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Hospitals have begun to provide their own apps to improve the efficiency of hospital services. *is study investigated the factors
influencing the adoption of medical apps by hospital patients by using a theoretical model that combines the extended unified
theory of acceptance and use of technology (UTAUT) with the concept of e-health literacy and personal innovativeness (PI). Data
were obtained from responses to a paper-based self-reported questionnaire issued to patients at a hospital in Taoyuan, Taiwan. Of
the 650 distributed questionnaires, we received 629 completed questionnaires, yielding a response rate of 96.8%.*e responses to
the completed questionnaires were analyzed using structural equation modeling (SEM). Partial least squares regression was used
for model and hypothesis testing. *e data were analyzed using an SEM approach to test ten hypotheses; significant support was
observed for five of these hypotheses. *e results indicated that habit, performance expectancy, facilitating conditions, and PI had
significant positive effects on the usage intention (UI) of individuals, thereby confirming that e-health literacy moderates the
association between performance expectancy and UI. *is research contributes to the current understanding of adoption of
hospital medical apps by patients. *e findings are expected to assist hospitals in deciding whether to consider medical apps when
investing in information technology.

1. Introduction

With the progress of technology and popularity of the
Internet, information technologies (ITs) such as messaging
and communications technology, Internet technologies,
and computers have become integrated into people’s daily
lives and have enhanced economic and social progress.
Because of the popularization of mobile computing, nu-
merous people possess smartphones, tablets, or laptop
computers, and other mobile devices; such devices enable
users to access the Internet and use information and
communications technologies (ICTs) at any time. ICTs
provide several advantages to organizations and users. In
hospitals, the Internet, ITs, and information systems (ISs)
are increasingly used to facilitate health-care management.

Smart home and health-care systems also use these tech-
nologies [1–3].

As the number of consumers who use smartphones and
tablet computers has increased, people’s daily lives have
become more convenient [4]. *e popularization of mobile
commerce has enabled users to acquire information online
to satisfy the various demands of daily life [5]. *us, con-
sumers are increasingly dependent on mobile devices [6],
and this has prompted the rapid development of smartphone
applications or “apps” [7]. Hospitals have paid considerable
attention to app usage. Hospitals use apps to assist with
services such as patient registration, outpatient service
progress, promoting health education, and outpatient
schedules. By using apps, hospitals aim to increase public
satisfaction and reduce registration waiting times.
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Several theories have discussed the usage intention (UI)
of users toward new technologies. *ese theories include the
theory of reasoned action (TRA), theory of planned behavior
(TPB), technology acceptance model (TAM), and unified
theory of acceptance and use of technology (UTAUT) [8, 9].
Venkatesh et al. [10] combined the TRA, TPB, TAM, mo-
tivational model, social cognitive theory, model of PC uti-
lization, combined TAM and TPB model, and innovation
diffusion theory. *e researchers deduced that the UTAUT
model explained up to 70% of users’ behaviors; this was
considerably higher than the results of previous models.
*us, this model was considered to explain user behavior
more completely. Venkatesh et al. [11] developed an ex-
tended UTAUT (UTAUT2) model. *e UTAUT2 model is
currently the most comprehensive model and was derived by
extending the UTAUT model. Venkatesh et al. [11] argued
that the UTAUT2 is suitable for analyzing consumer
behavior.

In recent years, the UTAUT2 model has been ac-
knowledged as one of the latest theoretical frameworks to
explore the users’ adoption and acceptance of new tech-
nologies and has been increasingly given attention from
researchers. In addition, the model has been widely used in
different industries and domain, including air travel market,
mobile banking, social media websites, mHealth services,
and social networks sites [12–18]. For example, Alam et al.
[12] proposed a comprehensive conceptual model that in-
vestigates the determinants of the adoption intention and
use of mHealth services in a developing country. *e model
was based on the extended UTAUT2 and other factors. *e
results confirmed that performance expectancy, social in-
fluence, facilitating conditions, and perceived reliability
positively influence behavioral intention (BI). *e model
proposed by Alalwan et al. [13] expands the UTAUT2, to
explore the factors that influence the adoption of mobile
banking by Jordanian bank customers. *e results indicated
that performance expectation, effort expectancy, hedonic
motivation, price value, and trust have a significant and
positive impact on BI. Macedo [15] confirms that, in the
UTAUT2 model, performance expectancy, effort expec-
tancy, social influence, facilitating conditions, hedonic
motivation, and habit have a significant positive impact on
older adults’ BI to use ICT; among them, performance
expectancy had the greatest impact. Habits have a significant
positive impact on use behavior. Sheikh et al. [16] developed
an extended UTAUT 2 model incorporating social support,
social commerce constructs, and cultural moderators to
investigate the factors affecting social commerce acceptance.
*e results indicated that performance expectancy, habit,
hedonic motivation, social commerce construct, social
support, and price-saving orientation have a positive asso-
ciation with BI. Escobar-Rodŕıguez and Carvajal-Trujillo
[17] used the UTAUT2 model that was proposed by Ven-
katesh et al. [11]. *e results showed that performance
expectation, effort expectation, social influence, facilitating
conditions, hedonic motivation, habits, and price-saving
orientation have positively affected the online purchase
intention. Based on the above discussion, in the theoretical
framework of UTAUT2, many researchers indicated that

performance expectation, effort expectation, social influ-
ence, facilitating conditions, hedonic motivation, habits, and
price value have an impact on BI.

*e concept of innovativeness was first proposed by
Rogers and Shoemaker [18], who argued that innovativeness
refers to the degree to which an individual adopts innovative
ideas earlier than others in the same social system [19, 20].
Agarwal and Prasad [21] defined personal innovativeness
(PI) from the perspective of IT as an individual’s willingness
to try new ITs. *is type of PI is an inherent characteristic
and affects an individual’s attitude toward new products
[22, 23]. Limayern et al. [24] defined innovativeness as the
degree to which an individual uses a new technology earlier
than others in the same social system. Innovativeness can
affect other consumers’ usage behaviors through their at-
titude and intention. In a study by Wong et al. [25], they
adopted the UTAUT as a basic model and combined it with
personal innovativeness in information technology (PIIT),
perceived enjoyment (PEJ), and mobile skillfulness (MS) to
explore factors that influence consumers’ BI to use
m-advertising. *ey found that performance expectation,
effort expectation, social influence, and facilitating condi-
tions have an impact on BI. However, personal PIIT has no
effect on BI. However, some previous researchers have
proven that PIIT has an impact on the adoption of new
technologies [26, 27].

Following the rapid development of the Internet and its
integration into everyday life, people use it to search for
information, communicate, perform recreational activities,
and work [28–30]. Online medical health information often
includes professional terminology, complex health-care
information, and misleading information [31]. *is reflects
insufficiencies in the public’s health literacy, health infor-
mation literacy, and e-health literacy. In recent years,
governments worldwide have actively promoted e-health.
For instance, Norman and Skinner [32] raised the impor-
tance of e-health literacy, which lies primarily in assisting
consumers with using IT to promote health and medical
care. Such assistance has enabled e-health literacy to gain
increasing attention. When social and technical issues affect
computer-based conflicts, literacy becomes more complex.
To fully utilize IT to promote health, special techniques and
abilities are required in addition to literacy [33]. Norman
[33] stated that the skill of combining e-health literacy with
various qualities can be applied for the promotion and care
of e-health. *ese qualities include the core literacies (or
skills) of traditional literacy, information literacy, computer
literacy, media literacy, scientific literacy, and health literacy.
*e present study defined e-health literacy as the ability of
the public to operate apps and use them to acquire, search
for, and evaluate or create information, in order to promote
and maintain their personal health.

In summary, medical apps are gaining increasing at-
tention in hospitals and are used for services such as assisting
with patient registration, requests for information on out-
patient service progress, and promotion of health education.
Such usage increases public satisfaction and reduces regis-
tration waiting times. In the past, many theories such as the
TRA, TPB, TAM, and UTAUT have examined the adoption
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intention of users toward new ITs and ISs. Among these
theories, the TPB and TAM are the most influential and
widely used [34, 35]. However, regarding predictions of UI,
the TAM considers only the variables of perceived ease of
use and perceived usefulness and explains only approxi-
mately 40% of variation in UI. *e UTAUTprovides a more
comprehensive explanation, with the explained variance
approaching 70% [10]. Venkatesh et al. [11] further pro-
posed the UTAUT2 model and argued that this model was
suitable for analyzing the usage behaviors of individuals
toward new ITs and ISs. *erefore, the current study
employed UTAUT2 as a base model and combined it with PI
to examine the UIs of residents of Taoyuan, Taiwan, toward
medical apps. However, the application of UTAUT2 model
in this study faced limitations. *e hedonic motivation
means “the pleasure or enjoyment derived from using
technology” [16]; price value means the value of the per-
ceived benefit from the technology compared to the cost.
Due to the fact that the medical app in this study is de-
veloped by the hospital, it is available to the public to
download for free. Its function is mainly based on medical
services, and there are no other interesting functions.
*erefore, hedonic motivation and price value could not be
included in the research model. In addition, to investigate
whether the e-health literacy of individuals influenced their
UIs toward medical apps, e-health literacy was included as a
moderating variable. *e empirical findings of this study are
provided as a reference for hospitals and businesspeople
engaged in developing medical apps, seeking medical health
information, and related strategies.

2. Research Methodology

2.1. Research Model. *e hypothesized model was con-
structed using the exogenous variables of habit, performance
expectancy (PE), effort expectancy (EE), social influence
(SI), facilitating conditions (FCs), and PI; the endogenous
variable of UI; and the moderating variable of e-health
literacy (see Figure 1). *e hypotheses, discussed in sub-
sequent sections, are numbered and illustrated in the pro-
posed path model.

2.2. Research Hypotheses

Hypothesis 1. Habit has a significant effect on UI.

Hypothesis 2. PE has a significant effect on UI.

Hypothesis 3. EE has a significant effect on UI.

Hypothesis 4. SI has a significant effect on UI.

Hypothesis 5. FCs have a significant effect on UI.

Hypothesis 6. PI has a significant effect on UI.

M1: the relationship between PE and UI is moderated
by the level of e-health literacy

M2: the relationship between EE and UI is moderated
by the level of e-health literacy
M3: the relationship between SI and UI is moderated by
the level of e-health literacy
M4: the relationship between FC and UI is moderated
by the level of e-health literacy

2.3. Instrumentation. Data were collected using a two-part
questionnaire survey. *e first part examined the respon-
dents in relation to the UTAUTand assessed their PE, EE, SI,
FCs, UI, PI, and e-health literacy by using a 5-point Likert
scale with values ranging from 1 (strongly disagree) to 5
(strongly agree). *e second part used a nominal scale to
obtain basic information about the respondents’ charac-
teristics, including their gender, age, formal education,
monthly income, and intention to use the medical app
system.

Our scale was developed following the recommendations
of MacKenzieet al. [36] and the standard psychometric scale
development procedures suggested by Devellis [37]. We
translated measuring items for UTAUT2 constructs (25
items) developed by previous researchers [11, 14–16, 19] into
traditional Chinese. *e measuring items for UTAUT2
constructs included habit (three items), PE (five items), EE
(five items), SI (four items), FCs (four items), and UI (four
items). *e measuring items of PI constructs were adapted
from a measurement developed by previous researchers
[18, 20, 21, 25–27] and contained five items. Nine items were
included for e-health literacy [32, 33]. Details on the
questionnaire used are shown in Table 1.

To ensure that the survey questions were concise and
understandable, in-depth interviews and a pilot study were
conducted.*e questionnaires were initially administered to
seven researchers who specialized or were interested in
hospital management, ITand management, ISs, and medical
app systems. *e research procedure was reviewed and
approved by the Institutional Review Boards (IRB) of Tri-
Service General Hospital (2-105-05-144). Convenience
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Figure 1: Research framework.
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Table 1: Measurement items.

Constructs/items Sources
Habit

Venkatesh et al. [11], Herrero eta l. [14], Macedo [15], Sheikh et al. [16],
Escobar-Rodŕıguez and Carvajal-Trujillo [17], and Alam et al. [19]

(1) Using medical apps has become a habit of mine
(2) I believe that medical apps have become important tools in
my life
(3) Using medical apps comes naturally to me
Performance expectancy (PE)
(1) Medical apps are helpful in my daily life
(2) Using medical apps can satisfy my medical health-care needs
(3) Using medical apps can improve my efficiency in monitoring
health conditions
(4) Using medical apps can improve my health management
ability
(5) Using medical apps can improve the monitoring of my
health conditions
Effort expectancy (EE)
(1) Learning to use medical apps is very simple for me
(2) *e interactions with medical apps are clear and easy to
understand
(3) *e operations of medical apps are simple and convenient
(4) Medical apps are easy to use
(5) I can easily master the skills of using medical apps
Social influence (SI)
(1) People who are important to me believe that I should use
medical apps
(2) People who influence my behavior believe that I should use
medical apps
(3) People whose opinions I value prefer using medical apps
(4) People whom I trust believe that I should use medical apps
Facilitating conditions (FCs)
(1) I have the necessary resources for using medical apps
(2) I have the necessary knowledge and skills for using medical
apps
(3) *e medical apps that I am using are compatible with other
technologies
(4)When I have difficulties usingmedical apps, I can obtain help
from other people
Usage intention (UI)
(1) I intend to continue using medical apps in the future
(2) I will try using medical apps in my daily life
(3) I am planning to use medical apps often
(4) Overall, I am willing to continue using medical apps
Personal innovativeness (PI)

Rogers and Shoemaker [18], Rogers [20], Agarwal, and Prasad [21],
Wong et al. [25], Tan et al. [26], and Al-Busaidi [27]

(1) When a new technology product or service emerges, I am
usually the first among my friends to know about it
(2) In the fields in which I am interested, I can always keep up
with the developments of the latest technologies
(3) if I hear about a new information technology, I look for ways
to experiment with it
(4) I like to experiment with new information technologies (ITs)
(5) When using technologies, I encounter fewer problems than
others

4 Mobile Information Systems



sampling was used to issue 250 questionnaires to medical
app users in Taoyuan, Taiwan. After excluding 54 invalid
questionnaires, the same questionnaire was administered to
196 hospital patients experienced in using medical apps.
Regarding the reliability of all constructs, Cronbach’s alpha
coefficients ranged from 0.824 for habit to 0.959 for UI, both
of which were substantially higher than the minimum value
of 0.7 that is considered acceptable as an indication of re-
liability [38].*ese results implied that the scales used in this
research satisfactorily measured the constructs of interest.
Based on the pilot study results, the questionnaire was re-
vised twice. *e final questionnaire comprised 46 items in
addition to a series of demographic and self-reported usage
items.

2.4. Sample and Descriptive Statistics. We issued the
questionnaires during face-to-face interviews with pa-
tients at a hospital in Taoyuan, Taiwan. *e participants in
this study were volunteers. We distributed 650 ques-
tionnaires to users of the medical app system selected
through convenience sampling. All 650 questionnaires
were returned; however, 21 responses where at least one-
third of the items were unanswered or incompletely an-
swered were discarded. *e remaining 629 valid responses
(effective retrieval rate: 96.8%) were statistically analyzed.
*e general characteristics of the participants are listed in
Table 2. In the survey, the percentages of men and women
were 46.1% and 53.9%, respectively; most of the partici-
pants were aged ≦ 49 years (66.7%), 56.4% had attended
college and university, and the most prevalent monthly
income bracket was NT$20,001–40,000 (44.5%). *e
overall intention to use the medical app system was willing
(42.3%).

3. Results

We combined the analyses of measurement and structural
models through structural equation modeling (SEM). *e
most common SEM techniques include linear structural
relationship and partial least squares (PLS) [39, 40]. *e PLS
technique is component-based and involves a least squares

estimation procedure. PLS can be used to determine con-
struct and structural validities and can be used to analyze
measurement and structural models.

Depiction of a research model containing moderators
with PLS differs from the traditional representation of the
said model. In a PLS model, the moderator (e-health literacy
in the present construct) is depicted as an independent
variable with a direct path to UI. According to Chin et al.
[41], these interaction measurement variables are calculated
by multiplying every indicator in the moderator by every
indicator in the independent variable. Conceptually, the
interaction construct (PE× e-health literacy, EE× e-health

Table 1: Continued.

Constructs/items Sources
e-Health literacy

Norman and Skinner [32] and Norman [33]

(1) I know what health resources are available on the Internet
(2) I know where to find helpful health resources on the Internet
(3) I know how to find helpful health resources on the Internet
(4) I know how to use the Internet to obtain answers to my
questions about health
(5) I know how to use health information on the Internet to help
me
(6) I can rate the health resources on the Internet
(7) I can distinguish between high- and low-quality health
resources on the Internet
(8) I can determine the correctness of health information on the
Internet
(9) I feel confident in using information from the Internet to
make health decisions

Table 2: Profiles of respondents (N� 692).

Factor/level N %
Gender

Male 290 46.1
Female 339 53.9

Age
≦ 49 420 66.7
50–59 102 16.3
60–69 80 12.7
≧ 70 27 4.3

Formal education
Elementary school and below 22 3.5
Junior high school 38 6.0
Senior/vocational high school 138 21.9
College and university 355 56.4
Graduate institute and above 76 12.1

Monthly income
< 20,000 121 19.2
20,001–40,000 280 44.5
40,001–60,000 154 24.5
60,001–80,000 40 6.4
80,001–100,000 22 3.5
> 100,001 12 1.9

Intention to use the medical app system
Highly willing 166 26.4
Willing 266 42.3
Neutral 166 26.4
Unwilling 27 4.3
Highly unwilling 4 0.6
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literacy, SI× e-health literacy, and FCs× e-health literacy) is
depicted as having a direct path to BI.*is study used PLS to
analyze the research model.

*is study has applied Harman’s one-factor test to
confirm the existence of common method variance (CMV)
in the resultant data set [42]. *e result indicated that the
first factor accounts for 46.73% of the variance andmeets the
criterion that the first fixed factor must explain less than 50%
of the variance, implying that no CMV occurred [42].

3.1. Measurement Model Evaluation. *e relationship be-
tween the observed variables (i.e., manifest variables or
indicators) and latent variables (i.e., constructs being
measured) were specified using the measurement model.
*e convergent and discriminant validity of each construct
was evaluated to verify the suitability of the construct
measures [43, 44]. Convergent validity refers to the con-
sistency exhibited by multiple items in measuring the same
construct. *e criteria used for assessing convergent validity
[38, 45, 46] were as follows: (1) the reliability coefficients
(Cronbach’s alpha) should exceed 0.7, (2) the composite
reliability (CR) coefficients for each latent construct should
exceed 0.7, and (3) the average variance extracted (AVE) for
each latent construct should exceed 0.5.

Table 3 lists the reliability indices and convergent
validity scores of the constructs. *e standardized item
loadings ranged from 0.603 to 0.913 and were significant
at 0.01 [38]. Cronbach’s alpha coefficients ranged from

0.888 for discomfort to 0.948 for insecurity, indicating
high internal consistency of the survey instrument (Ta-
ble 3). As shown in Table 3, all values exceeded the
recommended level of 0.7, thereby reflecting the high
robustness of the scale [38].

CR refers to a set of latent construct indicators that are
consistent in their measurement; CR is also the degree to
which a set of two or more construct indicators are con-
sistent in their measurement [38]. *e CR coefficients for all
constructs ranged from 0.915 for discomfort to 0.965 for
insecurity (Table 3), and thus, all were above the 0.7
benchmarks recommended by Fornell and Larcker [46]. *e
test for construct validity was conducted because this test is
crucial for stabilizing the measure dimensionality during
measure development [47].

Convergent and discriminant validity were evaluated
by calculating the AVE for each factor in every model.
Convergent validity is established when the shared variance
accounts for at least 50% of the total variance. Discriminant
validity refers to the degree to which measurements of a
concept are distinct, implying that correlations among
items on the same scale should be higher than those be-
tween items in different constructs. Discriminant validity is
evident when the AVE for each construct exceeds the
squared correlation between the construct in question and
any other construct in the model [46]. All constructs
exhibited AVE values between 0.545 for discomfort and
0.864 for insecurity (Table 3), and thus, all exceeded the 0.5
benchmarks recommended by Fornell and Larcker [46]. In

Table 3: Validity and reliability.

Construct Mean SD Cronbach’s alpha AVE CR DV
Habit 3.61 0.78 0.903 0.775 0.932 1.254
Performance expectancy (PE) 4.01 0.67 0.932 0.788 0.949 1.364
Effort expectancy (EE) 3.88 0.71 0.942 0.777 0.954 1.223
Social influence (SI) 3.59 0.80 0.951 0.872 0.965 1.411
Facilitating conditions (FCs) 3.75 0.72 0.888 0.753 0.924 1.185
e-Health literacy 3.88 0.56 0.896 0.545 0.915 2.289
Personal innovativeness (PI) 3.70 0.72 0.920 0.757 0.939 2.243
Usage intention (UI) 3.91 0.74 0.948 0.864 0.962 1.457
AVE: average variance extracted, CR: composite reliability, and DV: discriminant validity.
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SI 
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Habit PI

–0.011

0.087∗∗

0.167∗∗

0.303∗∗

0.165∗∗

0.310∗∗

0.057

e-Health literacy

EE X e-Health
literacy

SI X e-Health
literacy

FC X e-Health
literacy 

PE X e-Health
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0.030
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Figure 2: Path coefficients for the research model (including interaction effect). Value on path: standardized coefficients (β), R2: coefficient
of determination, and ∗, p< 0.01; ∗∗, p< 0.05.
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addition, this study also shows the DV values of all con-
structs in Table 3. *e results indicated that the DV of all
constructs were greater than 1.0, which means that all
constructs in this study had good level of discriminate
validity [48]. Overall, the items demonstrated satisfactory
convergent and discriminant validity.

3.2. Hypothesis Testing. To test our research hypotheses, we
specified paths between constructs to build a structural
model that matched the proposed relationships. Figure 2
shows the results of SEM estimation, including the stan-
dardized path coefficients for each hypothesized path in the
model, significance based on the one-tailed t-tests, and
amount of variance (R2). Standardized beta coefficients from
the estimated structural model are reported in Table 4
alongside the associated t-values for each construct.

Regarding the components of the UTAUT2 model,
habit, PE, and FCs exerted significant positive effects on UI
(standardized beta coefficient� 0.303, 0.165, and 0.310, resp.;
p< 0.05). *erefore, Hypotheses 1, 2, and 5 were supported.
By contrast, the constructs of EE and SI had negligible effects
on UI (standardized beta coefficient� −0.011 and 0.057,
resp.; p> 0.05). *erefore, Hypotheses 3 and 4 were not
supported. PI had a significant positive effect on UI (stan-
dardized beta coefficient� 0.167; p< 0.05). *erefore, Hy-
pothesis 6 was supported. Moreover, e-health literacy had a
significant positive effect on UI (standardized beta coef-
ficient� 0.087; p< 0.05) and the interaction effects of PE and
e-health literacy (M1) on UI (standardized beta coef-
ficient� 0.110; p< 0.05), whereas EE and e-health literacy
(M2), SI and e-health literacy (M3), and FCs and e-health
literacy (M4) had only negligible effects on UI (standardized
beta coefficient� 0.030, 0.003, and 0.028, resp.; p> 0.05).
*erefore, M1 was supported but M2, M3, and M4 were not
supported. *ese constructs explained 71.6% of the variance
in UI.

4. Discussion

In recent years, hospitals have developed medical apps (with
functions such as registration assistance and waiting in-
formation) to provide a convenient medical environment to
the public. *us, the public’s UI toward medical apps has
become a crucial topic. *is study combined the UTAUT2
model [9] with PI to propose a new framework for exam-
ining the UI of the public toward medical apps. No other
study has empirically examined the moderating effect of
e-health literacy on UI. *erefore, this study included
e-health literacy as a moderating variable to explore whether
individuals’ e-health literacy levels affected their UI toward
medical apps. *e results revealed that the reliability, val-
idity, path coefficient, and variance explained (R2 value)
indicated favorable effectiveness of the model. *e results
could serve as a reference for suppliers of medical mobile
app service systems to make system adjustments in order to
enhance the UIs of users. In the research model proposed in
this study, the dependent variables explained 71.6% of the
variance (R2 value) of the overall model.*e aforementioned
data confirm that the theoretical framework proposed in this
study was sufficient to explain the public’s UI toward
medical apps.

*e empirical results indicated that EE and SI had no effect
on UI. Because apps have a wide range of uses and are inte-
grated into daily life, people use them frequently. Moreover,
people are accustomed to using apps and understanding their
advantages. *e empirical results indicated that EE and SI
exerted only negligible effects on UI. However, habit, PE, and
FCs significantly affected UI. *ese results concurred with
those of previous studies [11–18]. In addition, PI also signif-
icantly affected UI, which is consistent with previous studies
[26, 27]. Because many individuals are accustomed to using
medical apps, the diverse information provided by medical
apps enables individuals to quickly performhealth-related tasks
(e.g., registering at hospitals, obtaining waiting information,

Table 4: Estimation results for hypotheses.

Construct
Model 1 Model 2 Model 3

β t-value β t-value β t-value
Habit⟶UI 0.283∗∗ 4.411 0.282∗∗ 4.442 0.303∗∗ 5.121
PE⟶UI 0.158∗∗ 2.469 0.157∗∗ 2.505 0.165∗∗ 3.232
EE⟶UI 0.002 0.027 0.023 0.309 −0.011 0.168
SI⟶UI 0.060 1.314 0.069 1.519 0.057 1.341
FC⟶UI 0.344∗∗ 5.403 0.338∗∗ 5.584 0.310∗∗ 5.251
PI⟶UI 0.125∗∗ 3.295 0.150∗∗ 4.250 0.167∗∗ 5.340
Moderator effect
e-Health literacy⟶UI 0.072∗∗ 2.345 0.087∗∗ 2.647
Interaction effect
PE X e-health literacy⟶UI 0.110∗ 1.796
EE X e-health literacy⟶UI 0.030 0.409
SI X e-health literacy⟶UI 0.003 0.055
FC X e-health literacy⟶UI 0.028 0.527
R2

UI 0.691 0.694 0.716
∗, p< 0.01; ∗∗, p< 0.05. PE: performance expectancy; EE: effort expectancy; SI: social influence; FC: facilitating conditions; PI: personal innovativeness; UI:
usage intention.

Mobile Information Systems 7



and researching medical conditions), understand medical in-
formation, and seek appropriate services. Furthermore, many
individuals believe that medical apps enable access to vital
medical information. *us, habit, PE, and FCs considerably
affected UI; in particular, FCs had a key effect on UI. Hospitals
that aim to enhance the UI of the public toward medical apps
are encouraged to provide health education and comprehen-
sive and relevant medical information in their medical apps.

*e e-health literacy of the public significantly affected
their UI, and the interaction between PE and e-health lit-
eracy positively affected UI.When people are highly e-health
literate, their understanding of medical apps results in fa-
vorable PE, which in turn enhances people’s UI toward
medical apps. For people with high e-health literacy, un-
derstanding that medical apps provide substantial medical
knowledge and relevant information can simultaneously
increase medical service efficiency and enhance the UI of
such people toward medical apps.

5. Conclusion

*is study proposed a causal model to explore the public’s
UI toward medical apps. For hospital managers, the im-
portance of UI toward medical apps should be emphasized.
*e habit, PE, FCs, PI, and e-health literacy of the public had
considerable positive effects on UI. Moreover, e-health lit-
eracy served as a moderator between PE and BI. *erefore,
enhancing the public’s habit, PE, FCs, PI, and e-health lit-
eracy could considerably increase their UI toward medical
apps.*is work could serve as a basis for the validation of the
used model and can be used to explain the adoption of
technology in the medical area.

6. Limitations and Future Research

Although this study examined the factors that affect the UIs
of individuals in Taoyuan toward medical apps, the study
had several limitations. Several relevant topics in this field
remain to be discussed. First, because the study participants
were from the Taoyuan area, they were unrepresentative of
the viewpoints of all Taiwanese people toward the topic in
this study. Future studies could expand the research scope to
include individuals from multiple regions in order to un-
derstand their differences. Second, this study conducted a
questionnaire to understand the degree of perception and
awareness of the situation among the respondents. *e
results can be compared and described only in the context of
previous studies. Because this study was not sufficiently
comprehensive, the UI and affecting factors of the public in
relation to medical apps were impossible to understand.
*erefore, in addition to data analysis, future studies are
recommended to conduct in-depth interviews and quali-
tative research to accurately reflect the feelings of the public
and generate comprehensive results. Finally, one potential
limitation of this study was that we measured variables in
only one-time frame by using a self-reported questionnaire;
this suggests the potential for CMV. We tested for CMV by
using the Harman one-factor test, which confirmed that all
constructs exhibited approximately equal variance. *is

suggested that common method bias was not a problem in
this study. Moreover, this study collected a considerable
amount of data and recruited a large sample to circumvent
the problem of CMV.
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