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Performance evaluation is an important sand central part of the human resource management system and the process of assessing
performance and documenting performance with uniform criteria. Based on the hypothesis of high-performance work systems
and HRM effectiveness, this paper proposes a DEA model for evaluating the performance of HRM in enterprises through case
studies, field interviews, and questionnaires and tests the validity of the model, by establishing an evaluation index system with
HRM in large enterprises as the core, orders and customers as output indicators, and the number of personnel and total costs
as input indicators and using the AHP method to optimise the DEA model applied to specific cases for testing. At the same
time, the degree of variation between technical level, professional level, and strategic HRM gradually narrows as the HRM
performance of the enterprise increases. Finally, targeted solution suggestions are given in relation to the actual situation.

1. Introduction

As we all know, the human resources system in China was
established relatively late, and the overall performance of
human resource management in enterprises is relatively lag-
ging behind, but the performance itself is a very important
part of the process of human resources development in
enterprises. For the purpose of further improving the overall
economic efficiency of enterprises, scientific research must
be conducted on the performance evaluation system, in
addition to this, the objective requirements of the times
should be fully integrated with theory and practice, and the
relevant research content should be put into practice from
the practical point of view, in order to achieve the premise
of further improving the overall economic efficiency of
enterprises and to realise the system performance and
human resource management-related theory. This is also
vital for the long-term development of the enterprise.

Performance evaluation plays a very important role in
the development of human resources. There is a strong link
between work, pay, training, and performance, and the per-

formance system is also the type of system that has a direct
link with the employees of the company [1]. It is also a fun-
damental type of system that is directly linked to the
employees. The performance system determines to a large
extent the effectiveness of the company’s own operations.
Firstly, the determination of remuneration must be based
on performance assessment. The basic principle of distribu-
tion according to work in China must be based on perfor-
mance appraisal, which is also the basis for the reasonable
distribution of the remuneration package of the enterprise’s
employees, or the most important basis for determining the
wages of the enterprise’s employees, especially the floating
wages [2, 3]. Through the application of the performance
evaluation system, it not only is possible to improve the
basic state of the employees’ work to a large extent but also
has a very important role in cultivating the overall enthusi-
asm and initiative of the employees. Secondly, the placement
and promotion of staff are based on performance appraisal.
The placement of staff should be adjusted on the basis of
the performance appraisal of the staff concerned. In addi-
tion, in the actual job transition process, the staff’s own
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working ability must be determined by means of perfor-
mance appraisal, so that the deployment of staff can be com-
pleted better [4]. Thirdly, the planning of employees’ future
careers must be based on performance appraisals. Perfor-
mance appraisals can provide a more accurate understand-
ing of the employee’s own abilities, so as to plan the future
career direction for the employee, and it is also vital to max-
imise the effect of future training for the employee [5].
Fourthly, the motivation of the employees themselves must
be mobilised through performance appraisal. By linking
the performance appraisal system to rewards and introduc-
ing a system of rewards and penalties [6, 7], it is also impor-
tant for employees to be motivated to excel in the future.

Gronroos [8] proposed the concept of customer-
perceived service quality (CPQ) or service performance as
a tool to measure the extent to which the service level of
an enterprise can meet customer expectations. Parasuraman
et al. [9–11] viewed service performance as the difference
between the level of service performance perceived by cus-
tomers and the level of service performance expected and
proposed the SERVQUAL model to evaluate service perfor-
mance. Subsequently, the SERVQUAL scale has been widely
used in service industries such as retail, catering, IT services,
banking, insurance, transport, and libraries [12–15]. In addi-
tion to performance management methods for tangible
products and services, internal corporate management has
also applied performance management theories and
methods such as internal customer service performance
and satisfaction to improve effectiveness or efficiency, and
service processes and standards have been developed in the
professional fields of accounting, auditing, training, and IT
services. For example, in the 1980s, the UK National Com-

puter and Telecommunications Agency (CCTA) proposed
a set of IT service management standards library—the IT
Infrastructure Library (ITIL) [16]. The library of standards
was applied and recognised in UK businesses and became
a common international standard in the field of IT services.
In the three major international performance awards such as
the Malcolm Baldrige National Performance Award in 1987,
the European Performance Award in 1992, and the Deming
Award in Japan in 1951, human resource management con-
stitutes a performance indicator for evaluation [17]. In
August 2004, the Chinese National Standard GB/T19580-
2004 also contains performance indicators for human
resource management. This set of standards has gradually
been applied and promoted in enterprises such as Haier.

In the existing quality award evaluation guidelines, the
quality standards of HRM focus on process records, control
standards, and documentary evidence in HRM processes,
such as training time and operational documentation
records. There is a lack of quality theories and methods for
corporate HRM and a lack of frameworks and standards
for judging the quality of corporate HRM. At the same time,
the human resource management (HRM) theory and prac-
tice have long focused on the enhancement of job perfor-
mance by individual factors. Researchers in the fields of
selection, performance, and compensation management
have based their management decisions primarily on the
assessment of individual differences, and an underlying log-
ical assumption of these studies is that individual character-
istics can determine changes in job performance. However,
researchers who view HRM as a system have proposed con-
cepts and theories such as high-performance work systems
[18], HRM best practices [19], and HRM control systems
[20], which suggest that there are several best HR practices
or work systems that will have a direct impact on organisa-
tional performance to such an extent that they can affect
organisational performance regardless of changes in organi-
sational conditions or circumstances that can affect organi-
sational performance [21, 22]. Among these, Waldman
[23] argues that systemic factors can have an impact on
job performance, whereas previously systemic factors were
treated as uncontrollable factors.

In recent years, human resource management theory
and many enterprises are studying the methods and imple-
mentation of performance appraisal, and the performance
appraisal of enterprise marketing personnel is particularly

Table 1: Main items and contents of performance appraisal.

Tier 1 indicators Tier 2 indicators Tier 3 indicators

Product indicators

Number of orders
Number of standing orders

Number of random orders

Number of clients
Long-term clients

Random clients

Input indicators

Costs
Advertising costs

Other costs

Personnel
Company staff

Other staff

Table 2: Quarterly performance indicators.

Decision-
making units

Input indicators Output indicators
Number of
employees

Total
costs

Number of
orders

Number of
customers

DMU (1) 32 50 72 40

DMU (2) 24 64 6 8

DMU (3) 60 24 46 40

DMU (4) 56 50 16 20

DMU (5) 18 30 44 16

DMU (6) 76 56 20 40
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important. However, there are currently some problems in
the performance appraisal of marketing personnel in enter-
prises, such as the lack of performance appraisal indicators
and standards and neglect of the performance appraisal of
the team. In practical application, there are many methods
of performance evaluation concerning human resource
management. For example, Argenti (1976), kravarthy
(1986) established a multifactor evaluation model, but
because the weight of the evaluation model is difficult to
determine, it is more difficult to operate in the practical
application; the same traditional AHP method is also due
to the determination of the weight, so that the model and
method increase the subjectivity of people leading to inaccu-
rate assessment results; from 1978, the DEA method is used
in domestic and foreign decision-making. Since 1978, the
DEA method has been widely used in the field of decision-
making at home and abroad, but as it tends to lose potential
optimal combinations when used alone, on this basis, many

scholars have proposed improved algorithms for DEA, and
thus, the DEA/AHP model was created.

2. The Complexity of Enterprise HRM
Performance Evaluation and the Issues It
Should Address

Performance evaluation is a very important part of an enter-
prise’s human resource management system and is one of
the most critical indicators for managers to evaluate perfor-
mance. However, at present, the construction of perfor-
mance evaluation systems in domestic HRM systems is still
in its infancy, with many companies relying on performance
evaluation for systematic alignment and overall evaluation.
However, as the most important application of performance
evaluation is to analyse the relevant data in the evaluation
system, which is done within a specific time frame, a com-
plete evaluation system has not yet been formed from the
perspective of the long-term application, and the most
important reason for the above problems is that many enter-
prises in China currently have a large lack of knowledge
about the performance evaluation system; the importance
attached to the evaluation system is also the most important
reason for the above problems that many enterprises in
China are not aware of the performance appraisal system,
and the degree of importance they attach to it is also clearly
insufficient.
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Figure 1: Comparison of pie charts of performance input and output parameters across the six divisions. (a) Number of employees. (b)
Total costs. (c) Number of orders. (d) Number of customers.

Table 3: Selected Input index.

DMU (i) Input1/10 thousand Input2/person

DMU (1) 8.36 8

DMU (2) 10.64 11

DMU (3) 8.15 5

DMU (4) 6.68 4

DMU (5) 18.26 9

DMU (6) 15.70 12
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Performance evaluation is one of the most crucial com-
ponents in the development of human resources in enter-
prises, but it has been a relatively short period of time
since the performance evaluation system was adopted as a
management system in China, and therefore, there is rela-
tively little research on it [24]. Based on this, the problems
related to the performance evaluation of human resource
management systems in domestic enterprises are addressed,
and the performance evaluation of enterprise human
resource management is targeted to achieve the purpose of
better human resource management.

The evaluation process of HRM performance should pay
attention to the following issues: (1) The implementation of
HRM will have an impact on all aspects of enterprise opera-
tions, and the evaluation of HRM performance cannot only
evaluate the performance of the business process itself [25].
(2) The HRM proposed in the paper is on the basis of a sys-

tem, which is an input-output system, so the performance
evaluation has multiple input and output evaluation issues.
It shows that HRM performance has measurability, and the
most accurate evaluation of HRM implementation can be
achieved by integrating all input and output indicators and
establishing a complete indicator system. (3) HRM is a
long-cycle process, and the evaluation indicators that enter-
prises pay attention to at different stages of HRM implemen-
tation are also different.

2.1. Determination of an Enterprise HRM Performance
Evaluation Index System. HRM has an important relation-
ship with the internal support system, the capability support
system, and the resource input support system, and each
support system has an independent contribution to HRM
performance. Among them, each variable in resource input
can be regarded as HRM input, and all of them can be used
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Figure 2: Comparison of the two input value tables.

Table 4: Output statistic data.

DMU
(i)

Business
ratio

Operating
cost

Quality of work
life

Satisfaction
Cycle

efficiency
Utilisation

Organisational
efficiency

Equipment Efficiency

DMU
(1)

78.00 0.51 0.68 0.78 17.14 0.75 0.82 0.73 0.86

DMU
(2)

68.82 0.42 0.75 0.85 20.80 0.83 0.86 0.70 0.83

DMU
(3)

76.67 0.64 0.70 0.75 17.70 0.78 0.79 0.78 0.87

DMU
(4)

72.50 0.77 0.73 0.71 14.30 0.85 0.90 0.86 0.93

DMU
(5)

86.25 0.81 0.82 0.84 12.50 0.89 0.85 0.83 0.92

DMU
(6)

84.00 0.47 0.66 0.70 15.98 0.73 0.72 0.72 0.79
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as input indicators for HRM performance evaluation, while
the indicators of HRM implementation effect can be used
as output indicators [26]. The input-output indicator system
of HRM performance evaluation is established by consider-
ing the input of enterprises to the implementation of HRM
and the complexity of HRM performance evaluation. In
order to improve the overall competitiveness of the com-
pany, the business processes of the company are redesigned
in order to obtain an improvement in performance in terms
of costs, etc. This improvement is mainly reflected in the
economic benefits achieved by the company and the increase
in organisational efficiency. In this paper, we use effective-
ness and efficiency to measure the economic and organisa-
tional value of HRM. The performance appraisal of HRM
must be carried out in order to achieve the enterprise’s goals,
so the development of its appraisal index system also needs
to reflect the long-term and short-term goals of the enter-
prise, so the performance appraisal index can be determined
to objectively reflect both the short-term and long-term ben-
efits of the enterprise. The indicators for performance
appraisal are shown in Table 1.

3. Construction of the DEA/AHP Model

3.1. Introduction to the DEA Model. The method and model
were developed by the famous American operations
researchers W. W. Cooper, A. Charner, and others as a
way to evaluate efficiency [27]; it is a useful method to study
the relative effectiveness between decision units with the
same type of decision; here, the C2R model is introduced,
and the model is as follows.

Suppose there are n DMUs, each using m inputs xi
(i = 1, 2⋯⋯,m) to produce s output yr (r = 1, 2,⋯, s). rep-
resents the potential amount by which DMUk all input
terms can be scaled down in equal proportions; the weights
λ = ðλ1, λ2⋯⋯,λnÞ represent a polyhedral vector linking
all information, and the C2R model can then be expressed as

max θ − ε êT s− + eTs+
� �� �

s:t:〠
n

j=1
xjλj + s− = θxj0 〠

n

j=1
yjλj − s+ = yj0

: ð1Þ

λj ≥ 0 ; j = 1, 2,⋯, n, s− is the slack variable, and s+ is the
residual variable.

ê and e are m-dimensional and s-dimensional column
vectors with component 1, respectively; ε is a non-
Archimedean infinitesimal quantity (a quantity smaller than
any quantity greater than zero).

3.2. Optimising DEA Models Using AHP. In this paper, a
modified DEA/AHP method is used to divide all the
decision-making units (DMUs) into two groups and com-
pare them with each other using the traditional DEA
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Figure 3: Comparison of output data for the two output indicators.

Table 5: Valid values for the 6 decision units.

DMU (i) 1 2 3 4 5 6

DMU (1) 0.2145 0.3210 0.2070 0.2461 0.1949 0.1772

DMU (2) 0.0579 0.0872 0.1035 0.1146 0.0740 0.1497

DMU (3) 0.2145 0.1743 0.2071 0.2282 0.1950 0.1995

DMU (4) 0.1073 0.0937 0.1117 0.1232 0.1461 0.1578

DMU (5) 0.1908 0.0918 0.1636 0.1233 0.1949 0.1577

DMU (6) 0.2146 0.2295 0.2070 0.1642 0.1949 0.1577
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method. As the AHP here has only one level, the size of the
eigenvector at position i here reflects the priority of the ith
decision unit.

3.3. Constructing Judgement Matrices Using the DEA
Method. If there are a total of n decision units, each with a
total of m input indicators and s output indicators, any

two decision units are divided into a group, assumed to be
1 and 2, and their RMS values are calculated separately.
Since even decision units with a relative validity value of 1
are not necessarily all good in overall performance, in order
to be able to distinguish whether a decision unit is better
overall, we use cross-efficiency to evaluate it, a way of pro-
viding the cross-efficiency of a decision unit under the most
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Figure 4: Comparison of the effective values of the 6 decision units (a) Output1. (b) Output2.
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favourable weighting of the other decision units. The specific
model is as follows.

max = h11 = 〠
s

r=1
Uryr1

s:t:〠
m

r=1
Uryrj − 〠

m

i=1
Vixij ≤ 0j = 1, 2,

〠
m

i=1
Vixi1 = 1

Ur ≥ ε > 0, r = 1, 2,⋯, s,
Vi ≥ ε > 0i = 1, 2,⋯, m,

, ð2Þ

max = h21 = 〠
s

mr

Uryr2

s:t:〠
m

r=1
Uryr1 − 〠

m

i=1
Vixi1 = 0j = 1, 2,

〠
m

i=1
Vixi2 = 1

〠
s

r=1
Uryr2 ≤ 1

Ur ≥ ε > 0, r = 1, 2,⋯, s,

, ð3Þ

where m is the number of input indicators, s is the number
of output indicators, n is the number of decision units, and
vi is the weight of input indicator i. ur is the weight of output
indicator r. Xij is the value of input indicator i for the jth
decision unit. yrj is the value of output indicator r for the j
th decision unit. And so on, hab and hbb can be derived.

The ratio of the efficiency of decision unit 1 to decision
unit 2 is

a12 = h11 + h12ð Þ/ h22 + h21ð Þ: ð4Þ

In general, for n decision units, their two-by-two effi-
ciency ratio is

aij = hij + hji
� �

/ hji + hjj
� �

,
aji = 1/aij,
aii = 1:

ð5Þ

Using the DEA method above, a judgement matrix can
be constructed. Moreover, the matrix constructed by this
method does not contain subjectivity and does not require
a consistency test.

3.4. Sorting by the AHP Method. Using the judgement matrix
derived from the DEA method above, the AHP method is
applied to solve for the maximum eigenvalue of the judge-
ment matrix and its eigenvector [28]. Since the AHP in the
above algorithm has only one level, the eigenvector ranked
in the jth position is also the priority of the jth decision unit.

4. Empirical Analysis

4.1. Example. A large enterprise completes its sales tasks for
the year and has an existing department divided into six
divisions (DMU1-DMU6). The quarterly performance of
its six teams is evaluated, and the evaluation indicators are
divided into the number of employees, total costs, number
of orders, and number of customers according to the nature
of the inputs and outputs, as shown in Table 2.

A pie chart of the input and output indicators is given in
Figure 1.

4.2. Calculation of Input Indicators

(1) Capital input indicator: HRM consulting cost is
borne by these 6 DMUsi on average; the labour cost
of personnel is calculated by multiplying the number
of personnel directly involved in HRM in each
department by the average labour cost; the training
cost is calculated by multiplying the number of per-
sonnel involved in relevant training in each depart-
ment by the average training cost per person; the
equipment cost is calculated by combining the costs
of relevant equipment purchased for each depart-
ment. In other words, capital investment = HRM
consulting fee + labour cost of personnel + training
cost + equipment cost

(2) The input of the number of personnel is determined
by the sum of the number of employees and leaders
of the department who directly participate in HRM

(3) The input of staff participation and support is calcu-
lated by summing fuzzy mathematical methods

(4) The time commitment indicator is the sum of the
time spent on training by each subdepartment

The sum of the time spent on the implementation of the
HRM project is calculated. The data for the input indicators
are shown in Table 3.

A visual comparison histogram of the two input indica-
tors is given in Figure 2.

4.3. Calculation of Output Indicators. The evaluation indica-
tors of both effectiveness and organisational efficiency are
multi-indicator comprehensive evaluation problems, and
the nature of each subindicator varies greatly, so the efficacy
coefficient method is used in this paper to process these 2

Table 6: Ranking of weight values for the six divisions.

DMU (i) DEA/AHP calculated value (weight) Rank

DMU (1) 0.2364 1

DMU (2) 0.1018 6

DMU (3) 0.1710 3

DMU (4) 0.1283 5

DMU (5) 0.2026 2

DMU (6) 0.1599 4
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output indicators [29]. Table 4 shows the output indicator
data.

In Figure 3, a visual comparison of the output data
obtained by processing the two output indicators is
presented.

4.4. Finding the Valid Values of the Decision Cells. Using
Equations (2) and (3), the valid values of each decision cell
in each group were solved using the operations research soft-
ware QM, and the valid values were obtained as in Table 5.

A comparison of the decision values for the six cells of
the two outputs is shown in Figure 4.

Some of the indicators are given in Table 6 in order to
compare values for each component of the data using the
fuzzy integrated judgement method. The utilisation rate of
human resources is the ratio of the number of personnel
used to the total number of employees on the rolls. Cost
ratio of business process value-added activities and process
activity cycle efficiency were calculated by the job cost
method in the literature [30]. The paper’s algorithm assigns
a weight of 3 to the more important indicators, followed by a
value of 2. The others are sufficient to distinguish the relative
quantitative degree of each evaluation indicator, and the effi-
cacy coefficients are shown in Table 7.

A comparison of the two outputs is shown in Figure 5.

4.5. The Final Judgement Matrix A of the DEA Model Is
Obtained by a Two-by-Two Comsssparison.

A =

1 3:704 1 2 1 1:124
0:2698 1 0:498 0:930 0:380 0:950

1 2 1 0:852 1 1:266
0:5 1:075 0:540 1 0:749 1
1 2:632 1 1:333 1 1

0:889 1:053 0:791 1 1 1

2
666666666664

3
777777777775

:

ð6Þ

4.6. AHP Ranking. The decision unit weights were derived
using the known AHP method of ranking, which resulted
in the performance of the six divisions of 0.2364, 0.1018,
0.1710, 0.1283, 0.2026, and 0.1599. The ranking of the
weight values is as follows.

The ranking using the AHP method yields the weight
pairs of decision units as shown in Figure 6.

As can be seen from Table 6, the AHP optimization DEA
method has been used to rank the performance of each
department using a complementary approach and to further
differentiate the process decision units with a valid value of 1

Table 7: Synthetic efficacy coefficients of benefit and organisational efficiency.

Serial number
Comprehensive efficacy coefficient

DMU (1) DMU (2) DMU (3) DMU (4) DMU (5) DMU (6) DMU (7) DMU (8) DMU (9)

Output1 70.00 68.56 71.59 73.56 79.25 69.89 76.52 78.36 72.33

Output2 72.06 75.63 73.45 75.98 73.42 67.84 79.65 76.32 72.16
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Figure 5: Comparison of data by division for the two outputs.
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in the DEA. The objective judgement matrix used in the
AHP method reduces the difficulty of making judgements
on process performance.

The company uses the proposed superefficient DEA
model to evaluate the performance of HRM and refine the

results of HRM performance evaluation according to each
stage. After refinement, the company then selects HRM per-
formance evaluation indicators that meet the objectives of
the next phase and uses the abovementioned method to eval-
uate HRM performance and identify weaknesses and oppor-
tunities for improvement, forming a cycle of continuous
improvement so that corporate strategy can be achieved
through HRM.

Finally, the kernel was used to make predictions about
the future development of the six divisions, the results of
which are shown in Figure 7.

5. Conclusion

The role played by a scientific human resource management
performance evaluation system is crucial to the overall
development of domestic enterprises, and by building a
high-quality, systematic corporate HR performance evalua-
tion system, it is equally crucial to the better future develop-
ment of domestic enterprises. The use of the AHP-optimised
DEA model to evaluate the performance of corporate HRM
in the article is reflected in the following three main aspects.
On the one hand, the new method realises the problem that
the original DEA method cannot be fully ranked and further
distinguishes the decision units with an effective value of 1 in
DEA. On the other hand, the new method still retains the
characteristics of the original DEA, i.e., the analysis of the
economic significance of some indicators when evaluating
the performance of decision units with multiple inputs and
outputs. Finally, the new method compensates for the short-
comings of the traditional AHP method, which is too
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Figure 7: Results of the six divisional forecasts.
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subjective and dependent, by using data to analyse the valid-
ity of the proposed model.

Data Availability

The data used to support the findings of this study are avail-
able from the corresponding author upon request.

Conflicts of Interest

The authors declare that they have no known competing
financial interests or personal relationships that could have
appeared to influence the work reported in this paper.

References

[1] G. Tasseron and K. Martens, “Urban parking space reservation
through bottom-up information provision: an agent-based
analysis,” Computers, Environment and Urban Systems,
vol. 64, pp. 30–41, 2017.

[2] N. K. Avkiran, “Association of DEA super-efficiency estimates
with financial ratios: investigating the case for Chinese banks,”
Omega, vol. 39, no. 3, pp. 323–334, 2011.

[3] L. Wang, “Traffic reservation policy and practice in Shenz-
hen,” Traffic & Transportation, vol. 32, Supplement 1,
pp. 97–107, 2019.

[4] G. Xu, H. Yang, W. Liu, and F. Shi, “Itinerary choice and
advance ticket booking for high-speed-railway network ser-
vices,” Transportation Research Part C: Emerging Technologies,
vol. 95, pp. 82–104, 2018.

[5] J. Li and H. Gao, “Global tourism from the perspective of
informatization,” Tourism Tribune, vol. 31, no. 9, pp. 24–26,
2016.

[6] M. E. Kuwaiti and J. M. Kay, “The role of performance mea-
surement in business process re-engineering,” International
Journal of Operations & Production Management, vol. 20,
no. 11/12, pp. 1411–1426, 2000.

[7] R. H. Green, J. R. Doyle, and W. D. Cook, “Preference voting
and project ranking using DEA and cross-evaluation - Science-
Direct,” European Journal of Operational Research, vol. 90,
no. 3, pp. 461–472, 2016.

[8] Z. Sinuany-Stern, A. Mehrez, and Y. Hadad, “An AHP/DEA
methodology for ranking decision making units,” Interna-
tional Transactions in Operational Research, vol. 7, no. 2,
pp. 109–124, 2000.

[9] K. Zhong, P. Wang, J. Pei, J. Xu, Z. Han, and J. Xu, “Multiob-
jective optimization regarding vehicles and power grids,”
Wireless Communications and Mobile Computing, vol. 2021,
Article ID 5552626, 6 pages, 2021.

[10] J. R. Doyle and R. H. Green, “Efficiency and cross-efficiency in
DEA: derivations, meanings and uses,” Journal of Operational
Research, vol. 45, no. 5, pp. 567–578, 2018.

[11] Q. Lin, Research on Parking Problem of Social Vehicles in
Baiyun Airport Arrival Curbside Based on Reservation Mecha-
nism, [MA. Thesis], Institutes of Technology of South China,
China, 2017.

[12] H. D. Sherman and J. Zhu, “Benchmarking with quality-
adjusted DEA (Q-DEA) to seek lower-cost high-quality ser-
vice: evidence from a US bank application,” Annals of Opera-
tions Research, vol. 145, pp. 11–19, 2006.

[13] H. P. Maria, P. Artur, and M. Luiz, “Motivations, emotions
and satisfaction: the keys to a tourism destination choice,”
Journal of Destination Marketing &Management, vol. 16, arti-
cle 100332, 2019.

[14] M. Sathye, “Technical efficiency of large bank production in
Asia and the Pacific,” Multinational Finance Journal, vol. 9,
no. 1/2, pp. 1–22, 2005.

[15] Y. Shimizu and Y. Sahara, “A supporting system for evaluation
and review of business process through activity-based
approach,” Computers & Chemical Engineering, vol. 24,
no. 2-7, pp. 997–1003, 2000.

[16] R. Dayal, V. Vijayakumar, R. C. Kushwaha et al., “A cognitive
model for adopting ITIL framework to improve IT services in
Indian IT industries,” Journal of Intelligent & Fuzzy Systems,
vol. 39, no. 6, pp. 26–35, 2020.

[17] M. Chen, S. Yi, and X. Yang, “A study of application of
ABC method in BPR,” in International Conference on
Agile Manufacturing, ICAM, pp. 605–610, Beijing: ICAM,
2019.

[18] J. Yuan, L. Li, E. Wang, andM. J. Skibniewski, “Examining sus-
tainability indicators of space management in elderly facili-
ties—a case study in China,” Journal of Cleaner Production,
vol. 208, pp. 144–159, 2019.

[19] J. Feinglass, G. Norman, R. L. Golden, N. Muramatsu,
M. Gelder, and T. Cornwell, “Integrating social services and
home-based primary care for high-risk patients,” Population
Health Management, vol. 21, no. 2, pp. 96–101, 2018.

[20] J. Wang and B. Wu, “Domestic helpers as frontline workers in
China’s home-based elder care: a systematic review,” Journal
of Women & Aging, vol. 29, no. 4, pp. 294–305, 2017.

[21] J. Shen, S. Tang, and C. Xu, “Analysis and research on home-
based care for the aged based on insurance policy under gov-
ernment leading,” AMSE Journals-AMSE IIETA-Series:
Advances A, vol. 54, no. 1, pp. 106–126, 2017.

[22] L. Egholm, L. Heyse, and D. Mourey, “Civil society organiza-
tions: the site of legitimizing the common good–a literature
review,” VOLUNTAS: International Journal of Voluntary and
Nonprofit Organizations., vol. 31, no. 1, pp. 1–18, 2020.

[23] S. P. Osborne, Z. Radnor, and K. Strokosch, “Co-production
and the co-creation of value in public services: a suitable case
for treatment?,” Public Management Review., vol. 18, no. 5,
pp. 639–653, 2016.

[24] M. A. Lamboy-Ruiz, J. N. Cannon, and O. V. Watanabe, “Does
state community benefits regulation influence charity care and
operational efficiency in U.S. non-profit hospitals?,” Journal of
Business Ethics, vol. 158, no. 2, pp. 441–465, 2019.

[25] G. Zabolotnaya and A. Larionov, “Arrangements for the
transfer of social-services delivery to non-governmental pro-
viders (regional practices, Russia),” Nispacee Journal of Pub-
lic Administration and Policy., vol. 12, no. 2, pp. 251–274,
2019.

[26] A. Pawlak, “The quality of care provided in nursing homes for
the elderly,” Family Medicine and Primary Care Review., vol. 3,
no. 3, pp. 197–201, 2015.

[27] C. Y. Chao, P. Y. Ku, Y. T. Wang, and Y. H. Lin, “The effects of
job satisfaction and ethical climate on service quality in elderly
care: the case of Taiwan,” Total Quality Management & Busi-
ness Excellence., vol. 27, no. 3–4, pp. 339–352, 2016.

[28] P. Leibkuechler, “Trust in the digital age–the case of the Chi-
nese social credit system,” in Redesigning Organizations,
pp. 279–289, Springer, Cham, 2020.

10 Journal of Sensors



[29] J. W. Mack, J. Jacobson, D. Frank et al., “Evaluation of patient
and family outpatient complaints as a strategy to prioritize
efforts to improve cancer care delivery,” The Joint Commission
Journal on Quality and Patient Safety, vol. 43, no. 10, pp. 498–
507, 2017.

[30] H. B. Kwon, J. Lee, and J. J. Roh, “Best performance modeling
using complementary DEA-ANN approach,” Benchmarking,
vol. 23, no. 3, pp. 704–721, 2016.

11Journal of Sensors


	Analysis of an Enterprise Human Resource Management Performance Evaluation Model Based on the DEA Method
	1. Introduction
	2. The Complexity of Enterprise HRM Performance Evaluation and the Issues It Should Address
	2.1. Determination of an Enterprise HRM Performance Evaluation Index System

	3. Construction of the DEA/AHP Model
	3.1. Introduction to the DEA Model
	3.2. Optimising DEA Models Using AHP
	3.3. Constructing Judgement Matrices Using the DEA Method
	3.4. Sorting by the AHP Method

	4. Empirical Analysis
	4.1. Example
	4.2. Calculation of Input Indicators
	4.3. Calculation of Output Indicators
	4.4. Finding the Valid Values of the Decision Cells
	4.5. The Final Judgement Matrix A of the DEA Model Is Obtained by a Two-by-Two Comsssparison
	4.6. AHP Ranking

	5. Conclusion
	Data Availability
	Conflicts of Interest

