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Abstract. 
In recent years, the widespread adoption of mobile phones, combined with the ever-increasing number of sensors that smartphones are equipped with, greatly simplified the generalized adoption of crowdsensing solutions by reducing hardware requirements and costs to a minimum. These factors have led to an outstanding growth of crowdsensing proposals from both academia and industry. In this paper, we provide a survey of smartphone-based crowdsensing solutions that have emerged in the past few years, focusing on 64 works published in top-ranked journals and conferences. To properly analyze these previous works, we first define a reference framework based on how we classify the different proposals under study. The results of our survey evidence that there is still much heterogeneity in terms of technologies adopted and deployment approaches, although modular designs at both client and server elements seem to be dominant. Also, the preferred client platform is Android, while server platforms are typically web-based, and client-server communications mostly rely on XML or JSON over HTTP. The main detected pitfall concerns the performance evaluation of the different proposals, which typically fail to make a scalability analysis despite being critical issue when targeting very large communities of users.



1. Introduction
The use of mobile phones has experienced a significant increase in the past decade. In fact, according to the 2015 ITU World Telecommunications report [1] for 2015, the ratio of Cellular phone subscriptions was 97%, which represents 7084 million subscribers in the world. In addition, this subscriber increase is reflected in the technological advantages offered by mobile devices. Furthermore, mobile devices available nowadays have a high computational power and include different communication technologies (e.g., WiFi, 4G, and Bluetooth) and have multiple embedded sensors (GPS, gyroscope, accelerometer, microphone, and camera, among others). This technological growth, together with the increasing number of subscribers, has caused the community of researchers and developers to create different applications based on smartphones as sensors.
Pioneering research anticipated this arising of new applications, describing them as “participatory sensing” [2] or “people-centered sensing” [3]. In both cases, the idea is that the user should be able to gather data anywhere, anytime, by making use of mobile sensor devices for information retrieval, processing, and sharing. Later on, researchers considered this new paradigm as a subtype of crowdsensing denoted as “mobile phone sensing” [4].
Mobile phone sensing benefits from the processing and communication capabilities of available smartphones which, combined with one or more sensors, become an enabling technology to support different types of applications. Moreover, mobile crowdsensing relies on a large number of participants to collect data from the environment through its integrated sensors and, after capturing the data, these are sent to a server to perform data mining tasks including data fusion, analysis, and information dissemination. Typically, sensors that register participant information (e.g., location, movements) and environmental data (e.g., images, sounds) are very common. On top of that, some solutions use external sensors, which are integrated into the mobile solution through its communication interfaces, including sensors for environmental pollution and health monitoring. In this sense, mobile crowdsensing provides new perspectives for improving living conditions in our digital society. A general example of mobile crowdsensing solution is shown in Figure 1.




	
	
		
			
			
			
			
			
			
			
			
			
			
		
		
		
			
		
		
			
		
		
			
		
		
			
		
		
			
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
			
			
			
			
			
			
			
		
		
		
		
			
			
			
			
			
			
			
		
		
		
		
			
			
			
			
			
			
			
			
			
			
		
		
		
		
			
			
			
			
			
			
			
		
		
		
		
		
		
		
		
		
		
		
			
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
			
		
		
		
			
			
			
			
			
			
			
			
			
			
		
		
		
		
		
			
			
			
			
			
			
			
			
			
			
		
		
		
		
			
			
			
			
			
			
			
		
		
		
		
			
			
			
			
			
			
			
		
		
		
		
			
			
			
			
			
			
			
		
		
		
		
			
			
			
			
			
			
			
			
			
			
		
		
		
		
			
		
		
			
		
		
			
		
		
			
		
		
			
		
		
			
		
		
			
		
		
		
		
		
		
			
		
		
			
		
			
		
		
			
		
		
			
		
		
			
		
		
			
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
			
		
		
		
		
			
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
			
		
		
		
		
		
		
		
		
		
		
		
		
			
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
			
		
		
	


Figure 1: Generic structure of crowdsensing solutions.


Concerning mobile crowdsensing applications, Figure 2 shows that they have experienced a significant increase in the last 5 years. Specifically, researchers have focused their efforts on various areas including environment monitoring [5–8], transportation and urban sensing [9–13], healthcare [14–18], social issues [19–23], and others [24–28]. The different crowdsensing proposals available are characterized by having different designs and involve different architectural levels. For instance, some authors propose solutions they call framework, middleware, or system, among other terms. No matter which term is used, these solutions can have a global approach (full architecture) or only specify a subset of the architecture by describing one or more components.




	
	
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
		
			
		
			
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
				
			
				
					
				
					
					
				
			
			
				
					
				
					
					
				
			
			
				
				
			
			
				
			
				
			
				
		
		
			
		
			
				
		
		
	


Figure 2: Number of crowdsensing-related proposals in the past 5 years.


The existence of a high number of proposals, and the absence (to date) of a survey that properly organizes such information, has led us to write this paper. In this work, we start by proposing a reference client-server architecture where the sensing device is the Mobile Sensing Client (MSC) and the server is the Cloud Data Collection Server (CDCS). Our idea is to propose an architecture that is generic and flexible enough to accommodate any existing solution. With this in mind, we have identified whether the main contribution of each publication focuses on the client, on the server, on the transmission, or on some specific component. For client-side proposals, we determined whether their main contribution is in the processing or the data capture element, discriminating between sensor and data administration. For the server-side proposals, we determined the actual contributions in terms of mobile sensing tasks, dimensional analysis of data, and cloud services. Finally, we determined the contribution of those proposals focusing on data communications.
The paper is organized as follows: in the next section we present some related surveys on this topic. In Section 3 we provide an overview of the proposed architecture. Then, in Section 4, we make a detailed analysis of the proposed architecture. Section 4 provides the actual survey results, detailing the contributions made at the client and server sides, as well as to the end-to-end communications approach. Open research issues are then discussed in Section 5. Finally, in Section 6, we present our conclusions and future work.
2. Related Works 
In recent years, the rise of solutions in the field of mobile crowdsensing is attracting huge interest because of the large amount of data that sensors can provide when relayed via mobile phones. Nonetheless, there are quite few surveys that actually study and summarize the many existing proposals. Below we proceed to describe briefly the different surveys found in the literature according to the chronological order of their publication.
Lane et al. [4] made a pioneer survey addressing the use of mobile phones as sensors, analyzing the significant progress mobile phones have experienced in order to incorporate multiple sensors. Also, they describe various existing proposals according to certain algorithms, applications, and systems developed to date. Similarly, they describe some proposals grouped by areas such as transportation, environmental monitoring, and health. They also propose an architecture composed of three different elements dedicated to sensing (mobile phone), learning (analysis), and informing (shared data).
Ganti et al. [29] proposed the term mobile crowdsensing (MCS) and described a reference architecture. This survey only showed a few proposals categorized as participatory (users are involved) and opportunistic (users are not involved). Additionally, it identifies some characteristics that influence these solutions such as limited resources, privacy and security, data integrity, data aggregation, and data analytics.
Khan et al. [30] present a taxonomy where they differentiate between personnel sensing, social sensing, and public sensing. This classification is performed from the point of view of participatory and opportunistic sensing.
Zhang et al. [31] propose an approach which characterizes the various crowdsensing proposals in four stages: task creation, task assignment, individual task execution, and crowd data integration. These features are described as what, when, where, who, and how (4W1H).
More recently, both Zhang et al. [32] and Jaimes et al. [33] proposed a classification based on incentive mechanisms for mobile crowdsensing. The former classified incentives into three categories: entertainment, services, and economic. The latter used incentive mechanisms as metrics to evaluate crowdsensing and introduced a tree-level taxonomy for crowdsensing incentive mechanisms. In the same context, different authors [34–36] propose incentive mechanisms that rely on auction techniques for evaluating quality awareness in the mobile crowdsensing context. In particular, the first uses combinatorial auction models, while the second extends that work by introducing more fine-grained techniques; concerning the third work, it proposes a framework that integrates incentives, data aggregation, and data perturbation mechanisms. However, they did not propose any reference architecture, addressing solely the taxonomy of their proposals and the algorithms supporting these proposals.
Guo et al. [37] propose a new sensing paradigm called Mobile Crowd Sensing and Computing (MCSC) that empowers ordinary citizens to contribute data sensed or generated from their mobile devices, aggregating and fusing the data in the cloud for crowd intelligence extraction and human-centric service delivery. This paper proposes a taxonomy and a reference architecture for MCSC. In the taxonomy the proposals are classified as mobile sensing (user involvement, data contribution, user awareness, and sampling), crowd data collection (networking, incentives, and scale), crowdsourced data processing and intelligence extraction (processing architecture, intelligence, purpose, data mining, and data quality), hybrid human-machine system, and security and privacy. With regard to the architecture, the proposals presented in this paper are divided into several levels: crowdsensing, data collection, data processing, and applications.
As it quickly becomes evident through this brief state-of-the-art analysis, to date only a few surveys specifically addressed existing crowdsensing solutions, being that some authors focused on specific issues such as incentives, and yet others focused on sensing styles. Our survey proposes a reference client-server architecture and then, based on that proposal, proceeds to classify up to 64 different proposals, thus providing a wider view than the surveys presented before on this topic (see Table 1 for details). Notice that the number of peer-reviewed publications only takes into account those references actually classified according to the proposed taxonomies.
Table 1: Crowdsensing surveys.
	

	Solutions 	Year	# publications reviewed
	

	Lane et al. [4]	2010	25
	Ganti et al. [29]	2011	13
	Khan et al. [30]	2013	43
	Calabrese et al. [38]	2014	26
	Zhang et al. [31]	2014	15
	Zhang et al. [32]	2015	32
	Jaimes et al. [33]	2015	22
	Guo et al. [37]	2015	41
	



3. Mobile Crowdsensing: Reference Architecture
In this section we propose a client-server design which can be adapted to the different mobile crowdsensing architectures available in the literature. By making the different proposals fit into our architecture, in sections that follow, it will then become straightforward to compare the different proposals in terms of scope, complexity, and completeness.
Our proposed architecture integrates two main modules: the Mobile Sensing Client (MSC) module and the Cloud Data Collection Server (CDCS) module. These two modules are connected to each other through a data transmission network, as shown in Figure 3. The MSC is the mobile phone or the set of mobile phones that provide sensing functionality by capturing data and then relaying that data to the CDCS. The latter is a single server or a server farm that allows receiving, processing, analyzing, and sharing sensed data. Typically, data sharing also includes the delivery of reports to participants (MSC).




	
	
		
			
		
		
		
		
		
		
		
		
		
		
			
		
			
		
			
		
			
		
			
		
		
			
		
		
			
		
		
			
		
			
		
			
		
			
		
			
		
			
		
		
			
		
			
		
		
		
		
			
		
		
			
		
		
			
		
		
			
		
		
			
		
		
			
		
		
			
		
		
		
		
		
		
		
		
		
		
		
			
		
		
			
		
		
			
		
		
			
		
		
			
		
		
		
		
		
		
		
		
		
			
		
		
			
		
		
		
			
				
			
				
		
		
			
				
			
				
		
		
			
				
			
				
		
		
			
				
			
				
			
				
			
				
		
		
			
				
			
				
			
				
		
		
			
				
					
			
				
		
		
			
		
			
		
			
				
					
			
				
		
		
			
				
			
				
			
				
			
				
		
		
			
				
			
				
			
				
			
				
		
		
			
				
			
				
		
	


Figure 3: Proposed mobile crowdsensing architecture.


For both the MSC and the CDCS we have considered four subcomponents, some of them sharing common characteristics on both MSC and CDCS. For instance, both Client and Server User Interfaces provide a graphical interface to a regular user or to the system administrator through the respective Interface Managers. On the bottom of the architecture, the Server and Client Communications Managers have also a similar purpose, typically being the component on the client that establishes connections with the server component since it should be always available. Nevertheless, configuration and task instructions, along with data reports, can also be transmitted from server to client through a push procedure.
The data management components at client and server also have some similarities, both being responsible for data processing, storage, and query. The main difference between these subcomponents is that, in the CDCS, the computation, storage, and analysis are made at a level and dimension that are clearly superior to the one made at the client, which has fewer resources.
Two distinctive components in our architecture are the Client Sensor Manager (CSM), responsible for the administration of the sensors, and the Server Task Manager (STM), which handles different tasks mostly related to data processing.
Below we proceed to describe the different architectural elements in more detail.
3.1. Mobile Sensing Client
In the scope of mobile crowdsensing, the main goal of the mobile client devices is performing data sensing and forwarding sensed data to the main server, although global data reports can also be returned to clients.
Concerning the target areas to be sensed, these can differ greatly depending on the type of application (inside buildings, outdoor, underground, in public places, etc.). In addition, each specific application will also have different requirements in terms of required sensors. For instance, sensors able to monitor the environment greatly differ from those able to monitor social interactions or the effectiveness of public transportation. In addition, sensing tasks can be triggered automatically (either periodically or based on events) or manually through an explicit user intervention. Typically, automatic mechanisms follow server instructions, while manual interactions are made possible through a User Interface specifically developed for that purpose. Independently of the actual mode of operation, the application can offer certain incentives in the form of a game [39] or another, to motivate users into adopting it. Such incentives become especially important when the user interest about the global generated data, which are based on the aggregation and processing of all measurements at the server, remain low (e.g., data being sensed is not a concern to the user); in those cases, complementary sources of motivation are required to make users run the crowdsensing application.
Focusing on the client architecture, Figure 4 shows that, to support all user activities, we have a set of managers responsible for all tasks: Client Interface Manager (CIM), Client Data Manager (CDM), Client Sensor Management (CSM), and Client Communications Manager (CCM). Each of these four components has a controller subcomponent, being the different controller elements, the ones actually responsible for supporting bidirectional interactions between the different system elements.




	
	
		
			
		
		
			
		
		
			
		
		
			
		
			
		
		
			
		
		
			
		
			
		
			
		
		
		
		
		
		
		
		
		
		
		
		
		
			
		
		
		
			
		
			
				
		
			
		
			
				
			
				
		
		
			
				
			
				
		
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
				
			
				
		
		
			
				
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
				
		
			
	


Figure 4: Mobile Sensing Client (MSC) components.


We now proceed to detail each of the client components in detail.
3.1.1. Client Interface Manager (CIM)
This component allows applications to interact with the user (User Interface GUI). The User Interface allows displaying the values obtained from sensors in real time, to visualize previous traces through a query to its internal data storage or to query the server in order to retrieve global data reports about a certain target area. The values can be visualized through the use of graphics, maps, or other forms of representation. To achieve this goal two subcomponents are proposed: the Client User Interface and the Interface Controller.
(i) Client User Interface. It allows configuring the different parameters associated with sensing tasks, such as regulating the data acquisition frequency, defining when data should be sent to the server, and also when captures should start and stop, among others. It can also show the user feedback about ongoing or past captures, as well as global reports. It is worth highlighting that some crowdsensing solutions have no interface at the client side, meaning they only process captured data and relay them to the server.
(ii) Interface Controller. It provides the needed services to format data for presentation through the User Interface. For this endeavor, it must interact with the local storage or with the server, and it may rely on different external libraries as well (e.g., graphical representation of captured values in a map using Google Maps).
3.1.2. Client Data Manager (CDM)
This element, responsible for data handling and storage, is one of the main architectural elements at the client. It is composed of five different subcomponents: data controller, Plugin Extensions, data processing, local storage, and query. We now proceed to detail each of them. 
(i) Data Controller. It is the most critical subcomponent, providing the services and functions required to interact with the different subcomponents of the CDM. This interaction is made with the client via the Interface Controller, with the server via the Communications Controller and with the sensors via the Sensor Controller. In addition, it is able to handle data collection tasks as defined by the user or defined by the server through task pushing. It includes classes and methods to start, stop, and configure these tasks.
(ii) Plugin Extensions. This element allows integrating specialized plugins for a specific task such as data analytics or to add listeners to social networks like Facebook and Twitter, among others. The advantage of these plugins is that they can be easily incorporated into mobile devices via repositories such as Google Play or similar ones. Additionally, it allows plugging in a set of algorithms that perform functions including audio processing, online programming algorithms, and spatial coverage analysis.
(iii) Data Processing. This element processes raw data based on application requirements before displaying them to the end user or submitting them to the server. Although data processing can also be executed at the server side (CDCS), doing it at the client allows reducing the amount of unnecessary data produced by sensors, while also maximizing energy savings and communications bandwidth, and so it is often preferred. Typically, data processing elements include either filtering or aggregation or both functions. An example of filtering is the removal of unnecessary data fields. Examples of aggregation/fusion of data include the unification of data from different sensors or of different samples from a same sensor.
(iv) Local Storage. This element allows storing the captured data in a local data structure, which is usually a simple database like SQLite. Some solutions available in the literature skip this component, and they only process data and forward them to the CDCS. The local storage allows users to perform queries, inserts, updates, and deletes to the data according to application requirements. Typically, when storing data coming from sensors, it is often preprocessed before storage. In the context of crowdsensing applications, the main types of data stored include location information, energy levels, and sensor-specific values.
(v) Query. This element allows, through structured language queries, accessing data from sensors. In particular, it will interact with all the components that make up the CDM. Among its typical features, one that stands out is the use of mobile analytics for optimizing data streaming from sensors. In some cases, this component facilitates the interaction with external databases at the CDCS in order to retrieve global data reports.
3.1.3. Client Sensor Manager (CSM)
The Client Sensor Manager is the element responsible for the actual sensing tasks. Typically, it relies on high-level sensors abstractions to manage the underlying physical sensors (internal or external) as well as virtual sensors. Its functions usually include sensor discovery and sensing capabilities. Furthermore, it manages the sensor sampling frequency, as well as the preprocessing of captured data. The preprocessing executed at the CSM is only performed if necessary, and considering the actual characteristics of the sensor. Finally, the integration of external sensors and virtual sensors is performed by the Sensor Controller via the communications manager.
The CSM has five subcomponents: Sensor Controller, Preprocessing, Sensor I/O Manager, Physical Sensor, and virtual sensor. Below we describe each of its components.
(i) Sensor Controller. It enables access to the services offered by the Sensor Manager, thus providing access to virtual sensors, gyroscope, and GPS, among others. 
(ii) Preprocessing. It allows the data delivered by the Sensor I/O Manager to be processed before being passed to other components. An application example is an audio capture which must be classified into voice and nonvoice regions, so that the individual speaker is segmented. Another example is the raw accelerometer data that is provided for the three axes, which can be combined to obtain the total value. In some cases these raw data can be processed at both CSM and CDM.
(iii) Sensor I/O Manager. It allows a level of abstraction for accessing both physical and virtual sensors, getting the raw data for subsequent treatment. This way, upper layers do not have to be aware of the type of sensor (physical/virtual) and its actual location.
(iv) Local Sensor. These are sensors available either on mobile devices themselves or external nearby sensors directly accessible by the mobile device. Concerning the type of sensor, most internal sensors used belong to the generic or media type. Generic sensors are those sensors embedded in mobile devices for general-purpose applications. Examples of these sensors include GPS, accelerometer, gyroscope, magnetometer, and barometer. With regard to media sensors, it refers to embedded sensors that provide support to multimedia applications via microphone or camera. Finally, external sensors typically extend the sensing functionality by providing sensing capabilities not supported by the smartphone itself.
(v) Virtual Sensor. Virtual sensor is a logical type of sensor based on an abstract class that acts as a wrapper, encapsulating information that can be produced by a real sensor, a mobile phone, or a combination of other virtual sensors. Virtual sensors can have multiple input data streams that can be other virtual sensors or sensors accessible through a network, but there can be only one output data stream toward the sensing application. The GSN standard data model [40] is a good example of such a class of sensors.
3.1.4. Client Communications Manager (CCM)
The Client Communications Manager is responsible for the transmission and reception of the data through the network. Since nowadays mobile phones include several communication interfaces including WiFi, Bluetooth, or Cellular, this empowers them to communicate in all sorts of environments, being able to adapt to different network topologies (centralized, distributed, or hybrid). The MSC may transfer the data to a primary server (centralized), toward several servers (distributed), or among themselves (peer-to-peer). The latter occurs when there are nodes that serve as intermediaries for the transmission of data between nodes and that have a limited ability to process and filter data from the sensor.
The CCM is composed of two subcomponents: the Communications Controller and the Native Networking API. In detail, these subcomponents are responsible for the following tasks. 
(i) Communications Controller. It provides access to the services of the underlying communications network, allowing creating a data channel toward the CDCS (server). In particular, it is an abstract component that allows encapsulating SOAP and RESTful web services, where the first is an XML-based protocol that uses service interfaces to expose the business logic, and the second is an architectural paradigm that supports different data formats including JSON, XML, HTML, and TXT. Since communication between clients may also be required, this component will be endowed with peer-to-peer networking capabilities, possibly acting as a relay between other clients and the server(s).
(ii) Native Networking API. This component is inherent to each mobile operating system platform, and it is the one providing the actual establishment of end-to-end connections between client and server.
3.2. Cloud Data Collection Server
In the context of crowdsensing applications, the main goal of the server component, which may physically consist of a single server or a server farm, is to collect all data gathered by the different clients, storing the data, and then perform all sorts of data analytics to provide the administrator or clients themselves with a summary of the most relevant information. In addition, the server allows defining and automating some of the data collection tasks. For example, the administrator can create new tasks, and these can be deployed to clients either automatically or manually; an example of this can be the collection of the noise levels for a given target area during a given period of time. Figure 5 shows our proposed architecture for the CDCS, which includes four components: Server Interface Manager (SIM), Server Task Manager (STM), Server Data Manager (SDM), and Server Communications Manager (SCM). Notice that each of these components includes a controller. Such controllers have a critical function in the scope of our architecture, as it is the communication between adjacent controllers that allows the different components to work together, similarly to the situation at the client side.




	
	
		
			
		
		
			
		
		
			
		
		
			
		
		
			
		
		
			
		
			
		
			
		
			
		
		
		
		
		
		
		
		
		
		
		
		
		
			
		
		
		
			
		
			
		
			
				
			
				
		
		
			
				
			
				
		
		
			
				
		
			
				
		
		
			
		
			
		
			
		
			
		
			
				
		
			
		
			
				
			
				
		
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
		
			
				
			
				
		
		
			
				
			
				
		
	


Figure 5: Cloud Data Collection Server components.


Compared to clients, CDCS elements have much greater processing and storage capabilities. Thus, data are typically processed for a better understanding through different statistical techniques (data mining). Also, the management interface is usually web-based, allowing the administrator to easily manage, visualize, and share large amounts of data.
Depending on network scalability requirements, servers may work in either centralized, distributed, or cloud-based environments. The latter allows benefitting from deployment facilities, reduced cost, and optimized resource usage, thereby minimizing infrastructure requirements.
Concerning available technologies, server solutions may rely on a wide range of platforms, from distributed architectures in the cloud, such as Amazon Web Service (AWS) infrastructure services (EC2 and S3) [41] and Google Cloud Messaging (GCM) [42], to open source approaches such as Apache Tomcat [25, 43–45], BPEL4People [46, 47], WS-HumanTask, and JBoss JBPM [15].
Below we describe in more detail the different components at the server side.
3.2.1. Server Interface Manager (SIM)
The Server Interface Manager is responsible for the interaction between user and system for task and data handling. It includes two components: the Server User Interface and the Interface Controllers.
(i) Server User Interface. It allows the user to interactively manage and schedule sensing tasks. It also supports the visualization of charts relative to sensed data. Both these actions are performed using a graphical interface that is in general web-based, meaning that the system manager can operate remotely.
(ii) Interface Controller. This is the component actually in charge of communicating with other components to meet the service requirements. An example is the programming of a sensing task, where the Interface Controller coordinates with task controllers for task planning and dissemination and with the data controller for handling data storage. In addition, it also provides application programming interfaces (APIs) to allow developers to participate in the development of different crowdsensing applications and services.
3.2.2. Server Task Manager (STM)
Task Management is one of the main components at the server side according to our proposed architecture, being responsible for the planning, scheduling, and pushing of crowdsensing tasks. Tasks can be deployed to mobile devices either manually or automatically, and in general they rely on a system-specific language that typically differs from one solution to another due to lack of standardization. It is also worth highlighting that most implementations rely on open source tools.
The subcomponents that integrate the STM are the following.
(i) Task Controller. It works as a handler, providing the functionality required by the Server Task Manager. Typically it must attend administrator requests and may push new scheduled tasks onto clients. It can also make use of learning or approximation algorithms that optimize data collection in order to minimize energy/resource consumption at the client side. Additionally, this subcomponent includes classes and methods to start, stop, and configure the different tasks. Finally, it provides the services and functions required to interact with the other controller components. To contact clients, some implementations are based on Publish/Subscribe approaches where a server (or servers) provides a set of services to users. Additionally, in many of these Publish/Subscribe systems, the server can take intermediary functions where publishers send the messages to such intermediary server (broker), and the subscribers subscribe to information considered to be of interest, thus making this server responsible for handling the filtering, storage, and management toward the subscribers. 
(ii) Task Definition and Scheduling. Among its features we can find the allocation of time and frequency of sensing, the number of mobile devices to be enabled for data collection, and the characteristics of the sensor to monitor, among others.
(iii) Task Deployment. It allows the deployment of tasks to MSCs, which can be a mere set of instructions interpreted by the existing applications. To support this option, a language defined by the application is often used, and it is typically based on SQL, XQUERY, or XML. Alternatively, a new application/component is pushed to the mobile terminal whenever new functionalities must be supported.
(iv) Task Storage. This component is responsible for the storage of current and past tasks. Since requirements are typically low, any database system suffices. In fact, it is not necessary to rely on a standard database, being also common to use a set of files, where each file describes a single task.
3.2.3. Server Data Manager (SDM)
This component is responsible for the processing, storage, and analysis of the data. It is composed of a data controller, middleware APIs, a data processing element, a query and analysis element, and a database. Below we describe in more detail each of these components. 
(i) Data Controller. It offers access to the services offered by the SDM, supporting a set of algorithms or applications that allow handling data in collaboration with the task controller, Interface Controller, and other system components. In addition, it acts as a handler for communications to/from middleware APIs.
(ii) Middleware API. A middleware API is typically an extension providing more sophisticated data processing/analysis. It can incorporate data analysis tools such as data mining, analytical libraries, or other, allowing easily handling large volumes of data. Deployments at this level can be drivers or web services that enable access to databases through JDBC or other methods, such as CUPUS [48] and CAROM [27], which additionally provide data fusion and data filtering techniques.
(iii) Data Processing. The functionality of this component is similar to the data processing made at the client (CSM). The main difference is the volume of data that has to be handled at the server side. Typically, it provides functions to filter and merge multiple streams of data, providing aggregation levels that clearly surpass those levels achievable at the client side. With this purpose, it uses techniques that require a higher level of processing, such as FSI or ECSTRA [27], among others.
(iv) Query and Analysis. This component integrates both query and data analysis functionalities. It allows, through a structured query language, accessing the resources available at the server’s database. Additionally, it can rely on different analysis tools to meet the requirements of other system components.
(v) Database. This component provides a database management system that allows storing the gathered data coming from the different Mobile Sensing Clients (MSCs). In the scope of the SDM, it is mandatory since it is a basic system requirement. It should be noted, though, that the database itself is not necessarily contained in a single server, and so distributed storage environments are contemplated as well. Common database management systems include MySQL and PostgreSQL, among others.
3.2.4. Server Communications Manager (SCM)
The Server Communications Manager is responsible for interacting with the different clients, having characteristics similar to the Client Communications Manager. The interaction with clients is bidirectional: we have transmission toward the client when pushing new tasks, and we have transmissions from clients when receiving sensed data.
The SCM has two main components, the Communications Controller and the Native Networking API, both of which we now detail.
(i) Communications Controller. It offers the services necessary to establish communication between the MSC and the CDCS, usually as listeners for data gathering, or starting connections when task pushing is required. Additionally, it can rely on high-level communication services like SOAP and can also have adapters for any specific protocol or method of communication used by different server components. An example can be a REST-SOAP Adapter, which receives a SOAP request and adapts it to a REST-service format.
(ii) Native Networking API. This component is the one responsible for actually communicating with client devices through the establishment of end-to-end connections. Typically, reliable TCP connections are established.
4. Analysis of Existing Proposals
In this section, we provide an analysis of the different solutions available in the literature, using the architecture in Section 3 as reference for our classification. For our study, we focused on research works published in the crowdsensing field during the past five years, with a special emphasis on smartphone-based crowdsensing solutions.
For the sake of clearness and completeness, our analysis was split into four well-defined parts: (1) general analysis, (2) client-side analysis, (3) server-side analysis, and (4) data delivery approaches. The first part presents a general analysis of the various proposals, and performs a synthesis of the different contributions in the scope of our architecture. In the second part we have addressed in more detail those proposals detailing a client-side architecture, that is, describing the CUI, CDM, and MSC components, while for the third one we detail server-side architectures, describing the SUI, STM, and SDM components. In addition, we have clearly assessed to what degree the different solutions are able to provide all the functionalities envisioned in our proposed architecture. It is worth highlighting that both client and server analysis include not only proposals specific to client/server sides, but also global solutions whenever they provide details about all the elements involved in the end-to-end interaction. Finally, we have classified those solutions by providing details about the communications system defined for interactions between clients and server and also about supported topology, selected technology, and other relevant features. Again, for this data delivery analysis, any proposal providing enough details was included, no matter how broad or how specific was the proposal itself.
4.1. General Analysis
In our general analysis of the different crowdsensing solutions, we have classified information based on three parts. In the first one we provide generic information about the different proposals, in the second one we describe aspects related to security/privacy and energy consumption, and finally we provide a summary of contributions for each proposed architecture. This classification and characterization is presented in Table 2.
Table 2: Classification of the different technologies according to the proposed architecture.
	

	Publication	Year	Proposal	Type	Recollection strategy	Target applications	# components levels	Privacy	Energy	MSC	Tx	CDCS
	CIM	CDM	CSM	CCC	SCM	SDM	STM	SIM
	

	PRISM [24]	2010	Platform	Prototype	Both	Heterogeneous	3	X	X	★	☆	☆	☆	 	☆	☆	☆	☆
	Ear-Phone [5]	2010	Client-server	Real/simulations	Opportunistic	Environment monitoring	2	 	X	☆	☆	☆	☆	 	 	★	☆	☆
	Anonysense [6]	2011	Framework	Prototype	Opportunistic	Environment monitoring	3	X	X	☆	☆	☆	★	 	★	★	★	★
	Medusa [25]	2012	Framework	Prototype	Participatory	Heterogeneous	2	X	 	★	☆	☆	★	 	★	☆	★	☆
	Pogo [49]	2012	Middleware	Real imp.	Participatory	Heterogeneous	2	X	X	☆	☆	☆	★	 	★	☆	☆	☆
	DAM4GSN [50]	2012	Architecture	Real imp.	Participatory	Heterogeneous	3	 	X	★	☆	★	★	 	★	★	☆	☆
	MECA [26]	2012	Middleware	Prototype	Participatory	Heterogeneous	3	 	 	 	☆	☆	☆	 	★	★	★	☆
	StressSense [14]	2012	Framework	Real imp.	Participatory	Healthcare	1	 	 	★	☆	☆	☆	 	☆	★	☆	☆
	CrowdITS [9]	2012	Framework	Real imp.	Participatory	Transportation and urban sensing	3	 	X	★	☆	☆	★	 	★	★	★	★
	SmartCity [10]	2013	Framework	Real imp.	Participatory	Transportation and urban sensing	4	 	 	☆	☆	☆	☆	 	★	★	☆	☆
	ILR [51]	2013	Scheme	Simulations/real imp.	Participatory	Location Services	3	X	 	☆	☆	☆	☆	 	★	☆	☆	☆
	CAROM [27]	2013	Framework	Real imp.	Participatory	Heterogeneous	3	 	X	★	☆	★	☆	 	☆	★	☆	★
	SoundOfTheCity [7]	2013	Client-server	Real imp.	Both	Environment monitoring	2	 	X	★	☆	☆	☆	 	☆	★	☆	☆
	MoPS [8]	2013	Middleware	Prototype/real imp.	Both	Environment monitoring	3	 	X	★	★	☆	★	 	☆	☆	★	☆
	NoiseNYC [16]	2013	Framework	Real imp.	Participatory	Healthcare	3	 	 	 	☆	 	 	☆	★	★	☆	☆
	Vita [15]	2013	System	Real imp.	Participatory	Healthcare	2	 	X	★	☆	☆	★	☆	★	☆	☆	☆
	Matador [52]	2013	Framework	Simulations	Both	Location services	—	 	X	☆	☆	☆	★	☆	★	☆	★	★
	Usense [53]	2013	Middleware	Real imp.	Both	Heterogeneous	3	X	X	★	★	☆	★	 	★	☆	 	☆
	REPSense [11]	2013	Applications	Real imp.	Opportunistic	Environment monitoring	2	 	 	☆	☆	☆	☆	 	 	 	☆	 
	BeC3 [46]	2013	System	Real imp.	Opportunistic	Heterogeneous	3	 	X	★	☆	★	★	 	★	☆	★	★
	McSenseFoster [12]	2013	System	Real imp.	Participatory	Transportation and urban sensing	3	 	 	☆	☆	☆	☆	☆	☆	☆	☆	★
	NoizCrowd [18]	2013	Components	Real imp.	Participatory	Healthcare	4	 	 	☆	☆	☆	☆	 	★	★	☆	☆
	PLUS [13]	2014	Framework	Real imp.	Participatory	Transportation and urban sensing	2	 	X	★	☆	☆	☆	 	☆	☆	☆	☆
	MOSDEN [28]	2014	Middleware	Real imp.	Participatory	Heterogeneous	3	 	X	★	★	★	★	 	★	☆	★	☆
	SenseDroid [54]	2014	Framework	Prototype/real imp.	Both	Location services	3	 	X	★	★	★	☆	 	 	★	☆	 
	SenSocial [19]	2014	Middleware	Real imp.	Both	Social recommendation	3	X	X	★	★	☆	★	 	★	★	★	☆
	AlienvsMobile [51]	2014	Client-server	Prototype/real imp.	Participatory	Location services	3	X	 	★	☆	☆	☆	 	☆	☆	☆	☆
	SaaS [44]	2014	Framework	Description	Participatory	Heterogeneous	3	 	 	 	☆	 	☆	 	★	★	☆	☆
	CUPUS [48]	2014	Middleware	Prototype/real imp.	Both	Heterogeneous	3	 	X	★	☆	★	☆	☆	☆	☆	☆	☆
	BLISS [48]	2014	Framework	Simulations	Participatory	Social-budget	—	 	 	☆	☆	☆	☆	 	 	 	☆	☆
	GPS-Less [55]	2014	System	Real imp./simulations	Both	Transportation and urban sensing	2	 	X	☆	☆	☆	☆	 	★	☆	★	☆
	MCS-Space [21]	2014	System	Real imp.	Participatory	Social-general	3	 	X	☆	☆	☆	☆	 	★	★	★	☆
	SPREAD [56]	2014	Algorithm	Prototype	Participatory	Location services	—	 	 	☆	☆	☆	★	 	 	 	☆	☆
	Map++ [57]	2014	System	Real imp.	Participatory	Transportation and urban sensing	—	 	X	☆	☆	☆	☆	 	 	☆	☆	☆
	JoiPolices [58]	2014	System	Simulations	Participatory	Heterogeneous	3	X	 	☆	☆	☆	☆	 	★	☆	☆	☆
	CrowdRecruiter [59]	2014	Framework	Real imp.	Both	Location services	—	 	X	 	☆	 	☆	 	☆	☆	★	☆
	Neighbor [60]	2014	Middleware	Simulations	Opportunistic	Heterogeneous	—	 	X	 	☆	☆	☆	★	☆	 	☆	☆
	LineKing [22]	2014	System	Real imp.	Both	Social recommendation	2	 	X	★	☆	☆	☆	 	★	☆	☆	☆
	GROPING [61]	2014	Application/Fr	Prototype	Participatory	Location services	2	 	X	★	☆	☆	☆	 	☆	★	★	☆
	EasyHarvest [45]	2014	Framework	Prototype	Opportunistic	Heterogeneous	2	 	 	★	☆	☆	★	 	★	 	☆	☆
	WiFIScout [62]	2014	System	Real imp.	Participatory	Social recommendation	2	 	 	☆	☆	☆	☆	 	☆	☆	 	 
	QoS-Constrained [63]	2014	Framework	Simulations	Both	Heterogeneous	2	 	 	 	 	☆	☆	 	☆	☆	★	 
	Ecosystem [47]	2015	System	Real imp.	Participatory	Social-general	4	 	X	★	☆	☆	★	 	★	☆	★	☆
	MCSaaS [43]	2015	Framework	Real imp.	Both	Heterogeneous	4	 	X	☆	☆	★	★	 	★	★	★	★
	COUPON [64]	2015	Framework	Simulations	Opportunistic	Heterogeneous	—	 	X	☆	☆	☆	☆	★	☆	 	 	 
	ADTS [65]	2015	Application	Simulations	Participatory	Location services	1	 	 	☆	☆	☆	☆	 	 	 	 	 
	Anonymity [66]	2015	Framework	Prototype/real imp.	Participatory	Transportation and urban sensing	2	X	X	☆	☆	☆	☆	★	 	☆	☆	☆
	TYT [17]	2015	Framework	Real imp.	Participatory	Healthcare	3	X	 	★	☆	☆	☆	 	☆	☆	☆	★
	QOATA [67]	2015	Application	Simulations	Participatory	Heterogeneous	—	 	 	 	☆	☆	☆	 	 	 	 	 
	NeCoRPIA [68]	2015	Protocols	Simulations	Opportunistic	Heterogeneous	—	 	 	 	☆	 	☆	★	☆	 	☆	 
	QoSMCS [69]	2015	Framework	Simulations	Opportunistic	Heterogeneous	3	 	X	 	☆	☆	☆	★	☆	★	☆	☆
	FlierMeet [70]	2015	Framework	Real imp.	Participatory	Transportation and urban sensing	3	 	 	★	☆	☆	☆	 	☆	☆	☆	☆
	PRESM [23]	2015	Scheme	Real imp.	Participatory	Transportation and urban sensing	3	X	 	★	☆	☆	☆	 	☆	☆	★	☆
	SmartRoad [71]	2015	Framework	Real imp.	Participatory	Transportation and urban sensing	2	 	X	★	☆	★	★	 	★	★	★	☆
	MCSgame [72]	2015	System	Simulations	Participatory	Location services	2	 	X	 	☆	☆	☆	 	★	☆	☆	☆
	RemoteCloud [73]	2015	—	Simulations	Participatory	Transportation and urban sensing	—	 	 	 	 	☆	☆	★	 	☆	☆	☆
	MDPPs [74]	2015	Middleware	Real imp.	Opportunistic	Location services	3	 	 	★	☆	☆	☆	 	★	★	★	☆
	RuPS [75]	2015	Framework	Real imp.	Participatory	Location services	4	 	 	☆	☆	☆	☆	 	☆	★	☆	★
	EffSense [76]	2015	Framework	Simulations	Opportunistic	Heterogeneous	—	 	X	 	☆	☆	☆	★	 	☆	☆	 
	PLP [77]	2015	Scheme	Simulations	Opportunistic	Heterogeneous	—	X	 	 	☆	☆	 	 	★	★	☆	 
	Sahyog [78]	2015	Middleware	Real imp.	Participatory	Heterogeneous	3	X	 	★	☆	☆	★	 	☆	 	☆	 
	Context [79]	2015	Middleware	Simulations	Opportunistic	Social recommendation	—	 	X	 	☆	☆	☆	★	 	☆	☆	 
	MoreWithLess [80]	2015	Framework	Real imp.	Participatory	Heterogeneous	4	 	X	 	☆	 	 	 	 	★	★	 
	Sparse [81]	2016	Framework	Real imp.	Participatory	Heterogeneous	3	X	 	 	☆	 	 	 	 	★	★	 
	



4.1.1. General Features
With regard to the general features, we found that the vast majority of solutions propose an integral solution to the sensing tasks at both client and server sides. Other solutions propose a specific middleware to help in the tasks of data collection and processing.
Concerning the strategy adopted for data collection, most proposals opted for a participatory approach for data sensing where users are fully aware of the data collection process, and they actively participate in that process. Other approaches, however, prefer using opportunistic systems that operate in a more autonomous manner, gathering information in the background at appropriate times; finally, a few proposals combine these two approaches to achieve a more complete functionality.
Regarding the target applications addressed in the different works, we found that the majority of the proposals are flexible enough to embrace heterogeneous applications; that is, they can adapt to generic sensing tasks, although we can also find proposals that are specific to transportation and urban sensing environments, and to a lesser extent to health, social, and other environments.
Finally, with respect to the number of differentiated elements defined for each proposed architecture, we found that there are significant differences among authors. For instance, [18, 43, 47] split their proposed functionality into four different levels, similarly to our proposal. In particular, NoizCrowd [18] defines an architecture based on four components which are data gathering, data storage, noise modeling, and data analytics/visualization. SmartCity [47] also defines a four-element architecture composed of social networks, Ubiquitous Sensors, a Mobile Context-Aware Platform, and the Cloud Platform. MCSaaS [43] defines four core submodules, namely, Cloud Broker, Orchestrator, Customization Service, and Deployment Manager. In general, most proposed architectures only defined two or three levels, as is the case of [10], which defines a generic Publish-Subscribe communication with three roles (producers, services providers, and consumers), along with Analytics Components.
4.1.2. Privacy and Energy Issues
In general, the success of mobile crowdsensing applications is dependent on how each solution addresses user concerns about his/her own privacy. Energy consumption is another critical issue, as applications draining a significant amount of battery power will be rejected by most users. So, both energy and privacy issues are relevant in the scope of crowdsensing solutions, the reason why they have been addressed by different researchers.
Our analysis has shown that most studied proposals have addressed energy efficiency issues, while only some of these have introduced mechanisms to mitigate security and privacy concerns. In fact, we find that very few solutions [6, 19, 24, 53, 66] actually account for both privacy and energy efficiency issues. We now proceed to discuss these prominent solutions in more detail.
PRISM [24] supports privacy though a registration process on a PRISM server for each enabled terminal. The registration is maintained by software and it expires within a given period of time. When the registration period expires, terminals wait for a random time and proceed to register again. With regard to energy consumption, PRISM maintains a control of energy consumption on mobile phones through its prism sandbox, which is able to perform coarse-grain power monitoring.
Anonysense [6] uses a server that is responsible for registering and authorizing mobile phones. During registration, Anonysense installs its software along with the IP addresses and certificates for its task service and report service. Concerning energy consumption, the tasks can be divided into two suboperations: sensing and signing. In the first, the RogueFinder application is used to detect rogue APs in a given area, while the ObjectFinder application attempts to find a specific Bluetooth MAC address. The second group addresses whether a data report contains sensitive data. Additionally, it estimates the energy cost associated with these operations.
Usense [53] includes a component for securing communications. Additionally, it manages user preferences in terms of resource and privacy restrictions. These features are processed through the sensing agent, which is an application deployed on the device itself. In addition, Usense’s middleware is able to save energy using a mechanism that avoids taking measurements in those areas where it already has enough data, or when the phenomenon is mostly invariant.
SenSocial [19] has a module for privacy management control which allows managing policies regarding the type and level of granularity of sensed data, deciding what will be stored and made available to the different middleware components. SenSocial uses filtering rules for maintaining energy efficiency, thereby restricting transmissions only to those cases passing the set of defined rules. Also, SenSocial discriminates the energy consumption associated with the accelerometer sensors, microphone, GPS, Bluetooth, and WiFi.
The last proposal in this group is Anonymity [66], which proposes an anonymous data reporting protocol for participatory applications. The idea is that the protocol avoids including identification information that can be vulnerable. The anonymous data protocol is divided into two stages: the first is a slot reservation stage (scheme based on public key encryption), while the second one is a data submission stage (scheme based on an XOR operation). Through comparison against a similar study, authors show how it is able to improve data submission performance. With regard to energy consumption, the smartphone’s battery values are measured using a multimeter. It also presents an analysis of the energy overhead associated with data submission.
4.1.3. Analysis of Contributions for Each Proposal
The main goal of this survey is to assess the actual contributions made by the different authors taking as reference the architecture proposed in Section 3. So, the last part of Table 2 (columns MSC, Tx, and CDCS) provides a first insight into the actual contribution made by the different components at the client (MSC) and server (CDCS) sides, in addition to the end-to-end transmission process itself (Tx).
We provide a three-level classification of proposals, where a dark star means that the particular solution fulfills the expected functionality for that component, while a white star means that the solution only provides a partial fulfillment of the selected characteristics. The nonfulfillment of the characteristics of a component is represented by the absence of any star.
Overall, we can observe that the majority of the proposals are quite representative in the scope of our architecture, providing most of the expected functionalities. Nevertheless, we can also find solutions such as MOSDEM [28] and SenseDroid [54] that focus mostly on MSC-related functionality. Similarly, we can find solutions such as MCSaaS [43] that focus on the CDCS instead.
4.2. Client-Side Analysis
In this section we focus on the specific contributions to the MSC, which is the client side of our proposed architecture. To achieve it, in Table 3, we describe the features of the different proposals regarding the Client Interface Manager (CIM), the Client Data Manager (CDM), and the Client Sensor Manager (CSM). Notice that we excluded the Client Communications Manager (CCM) from this section, as it will be addressed separately in Section 4.4. Also notice that the table is split into two sections, being that proposals in the upper section are client-specific, meaning that the publication only describes the client side of the crowdsensing architecture, while proposals in the bottom section describe both client and server sides.
Table 3: Classification of the different technologies according to the proposed client architecture.
	

	Publication	⁢Client interface manager (CIM)	⁢Client Data Manager (CDM)	Client Sensor Manager (CSM)
	Interface	Admin	OS	Technology	Plugins/external libraries	Data processing	Query	Local store	Type of sensor	Virtual sensor	Preprocessing
	Characteristic	Real time	Sensing task	Data analytics	Broker/plugin	Filter	Aggregate
	

	PRISM [24]	X	 	Windows mobile	C# and C++	PRISM’s sandbox	Sent	Push-pull	 	 	 	 	X	X	Generic/multimedia	 	 
	DAM4GSN [50]	X	X	Android/IOS	Java	XML-based/GSN	Store and send	Push-pull	 	Both	X	 	X	X	Generic and external	X	X
	StressSense [14]	X	 	Android	Java, C and C++	GMMs and simulate	Send	Pull	 	Plugin	 	 	 	X	External microphone	 	X
	Usense [53]	X	X	Android	Java-BlueZen	XML-based/spatiotemporal	Store and send	Push	 	Plugin	X	X	X	X	Generic/multimedia	 	X
	REPSense [11]	X	 	Android	 	Scheme divide/merge	Store and send	 	 	 	X	 	X	X	GPS, ambient light, air pressure, accelerometer	 	X
	PLUS [13]	 	X	Android	 	Markov Predictor Model	Store and send	 	X	 	X	 	 	X	GPS	 	X
	MOSDEN [28]	X	X	Android	Java	XML-based/GSN	Store and send	Push-pull	X	Both	X	 	X	X	Generic and external	X	X
	SenseDroid [54]	 	 	Android	 	Spatiotemporal	Store and send	 	 	Broker	X	X	 	X	Generic and external	X	X
	AlienvsMobile [39]	X	 	Android	Java	Area coverage	Send	Pull	 	 	 	 	 	 	GPS, barometric pressure	 	X
	CUPUS [48]	X	 	Android	 	CUPUS MIOs	Store and send	Push-pull	 	 	X	 	X	X	Generic and external	X	X
	BLISS [20]	 	 	 	Simulated	Simulated/online learning	Send	 	X	 	X	 	X	 	N/A simulated	 	 
	SPREAD [56]	 	 	 	Simulated	Simulated/area of interest	Send	 	 	 	X	 	X	 	GPS and simulated	 	 
	MAP+ [57]	X	 	Android	 	DBSCAN	Store and send	Pull	 	 	X	 	 	X	External GPS	 	X
	ADTS [65]	 	 	 	Simulated	ADTS algorithm	Send	 	X	 	X	 	 	 	Generic	 	 
	FlierMeet [70]	X	 	Android	 	STA grouping	Send	Pull	 	 	 	 	 	 	GPS, light sensor, accelerometer, magnetometer	 	X
	MDPPs [74]	 	X	Android	 	Spatiotemporal coverage (MDPPs)	Stored and sent	Push	X	 	 	 	X	X	Generic sensor	 	 
	EasyHarvest [45]	X	X	Android	Java for Android	Spatiotemporal coverage	Store and send	Binary push	X	 	X	 	X	X	Generic sensor	 	
	Sahyog [78]	X	 	Android	Java	Query format	Store and send	Push-pull	 	 	 	 	X	X	GPS, accelerometer	 	 
	WiFIScout [62]	X	X	Android	 	Read WiFi	Store and send	Pull	 	 	X	 	 	X	GPS/WiFi	 	 
	Ear-Phone [5]	X	 	Symbian	Java	Spatiotemporal coverage	Send	Pull	 	 	X	 	X	X	GPS microphone	 	X
	Medusa [25]	 	X	Android	Java SMS and MMS	MedScript XML	Send	Push	X	Broker	X	 	 	X	GPS, multimedia	 	X
	CrowITS [9]	X	X	Android/IOS	 	Plugin-based	Store and send	Push-pull	 	Plugin	 	 	X	 	GPS	 	 
	CAROM [27]	X	X	Android	Java/GSNLite	XML-based/GSN	Send	Push-pull	X	Plugin (OMM)	 	X	X	X	Generic and external sensor	X	X
	SoundOfTheCity [7]	X	X	Android	Java	 	Store and send	Pull	 	 	 	 	X	X	GPS, microphone	 	X
	MoPS [8]	X	X	Android	Java	Broker Mios	 	Push	X	Broker	X	 	X	 	External pollution	 	X
	Vita [15]	X	X	Android	Java	XML-based	Send	Push	 	Broker	X	 	X	X	Generic and multimedia	X	 
	Matador [52]	X	X	Android	 	XML-based spatiotemporal	Send	Pull	X	 	X	 	 	X	GPS	 	X
	SenSocial [19]	X	 	Android	Java	XML-based/plugin OSN	Send	Push-pull	X	Both	X	X	X	X	GPS, accelerometer, microphone, social	 	 
	MCSinSpace [21]	X	X	Android	 	 	Send	Push	 	 	X	 	X	X	GPS signal analysis	 	X
	LineKing [22]	X	 	Android/IOS	 	Wait-time algorithm	Send	Pull	X	 	X	 	X	X	GPS, accelerometer	 	 
	Ecosystem [47]	X	X	Android	Android app	XML-based	Send	Push	X	 	X	 	 	X	Generic and external sensor	 	X
	TYT [17]	X	X	Android/IOS	Android and IOS apps	 	Send	Pull	 	 	 	 	X	X	Heart rate, blood pressure, oxygen saturation	 	 
	PRESM [23]	 	 	Android	RSS map	Map generation	Store and send	Push	X	 	X	 	 	 	GPS locations	 	X
	SmartRoad [71]	X	X	Android	Java	Detection and identification learning algorithm	Store and send	Push	 	Plugin	 	 	X	 	GPS, power sensor	X	X
	



Concerning the CIM, we found that most of the solutions provide a graphical User Interface designed for the Android operating system, thus typically adopting the Java language for development. In fact, only a few solutions such as LineKing [22], TYT [17], and DAM4GSN [50] focused on other operating systems. Also, most of the proposals allow the user to have access to an administrative interface in order to have control over sensing tasks.
With regard to the CDM we observe that, in general, most available solutions resort to plugins or external libraries in order to simplify their processing, query, and storage tasks on the device by reusing existing software. In particular, different techniques and algorithms are adopted mostly to support the data collection procedure including spatiotemporal area calculation and programming algorithms. The spatiotemporal coverage of an area refers to the amount of time and space needed to properly sense that area according to the target task, Usense [53] being the most widely used. Also, we found that although several solutions provide data analytics within the mobile device itself, such functionality is seldom combined with the use of plugins.
Among solutions integrating plugins, we would like to highlight solutions, such as DAM4GSN [50], MOSDEN [28], and CAROM [27], that use open source GSN technologies for IoT. In particular, CAROM [27] uses a plugin where, among other functionalities, it incorporates Open Mobile Miner (WMO), which is an open source solution that allows performing data analysis on the mobile terminal. Similarly, SenSocial [19] uses a plugin providing an agent able to retrieve data from both Facebook and Twitter, and its process is based on joining online social networks (OSNs) that provide a physical context data stream. In addition, we found that few solutions include a broker functionality. We also found that there is a balance between the approaches preferring pushing contents onto the servers and solutions that prefer the server to pull contents instead.
With regard to data processing, we find that few solutions perform aggregation-fusion on the mobile device, as opposed to data filtering, whose support is quite common. Finally, with regard to the Client Sensor Manager, in general, the different proposals available make use of generic sensors that are internal to the mobile devices, offering in a few cases support for external sensors. There is also evidence of applications using external sensors or multimedia stream processing before sending the streams to the server (see, e.g., StressSense [14] and REPSense [11]).
Finally, regarding the adoption of virtual sensors, only a minority of the proposals studied do so. In particular, options such as DAM4GSN [50], MOSDEN [28], and CAROM [27] relied on an adapted version of GSN [40], while other proposals like SenseDroid [54], CUPUS [48], and SmartRoad [71] provide their own virtualization solutions.
4.3. Server-Side Analysis
In this section we will focus instead on the server side, which in the scope of our proposed architecture takes the name “Cloud Data Collection Server” (CDCS).
Table 4 describes the features of server-related proposals. Similarly to the previous section, the table is split into two parts, being that proposals in the upper part are server-specific (the publication only describes the server side of the crowdsensing architecture), while proposals at the bottom section are complete ones, describing both client and server sides; obviously, since client-related details were already presented above, in this section we only focus on server-related issues.
Table 4: Classification of the different technologies according to the proposed server architecture.
	

	Publication	Server Interface Manager (SIM)	Server Task Manager (STM)	Server Data Manager (SDM)
	Interface	Manager	Shared	Technology	Language	Task	Cloud	Automatic task	Sensing task	Middleware	Data processing	Query and analysis	Database
	Filter	Aggregate
	

	Anonysense [6]	Web	X	X and maps	Ruby and small HTTP Severs	AnonyTL/Ruby	Authentication servers	 	X	Push/pull	Privacy distribution	X	 	Query	SQLite3
	Pogo [49]	Web	X	 	JavaScript-Openfire XMPP Pub/Sub	Scripts-Rhino	Generic	 	X	Push	Multibroker	X	X	Query	SQL
	MECA [26]	Web	 	X	 	Edge task	Generic	X	 	Pull	Analytics library and multibroker	 	X	Query and analysis	SN and device
	SmartCity [10]	Web	 	X	XMPP Pub/Sub	 	Learning algorithm	X	X	Push	Big Data, data mining Casandra/s4	X	X	Query and analysis	NoSQL
	ILR [51]	Web	X	 	Java/J2EE and Glassfish Application Server	ILR scheme	Location reliability algorithm	 	 	Push	Simulations NS2 Real Traces	X	 	Query and analysis	Derby
	NoiseNYC [16]	 	 	 	 	 	Generic	 	 	 	3D tensor Kriging, heatmaps, and others	 	X	Query and analysis	S/N and device
	BeC3 [46]	Web	X	X	C, Java/XMPP Pub/Sub, D-LITe Cloud	D-Lite/Python BPEL WS-CDL	Generic	X	X	Push/pull	 	 	X	Query	S/N and device
	McSense [12]	Web	X	X	Java Servlet Ajax Web-Apache Spring	 	Generic	X	X	Push	 	X	 	Query and analysis	PostgreSQL
	SaaS [44]	Web	X	X	 	 	Generic	X	X	Push	 	X	X	Query and analysis	S/N and device
	GPS-less [55]	Web	 	 	JavaScript	 	Coverage model algorithm	 	X	Push	 	 	X	Query and analysis	S/N and PostgreSQL
	JoinPolices [58]	 	 	 	 	 	Budget efficiency algorithm	 	 	Push	MatLab	 	X	Query and analysis	 
	MCSaaS [43]	Web	X	X	Java, Python/Apache Tomcat, Google Cloud Messaging (GCM)	XML task	Generic	X	X	Pull	Cloud broker Big Data	X	X	Query and analysis	S/N and device
	GROPING [61]	 	 	 	Amazon Mechanical Turk (AMT)	 	Location estimation algorithm	X	 	Pull	 	X	X	Query and analysis	S/N
	Qoata [67]	 	 	 	 	QOATA scheme simulated	Online learning and task allocation algorithm	 	 	 	 	 	X	 	 
	MCS game [72]	 	 	 	 	 	Q-learning algorithm	X	 	Push	Nash equilibrium (NE)	 	 	Query	 
	RuPS [75]	Web	X	X	 	 	Generic	 	 	Pull	Multi-Criteria Decision Making (MCDM)	 	X	Query and analysis	S/N and device
	NoizCrowd [18]	 	 	X	 	 	Spatial and temporal algorithm	X	 	Pull	Big Data	 	X	Query and analysis	SciDB and SPARQL
	QoS-Constrained [63]	 	 	 	 	 	Spatial temporal coverage	 	 	Pull	QoS: Min, Max, utility	X	X	 	 
	CrowdRecruiter [59]	 	 	 	 	 	Spatial temporal coverage	 	X	Pull	 	X	X	 	S/N
	PLP [77]	 	 	 	 	 	Learning algorithm	 	 	Pull	RSS fingerprint	X	X	Query and analysis	S/N
	MoreWithLess [80]	 	 	 	 	 	Spatial temporal correlations	 	X	Pull	 	X	X	Query and analysis	 
	Sparse [81]	 	 	 	 	 	Spatial temporal correlations	 	 	Pull	 	X	X	Query and analysis	 
	

	Ear-Phone [5]	Mobile	 	 	PHP script and Java	 	Generic	 	 	Pull	GPS MGRS converter	 	X	Query	MySQL
	Medusa [25]	Web	 	 	Apache, PHP, Java, and AMT	MedScript/Python	Generic	X	 	Push	Stage Library	X	 	Query	MySQL and device
	CrowITS [9]	Web	X	X	Google C2DM and PHP-Google Maps API	 	Generic	X	X	Push/pull	 	X	X	Query and analysis	MySQL and device
	CAROM [27]	Web	X	X	AMT EC2 and GSN	Task-XML/GSN	Generic	X	X	Push/pull	Data mining/FSI fussy	X	X	Query and analysis	S/N and device
	SoundOfTheCity [7]	Web	 	X	JavaScript	 	Generic	 	 	Pull	Media streaming and encoding	 	X	Query and analysis	MySQL
	MoPS [8]	Web	 	 	Java and Google Cloud Messaging (GCM) Pub/Sub	 	Generic	X	X	Push/pull	Data mining	 	X	Query	S/N
	Vita [15]	Web	X	X	Apache Tomcat and JBoss and (AWS) EC2 AND S3	Task BPEL/ BPEL4People: ODE and jBPM	Genetic algorithm and K-means	X	X	Push	 	 	X	Query	S/N
	Matador [52]	Web	X	X	 	Matador task	Spatial temporal algorithm	 	X	Pull	Adaptive sampling algorithm	 	X	Query	S/N
	SenSocial [19]	Web	 	X	PHP script/Pub-Sub (MQTT)	XML	Task OSN	 	X	Push/pull	OSN and filter aggregated	X	 	Query and analysis	MongoDB and device
	MCSinSpace [21]	Web	X	 	Mapping and tomographic reconstruction algorithms	 	Generic	X	X	Push	PFISR, Kalman filter, and interpolates	X	X	Query and analysis	S/N
	LineKing [22]	Web	 	 	Apache HTTP and AWS EC2	 	Generic	X	X	Pull	Wait-time estimator	X	 	Query	MySQL and device
	Ecosystem [47]	Web	X	X	Amazon EC2 M1, Ubuntu, and Apache Tomcat	Task BPEL XML	Generic	X	X	Push/pull	 	X	X	Query and analysis	S/N
	TYT [17]	Web	X	X	PHP Laravel	 	Generic	X	 	Pull	Algorithm TYT	 	X	Query	MySQL
	PRESM [23]	Web	 	X	 	 	Algorithms CS-based and RSS	 	X	Push	RSS Map generation	X	 	Query	S/N
	SmartRoad [71]	Web	 	 	Java, Django, and Python plugin/Google Maps	 	Learning algorithm	 	X	Push	Heatmap, 3D view	 	X	Query and analysis	MySQL and device
	



In general, we observe that most of the proposals provide a web interface for management and result presentation purposes, and most of them also provide data management and data sharing functionalities. The technologies used in these proposals are generally open source solutions like Apache, Java, and PHP, among others, and many of them use a database manager such as MySQL and PostgreSQL. Also, there is evidence that many proposals rely on a cloud infrastructure provided by Amazon [41] or Google [42].
With respect to the Server Task Manager, we find that most proposals present mechanisms to manage and deploy sensing tasks. In particular, in terms of task deployment, we find that the number of proposals adopting a push-based approach is similar to those adopting a pull-based approach.
Regarding the language used for task definition, some solutions describe tasks using specific algorithms, while others prefer using a programming language, as is the case of Pogo [49], Anonysense [6], and Medusa [25].
With respect to data management at the server, most solutions perform data aggregation similarly to client-side solutions. Some of them use intelligent data analysis techniques such as Big Data [8, 10, 43], MCDM [75], and PFISR [21], and various other statistical tools. Recent research works [80–82] take advantage of the space and the time correlation between the discovered data of different subareas with the aim of reducing the number of tasks required for the target purposes. Wang et al. [81, 82] present a solution called sparse MCS framework that uses inference algorithms to ensure the quality of the data after being collected. Instead, Xu et al. [80] describe a framework that uses four states (data structure conversion, base training, sampling, and reconstruction). It relies on programming algorithms to create a baseline dataset using the K-SVD algorithm, while for the reconstruction the Orthogonal Matching Pursuit recovery algorithm is adopted. In both cases, the intention is to produce a global saving on detection costs (power consumption, network resources) while ensuring the overall data quality.
As output, data can be presented in different formats, the use of heatmaps being a representative example when sensing that information is geolocated.
4.4. Data Communications Issues
We conclude our analysis of the current crowdsensing literature by focusing on client-server communication solutions. Notice that, since communications simultaneously involve clients and servers, we address communication issues jointly in this section.
Table 5 summarizes the main communication characteristics associated with the different proposals. We have also surveyed the metrics used by each proposal for performance analysis and classified them according to their scope as generic, QoS, and scalability. As generic performance metrics we refer to those proposals addressing network performance in terms of packet delivery ratio, end-to-end delay, and transmission overhead, among others. QoS issues are associated with data acquisition, and they attempt to avoid the fact that the delivery of massive data (data without processing) directly from the source negatively impacts network traffic and the energy consumption of mobile devices. Concerning scalability, authors assess the capability of the infrastructure in terms of adaptability to an increasing number of sensing tasks and terminals to determine if it is able to adapt to both small and large deployments. Under the scalability concept we have also considered the elasticity of these services (middleware) to manage changes.
Table 5: Classification of the different data transmission solutions according to the proposed architecture.
	

	Publication	Scope
	Communication technologies	Topology	Networking approach
	Protocols/format	Performance metrics
	Generic	QoS	Scalability
	

	Neighbor [60]	T1	WiFi/Bluetooth/Cellular	Hybrid	Algorithm/one simulated	 	X	 	X
	Coupon [64]	WiFi/Bluetooth	Hybrid	ERF and BSWF	TCP	X	 	 
	Anonymity [66]	WiFi	Centralized	Slot reservations stage and data submission stage	TCP	X	 	 
	NeCorpia [68]	WiFi	Distributed-hybrid	Network encoding format/Gaussian eliminations	TCP	X	 	 
	QoSMCS [69]	 	Hybrid	Markovian stochastic Petri NeT	HTTP-TCP	 	X	 
	RemoteCloud [73]	WiFi/Cellular	Distributed	MANET or device-to-device (D2D)	TCP	X	 	 
	EffSense [76]	Bluetooth/WiFi/Cellular	Hybrid	Publish-Subscriber	HTTP-JSON	X	 	 
	Context [79]	Bluetooth	Hybrid	Simulated	TCP	X	 	 
	

	PRISM [24]	C2	WiFi/Bluetooth/Cellular	Centralized	PRISM client and Sandbox	 	 	 	X
	DAM4GSN [50]	WiFi/Cellular	Hybrid	GSN (SOAP and RESTful web services)	HTTP-XML	 	 	 
	StressSense [14]	WiFi/Cellular	Distributed	MatLab	 	 	 	 
	Usense [53]	WiFi/Cellular	Distributed	SOAP web services (RPC)	HTTP-XML	X	 	 
	REPSense [11]	WiFi/Cellular	Distributed	 	 	 	 	 
	PLUS [13]	WiFi	Centralized	Web services	 	 	 	 
	MOSDEN [28]	WiFi/Cellular	Distributed	GSN (SOAP and RESTful web services)	HTTP-XML	X	 	 
	SenseDroid [54]	WiFi/Bluetooth/Cellular	Hybrid	Provides libraries and APIs	 	 	 	 
	AlienvsMobile [39]	WiFi	Centralized	NS2 simulated	HTTP	X	 	 
	CUPUS [48]	WiFi	Distributed	Publish-Subscriber (MQTT-MOSQUITO)	HTTP-XML	X	 	 
	BLISS [20]	 	 	Simulated	 	 	 	 
	SPREAD [56]	S/E	 	Simulated	 	 	 	 
	MAP+ [57]	WiFi/Cellular	Centralized	 	 	 	 	 
	ADTS [65]	WiFi/Cellular	Hybrid	Simulated	 	 	 	 
	FlierMeet [70]	WiFi	Distributed	—	 	 	 	 
	MDPPs [74]	WiFi/Bluetooth/Cellular	Distributed	SOAP web services	HTTP-XML	 	 	 
	EasyHarvest [45]	WiFi/Cellular	Centralized	RESTful web services	HTTP-XML	 	 	 
	Sahyog [78]	WiFi/Cellular	Centralized	Publish-Subscriber	HTTP-JSON	X	 	 
	WiFIScout [62]	WiFi	Centralized	 	HTTP	 	 	 
	

	Anonysense [6]	 S3	WiFi/Bluetooth	Hybrid	SOAP web services (SMTP/SSL)	HTTP(S)-XML	 	 	 
	Pogo [49]	WiFi/Cellular	Centralized	Publish-Subscriber (XMPP Openfire)	HTTP-JSON	X	 	
	MECA [26]	WiFi/Cellular	Distributed	 	 	 	 	 
	SmartCity [10]	 	Distributed	Publish-Subscriber (XMPP)	HTTP-XML	 	 	 
	ILR [51]	WiFi/Bluetooth	Centralized	ILR Algorithm/simulated NS2	 	 	 	 
	NoiseNYC [16]	 	Distributed	 	 	 	 	 
	BeC3 [46]	WiFi	Distributed	RESTful web services (COAP)	HTTP-XML	 	 	 
	McSense [12]	WiFi/Bluetooth	Distributed	RESTful web services	HTTP-XML	X	 	 
	SaaS [44]	WiFi/Bluetooth/Cellular	Distributed	Web services	HTTP	 	 	 
	GPS-Less [55]	WiFi	Distributed	Approximation algorithms	HTTP	X	 	 
	JoinPolices [58]	Budget	Distributed	Simulated MatLab	 	X	X	 
	MCSaaS [43]	WiFi/Cellular	Distributed	RESTful web services	HTTP-XML	X	 	 
	GROPING [61]	WiFi	Centralized	 	 	 	 	 
	Qoata [67]	 	Centralized	Simulated	 	 	 	 
	MCS game [72]	WiFi/Cellular	Centralized	 	 	 	 	 
	RuPS [75]	WiFi/Cellular	Centralized	RESTful web services	HTTP	 	 	 
	NoizCrowd [18]	 	Distributed	 	 	 	 	 
	CrowdRecruiter [59]	WiFi/Cellular	Centralized	Simulated	 	 	 	 
	QoS-Constrained [63]	 	Hybrid	Simulated	 	 	 	 
	PLP [77]	 	Hybrid	 	 	 	 	 
	MoreWithLess [80]	 	Distributed	 	 	 	 	 
	Sparse [81]	 	Distributed	 	 	 	 	 
	

	Ear-Phone [5]	G4	WiFi/Cellular	Centralized	 	 	 	 	 
	Medusa [25]	WiFi/Cellular	Distributed	MedScript-SMS-MMS	HTTPS-XML	X	 	X
	CrowITS [9]	WiFi/Cellular	Centralized	RESTful web services (C2DM)	HTTP-JSON	 	 	 
	CAROM [27]	WiFi/Bluetooth/Cellular	Hybrid	GSN (SOAP and RESTful web services)	HTTP	X	 	 
	SoundOfTheCity [7]	WiFi/Cellular	Centralized	SOAP web services (RTMP)	HTTP-XML	 	 	 
	MoPS [8]	WiFi/Cellular	Distributed	RESTful web services (GCM)	HTTP-XML	 	 	 
	Vita [15]	WiFi/Cellular	Hybrid	RESTful web services	HTTP-XML	X	 	X
	Matador [52]	WiFi/Cellular	Centralized	RESTful web services	HTTP-XML	 	 	 
	SenSocial [19]	WiFi/Bluetooth/Cellular	Centralized	Publish-Subscriber (MQTT-MOSQUITO)	HTTP-JSON	X	 	X
	MCSinSpace [21]	WiFi/Cellular	Distributed	RESTful web services	HTTP	 	 	 
	LineKing [22]	WiFi	Centralized	SOAP web services	HTTP	 	 	 
	Ecosystem [47]	WiFi/Cellular	Distributed	RESTful web services	HTTP-XML	X	 	 
	TYT [17]	WiFi/Bluetooth/Cellular	Centralized	RESTful web services	HTTP	 	 	 
	PRESM [23]	WiFi/Cellular	Centralized	 	 	 	 	 
	SmartRoad [71]	WiFi/Cellular	Centralized	SOAP web services	HTTP-XML	 	 	 
	


: proposals addressing transmission issues.
: proposals centered on the client side.
: proposals centered on the server side.
: global solutions.


Notice that Table 5 is clustered into four different parts according to the scope of the proposal: T refers to those proposals only addressing transmission issues, C refers to proposals centered on the client side, S refers to proposals centered on the server side, and G refers to global solutions.
Concerning communication technologies used, a large number of proposals relied on WiFi and Cellular communications, although we can also find proposals that rely instead on Bluetooth due to its flexibility and low consumption features. Additionally, we find that most solutions opted for either a centralized topology or a distributed topology, with only a reduced number of proposals choosing a hybrid approach. Regarding the networking approach, most solutions adopt RESTful services based on HTTP or make use of the XML format.
Focusing now on the performance metrics addressed by each proposal, most solutions made a generic performance analysis (delivery delay, data rate, etc.). However, very few solutions addressed QoS and scalability issues. For instance, we can find solutions such as GCM [9] that address scalable services in the cloud, others that address scalability in the context of the Publish/Subscriber paradigm [8], and yet others that relate it to broker collaboration [54], but none of these actually assess performance in the scalability context.
Regarding proposals evaluating Quality of Service performance, they typically perform such evaluation in terms of task allocation and coverage optimization in the target area. For instance, proposals such as JoinPolices [58] evaluate the impact and the performance of task execution based on incentive policies, while QoSMCS [69] defines an ad hoc method for the evaluation of QoS in the context of mobile crowdsensing services based on Petri networks.
Finally, regarding scalability, solutions such as PRISM [24] assess the performance achieved through comparison against other solutions. Neighbor [60] measures message diffusion performance between the mobile nodes and the data collection server. Lastly, Medusa [25] proposes a prototype able to measure in runtime the time taken to perform several individual steps associated with task executions, both on the cloud and the smartphone.
5. Open Research Issues
Based on the analysis presented in the previous sections, it becomes clear that, despite the many advancements introduced in the mobile crowdsensing field in recent years, there are still several issues that should be properly addressed for solutions to become more effective and therefore gain more widespread acceptance.
At the user’s side, it becomes clear that the sensing tasks should not become a burden. Thus, any external sensors, if required at all, should be small and lightweight, have a low power consumption, and have an elegant and stylish look. Ideally, additional sensors should be progressively integrated into new smartphones either directly from the manufacturer or as pluggable modules. Power and network resource consumption are also an issue, and so smart algorithms able to correctly determine the best sampling times while avoiding intensive CPU usage are required; in terms of network resources, peer-to-peer data delivery combined with smart network selection can help at avoiding to deplete radio resources and having a negative impact in terms of traffic quotas.
From a more global perspective, further studies are required in order to assess the scalability and the QoS support of the different proposals. In particular, their impact on the end-to-end communications infrastructures should be thoroughly studied. Additionally, new algorithms should be developed to improve the processes of data collection and analysis.
6. Conclusions
Crowdsensing solutions that benefit from smartphones are proliferating due to the multiple advantages offered. Thus, it becomes important to provide a unified view of the different author contributions to detect the major areas of improvement. In this paper we address this challenge through a survey that provides the reader with an extensive review of existing smartphone-based solutions in the field of mobile crowdsensing. We start by presenting a novel reference architecture where we identify the major components at client side, server side, and the communications level. Based on our proposed architecture, we then proceed to classify the different proposals, focusing separately on the client, the server, and the communications part of each solution.
Our extensive literature analysis has shown that most proposals provide some degree of adaptability to different work environments. In addition, we found that technologies and algorithms applicable at both client and server sides have evolved significantly and are often available in a modular format, allowing other researchers to include them in their proposed solutions. Concerning improvements in the data capture process itself, we found that the main issues are the software adaptability to different types of sensors and reducing power consumption. At the server side, the most critical improvements include task generation language and procedures, the analysis and storage of data, and providing an adequate interface for task management by administrators. The communication between client and server usually makes use of technologies like SOAP and RESTful, and most solutions support Publish/Subscriber models.
Overall, we believe that mobile crowdsensing is now achieving its maturity, being a widespread adoption of crowdsensing solutions expectable in the next few years.
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