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Financial auditing is an important part of government control, and monitoring the risks of the �nancial system helps maintain the
stability of a country’s �nancial system. is paper aims to study the operation of data-driven intelligent risk analysis system in the
process of �nancial auditing. When the risk level of the �nancial system reaches a certain warning point, it needs to be adjusted,
conduct strict audits on high-risk institutions, strengthen cooperation with �nancial audit institutions, and make them more
systematic. Risk control within a reasonable range will neither have a signi�cant impact on the �nancial system nor increase the
impact on the industry.  is paper proposes to integrate the internal and establish an internal control system for the �nancial
system.. If the internal control of the �nancial system cannot be sustained, �nancial innovation will cause great damage to �nancial
institutions if the compensation is not good. Especially in terms of access strategy, it has made a strong contribution to economic
innovation.  e experimental data in this paper show that more than 25% of data-driven intelligent risk analysis systems have
begun to be used in the process of �nancial auditing. At the same time, its utilization rate is signi�cantly increasing with the
development of technology.  is paper introduces the relevant content of �nancial auditing, analyzes the auditing systems in
di�erent �elds, integrates resources, taps on multisectoral needs, establishes a cross-departmental governance system, and
improves �nancial stability and the e�ciency of a wide range of social services.

1. Introduction

 e development and deep integration of information
technology, arti�cial intelligence, big data, and various in-
dustries is inseparable from the rapid development of net-
work information technology. How to e�ectively integrate
data analysis into the control project and how to manage an
excellent big data analysis team and e�ectively empower big
data analysis management and control project services,
improve management and control e�ciency, and provide
more questions and control signs that the application
management process faces are the main challenges. Big data
point analysis is like a “double-edged sword.” If used well, it
will get twice the result with half the e�ort. Improper use will
bring about the negative impact of progress and audit results
on the entire project. How to e�ectively avoid and control
these risks, reduce the possibility of danger, and increase the

frequency of performing e�ective database checks are the
problems that need to be solved at present. In the context of
the integration of capital and data technology, the em-
powerment of blockchain, cloud computing, arti�cial in-
telligence, and other technologies is based on value
guidelines and standards.  e contribution of digital solu-
tions and intelligence to improve compliance and perfor-
mance governance is collectively referred to as the regulatory
technology or compliance in technology. Regulatory tech-
nologies used in the �eld of supervision are called regulatory
technologies, and those used in �nancial institutions are
called compliance technologies.

Auditing �nancial innovation is an inexhaustible driving
force for the development of �nancial institutions. It can
help �nancial institutions grow better through innovation
and meet the �nancial growth needs of �nancial services.
New dangers are inevitable. We must pay full attention to
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new dangers and take necessary precautions.*is is the basic
requirement of the “Basic Principles of Effective Banking
Supervision.” Rural credit cooperatives need to build a
complete business innovation management system,
strengthen risk management and control, combine financial
innovation with hedging, and standardize the operating
behavior of rural credit cooperatives. *e contradiction
between innovation and risk is externally integrated into
economic growth and integrated into the comparison of
benefits brought about by innovation and innovation. In the
past, financial audits usually focused on the traditional error
control and fraud investigations of individual financial in-
stitutions. I still do not understand the overall situation of
the previous research. *is paper starts with the factors that
may affect the risk of the financial system. And after em-
pirical research and statistical analysis, the relevant pa-
rameters are estimated, and hypotheses are tested. *is will
determine the internal control of liquidity, the proportion of
nonperforming assets, the proportion of nonperforming
assets in financial institutions, and which debt ratio indi-
cators have a significant impact on systemic risks. A sys-
tematic description of the impact mechanism of these
indicators and finally how financial control should deal with
finances will be summarized.

For this research topic, many outstanding experts and
scholars at home and abroad have discussed it. From the
perspective of sociolinguistics, Chen et al.’s article aims to
test whether the honorific and real names used by Chinese
auditors to address clients in audit reports imply the risk of
differential financial misstatement. Specifically, the author
assumes that auditors use honorifics to indicate that they
have a lower social status relative to the client, which leads to
the loss of auditor independence, lower audit quality, and
higher risk of financial misstatement. *e authors used a
data sample of manually coded names from the audit reports
of Chinese listed companies from 2003 to 2012 to conduct
research. *e authors found that the financial misstatement
of a company called a respectable name is much greater in
terms of likelihood and scale than a company called a real
name. In addition, compared with the auditor’s consistent
use of honorifics, the use of casual honorifics has a stronger
positive correlation with misstatements. *e author further
shows that when the accounting firm is one of the top ten
accounting firms in China, the positive correlation between
the usage of honorifics and the risk of misreporting by clients
weakens [1]. Lee and Izbicki mentioned that a key issue of
modern statistics is how to make quick and reliable infer-
ences on complex high-dimensional data. Although people
are very interested in sparse technology, current methods
cannot be extended to data with nonlinear structures. In this
work, they proposed an orthogonal sequence estimator for
predicting complex aggregated objects, such as natural
images, galaxy spectra, trajectories, andmovies. Our series of
methods link the ideas of nuclear machine learning and
Fourier methods. *ey extend the unknown regression of
the data according to the characteristic function of the
kernel-based operator, and we use the orthogonality of the
basis relative to the basic data distribution P to speed up the
calculation and parameter adjustment. If the kernel is

selected appropriately, the feature function will adapt to the
inherent geometry and dimensions of the data. *ey provide
theoretical guarantees for radial kernels with varying
bandwidths, and they relate the smoothness of the regression
function with respect to P and the sparsity in the feature base
[2]. Garg et al. mentioned in their article that, in the past few
years, we have witnessed exponential growth in the com-
puting and storage capabilities of smart devices, which has
led to the popularization of an emerging technology called
edge computing. Compared with traditional cloud com-
puting-based infrastructures, edge computing end users can
use computing and storage facilities nearby. In addition,
with the widespread popularity of unmanned aerial vehicles
(UAV), a large amount of information will be shared be-
tween edge devices and unmanned aerial vehicles in the next
few years. In this case, traffic monitoring using drones and
edge computing devices is expected to become an integral
part of the next generation of intelligent transportation
systems. However, monitoring requires uninterrupted data
sharing, collaborative decision-making, and stable network
formation. Edge computing supports data processing and
analysis closer to the deployed machine (i.e., data source).
Rather than simply storing data and missing opportunities
to exploit it, edge devices can analyze the data to gain in-
sights before acting on it. *e use of drones can facilitate the
transmission of data from the vehicle to the edge for real-
time analysis, and the drone can act as an intermediate air
node between the vehicle and the edge node [3].

*e above three scholars have a comprehensive un-
derstanding of the financial audit and data-driven intelligent
risk analysis chart system, but they did not consider the two
well.*ese are some of the shortcomings of the above article.
*erefore, in this paper, these issues will be supplemented
and studied in-depth, with a view to better applying the data-
driven intelligent risk analysis system to the financial audit
process. At the same time, this paper also looks forward to
the future development of this field.

2. Method of Data-Driven Intelligent Risk
Analysis System in the Process of
Financial Audit

2.1. Financial Audit. Audit big data analysis is an advanced
technology [4], and the demand for data analysts is quite high.
It not only requires other types of interdisciplinary knowledge
and experience of mathematics, financial, and accounting
graduate students but also often uses unknown and unusual
technical means and so on. *e auditor should be based on
project history and personnel, configure requirements,
budgets, schedules, and so on and analyze big data, identify
process risks in advance and take control measures, and check
whether there are potential hazards during the inspection
process to avoid losses and consequences caused by poor risk
control. *e current financial audit needs to solve the limi-
tations of traditional research and rectification and grasp the
risks from a macroperspective grade. *erefore, macro-
indicators of financial institutions are needed to predict the
overall level of systemic risk to determine deposits. All
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institutions have a remindering about the risk; if it is within
the safety range, the problems arising during the investigation
process will be properly resolved [5]. Take care of it and
prevent it from expanding further; in the final analysis,
buildings must be renovated, and districts must be rebuilt
from scratch. And the unit fills up the gap, perfects the system,
strengthens internal control, and streamlines management.
Financial audit research can effectively guarantee the security
of the national financial system.

2.2. Data-Driven Intelligent Risk Analysis System.
Numerical examples and data-driven methods are similar in
many behaviors [6]. But the purpose of planning is different.
*e reason is that the idea behind this is different, even with
data management. But the digital example also emphasizes the
preset logic. *e logic of form creation must be written by the
architect. Although the logic of solving problems in a data-
driven approach is programming, a data-driven approach is
like a documented design based on the relationships found in
analysis and processing. Instead of creating is a logic formula 11
first, and then using that logic to solve the problem, start from a
large amount of available information. Enter the data and find
out the logic to solve the problem. *en use this logic as a
solution. *e data-driven approach not only sprouts in the
architectural design industry but also has a lot of practice in the
field of data-intensive urban planning. Roads, road networks,
pedestrians, traffic, and so on in cities naturally have big data
characteristics due to the high density of cities. In our country,
traditional urban planning is often based on the judgment of
the government and experts [7]. *is top-down planning
method cannot take into account the actual needs from
multiple subjects, and the technical means of big data are
expected to solve such problems and achieve the fullest use of
urban resources. *ere are many precedents for such data-
based decision-making abroad. For example, the research
group at Brown University uses big data analysis to determine
the best construction location for engineering facilities and can
find construction sites that can meet the full utilization of
resources through data such as the flow of people on campus
and the distribution of main functions of the campus is student
and school results. Big data analysis based on history can also
help to discover specific laws or construction risks, which helps
avoid traps for new projects. Information management
functions [8, 9] include customer management, space man-
agement, collateral management, warehouse management,
quota management, early warning management, information
release, ledger management, query, report platform, system
management, job transfer, and data maintenance. *e credit
business management system specifically includes the fol-
lowing information management functions and customer
management. Loan customer creation and information
maintenance include the creation of new customers in the
system, the design and implementation of a financial risk early
warning analysis system based on Zhajishi data statistics, in-
quiries about existing customer information, basic informa-
tion, and financial information, as well as changes and
maintenance manufacturing. *e content of customer man-
agement can provide business personnel and business

managers with detailed and timely customer information and
key data. Available client types include corporate client
management, corporate blacklist management, corporate se-
nior client management, group-related management, personal
client management, personal blacklist management, personal
senior client management, joint insurance team management,
joint client management, and financial reporting [10].

2.3.Algorithms forData-Driven IntelligentRiskAnalysis in the
Financial Audit Process. In the process of financial audit,
when the financial risk early warning analysis system is in
the automatic operation mode [11], the system will execute
according to the following definition list, as shown in for-
mulas (1) and (2):

u � 􏽘
i− 1

i

(n − i) + 1, (1)

k � 􏽘
k− 1

i

(n − i) + 1 − (x, y). (2)

According to its resource library [12], it can be con-
cluded that a properly configured data algorithm is as
follows:
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n(n − 1)

2
+

(x − 1)
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. (3)

*rough the system materials of the resource database
and the quantitative relationship between the indicators
defined by the above model [13], the preliminary algorithm
of the audit process can be obtained:
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According to the above formula, combining formulas (1)
and (3), we can get
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*e early warning model of financial audit risk is stored
in a standard format file [14, 15], which contains the decision
tree structure of the model and the data definition of each
node.

x(k | k � 1) � θ(k − 1)x
2
(k − 1 | k − 1). (6)

Using the decision information data, data processing and
conversion processing are performed, and the source data
are converted into model result data. *us, we can obtain
formulas (7) and (8):
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Related indicators and corresponding safety thresholds
[16] can also be calculated by the above method:
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3. Data-Driven Intelligent Risk Analysis System
Experiment in the Process of Financial Audit

When financial auditing and fiscal supervision policies or
related laws fail, especially when local financial regulations
encourage financial institutions to take high returns with
high risks, the possibility of systemic financial risks will
increase. *is should arouse the attention of my country’s
macroprudential departments and incorporate the evalua-
tion results of the effectiveness of financial policies and fi-
nancial regulatory laws into the content of macroprudential
supervision. To ensure that relevant policies are imple-
mented in place, do not pose a hidden danger to the security
and stability of the financial system [2, 17]. In addition,
fluctuations in monetary and fiscal regulatory policies will
also have a negative impact on the stability of the financial
system, especially when these policy objectives are different.
For example, the overall goal of my country’s central bank’s
monetary policy is to maintain the relative stability of the
RMB currency in order to stimulate the growth of the na-
tional economy. *e purpose of policy-based fiscal super-
vision is mainly to focus on the overall smooth operation of
financial institutions and protect the legitimate rights and
interests of investors. *e difference in the policy objectives
of the central bank and other financial regulatory agencies
makes it difficult to coordinate their respective policies ef-
fectively, which easily threatens the security of the financial
system and even the operation of the entire macroeconomic
system. *erefore, national macroprudential regulators
should pay attention to and evaluate the overall stability of
the financial system and financial institutions (including
banks and nonbank financial institutions), as well as sys-
tematic risk management methods and micromanagement
vigilance.*ese changes assess their impact on systemic risk.

3.1. Experimental Strategies and Experimental Procedures.
*e experimental process of this paper is to determine the
experimental objects first, then collect data samples, then
process and analyze the data, and finally get the results.
Many experts and scholars analyzed the necessity of coor-
dination between government fiscal planning and fiscal
supervision and suggested that government fiscal regulation
should give full play to its independence and comprehensive
benefits [18], and fiscal supervision agencies need to rein-
tegrate existing responsibilities. Management and contract
risk monitoring functions establish a comprehensive coor-
dination framework for government financial planning and
auditing.*e government financial planning emphasizes the

supervision function, and the financial supervision em-
phasizes the management function. Government fiscal
planning must maintain its unique independence, objec-
tivity, and impartiality and expose obvious risks of hidden
dangers to the stability of the financial system: in terms of
responsibilities, government fiscal control supervises its
supervision and supervision and punishment. Financial
control does not participate in the regulatory law. *e
business activities of audited financial institutions have a
transcendence status and support their performance of
supervisory functions; financial accounting transactions are
adjusted in accordance with the overall state of the national
economic development. *erefore, financial management
and control should pay more attention to the overall un-
derstanding of the financial system and its working mech-
anism and grasp the stability from the source; in terms of
goals, the government emphasizes financial control, sys-
temic risks, and financial supervision. Financial audit should
focus on the comprehensive external performance evalua-
tion of finance, internal reasons, related control manage-
ment procedures and risk capabilities, timely and effective
analysis, and early warning of systemic risks; in terms of
objectives, government auditing requires new government
supervision, and the regulatory agency designates direct
control. Intensify the accounting of the performance of the
audit institutions’ related responsibilities, especially the
control of the financial responsibilities of the main persons
in charge of the audit institutions. *e financial audit risk
management of banks is mostly nonempirical analysis
methods and subjective estimation.*e overall level of using
information technology and expert systems to strengthen
management and prevent risks is not high. As the process of
global economic integration accelerates [19] and market
competition is becoming increasingly international and
fierce, commercial banks urgently need to strengthen their
own professional knowledge and core capacity building,
improve their ability to predict and respond to market risks,
and improve their profitability. At the WTO level, it is to
improve the competitiveness of commercial banks after
joining the WTO.

3.2. Sample Collection. *e model represents the linear re-
lationship between each independent variable and the de-
pendent variable (system risk). *e difference is the internal
control state of the independent variable, which has a linear
relationship with the dependent variable [20, 21]. Because of
the data given in the model, the internal control has a larger
value than the dependent variable and other independent
variables, so it is determined. Use modular division for linear
relationships. Discuss two situations of type and model. *e
next step will be to test which of these two models is more
suitable for this study to make a choice. Determine whether
the coefficient is significantly increased due to the input of
the estimated value according to the test judgment, and
finally determine the significance level. If the test significance
level is high, accept the null hypothesis and accept that there
is no nonlinear feature. Otherwise, we should try to in-
troduce nonlinear variables. After logging in, if it fails, please
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continue to check if there is a better model that can replace
the original model. *is requires adding nonlinear variables
from the calculation results. For example, perform the same
operation under three conditions, and finally get the cor-
responding data theory [22]. In the regression analysis, the
difference between the measured value and the predicted
value of the regression equation is shown. *e difference
obeys normal distribution. But it will be called the rest of the
model. Follow the standard normal distribution. *e
probability is that the rest of the standard of the test point is
out of range. If the standard balance of a given test point is
outside this range, it is regarded as an abnormal test below
the confidence level and is not included in the regression line
adjustment. Artificial balance is the difference between ac-
tual observations and regression estimates.

4. Data Analysis of Experimental Results

4.1. Summary of Experimental Results. At present, in the
asset-liability structure of my country’s financial institutions,
especially commercial banks, the above-mentioned liabilities
are all absorbed by deposits, and the asset business is also
dominated by loans. *e proportion of total assets exceeds
total assets, and interest income is higher than total income.
*e spread reflects the typical characteristics of traditional
banks. In financial auditing, you can pay more attention to
assets and liabilities than the capital adequacy ratio so as to
avoid excessive debt ratios causing excessive financial bur-
dens and agency costs to financial institutions [23]. Taking
into account the inevitable high debt ratio of banks, in-
surance financial institutions should pay more attention to
the risk factors of asset-liability ratio. Taking this insurance
financial institution as an example, its asset-liability ratio is
generally slightly higher than that of normal business, but its
operating activities and asset ratio are closer to normal
business than banks. *erefore, in the financial audit, the
asset-liability ratio of insurance financial institutions may be
very high relative to the debt level, which may cause systemic
risks. For banks, the focus should be on short-term liquidity
levels. *e risk early warning model is based on the business
database and is divided into information entry, model entry,
and source data entry. *e risk warning model is stored in a
standard format file, which contains the decision tree
structure of the model and the data description of each node.
*e source data is the indicator data source in the model
calculated through the access rules in the risk assessment
system of financial institutions [24, 25].*e user queries and
maintains warranty-related information in the system and
establishes the relationship between warranty information
and confirmation. Carry out customer evaluation; the user
enters the customer evaluation information into the system,
performs customer credit evaluation, and completes the
credit evaluation form. General credit line application users
enter individual customer credit line survey information in
the system and fill in and submit a single customer general
credit line survey application form. *e loan job application
user enters the job application information into the system,
evaluates the collateral according to the work status [26], and
fills in the loan job application form. Edit group associations,

that is, users query group information in the system, add,
modify, delete, and approve credit group associations.

Connect the information of popular companies to the
bank’s customer management system. Taking the financial
industry as an example, the customer management system of
local commercial banks has complete and accurate financial
business operations, finance, and related company data [27].
*e relevant H department of the company will be adjusted
downwards. *e internal evaluation process of the bank’s
credit and risk department can translate the core business
management and financial impact of a financial company
into a downgrade of the company, an increase in the pro-
vision for bad debts, and an increase in risk investment; the
bank’s asset-liability management process can reduce risks
and increase funds. Rising costs have led to flat estimates of
bank revenue, asset value, and liquidity. Banks that have
completed the microstress test can use the above system to
measure the impact of a decline in the company’s financial
and governance ratios on their forecasts. Capital adequacy
ratio and liquidity risk extend this method to many large
banks. *e stability of Chinese financial system is measured
through the durability test of multiple banks and the ag-
gregation of macro indicators.

4.2. Experimental Data Analysis. Auditors should prede-
termine the risks inherent in the big data analysis process
according to the background, personnel, budget, and time
requirements of the specific project, control the potential
risks in the audit implementation process, and avoid in-
sufficient risk control and in situ effects. Regarding how to
effectively carry out project risk control, the author believes
that four aspects should be focused on: one is to focus on the
refined management of the project and to do a good job in
project feasibility studies; the second is to pay attention to
the quality requirements; the third is the organization and
employee coordination of development; the fourth is to
organize the budget and progress of the completion of the
project. Will the on-site feasibility study play an important
role in all project requirements? During the management
development process and in the data analysis before starting
the project, the auditor should identify the factors that may
affect the progress and results of the project during the audit
project review, as well as the information system and
business information audited by the audited unit. *e plan
requires personnel requirements and so on to check the
impact of project data analysis results and to check decision-
making to avoid half of the losses caused by project failure.

4.3. Analysis of Data-Driven Intelligent System in the Process
of Financial Audit. In the financial audit process, many
agency processes need to cooperate with each other to
complete a complete job, and the specific collaboration
process is shown in Figure 1.

From the perspective of financial auditing, there are
differences in monthly data analysis. *rough Figure 2, we
can see the cause of the equipment data error problem and
analyze it.
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It can be seen from Table 1 that, through data processing,
especially after intelligent processing, a high-precision fitting
function of the speed can be obtained, and the results of the
data fitting are as follows.

*e fluctuation error of the same month’s data (net
consumption, etc.) exceeds 10%. A fluctuation error greater
than 10% can easily cause the data link break strength index
to fluctuate throughout the manufacturing process. Corre-
spondingly, the fluctuation of the strong force index will
increase the probability of the whole process being inter-
rupted, which also means that there are many defects in the
data statistics process, as shown in Figure 3.

Analyze the change trend between the data, and form the
convergence trend shown in Table 2.

*e time sequence of the financial risk early warning
function based on data statistics of the samples involved in
the experiment is shown in Figure 4. *rough the sequence
diagram, we can see that the arrangement of the device
function of risk early warning is very necessary.

Certain related variables are sometimes involved in the
model. Here, we will make specific explanations for some of
these variables in order to better understand and analyze
the conclusions brought about by the data, as shown in
Table 3.

*e relevant indicators of the risk warning function and
the corresponding safety thresholds are listed in Table 4.

Different levels of the data layer will also produce dif-
ferent data classification results, as shown in Figure 5.

Preprocess and store structured data such as customer
information and business data through technologies such as
collection, cleaning, verification, conversion, and classifi-
cation, and link all data to form a unified data view, as shown
in Figure 6.

Data are documents, visited magazines, emails, images,
audio, video, and so on. Extract unstructured data such as
natural language processing technology and machine
learning technology. *is can be seen in Table 5.
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Agent

Object
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Initialization

Figure 1: Flowchart of collaboration between multiple agents.

Table 1: Data fitting results.
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code

Variety
name

Rotating
speed Effectiveness Total

time
A025 001 520 87 31
A026 002 490 99 40
A027 003 610 106 54
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Figure 2: Data error analysis.
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Table 2: Convergence curve table.

Number of iterations Total actual consumption Net usage Net consumption Back to spend
100 5 56 45 32
200 9 78 69 44
300 17 64 67 52

Risk Warning

Node maker

Model makerMain form

Load data

Database

Sum up

Intersection Converter

Figure 4: Timing diagram of risk warning function.

Table 3: Variable interpretation table.

Variable name Nature Significance
Risk Dependent variable Risk measurement
Liq Dependent variable Liquidity level
Inc Independent variable Debt level
Debt Random variables Proportion of unhealthy assets
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Figure 3: Data fragmentation impact.
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5. Conclusions

*e calculation of the relationship between financial con-
trolled entities based on multiple data sources mainly in-
cludes the calculation of the time weight of the relevant

attributes of the entities. Calculate the weight of the data
source and calculate the number of queries and each user at
the same time for this application scenario. Because of each
source, the calculation of the weight of the data source is
based on the PageRank algorithm, using other data sources
related to the data source to share the weight of the data
source, which can adapt to the dimension, and the infor-
mation is obtained through multiparty voting. It can better
solve the problem of uneven data quality. Our country’s
fiscal treatment can conceal the design flaws of the United
States, learn the new financial governance methods of the
United States, and create efficient and diversified financial
supervision methods suitable for my country’s national
conditions. It covers different areas of systems, resource
integration, and multidepartmental requirements and es-
tablishes a cross-sectoral governance system to improve
financial stability and the efficiency of a wide range of
services to society.
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