activities,
the shape of each landscape type is regular and widely
distributed. However, except for the decrease in 2016, the
degree of separation showed an upward trend in other years.
Under the interference of human activities, the morphology
of each landscape type has a certain regularity and wide
distribution. It was 982 in 2015, decreased to 0.972 in 2016,
increased to 0.986 in 2017, continued to rise to 0.994 in 2018,
and continued to rise to 1.012 in 2019.

As shown in Figure 3, the landscape diversity of Yangtze
River Delta based on intelligent environment is increasing
year by year, from 1.8 in 2015 to 1.97 in 2016, to 2.02 in 2017,
to 2.34 in 2018, and to 2.56 in 2019. )is shows that the
region in the economic development at the same time and
the same attention to landscape development pays attention
to the tourism industry. In addition, the overall landscape
dominance of the Yangtze River Delta region is also in-
creasing year by year, from 0.34 in 2015 to 0.47 in 2016, to
0.50 in 2017, to 0.69 in 2018, and to 0.72 in 2019. )is shows
that the landscape advantage of this area is gradually
highlighted, and the degree of people’s care for the landscape
is illustrated. In addition, the overall landscape evenness of
the Yangtze River Delta is also increasing year by year, from
0.7 in 2015 to 0.8 in 2016, 0.9 in 2017, 1.0 in 2018, and 1.3 in
2019. )e results show that the area proportion difference of
various landscape components is gradually narrowing, the
distribution of each component in the landscape is more and
more uniform, and the dominance of one or several land-
scape components is less and less, and the overall structure
of landscape is greatly affected by human activities.

4.4. Landscape Condensation Index. As shown in Figure 4, in
the intelligent environment, the spatial connectivity of
landscape types is characterized, and the cohesion index of
landscape is selected to calculate and analyze. When the value

of cohesion is large, the connectivity is good, and the smaller
the value, the worse the connectivity. Under the intelligent
environment, the development and change of road connec-
tivity are the biggest; because of the rapid economic devel-
opment in the Yangtze River Delta region and the continuous
construction of high-speed rail and maglev trains, the road
connectivity in the region has become more connected. )e
connectivity of intelligent construction land is increasing year
by year, which shows that the economic development of the
region promotes the construction of high-rise buildings, and
there was continuous land construction into high-rise
buildings. )e rivers and lakes in this area are basically stable,
indicating that the ecological protection of rivers and lakes is
better. At the same time, the vegetation condition in this area
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Figure 2: Average fractal dimension and separation degree of
landscape types in Yangtze River Delta from 2015 to 2019.
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is developing well, which indicates that the region should pay
attention to the protection of ecological environment and the
planting of green vegetation in response to the call of the
times. However, in recent years, the amount of agricultural
connectivity has gradually increased. In the intelligent en-
vironment, we want to balance the coordinated and stable
development of agriculture and industry.

5. Conclusions

Intelligent environment involves a wide range of technol-
ogies and has a large number of cross applications with other
fields. )e related technologies supporting intelligent en-
vironment are becoming more and more powerful. )is
chapter mainly uses the relevant land use analysis methods
and qualitative analysis to study the transformation and
change of land use types in the Yangtze River Delta region.
In different periods, both the overall landscape character-
istics and the spatial characteristics of various landscape
types in Wuhai City have obvious changes. )e character-
istics are as follows: the landscape heterogeneity is improved,
the proportion of vegetation, river, and lake water land is
increasing, and the proportion of different land use types in
the whole region is gradually narrowing. With the rapid
development of industry, the scale has been regulated, the
industrial and mining location is relatively scattered, and the
environment has been improved. With the development of
economy in the Yangtze River Delta, the area of surrounding
buildings tends to decrease and the problem of land deg-
radation has been improved. )e implementation of the
water allocation quota system of agricultural and forestry
land also reflects the unified planning of agricultural and
forestry land, the improvement of environmental protection
awareness, and the improvement of various measures. )e
range of land use has changed greatly, and the types of land
use have transformed each other, and the speed of land use
change is fast, which is inseparable from the rapid economic
development; the distribution of land use pattern is more
and more uniform, the area difference between patches is
gradually narrowing, and the dominance of a certain land
use type is gradually reduced. During the study period, the
pattern of land use in the Yangtze River Delta has changed
greatly. At the same time of economic development, the
impact of human on land use change is dramatic, which can
further affect the ecological function of the whole Yangtze
River Delta.

)e change of spatial and temporal pattern of land use
can lead to the change of environmental ecological function.
)e application of remote sensing and geographic infor-
mation system in the intelligent environment is the main-
stream method of land use analysis. In this study, remote
sensing image is used as the data source of land use analysis
and the geographic information system is used as the
platform for analyzing and processing the data, so as to find
out the relationship between land use type and vegetation
cover, which can lay a foundation for future research on land
type change in the same area. And it has important guiding
significance for the further study of land use in Yangtze
River Delta.
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