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In view of the current problems in the visual aggregation of the �nancial service industry, the random forest graph model is
applied to the spatial recognition of the �nancial service industry’s scienti�c calculation visual aggregation in this paper. Based on
the detailed analysis of the characteristics of the �nancial service industry in the past, combined with the characteristics of �nance,
this method is used to construct a random forest graph model, which mainly optimizes parameters from di�erent aspects such as
model structure, data characteristics, and dynamic changes of the model to obtain optimal parameter values of the random forest
graph model. Finally, through the analysis of the experimental results, it can be seen that, according to the spatial state of the
�nancial service industry, the method proposed in this paper can be used for visual aggregation analysis. �is method can
e�ectively improve the timeliness of the scienti�c calculation of spatial recognition in the �nancial service industry.

1. Introduction

As the level of Internet technology continues to improve,
various �nancial service industries based on the Internet
have begun to emerge. Domestic scholars have focused on
the scienti�c computation of spatial recognition and its
recognition since it is one of the popular visual aggregation
types in the �nancial service sector [1–3]. However, it is
highly tricky to acquire details from raw data of the �nancial
service sector for scienti�c computation of spatial recog-
nition as �nancial contents are not clearly de�ned and signal
of the �nancial service sector is based on a time-sequencing
method. �e random forest graph model can be used
according to its concealment. So far, the features of the
�nancial service sector obtained are not accurate due to the
relatively simple classi�cation methods.

�e �nancial service sector has gradually become a brand
new engine and driving force for the economic growth and
development of various countries. In the face of the

complicated and grim economic situation in the world, the
global economies have accelerated the development of a new
generation of information and communication technologies
and sped up the transformation and upgrading of the tra-
ditional industries in the direction towards more convenient
�nancial services based on the network and intelligent
technologies so as to seize the high ground in the devel-
opment of �nancial services and gain a head start in the
economic growth and competition across the globe. China is
vigorously developing the �nancial service sector, facilitating
the integration of the �nancial service sector with the real
economy, accelerating the continuous transformation of old
and new growth drivers, and promoting changes in quality,
e�ciency, and power for economic growth, thereby creating
new drive for the modernization and high-quality growth of
the economy [4, 5]. As a more advanced and sustainable
economic form, the �nancial service sector is a vial driving
force to promote industrial restructuring and achieve sus-
tainable and high-quality growth of the economy. With the
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features of game-changing technology innovation, network
based platform, and high penetration, it can stimulate the
emergence of new industries and promote the transfor-
mation and upgrading of the traditional ones through the
industrialization of the financial service sector, thereby
further driving the optimization and upgrading of the in-
dustrial structure. Among them, the industrialization of the
financial service sector represented by the Internet of +ings
(IoT), e-commerce, artificial intelligence (AI), 5G com-
mercialization, and so on has provided new services, new
models, and new business modes for the economic growth
[6, 7]. +e Internet, IoV, big data, AI, and other emerging
technologies are actively promoting the upgrading of the
traditional industries to improve their production efficiency.
+e comprehensive index system for the growth in the fi-
nancial service sector is established and the intermediary
effect model. +e impact mechanism and threshold of fi-
nancial service sector on regional total production are an-
alyzed based on the panel threshold model, which has
provided theoretical support and empirical basis for
implementing the industrial structure transformation and
driving the high-quality economic growth [8–10].

In this paper, the spatial recognition scientific compu-
tation in the financial service sector is performed based on
the random forest graph model. +is method can be applied
to the spatial recognition scientific computations of financial
service sector as current prior knowledge of the financial
service sector according to the spatial features of the fi-
nancial service sector. +e financial features in the financial
service sector are extracted by information gain. It uses the
random forest graph model to constrain the spatial weight,
merges financial content information, integrates the spaces
with high similarity, and constructs the spatial recognition
scientific computations model in the financial service sector.
+e proposed system of random forest spectral model can
enhance the effectiveness and efficiency of parallelization
substantially.

2. Methods and Models

+e visual aggregation effect in the development of the fi-
nancial service sector is analyzed in conjunction with the
random forest mapping model. +e nonlinear time series set
is taken as the spatial recognition parameter for the scientific
computing of the financial service sector to establish a high-
dimensional space with the distribution of spatially iden-
tified visual aggregation parameters in the scientific com-
puting of the financial service sector, as described in the
following:

xn � x t0 + nΔt(  � h z t0 + nΔt(   + ωn. (1)

In the above equation: h (.) stands for the multivariate
value function of the financial services development analysis;
ωn is the function to measure the assessment error. In the
high-dimensional feature distribution space, the feature
training subset Si (i � 1, 2, . . . , L) to analyze and assess the
growth can be obtained through the solution vector by
analyzing and assessing the full visualization effect of growth

aggregation in the financial service sector, and the following
conditions are met.

(1) Σ � diag(δ1, δ2, . . . , δr), δi �
��
λi


,∀i≠ j.

(2) oobF1(k).

It is assumed that X � x1, x2, . . . , xn  is a spatial rec-
ognition scientific computation for the visual aggregation of
statistical information in the financial service sector, which
complies with the decomposition condition xk � xk1, xk2,

. . . , xkp}, xkj � [akj, bkj], 1≤ k≤ n, 1≤ j≤p for initial value
feature, where U � uik , (i � 1, 2, . . . , c; k � 1, 2, . . . , n).
With regard to themultivariate group, the development class
analysis of the financial service sector assesses the sequence x
(n) for statistical feature distribution. In the scientific
computation for the visual aggregation of the spatial rec-
ognition in the financial service sector, the data flow is
established according to statistical measure in the previous
section:

c1x � E x(n){ } � 0, c2x � E x(n)x(n + τ){ } � r(τ),

ψx(ω) � lnψx(ω) � −
1
2
ω2σ2.

(2)

It is assumed that the data on the visual aggregation
effect for the growth of the financial services is uik.
According to the predicted visual aggregation effect in the
growth of financial service sector, the initial feature value is
fixed to obtain the estimated probabilistic density general-
ized function as follows:

uc(t) � Kxc(t), (3)



c

i�1
uik � 1, ∀k

0≤ uik ≤ 1, ∀k, i

⎧⎪⎪⎨

⎪⎪⎩
is continuous model function, and k≥ 1

after k − 1 iterations; gray order sequence of the spatial
recognition in the financial service sector for scientific
computation of visual aggregation meets N (k)< L. +e
output index for the full visualized aggregation effect is
obtained based on random forest mapping model in the
analysis and evaluation of the growth of the financial service
sector [11, 12], which is taken as the value of K neighboring
samples of the information flow in the distributed big data:

P1J � 
di∈KNN

Sim x, di( y di, Cj .
(4)

+e feature value of the main component is established
through big data analysis to assess the full visualized ag-
gregation effect in the growth of the financial service sector,
and the similarity in the resource distribution of the financial
service sector development is resolved by the ambiguous
dense joint filling method, as described in the following:

Sim1 di, d1j  �


M
k�1 Wik × W1jk

��������


M
k�1 W

2
ik



·
���������


M
k�1 W

2
1jk

 . (5)

In the above equation: gi stands for the a priori dis-
tribution feature vector of the spatial recognition science of
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financial service sector to calculate visual aggregation; and
gi � (gi1, gi2, . . . , gip), gij − [αij, βij], 1≤ i≤ c, 1≤ j≤p

stands for the vector of K-mean clustering center in layer 1 of
big data.

+e integration of the full visualized aggregation effect
assessment in the growth of the financial service sector is
implemented in combination with the fusion method for the
linear correlation features [13], and the output fusion
equation for the resource information in the growth of the
financial service sector is described as follows:

P(w|x) �
P(x|w)

P(x)
. (6)

It is assumed that the quantitative recursive feature is
λm

k � (λm
k1, λ

m
k2, . . . , λm

kp); the feature of probability density in
resource distribution of full visualized aggregation effect
is W � 

c
i�1 

n
i�1 (uik)2Φ(xk, gi) � 

c
i�1 

n
i�1 (uik)2 

p
j�1

[λm
k (akj + bkj/2 − αkj + βkj/2)2]. +us, X (i) stream of big

data in the scientific computing visualized aggregation for
the spatial recognition of the financial service sector includes

p (i) submatrices

λm
ij ≥ 0



p

j�1
λm

ij � 1

⎧⎪⎪⎨

⎪⎪⎩
with the size of αij �


n
i�1 (uik)2akj/

n
i�1 (uik)2, βij � 

n
i�1 (uik)2bkj/

n
i�1 (uik)2.

Index parameters are clustered and integrated to develop a
resource distribution plan for the full visualized aggregation
effect. In this way, the optimization of the spatial recognition
for the scientific computing visualized aggregation of the
financial service sector can be implemented.

In general, firms are aggregated in a vertical chain of
industrial connections. +e manufacturing sector links
upstream to downstream firms, which are in cooperative/
competitive relationships. It is assumed that the X set of n
samples has been processed by SDA.

X � x1, x2, . . . , xn . (7)

With p as the index, fuzzy clustering is conducted by
category:

xk � xk1, xk2, . . . , xkp ,

xkj � akj, bkj , 1≤ k≤ n, 1≤ j≤p.
(8)

U is the relative membership of model matrix:

U � uik , (i � 1, 2, . . . , c; k � 1, 2, . . . , n), (9)

uik is the membership of sample k in the i category, which
complies with



c

i�1
uik � 1,∀k0≤ uik ≤ 1,∀k, i , (10)

gi indicates the cluster center in category i:

gi � gi1, gi2, . . . , gip , gij − αij, βij , 1≤ i≤ c, 1≤ j≤p.

(11)

Adaptive parameter λ is introduced to obtain cluster
weight:

λm
k � λm

k1, λ
m
k2, . . . , λm

kp . (12)

Comprehensive weight is expressed as

W � 
c

i�1


n

i�1
uik( 

2Φ xk, gi( ,

� 
c

i�1


n

i�1
uik( 

2


p

j�1
λm

k

akj + bkj

2
−
αkj + βkj

2
 

2
⎡⎣ ⎤⎦,

(13)

where it satisfies

λm
ij ≥ 0,



p

j�1
λm

ij � 1.

⎧⎪⎪⎪⎨

⎪⎪⎪⎩

(14)

Using the Lagrangian method to derive the aggregation
function is as follows:

αij �


n
i�1 uik( 

2
akj


n
i�1 uik( 

2 , βij �


n
i�1 uik( 

2
bkj


n
i�1 uik( 

2 ,

λm
ij �


p

h�1 k�1 uik( 
2

akh + bkh( /2(  − αih + βih( /2( ( 
2

 
1/p

k�1 uik( 
2

akj + bkj/2 − αij + βij/2 
2 ,

uik � 
c

h�1


p
j�1 λm

ij akh + bkh( /2(  − αih + βih( /2( ( 
2

 


p
j�1 λm

hj akh + bkh/2 + αih + βih/2( 
2

 

⎡⎢⎢⎣ ⎤⎥⎥⎦.

(15)

In general, the concentration of firms is subject to
natural resources, geographical environment, process
technologies, etc. +e cooperation of various firms in pro-
duction and operation is mainly reflected by preliminary
integration. Geographical location of firms is integrated
through competitive/cooperative relationship. Internal re-
sources of firms are integrated based on the matching degree
of the cluster, which has minimized trade costs and maxi-
mized profits.

+e random forest spectrum model can construct the
model in the time series with the highest serialized feature
for extensive application during scientific computation of
spatial recognition in the financial service sector [14, 15]. In
the model, N states are S � S1, S2, . . . , Sn , and the state at t
time t is qt. It is assumed that A � aij  is established matrix
of transition between states; then

αij(k) � P qt+1 � Sj|qt � Si , 1≤ i, j≤N. (16)

Any state in some RFAMs can be converted to other
states in one transition, while other RFAMs allow transitions
between specific states only; i.e., aij > 0 for some i and j.

Unlike that in the random forest graph chain, external
values can only be observed for each state in the RFAM.+e
observation vector obtained is discretely or continuously
related to the system state.
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However, the probability distribution of vectors ob-
served in j state under continuous observation is

bj vt(  � P vt|qt � Sj , 1≤ j≤N. (17)

+e probability distribution is generally used as mixed
Gaussian distribution:

bj vt(  � 

M

m�1
ωj,mN ot, μj,m,Σj,m , (18)

whereM is the distribution count of mixture Gaussian, ωm is
positive mixture weight, and N(ot, μj,m,Σj, m) is n-di-
mensional Gaussian distribution.

πi � P q1 � Si , 1≤ i≤N. (19)

+us, RFAM is divided into three groups λ� (A, B, π).
+us, the sequence observed based on the model is
O � o1o2 · · · oT, where ot is the vector observed at t time, and
T is the total length observed.

+e time complexity and space complexity in the spatial
recognition scientific computation of the financial service
sector are subject to the impact of the dimension of feature
vector in the financial service sector. +e dimensionality
reduction in the financial service sector is processed by
extracting model space to make the assessment based on the
model more accurate.+emean volume of data in the model
is calculated based on information gain algorithm:

G(w) � − 
N

k�1
P c

k
 log2P c

k
  + p(w) 

N

k�1
p c

k
|w log2p c

k
|w , (20)

wherew is the complementary set ofw;w is the space count;T
is the mean number of words in the financial service sector in
the training set. In the preprocessing stage, word2 vec used in
the preprocessed financial service sector is taken as a vector,
and the word count is recorded in combination with highly
similar word vectors. In the selection of space, the meaning of
spatial aggregation vector is taken into account in this paper.

+e financial service sector automatically consists of
several columns of vocabulary. In the specific financial
service sector, various vocabulary will automatically be
different. Hence, the establishment of the random forest
spectrum model is based on the space itself and the space
frequency, but in the space extraction process, the meaning
information is merged into the space. +e random forest
spectrum model is established based on the category space
set with the word vector as the hidden state and the cor-
responding word count as the state sequence observed.

For the constructed random forest graph model the state
transition period is a process of space traversal. +e spatial
output sequence is defined by k, which is the spatial sum in
line with similarity threshold. Based on the model, the in-
termediate state (si) is obtained, and the distribution ob-
served in ck class is

v
i
ck

wci
  � p k|si � wci

 . (21)

Taking full account of the constraints on the distribution
of bi

ck
and spatial frequencies, a greater spatial distance

during processing indicates smaller aggregate in different
financial service industries.

b
i
ck

wci
  � IFIDF(i) �

Dck(i) +1
ckDck(i) +|C|

×
Nck(i) +1

ckNck(i) +|C|
,

(22)

where Dk
c (i) is business item in the financial service sector

(wci
) of ck; Nk

c (i) is the occurrences of wci
in ck class. +us, a

regularizing effect can be observed in the occurrences of the
same class.

+e matrix of state transition in state 1 is converted to
state 2 until the end position as the random forest graph
model (ck) is classified in the category of financial service
sector [16, 17], with Ak

c state transition matrix:

aij �
1, j � i + 1,

0, j≠ i + 1.
 (23)

+e probability π � 1, 0, . . .{ } in s0 initial state is defined,
with the random forest graph model in ck category:

λk � Π, Ack , Bck . (24)

With regard to the case where the classification is not
precise in the evaluation and computation of the scientific
computation visualized aggregation for the spatial recog-
nition in the traditional financial service sector, the random
forest mapping model is used in this paper for the evaluation
and computation of the spatial recognition scientific com-
putation visualized aggregation in the financial service
sector. +e performance of the established data model is
evaluated by quantitative recursive method to obtain its
control features and classify the index parameters for vi-
sualized aggregation of spatial recognition in the scientific
computation of the financial service sector.

+rough the use of this computation method, the as-
sessment of scientific computation visualized aggregation for
the spatial recognition of the financial service sector can be
carried out effectively. Due to the high capacity in compre-
hensive analysis of data, it can make the evaluation of full
visualized aggregation much more accurate and improve the
efficiency of resource utilization in the financial service sector.

A visual aggregation method for the spatial recognition of
the financial service sector based on the random forest
mapping model is put forward. +e random forest mapping
model is used to analyze the information related to the as-
sessment of the scientific computational visualized aggrega-
tion for the spatial recognition in the financial service sector.
+rough the experiment, it is verified that the information
combination analysis capacity of the proposed method is
high, which can greatly increase the evaluation accuracy for
the aggregation effect of full visualization and application
efficiency of resources to boost the development in the fi-
nancial service sector by evaluating the visualized aggregation
effect in the scientific computation of spatial recognition.

+e random forest mapping model was used to analyze
the information related to the assessment of spatially
identified scientific computational visualized aggregation in
the financial service sector.
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+e experiments verify that scientific computational
visualized aggregation of financial service sector spatially
identified can be evaluated by the computation method, with
a high comprehensive information analysis capacity, sub-
stantially increased evaluation accuracy of full visualized
aggregation effect, and efficient utilization of financial ser-
vice sector development resources.

RFM parameters should be initialized before computation
based on Baum-Welch algorithm. +e results obtained based
on aggregation algorithm for scientific computation visuali-
zation with initial parameters are highly correlated. Whether
the transition matrix or iterative operation is 0 is determined
by initializing the transformation matrix, and observation
sequence is defined as O � o1o2 · · · oT:

P O|λk( ≥P(O|λ), (25)

P(O|λ) is calculated based on forward-backward algorithm.
Probability αt(i) is defined using RFAM parameter λ and
state i:

αt(i) � P o1o2 · · · oT, qt � i|λ( . (26)

Namely, αt(i) is the probability of sequence (o1o2 · · · ot)

under parameter A in ot state at t time.
Based on forward algorithm, P(O|λ) can be calculated as

follows:

(1) Initialization

α1(j)�jbj o1( , 1≤ j≤N. (27)

(2) Recursion

αt(i) � bi ot(  

N

j�1
αt− 1(j)αji

⎡⎢⎢⎣ ⎤⎥⎥⎦, 1≤ t≤T, 1≤ i≤N.

(28)

(3) Termination

P(O|λ) � 
N

j�1
αT(j), (29)

βt(i) and ξt(i, j) are defined as

βt(i) � P ot+1ot+2 · · · oT, |qt � i, λ( ,

ξt(i, j) � P(qt � 1, qt + 1 � j|O, λ),
(30)

ξt(i, j) can be expressed by forward-backward computation
method:

ξt(i, j) �
P qt � i, qt+1 � j|O, λ( 

P(O|λ)

�
αt(i)αijbj ot + 1( βt+1(j)

P(O|λ)

�
αt(i)αijbj ot+1( βt+1(j)


N
i�1 

N
j�1 αt(i)αijbj ot+1( βt+1(j)

,

(31)

where the system is in the m component of i state at t time;
the probability ct(i, m) is

ct(i, m) �
αt(i)βt(i)


N
i�1 αt(i)βt(i)

 
μj,mN ot, μj,m,  j, m 


M
m�1 ωj,mN ot, μj,m,  j, m 

⎡⎢⎣ ⎤⎥⎦.

(32)

Various types of RFAM are first trained by using the
labeled training set. Let the scientific computation for spatial
recognition be k � 1, 2, . . . , K{ } and the parameter of each
type corresponding to the model be λk. Given Bayes formula,
the posterior probability is maximized based on maximum
likelihood criteria

k � arg max
1≤k≤K

P O|λk(  � arg max
1≤k≤K

P O|λk( P λk( 

P(O)
. (33)

Provided that each type has the same prior probability
P(λk), since P(O) is independent of k, the determination can
be ignored.

k � arg max
1≤k≤K

P O|λk( . (34)

Due to the maximum value P(O|λk) and the occurrence
of underflow at float point during computation, logarithmic
values are taken in general. Each equation is weighted if
there are several sequences observed.

+e random forest graph model cited in this article uses
small samples for multiple sampling. +rough the random
forest graph model, a scientific and reasonable visual ag-
gregation center can be obtained, so as to reduce the un-
reasonable phenomenon of scientific computing and visual
aggregation in the initialization stage and effectively improve
the random forest. Performance and accuracy of graph
models: +e model is based on the MapReduce model for
random forest graph model analysis. +e operational
framework of the random forest graph model is shown in
Figure 1.

In the current space identification sector of the financial
service sector, the requirements of individual firms should
be timely responded to satisfy their different demands. +e
financial service sector includes two main subsectors: de-
velopment and design. In the emerging financial service
sector, customized services are offered to firms during de-
velopment and design cycles after comprehensive analysis of
market demand variation, along with individualized design
based on the actual demand of firms.+ough their objectives
differ from the primary missions, they are inherently con-
nected. Modularization and standardization are designed in
the process of spatial recognition of the financial service
sector as the basis of the process of spatial recognition of the
financial service sector. +e nonsegmented pieces attached
to the process of spatial recognition of the financial service
sector is converted to a virtual reality (VR) model, which
should also has the supporting information on the growth of
the emerging sector and firm design based on their needs.
+e VR-based random forest graph model is established,
where virtual objects, scenes, or systems generated by

Discrete Dynamics in Nature and Society 5



computer are superimposed to “enhance” the prompt on
real-world scenes.

Based on the random forest graph model, virtual objects
are introduced to real-world context, and their position and
posture consistent with real-world scenes are displayed
dynamically. In this way, environment roaming can be
observed based on random forest graph model so as to
ensure more natural interactions. Additionally, the output is
more realistic based on random forest graph model.

Based on the random forest graph model, the actual
situation can be photographed with a camera. Each frame in
the video is processed by tracking to calculate the coordi-
nates and states of virtual objects corresponding to those in
the real world based on geometric computation and con-
struct a virtual scene on this basis. +e virtual scenes are
combined with real-world streams, and the merged results
are timely transmitted and displayed. Computation is per-
formed based on the weight corresponding to each tree

according to formula, and the weighted random forest
corresponding to these decision trees is combined. Figure 2
is a flowchart of weighting processing.

In the case of the random forest graph model system, the
real-time addition of virtual objects to real-world scenes and
correct alignment with real-world objects is crucial. Every
tree in a random forest requires voting and statistics. In this
case, when the number of decision trees is large, the voting
process of the entire random forest model is parallelized.
Figure 3 is a flowchart of parallelized voting by weighted
random forest.

Refer to the design drawings of the financial service
sector to zoom in and out of the system at a certain ratio.
During the implementation of the financial service sector’s
exterior wall, consistent specifications are ensured in the
solution. +e scale issue of all lines in the financial service
sector is addressed by the department according to the
length and width of a line.

Start

0OB data Training data Set Feature sharing

Feature subspace
sampling & Bagging

Decision tree RDD

Parallel modeling

Prediction

Combine and weight

Decision tree model
<tree 1>,w11>

<tree; F1>....<treeN,Fn>

Decision tree model

End

Figure 1: Computing framework of the random forest graph.

oOB data

oOB data

predict

predict

<tree;F1>

combine
and weight

Random forest model
<tree;F1>...<treeN,Fn>

Decision
tree model

Decision
tree model <treeN,Fn>

Figure 2: Weighting process.

6 Discrete Dynamics in Nature and Society



After establishing the coordinate system in scale, each
line in the financial service sector is represented by a geo-
metric entity in the virtual sector through a series of
computations.

3. Experiment and Result Analysis

In the cluster based on random forest graph model, the
parallel frame is established each in the test for storage by
Hadoop, and relevant data are calculated according to the
model. Let

ITUsijkt � α + β1fincolijkt + β2Xijkt + ϑi + τj + φt + εijkt,

(35)

where k, i, j, and t are company, sector, region, and year,
respectively; ITUsijkt is the conversion result of the man-
ufacturer; fincolijkt is the distribution of spatial coordination
between the financial service and manufacturing sectors;
Xijkt is control variable; α is constant term; εijkt is random
disturbance item. Further, the fixed effects of sector (ϑi),
region (τj), and time (φt) are introduced into the model.

3.1. Variables Are Explained. Variable interpretation:
manufacturing model transformation. Based on the view-
point of the industrial value chain, the conversion and
upgrading of manufacturers are mainly manifested in
moving towards the high end of the global value chain. On
this basis, the upstream degree of each subsector is obtained
in the input-output table. Furthermore, the firm-product-
grade import and export data is used; the formula for

calculating the upstream degree of firm-level import and
export is

UXft � 

N

i�1
Ui

Xif

Xf

,

UMft � 

N

i�1
Ui

Mif

Mf

.

(36)

Two differences define the upstream degree of pure
exports or the conversion and upgrade effects of
manufacturing (ITU):

ITU � UMft − UXft. (37)

Firstly, market needs are analyzed to facilitate the
subsequent financial services for new commodities. In this
way, firms can understand the market situation compre-
hensively to meet the demand of customers better. Secondly,
the fashion trend is predicted to guide the firms correctly.
Fashion trends refer to designs, colors, fabrics with higher
quality, and patterns that are popular. Further, the design of
new clothes requires designers to have both inspiration and
creativity [15]. During the process of spatial recognition of
the financial service sector, the knowledge base should be
combined with market demand and fashion trend at present.
+e information on market demand and fashion trend
should also be used as the source of design inspiration for
spatial identifiers in the financial service sector. According to
design patterns, the relevant style is identified, combined
with inspiration, and stored in the knowledge base. After
spatial recognition of the financial service sector is com-
pleted, the financial service sector spatial recognition of new
products will be converted into the design knowledge of the
individual needs of the financial service sector customers.

3.2. Core Explanatory Variable. +e spatial coordination
distribution of financial services and manufacturing: In the
research to date, the deposit amount of local financial in-
stitutions in most regions accounts for the ratio of GDP. Or
use the location entropy method to measure the scale of
industrial integration and the degree of integration of local
finance, but it cannot describe the codistribution features of
the financial service sector and the manufacturing sector.

clusterij �
Lij/Lj

Li/L
, (38)

where clusterij represents the location entropy index of
sector i (i�mcluster, fcluster) in city j in the country; Lij

represents the number of employees in sector i in j city; Lj

represents personnel count in manufacturing and financial
service industries in city j, (j � 1, 2, 3, . . . , N); Li represents
personnel count in i sector nationwide; L represents the
number of employees in the manufacturing and financial
services industries across the country.

Start

Prediction sample 1

Desicion tree T1.
Prediction sample 1

Desicion tree T2.
Prediction sample 2

Desicion tree T3.
Prediction sample 3

Weight W1 Weight W2

MAX (∑W (WE L1), (∑W (WE L1)

label

End

Weight W3

Figure 3: Parallel voting flowchart of weighted random forest.
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fincol � 1 −
|mcluster − fcluster|
mcluster + fcluster

  +|mcluster + fcluster|.

(39)

In Figure 4, the attributes obtained based on the clas-
sification model are verified in combination with their
mathematical relationship, and the performance of the
model is assessed by confusion matrix indices. +e confu-
sion matrix is shown in Table 1, where T indicates True, F
indicates False, TP indicates True Positive, FP indicates False
Positive, TN indicates True Negative, and FN indicates False
Negative.

+e evaluation indices of the confusion matrix are di-
vided into precision and recall.

Veracity:

precision �
TP

TP + FP
. (40)

Recall rate:

recall �
TP

TP + FN
. (41)

Further to this, there is F1 value, which is a blending
value of veracity and recall rate. +e F1 value is defined as

F1 �
2TP

2TP + FP + FN
. (42)

In the process of constructing the model, the scientific
computation visualized aggregation method was used. +e
prediction of small loans is divided into two types: on-time
repayment and overdue. +e corresponding values of the
type are “0” and “1”, respectively, so the value of Class-
Number is set as 2. Set the four parameters according to the
greedy algorithm; select the value F1

max Boxes � 130

maxDepth � 6

numberDecision Trees � 240

characteristicNumber Strategy � ″sqrt″

⎧⎪⎪⎪⎪⎪⎨

⎪⎪⎪⎪⎪⎩

(43)

According to equation, the tree weight is proportional to
the value on the out-off-bag data, and 200 weight values for
decision tree can be selected to verify the rationality of the
tree weight. Figure 5 is the weight map.

For the purpose of testing the recognition capacity of the
model put forward in this paper and at the same time
comparing with the curve profile offset recognition model,
the recognition threshold value based on the random forest
mapping model is used as the difference value in the spatial
recognition rate for the financial service sector in the ex-
perimental samples. In other words, the deviation of the
joints in the three consecutive business types will be con-
sidered as the business type that can be used to identify the
joints when the deviation between the slopes of the fixed
points is completed. +e financial services are identified
based on the curve profile offset identification model and the
random forest mapping model in turn. After different ex-
perimental threshold values are set, the financial service
space is identified accordingly, and the information data on
the financial service space are detected in turn. In accordance
with Table 2 below, the experimental results suggest that the
traditional model can lead to an increase in the recognition
volume as the recognition threshold value of the financial
service space increases, and the similarity of recognition will
also be affected to some extent. Hence, the random forest
mapping model is mainly implemented based on the ro-
tation operation so that better recognition capacity can be
obtained. Table 3 is shown below.

+e proposed method is used in the random forest
mapping model for the detection of the financial services
space identification, and the detection objects are identified
patterns that may be subject to various attacks, as well as the
unidentified patterns. +e ideal detection model should be
able to detect the maximum similarity with the part cor-
responding to the completely original recognition. It can be
observed through the probabilistic theoretical analysis that
the algorithm adopted above needs to be associated with the
presence of a sequence in the identification of the financial
services space. Table 2 below shows the corresponding size of
the ms for the different values selected.

In fact, the length of the recognition information is not
very small, and the recognition pattern subjected to the
ablation attack has no practical application value if the
number of valid bits is relatively small. Hence, the minimum
value and the maximum length of the identification infor-
mation bits extracted based on the considered design are set
between 25 and 1000. After the above data are interpolated a
threshold curve can be plotted based on the similarity
threshold value corresponding to each recognition length, as

Renevant element

Ture positivesTure negatives

False positives

Predicted as positive

Select elemen

ture negatives

Figure 4: Schematic diagram of classification results.

Table 1: Confusion matrix.

Positive Negative
T TP TN
F FP FN
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shown in Figure 5 above, which can be further used as a
reference for the similarity threshold of the recognition
information with different lengths during the recognition
detection.

4. Conclusion

Various types of data in the traditional financial sector are
rich and contain great value. How to effectively use these
data and extract useful information to help users make
decisions is a major problem faced by people in the financial
sector. +e random forest map model is used for the sci-
entific computation of spatial recognition of the financial
service sector. +e random forest map model is used to
assess the data model capacity and control the featured
resources acquired. +e accuracy of scientific computation
of spatial recognition is improved by using optimal pa-
rameter values based on RFAM, and the spatial recognition
and industrial agglomeration analysis of the financial service
sector are completed. Finally, the results of example analysis
show that accurate and fast spatial recognition scientific

computation can be achieved by introducing the model of
random forest graph into independent scientific computa-
tion of spatial recognition in the financial service sector. At
the same time, combined with the rhythm features of the
financial service sector, the spatial recognition scientific
computation accuracy of the RFAM model of the financial
service sector is improved to 67.9%. +e visual analysis of
scientific computation of spatial recognition of financial
service sector based on random forest graph model is
realized.
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+e supporting data can be obtained from the corresponding
author upon request.
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