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�ere are some problems in the application of current data analysis methods in international economy and trade, such as low
service e�ciency, low data utilization, and low degree of intelligence. Based on this, this paper studies the application of the
Internet of things data analysis method in international trade development and economic and industrial growth. Firstly, the
Internet of things economic data analysis model (IOT-EET model) based on simulated annealing early warning algorithm is
established to store and analyze the data in the whole chain of international trade. �en, combined with the analysis methods of
international trade economic data over the years, it is fed back to the IOT-EET model for error calibration. Finally, relevant
experiments are designed to analyze the correlation between international trade development and national economic growth.�e
results show that compared with the traditional method based on module data analysis, this IOT-EET model can realize the
correlation matching analysis of the data involved in the development of international trade in combination with the Internet of
things technology and analyze the factors a�ecting international trade transactions. �erefore, it has the advantages of good
reliability and strong pertinence.

1. Introduction

At present, under the impact of the new generation of in-
formation and communication technology, the Internet of
things is accelerating its penetration into urban manage-
ment, new energy, medical treatment, manufacturing, and
other �elds. Especially in recent years, with the emergence of
developed countries and regions in Taiwan, the relevant
policies of the Internet of things have been strategically laid
out. We hope to seize the opportunity in the new round of
information industry development, and the Internet of
things industry in Tongqiu is growing rapidly. �e Internet
of things has become the third wave of the world infor-
mation industry after computers and the Internet. With the
advent of economic globalization and the rapid development
of Internet of things data analysis technology, international
trade also presents great changes in data analysis methods
and business processing [1]. In recent years, with the rapid
development of Internet of things technology and the

emergence and application of trade economic analysis
methods and the IOT-EETmodel, international trade is also
facing an important transformation of digital development
[2]. �erefore, how to share trade data with high accuracy
has become an important indicator to measure the accuracy
of trade data [3]. On the other hand, although there are
many international trade economic growth analysis models,
they can not completely solve the practical problems [4]. For
example, in the analysis of the development potential of
international trade, most of the current analysis models
belong to customized analysis models, so there will be large
loopholes in the actual application process [5]. Based on this
background, this paper studies the interaction degree
analysis system of international trade and economic de-
velopment and puts forward the Internet of things economic
data analysis model (IOT-EETmodel) based on Internet of
things data analysis, which can quantitatively analyze and
characterize the internal interaction degree of international
trade and data analysis.
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In this paper, the application of the IOT-1 algorithm in
the process of international economic growth is divided into
four parts: slow economic growth and low efficiency of
international trade. Section 1 introduces the research
background, research route, and innovation. Section 2 ob-
jectively introduces the evaluation methods of international
trade economic growth and the research status of data
mining methods in international trade. In Section 3, the
IOT-EETmodel based on simulated annealing early warning
algorithm is constructed, and the high-dimensional multi-
variate analysis system is established by using the “Newton
avige” high-dimensional equation method. Section 4 tests
the data peacekeeping system of international trade and
economic growth constructed in this paper, analyzes the
results, and draws a conclusion.

At present, the mainstream international trade economic
growth analysis model (mainly a quantitative data analysis
model based on an intelligent dimension collaborative al-
gorithm) has the disadvantages of small application scope
and uncontrollable error rate.)e innovation of this paper is
to build a data analysis model of the correlation between
international trade and economic growth through simulated
annealing early warning algorithm, combined with the IOT-
EETmodel in the field of artificial intelligence big data and
Internet of things technology. On this basis, the model can
not only record and store the data between international
trade and economic growth in multiple regions, but we can
also make full use of the characteristics of economic growth
between each region and the normalization standard of
existing economic models to realize intelligent analysis
through the IOT-EET model. On the other hand, using
Newton factor quantitative index to complete the factor
reliability analysis of international trade and economic
growth can effectively reduce the error analysis of trade and
economic data.

)is paper studies the application of the Internet of
things data analysis method in the development of inter-
national trade and economic and industrial growth. )e
economic data analysis model of the Internet of things (IOT-
EET model) based on simulated annealing early warning
algorithm is established. )e innovation contribution is that
the model has the advantages of high precision and wide
application range. Compared with the traditional research
methods of international trade and economic growth based
on regional unconventional data analysis, the IOT-EET
model can realize high-dimensional reliability analysis and
adjustment in the process of the impact of international
trade on the local economy. It is helpful for the application of
current data analysis methods in international economy and
trade. It provides a solution reference for the problems of
low service efficiency, low data utilization, and low degree of
intelligence.

2. Related Work

In the process of market-oriented economic analysis of
existing international trade, there are problems of low data
utilization, slow economic growth, and low service effi-
ciency. Most scholars have innovated the internal data

analysis methods of international trade and economic
growth and tried to solve the above problems [6]. According
to the characteristics of the existing international trade
system and the differentiated characteristics of economic
globalization, Rocki et al. build a data analysis model based
on the method of national system construction to realize the
analysis and quantitative representation of the responsi-
bilities of different countries in international trade [7].
Aiming at the low efficiency of data analysis strategy in the
process of international trade and economic development,
according to the macrocontrol strategy in economics, Rocki
et al. put forward an international trade and economic
analysis dam model based on high-latitude analysis strategy,
which realizes the high accuracy analysis of trade data by
combining the idea of the marginal effect of dam burst [7].
Lin et al. found that most countries have large trade deficits
in the process of international trade transactions, so they
proposed an international trade rationalization system based
on national conditions and macroeconomic theory. )e
system clearly combines the Internet of things data analysis
technology to realize the rationalization prediction of in-
ternational trade, but it needs to know the economic data of
different industries [8]. Cao and other scholars put forward
an Internet of things data analysis model combining artificial
intelligence technology and strategy in order to realize the
high-latitude application and analysis of data analysis
methods in the trade economy. )e model can predict the
economic demand of different industries through trade data
information, but the accuracy of prediction is related to the
type of input parameters [9]. In order to effectively improve
the accuracy of international trade, Peng et al. realize the
interconnection of economics and trade in different regions
through the Internet of things technology and then realize
the calibration and control of different types of databases
with the help of data analysis strategy [10]. Aiming at the
problem of low data utilization in the development of in-
ternational trade, Hoffmann C and other scholars put for-
ward an orthogonal decomposition matching adaptive
model, which can effectively insert and guide different types
of databases and realize high accuracy analysis of different
trade data information [11]. Siddig and other scholars
achieve high accuracy at different levels through serial in-
terworking of various types of data [12]. In order to further
study the influencing factors in the process of international
trade and economic development, scholars such as Gilliland
combined with the idea of the economic data analysis model
of the Internet of things proposed a serial interworking
method based on reliability analysis. )is method can ef-
fectively improve the potential income space of international
trade, but the industry needs to be limited [13]. Aiming at the
problem of high cost growth of international trade, Rui Wa
and other scholars adopted different types of correlation data
models and proposed an ultrahigh-precision data exchange
method. )is method can effectively improve the high-
precision data characteristics of different trade data, but it is
necessary to conduct high-intensity analysis on different
data analysis [14]. According to the averaging shortcomings
of different international trade in development, Paroussos
and other scholars put forward a collaborative innovation
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method of high-value trade based on the CNN network.
Experiments show that international trade can indirectly
support the improvement of the local economy [15]. In order
to solve the problems of the high-value analysis industry in
the development of international trade, Feuerbacher A and
other scholars put forward an economic growth innovation
evaluation model based on the characteristics of regional
development, so as to strengthen the analysis and intelligent
management of the construction of international trade
system [16].

Based on the above research results, we can know that
the current mainstream international trade economic
growth analysis model (mainly based on quantitative data
evaluation and analysis model) has the disadvantage of the
small scope of application [17–19]. On the other hand, in the
quantitative evaluation of international trade and economic
development, different types of innovative analysis methods
have high-value cultivation strategies with low value and low
accuracy, which leads to the improvement of the overall
computational complexity and the internal analysis effi-
ciency [20, 21]. )erefore, it is of great significance to study
the application of the IOT-EETmodel based on the Internet
of things data analysis strategy in the development of in-
ternational trade.

3. Methodology

3.1. Application of IOT-EET Model Based on Simulated
Annealing Early Warning Algorithm in Economic Growth
Analysis. Simulated annealing early warning algorithm is a
commonly used algorithm for data analysis. )is method
solves the calculation problems with high dimension and
large amount of data by simulating the idea of how to ef-
fectively extinguish the fire source in the effective space and
realizes the sampling solution of complex problems. )e
Internet of things economic data analysis model (IOT-EET)
includes three significant features. )e first is “interactivity,”
which guarantees and stipulates the iterative data acquisition
method of economic entities. In this model, one of the
representative features is to maximize the use of utility
economic data. International trade also follows the decision-
making principle of cost minimization and also includes
economic entities such as government, trade organizations,
importers, and exporters, which respond to price changes
[22]. Secondly, it is “discrete,” which means that it includes
the discrete analysis of demand and supply. Many prices in
the model are determined by both supply and demand, and
the price change finally makes themarket realize equilibrium
[23]. Finally, it is “normalized” because the model reflects
the actual trade data and the economic problems existing in
the actual region, which is closer to the current situation of
economic development. In addition, it also involves in-
dustrial policy, income distribution, trade policy, etc. [24].
)erefore, the IOT-EET model combined with simulated
annealing early warning algorithm can well solve the
problem of super precision noncorrelation between inter-
national trade and regional economic growth. )e data
correlation analysis process of the IOT-EETmodel based on

simulated annealing early warning algorithm in interna-
tional trade and economic growth is shown in Figure 1.

3.2. Data Analysis Process of IOT-EETModel in International
Trade and Economic Growth. In the process of international
trade, the economic data of different regions have different
characteristics, and their correlation also has certain laws.
For example, the economic data of the logistics industry in
regions with large exports to themanufacturing industry will
increase more significantly. )erefore, after the IOT-EET
model is established. It is necessary to quantitatively discuss
the economic data analysis process of the IOT-EETmodel in
international trade and economic growth.

According to the necessary conditions of the macro-
economic model in trade economics, it is necessary to design
the upper limit value, coordination strategy, and error
analysis system function of the IOT-EETmodel. )erefore,
the upper limit function R(x) of economic growth, the
synergy strategy function T(x), and the error analysis
system function Y(x) are set as follows:
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where xk is the iterative international trade volume data, p is
the overall number of international trade transactions, k is
the number of international trade service types, and xp is the
average error data of regional quarterly trade and economic
growth. After the standard characteristic analysis of the
above system function, the corresponding expression is
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After completing the regional international trade indi-
cators, it is necessary to retrieve the correlation matching
characteristics of different types of international trade and
economic growth data and realizemultidimensional division
according to the growth rate. After ultrahigh analysis, it is
necessary to perturb and match its internal trade deficit data
and input its data center group into the IOT-EETmodel.)e
simulation analysis results of the simulation data group on
the analysis efficiency of international trade and economic
development are shown in Figure 2 (where A-J is the
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standard discriminant index with 10 groups of dimensions
gradually increasing).

It can be seen from Figure 2 that among the 12 groups of
databases, the internal relevance is quite different from the
dimension of 10 indicators, but the internal data change
trends are similar, both within a relatively stable change
range, and the data consistency of the fourth group of da-
tabases is the highest, because after setting the operation
threshold. It is also necessary to give priority to the relevant
data affecting international trade and economic growth in
combination with different types of matching degrees and
combine them with numerical change indicators for variable
weight analysis. )e trade deficit tracking function F(x),
economic growth classification function G(x), and trade
error evaluation function H(x) used in the vector com-
parison process in the above simulation analysis stage are
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where |x| is the high-precision matching grade index of
international trade economic data vector, m and k are the
type and upper limit value of data in the process of inter-
national trade economic growth, respectively. After fuzzy
analysis and processing of the above-mentioned three
functions, the corresponding expression is

Trade data IoT data analysis model

Reliability match

Simulated Annealing Early
Warning Algorithm Data correlation analysis

Error control

Correlation analysis

Correlation analysis

Correlation analysis

Trade growth 
information

Figure 1: Operational analysis principle of IOT-EET model based on simulated annealing early warning algorithm.
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Figure 2: Simulation analysis results of the IOT-EETmodel on the analysis efficiency of international trade and economic development.
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In this stage, the simulation analysis results of the IOT-
EETmodel on the economic growth of two types of random
international trade economic data are shown in Figure 3.

It can be seen from Figure 3 that under the IOT-EET
model based on simulated annealing early warning algo-
rithm, there are certain differences in international trade and
economic data among different regions. Specifically, the
content is inconsistent with the value of international trade
and economic information stored in the cloud in terms of
analysis type and standardized evaluation.

)e existing computer cannot reach the level of complete
ultrahigh precision in the process of matching and analyzing
trade data. With the increase of simulation analysis times, the
internal correlation evaluation and error analysis of different
types of data groups show different trends. Different types of
intersections appear under different simulation times.

3.3. Simulation Verification Process of International Trade
Economic Growth Analysis Model Combined with IOT-EET
Model. After adopting the trade economic data analysis
model based on Internet of things technology and simulated
annealing early warning algorithm, in order to further an-
alyze the internal relationship between regional trade
economy and industry development, it is also necessary to
reverse verify the analysis results of its international trade
differentiated data in combination with the Internet of

things data verification strategy, )erefore, it is necessary to
analyze a number of economic differentiation characteristic
data packets within international trade. )e analysis process
is shown in Figure 4.

In the international trade and economic transaction data
of different industries (such as manufacturing industry,
household industry, and digital industry), the corresponding
identification error rate and correlation evaluation results
are different, because the calculation and identification of
different types of similarity can be based on the difference
and similarity of international trade data information, and
intelligent high-precision classification is carried out
through the economic data analysis model of the Internet of
things. )e classification simulation analysis results after
correction are shown in Figure 5.

It can be seen from Figures 4 and 5 that the classification
effect and coupling correlation degree of the data analysis
results of local and regional international trade data under
the IOT-EETmodel are different because the data obtained
by the IOT-EETmodel analysis method have carried out the
high-precision standardized classification of different types
of data groups in the process of analysis.)erefore, when it is
reflected in the final data analysis results, the corresponding
differences will not change greatly.

Finally, in the prediction and analysis of international
trade volume data, the trade accuracy evaluation function
C(x) and noncorrelation function V(x) based on simulated
annealing early warning algorithm are introduced, and their
mathematical expressions are as follows:

C(x) �

������������������������������

1
�������������


p
j�1 jx

2
j + x

3
 

 +
1

�������������


p

k�1 kx
2
k − x

2
 






,

V(x) � 

p

k�1
kx

2
k − x

2
 

2
−

1
1 + px

,

(5)

2 3 4 5 6 7 8 9 101
Different types of industry trade simulation data

0.80 

0.82 

0.84 

0.86 

0.88 

0.90 

0.92 

0.94 

0.96 

0.98 

1.00 

1.02 

C
on

tin
uo

us
 Io

T 
da

ta
 an

al
ys

is 
an

d
ev

al
ua

tio
n 

in
di

ca
to

rs

8.10 

8.12 

8.14 

8.16 

8.18 

8.20 

8.22 

8.24 

8.26 

8.28 

8.30 

D
iscrete IoT data analysis and evaluation error

6-8
8-10
IOT-EET

Figure 3: Economic growth simulation analysis of two types of random international trade economic data by IOT-EET model.

Computational Intelligence and Neuroscience 5



where x represents the cluster samples of different trade and
economic growth data groups, k and j represent different data
cluster numbers, and p represents the maximum number. In
the process of reducing the error of the IOT-EETmodel and
correcting the results of the overall international trade oper-
ation and analysis function, it is necessary to normalize the
sample data. )e intelligent data set of trade center classifi-
cation used in this process is shown in the following expression:

P(x) �
l + rx
lx + r

+


m
i�1 (x − 1) + 

r
i�1 x

m + r
. (6)

Here, x represents different types of international trade
and economic growth data sets, l and r represent different
trade transaction rule factors.

4. Result Analysis and Discussion

4.1. Confirmatory Test of Correlation Analysis between In-
ternational Trade and Economic Growth Based on IOT-EET
Model. After constructing the international trade and

economic growth evaluation system based on the IOT-EET
model, in order to further verify the accuracy and error of its
analysis model, this study sets different parameters to verify
the data, and the internal correlation between different data
groups is random.)erefore, for different types of trade data
indicators, their internal relevance shows an obvious change
trend. )e preliminary analysis results of international trade
data of different industries during the experiment are shown
in Figure 6, in which the horizontal axis represents the
number of experiments and the vertical axis represents the
key measurement indicators of high accuracy based on the
IOT-EET model.

It can be seen from Figure 6 that under the simulated
annealing early warning algorithm, with the increase of the
number of experiments, the analysis type data of interna-
tional trade show different types of change trends, and the
number of internal correlation consistent data shows a trend
of decreasing first and then stable, compared with the data
group without correction factor. )ere are more stan-
dardized correlation degree and economic growth data in
the international trade data set with a correction factor,
because the operation method adopted this time is the in-
ternational trade economic correlation analysis model of the
improved IOT-EET model combined with the simulated

Phase 1 Trade Data Analysis

(a)

Phase 2 Trade Data Analysis

(b)

Phase 3 Trade Data Analysis

(c)

Phase 4 Trade Data Analysis

(d)

Figure 4:)e process of analyzing the data package of multiple economic differentiation characteristics within international trade. (a) Phase
1 Trade data analysis. (b) Phase 1 Trade data analysis. (c) Phase 1 Trade data analysis. (d) Phase 1 Trade data analysis.
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annealing early warning algorithm, and the threshold pa-
rameters of different numbers of data envelopment sets are
set. To characterize the relevance and relevance between
international trade and local economic growth.

4.2. Experimental Results and Analysis. In the process of
analyzing the experimental results, this study is based on the
revenue and expenditure data disclosed by all scenic spots in
Beijing in recent 5 years. )e experimental group adopts the
IOT-EET model and the control group adopts the analysis
model of the conventional method (modular data analysis).
)e analysis results are shown in Figure 7. In Figure 7, purple
represents the analysis model of the IOT-EETmethod, and
green represents the analysis model of the conventional
method.

)rough the analysis of the results in Figure 7, it can be
found that under the IOT-EET model, in the process of
efficient exchange of different types of international trade
data, the error rate of the final result will be significantly
reduced, which is due to the significant differences in the
internal relevance of different types of data groups.

Compared with the traditional research methods of
international trade and economic growth based on regional
unconventional data analysis, the EETmodel of the Internet
of things can realize high-dimensional reliability analysis
and adjustment in the process of the impact of international
trade on the local economy.)is is helpful to the application

of current data analysis methods in international economy
and trade. It provides a reference for solving the problems of
low service efficiency, low data utilization, and low degree of
intelligence.

5. Conclusion

At present, there are some problems in international trade in
terms of service volume and economic growth, such as low
service efficiency, poor coordinated development, and slow
economic growth. Compared with the problems of low data
analysis dimension and poor reliability in the current
mainstream international trade economic growth analysis
model, this paper studies the correlation analysis system
between international trade and economic industrial growth
based on Computable General Equilibrium (IOT-EET)
model. Firstly, the IOT-EET data analysis model based on
simulated annealing early warning algorithm is established
to carry out multiscale collaborative processing of different
types of international trade data information to realize the
intelligent classification of the data.)en, combined with the
international trade economic data and local economic
growth rate in previous years, it is fed back to the IOT-EET
model for error analysis, Finally, relevant experiments are
designed to analyze the matching and reliability of inter-
national trade and local economic growth. )e results show
that compared with the traditional research method of in-
ternational trade and economic growth based on regional
unconventional data analysis, this IOT-EET model can re-
alize high-latitude reliability analysis and adjustment in the
process of the impact of international trade on the local
economy. )erefore, it has the advantages of high accuracy
and wide application range. However, this study does not
consider the multiple security of international trade data.
)erefore, in terms of strengthening the security of inter-
national trade and regional economic growth in different
regions, an in-depth dimensional analysis is needed.
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