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In recent years, the development of wireless communication and artificial intelligence technology has brought tremendous
convenience to human life. Especially in the fields of education and medical treatment, the functions of wireless communication
are the most representative. In order to enhance the attention of young people and the effect of information dissemination,
scholars have conducted many analyses on its influencing factors. Studies have found that strong noise environments have
obvious negative effects on attention and information dissemination effects. Therefore, this paper proposes a multisource sensor-
based method for young people’s attention analysis and information dissemination effect enhancement in a strong noise en-
vironment. Multisource sensors are selected to perform young people’s attention analysis on speech in a strong noise envi-
ronment, combined with the information dissemination effect to strengthen the model obtained by combining attention analysis
and information dissemination effect strengthened speech. Through the multisource sensor system, it is demonstrated that the
method in this paper is superior to the traditional method in a strong noise environment. And through the comparative analysis of
multisource sensors, the corresponding improvement plan for the strong noise environment was formulated, and the numerical
simulation experiment of young people’s attention analysis and information dissemination effect was carried out to verify the
optimization results. This research, based on wireless communication and artificial intelligence decision-making technology,
proposes to evaluate and optimize the attention analysis and information dissemination effect of young people in a strong noisy
environment based on multisource sensors and gives useful ideas to ensure the system design method in a strong noisy en-
vironment and the environmental quality after implementation. It also provides support and help for people to more specifically
prevent the adverse effects on people’s attention analysis and information dissemination effects in a strong noise environment.
This paper designs a model based on multisource sensors to study the effect of young people’s attention analysis and information
dissemination in a strong noise environment, which is of great significance to the development of people’s high-quality life.

1. Introduction

Strong noise environment refers to the sound that hinders
people’s attention and transmission effect in a space surrounded
by materials and separated from the outside. Since the industrial
revolution, the environment with strong noise has been a key
source of human physical and psychological stress and has

caused troubles to a large number of young people who must
perform key tasks in the environment with strong noise [1].
Until the rapid development of information technology, es-
pecially wireless communication and artificial intelligence de-
cision-making technology, this problem has not been effectively
solved for a long time. Since the 1970s, scholars have conducted
many studies on the effect of strong noise environment on
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attention analysis and information dissemination, and most of
the experimental results also show that strong noise environ-
ment has obvious adverse effects on attention and information
dissemination effects [2]. Strong noise environment is often a
key source of human physical and mental stress. In modern
society, because people spend about 80% to 90% of their lives
indoors, and the auditory stimuli produced by handheld devices
through voice and music are everywhere, it even covers other
senses and the duration of noise in a strong noise environment
is more than usual [3]. Therefore, analyzing how a strong noise
environment affects attention and the effect of information
dissemination is critical to enriching the relevant literature and
preventing noise [4]. In the previous analysis on the strong noise
environment, many studies have been carried out on the
connection between the strong noise environment and the
attention analysis, but the research on the influence of the
attention analysis and the information dissemination effect of
young people in the strong noise environment is not com-
prehensive [5]. In addition, existing research shows that the
impact of forced noise environment on young people’s attention
analysis and transmission effect is determined to a certain extent
based on the evaluation level of multisource sensors [6].

The multisource sensor is not sensitive to the noise
transmitted by the air, so it has a strong anti-interference
function [7]. In the noise situation, the superiority of the
sensor system based on wireless communication and arti-
ficial intelligence decision-making technology is very ob-
vious; the frequency spectrum of the multisource sensor is
very clear and is generally not affected by the strong noise
environment [8]. According to this feature, in the strong
noise environment, through making full use of the foun-
dation of wireless communication technology, we can
construct a sensor system to assist teaching, the attention of
young people can be analyzed, and the effect of information
dissemination can be evaluated based on the multisource
sensor [9]. Research on the combination of multiple sensors
and artificial intelligence technology has also received a lot of
attention from scholars in the past two years. Therefore, this
article uses multisource sensor technology as the basis to
study the attention analysis and information dissemination
effect of young people in a strong noisy environment and
build an evaluation system based on multisource sensors.
Strong noise environment has a major impact on work and
young people’s attention [6, 10-12]. Based on multisource
sensors, it further explores and demonstrates the influence of
noise on young people’s attention and the effect of infor-
mation dissemination in a strong noise environment, which
is an extension of research results in many fields [13].

2. Materials and Methods

This research is based on wireless communication and ar-
tificial intelligence decision-making technology. The method
selection and design are all based on this foundation.

2.1. Attention Test Content. Stroop effect refers to the in-
terference effect of word meaning on font color. It is gen-
erally believed that reading a word and speaking the color of
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a font are two different cognitive processes. Use the Stroop
character and color intervention experiment commonly
used in psychology to measure the attention of the testees.
Provide a text that expresses color, but this text is supple-
mented with nonliteral colors, allowing the testee to dis-
tinguish the content of the font or the meaning of the word
[14]. There are ten sets of questions, and the measurement
system separately registers the correct number, correct time,
wrong number, and wrong time [15-18]. Attention score is
“number of correct answers/total time to answer.”

2.2. Statistical Analysis Method of the Noise Signal. In order
to test the results under different noise conditions, design
comparative experiments. First, in order to compare the
influence of various noise standards on work efficiency, 8
noise standards are set, they are (a) 50 dB continuous
meaningful noise; (b) 50 dB continuous non-meaningful
noise; (c) 50 dB intermittent meaningful noise; (d) 50 dB
intermittent meaningless noise; (e) 70 dB continuous
meaningful noise; (f) 70 dB continuous meaningless noise;
(g) 70 dB intermittent meaningful noise; and (h) 70 dB
intermittent meaningless noise. Furthermore, in order to
compare the difference between the work efficiency of each
noise standard and the quiet state, the corresponding sample
t is used to experimentally study all the noise standards and
the baseline standard (quiet state).

2.3. Noise Signal Separation and Processing Model. Use a
number of mutually independent source signals S to pass
through the mixing matrix A to fuse to obtain the moni-
toring signal X, which is expressed as a matrix:

X (t) = AS(t) (1)

If the signal obtained by the system contains environ-
mental noise n(t), if n(t) is an additive monitoring noise
vector, then the monitoring signal X(#) is as follows:

X(t) = AS(t) +n(t) (2)

In the situation where neither S nor A is known, the key
of the ICA calculation method is to calculate the unmixing
matrix W so that the final output signal Y(¢) is best close to
the source signal S according to a specific criterion, which
can be expressed as

Y () =WX(t) (3)
At this time, expect both sides of (1):
E(X) = E(AS) = AE(S) (4)
Then, there are
E(S)=A"E(X) (5)

Usually after centralization, the next step is to perform
whitening filtering on the monitoring information X. The
whitened signal is as follows:
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X =PX (6)

According to the above formula, let the global hybrid
array Q=PA, which becomes a new monitoring signal, at
this time:

=QE($S")Q" =QQ" =1 7)

Super-Gaussian dispersion and sub-Gaussian dispersion
have positive and negative kurtosis values, and the higher the
absolute index of kurtosis, the stronger the non-Gaussian-
ness. In the past, the sound signals in human daily life are
consistent with the super-Gaussian dispersion. Figure 1 is
the probability distribution of super-Gaussian, Gaussian,
and sub-Gaussian signals.

It can be seen from Figure 1 that the random process of
the super-Gaussian distribution has a wider distribution area
and presents a wider tail. The reason why humans’ past
sound signals conform to the super-Gaussian signal dis-
tribution is because the sound signals also have a wider
distribution area.

3. Results

3.1. Simulation Experiment of Noisy Speech Enhancement in
Multisource Sensors. In this paper, the signal-to-noise ratio
is selected to conduct an objective evaluation of speech
quality. The signal-to-noise ratio is usually a common way to
reflect the speech enhancement calculation method for
broadband noise distortion. If the noisy speech is expressed
by x(i), the pure speech is expressed by s(i), and the en-
hanced speech is expressed by s°(i), the signal-to-noise ratio
of the classic style can be expressed as

Y5 (i)

SNR =101 _—
oglozi [s(i) _ (i)]z

(8)

The classic signal-to-noise ratio only provides an ap-
proximate signal-to-noise ratio. Since the signal changes in
real time, the energy of the noise is evenly distributed.
Therefore, the signal-to-noise ratio at different times is
different. The signal-to-noise ratio allows it to more accu-
rately express the human ear’s perception of speech, and the
segmented signal-to-noise ratio can be selected, which is
defined as follows:

1 & Y2 }
SEGSNR -~ Y 10 log : 9)
L; ”kmkw—wmz

When the voice signal-to-noise ratio of the noisy mi-
crophone is 10 dB, 5dB, 0 dB, -5 dB, and —10 dB, the voices
of 4 speakers are used to simulate according to the

procedure described before. The individual signal-to-noise
ratio and the segmented signal-to-noise ratio are equally
divided, and the conclusions are shown in Table 1. It can be
seen from Table 1 that the combined speech signal-to-noise
ratio and segmented signal-to-noise ratio are higher than
those of the microphone voice only through spectral
subtraction and enhancement, and most of the combined
speech signal-to-noise ratios are in the throat microphone,
above the voice signal-to-noise ratio. The combined al-
gorithm given in this article can enhance the signal-to-
noise ratio and segmented signal-to-noise ratio of speech,
but when the spectral subtraction method is selected to
implement microphone speech enhancement to combine
the voice of the larynx microphone, when the signal-to-
noise ratio is —10 decibels, at that time, the voice signal-to-
noise ratio of the throat microphone combined with the
voice comparison did not increase significantly. In the face
of this problem, it is possible to perform in-depth analysis
of the weight function.

3.2. Attention Task and Information Dissemination Effect Test
Results. Table 2 shows the descriptive statistical conclusions
of different noise strengths, noise time forms, and mean-
ingless graphics recognition tasks under different types of
noise.

Table 3 shows the descriptive statistical conclusions of
the Stroop word-color interference tasks in different noise
strengths, noise time forms, and noise types.

Table 4 shows the descriptive statistical results of typing
and spelling tasks in different noise strengths, noise time
forms, and noise types.

Table 5 shows the descriptive statistical conclusions of
different motivation standards, K-L-T tasks, meaningless
graphic recognition tasks, and Stroop character color in-
terference tasks in indoor sound conditions.

The research conclusion of repeated measurement of
variance shows that the main effect of noise time form is
obvious, expressed as intermittent noise action time is longer
than continuous noise. The edge of the interactive response
of the noise intensity and the time form of the noise is
obvious. After the test conclusion shows that, at 70 decibels,
the duration of the intermittent noise is higher than that of
the continuous noise.

The interactive response edge of noise time form and
noise type is obvious. After the test conclusion shows that
during meaningful speech noise, the duration of intermittent
noise is higher than that of continuous noise; during in-
termittent noise, the duration of meaningful speech noise is
longer than that of meaningless speech. Other main effects
and interactive reactions are not obvious. Conclusion shows
that there is no significant difference between the noise
standard and the baseline standard.

3.3. Evaluation of the Impact of Different Noise Environments
on the Physiology and Psychology of Young People.
Table 6 shows the noise-diastolic blood pressure grouping
data.
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FIGURE 1: Probability distribution diagram of super-Gaussian, Gaussian, and sub-Gaussian signals.

TaBLE 1: The average value of speech signal-to-noise ratio and segmented signal-to-noise ratio when spectral subtraction is used.

- SNR/segment SNR (dB)

Voice with noisy microphone -10/-17.34 -5/-12.33 0/-7.35 5/-2.34 10/2.66
Throat microphone voice -0.79/-2.82

Microphone voice after spectral subtraction enhancement -5.67/-12.81 -1.02/-8.1 3.79/-3.2 8.45/1.61 12.86/6.3
Fusion voice —-0.81/-7.8 3.69/-3.22 8.12/1.27 12.25/5.5 15.91/9.4

TaBLE 2: Descriptive statistical results of meaningless graphic recognition tasks under different noise conditions (unit: ms).

Task name Noise intensity Noise time mode Noise type M=+SD
Continuous noise Meaningful speech noise ~ 975.12 +185.91
50dB Meaningless speech noise ~ 994.28 +216.68
Intermittent noise Meaningful speech noise ~ 988.74+165.61
Meaningless speech noise ~ 981.46 +203.11
Meaningless graphic recognition task . . Meaningful speech noise ~ 957.35 + 188.04
Continuous noise . .
70 dB Meaningless speech noise ~ 980.84 +245.62

Intermittent noise

Quiet environment 30 dB —

Meaningful speech noise
Meaningless speech noise

1113.56 + 410.83
1016.57 £200.32
991.44 + 197.05

TaBLE 3: Descriptive statistical results of Stroop word-color interference tasks under different noise conditions (unit: ms).

Task name Noise intensity Noise time mode Noise type M=+SD
Continuous noise Mean}ngful speech noi.se 818.41 +£102.72
50dB Meanlpgless speech noise 814.77 +94.88
Intermittent noise Meaningful speech noise ~ 829.82 +103.33
Meaningless speech noise ~ 807.01 +115.82
Stroop word-color interference task Conti . Meaningful speech noise ~ 808.81 +106.62
ontinuous noise . .
70 dB Meanlpgless speech noise 795.05 +105.21
Intermittent noise Meaningful speech noise ~ 833.07+107.86
Meaningless speech noise ~ 821.25 +100.05
Quiet environment 30 dB — — 796.95 +79.84

TaBLE 4: Descriptive statistical results of typing and spelling tasks under different noise conditions (unit: ms).

Task name Noise intensity Noise time mode Noise type M=+SD
Continuous noise Meaningful speech noise 2963.63 £ 598.05
50dB Meaningless speech noise 2928.48 + 643.57
Intermittent noise Meaningful speech noise 2924.81 + 608.36
Meaningless speech noise 2988.51 +685.65
Typing and spelling tasks Continuous noise Mean.lngful speech noise 2979.75 + 741.68
70 dB Meaningless speech noise 2887.25+635.50

Quiet environment 30 dB

Intermittent noise

Meaningful speech noise
Meaningless speech noise

2822.62 +647.32
2888.62 + 604.68
2878.48 + 542.82
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TaBLE 5: Descriptive statistical results of the accuracy of each task under different motivation levels and indoor sound environments.

Task name Motivation level Indoor sound environment M+SD
- 30dB quiet environment 0.87 £0.06
Low motivation level . . . . .
L 70 dB intermittent meaningful noise environment 0.86 £0.07
K-L-T mission . .
Hich motivation level 30 dB quiet environment 0.91+0.03
& 70 dB intermittent meaningful noise environment 0.88 +£0.03
o 30dB quiet environment 0.92 +0.04
Low motivation level . . . . .
. . . 70 dB intermittent meaningful noise environment 0.91 +0.06
Meaningless graphic recognition task d . .
Hich motivation level 30dB quiet environment 0.92£0.04
& 70 dB intermittent meaningful noise environment 0.91 +£0.04
Low motivation level 30dB quiet environment 0.91+0.06
. 70 dB intermittent meaningful noise environment 0.93 +0.06
Stroop word-color interference task . .
Hich motivation level 30dB quiet environment 0.87+£0.13
& 70 dB intermittent meaningful noise environment 0.88+0.11
TaBLE 6: Noise-diastolic blood pressure group information.
95% confidence interval of
Group  Number of cases ~ Average  Standard deviation  Standard error the mean Minimum  Max
Lower limit ~ Upper limit
1 15 74.88 7.146 1.844 71.44 82.36 58 96
2 15 72.81 8.704 2.247 67.97 77.61 57 92
3 60 75.12 8.192 1.057 73.01 77.24 53 90
4 60 73.04 7.238 0.934 71.17 74.91 57 92
5 150 74.33 8.752 0.714 72.92 75.74 51 96

Comparing the group data of diastolic and systolic blood
pressure, combining Table 7, and comparing the blood
pressure of the subjects at rest, the average index of diastolic
blood pressure clustering 5 groups and the average resting
index from low to high are 2 <4 <rest <5 < 1 < 3; the average
index of the 5 groups of systolic blood pressure and the
average resting index from low to high are
2<1<3<5<4<rest.

The third and fourth levels of diastolic blood pressure are
all rising. The third level includes outdoor speech with a
relatively high sound pressure level and car driving sounds
with a relatively low sound pressure level. The diastolic
pressure of the car driving sound is obviously above the 40-
decibel floor pedaling sound of the fourth level. The con-
clusion shows that the third level of noise has a key impact
on the increase of diastolic blood pressure, and the fourth
level of noise has a more obvious effect on systolic blood
pressure.

The fourth level only contains 37 decibels of working
noise, and its sound pressure level is not high. The annoying
degree of 37 decibels and 55 decibels of work noise is ob-
viously in the same sound pressure level. Above, the working
noise of high sound pressure level is at the fifth level, so it can
be known that the subjects are more annoyed by this type of
noise.

4. Discussion

4.1. Correlation Analysis of Strong Noise Environment and
Young People’s Work Attitude. Based on the above de-
scription, this article has formulated five mediation paths for
the effect of noise on safety attitudes from the two levels of

young people’s physical condition (poor physical fitness)
and psychological condition (attention, subjective fatigue,
and risk preference). Because the age range of the testees
used is relatively high-young and middle-aged and old, age is
regarded as a control variable.

According to the conclusion of the information, there
are 4 paths with prominent mediation effect, these 4 paths
are 1-5 except 2; the attention is not prominent and cannot
be used as a mediation variable. The index and standard
error of each path are shown in Table 8.

Table 9 shows some mediating effect indexes. It can be
seen from the table that “noise — poor physical fitness —
safety attitude” is the most critical mediation path, and some
of the mediating effect indexes account for the highest
proportion of the overall mediating effect index. It is 43.55%.
The second is “noise — subjective fatigue — safety
attitude.”

4.2. The Impact of Strong Noise Environment on Young
People’s Attention and Attitude. Working in a strong noisy
environment, the more physical energy is reduced. This is
because, in order to maintain the same production level, the
physical strength of young people working in a strong noisy
environment is usually higher than that in a noisy envi-
ronment. This is consistent with the results of previous
studies. Based on this, this article further expands and
studies poor physical fitness as a key intermediary variable.
The conclusion shows that poor physical fitness has an
intermediary role in the correlation between noise and safety
attitudes. The more physical fitness decreases, the worse the
safety attitude becomes. According to the resource theory,
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TaBLE 7: Noise-systolic blood pressure grouping information.
95% confidence
Group Number of cases Average Standard deviation Standard error interval of the mean Minimum Max
Max Upper limit
1 60 107.81 12.434 1.604 104.60 111.02 85 136
2 60 107.79 12.018 1.551 104.69 110.89 85 128
3 15 108.66 12.03 3.108 100.85 113.57 86 122
4 30 109.15 12.794 2.335 104.37 113.92 80 126
5 135 109.08 12.95 1.114 106.88 111.29 79 129
TaBLE 8: Mediation effect path coefficient.

Action path Path coefficient SE
Noise — safety attitude —-9.5322 3.1240
Noise — poor physical fitness 3.8928 1.2935
Poor physical fitness — safe attitude —-0.6791 0.2611
Noise — subjective fatigue —-3.6348 1.6620
Subjective fatigue — safety attitude 0.5597 0.1405
Noise — risk appetite —-1.996 0.8891
Risk Appetite — safety attitude 0.3227 0.1254
Risk appetite — subjective fatigue 0.6681 0.1607

TaBLE 9: Individual mediating effect values.

Mediating variable influence path

Normalized effect size Proportion (%)

Noise — poor physical fitness — safety attitude
Noise — subjective fatigue — safety attitude
Noise — risk appetite — safety attitude

Noise — risk appetite — subjective fatigue — safety attitude

Overall mediation effect

—2.6442 43.55
—2.0347 33.51
—0.6445 10.61
—-0.7467 12.29
—6.0702 —

when the total amount of resources (physical energy) is
reduced and the task requirements are not met, it will have a
bad impact on work efficiency and risk perception ability.
The greater the degree of physical exertion is, the less ac-
curate the perception of the corresponding position and the
output power required to achieve a certain posture is, and
the more the errors will occur, which will have a negative
impact on safety attitudes. Therefore, the company should
pay attention to the decline in physical fitness of young
people in safety supervision [19]. Moreover, temperature has
a regulating effect in the correlation between poor physical
fitness and safety attitudes, and temperature reduces the
negative effect of poor fitness on safety attitudes [20]. The
test conclusion shows that the mediating effect of poor
physical fitness at 25°C is more pronounced than at 35°C.
This is because the rise in temperature increases the indi-
vidual’s subjective perception of the same physical exertion,
and further discomfort creates individual alertness [21].
Therefore, rising temperatures have reduced the degree of
negative effects of poor physical fitness on safety attitudes,
and the singular cannot reverse this negative effect [22].
The test information shows that noise has a positive
effect on attention. The previous analysis table shows that
noise is not only at the level of damage. To a certain extent,
short-term auditory stimulation can have a positive effect on
attention indicators, but long-term noise stimulation has a

negative effect on attention [23]. Noise in a specific range as
a noxious stimulus can stimulate the limbic system of the
subject’s brain according to two methods and cause the
subject’s attention to produce a stress effect [24]. One
method is that noise stimulates the thalamic adrenal axis to
produce a large amount of adrenaline and adrenaline cortex,
which can process more blood sugar and supply a lot of
energy for voluntary muscles and sensory [25]. The second
method is that noise stimulates sympathetic nerves and
vagus nerves. Let the involuntary muscles in the heart and
lungs produce a lot of blood, and the brain can get more
oxygen. Moreover, air temperature can adjust the effect of
noise on attention. When the air temperature rises, it will
reduce the positive effect of noise on attention and turn the
effect of noise on attention into a negative one. Because
when a stimulus element is generated in the environment,
the subject will experience a stress response in a short period
of time, the central nervous system will be excited, and the
adrenaline will rise, which positively acts on the subject’s
attention, and the subject is more alert; but in the envi-
ronment when a large number of stimulating elements are
produced together, the subject is in a poor working envi-
ronment, with a sharp decline in physical and psychological
conditions and a decrease in concentration [26]. In addition,
the test information shows that the mediating role of at-
tention is not prominent. The reason may be that the
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attention index is obviously related to safety behavior. The
lack of attention easily leads to the neglect of safe operation
process and the error of production behavior. The key to
safety attitude reflects behavioral intentions, not a detailed
behavior.

4.3. Research on Work Management Strategies under the
Strong Noise Environment. Because noise in a high-noise
working environment is more harmful to safety production,
when selecting young people in a high-noise working en-
vironment, young people who are not sensitive to noise
should be selected, and those who are not sensitive to noise
are interfered by noise. The degree is even smaller. Decreased
physical fitness and lower risk appetite indicators in a strong
noise environment are the reasons for poor safety attitudes.
Therefore, when recruiting such young people, it is necessary
to select personnel with better initial physical fitness and
careful attention. Educational background can adjust the
direct effect of noise on safety attitudes, as well as the effect of
subjective fatigue on safety attitudes. Even if academic
qualifications reduce the level of the positive effect of sub-
jective fatigue on safety attitudes, it cannot change this
positive effect. And academic qualifications reduce the
negative effect of noise on safety attitudes. Therefore, the
degree of education should not be too low or too high, and
junior high school or high school graduates should be
selected.

When working in a strong noise environment, young
people can be equipped with earplugs to reduce noise from
the noise receiving place, thereby improving the young
people’s work concentration. The weakening of noise re-
duces the reduction of young people’s physical fitness after
work and also enhances young people’s subjective percep-
tion and early warning of physical exertion. The reduction of
the subject’s risk preference indicators reduces, and the
physical and psychological conditions can remain stable,
which is useful for improving safety attitudes. Moreover,
when young people work in a strong noisy environment,
they must take a break and replenish their physical fitness at
intervals. The company can distribute energy drinks and
food for them to reduce the harm of physical loss to safety
attitudes. And when young people are resting, they can
stimulate the subjective sense of fatigue that has been in-
terfered by noise before, and the brain safety awareness
center will efficiently improve and process this information,
so that young people can get scientific safe behavior deci-
sions. If you want to work in a strong noise environment for
a long time, the company must design a scientific shift
strategy.

5. Conclusion

Wireless communication and artificial intelligence tech-
nology make the function of the sensor more powerful, and
the function it can play is also more comprehensive. The
correlation between attention and noise presents a signifi-
cant negative index. The stronger the noise (strong or weak),
the worse the attention. Noise essentially represents

redundant annoying sounds. Noise can potentially disturb
young people, have a bad effect on young people’s psy-
chology and cognition, significantly reduce the level of work
efficiency, and conceal the prewarning signals and warnings
of unexpected accidents. At the same time, the degree of
education reduces the negative effect of noise on attention,
because the higher the degree of education, the higher the
psychological flexibility of the teste, and the higher the
ability of the teste to control, restrict, and regulate them-
selves and face a poor working state. The adaptability is
stronger here, and it can further acquire positive and ac-
curate attitudes, so the negative effect of noise on safety
attitudes is reduced. When the effect of attention and in-
formation dissemination is high, better perception abilities,
emotions, and reaction abilities can have a positive effect on
the subject’s subjective perception of fatigue and further
have a positive effect on attention and information dis-
semination. Noise reduces the risk appetite index of the test
subject, so the subjective perception of physical exertion is
also reduced. With the subjective failure to accurately
perceive this kind of physical exertion, the level of reflection
of the safety awareness center of the brain will decrease, and
the young people’s attention will not be high.

Based on the evaluation of multisource sensors, this
paper conducts research on the noise in the strong noise
environment and discusses the current situation of the noise
influence in the strong noise environment. The existing
analysis on the attention of noise and the effect of infor-
mation dissemination mostly focuses on the influence of
strong noise. The research on the type of noise is relatively
monotonous, after long-term observation on the attention of
strong noise. This paper carried out the analysis. This paper
mainly studies the impact of four types of noise sources on
the attention and information dissemination effect of young
people in the life level in a strong noise environment and
divides the combination of various noise types according to
the testee’s attention and the coeflicient of information
dissemination effect. And through analysis, it is found that
noise in a strong noise environment has a negative impact on
attention and information dissemination. Therefore, the
company should pay attention to the improvement of the
working environment and improve the attention of young
people according to noise reduction methods to ensure safe
work. And noise disturbs young people’s subjective per-
ception of physical exertion. When the brain fails to ac-
curately obtain fatigue information, the level of attention
response decreases and attention is poor. Therefore, the
company should plan the rest time at work, which will help
young people to activate the attention that was disturbed by
noise before, and it will also help to improve their safety
attitude.

In the future, we can also combine big data technology to
analyze a large amount of empirical data, so as to better
prove the authenticity of this article. The advancement of the
Internet of Things technology will also make the sensor
technology more advanced. In the future, the most cutting-
edge sensors can be used, so that high-performance sensors
can obtain more accurate sample data, thereby obtaining
more accurate experimental data.
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