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In today’s world, competition among countries is not just a contest of hard force, but also a contest of soft power. China has a five-
thousand-year-old history and civilization, with a strong traditional moral culture at its core. 'e university stage is an important
time for college students to develop their worldview, outlook on life, and values. In this context, excellent traditional and moral
culture education plays an important role and significance in their development. College students are the country’s future builders
and an important force to inherit China’s excellent moral culture.'e rapid development of the modern Internet era has made the
channels for college students to understand and accept the cultures of various countries more and more diverse and convenient.
Actively borrowing their essence can help promote the development of Chinese culture, but we must also pay attention to active
defense and resistance against the dregs of culture.'is paper discusses the current situation and problems of the acceptance status
of excellent traditional moral culture among college students and analyses the factors that restrict the acceptance of excellent
traditional moral culture among college students to conduct a large-scale study on the acceptance status of traditional moral
culture in colleges and universities. A model based on convolutional neural networks is suggested for predicting college students’
embrace of traditional moral values. By learning and describing their activities and preferences on the Internet, the model assesses
and creates college students’ acceptance status for conventional moral culture. Extensive tests indicate that the suggested
technique can successfully assess college students’ acceptance status for traditional moral culture, and the model’s superior
performance is supported by test results.

1. Introduction

With the increasingly harsh rivalry among nations’ com-
prehensive national strength, the competition of countries’
soft power is receiving more and more attention and im-
portance in today’s peaceful development. As the mother-
land’s future leaders, college students’ attitudes toward and
acceptance of outstanding traditional moral culture play a
critical role in preserving history and culture and actively
advancing excellent moral culture. In this new period of fast
economic globalization, China’s great traditional moral
culture is now confronted with a challenging foreign and
local environment. College students should actively accept
Chinese excellent traditional moral culture and, in light of
China’s current national circumstances, grasp the interna-
tional development trend to better transform and carry

forward Chinese excellent traditional moral culture and
promote China’s soft power development [1].

With the advent of the Internet era, college students are
exposed to a plethora of international and domestic cultural
information, including many foreign excellent and dreary
cultures, which has a direct impact on the moral and cultural
outlook of college students and naturally leads to clashes
with traditional Chinese culture [2]. 'e author plotted the
hotness trend of the search phrase Chinese traditional moral
culture in Google from 2004 to 2021, as shown in Figure 1,
and we can see that the hotness trend is steadily diminishing,
suggesting that the Internet’s attention to Chinese tradi-
tional moral culture is constantly declining. College students
bear the important responsibility of inheriting excellent
traditional moral culture as the driving force of future so-
cialist modernization construction, and their attitude toward
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accepting excellent traditional moral culture is extremely
important and should be givenmore andmore attention and
concern. 'e acceptance state of outstanding traditional
moral culture among college students is the study object of
this work, which examines the acceptance state, degree, and
routes of current college students to excellent traditional
moral culture. 'e purpose of this paper is to examine the
acceptance status [3], degree, and channels of excellent
traditional Chinese moral culture among contemporary
college students to carry forward excellent traditional
Chinese moral culture, build an advanced culture with the
times, and strengthen China’s soft power construction. 'e
university stage is critical for the formation and improve-
ment of one’s worldview, outlook on life, and values, and in
an era when the world is moving toward a knowledge-based
economy and a technology-based national strategy, uni-
versity students are the country’s hope for prosperity and
strength. Acceptance and inheritance of good traditional
moral culture by college students is highly regarded by
people from all walks of life, and it is critical to assemble the
Chinese nation’s solid will and renew the great national
spirit to realize the Chinese nation’s great rejuvenation.
Acceptance of outstanding traditional moral culture by
college students is also important for improving their overall
strength and cultural literacy [4]. Confucianism, Taoism,
and Buddhism, which are at the heart of China’s great
traditional moral culture, may assist college students in
overcoming the challenges and problems they face in ev-
eryday life and their studies, as well as nurturing high
connotations in college students. As a result, the purpose of
this article is to create awareness of the need of adopting and
cultivating outstanding traditional Chinese moral culture

among college students, so that they may comprehend the
relevance of doing so in their future studies, lives, and job
[5].

Traditional moral culture education for college students
is an education that aids in the development of outstanding
moral character among college students. 'e fast growth of
the Internet, particularly social networking sites, presents
both possibilities and problems for conventional moral
culture teaching for college students. Colleges and univer-
sities may take advantage of the central role of social net-
works in college students’ everyday lives to develop a new
model of the traditional moral culture education and actively
guide the development of excellent traditional moral and
cultural character in college students. One of the most im-
portant characteristics of high-quality talents is a noble
character, which allows for a wide spectrum of synergistic
growth. Noble personal character and values are beneficial to
people’s peaceful contact with others in the process of self-
control, while also encouraging harmonious social growth, in
social activities. Colleges and universities should make ex-
tensive use of social media to encourage the formation of
traditional moral culture among students [6]. It gives college
students a suitable teaching platform for traditional moral
culture instruction. Traditional moral culture education in
schools is limited to the teaching of textbook contents, and
students mechanically complete learning tasks. As a result of
the negative effects of exam-oriented education, colleges and
universities place a greater emphasis on instilling theoretical
knowledge of traditional moral culture in students, which to
some extent inhibits students’ interest, reduces teaching
efficiency and results, and is not conducive to student play.
Social networks, on the other hand, ignore these flaws and
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Figure 1: Google hot trends chart.
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place a greater focus on the central role of students, offering a
platform for college students to learn more about conven-
tional moral culture’s ideological and theoretical knowledge
as well as new thinking patterns [7]. It provides a variety of
educational tools for college students’ traditional moral
culture instruction. 'e diverse information distribution
contents of social networks contribute to the enrichment of
conventional moral culture instructional resources. Educa-
tors can help college students’ ideologies become less con-
fined by providing them with relevant knowledge and news,
as well as assisting them in taking a step back to consider their
benefits and disadvantages from a higher perspective. At the
same time, college students may pick their learning materials
at any time and from any location, enhancing their creative
awareness and desire to study.

Social networks aremore significant in the everyday lives of
college students in the contemporary era of social networks,
and they have a profound impact on their consciousness and
conduct. As a result, the study of traditional moral culture
acceptance in colleges and universities in a social network
setting provides the foundation for providing traditional moral
culture education to college students. However, in the social
network setting, college students’ behaviors and preferences are
abstract and difficult to quantify, and their acceptance status of
conventional moral culture is similarly oblique and implicit.
'is research offers a model based on convolutional neural
networks to correctly assess the acceptance status of traditional
moral culture in colleges and universities. 'e model first
obtains college students’ preferences in social networks and
characterizes them as digital features, then extracts high-level
semantic information from digital features using a convolu-
tional neural network, and finally uses a classifier to dis-
criminate college students’ acceptance status for traditional
moral culture. Extensive studies reveal that the suggested
technique properly identifies college students’ acceptance
status for traditional moral culture, laying the groundwork for
furthering traditional moral culture instruction in colleges and
universities in the social network environment. Main contri-
butions of this research work are listed below:

(i) Due to several factors such as social evolution and
cultural conflicts, school reform and teacher quality,
family moral education environment, and college
students’ self-restraint ability, this work finds that
the existing problems primarily include a lack of
awareness among college students themselves, an
imperfect education mechanism, and a lack of
practical activities.

(ii) Based on their actions and preferences in social
networks, the suggested model predicts college
students’ acceptance status of Chinese good tradi-
tional moral culture.

(iii) Finally, studies in the test set demonstrate the
validity and accuracy of the proposed model by
constructing a dataset with actual questionnaires,
laying the groundwork for future instruction on
Chinese superb traditional moral culture for college
students’ groups.

'e rest of the paper is organized as follows: Section 2
explains the related work, Section 3 presents the method-
ology for the proposed model, Section 4 explains experi-
mentation and evaluation results that the author has
obtained during work, and finally, the author concluded the
work in separate section as Section 5.

2. Related Work

In this section, the author discusses works related to the
research topic. Here social networks and challenges posed by
social networks and convolutional neural networks are first
explained.

2.1. Social Networks. Simply said, social networks are webs
of social interactions and personal connections. Consider
how you met your pals and how you got to know them.
Perhaps you met them in primary school, or perhaps you
met them via a pastime or through your church. In either
case, you were exposed to social networks, which entail
meeting new people in a social setting and forming strong
personal relationships over time. While social networking
concentrates upon allowing like-minded people to com-
municate with one another through websites and web-based
apps, social networking sites include Facebook, MySpace,
Twitter, and LinkedIn.'eword “social network” has a fairly
broad definition since it is still a relatively new technology
that is prone to fast development. As indicated in Figure 2,
there are three main types of social networks, and an in-
tegrated social business strategy uses all three to increase
communications with various groups of people.

(i) Public social networks: these networks, like Face-
book and Twitter, are useful for connecting with
consumers and prospects. 'ese networks solve
simple issues.

(ii) Social extranets: these networks include customer
communities, which allow for deeper engagement
and cooperation with customers, as well as private
business-to-business networks, which allow for
communication with partners and B2B customers.
In these networks more focus is on engagement.

(iii) Employee networks: these are used for internal
corporate communication. Most of these networks
share knowledge and response better that above.

2.2. $e Challenges Posed by Social Networks. For China’s
education model, the emergence and development of social
networks have also promoted the reform and innovation of
China’s traditional education model to a certain extent and
played a positive role in promoting the construction of
China’s advanced culture [8]. 'e form of education in the
era of social network is no longer restricted by geography,
the circle of friends can be extended to all corners of the
world, and college students can use their virtual identities to
communicate and study with the outside world, confide
their inner feelings without any worries, and relieve the
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pressure brought by their study life [9]. 'is enriches the
lives of college students and satisfies their spiritual needs.
'e social network environment focuses on the development
of personal ability and ignores the beneficial effect of per-
sonal cultivation and traditional moral culture on their own
progress. Under the influence of this negative concept,
college students mistakenly believe that the development of
society needs only people with higher personal expertise and
skills, which leads college students to neglect the formation
of traditional moral culture and lack of binding force on
their personal behavior in the process of learning profes-
sional knowledge.'erefore, students set their main goals on
professional knowledge, computer knowledge, foreign lan-
guages, etc. and participate in various club activities to
improve their ability to do things and social skills, but they
are not motivated to study the content of traditional moral
and cultural education. 'is leads to some college students’
rude speech and behavior, noncompliance with public order,
and poor self-restraint ability. At the same time, because
college students lack certain social experience, have little
sense of right and wrong, and do not have enough immunity
to the external environment, they are easily influenced by the
bad social values, and their ideology and behavior con-
sciousness deviate from the moral standards. As the main
group of social media and social networking sites such as
microblogs and WeChat, college students are easily influ-
enced by some bad information in social networks, thus
distorting their not yet fully mature outlook on life, values,
and worldview [10]. For example, the most common kind of
negative energy circulating on the network nowadays,
namely, the show of wealth, the excessive worship, and
enjoyment of material enjoyment, can easily influence the
values of college students and focus one-sidedly on the
psychological satisfaction brought by material conditions,
which leads college students to excessively pursue material
benefits in the learning process.

In addition to affecting the learning effect, more im-
portantly, it is not conducive to the formation of good
personal cultivation of college students. It is not conducive
to the formation of good traditional moral culture of college
students. 'e initial formation of people’s traditional moral
concept comes from parental education and family envi-
ronment influence, which is the basis for further im-
provement of moral concepts after entering society.
However, contemporary college students generally [11] have

the phenomenon of weak moral concepts in their families.
For example, college students fall in love, due to the char-
acteristics of the wide coverage of social networks, the
concept of love of college students is influenced by the
Western open ideology, and deviations in the concept of love
and morality appear. To satisfy their material life or fill their
inner emptiness, some students fall in love with an extremely
irresponsible attitude, and what is more outrageous is that
some students decide the love object through games, do not
take feelings as the starting point, choose the love object at
will or change the love object frequently, are not bound by
ethics and morality, and show their personal ability through
love. 'e spread of bad social concepts in social networks
largely affects the behavioral norms and social ethics of
college students and is not conducive to the formation of
good traditional moral concepts of college students [12]. It is
not conducive to the formation of responsible social and
public consciousness of college students.

2.3. Convolutional Neural Networks. 'e convolutional
neural network (CNN) is a deep learning architecture in-
spired by the visual system. Hubel and Wiesel discovered it
in 1962 while studying the primary visual cortex of cats.
Receptive fields are tiny subregions of the visual field that are
responsive to cells in the cortex [23]. 'ese cells are re-
sponsible for detecting light in the receptive fields. In 1980,
Fukushima introduced Neocognitron, which was based on
Hubel and Wiesel’s work and was the first computer-sim-
ulable model. 'is Neocognitron is regarded as the fore-
runner of CNNs, and it was based on the hierarchical
structure of neurons for image processing. By creating an
artificial neural network with a multilayer termed LeNet-5,
the author of [24] laid the groundwork for CNNs. 'e
backpropagation technique was used to train this artificial
neural network, which was employed to do handwritten
digit categorization. It was possible to recognize patterns
from raw pixels after training with this approach. Despite its
numerous advantages, LeNet-5 has not been effective in
handling complicated issues such as video categorization.

Artificial neural network (ANN) is a hot research topic
that emerged in the field of artificial intelligence in the
1980s [13]. It abstracts the neuronal network of the human
brain from the perspective of information processing,
builds some simple models, and forms different networks
according to different connections. It is often directly re-
ferred to as a neural network or neural-like network in
engineering and academic circles. A neural network is an
operational model consisting of a large number of nodes (or
neurons) connected. Each node represents a specific output
function, called the activation function-n. Each connection
between two nodes represents a weighted value of the signal
passing through that connection, called weight, which is
equivalent to the memory of an artificial neural network.
'e output of the network varies depending on the con-
nection method, weight, and excitation function of the
network. 'e network itself is usually an approximation of
some algorithm or function in nature, or it may be an
expression of a logical strategy. In the last decade or so, the
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research work of artificial neural networks has been
deepening and has made great progress, and it has suc-
cessfully solved many practical problems that are difficult to
be solved by modern computers in the fields of pattern
recognition, intelligent robotics, automatic control, pre-
diction estimation, biology, medicine, economy, etc., and
has shown good intelligent properties. With the rapid
development of neural networks, their definitions have also
emerged. As early as 1989, YannLeCun and his colleagues
published the results of convolution neural networks
(CNN) [14], a deep neural network with a convolutional
structure, usually with at least two nonlinear trainable
convolutional layers and two nonlinear fixed convolutional
layers (also known as pooling). 'e structure of CNNs is
inspired by the famous Hubel-Wiesel model of biological
vision, especially to simulate the behavior of Simple Cell
and Complex Cell in layers V1 and V2 of the visual cortex.
'e evolutionary path of CNN can be summarized into 4
paths: (1) deeper network; (2) enhanced convolutional
mode, and fusion of the above two ideas; (3) from classi-
fication to detection; and (4) addition of new functional
modules. More and more CNN models are now evolving
step by step from giant networks to lightweight networks,
and the model accuracy is getting higher and higher. 'e
focus of the industry has now shifted from accuracy im-
provement (because they are all already high) to a balance
of speed and accuracy [14], all wanting the models to be fast
and accurate. 'erefore, from the original AlexNet [15] and
VGG-Net [16] to the smaller Inception and ResNet [17]
series and then to the current MobileNet [18] and Shuf-
fleNet [19] that can be ported to mobile, we can see some
trends as follows. Convolutional kernels: (1) large con-
volutional kernels are replaced by multiple small con-
volutional kernels; (2) single-size convolutional kernels are
replaced by multisize convolutional kernels; (3) circum-
scribed shape convolutional kernels tend to use deformable
convolutional kernels; (4) 1× 1 convolutional kernels are
used. Convolutional layer channels: (1) standard convo-
lution is replaced by depth-wise convolution; (2) grouped
convolution is used; (3) channel shuffle is used before
grouped convolution; (4) channel weighting is calculated.
For convolutional layer connection: (1) use skip connection
to make the model deeper; (2) densely connect so that each
layer incorporates the feature outputs of the other layers.
Convolutional neural networks are still evolving and in-
novating, but each advancement is an improvement and
innovation based on the previous neural network structure,
which makes up for the shortcomings of the existing
network. After AlexNet [15], there are two major directions
of innovation, one is the improvement of the network
structure and the other is the improvement of the network
depth. However, the current neural network has a huge
number of parameters, and the requirement of computa-
tional power is still very high. How to choose the appro-
priate hyperparameters, such as learning rate, kernel size of
convolutional filtering, number of layers, etc., requires a lot
of technology and experience, which is also the future
development direction of convolutional neural networks
and needs more in-depth research.

3. Method

In this section, the author explains the methodology that was
adopted for the proposed research work.

3.1. Data Collection. 'e study of different college students’
acceptance status of traditional moral culture in colleges and
universities using social media data is mainly conducted by
text data mining techniques based on convolutional neural
networks. First, based on the Weibo and WeChat accounts
raised by volunteers, crawler technology is used to obtain
textual information related to Weibo and WeChat users,
which is used to build a database and train a model.

In recent years, the emergence and development of
microblog social platforms have led to a dramatic change in
the way people use the Internet, transforming from simple
web browsing and information searching to information
mining, communication, and sharing. Especially since 2010,
microblogs have rapidly penetrated among Internet users by
virtue of their platform’s openness, terminal scalability, and
content simplicity and gradually developed into an im-
portant social media, becoming an important medium for
college students to obtain real-time news, social sharing, and
social participation. After the processing work of dedupli-
cating and summarizing microblog information by date, the
content of microblog texts posted, commented, retweeted,
and liked by a certain college student is the core data of this
study, as shown in Table 1.

At present, millions of WeChat public resources are
accumulating information and quality content, which has
become the main way for a considerable number of users to
obtain information. However, due to the limitations of
WeChat’s social properties and the fact that it is not the same
as traditional web pages that link to each other through
hyperlinks, these massive quality resources have not been
effectively released and have existed in an “island” in the
current Chinese Internet world. 'e core indicators of this
study are the number of tweeted articles in the public
number subscribed by a college student, the text posted in
the circle of friends, and the collected articles, after sum-
marizing the information of WeChat. For these core indi-
cators, after finishing the calculation, this paper designs the
main basis of WeChat pushed articles, the content posted by
users, and the text content collected by users, as shown in
Table 2.

3.2. Model Architecture. In this section, the author explains
architecture of the model. 'e flowchart of traditional moral
culture acceptance state model in colleges and universities
based on convolutional neural network is shown in Figure 3.

In this paper, the test data obtained frommicroblogs and
WeChat are cleaned, truncated, and sequence-labelled, and
the preprocessed data are input into a BERTmodel [20], and
its output is connected to a convolutional neural network
model for identifying the acceptance status of traditional
moral culture by college students. 'e model used in this
paper contains two structures: the BERT model and the
convolutional neural network model [21]. 'e two models
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are connected hierarchically. 'e overall structure of the
model is shown in Figure 4.

3.3. BERT Model. 'e model structure of BERT is a mul-
tilayer bidirectional converter structure, and unlike other
recent language representation models, BERT [21] aims to
pretrain deep bidirectional representations by jointly reg-
ulating the context in all layers. In the encoding process of
the converter, the data are first passed through the self-at-
tentive module to obtain a weighted feature vector:

Z � Attention(Q, K, V) � softmax
QK

T

��
dk

 V, (1)

where Q, K, and V are obtained from 3 embedding vectors,
respectively. 'e feature vector Z is passed through the
feedforward neural network to obtain the word encoding.

FFN(Z) � max 0, ZW1 + b1( W2 + b2. (2)

'e input of BERT is composed of three parts: (1)
character embedding represents the embedding of the
current word; (2) paragraph embedding represents the index
embedding of the sentence where the current word is lo-
cated; (3) location embedding represents the index em-
bedding of the location of the current word. 'e input is “I
won the lottery today, I’m buying dinner,” and the output of
BERT is a vector representation of the input words with the
full-text semantic information, which is a pretraining model
using the mask language model and the next sentence

prediction model. Masked language model: 15% of the
characters in the input vector are masked out randomly.
When training the model, a vector is fed into the model
several times for parameter learning, and instead of masking
out the words each time, the words to be masked out are
replaced with “[Mask]” in 80% of the time, with any other
words in 10% of the time, and with the original marker.

3.4. Convolutional Neural Networks. 'e word vector with
global features output from BERT is used as the input of the
convolutional neural network, which is different from image
convolution, which uses a two-dimensional vector, and text
convolution, which uses a one-dimensional vector. 'is
paper adopts the structural model of a one-dimensional
convolutional layer with a maximum pooling layer classi-
fication layer and adds a discard layer to prevent overfitting
and overparameterization during the training of the model
[22]. After preprocessing a text sequence of length n, the
feature mapping of each word is obtained by encoding the
BERT pretraining model as follows:

exi
� E xi , (3)

where xi denotes the word vector corresponding to character
i at position i, and E [xi] denotes the dense vector of word
vectors trained in the model. 'e feature mapping of the
sequence is denoted as

ei: n � ex1
⊕ex2
⊕ · · ·⊕exn

. (4)

ex1
denotes the vector that is in the first position in the

sequence and ∗ denotes the concatenation operator. 'e
word vector is passed through a one-dimensional con-
volutional layer to obtain the feature mapping ci.

ci � f w
∗
i exi

+ b , (5)

where wi denotes the weight and b denotes the bias. 'e
feature mapping is expressed as

c � c1, c2, . . . , cn . (6)

After maximizing the pooling layer to obtain the feature
vector:

c � max(c). (7)

'e classification results after the fully connected layer:

P y|x1, x2, . . . , xn(  � softmax(c). (8)

4. Experimentation and Evaluation

4.1.Dataset. In order to construct the dataset, the author first
designed the Questionnaire on the Acceptance Status of
Excellent Traditional Moral Culture among College Students.
'is questionnaire is divided into three parts: objective in-
formation, subjective questions, and social network infor-
mation, involving contemporary college students’ attitudes
toward, mastery of, and opinions and suggestions on excellent
traditional Chinese moral culture, and mainly includes the

Table 1: Weibo indicators.

Indicator
name Description

Post content Content of Weibo posted by each university
student

Comments Content of Weibo posts per student
Retweets Retweets by each student
Likes Content of Weibo liked by each student

Table 2: WeChat indicators.

Indicator name Description
Push content Content pushed to users by WeChat
Publish content Content posted by users on WeChat
User favorites Content collected by users on WeChat

Microblog and WeChat
dataset construction

Test set

Data pre-processing

Training set

BERT and convolutional
neural network model

Recognition results

Figure 3: Flowchart.
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following types of questions: (1) Overall acceptance status of
excellent traditional moral culture among college students,
denoted as C1. (2) Acceptance status of political morality such
as serving the country with fidelity and national temperament,
denoted as C2. (3)'e acceptance status of righteousness and
profit cultivation, such as self-restraint and righteousness, is
expressed as C3. (4) 'e acceptance status of social morality,
such as honesty and knowledge of reward, modesty, and
benevolence, is expressed as C4. (5) 'e acceptance status of
human morality, such as family harmony and filial piety, is
expressed as C5. (6) 'e acceptance status of enterprising
spirit, such as pragmatism and self-improvement, is expressed
as C6. 'e questions are closely matched with the life of
college students and have high practicality. 'e objective
information and subjective questions constitute the labels of
each college student’s acceptance status of traditional moral
culture in colleges and universities, and the social network
information constitutes the sample data of college students’
acceptance status of traditional moral culture in colleges and
universities. 'e social network information was crawled
using crawler technology to crawl relevant text data. 'e
survey questionnaires were distributed to undergraduate and
graduate students in several universities, with a total of 500
volunteers. To ensure that the questionnaires could be ef-
fectively collected, a combination of field and correspondence
distribution was used between May 30, 2021, and July 10,
2021, and a stratified sampling method was used to distribute
questionnaires to several school students (see Table 3), and a
total of 500 questionnaires were distributed and 473 were
collected, removing invalid questionnaires and making a total
of 462 valid questionnaires. 'e dataset was divided into 312
training samples, 50 validation samples, and 100 test samples.

4.2. Experimental Setup. 'e proposed method operating
system is Linux 16.0, programming environment is py-
thon3.6 pytorch-gpu, GPU is GXT 2080TI, memory is 64G,
and CPU is Intel (R) Core (TM) i5-9300H 2.4GHz. the
model optimization method uses Adam gradient descent
and cross entropy loss function method, the learning rate is
set to 0.0004 by debugging, the batch size is set to 32, and the
discard layer parameter is set to 0.4 in order to avoid
overfitting and overparameterization of the model during
training.

4.3. Experimental Results. 'e loss curves during the model
iterations are shown in Figures 5 and 6. As seen in Figure 6,
the model is trained for 5 times (300 iterations) when the loss
curve plateaus and the classification effect is optimal. 'e
model’s test accuracy increases with the number of trainings
with the same number of test sets as shown in Figure 7.
Figure 7 shows that the model accuracy gradually increases
with the increase of training data, and it is difficult to achieve
the desired model accuracy with a small number of datasets,
and the accuracy of the model needs a large amount of data
support.

4.3.1. C1 Category Acceptance Status. 'e survey results
show that college students’ overall acceptance of good tra-
ditional morality is average, and their overall willingness to
accept is generally not strong, while their knowledge mastery
is good, but they fail to reach the most ideal acceptance state
in terms of interpretation, screening, and practice. When
answering the question “What is your overall evaluation of
your own acceptance of good traditional moral culture,” as
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Figure 4: Model architecture.
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many as 43% of the students chose “average,” 8% chose
“poor,” 39% chose “good,” and only 10% of college students
think their own acceptance of good traditional culture is
excellent. 'e overall acceptance result predicted by the
model is almost the same as the actual one.

4.3.2. C2 Category Acceptance Status. From the data in
Table 4, it can be seen that 71% of college students chose to
accept it in their hearts, which shows that the overall pa-
triotism of college students is relatively strong, but the
percentage of those who can practice it is only 13%. Indeed,

Table 3: Survey statistics table.

Student type Number of distribution Number of recycling Recycling rate (%) Effective number Effective recycling rate (%)
Undergraduates 350 329 94.0 322 97.8
Graduate students 150 144 96.0 140 97.2
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Figure 5: Training and validation loss trend graphs.
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Figure 6: Training and validation accuracy trend graph.
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being in the peace era, there are not many opportunities
provided for college students to go to the battlefield.

4.3.3. C3 Category Acceptance Status. From the data in
Table 5, the total number of college students who chose
“accept it in their hearts” and “practice it” is 77, which is
slightly lower than “serve the nation with loyalty and na-
tional integrity.” However, the proportion of those who can
set an example and put it into practice has increased to a
certain extent. 23% of college students still chose “familiar
with” or “below”; in particular, the proportion is higher
among the junior students.

4.3.4. C4 Category Acceptance Status. From the data in
Table 6, it is clear that the number of college students who
accept “honesty, knowledge, humility, and love” is signifi-
cantly lower than the first two, and the number of those who
can put it into practice is also reduced accordingly. Some
pessimists have argued that honesty is leaving our time and
the world is full of frauds and lies.

4.3.5. C5 Category Acceptance Status. From the data in
Table 7, it can be seen that, among the above four statistics,
college students accept the highest degree of humanmorality
such as “family harmony and filial piety” and are able to put
it into practice. As we know, most of the college students

choose to buy gifts to express their filial respect to their
parents and elders, which is a way to express their feelings
but not enough.

4.3.6. C6 Category Acceptance Status. From the data in Ta-
ble 8 and the comparison of college students’ school perfor-
mance, the author found thatmost of the students who chose to
practice behavior ranked in the top third of their grade, which
fully illustrates the importance of practice for improving college
students’ own ability. Most of the respondents who chose to
accept it said that they agree with the expected benefits brought
by the efforts, but they are always unable to devote themselves
to their study or work due to various distracting factors, and
their attention is very easily distracted, and they often end up in
a tiger’s head and stop halfway.

4.3.7. Graphical Representation. Figure 8 depicts a graphical
depiction of the acceptance status of the C2 category. In this
figure, the author has taken the number of persons who
participated in the experimental work, their percentage, and
the number of models output. 'is shows that just one
person resisted, three people understood, twelve agreed, and
seventy-one accepted it with thirteen behavioral practices.
Furthermore, in the author’s model output one resisted, two
understood, eleven agreed, and seventy-two accepted be-
havior patterns.
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Figure 7: Data volume and accuracy trend graph.

Table 4: C2 statistics table.

Resist Understand Agree Acceptance Behavioral practices
Number of people 1 3 12 71 13
Percentage 1 3 12 71 13
Number of model output 1 2 11 72 14
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Figure 9 shows a graphical depiction of the acceptance
status of the C3 category. Here the author has taken the
number of persons who participated in the experimental
work, their percentage, and the number of models output.
'is shows that just two people resisted, five people un-
derstood, sixteen agreed, and fifty-seven accepted it with
twenty behavioral practices. Similarly, two percent resisted,

five percent understood, sixteen agreed, and fifty-seven
accepted it with twenty behavioral practices. Furthermore, in
the author’s model output two resisted, five understood,
fifteen agreed, and fifty-six accepted with twenty-two be-
havior patterns.
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Figure 8: Representation of the acceptance status of the C2
category.
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Figure 9: Representation of the acceptance status of the C3
category.

Table 5: C3 statistics table.

Resist Understand Agree Acceptance Behavioral practices
Number of people 2 5 16 57 20
Percentage 2 5 16 57 20
Number of model output 2 5 15 56 22

Table 6: C4 statistics table.

Resist Understand Agree Acceptance Behavioral practices
Number of people 3 4 28 54 11
Percentage 3 4 28 54 11
Number of model output 2 3 26 56 13

Table 7: C5 statistics table.

Resist Understand Agree Acceptance Behavioral practices
Number of people 1 2 7 45 45
Percentage 1 2 7 45 45
Number of model output 0 1 8 46 45

Table 8: C6 statistics table.

Resist Understand Agree Acceptance Behavioral practices
Number of people 3 4 23 45 25
Percentage 3 4 23 45 25
Number of model output 2 3 21 47 27
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Figure 10 shows a graphical depiction of the acceptance
status of the C4 category. Here, the author has taken the
number of persons who participated in the experimental work,
their percentage, and the number of models output.'is shows
that three people resisted, four understood, twenty-eight
agreed, and fifty-four accepted it with eleven behavioral
practices. Similarly, three percent resisted, four percent un-
derstood, twenty-eight agreed, and fifty-four accepted it with
eleven behavioral practices. Furthermore, in the author’s model
output two resisted, three understood, twenty-six agreed, and
fifty-six accepted with thirteen behavior patterns.

Figure 11 shows a graphical depiction of the acceptance
status of the C5 category. Here the author has taken the
number of persons who participated in the experimental
work, their percentage, and the number of models output.
'is shows that only one person resisted, two understood,
seven agreed, and forty-five accepted it with forty-five be-
havioral practices. Similarly, one percent resisted, two
percent understood, seven agreed, and fifty-five accepted it
with forty-five behavioral practices. Furthermore, in the
author’s model output zero resisted, one understood, eight
agreed, and forty-six accepted with forty-five behavior
practices.

Figure 12 shows a graphical depiction of the acceptance
status of the C6 category. Here the author has taken the
number of persons who participated in the experimental
work, their percentage, and the number of models output.
'is shows that three people resisted, four understood,
twenty-three agreed, and forty-five accepted it with twenty-
five behavioral practices. Similarly, three percent resisted,
three percent understood, twenty-three agreed, and forty-
five accepted it with twenty-five behavioral practices. Fur-
thermore, in the author’s model output two resisted, three
understood, twenty-one agreed, and forty-seven accepted
with twenty-seven behavior practices.

5. Conclusion

In this paper, the author conducted a study on the theme of
college students’ acceptance of Chinese excellent traditional
moral culture, and the acceptance state here is not a broad
discussion of acceptance in philosophy, but a separate
analysis of the “state” of it, using various methods such as
logical analysis, questionnaire survey, and mathematical
statistics, based on fully absorbing the existing research
results. To begin with, the adoption of good traditional
Chinese moral culture among college students is a significant
issue. To begin with, the adoption of good traditional moral
culture by college students is important not only for the
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Figure 10: Representation of the acceptance status of the C3
category.
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development and promotion of socialist core values but also
for encouraging college students to become suitable socialist
successors. Second, the author discovered that the main
issues are a lack of awareness among college students, an
imperfect education mechanism, and a lack of practical
activities, which are caused by a variety of factors such as
social evolution and cultural conflicts, school reform, and
teacher quality, family moral education environment, and
college students’ ability to self-restraint. 'is paper proposes
a model based on a convolutional neural network that
predicts college students’ acceptance status of Chinese ex-
cellent traditional moral culture based on their behaviors
and preferences in social networks to address the problem
that it is difficult to identify college students’ acceptance
status of Chinese excellent traditional moral culture. Ex-
periments were done in the test set by assembling the dataset
with actual questionnaires to establish the validity and ac-
curacy of the proposed model, laying the groundwork for
future instruction on Chinese superb traditional moral
culture for college students’ groups.
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'edatasets used during the current study are available from
the corresponding author on reasonable request.
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