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This study was to explore the application value for central venous stenosis and occlusion in hemodialysis patients under the CT
angiography based on intelligent segmentation algorithm, so that patients can survive better. Spiral CT was used to examine upper
limb swelling in 62 uremic hemodialysis patients at a speed of 3.8mL/s. Nonionic iodine contrast agent was injected around the
contralateral limb. The total dosage of 90-102mL, it was scanned by intelligent trigger technology. The trigger scanning threshold
was set. The monitoring point was located in the superior vena cava. CT with convolutional neural network intelligent
segmentation algorithm was used to process image data. Finally, the quality of life and related biochemical levels of patients
before and after hemodialysis were detected. Under the CT angiography of intelligent segmentation algorithm, 77 stenoses
were found in 62 uremic patients, including 48 stenoses of the brachial vein and 17 stenoses of the superior vena cava. The
correlation coefficient between CT angiography and digital subtraction angiography (DSA) imaging results of intelligent
segmentation algorithm was 0.411. Segmentation effect of the algorithm in this study: automatic segmentation accuracy was
greater than 79%. After hemodialysis treatment, the scores of physical fitness, pain, social function, and energy status of
patients were significantly increased compared with those before treatment, and the levels of albumin, serum phosphorus, and
parathyroid hormone were significantly decreased (P < 0:05). In summary, CT angiography with intelligent segmentation
algorithm can obtain clear, intuitive, and complete vascular walking images, and better display subclavian vein, brachiocephalic
vein, and superior vena cava. It can provide more valuable support for surgical intervention and has certain application value
for better survival of hemodialysis patients.

1. Introduction

Nephropathy is a common chronic disease, and its incidence
rate is increasing year by year, increasing the burden of end-
stage renal disease treatment [1]. Hemodialysis is the main
treatment and survival method for patients with end-stage
renal disease [2], but it has many cardiovascular and
cerebrovascular complications and high mortality. Even in
economically developed western countries such as the
United States, the annualmortality ofmaintenance hemodial-
ysis patients is still as high as 21-31% [3].With the continuous
improvement of hemodialysis technology, the long-term

survival rate of maintenance hemodialysis patients is also
increasing [4]. How to improve the quality of life of mainte-
nance hemodialysis patients has attracted extensive attention
of patients and even the whole society and has gradually
become a reliable index for comprehensive evaluation of dial-
ysis effect [5]. However, due to the particularity of treatment
plan and condition, patients are prone to a series of negative
psychological effects, which seriously affect the patient’s phys-
iological and social function, quality of life, and dialysis qual-
ity [6]. The formation of stenosis is the main reason for the
loss of vascular access function in hemodialysis, and central
venous occlusive diseases (CVOD) is an important reason
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for the loss of arteriovenous fistula function in uremic
patients, with an incidence of 29% [7].

In this study, a three-dimensional full-convolutional
neural network was used. The objective was to perform fine
segmentation of the renal region obtained in the first stage.
To solve the problem of unclear boundary differentiation
in renal angiography, a shape branch network based on dual
attention 3DUnet and gated convolution layer was designed.
Studies have shown that the temporary or long-term use of
dialysis tube is closely related to central vein stenosis. The
incidence of central vein stenosis and occlusion caused by
long-term indwelling dialysis tube in central vein can reach
18-40% [8, 9]. The National Kidney Foundation/Kidney
Disease Outcomes Quality Initiative (NKF/KDOQI) recom-
mends that the proportion of patients using deep venous
catheter as hemodialysis vascular pathway should be con-
trolled below 10.1%, and the proportion of uremic patients
using arteriovenous fistula should exceed 49% [10]. The
A⁃V Fistula First Breakthrough Initiative (FFBI) even rec-
ommends that all patients suitable for dialysis implement
arteriovenous fistula dialysis [11]. It is a consensus at home
and abroad to avoid central venous intubation and carry
out long-term dialysis by establishing internal fistula [12,
13]. However, when uremic patients are just diagnosed or
arteriovenous fistula is not yet mature, temporary or long-
term dialysis tubes are still needed to maintain hemodialysis.
Therefore, more than 20.2% of patients still use central
venous catheter as dialysis vascular pathway [14]. Therefore,
early diagnosis and intervention of stenosis is particularly
important to prolong the life of vascular access [15]. Doppler
ultrasound and angiography are important methods for
diagnosing central venous vascular dysfunction [16]. How-
ever, due to gas interference, ultrasonic diagnosis of central
vein is poor [17]. Although angiography is the gold standard
for the diagnosis of vascular diseases, digital subtraction
angiography (DSA) is an invasive examination, which can
only show the blood flow in the cavity and cannot show
the spatial relationship of adjacent tissue structures [18].
Therefore, it is necessary to check CT angiography with
intelligent segmentation algorithm before CVOD interven-
tion. It has the advantages of low invasiveness, low contrast
agent requirements, and high spatial resolution, combined
with a variety of image reconstruction modes supported by
computer software. Three dimensional images of blood
vessels can be clearly reconstructed [19].

In this study, CT angiography with intelligent segmenta-
tion algorithm was used to explore its application value in
CVOD for the survival of hemodialysis patients and its guid-
ing value in interventional surgery, so as to help hemodialy-
sis patients survive better.

2. Materials and Methods

2.1. Research Object. From January 2019 to May 2020, 62
hemodialysis patients with upper limb swelling uremia in
hospital were included, aged (53:20 ± 15:33) years. There
were 24 males, aged from 30 to 78 years, with a median
age of 57.64 years. There were 38 females, aged 22-76 years,
with a median age of 52.31 years. The main diseases were 23

cases of chronic nephritis, 3 cases of diabetic nephropathy, 2
cases of congenital polycystic kidney, 1 case of congenital
renal tubular acidosis, 1 case of membranous nephropathy,
3 cases of benign renal arteriolosclerosis, 3 cases of multiple
renal calculi, and 26 cases of unknown etiology. Almost all
patients underwent long-term dialysis catheter implanta-
tion in internal jugular vein or subclavian vein and limb
arteriovenous fistula. The number of central venous cathe-
terization was 0.91 times/person. The central venous cath-
eterization sites were left internal jugular vein in 19 cases,
right internal jugular vein in 26 cases, left subclavian vein
in 2 cases, and right subclavian vein in 10 cases. Clinical
manifestations include internal fistula, insufficient blood
flow, swelling of upper limbs or face with pigmentation,
and chest wall varicose veins.

(1) Inclusion criteria: age ≥ 18 years; patients were will-
ing to accept SGA evaluation and related anthropometric
indicators. (2) Exclusion criteria: patients participate in
other MatSnip therapeutic studies; renal transplant patients;
patients with malignant tumors, active pulmonary tubercu-
losis, and other river diseases or metabolic diseases such as
hyperthyroidism and adrenal diseases in the past three
months; patients fail to meet standards, incomplete data,
or not cooperating with the experimenter. This study has
been approved by medical ethics committee of hospital,
and the family members of the patients participating in the
study have signed the consent form

2.2. CT Scan. Spiral CT was used to scan from submandibu-
lar surface to diaphragmatic surface. Multislice spiral CT
(MSCT) was performed, and then enhanced scanning was
performed. 90-102mL iodine contrast agent and 28mL nor-
mal saline were injected into the nonswelling side of forearm
with high-pressure syringe. The injection rate of the contrast
agent was controlled at 3.8mL/s. The intelligent trigger tech-
nology is used for scanning, the trigger scanning threshold is
set, and the monitoring point is located in the superior vena
cava. Its scanning parameters are current 300mA, voltage
120 kV, speed 0.4 s/coil, width 0:589mm × 63mm, and
reconstruction thickness 4.9mm, 515 × 515. After scanning,
the scanned data is transmitted to the data station for post-
processing and reconstruction. For patients with a small
amount of residual renal function, dialysis shall be arranged
immediately after CT examination, and the contrast
medium shall be removed from the body as soon as possible
to protect the patient’s residual renal function.

2.3. Image Segmentation by Artificial Intelligence Algorithm.
The CT images were sent to EBW workstation for MPR,
MIP, MINP, and processing. The anatomy was needed to
be understood and drawn. The goal of the first stage was
to segment the kidney region in advance in the CT sequence
image, because the kidney is different. Compared with the
background, the number of voxels is more balanced, and
the segmentation is relatively simple. In order to improve
the feature extraction ability of 3DUnet, a three-
dimensional residual dual attention module was designed,
and a residual dual attention 3DUnet (RDA-3DUNET) seg-
mentation model was constructed for kidney segmentation
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combined with random clipping voxel block size. The
purpose of the dual attention mechanism is to pay attention
to the spatial information and channel information of fea-
ture map in the convolution operation process, so that the
information of each dimension gets more attention. The
information between the two dimensions of space and chan-
nel does not intersect and is independent of each other.
However, the difference of 3D fully convolutional neural
network is that the spatial information of feature map is
changed from 2D to 3D, so the attention mechanism is easy
to expand from 2D to 3D. The difference is that all convo-
lution and pool operations are replaced by corresponding
three-dimensional operations, and all batch normalization
is replaced by instance normalization. The reason is that
the data input by the network is three-dimensional data,
and the batch size is limited by the memory of the display
card. BN is normalized in the batch dimension, and the
effect is better when the batch size is large, while IN is
normalized in the three spatial dimensions, and it is appli-
cable when the batch size is small and can be based on 3d
residual double.

However, the difference of 3D fully convolutional neural
network is that the spatial information of feature map is
changed from 2D to 3D, so the attention mechanism is easy
to expand from 2D to 3D. The difference is that all convolu-
tion and pool operations are replaced by corresponding
three-dimensional operations, and all batch normalization
is replaced by instance normalization. The reason is that
the data input by the network is three-dimensional data,
and the batch size is limited by the memory of the display
card. BN is normalized in the batch dimension, the effect
is better when the batch size is large, while IN is normalized
in the three spatial dimensions, and it is applicable when the
batch size is small. The residual double attention 3DUnet
segmentation model can be constructed according to the
3D residual double attention module. Table 1 shows the
parameter settings of encoder structure.

The second stage is aimed at fine segmentation of the
kidney region obtained in the first stage. Aiming at the prob-
lem of unclear boundary differentiation in renal angiogra-
phy, a shape branch network based on residual dual
attention 3DUnet and gated convolution layer operation is
designed. A gated shape residual dual attention 3DUnet
(GS-RDA-3DUNET) model is established. The characteris-
tic of GS-RDA-3DUNET is that SHAPE branch network
can focus on the feature extraction of angiography boundary
and assist the backbone network to improve the final
segmentation efficiency.

The backbone network is a residual double-attention
3DUnet model, which sets the parameters of encoder and
bottleneck layer. The tumor shape branch network consists
of cascade gated convolution layer, RADA-3D module, tri-
linear interpolation, and 1 × 1 × 1 convolution, which is used
to transmit the shape features of the tumor from forward to
backward. The function of RDA-3D module is to extract
boundary features, the function of trilinear interpolation is
to adjust the size of feature map, and the function of 1 × 1
× 1 convolution is to reduce the number and dimension of
channels. Then, the semantic features of the backbone

network and the boundary features of the shape branch net-
work are fused to obtain accurate segmentation results. The
output boundary graph of the shape branch is expressed as
f ∈DA×U×Q, and the output characteristic graph of the back-
bone network is expressed as C ∈DA×U×Q. The feature map
of the shape branch network is in series with the output
feature map of the main network. After 1 × 1 × 1 convolu-
tion and soft-max, the final prediction mask is output. The
equation may be expressed as follow.

S = soft −max Z1×1×1

ð
f ck

� �� �
: ð1Þ

In the training process, the artificial labeled segmenta-
tion mask is segmented, and the real tumor boundary mask
is obtained. The prediction boundary graph S adopts stan-
dard binary cross entropy (BCE) loss, and the prediction
semantic segmentation F adopts dice loss (DL). The joint
loss function is used to jointly monitor segmentation and
boundary graph prediction. The equation is as follows.

Ijoint = α1IBCE f , f ˆð Þ + α2IRI s, oˆð Þ: ð2Þ

f ˆ ∈DA×U×Q is the true value of the kidney boundary,
oˆ ∈DA×U×Q is the true value of the segmentation mask,
and α1, α2 are two hyperparameters to control the weight
between loss. In this study, α1 = α2 = 1. The structure of
classical convolutional neural network composed of con-
volutional neural layer and normalization layer is shown
in Figure 1.

2.4. Image Analysis and Observation Indicators. Two radiol-
ogists with more than 10 years of CT diagnosis experience
read the images. Vascular access under MIP, VR, and 3D
images was evaluated, and the sagittal, coronal, and cross-
sections were carefully observed. The dynamic 3D movie
can reverse the meaningful vascular site from any angle,
comprehensively showing the location of central venous
stenosis, the degree and scope of vascular stenosis, and the
existence of collateral circulation. The degree of stenosis
was determined by vessel diameter at the stenosis site and

Table 1: Parameter settings of Unet encoder.

Type Size Output size

Convolution layer 4 × 4 × 4/1 70 × 150 × 150 × 20
Maximum pooling layer 1 × 3 × 3/ 1, 3, 3ð Þ 70 × 70 × 70 × 20
Convolution layer 4 × 4 × 4/1 70 × 70 × 70 × 50
Maximum pooling layer 3 × 3 × 3/3 30 × 30 × 30 × 50
3D module — 70 × 150 × 150 × 20
Maximum pooling layer 3 × 3 × 3/3 70 × 150 × 150 × 20
3D module — 70 × 150 × 150 × 20
Maximum pooling layer 3 × 3 × 3/3 70 × 150 × 150 × 20
3D module — 70 × 150 × 150 × 20
Maximum pooling layer 3 × 3 × 3/3 70 × 150 × 150 × 20
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adjacent normal vessel diameter as measured by MIP recon-
struction. 49% to 69% patients held a moderate attitude.
70%~99.9% are severe. 100% are complete occlusion.

2.5. Evaluation Indicators. The health status questionnaire
was used to evaluate the patient, the patients were informed
the filling method, and required to complete the question-
naire alone. Indicators included physical fitness, pain, social
function, and energy status of patients. Our evaluation indi-
cators also included hospital data. They are prealbumin,
blood phosphorus, and parathyroid hormone.

2.6. Statistical Analysis. SPSS16 software was used to com-
plete the statistics. The measurement data was expressed
by (�x ± s), and the counting data were expressed by
frequency or percentage (%). Kappa was used to analyze
the correlation between different data. P < 0:05 was statis-
tically significant.

3. Results

3.1. Evaluation of CT Image Segmentation Effect Based on
Artificial Intelligence Segmentation Algorithm. Kidney
segmentation is a part of the digital analog renal surgery
planning system. It is a system that can assist the treatment
of renal diseases. The new medical equipment provides a
visual platform for renal embolization, surgical resection,
and interventional radiotherapy. With the help of the
simulation system, doctors can make the operation plan
and formulate a reasonable operation plan, so as to select
the best operation path and reduce the injury, and improve-
ment of the accuracy of renal localization, the complexity of
operation, and the success rate of operation are important.
The main technical indexes are the automatic segmentation
accuracy is greater than 79%, the reconstruction accuracy of
multidimensional visible kidney can be observed at any
angle, and the reconstruction accuracy is not lower than

the original input CT resolution; the calculation error is less
than 8.9%. The following figure is the result of segmentation
of target region in CT image by renal CT angiography and
algorithm, as shown in Figure 2.

3.2. Imaging Examination. The intelligent segmentation
algorithm was used to perform CT angiography for all
patients to show the location of central venous stenosis. A
total of 77 stenoses were found in 62 uremic patients, as
shown in Figure 3, including 48 stenoses of the brachioce-
phalic vein (31 stenoses of the right brachiocephalic vein
and 17 stenoses of the left brachiocephalic vein) and 17
stenoses of the superior vena cava. 12 subclavian vein steno-
ses (10 right subclavian vein and 2 left subclavian vein). As
shown in Figure 4, there were 2 mild stenoses, 20 moderate
stenoses, 23 severe stenoses, and 32 complete occlusions. As
shown in Figure 5, DSA angiography showed 6 mild steno-
sis, 15 moderate stenoses, 6 severe stenoses, and 50 complete
occlusions. Although there is a certain difference between
CT angiography and DSA values of intelligent segmentation
algorithm, the correlation coefficient between CT angiogra-
phy and DSA of intelligent segmentation algorithm is
0.411, and the degree of stenosis is consistent. Lateral circu-
lation was observed in 37 of 62 uremic patients by CT angi-
ography with naked eyes and intelligent segmentation
algorithm. All patients had unilateral or bilateral upper limb
swelling, and 5 patients had facial swelling.

3.3. Changes in Quality of Life of Patients before and after
Hemodialysis. The differences of physical fitness, pain,
social function, and energy status of patients before and
after hemodialysis were compared through the scale. The
results are shown in Figure 6 (Table 2). After hemodialy-
sis, the scores of physical fitness, pain, social function,
and energy status of patients were significantly higher than
those before dialysis, and the difference was statistically
significant (P < 0:05).

Figure 1: UNet network data analysis model.
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The changes of albumin, blood phosphorus, and para-
thyroid hormone before and after hemodialysis were com-
pared. The results are shown in Figure 7. The levels of
albumin, blood phosphorus, and parathyroid hormone after
hemodialysis were significantly lower than those before dial-
ysis, and the difference was statistically significant (P < 0:05).

4. Discussion

In many centers, dysfunction of vascular access has become
the primary cause of hospitalization in hemodialysis patients
[4]. Stenosis is the main cause of vascular access dysfunction
in dialysis, and early diagnosis and intervention of stenosis

Case 1 Case 2 Case 3

Figure 2: Results of target region segmentation in CT images by CT angiography images and algorithms of kidney.
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Figure 3: The narrow position obtained by CT angiography using intelligent segmentation algorithm.
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Figure 4: Degree of stenosis in CT angiography using intelligent segmentation algorithm.
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Figure 5: The location of stenosis displayed by DSA angiography.
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Figure 6: Changes of physical fitness, pain, social function, and energy status of patients before and after hemodialysis. (∗P < 0:05, the
difference between groups was statistically significant).

Table 2: Changes in quality of life of patients before and after hemodialysis.

Dimension Before hemodialysis After hemodialysis T P

Physical fitness 65:8 ± 18:33 79:32 ± 19:34 -2.342 0.027

Pain 67:53 ± 30:45 78:76 ± 12:78 -2.546 0.032

Social function 61:31 ± 20:63 72:98 ± 17:68 -2.221 0.039

Energy status 58:62 ± 22:05 71:02 ± 13:89 -2.124 0.028

Prealbumin 2885 ± 89:5 348:2 ± 85:1 -2.223 0.023

Blood phosphorus 2:380:46 ± 0:34 2:11 ± 0:42 2.004 0.039

Parathyroid hormone 553:27 ± 376:43 333:68 ± 245:56 2.043 0.036
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are critical to prolong the life of vascular access [20, 21]. In
this study, 62 patients were treated with interventional
surgery guided by CT angiography after intelligent segmen-
tation algorithm. Balloon dilatation was performed in 5
patients with stenosis, and 14 of them were successful only
by balloon dilatation. 41 patients with unsatisfactory lumen
patency after balloon dilatation underwent stent implantation.
After angiography, the collateral circulation was significantly
reduced, and the hemodialysis pathway was unobstructed.
The upper limb or facial swelling was significantly reduced
on the third day after operation. In this study, the proportion
of stent implantation is relatively high, accounting for 7/10 of
the total number of cases. The main reason is that these
patients have a high degree of occlusion, and venous lumen
retraction still occurs after PTA expansion [22].

The intelligent segmentation algorithm of CT angiogra-
phy has extremely important guiding significance for subse-
quent interventional surgery. By accurately determining the
length and location of diseased vessels, it can help to select
the mode of interventional therapy [23]. It can accurately
judge the tissue structure of adjacent important organs,
which is conducive to the evaluation of surgical risk [24].
CT angiography with intelligent segmentation algorithm is
based on the image of vascular wall and whether the cavity
is filled with contrast agent, so as to judge whether there is
potential vascular cavity anatomically [25]. Due to the inter-
ference of volume effect, CT angiography by intelligent
segmentation algorithm has a higher possibility of false
negative in the degree of stenosis. CT angiography with
intelligent segmentation algorithm can also reduce the nar-
row range. As shown by the data in this study, 32 cases of
complete occlusion were found byCT angiographywith intel-
ligent segmentation algorithm, while 50 cases were confirmed
byDSA.However, CT angiographywith intelligent segmenta-
tion algorithm has its own advantages in evaluating vascular
calcification, which is not only an important factor in judging
the difficulty of treatment but also plays a certain role in sug-
gesting the course of the original vascular lumen [26].

CT angiography with intelligent segmentation algorithm
can clearly show vascular calcification, which is better than
DSA. Although CT angiography with intelligent segmenta-
tion algorithm can clearly detect central venous stenosis, it

is impossible to determine the old and new degree of throm-
bosis at the stenosis unless there is calcification [27]. In
conclusion, the results of this study show that CT angiogra-
phy with intelligent segmentation algorithm can detect
intravascular ultrasound and determine the nature of vascu-
lar configuration and stenosis, which may lead to changes in
surgical methods in the future. The CT angiography with
intelligent segmentation algorithm can get a clear and com-
plete blood vessel walking image, which can well display the
subclavian vein, brachiocephalic vein, and superior vena
cava, which can provide meaningful guidance for surgical
intervention. Subsequently, the results of this study showed
that the quality of life of patients after hemodialysis treat-
ment was significantly improved, and the levels of blood
phosphorus, albumin, and parathyroid hormone in blood
were reduced.

5. Conclusion

A total of 62 hemodialysis patients with upper limb swelling
uremia in our hospital were included. Health status ques-
tionnaire was used to evaluate the patients, and the patients’
physical strength, pain, social function, and energy status
were evaluated, as well as hospital data of prealbumin, blood
phosphorus, and parathyroid hormone were also included.
Segmentation effect of the algorithm in this study: auto-
matic segmentation accuracy is greater than 79%, the CT
angiography of intelligent segmentation algorithm can
obtain clear, intuitive, and complete vascular images, better
display subclavian vein, brachiocephalic vein, and superior
vena cava, provide more valuable support for surgical inter-
vention, and have certain application value for better sur-
vival of hemodialysis patients. In this study, the sample
size is small, and more people should be included in the
experiment. Clinical trials should be carried out in a multi-
center, large sample hospitals. It hopes to help hemodialysis
patients better survive.

Data Availability

The data used to support the findings of this study are avail-
able from the corresponding author upon request.
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Figure 7: Changes of albumin, serum phosphorus, and parathyroid hormone levels in patients before and after hemodialysis. (∗P < 0:05, the
difference between groups was statistically significant).
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