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People’s pursuit of public health continues to improve with the rapid economic development. Physical activity is an important way
to achieve public health. Excessive physical activity intensity and uncomfortable forms of physical activity can affect people’s
physical and mental health. Reasonable physical activity intensity and reasonable physical activity form will be beneficial to
public health. People need to choose the corresponding sports mode according to physical function parameters and mental
health parameters. However, it is difficult to understand the relationship between physical activity patterns and public health-
related parameters, which limits people to establish reasonable exercise patterns. This research uses big data technology to
design an intelligent sports-oriented public health data analysis scheme. It mainly uses MLCNN method and LSTM method to
extract physical function parameter features, mental health parameter features, and sports parameter features. The research
results show that the MLCNN method and LSTM can accurately extract and predict the parametric features related to sports
and public health. The largest relative mean error is only 2.52%, which is the predicted value of the physical performance
parameter characteristics. The smallest prediction error is also 2.27%, and this part of the relative error comes from the
prediction of sports parameters.

1. Introduction

The improvement of economic level has brought people a
higher quality of life and happiness. In the era of sufficient
material life, people also began to pay more attention to their
health [1, 2]. People often use sports to achieve fitness goals.
Public health has become a trend in today’s society, which is
why people continue to pay attention to physical and mental
health. There are also many forms of physical exercise, and
different groups of people will have different suitable sports
[3, 4]. Appropriate physical activity will promote physical
health, but excessive or inappropriate forms of physical
activity are not only harmful to physical health; it may also
cause loss of physical function [5, 6]. Therefore, reasonable
sports forms and reasonable sports methods can improve
people’s pursuit of health. This requires people to pay more
attention to the relationship between physical function and
physical health, so that it can find suitable forms of sports
and methods of sports [7, 8]. For young people, intense
physical activity may promote the body’s metabolism, which

will also cultivate a positive and optimistic attitude in young
people. Long-term nonparticipation in sports can easily lead
to the decline of physical function and unhealthy mental
state. For the elderly, appropriate physical activity will pro-
mote physical health, and it will make the elderly maintain
a better mental attitude and physical function [9, 10]. How-
ever, excessive physical exercise and intense physical activity
are not good for the body of the elderly. This requires the
elderly to choose appropriate sports according to their phys-
ical indicators [11, 12], so as to achieve the goal of pursuing
physical health. It can be seen that different groups have dif-
ferent requirements for sports and the intensity of sports.

Different groups choose appropriate sports and exercise
intensity, which requires people to understand the relevant
indicators of physical function and the relationship between
sports and the body [13, 14]. It is difficult to understand the
quantitative relationship between physical activity intensity
and physical performance. Despite the rapid development
of the Internet with technology and high technology, data
on the relationship between physical function and physical
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activity are relatively scarce [12, 15]. If people can choose the
relevant physical activity according to the characteristics of
the body’s heart rate, pulse, and fitness level, it will achieve
the purpose of physical health [16, 17]. When people have
a healthy body and a healthy mind, they will not only have
more expectations and enthusiasm for life but also create
higher goals in life. Public health mainly includes physical
health and mental health. Big data technology can better
establish the mapping relationship between research objects
for different characteristics [18, 19]. Therefore, it is a new
direction for big data technology to solve the relationship
between physical exercise and physical function, mental
health, and other aspects. There is a complex relationship
between sports and public health-related parameters, which
is a nonlinear relationship that cannot be solved by artificial
means through experiments or formula methods. Big data
technology can efficiently extract the characteristics between
sports and public health and establish a quantitative rela-
tionship between the two.

Big data technology has shown powerful advantages in
dealing with huge amounts of data, it will extract the charac-
teristics of huge amounts of data, and it can establish con-
nections between data [20, 21]. If big data technology is
applied to sports-oriented public health, it will extract phys-
ical function indicators and characteristics of mental health,
and it will also establish the relationship between physical
and mental health and physical activity intensity and physi-
cal activity form [22, 23]. Big data technology can solve some
problems that traditional manual methods and empirical
methods cannot solve [24, 25]. It is difficult for people to
deal with huge amounts of data, and there is also a relatively
complex nonlinear relationship between big data, which
requires big data technology to use the distribution of
weights and biases to establish nonlinear relationships
between research objects. In life and production, there are
often complex nonlinear relationships between the charac-
teristics of research objects. These relationships are difficult
to establish through empirical formulas, and big data tech-
nology is used for processing and prediction [26, 27]. So
far, big data technology has more mature algorithms for fea-
ture extraction and feature prediction [28, 29]. This provides
more convenience for the application of big data technology
in various life and production fields.

This study uses big data technology to establish the rela-
tionship between sports characteristics and physical and
mental health characteristics, and it also designs an intelli-
gent public health big data platform. This study mainly
designs a multipath convolutional neural network
(MPCNN) and LSTM neural network to extract features
related to public health and sports. First, this study intro-
duces the relationship between physical activity and physical
and mental health in Section 1; it also introduces the rele-
vant research background of big data technology. Section 2
describes the current state of research in public health and
sports. The platform for the relationship between intelligent
physical activity and physical and mental health designed in
this study using MPCNN and LSTM is introduced in Section
3. Section 4 highlights the reliability of MPCNN and LSTM
methods in predicting and extracting features related to

sports and public health. This study summarizes and ana-
lyzes the application value and reliability of big data technol-
ogy in sports-oriented public health platform in Section 5.

2. Related Work

Although physical exercise can promote the development of
physical and mental health, it puts forward requirements for
the intensity of physical exercise and the way of physical
exercise. Different groups of people are suitable for different
sports intensities and different forms of sports. This requires
the selection of relevant sports forms according to one’s own
physical function and mental state. Many researchers have
studied the relationship between physical activity and public
health. Yuan [30] has found that physical activity improves
fitness and also improves mental health in college students.
However, it was also found that the current college sports
facilities that are not complete can hinder the development
of college students’ physical and mental health through
sports. This study uses literature survey method, Delphi
method, and factor analysis method to study the relationship
between physical and mental health and physical activity of
college students. The results of the study found that factors
such as study pressure and family will affect the physical
and mental health of students, which requires reasonable
physical exercise to improve physical and mental health.
Liu et al. [31] mainly explore the relationship between urban
public settings and public health. The shortage of urban
public sports facilities has limited the healthy development
of public sports. However, little research has been conducted
to comprehensively assess the relationship between urban
physical activity and public health. This study uses multi-
source urban data and GIS network analysis method to
quantitatively analyze the relationship between urban sports
and public health. The results of the study found that rea-
sonable urban sports facilities will also promote the develop-
ment of public health, which will promote people’s pursuit
of physical and mental health. The multisource data model
proposed in this study also has certain value for studying
public health. Schneider et al. [32] mainly analyze climate
change and the relationship between physical activity and
public health. They mainly explore the impact of extreme
weather, ultraviolet rays, allergens, and other factors on pub-
lic physical and mental health. They use the sport, club, and
climate change model (SC3 model) to develop a conceptual
model to study the relationship between climate change
and physical and mental health risks. These public health
assessments mainly include early warning systems and coor-
dinated assessment systems. The results show that the SC3
model can predict the risk relationship between climate
change and physical and mental health, which has an impor-
tant role for people to improve physical and mental health
and reduce the impact of climate on physical and mental
health. Liu and Zhang [33] also believe that reasonable
sports facilities will improve people’s well-being; it will also
improve people’s physical and mental health. However, the
layout of sports facilities is unreasonable and the gap
between urban and rural areas is large. This study uses big
data technology and visual methods to study the layout of
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urban public health-related sports facilities. This approach
primarily quantifies issues such as diversity and coordina-
tion in sports settings. The research results show that the
space utilization rate of sports facilities designed by this big
data method is improved by 15.32%. This method can max-
imize the utilization rate of the city, and it can also improve
people’s pursuit of health. Baghapour et al. [34] study mainly
analyzed the relationship between swimming and public
health. This study uses the multicriteria decision-making
method and fuzzy OWA method in big data technology to
analyze the relationship between the environment and
health of swimming pool construction. Swimming is also a
form of physical activity that improves health. The results
of the study found that the expansion index would be useful
for studying the qualitative relationship between swimming
exercise and health. From the above review, it can be seen
that few researchers use big data technology to analyze the
characteristics of public health or sports. This study will
use big data technology to quantitatively analyze the correla-
tion between sports and public health.

3. Analysis and Application of Big Data
Technology in Sports-Oriented Public
Health Platform

3.1. The Importance of Big Data Technology for Public Health
Analysis. There is a strong correlation between physical
function parameters and mental health and the intensity of
physical activity and the way of physical activity. However,
it is difficult for people to quantitatively analyze the relation-
ship between physical function parameters and sports char-
acteristics, which limits people’s pursuit of public health.
This study uses MLCNN and LSTM methods to build an
intelligent sports-oriented public health data analysis plat-
form. The MLCNN method can extract features such as
physical function parameters and mental health indicators
related to public health, which can establish a nonlinear rela-
tionship between public health-related features and sports
features. LSTM methods can extract temporal features
related to public health. The MLCNN method and the
LSTM method can jointly extract the spatial and temporal
features related to public health. Most traditional methods
have difficulty considering the relationship between public
health-related characteristics and time. The hybrid
MLCNN-LSTM method can comprehensively consider var-
ious nonlinear relationships of features. This allows for a
more precise understanding of the relationship between
public health characteristics and sports parameters.

3.2. Application of MLCNN Algorithm and LSTM Algorithm
in Sports-Oriented Public Health Data Analysis. This
research intends to use MLCNN method and LSTM algo-
rithm to realize the intelligent analysis platform of sports
and public health-related parameters. If this kind of intelli-
gent public health data analysis platform is established and
trained, people can carry out relevant sports activities
according to their physical function parameters and mental
health indicators. This can better guide people to pursue
physical and mental health. This study mainly studies three

characteristics of public health physical function parameters,
mental health indicators, and sports parameters. In this
study, a large number of datasets collected will be classified
according to different weights. Figure 1 shows the workflow
of the MLCNN method and the LSTM algorithm in extract-
ing and predicting features related to public health and
sports parameters. First, this intelligent platform divides
the vast datasets it collects into three broad categories. These
three types of data represent the characteristics of physical
function parameters, the characteristics of mental health
indicators, and the characteristics of sports parameters. After
the data of these three features is processed, it will be input
to the input layer of MLCNN for feature extraction process.
The MLCNN method will contain multiple input layers,
which can extract public health-related features at different
scales. Then, these extracted features are again input to the
input layer of LSTM for the extraction process of common
health time-related features. For the MLCNN-LSTM algo-
rithm, convolution operations and an iterative process are
required in the training phase. However, the convolution
operation is not performed in the test phase; it is only a
matrix operation with weights and biases.

3.3. Basic Principles and Network Design of MLCNN and
LSTM Algorithm. The working principle of MLCNNmethod
and CNN method is similar. CNN methods utilize convolu-
tional layers, pooling layers, and activation functions for fea-
ture extraction and transformation of nonlinear
relationships. The MLCNN algorithm consists of three
paths. It mainly consists of two paths that do not contain
pooling layers. It only contains convolutional layers. The
other path consists of pooling layers and convolutional
layers. The pooling layer designed in this study adopts the
method of maximum pooling layer. Compared with the
single-path CNNF method, the MLCNN method can extract
more features, and it can also extract features of different
scales. This is beneficial to the data analysis of sports-
oriented public health platforms, because the data related
to public health is relatively complex. Figure 2 shows the
working path of the MLCNN method. The pooling layer
can reduce the operation parameters of the deep learning
framework, and it can also extract relevant features from dif-
ferent angles and paths. It can be seen from Figure 2 that the
MLCNN algorithm contains three paths, which include two
single CNN algorithm paths and a neural network path with
a maximum pooling layer. The three paths will be
concatenated through a fully connected layer. In this study,
the MLCNN method is similar to the CNN method and it
also contains more parameters. The number of filters, sliding
step size, and learning rate of the MLCNN method designed
in this study are 256, 1, and 0.0001, respectively.

A sports-oriented public health data analysis platform
will also involve time-related features. If the temporal fea-
tures of public health-related features are not extracted, this
will ignore the data analysis of time for public health. The
LSTM method can memorize some historical information
data, but it does not memorize all temporal features. If the
LSTM algorithm memorizes the state data at all times, it will
cause the data complexity and reduce the training speed of
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the deep learning framework. The LSTM algorithm can
selectively filter and select the information data at all times,
and it will leave the historical data with greater influence
according to the distribution of weights. This is due to the
specific gate structure of LSTM. Figure 3 shows the working
scheme of the LSTM method for selecting information. It
can be seen from Figure 3 that the output layer of the LSTM
method is connected to the forgetting layer and the input
layer of the next LSTM layer. The LSTM algorithm contains
three neural network layers.

3.4. Mathematical Theory and Mathematical Principles of
MLCNN Algorithm and LSTM Algorithm. This study uses
the MLCNN-LSTM algorithm to extract the features related
to sports and public health, which mainly involve physical
function parameter features, mental health parameter fea-
tures, and sports parameter features. The MLCNN method
can be extracted from multiple angles and dimensions and
public health-related characteristics. The detailed calculation
process is as follows.

Both MLCNN and CNN methods involve convolution
operations in both intelligent algorithms. The convolution
operation will calculate the relationship between the data
of the input feature and the convolution operator. Expres-
sion (1) and Expression (2) show the two steps of the convo-
lution operation process. Expression (1) computes the
integral operation of convolution. Expression (2) shows the
sum operation of the convolution operation. Expression (3)
shows the overall calculation process of the convolution
operation.

ð∞
−∞

f τð Þg x − τð Þdτ, ð1Þ

ðτ
0
f xð Þg τ − xð Þdx, ð2Þ

f ∗ gð Þ xð Þ =
ð∞
−∞

f tð Þg x − tð Þdt: ð3Þ

Expression (4) shows the convolution calculation pro-
cess of MLCNN, which also reflects the calculation process
between weights and biases and parameters. Expression (5)
shows the derivation process of MLCNN. Weights are
related operations according to the gradient descent method,
and derivation is a basis of gradient descent.
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Expression (6) shows the derivation process of the bias.
The distribution of bias and weight is a manifestation of
the nonlinear relationship, which is also a basic algorithm
of gradient descent. Expression (7) shows the calculation
rule of the size of the output feature, which mainly involves
parameters such as filter and sliding step size.
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The optimal weight distribution and optimal bias distri-
bution are done using the gradient descent method. The gra-
dient descent method will iterate to find the region of the
global minimum. Expression (8) shows the calculation rules
of the gradient descent method. Whether it is MLCNN or
LSTM algorithm, it will involve the gradient descent
method.

dℓj = down xℓ−1j

� �
: ð8Þ

Expression (9) shows the calculation method of the for-
get gate of the LSTM neural network. The forget gate will
select and filter the historical information according to the
size of the weight and the influence on the current state
information.

f t = σ wf ⋅ ht−1, Pt½ � + bf
� �

: ð9Þ

Expression (10) shows the calculation rule of the input
gate of the LSTM algorithm. The input gate will control
the input of historical information and current information,
and the information will be used as new input data through
the input gate. Expression (11) and Expression (12) show the
update gate and output gate rules of the LSTM algorithm.
The update gate is responsible for updating the values of
the weights. The output gate complex selectively feeds data
into the next layer of the neural network.

it = σ ωi ⋅ hi−1, Pt½ � + bið Þ, ð10Þ

Input

MLCNN LSTM

Weights
and bias

Output

Testing
data-sets

Data
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Figure 1: Application of MLCNN algorithm and LSTM algorithm
in extracting spatiotemporal features of public health.
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4. Result Analysis and Discussion

This study uses big data technology to build a special data
analysis platform related to sports and public health, which
is a method for quantitative data analysis. The task of feature
extraction with big data technology requires a large amount
of data as data support, and a large amount of data is also the
basis for big data technology to learn data correlation.
MLCNN and LSTM methods can find and build nonlinear
relationships from a large amount of sports and public
health-related data. At the same time, the more feature types
the dataset contains, the more knowledge about sports and
public health can be learned by big data technology. If the
dataset is too small, this will not only reduce the generaliza-
tion ability of MLCNN and LSTM algorithms in sports and
public health applications but also easily cause overfitting. If
the number of datasets is too large, this will result in wasted
data and increased training time. This study selected the
data related to sports and public health in Beijing. Beijing’s
sports and public health data will contain more features than
other provinces, because Beijing’s medical level and urban

facilities are more developed. Datasets about people are also
easy to collect.

Both the CNN method and the MLCNN method can
complete the feature extraction of parameters related to
sports and public health. CNN and MLCNN methods have
different performances on different datasets. This study first
compares the performance of CNN-LSTM and MLCNN-
LSTM methods in extracting sports and public health-
related parameters. First, this study analyzes the perfor-
mance of two big data techniques in public health forecast-
ing using a global measure of mean relative error. Figure 4
shows the average relative error of the CNN-LSTM algo-
rithm in predicting three parametric features of sports and
public health. It can be seen from Figure 4 that the CNN-
LSTM method can also accurately extract the characteristics
of physical function parameters, mental health characteris-
tics, and sports parameters. The prediction errors of the
three different characteristics are all within 3%. The error
has already met the error range of people’s prediction of
sports and public health-related characteristics. The predic-
tion error of the physical function parameter feature is only
2.89%, which is the largest part of the feature. The relation-
ship between physical function and physical activity was
more complex than the other two health characteristics,
which led to larger prediction errors. The prediction error
for features related to mental health parameters was only
2.55%. Through the above analysis, it can be found that
the CNN-LSTM method can analyze the relevant data of
public health.

This study also compares the differences between the
CNN-LSTM method and the MLCNN-LSTM method in
extracting and predicting sports and public health-related
features. Figure 5 shows the average relative error distribu-
tions for the three characteristics of sports and public health.
In Figure 5, every two histograms represent a feature related
to sports and public health; from left to right are physical
function parameter features, mental health parameter fea-
tures, and sports parameter features. The left side represents
the relative mean prediction error using the CNN-LSTM
method. It can be clearly seen from Figure 5 that the error
range of the three characteristic parameters of sports and
public health has been reduced. For the features of physical
function parameters, the average relative error was reduced
from 2.89% to 2.52%, and this part of the error was reduced
by 0.37%. This relative percentage was relatively large
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Figure 2: Design path and working principle of the MLCNN method.
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despite the low level of reduction in the physical perfor-
mance parameter characteristics. The magnitude of the
reduction in this part of the error is extremely beneficial to
the discovery of physical function and the intensity and type
of physical activity. For the mental health parameter fea-
tures, the average relative error of this part was reduced from
2.55% to 2.27%. This part of the error reduction range is
0.28%. The average relative error of sports parameter fea-
tures was reduced from 2.72% to 2.47%. It can be found
through the above research that the MLCNN-LSTM method
is more suitable for data analysis of sports and public health.
The MLCNN method can extract relevant features of public
health and sports from multiple perspectives and multiple
paths. CNN methods only extract public health features
from one path, which leads to large prediction errors.

From the Figures 4 and 5, it can be confirmed that the
MLCNN-LSTM method used in this study has higher accu-
racy. The relative mean error is correlated from the perspec-
tive of global prediction accuracy, and this study also
analyzes the local prediction accuracy of each feature indi-

vidually. First, this study selected 35 groups of different
physical function parameters for error analysis. Figure 6
shows the prediction error distribution of the physical func-
tion parameter features. In Figure 6, the abscissa represents a
straight line with a prediction error of 2%. The upper part of
the abscissa represents that the prediction error of physical
function parameters is more than 2%. The lower part of
the abscissa represents that the prediction error of physical
function parameter characteristics is less than 2%. It can be
seen from Figure 6 that the characteristics of 35 different
groups of physical function parameters are all distributed
below 3%. Half of the physical function parameter features
are distributed below 2%. Only one in seven data points
had a forecast error of more than 3.5%, but the distribution
of these data points was also within a reasonable margin of
error. It can be seen from Figure 6 that the prediction error
range of physical function parameter features is between 0
and 3.5%. The reason for the large error range in this part
may be that the dataset of physical function parameters
has relatively large fluctuations. Overall, the MLCNN-
LSTM method can also accurately predict different physical
function parameters. Not only does it have superior perfor-
mance in global body function parameter features; it also
has high accuracy for each body function parameter indica-
tor. This can be very helpful to people to discover the rela-
tionship between bodily function and public health.

This study also selected 35 different groups of mental
health parameters for local predictive analysis. Mental health
parameters vary greatly. For different groups of people, men-
tal health status also affects the intensity and type of physical
activity. Physical activity can promote the development of
mental health. Therefore, it is also an advantageous way
for people to understand the relationship between mental
health parameters and physical exercise parameters.
Figure 7 shows the change trend of the prediction curve of
mental health parameter characteristics. In Figure 7, the blue
curve represents the predicted value distribution of the men-
tal health parameter feature, and the yellow curve represents
the actual value distribution of the mental health parameter
feature. It is used to verify the performance and reliability of
the MLCNN-LSTM method. It can be seen from Figure 7
that the data of the mental health parameter characteristics
fluctuates greatly. However, the predicted values of the men-
tal health parameter characteristics are in good agreement
with the actual data values. The MLCNN-LSTM method
can not only predict the value of the parameters of mental
health, but it can also predict the trend of the parameters
of mental health. Whether it is the peaks and troughs of
mental health parameters, this intelligent algorithm can
accurately predict. It can be seen from the above analysis
and research that this method can also help people to estab-
lish the relationship between mental health parameters and
physical activity.

The data analysis of sports and public health involved in
this study mainly includes three characteristics: physical
function parameters, mental health parameters, and sports
parameters. Similarly, this study also selected 35 sets of data
for local predictive analysis of sports parameters. If the
MLCNN-LSTM algorithm can accurately predict the
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characteristics of sports parameters, it can successfully help
different groups to choose appropriate sports forms and
sports intensity, which can really help people to achieve
the goal of pursuing public health. Figure 8 shows the pre-
diction of sports parameter features for 35 different groups
of population data. It can be seen from Figure 8 that the
MLCNN-LSTM algorithm has high accuracy in predicting
35 different sets of sports parameters. Similar to the charac-
teristics of mental health parameters, the characteristics of
sports parameters also have relatively large fluctuations,
and there are many peaks and troughs. It can be seen from
Figure 8 that the characteristic data of sports parameters
has a small prediction error at the trough, but there is a rel-
atively large prediction error at the peak of the sports char-
acteristic data. However, this part of the error is also
acceptable for public health research. Although the trend
of peaks and troughs is detrimental to the performance of

MLCNN-LSTM, it can improve the generalization ability
of this intelligent algorithm. The reason for the large differ-
ence between the peaks and troughs of sports-related param-
eters may be the large gap between the eigenvalues of the
sports intensity and the sports form, which will lead to a
large difference in the weight distribution in the data pro-
cessing stage. Overall, the MLCNN-LSTM method can meet
people’s needs for data analysis of sports parameters.

5. Conclusions

With the continuous improvement of the quality of life, peo-
ple begin to pursue physical health. They also realize the
importance of physical and mental health for life and pro-
ductive activities. Physical activity is an important way to
improve physical and mental health. However, excessive
physical activity intensity or uncomfortable forms of physi-
cal activity are detrimental to public health. Only when peo-
ple choose the appropriate form of physical activity
according to their physical function parameters and mental
health parameters can they be beneficial to the realization
of public health purposes. However, it is difficult to under-
stand the relationship between public health parameters
and sports parameters, which can limit the development of
public health goals. With the development of big data tech-
nology, it provides possibilities and support for sports-
oriented public health data analysis. The parameters
involved in sports and public health are relatively complex,
and the amount of data on the characteristics of this research
object is also relatively large. Big data technology can suc-
cessfully process the data and features contained in sports
parameters.

This research uses the MLCNN algorithm and LSTM
algorithm in big data technology to design an intelligent
sports and public health data analysis scheme. These two
algorithms can fully extract the features of physical function
parameters, mental health parameters, and sports
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parameters, and it can also help people establish the rela-
tionship between sports and public health. First, this study
compares the differences between the CNN-LSTM algo-
rithm and the MLCNN-LSTM algorithm in predicting pub-
lic health and sports characteristics. Through research, it can
be found that the MLCNN-LSTM algorithm has higher
accuracy than the CNN-LSTM algorithm. For the features
of physical function parameters, the average relative error
was reduced from 2.89% to 2.52%. For the mental health
parameter feature, the mean relative error was reduced from
2.55% to 2.27%. The prediction error of sports parameter
features has also been greatly reduced. The characteristics
of physical function parameters and mental health parame-
ters are two important characteristics related to public
health. The prediction error of physical function parameter
features is reduced by 0.37%. Compared with the CNN-
LSTM algorithm, the prediction error of mental health
parameter features is reduced by 0.28%. In general, the
MLCNN-LSTM method is suitable for building a sports-
oriented public health data analysis platform. The sports-
oriented public health data analysis platform designed in this
study can maintain stability and reliability once it is trained.
People can understand the appropriate form and intensity of
physical activity according to their own body index parame-
ters. This has relatively high practical value.
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