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In order to explore the social effects of intelligent sports systems, this paper combines principal component analysis technology
and fuzzy control technology to construct an intelligent sports social effect analysis system. The original fuzzy data is expressed
linearly by structural elements, and the original fuzzy data matrix is divided into a main data matrix part and an error data
matrix part. According to the principal component analysis method of fuzzy data represented by structural elements, this
paper studies the principal component analysis method of interval data using the left end point matrix, right end point matrix,
and midpoint matrix of interval data. In addition, this article uses principal component analysis and fuzzy control to study the
response of the intelligent motion system to the masses and conducts experiments to analyze the social effects. It can be seen
from experimental research that the intelligent sports system constructed in this article has a high degree of satisfaction of the
masses, which proves that the intelligent sports have a certain social effect.

1. Introduction

With the development of wearable device technology, the
mobile Internet has been further integrated into people’s
lives, and the use of smart devices in sports environments
has become more frequent. As the wearable device with the
largest market share in the current market, smart watches
are of great significance to the study of their interface design
in a sports environment, and to a certain extent, they have
laid a design foundation for the development of the mobile
Internet era. After smart watches entered the consumer mar-
ket on a large scale in 2014, they were once considered to be
smart personal terminal products that occupied a large num-
ber of markets after smart phones. However, by the second
half of 2016, the survey showed that the growth rate of the
smart watch market was far from reaching expectations,
and the idle rates of purchased fitness trackers and smart
watches were 30% and 29%, respectively [1]. The survey
shows that 49.5% of the global population wear watches,
but most people who buy smart watches are still early
adopters of technology products. Although it has a good
market prospect, the design ideas of existing smart watches

continue to be in smart phones. The screen size limitations,
mobility, and context sensitivity of smart watches also pose
new challenges for interface design.

With the progress of society and the improvement of the
quality of life, more people begin to pay attention to their
own health and begin to pursue a healthy lifestyle. The
emergence of wearable smart devices provides another new
way for people to pursue a healthy lifestyle.

Through these intelligent hardware that can be worn on
the human body, it can connect and accommodate a variety
of advanced technologies such as wireless communication,
microsensing, GPS positioning, virtual reality, and biometric
identification. Moreover, it can also integrate the Internet
and big data platforms to search, analyze, share, and feed-
back on the human body anytime and anywhere. There are
various types of wearable smart devices, such as smart
watches, glasses, necklaces, or clothes. In recent years, wear-
able smart devices have been popularized and gradually
accepted and respected by consumers. Smart watches can
detect various data of the user during sports, such as time,
distance, heart rate, calories, and other data, and are
accepted by more and more young consumers. With the
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continuous improvement of technology, wearable smart
devices have gradually shifted from focusing on hardware
technology to more focusing on user experience. The
improvement of interaction design has gradually increased
the weight of smart watch design [2].

With the continuous popularization of smart sports equip-
ment, it has caused a certain response in the society [3]. This
article combines principal component analysis technology
and fuzzy control technology to construct a social effect
analysis system of intelligent sports and explores the response
of intelligent sports equipment among the public.

2. Related Work

In recent years, the research and development of smart
devices in the field of health monitoring at home and abroad
have been very rapid, and the research on the detection of
various physiological and physical parameters of the human
body has been in-depth. The detected parameters mainly
focus on body temperature, blood pressure, heart rate, pulse,
fall, and so on. Along with the development of smart devices,
the construction of sensor networks, big data, and cloud plat-
forms is constantly deepening. The establishment of sports
and health data centers is gradually changing the traditional
methods of health monitoring and disease prevention and
solving the problem of not having real-time performance
when only relying on hospitals to diagnose diseases.

Smart watches have great application significance in per-
sonal life (for example, medical treatment), and it will
become an important terminal in the science and technology
ecosystem and penetrate into everyone’s life [4]. Smart
watches are used in family life and can be used to recognize
human body abnormalities, recognize sleep conditions, and
recognize gestures and other life situations [5]. Its core func-
tion is to monitor the health status at any time, and it is con-
sidered as a portable health assistant for humans [6]. In
addition to life, smart watches also have better applications
in work. Compared with smart phones, smart watches make
tasks (for example, receiving notification information) more
efficient and easier when completing some specific tasks [7].

When the smart watch is combined with other smart
devices, some device interaction functions can be realized.
The literature [8] integrated applications into smart watches
to make the cross-device interaction between smart watches
and smart phones a way to extend the terminal. The litera-
ture [9] further developed the joint interaction between
smart watch and mobile phone, such as jointly completing
touch input and screen expansion. The smart watch can also
interact with the computer. When the user wears the watch
for keyboard input, through the analysis of the smart watch
sensor data, the characters typed by the test can be roughly
estimated. When typing an English word with more than 6
characters, there are 10 possible options that can be identi-
fied. The loss of visible information causes a certain degree
of difficulty in accurate recognition. The wearability of smart
watches makes it possible for designers to use built-in sensor
technology to capture motion and then perform data analy-
sis and interact with other devices. The literature [10] first
analyzed its necessity, and the literature [11] developed a

gesture recognition system to solve the problems of high-
level interference, transmission data delay, and neglected
actions. Based on action recognition, a smart watch-based
App was developed, which mainly realizes functions such
as controlling the opening and closing of the office door,
obtaining information in the house, and simulating door
knocking [12]. In addition, literature [13] developed another
set of systems involving smart watches and mobile phones to
interact with smart TVs. By capturing the movement of the
hand wearing the smart watch in the air, the direction the
user’s hand that is pointing can be recognized. By comparing
this method with the method using dedicated forearm sen-
sors (Mypoint) and the method using camera capture tech-
nology (Vicon), it is found that the results of the smart
watch solution can reach a relatively professional level
[14]. In addition, by combining smart watches and smart
phones to monitor the user’s human activities, the interfer-
ence of smart device notifications to workers can be reduced.
By identifying whether the worker is working or resting, the
system under study can adjust the notification push. The
results of the research show that this method can signifi-
cantly reduce the perceived workload of workers [15].

Information processing is the central part, mainly through
the central processing unit to analyze and process the signals
transmitted by the information detection unit, and schedule
other hardware parts to jointly complete the predetermined
tasks. This layer is the core layer of the entire smart clothing
hardware part, with the function of intelligent decision-
making. The pros and cons of information processing technol-
ogy are directly related to the accuracy of signal processing, the
complexity of calculation methods, and the size of power
consumption [16]. The central processing unit is the core
component of information processing, and the Bluetooth
module transmits the data processed by the central processing
unit to the external mobile terminal. Information feedback is
to transmit the conclusion obtained by the analysis of the
information processing unit to themonitoring platform termi-
nal and feedback to the monitoring object in time, so that the
monitoring individual or the monitoring center can react in
real time. Existing transmission methods can be divided into
two categories: wired and wireless transmission. The commu-
nication methods described in this article are mainly wireless
transmission methods based on Bluetooth. The terminal
application module mainly assists users in assessing their
own physiological and physical conditions through the analy-
sis of body data and gives users a good experience in a more
flexible and intuitive way on the software interface [17].

The literature [18] concluded that wearable acceleration
sensors can easily identify the gait performance of walking in
daily environments. Compared with other devices, the accel-
eration sensor has the characteristics of portability and light
cost and is considered to be an ideal choice for evaluating
human movement and balance changes. Therefore, many
researchers have specially designed sensors for acceleration
data collection. Considering that the center of gravity of
the body is close to the waist of the human body, most of
these studies use sensors installed on the waist of the human
body to measure gait characteristics [19]. In addition,
because acceleration sensors are usually built into smart
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handheld devices, some researchers use such off-the-shelf
products to measure body acceleration data during walking
[20]. The results of the study show that the accuracy of gait
measurement using an Android-based smartphone is equiv-
alent to that of a customized three-axis accelerometer sensor
[21], which expands new ideas for subsequent research.

2.1. The Main Matrix and Error Matrix of the Fuzzy Data
Matrix. The classic principal component analysis method
can directly process accurate data, but it cannot directly pro-
cess fuzzy data represented by structural elements linearly.
For this reason, this paper processes the fuzzy data matrix
linearly represented by structural elements, divides the fuzzy
data matrix into the main matrix part and the error matrix
part, and uses the classical principal component analysis
method to process the main matrix and the error matrix,
respectively.

If there are n observation samples, and p indicators X1,
X2,⋯, Xp are observed for each sample, the original sample
data matrix is obtained as:

X =

x11 x12 ⋯ x1p

x21 x22 ⋯ x2p

⋮ ⋮ ⋱ ⋮

xn1 xn2 ⋯ xnp

2
666664

3
777775 = X1, X2,⋯,Xp

� �
: ð1Þ

In the formula, Xi = ðx1i, x2i,⋯,xniÞ, i = 1, 2,⋯, p.
For fuzzy principal component analysis, the object it

studies is fuzzy data; that is, the data matrix under the con-
dition that all samples is fuzzy data.

~X =

~x11 ~x12 ⋯ ~x1p

~x21 ~x22 ⋯ ~x2p

⋮ ⋮ ⋱ ⋮

~xn1 ~xn2 ⋯ ~xnp

2
666664

3
777775: ð2Þ

It is assumed that all fuzzy data can be linearly generated
by the fuzzy structure element E, namely:

~xij = aij + bijE bij ≥ 0
� �

, i = 1, 2,⋯, n ; j = 1, 2,⋯, p: ð3Þ

Then, there is

~X =

a11 + b11E a12 + b12E ⋯ a1p + b1pE

a21 + b21E a22 + b22E ⋯ a2p + b2pE

⋮ ⋮ ⋱ ⋮

an1 + bn1E an2 + bn2E ⋯ anp + bnpE

2
6666664

3
7777775

= ~X1, ~X2,⋯,~Xp

� �
:

ð4Þ

In the formula,

~Xj =

a1j + b1jE

a2j + b2jE

⋮

anj + bnjE

0
BBBBB@

1
CCCCCA = Aj + BjE, j = 1, 2,⋯, p: ð5Þ

The fuzzy data matrix ~X can be divided into two parts:

~X =

a11 + b11E a12 + b12E ⋯ a1p + b1pE

a21 + b21E a22 + b22E ⋯ a2p + b2pE

⋮ ⋮ ⋱ ⋮

an1 + bn1E an2 + bn2E ⋯ anp + bnpE

2
6666664

3
7777775

=

a11 a12 ⋯ a1p

a21 a22 ⋯ a2p

⋮ ⋮ ⋱ ⋮

an1 an2 ⋯ anp

2
6666664

3
7777775
+

b11 b12 ⋯ b1p

b21 b22 ⋯ b2p

⋮ ⋮ ⋱ ⋮

bn1 bn2 ⋯ bnp

2
6666664

3
7777775
E

=M +WE:
ð6Þ

The matrix M is called the main matrix of the fuzzy data
matrix ~X, and W is called the error matrix of the fuzzy data
matrix ~X. The main matrix M and the error matrixW divide
the fuzzy data into the main data part and the error data part.

In fuzzy analysis, interval number, as a special case of
fuzzy number, represents a kind of uncertainty and has a wide
range of applications in various fields. When conducting prin-
cipal component analysis, if the data obtained is not determin-
istic data but interval data, how to obtain the principal
components of interval data is the research focus.

If there are n observation samples, and P indicators X1,
X2,⋯, Xp are observed for each sample, the original sample
data matrix is obtained as:

X =

x11 x12 ⋯ x1p

x21 x22 ⋯ x2p

⋮ ⋮ ⋱ ⋮

xn1 xn2 ⋯ xnp

2
666664

3
777775 = X1, X2,⋯,Xp

� �
: ð7Þ

In the formula, Xi = ðx1i, x2i,⋯,xniÞT , i = 1, 2,⋯, p.
For the principal component analysis method based on

interval data, the object it studies is interval data; that is,
all samples are interval data. Then, there is
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~X =

~x11 ~x12 ⋯ ~x1p

~x21 ~x22 ⋯ ~x2p

⋮ ⋮ ⋱ ⋮

~xn1 ~xn2 ⋯ ~xnp

2
666664

3
777775: ð8Þ

In the formula, ~xij = ½aij, bij�, i = 1, 2,⋯, n ; j = 1, 2,⋯, p
is the interval number, so the obtained interval data sample
matrix is

~X =

a11, b11½ � a12, b12½ � ⋯ a1p, b1p
� �

a21, b21½ � a22, b22½ � ⋯ a2p, b2p
� �

⋮ ⋮ ⋱ ⋮

an1, bn1½ � an2, bn2½ � ⋯ anp, bnp
� �

2
66666664

3
77777775

= ~X1, ~X2,⋯,~Xp

� �
:

ð9Þ

In the formula,

~Xj =

a1j, b1j
� �
a2j, b2j
� �

⋮

anj, bnj
� �

0
BBBBB@

1
CCCCCA, j = 1, 2,⋯, p: ð10Þ

We set cij = ððaij + bijÞ/2Þ, i = 1, 2,⋯, n ; j = 1, 2,⋯, p is
the midpoint of aij and bij, and

A = a1j, a2j,⋯,anj
� �

, j = 1, 2,⋯, p,

B = b1j, b2j,⋯,bnj
� �

, j = 1, 2,⋯, p,

C = c1j, c2j,⋯,cnj
� �

, j = 1, 2,⋯, p:

ð11Þ

Then, A, B, and C are three data matrices. A is the matrix
formed by the left end of the interval data, B is the matrix
formed by the right end of the interval data, and C is the
matrix formed by the midpoint of the interval data. Next,
according to the classic principal component analysis
method, the coefficient vectors a0j , b0j , c0j , j = 1, 2,⋯,m of
the principal components of the three data matrices A, B,
and C are, respectively, obtained.

For the principal component analysis of fuzzy data, the
original fuzzy data is divided into the main data part and
the error data part. For the principal component analysis
of interval data, the interval data matrix is divided into three
data matrices A, B, and C, namely, the left end data matrix,
the right end data matrix, and the midpoint data matrix.
Then, the classical principal component analysis method is
used to obtain the coefficient vector a0j , b0j , c0j , j = 1, 2,⋯,
m of the three principal components, and the coefficient
vector k0j , j = 1, 2,⋯,m of the principal component of the
original interval data is obtained through the combination of
the coefficient vector a0j , b0j , c0j of the principal component.

We assume that the coefficient vector of the principal
component of the original interval data is k0j , the coefficient
vector of the principal component of the left endpoint data

Client
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2 Data

Cloud data
processing

3 Data

Process

Client

T1 Data storage

T2 Data storage

Figure 4: Data cloud storage model.
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Figure 3: The communication process between the mobile phone
and the server implemented by WebSocket.
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matrix A is a0j , the coefficient vector of the principal compo-

nent of the right endpoint data matrix B is b0j , and the
coefficient vector of the principal component of the
midpoint data matrix c is c0j . Then, the relationship between

k0j , a0j , b0j , c0j can be expressed as:

k0j = λa0j + ωb0j + 1 − λ − ωð Þc0j ,
λ, ω ∈ 0, 1½ �, λ + ω < 1, j = 1, 2,⋯,m:

ð12Þ

After selecting the value of λ, ω, k0j , j = 1, 2,⋯,m is
obtained.

If ðk01Þ
2 + ðk02Þ

2 +⋯+ðk0mÞ
2 = 1, the principal component

expression of interval data is

~F1 = k01~X1 + k02~X2+⋯+k0m~Xm, ð13Þ

~Fi = ki1~X1 + ki2~X2+⋯+kim~Xm: ð14Þ

If ðk01Þ
2 + ðk02Þ

2 +⋯+ðk0mÞ
2 ≠ 1, in order to make ðk01Þ

2

+ ðk02Þ
2 +⋯+ðk0mÞ

2 = 1, we set

k01
� �2 + k02

� �2+⋯+ k0m
� �2 =D, ð15Þ

k01ffiffiffiffi
D

p
 !2

+ k02ffiffiffiffi
D

p
 !2

+⋯+ k0mffiffiffiffi
D

p
 !2

= 1: ð16Þ

Then, the coefficient vector of the principal component
analysis of the interval data is

β0
1 =

k01ffiffiffiffi
D

p , β0
2 =

k02ffiffiffiffi
D

p ,⋯, β0
m = k0mffiffiffiffi

D
p : ð17Þ
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Figure 5: Information architecture diagram 1.
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The principal component expression of interval data is

~F1 = β0
1~X1 + β0

2~X2+⋯+β0
m
~Xm, ð18Þ

~Fi = βi
1~X1 + βi

2~X2+⋯+βi
m
~Xm: ð19Þ

We assume that the coefficient vector of the principal
component of the original interval data is k0j , the coefficient
vector of the principal component of the left endpoint data
matrix A is a0j , the coefficient vector of the principal compo-

nent of the right endpoint data matrix B is b0j , and the coef-
ficient vector of the principal component of the midpoint
data matrix c is c0j . Then, the relationship between k0j , a0j , b0j
, c0j can be expressed as:

k0j =
a0j
��� ���

a0j
�� �� + b0j

��� ��� + c0j
�� �� a0j +

b0j
��� ���

a0j
�� �� + b0j

��� ��� + c0j
�� �� b0j +

c0j
��� ���

a0j
�� �� + b0j

��� ��� + c0j
�� �� c0j :
ð20Þ

According to the relevant steps, the principal component
expression of the interval data is finally obtained.

2.2. Intelligent Sports System Based on Principal Component
Analysis and Fuzzy Control. Before constructing the motion
system, first analyze the system requirements.

Clear and visible at a glance: use black as the background
of the smart device, and try not to use bright background
colors in the background of the interface. On the one hand,
it is to improve the readability of graphics and text. On the
other hand, the black background can be seamlessly inte-
grated with the black frame of the device, giving users no
visual effect on the edge of the screen. At the same time, it
will save power and extend the standby time. It is still neces-
sary for small size equipment.

High efficiency: stable application, smooth animation,
and convenient interaction are all high efficiency perfor-
mance. The interaction of applications on smart devices
should be in the simplest state, reducing the frequency of
interface jumps, using very few interface completion func-
tions to increase continuity, and minimize application inter-
action costs. Keep the text of the current page visually, set
global functions, flatten the usage path, and reduce the user’s
memory burden.

Mobile design: the interface design of smart devices is
different from that of mobile phones. It is more limited by
a smaller visual space and more mobile usage scenarios.
Therefore, to redesign, you cannot directly move the
ready-made applications on the mobile phone, but the
design style must be consistent with the style of the mobile
application interface, including color tone, flattening,
dynamic effects, or some special effects.

Color: try to choose bright and strong colors. Strong con-
trasting colors can increase the readability of pictures and
text. Different colors can also be used to distinguish interac-
tive areas. As a mobile device, the use environment of a
smart device may include strong light or a dim environment.

Therefore, in order to ensure that pictures and text can be
clearly seen in different environments, the choice of color
is very important. To avoid low-saturation and softer colors,
bright colors or high-saturation colors are better choices.
Combining these colors with black or white fonts will
achieve extremely high visual effects.

MOVES

Run

Data

Mine

Today's data

Calendar display

History training

Personal
performance

News

Personal information
settings

User avatar
information

Buddy

Figure 6: Information architecture diagram 2.

Figure 7: Euler space angle system.
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The establishment of big data and cloud computing
platforms relies on some basic technologies, including the
establishment of sensor networks and data centers. For big
data, a flexible hardware infrastructure is a crucial part of
realizing data storage. These hardware infrastructures
include a large amount of flexible and shared information
and communication technology resources. These informa-
tion and communication technologies can be expanded
and contracted horizontally or vertically and dynamically
configured according to different application requirements.
The advantages of cloud computing over the years have
changed the way people obtain and use hardware infra-
structure and software services. This view is mainly
derived from the evolution of public computing and vir-
tualized infrastructure. The key components of cloud com-
puting are described in Figure 1.

For big data, the data center is not only the center of data
storage but also needs to bear more responsibilities such as
obtaining data, managing data, and mining the potential
value and functions of data. The main focus of the data cen-
ter is on the “data” rather than the “center.” A data center
has a large amount of data and managers and manages the
data according to its core goals and development path,
which is more valuable than having a good website and
resources. The development of big data brings more devel-
opment opportunities to the establishment of future data
centers and at the same time faces greater challenges.

Big data requires strong back-end support from the data
center. Big data places more stringent requirements on data
centers in terms of storage capacity, processing capacity, and
network transmission capacity. Only when a highly efficient,
stable, secure, and scalable data center is established can the
application of big data be ensured. The growing application
of big data has also accelerated the reform of data centers.
Many big data applications have developed their own unique
structures and directly promoted the development of stor-
age, network, and computing technologies related to data
centers. With the continuous growth of structured and semi-
structured data forms, the means of analyzing data become
more diversified, and data centers should strengthen their
data processing and computing capabilities. Big data has
given the data center more functions. For big data, the data
center should not only focus on the establishment of
hardware infrastructure but also strengthen software capa-
bilities. This capability includes the acquisition, processing,
management, analysis, and application of big data. The
establishment of a monitoring center that sports and body
temperature monitoring smart clothing will rely on in the
future will place more emphasis on analysis and application,
which will be an innovation in monitoring methods.

WebSocket is a technology invented to connect the client
and the server. The WebSocket protocol is essentially a TCP-
based protocol. It first initiates a special http request through
the HTTP/HTTPS protocol for handshake and then creates

Table 1: Statistical table of the health information collection effect of the intelligent sports system.

Num Health information collection effect Num Health information collection effect Num Health information collection effect

1 85.97 25 88.36 49 89.56

2 88.60 26 80.08 50 90.39

3 90.49 27 87.36 51 89.20

4 86.48 28 88.42 52 90.55

5 89.31 29 88.78 53 80.62

6 86.53 30 81.25 54 82.44

7 79.79 31 88.15 55 86.75

8 84.88 32 89.94 56 85.41

9 83.23 33 84.11 57 80.10

10 80.20 34 82.81 58 89.70

11 79.86 35 86.90 59 86.73

12 82.24 36 81.95 60 85.43

13 90.76 37 88.65 61 83.06

14 85.03 38 83.73 62 87.45

15 79.17 39 83.72 63 84.70

16 83.28 40 80.94 64 83.50

17 87.79 41 90.49 65 88.14

18 84.49 42 81.14 66 82.38

19 88.91 43 80.16 67 90.46

20 83.30 44 90.46 68 81.99

21 89.69 45 80.59 69 84.17

22 84.23 46 79.44 70 84.27

23 88.01 47 89.06 71 87.87

24 79.85 48 79.28 72 79.65
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a stable TCP connection to facilitate data exchange.
After the connection is established, the server and the
client can carry out real-time communication services
through this TCP connection, and this communication

mode is two-way communication, as shown in
Figure 2. Figure 3 shows the communication process
between the mobile phone and the server through
WebSocket.

Table 2: Statistical table of crowd satisfaction of intelligent sports system.

Num Crowd satisfaction Num Crowd satisfaction Num Crowd satisfaction

1 92.20 25 94.16 49 82.03

2 88.89 26 92.15 50 92.09

3 92.87 27 92.12 51 88.88

4 85.43 28 93.32 52 91.05

5 94.67 29 91.54 53 83.30

6 89.80 30 90.92 54 87.24

7 85.64 31 94.07 55 84.45

8 82.18 32 93.03 56 91.89

9 92.92 33 94.45 57 91.38

10 85.67 34 86.51 58 87.85

11 83.17 35 83.88 59 82.65

12 85.35 36 87.62 60 91.34

13 85.35 37 90.53 61 82.85

14 83.47 38 86.43 62 91.20

15 86.69 39 83.26 63 90.59

16 91.87 40 90.97 64 92.22

17 85.29 41 89.80 65 85.98

18 86.36 42 85.30 66 86.92

19 83.13 43 92.51 67 82.04

20 82.63 44 82.65 68 88.98

21 86.63 45 92.15 69 89.01

22 83.77 46 90.82 70 93.48

23 88.82 47 88.54 71 84.53

24 88.34 48 85.21 72 88.14
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Figure 8: Statistical diagram of the health information collection effect of the intelligent sports system.
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Because Mongo has a powerful query language and its
syntax is a bit similar to object-oriented, most functions such
as single-table query of relational database can be realized by
it, and the form index function can be easily realized. The
data cloud storage model is shown in Figure 4.

The system information architecture diagram con-
structed in this paper is shown in Figures 5 and 6.

This article draws on Euler’s angle system in the aspect
of system induction. As shown in Figure 7, an Euler space
angle system is used to determine the position of a fixed-
point rotating rigid body with a set of three independent
angle parameters, consisting of nutation angle α, precession
angle (i.e., precession angle) β, and rotation angle γ. Relative
to the spatial reference system (blue), the reference system
(red) fixed to the rigid body undergoes spatial rotation. At
this time, the angle between the z axis and the Z axis is α,
the angle between the x axis and the N axis (the intersection
line of the xy plane and the XY plane) is β, and the angle
between the X axis and the N axis is γ.

2.3. Analysis of Social Effects of Intelligent Sports Systems
Based on Principal Component Analysis and Fuzzy Control.
This article analyzes the effects of the intelligent sports sys-
tem in the society and combines the intelligent sports system
constructed in this article to study the reaction of the intelli-
gent system in the masses through experimental analysis. On
the basis of the above analysis, this article designs experi-
ments to first verify the system’s function of collecting peo-
ple’s health information through grouping experiments.
The data obtained is shown in Table 1 and Figure 8.

From the above analysis results, the system constructed
in this paper basically meets the basic requirements of sports
health information collection. On this basis, this article uses
the satisfaction survey method to study the response of the
intelligent sports system in the masses. The results are
shown in Table 2 and Figure 9.

From the above statistical results, the intelligent sports
system constructed in this article has a good response in
the masses. It can be seen that the intelligent sports system
has a certain social effect and will definitely play a more
important role in the health management of the masses in
the future.

3. Conclusion

This article makes a systematic review of the current
research status of smart sports equipment and analyzes the
direction and focus of the next research. This paper develops
the research content of the predecessors through experimen-
tal methods and continuously refines the information vol-
ume and information density presentation based on the
previous research on the model structure, system display
form, and layout. Moreover, this article conducts an in-
depth study on the interface operation and gesture operation
of using smart sports equipment in the sports state.

The research purpose of this article is mainly to conduct
research on the reaction of the intelligent motion system in
the social masses through principal component analysis
and fuzzy control. Moreover, this article combines the intel-
ligent motion system constructed in this article to analyze
and study the response of the intelligent sports system in
the masses through experiments. From the research results,
it can be seen that the intelligent sports system constructed
in this article has a good response among the masses,
and it can be seen that the intelligent sports have a certain
social effect.

Data Availability

The labeled dataset used to support the findings of this study
are available from the corresponding author upon request.
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Figure 9: Statistical diagram of crowd satisfaction of intelligent sports system.
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