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Te identifcation of disruptive technologies is intended to focus on training and incubation in advance and is an important means
to accelerate the upgrading of industrial structure and the transformation of developmental mode and seize the commanding
heights of future development. Based on summarizing the existing major identifcation methods of disruptive technologies, this
paper concludes the rule that “disruptive technologies are always at the root node of a certain classifcation in the deeply classifed
technology development network”. It also proposes a new algorithm to use term frequency-inverse document frequency
technology and a patented Subject-Action-Object structure to extract technical features, develop networks based on similarity
matrix generation technology, and identify subversive technologies based on the depth classifcationmodel. Using patent data, it is
found that the technology development network generated by the algorithm proposed in this paper can efectively show the
trajectory of technology development by ftting the patent citation relationship. Trough this algorithm, we have successfully
identifed technologies that have had disruptive efects in the feld and verifed the efectiveness of this algorithm.

1. Introduction

Technological innovation is the frst driving force of eco-
nomic development. Developing innovative technology is an
important strategic direction to accelerate the upgrading of
industrial structure and the transformation of develop-
mental mode, and seize the commanding heights of future
development. Disruptive technology is an important part of
technological innovation. It breaks the original technology
lifecycle and builds a new technology track to realize the
replacement of mainstream technology and even cause the
change of technology paradigm. In the Fourteenth Five-Year
Plan for National Economic and Social Development of the
People’s Republic of China and the Outline of Vision, Goals
for 2035, it is pointed out that we should take self-reliance in
science and technology as the strategic support for national
development, seize the initiative in science and technology
development, organize the implementation of the future
industry incubation and acceleration plan in the frontier
science and technology and industrial reform felds, and plan

to lay out several future industries. Early identifcation of
disruptive technologies can accelerate the realization of this
goal. However, disruptive technologies are extremely
complex and uncertain, and it is often difcult to predict
before they have a signifcant impact on the market. Given
this, it is of great practical signifcance to strengthen the
research on the identifcation methods of disruptive tech-
nologies, establish a reasonable and efective identifcation
model, and carry out early identifcation, prediction, and
early warning of potentially disruptive technologies.

Tis paper takes a large number of technical texts as the
research object and takes the retrieval of technical texts in a
certain feld as the identifcation feld of subversive tech-
nology. Taking the radio frequency identifcation (RFID)
feld as an example, by retrieving the RFID-related data of
the Engineering Index journal as the identifcation object,
the data is segmented and extracted by model, and the types,
application scope, technical description, functional de-
scription, and other documents of the technology involved
in each journal are obtained. A technological development
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context in this feld is constructed by calculating the simi-
larity of the text content. Te technological development
context is cut according to the degree of technological
similarity, thus forming a technology group that integrates
technologies. For example, in radio wave technology and
data storage technology in RFID, each technology group is
independent of the other, and subsequent technologies
continue these technologies, whichmakes these technologies
have a profound impact on the follow-up and become
subversive technologies. Such technologies are usually the
main identifcation targets of subversive technologies.
Among them, Liu et al. [1] and other technologies have
formed a separate technology group in the context of
technological development. Tis technology, which makes a
lot of adjustments to the technology on the premise of re-
ferring to a large number of technologies, will form new
subversive technologies in the case of continued research in
the future development process, which is the main pre-
diction goal of subversive technologies.

Te rest of the paper is organized as follows: In Section 2,
we introduce related works and our contribution. In Section 3,
we introduce our research framework. In Section 4, we select
data to validate and illustrate the relevant parameters of the
algorithm. Finally, the conclusion and further work are given.

2. Related Works and Contribution

2.1. Related Works. Focusing on the identifcation of dis-
ruptive technologies, this paper frst reviews the basic
concepts of disruptive technologies, such as reviewing the
research progress, understanding the relevant research
felds, and perspectives, further combing the identifcation
system of subversive technologies and summarizing the
subversive identifcation algorithms from subjective and
objective aspects.

At present, the concept of disruptive technology is
mainly diferentiated into two dimensions: technology and
market impact. At the technical level, Nagy et al. defned
disruptive technologies as technologies that can provide new
functions, discontinuous new technology standards, and
new forms of ownership, and can change market standards
and consumer expectations based on the three technical
attributes of functional, technical standards, and ownership
[2]. Kivimaa et al. emphasized the importance of disruptive
practices and low-technology solutions as well as disruptive
technologies and policies from the perspective of the market
and business models, regulations, and policies, as well as
participants and networks [3]. Kumaraswamy et al. believed
that systematic features should be considered in the efective
identifcation of disruptive technologies [4]. Adner intro-
duced two new structures; preference overlaps and prefers
symmetry, to characterize the relationship between the
preferences of diferent market segments [5]. Tabbah and
Maritz believed that disruptive innovation positively im-
pacted the economy, consumers, and society [6]. Müller
et al.experts consulted to build a risk model to assess the
disruptive potential of technology [7]. Danneels believed
that the basis of competition could be changed by changing
the enterprise’s competitive performance indicators [8].

Te subjective judgment algorithm is the main direction
of the early research on subversive technology. Its main
feature is that it depends on expert judgment standards and
has strong subjectivity. Such identifcation methods mainly
include the Delphi method, the technology roadmap
method, and the scenario analysis method. For example
Sommarberg and Mäkinen used the wisdom of industry
experts to predict potential disruptive technologies in the
industry through visual simulation scoring [9]. Guo et al.
built a measurement framework from the perspectives of
technical characteristics, market dynamics, and external
environment and invited experts to analyze to assess the
potential of disruptive technologies [10]. Kim et al. identifed
early subversive technologies based on keyword clustering
graphs, keyword intensity graphs, and keyword relationship
graphs [11]. Benzidia et al. use customer relations and
channels to analyze customer satisfaction to judge the
subversion of technology [12]. Pandit and others investi-
gated how dynamic capabilities at the enterprise level can
promote disruptive technology performance [13]. Rathore
et al. established an interpretative structural modelling
method with the help of the fuzzy Delphi method to identify
obstacles to the use of subversive technologies in evaluation
[14].

To solve the impact of high identifcation costs and the
subjective consciousness of experts in subjective judgment,
some scholars introduced mathematical models for analysis,
Cheng et al. introduced SIRS popular model to predict
disruptive technology application felds through patent data,
and selected RFID technology to verify its main explosion
probability and potential damage in diferent application
felds [15]. Momeni and Rost subject modelling methods
based on the patent development path, k-core analysis, and
technology development trend identify technologies that
may become disruptive technologies [16]. Rodriguez Bolivar
and Alcaide Munoz conducted a cluster analysis on the role
of emerging technologies in public service provision to
determine the network of disruptive technologies [17].

In addition to introducing mathematical models,
scholars have also used bibliometrics to identify and predict
disruptive technologies. Dotsika and Watkins proposed a
document-driven method that uses keyword network
analysis and visualization methods to reveal emerging
themes, structures, and time development in publications
and predict potential disruptive technology trends [18]. Li
et al. use patent analysis and Twitter data mining to monitor
the emergence of disruptive technologies [19]. Adamus and
Tampi use time series data to make disruptive technical
predictions [20]. Brackin et al. further integrating the theory
of technological progress, we selected the technology
readiness index and technology maturity curve as two in-
dicators to measure technological progress and discussed the
rationality of measuring disruptive technology based on big
data analysis technology [21].

Current scholars tend to build evaluation systems to
identify disruptive technologies rather than mathematical
models. Liu et al. studied two new methods. One is to obtain
a list of potentially destructive technologies from experts,
and then use a multidimensional indicator system to
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evaluate the destructive potential of those technologies. Te
other is to generate a list of potentially destructive tech-
nologies of mining multi-source data, and then experts
evaluate the destructive potential of technologies [22]. Jia
et al. built a framework for identifying disruptive technol-
ogies in China’s electronic information and communication
industry by analyzing keyword co-occurrence networks and
keyword frequency changes in CNKI literature through
CiteSpace software [23]. Wang et al. used the maximum
likelihood ftting method and goodness of ft test to identify
subversive technologies through the degree distribution
characteristics of evolutionary analysis networks [24]. Jia
et al. used the three attributes of technological novelty, break
through, and infuence as measurement indicators to
identify disruptive technologies [25]. Dotsika and Watkins
proposed a literature-driven method to predict the trend of
potentially disruptive technologies. Tey used keyword
network analysis and visualization methods to detect po-
tentially disruptive technologies through eccentricity and
remoteness indicators [18]. Chen and Han used Gartner
Hype Cycle technology as training data and used machine
learning models to identify disruptive technologies [26].

2.2. Our Contribution. Tis paper believes that the tech-
nological development context has a guiding role in
identifying disruptive technologies. Most of the identif-
cation methods of disruptive technologies essentially de-
pend on the technological development context, and the
relevant discussion content has been recorded in the re-
views of many scholars [27]. However, in previous studies
on disruptive technologies by scholars, no scholar has yet
built a technology development network based on the
technology development context by extracting the tech-
nical characteristics of technical literature and combining
time dimensions to identify disruptive technologies. Tis
paper explores the identifcation algorithm of disruptive
technologies based on the technology development net-
work from this perspective.

3. Materials and Meth

3.1. Teoretical Basis. By summarizing the identifcation of
disruptive technologies in recent years, it can be found that
disruptive technologies are always at the root node of a
certain classifcation in the depth classifcation technology
development tree. Taking patent data as an example, Figure 1
shows a tree of patent citation relationships for an industry’s
in-depth classifcation. S1, S2, S3, and S4 are subcategories of
the industry. Node Pi represents patents, and the connection
between nodes is a patent citation relationship. In addition
to representing the citation relationship, the tree graphs of
the patent citation relationship is also arranged from left to
right according to the patent application time and from
bottom to top according to the number of classifed patents
(see Figure 1).

Te patent application time is arranged from left to right,
and the number of classifed patents is arranged from
bottom to top.

Te P0, P3, and P9 in the fgure are typical forms of
subversive technology. Among them, the P0 patent is at the
beginning of the industry and is the basic patent that lays the
foundation of the industry. It conforms to the characteristics
of disruptive technology and is the frst subversive tech-
nology patent in the industry. P3 patents are classifed dif-
ferently from the parent node, and the objective reason for
the diference is that the technology and application of the
patents have changed. Compared with other patents, P3
patents have made great progress, leading to a change in the
direction of technology development, which makes the
patents meet the requirements of subversive technology. P9
patents have the characteristics of technological disconti-
nuity and have a great impact on subsequent technological
development, meeting the characteristics of disruptive
technologies. P0, P3, and P9 are the identifcation objects of
subversive technologies, while P14 is a newly applied patent,
which is a prediction object of subversive technologies with
signifcant changes in technology and application compared
with previous patents in the industry.

3.2. Research Framework. Based on the theory that dis-
ruptive technologies are always at the root node of a certain
classifcation, this paper proposes to build a technology
development network based on the technical characteristics
of technology, such as technical problems, technical efects,
and technology applications, combined with the time di-
mension, and use the depth classifcation model to identify
disruptive technologies based on the technology develop-
ment network. Figure 2 is a research framework diagram
designed according to this algorithm. Tis method takes
patent data and scientifc and technological documents as
identifcation objects. After fltering the retrieved data, based
on the abstract of patent data, claims, and technical efcacy
sentences, the text is divided according to the technical type,
scope of application, technical description, and functional
description. TF-IDF is used to locate the text corresponding
to the technical characteristics of the text, and CoreNLP is
used to extract the SAO structure data of the text. Te
similarity matrix is constructed according to the SAO
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Figure 1: Patent classifcation citation relationship network
diagram.
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structure data, and the technology development network is
generated according to the patent similarity and the time
dimension. Finally, the technology development network is
divided into diferent structures through a deep classifcation
model to screen out disruptive technologies.

3.3. Technology Development Network Generation.
TF-IDF (term frequency-inverse document frequency)
technology [28] is a word frequency statistical algorithm of
concept superposition. TF is the frequency of keywords in
the text, and IDF is the reciprocal frequency of keywords in
the corpus. As shown in formula (1), TF-IDF is the product
of TF and IDF, where Wx and Wy are the importance of the
word x in the article y, tax and y are the frequency of the
word x in the article y, dfx is the frequency of the word x in
the corpus, andN is the number of articles in the corpus. TF-
IDF can highlight the importance of any words in the text,
and then can tap the key technical features of the patent text.

Wx,y � tfx,y · log
N

dfx

. (1)

Te SAO structure [29] is a method proposed by Genrich
Altshuller based on patent text data to solve the problem of
system representation. Te subject S (Subject) and object O
(Object) are usually composed of nouns or noun phrases.
Action A (Action) represents the behaviour or relationship
between S andO, and these three elements are the most basic
components of a sentence. Tis structure can refect various
information in the patent text data and clearly describe the
patent technology organization; CoreNLP deep learning
model can extract the SAO structure according to sentence
structure.

Cosine similarity [30] refers to the diference between
two individuals based on the cosine value of two vector pins
in a vector space.When calculating text similarity, the cosine
similarity of two documents generally ranges from 0 to 1. In
the following formula is the cosine similarity formula to
calculate text similarity. In the formula, Ai and Bi are the
frequencies of diferent words in two texts, fAi and fBi are the
word frequency vectors of two texts, and SAB is the similarity
of A and B.
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.
(2)

Te purpose of creating a technology development
network is to fnd out the main context of technology de-
velopment, that is, to build a technology development
network from the perspective of time latitude and tech-
nology characteristics. Tis paper proposes a technology-
similar connection method, as shown in the following
formula, which can quickly build a technology development
network. Among them, Lij is the technical distance between
technology i and technology j, as well as the connection
distance in the technology development network, Ti and Tj
are the discovery time of technology, and Sij is the textual
similarity between technology i and technology j.

Lij � Min Ti − Tj



 · Sij . (3)

3.4. Technical Classifcation. To classify the technology de-
velopment network, according to diferent technical charac-
teristics, this paper proposes a depth classifcation model, as
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shown in the following formula. In the technology development
network inwhich patents are sequenced from 0 toN,G (m, n) is
a group of classifcations of sequencem to n and Pi is the same
as the technical distance of Lij in formula (3), which is the
technical distance of adjacent technologies in this group. Its
sequence i is a new sequence calibrated according to the
technical network generated in formula (3). In the process of
classifcation, the smaller the value ofG (m,n) is, and the greater
the diference between m and n is, the greater the diference
between this classifcation and other classifcations can be.

G(m, n) � Min 
n

i�m

Pi
⎛⎝ ⎞⎠. (4)

 . Results and Discussion

4.1. Data Sources. Te patent database used in this paper is
the incoPat database. Te search time is up to July 2022. Te
search scope is related to patents for inventions or utility
models of new energy vehicles applied in China. After the
search results are obtained, the data are cleaned through
manual indexing to remove irrelevant patent data. A total of
9382 related patent data is obtained. When extracting the
technical features of patent text, it is found that the technical
features of the patent are mainly concentrated in the ab-
stract, claim, and efect. Terefore, the extracted patent
includes time information, as shown in Table 1.

4.2. Feature Extraction. When acquiring the technical fea-
tures of the text, it is necessary to segment the text frst and
segment the patent text by technical type, application scope,
technical description, and functional description. Because
the patent text has strong format requirements, this ex-
periment divides the text by writing a program, and the
processing results are shown in Table 2.

Before extracting the SAO structure of each type of text
after segmentation, frst segment the text and eliminate the
stop words, then disambiguate the word meaning and merge
the synonyms, use TF-IDF technology to locate the patent
core vocabulary, intercept the corresponding text infor-
mation, and fnally, extract the SAO structure of the text
information, so as to obtain the patent technology de-
scription features of diferent dimensions. Table 3 is the
schematic diagram of the SAO structure of the patent text
information extraction.

Since the development of new energy vehicles, batteries
and driving systems are two major development constraints.
Table 4 shows the subject clustering results of SAO structure
text data extracted according to patents, including 4468
battery theme patents and 1456 charging theme patents,
whose subject distribution proportion is consistent with the
development of new energy vehicles, which confrms the
efectiveness of the TF-IDF positioning patent key text
method and SAO structure text.

4.3. Technology Development Network. Using the patent
SAO structure text, build a similarity matrix, as shown in
Table 5 that contains the technical similarity between any
two patents. Trough the analysis of the similarity matrix, it
is found that the patent similarity values are evenly dis-
tributed between 0 and 1, and the patents are dispersed in the
form of partial aggregation, which conforms to the dis-
tributive law of technological development and coincides
with the assumption of technological classifcation.

To test the reliability of the method, fve sets of patent
data with citation relationships are used to verify the ef-
fectiveness of developing the relationship network. Figure 3
is the clustering process diagram generated by clustering a
group of data according to the similarity matrix and formula
(3). Tere are 125 patents data in this group, and the patents
with similar technologies are interconnected, resulting in 3
groups of patents.

Te technology development network represents the
main context of technology development, and the patent
citation relationship also represents the development pro-
cess of patent technology. Table 6 shows the comparison data
between the technology development network and the
patent citation relationship. It can be seen from the com-
parison that the constructed patent technology development
network conforms to the law of patent technology devel-
opment and can be used as an efective basis for the analysis
of patent technology development.

4.4. Patent Identifcation. Taking the partial patent subdata
as an example, a technology development network is built
based on patent information, and patents are aggregated
and classifed by formula (4). Te selected patents are
shown in Table 7. Te results are shown in Figure 4. Tis
group of patents is 45 patents related to new energy vehicle
batteries, and the classifcation results show three major
branches. Te blue part mainly focuses on the battery series
structure, and the No. 39 patent is the beginning of this
subject branch. However, the No. 42 patent has signifcant
subversion and can better represent the subject of this
group of patents, so it becomes a subversive group of
subversive patents.

Te experiment proves that the patent technology de-
velopment network can efectively show the technology
development context. According to the combination of
technology development networks, formula (4) is efective
for the classifcation of patent development networks.
Trough the constant adjustment of the number of patent
classifcations, it is found that the number of technology
classifcations directly afects the identifcation efect of
disruptive technologies. Te higher the depth of technology
classifcation, the more disruptive technologies, are identi-
fed and the lower the degree of disruption. Te lower the
depth of technology classifcation, the less disruptive tech-
nologies are identifed, and the higher the degree of
disruption.

Mathematical Problems in Engineering 5



Table 3: Patent SAO structure.

S1 A1 O1 S2 A2 O2 . . .

P1 Controller Awaken System Controller Testing Battery voltage . . .

P2 New energy
vehicles Provide Air conditioning

structure
Air conditioning

structure Set at Vehicle . . .

. . . . . . . . . . . . . . . . . . . . . . . .

P9381 Wheel Electricity
generation System Rotating

mechanism Constitute Te fxed base for power
generation . . .

P9382 Solar energy Utilize Temperature
diference Solar heat Termoelectric

generation Accumulator . . .

Table 4: Distribution of patent themes.

Teme Number of
patents Related contents

Battery 4468 Lithium battery, lead acid battery, battery electrode, and the battery module
Charging 1456 Charging pile, convenient charger, charging gun, transformer, and solar panel

System 958 Driving system, navigation system, battery management system, prediction system, and dispatching
system

Detects 691 Tram detection, vehicle detection, fault identifcation, and temperature detection
Vehicle
control 404 Heat dissipation, torque distribution, controller, variable speed control, and monitoring

Others 1405 Brake pad, shock absorption, chassis, battery fxing structure, automobile structure, and maintenance
device

Table 1: Patent information.

P T Abstracts Claims Efects

P1 2019/
9/19

Te invention relates to the technical
feld of new energy vehicles

To better control the
temperature of the power

battery pack

(1) A wake-up method for the whole vehicle
controller of new energy vehicles

P2 2019/
9/17

Te invention provides a new energy
vehicle air conditioning structure and a

new energy vehicle

Avoid tilt afecting replacement
efciency

(1) A new energy vehicle air conditioning
structure, which is designed for vehicles using
electric energy as energy

. . . . . . . . . . . . . . .

P9381 2003/
7/15

Te invention relates to the wheel new
energy power generation system Nothing (1) A wheel new energy power generation

system

P9382 2003/
8/29

Te invention is one of the utilization
methods of a new energy series

It can fundamentally solve the
energy crisis and energy

pollution

(1) A time temperature diference power
generation device for hydrogen production
from electrolytic water

Table 2: Text segmentation.

Type of
technology Scope of application Technical description Function description

P1 Vehicle control New energy vehicle controller Ensure that the battery voltage is always within
the normal range

Meet the normal starting
function of the vehicle

P2 Others Air conditioning structure of
new energy vehicles

Provide a more appropriate operating
temperature for the power battery pack Improve vehicle range

. . . . . . . . . . . . . . .

P9381 Battery New energy power generation
system Reduce fuel consumption In line with the principle of

economy
P9382 Charging New energy series utilization Provision of electricity Solve energy pollution

Table 5: Patent feature similarity matrix.

P1 P2 . . . P9381 P9382
P1 1 0.025 . . . 0.015 0.007
P2 0.025 1 . . . 0.01 0.01
. . . . . . . . . . . . . . . . . .

P9381 0.015 0.01 . . . 1 0.076
P9382 0.007 0.016 . . . 0.076 1

6 Mathematical Problems in Engineering



Table 6: Technical development network citation relationship comparison table.

Grouping Number of patents F1 values Accuracy Recall
G1 125 76.3 78.2 74.4
G2 119 62.5 63.3 61.7
G3 132 68.7 72.3 65.4
G4 97 68.6 70.1 67.2
G5 173 66.2 69.4 63.3

1.4

1.2

1.0

0.8

0.6

0.4

0.2

0.0
39 6 19 21 27 44 24 42 43 30 10 37 0 36 38 34 9 18 8 23 1 28 14 33 2 31 20 35 32 41 13 7 22 29 15 4 11 5 17 26 40 16 25 3 12

Figure 3: Patent clustering processes.

Table 7: Patent details.

P Titles Abstracts

1 Replacement cost setting device, replacement cost setting
method and replacement cost setting system

Te invention discloses a replacement cost setting device, a replacement
cost setting method and a replacement cost setting system.Te processing
executed by the management server includes: when there is a request for
partially replacing the battery (YES at S100), obtaining a usage history of
the battery (S102); obtaining a full charge capacity of each of the individual
cells (S104); determining a single cell having a minimum full charge

capacity as a single cell to be replaced (S106); calculating an average value
of full charge capacities of a plurality of single cells other than the single
cell to be replaced (S108); extracting a selectable cell from the inventory
information (S110); selecting and replacing the single battery (S112);

setting a replacement cost corresponding to partial replacement (S114);
and setting a replacement cost corresponding to the overall replacement

when the overall replacement is requested (YES at S116) (S118)
. . . . . . . . .

Mathematical Problems in Engineering 7



5. Conclusions

Based on summarizing the existing disruptive technology
concept research and identifcation methods, according to
the technology development context, this paper proposes the
concept of “disruptive technology is always at a certain

classifcation root node position in the depth classifcation
technology development tree”, and designs the technology
route according to this concept. In the frst step of the
technology route, the technology development network
extracted through the NLP-related technology, when
compared with the patent citation relationship network, its

Table 7: Continued.

P Titles Abstracts

39 Equating circuit for serial battery

Te invention provides an electric potential equalization circuit when the
series battery is in charging state. It is used to ensure every cell can be
equally charged. When the terminal voltage of one cell is not equal to
another cell, the detecting circuit would generate high frequency signal to
drive switch component to transmit the energy of high voltage cell to the
other low voltage cell. Tus, the purpose of the cells has the equalization

electric potential would be realized
. . . . . . . . .

42 Battery charging apparatus for charging a plurality of
batterles

A battery charging apparatus having a plurality of charging units
connected in series. A charging unit has a series switch connected in series
with a rechargeable battery, and a parallel switch connected in parallel
with the series connected rechargeable battery and series switch. A

charging control section controls charging of a rechargeable battery by
switching the series switch and parallel switch ON and OFF. Te charging
control section changes the duty factor for switching series switches and

parallel switches ON and OFF, switches a charging unit between a
charging mode and a cut-of mode at a prescribed duty factor, and

controls rechargeable battery charging currents to charge a plurality of
batteries

. . . . . . . . .

45 Semiconductor refrigerating type equalizing charging
method and device

Te invention discloses a semiconductor refrigeration type equalized
charging process and apparatus, wherein a series battery made up by a
plurality of mono cells and supercapacitors are used for charging, the
semiconductor refrigeration type equalized charging device comprises a
temperature and electric voltage monitor and a voltage transformation
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Figure 4: Patent classifcation map.
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average F1 value, accuracy rate, and recall rate is 73.24%,
69.89%, and 72.56%, respectively, which can show the
technology development network and verify the efective-
ness of the technology development network. In the research
on the classifcation of technology development networks in
the second step of the technical route, it is found that as the
classifcation depth of technology development networks
decreases, the number of identifying disruptive technologies
decreases, and the degree of disruption increases. When the
classifcation depth is moderate, it can be found that some
new technologies are in a certain category alone or on a small
scale, which has a high probability of becoming disruptive
technologies in the future. From the experimental results, it
can be seen that the concepts and identifcation schemes
proposed in this paper can efectively identify disruptive
technologies, and to a certain extent, provide a valuable
reference for relevant researchers and managers.

In the research on disruptive technology identifcation
and prediction in this paper, the results of disruptive
technology identifcation are relatively accurate, but from
the proportion of the number of disruptive technologies to
the total technology, the number of disruptive technologies
in the prediction results is relatively high compared with the
actual number.Te result of this phenomenonmay be due to
the fact that the predictions include new technologies that
are innovative but not practical. Te research found that the
number of citations, the scope of use, and the value of
technology is strongly related to whether they are disruptive
technologies. Future research will introduce more relevant
factors into the model to improve the accuracy of disruptive
technology prediction.
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