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Manufacturing is one of the drivers of China’s growth, realizing structural upgrading is vital to achieve high-quality economic
development during periods of economic policy uncertainty. Based on firm-level and province-level panel data from 1997 to 2018,
this paper used a fixed effect panel data model and panel quantile regression model to investigate the effect of economic policy
uncertainty on structural upgrading in manufacturing. )e findings indicate that the effect of economic policy uncertainty on
structural upgrading in manufacturing is significantly positive and great in regions at advanced stages of manufacturing structure.
)e discussion about the results suggests that the mechanism of economic policy uncertainty affecting structural upgrading in
manufacturing operates through pushing the manufacturing industry to implement service transformation strategies along with
vertical integration.

1. Introduction

)e global economy has become stagnant in recent decades,
and trade conflict is intensifying. )e economic policy
uncertainty index of China reached its peak during the fi-
nancial crisis of 2008. China is now facing an excess of
domestic production capacity, the accumulation of financial
risks, and low quality of economic development along with
other difficulties [1, 2]. To decrease the growing threat in
various fields, the government introduced several policies
and directions, such as reform of fiscal and tax systems,
optimization of fiscal expenditure structures, the One Belt
and One Road initiative, etc. )ese policies and instructions
relieved the survival pressure of enterprises and advanced
economic development. However, the intensive introduc-
tion of policies and regulations brings about numerous
uncertainties in the macroeconomy, potentially increasing
the operational risk of enterprises. )e International Busi-
ness Questionnaire Survey Report published by Grant
)ornton UK L.L.P in 2013 revealed that 40% of domestic
companies considered economic policy uncertainty as the
key factor affecting their future development. Optimism for

the second quarter was 21% lower than the first quarter,
which is the lowest since 2006. From an international
perspective, reports from the Federal Reserve indicate that
uncertainty of trading policy hinders global economic de-
velopment. Hence, economic policy uncertainty is a hazard
for global economics.

Manufacturing in China has expanded explosively on the
back of the massive demographic dividends, and its global
share has increased from 1% in 1978 to 25% at present [3].
However, with the shortage of core technologies and the low
production rate resulting in structural abnormalities in
Chinese manufacturing, the total factor productivity of
China is 43% of that in the United States. Manufacturing is
the cornerstone of domestic economic development and
fundamental to pushing industry transformation to match
the minimum requirements for high-quality economic de-
velopment [4, 5]. Since production and operation decisions
are highly associated with the macroeconomic environment,
it is important to investigate the relationship between
economic policy uncertainty and structural upgrading in
manufacturing. Studies focusing on the effect of economic
policy uncertainty on macroeconomic output are abundant,
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yet few have investigated the correlation between economic
policy uncertainty and structural upgrading in
manufacturing as well as its effect mechanism. )is work
makes realistic contributions that could facilitate the de-
velopment of high-quality Chinese manufacturing, adding
to the literature.

)ere are three general contributions. First, the effect of
economic policy uncertainty on manufacturing structural
upgrade as well as the effect mechanism itself were inves-
tigated. To the best of our knowledge, this is the first study
that addresses the influence path of economic policy un-
certainty affecting manufacturing structural upgrade, serv-
ing as a basis for the transformation and upgrade of Chinese
manufacturing in a period of economic policy uncertainty.
Second, we adopted a panel quantile regression model that
provided robust results and examined the heterogeneous
problems linking economic policy uncertainty to
manufacturing structural upgrading. A panel quantile re-
gression model outperforms traditional ones by revealing
the full scale of the correlation relationship. )ird, we
empirically analysed the effect mechanism of economic
policy uncertainty imposed on manufacturing structural
upgrading through the microdatabase and manually col-
lected firm-level data. Specifically, we dissected the trans-
mitting route of the effect, which not only enriches research
on economic policy uncertainty, but also clarifies the factors
of manufacturing structural upgrading.

)e rest of this manuscript is organized as follows:
Section 2 presents the literature review, Section 3 presents
the theoretical analysis, Section 4 describes the methodol-
ogies and data used, Section 5 presents the empirical results,
and the last section presents conclusions and suggestions.

2. Literature Review

Economic policy uncertainty has increased in recent years,
and related studies are abundant. Baker et al. [6] reviewed
economic policy uncertainties rooted in the effect of dif-
ferent economic policy decisions adopted at different times;
this gave a new perspective for studying economic policy
uncertainty. Although most studies consider economic
policy uncertainty as a negative factor for economic de-
velopment [7–10], alternative views have also thrived [11].
Gabauer and Gupta [12] documented that economic policy
uncertainty has a positive effect on economic output during
downturn periods. Leduc and Liu [13] stated that economic
policy uncertainty does not necessarily trigger economic
fluctuations; economic policy uncertainty has a stimulating
effect on economic output if the policy adjustment can
counter economic fluctuations. Mumtaz and Surico [14]
discovered a weak link between economic policy uncertainty
and industrial output but the former has a significant
negative effect on actual sales value.

From a microscopic perspective, most research has
consisted of empirical studies on the effect of economic
policy uncertainty on firm investment decisions [15–17],
innovation behavior [18], and corporate cash holding be-
havior [19]. Most researchers have concluded that, instead of
making decisions immediately, it is more efficient to remain

inactive when faced with high economic policy uncertainty.
By contrast, Brogaard and Detzel [20] argued that a one-
period lag of economic policy uncertainty has a stimulating
effect on corporate innovation.

)e execution of supply-side reform in China resulted in
uncertainty for corporations, while providing new inspira-
tion for the upgrading of the manufacturing industry. )e
Chinese economy has entered a new era of lower economic
growth rate than in the preceding years, and the demand for
high-quality manufacturing transformation is urgent. How
to promote manufacturing upgrade has become a focal point
for scholars. Some scholars have investigated the factors
influencing manufacturing upgrade [21], while other
scholars shifted their attention to the production rate up-
grade and documented that the industry upgrade would
eventually be reflected on the level of production rates. Kang
et al. [22] found that economic policy uncertainty could
promote the production rate of the manufacturing industry.

Although existing research throws up many points of
view on the correlation between economic policy uncer-
tainty and manufacturing upgrading, it has several limita-
tions. First, there are gaps in the research on the relationship
between economic policy uncertainty and manufacturing
structural upgrading. Second, current studies have focused
on the effect of economic policy uncertainty on amacroscale,
ignoring the heterogeneity of different industries. Finally,
microstudies on economic policy uncertainty have focused
on corporate investment and innovation behavior, and
corporate labor force structure changes, while enterprise
margins and market margin expansion problems have been
neglected. In view of these issues, this study investigated the
effect mechanism and heterogeneous problem in the cor-
relation between economic policy uncertainty and
manufacturing structural upgrading.

3. Theory Mechanism and Research Hypothesis

)e impact of economic policy uncertainty on
manufacturing structural upgrading mainly occurs through
a firm’s production and decision behavior. To reduce the
operational risk brought about by economic policy uncer-
tainty, firms will adjust their production and management
strategies. Figure 1 depicts the effect mechanism of eco-
nomic policy uncertainty on manufacturing structural
upgrading.

A few studies have verified the real option effect of
economic policy uncertainty. )e core view is to consider
corporate decision as an option: when economic policy
uncertainty increases, managers would treat the option as a
put option. )erefore, compared to executing investment
decisions immediately, the company could benefit more
from taking no action [23, 24]. A company’s innovation is
related to investment behavior. When an economic subject
delays their investment, innovation behavior will be sus-
pended, resulting in a lower innovation level [25]. )e in-
hibitory effect of economic policy uncertainty on innovation
behavior could weaken the demand for skilled employees in
the enterprise, causing redundancy in skilled labor. Mean-
while, economic policy uncertainty has a cash holding effect.
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Gervais et al. [26] pointed out that, compared to un-
skilled workers, skilled workers have higher salaries and
companies tend to sack skilled workers in order to cut
operating costs during periods of high economic policy
uncertainty. A possible explanation is that economic entities
with a higher proportion of skilled labor face a greater
challenge in resource redistribution. )us, economic policy
uncertainty could potentially affect manufacturing struc-
tural upgrading through corporate innovation behavior and
the proportion of skilled labor. Accordingly, we propose the
following.

3.1. H1a. Economic policy uncertainty could negatively
impact manufacturing structural upgrading via postponing
technological innovation and reducing the proportion of
skilled labor.

From an enterprise margin perspective, the uncertainty
of trades in the industrial chain could be magnified by the
instability of the market environment during a period of
high economic policy uncertainty. Companies tend to carry
out a vertical integration strategy to minimize the risk and
stabilize operation. Transaction cost theory proposes that
asset specificity and business environment uncertainty are
the main incentives for a vertical integration strategy. Hence,
economic policy uncertainty potentially has the effect of
expanding enterprise margins, urging companies to adopt a
vertical integration strategy. )e enterprise margin expan-
sion effect is more significant in high-end manufacturing as
the latter is capital intensive and leads to higher asset
specificity.

Vertical integration affects enterprise value by raising
profitability through cutting trade costs. In times of high
economic policy uncertainty, vertical integration enhances
internal collaboration through information superiority [27].
Compared to the mid-end manufacturing industry, high-
end manufacturing is more significant in terms of vertical
integration generated by economic policy uncertainty. )us,
vertical integration could be a channel of economic policy
uncertainty affecting manufacturing structural upgrading.

Economic policy uncertainty could also accelerate
manufacturing structural upgrade by facilitating service
transformation. Increasing customer coherence is crucial for
sustainable business in times of high economic policy un-
certainty. Clients demand differentiation of products in the
modern economic environment, as homogenous products

are unappealing. )us, companies are forced to undertake
service transformation to meet customer demands. Mean-
while, service transformation of enterprises could appeal to
more clients and promote overall product quality, resulting
in an increase in the firm’s value. In the high-end industry,
because of the abundance of techniques and devices, along
with the fact of customers’ heterogeneous demand, the
stimulating effect of service transformation is more pro-
found when faced with high economic policy uncertainty.
Unlike the mid-end industry, the high-end industry tends to
undertake service transformation. As a result, economic
policy uncertainty could boost manufacturing structural
upgrading through service transformation.)us, we propose
the following.

3.2. H1b. A positive correlation could be found between
economic policy uncertainty and manufacturing structural
upgrading, given strategy implementation of vertical inte-
gration and service transformation.

4. Methodology and Data

4.1.Methodologies. To examine the effect of economic policy
uncertainty on manufacturing structural upgrading, we
established the following statistical model:

INDHit � α0 + α1EPUit + βXit + μi + λt + εit, (1)

where i is province, and t is the time. INDH ismanufacturing
structural upgrading. Following existing research, we
measure INDH as the ratio of output of the high-end in-
dustry to output of the mid-end industry, reflecting the
integration of the manufacturing industry [28]. High-end
industry includes the manufacturing of raw chemical ma-
terials and products; pharmaceutical drugs; chemical fibers;
machinery; specialized equipment; transport equipment;
electrical machinery and equipment; electronics and com-
munication equipment; instrumentation, cultural, and office
machinery. Mid-end industry includes petroleum process-
ing and coking; rubber and plastic products; nonmetallic
mineral products; ferrous metal smelting and rolling pro-
cessing; non-ferrous metal smelting and rolling processing;
and manufacture of metal products. EPU is the core inde-
pendent variable; we use the economic policy uncertainty
index of Baker et al. [6] to measure Chinese economic policy
uncertainty. )is indicator is renewed monthly to match
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Figure 1: Effect mechanism of economic policy uncertainty on manufacturing structural upgrading.
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other variables and we transformed this monthly data to
annual through the weighting method. To better interpret
the estimate of the coefficient, we transformed the annual
data into a percentage before applying it to the model. In
terms of the stability test, we adopted the mean of the
economic policy uncertainty index as a replacement indi-
cator. Xit is a vector of control variables. Following the
existing research [29, 30], we choose the following variables
as control variables: the ratio of foreign investment to total
fixed investment (FDI), the logarithm of per capita GDP
(PGDP), the ratio of the total value of China’s imports and
exports to GDP (OPNE), the ratio of gross output in non-
state-owned companies to gross output of all companies
(MARKET), patents owned per millage (INNO), and the
ratio of fiscal expenditure to GDP (FISC). We controlled for
a number of fixed effects: μi and λt are the fixed effects for
province and year. εit is an error term and is assumed to be
independent and identically distributed.

We chose the panel quantile regression model with a
fixed effect to evaluate the conditional heterogeneity of the

effect of EPU on manufacturing structural upgrading.
Quantile regression can overcome the shortcomings of
conditional mean regression [31–34]. )e quantile regres-
sion model with a fixed effect was developed as follows:

QINDHit
τk|μi,EPU, Xit(  � α1τEPU + βτXit + μi + εit, (2)

where QINDHit
(τk|μi,EPU, Xit) is the τ-th conditional

quantile of τ-th. α1τ is the estimated coefficients at quantile τ
, representing the heterogeneity of the effect at different
levels of manufacturing structural upgrading. μi denotes the
unobserved province fixed effects, and Xit is a vector of
control variables. Owing to fixed effect panel quantile re-
gression including a number of fixed effects (μi) which is
susceptible to the incidental parameters problem, it is hard
to eliminate unobserved fixed effects by standard methods.
To solve the problem, a proper method was proposed by
Koenker [31] called shrinkage method. Penalty term is in-
troduced to improve the estimation quality. )e parameters
are estimated as follows:

α1τ τk, c( , βτ τk, c( , μi(c) 
N

i�1  � argmin 
K

k�1


T

t�1


N

n�1
wkρτk

INDHit − μi − α1τEPUt − βτXit(  + c 
N

i�1
αi


. (3)

Among them, ρτk
is the quantile loss function, and wk is

the weight for the k-th quantile, controlling the contribution
of the k-th quantile to the estimation.)is paper uses equally
weighted quantiles wk � 1/k [35]. c is the turning parameter
which can improve the accuracy of the estimate of α1τ and βτ
by diminishing the individual effects to zero. As we can
know, if the coefficient of penalty term c � 0, a usual fixed
effect estimator can be got. When c increases to infinity, a
model estimate with on individual effects is obtained. Fol-
lowing the previous work [36, 37], we set c � 1 in this paper.

4.2. Data. We selected 30 province-level panel data pieces
with a time span from 1997 to 2018 as samples for
benchmark regression. Our data on gross industry output,
gross industry sales output, and stock data are mainly from
the China Statistical Yearbook and Yearbook of Chinese
Industry. Missing data were recovered from the Tai’an da-
tabase. We acquired EPU data from http://www.
policyuncertainty.com/scmp_monthly.html. )e data of
the innovation variable originates from the State Intellectual
Property Office of China and the China Statistical Yearbook.
)e rest of the data were extracted from the China Statistical
Yearbook. Table 1 concludes the summary statistics for all
variables during the sample period.

From Table 1, we can find that the mean value of INDH
is 1.4721, and its maximum value is 6.2952, indicating that
there may be significant differences in industrial structure of
manufacturing among provinces. )e mean value of EPU is
0.9120, and its maximum value is 1.7290, showing that
uncertainty in economic policy has experienced great

variation during the sample period. )e statistical charac-
teristics of other variables are within the normal range.

5. Empirical Results

5.1. Baseline Results. Table 2 examines the effect of economic
policy uncertainty on manufacturing structural upgrading. )e
estimated coefficient of interest is that for EPU. Column 1
estimates the basic impact of economic policy uncertainty on
manufacturing structural upgrading while controlling for the
fixed effects of province and year.)e coefficient of EPU is 0.096
and significantly positive, indicating that the manufacturing
structure will be upgraded in times of high economic policy
uncertainty. In column 2, we used the arithmetic mean method
to transform the monthly data to annual and find that the
coefficient of EPUdecreased only slightly to 0.075 and remained
positively significant. We investigated the robustness of this
effect in columns 3 and 4. Specifically, in column 3, we in-
troduced the U.S. economic policy uncertainty index as an
instrumental variable, and used a two-stage estimation method
to estimate the coefficient.)e reason for selectingUS economic
policy uncertainty index as an instrumental variable lies in that
United States is the world’s largest power, and fluctuations in its
economic policies often affect other countries, while China’s
economic policy uncertainty has little impact on the US. In
column 4, we used province-level data from 2000 to 2018 to
perform regression analysis. )e coefficients of EPU retained
similar patterns and were significantly positive at the 5% level,
consistent with the above conclusion. All our results show that
the manufacturing structure would improve during periods of
high economic policy uncertainty.
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5.2. Heterogeneity Analysis. )e panel quantile regression
method can outmatch traditional ordinary least squares
(OLS) regression by providing a more detailed description
andmore stable results. Hence, we applied the panel quantile
regression method to acquire the results from different
quantiles. )e results are displayed in Table 3.

Table 3 shows that the effect of EPU on the
manufacturing industry structure is large in provinces at an
advanced stage of manufacturing industry structure, as the
coefficient of the upper quantile (τ � 0.6, 0.7, 0.8, 0.9) was
significantly positive, and most of the other quantiles were
not significant except for τ � 0.3.)e result is consistent with
experiential studies. A possible explanation is that, at ad-
vanced stages of manufacturing industry structure, the scale
of high-end technology manufacturing would be large,
which would be highly attractive to skilled employees and
high-end services. In times of economic policy uncertainty,
superior resources will be more concentrated to avoid risks,
and provinces entering an advanced stage of manufacturing
industry structure have a competitive advantage of attracting
superior resources.

5.3. Potential Mechanisms. )us far, we have shown that
economic policy uncertainty significantly promotes struc-
tural upgrading in manufacturing. In this subsection, we
investigate the underlying mechanisms behind our findings.
According to the previous analysis, economic policy un-
certainty can affect manufacturing structure through

corporate innovation, the proportion of skilled labor, ver-
tical integration, and service transformation.

To examine the above mechanisms, we chose mid-end
and high-end manufacturing listed companies as our sample
from 2012 to 2018 under the limitation of availability and
quality. Our data are obtained from the Wind database and
the China Statistical Yearbook. We constructed four vari-
ables to measure different mechanisms. Specifically, we
introduced PATENT as a proxy for the effect of economic
policy uncertainty on enterprise technology innovation,
defined as the number of innovation patents authorized.
)en, we introduced SKILL to verify the mechanism of the
proportion of skilled labor, measured by the ratio of em-
ployees with a high school diploma to the total number of
employees. Next, we constructed a VAS to investigate the
impact of economic policy uncertainty on vertical integra-
tion, defined as the ratio of added value in different in-
dustrial chains to sales value. Finally, we constructed
SERVICE to investigate the mechanism of service trans-
formation, measured by the ratio of service revenue to total
revenue.

Based on the above four measures, we constructed the
following model:

Yijt � α0 + α1HIGHi × EPUjt + α2EPUjt + βXijt + λt

+ μi + δj + εit,
(4)

where i is the firm, j is the province’s location, t is the time,
and HIGHi is a dummy variable that equals one if firm i

Table 1: Descriptive statistics of variables.

Variable Name Mean Sd Min P50 Max
INDH Output of the high-end industry/output of the mid-end industry 1.4721 1.0577 0.1533 1.1795 6.2952
EPU Economic policy uncertainty 0.9120 0.3379 0.4408 0.7915 1.7290
FDI Foreign investment/total fixed investment 0.0784 0.0810 0.0011 0.0495 0.4237
PGDP )e logarithm of per capital GDP 9.2693 0.6840 7.6470 9.2373 10.9820
OPEN Total value of China’s import and export/GDP 0.3110 0.3993 0.0320 0.1217 1.7215
MARKET Output of non-state-owned companies/output of all companies 0.4988 0.2108 0.1012 0.4835 0.9059
INNO Patents owned per millage 0.0255 0.0685 0 0.0058 0.7865
FISC Fiscal expenditure/GDP 0.1598 0.0726 0.0478 0.1444 0.5792

Table 2: Baseline results.

Variables (1) (2) (3) (4)
EPU 0.0955∗∗ (2.6466) 0.0748∗ (1.8782) 0.2674∗∗∗ (2.8784) 0.0369∗ (1.9348)
FDI 1.5023 (1.0230) 1.5000 (1.0206) 1.4919 (1.0508) 2.5390∗ (1.7046)
PGDP −0.3662 (−0.6163) −0.3859 (−0.6474) −0.3383 (−0.5945) −0.0075 (−1.3112)
OPEN 0.8137∗∗∗ (3.1231) 0.8174∗∗∗ (3.0918) 0.8698∗∗∗ (3.2195) 0.7463∗∗∗ (3.0092)
MARKET −0.6146 (−1.0599) −0.6138 (−1.0584) −0.6049 (−1.0764) −0.5650 (−1.0906)
INNO 2.1992∗∗∗ (3.9390) 2.1588∗∗∗ (3.7720) 2.1596∗∗∗ (3.8946) 2.7876∗∗∗ (15.0392)
FISC −0.2341 (−0.1238) −0.2557 (−0.1343) −0.5058 (−0.2674) 0.1025 (0.0560)
Time 0.0122 (0.2548) 0.0152 (0.3151) 0.0034 (0.0746) -0.0207 (-0.7172)
Constant −19.7368 (−0.2167) −25.4992 (−0.2784) — 42.7122 (0.7437)
N 660 660 660 570
Adj R-squared 0.8738 0.8737 0.2251 0.8695
Province fixed effect Yes Yes Yes Yes
Year fixed effect Yes Yes Yes Yes
Notes: t values calculated by standard errors clustered at the province-level are reported in parentheses. ∗∗∗, ∗∗, and ∗ indicate significance at the 1%, 5%, and
10% levels, respectively.
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belongs to the high-end manufacturing industry. Xijtis a
vector of the control variables: (1) ratio of equity to debt
(ELR), measured by the ratio of owners’ equity to total li-
abilities; (2) return on equity (ROE), measured by the ratio
of net profit to balance of shareholders’ equity; (3) rate of
overhead expenses (FEE), measured by the ratio of ad-
ministrative expenses to operating income; (4) current ratio
(CR), measured by the ratio of current assets to current
liabilities; (5) state-owned enterprises (SOE), which equals
one for state-owned enterprises and zero for non-state-
owned enterprises; (6) firm size (SIZE), defined as the log
form of total assets. We control for a number of fixed effects:
λt, μi, and δj are the fixed effects for year, firm, and province,
respectively.

Table 4 presents the estimated results of Model (3). Column
1 shows that economic policy uncertainty has a significant
negative impact on a firm’s technological innovation.Moreover,
the coefficient of HIGHi × EPUjt is −0.043 and is significantly
negative, indicating that, compared to the mid-end
manufacturing industry, the high-end manufacturing industry
tends to postpone innovative activities during periods of eco-
nomic policy uncertainty. )erefore, economic policy uncer-
tainty hinders structural upgrading in manufacturing through
postponing of innovation activities.

Owing to higher education costs and greater hierarchy in
terms of employment position, it is common for skilled
workers to have higher employment costs; hence, in times of
high economic policy uncertainty, companies tend to reduce
employment to have sufficient cash flow. We investigated
whether economic policy uncertainty has any impact on the
structure of employment, and the results are displayed in
column 2. Column 2 indicates that economic policy un-
certainty significantly reduced the ratio of skilled labor. )e
coefficient of HIGHi × EPUjt is −0.007 and is significantly
negative, which means that, compared to the mid-end
manufacturing industry, the high-end industry tends to
reduce skilled labor during the period of high economic
policy uncertainty. Based on the above analysis, we conclude

that economic policy uncertainty hinders structural
upgrading in manufacturing by suppressing the ratio of
skilled labor.

Column 3 displays the effect of economic policy un-
certainty on service transformation. )e results show that
economic policy uncertainty significantly promotes firms’
service transformation. )e coefficient of HIGHi × EPUjt is
0.008, suggesting that the high-end manufacturing industry
tends to undertake service transformation to increase cor-
porate value. )erefore, service transformation plays an
important role in the facilitating effect of economic policy
uncertainty on manufacturing industry structural upgrades.
Despite economic policy uncertainty hindering technology
innovation, it raises corporate value through service
transformation and increased client coherency.

To clarify how economic policy uncertainty influences
the corporate organization mode, we further investigated
how economic policy uncertainty affects corporate vertical
integration. Column 4 displays the results. )e results of
column 4 indicate that economic policy uncertainty
accelerated the transformation to vertical integration. )e
coefficient of HIGHi × EPUjt is 0.029 and is significantly
positive, suggesting that the high-end manufacturing in-
dustry tends to adopt a vertical integration method during
periods of high economic policy uncertainty. A possible
explanation could be that the high-end industry tends to
explore new technology while maintaining a stabilized
supply to increase competitiveness, as it has a higher
technique density than the mid-end industry. Another ex-
planation could be the capital-intensive feature of the high-
end industry. Compared to the labor-intensive mid-end
industry, assets are more specialized here, and the vertical
integration effect is more significant than in the mid-end
industry during the period of economic policy uncertainty.
Overall, economic policy uncertainty has a stimulating effect
on vertical integration. Moreover, the integration is sig-
nificantly and positively related to corporate output increase
and facilitates structural upgrading in manufacturing.

Table 3: Results of panel quantile regression model.

Variables (1) Q10 (2) Q20 (3) Q30 (4) Q40 (5) Q50 (6) Q60 (7) Q70 (8) Q80 (9) Q90

EPU 0.336 (1.49) −0.035
(−0.46)

0.253∗∗
(2.11)

−0.038
(−1.62) 0.020 (0.72) 0.175∗∗∗

(19.31)
0.055∗∗∗
(70.29)

0.102∗∗∗
(2.51)

0.262∗∗∗
(10.08)

FDI 1.439∗∗∗
(8.85)

2.537∗∗∗
(9.50)

2.127∗∗∗
(6.20)

1.674∗∗∗
(13.84)

1.925∗∗∗
(9.62)

2.828∗∗∗
(21.24)

2.592∗∗∗
(329.99)

4.847∗∗∗
(6.38)

4.329∗∗∗
(29.03)

PGDP −0.074∗∗∗
(−3.79)

−0.022∗
(−1.94)

−0.009
(−0.59) 0.009 (0.98) 0.012 (0.78) 0.019∗∗∗

(8.63)
−0.009∗∗∗
(−150.02)

0.008
(0.22)

0.039∗∗∗
(10.82)

OPEN 1.012∗∗∗
(37.78)

0.816∗∗∗
(24.87)

0.854∗∗∗
(24.97)

0.846∗∗∗
(29.82)

0.738∗∗∗
(20.13)

0.541∗∗∗
(42.27)

0.514∗∗∗
(542.59)

0.532∗∗∗
(3.81)

0.341∗∗∗
(10.63)

MARKET 0.473∗∗∗
(8.99)

0.477∗∗∗
(3.16)

0.572∗∗∗
(5.86)

0.539∗∗∗
(2.83)

0.417∗∗∗
(2.85)

0.447∗∗∗
(17.352)

0.708∗∗∗
(275.61)

0.499∗
(1.82)

−2.702∗∗∗
(−110.14)

INNO 2.532∗∗∗
(19.35)

2.899∗∗∗
(10.95)

2.912∗∗∗
(43.17)

3.079∗∗∗
(145.04)

3.059∗∗∗
(55.40)

3.048∗∗∗
(215.60)

3.166∗∗∗
(210.45)

3.185∗∗∗
(6.65)

2.258∗∗∗
(26.78)

FISC −0.843∗
(−1.86)

−0.441
(−1.03)

−0.166
(−0.46)

−0.121
(−0.29)

−1.171∗∗∗
(−5.17)

−1.529∗∗∗
(−40.85)

−1.550∗∗∗
(−230.00)

−0.882
(−1.45)

−4.552∗∗∗
(−38.84)

Time −0.073∗∗
(−2.44)

−0.027∗∗∗
(−13.30)

−0.052∗∗∗
(−3.24)

−0.026∗∗∗
(−4.82)

−0.031∗∗∗
(−9.80)

−0.032∗∗∗
(−70.94)

−0.032∗∗∗
(−210.25)

−0.014∗∗
(−2.53) 0.003 (0.31)

N 660 660 660 660 660 660 660 660 660
Notes: t values are reported in parentheses. ∗∗∗, ∗∗, and ∗ indicate significance at the 1%, 5%, and 10% levels, respectively.
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6. Conclusions

We investigated the impact of economic policy uncertainty on
manufacturing structural upgrading using firm-level and
province-level panel data from 1997 to 2018. Furthermore, we
analysed the effectmechanism and heterogeneity.)e empirical
results suggest that economic policy uncertainty has a positive
impact on structural upgrading inmanufacturing, and the effect
is more profound in regions at advanced stages of
manufacturing structure. )e mechanism test implies that
economic policy uncertainty affects the structural upgrading by
facilitating service transformation and vertical integration.

)e results are unexpected at first glance, as they are unique
in most of the studies. A possible explanation is our sample
selection, as only mid-end and high-end manufacturing in-
dustries were included. We have performed a detailed inves-
tigation of the influence path as well as stability tests; the results
are both plausible and reasonable.

Our research has significant policy implications. First,
the government should focus on optimizing the business
environment and attracting skilled labor to amplify the
output expansion effect of the high-end industry. Mean-
while, local governments should increase support for en-
terprise service transformation to navigate companies
undertaking service transformation at a high level of eco-
nomic policy uncertainty. Second, the government must
focus not only on the survival and development of enter-
prises, but also on the exit mechanism of enterprises when
distributing administrative resources in order to increase the
gross production rate. Vertical integration and the expan-
sion margins of province-level investment could effectively
offset the loss caused by economic policy uncertainty. It is
also beneficial to market redistribution, increasing com-
petitiveness, and ultimately facilitating local economic
growth as well as the employment rate. )us, the govern-
ment should provide support for cross-province investment
to seize the opportunity to develop.
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