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With the development of the social economy and the improvement of people’s living standards, tourism has become one of the
important lifestyles of families. Family tourism is a new trend that will have no small impact on further developing tourism and
boosting domestic demand. With tourism activities booming today, family tourism consumption is an area worthy of study. +is
study examines household tourism consumption using a hierarchical structural equation model to explore the factors influencing
the latent variables of income structure, household, and regional characteristics of consumption structure. Further combining
these potential variables and their influences, the formation and change of consumption structure were explored using hier-
archical structural equation modeling. +is is of academic value and theoretical significance in refining the application of the
hierarchical structural equation model and enriching the use of latent variable factor analysis in consumption structure research.
Finally, based on the characteristics of family tourism consumption and the problems of family tourism, some suggestions are
made for the development of tourism.

1. Introduction

Families are the cells of society and one of the largest
segments of the tourism industry [1]. Family tourism refers
to whole families organizing trips together [2]. As a new
trend, family tourism consumption will have a great impact
on further developing tourism and boosting domestic de-
mand [3]. In the past, the tourism products launched in
China were generally mass oriented, providing services
mainly for ordinary tourists, and the main mode of travel
was in the form of casual groups, which was not suitable for
the requirements of family tourism development, and the
focus of research on family tourism was concentrated on
adults and neglected the analysis of the influence of children
on family tourism decisions [4]. +e analysis of family
tourism consumption issues not only enriches the study of
tourism consumer behavior but also helps tourism industry
operators to gain a comprehensive understanding of family
tourism consumption and preferences and to develop

products for tourism [5]. It also helps tourism operators to
gain a comprehensive understanding of the consumption
needs and preferences of family tourism consumers and
provides useful guidance for the development of tourism
products and marketing strategies. Figure 1 shows the
overall situation of domestic tourism in the past ten years.

+e core family is made up of a couple and their un-
married children. +ere are two main types: the complete
nuclear family and the single-parent family [6]. +e former
refers to a family consisting of a couple and their unmarried
children, while the latter refers to a nuclear family with only
a mother or a father. In today’s society, nuclear families are
generally couples who have work and have only one or two
children and are financially well off. +e size of the family is
inversely proportional to the amount of time the couple
spends outdoors, so the nuclear family has more time and
money to travel. Children play a more important role in the
travel decisions of these families. Families, therefore, place
particular importance on the educational value of travel for

Hindawi
Mobile Information Systems
Volume 2022, Article ID 7141837, 12 pages
https://doi.org/10.1155/2022/7141837

mailto:zaq@stu.xju.edu.cn
https://orcid.org/0000-0002-8096-9625
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://doi.org/10.1155/2022/7141837


their children, and the timing of travel is influenced by their
children’s holidays, so the type of travel preferred by these
families is more likely to be educational.

Income structure, as the core factor affecting the
structure of household tourism consumption, is an im-
portant focus point for promoting the upgrading of tourism
consumption structure [7]. One of the important reasons for
the shift in the structure of household consumption toward
development and enjoyment consumption is the increase in
the level of household income and the increase in the sources
of income of residents. People will use their wage income to
spend on daily life and use the rewarding property income
gains to travel or improve their quality of life. Changes in
income structure, therefore, have a direct impact on the
structure of household spending on tourism.+is is why it is
important to analyze the impact of different income types
and other household factors on tourism consumption. +e
distribution of per capita monthly income of Chinese
households is shown in Figure 2.

In addition, although China’s tourism consumption
market is improving, the regional disparity in tourism
consumption is gradually increasing [8]. +e economic
differences between the eastern, central, and western regions
have brought about a corresponding structural difference in
household travel expenditure. +e eastern region has the
highest level, but the largest intraregional disparity, while the
western region has the lowest level, but the smallest intra-
regional disparity. Tourism consumption is in urgent need of
expansion and quality improvement within the internal
structure.+ere is an urgent need to upgrade the structure of
household tourism consumption, gradually achieving a shift
from an increase in quantity to an upgrade in structure.

+is study uses a multilevel structural equation model to
explore the various influencing factors of the latent variables
of household tourism consumption structure at three levels.
+e research in this study has implications for the pro-
motion of the upgrading of the tourism consumption
structure of residents in each region and the formulation of
corresponding tourism consumption policies. In addition, it
has some academic value and theoretical significance in

improving the model application of the hierarchical struc-
tural equation and enriching the use of latent variable factor
analysis in consumption structure research.

2. Related Work

2.1. $eory of Consumption

2.1.1. Absolute Income Hypothesis. Keynes argued that
consumption is a function of income, i.e., that consumption
is primarily determined by income, while other factors af-
fecting consumption have both positive and negative effects
and can, therefore, be seen as having an offsetting influence
[9, 10]. +is is the theoretical basis for this study’s use of
income as the main factor influencing the structure of
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household tourism consumption. Keynes classified con-
sumption as spontaneous and induced, and the absolute
income consumption function is as follows:

C � C + mpc∗Y, (1)

where C is people’s total consumption, C refers to people’s
spontaneous consumption, i.e., consumption that meets
people’s basic needs, mpc∗Y refers to people’s induced
consumption, i.e., consumption that people undertake after
meeting their basic needs, and mpc denotes people’s mar-
ginal propensity to consume, with 0< mpc <1.

2.1.2. Relative Income Hypothesis. Consumption is not only
determined by the consumer’s current income, but it is also
influenced by the level of income compared to that of the
past and those around them. According to the relative in-
come hypothesis, the theory actually divides the income
structure into current income and past income to examine
the relationship between these two types of income on
consumption [11, 12]. So, when people determine the type of
consumption, they are influenced by a combination of
current and past income and the income of those around
them. +erefore, in a region where the income gap or the
urban-rural gap is too wide, due to the demonstration effect,
low-income earners will follow the example of high-income
earners in their pursuit of a high standard of living, and there
will be consumption choices that increase consumption
expenditure to follow suit even if their income has not
increased, which may be reflected at the enjoyment con-
sumption level is reflected.

2.1.3. Life-Cycle Hypothesis. +e life-cycle hypothesis as-
sumes that a person’s consumption is determined by their
income earned over a lifetime. People earn income through
labor when they are young but do not spend all of it on
consumption and income from labor when they are young
but do not spend all of it on consumption; instead, they save
some of it for property income, and when they are old and
when they lose their source of income, they consume the
income they have earned through savings in order to achieve
an optimal allocation of consumption over the life cycle. +e
optimal allocation of consumption over the life cycle and the
consumption function of the life-cycle hypothesis are as
follows:

C � a∗W + c∗Y, (2)

where W is the wealth gain, Y is the wage income, and a and
c are respective for marginal propensity to consume.

It follows from the life-cycle hypothesis that the theory
actually divides the income structure into property income
and labor income. Since a and c are equal only in special
cases, i.e., different sources of income generate different
marginal propensities to consume, this provides a valuable
theoretical basis for this chapter when examining the rela-
tionship between consumption structure and income
structure.

2.1.4. Persistent Income Hypothesis. Friedman divides in-
come from different sources into stable income and tem-
porary income [13, 14]. Stable income is defined as income
that people can stable income that people can earn over time.
Temporary income is income that is occasionally received
and does not last. +is theory suggests that people choose
their consumption type not on the basis of temporary in-
come but on the basis of stable income. It is only when
temporary income rises to stable income that people adjust
their consumption. +e model for the persistent income
hypothesis is as follows:

C � c∗YP � c∗ θYt + c∗ (1 − θ)Yt− 1, (3)

where c is the marginal propensity to consume, YP is the
stable income, Yt is the current period income, Yt− 1 is the
previous period income, θ indicates the extent to which
income changes affect stable income, and c∗ θ and c∗ (1 −

θ) are the two-period average consumption propensity to
consume. At this point, the income structure is divided into
the income of the previous period and the income of the
current period. According to the persistent income hy-
pothesis, changes in persistent income cause changes in
consumer spending. +e persistent income hypothesis is
concerned with studying the impact of income on con-
sumption with a greater focus on the type of income, where a
stable increase in income over time is conducive to increased
consumption by residents.

2.2.$eoreticalModel Construction. +e Dixit-Stiglitz (D-S)
model [15] and the Cobb-Douglas (C-D) production
function model [16] are then used to construct a model of
household tourism consumption with income structure
factors, household, and regional factors and to investigate
the relationship between income structure factors, house-
hold and regional factors, and residents’ household tourism
consumption. On the demand side of tourism, according to
the Dixit-Stiglitz (D-S) model, it is assumed that the utility
function obeys the CES utility function and that households’
preferences for tourism products are homogeneous. At this
point, the demand function for tourism products for nuclear
households is as follows:

U � 
j

njX
δ− 1/δ
j

⎡⎢⎢⎣ ⎤⎥⎥⎦

δ− 1/δ

, δ > 1, (4)

where U denotes the utility of tourism consumption by
regional households, the type of tourism product available in
the n market, and X denotes the number of trips consumed
by local households. δ denotes the constant tourism elasticity
of substitution, and it is greater than 1. According to the
principle of maximizing consumer utility, the optimal
number of times a family travel consumer spends Xj is
obtained as follows:

Xj � p
− δ
j 

31

j�1
njp

1− δ
j

⎛⎝ ⎞⎠

1/1− δ

Cj. (5)

At this point, let Gj � (
N
j�1 njp

1− δ
j )1/1− δ and reduces to
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Xj � p
− δ
j G

δ− 1
j Cj, (6)

where p is the final amount paid by households for tourism
consumption, and G is the regional price index for consumer
tourism. +en C is as follows:

Cj � Xjp
δ
jG

1− δ
j . (7)

According to the Cobb-Douglas (C-D) function model,
it is assumed that there are only two-factor inputs to tourism
supply, namely, labor L and capital K, and that the type of
tourism A varies from region to region. +e short-term
tourism product supply function is as follows:

Fj � AjF Kj, Lj  � AjL
α
j K

β
j , (8)

where Lj is the tourism-related factor, α is the labor elasticity
coefficient, Kj is the capital factor that is fixed in the short
run, β is the elasticity of capital output, and 0< α,β< 1,
α+ β� 1. In this study, the specific function of tourism
services A is set in the context of the research on the impact
of household and regional factors on residential household
consumption as follows:

Aj � Famρ1
j GDPρ2

j e
ρ3MARj , (9)

where Famj is a human capital factor measuring the labor
force characteristics of households in the region. GDPj is a

physical capital factor measuring the level of economic
development in the region. MARj is an external market
factor measuring the level of marketization of the region. At
this time, the short-term tourism product supply function is
as follows:

Fj � Famρ1
j GDPρ2

j e
ρ3MARj L

α
j K

β
j . (10)

+en, marginal cost MCj can be expressed as the
product of the marginal output of labor MPj and the in-
dividual income of the worker Mi.

MPj �
dF

dL
� αFamρ1

j GDPρ2
j e

ρ3MARj L
α− 1
j K

β
j , (11)

MCj � Mi ∗MPj � MiαFam
ρ1
j G DP

ρ2
j e

ρ3MARj L
α− 1
j K

β
j .

(12)

When supply and demand are in balance, pj � MCj,
equation (12) is brought into Cj,

Cj � M
δ
i α

δ Famρ1
j G DP

ρ2
j e

ρ3MARj 
1+δ

L
α+αδ− δ
j K

− β− βδ
j G

1− δ
j .

(13)

Taking the logarithm of equation (13) gives equation
(14).

ln Cj � δ ln Mi + δ ln α + ρ1(1 + δ)ln Famj + ρ2(1 + δ)ln GDPj + ρ3(1 + δ)MARj

+(α + αδ − δ)ln Lj − (β + βδ)ln Kj +(1 − δ)Gj.
(14)

First, the income Mi is expanded to
Mi � αi+ dWagei + eOperatei + fpropertyi + gtransferi. +ey,
respectively, represent wage income, business income,
property income, and transfer income. d, e, f, and g, re-
spectively, represent themarginal propensity to consume the
four types of income for different tourism consumption
structures. Second, the factor of measuring family charac-
teristics Famj is expanded to the size of the family

population Sizei, family urban and rural household regis-
tration Urbani, years of education E dui, and years of work
Expi. Finally, the labor force ln Lj is rewritten as
ln Lj � ln MANj − ln(1 − OLDj

′ − CHIj′), where MANj is
the total population, OLDj

′ is the proportion of the elderly,
and CHIj

′ is the proportion of children. At this time, the
model is as follows:

ln Cj � δ ln αi + dWagei + eOperatei + fPropertyi + gTransferi(  + δ ln α

+ ρ11 + π1Sizei + π2Urbani + π3Edui + π4Expi(  + ρ2(1 + δ)ln GDPj + ρ3(1 + δ)MARj

+(α + αδ − δ)ln MANj +(α + αδ − δ)ln 1 − OLDj
′ − CHIj

′  − (β + βδ)ln Kj +(1 − δ)Gj.

(15)

Suppose C0 � δ ln α − (β + βδ)ln Kj + (α + αδ − δ)

ln MANj + (1 − δ)Gm, then the above formula is simplified
to:
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ln Cj � C0 + δ ln αi + dWagei + eOperatei + fPropertyi + gTransferi( 

+ ρ1(1 + δ)ln π1Sizei + π2Urbani + π3E dui + π4expi(  

+ ρ2(1 + δ)ln G DPj + ρ3(1 + δ)MARj +(α + αδ − δ)ln 1 − OLDj
′ − CHIj

′  .

(16)

+e formula reveals the impact of income structure,
household characteristics, and regional characteristics on
tourism consumption, where ln Cj is the growth rate of
tourism consumption and the first term on the right-hand
side of the equation, C0 is a constant parameter, the second
term reflects the impact of income structure on it, the third
term reflects the impact of household characteristics on it,
and the fourth term reflects the impact of regional char-
acteristics on it.

Based on the results derived from the model above, the
following hypotheses are formulated and tested in the
empirical analysis that follows:

(1) Income structure: income from wages (wage), in-
come from business (operate), income from property
(proper), and income from transfers (sfer) are related
to household tourism consumption.

(2) Household characteristics: population size (size),
urban and rural household size (urban), educational
attainment (edu), and work experience (exp) are
related to household tourism consumption.

(3) Regional characteristics: level of regional economic
development (GDP), level of marketization (MAR),
the proportion of the elderly population (OLD), and
the share of the child population (CHI) are associ-
ated with household tourism consumption.

+e impact of these three variables on tourism con-
sumption is to be further determined in the later empirical
section.

3. Methods

Based on the research idea, we will conduct a latent variable
analysis, which requires the use of latent variable analysis to
abstract out three levels of latent variables of household
tourism consumption structure [17]. Second, this study
involves a large number of research variables and needs to
deal with the complex relationship of multiple variables to
multiple variables and cannot simply use traditional re-
gression. Based on the proposed theoretical model, house-
hold factors and regional factors that affect the structure of
tourism consumption are also included in the analysis.
However, as households from the same region tend to have
greater similarity due to their enjoyment of common
tourism resources, environment, etc., there is a high degree
of aggregation in this nested structure of data, which does
not meet the independence assumptions of the statistical
model. +erefore, there is a need to define the structure of
tourism consumption using appropriate measures and to
study the relationships of the factors influencing it. +e use
of multilevel structural equation modeling (MSEM) [18] is
required when it is necessary to incorporate latent variable

models, to consider complex relationships between multiple
variables, and to deal with nested structural data to analyze
intergroup and intragroup differences. +e theoretical
foundations of the two most important models in hierar-
chical structural equation modeling, namely, hierarchical
modeling and structural equationmodeling, are presented in
turn, followed by a summary of the theoretical foundations
of hierarchical structural equation modeling.

3.1. Hierarchical Linear Model. +e hierarchical linear
model (HLM) is proposed to deal mainly with problems with
nested data structures [19]. One of the most common ap-
plications of the hierarchical model one of themost common
applications of HLM is the nesting of individuals within
aggregates, e.g., households nested within different com-
munities and individuals nested within different industries,
in different industries. If, for example, households are used
as variables at the individual level and regions are used as
variables at the aggregate level, the hierarchical linear model
takes the following form:

First level:

Yij � β0j + β1jXij + μij. (17)

Second level:

β0j � α00 + α01Zj + ε0j

β1j � α10 + α11Zj + ε1j.
(18)

Of these, j � 1, 2, . . . , j; i � 1, 2, . . . nj, COV(μij,

ς0j) � 0, COV (μij, ς1j) � 0.
In the three equations above, Yij is the household level-

dependent variable and Xij is the independent variable,
where the subscript j represents different regions and i
represents households within a region. +e household-level
intercept and slope are β0 and β1, respectively. μij is the
random error term at the household level. α00 and α01 are the
intercept and slope terms of the first equation at the second
level, respectively. +e meaning represented is the effect of
the independent variable Zj in the second level on the first-
level regression model intercept terms β0j and β1j.

However, the multilevel linear model can only analyze
the relationship between explicit variables and is very
limited in many latent variable problems, so the following
structural equation is the introduced model to solve this
problem.

3.2. Structural Equation Modeling. Structural equation
modeling (SEM) [20] is a statistical method similar to
multivariate factor analysis, which has two main parts. One
part constructs the relationship between the observed var-
iables (i.e., indicators, usually explicit variables) and the
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latent variables (i.e., factors, usually concepts), and the other
part constructs the interrelationships between the latent
variables (i.e., correlations between individual factors).

Measurementmodel:
Y � Λyη + ε,

X � Λxξ + δ.
 (19)

+e measurement equation describes the relationship
between the latent variable and the observable indicator of
the explicit variable. Among them, Y and X are observed
variables; η and ξ are latent variables; Λy and Λx are the
factor loading between the latent variable and the observed
variable, that is, the factor loading matrix; and ε and δ are
measurement errors.

Structuralmodel: η � α + Bη + Γξ + ζ. (20)

+e structural equation describes the relationship be-
tween latent variables. Among them, α is the intercept, B and
Γ are the coefficient matrix between the latent variable and
the latent variable, and ζ is the residual vector of the latent
variable regression of the structural equation.

In summary, traditional regression analysis can only
analyze the relationship between explicit variables, and the
concept of latent variables, which cannot be directly ob-
served, can only be roughly summarized using one or a few
explicit variables. Structural equation modeling can,
therefore, bridge the mapping process from “latent vari-
ables” to “observed explicit variables” by creating the con-
cept of “latent variables,” representing the structural
relationship between latent variables and observed explicit
variables. +e current structural equation focuses on one
level of analysis. However, this study uses multiple levels of
data, both at the household and regional levels, which re-
quires a break from the limitations of structural equation
modeling in the use of such data to conduct multilevel
analysis. +erefore, a hierarchical structural equation model
is introduced next.

3.3. Multilevel Structural EquationModeling. +e multilevel
structural equation modeling (MSEM) is a multilevel
structural unified model that combines the strengths of
both hierarchical linear models (HLMs) and structural
equation models (SEMs) and is a multilevel latent variable
model for the analysis of A generic framework for the
analysis of multilevel latent variable models. +e model is
as follows:

Measurementmodel: Yij � vj + λjηij + KjXij + εij, (21)

where i is the individual indication, and j is the cluster
indication (representing the variation of this parameter with
the cluster). +e measurement equation can be viewed as a
validated factor analysis expressing the observed variable Yij

as a function of the latent variable ηij, the observed covariate
Xij, and the residual εij.

At this point, the coefficients are allowed to vary between
levels because of the need to reflect second-level random
effects. +e structural model is divided into two levels.

+e within-group structural model:

ηij � αj + Bjηij + ΓjXij + ζ ij. (22)

+e between-group structural model:

ηj � μ + βηj + cXj + +ζj. (23)

In the first-level intragroup structure model, the struc-
tural equation can be regarded as the expression of the
functional relationship between the latent variable ηij and
the exogenous observation covariate Xij and the residual ζ ij.
In the second-level intergroup structure model, Xj is the
second-level s-dimensional covariate vector. Unlike Xij, it is
an s-dimensional vector of all group covariates stacked at the
second level.

4. Analysis of Household
Tourism Consumption

4.1. Data Sources and Descriptive Statistics. All data used in
this study are from the China Household Tracking Survey
(CFPS) microdata [21]. By combing through the sample
data, data on total income, assets, travel consumption, and
basic demographic information of each urban household
(household) were obtained, and the sample excluded core
variables with missing data or abnormal data. Descriptive
statistics for the sample are shown in Table 1.

4.2. Family Tourism Consumption Structure. Since the
implementation of the reform and opening up in 1978 [22],
the structure of family tourism consumption in my country
is undergoing drastic transformation and upgrading. +e
structure of tourism consumption in different periods has
different performance characteristics. Figure 3 shows the
changes in the structure of family tourism consumption.

From the above analysis, we can see that from 1992 to
1993, and from 2012 to 2013, the structure of family tourism
consumption has undergone major changes. +erefore,
using this as a node is used to analyze the changes in the
average of the three stages. In the first stage, from 1978 to
1992, my country’s family tourism consumption was
dominated by subsistence consumption such as food and
housing. +e rest of the development and enjoyment con-
sumption accounted for a relatively small proportion, while
the consumption expenditure on transportation and other
supplies and services accounted for a relatively small pro-
portion, mainly for short-distance travel. In the second
stage, during 1993–2012, reform and opening up were
further deepened, and the tourism market changed. During
this period, family tourism consumption was further
upgraded, and the proportion of food expenditure decreased
compared with the previous period. In the third stage, be-
tween 2013 and 2018, my country’s economy is in a stage of
rapid development, and tourism consumption is urbanizing
and developing at a fast pace. During this period, the tourism
consumption structure continues to upgrade. Although the
growth rate of development and enjoyment tourism con-
sumption is relatively slow, at this stage, the sum of ex-
penditures on transportation, sightseeing, and shopping of
Chinese residents has exceeded that of food and housing,
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which shows that people paymore attention to long-distance
travel and enjoyment of life. +e main reason is that changes
in the lifestyle of family consumers have brought about
changes in consumption concepts, and people are paying
more and more attention to the quality of tourism.

4.3. Analysis by Rural and Urban Areas. China’s special
urban-rural dichotomy has gradually widened the gap be-
tween the consumption of urban and rural residents, and it is
necessary to analyze the structure of household tourism
consumption from both urban and rural perspectives. As

Table 1: Descriptive statistics of the sample.

Variable type Variable
All samples Outbound travel

samples
Nonoutbound travel

samples

Mean Standard
deviation Mean Standard

deviation Mean Standard deviation

Explained variable Per capita household travel
consumption 0.10∗∗ 0.31 0.25 0.44 0 0

Core explanatory
variables

Household assets per capita 32.54∗∗∗ 78.05 64.46 98.4 28.07 76.69
Per capita housing assets 36.93∗∗ 81.79 55.24 90.76 24.9 72.86
Financial assets per capita 3.51∗∗ 11.61 5.9 14.87 1.93 8.47
Operating assets per capita 3.52∗ 12.76 0.06 0.76 0.03 0.2

Durable goods assets per capita 2.03∗∗ 5.9 3.3 6.25 1.2 5.51

Control variable

Household disposable income per
capita 4.83∗∗∗ 5.98 6.25 17.27 3.9 75.7

Age of head of household 48.65 15.17 47.99 15.57 48.91 16.78
Gender of head of household 0.51∗∗ 0.5 0.47 0.5 0.54 0.49
Educational level of head of

household 0.85∗ 0.68 0.8 0.69 0.87 0.76

Head of household marriage 0.82∗∗ 0.39 0.8 0.4 0.85 0.48
Number of family members 3.39 1.66 3.43 1.74 3.33 1.78
Percentage of children among

family members 0.16 0.38 0.17 0.46 0.16 0.45

Proportion of elderly in family
members 0.05 0.06 0.07 0.09 0.04 0.07

Family medical insurance 0.47∗∗ 0.4 0.61 1.29 0.43 1.54
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Figure 3: +e changes in the structure of family tourism consumption.
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can be seen from Figure 4 [23], the Engel coefficient for rural
areas is consistently higher than that for urban areas. +e
coefficient for rural areas has always been higher than that
for urban areas, and only twice did rural areas catch up with
urban areas, in 1983 and 1989. In 1983 and 1989 [24], the

rural areas slightly caught up with the towns. After 1989, the
Engel coefficient between rural and urban areas significantly
widened, indicating that China’s special urban-rural di-
chotomy has had a significant impact on the rural economy.
+is indicates that China’s special urban-rural dichotomy

0.6
0.5
0.4
0.3
0.2
0.1

0
1985 1990 1995 2000 2005 2010 2015

Whole country
City
Countryside

Figure 4: Changes in Engel’s coefficient over the years.

Table 2: Income structure of urban residents.

Period Wage Operate Property Transfer
1978–1992 76.13 1.49 1.03 21.75
1993–2012 70.54 8.57 2.72 25.15
2013–2018 60.80 11.25 10.09 17.86

Table 3: Income structure of rural residents.

Period Wage Operate Property Transfer
1978–1992 14.1 82.37 - 3.61
1993–2012 28.14 63.29 2.13 6.44
2013–2018 40.98 37.03 2.30 19.69
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Figure 5: Structural equation path diagram.
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has had an impact on residents’ consumption behavior. It
was not until 2004 that the gap between urban and rural
areas began to widen. It was only after 2004 that the gap
between urban and rural areas began to narrow. From 2012
to the present, the difference between the urban and rural
Engel coefficients has remained at around 3% [25]. +e gap
between urban and rural areas has remained at around 3%.
Tables 2 and 3 show the income structure of urban residents
and the income structure of rural residents, respectively.

+ere is a positive correlation between various types of
income and various types of consumption. Compared with

other types of income, the relationship between wage in-
come and various types of consumption is closer, which can
reflect that most of the income sources of my country’s
residents are wage income. Necessary consumption in daily
life is closely related to all types of income. +e correlation
between property income and tourism, culture, and enter-
tainment consumption is relatively strong. +is may be
because families with more family property income are
wealthier than other families, so they spend more on en-
joyment consumption such as tourism. It seems that transfer
income has a relatively small correlation with many

Table 4: Measurement model parameter estimation table.

Latent variable Observed variable Estimate S.E. Est./S.E. P-value

Basic consumption (Y1)
Food 0.684 0.018 38.18938.189 ≤0.001

Transport 0.551 0.016 34.830 ≤0.001
Accommodation 0.036 0.015 2.350 0.019

Recreational consumption (Y2)
Culture 0.816 0.014 56.414 ≤0.001
Shopping 0.200 0.011 17.487 ≤0.001
Sightseeing 0.091 0.012 7.729 ≤0.001

Other consumption (Y3)
Services 0.217 0.012 17.828 ≤0.001
Daily 0.835 0.013 64.507 ≤0.001
Other 0.119 0.011 10.813 ≤0.001
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Figure 6: Hierarchical structural equation path diagram.
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consumptions. +is may be because the households re-
ceiving transfer income are not very wealthy, so they spend
slightly less on tourism and culture.

4.4. Structural EquationModelingAnalysis. Next, in order to
provide a more realistic picture of the relationship between
the structure of household income and the structure of
household tourism consumption, the structural equation
model was used to generate three consumption structure
latent variables for various subcategories of consumption
and to analyze in detail the relationship between the four
types of income structure and the tourism consumption
structure latent variables. +e relationship between the
variables is shown in Figure 5.

+e calculation results of the measurement model are
shown in Table 4. From the point of view of variable sig-
nificance, each observed significant variable of consumption
can well explain the latent variable of consumption struc-
ture, and they are all significant at the 1% significance level.
From the perspective of variable path coefficients, the co-
efficients of all explicit variables of consumption are all
positive.

4.5.Multilevel Structural EquationModeling. On the basis of
the above model, adding covariate familyij family charac-
teristics in the structure of the household-level model, they
are urban and rural categories (urbanj), family size (sizej),
education (eduj), and work experience (expj). +e variable
relationship diagram is shown in Figure 6.

It can be seen from Table 5 that the relationship between
the observed variables and the latent variables of tourism
consumption structure is basically the same as above, and
the estimated value at the regional level is slightly higher
than that at the individual level [26]. As shown in Table 6,
each observed significant variable of income can explain the

latent variable of income structure well, and they are all
significant at the significance level of 1%. +e coefficient of
influence of each significant variable of income is positive
[27]. +e four types of income have a positive effect on
income. +e coefficients of the structure are basically the
same.

5. Conclusions

Income structure is the main reason that affects family
tourism consumption. +rough canonical correlation and
structural equation model analysis, it can be seen that there
is a significant correlation between the household income
structure and tourism consumption structure in China.
Wage income has a significant impact on all types of tourism
consumption structure, indicating that distribution
according to work is the mainstay in China under the cir-
cumstances, and wage income is still the main source of
income for households. Operating income mainly affects
basic tourism consumption and developmental tourism
consumption. Property income mainly affects enjoyment

Table 5: Parameter estimation table for the measurement model of household tourism consumption latent variables.

Latent variable Observed variable Estimate S.E. Est./S.E. P-value
Family level

Basic consumption (YW1)
Food 0.612 0.049 12.409 ≤0.001

Transport 0.583 0.043 13.590 ≤0.001
Accommodation 0.034 0.011 3.017 0.003

Recreational consumption (YW2)
Culture 0.805 0.061 13.192 ≤0.001
Shopping 0.193 0.023 8.377 ≤0.001
Sightseeing 0.082 0.026 3.154 0.002

Other consumption (YW3)
Services 0.198 0.028 7.191 ≤0.001
Daily 0.819 0.056 14.576 ≤0.001
Other 0.110 0.022 4.897 ≤0.001

Regional level

Basic consumption (YB1)
Food 0.946 0.414 2.287 0.022

Transport 0.857 0.288 2.977 0.003
Accommodation -0.552 3.682 0.150 0.881

Recreational consumption (YB2)
Culture 0.969 0.097 9.973 ≤0.001
Shopping 0.927 0.142 6.554 ≤0.001
Sightseeing 0.885 0.194 4.556 0.002

Other consumption (YB3)
Services 0.947 0.087 10.819 ≤0.001
Daily 0.990 0.223 4.445 ≤0.001
Other 0.932 0.047 19.875 ≤0.001

Table 6: Income latent variable measurement model parameter
estimation table.

Latent
variable

Observed
variable Estimate S.E. Est./

S.E.
P-

value
Family level

Income(XW)

Wage 0.615 0.037 16.447 ≤0.001
Operate 0.610 0.018 34.192 ≤0.001
Property 0.632 0.032 19.886 0.003
Transfer 0.452 0.024 18.458

Regional level

Income(XB)

Wage 0.948 0.140 6.779 ≤0.001
Operate 0.913 0.246 3.712 ≤0.001
Property 0.772 0.119 6.466 0.003
Transfer 0.953 0.062 15.460 ≤0.001
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tourism consumption. Transfer income only has an impact
on basic catering and transportation consumption.

In terms of household microfactors, urban/rural cate-
gory, household size, and educational attainment, all have a
significant positive effect on tourism consumption, while
work experience has a negative effect. Urban households are
more likely to spend on all types of tourism than rural
households and have the greatest influence on the basic
items of the first category of tourism consumption. +e
structure of consumption is closely related to the size of the
household, with the larger the household size, the greater the
ability to spend on tourism, and still the greatest impact on
the basic categories of consumption. +e higher the level of
education of the household as a whole, the higher the
spending power on all types of consumption and the largest
coefficient of influence on the enjoyment type of tourism
consumption.

+e relationships between the latent variables of the
consumption structure vary. +e closest relationship be-
tween the consumption structure latent variables, both at the
household level and at the regional level, in the structural
relationship between tourism consumption is between en-
joyment-based consumption and other consumption items.
At the household level, higher incomes may lead households
to increase both types of consumption. At the regional level,
expenditure on other items in tourism activities may have
some synergistic relationship with enjoyment-based con-
sumption. In the future, we plan to carry out overly deep
learning household travel consumption impact analysis to
further improve the model analysis.
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