
Research Article
Researchon the ImpactofGreenFinanceandFintech inSmartCity

Zheng He,1 Zhengkai Liu,2 Hui Wu ,3 Xiaomin Gu ,3 Yuanjun Zhao,4

and Xiaoguang Yue5

1School of Economics & Management, Shanghai Maritime University, Shanghai 201306, China
2International College, Renmin University of China, Beijing 100872, China
3School of Financial Technology, Shanghai Lixin University of Accounting and Finance, Shanghai 201209, China
4School of Business Administration, Shanghai Lixin University of Accounting and Finance, Shanghai 201209, China
5Department of Computer Science and Engineering, School of Sciences, European University Cyprus, 1516 Nicosia, Cyprus

Correspondence should be addressed to Hui Wu; wuhui@lixin.edu.cn

Received 15 October 2020; Revised 25 November 2020; Accepted 30 November 2020; Published 8 December 2020

Academic Editor: Zhihan Lv

Copyright © 2020 Zheng He et al. *is is an open access article distributed under the Creative Commons Attribution License,
which permits unrestricted use, distribution, and reproduction in any medium, provided the original work is properly cited.

*e green development level reflected in the green finance index and the evaluation of the degree of green development in smart
cities have important practical effects on economic transformation. For promoting the transformation and upgrading of finance,
we select 2013–2019 data and construct a distributed lag model to analyse the important role played by green finance and financial
technology in the construction of smart cities. In the paper, we find green finance promotes the construction of smart cities, and
only it will not appear until nine months late. Financial technology has an opposite impact on the construction of smart cities, this
is mainly because the research and marketization of financial technology are higher, and the cost is also higher. *is influence will
appear in the next 14months.

1. Introduction

*e severe destruction of the global ecological environment is
accompanied by the rapid development of the global economy.
*erefore,many countries attach great importance to achieving
“green growth” of their economies while vigorously developing
their economies. *e green upgrading of traditional industries
and the growth of strategic green emerging industries require
the effective empowerment of the financial sector, and the
supply of green physical industries by the financial sector is a
significantmanifestation of green finance. Finance is the core of
the modern economy. If we want to promote the economy, we
must develop high-quality finance and use finance to avoid
economic uncertainty. For China’s current development, green
finance is the way to circumvent this uncertainty and is an
important driving force for promoting supply-side structural
reforms. *e green development level reflected in the green
finance index and the evaluation of the degree of green de-
velopment in a region have important practical effects on
economic transformation, reducing investment risks, and

helping traditional enterprises improve their sustainable de-
velopment capabilities.

Fintech refers to financial innovation brought by new
technologies. It can create new business models, applica-
tions, processes, or products, which has a significant impact
on the way financial markets, financial institutions, or fi-
nancial services are provided. *e business scenarios where
technology and finance are combined mainly include fi-
nancial supervision, payment settlement, financing products
and services, insurance, smart investment advisory, and
energy trading. *e underlying technologies include artifi-
cial intelligence, blockchain, cloud computing, big data, and
the Internet of *ings. In the global sustainable financial
development process, financial institutions and fintech
companies in various countries in the world, especially in
Europe, the United States, and China, have tried to integrate
fintech and financial technology by actively using block-
chain, artificial intelligence, big data, and the Internet of
*ings, combining green finance to carry out green finance
technology exploration and practice.
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Smart cities are inseparable from the joint construction
of all sectors of society. In the financial field, the close co-
operation of the banking industry is required. With China’s
rapid economic and social development, the production and
life of urban residents can no longer be separated from fi-
nancial activities, and letting the development of financial
technology benefit each inhabitant is an important part of
the construction of a smart city. Correspondingly, in the era
of the mobile Internet, technological means have funda-
mentally restructured people’s behaviour habits, and banks
must also change the financial services they provide in time.
*e construction of smart cities has been closely integrated
with the development of banks. *e People’s Bank of China
has repeatedly called on commercial banks to continuously
strengthen the innovative use of financial technology to
inject new vitality into urban construction. Local govern-
ments have also actively sought to cooperate with banks.*e
cooperation between the government and the bank hasmade
great progress in various fields such as people’s livelihood,
education, and public utilities.

*e specific contributions of this paper include the
following:

(1) A literature survey about various existing distributed
lag models and analysis of their advantages and
disadvantages.

(2) An effective distributed lag model for green finance
and fintech in the smart city is proposed.

(3) It can be seen that there is a relatively obvious
correlation between the two in the seventh lag and
the twelfth lag, indicating that the two models are
affected to some extent by other common variables.

*e rest of this paper is organized as follows: Section 2
discusses related work, followed by the empirical analysis in
Section 3. Estimation of parameters for smart cities by green
finance is discussed in Section 4. Section 5 shows the dis-
cussion of the distributed lag model empirical results.
Section 6 concludes the paper with a summary and future
research directions.

2. Related Work

In foreign studies, green finance is also known as envi-
ronmental finance, which is a definition of financial greening
derived from environmental issues and the need to promote
sustainable development. From an economic point of view,
environmental issues have significant externality charac-
teristics, which can produce positive externalities and
negative externalities. Related theories include externalities,
Coase’s theorem, government intervention, and Pareto
improvement. *e development of green finance has a
driving role in environmental protection, energy conser-
vation and emission reduction, and sustainable develop-
ment, so it will bring good external effects. However, good
external effects directly lead to higher costs for financial
institutions to implement green finance, which ultimately
leads to a lack of incentives and insufficient effective supply

for the private sector to implement green finance, and it is
almost impossible to achieve Pareto optimal asset allocation.

Green finance is to support sustainable development,
that is, sustainable finance; it is a path of innovation in fi-
nance in environmental protection, and it is a link between
the financial industry and the environmental industry [1].
Green finance is a financial tool based on market research to
improve environmental quality and transfer environmental
risks. As a method and means to promote sustainable de-
velopment, green financial services have become the
mainstream trend of financial development. Although the
concept of green finance is widely recognized, it lacks a
complete evaluation system, which makes it slow to develop.
Some scholars have established evaluation index systems to
analyse the performance problems of bank green service
channels in operations and use real data from well-known
banks. Based on the evaluation and analysis of their sus-
tainable development concept and specific practices, they
constructed a five-dimensional index evaluation system.
*rough a series of studies, it was found that although the
cost of implementing the “equatorial principle” is higher, the
credit risk generated by loans is lower [2–4].

*e international understanding of green finance can be
roughly divided into two categories: the first category
regards green finance as investment and financing activities
that improve the environment, that is, green investment.*e
starting point of this understanding is to “make up the
investment gap” [2]. Another type of understanding directly
incorporates environmental factors into the field of financial
investment, including changes in environmental costs,
changes in risk coefficients, and changes in returns and
returns caused by engaging in business. It is believed that the
development of green finance is based on the mutual
constraints between finance and the environment [5]. For
example, green finance incorporates environmental factors
into financial services, such as bank investment or reception
decisions, postloan monitoring, and participation in envi-
ronmental assessment during risk management [6]. *e
above two categories are both different and related.

Over time, overseas scholars have also elaborated a series
of issues in the development of green finance. Further
analysis shows that the return on investment of such funds is
longer with the cycle, and the overall investment income is
not worse than other mutual funds.

Fintech is a modern concept and so far, no unified
definition has been formed. However, in 1993, the term
“fintech” appeared in the relevant report of Citibank. At-
tempts to enable technology to finance have gradually begun,
and it has been intensified with the increasing enrichment of
Internet financial practices and the continuous upgrading of
the transformation of the financial sector. It can be said that
fintech has quietly integrated into people’s lives before so-
ciety has realized it. *e Financial Stability Board (FSB)
believes that fintech refers to technological innovation that
can significantly affect financial markets, institutions, and
services and is mainly accomplished through innovative
business models, application methods, process methods, and
product types.
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*e definition of fintech has been gradually clarified in
continuous research. Most scholars define fintech as a
technological solution that can realize the transformation of
the financial service industry. *ey believe that fintech is a
new industry that uses technological innovation to improve
the quality of financial services. Science and technology are a
disruptive emerging financial industry. It mainly uses digital
and information technology to achieve innovation in the
existing economicmodel [7, 8]. In summary, fintech refers to
financial innovation driven by technological innovation.
*rough the deep integration of finance and technology, big
data, blockchain, artificial intelligence, and cloud computing
are the main technical support, which has changed financial
business processes. And business models challenge tradi-
tional financial thinking. Fintech has given impetus to
various industries in finance-related fields by expanding the
service boundaries of financial institutions and improving
service methods while increasing financial efficiency and
while minimizing risks [9–11]. However, fintech cannot be
simply understood as the superposition of the two. It is more
a process of gradual integration and deepening of emerging
technologies and financial services to continuously promote
the transformation and upgrading of traditional financial
services.

*e definition of “smart city” comes from the vision of
“Smart Earth.” IBM released the theme report of “Smart
Earth: Next Generation Leadership Agenda” in New York in
2008. *e report mentioned “Smart Earth,” which actually
refers to the full use of IT technology and sensors in various
industries to embed in hospitals, power grids, railways,
bridges, tunnels, highways, buildings, and other objects in
the corners of the world , connect various objects to form the
Internet of*ings, then integrate the Internet of*ings with
the Internet, and finally use supercomputers and cloud
computing to integrate the Internet of *ings.

*e construction of a smart city is not a process with
clear boundaries, so there is no unified interpretation of its
concept.*e concept of early smart cities is mainly related to
the operational functions, management, and planning effi-
ciency of smart technology solutions in energy, trans-
portation, physical infrastructure, distribution and
communication networks, economic development, and
service delivery. With the development of smart cities, more
and more emphasis is placed on the use of information
technology to achieve the purpose of urbanization, and a
definition of a focused and operable smart city is gradually
given. Invest in social capital, traditional, and modern
communications infrastructure to promote sustainable
economic growth and high-quality living, and wise man-
agement of natural resources. Emphasize the role of in-
formation technology. *ink of smart cities as transforming
productivity, to achieve the prosperity of the city and benefit
the people [12–15]. Some scholars have begun to define
smart cities from the perspective of the Internet.*ey believe
that smart cities are a complex system containing multiple
visions [16, 17]. Recently, with the development of infor-
mation technology, more and more foreign scholars have
begun to focus on sustainable development incorporating
into the concept of smart cities, emphasizing the

improvement of environmental issues through technological
development.

In addition, scholars have also made related research on
smart city assessment. From different perspectives, they built
innovative cities, regional green cities, quality of life, digital
government, and so forth as evaluation indicators and
carried out evaluation work on smart cities in different
countries around the world [18] to promote the sustainable
development of smart cities. Later, scholars carried out
evaluations of smart city performance, proposed models for
measuring smart city performance, and conducted empirical
research.

Fintech itself is based on “science and technology,” its
purpose is to promote the transformation and upgrading of
finance, and it is an important force to promote the de-
velopment of green finance [19]. *is study explores the
impact of finance on the construction of smart cities from an
innovation-driven perspective and analyses the important
role played by green finance and financial technology in the
construction of smart cities.

3. Empirical Analysis

3.1. Data Source. *e starting year of the time series data
selected in this article is 2013 because 2013 is called “the first
year of Internet finance.” In the study of green finance,
fintech, and smart cities, this article selected seven-year data
from 2013 to 2019, which can more clearly rely on the latest
year’s data to understand the specific impact between the
three [20]. *e data are constructed through an index
system. Green finance indicators include seven aspects:
green credit, green bonds, green development funds, green
insurance, green stocks, green investment, and carbon fi-
nance. *e city index is constructed from four perspectives:
smart technology, smart economy, smart society, and smart
environment.

3.2. Model Setting and Identification. Since the independent
and explanatory variables involved in this study are time
series data, the structure of a commonly used linear re-
gression model is as follows:

Yt � C + 

k

i�1
βiXit + εt, (1)

in which Yt is the time series of the dependent variable, Xit is
the time series of the i-th independent variable, εt is the
random disturbance term (disturbance term), and C is the
constant term. In order to use the least square method
(ordinary least square) for estimation, it is usually assumed
that the random perturbation term and independent vari-
able are independent of each other, and the random per-
turbation term is independent and identically distributed.
However, the above model itself and the basic assumptions
about the random perturbations have three problems: they
ignore the lag effect of the independent variables, cannot
handle the autocorrelation of the perturbations, and are
misleadingly related [21].
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In view of the above problems, this article considers the
use of the dynamic regression model (dynamic regression)
and introduces the lag term in the initial dynamic regression
model [22]. According to the different representations of the
lag term, there are two kinds of dynamic regression models:
Linear Distributed Lag Model (LDL) and Rational Dis-
tributed Lag Model (RDL) [23]. Since the actual data has
only a limited number of data samples, it is not possible to
directly estimate the parameters of the LDL model. So this
research uses the RDL model; the specific expression is as
follows:

Yt � C +
ω(B)B

b

δ(B)
Xt + εt � C +

ω0 + ω1B + · · · + ωhB
h

 B
b

1 − δ1B − δ2B
2

− · · · − δrB
r
Xt + εt.

(2)

*e RDL model can describe more complex changes in
impulse response weights through the combination of
multiple backshift operators, thereby better fitting the data,
in which Bb is used to reflect the dead time, that is, the time
interval when the independent variable starts to affect the
dependent variable; δ(B) represents the Decay Pattern; and
ω(B) reflects the absence of the impulse response weight.

*is article will use the Box–Jenkins dynamic model
construction strategy, namely, model identification, pa-
rameter estimation, and model diagnosis [24]. When the
Box–Jenkins dynamic model construction strategy is offi-
cially started, according to the actual operation experience,
the following preprocessing tasks will be performed on the
original data in order, which will help the subsequent
modelling process to proceed smoothly [25].

(1) Perform differential processing on the independent
and dependent variable sequences and convert them
into stationary sequences Xt

′  and Yt
′ .

(2) Prewrite independent variable sequence to obtain the
perturbation sequence at  of the autoregressive
moving average model (hereinafter referred to as
ARMAmodel) of the independent variable sequence,
which is a white noise process; its ARMAmodel is as
follows:

at � C +
φ(B)

θ(B)
Xt
′. (3)

(3) Apply the filter expression obtained in (2) to the
dependent variable sequence to obtain another se-
quence of perturbed terms. *e process is as follows:

βt �
φ(B)

θ(B)
Yt
′. (4)

(4) Calculate the cross-correlation function of the se-
quences x and y (hereinafter abbreviated as CCF),
and perform a Ljung–Box population test on the
given number of lag terms k. If the null hypothesis is
rejected, explain the first k lags of the independent

variable sequence. At least one of the terms has a
significant nonzero correlation with the dependent
variable; that is, the independent variable has ex-
planatory power to the dependent variable and
should be added to the RDL model.

Firstly, clarify three key parameters in the polynomial
ratio form of the impulse response function—the molecular
polynomial order h, the dead time b, and the denominator
polynomial order r.

Secondly, the ARIMA model expression of the pertur-
bation term is as follows:

εt �
Θ B

s
( θ(B)

Φ B
s

( φ(B)
∇D

s ∇
d
at, (5)

in which at is a normally distributed white noise with a
mean of 0 [26].

*is paper chooses the linear transfer function method
(the LTF method) to complete the entire model identifi-
cation task. *e LTF method requires the establishment of
the following free-form distribution lag model (the FFDL
model):

Yt � C + v0Xt + v1Xt− 1 + · · · + vkXt− k +
1

1 − φsB
s

(  1 − φ1B( 
at,

(6)

in which k is the number of lag effect terms chosen arbi-
trarily, generally the values that can be considered are − 5, 10,
15, and 20, and k is selected in this paper; for the disturbance
term, this paper chooses a low-order autoregressive model
(the ARmodel) to improve the accuracy of impulse response
weight estimates. In the presence of seasonal effects, the AR
(1) can usually be considered [27].

3.2.1. Model Estimation. After the model recognition task is
completed, the following complete model expression can be
obtained:

Yt � C +
ω(B)B

b

δ(B)
Xt +
Θ B

s
( θ(B)

Φ B
s

( φ(B)
∇D

s ∇
d
at. (7)

3.2.2. Model Diagnosis. *en, perform a maximum natural
estimation on (6). It should be noted that both Xt  and Yt 

are sequences that satisfy weak stationary after performing
the difference.

3.2.3. Model Comparison. In the process of model identi-
fication, there may be multiple candidate models. If multiple
models are diagnosed through the model, they will face the
problem of choosing between multiple models. *ere are
two commonly used criteria for model comparison: Akaike
Information Criterion (AIC) and Bayesian Information
Criterion (BIC). *e definition formula of AIC is as follows:

AIC � nlog σ2  + 2M, (8)
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in which M is the number of parameters in the model, σ2 is
the maximum likelihood estimate of the variance of the
disturbance term, and n is the amount of data.*e definition
formula of BIC is as follows:

BIC � nlog σ2  + log(n)M. (9)

From the above definitions, when the amount of data is
large (n> 10), compared with the AIC criterion, the BIC
criterion will impose a larger penalty term on the amount of
model parameters. According to the Principle of Parsimony
of model selection (Principle of Parsimony), this article will
use BIC as the selection criterion—the model with the lowest
BIC value is optimal.

3.2.4. Construct LTF Model and Specify RDL Model
Parameters. Specify K as 20 and the perturbation term is
approximated by a low-order AR model. Figures 1 and 2
show the changes in the impulse response weights of the two
independent variables.

As can be seen from Figure 1, the three key parameters of
the green financial independent variables in the RDL model
are b � 4, r � 0, h � 0. *e impulse response weight only
slightly exceeds the threshold. As can be seen from Figure 2,
the parameters of the RDL model part of the fintech in-
dependent variable are b � 14, r � 0, h � 0 + 1 − 1 � 0.

Figure 3 shows the residuals SACF and SPACF exhibit
white noise characteristics, so the disturbance term partially
retains the AR (1) model.

4. Results

4.1. Model Estimation

4.1.1. Estimation of Parameters for Smart Cities by Green
Finance. According to the parameters specified in the model
identification stage, the parameters of the RDL model are
estimated based on the maximum likelihood estimation
method. *e results are shown in Table 1.

As can be seen from Table 1, the seasonal part of the
disturbance term is not significant, and the molecular
polynomial parameter of the independent variable part of
RDL is not significant, so try to specify another set of al-
ternative parameters: b� 9, r� 0, h� 1 + 0 –1� 0. *e esti-
mated results of the revised RDLmodel are shown in Table 2.
It can be seen from this that each parameter passed the
significance test.

According to the parameters specified in the model
recognition stage, the parameters of the RDL model are
estimated based on the maximum likelihood estimation
method. *e results are shown in Table 3. As can be seen
from the figure, the seasonal part of the disturbance term
is not significant, and the parameters of the fintech in-
dependent variable part are not significant, so an al-
ternative RDL model is selected. *e estimated results
of the revised RDL model are shown in Table 4,
which shows that each parameter passed the significance
test.

4.2. Model Diagnosis and Analysis. *e first step is to per-
form residual diagnosis on the RDL model. As can be seen
from Figures 4 and 5, the residuals of the modified RDL
model can pass the autocorrelation and normality tests.

*e second step is to perform residual diagnosis on the
independent variable ARIMA model. *e results are shown
in Table 5 and Figure 6. Table 5 shows that each parameter
passed the significance test, and it can be seen from Figure 6
that IACF and PACF show that the residuals pass the au-
tocorrelation test, but they are not white noise.

In the third step, a Ljung–Box test is performed on the
two residual sequences CCF, and the result is shown in
Figure 7. It can be seen that there is a relatively obvious
correlation between the two in the seventh lag and the
twelfth lag, indicating that the two models are affected to
some extent by other common variables.

From the model estimation and diagnosis results, we can
know that green finance has a significant positive impact on
the construction of smart cities, and this impact will occur
after nine months. Fintech has a significant negative impact
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Figure 1: Impulse response weights for green finance.
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Figure 2: Impulse response weight map of fintech.
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on smart cities, and this impact occurs after 14months. *e
model diagnosis results show that there are common vari-
ables in the residuals of the RDL model and ARIMA model

constructed in this paper. Due to the influence of common
variables, the results of their specific parameter estimation
may not be stable. Figure 7 is CCF significance test chart of
two residual sequences.
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Figure 3: Autoregressive plots of residual error of LTF model.

Table 1: Estimated results of green finance RDL model.

Parameter Estimate Standard
error

T
value

Approx-
t<P< t Lag

MU 0.0031 0.0021 1.47 0.1409 0
MA1,1 0.2817 0.0919 3.06 0.0022 1
MA1,2 0.3593 0.0946 3.80 0.0001 2
MA2,1 − 0.1337 0.1018 − 1.31 0.1891 11
NUM1 0.0054 0.0010 5.08 <0.001 0
NUM1,1 − 0.0013 0.0010 − 1.33 0.1823 1

Table 2: Estimated results of the revised RDL model for green
finance.

Parameter Estimate Standard
error

T
value

Approx-
t<P< t Lag

MU 0.0029 0.0018 1.67 0.0940 0
MA1,1 0.3028 0.0905 3.34 0.0008 0
MA1,2 0.3582 0.0932 3.85 0.0001 0
NUM1 − 0.0053 0.0011 4.81 <0.001 9

Table 3: Estimation results of fintech RDL model.

Parameter Estimate Standard
error

T
value

Approx-
t< P< t Lag

MU 0.0545 0.0011 1.17 0.2503 0
AR1,1 0.0598 0.0987 − 5.06 0.0564 0
AR2,1 0.0569 0.0945 − 1.65 0.0641 0
NUM1 0.0065 0.0965 4.12 <0.001 14
NUM2 0.0058 0.0354 − 1.25 <0.001 6
NUM1,1 0.0965 0.0569 0.59 <0.001 6

Table 4: RDL model estimation results.

Parameter Estimate Standard
error

T
value

Approx-
t< P< t Lag

MU 0.0596 0.0023 1.19 0.2336 0
AR1,1 − 0.0632 0.0895 − 6.03 <0.001 0
NUM1 0.0782 0.0652 2.48 0.0130 14
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Figure 4: Residual normality test chart of RDL model after green finance correction.
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Table 5: Maximum likelihood estimation results of the fintech ARIMA model.

Parameter Estimate Standard error T value Approx-t<P< t Lag
MU − 0.0642 0.0865 − 0.08 0.9358 0
AR1,1 − 0.5653 0.0824 − 2.60 0.0082 1
AR1,2 − 0.9252 0.0963 − 4.26 <0.001 2
AR1,3 − 0.4545 0.0918 − 6.35 <0.001 3
AR1,4 − 0.2545 0.0854 − 2.26 0.0235 4
AR2,1 − 0.2224 0.0871 − 7.21 <0.001 11
AR2,2 − 0.7554 0.1025 − 4.26 <0.001 22
AR2,3 − 0.7893 0.0965 − 2.60 0.0093 33
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Figure 6: Autocorrelation test chart of fintech ARIMA model residuals.
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5. Discussion

*e first is to innovate financial institutions and vigorously
develop technology banks, technology microcredit compa-
nies, and financial leasing companies. On the premise of
following the law of development of technology innovation,
expand diversified financing channels, and, at the same time,
use mechanism innovation as a driving force to strengthen
internal incentives. Improve fair and objective assessment
mechanisms and improve protection systems such as risk
compensation. *e second is to innovate financial products,
efficiently use differential risk tolerance to support scientific
and technological credit, promote high-yield bond and
equity bond financing methods, and comprehensively
promote intellectual property pledge financing and repay-
ment. Innovation in financing methods: the third is inno-
vative financing methods, breaking through the traditional
service model of indirect financing, financial team and
equity, and venture capital investment and loan linkage; the
fourth is focusing on the development opportunities of
Internet financial technology innovation, fostering “Internet
thinking,” and actively promoting “networks” “Process”
model; creating Internet banking, high-quality service
platforms, electronic banking, online revolving loans, and
other IT banks; effectively solving the “gap” in funds faced by
high-tech projects; promoting the output and diffusion of
technological innovation; and promoting the development
of information technology in smart cities.

*e core of the development of green finance lies in
financial intermediaries. *e market's actual demand for
green finance requires financial institutions to continuously
improve their awareness of social responsibility and envi-
ronmental protection, and carry out targeted green finance
promotion and education for internal staff. When making
business decisions, we must coordinate the relationship
between social responsibility and self-interest. We must
always consider environmental protection and sociality in
daily operations. Strict environmental protection social
responsibility runs through all daily business activities. *e
financial community must maintain the concept of devel-
oping green finance at all times. It must take a dialectical and
unified view of the social responsibility and self-realized
benefits of enterprises when they conduct green financial
business and promote the development of green finance as a
long-term strategy to operate, financial institutions. *e
government should actively carry out green finance publicity
work, publicize the government's ideas and measures in
developing green finance, and explain the positive changes
that green finance development will bring to the lives and
work of the general public. On this basis, companies can
actively participate in promoting the development of green
finance.

One of the major obstacles facing the development of
China’s green finance is the incomplete information sharing
mechanism between different institutions in green finance
and the problem of information asymmetry in different
sectors, especially the financial and environmental protec-
tion sectors that are closely related to green finance. *e
information asymmetry between the two departments lays

hidden dangers for the occurrence of financial risks.
*rough the application of fintech, a green financial in-
formation database can be established between departments,
thereby forming a stable communication and coordination
mechanism and achieving information sharing between the
two parties. At the same time, regulators can also use real-
time tracking and monitoring of enterprises participating in
green credit through the application of fintech and update
related information in real time. In addition, a mature in-
formation disclosure system should also be established
through the application of fintech, the disclosure procedures
for financial institutions to provide green financial services
to enterprises, the role of the public and groups in super-
vision, and the strengthening to cooperate with each other to
create a system of vertical supervision and horizontal
supervision.

6. Conclusions

Starting from the relationship between green finance, fin-
tech, and smart city construction, this study selects data
from 2013 to 2019 and uses a distributed lag model to
demonstrate it. *e following conclusions are obtained: first,
green finance promotes smart city construction and green
credit. *e promotion effect of green financial indicators
composed of seven aspects including green bonds, green
bonds, green development funds, green insurance, green
stocks, green investment, and carbon finance on the con-
struction of smart cities will not appear until nine months
later. *e honey lake fintech index has verified that it has a
reverse effect on the construction of smart cities through
models. *is is mainly due to the high cost of fintech re-
search, marketization, and profitability, which hinders the
construction of smart cities to a certain extent. *e effect of
this effect will appear after 14months.
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