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In the era of “Internet +” big data, the theory and technology of English corpus are becoming more andmore mature. Corpus is an
important method to reflect some language characteristics and clarify some language phenomena. In terms of cultural exchanges,
Chinese students majoring in English have obvious cultural differences at home and abroad and lack the atmosphere and context
for cultural exchanges. In addition, students have problems such as insufficient cultural communication skills. *e big data neural
network model is adopted in this paper to compare and analyze the intermediary sentences in the corpus to explore the de-
velopment trend of English proficiency. *rough the analysis of typical cases, it explores the weak links in the corpus teaching
process and summarizes a method focusing on the combination of use of corpus and English teaching.

1. Introduction

With the continuous development of the economy, since
China’s entry into theWTO, many domestic enterprises and
companies have begun to turn to overseas markets, and
many foreign companies have also begun to flood into the
Chinese market [1, 2] and gradually realize cross-border
mergers and acquisitions and joint ventures, which greatly
improved the comprehensive strength of the enterprise
[3, 4]. However, as foreign companies enter the Chinese
market, cultural conflicts exist between company operators
under different cultural backgrounds in different countries,
which has caused many contradictions in the business co-
operation and management between the two sides, which
has seriously affected the healthy development of the
company. College students majoring in English are the main
force of foreign employees in the future, and it is especially
important to cultivate the ability of the main force to
communicate with different cultures. In fact, more andmore
foreign language teachers begin to strengthen students’
cultural ability in actual education, especially the cultivation
of cultural ability.

*e corpus can directly reflect a variety of discourse and
pragmatic functions and can reflect different styles more

than idioms, so it can be used to evaluate students’ phrase
ability, language ability, and pragmatic ability. Corpus-based
research methods are used to analyze the characteristics and
shortcomings of the overall changes in the corpus use ability
of English learners in China.

2. Big Data Neural Network Model

*eEnglish knowledge fieldmainly refers to the collection of
knowledge units of all experience summaries and theoretical
methods in the English professional field. However, in the
computer field, it is possible to use a certain type of design
for the knowledge contained in a specific field. *is method
is mainly to store the existing computer, in various aspects of
system organization and management, it can conduct per-
sonalized learning and structured MACIEP personalized
learning through operation and other characteristic
knowledge groups, and it can provide personalized learning
for MACIEP personalized learners’ learning resources. *e
structure of the knowledge model in the English learning
field requires that the English knowledge system has a good
structural relationship in order to make accurate choices
when recommending resource paths for MACIEP person-
alized learning. Generally speaking, the three dimensions of
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curriculum learning, unit knowledge points, and basic
knowledge level in the English knowledge field are
expressed. *e relationship between knowledge types is
mainly the pioneer and successor relationship, parallel re-
lationship, and related relationship. Different knowledge
units and knowledge points need to include the difficulty,
learning style, and learning goals of the English learning
subprocess. *e logical relationship between each type is
shown in Figure 1.

According to the above analysis, if the structural model
in the English knowledge domain is expressed as KObject�

{Kid, Kname, Klevel, Kstyle, Kcontent. KOR}, then the
expression Kid represents the unique mark of English
knowledge points, Klevel represents the difficulty coefficient
of English knowledge points, Kstyle represents the style of
English knowledge points, Kname represents the learning
name of English knowledge points, Kcontent represents the
learning content of English knowledge points, and KOR
represents a collection of corresponding relationships be-
tween English knowledge points.

Use the big data neural network model to analyze the big
data information model of the material input used for the
analysis and evaluation of the English level matching, and
construct the raw material input control objective function
for the prediction of the matching analysis ability with the
English level.
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*e gray model is used to quantitatively and recursively
evaluate the level of teaching ability supported by person-
alized learning. It is assumed that the historical data of
teaching ability supported by personalized learning is dis-
tributed, and the initial value of the characteristic is fixed.
*e estimated density functional is estimated from the
prediction of teaching ability supported by personalized
learning.

uc(t) � Kxc(t). (3)

In the high-dimensional feature distribution space, the
corpus input and English proficiency match analysis ability
prediction estimation system.

*e continuous function of the calculation model is
u: I × IRd⟶ IR, after k− 1 iterations, k≥ 1, the corpus
input and the English level matching analysis and evaluation
of the gray-scale sequence satisfy N(k)< L, and the big data
neural network model is used to obtain personalization. *e
output index of learning-supported teaching analysis and
evaluation is the K adjacent sample values of the distributed
big data information flow.

P1J � 
di∈KNN

Sim x, di( y di, Cj .
(4)

*e fusion method of big data information is used to
construct personalized learning-supported teaching, and the

objective function is used to construct, analyze, and evaluate
the interdomain classification of the information flow of
large-distributed data. *at is, the objective function of the
big data cluster is
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ik dik( 
2
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Analyze the studied English courses supported by per-
sonalized learning, quantitatively analyze and evaluate the
exponential correlation distribution sequence, find an ex-
cellent method of K value, and obtain the quantitative re-
cursive feature extraction result of education analysis and
evaluation:

xn � a0 + 

MAR

i�1
aixn−i + 

MMA

j�0
bjηn−j. (6)

Here, a0 is the sampling range of the initial personalized
learning support teaching ability education evaluation; xn−i

is a scalar time series; bj is the vibration attenuation value of
personalized learning support arrangement and analysis
evaluation.

3. Big Data Neural Network Model Analysis

*e ultimate goal of education big data development is to
return to the essence of education and achieve it. Teach what
you can. *e biggest drawback of the unified education
model with one cut and two ends is that it ignores individual
differences among students. Learner’s personality charac-
teristics mainly include knowledge level, mistakes/misun-
derstandings, emotional characteristics, cognition, and
metacognitive abilities (Figure 2).

3.1.KnowledgeLevel. English knowledge level is not only the
level that English learners have mastered of the current basic
knowledge in this field, but also the most basic and per-
sonalized learning characteristics of English learners—the
intuitive manifestation of MACIEP’s personalized learning
effect. *is learning mode is mainly based on the target
classification of the learner’s learning content, mainly by
analyzing the cognitive level of individual learning knowl-
edge points of each English learner, and the difficulty of the
English learning content has been adjusted in real-time
coefficients and learning order to construct a personalized
learning method. At present, with the continuous deepening
of the intelligence of MACIEP personalized learning, the
capacity of the database in the system has gradually in-
creased, and the difficulty of data processing has gradually
increased. *e English learner model adopted by the main
technology of the system can accurately measure learners.
Mastered English knowledge levels, for example, the
MAEVIF and SoNITS systems, respectively, use semantic
network technology to construct the knowledge level model
of English learners. Some people propose the main design
rules of the user model, based on the knowledge level and
learning style, which is the MACIEP personalized learning
system.
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MACIEP personalized learning can not only integrate
different modeling technologies, but also makemodels based
on the learner’s knowledge level. *e Web Easy Math and
GIAS systems construct an English learning model by ef-
fectively combining the lead model and mechanical learning
technology to effectively evaluate the knowledge level of
learners. *e MACIEP system can effectively combine the
coverage model and the lead model to accurately determine
the proficiency of each unit of English learning. At the same
time, it can provide English learners with different gram-
matical rules used in different environments.

3.2.CognitiveCharacteristics. Cognitive features are difficult
for learners to recognize in learning and, at the same time,
are a more complex feature that changes according to the
changes of learners. Cognitive characteristics include
memory, collaboration, problem-solving, judgment, analy-
sis, and thinking. Learning characteristics will determine the
learner’s efficiency of learning books, including some cog-
nitive characteristics such as perception, collection, ab-
sorption, and feedback. For example, visual learning is
interested in graphics learning, and auditory learning is
interested in audio materials. *ose who rely on group
learning belong to the field-dependent type of learners, and
those who feel that the independent learning effect is good
belong to the field-independent learners. *e learning habits
and characteristics of each learner are directly related to the
sorting and display style of learning content in MACIEP.

English grammar knowledge learning system Web PTV
combines movable type models and machine learning
technology to measure learners’ attention in grammar ex-
ercises and cultivate learners’ good learning habits. *e
F-CBR-DHTS system uses fuzzy logic technology and lead
model to analyze learners’ cognitive characteristics, specu-
late on the ability to understand historical documents and
materials, and then use Pexa and Sossa to apply subject
technology to construct a learner model to obtain learner’s
knowledge and provide reasonable learning materials based
on characteristics such as level, personal quality, and
learning tendency. Mahnane et al. used an adaptive hy-
permedia system AHS-TS, which classifies learners
according to a cardboardmodel and adjusts English teaching
content to adapt to learners’ individual thinking styles.

3.3. Emotional Characteristics. Emotion is the subjective
experience of external stimuli accompanied by changes in
physiological indicators such as facial expressions, move-
ments, heartbeats, blood pressure, and brain waves. *e
learner can judge the emotional state of a moment through
the subtle changes of the external and internal stimuli. At
present, the focus of online education platform and big data
support is still to improve the knowledge level and ability of
learners, but it often ignores the learner’s emotional state.

In fact, the learning efficiency of learners is closely re-
lated to their emotional state. *e emotional state is mainly
related to deep motivational factors. In actual teaching,
experienced teachers and experts observe the emotional state
of learners, provide corresponding feedback, and encourage

learners to learn. *e learner’s emotional state is happiness,
excitement, concentration, enthusiasm, sadness, anger,
anxiety, fear, fatigue, distraction, confusion, fatigue, indif-
ference, etc. A positive state is happy. You can concentrate
on promoting learning. In addition, the negative state has a
negative impact on the learning process, such as burnout
and distracted attention. *erefore, MACIEP is to monitor
the emotional state of learners, increase learners’ enthusiasm
for participating in learning activities, and improve the
effectiveness of learning. *ere is a need to use different
technical methods.

*e big data neural network model is a new tool for
optimizing English learning problems. It is especially suit-
able for the research of prediction and comprehensive
evaluation [5,6]. Its essence is based on optimization theory,
assuming the use of linear functions to spatially build
learning algorithms in high-order feature spaces.

Assuming linear separability, the sample set is x ∈ Rd,
y ∈ −1, +1{ }. In the d-dimensional space, the general form of
the linear classification function is g(x) � w · x + b, and the
specific classification surface equation is

w · x + b � 0. (7)

To ensure that the hyperplane can be classified correctly
for all samples, it must meet

yi[(w · x) + b − 1]≥ 0, i � 1, 2, . . . , n. (8)

In summary, satisfying the above conditions, the smallest
hyperplane ‖w‖2 is the optimal hyperplane. You can convert
the best classification solution for string similarity. *at is,
the function is calculated under the constraint of satisfying
expression (2).
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*e optimal classification function obtained by solving is
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*e exact linear separability of the sample can be pro-
cessed in accordance with (1)∼(5); however, if the sample
cannot be linearly separated, that is, the relaxation variable
ξi ≥ 0 is added to (2) to satisfy the condition. *is style (2) is
available:

yi[(w · x) + b − 1] + ξi ≥ 0, i � 1, 2, . . . , n. (11)

4. Research Design

4.1. ResearchMethod. *e big data neural network model is
a widely used method for retrieving new and interesting
knowledge. *e big data neural network model represents of
generalizing from labeled examples: the big data neural
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network model is a generalization of the big data neural
network model in a fuzzy environment [7–10]. *e
knowledge represented by the big data neural network
model is more natural for human thinking. Classical neural
network models are widely used in pattern recognition,
English matching analysis and learning, and data mining.
*e big data neural network model is introduced to gen-
eralize the classification model, and the samples can be
classified. *is method allows us to use numerical and
symbolic values to represent fuzzy modes in the learning
phase (tree construction) or generalization phase. *e
problems existing in the matching analysis of corpus input
and English proficiency are analyzed using big data analysis
technology. Because there are many influencing factors
involved in the study of English proficiency matching
analysis mode, special improvement and data analysis need
to be carried out on the level of English matching analysis.
By constructing related variables and influencing factors that
restrict the level of English proficiency matching analysis
level, and using data integration and clustering data pro-
cessing methods to match the English proficiency analysis
model, the research ability of the innovative model of En-
glish curriculum teaching can be improved [1, 11, 12].

English proficiency matching analysis ability estimation
model based on the big data neural network model can be
used to complete the index parameter clustering and inte-
gration of English proficiency matching analysis ability and
realize the research quantitative planning of corpus input
and English proficiency matching analysis and accurate
assessment of English proficiency matching analysis
capabilities.

4.2. Corpus Research. *e Chinese Students’ Spoken English
Corpus and the International English Corpus are used in this
paper. *ese two corpora are mainly for large-scale English
learners developed by research scholars well known in the
Chinese education industry (Table 1). It contains English
composition records of the students majoring in English
from more than 10 colleges and universities in China. In
order to ensure that the scale of the research corpus is
representative and practical, English corpus completed
within a time frame is used in this paper. A total of about
7000 samples totaling about 170 words are selected. *e
corpus of these words extracted is relatively similar, and so is
the subject matter, with very strong representativeness and
contrast. In this research, the students majoring in English in
grades 1-2 are classified as lower-grade students and the
students majoring in English in grades 2–4 are classified as
higher-grade students. Two corpus databases for the com-
position of lower grades and higher grades are constructed.
After contrastive analysis, the difference from the two
corpora is that the students majoring in English in China can
measure the usage and quality development of the English
corpus during the four-year study period.

4.3. Search and Statistics Tools. From the search to the final
definition of the object, the filter parameters involved in this
study include frequency of occurrence, multitext

reproduction rate, and mutual information value. *ere is
no corpus search software yet, which can meet the search
requirements of these three parameters simultaneously.
*erefore, the research of WordSmith 5.0 chose to find the
corpus of all 3–5 words and their frequency and the re-
production rate of multiple texts and then run Collocate 2.0
to obtain the word count andmutual information value of all
3–5 words. *e result can be retrieved in this way and used
for various verifications. By comparing the samples, the
fitting of the search results of the word material and fre-
quency of the two software reached more than 95%.

*e Mann–Whitney U test function of the statistical
software SPSS is used to compare whether the correctness of
the corpus used by the two groups of English learners is
statistically significant in this study. *is takes into account
the number of random samples in the index row. On the
other hand, it reduces the measurement error in order to
improve the reliability of the inspection results.

4.4. Research Process. In order to achieve an accurate as-
sessment of the matching analysis ability of English profi-
ciency, an information sampling model of the constrained
parameters of the matching analysis ability of English
proficiency needs to be built first. Combining nonlinear
information fusion method and time series analysis method,
statistical analysis of English level matching analysis ability is
carried out. Constraint index parameters of English profi-
ciency matching analysis ability are a set of nonlinear time
series.

5. Research Results and Discussion

5.1. Corpus Search Results and Definition of Target Corpus.
*e 32835 and 18895 3–5 corpora are obtained, respectively,
through the preliminary search of the two corpora of the
lower-grade group and the higher-grade group. Since the
frequency of use of the search results is very low and
contains many corpora that only appear in a few texts and
other noisy corpora, the target corpus needs to be defined
based on stricter definitions and benchmarks to improve the
operability and comparison of the research.

*e screening of presearch results is based on 3 pa-
rameters. First of all, the words with frequencies below 40
times per million words are filtered to ensure that the target
language meets the basic characteristics of high-frequency
use. Secondly, the corpus whose recurrence rate is less than
5% of the total text is filtered. In order to avoid the object, the
language used by a small number of English learners is
repeated. *irdly, words with a mutual information value
less than 3.0 are filtered to ensure the ideal combination
strength of the target word material. After filtering, there are
40 and 71 objects that meet the requirements in the two
corpora, respectively.

5.2. Analysis Based on Frequency. Due to the different ca-
pacities of the two corpora, the researchers converted the
original frequencies of all target corpora and the total
number of the two groups of corpora to obtain the
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standardized frequency of each corpus and the frequency of
uses per million in the two corpora. Visually compare the
data usage of the two groups of students. According to the
conversion result, the object input by the lower-grade stu-
dents is 40 per million words, and the target language input
by the higher-grade students is 105 per million words. *is
shows that the number of words used by the higher-grade
group is more than twice that of the lower-grade group.

*e ratio of the symbolic forms of the object class can
reflect the diversity of language use from the side. *e total
of all objects in the two corpora is the number of pictograph,
and the number of words that are not repeated is the number
of class symbol.*e larger the class pictograph, the lower the
repetition rate of the same vocabulary, and the abundant
usage of vocabulary facilitates the change. According to
Figure 3, the sentence input of the higher and lower students
was 1/183 and 1/376, respectively. *e higher students used
more language materials in their essays, in which fewer
words and sentences are used repeatedly. Generally
speaking, compared with the lower grades, the higher-grade
student grades use not only more vocabulary, but also a
wider variety of vocabulary.

According to surveys conducted by many researchers in
China, the amount of raw materials used by students
majoring in English is proportional to their language level.
However, the results of research on the relationship between
language usage and language proficiency of English learners
of two languages in China and other countries are different
[13, 14]. Among researchers of other countries, low-level
English learners are more likely to rely on language to ex-
press English than high-level English learners. English
learners in countries outside of English spoken countries
speak more languages than native English speakers. *e
inconsistent results are probably due to differences in the
research objects or the definition datum of terms.*is is also
the raw material input for us to investigate English learners.
We should focus on qualitative analysis instead of quantity.
*e former is more trustworthy.

5.3. Classification and Distribution Characteristics of Target
Corpus. In order to classify various objects, Altensberg’s
structural classification and Biberet al and Hyland’s func-
tional classification are adopted to count the total number
and distribution of each corpus. *e word materials are
divided into three types: complete subsections, clause
components, and incomplete sentence by structural classi-
fication method according to language functions according
to the completeness of the structure. *e language materials
are divided into three types according to language functions
by functional classification method. Factual vocabulary that
expresses time and space, quantity, behavior, experience, etc.

and the language material that expresses the function of
result, conversion, and limitation are language material that
expresses the interpersonal relationship between the views
and positions of both parties.

According to the structure classification results of the
two groups of corpus, proportion of clause components is
the highest, 85% and 83%, respectively, in the corpus used by
lower grades and higher grades. *e proportion of in-
complete phrases is 18% and 17%. *e complete sentences
used are least, 4% are used by the lower-grade group, and
they are not used by higher-grade students. From the results
of the functional classification of rawmaterials, the use ratios
of fact-based materials, discourse-based materials, and in-
terpersonal relationship materials in the lower-grade group
were close to 36%, 36%, and 31%, respectively. Among the
language materials used by the higher-grade group, factual
language materials, vocabulary language materials, and in-
terpersonal relationship language materials accounted for
57%, 28%, and 18%, respectively.

Generally speaking, the categorical distribution of ma-
terials in the lower and higher grades of the English de-
partment in China is not balanced for writing essays, and the
characteristics of excessive use of several language materials
exist. It is noteworthy that even if there are few students,
there is no need for language materials that express sentence
types, some important vocabulary functions, and interper-
sonal relationship functions. English learners will also find
deficiencies and defects in the input diversity, which is
consistent with the conclusions of related studies.

5.4. Accuracy and Misuse of Corpus

5.4.1. Interpretation of Index Rows and Accuracy of Corpus.
According to the retrieval result of the object index row,
there are thousands of index rows for each lexical material,
which is difficult to interpret one by one. If the index row is
selected artificially, it will be too subjective and cannot
guarantee the random representativeness of the sample.
*erefore, in this study, we first used the hierarchical ex-
traction method to select 30 sample words from the two
objects to retrieve the index row and then used Concendance
Randomizer to randomly extract 20 from the index rows of
each raw material to obtain 450 s sample of index row.

*e definition and criterion of the correctness of raw
materials are one of the difficult points of this research.
Manually judging whether the materials are input correctly
one by one, distinguishing between linguistic and nonlin-
guistic errors, has brought great inspiration to this research.
However, whether the use of language materials is correct is
defined not only based on the language materials themselves,
but based on the larger language unit composed of language

Table 1: *e capacity and representativeness of the two corpora.

Corpus Text number Number of pictographs Representativeness
Lower-grade students 3965 1009966 Lower-grade corpus applied writing
Higher-grade students 2055 677765 Higher-grade corpus applied writing
Total 5989 1687645 Applied writing of corpus majoring in English
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materials. Focus on the situation where English learners
already know and can input the corpus, but cannot use it
correctly and appropriately in the context. Based on the
correctness, the point of view of accurately using objects for
linguistic communication and the essential feature of using
lexical materials as a form-function complex are the two
dimensions included by the correctness of verbal materials.
Grammaticality refers to the correct structure of the lan-
guage material itself and the more complete language unit
and coincidences with the grammatical norms. Secondly,
appropriateness refers to the proper realization of pragmatic
functions in the discourse by the language material itself and
the more complete language unit. *erefore, the misuse of
word blocks includes two types that are not grammatical and
inappropriate. In particular, more detailed subcategory can
be used according to the characteristics of the misuse.

Combining context, a dictionary, and a large-scale ref-
erence corpus, the researchers determined the grammatical
and semantic accuracy of each corpus in the index row and
calculated the use accuracy of each languagematerial and the
average accuracy of the two groups of phraseology of stu-
dents. Figure 4 shows the descriptive and inferential sta-
tistical results of the correctness of the materials of the two
languages used. *ere are certain differences in the gram-
matical correctness, pragmatic correctness, and overall
correctness used in the corpus of the lower-grade group and
the higher-grade group, but the difference has not yet
reached statistical significance. In other words, the accuracy

of the raw materials of the higher-grade students is not very
high, and it is even better than that of the lower-grade
students. *e correctness of raw materials for students
majoring in English has not improved significantly during
the four years of study.

5.4.2. Misuse of Corpus. Among the 400 index rows,
according to the judgment results of grammatical and
pragmatic errors and the classification statistics (refer to
Table 2), there are 12 cases of grammatical errors used by
higher-grade students, of which consistency and infinitive
errors are the most, with 6 cases and 3 cases, respectively.
*e lower grades use more language errors, a total of 19
cases, all of which belong to inappropriate subclasses.

Generally speaking, the misuse of English learners may
be affected by factors such as language ability and negative
transfer of mother tongue. *e form of the raw material
itself, that is, the two characteristics of functional complex
and structural incompleteness, will also affect the correct use
of language materials. From the perspective of the gram-
matical language ability related to the corpus input in
Figure 5, as a form-function complex, the corpus is restricted
by grammar and pragmatic rules, and the grammar and
language ability of English learners will definitely affect the
use of the language materials. Secondly, because most of the
corpus is structurally incomplete, only in the context of
forming a larger unit with other languages and linguistic
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materials can a complete semantic function be realized. In
the process of using the corpus, incorrect or inappropriate
grammar may occur.

6. Conclusions

Intermediary corpus is used in this paper to carry out
comparative analysis and trend comparison, to randomly
test the sample corpus retrieval and index to evaluate the
overall change characteristics of the corpus input charac-
teristics and corpus application ability mastered by English
learners in China at different stages of learning. *rough the
phrase ability test of the English learner, according to the
corpus learning situation, it can enhance the learning level of
the English learner for the phrase learning, find the problems
in the use in time, summarize the diversity and accuracy of
the corpus during the learning process, provide a strong
basis for the continuous development of English education
in China, and cultivate the language and phrase skills of
English learners.
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