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Physical education is a highly skilled education offered in colleges and universities. Teachers do not appear in front of inanimate
machines as laborers, and they are not the same as gardeners who grow colorful trees, according to their essential characteristics.
-eir work is aimed at flesh-and-blood students who are sentimental, thoughtful, and engaged in critical thinking. As a result,
schools should prioritize physical education and place a premium on emotional infiltration education, improve learning interest,
improve teacher-student relationships, create a harmonious teaching environment, and improve teaching quality; it has a
significant impact on an individual’s entire life. -emodern educational process places a premium on the transmission of rational
knowledge while overlooking the accumulation of emotional experience. -e cultivation and development of emotional feeling
ability, emotional expression, and expression ability receive less attention than the training and improvement of language,
concept, logic, and reasoning abilities. Emotion feature clustering is used to propose an emotion recognition method in this study.
-is method generates extended features for classification by constructing a co-occurrence matrix based on the co-occurrence
relationship of emotion features and then by applying the spectral clustering method. -e binary value of whether emotional
features of emotional education in college physical education appear in a particular cluster is then expressed as a feature and
extended to the original training feature set, alleviating the problem of sparse features.

1. Introduction

In contemporary universities, there will be such a situation,
that is, students who are active in the playground will be
stronger than those who lack physical exercise, which has to
cause concern in schools. Physical education in colleges
and universities is a highly skilled education. Its essential
characteristics determine that teachers do not appear in
front of inanimate machines as laborers and are different
from gardeners who cultivate colorful trees. -eir work
targets young students who are full of flesh and blood,
sentient, thoughtful, and active in thinking. -is deter-
mines that schools should play a leading role in physical
education and attach importance to and implement
emotional infiltration education [1]. According to modern
psychology theory, the factors that affect students’ learning

include not only their intelligence factors but also non-
intelligence factors such as emotion and will. -is non-
intelligence factor can lay a good psychological foundation
for a person’s socialization and meet his psychological
needs [2]. In the past, physical education in colleges and
universities mainly focused on competitive minority
sports, but now our requirements should develop into
popular sports of art and ecological sports so that sports
can become a necessity for people to survive. -erefore, in
college physical education, physical education teachers
should add emotional education instead of simply teaching
physical education [3], improve interest in learning, har-
monize the relationship between teachers and students,
form a harmonious teaching atmosphere, and improve
teaching quality, which even has an important influence on
his whole life. -e modern educational process emphasizes
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the imparting of rational knowledge and neglects the
accumulation of emotional experience. Emphasis is placed
on the training and improvement of language, concept,
logic, and reasoning ability but less on the training and
development of emotional feeling ability, emotional ex-
pression, and expression ability [4, 5]. -is educational
model ignores people’s emotional characteristics, cannot
meet people’s different emotional needs, cannot stimulate
and regulate people’s emotional mechanism, and cannot
say it has a profound impact on people’s emotional
aspects.

-e method of emotion recognition proposed in this
study is based on emotion feature clustering. -is method
generates extended features for classification by constructing
a co-occurrence matrix based on the co-occurrence rela-
tionship of emotion features and then by using the spectral
clustering method. Because the training dataset for the
learning method of emotional feature clustering is small,
there may be an emotional education situation in college
physical education where the features in the test dataset do
not appear in the training dataset, resulting in unsatisfactory
classification results [6, 7]. To put it another way, the sparsity
of this feature distribution has an impact on emotion
classification accuracy. To complete the final emotion
classification, the two classifiers collaborate. -e method
proposed in this study is based on the following basic as-
sumption: in college physical education with similar emo-
tional tendencies, emotional words of emotional education
have a high probability of appearance in consumer com-
ments with similar emotional tendencies; these “similar”
emotional features can then be clustered based on their co-
occurrence relationship in comments [8, 9]. -e goal of
image retrieval based on emotional semantics is to inves-
tigate the emotional analysis of emotional education features
in college physical education, to describe and extract these
features in a way that is appropriate for people’s psycho-
logical reactions to the features, and to cluster the emotional
features [10].

-e emotion recognition algorithm based on emotion
feature clustering is based on an observation: words or
phrases of emotional education in college physical edu-
cation with the same emotional tendency are more likely
to appear in the same product comments [11, 12]. For
example, in general, the probability of “very good” and
“perfect” appearing in the same comment with a favorable
emotional tendency is higher than that of “very poor” and
“perfect” appearing in a comment together [13]. By using
the emotional characteristics of emotional education in
college physical education with unlabeled emotional
category data to cluster the emotional characteristics, the
number of available clusters is limited [14]. -en, at this
time, the binary value of whether the emotional features of
emotional education in college physical education appear
in a certain cluster is expressed as a feature and extended
to the original training feature set, which can alleviate the
problem of sparse features. Emotion recognition algo-
rithm does not depend on the specific mathematical de-
scription, has good global complex combination
optimization ability, and has penetrated into many fields,

such as coloring problem, vehicle route planning problem,
and so on [15].

2. Related Work

Literature [16] puts forward that in college physical edu-
cation, emotional educators enthusiastically carry out ed-
ucational activities, induce and stimulate the positive
emotion and positive attitude of the educatees in the process
of education, make them in the best state of psychology, and
regard the emotional cultivation of the educatees as one of
the objectives of education. In literature [17] through the big
data analysis method, in college physical education teaching,
if physical education teachers can grasp students’ inner
feelings and use their own cultivation to adjust students’
psychological trends and inner needs, they will shorten the
psychological distance with students, produce a good
classroom atmosphere, and achieve the desired teaching
effect. Literature [18] shows that in order to implement
emotional education in college physical education, teachers
are required to invest in teaching with positive and full
enthusiasm and good personal image; second, we should be
good at using various methods and means to induce, mo-
tivate, and coordinate students’ emotions. Literature [19]
proposed that foreign research on text emotion recognition
began in the 1990s. In text emotion analysis, researchers
found two very interesting phenomena: first, emotional
words with opposite tendencies generally do not appear
together; second, emotional words with the same tendency
often appear at the same time. In literature [20] through the
big data analysis method, the professional norms of physical
education teachers are highly intuitive, and their words,
deeds, and emotions are very easy to have an impact on
students. Literature [21] shows that the biggest feature of
physical education teaching is to pay attention to physical
activities. Physical education teachers’ treatment methods
and means of various classroom behaviors reflect their own
educational wit and professional cultivation. Literature [22]
puts forward that the semantic inclination of each sentence
in the text can be obtained by weight first calculation
method, emotional education is discussed on the combi-
nation of emotional words in college physical education, and
the concept of the headword is put forward to calculate the
inclination of words, which lays a foundation for more
complicated emotional analysis of the text. In literature [23]
through the big data analysis method, physical education
teachers in colleges and universities should make full use of
the advantages of disciplines in emotional education, pay
attention to active and healthy emotional communication
with students, win the respect and cooperation of students,
and obtain the best educational effect. Literature [24] shows
that the grades of praise and disapproval in college physical
education can be divided into three categories (positive
emotion, negative emotion, and neutral emotion) by star
rating index, and the polarity classification of emotional
education in comment text is completed by using the ex-
perimental algorithm using three classification methods,
among which the method of the support-vector machine
gets higher accuracy. Literature [25] puts forward a method
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of semantic correlation field based on two semantic ten-
dencies of emotional word dictionary as the calculation basis
of emotion classification.

Emotional education in college physical education is
investigated in this study. Based on an emotional feature
clustering algorithm, words or phrases with similar emo-
tional connotations are more likely to appear in the same
product review. In general, the likelihood of “very good” and
“perfect” appearing in the same comment with a com-
mendatory emotional tendency is higher than the likelihood
of “very poor” and “perfect” appearing in the same comment
with a disparaging emotional tendency. -is study believes
that if we can cluster these emotional characteristics based
on their co-occurrence relationship, it will be beneficial to
emotional education in college physical education.

3. Emotion Recognition Algorithm and Model
Based on Emotion Feature Clustering

-e emotion recognition algorithm of emotion feature
clustering needs to label the data manually, which may
require a lot of manpower and time.-is is the most difficult
and challenging work in the emotion recognition algorithm
system. -is study uses emotion feature clustering college
physical education as the research object and considers the
influence of different weights of interested and non-
interested regions of emotional education on feature ex-
traction. However, how to make users interactively select
eigenvalues and set the weight of eigenvalues is a problem
worthy of discussion. -e emotion classification method of
emotion recognition algorithm based on emotion feature
clustering only needs to manually label a small amount of
training data and then uses a large number of data without
labeling the categories of emotion to train the learner, so as
to classify consumer comments of unknown categories of
emotion. -is study selects 600 pictures in emotional ed-
ucation in college physical education as the original dataset,
that is, the research object. -e emotion analysis steps of
analyzing emotion feature clustering are shown in Figure 1.

-ere is only a small amount of training data in the
training dataset of emotion analysis of emotion recognition
algorithm, so it may happen that the features in the test
dataset do not appear in the training dataset, which may lead
to unsatisfactory classification results. -at is to say, the
sparsity of feature distribution will affect the accuracy of
emotion analysis. Emotional feature clustering based on the
partition is the most widely used clustering. Its purpose is to
divide the dataset into several subsets, that is, given a dataset
with n tuples or records, k groups are constructed, and each
group represents a cluster (for a given k, we can give an
initial grouping method and then change the grouping
through repeated iterations, so that the grouping scheme
after each improvement is better than the previous one).-is
study describes the basic block diagram of the emotion
recognition algorithm with divided emotion features, in
which there are various methods in the first three steps, and
different emotion recognition algorithms with divided
emotion features can be obtained through combination, as
shown in Figure 2.

-e partition method is to divide n objects in set u into a
given K subset so that the object similarity in the same set is
high, while the object similarity in different sets is low. -e
definition of similarity is the key to division. Generally, it
defines the objective function in the form of a formula and
uses the heuristic method to minimize the value of the
objective function.

J �
1
N
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where j is the sum of the mean square deviations of all
objects in the set U and the corresponding cluster centers, xn
is a data object in the space representing the objects, and xk is
the mean value of the cluster Ck. -e formula of clustering
standard aims to make the obtained clusters have the fol-
lowing characteristics: each cluster itself is as compact as
possible, and each cluster is separated as much as possible.

-e basic idea of emotion analysis based on emotion
feature clustering and emotion recognition algorithm is
briefly introduced: data are regarded as emotion analysis
with different attributes, and the cluster center is the
“emotion source” that emotion analysis is looking for, so the
data clustering process can be regarded as the process of
emotion analysis looking for emotion. It is assumed that the
data object is x� {xi | xi� (xi1, xi2, ..., xim), I� 1,2,3, ..., n}.
First, the algorithm is initialized.-e pheromone τ(O)� 0 of
each path is set to O, and the parameters such as cluster
radius R, statistical error ε, and representative object M are
set. -e weighted Euclidean distance dij between objects Xi
and Xj is calculated, and the pheromones on each route are
calculated as follows:

τij(t) �
1, dij ≤ r

0, dij > r
⎛⎝ ⎞⎠.

⎧⎨

⎩ (2)

-e probability formula for merging objects Xi into XJ is
as follows:

Pij �
τa

ij(t)ηβij(t)

s⊂Sτ
a
sj(t)ηβij(t)

, (3)

where S� {xs|dsj≤R, s� 1, 2, ..., J, j+ 1,..., n}. If PIJ (T) is
greater than the threshold P0, Xi is merged into the domain
of XJ. Among the above clustering methods, the represen-
tative objectm has a great impact on the operation efficiency
and clustering results, and there are many selection methods
of representative objects. Different methods can be tried
according to the situation to avoid the algorithm falling into
local optimization. Although the number of clusters does not
need to be given in advance, the scale of clustering is limited
because the cluster radius is preset.

-e cluster centers of these two clusters are calculated
according to the following formula, where n1 is the number
of samples in cluster A1 and n2 is the number of samples in
cluster A2.

A
−

�
1
n1



n1

k�1
Xk Xk ∈ Ai( (i � 1, 2). (4)
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After clustering, the distance between any two adjacent
classes is calculated according to the clustering center of each
class. If the distance between classes is less than the threshold
value ε, the two categories are merged and the cluster center
is updated at the same time. -e distance between two
classes is defined as the distance between the nearest two
samples X and Y in two classes s and V.

d(S, V) � min(d(x, y), x ∈ S, y ∈ V). (5)

If we use emotion feature clustering in unlabeled
emotion category data to cluster emotion features, the
number of available clusters of emotion recognition algo-
rithms is limited. -e presence of an emotion feature cluster
in the cluster of an emotion recognition algorithm is then
expressed as a feature and extended to the original training
feature set, alleviating the problem of feature sparseness.

Emotional feature clustering is a model that considers
the probability relationship between physical and emotional
education before and after college. It depicts the text’s word
sequence relationship. As a result, it is widely used in a
variety of emotional recognition problems, including text
word segmentation, automatic input, part of speech tagging,

machine translation, and so on. In simple terms, the emotion
feature clustering emotion recognition algorithm model
counts the likelihood of a sentence or word sequence.

P W1, W2, ...WK( , (6)

where W represents each word, and k represents the length
of the word sequence. We borrow the knowledge of the
conditional probability of probability theory.

P W1, W2, . . . , WK( 

� P W1( P W2|W1(  . . . P WK|W1, W2, . . . , WK−1( .

(7)

But if the length of k is too long, the word sequence
modeling needs a very complicated model. -erefore, in
engineering implementation, an approximation is often
needed. Common methods include the n-gram model,
maximum entropy model, conditional random field model,
neural network model, and so on.

Affective feature clustering is one of the most used
statistical affective feature clustering affective recognition
algorithm models. -e n-gram model is also known as the

Input emotional education in
College Physical Education

Pretreatment

Emotion analysis and
feature extraction

Clustering classification of
affective features

Fear Anger Happy Sadness Love Emotional
uncertainty

Figure 1: Flowchart of emotion feature clustering emotion recognition algorithm.

Select focus Initial division

Modify
Division

Is the division
reasonable Final division

Figure 2: Framework of emotion recognition algorithm for emotion feature clustering.
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n-1-order Markov model. It is based on Markov’s condi-
tional hypothesis, that is, the probability of the current word
is only related to the probability of the previous n-1 word.

P WK|W1, W2, . . . , WK−1(  ≈ P WK|WK−N+1, . . . , WK−1( .

(8)

-erefore, the probability of word sequence is
approximately

P W1, W2, . . . , WK(  ≈ 
K

l�1
P W1|Wl−n+1, . . . , Wl−1( . (9)

When the value of n is 1, 2, and 3, the corresponding
emotion feature clustering emotion recognition algorithm
models are called unigram, bigram, and trigram models,
respectively. With the increase in grammar order, the model
is more complex, so it is necessary to select the appropriate
order in a specific application. -e parameter estimation of
the n-gram model generally uses maximum likelihood es-
timation (MLE).

P Wl|WL−N+1, . . . , Wl−1(  �
Cont Wl−n+1, . . . , W1( 

Count WL−n+1, . . . , Wl−1( 
.

(10)

4. Application of Emotional Education in
College Physical Education Based on
Characteristic Clustering to Development

4.1. Emotional Education in College Physical Education Based
on Emotional Feature Clustering. -e emotion recognition
algorithm of feature clustering is the sensory experience and
reaction of people to emotional education in college physical
education and the psychological stress state caused by the
stimulation of external things to people’s brains. Generally
speaking, emotions include positive and negative, and each
of them may contain rich content. In many cases, they are
connected, and the community is now in people’s reactions
to external things. Physical education teachers and students
are two sources of emotional analysis in physical education
teaching. -e greatest feature of physical education is to
attach importance to physical activities, and the ways and
means of dealing with various classroom behaviors by
physical education teachers reflect their own educational wit
and professional accomplishment. In the process of physical
education, infiltrating the necessary emotional education
can help college students learn respect, tolerance, friendli-
ness, and self-confidence, cultivate collectivism and perse-
verance, and contribute to the formation of college students’
good personalities. Any sport can show the strength, speed,
dexterity, and vitality of human body and show the beauty of
form and soul. Infiltration of emotion recognition education
in physical education can help college students understand
and appreciate this beauty, broaden their aesthetic vision,
and promote their esthetic pursuit, thus forming a good
esthetic taste. -e emotion recognition algorithm of feature
clustering is applied to emotional education in physical
education in colleges and universities. Combined with the

research results of modern educational information tech-
nology, volleyball teaching theory and methods and other
aspects of emotion recognition algorithm, theoretical
analysis, and experimental research are carried out in order
to solve the one-sidedness of conventional teaching to
cultivate students and further explore the influence of this
emotion analysis on students’ learning interest and academic
achievement. Physical education teaching in colleges and
universities is mostly in a relaxed environment, and many
routine sports events are included in the teaching content,
which broadens the vision of college students’ sports
knowledge, enriches their spare-time activities, and is
conducive to stimulating and cultivating college students’
emotional analysis of novelty, happiness, and satisfaction.

Physical education teaching characteristics determine
that college students can gain a wide range of emotional
analysis experience. For example, students will feel satisfied
and happy after learning and mastering the fundamentals of
sports movements; tension will arise during sports tests and
competitive competitions; if you pass the test without dif-
ficulty or achieve good results in the competition, you will
feel happy; and so on. Physical education teachers’ profes-
sional norms are highly intuitive, and their words, actions,
and emotions have a significant impact on their students.
Individuals and classes receive physical education together
in the process of physical education in colleges and uni-
versities, and physical activities necessitate competition.
-ey often require mutual encouragement and assistance
when competing as a team. -ey must learn to observe,
unite, and love one another. It is simple to improve college
students’ collective reputation and friendship among peers,
which is conducive to the development of a harmonious
teacher-student and classmate relationship. -e sports
psychology, sports skills, and acceptance ability of students
in college physical education differ. As educators, they
should treat each student with respect and understanding,
set different goals for them, use different methods andmeans
to promote their progress, and encourage them to build
confidence. As a result, physical education teachers should
make full use of the subject’s advantages in emotional ed-
ucation, pay special attention to positive and healthy
emotional analysis, communication, and communication
with students, earn students’ respect and cooperation, and
achieve the best educational effect possible. “Rational edu-
cation” is the polar opposite of emotional learning.

-is kind of education does not include emotional
analysis into the feasible means of education. -e emotional
identification algorithm in emotional feature clustering
regards the goal of knowledge imparting as the central
position of emotional education, which is manifested in the
indifference, distortion, and obstruction of students’ emo-
tional needs in the process of emotional education, the lack
of normal emotional analysis and communication between
teachers and students, the lack of vitality in emotional ed-
ucation activities, the inflexible form of emotional educa-
tion, and the lack of initiative and interest of students. In the
practice of physical education teaching in colleges and
universities, college students need to bear certain sports load
and overcome different degrees of difficulties. In this
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process, college students can realize their own values and get
different degrees of satisfaction, which will effectively en-
hance students’ collective sense of honor. In college physical
education teaching, we should not only cultivate students’
action skills but also organize practice methods and logical
thinking ability. It is also necessary to train students to have
good learning psychological quality, personality quality, and
esthetic quality, which are all indispensable and important
components in professional emotion teaching. However, in
the traditional teaching quality, action technology occupies
the absolute center, and the factors of ability training are not
given due attention, which has caused various defects and set
up many obstacles to the implementation of quality edu-
cation. Students have all kinds of emotional analysis ex-
periences in their studies. Teachers must go deep into them
and communicate with them in order to implement teaching
more accurately. -is is the emotional communication
function of emotional education in physical education. As an
activity requiring collective participation, the physical ed-
ucation class’s teaching nature determines that students
need to help and cooperate with each other in the course of
class. During training, students are both practitioners and
protectors of classmates, which can effectively cultivate
students’ sense of responsibility and obligation. A person’s
emotional experience is closely related to his life attitude,
mental state, work efficiency, and intellectual potential, and
it is an important part of his intelligence, personality, and
thinking development. Emotion clustering is the driving
force of the emotion recognition algorithm to catalyze
college students’ cognitive understanding, promote their
moral level, and motivate students to make progress.

4.2. Analysis of Experimental Results. Physical education
teachers shouldmake full use of the advantages of the subject
in emotional education, pay attention to positive and healthy
emotional analysis, communication, and communication
with students, win students’ respect and cooperation, and
obtain the best educational effect. -e author conducted a

questionnaire survey on the classroom behavior and in-
fluence of PE teachers on 600 college students of 2019 and
2020 in a university and made a statistical analysis, as shown
in Figure 3.

One of them is emotional communication. Nearly 80%
of students think that teachers do not communicate with
them emotionally, there is emotional distance between
teachers and students, and students stay away from teachers,
which directly affect the teaching effect. Students have all
kinds of emotional experiences in their studies. Teachers
must go deep into them and communicate with them in
order to implement teaching more accurately. -is is the
emotional communication function of emotional education
in physical education, as shown in Figures 4–6.

Figure 4 shows that after the experiment, the experi-
mental and control classes’ interest in physical education
emotional education showed significant differences, indi-
cating that incorporating emotional teaching theory into the
professional course of physical education emotional edu-
cation in colleges and universities can improve students’
interest in physical education. -e reason for this is that
applying emotional analysis teaching theory to professional
physical education courses in colleges and universities meets
students’ direct physical education needs and stimulates
their desire for sports. Students’ direct sports needs refer to a
desire to learn about or participate in a sport because it
interests them. Figure 5 shows that the experimental and
control classes significantly improved their technical eval-
uation results after the experiment when compared to the
control class, and the difference is significant. It demon-
strates that using emotional education theory in physical
education classes is more conducive to mastering technical
skills and improving the teaching effect of emotional analysis
in physical education classes than traditional classes.

As can be seen from the statistical results in Figure 6,
there is no significant difference between the students in the
experimental class and the control class after the experiment.
-is shows that emotional teaching and conventional
teaching methods in volleyball major courses in colleges and
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universities have improved students’ achievement to a
certain extent. Compared with conventional teaching,
emotional teaching does not significantly improve students’
achievement in reaching the standard because the formation
of motor skills is a long-term systematic and scientific
learning and training process, and the level of students’
achievement in reaching the standard is related to training
time and training level. After we get the word vector, we use
the similar characteristics of emotional feature clustering in
emotional education in college physical education. We first
use the emotional recognition method to divide all words
into 500 categories, then use various labels to replace the
corresponding words, and then classify the text emotional
analysis. About 30% of the data are used as test data and the
rest as training data. -e classification results are shown in
Figures 7–10.

Experimental results show that SVM still has a good
classification performance. In the emotional education of
physical education, the mixed feature classification of ter-
nary grammar and TFIDF has the best effect. However,
compared with the recognition rate in chapter 3, the overall
recognition rate of text sentiment analysis using sentiment
feature clustering results has declined. By analyzing the
reasons, the biggest problem is that although Word2Vec
quantifies the word direction and has good clustering
characteristics, the use of clustering brings side effects of
classification results: the fewer categories of emotional ed-
ucation in physical education in clustering will lead to the
less accurate differentiation of features, for example, two
words with far distance in the same category of emotional
education in physical education may have more differences
in meaning. Experiments have verified our conjecture, and
our emotion recognition algorithm that expands the clus-
tering category of emotional features will improve the
success rate of emotional education in physical education.
An extreme idea is that when each word is divided into a
separate category, the classification results will be consistent
with those in Section 3, that is, Word2Vec. Although the
recognition rate of emotional education in physical edu-
cation is not better, it also proves that the language model
features and SVM classification method have higher rec-
ognition rates, and the network structure of emotional
feature clustering also inspires us to use a neural network.

5. Conclusions

To summarize, physical education teaching characteristics
determine that college students can gain a variety of emo-
tional analysis experiences. For example, students will feel
satisfied and happy after learning and mastering the fun-
damentals of sports movements; tension will arise during
sports tests and competitive competitions; if you pass the test
smoothly or achieve good results in the competition, you will
feel happy; and so on. We focus on the implementation of
formative evaluation in emotional teaching evaluation so
that problems in the teaching process are brought to the
attention of teachers and students right away, problems in
teaching are remedied quickly, and students’ learning errors
are reduced. -is study investigates emotional education in

the context of college physical education. Based on emo-
tional feature clustering, this study proposes improved
methods for text features and classification algorithms using
the original structure model. Before each clustering, the
emotion recognition algorithm uses emotion feature clus-
tering to calculate the two points with the smallest similarity
as the starting cluster center. After clustering, the distance
between each class is calculated, and the two classes with the
shortest distance between them are combined. -e goal of
knowledge transfer is placed at the center of emotional
education by the emotion recognition algorithm in emotion
feature clustering. -ere is a dearth of standard emotion
analysis and communication between teachers and students.
Emotional education activities are devoid of vitality. Stu-
dents lack initiative and interest as a result of the rigid nature
of emotional education.
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