
Research Article
Study Film and Television Postproduction and Innovation
Strategy Based on an Artificial Intelligence Algorithm

Jing Han 1 and Lin Shao2

1Architecture and Art College, Zhejiang Business Technology Institute, Ningbo 315000, China
2School of Humanities and Arts, Ningbo University of Technology, Ningbo 315211, China

Correspondence should be addressed to Jing Han; 21149052@zjbti.net.cn

Received 10 May 2022; Revised 13 June 2022; Accepted 27 June 2022; Published 2 August 2022

Academic Editor: Le Sun

Copyright © 2022 Jing Han and Lin Shao. ­is is an open access article distributed under the Creative Commons Attribution License,
which permits unrestricted use, distribution, and reproduction in any medium, provided the original work is properly cited.

In the process of choosing the best scheme in the arti�cial intelligence algorithm, it is impossible to accurately judge the nonlinear
relationship between the innovation strategy and the �lm and television postproduction scheme. An improved arti�cial intelligence
algorithm based on the integration of dynamic factors and the arti�cial intelligence algorithm is proposed to reduce the disturbance
ability of the arti�cial intelligence algorithm and improve the analysis level of �lm and television postproduction and innovation strategy.
Firstly, the initial innovation strategy set of the production set is established by using dynamic factors, which makes it discrete and
reduces the in�uence of the scheme selection error on the results.­en, the production set is divided into dynamic subproduction sets by
using the �lm and television production theory, and each subproduction set seeks its own parallel innovation strategy. Finally, under the
guidance of �lm and television production theory, each subproduction set shares thematching of optimal solutions.­roughMATLAB
simulation analysis and veri�cation, the improved dynamic arti�cial intelligence algorithm can improve the accuracy of judging the
innovation strategy of �lm and televisionworks in an uncertain environment and shorten the convergence time of global feature solution
and is superior to the original selection method of �lm and television production strategy. In addition, under that condition the initial
weight scheme and the threshold scheme are set.­e arti�cial intelligence algorithm is used to analyze the innovation strategy selection
of youth idol works.­e results show that under di�erent �lm and television production requirements, the innovation strategy selection
judgment of the arti�cial intelligence algorithm is accurate and superior to the original �lm and television production strategy selection
method, which further veri�es the e�ectiveness of the arti�cial intelligence algorithm proposed in this paper.

1. Introduction

With the rapid development of the social economy, the scale
of the transmission network is expanding day by day, and it
is developing in the direction of intelligence and complexity
as stated by Zhou et al. [1]. ­erefore, it is particularly
important to judge the choice of innovation strategy of �lm
and television works in a complex environment as illustrated
by Zhang [2]. ­e key to judging the choice of innovation
strategy of �lm and television works is to judge the matching
and the type of innovation strategy as stated by Sun et al. [3].
Film and television production theory can not only judge the
nonlinear relationship between feature solution and inno-
vation strategy selection as described by Sorkhabi et al. [4]
but also solve the nonlinear and high-latitude innovation
strategy selection problem, which is the main method to

judge the innovation strategy selection of �lm and television
works at present as described by Singh and Kumar [5].
Literature research shows that the theory of �lm and tele-
vision production can classify the decomposed harmonic
signals, shorten the diagnosis time, and improve the judg-
ment e�ect of harmonic signals as stated by Sikka et al. [6].
However, in the process of �lm and television production
theory classifying works, the complexity of �lm and tele-
vision works will a�ect the judgment of model parameters
and then a�ect the �nal judgment result of innovation
strategy selection as stated by Sadok et al. [7]. Some scholars
have put forward the arti�cial intelligence algorithm. Al-
though the arti�cial intelligence algorithm can judge the
choice of innovation strategy of �lm and television works,
there are relatively few postproduction parameters, and the
overall production ability is greatly reduced under
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changeable and complex conditions as stated by Pazouki and
Pourghorban [8].,erefore, some scholars have put forward
a variety of innovative production strategies and improved
the artificial intelligence algorithm, as shown in Table 1.

It can be seen fromTable 1 that different types of film and
television works have the same requirements in innovation
and postproduction, so the artificial intelligence algorithm is
needed as an aid; otherwise, the accurate selection of
strategies cannot be realized. At the same time, some
scholars have studied the theory of optimizing film and
television production by the artificial intelligence algorithm
ABC, which solves the problem of difficult optimization of
postproduction parameters of film and television works and
improves the reliability of innovative strategy selection di-
agnosis as stated by Park et al. [9]. ,rough the research and
comparison of scholars at home and abroad, it is found that
the artificial intelligence algorithm can quantitatively ana-
lyze film and television works, dig out the innovation points
in the works, provide some reference for postproduction,
guide producers to choose innovative strategies, and im-
prove the production level of film and television works. In
addition, artificial intelligence has the characteristics of fast
analysis speed, simple operation process, and accurate
analysis results, which is suitable for the analysis of a large
number of film and television works. To sum up, the ap-
plication of artificial intelligence in the field of film and
television is relatively deep, but it is less applied in post-
production and innovative strategy selection. Compared
with other productions, postproduction is the key to film
and television works, so the demand for artificial intelligence
algorithms is higher. ,e artificial intelligence algorithm can
simplify the analysis process, improve the accuracy of cal-
culation results, and integrate multiple indexes to analyze,
and the final analysis results meet the actual requirements.
According to the existing literature, the application of ar-
tificial intelligence in the production of film and television
works will be deeper in the future and it will have a far-
reaching impact on innovation strategies. ,erefore, the

integration of artificial intelligence and later works of film
and television are the future development trend.

From the analysis of the above literature, it can be seen
that the influence of artificial intelligence on the later works
of film and television is mainly the innovation of works, the
rationality of strategies, the production effect of works, etc.,
so the corresponding optimization indicators also start from
the above aspects. Based on this, this paper puts forward a
dynamic artificial intelligence algorithm, optimizes the film
and television production theory, judges the choice of in-
novative strategies for complex film and television works,
and verifies the effectiveness of this aspect as stated by
Owsley and Greenwood [10].

2. Related Concepts

2.1. Film and Television Production )eory. Film and tele-
vision production theory is a theoretical set of montage, lens
combination, material editing, and other theories as stated
by Naz [11]. Its solution set is the best combination of
various film and television production theories, which has
the characteristics of sparsity and integration and can be
used for nonlinear analysis of film and television works. In
the early 20th century, film and television production the-
ories such as montage, material cutting, and sound insertion
were widely used in postproduction, innovation strategy
analysis, and other fields. In order to effectively combine and
apply various learning models, especially the hinge loss
function in the core function, the experience and technology
in the discrete film and television works are combined, and
the accuracy of the combined strategy results is improved
through the kernel learning method [12].

Theorem 1. Assuming the collection of film and television
works T � (di∀bi|i � 1, . . . , n), making film and television
works at will di ∈R

→
, innovating works qi ∈ [−1, 1] and

adopting strategies for film and television works bi ∈ [1, +∞].
)e matching function matches the nonlinear film

Table 1: Postproduction and innovation of different types of film and television.

Classification Postproduction Innovation strategy

Technical production Content modification Production innovation Policy
selection

Romance 39.78 19.35∗ 16.13 24.73∗

Ethics 30.11 23.663∗ 18.28 27.96∗

Metropolis 29.03 29.03∗ 32.26 9.68∗

Idol 32.26 22.58∗ 22.58 22.58∗

Comedy 21.51 33.33∗ 29.03 16.13∗

Suspense 44.09 22.58∗ 19.35 13.98∗

Ancient costume 15.05 16.13∗ 33.33 35.48
Fashion 17.20 31.18∗ 32.26 19.35∗

Police bandit 26.88 11.83∗ 23.66 37.63∗

Mainland 15.05 27.96∗ 32.26 24.73∗

Hong Kong drama 15.05 32.26∗ 26.88 25.81∗

Korean drama 27.96 12.90∗ 29.03 30.11∗

American TV series 20.43 12.90∗ 34.41 32.26∗

Note.,ere is no significant difference in the data in Table 1, ∗P> 0.05. Data source. Film and television production website and the actual film and television
company survey.
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K(di, qi, bi) and television works with other works
L(xi, yi, zi) and combines the strategy scheme to make the
scheme optimal Yf. )e specific combination strategy formula
is as follows:

Yf � w↕f di, qi, bi( 􏼁↦λ. (1)

Among them, w is the weight and λ is the threshold
scheme. At that time | 􏽐 Yf| � lim

δx⟶0
1, the number of film

and television works was the least and the film and television
works and classification intervals were the largest. When the
weight ‖w‖ is the greatest, the innovation degree of the work
is the highest, and it is 2/‖w‖ Mu, X. [13].

Theorem 2. If the audience satisfaction deviation is ξi evenly
distributed in the range of [0, 1], it means that the film and
television works are correctly classified. Otherwise, the film
and television works should be reanalyzed, and the strategic
scheme can be expressed as Yf. )e results are shown in the
following formula:

minYf � w⇒K di, qi, bi( 􏼁 + C 􏽘 ξi,

w⇒K di, qi, bi( 􏼁 ∉ [0, 1].

⎧⎨

⎩ (2)

Among them, C is the deviation factor, which mainly
reflects the deviation between film and television works and
complexity.

Theorem 3. If the function is matched
K(di, qi, bi) � 􏽐φ(di)∀􏽐φ(qi)., then the innovation strat-
egy can be expressed as L(xi, yi, zi). )e results are shown in
the following formula:

maxL(a) � 􏽘 ai∓􏽘 aijqij,

􏽘 ai � dxi∀qi ∈ [0, +∞].

⎧⎪⎨

⎪⎩
(3)

To sum up, the postproduction parameter C sum in film
and television production theory is the key to choosing
innovative strategy of the artificial intelligence algorithm,
and it is also the main postproduction parameter optimized
in this paper as stated by Kushwaha et al. [14].

2.2. Dynamic Artificial Intelligence Algorithm

2.2.1. Artificial Intelligence Algorithm. ,e artificial intelli-
gence algorithm can optimize innovation strategy by sim-
ulating artificial behavior, including leading, assisting, and
adjusting. During initialization, the number of film and
television works and innovative schemes of works is the
same, and the matching of different film and television
works represents the optimal solution. Firstly, the initiali-
zation production set and film and television works are
randomly generated, the film and television works are
judged near the scheme with a better fitness scheme, and the
“poor” scheme, about 1/2 of the number, is eliminated by
comparison as stated by Hornung [15]. ,en, the auxiliary

scheme uses the roulette strategy to judge the best scheme,
gives corresponding weights, and makes greedy judgments
around it to produce the 1/2 scheme. Finally, we give up the
film and television works that do not meet the threshold
scheme and judge the film and television works in other
directions as shown by Ghasseminia et al. [16].

Assuming that the initial number of film and television
works and innovative schemes is n and the random
matching of film and television works is L � (xi, yi, zi), xi, yi

representing plane coordinates and zi is the difficulty, then
the initial matching of film and television works is as follows:

Li xi, yi, zi( 􏼁 � w · K di, qi, bi( 􏼁 􏽉 K xjmax, yjmin, zjmin􏼐 􏼑|c􏽨 􏽩

+ rand(0, 1).

(4)

Among them, xi, yi, and zi are the maximum scheme
with arbitrary matching and difficulty and xjmax and yjmin
are the optimal schemes with various difficulties. zjmin is a
random number in the range of [0, 1].

We lead the scheme to randomly judge film and television
works and make cross-judgment to update the matching of
film and television works. Under the constraint of fitness, the
maximum strategy is used to obtain the optimal matching of
the corresponding weights, and the process of combining
strategies is shown in the following formula:

ΔLi xi, yi, zi( 􏼁 � w · K di, qi, bi( 􏼁􏽚
φijz Δxio,Δyio,Δzio( 􏼁

􏽐 λ · K di, qi, bi|c( 􏼁
,

(5)

where o ∈ [0, n/2], i ∈ [n/2, n], φijz ∈ (−1, 1), and k≠ i.
,e auxiliary scheme is to judge the best film and

television works by probability pi and judge the neigh-
borhood of the better film and television works to obtain the
optimal matching. ,e combination strategy process is
shown in the following formula:

pi �
Kbi

􏽐
n
i,j,k K Δdio,Δqio,Δbi( 􏼁|c􏼂 􏼃

. (6)

Among them, F(·) is a moderate function with different
difficulties.

If the film and television works have not obtained the
optimal solution after infinite cycle judgment, the film and
television works judgment will be abandoned, the auxiliary
scheme will be changed into an adjustment scheme, and new
film and television works will be randomly generated
according to formula (6) for the next judgment.

(1) We make a collection to judge the dynamic ad-
justment of the number of works analyzed in a single
time as shown by Ghani et al. [17]. In the preliminary
analysis, the adjustment scheme cannot guarantee
the overall judgment and may choose a certain
judgment “subjective scheme,” which reduces the
overall performance of the artificial intelligence al-
gorithm. ,erefore, in the process of selecting the
best scheme for film and television works, we should
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try our best to expand the judgment range, judge the
range near the optimal solution, and constantly
adjust the number of works analyzed once. Some
scholars make linear ρ adjustments to judge the
number of works in a single analysis to reduce the
randomness of the number of works in a single
analysis but choose local “subjective schemes” near
the optimal solution. In order to make up for the
shortage of choosing the best scheme mentioned
above, this paper introduces a dynamic adjustment
factor ], and its combination strategy formula is
shown in the following formula:

ρ � min∑Δ]i · loge
−F xi,yi,zi( )/∑F xi,yi,zi( )z

2ρ
zv2

. (7)

Among them, Δ]i is an i times inertial scheme and
F(xi, yi, zi) is a moderate function of the i times
update.
­e matching update of the lead scheme and the
auxiliary scheme can be changed to the following
formula:

ΔL xi, yi, zi( ) � w · K di, qi, bi( ) + ]ijzK Δdik,Δqik,Δbik( ).
(8)

From formula (8), it can be seen that the scheme is
K(Δdik,Δqik,Δbik) relatively small and large in
preliminary analysis, which can expand the judg-
ment range of the leading scheme, avoid selecting the
local “subjective scheme,” and keep the diversity of
selecting the best scheme K(Δdik,Δqik,Δbik) as
shown by Flament [18]. In the production stage of
judgment, the scheme is relatively large and rela-
tively small ], which narrows the judgment range,
improves the neighborhood judgment ability of the
leading scheme, and enhances the dynamic judg-
ment performance of the arti�cial intelligence al-
gorithm as shown in Figure 1.
As can be seen from Figure 1, the dynamic adjustment
of the number of works analyzed once in the pro-
duction set can accurately determine the global polar
scheme and the polar scheme represents the best
combination of various �lm and television production
theories. ­erefore, the dynamic adjustment of the
number of works analyzed in a single time can make
the �lm and television works meet the requirements
and improve the accuracy of the combination strategy
results as stated by Dai et al. [19]. At the same time, the
data in Figure 1 show periodic changes. Although the
whole data are smooth, there are still some break-
points, which show that the arti�cial intelligence al-
gorithm segments the postproduction of �lm and
television works to achieve accurate selection of in-
novation strategies. In addition, the angle between the
arti�cial intelligence algorithm and the best strategy is
consistent, which further illustrates the stability of
arti�cial intelligence.

(2) Introduction of factors has also been performed in
this article.

When a certain �lm and television work is collected
many times and reaches the mining limit, the leading
scheme will be changed into an adjustment scheme,
looking for new �lm and television works and combining
new solutions of strategies. Because of its strong ran-
domness and poor antidisturbance ability, the arti�cial
intelligence algorithm will fall into a local “subjective
scheme” in the early stage of selecting the best scheme. ­e
probability that the production set falls into the “subjective
scheme” is positively correlated with the complexity of �lm
and television works. In order to make up for the above
shortcomings, this paper introduces factors to reduce the
complexity of �lm and television works through the
probability density function and helps the production set to
jump out of the early local “subjective scheme”. ­e
combination strategy formula of the function is shown in
the following formula:

L xi( ) �
lim

δx⟶0
F xi, yi, zi( )/∑F xi, yi, zi( )

π∑+∞i,k�1 K Δxik,Δyik,Δzik( )
∣∣∣∣

∣∣∣∣2
. (9)

When lim
δx⟶0

F(xi, yi, zi)/∑F(xi, yi, zi) is 1, it is the
normal distribution of �lm and television works Cauthy
(0, 1). Cauthy, the random function of the work
β � tan[π · (α − 1/2)], α ∈ [0, 1]; Δxik, Δyik, and Δzik are
the change value of xik, yik, and zik . At that time α � 1, the
representative �lm and television works had the highest
complexity, otherwise, the complexity was the lowest.
Among them, Cauthy (0, 1) tends to the pole on both
sides slowly, so the obtained scheme is better than Gauss
(0, 1), which can e�ectively reduce the subjective judg-
ment rate. Moreover, the peak scheme of Cauthy (0, 1) is
smaller than that of Gauss (0, 1), which can improve the
in�uence of subjective factors in function analysis. Based
on the above analysis, the judgment formula of �lm and
television works can be expressed in the following
formula:

ΔLi � K di, qi, bi( )∀Cauthy(0, 1)K Δdik( ). (10)
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Figure 1: Dynamic adjustment results of the number of works in a
single analysis of the production set.
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2.3. Dynamic Innovation Strategy Analysis

(a) Optimization model of dynamic innovation strategy
is as follows:
Reasonable judgment of dynamic innovation strat-
egy is the main index to measure the artificial in-
telligence algorithm. ,e dynamic optimization
among the production set operations, such as
leading, assisting, and adjusting, can not only bal-
ance the relationship between the global judgment
and the local judgment of the production set but also
improve the corresponding judgment ability
Buendgens [20]. From formula (8), we can see that in
the early judgment of film and television works, we
pay a great deal of attention to the global production
ability, and in the later judgment, we pay attention to
the local judgment, so different production sets
should dynamically judge the judgment strategy
according to the conditions. At present, besides the
dynamic artificial intelligence algorithm, there are
other dynamic optimization models and adjustment
strategy of individual schemes as shown in the fol-
lowing formula:

ΔLi xi( 􏼁 � 􏽘
t

ΔLi−1 xi, yi, zi−1( 􏼁

∀Cauthy(0, 1) p · K Δdik,Δqik,Δbi−1k( 􏼁|c􏼂 􏼃.

(11)

(1) ,e overall scheme adjustment strategy results
are shown in the following formula:

ΔLi xi( 􏼁 � 􏽘
t

ΔLi−1 xi−1, yi−1, zi−1( 􏼁

∀Cauthy(0, 1)

· g · maxK Δdi−1k,Δqi−1k,Δbi−1k( 􏼁|c􏼂 􏼃.

(12)

(2) ,e results of the judgment strategy of film and
television works are shown in the following
formula:

ΔLi xi( 􏼁 � 􏽘
n/2

i�1,t

ΔLi−1 xi, yi, zi−1( 􏼁

∀Cauthy(0, 1)[gmaxK(·)∀pmaxK(·)].

(13)

(3) ,e multiangle judgment strategy results are
shown in the following formula:

ΔLi xi( 􏼁 � 􏽘
t

ΔLi−1 xi−1, yi−1, zi−1( 􏼁 · F xi−1, yi−1, zi−1( 􏼁

∀Cauthy(0, 1)K Δdi−1k,Δqi−1k,Δbi−1k( 􏼁,

(14)

where t is the time to make set optimization.

In this paper, the artificial intelligence algorithm is
improved in two aspects. On the one hand, every

time the film and television works change, under the
constraints of the weight of the mapping vector w

and the threshold scheme of mapping λ, the set is
made to randomly judge the strategy from the five
models as stated by Buendgens [21] and the film and
television works are collected many times. In the
later stage of the judgment of film and television
works, the judgment innovation strategy is gradually
reduced, neighborhood judgment is carried out, and
the diversity of production sets is maintained to
improve the overall production ability. On the other
hand, the global judgment and local judgment ability
of the production set are balanced Δ]i, and the
updated inertia scheme F(xi, yi, zi), the moderation
function, and the Lagrangian multiplier function are
integrated to judge the best film and television works
faster as stated by Budhwar et al. [21].

(b) Making dynamic reference strategy between sets.
Making the set reference is the main way to realize
dynamic optimization. Based on the dynamic opti-
mization of making the set, the artificial intelligence
algorithm in this paper constructs a dynamic dis-
tributed reference strategy. Ben Cheikh [22]stated
thatdifferent subproduction sets use different dy-
namic reference strategies, complex postproduction
parameters, and operations. ,e production set is
randomly divided into five subproduction sets, and
each subproduction set represents a subinnovation
strategy. In each iteration, the subproduction set will
randomly judge different reference schemes. After
each film and television work is collected, we
compare the fitness schemes of different sub-
production sets and the complexity of film and
television works and record the global optimal
matching. Other subproduction sets are aggregated
to the optimal matching, which improves the
judgment efficiency of the best film and television
works.

2.4. Judgment Method Based on the Dynamic Factor and the
Artificial Intelligence Algorithm. ,e basic idea of the dy-
namic artificial intelligence algorithm is to use a variety of
reference strategies to optimize the initial scheme and the
threshold scheme of complex film and television works and
obtain the global optimal scheme so that the judgment rate
of innovative strategy selection of complex film and tele-
vision works is the highest. ,e implementation steps of the
artificial intelligence algorithm in this paper are shown in
Figure 2:

Step 1. We determine the structure and complexity of film
and television works. According to the characteristics of
practical problems, the nonlinear distribution structure of
film and television works and the complexity of the artificial
production set are determined c � 5.

Step 2. We initialize the film and television works.
According to the related postproduction parameters, the
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manual production set is initialized. ­e number of sets
made n� 100, Δ]i ∈ [0.2, 0.9], Cauthy(0, 1) ∈ [0.21, 0.79],
and the number of iterations m� 50 are calculated.

Step 3. We determine the �tness function. Using the theory
of �lm and television production, the arti�cial production
set is randomly generated and it is mapped to the changeable
innovation strategy; the initial mapping vector weight and
the mapping threshold scheme are obtained. According to
the choice of innovative strategies for complex �lm and
television works, w � 0.38 and λ � 0.62. ­rough formulas
(3)–(7), the arti�cial set is improved, and the �tness scheme
of each �lm and television work is combined.

Step 4. We combine global and local optimal matching of
strategies. ­e initial production set is divided into �ve
subproduction sets, the �tness is obtained, and the optimal
global matching and the local optimal matching of each
subproduction set are compared.

Step 5. We perform iteration of matching, adjusting, and
updating �lm and television works. According to the
changes in �lm and television works, the �ve subproduction
sets dynamically adjust factors, randomly judge strategies
from �ve optimization schemes, and incorporate the penalty
factor C and the inertia weight Δ]i according to formulas (2)
and (7).

Initialize artificial intelligence algorithm parameters

Determining fitness value according to film and
television theory

Determine the structure and complexity of film and
television works

Choose dynamic evolutionary strategy

Calculate individual best strategies and all best
strategies 

Iteration of film and television works

Neighborhood search near shared location

Whether the film and television works reach the
maximum and whether the iteration is 100 

Output threshold, weight, best scheme of film and
television works

Combining initial parameters with
complexity

Training for film and television
works 

YES

NO

Figure 2: Implementation �ow of the improved dynamic arti�cial intelligence algorithm.
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Step 6. We perform dynamic reference optimization of each
subproduction set. After searching for a film and television
work, the best global matching is selected, the matching
information is shared with other subproduction sets to at-
tract them to approach the best matching, and the best
scheme is selected in the neighborhood.

Step 7. We judge whether the film and television works
reach the maximum scheme m and whether the iteration
times reach M. We repeat steps 1 to 5 if it has been reached;
otherwise, we stop selecting the best scheme and return to
the threshold scheme, weight, and global best matching.

3. Empirical Analysis

3.1. Model Performance Analysis. In order to further verify
the performance of the dynamic artificial intelligence al-
gorithm, four benchmark functions are selected, which are
Rastrigin, sphere, Ackley, and Griewank. ,e test process is
as follows :

(a) ,e Rastrigin function results are shown in the
following formula:

f(x) � 􏽘
i�1

x
2
i

10
∀cos 2πxi( 􏼁 + ξ, (15)

where |xi| ∈ [0, 5.12] and i is 1, 2. ,e optimal
scheme 0 is obtained at (0, 0).

(b) ,e sphere function results are shown in the fol-
lowing formula:

f(x) � 􏽘
i�1

x
2
i + ξ, (16)

where |xi| ∈ [0, 5.12] and i is 1, 2. ,e optimal
scheme 0 is obtained at (0, 0).

(c) ,e Ackley function results are shown in the fol-
lowing formula:

f(x) �
e

20
+ e

1/n􏽐i�1cos 2πxi( ) − lim
x⟶0

e
xi/5

��
1/n

√

, (17)

where |xi| ∈ [0, 10] and i is 1, 2. ,e optimal scheme
0 is obtained at (0, 0).

(d) ,e Griewank function results are shown in the
following formula:

f(x) � 1 + 􏽘
i�1

x
2
i

100
∀􏽙

i�1
cos

xi�
i

√􏼠 􏼡, (18)

where |xi| ∈ [0, 100] and i is 1, 2.,e optimal scheme
of xi is 0 obtained at (0, 0). In this paper, the pa-
rameters of film and television works are set as
follows: the total number of film and television
works is 50, the number of iterations is 50, the
optimization calculation is 20, the maximum inertia
scheme Δ]max � 4, the optimal inertia scheme
Δ]min � 0.3, and the complexity c � 0.32 are inde-
pendent analysis of each group of works, and the

result is an alternative strategy of 50 iterations. ,e
results of the four test functions are shown in Table 2.

As can be seen from Table 2, the dynamic artificial in-
telligence algorithm is superior to the traditional analysis
algorithm and its global optimal scheme and theoretical
optimal scheme. Moreover, the selection range, substitution
strategy, and combination strategy error of the dynamic
artificial intelligence algorithm are smaller than those of the
traditional analysis algorithm. ,e data in Table 2 show that
the global optimization results of the artificial intelligence
algorithm are better than those of traditional analysis
methods, and the optimization schemes are higher than
those of traditional analysis methods. Moreover, the data in
the table are calculated by the scientific counting method,
and the results are more accurate. In order to more intui-
tively reflect the performance of the best scheme selected by
the test function in 4, the following convergence curves are
given in Figures 3–6.

As can be seen from Figures 3–6, the dynamic artificial
intelligence algorithm is faster and more stable in selecting
the best scheme, which is superior to the artificial intelli-
gence algorithm. ,erefore, the dynamic artificial intelli-
gence algorithm performs better in the speed and accuracy
of combination strategy, and the process of combination
strategy is more stable.

3.2. Processing of Experimental Film and Television Works.
,is paper selects the types of ethics, thriller, suspense, and
police bandits as the research film and television works and
collects 14 film and television works from January 20, 2020,
to January 2022. After sorting preliminary film and televi-
sion works, 102 film and television work innovation strat-
egies and 12 postproduction schemes were obtained.
According to the requirements of the state administration of
radio, film, and television, the above film and television
works are divided into four categories: emphasizing the early
stage and neglecting the late stage, neglecting the early stage
and emphasizing the late stage, whole process production
analysis, and postproduction and innovation combination.
,e results are shown in Table 3. ,is paper judges the
accuracy of theoretical prediction and actual results
according to the way of theoretical judgment and actual
detection. In order to avoid too many human factors in the
collection of film and television works, the fill missing
function is called mayhem as shown in Table 3.

,e first 1/2 of the total number of film and television
works is used as training film and television works (62), and
the last n/2 is used as the test set (40) for experimental
comparison.

3.3. Experimental Results. According to the experimental
situation, it is determined that the structure of film and tele-
vision work collection is 10-15-20, the scheme group
Cauthy(0, 1) � 0.63, the maximum iteration timesM� 50, and
other postproduction parameters are the same. In this paper, the
classification results of film and television works by the artificial
intelligence algorithm are proposed, as shown in Figure 7.
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­rough comparative analysis, we can see that the
classi�cation of �lm and television works based on the
dynamic arti�cial intelligence algorithm is discrete, which is
closer to the actual postproduction distribution, while the
classi�cation of �lm and television works based on the ar-
ti�cial intelligence algorithm is relatively concentrated,
which cannot meet the needs of actual classi�cation. In
addition, the distribution of �lm and television works of the
dynamic arti�cial intelligence algorithm is not a�ected by
complexity, while the distribution of �lm and television
works of the arti�cial intelligence algorithm is obviously
a�ected by complexity and becomes more concentrated with
the increase in complexity. ­e reason is that the dynamic
arti�cial intelligence algorithm increases complexity pro-
cessing coe¨cients c and factors Cauthy(0, 1) and

establishes a mapping between the multiangle innovation
strategy and single-angle innovation strategy. At the same
time, the �tness function is used to adjust the innovation
strategy

In order to further prove the e�ectiveness of the model
proposed in this paper, other comparative models are in-
troduced for comparative analysis: (1) arti�cial intelligence
algorithm, (2) �lm and television production theory com-
bined with the arti�cial intelligence algorithm, (3) �lm and
television production theory combined with the dynamic
factor method, and (4) dynamic arti�cial intelligence al-
gorithm in this paper, and the results are shown in Figures 8
and 9.

As can be seen from Figures 8 and 9, the �tness value of
the dynamic arti�cial intelligence algorithm is the highest
and reaches the limit at the earliest. Under the same

Table 2: Results of di�erent test functions.

Function Method Maximum
scheme

Optimal
scheme

Alternative
strategy SD Global optimal

scheme
­eoretical optimal

scheme

Rastrigin

Arti�cial intelligence
algorithm 1.41E-02 3.73E-02∗ 3.21E-02 2.44E-02∗ 1.41E-02 0

Traditional analysis
method 2.83E-02 5.40E-02∗ 2.70E-02 4.11E-02∗ 2.83E-02 0

Sphere

Arti�cial intelligence
algorithm 1.41E-02 5.27E-02∗ 2.19E-02 1.54E-02∗ 1.41E-02 0

Traditional analysis
method 4.37E-02 4.37E-02∗ 2.06E-02 4.11E-02∗ 4.37E-02 0

Ackley

Arti�cial intelligence
algorithm 4.37E-02 4.76E-02∗ 5.27E-02 5.40E-02∗ 4.37E-02 0

Traditional analysis
method 4.50E-02 3.98E-02∗ 5.40E-02 1.41E-02∗ 4.50E-02 0

Griewank

Arti�cial intelligence
algorithm 1.6818E-05 1.5136E-

05∗ 1.5977E-05 1.5130E-
07∗ 1.2873E-11 0

Traditional analysis
method 0.5236E-05 0.1295E-

05∗ 0.2177E-05 0.2199E-
07∗ 0.3189E-11 0

Note. ­ere is no signi�cant correlation between the above data, ∗P> 0.05.
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Figure 3:­e convergence curve of selecting the best scheme of the
Rastrigin test function, arti�cial intelligence algorithm, traditional
analysis method, number of �lm and television works (depart-
ment), degree of innovation strategy (%), and complexity (%).
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Figure 4: ­e convergence curve of the optimal scheme for the
sphere test function selection.
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complexity, the stability of the dynamic arti�cial intelligence
algorithm is higher, followed by the arti�cial intelligence
algorithm, �lm and television production theory combined
with the dynamic factor method, and �lm and television

production theory combined with the arti�cial intelligence
algorithm. ­e reason is that the �lm and television pro-
duction theory reduces the in�uence of complexity on the
results of combination strategies, and dynamic factors

Table 3: Types and proportion of �lm and television works
collected.

Make a plan
Quantity of �lm and
television works

(pieces)

Proportion
(%)

Pay more attention to the
early stage than the late stage 23 23

Light whole process
manufacturing analysis 55 54.2

Preheavier and postheavier 12 12
Postproduction and
innovative combination 12 11.8
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Figure 5: ­e convergence curve of the best scheme for selecting
the Ackley test function.
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Figure 6: ­e convergence curve of the Griewank test function for
selecting the best scheme.
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Figure 7: Classi�cation results of complex �lm and television
works.
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provide different optimization strategies to improve the
accuracy of work recognition results, which is consistent
with relevant research. From the aspect of complex post-
production types, the accuracy of different artificial intel-
ligence algorithms is analyzed, and the results are shown in
Table 4.

As can be seen from the above table, the implementation
rate of innovative strategy of the dynamic artificial intelli-
gence algorithm is high, and the accuracy rate does not
change with the change in the work type. ,e main reason is
that the dynamic analysis of film and television works by
factors makes its continuous combination strategy shorter
and can change the types of works more flexibly. ,erefore,
dynamic factors can not only reduce the influence of
complexity on results but also quickly realize accurate
analysis of different work types.

4. Conclusion

,is paper presents an improved artificial intelligence algo-
rithm based on film and television production theory as stated
by Bemani [23] and combined with dynamic factors. By setting
the threshold scheme, weight, and dynamic reference strategy,
the identification optimization of postproduction is carried out.
,e artificial intelligence algorithm model constructed in this
paper can classify film and television works discretely as stated
by Bagaric and Hunter [24], which makes the distribution of
film and television works closer to the actual distribution of
works. MATLAB simulation results show that the artificial
intelligence algorithm constructed in this paper has high
precision and speed of combination strategy, better conver-
gence, adaptability to different complexity and work types, and
high global production ability. In this paper, the discussion on
the correlation between indicators and the implementation
process of the artificial algorithm is insufficient and needs to be
further deepened.,ere are some limitations in the research of
complexity dynamic switching, and future research will focus
on the analysis of complexity switching, in order to improve the
artificial intelligence algorithm proposed in this paper [25].
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