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,is paper investigates the cross-correlations between the foreign flows in A-share market and the uncertainties of market,
economy, and policy in homemarkets, namely, the VIX index and the US EPU index. By employing the cross-correlation statistics
and MF-DCCA method, we find the existence of the cross-correlations between the foreign flows and the VIX index, the foreign
flows, and the US EPU index from qualitative and quantitative perspectives, respectively. For the cross-correlation between the
foreign flows and VIX, small fluctuations are persistent, while large fluctuations are antipersistent. In contrast, the cross-cor-
relation between the foreign flows and US EPU is antipersistent and steady. ,ese results are robust by dividing the foreign flows
into two parts in Shenzhen and Shanghai stock exchanges, respectively, and by shortening the periods to after the implementation
of Shenzhen-Hong Kong Stock Connect.

1. Introduction

Since China opened its door to the world in 1978, the financial
liberalization has been increased (https://business.cornell.
edu/hub/2020/05/11/chinas-financial-liberalization/). And
the Keynote Speech by Xi Jinping, the president of the
People’s Republic of China, at the Opening of the Boao
Forum for Asia Annual Conference 2018 initiates the new
round of the opening-up of Chinese financial market. After
that, the limited amounts of QFII and RQFII have been
relaxed, the Shanghai-London Stock Connect Program has
been implemented, and the foreign equity caps in the
banking, securities, and insurance industries have also been
raised. As a result, we can see that the foreign investment has
been increasing in recent years (see the news from the Global
Time: https://www.globaltimes.cn/page/202108/1231158.
shtml.), and the holding of foreign investors in A-share
market continuously increases (see Figure 1). ,erefore, it is
important to be clear about the factors affecting the foreign
flows in A-share market.

In fact, this problem has been discussed since the early
1990s. Calvo et al. [1] and Fernandez-Arias [2] firstly in-
troduce the framework of push and pull factors to analyze the
factors that influence the international capital flows (the pull
factors relate to the host economic forces that attract foreign
capital, such as high host interest rates, stable political en-
vironment, and high growth potential). ,e push factors
relate to the external or global or home forces that push
international capital flows to the host markets, such as the low
interest rates, high international political and market un-
certainty, low potential growth, and the portfolio diversifi-
cation. ,e later literature studies, such as Taylor and Sarno
[3], Agénor [4], Chuhan et al. [5], Forbes and Warnock [6],
Fratzscher [7], and Fuertes et al. [8], have further discussed
this problem. See the review of Koepke Koepke [9] for more
details. In recent years, the outbreaks of the global financial
crisis, the catastrophic risk (such as the 9/11, China’s 2008
earthquake, and Japan’s 2011 earthquake), and the global
public safety events (such as the Ebola and COVID-19) cause
great uncertainties of market, economy, and policy. ,ese
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uncertainties change the market sentiment and investors’
expectations of economy and the fundamental value of assets
and influence investors’ trading behavior and their flows. And
these effects are more pronounced for the trading behavior
and flows of foreign investors in emerging markets. However,
the results are not consistent. On the one hand, Borensztein
and Gelos [10] report that foreign institutional investors are
prone-panic due to their information disadvantage in
emerging countries. Omay and Iren [11] find that foreign
investors exhibit herding behavior, and the foreign flows tend
to be unstable and prone to flee the Malaysian stock market
during the 1997 Asian Crisis and the 2008 Global Financial
Crisis. Hood et al. [12] find significant positive feedback and
momentum trading patterns of foreign investors, namely, net
foreign outflows, during Japan’s 2011 earthquake. On the
other hand, Gerlach and Yook [13] show that foreign in-
vestors deviate from the general positive feedback trading
strategy and increase their holding of Korean stocks during
the 13 North Korean military attacks from 1999 to 2010. And
Bing andMa [14] find significant negative feedback trading of
foreign investors in A-share market during the COVID-19
crisis. Besides, Choe et al. [15] show that the strong positive
feedback trading of foreign investors before Korea’s financial
crisis disappears during the crisis. Similar results are reported
during the Asian crisis in Indonesia [16].

,erefore, it is necessary to investigate the relationships
between flows and uncertainties. ,e existing literature
mainly studies their linear relationship and rarely discusses
the nonlinear relationship. However, many financial vari-
ables and their relations display properties of multifractality
(see the review of Jiang et al. [17] for more details. Dai et al.
[18] and Zhao and Dai [19] also discuss the multifractality of
China EPU and US EPU). ,is paper will investigate the
cross-correlations between the foreign flows in A-share
markets and the uncertainties of market, economics, and
policy in home market using the MF-DCCA approach
proposed by Zhou [20] (the MF-DCCA approach has been
widely used to study the nonlinear cross-correlation in fi-
nancial markets, such as the cross-correlation between stock
returns and news (Zhang et al. [21], Zhang et al. [22], and

Zhang et al. [23]), online sentiment and market returns [24],
EPU and exchange rate [25], exchange rate and market
anxiety [26], China EPU and US EPU [19], carbon market
price and EPU [27], cryptocurrency uncertainty indices and
EPU [28], investors’ attention and index futures [29], return-
volume relationship of bitcoin market [30], online searches
and bitcoin market [31], and online sentiment proxies [32]).
,e uncertainty of market is measured by the market panic
index, namely, the VIX index (the VIX index has been widely
used in the previous literature [26, 33]). And the uncertainty
of economy and policy can be measured by the economic
policy uncertainty (EPU) index developed by Baker et al.
[34].

Our main findings are as follows: first, there are sig-
nificant power-law relationship and a long-term cross-
correlation between the foreign flows and VIX index, the
foreign flows, and US EPU index. ,e Renyi exponent
confirms the results. Second, the cross-correlation Hurst
exponents show that cross-correlation between the foreign
flows and US EPU is antipersistent and steady, while the
cross-correlation between the foreign flows and VIX is
antipersistent only when the fluctuations are large.When the
fluctuations are small, the cross-correlation is persistent. In
addition, the multifractal spectrum analysis shows that the
strength of the cross-correlation between the foreign flows
and VIX is larger than that between the foreign flows and US
EPU. And the above results are robust by further analysis
using the separate foreign flows, namely, the flows via
Shanghai-Hong Kong Stock Connect Program and Shenz-
hen-Hong Kong Stock Connect Program, and the foreign
flows after the implementation of Shenzhen-Hong Kong
Stock Connect.

,is paper contributes to the existing literature by
verifying the cross-correlation between the foreign flows and
VIX index, the foreign flows, and US EPU. To the best of our
knowledge, this is the first paper to investigate the nonlinear
relationships between the foreign flows in emerging markets
and the uncertainty in home markets, which enriches linear
analytical framework for the drivers of foreign flows to
emerging markets. ,ese results would be helpful for policy
makers to forestall potential imported financial risks.

,e remainder of the paper is organized as follows. In
Section 2, we describe the methodology in detail. Section 3
describes the data. Section 4 shows the empirical results. For
robustness, we shorten the sample period and replace the
overall foreign flows with the separate flows in Section 5.
Finally, Section 6 concludes the paper.

2. Methodology

In this section, the MF-DCCA approach used to explore the
cross-correlation between the foreign flows and VIX index,
the foreign flows, and the US EPU index will be described.

2.1. Cross-Correlation Analysis. To statistically examine the
cross-correlation between the series, the cross-correlation
statistic methodology proposed by Podobnik and Stanley
[35] will be employed.,e cross-correlation analysis Qcc(m)
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Figure 1: ,e holding share of foreign investors in A-share market
from 29 June 2016 to 29 June 2021. ,e SCP refers to the foreign
flows via the Stock Connect Program; QFII and RQFII refer to the
Qualified Foreign Institutional Investors and RMB Qualified
Foreign Institutional Investors, respectively.
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of the two series xi  and yi  is defined as shown in the
following equation:

Qcc(m) � N
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where m is the degree of freedom, N is the length of the
series xi  and yi , and Ci is the cross-correlation function
and can be calculated as follows:
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Qcc(m) is approximately χ2(m) distributed with m de-
grees of freedom. ,e null hypothesis of the cross-corre-
lation is that the cross-correlations are not significantly
different from zero. ,erefore, if Qcc(m) is greater than the
critical value of χ2(m), there is a cross-correlation between
the two series. Otherwise, there is no cross-correlation.

2.2.MF-DCCA. Consider two series xi  and yi , where i �

(1, 2, . . . , N) and N is the length. ,e MF-DCCA approach
could be constructed by the following steps:

Step 1. Construct the profiles Xi  and Yi  of the two
series, respectively.

Xi � 
i

k�1
xi − x( ,

Yi � 
i

k�1
yi − y( ,

(3)

where x and y are the mean value of the two series,
respectively.
Step 2. Divide the profiles into Ns � int(N/s) non-
overlapping segments, where int denotes floor
rounding function, and s is the length of the segments.
As N is not always a multiple of s, a small part of the
profile with length (N − Ns ∗ s) will be left. To make
the most of the information contained in the data, the
same procedure is repeated from the end of the profiles.
,erefore, there are 2Ns segments.
Step 3. Calculate the detrended covariance of every
segment. First, we use the ordinary least squares (OLS)
to obtain the local trend of every segment. ,en, we
calculate the detrended covariance. For the segment
v � 1, 2, . . . , Ns, the detrended covariance could be
obtained by the following equation:

F
2
(v, s) �

1
s



s

j�1
X(v−1)s+j − X(v−1)s+j  Y(v−1)s+j − Y(v−1)s+j .

(4)

For the segment v � Ns + 1, Ns + 2, . . . 2Ns, the
detrended covariance is presented in the following
equation:

F
2
(v, s) �

1
s



s

j�1
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where Xv and Yv are the local trend of segment v.
Step 4. Calculate the qth-order fluctuation function by
averaging all the detrended segment variances. For
q≠ 0,

Fq(s) �
1
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For q � 0, the fluctuation function could be obtained by
L’Hospital’s rule:

F0(s) � exp
1

4Ns



2Ns

v�1
ln F

2
(v, s)⎡⎣ ⎤⎦. (7)

Step 5. Analyze the multifractal features. If the two
series are long-term cross-correlated, there is a power-
law relationship between Fq(s) and the scale s:

Fq(s)∝ s
Hxy(q)

, (8)

where Hxy(q) could be obtained by the log-log plots of
Fq(s) verse s though the OLS estimation. Hxy(q) is the
generalized Hurst exponent. If Hxy(q) varies with q,
the cross-correlation between the two series has mul-
tifractal features. If Hxy(q) is greater than 0.5, the
cross-correlation between the two series is persistent
and positive. If Hxy(q) is less than 0.5, the cross-
correlation between them is antipersistent and nega-
tive. If Hxy(q) is equal to 0.5, there is no significant
consistent cross-correlation between them. In partic-
ular, when q is equal to 2, Hxy(2) is the standard Hurst
index.

Furthermore, we could get the relationship between the
multifractal scaling Renyi exponent τxy(q) (provided by
Shadkhoo and Jafari [36] and q by the following equation:

τxy(q) � qHxy(q) − 1. (9)
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If τxy(q) and q are linear, the cross-correlation between
them is monofractal. Otherwise, their cross-correlation is
multifractal. And we can get the multifractal spectrum
fxy(α) through the Legendre transformation:

α � Hxy(q) + qHxy
′ (q),

fxy(α) � q α − Hxy(q)  + 1,
(10)

where Hxy
′ (q) is the derivative of Hxy(q). And α is the

singularity strength, which describes the strength of sin-
gularity spectrum. ,e value of the multifractal spectrum,
fxy(α), shows the fractal dimension of α.

According to Yuan et al. [37], the multifractal intensity
could be measured by ΔH � Hmax(q) − Hmin(q), namely,
the width of the multifractal spectrum. ,e higher the value
of ΔH, the stronger multifractality and the greater corre-
sponding market risk, and vice versa.

3. Data

In the A-share market, foreign investors trade mainly
though the Qualified Foreign Institutional Investors (QFII)
scheme and the Stock Connect Program (SCP). Compared
to the QFII scheme, the SCP has advantages in transaction
cost, transaction settlement, and the trading qualification
authentication.,erefore, even though the QFII scheme was
implemented as early as 2002, the SCP (the SCP includes
Shanghai-Hong Kong Stock Connect and Shenzhen-Hong
Kong Stock Connect, launched in 17 November 2014 and 5
December 2016, respectively.), launched in 17 November
2014, has been the preferred trading channel for foreign
investors (see the holding share of foreign investors in
Figure 1). Besides, there are great differences in the avail-
ability of data. ,e data of QFII could be only obtained by
their quarterly position data, while Hong Kong Exchanges
and Clearing Limited discloses the foreign investors’ trading
data every day. Based on the above two reasons, we select the
flows though the SCP as the representative of foreign
trading.,e data of foreign flows could be collected from the
WIND database. And we use the daily net inflows in the
model (if the values is greater than zero, this indicates net
inflows; otherwise, it indicates net outflows.).

We choose VIX index to measure market panic, which
has been widely used in prior literature [38–41]. And the
VIX index could also be collected from the WIND database.
Since the foreign flow is daily net inflows, we adopt daily
changes in VIX, which is similar to the prior literature
[26, 33].

,e EPU index (this index is constructed by counting the
articles in 10 leading newspapers that contain the following
three sets of terms: economic or economy, uncertain or
uncertainty, and the government actions, such as White
House, Federal Reserve, legislation, deficit, regulation, and
congress. For more details, see Baker et al. [34] and the
website http://www.policyuncertainty.com/index.html.),
developed by Baker et al. [34], has been extensively used in
the literature to measure the uncertainty of economic policy
(the EPU has been extensively discussed in financial mar-
kets, such as its relationship with corporate investment [42],

mergers and acquisitions [43], market returns [27], and
exchange rate [25]. See the review of Al-,aqeb and
Algharabali [44] for details. Dai et al. [45] proposed a global
economic policy uncertainty index to measure the economic
policy uncertainty on a global scale. And this index has been
used to predict crude oil futures volatility [46]. But this index
is monthly frequency. We can not use it in this paper).
Considering that the flows and VIX are daily data, we choose
the daily EPU, namely, the US EPU index (the US EPU can
be downloaded from this website: http://www.
policyuncertainty.com/us_monthly.html). And we use
daily changes in US EPU in this paper.

Since the SCP was launched in 17 November 2014, we
choose the sample periods from 17 November 2014 to 30
May 2021.,e vacant data due to China and US holidays are
deleted. ,e descriptive statistics of the series are presented
in Table 1. ,e Jarque–Bera tests of the three series all reject
the normal distribution null hypothesis at 1% significance
level.

4. Empirical Results

4.1. Cross-Correlation Test. We first employ the cross-cor-
relation analysis to examine the cross-correlations between
the two pairs of the series. Figure 2 shows the results of the
cross-correlation statistics Qcc(m) with degrees of freedom
m ranging from 1 to N − 1.,e critical values of the χ2(m) at
5% significant level are shown with red lines to make a clear
comparison. We can find that most values of Qcc(m) for
both the two pairs exceed the critical value. ,ese results
reject the null hypothesis of no cross-correlations.,erefore,
there is a long-term cross-correlation between the foreign
flows in A-share market and VIX and the foreign flows in
A-share market and US EPU.

4.2. Multifractal Detrended Cross-Correlation Analysis. In
this section, we will examine the cross-correlation between
the two pairs of the series using the MF-DCCA method.
Consistent with the prior research [20, 21], we set the scale q

from −10 to 10 with the step width of 1. Figure 3 shows the
log-log plots of the fluctuation function Fq(s) versus s be-
tween the foreign flows in A-share market and VIX and the
foreign flows in A-share market and US EPU. ,e results
show that Fq(s) increases with the scale s. And the curves
show the linearity within a certain interval. ,erefore, there
exist a significant power-law relationship and a long-term
cross-correlation between the two pairs of series.

Figure 4 describes the relationship between the gener-
alized Hurst exponent and q for the two pairs of series. ,e
results show that the cross-correlation Hurst exponent
Hxy(q) decreases with the increase of q, indicating that there
exists a multifractality in the cross-correlation between the
foreign flows and VIX and the foreign flows and US EPU. In
particular, for the series of foreign flows and VIX, when q is
less than 4, Hxy(q) is greater than 0.5, and its trend is
relatively steady. ,is indicates that the cross-correlation is
persistent when the fluctuation q is small. When q≥ 4,
Hxy(q) is less than 0.5, indicating that the cross-correlation
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is antipersistent. ,e change of the cross-correlation may be
explained by the characteristics of the international financial
flow. When the fluctuations are small, they are volatile at the
host markets, namely, US market or global market for

foreign markets. ,e emerging markets such as A-share
market may be a haven for international capital. ,erefore,
foreign investors trade in A-share market. Namely, net
inflows occur. However, the big fluctuations may indicate

Table 1: Descriptive statistics of net foreign flows in A-share market, the change of VIX index, and US EPU index.

VIX change Net foreign flows US EPU change
N 1511 1511 1511
Mean 0.002 9.208 0.076
Median −0.080 6.284 0.140
Std. dev. 2.119 34.486 57.822
Maximum 24.860 217.233 267.360
Minimum −17.640 −173.842 −282.840
Skewness 2.761 0.717 0.046
Kurtosis 35.903 10.308 6.610
Jarque–Bera 70079.860∗∗∗ 3491.684∗∗∗ 820.817∗∗∗
∗∗∗Statistical significance at the 0.001.
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global risk, or the risk may spread from US market to
emerging markets. ,erefore, there is a net outflow of in-
ternational capital. For the series of foreign flows and US
EPU, the Hurst exponent Hxy(q) is less than 0.5 when q is
greater than −8, indicating that their cross-correlation is
antipersistent. Compared to that between the foreign flows
and VIX, the cross-correlation between the foreign flows and
US EPU is more steady.

Figure 5 presents the relationship between Renyi ex-
ponent τ(q) and q. ,e results show that the cross-corre-
lations between τ(q) and q for the two pairs of series are
nonlinear, confirming their multifractal cross-correlation
properties.

Figure 6 shows the multifractal spectrum fxy(α) versus
α for two pairs of series. If the multifractal spectrum is a
point, monofractality exists; otherwise, monofractality ex-
ists. We can see that all the multifractal spectrum varies
significantly, confirming the cross-correlation between the
foreign flows and VIX and the foreign flows and US EPU.
Besides, the width of the multifractal spectrum, namely, the
difference between the maximum of α and the minimum of
α, measures the strength of the multifractal. As shown in
Figure 6, the width of the spectrum of foreign flows and VIX
is larger than that of foreign flows and US EPU, indicating
that the strength of the cross-correlation between the foreign
flows and VIX is larger.

5. Further Analysis

As mentioned above, the SCP could be divided into two
stages: the implementation of Shanghai-Hong Kong Stock
Connect Program and Shenzhen-Hong Kong Stock
Connect Program. ,e cross-correlations between the
overall foreign flows and VIX and the overall foreign flows
and US EPU have been investigated in Section 4. In this

section, we will further divide the foreign flows into two
parts: the foreign flows via Shanghai-Hong Kong Stock
Connect Program (HGT (here, we use HGT and SGT to
denote the net foreign flows via Shanghai-Hong Kong
Stock Connect Program and Shenzhen-Hong Kong Stock
Connect Program, respectively)) and via Shenzhen-Hong
Kong Stock Connect Program (SGT). And then, we will
explore the cross-correlation between the separate foreign
flows and VIX index and the separate foreign flows and US
EPU index. Besides, the implementation of Shenzhen-
Hong Kong Stock Connect increases the overall foreign
flows in A-share market, which may affect the above
cross-correlation. ,erefore, we will investigate the cross-
correlation with the overall foreign flows after the
implementation of Shenzhen-Hong Kong Stock Connect.
,e above two analyses will further enrich our cognition
about the cross-correlations between the foreign flows and
VIX and foreign flows and US EPU. More importantly,
these can also be a robust test for the conclusion in
Section 4.

First, we show the cross-correlation analysis for the
separate foreign flows via two stock exchange ((a) in Fig-
ures 7 to 10). Most values of Qcc(m) for all the pairs, except
the HGTand US EPU, exceed the critical value, indicating a
long-term cross-correlation among all the pairs. And the
values of Qcc(m) between the HGTand US EPU are close to
the critical value. ,e MF-DCCA analysis could give further
evidence to show their cross-correlation relationship. All the
log-log plots of Fq(s) versus s ((b) in Figures 7–10) show that
the fluctuation function Fq(s) increases with s, indicating
the significant power-law relationship and a long-term
cross-correlation among the pairs of series.

And the Hurst exponent Hxy(q) decreases with q ((c)
in Figures 7–10), which indicates a multifractality in the
cross-correlation among all the pairs. ,e decreasing
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amplitude of Hxy(q) for HGT and VIX, and SGT and VIX
is greater than that for HGTand US EPU, and SGTand US
EPU. And most values of Hxy(q) for HGT and US EPU,
and SGT and US EPU are lower than 0.5. And the Hxy(q)

is more steady than that for HGT and VIX, and SGT and
VIX. Besides, the values of Hxy(q) for SGT and VIX,
except q � 10, are greater than 0.5, indicating that the
cross-correlation is persistent, while Hxy(q) is greater
than 0.5 when q is less than 2, and it is less than 0.5 when q

is greater than 2. ,is is consistent with the results for the
overall flows and VIX. All the curves of the Renyi ex-
ponent τ(q) versus q ((d) in Figures 7–10) for four pairs of

series are nonlinear, which confirm the multifractal cross-
correlation. Furthermore, the results of multifractal
spectrum analysis ((e) in Figures 7–10) verify the cross-
correlation. And the strength of the cross-correlation
between the foreign flows and VIX is larger than that
between the foreign flows and US EPU. In conclusion, the
above results are consistent with those in Section 4.

Second, we analyze the cross-correlation for the period
after the implementation of Shenzhen-Hong Kong Stock
Connect. Overall, the results confirm the multifractal
cross-correlation between the foreign flows and VIX and
the foreign flows and US EPU, which are consistent with
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those for the whole period. After the implementation of
Shenzhen-Hong Kong Stock Connect, most values of
Hxy(q) for foreign flows and VIX are greater than 0.5
(figure (c) in Figures 11 and 12), indicating the positive
and persistent cross-correlation. ,is may be the result of

the strong confidence in Chinese economy in recent years,
especially the outstanding epidemic prevention and
control after the break of COVID-19. And this result is
consistent with the foreign investors’ significant negative
feedback trading during the COVID-19 crisis [14].
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Figure 8: Cross-correlation analysis and MF-DCCA analysis between HGT and US EPU index. (a) Cross-correlation statistics Qcc(m).
(b) Log-log plots of Fq(s) versus s. (c) Generalized Hurst exponent of H(q) versus q. (d) Renyi exponent of τ(q) versus q. (e) Multifractal
spectrum f(α) versus α.
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Figure 10: Cross-correlation analysis and MF-DCCA analysis between SGT and US EPU index. (a) Cross-correlation statistics Qcc(m).
(b) Log-log plots of Fq(s) versus s. (c) Generalized Hurst exponent of H(q) versus q. (d) Renyi exponent of τ(q) versus q. (e) Multifractal
spectrum f(α) versus α.
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Stock Connect and VIX index. (a) Cross-correlation statistics Qcc(m). (b) Log-log plots of Fq(s) versus s. (c) Generalized Hurst exponent of
H(q) versus q. (d) Renyi exponent of τ(q) versus q. (e) Multifractal spectrum f(α) versus α.

Foreign flows-US EPU
Critical Value

0.5

1

1.5

2

2.5

3

3.5

lo
g1

0 
(Q

cc
(m

))

0.5 1 1.5 2 2.5 3 3.50
log10 (m)

(a)

0.8

1

1.2

1.4

1.6

1.8

2

2.2

2.4

lo
g1

0F
 (s

)

1.81.6 2.6 2.82 2.2 2.41.2 1.41
log10 (s)

(b)

Figure 12: Continued.

Discrete Dynamics in Nature and Society 15



6. Conclusions

,e relationship between the foreign flows in emerging
markets and the influence factors in home market has been a
main undertaking in international finance and micro-
structure literature. However, most literatures only explore
the linear relationship. Few have focused on the nonlinear
relationship. Using the MF-DCCA method, this paper in-
vestigates the cross-correlations between the foreign flows in
A-share market and the push factors, namely, the uncer-
tainties of market, economy, and policy in the home market,
which aremeasured by the VIX index and the US EPU index,

respectively. ,e cross-correlation statistics qualitatively
show the existence of the cross-correlation between the
foreign flows and the VIX index and the foreign flows and
the US EPU index. ,en, the MF-DCCA method confirms
their long-term cross-correlation from the quantitative
perspective. In addition, the cross-correlation between the
foreign flows and VIX is persistent, when the fluctuations are
small. However, the cross-correlation is antipersistent, when
the fluctuations are large. In contrast, the cross-correlation
between the foreign flows and US EPU is antipersistent and
steady. Besides, the strength of the cross-correlation between
the foreign flows and VIX is larger than that between the
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Figure 12: Cross-correlation analysis and MF-DCCA analysis between the foreign flows after the implementation of Shenzhen-Hong Kong
Stock Connect and US EPU index. (a) Cross-correlation statistics Qcc(m). (b) Log-log plots of Fq(s) versus s. (c) Generalized Hurst
exponent of H(q) versus q. (d) Renyi exponent of τ(q) versus q. (e) Multifractal spectrum f(α) versus α.
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foreign flows and US EPU. And the results are robust using
the separate foreign flows, namely, the flows via Shanghai-
Hong Kong Stock Connect Program and Shenzhen-Hong
Kong Stock Connect Program, and flows with shortening
period.
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