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Security and Communication Networks has retracted the
article titled “ e Relationship between the Degree of Urban
Intelligence and the Performance of Enterprises in the City
Based on Artificial Intelligence and Soft Computing” [1] due
to concerns that the peer review process has been com-
promised.

Following an investigation conducted by the Hindawi
Research Integrity team [2], significant concerns were
identified with the peer reviewers assigned to this article; the
investigation has concluded that the peer review process was
compromised. We therefore can no longer trust the peer
review process and the article is being retracted with the
agreement of the Chief Editor.
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With the rapid development of Internet technology, artificial intelligence and soft computing are gradually applied in various
fields. (rough active transformation, many companies use artificial intelligence, software computing, and other technologies to
develop sales channels, improve corporate performance, and obtain greater benefits. However, some traditional enterprises have
been gradually eliminated by the market because they have not rapidly transformed and improved their intelligence. Urban
intelligence is the trend of urban economic development, and the degree of intelligence in a city is closely related to the number
and scale of intelligent enterprises. In the context of artificial intelligence and soft computing, this paper expounds the relationship
between enterprise performance and the degree of urban intelligence and analyzes the key factors affecting enterprise performance
and the impact of enterprise performance on the degree of urban intelligence. (e results show that Internet technologies such as
artificial intelligence and soft computing can improve the performance of enterprises, thereby improving the level of intelligence
in cities.

1. Introduction

Turing expounded many new concepts and some algorithms in
his 1950 paper “Computing Machinery and Intelligence,” in-
cluding the very famous Turing test, which was the first to
articulate AI [1]. In the summer of 1956, a group of young
scientists who were interested in computer intelligence, led by
John McCarthy, Marvin Minsky, Nathaniel Rochester, and
Claude Shanno, gathered in Dartmouth to study and discuss a
series of related issues in usingmachines to simulate intelligence
[1]. On the general search mechanism, a large number of
heuristic search algorithms appeared, and another important
artificial intelligence language Prolog was developed. With the
first successful commercial expert system, R1 succeeded in the
data equipment company in 1982. It started to work, and AI
began to officially become an industry [2].

In the rapid urban expansion, there are major problems
in urban planning, development, management, etc.,
resulting in “urban diseases” that are difficult to solve in the
short term, such as air pollution, traffic congestion, and
pollution. In order to solve the problem of “urban cancer,”
the urbanmanagement department applies a new generation
of information technology to the municipal government
system [1]. At this time, the goal is to improve the overall
efficiency of the city, build a “smart city,” fully integrate the
scarce resources of the city, and provide efficient services for
urban management [2]. Technical improvement services are
characterized by high investment, high risk, and long-term
benefits. Only with the help of an effective external support
system and urban management system can the influence of
science and technology and the transformation of scientific
and technological achievements be promoted [3]. Smart
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cities originate from the development and implementation
of a new generation of information technology. It can in-
tegrate public resources with the help of information
technology tools and provide intelligent management and
services for governments, companies, and individuals [4].

Although the theory of factors affecting innovation has
been clarified, there are many factors affecting the effec-
tiveness of technological innovation, but most of them focus
on the internal factors of enterprises or the nature of
company ownership and property rights [5]. However, there
are very few theoretical and empirical works of literature on
the impact of urban intelligence level on technological in-
novation and even less empirical research [6]. Although
Chinese scholars have conducted extensive research on
corporate performance, there is little literature on corporate
performance within smart cities [7]. At the same time, few
scholars regard the relationship between urban intelligence
level and enterprise performance as an important reference
for formulating development strategies that conform to
regional characteristics [8].

Technological advancements in multiple fields have fa-
cilitated the development of smart city applications, which
can improve the way of life in modern cities. Gavrilovi and
Mishra analyze the types of software architectures currently
available for IoT systems in smart cities, healthcare, and
agriculture. It provides a recommendation for solutions and
improvements to different software architecture types and
interactions between identified software architecture ele-
ments that will provide better performance and simplicity.
(e software architecture types of IoT systems in related
application areas (smart cities, healthcare, and agriculture)
are proposed [9]. Daniel et al. proposed a fuzzy-based ap-
proach to dynamically configure how vision sensors operate
in terms of perception, encoding, and transmission modes,
leveraging different types of reference parameters. (is in-
novative approach can be considered as the foundation for
multisystem smart city applications based on visual sur-
veillance and may lead to significant results in this research
field [10]. It is of practical significance to study the rela-
tionship between the degree of urban intelligence and the
performance of enterprises in cities based on artificial in-
telligence and soft computing.

(is research is based on the following research ideas:
(e significant performance of urban intelligence based on
artificial intelligence and soft computers has a significant
impact on the business performance process of enterprises in
cities, and artificial intelligence and soft computers play an
important role in this process. Mitigation is helpful for
enterprises to adopt behaviors that improve performance
more effectively. At the same time, AI and soft technologies
do not translate directly or automatically into the new
business performance but require specific intermediate
paths, such as innovation identification processes, to have an
impact.

(e research process of this paper is as follows: first, this
paper expounds the research on the relationship between the
degree of urban intelligence and the performance of en-
terprises in the city based on artificial intelligence and soft
computing from the aspects of soft computing, enterprise

performance evaluation, and smart city and enterprise ac-
tivities; second, through data collection and validation, this
paper investigates the relationship between the degree of
urban intelligence and the performance of enterprises in the
city based on artificial intelligence and soft computing.
(ird, this paper analyzes it through the results of data
collection, proposes the impact of artificial intelligence and
soft computing on enterprises in specific aspects, and finally
draws conclusions.

(is study combines artificial intelligence, soft com-
puting, and urban enterprise performance to provide an in-
depth analysis of how artificial intelligence and soft com-
puting affect enterprise performance. (erefore, increasing
the proportion of artificial intelligence and soft computing
and the number of Internet companies/total number of
industry companies is conducive to improving the degree of
urban intelligence and improving corporate performance.
Enterprise performance provides a theoretical basis.

2. Research on the Relationship between the
Degree of Urban Intelligence and the
Performance of Enterprises in the City
Based on Artificial Intelligence and
Soft Computing

2.1. Soft Computing. Elastic arithmetic is indeed a collection
of techniques resulting from the development of mathe-
matical understanding. Unlike traditional “hard comput-
ing,” soft computers allow uncertainty, and the guiding
principle is to exploit and use uncertainty. (e cost of the
scheme is small, and it is best to combine the actual situation.

Flexibility has different advantages compared to some
traditional methods [11]. For example, inference-based
methods combine the knowledge of model experts to guide
system behavior, and model-based methods create mathe-
matical models from informative data. Incomplete infor-
mation can cause the established models to deviate from
reality and sometimes even make mistakes [12]. By using
comprehensive concepts and methods for the problem
domain, some of the weaknesses of these methods can be
overcome and applied in real-world settings [12].

2.2. Enterprise Performance Evaluation. Nowadays, the
evaluation of enterprise performance generally consists of
four parts: subject evaluation, object evaluation, evaluation
indicators, and evaluation standards [13]. Details are as
follows.

First of all, the subject of the assessment is the job ex-
aminer. (e subject of the assessment must understand the
work content of the evaluation object and be familiar with
the principles of performance evaluation. At the same time,
it must be the truth and purpose [14]. (e second is that an
object is first called the corresponding object, which is al-
ways determined by the subject, the location of the object,
and the potential of the company. (ird, the scale index
refers specifically to the content that can be identified by the
charging target. For example, the value-added of a company
can be calculated by calculating the profit and loss ratio of
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the company, while the operating condition of assets can be
calculated by dividing the market share to calculate the cash
flow forecast [15, 16]. Debt repayment can be expressed by
liquidity indicators and quick dividends. Potential growth
can be assessed through metrics such as net worth growth.
To sum up, the evaluation criteria are the rules and standards
of the evaluation process preselected by the evaluation
subject according to the evaluation criteria and evaluation
indicators. In order to calculate the overall performance of
the business, company averages, company leadership levels,
or company historical data references are often used as
criteria for the business model. (e evaluation results ob-
tained by selecting different scores may be different, and the
choice of scores may also affect the indifference and accuracy
of the evaluation results [17].

2.3. Smart City andCorporate Activities. (e construction of
smart cities is mainly supported by information technology
and is also an important part of information investment and
utilization. (rough the extensive application of cutting-
edge technologies and the development of intelligent soft-
ware in business operations, the deep integration of different
technologies and enterprises will be realized, and the impact
of technological innovation will continue to advance. Fi-
nally, starting from the construction of smart city infor-
matization, we will promote the integration of enterprise
manufacturing and informatization, promote the transfor-
mation and upgrading of traditional enterprises, increase the
proportion of informatization products, and further em-
power policies [18, 19].

3. Investigation and Research on the
Relationship between the Degree of Urban
Intelligence and the Performance of
Enterprises in the City Based on Artificial
Intelligence and Soft Computing

3.1. Research Design. (e overall idea of the research and
design of this paper is to use the business description texts in
the annual reports of listed companies, extract the new
generation of information technology keywords represented
by soft computing and artificial intelligence through the
word2vec word vector model, and build a new generation of
information technology for enterprises based on the key-
words. Finally, combined with financial indicators, an
econometric model is constructed to test the relationship
between the degree of urban intelligence and enterprise
performance of artificial intelligence and soft computing.

3.2. Data Collection. In terms of data collection, firstly,
according to the enterprise codes of 1582 manufacturing
enterprises determined in the sample selection part, use
python to write crawler code, use the securities code and year
as an index, crawl the information in a specific web page, and
obtain the network address where the annual report pdf file
is located. (e website downloads the pdf text of the annual
report to the local and uniformly names it in the form of

enterprise securities code + securities abbreviation + year
when saving, and a total of 3524 annual report pdf files have
been obtained.

3.3.Model Checking. Aiming at the relationship between the
absorption of urban intelligence and the performance of
enterprises in the current year, based on the basic as-
sumptions H1 to H3, models 1 to 3 are, respectively, con-
structed to test the influence of the absorption breadth,
depth, and intensity of urban intelligent technology on the
enterprise performance.

Based on the basic hypothesis H1, there is an inverted
U-shaped relationship between the absorption breadth of
urban intelligent technology and enterprise performance,
and model 1 is constructed.

F � ξ0 + ξ1Kd
2
i,t + ξ2Kdi,t + ξnXn, (1)

where F is the enterprise performance of the enterprise, Kdi,t

is the enterprise’s urban intelligent technology absorption
breadth, and t is the year. Based on the basic assumption H2,
there is an inverted U-shaped relationship between the
urban intelligent technology absorption depth and enter-
prise performance. Model 2 is constructed.

F � ξ0 + ξ1Gp
2
i,t + ξ2Gpi,t + ξnXn. (2)

Gp2
i,t is given for the absorption depth of urban intel-

ligent technology of enterprises, and based on the basic
hypothesis H3, there is a positive relationship between the
absorption depth of urban intelligent technology and en-
terprise performance, and model 3 is constructed.

F � ξ0 + ξ1Sg
2
i,t + ξnXn. (3)

(e three models were tested separately, and the plm
package used for panel data regression in R language was
used to complete the panel data test. First, the mixed re-
gression Chow test is used to judge whether the mixed panel
can be used for the test, and then, the Hausman test is used to
judge whether the fixed effect model or the random effect
model should be used. All models in this paper can be tested
by using a mixed panel, and the values of the Hausman test
are all significant; that is to say, the random effect model
should be used to test the sample panel data.

4. Analysis and Research on the
Relationship between the Degree of Urban
Intelligence and the Performance of
Enterprises in the City Based on Artificial
Intelligence and Soft Computing

4.1. Enterprise and Intelligent Technology. With the devel-
opment of e-commerce, enterprises open up the market
through online sales and expand their market share. For
small and medium-sized garment enterprises, online sales
are an important sales channel.(ese enterprises are actively
using Internet technology to improve performance and
obtain greater benefits.
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Figure 1: Mean absorption and t-test of technology-intensive and nontechnology-intensive industries.

Table 1: Test results of urban intelligent absorption.

Value Model 1 Model 2
Coefficient of quadratic term −0.029 −0.018
Coefficient of the first-order term 0.243 0.249
Quadratic curve symmetry axis 9.92 7.88
Overall mean 9.26 7.73
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Figure 2: (e results of the urban intelligent absorption test.
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In order to test the significance of the differences in soft
computing and artificial intelligence between the technol-
ogy-intensive enterprise sample and the nontechnology-
intensive enterprise sample, an independent sample T-test
was performed on the mean of these six indicators.(e t-test
was performed using the t-test function in the stats package
in the R language.

(e results show that the breadth, depth, and intensity of
soft computing and artificial intelligence in technology-inten-
sive industries are higher than those in nontechnology-intensive
industries. (e results of the Welch two-sample test also show
that the difference between technology-intensive and non-
technology-intensive industries is significant. Specifically, the
difference in the level of AI absorption between the two types of
industries is the largest, and the difference in soft computing is
slightly smaller as shown in Figure 1.

4.2. 4e Degree of Urban Intelligence of Artificial Intelligence
and Soft Computing and the Performance of Enterprises in the
City. (e results of model 1 show that the influence of the
urban intelligence absorption breadth on the performance of
enterprises in the same year presents an inverted U shape
with the quadratic term coefficient being negative and the
primary term coefficient being positive, and the quadratic
term coefficient of the urban intelligence absorption breadth
is −0.03, the opening of the curve is downward, the coef-
ficient of the linear term is 0.245, and the symmetry axis of
the quadratic curve is 9.95, which is greater than the overall
mean of the breadth (9.24). It will increase accordingly. After
exceeding this limit, enterprise performance will decrease
with the increase of breadth, as shown in Table 1. (e results
of model 2 show that the impact of urban intelligence ab-
sorption depth on enterprise performance in the same year
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Figure 3: R&D investment test results.
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Figure 4: T-value, F-test value, and DW value test.

Table 2: R&D investment test results.

Variable Model 1 Model 2 Model 3
ROA 0.013 0.016 −0.013
Share 0.005 0.006 −0.003
Turn −0.113 −0.111 −0.027
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presents an inverted U shape, in which the coefficient of the
quadratic term is −0.016, the curve opening is downward,
the coefficient of the linear term is 0.247, and the symmetry
axis of the curve is 7.91 which is greater than themean (7.76).
(e results of model 3 show that the impact of urban in-
telligence absorption intensity on the current year’s cor-
porate performance is significantly negative, with a
coefficient of −0.081, as shown in Figure 2.

Enterprise performance has a significant positive impact
on the absorption breadth and depth of urban intelligent
technology in the following year, and the influence coeffi-
cients are 0.012 and 0.014, respectively, while enterprise
performance has no significant impact on the absorption
intensity of urban intelligent technology in the following
year, as shown in Table 2. It is worth noting that the impact
of R&D investment on the absorption breadth, depth, and
intensity of urban intelligent technology is significantly
positive in the current year and the next year, as shown in
Figure 3.

(e number and scale of enterprises related to artificial
intelligence and soft computing are the reflections of the
degree of intelligence of a city, and the comprehensive ef-
ficiency, technology research, and development strength and
scale of enterprises are important indicators to measure an
enterprise. (e results in Figure 4 show that the higher the
proportion of artificial intelligence and soft computing
companies in the total number of companies, the better the
performance of the company, and the more intelligent a city
can be improved.

5. Conclusions

At present, the rapid development of new technologies leads
to rapid changes in the living environment of enterprises,
and the environment of fierce competition continues to
emerge and strengthen. Only by constantly updating ca-
pabilities can companies create new strategic transformation
options and actively cultivate enterprise artificial intelligence
and soft computing capabilities. (e selection and accurate
measurement of enterprise performance indicators deter-
mine the scientificity and adaptability of this research.
Business performance is a very complex concept. It is
necessary to study and compare various evaluation methods
and select reasonable evaluation indicators to fully reflect the
real business status of the enterprise and improve the re-
liability of the research conclusions. (is paper first studies
the concept of soft computing, describes enterprise per-
formance evaluation in four aspects, subject evaluation,
object evaluation, evaluation indicators, and evaluation
standards, and briefly analyzes the relationship between
smart cities and enterprise activities. (rough the method of
hierarchical regression, this study confirms the influence of
artificial intelligence and soft computer on the relationship
between the degree of urban intelligence and enterprise

performance. With the improvement of enterprise perfor-
mance, the intelligent level of artificial intelligence and soft
computing in cities is also improving, which to a certain
extent solves the problem of inconsistency between the
degree of urban intelligence and business performance in
previous studies. Only when executives manage AI and soft
computers effectively according to the business environment
can they fully exploit the positive effects of AI and soft
computers on business performance.

(is study is based on the impact of the significant
performance of artificial intelligence and soft computers on
the city’s corporate business performance process and
conducts an income study on the behavior of artificial in-
telligence and soft computers in improving corporate per-
formance. At the same time, the use of artificial intelligence
and soft technology in new business performance has an
impact on the enterprise. (erefore, this study is conducive
to improving corporate performance, and at the same time,
it can play the role of intelligent supervision and provide a
theoretical basis for companies to use artificial intelligence
and soft technology to improve corporate performance.

Data Availability

(e datasets used and/or analyzed during the current study
are available from the corresponding author on reasonable
request.

Conflicts of Interest

(e authors declare that they have no conflicts of interest.

References

[1] K. Yan, L. Liu, Y. Xiang, and Q. Jin, “Guest editorial: AI and
machine learning solution cyber intelligence technologies:
new methodologies and applications,” IEEE Transactions on
Industrial Informatics, vol. 16, no. 10, pp. 6626–6631, 2020.

[2] T. Kieu, B. Vo, T. Le, D. Zhi-Hong, and B. Le, “Mining top- k
co-occurrence items with sequential pattern,” Expert Systems
with Applications, vol. 85, no. nov, pp. 123–133, 2017.

[3] M. Peng, D. Jiang, and Y. Wang, “Forecasting Chinese cor-
porate bond defaults: comparative study of market- vs. Ac-
counting-based models[J],” Frontiers of Economics in China,
vol. 14, no. 4, pp. 536–582, 2019.

[4] S. Leventis, E. De doulis, and O. Abdelsalam, “(e impact of
religiosity on audit pricing[J],” Journal of Business Ethics,
vol. 148, no. 1, pp. 1–26, 2018.

[5] A. Barnes, “Poor performance[J],” Jane’s Intelligence Review,
vol. 29, no. 10, pp. 32–35, 2017.

[6] T. T. D. Nguyen, V. N. Trinh, N. Q. K. Le, and Y. Y. Ou,
“Using k-mer embeddings learned from a Skip-gram based
neural network for building a cross-species DNA N6-meth-
yladenine site prediction model,” Plant Molecular Biology,
vol. 107, no. 6, pp. 533–542, 2021.
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