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With the increasing number of social networks emerging and evolving, the influence of social networks on human behavior is now
again a subject of discussion in academe. Dynamics in social networks, such as opinion formation and information sharing, are
restricting or proliferating members’ behavior on social networks, while new social network dynamics are created by interpersonal
contacts and interactions. Based on this and against the backdrop of unfavourable rural credit development, this article uses CHFS
data to discuss the whole and heterogeneous impact of social networks on rural household credit behavior. -e results show that
(1) social networks can effectively promote rural household credit behavior; (2) social networks have a significant positive impact
on both formal credit and informal credit, but the influence of the latter is stronger; (3) both emotional networks and instrumental
networks have a positive impact on formal credit and informal credit, and their influences are stronger on informal credit; (4) the
influence of emotional network is stronger than instrumental networks on either formal credit or informal credit.

1. Introduction

For the past sixteen years, the documents of the Central
Committee of the Communist Party of China (CPC) have
been focused on the issue of “agriculture, rural areas and
farmers.” From promoting supply-side structural reform in
agriculture to combating poverty and implementing the
strategy of rural revitalization, rural financial reform is al-
ways involved. With the state attaching great importance to
the priority development of agriculture and rural areas,
China has initially formed a multisubject and multilevel
rural financial service system, including policy-oriented,
commercial financial institutions, formal finance with Rural
Credit Cooperatives as the main body, and informal finance
with private lending, pawnshops, and loan companies as the
main body. China’s rural financial system has been growing
and improving. However, at the same time, rural households
face financial constraints both in their daily lives and in
agricultural production; their funds are in great demand [1].
According to the China Rural Financial Services Report, the
balance of rural household loans stood at 10.34 trillion yuan
at the end of 2019, up 12.1% year on year but down 1.8%

from the end of last year. Among these, borrowing from
relatives and friends remains the main solution, with a high
proportion of 68.3%, compared with 24.4% from formal
financial institutions. From the attitude of rural households
to loans, 73.8% had no willingness to use credit and insisted
on doing things according to the money they had on hand.
Another 12.7% of rural households only consider loans for
agricultural operations, while 9.2% consider loans for both
household and agricultural operations. From the above data,
the attitude towards credit use for rural households in China
is still refusal and rejection; even if it is necessary, rural
households prefer to borrow money from relatives and
friends.

Why is this happening? On the one hand, rural land is
owned by collectives while rural households have lower
economic level, fewer household assets, and lack of corre-
sponding collateral in the formal credit market [2], coupled
with weak awareness of rural household credit, which cause
serious information asymmetry between rural households
and formal financial institutions, leading to adverse selec-
tion, moral hazard, and so on [3]. -ese above make rural
households subject to more serious formal credit
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constraints. On the other hand, China has always attached
great importance to “human relations,” which are a typical
relationship-oriented group. In social networks, if one party
is short of funds, the first choice is to borrowmoney from his
relatives and friends and the other is often the willingness to
borrow money free because of “human relations” [4]. In
addition, in rural areas, social networks not only can reflect a
person’s relationships but also, to some extent, can be used
as a symbol of their credit and asset levels [5]. Social net-
works refer to “a relatively stable association system formed
between social individuals because of interaction,” which
can be used as an indicator to measure the level of rural
family “relationship” [4]. Using social networks of rural
households can not only reflect the strength of informal
credit but also alleviate the problem of information
asymmetry between rural households and financial in-
stitutions to reduce the moral hazard and adverse selec-
tion of rural households [5]. -e reasons are the stronger
the social networks, the greater the reputation loss when
breaking the contract, in return reducing social networks’
strength and making the cost of breaking the contract
higher [6]; besides, rural households in the same social
networks can improve each other’s loan repayment ability
and credit standing [7].

In recent years, scholars have made an extensive and
deep analysis on the problem of rural household credit in
China and made theoretical and empirical analysis on the
basic characteristics, influencing factors, and economic ef-
fects. Most works of literature on social networks and rural
household credit thought that social networks have a sig-
nificant role in promoting rural household credit behavior.
Yang et al. discussed the relationship between social net-
works and farmers’ private credit demand behavior and
pointed out that social networks increased farmers’ private
credit demand and further promoted farmers’ private credit
behavior [1]. Hu and Chen focused on farmers’ lending
behavior and found that the tighter social networks are, the
more lending behavior farmers would take [2]. Shoji et al.,
based on the data of Sri Lanka, deeply discussed the rela-
tionship between social capital formation and credit access
and concluded that the quicker the social network formed,
the easier the credit access [8]. Zhou analyzed whether the
number of brothers of householders would affect families’
saving rate in the financial market, and the research revealed
householders with more brothers had a higher saving rate
for they prepared to help each other; this meant more
relatives would decrease the possibility of householders to
use credit [9]. Many scholars have broadened their research
perspectives on the strength and weakness of social network
relationships [10], the structure of social capital [11], and the
quality of social capital [12] and obtained different con-
clusions. -erefore, with the situation of previous re-
searches, we found that though contents in previous research
are extensive, neither the theoretical level nor the empirical
level has been able to draw a consistent conclusion on the
specific role of social networks on rural household credit
behavior [12, 13], some research conclusions were contra-
dictory [7, 8], and some studies that found the relationship
and degree of social networks on rural household credit

behavior were heterogeneous [10–12].-us, further research
is necessary.

Considering the importance of social networks for rural
economic development and the increasing formal credit
demand, easing credit constraints, and raising the viability of
formal credit institutions, this article studies the influence of
social networks on rural household credit behavior based on
social network theory, including the influence on formal
credit behavior and informal credit behavior. What is more,
it discusses the influence from emotional and instrumental
heterogeneous perspectives. From theoretical and empirical
analysis, we expect to explain the question of whether social
networks can promote rural household credit behavior and
how the relationship varies under the heterogeneous situ-
ation, finally expand China’s rural financial system, and
improve the availability of rural household financial services
to give targeted policy recommendations and satisfy the
credit needs of rural households.

2. Theoretical Analysis and Hypothesis

2.1. Mechanism of Social Network on Rural Household Credit
Behavior. For debtors, there are usually two levels of de-
cision-making in their lending behavior: the first level is
whether to borrow and the second level is whether to keep
the contract, as shown in Figure 1. Among them, the return
of households that do not borrow is zero, while the return of
keeping contract after borrowing is R1 and the return of
breaching contract after borrowing is R2.

Usually, the decision tree is analyzed from far to near, so
we first use the game method to judge the second-level
decision (whether to keep the contract or not). Social net-
works have punishment mechanisms and reputation in-
centive effects [9]. When rural households borrow money
and sign a contract, social networks would use the reputation
mechanism to regulate and restrain it. If debtors violate the
terms of the contract, they would be regarded as dishonest
and ungrateful, making the debtors fall under psychological
pressure and moral condemnation, thus encouraging the
debtors to take the contract seriously. From the perspective
of game theory, there is often a prisoner’s dilemma between
debtors and creditors, which leads to credit constraints.
Meanwhile, social networks can use their own punishment
mechanism and reputation incentives; thus, the prisoner’s
dilemma game with finite duration is transformed into a
repeated game with an infinite duration. In fact, the rural
household credit behavior is often conducted many times;
both debtors and creditors need to enter the market re-
peatedly and deal with different opponents, so the game
behavior of rural household credit undoubtedly has the
repeated game characteristic of the infinite boundary.

Firstly, we assume that the rural household credit be-
havior is an infinite repeated game; secondly, there is a
penalty mechanism in social networks, which can prevent
the participants from defaulting easily; finally, we assume
that the returns of both debtors and creditors are observable.
-e return on rural household credit is shown in Table 1,
where b< a. -e bottom right of the table is a game equi-
librium formed by the rational behavior of both debtors and
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creditors, both sides benefit from b, but it is not stable. -e
upper left is in the formal credit situation; if debtors choose
to default, due to the existence of social networks’ pun-
ishment mechanism, debtors will have a loss of c unit, in-
cluding reputation loss or financial loss, and creditors will

suffer a loss due to the debtors’ default behavior, the return is
zero or even negative; if debtors perform, creditors get a unit
of return. In informal credit, if debtors violate, they will get a
unit of revenue but also pay c unit of social network penalty
cost and creditors’ revenue will be zero.

Because we assume the game behavior of rural house-
holds is an infinite repeated game, the total income of both
sides is the discounted sum of the income in each period;
that is,

Ri �
1 − δ

1 − δt+1 

∞

t�0
δri θt( , (1)

where Ri is the total income of debtors and creditors and δ is
the discount factor, 0≤ δ ≤ 1, and ri(θt) is the income of
debtors and creditors in t period. At this point, we analyze
debtors’ behavior. If debtors refuse to default, the total
return is

R1 � (1 − δ) b + bδ + bδ2 + · · · + bδt
+ · · · . (2)

-e limit of equation (2) is b. On the other hand, if
debtors always default in the t period, then total return is

R2 � (1 − δ) b + bδ + bδ2 + · · · + bδt− 1
+ aδt

− 2cδt
+ aδt+1

− 2cδt+1
+ · · · . (3)

Simplifying equation (3) and calculating limit, we get

R2 � b − δt
(2δ − 2c − b). (4)

Debtors choose to keep the contract only when R1 >R2,
which means

δ > c +
b

2
. (5)

If the discount factor is understood as the patience of
the players in the game [1], equation (5) shows that the
degree of punishment c can increase the discount factor
and the debtors’ patience and make them confident in
their potential future earnings, thus reducing the in-
centive to default. -at is, the greater the social networks
penalty, the greater the debtors’ patience and the smaller
the incentive to default. Generally, the richer the social
networks, the faster and farther the information transfer
and the greater the penalties. -erefore, social networks
help to promote rural household compliance behavior. In
the second level of decision-making, households with
stronger social networks are more likely to choose to keep
the contract.

Furthermore, we make the first-level decision (whether
to borrow or not). Rural households will choose to perform
under the influence of a sufficiently large social network,
which means R1 >R2 and R1 � b> 0. Under this circum-
stance, as opposed to not borrowing and no earning, rural
households will choose to borrow. -at is, the stronger the
social networks are, the more likely the rural households are
to borrow and the more likely they are to repay.

2.2. .eoretical Analysis and Hypothesis of Social Network on
Rural Household Credit Behavior. According to the credit
rationing theory, debtors must have enough assets to
obtain a loan [14]. Rural household credit behavior is
affected by two factors: on the one hand, rural household
own capital is low or not, which makes it difficult to
obtain loans, whether formal or informal. On the other
hand, since the main source of income for rural house-
holds is work or agricultural management, work is vul-
nerable to the impact of farmers’ own health, climate [15],
etc. and agricultural production is vulnerable to climate
and natural disasters and is inherently high-risk [16], so
rural households do not have easy access to finance. As a
traditional “hidden guarantee mechanism,” social net-
works can be used as a “guarantee” for rural households
with little or no free capital, which makes it easier to
obtain financial credit [17]. In both formal and informal
credit, members of a social network can measure each
other’s free capital and the marginal productivity of the
debtors’ efforts, as they interact closely with each other;
thus, the cost of supervision is low and the supervision is
powerful [18]. In addition, the sharing function of social
networks can also increase household access to financial
information, reduce the information asymmetry of their
credit behavior, and further promote their credit be-
havior [9]. In terms of both credit rationing theory and
information asymmetry theory, the more socially net-
worked rural households are, the more active they are in
crediting and the more likely they are to be financially
supported [1]. -erefore, we propose Hypothesis 1.

Table 1: Game strategy and benefits of participants.

Creditor
Formal debt Informal debt

Debtor Breach of contract (−c, 0) (a–c, 0)
Performance of contract (0, a) (b, b)

Debtor

Borrowing

Performance of
contract

(R1)

Default of
contract

(R2)No borrowing
(R = 0)

Figure 1: Decision tree of rural household credit behavior.
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Hypothesis 1. Social networks can effectively promote rural
household credit behavior.

Most previous studies consistently show that social
capital is beneficial to easing rural household credit con-
straints and improving the availability of rural household
credit [1, 15, 16]. Social network, as an implicit guarantee
mechanism, can fill the gap when rural families carry out
formal credit. For example, credit cooperatives do not
need collateral and require borrowers to provide group
guarantee. Generally, five to seven people form a mutual
guarantee group, and the members are responsible for the
liabilities of other people in the group. If someone in the
group defaults on the loan, the other people in the same
group will not be able to obtain new loans. However, at the
same time, there is still a gap between this way of guar-
antee and the real material guarantee, and rural families
may still be constrained by formal credit rationing
[18, 19]. For this reason, rural households often choose to
obtain funds through relatives, friends, and private loans
[12, 20, 21], while family and friends are the embodiment
of social networks. In general, the richer a family’s social
networks, the more friends and relatives it has, and the
more likely it is to borrow. Among informal credits, due to
the small rural area, the close association among the
members of social networks, and the low cost of super-
vision, the moral hazard and adverse selection are effec-
tively avoided [22]; there is considerable literature to
suggest that social networks can alleviate the credit ra-
tioning problems caused by information asymmetry in
rural areas [23]. To maintain household reputation under
the rapid spread of public opinion word-of-mouth, social
network members restrict their compliance with the loan
contract to a certain extent, which plays an important role
in the risk control of informal finance [22]. -us, we
propose Hypothesis 2.

Hypothesis 2. Social networks have a stronger positive
impact on informal credit than formal credit.

With the continuous development of China’s social
economy, population mobility and nonagricultural em-
ployment have increased, and the implementation of family
planning and late marriage policies made rural household
size become smaller. With these, traditional family values
have been affected and China’s rural households are no
longer small farmers and have begun to pay more attention
to individual values and interests [24]. -is leads them to
change from survival rationality to social rationality, which
brings about the subsequent change of the coverage and
intensity of the rural family social networks [25]. In the
traditional rural social relations, the rural household social
networks are mainly based on the emotional relationship,
which is strongly dependent on the family relationship and
blood relationship with stability and relative nonselectivity
[26]. With the development of the society, the social circle of
rural households expanded beyond the blood relationship
and instrumental social networks, which based on the
professional or classmate relationship began to be estab-
lished. According to their own purposes and needs, mem-
bers of society will establish more externalized social

relations and develop instrumental social networks based on
mutual interests [27].

Emotional social networks are based on the family
concept and the blood relationship and have strong stability
and nonselectivity. What is more, violation of group rules
and the likelihood of exclusion are lower in emotional social
networks, which also means that institutional attributes of
emotional social networks are not strong. -erefore, under
emotional social networks, rural households are more likely
to engage in informal credit behavior. On the one hand,
because of China’s strong family values and kinship ties,
debtors are less likely to refuse loans from those in social
networks. Moreover, the cost of borrowing is lower in an
emotional society [28]; on the other hand, for formal fi-
nancial credit, the role of the institution is stronger and the
role of emotion is weaker [29]; most emotional social net-
works provide direct financial support rather than surety
support. Previous studies have shown that even relatives and
most families are reluctant to provide surety for others
[1, 2, 10, 11]. -erefore, we propose Hypothesis 3.

Hypothesis 3. Emotional social networks have a stronger
positive impact on informal credit behavior than on formal
credit behavior.

As for instrumental social networks, the rural house-
holds are relatively more selective, and their maintenance is
stronger [27]. Households pay more attention to get more
information about employment, finance, and development
from instrumental social networks; rural households can use
this information more flexibly and scientifically to make
better credit practices [28]. Compared to others, rural
households with strong instrumental social networks can
increase their access to credit by reducing information
asymmetry [3], thus helping rural households improve their
management and smooth risks and increase the income and
the repayment ability of rural households. Based on this, we
propose Hypothesis 4.

Hypothesis 4. Instrumental social networks have a stronger
positive impact on formal credit behavior than on informal
credit behavior.

3. Materials and Methods

3.1. Subject and Data Processing. Data for this article are
from the China Household Finance Survey (CHFS) con-
ducted by the Southwestern University of Finance and
Economics, covering 29 provinces (cities, autonomous re-
gions) except Tibet, Hongkong, Macao, Xinjiang, and Inner
Mongolia. Using the proportional sampling method, 262
counties (cities, districts) were selected; then, four com-
munities (villages and neighbourhood committees) were
randomly selected from each county (cities, districts), and
finally, 20–50 families were randomly selected from each
community. CHFS adopts several measures to control errors
such as nonsampling errors and investigates household
credit, financial assets, and income at household, individual,
and regional levels with high coverage and complete data on
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variables. -erefore, as far as the subject of this study is
concerned, it has a good representation.

In this article, CHFS 2017 survey data were used as a
source sample; the data were screened and cleared to de-
termine the sample, whose process is as follows: firstly, the
sample of urban household registration was excluded for this
article mainly studies whether social networks affect the
rural household credit behavior; secondly, minors and the
elderly over 65 are often unable to borrow or have a weak
willingness to borrow for reasons of trust, repayment ability,
credit requirement restriction, etc. Considering the focus of
this study, a sample between the ages of 16 and 60 years was
chosen as the research object. Finally, the samples of “Unable
to judge,” “Missing,” “Inapplicable,” “Refusing to answer,”
and others in the variables of social networks credit behavior
were eliminated, and 3,037 valid samples were left.

3.2. Variable Selection and Measurement

3.2.1. Household Credit Behavior. In this article, household
credit behavior is divided into formal credit and informal
credit. Formal credit refers to household credit to financial
institutions such as banks, including agricultural, industrial,
and commercial production and business and real estate,
automobiles, education, and other loans. Informal credit
refers to the borrowing or lending from relatives, friends,
and nongovernmental credit organizations based on the
production and management of agriculture, industry and
commerce, real estate, automobile, education, etc. CHFS
questionnaire on informal credit questions includes the
following: in addition to bank or credit union loans, is your
family still have informal credits not paid off due to in-
dustrial and commercial production? Howmuchmoney was
borrowed? Apart from bank or credit union loans, do you
currently have outstanding informal loans from your family
due to the purchase of your car or children’s education? How
much money was borrowed?.

3.2.2. Social Networks. Lin measured social networks with
the heterogeneity of members in a social network, the most
typical resources in the network, the roof of the network, and
the net difference [30]. Gui and Huang obtained seven in-
dicators of social networks based on data analysis, which are
local social network, community trust, community be-
longing, voluntarism, community cohesion, reciprocity and
general trust, and nonlocal social interaction [31]. According
to previous literature, the indicators of social networks can
be summarized as follows: community activity participation
and community prestige; gift expenditure, gift income, gift
exchange, and communication cost; the sum of cash and
noncash income and expenditure on holidays and events;
the number of relatives and friends visiting during the spring
festival; the frequency to become the host through the “face-
saving mechanism” principle; the number of relatives and
friends who work in the government or in the city; the
number of brothers and sisters and whether they are reg-
istered in this municipality; the four ways migrant workers
looking for work (government organization,

nongovernmental organization, introduction of relatives
and friends, and spontaneous search) [27, 32, 33]. -ese
measurements of social networks are novel and have taken
the possible endogenetic problems into account, but some of
them are too complicated to calculate; some of them are
simply quantitative indicators that are not appropriate.
Based on the available survey data and previous similar
literature, this article measures social networks by gift-
money exchange, which is the sum of gift-money expen-
diture and gift-money income. In addition, according to the
definition of emotional network and instrumental network,
gift-money exchange with parents, children, and other
relatives is regarded as emotional networks, while gift-
money exchange with classmates and friends is regarded as
instrumental networks.

3.2.3. Control Variables. Referring to studies such as
Attanasio et al. and Wan et al., this article selects the
household head’s gender, age, physical health, education,
marital status, political outlook, risk attitude, work status,
family size, household income, and the provinces as control
variables. To maintain the characteristics of the data and
avoid bias, we take the logarithm of the original data. -e
definition of variables and descriptive statistics are shown in
Table 2.

In addition, the statistics on the specific behavior of rural
household credit (Figure 2) show that in the survey samples,
residents’ funding needs are often met by informal credit,
with a proportion of 82.4%, and only 17.6% of households
get funding from banks and other formal financial insti-
tutions. -is is consistent with reality. Based on the data of
fixed observation points in rural areas, we find that only less
than 20% of rural households borrow from formal financial
institutions. -e reasons may be that for most rural
households, they lack enough collateral or credit records;
therefore, formal financial institutions usually cannot esti-
mate the possibility of their default. As a result, information
asymmetry leads to high transaction costs, and formal fi-
nancial institutions are reluctant to lend to these households.
At the same time, in informal credit behavior, 65.1% of
households borrow funds and the leftover is informal
lending behavior. -is may be because, on the one hand,
rural households have low income and usually need to
borrow money to meet consumption expenditure or pro-
duction activities; on the other hand, it may be because our
statistics focus on borrowing activities rather than lending
activities, so the data show that in informal credit behavior,
borrowing activities are the main ones.

In terms of the amount of money spent on maintaining
household social networks (Figure 3(a)), most households
spend between 1,000 yuan and 5,000 yuan with a proportion
of 45.99%. In terms of the amount of money spent on
maintaining emotional and instrumental networks
(Figures 3(b) and 3(c)), most households spent between
1,000 and 5,000 yuan on maintaining emotional networks,
while most spent between 5,000 and 10,000 yuan on in-
strumental networks. Overall, the latter is more expensive to
maintain.
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3.3. Common Method

3.3.1. Probit Model. -e probit model is used to analyze the
effect of social networks on whether rural households
participate in credit behavior. -e model is set as follows:

Prob yD � 1(  � α1social network + β1Xi + μi, (6)

where Xi is control variables, μi is the residual, μi ∼ N(0, σ2),
yD is the dumb variable of the credit behavior, yD � 1 in-
dicates that households credit behavior occurs, and yD � 0
means no households credit behavior occurs.

3.3.2. Panel Data Model

yir � α1irsocial networkir + β1irXir + cr + μir. (7)

Yir denotes household credit behavior, including total
credit scale, formal credit scale, and informal credit scale. i
represents households, r represents the province, and cir is
the fixed effect of provincial classification.

3.3.3. Two-Stage Least Squares. In addition, the variables of
social networks may be endogenous, which may come from
two aspects: on the one hand, households participate in
formal credit or informal credit, which may lead to changes
in social networks; for example, the increase in demand for
family participation in formal and informal credit will spawn
more exchange of gifts and social contacts, thus expanding
its social network resources. On the other hand, social
networks and household formal and informal credit prac-
tices and amounts may be influenced by factors, such as local
cultural background and customs, which are not observable.
-erefore, a key problem to be dealt with in this article is the
endogenesis of social networks. After repeated tests, this
article holds that communication cost can be used as an
instrumental variable for it represents the level of com-
munication with others and can subtly increase their own
social network resources, while it has no close relationship
with variables in residual. -e model is as follows:

yir � α1irsocial networkIVir + β1irXir + cr + μir,

social networkIVir � α2irsocial networkir + β2irXir + cr + μir,
(8)

Table 2: Definition of variables and descriptive statistics.

Variables Definition Mean Standard deviation Min Max
Social network -e sum of gift-money expenditure and income 7.906 1.339 0 12.612

Emotional network -e exchange of gift-money between parents,
children, and other relatives 0.068 0.794 0 11.617

Instrumental network -e exchange of gift-money between peers,
work partners and other friends 5.937 3.602 0 12.612

Formal credit -e actual amount borrowed from banks and
other financial institutions 0.965 3.144 0 17.727

Informal credit -e actual amount borrowed from relatives,
friends, and informal institutions 4.171 5.104 0 16.705

Household credit behavior Whether to extend credit: yes� 1, no� 0;
Credit amount: the sum of formal credit

and informal credit 4.665 5.277 0 17.727

Gender Male� 1, female� 0 0.471 0.499 0 1
Age Survey year minus birth year 37.845 12.901 16 60
Health Good� 1, bad� 0 0.843 0.363 0 1
Education Level of education 3.110 1.436 1 9
Marriage Married� 1, others� 0 0.754 0.430 0 1
Job Employed� 1, others� 0 0.688 0.463 0 1
Politics Party of CPC� 1, others� 0 0.020 0.142 0 1
Risk attitude Risk aversion� 0, risk neutral� 1, risk preference� 2 0.416 0.676 0 2
Family size Number of family members 1.794 0.406 1 3
Family income Total household income 10.411 1.359 0 15.424

Formal credit
Informal lending
Informal borrowing

Figure 2: Distribution of different types of rural household credit
behavior.
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where Social_networkIV is the instrumental variable of
Social_network.

4. Results and Discussion

4.1. Main Results. -e probit model is used to test the
relationship between social networks empirically and

whether rural households take credit or not (Table 3 (1)).
-e results show that when other conditions remain
unchanged, for every 1% increase in rural household
social network relationship maintenance expenditure, the
probability of households choosing credit behavior in-
creases by 0.489%; that is, social network relationships do

0–1000
5000–10000

1000–5000
10000–the above

(a)

0–1000
5000–10000

1000–5000
10000–the above

(b)

0–1000
5000–10000

1000–5000
10000–the above

(c)

Figure 3: -e money spent on maintaining social networks. (a) Social networks. (b) Emotional network. (c) Instrumental network.
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help promote household credit behavior. Meanwhile,
from the empirical results of social networks on the scale
of rural household credit (Table 3 (2)), social networks
also have a significant positive impact on the scale of
household credit. For every 1% increase in social network
maintenance expenditure, the household credit scale
increases by 0.596%.

Due to the possible endogenous social network variables,
2SLS is used to estimate instrumental variable regression
(Table 3 (3)). In the Durbin Wu Hausman endogeneity test,
the D-Wu Hausman statistic is 3.782, and it is significant at
the level of 10%, which indicates that there is endogeneity in
the variable of social networks. -e communication cost is
selected as the instrumental variable, and theWald F value is
60.616, which means the instrumental variable has passed
the validity test. -e results show that when communication
fees are used as social network instrumental variables; for
every 1% increase in communication fees, the scale of
household credit increases by 0.684%. In summary, Hy-
pothesis 1 has been verified, and social networks have a
significant positive impact on rural household credit
behavior.

In addition to the main variables, most of the control
variables also show good statistical characteristics. Educa-
tional experience has a significant negative impact on
household credit behavior. Educational experience increases
one level, the likelihood of households choosing to use credit

increase by 4.6% and household credit scale by 19.9%; health
status, age, and total household income also have significant
negative impacts. Compared with residents with good
health, households with average or poor health are more
likely to credit and borrow higher amounts. -is may be due
to the relatively less income of residents with average or poor
health [23]. -eir families need to pay a higher amount for
health; the older the person is, the less likely it is to borrow
and the smaller the amount of borrowing is, which may be
because the older they are, the less they can work for the
remaining years, and their repayment ability is limited or
they may not be able to meet the credit conditions; the
higher the total household income is, the less they will
choose to borrow and the lower the borrowing amount is.
-is is in line with reality: under normal circumstances,
when family income can cover family expenditures, there is
no need for families to make additional borrowing.

4.2. Results of Social Network on Formal Credit and Informal
Credit. As the characteristics and requirements of formal
credit and informal credit are different, the influence of
social networks on them may also be different. -erefore,
this article makes an empirical test on the relationship
between social networks and formal credit or informal
credit; the results are in Table 4. Columns (1) and (2) are
estimated by panel fixed effect, and columns (3) and (4) are
estimated by 2SLS.

-e results of Table 4 (1) and (3) show that social net-
works have a significant positive impact on the formal credit
behavior of rural households. -e panel estimation results
show that, under other unchanged conditions, for every 1%
increase in social network maintenance expenditures, the
amount of formal credit will increase by 0.173% (Table 4 (1)).
-e results of 2SLS (Table 4 (3)) are consistent with the panel
fixed effect, which shows the coefficient is 0.980. -e co-
efficient of the former increases nearly five times of the latter,
which means that the endogeneity of social networks is
worth considering. Educational experience, marital status,
and family income have a significant positive impact on the
amount of formal family credit: for each level of education
experience, the amount of household formal credit increases
by 33%.-is may be because households with high academic
qualifications are more likely to meet formal financial re-
quirements [18]; compared to unmarried families, married
families can obtain higher financial loans, and the amount is
52.9% higher than that of unmarried families. -is may be
because married families have more stable income and
stronger repayment ability; for every 1% increase in family
income, the credit amount increases by 0.132%. -is is also
because families with higher income have stronger repay-
ment ability and easier access to loans [17].

-e results of Table 4 (2) and (4) show that social
networks also have a significant positive impact on informal
credit. Panel estimation shows that for every 1% increase in
social networks maintenance spending, the amount of in-
formal credit increases by 0.531% (Table 4 (2)).-e results of
2SLS (Table 4 (4)) are consistent with the panel fixed effect,
which shows the coefficient is 0.414. -e coefficient of the

Table 3: Impact of social networks on rural household credit
behavior.

(1) (2) (3)
Whether credit or

not Credit scale Credit scale

Social
networks 0.489∗∗∗ 0.596∗∗∗ 0.684∗∗∗

(0.072) (0.075) (0.099)
Education −0.046∗ 0.085 −0.199∗

(0.019) (0.078) (0.101)
Job 0.093 0.465∗ 0.442

(0.053) (0.223) (0.252)
Gender 0.086 0.200 0.460∗

(0.047) (0.199) (0.231)
Health −0.355∗∗∗ −0.280∗∗∗ −0.661∗∗

(0.067) (0.028) (0.315)
Age −0.015∗∗∗ −0.045∗∗∗ −0.075∗∗∗

(0.002) (0.010) (0.012)
Family size 0.091 0.307 0.558∗

(0.057) (0.249) (0.277)
Marriage 0.020 0.554∗ 0.141

(0.067) (0.273) (0.325)
Politics 0.103 1.261 0.676

(0.164) (0.682) (0.788)
Family income −0.117∗∗∗ 0.063 −0.510∗∗

(0.027) (0.081) (0.161)
Risk attitude 0.034 0.233 0.121

(0.034) (0.141) (0.162)
Constant −1.962∗∗∗ 0.564 −7.720∗∗

(0.391) (1.119) (2.391)
N 3037 3037 3037
Note: standard errors in parentheses ∗p< 0.05, ∗∗p< 0.01, ∗∗∗p< 0.001.
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former is close to the latter, which means the endogeneity of
social networks in informal credit is not obvious. Work
status, health status, and age also have significant impacts on
the amount of informal credit: compared with nonworking
residents, the amount of informal credit obtained by
working residents is 66.9% higher. -is is because working
residents have income and a source of repayment [18]; the
improvement of health status reduces the amount of in-
formal credit. -e amount of loans borrowed by residents
with good health is 23.7% less than the amount borrowed by
residents with average or poor health. -is may be because
residents in good conditions havemore opportunities to find
a job, and their medical expenses are less, so their loan
amount needs are less [19]; the older the age, the smaller the
amount of informal credit, and the amount of borrowing
decreases by 4.3% for each year of increase. -is may be
because as residents get older, their ability to repay gradually
decreases, so the number of loans borrowed decreases.

In addition, comparing the impact of social networks on
formal credit and informal credit (Figure 4), it can be found
that social networks have a stronger impact on informal
credit no matter it is linear fitting (Figure 4(a)) or curve
fitting (Figure 4(b)). Hypothesis 2 has been verified. -is is
consistent with the research of scholars such as He et al. [15]
and Yang et al. [1]: on the one hand, since formal credit
requires mortgage or guarantee, although social networks
can be used as a kind of “hidden” guarantee and supervision
mechanism; it is incompatible with practical material. -ere
are still gaps in guarantees, and rural households may still be
restricted by formal credit rationing and cannot get loans; on

the other hand, plentiful social networks mean more rela-
tives, friends, and closer contacts between social network
members; this can effectively avoid moral hazard and ad-
verse selection [3]. Moreover, the rapid spread of public
opinion in social networks can also restrain debtors from
complying with loan contracts [33]. -erefore, the enrich-
ment of social networks can effectively strengthen rural
informal credit.

4.3. Results of Emotional Network and Instrumental Network
on Household Credit Behavior. In social networks, differ-
ences in connection strength between individuals form
different types of networks, strong connections form
emotional networks, and weak connections form instru-
mental networks. -is section empirically examines the
relationship between different types of networks and
household credit behavior. -e results are shown in Table 5.

Columns (1) and (2) in the table are the influence of
emotional networks and instrumental networks on the
total household credit amount. -e results show that
emotional networks and instrumental networks have
significant positive impacts on the amount of household
credit with coefficients of 0.423 and 0.169, respectively,
indicating that with other unchanged conditions, each
time emotional networks maintenance expenditure in-
creases by 1%, the credit amount increased by 0.423%,
and for every 1% increase in instrumental networks
maintenance expenditure, the credit amount increased by
0.169%.

Table 4: Impact of social networks on formal and informal credit behavior.

(1) (2) (3) (4)
Formal credit Informal credit Formal credit Informal credit

Social networks 0.173∗∗∗ 0.531∗∗∗ 0.980∗∗ 0.414∗∗∗
(0.048) (0.072) (0.298) (0.473)

Education 0.330∗∗∗ −0.107 0.243∗∗∗ −0.365∗∗∗
(0.050) (0.075) (0.060) (0.096)

Job −0.223 0.669∗∗ −0.226 0.623∗∗
(0.143) (0.214) (0.151) (0.239)

Gender 0.107 0.155 0.217 0.366
(0.127) (0.191) (0.138) (0.219)

Health −0.120 −0.237∗∗∗ −0.272 −0.555∗
(0.180) (0. 027) (0.189) (0.299)

Age −0.004 −0.043∗∗∗ −0.013 −0.070∗∗∗
(0.007) (0.010) (0.007) (0.012)

Family size 0.081 0.444 0.149 0.670∗
(0.159) (0.239) (0.165) (0.263)

Marriage 0.529∗∗ 0.310 0.377 −0.051
(0.175) (0.262) (0.193) (0.308)

Politics −0.278 1.329∗ −0.608 0.786
(0.438) (0.655) (0.471) (0.748)

Family income 0.132∗ −0.039 −0.085 −0.564∗∗∗
(0.052) (0.078) (0.096) (0.153)

Risk attitude −0.025 0.192 −0.078 0.099
(0.091) (0.136) (0.096) (0.153)

Constant −2.816∗∗∗ 1.831 −6.169∗∗∗ −5.556∗
(0.717) (1.076) (1.428) (2.269)

N 3037 3037 3037 3037
Note: standard errors in parentheses ∗p< 0.05, ∗∗p< 0.01, ∗∗∗p< 0.001.
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Columns (3) and (4) are the influence of emotional
networks and instrumental networks on the amount of
household formal credit. -e results show that emotional
networks and instrumental networks also have significant
positive impacts on the amount of household formal credit,
with coefficients of 0.229 and 0.061, respectively. Columns

(5) and (6) are the influence of emotional networks and
instrumental networks on the amount of household infor-
mal credit. -e results show that emotional networks and
instrumental networks have significant positive impacts on
the amount of household informal credit, with coefficients of
0.278 and 0.142, respectively.
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Figure 4: Slope graph of social networks on formal and informal credit behavior. (a) Linear fitting; (b) curve fitting.

Table 5: Impact of emotional and instrumental social networks on rural household credit behavior.

(1) (2) (3) (4) (5) (6)
Household credit Household credit Formal credit Formal credit Informal credit Informal credit

Emotional networks 0.423∗∗∗ 0.229∗∗∗ 0.278∗∗
(0.095) (0.059) (0.091)

Instrumental networks 0.169∗∗∗ 0.061∗∗∗ 0.142∗∗∗
(0.024) (0.015) (0.023)

Education 0.111 0.088 0.292∗∗∗ 0.287∗∗∗ −0.058 −0.082
(0.068) (0.068) (0.042) (0.042) (0.065) (0.065)

Job 0.480∗ 0.460∗ −0.115 −0.132 0.628∗∗∗ 0.615∗∗
(0.195) (0.195) (0.120) (0.120) (0.187) (0.187)

Gender −0.062 −0.050 −0.053 −0.057 −0.005 0.009
(0.174) (0.173) (0.107) (0.107) (0.167) (0.166)

Health −1.337∗∗∗ −1.331∗∗∗ −0.048 −0.047 −1.416∗∗∗ −1.410∗∗∗
(0.244) (0.243) (0.150) (0.150) (0.234) (0.233)

Age −0.038∗∗∗ −0.042∗∗∗ 0.003 0.001 −0.040∗∗∗ −0.043∗∗∗
(0.009) (0.009) (0.005) (0.005) (0.009) (0.009)

Family size 0.230 0.217 0.026 0.023 0.317 0.305
(0.216) (0.215) (0.132) (0.132) (0.207) (0.206)

Marriage 0.552∗ 0.534∗ 0.294∗ 0.311∗ 0.422 0.392
(0.233) (0.232) (0.143) (0.143) (0.224) (0.223)

Politics 1.446∗ 1.662∗∗ 0.089 0.188 1.199∗ 1.358∗
(0.572) (0.569) (0.353) (0.352) (0.549) (0.546)

Family income 0.170∗∗ 0.119 0.185∗∗∗ 0.170∗∗∗ 0.065 0.021
(0.065) (0.066) (0.040) (0.041) (0.063) (0.063)

Risk attitude 0.119 0.135 −0.033 −0.032 0.112 0.126
(0.123) (0.123) (0.076) (0.076) (0.118) (0.118)

Constant 3.859∗∗∗ 3.664∗∗∗ −2.032∗∗∗ −2.139∗∗∗ 4.879∗∗∗ 4.737∗∗∗
(0.892) (0.889) (0.549) (0.549) (0.856) (0.853)

N 3984 3974 4001 3991 3984 3974
Note: standard errors in parentheses ∗p< 0.05, ∗∗p< 0.01, ∗∗∗p< 0.001.
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Summarizing the impact of different types of networks
on distinctive credit amounts (Figure 5), we find that
whether it is an emotional network or an instrumental
network, it has a significant positive impact on household
credit behavior. Hypothesis 1 has been verified again. In
addition, compared with formal credit behavior, emotional
networks have a stronger positive impact on informal credit
behavior (Figure 5(a)), Hypothesis 3 is verified; compared
with formal credit, the positive influence of instrumental
networks on informal credit behavior is stronger
(Figure 5(b)), Hypothesis 4 is not verified. -is may be
because in social networks, households are more likely to
borrow directly from individuals in the network and
seldom make formal credit through individual relation-
ships [20]. In addition, even if there are credit personnel
from financial institutions in household instrumental
networks, households must meet the formal credit con-
ditions, which are not met by the invisible guarantee
mechanism of social networks. -erefore, in general, the
tool-based network has a stronger influence on informal
credit. In addition, from Figures 5(c) and 5(d), we find
that whether in formal credit or informal credit, the

positive effect of emotional networks is stronger than that
of instrumental networks.

5. Conclusions

-is research discusses the impact of social networks on
rural household credit behavior and explores the hetero-
geneity of the impact from differential networks and distinct
credit behavior. -e article first analyzes the influence of
social networks on household credit behavior decisions
based on game theory and further proposes hypotheses and
conducts empirical tests. -e results show that social net-
works can actively promote rural household choice of credit
behavior and increase their credit amount. In addition,
compared with formal household credit behavior, social
networks have a stronger positive role in promoting in-
formal credit behavior. -is conclusion has also been
confirmed in the influence of emotional networks and in-
strumental networks on household credit behavior. -at is,
both emotional and instrumental networks have a stronger
influence on informal credit behavior than formal credit. At
the same time, we also find that the positive effect of
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Figure 5: Slope graph of social networks effect on credit behavior. (a) Emotional networks and (b) instrumental networks effect on formal
and informal credit. Emotional networks and instrumental networks effect on (c) formal and (d) informal credit.
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emotional networks is stronger than that of instrumental
networks on either formal credit or informal credit.
-erefore, we suggest that in the process of giving play to the
role of rural financial credit, social networks should be
actively used to transmit and supervise, especially to
strengthen the establishment of emotional networks, which
has an important practical effect on the development of
formal financial credit and informal credit. Specifically, first,
the implementation of finance credit should pay attention to
the characteristics of the village acquaintance society in
order to solve the problem of high transaction cost caused by
information asymmetry. Secondly, when analyzing the effect
of inclusive financial projects, the dynamic impact of ex-
ternal policies on the overall equilibrium should be con-
sidered for the factors that made mutual fund projects
successful (such as the social network of villages) may
change with the implementation of the projects, and then
have a global impact on the policy effect. -ird, by com-
bining the formal system with the informal system, the
government should create a more complete credit market
environment and ease the credit constraints. Especially for
farmers who lack collateral, it should fully consider the
guarantee function of social networks with geographical and
kinship relationship so as to solve the problem of loan
difficulty in rural areas.

Although we have conducted an in-depth analysis of the
relationhip between social networks and rural household credit
behavior, this study also has some shortcomings. First, this
study mainly uses cross-sectional sample data for analysis from
an individual perspective, and it is difficult to obtain the dy-
namic process of variables in the individual development
process. Secondly, this research only studies the direct rela-
tionship between social networks and household credit be-
haviors. -e mechanism of how social networks affect
household credit behaviors has not yet been explored. Future
research could analyze the influence mechanism in detail and
conduct empirical tests on it to understandmore specifically the
extent and path of the influence; finally, this study only con-
siders rural samples and does not consider the influence of
social networks on urban household credit behavior. Due to the
dual development of rural households and urban households,
their credit needs are different. Future research could also
conduct heterogeneous research on the relationship between
urban and rural family social networks and credit behavior.
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