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In our increasingly interconnected world, maintaining a healthy balance between online and offline activities is crucial for
personal well-being. The Digital Life Balance (DLB) Scale has been introduced to understand the impact of Internet use on
well-being, drawing upon the framework of the psychology of harmony and harmonization. This study is aimed at validating
and assessing the reliability of the DLB Scale among Turkish university students. A sample of 424 university students (50.7%
females, 49.3% males; age range: 20-31 years) participated. The scale was translated into Turkish, and its language validity was
ensured through expert reviews. Confirmatory factor analysis supported the construct validity of the scale, effectively
measuring Digital Life Balance in the Turkish context. Convergent validity analysis revealed significant correlations between
the DLB Scale and measures of well-being and addiction tendencies. The DLB Scale exhibited good internal consistency
(Cronbach’s alpha and composite reliability). Test-retest reliability analysis showed consistent responses over a three-week
interval. These findings provide empirical evidence for the validity and reliability of the scale, making it a valuable tool for
assessing individuals’ perceptions of balance in their online and offline activities.

1. Introduction

The use of new communication technologies such as
smartphones, computers, and smartwatches is an essential
element of our contemporary society. Knowing how to use
ICT (information and communication technologies) is nec-
essary for a variety of reasons that go beyond mere enter-
tainment [1–3]. For example, ICT allows for quicker access
to a wide range of informational content, although at times
this content can be potentially false or misleading [4, 5].
Furthermore, ICT can promote the development and main-
tenance of social connections, leading to an increase in one’s
social capital [6–9]. Nowadays, many workers (e.g., telecom-
muters and work-from-home employees) and students

(remote learning, online universities) rely on ICT for their
professional and educational activities [10, 11]. Additionally,
online platforms are frequently used for exercising citizens’
rights and fulfilling civic duties (e.g., public administration
certificates and online voting) [12].

The increasing availability and importance of ICT have
resulted in a significant surge in online usage [7, 13–15]. It
is no longer a peripheral activity and so must be seamlessly
integrated with other offline needs and desires. In this con-
text, the psychology of harmony and harmonization offers
valuable insights into understanding this phenomenon [16].

The concept of “harmony” unfolds with distinct hues
across Western and Eastern cultural palettes. In the Western
cultural canvas, its origins can be traced to luminaries like
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Pythagoras and the melodious cadence of music. Here, har-
mony assumes the role of an intrinsic order, one to be carefully
preserved [17]. In stark contrast, Eastern philosophies draw
from the essence of “he” a concept woven with the threads
of living in consonance with nature and one’s fellow beings,
eschewing the confines of preordained structures [18, 19].

However, despite these cultural chiaroscuros, both per-
spectives converge on a shared understanding of harmony
as a dynamic process. It emerges from the orchestration
and delicate balance of disparate elements, ultimately culmi-
nating in a unified whole [16]. The notion of harmony,
whether in the individual psyche, interpersonal relations,
societal dynamics, or the natural world, is one that can be
perturbed and restored [16].

Transposing this framework from the realm of abstract
concepts to the domain of cutting-edge technologies, we
encounter the construct of “Digital Life Balance” (DLB), a
recent addition to the lexicon [20]. DLB ventures into the
territory of individuals’ perceptions of equilibrium, or lack
thereof, between their digital and offline engagements.

In essence, this equilibrium is not disturbed solely by an
overindulgence in technology but also by its underutilization.
While excessive online engagement can be emblematic of addic-
tion or problematic usage [21–23], inadequate harnessing of
ICT and related services—often owing to limited computer lit-
eracy or Internet self-efficacy—can lead to social marginaliza-
tion and a diminished quality of life [24, 25]. The rapid
development of ICT has significantly influenced human life in
many countries worldwide. In this aspect, the use of these tech-
nologies in Turkey is higher than in many other countries [26].
In particular, individuals between the ages of 16 and 64 spend
an average of 4 hours per day using the mobile Internet, which
is higher than the global average [26]. In addition, Turkish indi-
viduals spend an average of 7 hours and 29 minutes per day
using the Internet overall [26]. It is also important to note that
98% of the general population in Turkey owns a mobile phone
[27]. Although this high level of usage brings many daily conve-
niences to Turkish individuals, it also brings various negative
consequences. Technology-related addictions (e.g., smartphone
addiction, Internet gaming disorder, and Internet addiction),
which are among the most important of these negative results,
threaten the mental health of individuals by affecting a consid-
erable part of the population in Turkey [28–32]. This condition
also highlights the importance of “harmony” between ICT and
human beings and emphasizes the importance of studying this
situation in the sample of Turkey. Unfortunately, the lack of a
scale in the Turkish language to meet this requirement causes
a gap in the field in response to this need.

2. Aim of the Study and
Hypothesis Development

Since our aim is to validate an existing scale in the Turkish
context, we decided to replicate the relationships identified
based on the literature by Duradoni et al. [33] in terms of
external validity. Our research was grounded expecting spe-
cific associations related to DLB scores within two distinct
domains: well-being and technology addiction. We postulated
that diminished DLB scores would be coupled with decreased

levels of affective hedonic well-being (e.g., PANAS; [34]), cog-
nitive hedonic well-being (e.g., SWL; [35]), and eudaimonic
well-being (e.g., Flourishing; [36]). Furthermore, we predicted
that DLB scores would manifest inverse relationships with
measurements pertaining to technology addiction [33]. In this
regard, the hypotheses of our study are as follows:

Hypothesis 1 (H1). It is expected that DLB scores will
have a positive correlation with PANAS-Positive scores
and a negative correlation with PANAS-Negative scores.

Hypothesis 2 (H2). DLB scores are expected to show a
positive relationship with scores on the Life Satisfaction Scale.

Hypothesis 3 (H3). DLB scores are expected to have a
positive relationship with scores on the Flourishing Scale.

Hypothesis 4 (H4). DLB scores are expected to show a
negative relationship with scores on the Young Internet
Addiction Test Short Form.

Hypothesis 5 (H5). DLB scores are expected to have a
negative relationship with scores on the BSMAS.

Hypothesis 6 (H6). DLB scores are expected to show a
negative relationship with scores on the SABAS.

3. Method

3.1. Participants. In order to ensure appropriate sample size
determination for our study, we considered two types of sta-
tistical analyses: confirmatory factor analysis (CFA) and
Pearson’s correlations. For CFA, we adhered to the recom-
mendation of having at least a 10 : 1 ratio of participants to
items [37], and a sample size greater than 200 was deemed
“adequate” to successfully conduct the confirmatory factor
analysis [38, 39]. Furthermore, we conducted a power anal-
ysis using G∗Power [40]. In preparation for our investiga-
tion into the association between DLB scores and external
validity using Pearson’s correlations, we performed a tar-
geted power analysis. This analysis indicated that a mini-
mum sample size of 153 participants would be necessary to
attain a statistical power of 0.80. This sample size would
enable the detection of even the smallest effect size observed
in the study conducted by Duradoni et al. [33], specifically
an effect size of r = 0 20, all while maintaining a significance
level of 0.05. In light of the required number of observations
for each analysis, we have determined that a sample size
exceeding 200 (which represents the largest requirement) is
deemed appropriate for the purposes of our study. The par-
ticipants of the study consisted of 424 university students, of
whom 215 were female (50.7%) and 209 were male (49.3%)
between the ages of 20 and 31 (M = 23 3, SD = 3 3), attend-
ing various departments of Dokuz Eylul University in the
2022-2023 academic year. Detailed information about the
participants can be found in Table 1.

3.2. Data Collection Tools

3.2.1. Personal Information Form. This was designed by the
researchers to collect information about the participant’s
age, gender, level of education, and level of class.

3.2.2. PANAS. The scale employed in this study, originally
developed by Watson et al. [41], comprises 20 items. It
assesses both positive affect, reflected in 10 items (e.g.,
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excited and inspired), and negative affect, represented by the
remaining 10 items (e.g., upset and afraid). Respondents rate
each item on a five-point Likert scale, ranging from 1 (very
slightly or not at all) to 5 (extremely), indicating the extent
to which they have experienced the specified emotions
within a defined time frame. The Turkish adaptation of this
scale, undertaken by Gencöz [42], demonstrated an internal
consistency coefficient of .83 for positive emotions and .86
for negative emotions. In the current study, the internal con-
sistency coefficients were calculated as .93 for positive emo-
tions and .94 for negative emotions.

3.2.3. Life Satisfaction Scale. The assessment tool employed
in this study, originally developed by Diener et al. [43], is
designed to gauge individuals’ overall life satisfaction. The
original version is a 7-point Likert-type scale consisting of
5 items (e.g., “I am satisfied with my life” and “The condi-
tions of my life are excellent”), measuring a single factor.
Higher scores on the scale indicate greater life satisfaction.
The Turkish adaptation of this scale, conducted by Köker
[44], yielded a Cronbach alpha internal consistency coeffi-
cient of .80. In the current study, the internal consistency
coefficient was computed as .82.

3.2.4. Bergen Social Media Addiction Scale (BSMAS). The
scale was developed by Andreassen et al. [45], consisting of
six items (e.g., “Have you felt the desire to use social media
more and more? “Have you used social media to forget
about your personal problems?”). Each item in the scale
meets six basic addiction criteria, including mental exertion,
mood change, tolerance, withdrawal, conflict, and unsuc-
cessful quitting. The scale is answered on a five-point
Likert-type rating ranging from (1) very rarely to (5) very
often. The scale was adapted to Turkish by Demirci [46].
The internal consistency coefficient of the scale was calcu-
lated as .82. In this study, the internal consistency coefficient
was calculated as .92.

3.2.5. Smartphone Application-Based Addiction Scale
(SABAS). The scale was developed by Csibi et al. [47] and
used to screen for smartphone application-based addiction

risk. The scale consists of 6 items (e.g., “My smartphone is
the most important thing in my life.” “Over time, I fiddle
around more and more with my smartphone.”). Participants
are expected to express their opinions on the scale items on a
7-point Likert-type rating ranging from 1 (strongly disagree)
to 7 (strongly agree). The scale was adapted to Turkish by
Gökler and Bulut [48]. The internal consistency coefficient
of the scale was calculated as .85. In this study, the internal
consistency coefficient was calculated as .91.

3.2.6. Young Internet Addiction Test Short Form. The scale
was developed by Young [49] and converted into a short form
by Pawlikowski et al. [50]. The scale is a five-point (1=never,
5=very often) Likert-type scale consisting of 12 items (e.g.,
“How often do you stay online longer than you planned?
“How often do you spend more time online, neglecting family
chores?”). The internal consistency reliability coefficient of the
scale was calculated as 0.85. The scale was adapted to Turkish
by Kutlu et al. [51]. The internal consistency coefficient of the
scale was calculated as .91. In this study, the internal consis-
tency coefficient was calculated as .95.

3.2.7. Flourishing Scale. Flourishing Scale was developed by
Diener et al. [43]. The scale is a self-report measurement tool
that evaluates participants’ perceptions of well-being and is
based on their own self-assessment. The scale consists of 8 items
(e.g., “I am a good person and lead a good life” and “People
respect me”). Participants are expected to express their opinions
on the scale items on a 7-point Likert-type rating ranging from
1 (strongly disagree) to 7 (completely agree). The scale was
adapted to Turkish by Fidan and Usta [52]. The internal consis-
tency coefficient of the scale was calculated as .83. In this study,
the internal consistency coefficient was calculated as .96.

3.2.8. Digital Life Balance (DLB) Scale. The scale was devel-
oped by Duradoni et al. [20]. This scale was developed to cap-
ture individuals’ harmonic (i.e., balanced) and disharmonic
(i.e., unbalanced) ICT uses. The scale consists of four items
(e.g., “I currently have a good balance between the time I
spend online and the time I have available for offline activi-
ties”) measured on a 7-point Likert-type scale ranging from
1 (strongly disagree) to 7 (strongly agree). Reliability analysis
of the DLB single-factor model was performed by calculating
McDonald’s omega, and an optimal reliability coefficient of
the scale was calculated as .89. The results of confirmatory fac-
tor analysis for the single-factor model of the DLB Scale
showed an optimal fit of the scale (χ2/df = 4 38, p = 0 012,
TLI = 0 99, CFI = 0 99, RM‐SEA = 0 0048, SRMR = 0 0097).

3.2.9. Procedure. Following the acquisition of necessary per-
missions from the developers of the measurement tool, our
research commenced with the translation of scale items into
Turkish by the research team. Subsequently, we sought
approval from the Izmir Dokuz Eylul University Ethics
Committee to create an online questionnaire for data collec-
tion. The study received approval on February 28, 2023,
under protocol number E-87347630-659-528134.

To guarantee linguistic and cultural alignment, the
translated version underwent a review process. This involved
soliciting feedback from three faculty members with doctoral

Table 1: Participants’ demographics.

n %

Gender

Female 215 50.7

Male 209 49.3

Level of education

Graduate 387 79.5

Postgraduate 87 20.5

Level of class

First grade 80 18.9

Second grade 70 16.5

Third grade 119 28.1

Fourth grade 155 36.6

Total 424
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degrees in Guidance and Psychological Counseling who pos-
sessed fluency in both Turkish and English. The invaluable
insights provided by these experts were thoughtfully consid-
ered, leading to meticulous revisions in accordance with
their recommendations.

The refined version was then resubmitted to the same fac-
ulty members for further evaluation. Based on their conclusive
assessments, we made the necessary adjustments to the scale
items. This comprehensive translation process resulted in the
creation of a Turkish-translated scale that exhibited congruence
with Turkish culture, thereby affirming its language validity.

In the context of the original study, we seamlessly inte-
grated the translated items into an online questionnaire.
Within the framework of the original application, we
assessed construct validity through convergent validity.
Confirmatory factor analysis was our chosen method to
scrutinize the construct validity of the scale.

Reliability assessments were equally rigorous. We calcu-
lated the internal consistency coefficient of the scale using
Cronbach’s alpha coefficient and composite reliability. Addi-
tionally, to provide robust evidence of the scale’s reliability,
we administered the scale to a distinct group of participants
after a three-week interval, enabling a comprehensive exam-
ination of test-retest reliability.

3.3. Data Analysis. To assess the Digital Life Balance Scale’s
validity and reliability, we initially transferred the collected
data from the scales into SPSS 23. Subsequently, SPSS 23
(IBM Corp., 2015) was employed to compute descriptive sta-
tistics for participant characteristics, establish correlations
between variables, and determine internal consistency scores
for the scales. Additionally, we assessed normal distribution
indicators, namely, skewness and kurtosis values, to deter-
mine the suitability of applying parametric analysis. For
the confirmatory factor analysis (CFA), we utilized the
AMOS 24 software package.

4. Results

Before starting the analyses regarding the validity and reli-
ability of the Digital Life Balance Scale, the averages, stan-
dard deviations, and minimum and maximum score values
of the total scores are obtained from the scales used in the
study. Normality was assessed and is shown in Table 2.

When Table 2 is examined, the mean, standard devia-
tion, and minimum and maximum values of the scores
obtained from the PANAS-Positive Scale (M = 39 2, Sd =
17 9, minimum = 14, maximum = 92), PANAS-Negative
Scale (M = 24 3, Sd = 12 4, minimum = 10, maximum = 48),
Life Satisfaction Scale (M = 16 1, Sd = 7 9, minimum = 5,
maximum = 25), BSMAS (M = 17 8, Sd = 7 9, minimum = 6,
maximum = 30), SABAS (M = 17 4, Sd = 8 4, minimum = 7,
maximum = 35), Young Internet Addiction Test Short Form
(M = 31 1, Sd = 15 1, minimum = 14, maximum = 59),
Flourishing Scale (M = 38 9, Sd = 14 1, minimum = 11,
maximum = 56), and Digital Life Balance Scale (M = 11 2,
Sd = 3 7, minimum = 4, maximum = 19) are seen. Upon
close examination of Table 2, an interesting observation
comes to light. In conventional practice, normality tests
yield statistically insignificant results; however, in our study,
all variables exhibited significant values in these tests. It is
worth noting that the normality tests employed are recog-
nized for their high sensitivity.

To gain a comprehensive understanding of data distribu-
tion, it is advisable to assess the skewness and kurtosis values
in conjunction with insights drawn from Q-Q graphs and
histograms [53]. Tabachnick et al. [54] provide guidelines
suggesting that skewness and kurtosis values falling within
the range of ±1.5 indicate adherence to the assumption of
normal data distribution. Upon a meticulous review of our
obtained values, it becomes evident that the dataset under
scrutiny in our study indeed conforms to the assumption
of normal distribution.

4.1. Language Validity. In order to evaluate the linguistic
validity of the Digital Life Balance Scale, we conducted a
comparative assessment involving both the original and
Turkish versions of the scale. This evaluation was adminis-
tered to a cohort of 54 students who were actively enrolled
in the English language teaching program at a state univer-
sity. The assessments took place at precise 21-day interval.
The outcome of this comprehensive scrutiny unveiled a cor-
relation coefficient of .74 (p < 01) when comparing the orig-
inal and adapted versions. This statistically robust
correlation serves as robust evidence, affirming that both
the original and adapted versions effectively measure con-
gruent constructs. This finding substantiates the linguistic
validity of both versions of the scale.

Table 2: PANAS, Life Satisfaction, Bergen Social Media Addiction, Smartphone Application-Based Addiction, Young Internet Addiction
Test Short Form, Flourishing, Digital Life Balance Scales, descriptive statistics, and normality test.

Scales Mean Sd Min. Max.
Kurtosis Skewness

Coefficient Se Coefficient Se

PANAS-Positive 39.2 17.9 14 92 1.308 .119 1.296 .237

PANAS-Negative 24.3 12.4 10 48 .803 .119 -.768 .237

Life Satisfaction Scale 16.1 6.1 5 25 -.329 .119 -1.178 .237

BSMAS 17.8 7.9 6 30 .213 .119 -1.459 .237

SABAS 17.4 8.4 7 35 .310 .119 -1.090 .237

Young Internet Addiction Test Short Form 31.1 15.1 14 59 .638 .119 -1.106 .237

Flourishing Scale 38.9 14.1 11 56 -1.012 .119 -.444 .237

DLB Scale 11.2 3.7 4 19 -.190 .119 -.936 .237
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4.2. Construct Validity. To evaluate the construct validity of
the Turkish adaptation of this original scale [33], we con-
ducted a confirmatory factor analysis (CFA) centered on a
unidimensional structure. Table 3 provides a comprehensive
overview of the model-data fit indices pertaining to the
assessed unidimensional structure of the scale.

Various goodness-of-fit indices were utilized to assess
the models, including the chi-square to degrees of freedom
ratio (χ2/df ), the Tucker-Lewis index (TLI), standardized
root mean square residual (SRMR), root mean square error
of approximation (RMSEA), and comparative fit index
(CFI) [57, 59–63].

For the sake of clarity, it is emphasized that Cronbach’s
alpha values can be classified as minimally acceptable
(α = 65), acceptable (α = 70), and optimal (α = 80) [64].

Upon scrutinizing the fit indices displayed in Table 3, it
becomes evident that the chi-square value normalized by
degrees of freedom (χ2/df) is a crucial indicator, with a range
of 2 to 4 generally denoting an acceptable model fit [55]. In this
context, the chi-square value (χ2/df = 1 813, p < 05) pertain-
ing to the Turkish adaptation of the “Digital Life Balance
Scale” demonstrates an exceptionally close fit to the model.

Furthermore, the suite of other fit indices, including CFI,
IFI, NFI, GFI, and AGFI, all registering at or above .90, con-
sistently affirms the model’s commendable fit, with values
surpassing .95 signifying an almost impeccable fit [57].
Additionally, the RMSEA value, a critical metric, is notably

less than or equal to .05, aligning perfectly with the criteria
for an excellent fit, while falling within the .05 to .10 range,
which is deemed acceptable [56, 58].

In summation, it can be asserted with a high degree of
confidence that the CFI (.99) employed to validate the
nature of the Digital Life Balance scale harmonizes impecca-
bly with the IFI (.99), NFI (.99), GFI (.99), and AGFI (.97)
indices. Furthermore, the RMSEA value (.044) and the
SRMR value (.012) fall comfortably within the spectrum
denoting an outstanding model fit.

A diagram of the CFA conducted within the scope of the
construct validity of the Digital Life Balance Scale is given in
Figure 1.

In addition, results showed that the item loadings of all
items displayed substantial saturation (all λ 0.80–0.84, p <
0 001; see Table 4).

4.3. Convergent Validity. In order to examine the convergent
validity of the Digital Life Balance Scale for similar scales,

Table 3: Values regarding the goodness-of-fit tests of the Digital Life Balance Scale.

Examined fit index Perfect fit criteria Acceptable compliance criteria Fit index values obtained from the CFA

χ2/df 1 0 ≤ χ2/sd ≤ 2 2 ≤ χ2/sd ≤ 3 1.813

AGFI2 90 ≤AGFI ≤ 1 00 85 ≤AGFI ≤ 90 .97

CFI2 95 ≤ CFI ≤ 1 00 90 ≤ CFI ≤ 95 .99

IFI3 95 ≤ IFI ≤ 1 00 90 ≤ IFI ≤ 95 .99

NFI3 95 ≤NFI ≤ 1 00 90 ≤NFI ≤ 95 .99

GFI3 95 ≤GFI ≤ 1 00 90 ≤GFI ≤ 95 .99

RMSEA4 00 ≤ RMSEA ≤ 05 05 ≤ RMSEA ≤ 08 .044

SRMR4 00 ≤ SRMR ≤ 05 05 ≤ SRMR ≤ 10 .012
1([55]; [39]), 2[56], 3[57], 4[58].
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Figure 1: Results of confirmatory factor analysis of the DLB Scale.

Table 4: Factor loadings of the DLB items.

Items Loading

Item 1 0.84

Item 2 0.84

Item 3 0.83

Item 4 0.80
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PANAS-Positive, PANAS-Negative, Life Satisfaction,
BSMAS, SABAS, Young Internet Addiction Test Short
Form, and Flourishing Scale scores were used. The associa-
tions between the scales were investigated through the com-
putation of the Pearson product-moment coefficients. In
Table 4, you can find the resulting correlation coefficients.

According to Table 5, the correlation coefficient between
Digital Life Balance and PANAS-Positive is r = 325 and
p < 01; the correlation coefficient between Digital Life Bal-
ance and PANAS-Negative is r = − 377 and p < 01; the
correlation coefficient between Digital Life Balance and life
satisfaction is r = 375 and p < 01; the correlation coeffi-
cient between Digital Life Balance and Bergen Social
Media Addiction is r = − 359 and p < 01; the correlation
coefficient between Digital Life Balance and Smartphone
Application-Based Addiction is r = − 341 and p < 01; the
correlation coefficient between Digital Life Balance and
Young Internet Addiction is r = − 347, p < 01; the correlation
coefficient between Digital Life Balance and Flourishing is
r = 359, p < 01. The Digital Life Balance Scale demon-
strated negative correlations with measures of addiction
and positive correlations with measures of well-being. The
scores obtained from the DLBS showed relatively strong
associations with external validity measures.

4.4. Reliability. The reliability of the Digital Life Balance
Scale was evaluated using both the test-retest method and
Cronbach’s alpha internal consistency estimation. For the
test-retest reliability analysis, the scale was administered to
a cohort of 76 participants at intervals of three weeks. The
test-retest reliability coefficient for Digital Life Balance was
determined to be .81 (p < 05).

Moreover, an assessment of internal consistency was
conducted using Cronbach’s alpha coefficient, yielding a
value of .85. Additionally, to strengthen the evidence of reli-
ability, the composite reliability (CR) was computed and
resulted in a value of .85.

5. Discussion

In an increasingly interconnected world, where work, social
interactions, and learning activities extend into the online
realm, it becomes crucial to frame and integrate these activities
in a beneficial manner for personal well-being. While activities

like cultivating one’s social capital are associated with
increased well-being [65, 66], dysfunctional technology use
can have the opposite effect [67, 68]. The theoretical frame-
work of the psychology of harmony and harmonization, par-
ticularly the construct of Digital Life Balance proposed by
Duradoni et al. [33], offers a way to reconcile this apparent dis-
crepancy regarding the effects of Internet use on well-being.
The present study is aimed at examining the validity and reli-
ability of the Digital Life Balance Scale in the Turkish context
which is characterized by a high level of Internet and mobile
usage [46, 69]. This scale captures individuals’ perceptions of
balance or imbalance between their online and offline activi-
ties, providing valuable insights into the impact of technology
on well-being and addiction tendencies. The language validity
of the scale was established by comparing the original form
with the Turkish version, confirming their similarity in mea-
suring the intended constructs. Confirmatory factor analysis
supported the construct validity of the scale, showing a good
fit between the single-factor structure and the collected data.
This suggests that the scale effectively measures the concept
of Digital Life Balance in the Turkish context. The analysis
of convergent validity demonstrated significant correlations
between the Digital Life Balance Scale and measures of well-
being and addiction. Individuals who reported higher Digital
Life Balance scores also reported higher levels of positive
affect, life satisfaction, and flourishing (H1, H2, and H3).
Additionally, they showed lower tendencies towards social
media addiction and smartphone application-based addiction
(H4, H5, and H6). Reliability analysis indicated that the Digi-
tal Life Balance Scale exhibits good internal consistency, as
reflected by the high Cronbach’s alpha coefficient and com-
posite reliability value. Moreover, the test-retest reliability
coefficient showed consistent responses over a three-week
interval, further supporting the reliability of the scale. These
findings provide empirical evidence for the validity and reli-
ability of the Digital Life Balance Scale in the Turkish context.
Researchers and practitioners can utilize this scale to assess
individuals’ perceptions of balance in their online and offline
activities, gaining insights into the impact of technology on
their well-being and addiction tendencies. By understanding
these factors, interventions can be developed to promote a
healthier integration of technology in individuals’ lives. How-
ever, it is important to acknowledge the limitations of this
study. The sample consisted of students from one university,

Table 5: Relationships between Digital Life Balance and other variables.

1 2 3 4 5 6 7 8

(1) PANAS-Positive — -.370∗∗ .455∗∗ -.433∗∗ -.471∗∗ -.459∗∗ .561∗∗ .325∗∗

(2) PANAS-Negative — -.466∗∗ .655∗∗ .623∗∗ .680∗∗ -.576∗∗ -.377∗∗

(3) Life Satisfaction Scale — -.588∗∗ -.546∗∗ -.495∗∗ .747∗∗ .375∗∗

(4) BSMAS — .951∗∗ .921∗∗ -.688∗∗ -.359∗∗

(5) SABAS — .929∗∗ -.694∗∗ -.341∗∗

(6) Young Internet Addiction Test Short Form — -.795∗∗ -.347∗∗

(7) Flourishing Scale — .359∗∗

(8) Digital Life Balance Scale (DLBS) —
∗∗p < 01.

6 Human Behavior and Emerging Technologies



which may limit the generalizability of the findings to other
populations. Future research should aim to replicate these
findings in larger and more diverse samples, encompassing
various age groups and backgrounds. Additionally, cross-
cultural validation of the scale is essential to ensure its applica-
bility in different cultural contexts.

Overall, the Digital Life Balance Scale has demonstrated sat-
isfactory validity and reliability in the Turkish context. This
instrument provides a valuable tool for assessing individuals’
perceptions of balance in their online and offline activities, con-
tributing to a better understanding of the impact of technology
on well-being and addiction tendencies. DLB could be used also
as a primary and secondary prevention screening tool. Indeed, a
longitudinal monitoring of Digital Life Balance levels could
prove invaluable for remote workers and telecommuters who
contend with prolonged screen-time durations, which may be
precursors to a range of adverse outcomes. In this sense, future
research should continue to explore the dynamics of Digital Life
Balance and its implications for individuals’ overall quality of
life in an increasingly digitalized world. In this context, the very
construct of Digital Life Balance could prove pivotal in reshap-
ing the theoretical understanding of dysfunctional technology
use. It shifts the focus from a dynamic primarily originating
and manifesting online to one where such outcomes are inter-
dependently shaped by both online and offline spheres. Moving
forward, future research should focus on identifying the factors
that contribute to Digital Life Balance, both as promotive and
risk factors. Exploring individual characteristics like personality
traits [70, 71], self-regulation abilities [72, 73], and perceived
need for online social feedback [33], as well as contextual factors
like social support [74] and cultural norms [75], can provide
valuable insights.

6. Conclusion

In conclusion, this study validated the Digital Life Balance
Scale in the Turkish context, highlighting its importance in
assessing individuals’ perceptions of balance between their
online and offline activities. The scale demonstrated satisfac-
tory validity and reliability, capturing the impact of technol-
ogy on well-being and addiction tendencies. Future research
should aim to replicate these findings in diverse populations
and cultures, exploring individual and contextual factors
that contribute to Digital Life Balance. Understanding these
factors can inform interventions to promote a healthier inte-
gration of technology and enhance overall well-being in an
increasingly digitalized world.
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