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In order to improve the automatic evaluation ability of fine arts education effect in colleges and universities, this paper proposes
the evaluation research of fine arts education effect based on big data technology. We build university fine arts education effect
data analysis model, considering the characteristics of the college art education effect; can reflect the effect of art education in
colleges and universities’ selected index system, with the effect of art education in colleges and universities of the decision about
the elements of the decomposed into goals, standards, and plan level, such as university fine arts education effect evaluation of
qualitative and quantitative analysis; find out the hidden representative university fine arts education effect evaluation factors;
build fine arts education in colleges and universities’ effect-associated distribution rules of the data, through unsupervised learning
method, the effect of art education in colleges and universities’ data feature extraction in the process of adaptive learning, by fuzzy
comprehensive evaluation of big data; and realize the effect of art education in colleges and universities. The test results show that
the fitness level of using this method to evaluate the effect of art education in colleges and universities is high, the score of the
evaluation effect of art education in colleges and universities is significant, and it is in a good state in the evaluation index score
table, indicating that the evaluation effect is accurate and reliable.

1. Introduction

The effect of fine arts education in colleges and universities is
the key factor to measure the quality of fine arts education in
colleges and universities, and the comprehensive quality of
observing, analyzing, and solving problems. In the process of
teaching evaluation and evaluation of art education in
colleges and universities, it is necessary to combine the
characteristics and index distribution of art education in
colleges and universities, and adopt the method of index
parameter analysis to realize quantitative evaluation of the
effect of art education in colleges and universities [1]. In this
paper, the optimization analysis model of college art edu-
cation effect is studied, the quantitative optimization model
of college art education evaluation is established [2], the big
data analysis method is adopted, the big data information
analysis model of college art education effect evaluation is
carried out, and the big data mining and information fusion
methods are adopted to make the evaluation decision of

college art education effect. In the process of dynamic
management of college art education effect evaluation, the
dynamic evaluation and decision-making of college art
education effect are realized by combining big data analysis
and automatic mode evaluation and decision-making, and
the research on related evaluation methods of college art
education effect has attracted great attention [3].

The evaluation index system of the effect of art education
in colleges and universities is helpful for the state to give
macro guidance and management to colleges and univer-
sities, and provides the basis for decision-making for the
management departments of art education and scientific
research in colleges and universities. Scientific evaluation of
art education in colleges and universities will clearly show
the shortcomings of universities in some aspects and uni-
versities in some aspects and point out the direction of
construction and management. At present, the evaluation
methods of art education effect in colleges and universities
mainly adopt the manual evaluation method and the scoring
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evaluation method. Combined with the development of big
data information management technology, the evaluation
and optimization of art education effect in colleges and
universities can be realized with the aid of multimedia, the
information management level of libraries and the ability of
optimizing and dispatching art education resources in
colleges and universities can be improved, and an automatic
evaluation model of art education effect in colleges and
universities can be established, combined with the inno-
vative evaluation model of the effect of art education in
colleges and universities, can realize the information
management of the effect of art education in colleges and
universities, and can realize the optimal scheduling of col-
lege art education resources under the fuzzy comprehensive
evaluation decision of artificial intelligence big data. Based
on the comprehensive consideration of the advantages and
disadvantages of various methods, in reference [4], the
gambling method and the fuzzy comprehensive evaluation
method are combined to construct a comprehensive eval-
uation model of college art education decision-making. The
final result of the study not only obtains the fuzzy com-
prehensive evaluation of each college art education evalu-
ation scheme, but also ranks the advantages and
disadvantages of each scheme. However, this method re-
quires a lot of prior knowledge. In reference [5], four first-
level indexes and 16 second-level index systems are con-
structed, and based on this index system, a fuzzy compre-
hensive evaluation model of the effect of college art
education is established to comprehensively evaluate the
effect level of college art education for a college student in
Hunan Province, but the index evaluation system of this
method is not perfect enough [6-8].

Aiming at the above problems, this paper puts forward
an automatic evaluation method of college art education
effect based on big data fuzzy comprehensive evaluation. A
characteristic analysis model of college art education effect
data, considering the characteristics of college art education
effect, is constructed, an index system that can reflect the
effect of college art education is selected, the elements that
are always related to the decision-making of college art
education effect into objectives, criteria, schemes, and other
levels make a qualitative and quantitative analysis of college
art education effect evaluation, and a semantic joint degree
detection model of college art education effect evaluation
index system data is constructed. The statistical analysis
method of common factors is used to find out the hidden
representative evaluation factors of college art education
effect, and the fuzzy regression analysis method is used to
construct the association distribution rule set of college art
education effect data. The unsupervised learning method is
used to carry out adaptive learning in the process of feature
extraction of college art education effect data. Finally, the
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simulation test analysis shows the superior performance of
this method in improving the ability of automatic evaluation
of college art education effect.

2. Index Model and Characteristic Analysis of
the Effect Evaluation of Art Education in
Colleges and Universities

2.1. Index Parameter Model of the Effect Evaluation of Art
Education in Colleges and Universities. The standard of the
evaluation index of the effect of art education in colleges and
universities is an organic whole with an internal structure,
which is composed of multiple indexes representing the
characteristics of the evaluation object in all aspects and their
interrelation. It needs to follow the systematic principle, the
typical principle, the dynamic principle, and the compre-
hensive principle to evaluate. In order to realize the com-
prehensive evaluation of the effect of art education in
colleges and universities, it is necessary to construct the
parameter distribution model of the evaluation index of the
effect of art education in colleges and universities [9, 10].
Each index in the index system is independent and inter-
related. Indicators reflect different aspects of scientific re-
search and innovation, and each indicator should not be
repeated and crossed [11-13]; at the same time, each index
element describes the same ability behavior together, so it is
interrelated. Each index has its own unique connotation
[14]. Combined with the graph model parameter analysis,
the semantic ontology graph model fusion method is
adopted to construct the big data decision-making structure
model of college art education effect evaluation, as shown in
Figure 1.

According to the decision index block big data detection
model of college art education effect evaluation shown in
Figure 1, under the homomorphic mapping mechanism, the
adaptive scheduling and information fusion of college art
education effect are realized [15-17], and the edge structure
feature quantity of college art education effect is obtained.
The distributed node structure model of college art edu-
cation effect evaluation is constructed by using the directed
graph model. According to the established evaluation index
of college art education effect, a scale for evaluating the effect
of art education in colleges and universities is designed. The
scale items are graded according to the 25 indicators of the
evaluation system [18]. Likert’s 5-point scoring method is
adopted, and 1~5 points are used to indicate very unim-
portant, not very important, average, relatively important,
and very important. There are 5 grades in total. The cor-
relation of the distribution nodes of the effect of art edu-
cation in colleges and universities is expressed as follows:

O:X%||w||2+YCi(fi+€i*)+Z(xi(t)—wij(t))z,j=0,1,...,N— L. (1)

i=1 i=
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Figure 1: Distribution structure model of decision-making indicators for the evaluation of the effect of art education in colleges and

universities.

In formula (1), X is the effect of art learning, w is the
dimension of art learning, Y is the relative importance of
influencing factors, C is the comprehensive score of art, » is
the number of students, &; is the original space mapping, &;
is the high-dimensional feature space mapping, k is the
distance, x;(t) is the classification interval of art teaching,
and w;; (¢) is the weighted sum of art education courses.
Assuming that the sample set w has j category labels, the
ambiguity function of the effect of college art education is
established according to the distribution nodes of college art
education effects, which are expressed as follows:

2N-1 .
w; = Z he ™ +(w0]-,w1j, .. ->“-’k—1,j)- (2)
k=0

In formula (2), N is the information gain value, h; is
the art course weight, and e/ is the information en-
tropy. By completing the directional fusion clustering
analysis of the useful text feature distribution in the effect
of art education in colleges and universities, the edge
feature component H (x, y) of the effect of art education in
colleges and universities is obtained. Through the design
of the semantic graph model, the semantic matching
judgment formula of the edge feature component H (x, y)
of the effect of art education in colleges and universities is
as follows:

Hxy) = { text, if (GDy(x,y)>Tx), )

text, otherwise.

In formula (3), the characteristic distribution dimension
of the effect of art education in colleges and universities is 1,
and the edge distribution feature set of the evaluation of the
effect of art education in colleges and universities is N,.
Based on the fuzzy decision of the effect of art education in
colleges and universities, if Ax is used to represent the weight
of the effect of art course education, the minimum distance
of node distribution of the effect model of fine arts education
in colleges and universities is as follows:

Y =sin| 2Ax{ t—=— )| = min {d 4
= sin| 2Ax IxN,, = 031}5\11171{ j}- (4)

In formula (4), ¢ is the test time. Since the effect of art
education in colleges and universities is divided into 3 x 3
topology, through the statistical feature extraction method in
which each principal component is the original variable, the
big data fusion of the effect of art education in colleges and
universities is carried out; the index system that can reflect
the effect of art education in colleges and universities is
selected; the elements related to the decision-making of the
effect of art education in colleges and universities are
decomposed into objectives, criteria, schemes, and other
levels; and the qualitative and quantitative analysis of the
effect evaluation of art education in colleges and universities
is carried out [19-21]. This paper constructs the semantic
union degree detection model of the evaluation index system
data of college art education effect, finds out the hidden
representative evaluation factors of college art education
effect by using the statistical analysis method of common
factors, and adopts the fuzzy regression analysis method to
construct the fuzzy parameters of college art education effect
evaluation as follows:

5
X:P:mm{ZEJ}
i

271 (t—t,+T4)-1

(5)
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In formula (5), P; is the feature weight, A is the feature
weight, ¢, is the interval mean, ¢, is the interval variance, T,
is the number of features, and R® is the membership value.
According to the analysis results of association rules, the
quantitative feature components of college art education
effect are obtained, wherein the feature components of
college art education effect attributes of samples with
matched autocorrelation features are as follows:
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x, = GXN, + %u)) 6)
In formula (6), X (t) is the fuzzy correlation degree of
college art education effect data, X(u) is the statistical
characteristic quantity of college art education effect data,
N, is the composite parameter of college art education effect
evaluation, G is the actual output value of the college art
education test sample, and X is the total number of college

art education test samples [22, 23].

2.2. Analysis of Characteristics of Art Education Effect Eval-
uation in Colleges and Universities. Teachers should make
different evaluation schemes according to different types of
art courses. Instead of making it simple and simple, teachers
should make different evaluations according to different
characteristics of art courses. In addition to teacher’s direct
evaluation, various forms can also be adopted. Mutual
evaluation of artworks with different characteristics can not
only deepen students’ understanding of the diversity of
works, but also deepen their knowledge and understanding
of the diversity of beauty. The application of various forms,
rhythms, symmetry, and balance of works strengthens
students' aesthetic consciousness, deepens their knowledge
and understanding of artistic expressiveness, improves their
ability of appreciation and judgment, and at the same time
cultivates and exercises their language description ability, as
well as their ability to comment on art. In this way, students
can learn the strengths of others, recognize their own
shortcomings, learn from each other, and at the same time,
they can see their own strengths and enhance their confi-
dence in learning. Teachers’ affirmation of works of different
styles in this process can make students realize that artworks
themselves are the result of people with different person-
alities looking at the world and life from different angles and
using different methods to express them. Works embody
people’s ideal, desire, emotion, personality, love and beauty,
and other characteristics, so “there is no uniform standard in
art, and personal standards do not apply to all art phe-
nomena.” Therefore, one cannot deny the value of works that
one does not like. In this process, some questions can also be
designed to encourage students to participate in the eval-
uation, self-evaluation, and mutual evaluation, and en-
courage students to actively participate and actively speak,
rather than a mere formality. To design the evaluation
content based on the learning content and homework re-
quirements of each lesson is conducive to consolidating the
classroom teaching effect.

According to the design of a large dataset distribution
model of college art education effect, combined with the
distributed design of fusion characteristics of college art
education effect evaluation, the realization process of college
art education effect evaluation is shown in Figure 2.

The method of semantic ontology model analysis is used,
the feature space distribution model of college art education
effect evaluation is constructed, and the process control of
college art education effect evaluation is realized by the
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method of block information fusion and feature matching
[24]. On the basis of statistical analysis and fuzzy detection,
the fuzzy evaluation set of college art education effect is
obtained as follows:

- (t) —sp; . (t
1 +PL,]() SP,,,().

YO = e @siany? i ()

(7)

In formula (7), « is the feature division point, 0 is the
standardization coefficient, § is the ambiguity set, p; ; () is
the continuous feature distribution set, sp;;(t) is the
function learning set, and p; ; (¢) is a training set for eval-
uating the effect of art education in colleges and universities.
Under the guidance of the fuzzy evaluation set of the effect of
art education in colleges and universities, the joint-related
parameters of the evaluation nodes of the effect of art ed-
ucation in colleges and universities can be obtained as
follows:

2n(D, N D,)

C=0(Dy) +n(Dy) ®

In formula (8), n(D,) and n(D,), respectively, represent
the number of semantically directed evaluation nodes of the
effect distribution of art education in colleges and univer-
sities, and n(D; N D,) represents the number of common
nodes in the semantic graph of the effect evaluation of
college art education. According to the above calculation
results, a semantic correlation distribution feature set of the
evaluation of the effect of art education in colleges and
universities is formed as follows:

5
S=8c% (a+b*Sr)+min{ZPi,1]>
(9)

Z—A(tc—tquTd)—l

T,

2 -1

In formula (9), Si * is the art education effect of the
target colleges and universities to be evaluated, a is the
regression coeflicient, b * is the equilibrium coefficient, and
S, is the steady-state model, while S, = 0, and the similarity S
of characteristic quantities of art education effect in colleges
and universities depends on S * a. According to the results
of feature extraction and similarity analysis of college art
education effect, an optimization and innovation model of
college art education effect evaluation is constructed.
Through random forest optimization of big data mining
results of college art education effect, the iterative equation
of data disclosure audit of college art education effect
evaluation is obtained as follows:

vf; =w- vi.fd +¢; -rand()-
. (63 -rand () - pbestf-fd - xf-fd) (10)
+ ¢, -rand() - (64 -rand () - gbest]; - xid).

In formula (10), w is the mean value of course grades, vf‘ 4
is the mean value of course grade items, ¢, - rand and c, -
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FIGURE 2: The implementation process of the effect evaluation of art education in colleges and universities.

rand are cryptographic hash functions, c¢;-rand and ¢, -
rand are blockchain ownership operators, and their ex-
pressions are as follows:

1, e,>ey,
¢;-rand() = poop
csxrand() e, <egp,
) (11)
, e,> e,
¢, -rand() = g
¢, - rand () €y <€y
In formulas (11) and (12), Xjj = Xy + Xpin — X;; T€P-

resents registered uplink parameters, c, represents global
optimization coefficient, e, stands for the deviation of the
evaluation effect of art education in colleges and universities,
e, represents the deviation between the current value and
the current global optimal value, and thus, a statistical
analysis model is constructed for the evaluation of the effect
of fine arts education in colleges and universities.

3. Automatic Evaluation and Optimization of
Art Education Effect in Colleges
and Universities

3.1. Integration of Parameters and Indicators for the Evalu-
ation of the Effect of Art Education in Colleges and Universities.
According to the semantic text abstract feature components
of college art education effect [25], the fuzzy regression

analysis method is adopted to construct the association
distribution rule set of college art education effect data, and
the auxiliary decision distribution weight coefficient of
college art education effect evaluation is I. Under the con-
dition of generating dynamic evaluation text features of
college art education effect, the fuzzy partition block
scheduling of college art education effect is combined with
the statistical information mining method, and the de-
scriptive clustering function of college art education effect
feature distribution is obtained as follows:

x(t)
X (u)

M, = GXN, +
(12)

™=

Il
—_

I(e; — oc;k)K(xi,xj).
1

In formula (12), o; is the original feature value, & is the
feature value after information mining, and K (x;, x;) is the
edge number of the effect of art education in colleges and
universities. The method of block matching and self-adap-
tive supervised learning is used to obtain the evaluation
decision-making matrix of the effect of art education in
colleges and universities. Combined with the method of
information fusion, the binary semantic decision-making
model of the effect of art education in colleges and uni-
versities is obtained. According to the fusion results of the
effect of art education in colleges and universities, combined



with the method of fuzzy cluster analysis, an automatic
evaluation model of the effect of art education in colleges
and universities is established [26].

3.2. Evaluation and Output of Art Education Effect in Colleges
and Universities. By using big data fusion and feature
classification technology, a correlation fusion scheduling
model of college art education effect evaluation is estab-
lished. Through big data fuzzy comprehensive evaluation,
the evaluation method refers to a multifactor comprehensive
evaluation method when a thing is affected by multiple
factors. The scope of some elements does not have clear
boundaries, and the fuzzy comprehensive evaluation
method can convert qualitative indicators into quantitative
indicators according to the principle of maximum mem-
bership degree, so as to make a comprehensive evaluation of
things affected by multiple factors. The differentiated feature
parameter set of college art education effect is analyzed.
Under the decision of artificial intelligence big data fuzzy
comprehensive evaluation, combined with subspace fuzzy
information clustering method, the fuzzy degree matching
of college art education effect evaluation process is realized.

If P courses are represented as X;,x...... s Xp>
ClrCypevnnnn ,¢, represents the weight of each course, so the
sum of the weightsiss = ¢;x; + c;x, + ... ... cpx,. We hope

that the appropriate weight can better distinguish the stu-
dents’ grades. Each student corresponds to one such com-
prehensive grade, and N is the number of students.
Assuming that the spatial distribution dimensions of current
college art education effect characteristics’ preference are
S1>Sysenennn .S, and Ny,...,N,, the priority control cost
function of automatic evaluation of college art education
effect is as follows:

G n
Ti :ﬁ'f' Z E[(Cli—bi)Z].

i-m+1

(13)

In formula (13), D is the sample whose feature value is
greater than « in the set D, D; is the sample whose feature
value is less than « in the set D, and E[(a; — bi)z] is the state
distribution set submodel of the effect evaluation of fine arts
education in colleges and universities. The measurement
data of the evaluation of the effect of art education in colleges
and universities meet the main characteristic of correlation
degree, and the correlation characteristic quantity is ob-
tained as follows:

[IS(p)| - c_distance (p)
Y octs(p)-distance (0)

OF(p) = (14)

minF =R +AY Est: [¢(x;) —of ' <R*+&and§,20,i=1,2,...

max Z oK (x;,x;) — Z Z ocioch(xi, xj)s.t:
i i
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In formula (15), in the neighborhood of the k-th dis-
tance, the reliability of the evaluation process is searched by
combining inertial parameter analysis and feature fitting, the
fitness function of the evaluation of the effect of college art
education is established, the weight coefficient is k, the
subspace planning model of the evaluation of the effect of
college art education is constructed, and the parameter
optimization model is as follows:

K K/t 4 t
y 0 0 0 0o Iy
0
T
[t <—
2

(15)

In formula (16), the subspace scheduling and random
forest learning model of college art education effect evalu-
ation is established, and the autocorrelation feature
matching method is taken. The spatial block distribution
function of college art education effect features is r;;, and the
attribute set of college art education effect evaluation is
obtained as follows:

-1
Y () = A(u>
2is A (rij’aij)

In formula (16), a;; is the set of common scoring items.
The evaluation priority order of the text set Y of college art
education effect is calculated, and the feature clustering
model of the feature information of college art education
effect by the adaptive optimization method is constructed.

The quantitative parameters of the feature of college art
education effect are as follows:

9 h() = Y a;(®)]x, (R, x, (k+ 1. ,x, (k+ N =1)].

(16)

(18)

In formula (18), g;(t) is the dimension of the feature
vector. A fusion model of characteristics’ preference of
college art education effect is built, the statistical charac-
teristics of college art education effect are established, and a
prior decision model of college art education effect through
prior data evaluation is obtained as follows:

(19)

Zoc,»: land0<ao;<A,i=1,2,...

1

(20)
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In formulas (19) and (20), R? is the autocorrelation
feature matching set of art education effect in colleges and
universities, and A is the average distribution set of quan-
titative statistics of the effect of art education in colleges and
universities. According to the above analysis, a correlation
fusion scheduling model for the effect evaluation of art
education in colleges and universities is established, and the
effect evaluation of art education in colleges and universities
can be realized through big data fuzzy comprehensive
evaluation and statistical analysis methods.

4. Empirical Analysis and Testing

In order to verify the application performance of this
method in realizing the automatic evaluation of fine arts
education effect in colleges and universities, SPSS13.0 is used
to conduct statistical analysis on the results of the ques-
tionnaire, and factor analysis is used to synthesize many
original variables into few comprehensive indicators. Delphi
method, entropy method, fuzzy cluster analysis, analytic
hierarchy process are adopted. Then, a comparative ex-
periment is carried out, assuming that the dimension of the
sample set of the information distribution of automatic
evaluation of the effect of art education in colleges and
universities is 45, the data scale is 1200, the performance
analysis object is the selected art major student in a college,
and the experimental data is selected from iResearch
datahttp://www.iresearch.cn). The distribution of evaluation
grades of art education effect in colleges and universities is
shown in Table 1.

According to the above evaluation grade distribution,
the use of AHP first needs to select the relatively important
factors from many factors and divide them into several levels
according to the relationship between the factors. The re-
lationship between the factors at each level should be
marked, and the scale information definition of the evalu-
ation grade is shown in Table 2.

According to the above parameter settings, the effect
evaluation of art education in colleges and universities is
carried out, and the distribution histogram of the effect of art
education in colleges and universities is obtained as shown
in Figure 3.

Taking the dataset of Figure 3 as the test object, the effect
evaluation and optimization decision of college art educa-
tion are made, and the graded evaluation results are shown
in Figure 4.

According to the analysis of Figure 4, this method can
effectively achieve the graded evaluation of college art edu-
cation effect, and the evaluation results of each test group are
better. The reason is that this method adopts big data fusion
and feature classification technology to establish a correlation
fusion scheduling model of college art education effect
evaluation. Under the decision-making of artificial intelli-
gence big data fuzzy comprehensive evaluation, combining
the subspace fuzzy information clustering method, the fuzzy
degree matching of the evaluation process of college art

education effect can be realized, which is beneficial to increase
the grading evaluation effect of college art education effect to a
certain extent. According to the test and evaluation, the
automatic evaluation results of fine arts education effect in
colleges and universities are shown in Table 3.

According to the results in Table 4, the integrity score of
college art education effect evaluation by this method is high.
The reason is that this method adopts fuzzy regression
analysis method according to the semantic text abstract
feature components of college art education effect, con-
structs the association distribution rule set, and obtains the
descriptive clustering function of feature distribution under
the condition of generating dynamic evaluation text features,
which is conducive to improving the automatic evaluation
results of college art education effect. The accuracy of the
score is tested. Different methods are used for evaluation,
and the Delphi method, entropy method, fuzzy cluster
analysis method, and analytic hierarchy process (AHP)
method are used for comparison. The comparison results of
evaluation reliability are shown in Table 4.

Analysis of Table 4 shows that the method in this paper
has a significant effect on the evaluation effect of art education
in colleges and universities, and the evaluation index score
table is in an excellent state, indicating that the evaluation
effect is accurate and reliable. On the basis of the accuracy of
the evaluation effect, the time of automatic evaluation of the
effect of art education in colleges and universities is tested and
analyzed. The data of 600 different types of college art edu-
cation courses were randomly selected as test data. By
comparing and testing the time for automatic evaluation of
the effect of art education in colleges and universities with the
Delphi method, the fuzzy cluster analysis method, and the
entropy method, the results are shown in Figure 5.

According to Figure 5, the method in this paper adopts
the fuzzy regression analysis method to construct the
association distribution rule set of the effect data of college
art education and generate the correlation fusion
scheduling model of the effect evaluation of college art
education, so as to improve the effect of college art ed-
ucation, so the automatic evaluation time is shorter, only
5s can effectively predict the effect of 600 different types of
high-efficiency art education courses, the efficiency is
significantly higher than the other three methods, and it
has strong applicability.

To sum up, this method can effectively achieve the
graded evaluation of the effect of art education in colleges
and universities. The evaluation effect of each test group is
good. Using this method to evaluate the effect of art
education in colleges and universities, the integrity score
is high; the evaluation effect score of art education in
colleges and universities is significant; and it is in a good
state in the evaluation index score table, indicating that
the evaluation effect is accurate and reliable. Only 5s can
effectively predict the effect of 600 different types of ef-
ficient art education courses, which has strong
applicability.
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TaBLE 1: Grade distribution of evaluation on the effect of art education in colleges and universities.

Evaluation grade Semantic constraint coefficient Text constraint Similarity index
Grade 01 0.410 0.521 9.9646
Grade 02 0.459 0.607 5.4624
Grade 03 0.456 0.762 2.9528
Grade 04 0.426 0.754 0.3609
Grade 05 0.412 0.496 0.8896
Grade 06 0.430 0.797 9.0462
Grade 07 0.450 0.851 1.1769
Grade 08 0.439 0.506 7.3216
Grade 09 0.415 0.677 7.6317
Grade 10 0.410 0.855 4.0680
Grade 11 0.467 0.742 0.6409
Grade 12 0.464 0.448 7.5907
Grade 13 0.477 0.567 0.8189
Grade 14 0.412 0.519 5.9693
Grade 15 0.459 0.660 2.3849
Grade 16 0.430 0.647 3.2810
Grade 17 0.425 0.746 6.3253
Grade 18 0.470 0.837 5.6985
Grade 19 0.428 0.768 6.6322
Grade 20 0.445 0.984 2.0046

TaBLE 2: Scale information of evaluation grade.
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FIGURE 3: Histogram of the effect distribution of art education in colleges and universities. (a) Test set. (b) Training set.
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FIGURE 4: Graded evaluation results of the effect of art education in colleges and universities. (a) Test sample 1. (b) Test sample 2. (c) Test
sample 3. (d) Test sample 4.

TaBLE 3: Results of automatic evaluation of the effect of art education in colleges and universities.

Evaluating indicators Integrity score Statistical characteristic quantity Equivocation Distribution difference
Sample 1 12.747 0.410 0.416 3.0412
Sample 2 12.638 0.424 0.522 0.0669
Sample 3 13.242 0.437 0.476 6.3569
Sample 4 12.048 0.414 0.868 1.1505
Sample 5 12.525 0.407 0.485 5.2021
Sample 6 11.955 0.459 0.535 0.0170
Sample 7 14.479 0.477 0.588 5.4217
Sample 8 12.234 0.480 0.814 2.7214
Sample 9 12.301 0.423 0.857 3.0256
Sample 10 11.830 0.453 0.475 3.9617
Sample 11 14.475 0.427 0.651 7.2505
Sample 12 14.266 0.469 0.675 7.4756
Sample 13 13.868 0.416 0.698 2.7666
Sample 14 11.785 0.431 0.811 2.7352
Sample 15 13.631 0.450 0.835 0.7911
Sample 16 0.327 0.475 0.778 5.3509
Sample 17 0.332 0.418 0.463 5.5651

Sample 18 0.358 0.431 0.828 6.5161
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TaBLE 4: Evaluation reliability comparison.
Test time Methods of this paper Delphi method Fuzzy cluster analysis method Entropy method
10 99.79 73.35 85.02 42.55
20 94.58 71.22 82.79 41.88
30 92.16 71.21 81.76 41.97
40 96.16 71.94 83.47 42.12
50 103.60 72.86 86.65 42.22
60 101.65 71.73 85.82 41.83
70 104.63 73.41 87.09 42.40
80 97.28 72.25 83.95 42.20
90 99.42 70.48 84.86 41.42
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5. Conclusions

In this paper, an automatic evaluation method of college
art education effect based on big data fuzzy compre-
hensive evaluation is proposed. A data characteristic
analysis model of college art education effect is con-
structed; considering the characteristics of college art
education effect, an index system is selected that can
reflect the effect of college art education. By using big data
fusion and feature classification technology, a correlation
fusion scheduling model of college art education effect
evaluation is established. Through big data fuzzy com-
prehensive evaluation, combined with the statistical
analysis methods, college art education effect evaluation is
realized. The test results show that the fitness level of this
method is high, and the score of the evaluation effect of
college art education is significant. The evaluation index
score table is in excellent condition, which indicates that
the evaluation effect is accurate and reliable. The test
shows that this method has high accuracy and little dif-
ference in realizing the automatic evaluation of college art
education effect.

Zhuxian Town (2022-A-03-(015)-209).
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