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'e study explored personality traits as they predicted self-regulated learning and academic engagement among college
students in Ghana. A sample of 652 (return rate was 87.0%) was drawn from an accessible population of 17,396. Adapted
versions of Taiwanese Short Self-Regulation Questionnaire (22 items; α� 0.84), University Student Engagement Inventory
(15 items; α� 0.81), and Big-Five Personality Inventory (30 items; α� 0.70) were used for the data collection. 'e data
collected were analysed using multivariate multiple regression. 'e study revealed that student-teachers exhibited lower
levels of self-regulated learning and academic engagement. Again, openness, conscientiousness, extraversion, and
agreeableness aspects of the personality traits predicted self-regulated learning and academic engagements of students.
Findings from this study serve as a beacon for teacher education programs in Ghana to scale up their efforts in ensuring
that preservice teachers are able to self-regulate their learning. As preservice teachers who will soon be practicing, they
cannot help their students self-regulate their learning if they themselves have low levels of self-regulation and engagement.
Students’ success can only be realized when learners are able to manage their own learning and engage in
academic activities.

1. Introduction

'ere appears to be an increasing concern about students’
engagement globally. Extant literature shows the significant
role self-regulated learning and student engagement play in
supporting students’ academic success [1–5]. In lieu of this,
educators globally have been called to enact policies that
leverage self-regulated learning and students’ engagement.
Self-regulation, according to Zimmerman [5], is the degree
to which learners are motivated, exhibit metacognition, and
behaviourally involved in their learning process for goal
attainment. 'is means that self-regulation espouses the

cognitive, metacognitive, behavioural, motivational, and
emotional/affective aspects of learners. As a result, self-
regulation serves as a unique umbrella in which a wide range
of learning-related variables (e.g., self-efficacy, volition, and
cognitive strategies) are studied in a systematic and holistic
manner [3].

In view of Hoyle [6], people who are able to self-regulate
themselves effectively could manage their perceptions about
their social surroundings, demonstrate consistent positive
behaviours, and succeed in goals they set for themselves.
Weimer [7] alleged that self-regulation is universal for every
learner and does not mean that it is a trait that may exist in
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some students and not in others. Rather, it entails the se-
lection of and utilisation of specific processes (goal setting,
monitoring progress, efficient use of time, and self-evalua-
tion of selected methods) that must be individually adapted
to various learning tasks. Mirhashemi and Goodarzi [2]
equally indicated that learners’ ability to monitor their
motivation and emotions is important for their learning.

On the other hand, students’ engagement pertains to
students’ active participation in activities: studying, skill
acquisition, search for knowledge, and research in the
learning environment [8]. Students’ engagement has an
influence on students’ academic performance, especially on
students’ grade point average (GPA) [9]. Carini et al. [9]
intimated that academic engagement is an important driver
of both the academic success of students and the overall
positive study experiences of students. An understanding of
the learning behaviours of students in educational institu-
tions enables stakeholders in the educational process the
opportunity to gauge how the instructional processes are
carried out [10]. Students’ engagement is used as a channel
to improve low levels of academic achievement, reduce
students’ boredom, and disaffection [11]. Students’ en-
gagement is perceived as a strong indicator of optimal
studying experience and a pillar to students’ success [4]. In a
similar study, Fredricks et al. [1] viewed students’ engage-
ment as a multifaceted concept that encompasses three
dimensions: behavioural (involvement in academic and
social or extracurricular activities), cognitive (incorporating
thoughtfulness and willingness to exert the effort necessary
to comprehend complex ideas and master difficult skills),
and emotional (positive and negative reactions to teachers,
classmates, academics, and school). He argued that knowing
the extent of students’ engagement academically gives
teachers and other school authorities the impetus to plan
effective teaching methods that will make the most use of the
learning behaviours of students.

Over the last decade, self-regulated learning and stu-
dents’ engagement have been explored in tandem with
students’ personality traits [12–14], Ozan, Gundogdu, Bay,
and Celkan [15, 16]. It has been observed that students differ
significantly and have distinct behavioural patterns that help
to explain their individual identity. In lieu of this, there has
been a surge of interest in personality traits (particularly the
five-factor model) in relation to education and learning [17].
Personality is a distinct and relatively permanent way of
thinking, feeling, and acting that defines a person’s reaction
to a situation [18]. For instance, it has been observed that
personality type influenced the various learning strategies
that students adopted [14]. 'e five-factor model, which is
the most common and empirically sound model of per-
sonality research, focuses on five categories or dimensions
(i.e., personality traits) such as openness to experience (o),
extraversion, conscientiousness, agreeableness, and neu-
roticism (Big-5) [17].

'e next section of the study discusses the literature
review, theoretical models, Ghanaian context, methods
and results, discussion, conclusions, implication for
policy, and practice limitations and suggestions for future
studies.

2. Literature Review

2.1. Personality Traits and Students’ Self-Regulated Learning
(SRL). In Turkey, 310 randomly sampled university students
were examined in terms of their level of self-regulated
learning by Ozan et al. [15]. 'ese researchers found that
students’ perception on their metacognitive self-regulation
was moderate. In a similar study, Dörrenbächer and Perels
[19] investigated personality traits and SRL strategies using a
survey sample of 337 undergraduate students with different
specializations such as preservice teaching, psychology,
language and cultural studies, economics, law, and natural
sciences. 'e study revealed that low levels of neuroticism
moderately and highly predicted self-regulated learning
components identified in students. Furthermore, the study
revealed that higher levels of extraversion, conscientious-
ness, agreeableness, and openness in students predicted a
moderate to high SRL strategies used by students. 'ese
studies provide evidence that reflect how personality traits
significantly shapes student self-regulated learning
strategies.

Moreover, Bruso [13] found that students with extra-
version, conscientiousness, agreeableness, and openness, but
not neuroticism, predicted more frequent use of SRL
strategies. Bruso’s findings support the work of Ghyasi et al.
[14] who explored the relationship between personality types
and self-regulated learning strategies of language students in
Iran. Using a sample of 231 undergraduate students, the
study revealed that personality traits influenced the various
learning strategies that students adopted. Particularly, the
findings also showed that students who reported high on
conscientiousness, in most cases, could use all strategies,
especially when it came to managing time and study envi-
ronment, and those who scored high on extraversion were
more likely to use peer learning and other help-seeking
strategies. Majority of researchers who investigated the re-
lationship between students’ personality traits and self-
regulated learning found that students with high levels of
openness, conscientiousness, extraversion, and agreeable-
ness exhibited behaviours of goal attainment, mindfulness,
adjustment, proactiveness, and goal setting in their learning
[2, 12, 14, 20, 21]. It is conspicuous that these behavioural
exhibitions (i.e,, goal attainment, mindfulness, adjustment,
proactiveness, and goal setting in their learning) are an
effective recipe for effective self-regulated learning [12, 21].

2.2. Personality Traits and Students’ Academic Engagement.
Many empirical works have focused on the relationship
between personality traits and student engagement in dif-
ferent contexts with varied findings [22, 23]. Additionally,
Qureshi et al. [16] explored whether personality can mod-
erate students’ engagement and their attitude towards em-
ployability in Edge Hill University, Ormskirk, the United
Kingdom.'e results showed that different patterns of traits
were associated with student engagement. Also, Chapa [24]
investigated the influence of personality traits on students’
engagement and academic success. 'e study found that
personality traits mediated students’ engagement and their
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academic success. In a similar vein, Sangeetha et al. [23]
conducted a study among college students and found that
the personality characteristics of students contributed sig-
nificantly to students’ learning engagement. 'at is to say,
the personality traits of students had a positive relationship
with the extent to which students engaged academically.

Researchers such as Engels et al. [25], Greene and
Oswald [26], Montenegro [22], and Ulmannen, Soini, Pie-
tarinen, and Pyhalto (2016) explored students’ engagement
extensively and found an extra component as agentic en-
gagement. 'is component is branded as student input to
the flow of instruction that they receive in the learning
environment. According toMontenegro, students are able to
discover ways of enhancing and personalizing their edu-
cation by providing teachers with opportunities to deter-
mine how autonomy-supportive their instruction may be
through agentic engagement. Montenegro claimed that this
type of engagement is the process of regulating practical
behaviours that may change the flow of teaching in the
learning environment. In a study among 900,000 students,
Gallup (2016) found them to be showing low levels of en-
gagement with 32%, which was contrary to 75% high levels
of engagement they exhibited in their earlier stages of ed-
ucation. 'is presupposes that as students’ progress to
college after high school, their engagement reduces. Simi-
larly, Cornell et al. [27] measured student engagement
among 87,391 students. 'e study revealed that the majority
of the students possessed high levels of engagement and
educational aspirations.

In a study, Komarraju and Karau (2005) found that
extraverted and openness personality traits positively related
and predicted students’ academic engagement. In a study
conducted among students, Qureshi et al. [16] found that
personality traits produced a significant model that
accounted for a reasonable degree of variance in students’
general engagement. Specifically, extraversion, agreeable-
ness, and conscientiousness were positive predictors of
students’ general engagement. However, emotional stability
and openness never predicted students’ general engagement.
Again, the study found that personality traits produced a
significant model that accounted for a judicious degree of
variance in cognitive engagement, as agreeableness and
conscientiousness positively predicted students’ cognitive
engagement. In contrast, extraversion, emotional stability,
and openness did not predict students’ cognitive engage-
ment. Personality traits produced a significant model that
accounted for a reasonable degree of variance in behavioural
engagement, where extraversion, agreeableness, conscien-
tiousness, and openness positively predicted students’
behavioural engagement, but emotional stability did not
predict students’ behavioural engagement. In this study,
behavioural engagement was adequately explained by per-
sonality, with 30% variance. Likewise, personality traits
produced a significant model that accounted for a reasonable
degree of variance in students’ emotional engagement.
However, neither extraversion, agreeableness, conscien-
tiousness, emotional stability, nor openness predicted stu-
dents’ emotional engagement.

In another study, Ongore [28] suggested that the Big-
Five personality model is a valuable means for establishing
the innate potentiality of students’ engagement. Using bi-
variate analysis, the study revealed that all components of the
personality traits were supported with significant predic-
tions. With this engagement, dimensions such as emotional,
behavioural, and cognitive correlated high with the per-
sonality model (p< 0.01). In that regard, extraversion
(r� 0.24, p< 0.01), conscientiousness (r� 0.31, p< 0.01), and
openness to experience (r� 0.40, p< .01) positively and
significantly predicted students’ engagement with high co-
efficient values, while agreeableness and neuroticism pre-
dicted students’ engagement with low coefficients (r� 0.23,
p< 0.05). A study conducted among Iranian college students
revealed that personality traits predict the dimensions of
students’ academic engagement. For example, the openness
personality trait was found to predict emotional engagement
in boys than girls, while openness was found to predict
cognitive engagement in girls than boys. Again, conscien-
tiousness and cognitive engagement were positively related,
where the conscientiousness personality trait was found to
predict cognitive engagement in girls and boys. Further-
more, neuroticism personality trait and cognitive engage-
ment correlated negatively. 'is presupposes that neurotic
personality among the students may exhibit anxiety, fears,
doubts, and other problems that could affect their academic
and nonacademic performance (Rashedi and Abolmaali,
2014).

3. Theoretical Models

3.1. Pintrich Model Self-Regulated Learning. While several
SRL frameworks indicate several different structures and
processes involved in the process of learning [5,29,30], the
paradigm of Pintrich [31] was chosen as a structure because
it focuses on specific dimensions of student learning. Pin-
trich’ [31] SRL model spelt out a system that explains stu-
dents’ learning in four perspectives: (a) cognition, (b)
motivation and affect, (c) behaviour, and (d) context. Each of
the four perspectives of SRL is discussed, where teachers
could use techniques to encourage SRL of students for their
instruction.

'e first field of learning that students are entitled to
regulate is techniques for information or learning, such as
metacognitive strategies [31]. 'ere are several different
cognitive techniques where students are taught using dif-
ferent methods, including rehearsal, learning, and organi-
zation (Hofer et al. as cited in [32]). Detailed understanding
of learning material has evolved due to comprehensive and
systematic approaches. Cognitive management is well-
established to be central to deep and substantive learning
among students (Winne and Hadwin as cited in [32]).
Teachers can facilitate the emotional control of students in
many respects. Teachers, for example, may encourage stu-
dents to use specific strategies for studying or doing a job,
encouraging students to track their comprehension, mea-
suring their understanding, or training students to learn new
information [32].
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Motivation and affective components are also central
components of SRL [31, 33]. Students should control mo-
tivation and influence it just as their intellect can be con-
trolled and tracked [31, 34]. In comparison, interventions to
encourage success have improved academic performance
over and above certain facets of student SRL and level of skill
[35]. 'e students will not use self-regulation techniques if
unmotivated [5]. Students’ desires, goals, and beliefs [36] are
critical components of their drive for success [37]. Teachers
should demonstrate the value of learning assignments to
promote student engagement and encourage students to
participate in the course material. Students interested in
their teachers prefer to enter the classroom [38] to reinforce
the social desires of their peers by using humour.

'e behavioural dimension of SRL reflects learners’
activities, including the quest for support and time man-
agement [31]. Students must engage in activities purpose-
fully to enable, facilitate, and support the learning process.
Academic support can help enhance the learning and success
of students [31]. 'e use of different learning opportunities
and on-campus facilities, such as schools and workshops,
contribute to the search behaviours of students. Time
management activity, like the development of study
schedules, helps guide the learning process and is usually
illustrated in SRL [31]. Active self-regulated teachers reg-
ularly engage in activities such as counselling and time
management to help students meet their academic goals.
Teachers may allow students to participate in such activities
outside the classroom or encourage positive behavioural
control during the regular education era. A teacher may, for
example, recommend students visit the campus resource
centre to receive assistance with challenging tasks or use it
for in-class learning assignments.

SRL environment involves specific factors relevant to
teaching assignments, such as environments in the class-
room or assignment guidelines [29, 31, 39]. 'erefore, the
student must use specific strategies to track, adjust, and
regulate their learning environment. While students cannot
monitor teachers’ teaching styles or the quality of their
assignments, their classroom environment can be controlled
in some ways [31]. 'e context area or field is not entirely
“self-regulated.” After all, many students’ learning activities
and experiences are external and beyond their reach because
students control their way of learning. Academic resources
such as reviews from professors or assessment work often act
as an entity in the SRL phase of learning [40, 41]. Training
assignments can help students control awareness, motiva-
tion, and impact on behaviour.

3.2. Engagement 6eory by Kearsley and Schneiderman [42].
'e purpose behind the engagement philosophy is to create
an effective joint team working on ambitious projects that
interest individuals outside the classroom. Students must be
actively involved in learning experiences through contact
with others.'e basic idea behind engagement philosophy is
that students must be actively involved in the learning
process through engaging with others and functioning
worthwhile [42]. Although this kind of engagement can exist

in theory without using technology, technology may pro-
mote engagement in ways that are not otherwise feasible.
According to the theory, any project is always designed
around the three key components of engagement theory:
relate, create, and donate. 'ese three ingredients of en-
gagement theory imply the learning activities are given as
project-based learning (relate), problem-solving learning
(create), and authentic learning (donate) (an outside focus).
Such three approaches result in imagination, meaning, and
quality of learning among students [42].

'e first component of the engagement theory is project-
oriented, collaborative research that involves teamwork,
planning, management, and social skills. Students of various
backgrounds form their project group and are supervised by
the project coordinator or supervisor. Upon preparation,
students will have the chance to work successfully on their
projects. Students gain experience in all facets of project-
based learning and improve their interpersonal and working
relationships.'e concept has proved to be a productive tool
in the transition from abstract or limited classroom
awareness to the broader workforce [43].

Create is the second element of engagement theory,
focusing on carving a niche in an unclear learning situation.
'e question of development is the settlement of learning
tasks. In this, students must examine the problem, develop a
system, and include it in the real world in the creative
process. In reality, learning is innovative and directed at the
core element of engagement theory. 'e students usually
have no sense of control over their learning from traditional
classroom schooling, but they control complex school tasks.
'e students then focus on the issue and complete the work
with a high standard. 'e project’s focus is the nature of
problem-based learning methods (PBLs) [44].

Donate is the third element of the engagement theory. It
emphasizes the importance of the learning experience,
which is essential and valuable. Students must face real
world issues and address significant problems in the real
world when working on this initiative. Getting a project-
based group job, they connect with group members, and
they eventually get the sense of satisfaction and trust in their
skills, which offers us some advantages. 'e proper learning
background of the study, on the other hand, increases en-
thusiasm for the students.'is concept is consistent with the
emphasis on school-to-work schemes and the business
theory of current company training programs in many
school systems and colleges [43]. In applying this philosophy
in school, a successful collaborative team is found, where all
students partake and contribute in their work [42].

4. Ghanaian Context

Analysing how students handle and facilitate their own
learning has been a recurring issue in educational research
[45]. Scholars have opined that students’ characteristics such
as their personality type influenced their academic success,
particularly when it concerned their self-regulation and
academic engagement [14, 23, 24], Ghyasi, Yazdani and
Kirabira, 2019; [23]. 'ese studies, therefore, suggest that in
seeking to understand and handle the issue of students’
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learning, there is a need to study the relationship between
students’ personality traits and the way they self-regulate
themselves and engage in academic tasks. Empirically, in
Ghana, numerous studies have been done, particularly on
the relationship between personality traits and students’
related characteristics, at different levels of learning across
the educational ladder. Most of the previous studies focused
on personality traits and students’ motivation and academic
achievement [46], students’ academic engagement and ac-
ademic performance [47], personality types and academic
procrastination [48], personality traits and academic per-
formance [49], and personality traits and students’ career
preferences [50].'e foregoing studies suggest that students’
academic performance is influenced by their personality
traits and students’ academic engagement. However, within
the Ghanaian context, no study has explored the influence of
personality traits on students’ self-regulation and engage-
ment in the pursuit of their academic courses or pro-
grammes. To provide empirical data that will contribute to
policy and fill the gap in literature, the study seeks to explore
whether personality traits predict self-regulated learning and
academic engagement of colleges of education students in
Ghana. Based on the purpose of the study, the following
research questions were formulated to guide the study:

(1) What is the level of self-regulated learning among
students?

(2) What is the level of academic engagement among
students?

(3) What is the relationship between students’ person-
ality traits and students’ self-regulated learning?

(4) What is the relationship between students’ person-
ality traits and students’ academic engagement?

5. Methods

5.1. Research Design. 'e study employed a quantitative
approach to data collection via a questionnaire. Data analysis
were done using descriptive and inferential statistics. 'e
study adopted the analytical cross-sectional design because
data were collected at one point in time from various cat-
egories (zones) of colleges of education in Ghana. Using this
design, the researchers were able to establish relationships
and predictions among the variables under investigation.
According to Kesmodel [51], analytical cross-sectional
studies aim to assess associations between different con-
structs such as attitudes and opinions of people concerning a
situation or phenomenon. Wang and Cheng [52] also in-
dicated that this design is used to describe features of a
particular population. Advantageously, analytical cross-
sectional research may be conducted without the need for
follow-up, making them easier to perform [53]. According to
Wang and Cheng [52], the analytical cross-sectional design
gives preliminary evidence in planning a future study in the
area. However, the key drawback of analytical cross-sec-
tional studies is that the sequential relation among variables
cannot be determined since all are studied at the same time
[53].

5.2. Participants. 'e population for the study was 46,825
students in all 46 colleges of education in Ghana. 'e ac-
cessible population was all level 200 or second-year students
in the 46 colleges of education with a population of 17,396.

5.3. Instruments. 'e instruments used for data collection
were Taiwanese Short Self-Regulation Questionnaire (22
items TSSRQ; α� 0.84) validated by Chen and Lin [54]. 'e
scale had five (5) dimensions; goal attainment (7 items,
α� 0.88), mindfulness (7 items, α� 0.86), adjustment (3
items, α� 0.84), proactiveness (3 items, α� .80), and goal
setting (2 items, α� 0.82). 'e scale was scored based on
agreement and disagreement, where strongly disagreed
(SD)� 1, disagreed (A)� 2, undecided (U)� 3, agreed (A)�

4, and strongly agreed (SA)� 5. 'e scale had ten negative
statements, which were reverse-scored. 'e University
Student Engagement Inventory (15 items USEI, α� 0.81)
developed by Marco et al. [55] was also used. 'e scale had
three (3) dimensions such as emotional engagement (5
items, α� 0.88), cognitive engagement (5 items, α� 0.82),
and behavioural engagement (5 items, α� 0.74). 'e scale
was scored based on agreement and disagreement, where
strongly disagreed (SD)� 1, disagreed (A)� 2, not sure
(U)� 3, agreed (A)� 4, and strongly agreed (SA)� 5. 'e
Big-Five Personality Inventory (30 items; Big-Five, α� 0.70)
developed by Soto and John [56] was used.'e scale had five
(5) dimensions such as openness (6 items, α� 0.65), con-
scientiousness (6 items, α� 0.69), extraversion (6 items,
α� 0.77), agreeableness (6 items, α� 0.70), and neuroticism
(6 items, α� 0.68). 'e scale was scored based on agreement
and disagreement, where strongly disagreed (SD)� 1, dis-
agreed (A)� 2, neutral (N)� 3, agreed (A)� 4, and strongly
agreed (SA)� 5. With the adoption, the researchers reduced
the scales to four-point Likert-type scale, making the scoring
denote strongly disagreed (SD)� 1, disagreed (A)� 2, agreed
(A)� 3, and strongly agreed (SA)� 4. 'is scale also had
thirteen negative statements, which were reverse-scored.
After the adaptation, pilot testing was done among ran-
domly sampled college students whose colleges were not
captured in the process of sampling.'is process allowed for
the establishment of the internal consistencies as indicated
by the three scales used. 'e final data were collected by the
researchers from the sampled colleges.

5.4. Procedure. Using a sample of 652 from 26 colleges of
education (Gay et al., 2012; Nwana, 1992), proportionate-
stratified, simple random (lottery method with replace-
ment), and systematic sampling techniques were used to
select the respondents.'e proportionate-stratified was used
because colleges were in their natural strata according to
national groupings: central/western (7 colleges), eastern/
greater (9 colleges), Ashanti-Brong-Ahafo (11 colleges),
northern (11 colleges), and Volta (8 colleges). 'us, a fair
representation of colleges in each stratum was needful.
Again, the simple random sampling technique was used to
select a varied number of colleges such as central/western (4
colleges sampled), eastern/greater (5 colleges sampled),
Ashanti-Brong-Ahafo (6 colleges sampled), northern (6
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colleges sampled), and Volta (5 colleges sampled). 'e
systematic sampling procedure, using 3 (46,825/17,396) as
theKth term, was used to select individual respondents in the
sampled colleges.

5.5. Data Analysis. 'e data collected were analysed
quantitatively with multivariate multiple regression because
the predictor and criterion variables were measured on
multiple levels.

6. Results

6.1. What Is the Level of Self-Regulated Learning among
Students? 'e question sought to establish levels of self-
regulated learning among students. Providing an answer to
the question, 22 items of self-regulated learning question-
naire were used. 'e questionnaire was 4-point; thus,
strongly disagree� 1, disagree� 2, agree� 3, and strongly
agree� 4. In the same questionnaire, some items were re-
verse-scored (strongly disagree� 4, disagree� 3, agree� 2,
and strongly agree� 1) because they are negative statements.
'e items were transformed, where low, moderate, and high
levels were computed using frequencies and percentages
against score ranges of 22–44, 45–66, and 67–88. Table 1
provides the results.

Table 1 provides the results on the levels of self-regulated
learning among students. It was found that the majority of
the students possessed low levels of self-regulated learning
abilities (n� 324, 57.0%; range� 22–44), while some pos-
sessed high levels of regulated learning abilities (n� 183,
30.3%; range� 67–88) and few possessed moderate levels of
self-regulated learning abilities (n� 61, 10.7%;
range� 45–66). 'ese findings contrast the findings of Ozan
et al. [15] and Dörrenbächer and Perels [19] who found
moderate and high levels of self-regulated learning among
practicing teachers and preservice teachers.

6.2. What Is the Level of Academic Engagement among
Students? 'e question sought to establish levels of aca-
demic engagement among students. Providing an answer to
the question, 15 items of academic engagement question-
naires were used. 'e questionnaire was 4-point; thus,
strongly disagree� 1, disagree� 2, agree� 3, and strongly
agree� 4.'e items were transformed, where low, moderate,
and high levels were computed using frequencies and
percentages against score ranges of 15–30, 31–45, and 46–60.
Table 2 provides the results.

Table 2 provides results on the level of academic en-
gagement among students. 'e study found that the majority

of the students possessed a low level of academic engagement
(n� 210, 37.0%; range� 15–30), while some possessed a high
level of academic engagement (n� 189, 30.4%; range� 46–60)
and a few possessed a moderate level of academic engagement
(n� 169, 29.8%; range� 31–45). 'e findings support the
work of Gallup (2016) who found that college students have
low levels of engagement in classrooms.

6.3. Personality Traits Will Predict Students’ Self-Regulated
Learning. 'e focus of this hypothesis was to test whether or
not the dimensions of the personality traits could predict
self-regulated learning abilities of students. In multivariate
multiple regression (MMR), personality trait as the predictor
was multidimensional (openness, conscientiousness, extra-
version, agreeableness, and neuroticism) and self-regulated
learning as the criterion was also multidimensional (goal
attainment, mindfulness, adjustment, proactiveness, and
goal setting). After satisfying assumptions such as normality,
linearity, homoscedasticity, and multicollinearity, a strin-
gent alpha level was set to avoid type I error (rejecting the
null hypothesis when indeed, there are no significant results)
because the criterion variable had multiple dimensions. In
doing this, the Bonferroni adjustment suggested by
Tabachnik and Fidel [57] was used, where the researchers
divided the original alpha by the number of dimensions of
the criterion variable. 'us, 0.05/5� 0.010, as 0.010 served as
the new alpha level. Table 3 provides the results.

Table 3 provides results of the test of multivariate
multiple regression (MMR), where openness, conscien-
tiousness, extraversion, agreeableness, and neuroticism
played the roles of predictors to the criteria goal attainment,
mindfulness, adjustment, proactiveness, and goal setting.
Using Wilk’s lambda to test for the omnibus hypothesis that
all beta values across the dependent variables equalled to
zero was statistically significant. 'us, F (5, 558)� 5.05,
Wilk’s lambda� 0.957, and p≤ .010, with self-regulated goal
attainment as the criterion, R2 � 0.147, p≤ 0.010. 'is shows
that 14.7% of the variance in self-regulated goal attainment
was explained by personality traits such as openness, con-
scientiousness, extraversion, agreeableness, and neuroti-
cism. With self-regulated mindfulness as the criterion,
R2 � 0.176, p≤ 0.010. 'is shows that 17.6% of the variance
in self-regulated mindfulness is explained by personality
traits such as openness, conscientiousness, extraversion,
agreeableness, and neuroticism. With self-regulated ad-
justment as the criterion, R2 � 0.197, p≤ 0.010. 'is shows
that 19.7% of personality traits such as openness, consci-
entiousness, extraversion, agreeableness, and neuroticism
explained its variance. With self-regulated proactiveness as

Table 1: Levels of self-regulated learning.

Level Score range Frequency Percentage
Low 22–44 324 57.0
Moderate 45–66 61 10.7
High 67–88 183 30.3
Total 3 568 100.0
Source: field survey.

Table 2: Levels of academic engagement.

Level Score range Frequency Percentage
Low 15–30 210 37.0
Moderate 31–45 169 29.8
High 46–60 189 30.4
Total 3 568 100.0
Source: field survey.
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the criterion, R2 � 0.052, p≤ 0.010. 'is shows that 5.2% of
personality traits such as openness, conscientiousness, ex-
traversion, agreeableness, and neuroticism explained its
variance. With self-regulated goal setting as the criterion,
R2 � 0.098, p≤ 0.010. 'is shows that personality traits such
as openness, conscientiousness, extraversion, agreeableness,
and neuroticism explained 9.8% of its variance. For di-
mensional predictions, it was individually based. Using self-
regulated goal attainment as a criterion, only agreeableness
(beta� 0.018; t� 0.398; p≥ 0.691; partial eta square� 0.000)
and neuroticism (beta� −0.077; t� −1.807; p≥ 0.071; partial
eta square� 0.006) personality traits did not predict, but
openness (beta� 0.164; t� 2.995; p≤ 0.003; partial eta
square� 0.016), conscientiousness (beta� 0.262; t� 5.479;
p≤ 0.000; partial eta square� 0.051), and extraversion
(beta� 0.145; t� 2.883; p≤ 0.004; partial eta square� 0.015)
personality traits positively predicted with small effect sizes.
'e results imply that students with personality types such as
openness, extraversion, and conscientiousness are likely to
regulate their learning towards goal attainment, but this will
be higher in conscientious students than extraverted and
open students.'e revelation supports that of Bidjerano and

Dai [12] who found conscientiousness and openness to be
related to self-regulated learning components of students.
Again, using self-regulated mindfulness as a criterion, only
openness (beta� 0.032; t� 0.402; p≥ 0.688; partial eta
square� 0.000) and neuroticism (beta� −0.103; t� −1.677;
p≥ 0.094; partial eta square� 0.005) personality traits did
not predict, but conscientiousness (beta� 0.300; t� 4.346;
p≤ 0.000; partial eta square� 0.033), extraversion
(beta� 0.291; t� 4.021; p≤ 0.001; partial eta square� 0.028),
and agreeableness (beta� 0.226; t� 3.517; p≤ 0.001; partial
eta square� 0.022) personality traits positively predicted
with small effect sizes. 'e results imply that students with
personality types such as conscientiousness, extraversion,
and agreeableness are likely to regulate their learning by
being mindful of the learning task, situation, and process,
but this will be prominent in students with conscientious
personality types than extraverted and agreeable personality
types. 'e current study findings are in line with Bruso [13]
study revelation, which showed that students with extra-
version, conscientiousness, agreeableness, and openness but
not neuroticism predicted more frequent use of SRL
strategies by students.

Table 3: Dimensional multivariate multiple regression (MMR) results for personality trait (PT) and self-regulated learning (SRL).

Effect Value F Hypothesis df Error df Sig. Partial eta squared
Wilks’ lambda 0.957 5.05 5.000 558.00 0.000 0.043
Self-regulated learning (SRL) Parameter B Std. Error t Sig. Partial eta squared

Goal attainment

Intercept 13.634 1.379 9.886 0.000 0.148
Openness 0.164 0.055 2.995 0.003 0.016

Conscientiousness 0.262 0.048 5.479 0.000 0.051
Extraversion 0.145 0.050 2.883 0.004 0.015
Agreeableness 0.018 0.045 0.398 0.691 0.000
Neuroticism −0.077 0.042 −1.807 0.071 0.006

Mindfulness

Intercept 5.882 1.989 2.957 0.003 0.015
Openness 0.032 0.079 0.402 0.688 0.000

Conscientiousness 0.300 0.069 4.346 0.000 0.033
Extraversion 0.291 0.072 4.021 0.000 0.028
Agreeableness 0.226 0.064 3.517 0.000 0.022
Neuroticism −0.103 0.061 −1.677 0.094 0.005

Adjustment

Intercept 3.104 .796 3.899 0.000 0.026
Openness 0.095 0.032 3.021 0.003 0.016

Conscientiousness 0.117 0.028 4.252 0.000 0.031
Extraversion 0.089 0.029 3.060 0.002 0.016
Agreeableness 0.104 0.026 4.039 0.000 0.028
Neuroticism −0.038 0.024 −1.571 0.117 0.004

Proactiveness

Intercept 6.752 0.946 7.133 0.000 0.083
Openness 0.136 0.037 3.634 0.000 0.023

Conscientiousness 0.062 0.033 1.883 0.060 0.006
Extraversion 0.031 0.034 0.910 0.363 0.001
Agreeableness −0.039 0.031 −1.281 0.201 0.003
Neuroticism −0.098 0.029 −3.379 0.001 0.020

Goal setting

Intercept 0.807 0.772 1.044 0.297 0.002
Openness −0.049 0.031 −1.594 0.112 0.004

Conscientiousness 0.051 0.027 1.893 0.059 0.006
Extraversion 0.135 0.028 4.800 0.000 0.039
Agreeableness 0.072 0.025 2.892 0.004 0.015
Neuroticism 0.049 0.024 2.050 0.041 0.007

aR-squared� 0.147 (adjusted R-squared� 0.139). bR-squared� 0.176 (adjusted R-squared� 0.169). cR-squared� 0.197 (adjusted R-squared� 0.190). dR-
squared� 0.052 (adjusted R-squared� 0.044). eR-squared� 0.098 (adjusted R-squared� 0.090). Source: field survey.
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Furthermore, using self-regulated adjustment as a cri-
terion, only neuroticism (beta� −0.038; t� −1.571; p≥ 0.117;
partial eta square� 0.004) personality trait did not predict,
but openness (beta� 0.095; t� 3.021; p≤ 0.001; partial eta
square� 0.016), conscientiousness (beta� 0.117; t� 4.252;
p≤ 0.001; partial eta square� 0.031), extraversion
(beta� 0.089; t� 3.060; p≤ 0.001; partial eta square� 0.016),
and agreeableness (beta� 0.104; t� 4.039; p≤ 0.001; partial
eta square� 0.028) personality traits positively predicted
with small effect sizes. 'ese results imply that students with
personality types such as openness, conscientiousness, ex-
traversion, and agreeableness are likely to regulate their
learning by adjusting to diverse unpredictable situations
during the learning expedition, but this will be higher in
students with conscientiousness personality type than those
with agreeableness, extraversion, and openness types of
personality. 'e current study findings support Ghyasi et al.’
[14] study revelation, which showed that personality traits
influenced the various learning strategies that students
adopted.

More so, using self-regulated proactiveness as a crite-
rion, conscientiousness (beta� 0.062; t� 1.883; p≥ 0.060;
partial eta square� 0.006), agreeableness (beta� −0.039;
t� −1.281; p≥ 0.201; partial eta square� 0.003), and extra-
version (beta� 0.031; t� 0.910; p≥ 0.363; partial eta
square� 0.001) personality traits did not predict, but
openness (beta� 0.136; t� 3.634; p≥ 0.001; ɳ2p� 0.023) and
neuroticism (beta� −0.098; t� −3.379; p≤ 0.001; partial eta
square� 0.020) personality traits positively and negatively
predicted with small effect sizes. 'e results imply that
students with openness personality type are likely to regulate
their learning in a proactive manner as they could be active
and involved in the process, while students with neuroticism
personality type are likely not to regulate their learning in a
proactive manner as they could be anxious, irritable, self-
doubt, sad, and above all exhibit poor emotions. 'e current
study findings corroborate with Bidjerano and Dai [12] and
Ghyasi et al. [14] study findings, where high levels of
openness, conscientiousness, extraversion, and agreeable-
ness exhibited by students could lead them to goal attain-
ment, mindfulness, adjustment, proactiveness, and goal
setting behaviours.

Last, using self-regulated goal setting as a criterion, only
openness (beta� −0.049; t� −1.594; p≥ 0.112; partial eta
square� 0.004) and conscientiousness (Beta� 0.051;
t� 1.893; p≥ 0.059; partial eta square� 0.006) personality
traits did not predict, but extraversion (beta� 0.135;
t� 4.800; p≤ 0.001; partial eta square� 0.039), agreeableness
(beta� 0.072; t� 2.892; p≤ 0.004; partial eta square� 0.015),
and neuroticism (beta� 0.049; t� 2.050 p≤ 0.041; partial eta
square� 0.007) personality traits positively predicted with
small effect sizes. 'e results imply that students with
personality types such as extraversion, agreeableness, and
neuroticism are likely to regulate their learning towards a
goal setting, but this will be higher in students with extra-
version type of personality than those with agreeableness
and neuroticism types of personality. In part, the current
study findings support Eilam et al. [21] and Mirhashemi and
Goodarzi [2] studies’ outcomes such as personality traits of

conscientiousness, openness, and agreeableness significantly
influenced students’ self-regulated learning and their aca-
demic achievement.

6.4. Personality Traits Will Predict Students’ Academic
Engagement. 'e focus of this hypothesis was to test
whether or not the dimensions of the personality traits could
predict academic engagement of students. In multivariate
multiple regression (MMR), personality trait as the predictor
was multidimensional (openness, conscientiousness, extra-
version, agreeableness, and neuroticism) and academic
engagement as the criterion was also multidimensional
(behavioural engagement, emotional engagement, and
cognitive engagement). After satisfying assumptions such as
normality, linearity, homoscedasticity, and multi-
collinearity, a stringent alpha level was set to avoid type I
error (rejecting the null hypothesis, where indeed, there are
no significant results) because the criterion variable had
multiple dimensions. In doing this, the Bonferroni adjust-
ment suggested by Tabachnik and Fidel [57] was used, where
the researchers divided the number of dimensions with the
original alpha level; thus, 0.05/5� 0.017, as 0.017 served as
the new alpha level. Table 4 provides the results.

Table 4 provides results on the test of multivariate
multiple regression (MMR), such as openness, conscien-
tiousness, extraversion, agreeableness, and neuroticism that
played the roles of predictors to criteria such as behavioural
engagement, emotional engagement, and cognitive en-
gagement. Using Wilk’s lambda to test for the omnibus
hypothesis, all beta values across the dependent variables
that equalled to zero were statistically significant; thus, F (3,
560)� 16.03, Wilk’s lambda� 0.983, and p≤ 0.017. With
academic behavioural engagement as the criterion,
R2 � 0.191, p≤ 0.017. 'is shows that 19.1% of personality
traits such as openness, conscientiousness, extraversion,
agreeableness, and neuroticism explained its variance. With
academic emotional engagement as the criterion, R2 � 0.092,
p≤ .017. 'is shows that 9.2% of personality traits such as
openness, conscientiousness, extraversion, agreeableness,
and neuroticism explained its variance. With academic
cognitive engagement as the criterion, R2 � 0.093, p≤ 0.017.
'is shows that 9.3% of personality traits such as openness,
conscientiousness, extraversion, agreeableness, and neu-
roticism explained its variance.

For dimensional predictions, it was individually based.
Using academic behavioural engagement as a criterion, only
neuroticism (beta� −0.036; t� −0.934; p≥ 0.351; partial eta
square� 0.002) personality trait did not predict, but open-
ness (beta� 0.120; t� 2.387; p≤ 0.017; partial eta
square� 0.010), conscientiousness (beta� 0.283; t� 6.419;
p≤ 0.000; partial eta square� 0.068), extraversion
(beta� 0.114; t� 2.466; p≤ 0.014; partial eta square� 0.011),
and agreeableness (beta� 0.083; t� 2.021; p≤ 0.044; partial
eta square� 0.007) personality traits positively predicted
with small effect sizes. 'e results imply that students with
personality types such as openness, conscientiousness, ex-
traversion, and agreeableness are likely to exhibit academic
behavioural engagement, but this will be higher in
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conscientious students than extraverted, open, and agreeable
students. 'e findings of this study support a study reve-
lation of Qureshi et al. [16] who found different patterns of
personality traits associated and predicting with students’
academic engagement. Again, using academic emotional
engagement as a criterion, openness (beta� −0.001;
t� −0.021; p≥ 0.984; partial eta square� 0.000) and neu-
roticism (beta� −0.016; t� 0.370; p≥ 0.711; partial eta
square� 0.000) personality traits did not predict, but con-
scientiousness (beta� 0.142; t� 2.915; p≤ 0.004; partial eta
square� 0.015), extraversion (beta� 0.150; t� 2.942;
p≤ 0.003; partial eta square� 0.015), and agreeableness
(beta� 0.125; t� 2.750; p≤ 0.006; partial eta square� 0.013)
personality traits positively predicted with small effect sizes.
'e results imply that students with personality types such as
conscientiousness, extraversion, and agreeableness are likely
to show academic emotional engagement, but this will be
prominent in students with extraverted personality types
than those with conscientious and agreeable personality
types. 'e findings of this study support that of Sangeetha
et al. [23] who found that personality characteristics of
students contributed significantly to students’ learning en-
gagement. Last, using academic cognitive engagement as a
criterion, extraversion (beta� −0.059; t� −1.212; p≥ 0.226;
partial eta square� 0.003), and neuroticism (beta� 0.022;
t� 0.529; p≥ 0.597; partial eta square� 0.000) personality
traits did not predict, but openness (beta� 0.134; t� 2.533;
p≤ 0.012; partial eta square� 0.011), conscientiousness
(beta� 0.129; t� 2.777; p≤ 0.006; partial eta square� 0.014),
and agreeableness (beta� 0.123; t� 2.843 p≤ 0.005; partial
eta square� 0.014) personality traits positively predicted
with small effect sizes. 'e results imply that students with
personality types such as openness, conscientiousness, and
agreeableness are likely to show academic cognitive

engagement, but this will be higher in students with
agreeable type of personality than those with conscien-
tiousness and openness types of personality. 'is current
study findings support Ongore [28] study findings. Ongore
found that all components of the personality traits predicted
emotional, behavioural, and cognitive engagement of
students.

7. Discussion

Gleaning from the results, it is conspicuous that students in
various colleges in Ghana have low levels of self-regulated
learning and student’s engagement. However, considering
the significant role self-regulated learning and student en-
gagement play in supporting students’ academic success
[1–5], the majority of the students may not be able to succeed
academically. Because these students are likely not to be
mindful of their learning situations, they may find it difficult
to adjust to tough academic situations [5]. 'ey may also
lack proactiveness and the ability to set realistic goals for
themselves [12, 14, 20, 21]. Similarly, because most students
in our study have low levels of academic engagement, they
are likely to be less engaged in the classroom, as the quest for
academic involvement may seem to be diminished.'is may
pose a challenge to students in terms of progressing aca-
demically, experiencing less academic satisfaction, exhibi-
tion of academic avoidant behaviours, and experiencing
academic emotional problems [2, 9, 10, 14].

Again, the findings from this study anchored the sig-
nificant role personality traits play in self-regulation and
academic engagement. For example, it is evident from the
findings that students with extraversion, agreeableness, and
neuroticism personalities are likely to regulate their learning
to improve their achievement. According to Eilam et al. [21]

Table 4: Dimensional multivariate multiple regression (MMR) results for personality trait (PT) and academic engagement (AE).

Effect Value F Hypothesis df Error df Sig. Partial eta squared
Wilks’ lambda 0.983 3.23 3.00 560.00 0.022 0.017
Academic engagement (AE) Parameter B Std. error t Sig. Partial eta squared

Behavioural

Intercept 6.641 1.270 5.229 0.000 0.046
Openness 0.120 0.050 2.387 0.017 0.010

Conscientiousness 0.283 0.044 6.419 0.000 0.068
Extraversion 0.114 0.046 2.466 0.014 0.011
Agreeableness 0.083 0.041 2.021 0.044 0.007
Neuroticism −0.036 0.039 −0.934 0.351 0.002

Emotional

Intercept 7.635 1.405 5.435 0.000 0.050
Openness −0.001 0.056 −0.021 0.984 0.000

Conscientiousness 0.142 0.049 2.915 0.004 0.015
Extraversion 0.150 0.051 2.942 0.003 0.015
Agreeableness 0.125 0.045 2.750 0.006 0.013
Neuroticism 0.016 0.043 0.370 0.711 0.000

Cognitive

Intercept 7.541 1.334 5.655 0.000 0.054
Openness 0.134 0.053 2.533 0.012 0.011

Conscientiousness 0.129 0.046 2.777 0.006 0.014
Extraversion 0.059 0.049 1.212 0.226 0.003
Agreeableness 0.123 0.043 2.843 0.005 0.014
Neuroticism 0.022 0.041 0.529 0.597 0.000

aR-squared� 0.191 (adjusted R-squared� 0.184), significant, 0.017. bR-squared� 0.092 (adjusted R-squared� 0.083). cR-squared� 0.093 (adjusted R-
squared� 0.085). Source: field survey.
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and Mirhashemi and Goodarzi [2], the personality traits of
students are vital avenues to help students take ownership of
their own learning. Having knowledge of students’ per-
sonality traits is a preliminary and important step to identify
the kind of self-regulated learning strategy that will be
appropriate for students. Similarly, the study reveals that
students with personality types such as conscientiousness,
extraversion, and agreeableness are likely to exhibit aca-
demic emotional engagement. 'ese students with per-
sonality types such as conscientiousness, extraversion, and
agreeableness are likely to be actively engaged in the
classroom, which is an important element for students’
success [23, 28].

8. Conclusions

Understanding who you are, personalizing your learning,
andmaking efforts to be engaged academically are important
ingredients for the educational success of tertiary students.
With the call for independent student thinkers in most
tertiary educational institutions, it is evident that such
qualities can be nurtured in students through self-regulated
learning and academic engagement based on their per-
sonality types. As found in the current study, most of the
students possessed low levels of self-regulated learning and
academic engagement. 'is calls for concern as personal-
izing and owing their studies might be a challenge for the
students. Personality traits such as openness, extraversion,
conscientiousness, and agreeableness mostly predict aspects
of self-regulated learning and academic engagement of
students. 'e findings of the study further accentuate the
significant role that personality trait plays in students’ en-
gagement in the classroom, self-regulated learning. In as
much as providing teaching and learning resources and
educational infrastructure as a great way to augment stu-
dents’ engagement and achievement (Adane, 2013; [58, 59]),
helping students to take ownership of their own learning is a
vital step to support teaching and learning and improve
students’ academic gains [12, 20, 47]. 'erefore, future ef-
forts to promote self-regulated learning and academic en-
gagement abilities in students must take into consideration
the individual personality traits, so that the right or best
technique could be employed.

9. Implication for Policy and Practice

'e findings from this study serve as a beacon for teacher
education programs in Ghana to scale up their efforts in
ensuring that preservice teachers have the capability to self-
regulate their learning. As preservice teachers who will soon
translate to in-service or practicing teachers, they cannot
effectively help their students self-regulate and become
active in class if they themselves have low levels of self-
regulation and classroom engagement. Students’ success can
only be realized when learners have a greater motivation to
manage their own learning and engage in academic activ-
ities. Given that personality traits play a significant role in
students’ self-regulation, learning, and engagement, such

traits that positively predict self-regulated learning should be
encouraged and promoted in various colleges.

Again, it is recommended that colleges of education in
Ghana should shift from traditional classroom-based
teaching to practical-based teaching where students will be
offered opportunities (creating learning links and practicing
reflective thinking) to own their learning and become en-
gaged in such learning activities. One other factor that has
been cited to improve students’ self-regulation, learning, and
active engagement is self-assessment [60–62]. When stu-
dents are encouraged to self-assess, they can identify areas
they need improvement, which consequently help them to
take ownership of their own learning [60–62], consequently
improving students’ academic gains [20].

10. Limitations and Suggestions for
Future Studies

'is study primarily focused on personality traits as they
predicted self-regulated learning and academic engagement
of preservice teachers in colleges of education in Ghana.'is
limits the generalization of this study to preservice teachers
in Ghana. Given the importance of this study, we suggest
that further studies can be conducted to expound the scope
to include students at the basic and second cycle institutions
in Ghana. 'is will help ascertain the levels of self-regulated
learning and engagement among the basic and second cycle
institutions in the country.
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