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Tourism human resources performance management is an important means of enterprise core competitiveness; the assessment
results is good or bad will directly affect the staff's work enthusiasm and attitude; the use of tourism human resources, con-
figuration, and performance carries on the scientific, reasonable, and effective comprehensive evaluation and can fully stimulate
the potential of employees. To continuously improve the work efficiency, quality, and level of staff, which has certain application
value and practical significance for the long-term and healthy development of tourism industry, this article analyzes the current
situation of tourism human resource performance management, introduces the data mining technology and fuzzy data mining
technology, and then gives the fuzzy data mining algorithm and detailed fuzzy data mining steps, through the fuzzy data mining
technology to evaluate the performance of tourism human resource management. It also analyzes the key factors and existing
problems of human resource management in tourism industry and puts forward innovative thinking countermeasures for the
performance management of human resources in the tourism industry.

1. Introduction

Tourism is a typical labor-intensive service enterprise, with
strong pull effect, persistence, high dependence, and re-
gional differences. Human resource management is the
most important source of core competitiveness of tourism,
which has an important and long-term impact on the
future development of tourism [1–3]. At present, although
China’s tourism industry has begun to take shape in terms
of quantity, there are still many problems in human re-
source management, especially in the input and output of
human resources, such as the low quality of employees, lack
of high-level compound talents, and poor business per-
formance. In particular, the imbalance between the growth
number of tourism enterprises and the proportion of
personnel supply is serious, and the phenomenon of brain
drain has been plaguing the tourism industry. Specific
reasons mainly include the following: firstly, the man-
agement personnel have insufficient understanding of the
importance of human resource management and lack of
systematic human resource planning. (e responsibilities

of many tourism posts are not clearly defined, the per-
sonnel allocation is unreasonable, the personnel quality is
not high, and the reserve talent is insufficient. When hu-
man resources become the bottleneck of enterprise de-
velopment, they rush to recruit and train. secondly, it
emphasizes institutionalized management, ignores the
spiritual needs of employees, tends to attract and retain
talents with higher material rewards, but does not attach
importance to people-oriented, and motivates employees
with promotion, honor, and other aspects. (irdly, the
salary structure is unreasonable, the salary level is low, the
salary system is not competitive, especially for the salary of
management, and technical personnel are not consistent
with their contributions and does not play a due incentive
role; finally, the lack of scientific selection means and the
neglect of staff career development make the frequent loss
of staff and difficult to retain talents. (erefore, the effi-
ciency of human resources has become the focus of
tourism, and how to improve the efficiency of human
resource management has become a widespread concern
[4–6].
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(e performance evaluation of tourism human resource
management is not only directly related to the rational al-
location of personnel, but it also plays an important role in
realizing the optimization of enterprise resources [7]. (e
problem of low performance of the tourism industry is
increasingly exposed, and one of the important reasons is the
lack of scientific enterprise performance evaluation ideas
and methods. Human resources performance appraisal is a
management and appraisal method formulated by enter-
prises for employees. It presents three characteristics:
comprehensiveness, systematicness and complexity. It is
mainly to effectively restrict employees’ work consciousness,
behavior and efficiency, fully stimulate and mobilize
employees’ enthusiasm, initiative and creativity, and
through a series of specific and feasible quantitative in-
dicators, (e measurement process of performance ap-
praisal for employees’ working status, performance,
behavior, consciousness, and performance [8–10]. High
quality and high-level human resource management
performance appraisal not only helps enterprises improve
the overall work efficiency and level of employees, but also
helps enterprises attract and retain more high-quality
talents, but also helps to ensure the rationality of em-
ployees’ salary. At present, the performance appraisal of
human resource management in tourism industry mainly
has the following problems: first, there is a lack of enough
attention to the performance appraisal and does not
operate in strict accordance with the relevant indicators.
In the performance appraisal and evaluation, they often
add their own subjective feelings and basic impressions of
employees, which is easy to lead to the formality of
performance appraisal. Secondly, the quality of perfor-
mance appraisal needs to be improved. Human resource
performance appraisal does not carry out objective and
comprehensive analysis on the evaluation of other em-
ployees, and the management mode and concept are
relatively backward, and the assessment mode is also
relatively closed, which deviates from the requirements of
objectivity and comprehensiveness of appraisal. Finally,
there is no timely and effective feedback on performance
appraisal. In order to ensure the timeliness and value of
appraisal results, timely and effective feedback on per-
formance appraisal results is necessary to help enterprise
managers have a comprehensive understanding of the
working status of employees, and then formulate effective
reward and punishment measures [11, 12].

With China’s entry into WTO, the competition for talents
is becoming increasingly fierce, so the performance manage-
ment of tourism employees is particularly important. In the
whole process of human resource management of the tourism
industry, performance appraisal has a direct impact on em-
ployees’ salary and job changes, and provides a basis for
employees’ training. (erefore, fuzzy data mining technology
can be used to extract relevant information from the database
of employees’ working conditions, find the connections and
patterns, and classify the types of employees, so that employees
can compete in a fair and just environment and improve their
performance, so as to enhance the competitiveness of tourism.

2. Methods and Models of Tourism Human
Resource Management
Performance Evaluation

At present, most tourism enterprises lack a complete per-
formance management system, andmany tourism enterprises
still remain in the stage of performance assessment. Some
small tourism enterprises even do not establish performance
system or specific performance evaluation indicators, which
greatly affects the effect of human resource management in
tourism [13–15]. Performance management cannot play a
good role in evaluation, supervision, and guidance, affecting
the rapid and healthy development of tourism [16]. Enterprise
performance evaluation includes two aspects of the evaluation
of enterprise management benefit and enterprise manage-
ment performance, with multifactor, multidimension, and
dynamic characteristics and factors such as the emotion and
quality of the examiners [17]. “360 all-round assessment
method” and “KPI core assessmentmethod” are two common
methods for the tourism industry to evaluate human resource
performance management.

“360 all-round assessment method” is also known as “all-
perspective assessment,” which is the most widely used
human resource performance management method in the
tourism industry. (e basic approach is to make systematic
evaluation and theoretical consideration of the tourism
industry leaders, colleagues, and tourists on the evaluators
themselves and formulate corresponding performance pa-
rameters for the evaluators based on the coefficient of
evaluation and consideration. As most of the anonymous
evaluation is adopted, there are some loopholes in the re-
liability and reference of this anonymous evaluation [18]. Of
course, the advantage of “360 all-round assessment method”
is that it can provide a reference for the human resource
performance management of the tourism industry from all
aspects and angles.

“KPI core assessment method” provides important in-
dicators for tourism human resource management depart-
ments to formulate performance management. (e core of
this method is that the tourism industry can centrally extract
key and safe key indicators from numerous performance
assessments. It is an innovation of human resource per-
formance management method for enterprise leaders to
make self-evaluation by writing debriefing report. For those
who participate in the evaluation, writing the reporting
report can not only effectively summarize the work per-
formance and work ability of the examinee during the
evaluation, so that the employees can fully understand their
job responsibilities and goals [19]. In the long run, it can
promote the long-term development of enterprises. Finally,
the supervisor is responsible for the performance interview
of subordinates, which is also an important means of human
resource performance management of tourism enterprises
themselves. At the same time, the human resources de-
partment should be responsible for collecting and sum-
marizing all evaluation results, correcting the deviation in
evaluation, and finally realizing the optimal allocation of
human resources performance management.
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In this article, Battese & Coelli model in the random
preface analysis method is used to analyze the efficiency and
influencing factors of tourism human resources. Following
the principles of scientific, comparable, targeted, and feasible
and considering the performance, ability, attitude, and
applicability of employees, the following input-output var-
iables are set.

Variables of human resource input: the investment of
tourism companies in human resources mainly includes
labor force input and capital input, among which labor force
input includes the input of quantity and quality of workers,
the quantity of workers refers to the total number of all
employees, and the quality of workers includes age, edu-
cation level, training, and development level. (e capital
input of enterprises to human resources generally refers to
the cost of human resources, which is mainly composed of
the acquisition, development, use, guarantee, and replace-
ment of human resources. (e quantity and quality of
workers and the cost of human resources constitute the main
input factors of human resources in tourism companies.
According to the principle of data availability and simpli-
fication, the total number of employees is selected as one of
the input variables in terms of the number of workers. In
terms of the quality of labor, the proportion of employees
with junior college or above is selected as one of the input
variables. In terms of the cost of human resources, per capita
education and training funds and per capita salary are se-
lected as one of the input variables [20].

Human resource output variables: enterprise investment
reflected in the output of human resources is for enterprises
to create value; generally speaking, the travel company
should include two parts of the economic and social benefits
of output, but common social benefits cannot be directly
measured; to carry out quantitative calculation, this article
choose the enterprise economic benefit, namely, enterprise
performance index as the output variables of human re-
sources. Operating income or net profit is taken as an in-
dicator to measure enterprise performance. Based on the
principle of comparability, in order to avoid horizontal
interference factors caused by different company sizes,
relative data are taken for this variable, and per capita
operating income, that is, total labor productivity, is used as
the variable of human resource output.

Selection of influencing factor variables: there are many
factors that affect the human resource efficiency of listed
tourism companies. (e macrolevel includes national pol-
icies, social and economic environment, industry develop-
ment, and other environmental factors, and the medium
level includes enterprise size, organizational structure,
culture, strategy, rules and regulations, and other enterprise
factors [21]. At the microlevel, it includes human resource
management factors such as employee quality, employee
development degree, and employee potential development
degree. (e influencing factors of human resource efficiency
selected in this article mainly include the following variables:
the proportion of education and training funds in total
compensation, the proportion of employee compensation in
operating revenue, the proportion of executive compensa-
tion in total compensation, and the proportion of fixed assets

and employee expenses in total cost per capita. (e selection
of variables for the performance evaluation of tourism
human resource management is listed in Table 1.

According to the variables of output per unit of four
inputs in Table 1, this article builds an evaluation model of
tourism human resource efficiency and its influencing fac-
tors on the basis of Battese & Coelli model. (e production
function is as follows:

ln Yit � β0 + β1 ln x1it + β2 ln x2it + β3 ln x3it

+ β4 ln x4it + Vit − Uit,
(1)

where Y is the labor productivity of the whole staff, x1 − x4 is
the total number of employees, the proportion of employees
with junior college degree or above, per capita education and
training funds, and per capita salary, respectively;
i � 1, 2, . . . , 30 is the sequence number of the sample
company, t � 1, 2, . . . , 5 is the period number, β0 is the
intercept item; β1 − β4 are coefficients to be estimated, Vit is
random error terms, and Uit is nonnegative technical in-
efficiency terms.

(e technical inefficiency function is as follows:

Uit � δ0 + δ1z1it + δ2z2it + δ3z3it + δ4z4it + δ5z5it + Wit, (2)

where z1 − z5 is the influencing factor variable that leads to the
difference of human resource efficiency between samples, which
are the proportion of education and training funds in total
salary, the proportion of employee salary in operating income,
the proportion of executive salary in total salary, and the pro-
portion of per capita fixed assets and employee expenses in total
cost, δ0 is the intercept term, δ1 − δ5 is a set of the estimated
coefficient, and Wit is a random error term.

(e technical efficiency status is as follows:

TEit � exp −Uit( , (3)

where TEit represents the human resource efficiency level of
the first company in the first period. If Uit � 0, it is in the
state of technical efficiency; If Uit > 0, it is in the state of
technical inefficiency.

(e calculation of the variation rate is as follows:

c �
σ2u

σ2u + σ2v 
. (4)

Here, c ∈ [0, 1]; its function is mainly used to test the
rationality of the model.

3. Fuzzy Data Mining Algorithm

3.1. Data Mining Algorithm. Data mining is a new research
field with great potential, which integrates database, artificial
intelligence, machine learning, statistics, and other disci-
plines. Different from traditional data analysis, the infor-
mation obtained has three characteristics: unknown,
validity, and practicality. It is from a large number of noisy,
incomplete, random, and fuzzy databases or data ware-
houses, through data processing means, to find and extract
implicit, unknown, nontrivial, and potentially valuable in-
formation or patterns, help decision makers find potential
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associations, characteristics, and trends among data, find
neglected elements, and predict the future and decision-
making behavior.(ere are three steps: data preparation, law
search, and law representation [22–24]. A typical data
mining system is shown in Figure 1, which includes the
following six main components:

(1) Data Source. Consisting of one or a series of data-
bases, data warehouses, other information reposi-
tories, or spreadsheets. (is data can be cleaned up
and integrated.

(2) Database or Data Warehouse Server. Responsible for
extracting the data meets the demand.

(3) Knowledge Base. (is is domain knowledge and may
include conceptual layering. User belief knowledge
can also be included to assess the model’s interest in
terms of unexpectability.

(4) DataMining Engine.(is is an essential part of a data
mining system and ideally consists of a set of
functional modules for performing.

(5) Model Evaluation. Integrated with a data mining
module to filter discovered patterns using a measure
of interest. It is recommended to embed pattern
evaluation interest as deeply as possible into the data
mining process in order to focus the search on in-
teresting patterns.

(6) User Interface. Communication between users and
data mining systems.

3.2. Fuzzy Data Mining Algorithm. However, pure data
mining may lead to problems such as “sharp edges” [25]. In
recent years, fuzzy set theory has been used more and more in
intelligent systems because of its brevity and similarity to human
reasoning. Data mining integrated with fuzzy theory can dis-
cover more general and important knowledge and rules from
data. (erefore, fuzzy data mining is applied in more and more
fields and has achieved good results. (erefore, the fuzzy data
mining technology combining fuzzy logic and data mining is
considered to be introduced into the performance evaluation of
tourism human resource management. Fuzzy data mining
technology can predict the future trend and behavior, so as to
support enterprisemanagement decision.(e fuzzy datamining
algorithm is applied to cluster complex customer requirements
reasonably, which fully reflects the matching degree and
completeness between customer requirements and product
modules.

(e main algorithms for fuzzy data mining are as fol-
lows: fuzzy association rules, fuzzy calibration recognition,
fuzzy classification, and fuzzy cluster analysis. (e essential
difference between fuzzy data mining and traditional data
analysis is that it uses the fuzzy mining algorithm and data
extracted from data warehouse to mine information [26].
(e specific steps are as follows:

3.2.1. Pattern Discovery

(1) Establish a sample set U � u1, u2, . . . , un .

ui � ui1, ui2, . . . , uim( , (i � 1, 2, . . . , n). (5)

Tt should be the original data standardization, and
find out its average, first sample set consists of a
sample, for example, a certain indicators of n sample
data, can take n to type in the first sample k of the first
indicators data u1k

′ , u2k
′ , . . . , unk

′ . (eir average value
is calculated as follows:

uik
′ �

u1k
′ + u2k
′ + · · · + unk

′( 

n

�
1
n



n

i�1
uik
′ , k � 1, 2, . . . , m.

(6)

(en, the standard deviation Sk of these original data
can be calculated as follows:

Sk �

�������������

1
n



n

i�1
uik
′ − uk
′( 

2




. (7)

(en, the standardized value uik
″ of each data can be

calculated as follows:

uik
″ �

uik
′ − uk
′

Sk




. (8)

At this time, the standardized data uik
″ obtained may

not all fall into the closed interval [0, 1].

uik �
uik
″ − umin k
″

umax k
″ − umin k

″
, (9)

where umax k
″ and umin k

″ represent the maximum
value and minimum value of u1k

″ , u2k
″ , . . . , unk

″ .
(2) Establish analogical relationship. (e general form is

as follows:

R �

r11 r12 · · · r1n

r21 r22 · · · r2n

⋮ ⋮ ⋮ ⋮

rn1 rn2 · · · rnn

⎛⎜⎜⎜⎜⎜⎜⎜⎜⎜⎜⎜⎜⎜⎜⎜⎜⎜⎜⎜⎜⎜⎜⎜⎜⎝

⎞⎟⎟⎟⎟⎟⎟⎟⎟⎟⎟⎟⎟⎟⎟⎟⎟⎟⎟⎟⎟⎟⎟⎟⎟⎠

0≤ rij ≤ 1,

i � 1, 2, . . . , n,

j � 1, 2, . . . , n.

(10)

(ere are many calculation methods; here, the most
valuable method is adopted, namely,

rij �


n
k�1 min uik, ujk 


n
k�1 max uik, ujk 

, i, j≤ n. (11)

(3) Cluster Analysis. When rij ≠ 0, vertices i and j can be
connected to an edge. (e specific approach is to
draw a vertex set of a point i, and then according to
the order from the largest to the and it is required not
to generate a loop until all vertices are connected, so
as to get a maximum tree. To be more precise, it is a
“weighted” tree, in which each edge can be assigned a
weight, that is, rij. But because of the specific
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connection, this biggest tree is unlikely to be unique
[27–29]. (en, cut off the maximum number λ; that
is, remove the edges of those weights rij < λ, so that
the tree is cut into complementary word trees. Al-
though the maximum tree is not unique, the subtrees
obtained are all the same after the truncation.

3.2.2. Prediction

(1) Calculate the average index of each mode. For each
model obtained, the average index is calculated as
follows:

Modeij � 
ukj

p
i � 1, 2, . . . , s j � 1, 2, . . . , m. (12)

(2) Prediction
(e sample X � (X1, X2, . . . , Xn) to be predicted is n

fuzzy subset of the sample in the domain U, and the
matching progress between them is calculated:

(X,Mode) �
1
2

  X · Modei + 1 − X⊙Modei(  , (13)

where · and ⊙ represent inner product and outer
product in fuzzy operation, respectively [30–32].

According to the principle of proximity, namely,

(X,Mode) � max X,Mode1( ,(

X,Mode2( , . . . , X,Modes( .
(14)

4. Results Analysis and Discussion

In human resource management activities, performance
appraisal is the bridge of human resource management. It
connects the actual work situation of employees in the
enterprise with the goal of the enterprise, adjusts the work
behavior of employees at any time through performance
appraisal, and provides the basis to improve the work ef-
ficiency of employees. (ere are many standards for em-
ployee performance appraisal. Here, we choose the four
standards that most enterprises often adopt: work task, work
quality, work skills, and work attitude. Select 10 objects to be
divided from the data warehouse. (e specific clustering
classification is shown in Figure 2:

(1) (e standardized matrix is obtained, and then, the
normalized matrix is obtained.

(2) Establish a fuzzy similarity matrix by max and min
method.

(3) (e maximum tree method is adopted to conduct
cluster analysis as shown in Figure 3.

User interface

Pattern evaluation

Data mining
engine

Database or data
warehouse server 

Data cleansing,
integration, and

selection

Knowledge
base 

Data
warehouse

World Wide
Web

Other
Information

storage 
Database 

Figure 1: Typical data mining system structure.

Table 1: Selection of variables for performance evaluation of tourism human resource management.

Variable types Code Name Computational formula Unit

Output variable Y Labor productivity of total workers Current year operating revenue/total number of
employees

Yuan/
person

Input variables

X1 Size of entire staff (e number of all permanent employees in a
company Person

X2 Proportion of employees with junior
college or above

Number of employees with college degree or above/
total number of employees

X3 Per capita expenditure on education and
training

Total education and training funds for employees/
total number of employees this year

Yuan/
person

Influencing factor
variables

Z1 Proportion of education and training
funds in total remuneration

Education and training expenses/total remuneration
for the current year

Z2 Employee compensation as a percentage
of revenue

Total compensation/total operating revenue for the
current year

Z3 Executive compensation as a percentage
of total compensation

Total executive compensation/total compensation for
the year

Z4 Fixed assets per capita Year-end net value of fixed assets/total number of
employees

Yuan/
person

Z5 Employee expenses as a percentage of
total costs

Year-end net value of fixed assets/total number of
employees

Note. (e blank space in the unit column is expressed as percentage, without unit.
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(4) According to different nine values, different modes
can be obtained. If λ � 0.53, four modes are ob-
tained; that is, employees are divided into four types.

Comparing the current value and potential value of
customers, it can be seen that the final transformation of
potential value of bank customers into revenue value is an
uncertain quantity, so the selection of customer value should
focus more on the current value.(erefore, this paper selects

the value after the sum of current value as the basis for
clustering and subdividing customer value, and the added
type A customers are high-value customers, type D cus-
tomers are potential value customers, type C customers are
general value customers, and type B customers are low value
customers. Although such customers account for a relatively
small proportion of the bank's individual customers, they
account for most of the bank’s profits. Although they ac-
count for a relatively small proportion of tourism revenue,
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Figure 2: Specific clustering classification.
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they account for the majority of tourism performance. (e
classification results of two clusters are shown in Figure 4.

In fact, the performance evaluation of the tourism in-
dustry is the result of its input-output ability, competitive
ability, and management ability acting on the specific
tourism resources of the enterprise. To measure the per-
formance improvement level of tourism enterprises, we
should not only examine the final result of the enterprise in a
certain period, but also examine the amount of resource
input and resource quality grade of the enterprise in this
period, and compare the result and input of the enterprise,
so as to make horizontal and vertical comparison. For ex-
ample, enterprise A has 10 million yuan of total assets,
obtained in 2004: business income of RMB 1 million; en-
terprise B has RMB 1 million: assets and 200,000 days of
business income in the same year. If the actual income is
only compared, enterprise A is 5 times that of enterprise B,
that is, 100/20� 5 times. However, if the input-output
comparison is conducted, enterprise A is only 1/2 that of
enterprise B, that is, (100/1000)/(20/100)� 1/2. If we con-
sider the difference in resource composition and quality
between the two enterprises, this method is not applicable.
(e data prediction results of fuzzy datamining are shown in
Figure 5. (e human resource management performance
evaluation index grade coding results are shown in Figure 6.

It was proved that controllable technical inefficiency
accounted for 84.97% of the random error, indicating that the
main reason for the difference in efficiency value was technical
inefficiency, and the model was reasonable. (e unilateral
letter report (LR) test value of the model is 183.6989, which is
larger than the critical value of mixed χ2 distribution at 1%
level with 7 degree of freedom.(erefore, the rationality of the
model is proved by the LR test. In addition, among the 11
coefficients to be estimated, 7 parameters pass the T test,
indicating that their corresponding independent variables
have a significant impact on the dependent variable. σ2

represents the portfolio variance, which can pass the 1%
significance test to illustrate the level of inefficiency in the
sample of 30 firms. (e variation rate c also passed the
significance test of 1%. Since sales force automation (SFA)
does not require all parameters to pass the T test and the
model has passed the LR test, it can be considered that it is
scientific and reasonable to use SFA model to measure the
human resource efficiency of listed tourism companies.
Neighbor connections and weight distances are shown in
Figure 7. Neighbor planes are shown in Figure 8.

(e mean value of human resource efficiency of com-
panies with large fluctuations in the five-year period is lower,
whereas that of companies with small fluctuations is higher.
China’s tourism industry still has a good effect of material
incentives, and training efforts are insufficient. In the analysis
of influencing factors, employee compensation, enterprise
scale, human resource quantity, quality, and development
degree, enterprise’s management level helps to improve the
efficiency of human resources, and although employee ex-
penses have a negative impact on the efficiency of human
resources, they can help to improve the service ability of
employees under reasonable control. In addition, the analysis
results of influencing factors also show that the human re-
source efficiency of the tourism industry is related to the
business type of the company and has no direct relationship
with the economic development degree of the region.
(erefore, companies with different business types should
improve their human resource efficiency from their own
perspective. What employees care most about is whether the
implementation of performance management can increase
salary and welfare. Asmany as 70% of the surveyed employees
think salary and welfare is the most important aspect, 20%
think personal development is the most important aspect, and
only 10% think fairness and rationality is the most important
factor for them to carry out performance management. Data
mining weight positions and sample hits are shown in
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Figure 5: Data prediction results of fuzzy data mining.
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Figure 6: Human resource management performance evaluation index grade coding results.
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Figure 9. Comparison between fuzzy data mining algorithm
prediction and actual situation is shown in Figure 10.

5. Conclusion

In order to make the talents of tourism enterprises get up,
stay, attract, and use well, how to reduce the personnel
turnover rate of tourism enterprises has become an im-
portant topic that must be paid attention to the human
resource management of tourism enterprises. Data mining
can discover the talent patterns and laws within the orga-
nization, which plays a very important role in the talent
decision-making and talent planning of tourism industry
decision-makers. Performance management as an important
part of human resource management in tourism enterprises,
the perfect performance management system, and the
positive working attitude of the staff will certainly bring new
development opportunities to tourism enterprises. Using
fuzzy data mining technology, this paper can carry out
cluster analysis on the existing employees in the tourism
industry, so as to guide the performance evaluation of
employees, help decision-makers to carry out talent plan-
ning, and put forward the following countermeasures and
suggestions to improve the efficiency management level of
human resources in the tourism industry, so as to contin-
uously improve the ability and level of human resources
performance evaluation of enterprises. Give full play to the
important role of human resources in the sustainable de-
velopment of tourism, in order to promote the overall rapid
development and progress of tourism enterprises:

(1) Improve the enterprise human resource perfor-
mance management system: the tourism industry
has a complete human resource performance man-
agement system, which not only directly affects the
construction of enterprise human resource perfor-
mance management, but also plays an important role
in promoting the actual operation of the enterprise.
A complete set of human resource performance
management methods can not only fully reflect the
core competitiveness of tourism enterprises, but also
attract more technical talents related to human re-
sources for the enterprise and promote the long-term
development of the enterprise. (e establishment of
a complete set of human resource performance
management system not only requires the enterprise
to do enough basic work of human resource per-
formance management, but also requires the en-
terprise to systematically divide the responsibilities
of each department and employees.

(2) Set up a scientific performance assessment and
evaluation system: the tourism industry should set
up a scientific and reasonable assessment system,
which is closely related to the assessment results. (e
assessment results of tourism enterprises should take
the formulation of reasonable assessment indicators
as a reference, comprehensively consider the char-
acteristics of employees and the development di-
rection of enterprises, and have a complete

assessment system, which can not only promote the
establishment of human resources performance
management system but also directly affect the
management level of enterprises. Human resource
managers should clarify specific objectives, that is,
what is the purpose of salary communication, what
methods are adopted, and what effects are to be
achieved.

(3) Strengthen performance communication and create
a good enterprise atmosphere: on the one hand,
managers improve their management level and or-
ganizational performance by constantly discovering
and solving problems. On the other hand, in the
process of implementing performance plans, em-
ployees can understand the implementation of
performance plans through communication, analy-
sis, and guidance, so as to control the factors af-
fecting the completion of performance goals in
advance and eliminate interference. Performance
management is the task of all people in an enterprise.
Let managers and employees participate in it per-
sonally, accept it from the heart, and implement it
physically, so as to achieve the expected effect of
performance management.
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