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In this new era that is full of social changes, ongoing economic transformation, an abundance of information resources, and a fast
pace of life, the pressure that people feel to compete with one another is also increasing day by day. Because of the vast di�erences
in people’s states of consciousness and worldviews, interpersonal relationships have become increasingly di�cult to navigate.
Students in higher education institutions will eventually emerge as the dominant demographic in society. �eir mental health has
a signi�cant bearing on all aspects of life, including learning and future growth. An objective condition that must be met in order
to guarantee that the next generation of talent will have a high level of overall quality is the improvement of the mental health of
college students (CSMH) in the new era. One component of public health is the emotional well-being of students in higher
education. �e state of the public’s health is consistently ranked among the most urgent problems facing modern society.
However, there is not much hope for the Chinese CSMH. In order to e�ectively manage their mental health, a variety of
educational institutions, including colleges and universities, have proposed a large number of management strategies for CSMH.
�e vast majority of these strategies are not targeted, and they do not o�er a variety of management strategies that are based on the
many di�erent psychological states. It is necessary to �rst be able to accurately predict the mental health status of each individual
college student in order to achieve the goal of improving the mental health management of students attending colleges and
universities. �is study proposes using a multi-view K-means algorithm, abbreviated as MvK-means, to analyze the CSMH’s data
on mental health. �is is possible because the data can be obtained from multiple perspectives. �is paper presents a multi-view
strategy as well as a weight strategy in light of the fact that each point of view contributes in its own unique way. Di�erent weight
values should be assigned to each view’s data, which will ultimately result in an improved evaluation e�ect of the model. �e
�ndings of the experiments indicate that the model that was proposed has a bene�cial impact on the analysis of the data pertaining
to the mental health of college students.

1. Introduction

Students have a unique opportunity to shine on the college
stage. College students have reached a point where their
physical development is comparable to that of adults, but their
mental health has not reached this level of development yet.
�e atmosphere that the students have been exposed to up to
this point has been one that is comparable to the actual social
atmosphere. When college students are forced to balance the
demands of school, life, andwork, theirmentalitieswill shift in

a variety of di�erent ways. A number of psychological issues
could arise if the various pressures the students are subjected to
are not alleviated in a timely and appropriate manner. If these
issues are not resolved in a timely manner, it will lead to other
psychological issues, which will interfere with the student’s
ability to study and function in daily lifewhile in college aswell
as in the future. Students at a wide variety of colleges and
universities have been involved in a disturbingly high number
of cases of self-harmand suicide in recent years. Some students
are unhappy as a result of a disagreement with a fellow student
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who resides in the same dorm or attends the same class, and
finally, as a consequence of a few insignificant occurrences,
there is a wounding incident. Some students are subjected to a
varietyofpressures, andbecause theyareunable toconcentrate
on it for an extended period of time, they are at risk for
committing suicide. All of these predicaments can be traced
back to the mental health issues that are prevalent among
college students. )e psychological well-being of students in
higher education falls under the umbrella of the field of public
health. Because both the nation as a whole and each individual
family must invest a significant amount of time and resources
to educate a college student, it would be a terrible waste if
somethingwere to happen to himor her before he or she could
integrate into society and appreciate the significance of his or
her own life. )e problems with CSMH have now become a
public health concern. As a result of this, it is clear that ed-
ucational institutions, such as colleges and universities, ought
topayattention toCSMH[1–3]andefficientlymanage thedata
pertaining to the mental health of college students. Problems
with mental health have a negative impact not only on the
soundphysical andmental developmentof individuals but also
on the growth of the nation and society as a whole. As a
consequence of this, one of themost important responsibilities
of modern college education is to pay attention to and in-
vestigate the psychological state of college students, to
promptly diagnose and treat any mental illnesses that may be
present in college students, and to provide appropriate di-
rection to college students so that they can overcome psy-
chological barriers and treat mental illnesses.

)e research that is carried out on the mental health
management of college students has the potential to enrich
and improve the system that manages mental health.
Countries from Europe and the Americas quickly estab-
lished themselves as pioneers in the field of school mental
health management as early as the eighteenth century. It is
possible to attribute the rapid progress that has beenmade in
the management of students’ mental health in developed
countries like the United States and Europe to the fact that
the government in these countries is the primary driving
force behind these advancements. On the other hand, both
the connotation and the expansion of mental health man-
agement are extremely complex, and the research results
frequently lack unity and the ability to be applied because
they are based on hazy concepts.)is is because the concepts
on which they are based are not well understood. Due to the
fact that the starting point for this research was so low, the
research on the mental health management of Chinese
college students got off to a very sluggish start in China. As a
result, the country’s research on the topic is far behind
schedule. )e content of the research has many instances of
repetition, and the ideas and methods that were utilized in
the research are not in a position to adequately reflect the
robust scientific nature of the research. )is, in turn, causes
inconsistencies in the findings of the research. )e majority
of the research that is being done on the mental health
management system of college students is research that is
being done on the mental health services that are being
provided to college students. )is is because the mental
health management system of college students is the focus of

the majority of the research that is being done. On the other
hand, there is no research being done on the administration
of college students’ mental health from the point of view of
public health. )e scope of studies that are relevant is not
overly broad, and the majority of the investigations are
limited to relatively small samples. )ese studies have not
demonstrated a fundamental understanding of the devel-
opment law and characteristics of CSMH, nor have they
suggested any effective public health management measures
to improve CSMH. In addition, these studies have not
suggested any concrete actions that could be taken to im-
prove CSMH. Researchers are required to comprehend the
structure of mental health management from a variety of
perspectives in order to support it with varying degrees of
theoretical results. )is is necessary because the structure of
mental healthmanagement is so open. Investigation into this
topic has the potential to contribute significantly to the
theoretical underpinnings of open systems approaches to the
management of mental health. Research in this area is very
important due to the fact that the management of the mental
health of college students is an important part of the system
that manages public health. )e research that is being done
on the mental health management system of college students
is helpful in the development of the mental health man-
agement system on a more local level. )e idea of a man-
agement system for mental health can be segmented into a
variety of different levels and organizational structures. Due
to the wide variety of cultural settings in which various
strategies for managing mental health first emerged, these
strategies can take on a wide variety of forms across different
cultures. As a direct consequence of this, the research topic
of mental health management incorporates an important
element of ethnic flavor. It is especially true for a country
that is composed of more than one ethnic group with each
ethnic group having its own culture, and this is true even
more so for the country as a whole. In addition, research on
the mental health management system in China is still in its
infant stages, and the majority of the studies that have been
carried out thus far are of a substandard quality. At this time,
the majority of them continue to merely copy foreign theory
and practical experience without making any attempts at
innovation or transformation in order to produce a dis-
tinctive theoretical system that is able to accommodate their
very own growth. )is is the case despite the fact that there
are numerous opportunities for them to develop their own
unique perspectives and perspectives that are grounded in
their own experiences. In light of this, research into com-
munity-based mental health care management in China can
be of assistance in working toward the goal of establishing
mental health management at the local level.

)e majority of CSMH’s data collection is done through
the use of questionnaires and the collection of physiological
data. )e traditional approach to managing mental health
focuses primarily on the fundamental processes of adding
new data, removing old data, and making modifications to
existing data. A comprehensive data mining and analysis is
not carried out using this method. As a result, it does not
have much of an impact on the way CSMH is managed. It is
essential to organize and analyze data regarding the mental
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health of students in order to realize improvements in the
efficacy of mental health education provided in schools. )e
psychological data of college students can be mined in-depth
using a variety of methods, such as classification algorithms
[4–6], regression algorithms [7–9], the cluster analysis
method [10–12], big data technology [13–15], and so on.
)ese techniques are able to perform an accurate analysis of
the issues concerning the psychological information of the
students. )e potential and implicit information in the data
can be obtained by relying on the platform of the psycho-
logical management system, which is combined with data
mining technology. )is allows for a large amount of data to
be analyzed, which in turn helps obtain potential and im-
plicit information. )is kind of implicit information will
provide major universities with a corresponding reference
basis and effective solutions. Wearable technology and social
networking software are utilized in the data collection
process for reference [16]. )e information is then entered
into a system that makes predictions about people’s mental
health, which allows for the prediction of the mental health
of each individual student. )e purpose of the research cited
in reference [17] is to identify people who have psychological
issues by conducting an analysis of social data using natural
language processing methods and machine learning algo-
rithms. Algorithms that are used in machine learning are
utilized in reference [18] to identifymental health states and to
make predictions regarding illness. Over 50 previous studies
on the application of machine learning in mental health as-
sessment were analyzed for this study. )e author provides a
summary of the current state of research onmental health that
is based in machine learning techniques, using the studies
mentioned above as support. Deep learning algorithms are
used in reference [19] to mine the social data of individuals in
order to determine the individuals’ mental health status. )e
mental health state evaluation method that is based on the
deep learning algorithm has the potential to have an accuracy
of evaluation that is close to 90%. In reference [20], typical
machine learning algorithmsareutilized in the assessmentof a
person’s mental health status, and the results of the assess-
ments obtained by a variety of conventionalmachine learning
algorithms are compared to one another.

)e primary focus of the research work that was de-
scribed above is the examination of data pertaining to health
that was obtained from various social networking platforms.
)ese data include some information that is either inac-
curate or unqualified, both of which will have an effect on the
final results of the mental health assessment. In addition, the
majority of the studies referred to above conduct evaluations
of psychological states by making use of professional eval-
uation tools, machine learning algorithms, and deep
learning algorithms. )ere is room for advancement in
terms of the accuracy of the evaluation that was obtained as a
result of the method that was utilized. In light of the ar-
guments that were presented earlier, the purpose of this
paper was to propose a model for the management of the
mental health of college students that is based on an al-
gorithm for multi-view clustering. Specifically, the paper will
discuss how this model will work.)e following is an outline
of the most important contributions made by this study: (1)

When analyzing students’ mental health, we use both the
data on the students’ basic information as well as the data
from the questionnaires. (2) An algorithm called MvK-
means has been proposed with the intention of being used
for the purpose of training a mental health management
model. )e default behavior of the traditional multi-view
algorithm is to give equal weight to each view. )is is one of
the available settings. When dealing with real data, it is not
appropriate to use this strategy, which presumes that each
view has the same quality by default. )is is due to the fact
that the quality of the real data varying greatly from case to
case. In light of this, a weighting strategy has been imple-
mented in this piece of writing in order to effectively control
the significance of each viewpoint. (3) Feed the collected data
into the trained model in order to obtain information re-
garding the mental health status of college students who are
enrolled in the educational institution. As a direct result of
the information contained in this report, CSMH is being
managed in an efficient manner. Experiments have shown
that the model for the management of college students’
mental health that is based on the multi-view clustering
algorithm that is used in this paper is capable of producing
better results. )is paper utilizes the model.

2. College Students’ Mental Health
Management from the Standpoint of
Public Health

2.1. College Students’ Mental Health Standards and
Management. )e idea of mental health standards is pre-
senting a dynamic development trend as a direct result of the
progress that has been made in human society, the economy,
and science. )is is the case because the concept of mental
health standards is presenting a dynamic development trend.
)e ten mental health standards that were proposed jointly
by Maslow and Mittelman are among the standards that
have the greatest amount of public recognition. )e stan-
dards provide a comprehensive breakdown of the various
aspects of security, such as an accurate assessment of one’s
own capabilities, the development of an ideal personality, the
mastery of one’s feelings, the enhancement of one’s con-
nections with others, and the promotion of personal de-
velopment. “Physical, intellectual, and emotional mediation,
adapting to one’s environment, having a sense of well-being,
giving full play to one’s abilities at work, and living a
productive life,” was how the International Conference on
Mental Hygiene defined mental health in 1946. At the time,
this was considered to be the standard for mental health.
Over the past few years, academics in China have increased
the amount of research they have done on the CSMH and
have proposed new standards for the CSMH. College stu-
dents should have the following mental health standards,
according to the general consensus among all students:
correct three views; personality integrity; positive mood;
positive and harmonious interpersonal relationships; ob-
jective self-evaluation; positive sense of competition; love of
life; willingness to learn; and the courage to pursue life value.
Defining the mental health standards that college students
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should achieve is the first and most important step toward
improving the level of mental health management among
college students.

Management is the process of effectively planning, or-
ganizing, leading, and controlling the resources owned by an
organization within a specific environment in order for the
organization to achieve the goals that have been set for the
organization. )ese goals have been set in order for the
organization to be successful. )e term “CSMH manage-
ment” refers to the related plans that have been formulated
by higher education management institutions and schools to
improve the mental health status of college students and
improve the mental health level of college students
according to the current situation of CSMH. )e goal of
these plans is to both improve the mental health status of
college students and improve the mental health level of
college students. )e mental health of college students is
going to be prioritized in the implementation of these plans.
We can establish a special management department to
provide psychotherapy and management for these college
students who have mental health issues. )e content, per-
sonnel, mechanism, mode, and measures of mental health
management are the primary focal points of investigation in
the studies that are currently being conducted on the topic of
the management of the mental health of Chinese college
students. )ese studies are being carried out in order to shed
light on the topic of the management of the mental health of
Chinese college students. )ere are not many studies that
concentrate on the particular objectives or staged objectives
of management, regulatory means, or specific evaluations.
)erefore, the establishment of CSMH organization and
management mechanism and the improvement of the rel-
evant management system are issues that need to be
accelerated in the academic circles. Also, these are questions
that need to move much more quickly through the academic
community. )is study was conceived with the intention of
both improving the mental health management system and
bringing attention to the significant role that management
plays within the mental health management system. )e
aforementioned circumstances served as the impetus for the
development of this study.

2.2. 'e Principles of Mental Health Management of College
Students. An in-depth analysis and application of CSMH
data serve as the bedrock of efficient CSMH management.
After data on the mental health of college students have been
collected through a variety of channels, an intelligent model is
used to analyze the data and extract potentially informative
information from the data in order to evaluate the psycho-
logical state of the students. )e findings of the evaluation are
incorporated into the development of intervention strategies
for the treatment of mental health issues experienced by
college students.)is strategy has the potential to improve the
effectiveness and efficiency with which universities manage
their student bodies. Specifically, it has the potential to im-
prove the effectiveness of universities. )e following is an
illustration of the principle for the management of the mental
health of college students, which can be found in Figure 1:

)e CSMH management process is depicted as being a
component of the data mining workflow in the figure. )e
entirety of the procedure is connected by five links, which
are as follows: demand analysis, data collection, data sorting,
modeling, and the results of data evaluation.

(1) )e purpose of the stage of demand analysis is
primarily to determine what useful information will
be unearthed from the mental health data of college
students during the course of this research. A well-
defined objective serves as the foundation of demand
analysis. )e primary goal of this study was to gain a
comprehensive understanding of college students’
mental health status by analyzing data on college
students’ mental health. Students who may have
psychological issues receive early warning, and
professional psychological counselors will timely and
effectively guide them according to the warning
information they receive. After the objective has
been defined, the necessity of this research can be
summed up as the identification of psychological
issues, either imminent or ongoing, that are present
in college students. Once a diagnosis has been
established, the appropriate medication can be
prescribed based on the most successful approaches
to the management of mental health.

(2) )e information data are the raw material, and
because the raw material is of such high quality, the
final product will also be of such high quality. As a
result, the data collection process ought to be as
exhaustive, in-depth, and precise as is humanly
possible. For the purpose of collecting data on
CSMH, it is possible to start with the fundamental
information of the students, social data, psycho-
logical questionnaires, and so on. Collect data related
to CSMH from a variety of perspectives in order to
enrich the information collected.

(3) Data sorting. In addition to the collection of raw data,
preprocessing of that data is necessary.When it comes
to the raw data that were collected, some of them are
invalid data, some of them are incomplete data, and
some of them are redundant data. )e presence of

Demand analysis

Data collection

Data preparation

Modeling

Outcome evaluation

Solution deployment

Student Mental
Health Data 

Figure 1: )e CSMH management principle diagram.
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these data will have a significant impact on the data
mining process’s outcome.As a result, the importance
of organizing the data cannot be overstated.

(4) Create an evaluation model. Models for data mining
can be trained and created based on a selection of
algorithms. A multi-view clustering algorithm was
utilized for the purposes of this study. )e execution
steps of the algorithm consist of training a mental
health assessment model using the training dataset.
)is model is then used to evaluate patients.

(5) Result evaluation. )e trained model is then given
the test dataset to analyze, which allows the per-
formance of the trained model to be evaluated.
Calculated based on the evaluation index is the
model’s overall performance rating in terms of its
evaluation. If the evaluation results are very positive,
this indicates that the trained model is performing
very well.)e evaluation results that are produced by
the model can provide college administrators with
assistance in effectively managing college students.

2.3. Architecture of CSMHManagement System. A complete
mental health management system for college students
should have psychological evaluation center, evaluation
management, counseling center, counseling management,
public information, personal information, and other
functions. Among them, the evaluation center has the
functions of collecting test evaluation data, psychological
evaluation, and evaluation record management. Evalua-
tion management includes evaluation data management,
combined evaluation management, and evaluation result

management. )e consultation center includes consul-
tation message, online consultation, and appointment
consultation. Consulting management includes appoint-
ment management, appointment scheduling, and message
management. Public information includes viewing an-
nouncement information, mental health guide, public
information management, and psychological article
management. Personal information mainly includes
registration, login, password retrieval, and personal in-
formation maintenance. Other functions mainly include
file management and information management. Figure 2
depicts the system’s architecture.

2.4. Classical K-Means Clustering Algorithm. On all of the
data, the K-means algorithm is used to perform distance-
based clustering. )e primary objective of this algorithm is
to determine the cluster center points for each classification
with as much specificity as is feasible. Assume there are k
different categories and n total data points. Calculate the
distance between each sample and each class center, then
choose k data at random to serve as the initial cluster center,
calculate the distance between each sample and each class
center, and divide the remaining data into classes as close to
the class center as possible. It is necessary to continuously
calculate the distance between each sample and a new round
of cluster centers throughout the entire process, which is an
iterative update process. )e more iterations that are per-
formed, the better the cluster centers that are obtained, up
until the point where the cluster centers are no longer
variable, consequently gaining possession of the last avail-
able class center. Following the selection of the class center,

College Students' 
Mental Health 

Management System

Evaluation Center

Consultation Center

Public information

Personal information

Evaluation management

Consultation management

Questionnaire

psychological evaluation

evaluation record

consultation message

consultation record

announcement

register

Information maintenance

Question management

Result analysis

massage management

record analysis

Compose

Release

Figure 2: Architecture of CSMH management system.
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the members of each class are chosen. Figure 3 depicts the
detailed steps of the K-means clustering model [21], which
are as follows:

)e objective function of the K-means algorithm is as
follows. )e Euclidean distance is used in the function to
calculate the distance between each data point and the
cluster center.

J � 
k

i�1


n

j�1
wijd

2
ij, (1)

where k is the number of categories in the dataset and n is the
total number of samples in the dataset. dij � ‖xi − zj‖ is used
to calculate the Euclidean distance. xi represents the ith
sample and zj represents the jth class center. wij represents
the class to which the data point belongs.

wij �
1,

0.
 (2)

If wijis 1, it means that the jth data point belongs to the
class Si. When wij is 0, it means that the jth data point does
not belong to the Si class.

Equation (1) translates to the following expression:

J � 
k

j�1


xi∈Si

d
2
ij, (3)

where d2/ij represents the sum of the squared errors of the
data points and the corresponding cluster centers.)erefore,

the objective function is also called the error squared sum
criterion function.

In order to obtain the cluster center cj of each update, the
following update iterative formula can be obtained
according to the optimization theory of Lagrangian con-
ditional extrema:

zj �
1
n


xm∈Sj

xm j � 1, 2, 3, . . . , k. (4)

3. Mental Health Assessment Models

3.1. Multi-View Clustering Model. A more effective multi-
view clustering technology has been discovered through
the investigation of traditional clustering analysis
methods. )e technology allows multi-view data with
multiple features to learn collaboratively in the clustering
process, solving the problem of complex data with
multiple features. Traditional clustering algorithms may
be limited to dealing with a single feature of complex
data. Early multi-view clustering techniques took into
account each view of the data and treated each view as a
separate clustering task. After obtaining the clustering
results for each view, the ensemble learning mechanism is
used to select an appropriate ensemble learning strategy,
and the results of multiple views are combined to produce
the final marriage result. It has been discovered that
multi-view learning makes use of the connections be-
tween various features in the dataset by studying various
models of multi-view algorithms [22]. Make full use of
the differences and correlations between various points of
view so that the final learning outcomes are consistent.
Figure 4 depicts the multi-view learning model.

3.2. Multi-View K-Means Algorithm. )e evaluation center
is the central component of the mental health manage-
ment model for college students. )e evaluation center is
primarily used to collect CSMH data and enter it into the
trained mental state evaluation model. )e model uses the
evaluation results to determine each college student’s
mental state. )e most important of these is evaluating
the model. CSMH data include many aspects, such as
social data, questionnaires, academic data, personal basic
information, and so on. As a result, this paper intends to
train the evaluation model using a multi-view learning
model.

In order to represent the data with multiple features by
K-means, a weight vector W is assigned to the clustering of
each view, and W satisfies the following conditions:


V

v�1
wv � 1, 0≤wv ≤ 1, 0≤ v≤V. (5)

A multi-view dataset X has N samples and V views,
X � xi 

N

i�1. xi � x
(v)
i 

V

v�1, xi ∈ Rd(v) is the view vector of
sample xi. )e objective function of MvK-means is as
follows:

Start

Enter the number of
clusters 

Initialize cluster centers

Assign data

Calculate cluster centers

Data clustering results

convergence

End

Y

N

Figure 3: K-means algorithm flow chart.
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V

v�1


C

j�1


N

i�1
w

p
v δij x

(v)
i − z

(v)
j 

2
. (6)

z
(v)
j � (z

(v)
j1 , z

(v)
j2 , ..., z

(v)
jN) is the ith cluster center. )e

number of clusters is C, and the total number of data isN. wp
v

is the weight vector of the vth view, and p is the weight index.
Since the quality of each view is different, the algorithm

needs to assign a corresponding weight value to each view to
represent the importance of the view. When the data of a
certain angle of view is scattered, or when a certain angle of
view is greatly interfered by noise, it means that the quality of
the angle of view is low, and the weight of the data of this

angle of view is assigned 0. )e scalar η is introduced in this
paper; when η belongs to the kth cluster, it is equal to 1,
otherwise it is equal to 0. )e MvK-means algorithm’s
objective function is as follows:

JH � 
V

v�1


C

i�1


N

j�1
w

p
vϕij x

(v)
j − z

(v)
i 

2
+ η 

V

v�1
w

p
v . (7)

Using the Lagrange multiplier optimization method to
minimize equation (5), the cluster center zj of the MvK-
means algorithm is obtained, and the iterative expression of
the weight vector wv is: Algorithm 1

z
(v)
j �


N
i�1 ϕijx

(v)
i


N
i�1 ϕij

, (8)

wv �
1


V
v�1 

N
i�1 ϕij x

(v)
i − z

(v)
j 

2
+ η/N

i�1 ϕij x
(v)
i − z

(v)
j 

2
+ η 

1/(p− 1)

. (9)

4. Experimental Results

4.1. Experimental Data Collection. In order to analyze the
performance of the psychometric model used in this paper,
the model needs to be trained. )erefore, this study col-
lected the mental health data of a total of 800 students in
computer-related majors from freshman to senior year in a
university. Mental health data mainly include basic in-
formation of students and questionnaire data. )e basic
information is shown in Table 1. )e comparison table for
converting each information in Table 1 into numerical
value is shown in Table 2. )e questionnaire design is
shown in Table 3. )e two kinds of information shown in
Table 1 and Table 3 are taken as two viewing angle data,
respectively. A total of 800 samples. Among them, 600

samples are used as training set and 200 samples are used as
the test set.

4.2. Experimental Results and Analysis. )is section assesses
the proposed mental state assessment model’s performance
on CSMH data. )e comparison models used are traditional
K-means and fuzzy C-means (FCM). )e evaluation indi-
cators use NormalizedMutual Information (NMI) and Rand
index (RI). )e number of clusters is set to 5, which rep-
resent extremely poor, poor, medium, average, and good
mental states, respectively. )e system generates the initial
cluster centers at random. Table 1 shows the attributes of
view 1 data, and a total of 8 attributes are used as input
variables. Table 3 displays the attributes of view 2 data, and a

Perspective 1

Multi-view 
collaborative 

learning results

Perspective 2

Perspective V

Perspective 1
Learning

Outcomes 

Perspective 2
Learning

Outcomes

Perspective V
Learning

Outcomes 

integrated Results

Figure 4: Multi-view learning model.
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Input: Multi-view dataset Dv � Dv1, Dv2, ..., DvN . )ere are a total of v views, and the dataset corresponding to any view is
Dvk � {x1, x2,..., xN}. )e number of clusters C(2≤C≤N), the weight index p. Co-learning parameter η, iteration threshold τ.
Output: partition cluster ϕ, cluster center matrix Z, weight matrix W.
Step1: Randomly select C samples in the dataset as the initial cluster center, the weight value wv, and the initial weight w

p
v � 1/V.

Step2: Calculate the cluster center matrix Z by updating equation (8);
Step3: Update the weight value matrix W through equation (9);
Step4: Update the objective function J through equation (7);
Step5: if ‖Jk+1 − Jk‖< τ, then the algorithm ends, jump out of the loop, otherwise return to step2.

ALGORITHM 1: )e algorithm flow is as follows.

Table 1: Basic information of students.

Gender Grade Character Household income From rural/urban Is it an only child? GPA Attendance in class
Male Freshman Outgoing Middle Urban Yes Excellent Good
Female Junior year Introverted Low Rural No Good Excellent

Table 2: Conversion table.

Attributes Value Code

Gender Male 11
Female 12

Grade

Freshman 21
Sophomore 22
Junior year 23
Senior year 24

Character
Introverted 31
Outgoing 32

Inside and outside 33

Household income
Low 41

Middle 42
High 43

From rural/urban Rural 51
City 52

Is it an only child? Yes 61
No 62

GPA

Failed 71
Pass 72

Medium 73
Good 74

Excellent 75

Attendance in class

Failed 81
Pass 82

Medium 83
Good 84

Excellent 85

Table 3: Questionnaire.

No. Question Options
1 Gender A. male B. female
2 Grade A. freshman B. sophomore C. junior D. senior
3 Do you feel stressed? A. very large B. large C. average D. no pressure

4 Source of stress A. study B. love C. interpersonal communication D. high self-demanding
E. do not know F. no pressure

5 How to deal with mental problems A. talk with friends B. talk with parents C. solve it by yourself D. let it go. E
other

6 Whether to attend a mental health education seminar or
class? A. never participated B. listened occasionally C. often participated

7 How to reduce stress? A. sleeping B. listening to music C. exercising D. talking. E other
8 Can mental health be managed? A. can B. cannot

8 Computational Intelligence and Neuroscience



total of 8 attributes are used as input variables. )ere is a
limit of 100 iterations.

In order to calculate the evaluation index, the real
psychological state of each student must be known. As the
standard data, this paper uses the student SCL-90 symptom
self-rating scale to obtain the psychological state results of
800 college students. )e experimental results obtained by
each model are shown in Table 4 and Figure 5:

)e results show that the model proposed in this paper
produces optimal evaluation results. Both reference [21] and
the model in this paper belong to the multi-view model, and
the experimental results show that the experimental results
obtained by the multi-view model are significantly better
than the single-view learning models such as K-means and
FCM. FCM performs slightly better than K-means due to the
fact that FCM introduces membership, which reduces the
impact of suffering data on the final result. )e proposed
model performs better than reference [21] because the
proposed model introduces a weighting strategy, and each
view data will be given corresponding weights according to
its own contribution to the results. )e weighting strategy
can improve the contribution of high-quality views without
losing useful information in low-quality view data.

5. Conclusion

)ere are many college students, but fewer college teachers
and student managers. In this case, the teacher is unable to
accurately understand each student’s psychological state.
College students’ psychological problems are becoming
more visible as the environment in which they live becomes
more complex and pressure increases. )e specific mani-
festation is a daily increase in the number of college students
who have poor mental health. )e mental health of college

students has a direct impact on the quality of talent training
and is linked to the country’s future development. As a
result, people from all walks of life should pay close attention
to how CSMH is managed. Furthermore, relevant mental
health management institutions should prioritize CSMH
management. Only in this manner will we be able to cultivate
high-quality talent capable of adapting to the country’s
ongoing development in the twenty-first century. As a result,
the MvK-means model is proposed in this paper for
assessing CSMH. )is model is unique in that it employs a
multi-view strategy and assigns different weights to different
views based on their contribution. )e experimental results
show that the model has some advantages in assessing
college students’ mental health. Colleges and universities can
implement various management strategies for students with
poor mental health based on accurate assessment results.
)is study’s work has the following limitations. First, the
data gathered are insufficiently comprehensive. )is study
primarily collects data from science and engineering stu-
dents, and the status of CSMH in various major categories
will vary. Second, data preprocessing should be improved.
To improve data compactness, attributes with high contri-
bution should be selected as much as possible, while attri-
butes with low contribution should be discarded. )ird, the
model can be improved further to improve the model’s
evaluation performance. )is study will conduct additional
research and optimization on the three problems listed
above in the future.
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