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Eliminating poverty is the common mission of all mankind, and it is also an important task faced by many countries. Pro-poor
tourism villages are an active attempt by China to use rural tourism to escape poverty. /is paper aims to provide theoretical
support for consolidating the results of poverty alleviation and achieving comprehensive poverty alleviation and to provide a
scientific basis for policy formulation by using GIS spatial analysis to study the spatial distribution characteristics and influencing
factors of 22,651 pro-poor tourism villages in China. /e findings revealed that the spatial distribution of pro-poor tourism
villages is roughly divided by the Hu line. Pro-poor tourism villages show an uneven agglomeration pattern and present a spatial
pattern of dense southeast and sparse northwest with six high-density core areas, among which some cities in the southwest are
H-H agglomeration areas. Specifically, topography, annual rainfall, endowment of tourism resources, location transportation, and
policy orientation are important factors affecting the spatial distribution of pro-poor tourism villages.

1. Introduction

Poverty is a phenomenon that exists all over the world [1].
Pro-poor tourism is a way of poverty alleviation in poverty-
stricken areas by using local tourism resources to promote
economic, cultural, and social development and increase
local residents’ income [2]. Compared with other poverty
alleviation models, pro-poor tourism not only brings eco-
nomic effects but also brings cultural, environmental, and
social effects and improves the cultural literacy of people in
poverty alleviation areas, and it can realize the integrated
development of the primary, secondary, and tertiary in-
dustries [3]. Pro-poor tourism emphasizes that the tourism
benefits of the poor must be far greater than the costs they
pay [4]. In the framework of the pro-poor tourism, the poor
population is the core, and it directly focuses on the tourist
destinations and their tourism practices in poor areas, es-
pecially the situation related to the poor population [5]. Pro-
poor tourism has become an important method for many
countries and regions to eliminate poverty and improve

people’s livelihood, and its poverty alleviation effect has
attracted global attention [6]. Many countries have com-
bined tourism development with poverty alleviation policies
and achieved good results [7]. For example, pro-poor
tourism has made great achievements in China. From 2012
to 2019, China’s poor population dropped from 98.99
million to 5.51 million. Pro-poor tourism is an important
decision for the development of inland China and ethnic
minority areas, and an important means for poor agricul-
tural areas to develop a diversified market economy [8].
Tourism poverty alleviation villages refer to poor villages in
rural areas and are the smallest spatial representation and
basic organizational unit of poverty in rural areas. China
takes the complete poverty alleviation of the rural pop-
ulation as the bottom line and goal of building a well-off
society by 2020. As of the end of February 2020, there are still
52 impoverished counties and 2,707 impoverished villages in
China, and the poverty alleviation work has entered the most
difficult stage (/e State Council Leading Group Office of
Poverty Alleviation and Development, 2020). Antipoverty is
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currently one of the most urgent and most significant re-
search topics in China.

/e concept of pro-poor tourism (PPT) was first pro-
posed by /e Department for International Development at
the end of the 1990s, which means tourism is beneficial to
the poor [9]. Mowforth et al. [10] deeply discussed how poor
areas can achieve the goal of poverty alleviation through the
development of eco-tourism, making pro-poor tourism
research become the hotspot. /e research content mainly
focused on the concept of pro-poor tourism [9, 11], the
theory of pro-poor tourism [12, 13], the relationship be-
tween tourism and poverty alleviation [14, 15], and the
exploration of pro-poor tourism models [16, 17]. At the
same time, through long-term exploration, poverty-stricken
areas have gradually realized that, in order to ensure the
sustainable development of pro-poor tourism, it is necessary
to pay more attention to government guidance and effective
participation of community and promote the balanced and
coordinated development of various stakeholders on the
basis of spontaneous market adjustments [18]. Scheyvens
[19] puts forward the viewpoint that poor areas and gov-
ernments should pay attention to community participation
in the process of promoting pro-poor tourism. Since then,
some scholars have found that tourism community orga-
nizations can promote tourism poverty alleviation work
[20]. Scheyvens et al. [21] further discussed the contribution
of different tourism companies to pro-poor tourism. With
the development of pro-poor tourism work, scholars have
gradually shifted from the macrolevel to the microlevel to
evaluate the benefits of pro-poor tourism [22–24] study pro-
poor tourism cases [21, 25] and community tourism [26, 27].
Qin et al. [28] pointed out that the noncoordinated devel-
opment relationship between tourism poverty alleviation
and ecological environments is significant. /e research
methods of pro-poor tourism aremostly based on qualitative
research, and the research cases are mainly concentrated in
African countries and other underdeveloped countries and
regions in Southeast Asia [29]. In general, there had been a
large number of excellent research results, and the research
on pro-poor tourism is mainly qualitative research from the
perspectives of management, economics, and tourism [30].
However, the research on pro-poor tourism rarely involves
quantitative research and even less systematic research from
the perspective of geography, just like the research on the
spatial distribution characteristics and influencing factors of
pro-poor tourism villages. /erefore, this paper uses
mathematical statistical analysis and GIS spatial statistical
analysis methods to study the spatial distribution pattern of
22,651 pro-poor tourism villages in China and further ex-
plores the influencing factors of its spatial distribution.

/e key contributions of this paper are as follows. (1) We
expect to broaden the depth and breadth of pro-poor
tourism from the perspective of geographic research and
deepen the understanding of the factors affecting the spatial
distribution of pro-poor tourism areas. It can be regarded as
a progress in the study of spatial antipoverty theory in China.
(2) It can provide theoretical support for consolidating the
poverty alleviation achievements of pro-poor tourism vil-
lages, accelerate the development of rural leisure tourism in

pro-poor tourism villages, and provide a scientific basis for
government departments to improve policy support for the
integration of agriculture and tourism. (3) China is a typical
developing country. Using rural tourism to get rid of poverty
can provide reference for other countries in the world to get
rid of poverty.

2. Materials and Methodology

2.1.DataCollection andPreprocessing. We obtain list of pro-
poor tourism villages from “Action Plan of Rural Tourism
Poverty Alleviation Project” declared by Ministry of Culture
and Tourism of the People’s Republic of China. /ere are
22,651 villages in China selected as national pro-poor
tourism villages, and the research scope does not include
Hong Kong, Macao, and Taiwan provinces. We use Baidu
Map to obtain the geographic coordinates of each pro-poor
tourism village and use ArcGIS 10.3 software to visually
mark the pro-poor tourism villages on the map of China
with point elements to draw the spatial distribution map of
China’s pro-poor tourism villages (Figure 1). /e base map
of spatial analysis is taken from the basic geographic in-
formation database of National Catalogue Service for
Geographic Information./e scenic spots data is taken from
the “Statistics of China’s A-level scenic spots in 2018.” /e
annual rainfall data comes from China Meteorological
Administration. /e data of contiguous destitute areas come
from the “China Agricultural Poverty Alleviation and De-
velopment Program (2011–2020).”

2.2. Nearest Neighbor Index. /e pro-poor tourism villages
were abstracted as point elements. /e proximity of pro-
poor tourism villages in geographic space can be expressed
by the nearest neighbor distance, which can well reflect the
spatial distribution type of pro-poor tourism villages.
Generally, the spatial distribution of pro-poor tourism vil-
lages can be summarized into three types: aggregate dis-
tribution, uniform distribution, and random distribution
[31].
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In the above formula, R represents the nearest neighbor
index, r1 represents the average distance between neigh-
boring pro-poor tourism villages, rE represents the theo-
retical average distance of pro-poor tourism villages, D
represents the point density, n represents the number of
pro-poor tourism villages, and A indicates the area of the
study area. When R � 1 and r1 � rE, it means that the
pro-poor tourism villages are randomly distributed; when
R> 1 and r1 < rE, it means that the pro-poor tourism villages
are uniform distributed; when R< 1 and r1 < rE, indicating
that pro-poor tourism villages are agglomerated distribu-
tion, and the smaller the R, the higher the concentration of
pro-poor tourism villages.
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2.3. Kernel Density Estimation. Kernel density estimation
(KDE) is a common nonparametric estimation in spatial
analysis. It is a kind of spatial smoothing method to calculate
the degree of agglomeration of samples in the character-
ization area according to the input sample data [32]. /e
result can be used to smoothly identify and express the
agglomeration and dispersion of samples in the study area
[33]. /is study adopts the kernel density function (KDF)
proposed by Silverman [34] and uses ArcGIS 10.3 to analyze
the spatial distribution of pro-poor tourism villages:
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In the above formula, λh(s) represents the value of kernel
density estimation, s represents the location of the pro-poor
tourism village to be estimated, and si represents the ith pro-
poor tourism village in the circle, where s is the center and is
the radius.

2.4. Spatial Correlation Analysis. /e first law of geography
states that there is a correlation between everything, and the
closer the distance between things, the higher the correlation
[35]. /e method to test the correlation between the ele-
ments is usually spatial autocorrelation analysis. Spatial

autocorrelation analysis is a kind of spatial correlation
analysis, which is divided into global autocorrelation anal-
ysis and local autocorrelation analysis. /e global auto-
correlation analysis can measure the agglomeration
characteristics of elements in the entire region. /e article
uses Moran’s I index to analyze the autocorrelation of pro-
poor tourism villages, and the global Moran’s I index is
calculated as follows :
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In the above formula, I represents Moran’s I index,
I ∈ [−1, 1], n represents the number of regions, xi and xj

represent the observation values of the pro-poor tourism
villages at locations i and j, respectively, x represents the
average number of pro-poor tourism villages,
(xi − x)(xj − x)represents the similarity of the observa-
tional value of the pro-poor tourism villages in regions i and
j, and Wij represents the weight matrix of the location of
regions i and j. /ere are usually many forms of spatial
weights, we used GeoDa software to create a neighborhood
weight (k-nearest) based on the number of pro-poor tourism
villages in the region, set the number of neighbors to 6, and
perform global autocorrelation analysis.

/e global autocorrelation analysis can only judge the
overall spatial distribution of pro-poor tourism villages in a
region, but local spatial autocorrelation analysis can further
measure whether the pro-poor tourism villages gather in
local space and the specific location of the gathering. /e
specific calculation formula of the local Moran index is as
follows :

Ii �
xi − x( 

m0


n

j�1
Wij xj − x . (4)

In the above formula, xi represents the number of pro-
poor tourism villages in area i, xj represents the number of
pro-poor tourism villages in area j, and x represents the
average of the number of pro-poor tourism villages in all
areas. If Ii > 0, it means that the number of pro-poor tourism
villages in the adjacent area is similar, showing spatial ag-
glomeration (H-H or L-L).

/e visualized Moran scatter diagram has 4 quadrants,
which, respectively, represent the 4 types of local spatial
relationships in adjacent areas. /e first quadrant (H-H)
indicates that the number of pro-poor tourism villages in
adjacent areas is similar, both are large, and the spatial
internal heterogeneity is small. /e second quadrant (L-H)
indicates that there are few pro-poor tourism villages in a
certain area, but there are many tourist poverty alleviation
villages in the adjacent area, and the spatial internal het-
erogeneity is large. /e third quadrant (L-L) indicates that
the number of pro-poor tourism villages in adjacent areas is
similar, both are less, and spatial internal heterogeneity is
small. /e fourth quadrant (H-L) shows that there are many
pro-poor tourism villages in a certain area, but there are few
in adjacent areas, and the internal spatial heterogeneity is
large. On the one hand, the LISA cluster map can evaluate

N

EW

S

Pro-poor tourism villages
National boundaries

km500 1,0000

Figure 1: Distribution map of pro-poor tourism villages in China.
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the agglomeration significance of the local space around the
observation area, and on the other hand, it can reveal the
regions that have a greater impact on the global correlation
and the correlation forms between different areas.

3. Spatial Distribution Characteristics

3.1. Spatial Distribution Type. We have calculated the
nearest neighbor index of pro-poor tourism villages in China
and different provinces through ArcGIS 10.3 (Table 1), R< 1,
and the spatial distribution type of pro-poor tourism villages
is agglomeration, but the degree of agglomeration is dif-
ferent. /e nearest neighbor index of pro-poor tourism
villages in Xinjiang is the smallest, and its degree of ag-
glomeration is the highest; the nearest neighbor index of
pro-poor tourism villages in Fujian is the largest, and its
degree of agglomeration is the lowest. /e spatial distri-
bution type of pro-poor tourism villages in various provinces
may indicate that tourism poverty alleviation has been well
developed in each province, and each province has generally
formed a certain scale and relatively concentrated rural
tourism antipoverty destination, reflecting the good devel-
opment of China’s tourism antipoverty stage.

3.2. Degree of Agglomeration and Diffusion of Spatial
Distribution. /ere are a large number of pro-poor tourism
villages in China, and they are widely distributed. We used
ArcGIS 10.3 to measure the spatial distribution density of
22,651 pro-poor tourism villages, divide the distribution
density of tourism poverty alleviation villages into five levels,
and draw a nuclear density map of the spatial distribution of
China’s pro-poor tourism villages (Figure 2(a)). /e figure
shows the overall spatial distribution of China’s pro-poor
tourism villages is dense in the southeast and sparse in the
northwest; with significant spatial density characteristics,
roughly taking the Hu Line1 as the dividing line, most of the
tourism poverty alleviation villages are located on the
southeast side of the Hu Line. Obviously, the spatial pattern
of China’s antipoverty is not consistent with the spatial
pattern of economic and population development. If the
traditional thesis that economic growth can eliminate
poverty is established, we will not be able to observe this
spatial distribution of poverty in rural China. It shows that
China’s antipoverty spatial agglomeration characteristics are
not closely related to economic growth. From a regional
perspective, the spatial density of pro-poor tourism villages
presents a “core” distribution, mainly forming two big core
areas at the intersection of Guizhou and Hunan Provinces
and Hubei and Anhui Provinces, forming four small core
areas in Guizhou Province, Hunan Province, Sichuan
Province, and the intersection of Shanxi and Shandong
Provinces.

3.3. Correlation of the Spatial Distribution. We used GeoDa
to conduct autocorrelation analysis on pro-poor tourism
villages, and the Z value is greater than 2.58 and the P value is
less than 0.01, passing the significance test at the 99%
confidence level (Table 2). From the perspective of global

autocorrelation, Moran’s I index of pro-poor tourism vil-
lages on the three spatial scales of province, city, and county
are all greater than 0, indicating that the spatial distribution
of pro-poor tourism villages presents a positive spatial au-
tocorrelation and there are H-H and L-L spatial agglom-
eration areas. As the scale of the research space gradually
decreases from province to county, the Moran index of
tourism poverty alleviation villages first increases and then
decreases. It shows that the agglomeration degree and spatial
autocorrelation of tourism poverty alleviation villages first
increase and then decrease. /e spatial autocorrelation of
tourism poverty alleviation villages is the strongest at the city
scale and the weakest at the provincial scale.

From the perspective of local spatial autocorrelation, at
the provincial scale (Figure 2(b)), there are no H-L ag-
glomeration areas, L-L and L-H agglomeration areas are all
small, and H-H agglomeration areas have the largest area,
concentrated in Yunnan, Guizhou, Sichuan, Hunan, and
other provinces. At the city scale (Figure 2(c)) and county
scale (Figure 2(d)), L-H and H-L agglomeration areas are
distributed sporadically, H-H agglomeration areas are rel-
atively concentrated, forming two large agglomeration areas
in the middle of the Tibet and Yunnan, Guizhou, Sichuan,
Chongqing, and Hunan provinces, and L-L agglomeration
areas are distributed and more scattered, but larger in size,
mainly concentrated in coastal and border areas. In general,
the distribution space of H-H agglomeration areas has
overlapped, that is, the areas where pro-poor tourism vil-
lages are concentrated in southwest China, which is more
consistent with the results of the kernel density estimation of
pro-poor tourism villages. /ese areas are the growth poles
of tourism antipoverty, and the number of tourism poverty
alleviation villages is much higher than that of the sur-
rounding areas. On the one hand, it shows that these areas
have achieved remarkable results in antipoverty and formed
core areas. On the other hand, it also reflects that these areas
have a high incidence of poverty and are the main battlefield
for antipoverty, requiringmore support from policies, funds,
and poverty alleviation industries. L-L agglomeration areas
also have obvious overlap at the city and county scales. /e
sparse areas of pro-poor tourism villages are concentrated in
the coastal plains and economically developed areas. /ese
areas are economically developed and relatively few pro-
poor tourism villages. /e spillover effects of foreign trade,
factor flow, remuneration transfer, and technology diffusion
in these areas are significant, leading to a low incidence of
poverty and naturally forming antipoverty low-value ag-
glomeration areas.

4. Influencing Factors

4.1. Topography and Landform. Topography has an impor-
tant impact on human production and life. Pro-poor
tourism villages are based on agricultural production, rural
life, and rural tourism and have certain requirements for the
natural ecological environment. /ere are big differences in
precipitation and temperature in areas where pro-poor
tourism villages are affected by altitude./erefore, the article
analyzed the influence of altitude on the spatial distribution
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of pro-poor tourism villages. We superimposed the spatial
distribution map of pro-poor tourism villages with altitude
map of China, and calculated the number of pro-poor
tourism villages in stages with an altitude of 500m as an
interval unit (Figure 3). We found that, as the altitude in-
creases, the number of pro-poor tourism villages decreases
sharply. /e number of pro-poor tourism villages with an
altitude of less than 500m is the largest, accounting for
41.1%, the proportion of pro-poor tourism villages with an
altitude of 500m to 1000m dropped to 21.1%. According to
comprehensive statistics, the number of pro-poor tourism
villages with an altitude of less than 1000m accounted for
62.2%. /e unique geographical environment can cause
poverty in the village and can also profoundly affect the
development of tourism poverty alleviation./e distribution
of tourism poverty alleviation villages is closely related to the
three-level ladder-like distribution of China’s topography.
/e first step is higher than 4000m above sea level, mainly
on plateaus, and there are few tourist poverty alleviation
villages. /e altitude of the second step is between 1000 and
2000m, and the terrain has large undulations, which is not
conducive to population settlement and the development of
rural tourism. /e third stage is dominated by plains and
hills, with small undulations, superior agricultural pro-
duction conditions, and good geographic location, which are
conducive to the development of rural tourism. /erefore,
the concentration of tourism poverty alleviation villages is
high. It shows that topography is the environmental foun-
dation of tourism poverty alleviation villages, and China’s
antipoverty spatial pattern is affected by topography and
landforms.

4.2. Annual Rainfall. Pro-poor tourism villages have the
characteristics of traditional agricultural settlements. Agri-
cultural development is very dependent on water. Rainfall is
an important indicator reflecting regional climate charac-
teristics. Abundant rainfall is the basis of agricultural pro-
duction, and a livable environment is also a prerequisite for
the development of rural tourism. /e annual rainfall
gradually increases from northwest to southeast. /e annual
rainfall is classified according to the equidistant method of
100mm and superimposed with the spatial distribution of

pro-poor tourism villages. /en, we counted the number of
pro-poor tourism villages at each stage (Figure 3) and found
that, under different rainfall conditions, there are significant
differences in the number of tourism poverty alleviation
villages. Figure 3 shows that, with the increase of rainfall, the
number of pro-poor tourism villages presents an “M” dis-
tribution. When the rainfall is between 800mm and
900mm, the number of tourist poverty alleviation villages is
the largest, accounting for 13.7%.When the annual rainfall is
between 600mm and 1000mm, the number of pro-poor
tourism villages accounts for about 50%. Except for ex-
tremely dry and humid areas, the number of poverty alle-
viation villages under different rainfall conditions accounted
for more than 1%. Rainfall over 800mm is a humid area, and
the number of tourism poverty alleviation villages reaches a
peak around 800mm. It can be seen that the spatial dis-
tribution of tourism poverty alleviation villages is affected by
rainfall.

4.3. Tourism Resource. Tourism resources are not only the
prerequisite and foundation for the development of tourism
but also the most basic factor that constitutes tourism ac-
tivities [36]. Regions with rich tourism resources can lay a
good foundation of resources and tourists for the con-
struction of pro-poor tourism villages and the development
of rural leisure tourism. /ere are abundant tourism re-
sources in China, with various types of tourism resources
such as natural landscape, history and culture, leisure, and
entertainment. Tourism resources are mostly represented by
scenic spots of different levels in China [30]. As of the end of
2018, there are 11,924 A-level scenic spots in China, and the
high A-level scenic spots (4A, 5A) usually have complete
infrastructure conditions and have formed a good brand
effect, which can have a strong radiation effect on sur-
rounding rural tourism [37]./erefore, take the high A-level
scenic spots (4A, 5A) as the center of the circle and use
10 km, 20 km, 30 km, 40 km, and 50 km as the buffer radius
to establish a buffer zone (Figure 4(a))./e measurement
shows that pro-poor tourism villages in a 10 km buffer zone
account for 13.6%, in a 20 km buffer zone account for 36.6%,
in a 30 km buffer zone account for 56.9%, in a 40 km buffer
zone account for 71.5%, and in a 50 km buffer zone account

Table 1: /e nearest neighbor index of pro-poor tourism villages.

Area ri (km) rE (km) R Area ri (km) rE (km) R

Nationwide 5.86 13.79 0.43 Henan 4.71 8.04 0.59
Xijiang 9.29 23.75 0.39 Chonging 5.11 8.36 0.61
Gansu 5.48 12.41 0.44 Helongjiang 11.69 18.87 0.62
Hebei 4.61 9.94 0.46 Ningxia 7.08 11.21 0.63
Tibet 8.23 1.76 0.47 Hubei 4.25 6.74 0.63
Qinghai 8.65 1.82 0.48 Yunnan 6.78 10.74 0.63
Jilin 7.72 14.7 0.52 Hunan 4.2 6.37 0.66
Neimenggu 14.16 26.86 0.52 Jiangxi 6.73 9.64 0.69
Shanxi 4.63 8.06 0.57 Hainan 5.87 8.24 0.71
Shaanxi 5.22 8.97 0.58 Anhui 8.73 11.74 0.74
Sichuan 6.82 11.84 0.58 Guangxi 8.49 11.47 0.74
Shandong 4.45 7.53 0.59 Guizhou 3.83 5.09 0.75
Liaoning 5.44 9.24 0.59 Fujian 7.8 9.37 0.83
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for 80.8%.With the increase of the buffer radius, the number
of pro-poor tourism villages increases, and the pro-poor
tourism villages are mainly concentrated in the buffer zone

with a radius of 50 km. /is shows that the spatial distri-
bution of pro-poor tourism villages is affected by the en-
dowment of tourism resources.
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Figure 2: /e spatial distribution characteristics map of pro-poor tourism villages in China.
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4.4. Location and Traffic. /e economic and cultural driving
force of the eastern coastal areas is very strong, so the pro-
poor tourism villages are sparsely distributed and the eastern
coastal areas are L-L agglomeration areas. Due to geo-
graphical location conditions and natural environment re-
strictions, the economic radiation function of southwest
China is relatively weak, so the pro-poor tourism villages are
relatively distributed concentrated. /e difference in eco-
nomic development is an internal factor that affects the
spatial distribution of pro-poor tourism villages.

Roads are a product of human activity and they not only
bring economic prosperity but also have an important in-
fluence on the distribution of settlements along the route
[38]. Pro-poor tourism villages mainly rely on tourism re-
sources to develop rural leisure tourism, and their main
source markets are concentrated in nearby markets, espe-
cially relying on land transportation./erefore, a buffer zone
was established for major road such as national highways
and superimposed with the spatial distribution of pro-poor
tourism villages (Figure 4(b)). With reference to the stan-
dard that tourists have a strong sense of experience, take
15 km and 40 km as the buffer radius, respectively, with the
ride and self-driving of tourists to the main road within 1 h
[30]. It is estimated that the pro-poor tourism villages in the
buffer zone with a buffer radius of 15 km account for 39.2%
and the pro-poor tourism villages in the buffer zone with a
buffer radius of 40 km account for 72.6%. It shows that most

of the pro-poor tourism villages are located closer to the
main roads and have good accessibility, indicating that
traffic is one of the factors affecting the spatial distribution of
pro-poor tourism villages. In areas far away from main
roads, although there may be attractive original natural
scenery and environment, it is difficult to develop tourism
because of poor traffic accessibility, so there are fewer pro-
poor tourism villages. To consolidate the results of poverty
alleviation and accelerate the development of rural leisure
tourism, pro-poor tourism villages must further break the
traffic restrictions and increase their accessibility.

4.5. Policy Guidance. Pro-poor tourism is greatly affected by
policies in China. Liu et al. [39] proved that the Tibet aid
policy is conducive to the development of Tibet’s tourism
[40]. According to the spirit of the “China Rural Poverty
Alleviation and Development Program (2011–2020)” pro-
mulgated in 2011 [41], 11 contiguous destitute areas in-
cluding Liupan Mountain, Qinba Mountain, and Wuling
Mountain have been divided in China. Besides, there are
three prefectures that have clearly implemented special
policy support in Tibet, Xinjiang, and other province.
/erefore, there are a total of 14 contiguous destitute areas as
the main battlefield for poverty alleviation (/e Central
People’s Government of the People’s Republic of China,
2011).We visualized the 14 contiguous destitute areas in

Table 2: Moran index of pro-poor tourism villages.

Scale Moran’s I E(I) Sd Z P

Province 0.319 −0.0303 0.0804 4.3602 0.0009
City 0.438 −0.0026 0.0268 16.4144 0.0001
County 0.398 −0.0004 0.0112 35.5811 0.0001
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Figure 3: /e influence of altitude and annual rainfall on the spatial distribution of tourism poverty alleviation villages.
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ArcGIS 10.3 and performed overlay analysis on the spatial
distribution of pro-poor tourism villages. We calculated the
proportion of pro-poor tourism villages in each contiguous
destitute area (Table 3). In general, the pro-poor tourism
villages in 14 contiguous destitute areas accounted for

58.37%. It can be seen that there is a strong coupling between
the concentrated areas of pro-poor tourism villages and the
contiguous destitute areas.

From the perspective of each contiguous destitute area,
the number of pro-poor tourist villages in the Qinba and

N

EW

S

Scenic spot buffer zone (10km)
Scenic spot buffer zone (20km)
Scenic spot buffer zone (30km)
Scenic spot buffer zone (40km)
Scenic spot buffer zone (50km)

km500 1,0000

Pro-poor tourism villages
National boundaries

(a)

N

EW

S

Pro-poor tourism villages
National boundaries

Main road
Main road buffer zone (15km)
Main road buffer zone (40km)

km500 1,0000

(b)

Figure 4: Coupling diagram of high A-level scenic spots buffer zone, main road buffer zone, and pro-poor tourism villages.

Table 3: /e distribution of pro-poor tourism villages in contiguous destitute areas.

Contiguous destitute areas Proportion
(%) Contiguous destitute areas Proportion

(%)

Qinba Mountains 9.49 Mountainous area on the western border of
Yunnan 3.62

Wuling Mountain 9.30 Tibetan areas in four provinces 3.43
Yunnan, Guangxi, and Guizhou Rocky Desertification
Area 6.87 Yanshan-Taihang Mountains 2.99

Liupanshan District 4.86 Luoxiao Mountain 1.85
Tibet area 4.79 /ree prefectures in southern Xinjiang 1.28

Wumeng Mountains 4.35 Mountain area in the southern foot of
Daxinganling 1.00

Dabie Mountains 3.65 Luliang Mountain 0.88
Total 58.37 — —
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WulingMountains is the largest, which is consistent with the
results of local spatial autocorrelation. /e economic de-
velopment level of these contiguous destitute areas is rela-
tively backward, but the tourism resources are rich. Because
the local government’s pro-poor tourism work started
earlier, there are a large number of pro-poor tourism vil-
lages. Economically developed cities such as Beijing,
Shanghai, Tianjin, and Jiangsu have strong economic ra-
diation capabilities, so there are no pro-poor tourism vil-
lages, and the absence of pro-poor tourism villages in
economically developed areas further reflects the country’s
obvious policy orientation in the layout. While taking into
account the actual situation of the region, the underdevel-
oped regions are also taken into consideration, aiming to
give full play to the leverage of tourism in poverty alleviation
and truly achieve precise poverty alleviation [30].

5. Conclusion and Policy Recommendations

5.1. Conclusion. /is paper combines mathematical statis-
tical analysis and spatial statistical analysis methods to study
the spatial distribution characteristics and influencing fac-
tors of pro-poor tourism villages and draws the following
conclusions:

(1) /e pro-poor tourism villages are widely distributed
and partially concentrated; they present an uneven
agglomeration pattern, and the degree of agglom-
eration varies greatly among provinces; the spatial
distribution density is roughly bounded by the
Heihe–Tengchong line, and the number of pro-poor
tourism villages gradually increases from the
northwest to the southeast inland, presenting a
“core” distribution pattern. /e southeast side of the
Hu Line gathers most of China’s GDP and pop-
ulation, but there are many tourist poverty allevia-
tion villages, which is contrary to the traditional
theory that economic growth can eliminate poverty.
On the one hand, there may be a large economic gap
between urban and rural areas in the southeast. On
the other hand, there may be more tourism resources
available for development in the southeast.

(2) /e distribution of pro-poor tourism villages has
H-H and L-L spatial agglomeration characteristics,
positive spatial correlation is dominant, and the
degree of spatial agglomeration is the least obvious at
the provincial scale. In areas where pro-poor tourism
villages are sparsely distributed, the smaller the scale,
the more scattered the spatial distribution. /e
distribution of H-H and L-L agglomeration areas
overlaps in different scales. /e southwest region is a
hotspot for the distribution of tourism poverty al-
leviation villages. On the one hand, it shows that this
area is suitable for the development of rural tourism;
on the other hand, it also shows that the population
in this area is more likely to be poor again, and more
attention should be paid in the future.

(3) /e influencing factors of the spatial distribution of
pro-poor tourism villages are complex and

comprehensive./e topography, annual rainfall, and
tourism resources in the natural environment are the
environmental foundations for the formation of
pro-poor tourism villages. /e location trans-
portation and policy orientation in social and eco-
nomic factors are of great significance to the
development of pro-poor tourism villages. It shows
that the distribution of tourism poverty alleviation
villages has little to do with the overall local eco-
nomic development, and the livable environment of
the countryside is very important. In the future, in
the process of developing rural tourism and con-
solidating the results of poverty alleviation, more
attention should be paid to creating a comfortable
and livable environment.

5.2. Policy Recommendations. /e spatial distribution of
pro-poor tourism villages can be regarded as a problem of
regional poverty alleviation and the development of rural
tourism. Now, the poverty alleviation work has entered a
sprint stage in China, accelerating the development of rural
leisure tourism and realizing the integration of agriculture
and tourism have become the key to consolidating the results
of poverty alleviation and achieving comprehensive poverty
alleviation. We put forward the following suggestions for the
future development of pro-poor tourism villages based on
the above research results:

(1) Pro-poor tourism villages have H-H agglomeration
areas, and the local centralized distribution pattern is
conducive to breaking the problems of fragmented
rural tourism layout and single content and
is conducive to exploring the new rural tourism
agglomeration development model of the “point-
line-surface” trinity. In this way, a linear economy of
“food, housing, travel, shopping, and entertainment”
will be formed, and an interconnected rural tourism
area will be created.

(2) /e natural geographical environment is the envi-
ronmental foundation of the pro-poor tourism vil-
lages. Most of the pro-poor tourism villages are
located in the plains and low hilly areas with low
altitude and abundant rainfall. /e agriculture in
these areas is developed, and it is possible to ratio-
nally design a series of projects integrating agricul-
ture and tourism, such as “forestry + amusement,”
“breeding + pasture life experience,” and “fish-
ery + fishing experience,” on the basis of respecting
the agricultural industry, so as to create rural agri-
cultural tourism and leisure destination. In addition,
the scattered pro-poor tourism villages in areas with
higher altitudes and less rainfall develop tourism
which is often costly. /e government can consider
“relocation” to solve the problem of population
poverty, not to carry out large-scale renovations, to
preserve the original environment, and to attract
tourists with the spirit of adventure to carry out
extreme outdoor sports.
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(3) /e abundant tourism resources in China have laid
the foundation for the development of rural leisure
tourism in pro-poor tourism villages, andmost of the
pro-poor tourism villages are distributed around
tourism resources. /e “National Eco-tourism De-
velopment Plan (2016–2025)” pointed out that, by
2025, China will become the leading eco-tourism
country. /erefore, in the future, pro-poor tourism
villages should pay more attention to the protective
development of original ecological natural resources,
rationally excavate representative regional cultural
symbols, develop characteristic tourism products,
and gradually promote the development of rural
eco-tourism.

(4) /e influencing factors of the distribution of
pro-poor tourism villages indicate that they have a
strong dependence on land transportation.
/erefore, the transportation facilities of pro-poor
tourism villages must be further improved.
Transportation facilities include not only external
transportation but also internal roads, parking
lots, service stations, and characteristic rural trails
of the pro-poor tourism villages. Transportation
facilities are related to the accessibility of rural
tourist attractions and the number of tourists
attracted.

(5) /e above research shows that the spatial distribu-
tion of pro-poor tourism villages has a strong policy
orientation. In the process of social and economic
development, policies can take into account poor
areas and adjust the gap in economic development
between regions. Moreover, the multifunctionality of
rural tourism determines the richness of its specific
projects, and policies are needed to provide guar-
antees for them. In the future, it is necessary to
further refine the relevant policies related to rural
tourism resource management property rights
transactions, rural tourism financing, rural tourism
land, and rural tourism benefit distribution, so as to
build a policy network system to ensure the further
release of rural tourism benefits, such as agricultural
benefits, poverty alleviation, and environmental
protection [42].
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