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The Tilacancha Private Conservation Area provides fresh water to the city of Chachapoyas. Therefore, the amount of soil lost in
the year and under precipitation scenarios was determined. Individually, the values of the factors were obtained: rain erosivity
(R) in 2019 and simulating increase and decrease of 15% of rainfall, soil erodibility (K), length and degree of slope (LS), land
cover (C), and conservation practices (P); they were integrated into USLE, obtaining A � R ∗ K ∗ LS ∗ PC, (t/ha.yr). Six
ranges of erosion were found, and the ACP had areas where from 0.4 to 665.20 t/ha.yr of soil was lost. A 15% reduction in
rainfall would represent a loss of soil from 0.20 to 301.56 t/ha.yr and an increase in rainfall by 15%, and the erosion ranges
would vary from 0.2 to 1028.84 t/ha.yr.

1. Introduction
Peru has two types of nongovernmental protected areas:
Private Conservation Areas (ACPs) and conservation concessions [1]. Tilacancha is one of the 141 ACPs [2], created by
Resolution of the Ministry of Environment, on July 6, 2010,
for 20 years, and is located in Chachapoyas, Amazon region
in northern Peru [3]. According to the Ecosystem Map of
Peru, the Tilacancha ACP has 6800.48 ha and it presents four
ecosystems: Yunga Altimontane Forest (pluvial), Jalca,
Pastures/Herbazales, and secondary vegetation [4].
The Tilacancha ACP is the only source of water for the
city of Chachapoyas, and this city has a population of more
than 32 thousand inhabitants [5]. The current overexploitation of water resources in Peru [6], the growing demand of
households for freshwater [7], and the increase in world

consumption increased almost eight times during the last
century [8].
Currently, the ACP is threatened by anthropic factors
such as agriculture, livestock, deforestation, slashing, and
burning of grasslands and natural forests, which degrade the
soil [3, 5]. Also, despite the known beneﬁts of plant communities when they grow, they modify the physical,
chemical, biological, and other properties of the soil, with
consequent eﬀects on plant survival and growth [9], and the
loss of soil is progressive and is considered an irreversible
phenomenon [10].
Soil erosion aﬀects the storage, ﬁltering, and cleaning of
water, as well as the habitats and genetic reserves of species
[11, 12]. Water erosion in the world is intensiﬁed because
diﬀerent climatic conditions and land use to act on the
various natural conditions, mold the soil, and, on certain
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occasions, degrade it [13]. This implies that providing a
perspective view of the eﬀects of climate change on soil loss
can guide decision makers in environmental management
and planning [14].
Agroecosystems and buﬀer zones around the ACP depend on ecosystem conditions and regulating ecosystem
services, for example, the action of vegetation cover against
soil erosion or as a function of water quality and quantity.
Likewise, the replacement of forest by other land uses can
cause serious impacts on the quality of river water, altering
its physical, chemical, and biological characteristics, so
Permanent Preservation Areas (PPAs) should be established,
in order to assess the variability of its quality because it has
been shown that degraded watersheds presented higher
values of solids, turbidity, nutrients, and coliforms, in addition to presenting greater variability of temporal data
compared to forested watersheds [15]. Thus, assessments of
ecosystem services, conditions, and interactions are very
important to understand the relationships in highly managed systems [16].
The results obtained in this research, on estimating the
spatial distribution of current water erosion and under
scenarios of ±15% of rainfall for the Tilacancha ACP,
provide an urgent response to the need to map, not only the
current state of the water erosion index but also to determine
the inﬂuences of climate change scenarios [17], and the
results will be used to manage and avoid the water erosion of
the soil in the ACP for its conservation.

2. Materials and Methods
2.1. Study Area. The Tilacancha ACP is located between
2700 and 3490 m.a.s.l. in the stream of the same name,
within the Utcubamba River basin, a tributary of the
Marañón River, in the Amazon region of Peru (Figure 1).
This ACP is located on lands of the communities of San
Isidro de Maino and Levanto and has an area of 6,800.48 ha
[18].
2.2. Implementation of Available Datasets into USLE. To
determine the loss of soil due to water erosion in the ACP,
the USLE equation was used [19], where ﬁve factors are used
that are ﬁnally integrated into equation (1). The methodological process is shown in Figure 2.
The function that describes the estimation of water
erosion is expressed as follows [20–23]:

−4

K � 1.313 ∗

2.1 ∗ 10

A � R ∗ K ∗ LS ∗ C ∗ P,

where A: average annual soil loss expressed in T/ha.yr, R:
rain erosivity factor expressed in kinetic energy per unit area
in MJ ∗ mm ∗ ha−1 ∗ h−1 ∗ year−1, K: soil erodibility
factor expressed in T ∗ ha ∗ h ∗ MJ−1 ∗ mm−1 ∗ ha−1, LS:
length factor and grade of slope, C: plant cover factor, and P:
applied conservation practices factor.
The R factor represents the erosivity factor of the rain,
and it refers to the sum of all the annual rain events and their
respective maximum intensities, which gives us an idea of
the degree of aggressiveness of precipitation to soil degradation. Wischmeier and Smith [19] represented an erosivity
index based on the direct relationship between kinetic energy (E) and the intensity of rain (I) [24] (Figure 3(a)).
Equation (2) [10] measured in MJ ∗ mm ∗ ha−1
∗ h−1 ∗ year−1 was used:
R � I30 ∗

9.28P − 8.393
,
1000

(2)

where I30: 75 mm/h, the value recommended by Wischmeier
[25], and P: annual mean precipitation (mm). The precipitation values for the Tilacancha ACP were obtained from the
Global Climate Data, Worldclim version 2, which contain
meteorological data worldwide from the 1970s to the 2000s
with a resolution 1 km2 [26, 27]. The data were extracted using
the “extract by mask” tool of the ArcGis 10.7 program; this
tool allows you to extract a part of a raster dataset based on a
template extension. The clip output includes the pixels that
intersect with feature datasets for the ACP. Besides, this
methodology solved the lack of information on precipitation
data in the place, as happens in several regions of the world
[28, 29]. The evaluation ranges were considered in ﬁve scales
and are the following [30]: 144–213 MJ ∗ mm ∗ ha−1 ∗ h−1
∗ year−1;
214–248 MJ ∗
mm ∗ ha−1 ∗ h−1 ∗ year−1;
−1
249–285 MJ ∗ mm ∗ ha
∗ h−1 ∗ year−1; 286–319 MJ ∗
−1
−1
−1
mm ∗ ha ∗ h ∗ year ; and 320–355 MJ ∗ mm ∗
ha−1 ∗ h−1 ∗ year−1 (Figure 3(a)).
The erodibility index (K factor) measures the susceptibility of the soil to water erosion [11], and the K factor in the
International System of Units is expressed in T ∗ ha ∗ h/
MJ.mm ∗ ha, which expresses the resistance of the soil in
surface and time, concerning the energy of rain [31]. It was
obtained directly through the following equation
(Figure 3(b)):

∗ (12 − MO) ∗ M1.14 + 3.25 ∗ (s − 2) + 2.5 ∗ (p − 3)
,
100

where OM: percentage of organic matter (OM) of the samples, s: soil structure code, p: permeability code, and M: factor
given by the product of the sum of the percentages of silt and
very ﬁne sand with the sum of the percentages of sand and silt.
That is, (%silt + very ﬁne sand) ∗ (100 − %clay).

(1)

(3)

The textural class was obtained by the Bouyoucos
Method [32], from a total of 108 soil samples representative
of the ACP [33, 34] resulting in ﬁve classes: sandy (S), sandy
loam (SL), loam (S), loamy sand (LS), and sandy clay loam
(SCL) (Figure 4(a)). Organic Matter was obtained with the
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Figure 1: Location of the Tilacancha ACP.

Universal Soil Loss Equation for Tilacancha ACP
A = R ∗ K ∗ LS ∗ C ∗ P
Rain Data

Soil Data

Flow Accumulation

R Factor

K Factor

Satellite data

DEM Alos Palsar
Slope

LS Factor

Land Cover and Land Use

C Factor

P Factor

Annual Soil Loss for Tilacancha ACP 2019

Figure 2: Methodological flow to integrate the Universal Soil Loss Equation (USLE), adapted from the work of Rizeei et al. [13], where A is
annual soil loss in the Tilacancha ACP for 2019, R factor: rain data, K factor: soil data, LS factor: flow and slope accumulation, C factor: land
cover and land use, and P factor: conservation practices.

Walkley and Black method [35], with ranges from 1.9 to
9.9% (Figure 4(b)).
The LS factor (Figure 3(c)) was calculated using the
interaction between the topography, percentage, and length
of the slope and the accumulation of flow [36, 37]. The flow
direction and flow accumulation model were implemented
with the ArcHydro extension for ArcGIS [38, 39]. The
Digital Elevation Model (DEM) was obtained from the
Alaska Satellite Facility geoserver of the Alos Palsar Satellite

with a spatial resolution of 12.5 m × 12.5 m [40–42], which
allowed calculating the topographic factor (LS). The
cloudless image was downloaded from the Earth Explorer
portal (https://earthexplorer.usgs.gov/) of the United States
Geological Survey (USGS). Landsat 8 satellite images with a
spatial resolution of 30m × 30m for August 2019 were used.
The slope map was implemented, and it was reclassified,
obtaining the spatial distribution of the LS factor using
equations (4) and (5) [39].
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Figure 3: Continued.
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Figure 3: Maps resulting from the individual factors for the USLE calculations in the Tilacancha ACP. (a) Erosivity, (b) erodibility, and
(c) LS factor.

β

(sin(θ/0.0896))
,
3.0(sin θ)0.8 + 0.56

(4)

where θ  the angle of the slope according to Flores-López
et al. [43]. In ArcMap with Raster Calculator, the following
formula is used to obtain the factor β, where factor β  ((sin
(“Slope” ∗ 0.01745)/0.0896)/
(3 ∗ Power(Sin(“Slope” ∗ 0.01745), 0.8)) + 0.56)). Once the
factor β was obtained, the M factor was obtained. Equation
(7) is used in the “Raster Calculator.”
m

β
,
(β + 1)

(5)

where M factor  “Factor β ”/(“Factor β” + 1).
The calculation of the L factor with the contributing
drainage area was carried out with the Flow Direction and
Flow Accumulation tools, respectively. Once these two
images were obtained, the L factor (equation (6) using
equation (5)) was obtained [44, 45].
A(i,j) + D 

2 m+1

L(i,j) 

m

x +D

m+2

− A(i,j) m + 1
,
∗ (22.13)m

(6)

where A(i, j) [m]  the unit contributing area at the input of
a pixel, D  the size of the pixel, and X  the shape
correction factor. L factor  (Power((“flow_acc” + 625),
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Figure 4: Resulting maps to determine the K factor: (a) soil texture and (b) organic matter in the Tilacancha ACP.

(“Factor_M” + 1))Power (“flow_acc,” (“Factor_M” + 1)))/
Power(25,
(“Factor_M”+2)) ∗ Power(22,
13“Factor_M”)), which refers to equation (6).
Otherwise, to calculate factor S, the following equation
was used:
 10.8 sin β(i,j) + 0.03,

S(i,j)  
16.8 sin β(i,j) − 0.5,

tan β(i,j) < 0.09,

tan β(i,j) ≥ 0.09,

(7)

where S(i, j)  slope of the coordinate factor (i, j)·and β(i, j) 
slope in degrees with coordinates (i, j). S factor  with ((tan
<0.09),
(10.08 ∗ sin
(“Slope” ∗
(“Slope” ∗ 0.01745)
∗
∗
0.01745) + 0.03), (16.8 Sin (“Slope” 0.01745)) − 0.5)), which
refers to equation (8). The subfactor raster of (S) is the slope of
the terrain, where the angle is taken as the mean angle to all
subgrids in the direction of the steepest slope [38]. When this
formula is applied in the ArcGIS Raster Calculator, it must be

considered that the angle has to be converted to radians [39].
Once all the previous factors had been obtained, the LS factor
that is the object of this methodology was calculated. For this,
equation (8) was used, which refers to equations (6) and (7)
(Figure 3(c)). This figure has the following ranges for the slope
in percent (%): o: 0–3; p: 4–12; q: 13–18; r: 19–24; s: 25–30; t:
31–60, u: 61–70, v: 71–100, and w: >101.
LS Factor  “Factor_L” ∗ “Factor_S.”

(8)

The C factor ranges from 0 to 1 (Table 1). A value equal
to 1 indicates that there is no cover and the surface is treated
as barren soil, while a C value close to 0 indicates very strong
cover effects and well-protected soil [19, 23]. For the calculation of C factor, the supervised classification technique
[46] was used, through Landsat 8. The types of land cover
within the Tilacancha ACP were determined with the supervised classification technique [46], using Landsat 8 Image
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Table 1: Soil coverage (C factor) for ACP Tilacancha.
Cover type

Color

Area (ha)

Percentage

C factor

Water bodies

104.34

1.53

—

Montane grasslands

2246.82

33.04

0.10

Pine tree

766.79

11.28

0.01

Relict forests and shrubs

1760.42

25.89

0.01

Bare ground

1367.3

20.11

1.00

Agricultural areas
Total

554.81
6800.48

8.16
100

0.70
—

from August 18, 2019. The atmospheric correction of their
bands was performed through QGIS 3.14 software [47], and
to obtain an image of natural color, a combination of bands
(4-3-2) was performed using the ArcGis software [48].
The classiﬁcation of land cover has six types of predominant classes [49, 50] (Table 1 and Figure 5): water
bodies, montane grasslands, pine tree, relict forests and
shrubs, bare ground, and agricultural areas. Likewise, the
numerical value of the C factor was determined from the
literature review due to the lack of this information for local
conditions [51–53] and was entered into the USLE
equation.
The bodies of water correspond to lakes, lagoons, rivers,
and springs. Otherwise, the paramo is the neotropical alpine
wetland ecosystem that is covering the highest region of the
Northern Andes [54]. The grasslands predominate the area
and are located in the upper middle part of the mountains
that delimit the ACP. Pine forests are distributed in high
areas and with not very steep slopes in the ACP. Similarly,
the relict and shrub forests correspond to areas of trees and
natural shrubs that remained as a vestige of what once
existed. The areas of bare soil are distributed mainly in the
middle and upper parts of the ACP and with not very steep
slopes; these zones are made up of areas without coverage
and highly exposed to erosion. The agricultural area is made
up of coverage with crops and pastures and is located mostly
in the lower and middle parts of the ACP.
The conservation practices factor (P) has values between
0 and 1 [55]. To calculate the PC values, we use the
methodology proposed by Gelagay and Minale [56]. Factor P
does not present units of measurement, and the value of 1.0
[50] was used since, in the Tilacancha ACP, conservation
practices are not applied. Finally, Figure 6(b) corresponds to
the potential erosion t/ha.yr considering the R factor, K
factor, LS factor, and P factor.
2.3. Simulation under Two Scenarios of Soil Loss Due to Water
Erosion for the R Factor (Erosivity) Values. In Figure 7, the
methodology of the two precipitation change scenarios is
presented, referring to the 15% decrease and 15% increase in
the coeﬃcient of variation of precipitation (factor R) (Figure 8) in the PCA for estimating soil loss. Then, the values
were integrated into the value of the erosivity factor R with
the methodology proposed by Morgan [10] adapting the
estimated values according to the following equation:

R � I30 ∗

9.28(P ± 15%) − 8.393
,
1000

(9)

where I30 is equal to 75 mm/h, the value which was recommended by Wischmeier [57], and P corresponds to the
mean annual precipitation (mm) in ±15%. The resulting
erosivity factors R were added to the multiplication of factors
in the USLE equation. To perform the sensitivity analysis of
soil loss due to water erosion in the ACP, two precipitation
change scenarios were used, referring to the decrease
(Figure 8(b)) and increase (Figure 8(c)) of the coeﬃcient of
variation of the historical data group for precipitation in this
area (Figure 8(a)). Annual erosivity provides information on
the total rainfall energy but does not provide information on
the time distribution of the events [58]. The values obtained
for each factor of the USLE equation were obtained in the
raster format. Then, the Algebra Maps tool of the ArcGis
program was applied to obtain the current erosion map and
the two water erosion susceptibility maps under two
scenarios.

3. Results
The estimate of the amount of soil lost in the Tilacancha
ACP, for the year 2019, has values from 0.4 to 665.2 t/ha.yr,
represented in the distribution spatial analysis of the ACP,
cataloging the soil loss in six ranges that go from low to
extreme (Table 2 and Figure 6).
The low range of erosion (light green color in Figure 6
and Table 2) had soil losses from 0.4 to 50 t/ha.yr, that is,
31.1% of the total area of the ACP. When estimating the
erosion decrease and increase in 15%, the level of erosion
was determined by 56.48% and 5.8%, respectively. Similarly,
the average range of erosion is represented by the dark green
color in Figure 6 and Table 2, with soil losses from 51 to
100 t/ha.yr, and this corresponds to 2251 ha, that is, 33.1% of
the total area of the ACP.
When estimating erosion with a 15% decrease in annual
precipitation, a decrease of the level of erosion was determined by 20.29% and an increase of 2.1%. Soil erosion ranging
from 101 to 150 t/ha.yr corresponds to the considerable range,
represented by the yellow color in Figure 6 and Table 2, where
there is 1414 ha with this erosion range and corresponds to
20.8% of the total area of the ACP in 2019. An increase and
decrease of 15% in precipitation led to an increase in area with
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Figure 5: Land cover map for the Tilacancha ACP (C factor).

considerable erosion ranges of +2.1% and a reduction of
−20.29% in these areas. The loss of soil erosion of high range,
brown color in Figure 6 and Table 2, ranges from 151 to 200 t/
ha.yr and represents 11.3% of the total area of the ACP, and
the estimates with an increase and a decrease of the 15% of
precipitation show a decrease in soil loss in the number of
areas of 11.26% and 0.6%, respectively.
Following, there is 238.33 ha that corresponds to 3.5% of
the area of the ACP and corresponds to the ranges of soil loss
from 201 to 250 t/ha.yr, pink in Figure 6 and Table 2, and
these represent very high ranges of erosion. The estimates of
−15% and +15% of precipitation estimated a change of areas
for this level of erosion with a decrease of 3.49% and an
increase of 0.32%, respectively. Finally, the red color in the

maps in Figure 6 represents extreme soil erosion, that is,
values of soil loss that are equal to or greater than 251 t/ha.yr.
In the ACP, it represents a value of 0.26% of the area for the
year of study; the estimates of soil loss with an increase and
decrease of 15% in precipitation result in variations of
−0.259% for the current range when it occurs a decrease in
precipitation; on the contrary, a 15% increase in precipitation shows an increase in areas for the ACP by 1.78%.
For the entire ACP, the following values of soil loss due to
water erosion were presented: in 2019, a minimum value of
0.4 t/ha.yr and a maximum value of 665.2 t/ha.yr and total
average 60 t/ha.yr with a standard deviation of 38.8%. With a
scenario of a 15% reduction in average annual precipitation, a
minimum erosion value of 0.20 t/ha.yr is estimated, a
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A Factor: Average Annual Soil Loss in the Tilacancha ACP, 2019
A = R∗K∗LS∗C∗P
Estimation 01: Assuming a 15% decrease
in the variation of the R Factor

Estimation 2: Assuming a 15% increase
in variation of the R Factor

A = ( –15%R)∗K∗LS∗C∗P

A = (+15%R)∗K∗LS∗C∗P

Soil Loss Figure 8a

Soil Loss Figure 8c

Figure 6: Estimation of water erosion using USLE in the Tilacancha ACP: (a) estimated water erosion with −15% of annual pp, (b) current
water erosion with annual pp, and (c) estimated water erosion with an increase of +15% of annual pp.
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Figure 7: Methodological flow for the simulation under two scenarios of soil loss due to water erosion for values of the R factor (erosivity), in
the Tilacancha ACP, where factor A is the average annual soil loss in the Tilacancha ACP in 2019.

maximum value of 301.56 t/ha.yr and an average value of
28.50 t/ha.yr with a standard deviation of 18.49%. Otherwise,
the erosion estimate when increasing 15% of annual precipitation resulted in a minimum value of 0.2 t/ha.yr, which
can reach maximum values of 1028.84 t/ha.yr, and an average
total of 61.59 t/ha.yr with a standard deviation of 60.0%.

4. Discussion
The soil erosion estimates from our study were possible
using USLE [59], thanks to the wide use of the model to

efficiently predict soil erosion under different conditions
[19, 25]. USLE generated information that allows determining specific strategies according to the volume and the
spatial distribution of soil erosion, as Gaspari et al. [13] did,
defining and selecting cultivation and management combinations for adequate control of erosion in a Serrana
Bonaerense Basin, Argentina. The precision and accuracy of
DEMs become increasingly important as we expand their
use for the spatial prediction of soil attributes [60].
The work of Basuki et al. [61] agrees with this research,
since using the DEM called ALOS PALSAR with a resolution
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Figure 8: Precipitation maps for erosivity factor: (a) observed annual precipitation, (b) precipitation with a 15% decrease in the coefficient of
variation of the historical data group, and (c) precipitation with a 15% increase in the coefficient of variation of the historical data group for
the ACP.
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Table 2: Comparison of soil loss for the year 2019 and two scenarios with a reduction of and an increase of 15% in annual rainfall for the
ACP.
Soil loss (t/ha·yr)
Level
Color

Value range Observed rainfall (ha) % area (−) 15% rainfall (ha) % area (+) 15% rainfall (ha) % area

Low

0.20–50

2113

31.1

5956

87.58

1722

25.3

Medium
Considerable
High
Very high
Extreme
Total

51–100
101–150
151–200
201–250
>251

2251
1414
767
238.3
17.57
6800

33.1
20.8
11.3
3.5
0.26
100

806
34.9
2.99
0.69
0.08
6800

11.85
0.51
0.04
0.01
0.001
100

2397
1554
729.1
259.9
138.8
6800

35.2
22.9
10.7
3.82
2.04
100

of 10 m determined greater precision more than the Landsat7 ETM and the annual average of soil loss has been widely
used to determine the causes of water erosion [62]. The
average volume of soil eroded in Tilacancha was 60 t/ha.yr
for the year 2019 in the ACP. The value exceeds averages for
places that are also important for conserving water, such as
the subhumid Gumara Basin where 42.67 t/ha.yr of lost soil
volume was estimated [63], Anjeni Watershed, with 24.6 t/
ha.yr [64], 47 93 t/ha.yr in Koga Watershed [56], Upper Blue
Nile Basin 27.5 t/ha.yr [65], and Andassa Watershed 23.7 t/
ha.yr [66]. The 69.59% of the Tilacancha ACP corresponded
to erosion of 10 to 25 t/ha.yr, a value that doubles in range
when compared with 74% of the total area of a Microbasin of
the Madı́n Water Dam in Mexico where it erodes from
0–10 t/ha.yr [62].
Climate and land use trends contribute to reducing the
volume of water inﬁltration and increasing the runoﬀ
generation [67]. Although the basic elements of water collection, storage, and discharge are not well understood in the
ACP, subsurface runoﬀ dominates the hydrology of the site
and many humid and steep regions, predisposing surfaces to
a greater volume of soil erosion [68]. For this reason, the
precipitation scenarios were estimated in the ACP, a place
that is subject to future increases in the intensity of precipitation, and are an important aspect of climate change
[69]; warming will tend to accelerate the cycle general hydrological, intensifying wet extremes [70], in addition to dry
extremes in some areas [69].
Likewise, variations in dry days and the intensity of
precipitation in wet days account for more than half of the
change in total annual precipitation in regions such as Peru
(areas between 40°N and 40°S) [69] and consequently in
Tilacancha. While it is an area that stores and provides
water to the city of Chachapoyas, it is expected that its ﬁnal
destination will be focused on conservation, increasing the
number of intense rains that allow greater capture and
retention of the same. However, the values presented in the
research suggest a relationship with the ﬂows impacted by
rain. They dominate the erosion of the sheet and between
furrow and are important to erode the soil rich in nutrients
and other chemical substances that can have harmful effects on water quality [71]. In the current models used to
analyze climate, there is no consensus on how diﬀerent
parts of the earth will warm up; although global changes in
extremes of temperature and precipitation since the mid-

20th century are well studied, knowledge about the
changes at century-scale is limited [72], and this uncertainty is understandable in the ACP after observing that
the estimates of increase and reduction of 15% in rainfall
lead to soil losses due to water erosion that would reach
maximum volumes of 1028.84 t/ha.yr and 301.56 t/ha.yr,
respectively.
The values conﬁrm that water erosion is considered the
most dangerous form of soil degradation [73]. Then, the
monitoring of water erosion and the factors that control
the loss of soil and water are essential for conservation
planning [74].

5. Conclusions
USLE allowed estimating the loss of soil in the Tilacancha
ACP. The factors were obtained individually based on the
equations of the factors: rain erosivity (R) in 2019 and
simulating increase and decrease of 15% of rainfall, soil
erodibility (K), length and degree of slope (LS), coverage
(C), and conservation practices (P). In 2019, there was a
range of 0.4 to 665.2 t/ha.yr of soil lost by water erosion
according to six ranges, ranging from low to extreme soil
loss according to the spatial distribution of the volume of
soil lost.
The estimates of the volume of soil lost due to water
erosion under scenarios of decrease and increase in rainfall
(±15%) demonstrated the need to act on urgent measures
to mitigate erosion levels in the Tilacancha ACP, an important area that harbors water for the city of Chachapoyas, since, if there is a 15% reduction in precipitation,
the ranges are estimated from 0.20 to 301.56 t/ha.yr of soil
lost due to water erosion. However, if there is an increase of
15% of precipitation in the ACP, the ranges can go from
0.20 to 1028.84 t/ha.yr of soil lost by water erosion.
Evaluation of proposals according to the level of loss and
inﬂuence of each factor on the spatial distribution of
erosion can be the beginning of a series of conservation
strategies under climate change scenarios for the Tilacancha ACP.

Data Availability
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temporal y económica de la pérdida de suelo por erosión
hı́drica superﬁcial,” Terra Latinoamericana, vol. 27, no. 1,
pp. 43–51, 2009, http://www.scielo.org.mx/pdf/tl/v27n1/
v27n1a6.pdf.
H. M. Rizeei, M. A. Saharkhiz, B. Pradhan, and N. Ahmad,
“Soil erosion prediction based on land cover dynamics at the
Semenyih watershed in Malaysia using LTM and USLE
models,” Geocarto International, vol. 31, no. 10,
pp. 1158–1177, 2016.
K. de Mello, “Forest cover and water quality in tropical agricultural watershed,” Doctoral thesis, Escola Superior de
Agricultura Luiz de Queiroz, Piracicaba, Brazil, 2017.
N. Germany, P. Rendon, B. Steinhoﬀ-Knopp, P. Saggau, and
B. Burkhard, “Assessment of the relationships between
agroecosystem 2 condition and soil erosion regulating

Applied and Environmental Soil Science

[17]

[18]
[19]

[20]
[21]

[22]

[23]

[24]

[25]

[26]

[27]

[28]

[29]

[30]

[31]

[32]

ecosystem service in Assessment of the relationships between
agroecosystem,” bioRxiv, 2020.
Z. Tan, L. R. Leung, H. Y. Li, and T. Tesfa, “Modeling sediment
yield in land surface and Earth system models: model comparison, development, and evaluation,” Journal of Advances in
Modeling Earth Systems, vol. 10, no. 9, pp. 2192–2213, 2018.
MINAM (Ministerio del Ambiente de Perú), Resolución
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L. Pontes Machado, E. F. Araújo, and N. Curi, “Perdas de solo
e água em plantios de eucalipto e ﬂoresta nativa e determinação dos fatores da USLE em sub-bacia hidrográﬁca piloto
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