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In the process of children’s psychological development, various levels of psychological distress often occur, such as attention
problems, emotional problems, adaptation problems, language problems, and motor coordination problems; these problems have
seriously affected children’s healthy growth. Scene matching in the treatment of psychological distress can prompt children to
change from a third-person perspective to a first-person perspective and shorten the distance between scene contents and child’s
perceptual experience. As a part of machine learning, deep learning can perform mapping transformations in huge data, process
huge data with the help of complex models, and extract multilayer features of scene information. Based on the summary and
analysis of previous research works, this paper expounded the research status and significance of the scene matching method for
children’s psychological distress, elaborated the development background, current status, and future challenges of deep learning
algorithm, introduced the methods and principles of depth spatiotemporal feature extraction algorithm and dynamic scene
understanding algorithm, constructed a scene matching model for children’s psychological distress based on deep learning
algorithm, analyzed the scene feature extraction and matching function construction of children’s psychological distress,
proposed a scene matching method for children’s psychological distress based on deep learning algorithm, performed scene
feature matching and information processing of children’s psychological distress, and finally conduced a simulation experiment
and analyzed its results. The results show that the deep learning algorithm can have a deep and abstract mining on the
characteristics of children’s psychological distress scenes and obtain a large amount of more representative characteristic in-
formation through training on large-scale data, thereby improving the accuracy of classification and matching of children’s
psychological distress scenes. The study results of this paper provide a reference for further researches on the scene matching
method for children’s psychological distress based on deep learning algorithm.

1. Introduction

Children’s psychological distress refers to the distress
caused by the deviation of children’s psychological de-
velopment from normal in perception, thinking, emotion,
behavior, personality, attention, habits, and development,
which clinically often manifests as special developmental
disorders, extensive developmental disorders, childhood
hyperactivity, conduct disorders, emotional disorders, tic
disorders, and behavior disorders [1]. Psychological dis-
tress has a great negative impact on children, which not
only affects their normal study and life but also leads to
emotional and behavioral problems and may make severe
mental breakdown, or even suicide; in addition, if children

suffer from repeated psychological distress and cannot
cope with it, this will affect the normal development of
their future personalities [2]. Therefore, children’s psy-
chological distress should arouse great attention from
family, school, and society. A psychological scene is a
subjectively constructed environment, and the informa-
tion scene created by medium is as important as natural
environment in which people express their behavior [3].
Scene matching in the treatment of psychological distress
can prompt children to change from a third-person per-
spective to a first-person perspective and shorten the
distance between scene contents and child’s perceptual
experience, so as to achieve the scene creation containing
intelligent matching and element dissemination and have
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great significance to the treatment of children’s psycho-
logical distress [4].

As a part of machine learning, deep learning can perform
mapping transformations in huge data, process huge data
with the help of complex models, and extract multilayer
features of the data. Typical deep learning models mainly
include deep belief networks, stacked autoencoders, and
multilayer convolutional neural networks [5]. Deep learning
is essentially a deep abstract mining of data features, and a
large amount of more representative feature information
will be obtained through large-scale data training, thereby
improving the accuracy of classification or prediction [6]. In
deep learning methods, the focus is on the problem, the
feature vector is determined, and data processing is realized
by training and extraction, and deep learning methods can
help people carry out multilevel analysis of data represen-
tation [7]. Deep learning is essentially a process of con-
tinuous feature description, that is, a hierarchical feature
extraction process. The more features that are extracted and
more accurate, the easier it is to achieve overfitting; the fewer
and more fuzzy the feature extraction, the easier it is to
achieve under fitting. Therefore, how to use massive data to
train model parameters so that the training results reach the
peak accuracy is the difficulty of deep learning [8].

On the basis of summarizing and analyzing previous
research works, this paper expounded the research status
and significance of the scene matching method for children’s
psychological distress, elaborated the development back-
ground, current status, and future challenges of deep
learning algorithm, introduced the methods and principles
of depth spatiotemporal feature extraction algorithm and
dynamic scene understanding algorithm, constructed a
scene matching model for children’s psychological distress
based on deep learning algorithm, analyzed the scene feature
extraction and matching function construction of children’s
psychological distress, proposed a scene matching method
for children’s psychological distress based on deep learning
algorithm, performed scene feature matching and infor-
mation processing of children’s psychological distress, and
finally conduced a simulation experiment and analyzed its
results. The detailed chapters are arranged as follows: Section
2 introduces the methods and principles of depth spatio-
temporal feature extraction algorithm and dynamic scene
understanding algorithm; Section 3 constructs a scene
matching model for children’s psychological distress based
on deep learning algorithm; Section 4 proposes a scene
matching method for children’s psychological distress based
on deep learning algorithm; Section 5 conduces a simulation
experiment and analyzes its results; Section 6 is conclusion.

2. Methods and Principles

2.1. Deep Spatiotemporal Feature Extraction Algorithm.
Compared with shallow learning, deep learning has two or
more hidden layers; in order to discover the distribution
characteristics and potential attributes of the data, it con-
verts the combination of low-level features into high-level
abstract features. The core is to make the data from the
concrete through nonlinear transformations; from abstract,
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low-level to high-level, the mathematical relationship be-
tween them can be expressed as follows:

f(x) =k[m,a(x) -nb(x)], (1)

where f(x) is hidden feature; a(x) is nonlinear activation
function; b(x) is the common activation function; k is the
actual output ratio before and after hidden feature trans-
formation; m, is weight matrix; n, is error vector.

Hj; is used to minimum norm sparse optimization to
obtain the sparse weight direction value, and the key element
to optimize and update the extracted features is

e f(x)-s3)
H;; (x) = V;le—f(x) 0y (2)

where y is the number of factors; s(i) is the size of node i; s(j)
is the size of original node j; n and m are the number of
features and samples, respectively.

The downsampling layer is to perform local averaging
and secondary extraction of the feature scene of upper layer.
This operation can not only reduce the amount of data, but
also retain useful information, reduce the calculation time,
and reduce the sensitivity of the network output to dis-
placement and deformation. Assuming the feature scene of
i-th convolutional layer P;, then

noy X,
P- — J 1 l, 3
=y 3)

where X; is activation function; Y; is the set of input feature
maps of previous layer; u; is the weight of learnable con-
volution kernel; v; is the only additive bias of convolution
feature scene.

The result of the pooling layer is input into the classi-
fication layer for classification, and the classification layer
calculates the predicted probability distribution W(y|x) of
the label corresponding to the input sequence through lo-
gistic regression:

W(ylx)=alne, +f1In €y (4)

where e, and e, are the classification numbers of x and y; «
and 8 are the weight values when the model predicts dif-
ferent classification numbers.

Given a set of randomly selected training data, since the
conditional probability value of the hidden unit only de-
pends on the distribution of the explicit unit, the conditional
probability of the hidden unit is

n S. T,
E = J —+0-], 5
! i=1 [P Pi Pi ( )
where E; is the connection strength between visible unit and
hidden unit; S; is the bias of visible unit #; T; is the bias of
hidden unit i p is the state of visible unit; ¢ is the state of

hidden unit.

2.2. Dynamic Scene Understanding Algorithm. Assuming the
neural network parameters are as follows: z;(i=1, 2, ..., n) is
input sample, then z{ is the component of each sample, g is
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the weight of the i-th neuron, then its input and output will
satisfy the following equation:

dz;, <z -g(z
@2y —?((z-l))’ (©
i=1 Ti i
where t is the weighted cumulative sum of the input; g(z;) isa
function that slows down the speed of z; I(z;) is a mono-
tonically rising nonlinear function.

When the state of all neurons on the visible layer is given,
the probability of a certain neuron on the hidden layer is
activated; that is, the posterior probability is calculated:

u; = 0r;ig(z;) + el (z;), (7)

where § is the bias of hidden layer; 7, is the bias of the i-th
neuron in hidden layer; ¢ is the weight matrix between
visible and hidden layer; ¢; is the link weight between the
neuron and the i-th neuron in visual layer.

Assume that U(i) is used to represent the category of
sample i and the probabilistic collaboration space is

k
U - LZ}(W , 8)
where dy is the matrix composed of all the features; E; is the
matrix composed of all the features; h; is the class label; F; is
the linear space formed by the collaborative representation
of all samples.

There are usually averaging methods, voting methods,
and learning methods for combining multiple learners. The
averaging method averages the outputs of multiple learners
to obtain the final prediction. When the average calculation
is a simple arithmetic average:

1 %5 TE;
S(x) =;£{U,-[a—wi(x>], (9)

where S(x) is the final prediction result, 7 is the number of
learners, E; is the prediction result of a single learner, and W;
is the weight of a single learner.

Only using the normalization method can adjust the
input distribution of each layer and speed up training, but it
will change the input feature expression. Therefore, batch
normalization adds two parameters to scale and translate the
normalized value to maintain the model expressive ability:

f(x) — u,-h(x) _ ziv(x), (10)

where f(x) is the x-th input in a batch of inputs, /(x) is a tiny
constant added to ensure numerical stability, and v(x) is the
mean matching degree of the batch of inputs.

3. Scene Matching Modeling for Children’s
Psychological Distress Based on Deep
Learning Algorithm

3.1. Feature Extraction of Children’s Psychological Distress
Scenes. Psychological research shows that a healthy psy-
chology is essential for children’s growth and healthy per-
sonality, but many parents in real life do the opposite. The

result is that children’s psychological endurance is too low to
a certain extent, so that they cannot withstand the pressure
and setbacks in life; even a small matter can make them
depressed, decadent, self-destructive, or afraid. Family size
and family relationships are closely related to the devel-
opment of children’s psychological health. A set of concise
and artistically beautiful scene matchings should be a good
medium for coordinating the entire activity space, and a
guiding system design with formal aesthetics should guide
the viewers to produce correct behaviors while bringing
them beautiful visual experience and enjoyment. Children
will have success in the process of learning and living, and
they will inevitably encounter failures; they will have positive
emotions, but they cannot avoid negative emotions.
Therefore, parents should actively create opportunities for
children to match scenes, encourage children to go to
communities and playgrounds to help them experience the
joy of activities with others, and consciously guide children
to follow the rules of communication and learn to pay at-
tention to the emotions of others. They change, experience,
and understand the emotions of others and let them ex-
perience the psychological state of others in the game in-
teraction, so as to correct the child’s aggressive behavior [9].
The scene matching of the guidance system must have an
aesthetic function while transmitting information, which
should become an important part of the entire public activity
space. This kind of design art with practical functions can
not only have a positive influence on children’s behavior, but
also have culture and spirit and can have a comprehensive
and positive influence on children Figure 1. The perspective
of children in the process of design is to make correct
judgments on their own ability of a certain behavior which is
not only beneficial to children’s psychological health but also
has a great impact on learning how the system can better met
the needs of children. Research and design can only be a sign
but should be a sign that fully integrates the surrounding
environment and can correctly guide children’s behavior.
Therefore, the important significance of designing a scene
matching system is to stimulate children’s exploration spirit
while ensuring safety and to create a good environment for
exercising children’s physical abilities. This requires de-
signers to design systematic scene matching from the per-
spective of children in the process of design and at the same
time considers more humanistic care and truly considers
how the system can better meet the needs of children.
Children’s memory of repeated scenes and cochanging
target positions in real scenes is explicit. The results of the
study using simple stimulus matching found that there was
no difference between the correct recall rate and the
random level of repeated matching and covariation target
positions, indicating that the memory is implicit. The
different results obtained by using real scenes and simple
stimulus matching as research materials may be due to the
fact that real scenes can be quickly classified and defined
and provide expectations about spatial locations and
constituent objects and then guide attention to the scene
area related to the task [10]. Moreover, the semantic
memory of the scene content such as the scene category
and object placement rules in the real scene can also
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FIGURE 1: Scene matching framework for children’s psychological distress based on deep learning algorithm.

promote the acquisition of clue benefits. Children can
obtain background cue effects, and memory can guide
their attention; therefore, in real scenes, explicit memory
plays a role in the background cue effect. This shows that
when human beings come to this world, they can arm
themselves with skilled learning mechanisms and develop
rules that exist in the objective world. Using real scenes as
the search background is an essential extension of this
work. It shows that children can sensitively obtain back-
ground structure information and the covariation rela-
tionship between background and target in a complex real
environment, and this memory guides the distribution of
attention and becomes more effective with experience.

3.2. Matching Function Construction of Children’s Psycho-
logical Distress Scene. From the school’s perspective,
teachers can change their educational concepts, pay atten-
tion to children’s psychological changes and emotional re-
actions, attach importance to the guidance and assistance of
psychological distress, deliberately understand children’s
psychological characteristics, and strive to improve teaching
and education methods. Teachers can try to use psycho-
logical education methods to deal with children’s problems,
not just moral education methods; in education and
teaching, teachers should always pay attention to the pos-
sible impact of their words and deeds on children and try
their best to avoid harm to children’s self-esteem. To
maximize the elimination of teacher-induced psychological
damage, schools can set up a children’s activity room, a
psychological consultation room, and a love mailbox, so that
children with psychological distress can go to rest, and if
they have something to tell, they can get help from a psy-
chological teacher. In addition, schools can conduct courses
with positive psychological guidance to form a targeted
education method. The courses with positive psychological
guidance must have some learning and interesting scenes;
children can use these scenes, such as setting up situations,
assigning roles, and discussing methods. They make these
psychologically troubled children have more psychological
tolerance, allow them to have an optimistic attitude, and
get along with people around them and being friendly,

control their emotions, and avoid being pessimistic when
encountering certain things.

The level of group relationship in the peer relationship,
that is, peer status, reflects the degree to which peers like or
dislike individuals. Previous studies have shown that peer
acceptance of children has a lower incidence of internal and
external problems due to the harmonious relationship be-
tween peers and more support. The peers refused to expe-
rience more loneliness, poorer academic adaptation, more
aggressive behaviors, and violations of discipline. Figure 2
shows the matching function construction of children’s
psychological distress scene. There are plants, such as trees
and flowers, which are symbols of vitality, energy, and
beauty, and daily necessities, such as food and lighting,
which are expressions of achievement and hope. The lack of
plants and daily necessities shows that the peers reject the
child’s lack of energy and psychological state. In addition,
parents with a good parent-child relationship can teach their
children how to deal with peer relationships, such as how to
deal with disputes and avoid embarrassment, and encourage
children to learn to tolerate others and guide children to
cope with pressure from others [11]. Children rejected by
their peers may not be able to get support from family
members due to insufficient parent-child relationship. Their
inner conflicts cannot be resolved by external forces and all
these help children develop good peer relationship and they
are trapped in their own world and have difficulty com-
municating with others.

In scene matching, when children complete a task alone
or in a team, they face the physical difficulties they must face
during their growth. This is good for the establishment of
their independent personality, and a good scene matching
will also help and the growth of his life has a certain pro-
moting effect. Scene matching is originally done by a team
and the emotions generated in this process are unmatched
by other methods. At the same time, the emotions cultivated
in the treatment of this adversity will be valued and cher-
ished, and they will also get to know a group of people who
are treated as good friends and partners. In the storyline, no
matter how many people you know around you, you always
have to contact strangers. This means that children are an
attack directed at oneself and can better understand the
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F1GUre 2: Matching functions construction of children’s psychological distress scene.

psychological states of others’ thoughts, which are designed
to realize the semantic level question-answering system.
Through this independent contact, the treated person will be
able to face the unknown world independently and able to
deal with the world and face it independently in the future.
Therefore, the pain and insecurity that the treated person
needs to bear the treatment process and the recovery period
are still and issue the children themselves need to bear. Of
course, the setting of the care link in the plot scene is to allow
more people to care to reduce the loneliness, boredom, and
helplessness of the treated person. Through the completion
of a task, a partnership has been established and their care
and blessings are extremely important for the recovery of the
disease [12].

4. Scene Matching Method for Children’s
Psychological Distress Based on Deep
Learning Algorithm

4.1. Information Source Processing of Children’s Psychological
Distress Scenes. Human cognitive ability mainly includes
memory ability, attention, perception ability, imagination,
and thinking ability. Predecessors have studied the ob-
stacles of students in learning and divided them into ac-
ademic  obstacles and developmental obstacles.
Developmental obstacles generally include insufficient
memory, defects in perception, unusual thinking skills and
language flaws, and flaws in the ability to judge numbers.
Human cognition is a stage of rapid development in
childhood, and children’s cognitive abilities should be paid
more attention to in order to promote the healthy and
comprehensive development of children [13]. Only in this
way can children be encouraged to learn actively and
independently after entering primary school, and they
want to master more from the heart. For adults, children
should always be encouraged and affirmed in their daily
study and life, actively praised for their correct behavior,
and promoting the further development of their initiative.
Children’s confidence occupies an important position in

personal self-awareness, which is a powerful kinetic energy
that can mobilize people’s enthusiasm and promote
people’s willingness to take the initiative.

The deep learning algorithm experimental platform, with
cloud computing, and big data as the technical background,
with artificial intelligence, machine learning, and deep
learning algorithm as the core technology, realizes training
in artificial intelligence fields such as speech recognition,
image recognition, and natural speech processing. With the
increase of the number of iterations, both the feature ex-
traction and the average reconstruction error have a good
improvement in the matching of children’s psychological
distress scenes. The degree of confidence network model can
be carried out through unsupervised training in the pre-
training stage and does not require a large amount of label
data, which greatly improves the adaptability of the model
Figure 3. In the pretraining process, the selection of pa-
rameters can speed up the convergence and reduce the
computational complexity [14]. Unsupervised training im-
proves the effectiveness of training parameters and prevents
the calculation results from entering the local optimum
instead of the global optimum. In this learning method, a
large number of training samples constitute a sample set,
and each training sample contains an input value and an
expected output value. The realization of the supervised
learning function is mainly to build a model through deep
learning algorithm and then compare the prediction results
generated by the model with the final data processing results
and continuously optimize and adjust the model according
to the deviation of the two to improve the model prediction
results.

Defects in social emotional ability are the core of chil-
dren’s social psychological distress. In the field of normal
children’s social emotional ability training, the methods and
courses are quite mature and suitable for children with
psychological distress, but they are very dependent on the
development of children’s psychological theory and envi-
ronmental hypotheses. The use of modern information
media to other information technology media is conducive
to more accuracy, and children can increase the influence of
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psychological education in life. Deep learning is a hierar-
chical feature extraction process, which is often used for
feature extraction and classification and recognition as the
input connection classifier. The intervention of children’s
psychosocial and emotional abilities requires the joint efforts
of children, schools, and parents, which requires interven-
tion from multiple perspectives such as the environment,
curriculum, and intervention, and it is a continuous process.
Compared with the actual environment of the intervention
scene matching intervention, although it has the advantages
of safety, economy, and high efficiency, many researchers are
worried about its ecological validity. Practice has proved that
the social emotional ability training courses have achieved
great success in the field of normal children, but the in-
teractive vehicles used in the commonly used intervention
methods in these courses, such as pictures and story scripts,
are very dependent on children’s psychological theory,
hypothetical environment, and imagination. In addition to
that, children’s psychological distress lacks interest in
interacting with others and society, and their attention and
cooperation abilities are also flawed. They often fail to co-
operate with classmates and teachers to complete the course
training, making the intervention fail to achieve the desired
effect.

4.2. Feature Matching of Children’s Psychological Distress
Scenes. Many psychological distresses of today’s children
are caused by the influence of information technology
media such as the Internet and digital television. In the
online world and scene plots, children can find many
partners with similar behaviors and ideas, forming a sense
of belonging and dependence. However, due to the illusory
nature of the Internet and digital scene and the unilateral
nature of communication, children’s society opportunities
for communication are greatly reduced, so that they
gradually break away from the true companionship.
Therefore, the contradiction between the desire for
communication and psychological lock-in hidden deep in

the heart has been exacerbated. This is also a new problem
taced by modern psychological education due to infor-
mation technology. The use of modern information media
to provide individualized psychological education to
children can increase the influence of psychological ed-
ucation in life. It can also better detect potential serious
psychological distress through information technology
media and take appropriate educational countermeasures
in time. For children with general psychological distress
and severe psychological distress, further help and treat-
ment are provided. At the same time, the use of other
information technology media is conducive to more ac-
curate and convenient establishment of school psycho-
logical education files and scene matching. It is especially
effective for some students who are depressed and anxious
due to improper learning methods, poor interpersonal
communication, and poor psychological adjustment
ability, which affect normal study and life [15].

In this method, the feature quality needs to be deter-
mined first, which directly determines the development
efficiency of the final learning results, which is necessary to
use semantically presented intersecting vectors to expand
the research. This method can improve the dimensionality of
the entire calculation process and avoid actual phenomenon
of increased efliciency; this process can be realized by means
of principal component analysis and deep learning algo-
rithm Figure 4. Deep learning methods can perform local
averaging and secondary extraction, and children can obtain
the guidance and assistance of psychological distress. The
lack of plants and daily necessities shows that the peers reject
the child’s lack of energy and psychological state. At present,
deep learning algorithm has been widely used, including
image recognition, speech recognition, and language pro-
cessing. Because they are applied in different fields, their
research focuses are also different and part of the focus is on
system discovery and part of the focus is on nonlinear model
establishment [16]. The clustering algorithm usually merges
the input data according to the center point or layering the
data and finds the internal structure of the data to classify the
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data to the greatest extent. Association rule learning is a deep
learning algorithm to improve the accuracy of decision-
making. Through data analysis, the internal correlation
between data is grasped, so as to determine the relationship
between variables and grasp the rules behind the data.
Similar to the clustering algorithm, the dimensionality re-
duction algorithm is also an attempt to obtain the internal
structure of the data through the algorithm.

For children, school life is an important environment
for their socialization and the impressions these children
convey are rooted in the subtle influence of teachers’ rules
in school daily life. The good behavior of children in this
situation is often the behavior that teachers expect them to
perform; the role played by children is often the role that
teachers expect them to play for teachers’ cultivation of
children’s good behaviors. In essence, there is an opera-
tional agreement between the two, that is, the performer’s
satisfaction with the audience’s expectations. Social life is
complex and diverse, and this makes the cast members
assume multiple roles. Therefore, there is a teacher-student
relationship between the educated and the educator be-
tween children and their parents and there is also a parent-
child relationship between parents and children. The role
characteristics of children in the parent-child relationship
have become an important factor affecting children’s
current behavior, which is also an important reason for the
differences in their behavior. The teacher-student rela-
tionship is a derivative of social culture, which depends on
the development and maintenance of educational activities
in the teacher-student relationship. The role image of
children is constantly being institutionalized into the
image of the educated and in the parent-child relationship.
The interaction between parents and children is not only
educational activities but also parenting activities, games,
and so on. In addition to being educated, children are also
fostered and game participants.

5. Simulation Experiment and Result Analysis

5.1. Simulation Experiment Design. Among the factors that
affect children’s psychological distress, social cultural factors
are the main factor, which includes the comprehensive effect
of various factors such as urban and rural cultural differ-
ences, multimedia culture, and multiculturalism. Analysis of
these factors can help solve children’s psychological distress
problems and promote their healthy growth and develop-
ment. The coexistence of multicultural forms has established
multiple value scales for all areas of social life, and there are
even multiple value judgment standards for the same thing,
and each value standard can find a reasonable basis from its
own subordinate culture. In the noise of multiple values, it is
difficult for adults to form a sense of belonging to a certain
culture and fall into the confusion of value choices; this
confusion naturally affects the surrounding children, and
their value choices are more guided by adults. Growing up in
such a cultural environment, how to cultivate children’s
cultural feelings and cultivate and explore their imagination
and creativity are important issues that need to be resolved
urgently [17]. There are many problems that need to be
solved urgently, such as their psychological and behavioral
problems, their studies, conduct, and interpersonal rela-
tionships. Through this independent contact, the use of
modern information media to classify the data to the greatest
extent and cultivate children’s cultural feelings cultivates and
explores their imagination. Regarding the education of
migrant children, the rule-based method is to resolve
conflicts by themselves in actual situations. Parents and
teachers need to understand relevant knowledge, early at-
tention and scene matching, to prevent these psychological
problems from aggravating and becoming psychological
disorders or even psychological illnesses. The matching
training accuracies and test accuracies of four typical chil-
dren’s psychological distresses (solitary scene matching,



social scene matching, entertainment scene matching, and
learning scene matching) are shown in Figure 5.

The development of semantic analysis and recognition
provides new directions for solving related problems.
However, the current research on automatic question an-
swering systems has not reached the level of semantic
recognition. Therefore, to realize the semantic level question
system, current common knowledge based on application
fields studies the semantic representation of knowledge. An
object-oriented semantic knowledge provided the basis for
question-answering system and related research (Figure 6).
The principle of knowledge base based on structured query is
to transform the questions raised by natural language into
structured query sentences and mainly use methods based
on rules, keywords, synonyms, and semantic analysis to
transform the question text. The perception stage is the
processes in which all the feature maps are expanded, its
adjacent layers were closely related, and the dependence on
the environment cannot be satisfied. The rule-based method
is to scene questions to predicate through artificially con-
structed rules, such as predicting related questions based on
a set of question patterns. However, the recall rate of this
type of method is low due to the limitation of the scale of
manual construction rules and the knowledge base system is
an entity that stores knowledge, which is a product of the
combination of database technology and is the foundation of
artificial intelligence application systems.

Children with a high level of theory of mind can better
understand the psychological states of others’ thoughts,
intentions, and emotions, and in the process of interacting
with other children, they will also adopt more acceptable
strategies to better meet the needs of others. Children who
use this strategy show that they have taken into account the
interests of both parties and considered the acceptable de-
gree of the solution by both parties, so, in a sense, this is a
more scientific method. For conflicts in hypothetical situ-
ations, negotiation is the main choice, while in actual conflict
situations children are more inclined to adopt coercive
strategies. The second is that, for the third-party strategy, the
parents’ choice scores higher, but, in the two actual sce-
narios, they can only be classified into other strategies. This
means that children are more willing to resolve conflicts by
themselves in actual situations, rather than seeking help
from teachers or parents as parents imagine. The above
difference may be caused by the difference between the two
measurement methods. Parents may choose strategies based
on children’s daily performance, ignoring the situational
factors in the premise; children need to choose a strategy
based on actual conflict situations and specific problems, and
in these two story situations, may be everyone feels that there
is no need for children to seek help from a third party, and
they can resolve the conflict by themselves [18].

5.2. Result Analysis. The object relationship theory believes
that, in the early development of the individual, the object
relationship is underdeveloped, the empathy relationship
and the empathy function are impaired, and the dependence
on the environment cannot be satisfied, so anger and nar-
cissistic attack occur. Attacks directed to the inside result in
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anxiety and depression, while attacks directed to the outside
often result in aggressive behavior, violation of discipline,
and antisocial behavior. This shows that the arms that are too
long may only reflect the presence of unconsciously driven
aggressiveness, but the direction of the attack cannot be
determined, and it may be an attack directed at oneself,
depression, or an attack directed outwards. For conflicts in
hypothetical situations, negotiation is the main choice, while
in actual conflict situations children are more inclined to
adopt coercive strategies. Their overactive, disciplinary, and
aggressive behaviors have not been corrected in time and
turned into internalized manifestations Figure 7. As they
grow older, internalized manifestations can be reversed
when the transform is into explicit behavior [19]. The
treatment goals for children with psychological distress
include increasing self-control and behavior inhibition,
reducing disruptive behaviors, developing effective com-
munication behaviors, problem-solving skills and problem-
solving skills, improving interpersonal relationships, re-
ducing their peers’ rejection of them, and increasing self-
confidence, reduce the troubles of parents and family, and
increase the compliance with parents, the completion rate of
task operations, and the accuracy rate of completing tasks.

Deep learning is essentially a process of continuous
feature description, that is, a hierarchical feature extraction
process and the more features that are extracted and the
more accurate, the easier it is to achieve overfitting. The
fewer and more fuzzy the feature extraction, the easier it is to
achieve underfitting, and connecting the network structure
is one of the most basic methods in deep learning networks.
Therefore, how to use massive data to train model param-
eters so that the training results reach the peak accuracy is
the difficulty of deep learning. In the early days, it was often
used for feature extraction and classification and recogni-
tion, but its adjacent layers were closely related and
demanded a large amount of storage space and computing
space. The main function of generating a confrontation
network is to generate confrontation samples [20]. Com-
pared with other models, its advantage is that it can generate
better samples, can train any kind of generator network, and
can effectively avoid the problems of its process and ap-
proximate calculation probability. Its main function is to
perform feature extraction and the advantage is that it can
model the content of the sequence. The disadvantage is that
there are many training parameters and inconvenient ad-
justment, gradient explosion, and gradient dissipation may
occur, and the network does not have the ability to learn
features. After the last feature extractor, all the feature maps
are expanded and arranged into a one-dimensional feature
vector, which is used as the input connection classifier [21].

From the perspective of cognitive psychology, chil-
dren’s painting process is divided into three stages: per-
ception, reflection, and production. The perception stage is
the process in which children feel the shape, color, light,
space, and other attributes of the painted object and the
integrity of the complete image formed by the painting
activity. After this, children will psychologically process
and reform the aesthetic psychological images acquired
through perception. This process of psychological
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processing and transformation is also the stage of reflec-
tion [22]. The production stage is the result of children’s
introspection, and the initial painting is formed by using
painting tools and materials such as paper and pen, as well
as artistic language such as modeling and composition. The
above scene matching process needs to be repeated and
includes modification and correction of the created con-
tent and children’s attention is very easy to be attracted or

diverted. When the entire interaction process is relatively
boring, children’s attention can easily be transferred to
other places and children’s attention can be attracted
through sounds, animations, and so on. Children’s ability
to remember, maintain, re-recognize, and reproduce the
content and experience reflected by objective things is very
weak, so the transfer between different physical states in
the scene matching design should be as simple as possible.
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6. Conclusions

This paper constructed a scene matching model for chil-
dren’s psychological distress based on deep learning algo-
rithm, analyzed the scene feature extraction and matching
function construction of children’s psychological distress,
proposed a scene matching method for children’s psycho-
logical distress based on deep learning algorithm, performed
scene feature matching and information processing of
children’s psychological distress, and finally conduced a
simulation experiment and analyzed its results. Deep
learning is essentially a process of continuous feature de-
scription, that is, a hierarchical feature extraction process.
The more features that are extracted and more accurate, the
easier it is to achieve overfitting; the fewer and more fuzzy
the feature extraction, the easier it is to achieve underfitting.
In scene matching, when children complete a task alone or in
a team, they must face physical difficulties during their
growth, and this is good for the establishment of their in-
dependent personality, and a good scene matching will also
help. The degree of confidence network model can be carried
out through unsupervised training in the pretraining stage,
which does not require a large amount of label data, which
greatly improves the adaptability of the model; in the pre-
training process, the selection of parameters can speed up
the convergence and reduce the computational complexity.
The role image of children is constantly being institution-
alized into the image of the educated and in the parent-child
relationship. The interaction between parents and children is
not only educational activities, but also parenting activities
and games. This requires designers to design systematic

scene matching from the perspective of children in the
process of design and at the same time considers more
humanistic care and truly considers how the system can
better meet the needs of children. The results show that the
deep learning algorithm can have a deep and abstract mining
on the characteristics of children’s psychological distress
scenes and obtain a large amount of more representative
characteristic information through training on large-scale
data, thereby improving the accuracy of classification and
matching of children’s psychological distress scenes. The
study results of this paper provide a reference for further
researches on the scene matching method for children’s
psychological distress based on deep learning algorithm.
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