Hindawi

Journal of Control Science and Engineering
Volume 2023, Article ID 9875493, 1 page
https://doi.org/10.1155/2023/9875493

Retraction

@ Hindawi

Retracted: Step-by-Step Multi-Ship Collision Avoidance
Navigation Path Planning Based on Particle Swarm Optimization

Journal of Control Science and Engineering

Received 15 August 2023; Accepted 15 August 2023; Published 16 August 2023

Copyright © 2023 Journal of Control Science and Engineering. This is an open access article distributed under the Creative
Commons Attribution License, which permits unrestricted use, distribution, and reproduction in any medium, provided the

original work is properly cited.

This article has been retracted by Hindawi following an
investigation undertaken by the publisher [1]. This in-
vestigation has uncovered evidence of one or more of the
following indicators of systematic manipulation of the
publication process:

(1) Discrepancies in scope

(2) Discrepancies in the description of the research
reported

(3) Discrepancies between the availability of data and
the research described

(4) Inappropriate citations

(5) Incoherent, meaningless and/or irrelevant content
included in the article

(6) Peer-review manipulation

The presence of these indicators undermines our con-
fidence in the integrity of the article’s content and we cannot,
therefore, vouch for its reliability. Please note that this notice
is intended solely to alert readers that the content of this
article is unreliable. We have not investigated whether au-
thors were aware of or involved in the systematic manip-
ulation of the publication process.

Wiley and Hindawi regrets that the usual quality checks
did not identify these issues before publication and have
since put additional measures in place to safeguard research
integrity.

We wish to credit our own Research Integrity and Re-
search Publishing teams and anonymous and named ex-
ternal researchers and research integrity experts for
contributing to this investigation.

The corresponding author, as the representative of all
authors, has been given the opportunity to register their
agreement or disagreement to this retraction. We have kept
a record of any response received.

References

[1] C. Zhao, “Step-by-Step Multi-Ship Collision Avoidance Nav-
igation Path Planning Based on Particle Swarm Optimization,”
Journal of Control Science and Engineering, vol. 2022, Article ID
5360674, 7 pages, 2022.


https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://doi.org/10.1155/2023/9875493

Hindawi

Journal of Control Science and Engineering
Volume 2022, Article ID 5360674, 7 pages
https://doi.org/10.1155/2022/5360674

Research Article

@ Hindawi

Step-by-Step Multi-Ship Collision Avoidance Navigation Path
Planning Based on Particle Swarm Optimization

Canglong Zhao

Jiangsu Shipping College, Nantong 226010, Jiangsu, China

Correspondence should be addressed to Canglong Zhao; 1440140228@xs.hnit.edu.cn

Received 19 May 2022; Revised 6 June 2022; Accepted 9 June 2022; Published 24 June 2022

Academic Editor: Jackrit Suthakorn

Copyright © 2022 Canglong Zhao. This is an open access article distributed under the Creative Commons Attribution License,
which permits unrestricted use, distribution, and reproduction in any medium, provided the original work is properly cited.

In order to solve the problem that it is difficult to combine path planning with navigation rules in the process of multi-ship
collision avoidance in wide waters, a step-by-step multi-ship collision avoidance path planning algorithm is proposed in this
paper. Firstly, the obstacle ship is regarded as a static obstacle, and the static path planning is carried out by using the particle
swarm optimization path planning algorithm in polar coordinate space combined with the field of ship safety to obtain the turning
point of ship collision avoidance. Then, the steering angle of the steering point is dynamically corrected by using the navigation
rules. The experimental results show that the particle swarm optimization algorithm finds an optimal path in about 35 iterations,
and the shortest path is 38.4 n miles. Conclusion. The algorithm can solve the problem of multi-ship collision avoidance path
planning and provide a new idea for solving the problem of multi-ship collision avoidance.

1. Introduction

The Maritime Safety Committee (MSC) of the International
Maritime Organization (IMO) proposed a new work plan on
maritime autonomous surface ships (MASSs) and rapidly
promoted it [1]. MASS has become a research hotspot in the
international maritime field or will become the development
direction of shipping in the future. The shipping industry
and relevant scientific research institutions have invested in
relevant research to develop different levels of intelligent or
automated ships and realize them in stages. Rolls Royce
completed the project of machine executable collision
regulations for marine autonomous systems (MAXCMAS)
in 2017 and tested it in bridge simulators at sea and in
various scenarios. It claims to meet the requirements of the
existing international regulations for preventing collisions at
sea, COLREGS (hereinafter referred to as the “rules”) [2]. In
the special plan for scientific and technological innovation in
the transportation field of the 13" five year plan, the
Ministry of Science and Technology and the Ministry of
Transport pointed out the key technologies of intelligent
ships in “water transportation,” including intelligent navi-
gation: automatic technology and verification technology of

ship intelligent collision avoidance auxiliary decision
making based on the rules, ship route optimization and
independent decision making based on ship shore coop-
eration, ship automatic navigation technology, intelligent
collision avoidance auxiliary decision-making technology of
ships in complex waters, etc. From the perspective of in-
ternational, domestic, and industrial development, un-
manned ship, smart ship, or MASS has become a research
hotspot in the industry, and the automatic collision
avoidance/risk avoidance decision of ships in complex
waters is the focus of research. From the perspective of
necessity, although navigation technology has been highly
developed, ship collision, grounding, and reef accidents still
occur from time to time. Figure 1 shows the planning and
design of multi-ship collision avoidance navigation path step
by step [3].

2. Literature Review

Huang et al. used the research results of expert system theory
to process the relevant knowledge in the field of ship col-
lision avoidance and established a ship Intelligent Collision
Avoidance Expert System to guide the ship’s collision
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FIGURE 1: Step-by-step multi-ship collision avoidance navigation path planning and design.

avoidance navigation at sea [4]. Cho et al. designed a fuzzy
logic collision avoidance method for unmanned ships based
on behavior control and multi-objective behavior selection
[5]. Zheng et al. combined fuzzy logic with neural network
for ship collision avoidance and achieved good results [6].
Wang et al. designed a collision avoidance expert system
considering a variety of collision influencing factors to solve
the problem of high collision risk of ships in complex waters.
These algorithms have indeed achieved some research results
for different research backgrounds and research objects.
However, there are many problems, such as less consider-
ation of environmental factors and less collision avoidance
decision-making schemes [7].

Steering is the most effective decision making in the
process of ship collision avoidance. Therefore, finding the
steering time and steering angle of ship collision avoidance
can effectively avoid collision. The earliest method to de-
termine the turning time and turning angle is through the
ship safety domain model and the geometric method of ship
collision risk. Ning and others combined the distributed
technology with the traditional geometric method to design
the  multi-ship collision avoidance simulation software,
which further accelerated the research of geometric method:
with the development of science and technology, the
methods to determine the turning time and turning angle by
relying on artificial intelligence methods such as data mining
are also generated randomly [8]. The velocity obstacle
method and artificial potential field method in the field of
robot path planning have also been deeply applied in the
field of ship collision avoidance. The multi-agent method is a
new kind of method with the development of intelligent
technology. Lazarowska and others regarded the ship as an
independent agent and adopted the distributed decision-
making system among agents to benefit each other and
alleviate the overall collision risk situation [9]. Vanitha et al.
introduced the agent of passive agent mechanism into the
research of collision avoidance, which further improved the
calculation time and accuracy [10].

Therefore, a step-by-step multi-ship collision avoidance
path planning algorithm based on particle swarm optimi-
zation and navigation rules is proposed in this paper. Firstly,
multiple obstacle ships are regarded as static obstacles, and
the rules are used to model the obstacle ships. The particle
swarm optimization path planning algorithm in polar co-
ordinate space is used for static path planning to obtain the
global path of ship collision avoidance, and the turning point
and turning angle of collision avoidance are obtained at the
same time. Then, a dynamic correction algorithm of turning
point and turning angle based on navigation rule reasoning
is designed to dynamically correct the initial path during
ship navigation. In this process, combined with the actual
collision avoidance operation habits of the crew, the
problem of difficult combination with rules in the process of
multi-ship collision avoidance path planning is solved, so
that the planned path meets the requirements of navigation
rules and improves the efficiency and safety of navigation.

3. Research Methods

3.1. Problem Description and Modeling. For ships, path
planning is to find the set of turning points for their nav-
igation in the ocean. Since most of the main collision
avoidance operations are turning operations, the particle
swarm optimization path planning modeling method based
on polar coordinate space is adopted: S is the starting point,
G is the target point, S is the origin, and the connecting line
between S and G is used as the polar axis to establish the
polar coordinate system. Divide SG by m +1 to obtain
segment m + 1 with interval length of SG (m + 1). Make a
circle with the connecting line from each bisection point to s
as the radius to obtain a series of concentric arcs ;. The
intersection of arc /; and path is the turning point of path.
Path planning is a set p; = {py, ps>..., P} for finding
turning points. There are no turning points between ships
and adjacent areas. The maximum distance applicable to the
ship field (the visibility distance of the light signal) is 6 n
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miles. When the distance between the two ships is greater
than 6 n miles, any action taken by the ship will not violate
the rules [11, 12]. The provisions on ship collision avoidance
are not applicable at this time and there is no need for
collision avoidance. Therefore, the target ship is expanded
into a circular field with a radius of 6 n miles, and the
navigation path of the ship is statically planned beyond 6 #n
miles. The schematic diagram of path planning in polar
coordinates is shown in Figure 2 [13].

The coordinates of the i-th turning point p; can be
represented by (R,,, 0, ). At the same time, through Figure 2,
it is found that the relatlonshlp between polar diameter R,
and polar angle 0,, is as follows [14]:

Op, = Z,)Aepi’
(1)
. ISGI
Rp =1- >
i m+1

where A, is the steering angle of the i-th steering point. It
can be seen from equation (1) that the turning point on the
path can be uniquely determined by its serial number and
turning angle. Considering that the main collision avoidance
action of the crew during ship navigation is steering collision
avoidance, a candidate path can be expressed by the steering
angle of the steering point on this path:

p;={A6,,A0,,...,A6, }. ()

In this way, the path planning is transformed into the
planning of steering angle, which is beneficial to the dynamic
correction of collision avoidance path.

3.2. Path Planning Based on Particle Swarm Optimization

3.2.1. Basic Principle of Particle Swarm Optimization
Algorithm. Particle swarm optimization is an intelligent
swarm optimization algorithm [15]. The predator-prey be-
havior of birds is simulated, and the speed and position
search model is adopted. Each particle is an alternative
solution, and the quality of the solution is determined by the
fitness. Particle swarm optimization algorithm randomly
initializes »n particles, and each particle has m dimensions
[16]. The position of the i(i = 1,2, ...,n)-th particle in the
m-dimensional ~ solution space is x; = (x(;1), X(i2)»

-+»X(im)- Each iterative particle obtains the individual
optimal value Pbest; and the group optimal value Gbest
according to its own flight experience to determine its speed,
adjust its position, and gradually move closer to the optimal
particle. The velocity of the i-th particle is [1]

vV, = (V(i,l)’ V(i,2)’ ey V(i,m))' (3)

The update formula of particle velocity and position is as
follows:

t t
Pij = i P, xi,‘
Vil =0 e,y czrzg]—,
b b At At (4)
t+1 _ t t+1
Xij =XtV At,

FIGUrRe 2: Schematic diagram of path planning in polar
coordinates.

where vtjl and xt’;l, respectively, represent the velocity and
position of the j-dimensional (j =1,2,...,m) component
of particle i at time £; pl is the optimal position searched by
the j-dimensional component of particle i at time £ p
represents the optimal position searched by the j- dlmen—
sional component of all particles at time #; At is the unit time;
¢, and ¢, are the acceleration constants, which represent the
propulsion acceleration weight of the particle to its own
optimal position and global optimal position; r, and r, are
random numbers, generally between (0, 1); and w is the
inertia weight. If w is large, the global search ability is strong;
if w is small, the local search ability is strong, and w decreases
linearly with the number of iterations. The value of w is
generally between 0.4 and 0.9.

3.2.2. Algorithm Implementation. Select a turning point p;
(p; must be a free point) on the arc I; of article i. In order to
ensure the safety of navigation, the selection of p; must meet
several conditions:

(1) Within the value range of I,
(2) Not in the territory of any obstacle ship.

(3) The connection between p; and its chosen point on
the adjacent arc [;_; cannot intersect the domain of
any obstacle ship.

In order to meet these three conditions, the value range
of p; on [, is set from the intersection of arc and chart to the
intersection of arc and obstacle ship, and the value range
should be set in advance during particle initialization;
secondly, the distance from the connecting line between two
adjacent points to the center of the circle should be greater
than the radius of the obstacle ship. Starting from the
starting point S, connect the points on the arc in turn to
reach the target point G, that is, get a planned path, and then
optimize the path, that is, get the global optimal path [17].



Considering the economy of navigation, the result of
path planning is that the navigation distance is expected to
be as short as possible, so the fitness function is selected as
the navigation path, as follows:

m—1

m
F@)=ly=ly+ Y lyp +lp 6= ;lpip,-ﬂ' (%)

i=1
Specific steps [18]:

Stepl. Initialize particle number # and particle latitude
m. Initialize particle p;, and the historical optimal value
of each particle is its own Pbest;. Calculate the fitness
value of each particle and select the particle with the
smallest fitness value as the global optimal value Gbest.

Step 2. Update the velocity and position of particles by
equation (4).

Step 3. For each particle p;, calculate the fitness value. If
the fitness value is smaller than the fitness value of
Pbest;, then Pbest; = p;.

Step 4. Go to step 2 to iterate until the accuracy or
iteration number requirements are met.

3.3. Dynamic Correction Algorithm of Collision Avoidance
Path for Navigation Rule Reasoning

3.3.1. Basic Idea. According to the research, the most ma-
neuvering behavior of ship collision avoidance is steering
collision avoidance. This paper adopts the way of steering
collision avoidance. Firstly, the ship regards the obstacle ship
as a static obstacle and carries out path planning in the static
environment to obtain the optimal turning point set p;. After
planning the initial path, the ship navigates along the
planned turning point of the initial path. Each point will
judge the distance D between the next turning point p;,,
and the nearest obstacle ship and judge whether the ship has
collision risk in p; ;. If Dy is greater than the safe encounter
distance of the ship, there is no risk of collision. There is no
need to correct the turning point and continue to sail along
the initially planned turning point. When D is less than the
safe encounter distance of the ship, determine the encounter
state, collision avoidance mode, and steering angle h
according to the collision avoidance rules, so as to adjust the
steering angle A@ to the next turning point p,,,, obtain the
new next turning point p,,,..;> and update the latest turning
point to the dynamic correction path set p,..;. Pyewi 1S the
ship’s dynamic collision avoidance path.

3.3.2. Rule Design. The second chapter of navigation rules is
the focus of collision avoidance research. Among them, there
are clear restrictions on various encounter situations and
ship collision avoidance, which provides guidelines for our
collision avoidance research work. Among them, keeping a
safe distance between ships and other obstacles is an im-
portant factor to improve maritime safety. However,
maintaining a continuous safe distance between two ships is
also an important factor to reduce the risk of collision in the
case of overtaking and collision. Therefore, Section 13 of the
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rules also emphasizes the maintenance of the safe distance
between two ships in case of overtaking and collision. The
cross meeting of two ships is another encounter situation
with great collision risk in maritime navigation. According
to the requirements of the rules, the ship shall take actions as
soon as possible to avoid the dangerous situation of star-
board to starboard and try to avoid passing through the port
side through the port side. These cross encounters are clearly
described in Section 15 of the rules. According to the rules,
ships coming from the starboard side enjoy higher navi-
gation priority, which are called direct ships. Ships from the
port side have lower navigational priority and are called yield
ships. When considering the collision situation, if the giving
way ship does not take any appropriate action to avoid the
collision in accordance with the requirements of Section 17
of the rules, the direct ship must take appropriate action to
avoid the collision. However, the collision avoidance scheme
also depends on the characteristics of ship maneuverability.
Therefore, in these key collision situations, the ship’s col-
lision avoidance decision-making process should be care-
fully formulated. Some wrong decisions may lead to collision
due to the lack of deceleration and stopping distance.
Therefore, the stopping distance of the ship and the char-
acteristics of the steering circle should be considered in the
collision avoidance decision making. In addition, in Section
8 of the rules, it is also emphasized that the operation of
changing the ship’s course and speed at sea to avoid collision
must be easily observed by other ships’ vision or radar. The
above rules are important rules that must be observed in the
process of ship collision avoidance [19].

The design of dynamic collision avoidance rules takes
into account the sudden nature of ship collision avoidance
scene, adopts the method of forward reasoning, and designs
the rule base as a five-input and two-output model, which
reduces the thinking process and enhances the timeliness.
Among them, the input includes 0, indicating the side angle
of the obstacle ship relative to the ship at the next turning
point; A is the speed angle between the ship and the ob-
stacle ship; Dy is the distance between the ship and the
nearest obstacle ship at the next turning point; v, and v,
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represent the speed of the ship and the obstacle ship; the
output O is the type adjusted by the ship according to the
dynamic obstacle on the global path; and A¢ is the ad-
justment amount of the ship’s heading at the next track
point. The polar angle of the turning point can be updated by
the following equation:
oreains = Op, + B0, + Bg. (6)

First, divide the collision avoidance area according to the
collision avoidance rules 6. According to the meeting of
two ships in the mutual meeting of rules, the action situation
is divided into six areas: A, B, C, D, E, and F, as shown in
Figure 3. For ships coming from area A, the ship should take
collision avoidance action of turning right. For ships coming
from area B, the ship is a yield ship with large relative
orientation, so turn left. For ships in areas C, D, and E, the
ship is a direct ship, and the ship does not need to take
action. The vessel coming from area F should turn right.

The best steering angle of the giving way ship can be
obtained from equations (7) and (8):

A¢ = max [0y, arcsin 0.25 - 28" + 6], (7)
where
vrsin (A + Ag)
\/vé + Vi = 2vyvp (LA + Ag)

£S = arcsin

(8)

The safe passage distance is divided according to different
encounter situations. The corresponding safe passage distance
is determined by determining different encounter situations.
Table 1 shows the corresponding table between the safe passage
distance of ships in open water and each division.

Through the study of encounter situation, steering
collision avoidance angle, and safety distance, the ship
dynamic collision avoidance rule base shown in Table 2 is
obtained.

The above rules are analyzed and sorted according to the
ship navigation rules and the ship collision avoidance de-
cision, and the input and output are corresponding one by
one to dynamically correct the turning point of the initial
path, which can solve various situations in the process of
ship encounter and obtain a new dynamic collision avoid-
ance path [20].

3.3.3. Specific Steps

Step 1. The optimal set of path turning points P; in the
initial static state is obtained by particle swarm opti-
mization algorithm. Initialize the dynamic collision
avoidance  path  turning point set pnewi
Prewi (i=1,2,...,m). m is the number of turning
points and obstacle boats T]- (j=1,2,...,n). nis the
number of obstacle ships. Let i = 1 and use i to traverse
the optimal path turning point p; and point to the next
turning point. Let j=1 and use j to traverse the
number of obstacle ships.

Step 2. 1f i >m, turn to Step 6. Obtain the next turning
point p,,, of the initial static path, the next turning

TaBLE 1: Corresponding table of safe passage distance and zoning
of ships.

E.nc01.1nter Safety distance (n miles) Correqundlng
situation partition
Right encounter 1.07 F zone
Crossing situation 1.0 A, B, and E zones
Being chased 0.65 C and D zones

TaBLE 2: Ship dynamic collision avoidance rule base.

If Else if Then

-5<0p<5 D <1.07 Turn right Ag
5<0;<67.5 D;<1 Turn right Ag
67.5<0r<112.5 Dr<1 Turn left Ag
112.5< 0 <247.5 D <0.65 Turn right A¢
247.5 < 6 < 355 Dy <1 Turn right Ag

TaBLE 3: Obstacle ship data.

Pole diameter Heading

Obstacle ship no. Polar angle (°)

(n/mile) ")
T1 12 30 60
T2 24 0 180

point of the ship sailing in the dynamic environment is
Prewis1> and initialize p,..; = pj,;.

Step 3. If j>mn, turn to Step 5. Obtain navigation in-
formation of obstacle ship. If the distance D; at
turning point p;,, (indicating the distance fromthe
obstacle ship in article j) is greater than the safe dis-
tance, make j = j+ 1 and turn to Step 3.

Step 4. The current track point of the ship is p;, and the
next track point p,,, is in danger of collision with the
obstacle ship T ;. Determine the input values of the rule
base to obtain the correct collision avoidance decision
output O and a new P, .-

Step 5. Let i =i+ 1, add p,.,; to the dynamic
turning point set p,,,;,» and go to Step 2.

Step 6. At the end of the algorithm, the route points of
the ship are saved in p,,,;.

4. Result Analysis

In order to verify the effect of the algorithm, simulation
experiments are carried out on the computer [21]. The
current position point of the ship is point S, and the target
track point is point G in the due east direction. The two
points meet 36 #n miles, so that the heading in the due east
direction is 0°, and clockwise is the positive direction. The
position coordinates and heading of each obstacle ship
relative to the ship are shown in Table 3. The speed of this
ship and obstacle ship is 121, and each obstacle ship runs
according to the navigation rules. The parameters of particle
swarm optimization algorithm are set to ¢; =c¢, = L.5,
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w = 0.9, the number of population is n=15, and the
maximum number of iterations is set to 50.

The path of the initial state is planned to obtain the
turning point of the initial path. The ship navigates along the
turning point for dynamic collision avoidance. When the
sailing distance between two ships is less than the safe
collision avoidance distance, it turns according to the col-
lision avoidance rule base, so as to change the next turning
point and obtain the new turning point coordinates.

In order to facilitate the display of the path in the chart,
use equation (9) to convert the turning point in polar co-
ordinates into rectangular coordinates.

[x] [ cosa  sin a ] R, cos0,, (©)
y | —sina cos a R,sinb, ’
where « is the included angle between the polar axis and the
rectangular coordinate x axis, which is 0°.

The simulation results on MATLAB are shown in Fig-

ure 4. The dotted line is the path planned in the static state;
the solid line is the path of dynamic adjustment; the circle is

Journal of Control Science and Engineering

the ship field in the initial state; the direction of the arrow is
the movement direction of the obstacle ship.

The iteration diagram of particle swarm optimization
algorithm is shown in Figure 5. It can be seen that in the
initial state, particle swarm optimization algorithm can
quickly find an optimal path. The shortest path is 38.4 n
miles, which is obtained in about 35 iterations.

5. Conclusion

This paper uses particle swarm optimization algorithm
combined with ship field and ship navigation rules to carry
out step-by-step multi-ship collision avoidance path plan-
ning, which provides a new idea for multi-ship collision
avoidance auxiliary decision making. This idea solves the
problem that the collision avoidance algorithm is difficult to
combine with the navigation rules. The simulation results
show that the algorithm has good collision avoidance effect
and can truly realize multi-ship dynamic collision
avoidance.
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