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Although networking is reported to be a job search strategy in the literature, research on the interaction between social networking
and other personal resources and its effect on job satisfaction is scarce. In the perspective of social networks, the present study
explored whether the social network structure, which consists of network size and tie strength, moderates the relationship between
psychological capital and job satisfaction. By using a two-wave longitudinal design, we collected the quantitative data (survey of
344 undergraduate students who were about to graduate soon) from 19 universities in Beijing city, Shandong Province, and
Jiangsu Province in Eastern China. Factor analysis and hierarchical regression analysis were adopted to analyze the data of the
survey. We found that psychological capital has a positive impact on job seekers’ job satisfaction. Furthermore, smaller networks

and weaker ties in social networks both render the positive effect of psychological capital on job satisfaction even stronger.

1. Introduction

Social networks, an essential component of social capital,
refer to interpersonal relationships, which are built, devel-
oped, and maintained through stable ties and frequent in-
teractions [1]. The previous research had divided social
networks mainly into two typical categories: formal and
informal networks [2]. Although social networks are re-
ported to be universally valid, it is still found that social
networks in China have unique characteristics compared to
their counterparts in Western countries. Social networks in
East Asia are influenced by local culture [3] and become a
dominant norm in Chinese society [4]. Thus, due to the
remarkable intraregional differences, scholars even adopted
guanxi to describe the informal social network in Chinese
society. Contrary to social networks in Western countries,
weak ties are found neither effective nor preferable in
Eastern Asia, while strong ties are more accepted and
powerful [5]. Hence, the yawning divergence between the
characteristics of social networks in China and the West is
obvious.

Whether in China or in the West, a large number of fresh
graduates are confronted with difficulty in seeking em-
ployment in the last year of their student lives. Chinese
national government pays great attention to this issue and
publishes reports to announce the rate of unemployment,
which partly represents the economic prosperity of a
country, every year. From the last year to the present, the
coronavirus (COVID-19) pandemic leads to an increase in
the rate of unemployment all over the world. As a matter of
fact, a large number of studies showed that unemployment is
harmful to individuals’ mental and physical health and
decreases satisfaction with their lives [6]. Therefore, the
research had concentrated on the exploration of the rela-
tionship between individuals’ job search behaviors and
employment quality, such as job-organization fit, job sat-
isfaction, and turnover intention [7-9], in order to clarify
what factors in the job search process could eventually in-
crease the individuals’ opportunities of obtaining job offers
and then enhance their performance [10].

Job satisfaction is defined by Locke [11] as “a pleasurable
or positive emotional state resulting from the appraisal of
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one’s job or job experiences.” Obviously, Locke’s definition
consists of two important individuals’ reactions: affects and
cognition. As such, when individuals evaluate their jobs, both
thinking and feeling are involved in the whole process. It is
widely discussed that the determinants of job satisfaction pri-
marily consist of two types: job-specific characteristics, such as
wages, labor market status, and observable attributes of the
current job, and worker-specific characteristics, such as workers’
education background, health, and worker’s perceptions of the
match between education and employment [12].

The literature regarding job search behaviors and process
also paid great attention to job satisfaction, which refers to
job hunters’ satisfaction with the outcome of the job-seeking
behaviors, i.e., the job they finally obtained [13]. Scholars
found that both of the job seekers’ internal factors, such as
psychological capital and social capital and human capital,
and external factors, such as labor market and national
employment policy, can influence their job satisfaction.
Among all these factors, it is reported that the subjective
factors, which are considered as job seekers’ internal mo-
tivation to promote them to make great endeavors in the job-
hunting process, influence their attitudes and behaviors to a
large extent [14]. It is reported that a large amount of job
seekers in China always experiences a long job-hunting
process, which lasts from the beginning of the autumn to the
end of the spring [15]. Moreover, the difficulties for all job
seekers in finding a satisfactory job had been increased, due
to the huge supply of fresh graduates in the Chinese labor
market in recent years [15]. Thus, to help job seekers en-
hance their employment opportunities, it is essential to pay
attention to their behaviors in the Chinese context.

Networking is an important source for job seekers to
gather information regarding employment opportunities. A
popular book, which introduces the techniques of job
hunting, also suggests that individuals could obtain useful
information on job vacancies by contacting the important
persons who can help in their social networks [16]. This
echoes the research on recruitment, which claimed that
knowing the job opportunities through one’s social networks
always has a positive impact on employees’ behaviors
[17, 18]. However, the previous research on the role of
networking in the job search process primarily focused on
individual difference determinants of networking [19] and
the impact of networking on employment quality and
outcomes [20]. It is obvious that the literature ignores the
moderation effect of social networks on the relationship
between other important internal factors (e.g., psychological
capital) in the job search process and the quality of em-
ployment (e.g., job satisfaction). Thus, this study examines
the moderation effect of social networks on the relationship
between psychological capital and job satisfaction by
responding to the following question:

How do social networks moderate the impact of psy-
chological capital on job satisfaction?

In fact, this study takes an interactionist approach by
bringing together individual variables (psychological capi-
tal) and contextual variables, that is, social network struc-
ture, to predict job satisfaction in a single frame for the first
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time. To answer the question above, the dependent variable
in this study is “job satisfaction,” while the independent
variable is “psychological capital.” “Social network struc-
ture” involving network size and tie strength is examined as
the moderator of the relationship between psychological
capital and job satisfaction. The exploratory factor analysis is
used to assess common method variance among variables
while the hierarchical regression model is adopted to test the
influence of psychological capital on job satisfaction and the
moderative effect of network size and tie strength on the
relationship between psychological capital and job satis-
faction (Figure 1).

As both social networks and job seekers’ behaviors have
a uniqueness in Chinese society, this study extends previous
relevant research by examining the moderation effect of
social network structure on the relationship between psy-
chological capital and job satisfaction in the Chinese context.
Thus, we could better realize the important role of social
networks in Chinese daily life. This is the main academic
contribution of this study.

2. Literature Review and Hypotheses

2.1. Networking Behaviors in Job Search Process.
Networking behaviors refer to “individuals’ attempts to
develop and maintain relationships with others who have the
potential to assist them in their work or career” [21]. Net-
working behaviors are widely studied in various contexts in
the management research field, because both organizations
or individuals adopt social networks as a strategy on how to
gain resources. In the context of the job search process,
networking behaviors refer to individuals’ proactive actions
aiming at acquiring information, leads, or suggestions on
obtaining a job through friends or other people in their
social networks [22].

In the past twenty years, it is very popular to examine the
characteristics of networking behaviors in the job search
process. Zottoli and Wanous [23] defined networking as a
typical informal job search behavior, in the perspective of
formal-informal classification. That is to say, in contrast to
formal job search behavior, which relies on formal
intermediaries such as campus recruitment or employment
agencies, which are built only for recruitment purposes,
informal job search behaviors do not need the help from
those formal intermediaries but contact the persons they are
acquainted with for new opportunities. Saks and Ashforth
[24] also made a great contribution to the characteristics of
networking behaviors in the job search process, by stating
that networking is a typical preparatory job search behavior,
according to the preparatory-active classification. However,
Hoye et al. [20] pointed out that networking could be
classified as both preparatory behaviors and active behaviors
because the job search process could be divided into two
stages. As such, at the beginning of the job search process,
individuals experience a preparatory job search stage, in
which they collect relevant information regarding potential
jobs through networking. Following this, individuals will be
actively contacting prospective employers in order to get a
new job, which refers to active behaviors.
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FIGURE 1: Model logic diagram.

Besides the research on characteristics of networking
behaviors, scholars also paid great attention to the frequency
of networking behaviors in the job search process. Kanfer
et al. [10] used general job search intensity to describe the
frequency of combined job search behaviors adopted by
individuals in the process. The composition of general job
search behaviors involves not only networking behaviors (e.g.,
turning to friends for help) but also other behaviors (e.g.,
through advertisements on newspapers, TV, or the Internet).
The frequency and intensity of networking behaviors are
reported to be positively related to job search outcomes [10].
Thus, the prior research considers networking as a specific job
search behavior, differing from others, and this provides the
theoretical insight for our current study and a sufficient
approach to support our following research.

2.2.  Psychological ~Capital and Job  Satisfaction.
Psychological capital, which refers to “an individual’s positive
psychological state of development [25],” consists of four
psychological resources, i.e., “(1) having confidence (self-ef-
ficacy) to take on and put in the necessary effort to succeed at
challenging tasks; (2) making a positive attribution (opti-
mism) about succeeding now and in the future; (3) perse-
vering toward goals and, when necessary, redirecting paths to
goals (hope) in order to succeed; and (4) when beset by
problems and adversity, sustaining and bouncing back and
even beyond (resilience) to attain success [26].” As psycho-
logical capital is “state-like,” it is also malleable and open to
development [27, 28]. A large number of studies had proved
that psychological capital has positive impacts on various
individuals’ attitudes or behaviors, such as performance,
engagement, satisfaction, well-being, and citizenship behavior
[29-31]. In the context of job search behaviors, the individuals
with higher psychological capital are likely to be more con-
fident with themselves in the job-hunting process and ulti-
mately obtain more job offers, compared to the individuals
with lower psychological capital. Subsequently, those indi-
viduals with higher psychological capital will be likely to be
satisfied with their jobs. Thus, we predict the following.

Hypothesis 1. Psychological capital is positively related to
job satisfaction.

2.3. Social Network Structure as a Moderator. In the litera-
ture, social network theorists emphasized the importance of
the social network structure, which was defined as the formal

structure of the ties or relationships making up the social
network [20], and proposed it as an essential source of social
capital [32, 33]. On the basis of this point, we expect that
social network structure will influence the relationship be-
tween psychological capital and job satisfaction. According
to the prior studies, social network structure consists of two
important components, i.e., network size and tie strength.
First of all, network size refers to the total number of persons
to whom an individual is tied [34]. According to Hoye et al.
[20], network size is positively associated with time spent
networking. The individuals, whose social network size is
large, always need to spend more time on networking be-
haviors, because they need to contact more people in their
networks. Thus, the job seekers with larger networks are
likely to ask more persons for help and collect job-related
information from them. The more people job seekers
contact, the more job opportunities they could obtain. The
more people job seekers ask for help, the greater progress
they will make in the job search process.

Thus, in the context of large network size, job seekers are
likely to rely heavily on the information or opportunities
networks bring to them, which will weaken the effects of
psychological capital on the job search process. In contrast,
job seekers, who just have a small social network, can only
have limited friends or acquaintances who can help and then
need mainly to seek a job on their own. Therefore, in the
context of a small network size, job seekers’ internal psy-
chological capitals play a more significant role in the ac-
quisition of job-related information and job offers. Thus, we
propose the following.

Hypothesis 2. Network size moderates the relationship be-
tween psychological capital and job satisfaction, such that
the relationship is more positive for job seekers with smaller
social networks.

Besides network size, the other important element of
social network structure is the strength of the ties in net-
works [2, 35, 36]. Tie strength refers to the closeness of the
interpersonal relationship between the individual and the
other persons in social networks [2]. For instance, parents,
relatives, or close friends represent strong ties in social
networks, while seldom-contacted friends could be an ex-
ample of weak ties [20]. Reingen and Kernan [37] stated that
individuals are always likely to contact those people with
whom they are much more familiar to gather information
regarding job vacancies in the job-hunting process. In
contrast, the individuals have fewer interactions with those
people they are not familiar with and could obtain little help
from them. The previous research on marketing also claimed
that individuals are more inclined to gather information
from strong ties rather than weak ties [37, 38]. Hoye et al.
[20] collected empirical evidence to find out that individuals
with strong ties in social networks always spend more time
on networking behaviors in order to acquire adequate in-
formation when they are looking for a new job.

Based on these, in the context of strong ties, the job
seekers will do endeavor to contact those close friends for
help, which means that they are likely to rely heavily on
networking behaviors and ignore the role of psychological



capital in the job search process. In contrast, job seekers with
just weak ties could not obtain adequate information and
enough help from their friends; thus, they are more likely to
get job-related information from other sources (e.g., via
employment advertising or job sites.) by themselves. In this
situation, psychological capitals help them to have a positive
and optimistic state to be confronted with difficulties and
fierce competition in the job search process. Taken together,
we predict the following.

Hypothesis 3. Tie strength moderates the relationship be-
tween psychological capitals and job satisfaction, such that
the relationship is more positive for job seekers with weaker
ties in their social networks.

3. Methods

3.1. Sample and Procedure. Our participants were university
undergraduate students who soon graduate from 19 uni-
versities in Beijing city, Shandong Province, and Jiangsu
Province, which are all located in Eastern China. Selection
criteria for inclusion in the survey were that students were in
the fourth year of their undergraduate studies and decided to
work after graduation and had obtained at least one job offer
till now. We then contacted the potential respondents and
invited them to participate in the survey as a volunteer with
the guarantee of confidentiality and anonymity. If the re-
spondents agreed to participate, we asked them to choose to
answer the questions via e-mail or we-chat (ie., a free
communication application in China), and the question-
naires were sent to them via the platform they chose.

To alleviate potential common method biases [39],
survey data was collected in a two-wave longitudinal design.
The literature showed the advantages of collecting data for
more than one round of data within a long period [40]. As
Gollob and Reichardt [41] stated, “no one time lag by itself
can give a complete understanding of a variable’s effects.”
Thus, the data was collected at two different time points
within one month. At time 1, respondents completed
measures of psychological capital, network size, and tie
strength. One month later, at time 2, students were invited to
finish the measurement of job satisfaction. In total, 403
students were invited to participate in the study, and ac-
cordingly, in time 2, a total of 378 questionnaires was ac-
quired, yielding a response rate of 93.7%. Finally, 344 valid
types of data were selected and adopted in this study.

3.2. Variable Designing and Measurement. All variables in
this study were measured by adopting a five-point Likert
scale, which ranges from 1 (strongly disagree) to 5 (strongly
agree). Brislin’s [42] back-translation method was used to
translate English items into Chinese. Some items are adapted
to the uniqueness of Chinese characteristics and culture.

3.2.1. Independent Variable. The dependent variable is
psychological capital. According to Luthans et al’s [26]
definition, psychological capital is categorized into four
elements, self-efficacy, optimism, hope, and resilience. The
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measurement developed by Luthans et al. [26] was adapted
to fit the Chinese context and includes 24 items. Some
sample items for psychological capital consist of the fol-
lowing: “I feel confident helping to set targets/goals in my
work area” (self-efficacy); “I always look on the bright side of
things regarding my job” (optimism); “If I should find
myself in a jam at work, I could think of many ways to get
out of it” (hope); “I usually manage difficulties one way or
another at work” (resilience).

3.2.2. Dependent Variable. The dependent variable is job
satisfaction. Job satisfaction was measured by three items,
which were adapted from Bharati and Chaudary [43]. The
first item was “the current job offers I got are what I expect.”
The second item was “I hope that I can have a bright future in
my job, which I choose from all my job offers.” The third
item was “I believe that I make a right decision in choice of
the job offers.”

3.2.3. Moderator. As discussed above, social network struc-
ture was chosen as a moderator in this study. According to
Hoye et al. [20], social network structure consists of two
components: network size and tie strength. As for the mea-
surement of network size, 3 items adapted from Hoye et al. [20]
were used. The first item is “I know a lot of people who might
help me find a job.” The second item is “I can count on many
relatives, friends, or acquaintances for information about jobs.”
The third item is “I have connections I can talk to help me find a
job.” On the other hand, three items, adapted from Hoye et al.
[20], were also chosen for the measurement of tie strength. The
first item is “most people who might help me find a job are
people I know very well, such as family or friends.” The second
item is “most people who might help me find a job are people I
often talk to.” The third item is “most people who might help
me find a job are people I feel comfortable talking to, even
about touchy subjects”.

3.2.4. Control Variables. The control variables consist of
gender, single child, student leader, CPC member, university
classification, and major classification. We do not include
age and education, as the participants of this study were all in
their final year of undergraduate period, and have similar
ages and same educational background. For education
background, we also use university classification, which
represents the level of the university and major classification,
which represents different categories of major to distinct
these respondents. The variable’ scaling and statistical de-
scription are as shown in Table 1.

3.3. Model. In the process of data analysis and hypotheses
test, factor analysis and hierarchical regression model were
used.

3.3.1. Factor Analysis. Factor analysis is a widely used ex-
plorative methodology of statistics, aiming at grouping
similar variables into the same factor. It uses the data
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TaBLE 1: Control variable scaling and statistics.

. Ratio
Category Scaling No. (%)
0=male 131 38.1
Gender 1 =female 213 619
. . 1=yes 211 613
Single child 0=10 133 387
1=yes 165 48
Student leader 0=n0 179 5
1=yes 141 41
CPC member 0=no 203 59
1 =institute 4 1.2
University 2 =985 projects 62 18
classification 3 =211 projects 131 381

4 =normal university 147 427
1 = humanity and social

. 115 334
science
. e 2 =natural science 24 7
Major classification 3= technology 2 18
4 = management 129 375
5 = others 14 4.1

correlation matrix to identify the latent variables. When
conducting the analysis of data, factor analysis is always used
to reduce the dimension of the dataset at the beginning.
Normally, factors will be rotated after it has been extracted,
in order to decrease the number of the variables in the
regression model. Moreover, factor analysis is always
adopted to cope with the problems of multicollinearity in
regression analysis. In the following section, Varimax, as a
popular rotation method, will be used to simplify the in-
terpretation of each factor in the model. According to
Pereira et al. [44], the steps conducted in exploratory factor
analysis were stated as follows: “(1) collect data: choose
relevant variables used in the regression model; (2) extract
initial factors; (3) choose the number of factors to retain; (4)
choose estimation method and estimate model; (5) rotate
and interpret the results” [44].

According to [45, 46], the fundamental model for factor
analysis is stated as follows:

X = AF + B,

x, =aF,+a,F,+ a,,F, + ¢,

x, = a, F, + a,F, + a,,,F, + &, (1)
xy = a,Fy+apF,+a,,F, + ¢,
x; = agF + apF, + a;,F,, + ¢.

In the model above [45, 46], X refers to the observable
random vector while F refers to the common factor of X. A
refers to the coefficient of F while B refers to the special
factor of X. a;; refers to the correlation coefficient while ¢;
refers to the error factor.

To conduct factor analysis [45, 46], we need to normalize
the X matrix, in order to ensure that the mean value equals 0
and the variance equals 1. Subsequently, F and ¢; should be
assumed to be independent. Thirdly, we need to calculate the
correlation coefficient matrix (i.e., R = (rij)p * p) and its
latent root. Ultimately, the number of the factors should be

decided, and the common factors will be acquired by ro-
tating the loading matrix.

3.3.2. Moderation Effect on Hierarchical Regression Analysis.
Hierarchical regression analysis is a commonly used sta-
tistical methodology, which helps to quantify the relation-
ships between different variables. In order to testify the
relationship between the variables in the hypotheses above, it
is necessary to conduct a hierarchical regression analysis to
make sure whether the hypotheses are supported. In the
process of a hierarchical regression model, we can decide
what predictors should be entered into the model, and we
also need to determine in what step we enter each variable.
Normally, the logical and theoretical considerations will
influence the order we enter each predictor.

The most important aim of this study is to decide the
interaction of social network structure and psychological
capital and its effect on job satisfaction. As such, we need to
examine the moderation effect of social network structure
via a hierarchical regression model. Hence, the model
equation of the moderation effect is stated as follows:

Y =b0+blX + b2W + b3XW. (2)

In the model, Y refers to the dependent variable while X
refers to the independent variable. W refers to the moderator
variable. Here, b0 is the intercept; b1 refers to the regression
coefficient of X on Y; b2 refers to the regression coeflicient of
W on Y; b3 refers to the regression coefficient of the in-
teraction between X and W on Y. The relationship between
these variables is shown in Figure 2.

In order to calculate the conditional effects of the
moderator, the model equation should be written as
Y=a+0bX. Hence, after grouping the terms to form
Y=a+bX, we got the following equation model:

Y = (b0 + b2W) + (b1 + b3W)X. (3)

Here, bl +b3W represents the direct effect of X on Y,
conditional on W. In the following part of the hypotheses
test, we conducted the hierarchical regression analysis by
using SPSS 24.0. We will enter control variables, indepen-
dent variable (i.e., psychological capital), dependent variable
(i.e., job satisfaction), and moderation variables (i.e., net-
work size and tie strength in the social network) into dif-
ferent steps in the model, in order to examine the
moderation effect of network size and tie strength on the
relationship between psychological capital and job
satisfaction.

4. Results and Analysis

4.1. Analytical Strategy and Descriptive Statistics. In order to
test the effect of psychological capital on job satisfaction and
the moderation effect of social network structure on this
relationship, the hierarchical regression model was adopted
to test the hypotheses. In order to avoid multicollinearity, all
variables in the study were grand-mean-centered. To make
sure reliability and validity, relevant tests were also con-
ducted. Firstly, the test results told us that the Cronbach
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FIGURE 2: Model of moderation effect in hierarchical regression
analysis.

Alpha Coefficient is 0.886, which shows that the internal
consistency is great. Secondly, it is found that the Kaiser-
Meyer-Olkin is 0.869, while the significance level of Bartlett’s
test of sphericity is 0.000, which shows a high level of validity
(Tables 2 and 3). Means, standard deviations, and correla-
tions among all variables are presented in Table 4.

4.2. Exploratory Factor Analysis. In this study, we collected
the data for four major variables (i.e., psychological capital,
job satisfaction, network size, and tie strength) from the
same source, although it has been done two times within one
month. This could lead to common method problems, which
exist if only one factor emerged or if a single factor
accounted for the majority of the variance among the
variables. Thus, it is necessary to assess common method
variance among these four variables. We conducted a
principal component exploratory factor analysis, which is
suggested by Podsakoff and Organ [47]. The results showed
that four factors had eigenvalues greater than one and
explained 79.6% of the variance (Table 5). According to
Table 5, it is obvious that the factor loadings are all higher
than 0.75, which indicated good internal reliability. Thus,
these four variables will be all used in the following hy-
potheses tests.

4.3. Results of Hypotheses Test

4.3.1. Results of Test of Hypothesis 1. To test the three hy-
potheses proposed above, a hierarchical regression analysis
was performed. To test Hypothesis 1, we created a two-step
model by SPSS 24.0. We entered control variables and job
satisfaction (dependent variable) in the first step. Subse-
quently, we added psychological capital (independent var-
iable) into the equation in the second step. The results
showed that R” significantly increased in step 2 (regression
coefficient = 0.374, p <0.001), compared to the counterpart
in step 1, which represents the positive impact of psycho-
logical capital on job satisfaction and thus supports Hy-
pothesis 1 (Table 6).

4.3.2. Results of Test of Hypothesis 2. To test the moderating
effect of social network structure on the relationship between
psychological capital and job satisfaction, hierarchical re-
gression analysis was, respectively, performed for network
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TaBLE 2: The reliability of the survey.

Number of the items Cronbach’s « coefficient
33 0.886

size and tie strength. To begin with the test of Hypothesis 2,
the control variables were entered as well as job satisfaction
(dependent variable). Then, psychological capital (inde-
pendent variable) was added to the equation in the second
step. Finally, we added the interaction between psycho-
logical capital and social network size in the third step.
Meanwhile, in order to cope with multicollinearity prob-
lems, we followed Aiken and West’s [48] suggestion in the
moderated regression model that the dichotomous vari-
ables were effects coded and continuous variables were
centered.

As indicated in step 3 of Table 7, the results showed that
R*increased from 0.173 to 0.258, which slightly increased the
variance explained. This supports Hypothesis 2 stating that
social network size moderates the relationship between
psychological capital and job satisfaction (regression
coefficient =-0.306, p <0.001). Besides this, Figure 3 also
shows that the positive impact of psychological capital on job
satisfaction was stronger when job seekers have small size
networks than when job seekers have large size networks.
Hence, Hypothesis 2 was supported.

4.3.3. Results of Test of Hypothesis 3. To test the moderating
effect of social network tie strength on the relationship
between psychological capital and job satisfaction, we fol-
lowed the same procedure conducted above. We entered
control variables and job satisfaction (dependent variable) in
the first step, psychological capital (independent variable) in
the second step, and the interaction between psychological
capital and tie strength in social networks in the third step.
The results (Table 8) indicate that R* increased from 0.182 to
0.258, which supports Hypothesis 3 (regression
coefficient = —0.291, p < 0.001). Furthermore, Figure 4 shows
that the positive impact of psychological capital on job
satisfaction was stronger when job seekers have weak ties
than when job seekers have strong ties. Thus, Hypothesis 3
was supported.

5. Discussion

Extending the prior job search research, we applied a social
network perspective to explore whether social network
structure moderates the impact of psychological capital on
job satisfaction. By using the data from a two-wave longi-
tudinal design, the results show that network size moderates
the relationship between psychological capital and job sat-
isfaction, such that the relationship is more positive for job
seekers with small social networks. Moreover, tie strength
also moderates the relationship between psychological
capital and job satisfaction, such that the relationship is
more positive for job seekers with weaker ties in their social
networks.
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TaBLE 3: The reliability of each item in the survey.

Variable Item CITC a coeflicient after deleting this item a coeflicient
SE1 0.755 0.903
SE2 0.756 0.903
. . . . SE3 0.776 0.900
Self-efficacy (one dimension of psychological capital) SE4 0.772 0.901 0.917
SE5 0.777 0.900
SE6 0.752 0.904
H1 0.774 0.922
H2 0.818 0.916
. . . . H3 0.806 0.918
Hope (one dimension of psychological capital) Ha 0739 0.926 0.931
H5 0.846 0.913
Heé6 0.813 0.917
R1 0.886 0.954
R2 0.889 0.954
. . . . . R3 0.909 0.952
Resilience (one dimension of psychological capital) R4 0.866 0.956 0.962
R5 0.870 0.956
R6 0.854 0.958
01 0.822 0.956
02 0.825 0.955
.. . . . . 03 0.914 0.945
Optimism (one dimension of psychological capital) 04 0.906 0.946 0.958
05 0.861 0.951
06 0.884 0.949
JS1 0.636 0.723
Job satisfaction JS2 0.599 0.758 0.794
JS3 0.680 0.677
NS1 0.805 0.906
Network size NS2 0.896 0.832 0.918
NS3 0.805 0.907
TS1 0.863 0.919
Tie strength TS2 0.897 0.893 0.939
TS3 0.860 0.921
TaBLE 4: Means, SDs, and correlations of study variables.
Factor Mean SD 1 2 3 4 5 6 7 8 9 10
(1) Gender 0.616 0.487 1
(2) Single child 0.384 0.487 0.168** —
(3) Student leader 0.517 0.500  0.063 0.068 —
(4) CPC member 0.579 0.495 0.041 0.020  0.330** —
(5) University classification 3.201 0.803  0.130*  0.064  0.017  0.147*" —
(6) Major classification 2.683 1.373 -0.078 -0.005 0.023 0.133* 0.058 —
(7) Psychological capital 3427 0.631 -0.026 -0.047 —0.045 0.104 -0.019 0.097 —
(8) Job satisfaction 3363 0.693 -0.144* -0.023 -0.025 0.046 -0.023 0.079 0.381** —
(9) Network size 3.247 1.145 -0.068 0.068 0.046 0.042 -0.001 0.094 0.203** 0.179** —
(10) Tie 2949 1148 -0.072 -0.048 0.043 —0.040 0.012 0.011 0.063 -0.102 0.159** —

Note: N=344. "P<0.05, "*P<0.01, and ***P<0.001.

This study results in several essential findings which
contribute to the literature regarding social networks and job
search. First, psychological capital is a type of invisible re-
source, and it can help job seekers to have better job search
behaviors and then good employment outcomes, e.g., ac-
quirement of satisfactory job offers. It is well known that
China has a large population and the competition in the job
market is very fierce. Thus, job seekers with higher psy-
chological capital are more likely to succeed in the

competition. This finding is consistent with previous re-
search on the positive effect of psychological capital on
employees’ attitudes or behaviors (e.g., satisfaction, per-
formance, and well-being) [29-31].

Second, social network structure, i.e., network size and
tie strength, is found to be a moderator of the relationship
between psychological capital and job satisfaction. Specifi-
cally, the impact of psychological capital on job satisfaction
will be stronger, when job seekers have a smaller network or



TaBLE 5: Results of exploratory factor analysis (EFA) in the study.

. Factors
Variables Items
2 3 4
PC1 0.816
PC2 0.832
PC3 0.844
PC4 0.832
PC5 0.846
PC6 0.820
PC7 0.837
PC8 0.859
PC9 0.860
PC10 0.808
PC11 0.883
. . PC12 0.860
Psychological capital PCI3 0906
PC14 0.913
PC15 0.933
PC16 0.898
PC17 0.903
PC18 0.890
PC19 0.859
PC20 0.882
PC21 0.931
PC22 0.922
PC23 0.886
PC24 0.908
JS1 0.792
Job satisfaction JS2 0.788
JS3 0.842
NS1 0.891
Network size NS2 0.945
NS3 0.893
T1 0.932
Tie strength T2 0.944
T3 0.933

TaBLE 6: Hierarchical regression of the influence of psychological
capital on job satisfaction.

Job satisfaction

Predictor
Step 1 Step 2
Control variables
Gender -0.137* -0.135**
Single child 0.003 0.018
Student leader -0.037 -0.005
CPC member 0.058 0.010
University classification -0.017 -0.003
Major classification 0.062 0.031
Independent variable
Psychological capital 0.374***
R? 0.029 0.164
AR? 0.011 0.147
F 1.652 9.430***

Note: N=344. The values in the table are standardized beta weights (b).
*p<0.05, **p<0.01, and ***p <0.001.

when job seekers have weaker ties in social networks. This
is an interesting and important finding, which indicates
the interaction between social network structure and

Complexity

TaBLE 7: Hierarchical regression of moderating effect of network
size on the relationship between psychological capital and job
satisfaction.

Job satisfaction

Variables
Step 1 Step 2 Step 3
Control variables
Gender -0.137* -0.127* -0.104*
Single child 0.003 0.009 —0.007
Student leader -0.037 -0.010 -0.023
CPC member 0.058 0.011 0.005
University classification -0.017 -0.003  -0.005
Major classification 0.062 0.024 0.015
Independent variable
Psychological capital 0.354***  0.264***
Moderator
Network size 0.096 0.124*
Interaction
Rsychologlcal capital x network -0.306***
size
R 0.029  0.173 0.258
AR? 0.011 0.153 0.238
F 1.652 8.748%** 12.894***

Note: N=344. * p<0.05, **p<0.01, and ***p<0.001.

psychological capital. Prior research showed the impor-
tant role of social networks in job search in Chinese
society. It is reported that Chinese guanxi (i.e., inter-
personal relationship between two individuals) [49],
which is a typical social network in China, could help
individuals to get job offers from a company and obtain
advantages and benefits through guanxi HRM practices
(i.e., HRM practices based on guanxi) [50, 51]. The
findings in this study proved the formidable influence of
social networks in Chinese society again, which echoes the
findings in prior research [49-51]. That is to say, if job
seekers have strong ties or large network sizes, the in-
fluence of psychological capital on job search behaviors
and outcomes will be weakened.

Third, the findings in this study also showed that dif-
ferent personal resources (e.g., psychological capital and
social capital) are helpful for job seekers to obtain satis-
factory job offers in the job search process. In the last
century, social networks, which are considered the most
important personal resource, significantly influence almost
every aspect of Chinese people’s life. As Xiong et al. pointed
out, one’s decision will be always affected by their neigh-
bors in social networks [52, 53]; e.g., users’ decisions are
often affected by the existing ratings on social media [54].
However, the economic reform and society development
lead to the perfection of legal regulation and policies and
transparency of the procedures. This results in the declining
significance of social networks in Chinese society. That is to
say, social networks as a part of social capital are no longer
the only personal resource that can determine whether
Chinese people could succeed in the competition, and this
represents the development of the society. On the other
hand, it is notable that job seekers who have large network
sizes or strong ties still rely heavily on the help of social
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FIGURE 3: Interaction of psychological capital and network size on job satisfaction.

TaBLE 8: Hierarchical regression of moderating effect of tie strength on the relationship between psychological capital and job satisfaction.

Job satisfaction

Variables
Step 1 Step 2 Step 3
Control variables
Gender -0.137* -0.144** -0.144**
Single child 0.003 0.012 0.004
Student leader -0.037 0.005 0.009
CPC member 0.058 0.000 -0.020
University classification -0.017 0.002 -0.026
Major classification 0.062 0.032 0.040
Independent variable
Psychological capital 0.383"** 0.299***
Moderator
Tie strength -0.136** -0.133**
Interaction
Psychological capital x tie strength —-0.291***
R? 0.029 0.182 0.258
AR? 0.011 0.163 0.238
F 1.652 9.342%** 12.925%**

Note: N=344. *p<0.05, **p <0.01, and ***p <0.001.

networks in the job search process. Every coin has two
sides; everything has both good and bad aspects. For in-
stance, it is proper for job seekers to collect more infor-
mation through social networks. However, it is
inappropriate for those job seekers to join a company
through informal social networks by violating procedural
justice because this kind of practice based on informal
social networks leads to the competitors’ perceptions of
unfairness [50, 51]. Therefore, it is important for Chinese
enterprises and all other organizations to take action to
ensure justice in the recruitment process. For instance,
managers could ensure a fair procedure in recruitment and

more transparent decision making, in order to reduce the
factors, which lead to unfairness [55, 56].

The study is not without its limitations. Firstly, this study
adopted a convenience sample, including only undergrad-
uates who are about to graduate. Future studies may test the
hypothesized model with various respondents, such as the
employees who have been working for a period. Secondly,
due to the limited time for all empirical studies, we collected
all the data for the survey within one month. Future studies
could consider collecting the data within a longer period,
e.g., collecting the second time data when the graduates start
their work for a period.
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