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Stochastic optimal control and filtering theory have been at the forefront of modern control
theory and communication engineering. Filtering theory has played a significant role in space
explorations, navigation, aerospace, radar, satellite and meteorological applications.

In recent years, stochastic control theory has been playing an important role in
the study of biomathematics and mathematical finance, as well as adaptive and network
controlled systems, which is a vital research field in modern control theory. This is primarily
because of the fact that deterministic systems are to a large extent an abstraction, and all
practical systems do have a certain degree of random and uncertain behavior in the form
of noise, disturbance, and random failures. Moreover, due to this element of randomness,
stochastic systems are more complicated than deterministic systems.

Therefore, a satisfactory resolution of many new, challenging, and complicated
problems arising in the above areas, other engineering fields and scientific phenomenon,
and involving modeling, identification, estimation, analysis and synthesis, require more
advanced tools and rigorous investigations than hitherto available.

This special issue aims to introduce new developments in the theory of stochastic
control systems with applications to engineering fields such as communication, networked
control, system reliability, and mathematical finance. However, the main focus of the special
issue is on stochastic modeling, analysis, and control, with particular emphasis on stability
and stabilization, adaptive control, robust optimal control and filtering. Close to 50 papers
were received, but only 30 could be accepted after a rigorous peer review to guarantee
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the highest quality of the special issue. A quick summary of the final accepted papers and
therefore the contents of the special issue is as follows.

There are four papers concerning nonlinear stochastic adaptive control listed as
follows: “Nonsmooth adaptive control design for a large class of uncertain high-order stochastic non-
linear systems,” by J. Zhang and Y. Liu; “Adaptive state-feedback stabilization for high-order stochas-
tic nonlinear systems driven by noise of unknown covariance,” by C.-R. Zhao et al.; “Adaptive
output feedback control for a class of stochastic nonlinear systems with SilSS inverse dynamics,” by
N. Duan and H.-K. Liu; “High-order stochastic adaptive controller design with application to mech-
anical systems,” by J. Tian et al.

The second set of three papers deal with the application of stochastic control theory to
mathematical finance and are listed as follows: “Arbitrage-free conditions and hedging strategies
for markets with penalty costs on short positions,” by O. L. V. Costa and E. V. Queiroz Filho;
“Multi-period mean-variance portfolio selection with uncertain time horizon when returns are serially
correlated,” by L. Zhang and Z. Li; “A fast Fourier transform technique for pricing European options
with stochastic volatility and jump risk,” by S.-m. Zhang and L.-h. Wang,.

The third set of papers are concerned with stochastic robust optimal control and
filtering, and there are five papers in this category listed as follows: “Robust H, filtering for
general nonlinear stochastic state-delayed systems,” by W. Zhang et al.; “Indefinite LQ control for
discrete-time stochastic systems via semidefinite programming,” by S. Zhou and W. Zhang; “Robust
reliable H, control for nonlinear stochastic Markovian jump systems,” by G. Chen and Y. Shen;
“Weighted measurement fusion white noise deconvolution filter with correlated noise for multisensor
stochastic systems,” by X. Wang et al.; “Least-mean-square receding horizon estimation,” by B.
Kwon and S. Han.

The fourth category of three papers are devoted to stochastic stability and stabilization
and are entitled “Robust stabilization for stochastic systems with time-delay and nonlinear uncer-
tainties,” by Z. Yan et al.; “New results on stability and stabilization of Markovian jump systems
with partly known transition probabilities,” by Y. Guo and F. Zhu; “Stochastic stability of damped
Mathieu oscillator parametrically excited by a Gaussian noise,” by C. Floris.

Then come the fifth set of four papers dealing entirely with networked control and
communication. These are listed as follows: “Stability and stabilization of networked control
systems with forward and backward random time delays,” by Y.-G. Sun and Q.-Z. Gao; “Iterative
learning control for remote control systems with communication delay and data dropout,” by C. Liu
et al; “Evaluation of network reliability for computer networks with multiple sources,” by Y.-K. Lin
and L. C.-L. Yeng; “Robust distributed Kalman filter for wireless sensor networks with uncertain
communication channels,” by Du. Y. Kim and M. Jeon.

In addition, there are two papers that are devoted to queuing systems and one paper
to systems reliability. The first one is entitled “A tandem BMAP/G/1 — o/M/N/0 queue
with group occupation of servers at the second station,” by C. Kim et al., while the second one
is entitled “Stochastic approximations and monotonicity of a single server feedback retrial queue,”
by M. Boualem et al. While the paper dealing with system reliability is entitled “Probabilistic
approach to system reliability of mechanism with correlated failure models,” by X. Huang and Y.
Zhang.

The remaining set of papers deal with diverse topics and subjects, ranging from
mobile robots to neural networks and from traffic control to navigation. We quickly recall
their various titles here. One paper is concerned with the stabilization of nonholonomic
mobile robot and is entitled “Stochastic stabilization of nonholonomic mobile robot with heading-
angle-dependent disturbance,” by Z. J. Wu and Y. H. Liu. The next paper deals with the
synchronization of stochastic neural networks and is entitled “Master-slave synchronization
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of stochastic neural networks with mixed time-varying delays,” by Y. Ge et al. There is also one
paper about BPP (Binomial-Poisson-Pascal) traffic entitled “Properties of recurrent equations for
the full-availability group with BPP traffic,” by M. Glabowski et al.

In addition, one paper studies population dynamics and is entitled “Existence and
uniqueness for stochastic age-dependent population with fractional Brownian motion,” by Z. Qimin
and L. Xining. Then another paper analyzes the relationship between extreme climate indices
in China and is entitled “The use of geographically weighted regression for the relationship among
extreme climate indices in China,” by C. Wang et al. Further, there is one paper concerning
INS/WSN-integrated navigation entitled “INS/WSN-integrated navigation utilizing LS-SVM
and H, filtering,” by Y. Xu et al.,, and then a paper dealing with wind-induced vibration
control entitled “Wind-induced vibration control of Dalian International Trade Mansion by tuned
liquid dampers,” by H.-N. Li et al. The last paper discusses multiresolution analysis for random
parameter fields and is entitled “Multiresolution analysis for stochastic finite element problems
with wavelet-based Karhunen-Loéve expansion,” by C. Proppe.
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Evaluating the reliability of a network with multiple sources to multiple sinks is a critical
issue from the perspective of quality management. Due to the unrealistic definition of paths
of network models in previous literature, existing models are not appropriate for real-world
computer networks such as the Taiwan Advanced Research and Education Network (TWAREN).
This paper proposes a modified stochastic-flow network model to evaluate the network reliability
of a practical computer network with multiple sources where data is transmitted through several
light paths (LPs). Network reliability is defined as being the probability of delivering a specified
amount of data from the sources to the sink. It is taken as a performance index to measure the
service level of TWAREN. This paper studies the network reliability of the international portion
of TWAREN from two sources (Taipei and Hsinchu) to one sink (New York) that goes through a
submarine and land surface cable between Taiwan and the United States.

1. Introduction

The issue of the QoS [1] of networks has been studied in the past decades. QoS is an important
element of understanding the efficiency of real-world computer networks. It refers to the
ability to provide a predictable, consistent data transfer service and the ability to satisfy
customers’ application needs while maximizing the use of network resources, especially a
network reliability analysis. One of the traditional issues in this area of network reliability
research is known as the source-sink (s-t) network reliability problem [2-16], which some
articles refer to as two-terminal network reliability (TTNR) [14, 15]. In TTNR analyses, it is
interesting to compute the network reliability in relation to the connecting paths between
two specific network nodes, usually the source-sink (s-t). Generally speaking, people are
interested in obtaining the probability that the source connects the sink. Some researchers
extend the study of TTNR to the k-terminal network reliability (KTNR) problem [17, 18],
which contains at least one path from the source node to other k nodes. Besides TTNR and
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KTNR, there is an all-terminal network reliability (ATNR) (also called overall or uniform
network reliability), which is calculated from the probability that each and every node in
the network is connected to each other [19, 20]. In a binary-state flow network, the capacity
of each arc has two levels 0 and a positive integer. System with various states is called a
stochastic model [21-23]. For a more realistic system, the arc should have several possible
states/capacities, and such a network is named a stochastic-flow network (or multistate
network). The previous problems, TTNR, KTNR, and ATNR, are discussed for binary-state
flow networks. However, this paper addresses the evaluation of the network reliability of a
stochastic-flow network with multiple sources.

The Taiwan Advanced Research and Education Network (TWAREN) [24] is Taiwan’s
academic research network that mainly provides network communication services for
Taiwan’s research and academic society. It also offers a tunnel between Taiwan and the
United States to connect the global research network through a land surface line and the Asia
Pacific region’s submarine cable. Since TWAREN's resources (i.e., bandwidth) are limited,
it is a critical issue to find a technique to optimize its utility. Using efficient evaluation
tools to understand TWAREN's performance to improve its infrastructure is one of the
major tasks of Taiwan’s National High Performance Computing Center (NCHC). To measure
TWAREN's capability, network analysis is a useful tool. For a practical computer network,
the transmission media (physical lines such as fiber optics or coaxial cables) may be modeled
as arcs, while transmission facilities (switches or routers) may be modeled as nodes. In
particular, the capacity of each arc should be stochastic due to the possibility of failure,
partial failure, or maintenance. Thus, the computer network characterized by such arcs also
has stochastic capacities and it is a typical stochastic-flow network [2-13, 25, 26]. Network
reliability evaluation of a stochastic-flow network has been studied as a performance index
for decades [2-13, 25, 26]. Most of these studies examined the network reliability from source
node s to sink node t in terms of minimal paths (MPs), in which an MP is a path with proper
subsets which are no longer paths [2—4, 6-9]. This implies that an MP is a set that connects an
(s, t) pair, here not limited to one (s, t) pair, without any surplus arcs from the perspective of
the network topology.

Those previous studies assume that data can be sent through all possible MP from s
to t according to the network topology, where each MP is composed of some physical lines
(arcs). However, in a real computer system, data can only be sent through some unique light
paths (LPs) between specific node pairs, where an LP is a virtual tunnel between two end-
to-end nodes which combined by some segments (i.e., arcs or lines) and nodes; however,
an MP is a path that connects a specific source and a specific sink, while an LP can be a link
between any two nodes (not limited to source and sink pair). That is, data may be transmitted
from source node s to sink node t via more than one LP. In particular, any segments that LP
goes through cannot be divided during transmission. Therefore, the previous studies [2—4, 6—
9] based on MP to transmit data are not appropriate for TWAREN. In TWAREN, each LP
is composed of a set of light path segments (LPSs) linking two nodes. In particular, each
physical line can be divided into several LPS, and each LPS belongs to only one LP. Since
TWAREN involves the light path, which cannot be divided through any part of its nodes
or arcs during transmission, this kind of network model is different than the MP concept
described in [2—4, 6-9]. Therefore, we implement a minimal light path (MLP) concept to find
all LPs to evaluate TWAREN's network reliability. In this paper, the MLP is defined as a series
of nodes and LPSs, from source node to sink node, which contains no cycle.

A revised stochastic-flow network with multiple sources is constructed to model the
TWAREN in terms of LP. The difference of single source and multiple sources is that previous
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one only dedicates on the network reliability between one source and one sink. But in real
world, system may transfer the real time data to the sink that exceed the total capacity of LPS
which are beside the single source node. That is, we need to transfer data from at least two
source nodes, where the data from different source might influence each other, the theory that
developed in traditional one source and one sink not applicable here. In generally, we have to
transfer the real-time data from multiple sources to one sink to handle the practical worlds’
data transmission. Therefore we consider multiple sources and implement the new technique
in this paper to realize the operation of real system instead of single source. Besides, we need
to deal with the assignment of multiple sources and the flow conflict on the intersectional
arcs. The two-source case is firstly addressed for convenience. A general case with multiple
sources can be extended by the proposed algorithm. Then we can evaluate the network
reliability for the international part of TWAREN whose tunnel mainly connects to the global
academic research network, especially the Internet2 Network [27]. Taiwan'’s largest network
service provider (NSP), Chunghwa Telecom (CHT) [28], integrates those NSPs that the lines
pass through to organize the whole portion of TWAREN's international infrastructure in two
areas: on the land surface of both Taiwan and the United States and in the under-sea areas of
the Asia Pacific, including the Japan-US submarine cable that disconnected when it was hit
by the earthquake and tsunami in Japan on March 11th 2011. Nakagawa [29] has mentioned
the influence of that earthquake regarding reliability, so we study this disaster’s effect as well.
In fact, when a line breaks, the NSP of these pass-through lines will offer serviceable lines as
backups; therefore they offer some degree of the network reliability. However, in this study,
we only concentrate on the portion that includes the regular lines to determine the factors
that affect TWAREN's network reliability, as the NCHC’s prime task, aside from improving
TWAREN's overall performance, is to anticipate major factors which could fail the regular
lines. The issue of the network reliability of the backup line [30-34] has not been considered
yet.

This paper mainly emphasizes the network reliability that the network can send
specified units of data from two source nodes (Taipei city and Hsinchu city) to a single sink
node (New York) through TWAREN's light path. The remainder of this paper is organized
as follows. The TWAREN network is introduced in Section 2. The research scope, problem
formulation, the concept of the minimal light path and the evaluation technique, recursive
sum of disjoint of products, (RSDP [9]) are all described in Section 3. Network reliability of
TWAREN is evaluated in Section 4. A summary and conclusion are presented in Section 5.

2. TWAREN Network
2.1. Introduction to TWAREN

TWAREN has been funded by the National Science Council of Taiwan since 1998 and
was built by the NCHC. Construction was completed at the end of 2003, and service and
operation started in 2004. Today, more than 100 academic and research institutions connect
with TWAREN in Taiwan and this number is increasing continuously. As well, since 2005,
over 1,000 elementary schools and junior and senior high schools have been using TWAREN's
internal backbone. TWAREN provides network infrastructure for general use but is also
an integrated platform for network research. For instance, TWAREN was instrumental in
developing applications and network technology such as IPv6, MPLS, VoIP, e-learning,
multicast, multimedia, and performance measurement and has supported GRID computing
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applications such as e-Learning Grid, Medical Grid, and EcoGrid. As promoting Taiwan as
an international R&D center is one of NCHC'’s objectives, a stable and reliable TWAREN is
the foundation to achieve this goal.

Many countries fund national research and education network (NREN) infrastructure.
TWAREN, Taiwan’s NREN, connects to the international research community through
global advanced networks, specifically the Internet2 Network [27] of the United States, the
major NREN in the world. Therefore, network reliability analyses of TWAREN will help to
continuously improve its infrastructure so it can continue to cooperate and connect globally.

2.2, TWAREN's Light Path

TWAREN is network that connects to the world-wide research network through light path
international tunnel. TWAREN'’s physical topology is an optical infrastructure and its virtual
topology is constructed by connecting light paths and routers. A light path is a tunnel
between two sites connected by various cables and is an end-to-end, preallocated optical
network resource, according to users” needs. It allows signals to be delivered sequentially
without jitters and congestion. Each light path is generally a 155 Mbps~10 Gbps dedicated
channel that transports various applications.

Figure 1 is the light path international infrastructure that TWAREN leases from CHT,
including major sites located at Taipei and Hsinchu in Taiwan, and Los Angeles, Chicago, and
New York in the United States. This infrastructure contains the land surface and submarine
cable between these cities. Each light path is denoted by LP; where i is the light path number,
i=1,2,...,1with ] being the number of light path.

Most of these city sites connect to each other with 2.5 Gbps physical line connections,
divided into four light path channels at 622 Mb bandwidths. The research scope of this paper
is to study the network reliability of the transmission from two sources (Taipei city and
Hsinchu city) to the sink node (New York) by means of the light path tunnel.

3. Problem Description and Model Formulation
3.1. Problem Description

This paper describes how the probability that a specified amount of data can be sent from
Taipei and Hsinchu to New York via TWAREN is measured. This is referred to as network
reliability. Also, Figure 1 is transformed into Figure 2 which is constructed by the light path
segments and nodes.

3.2. Some Definitions

As Figure 2 shows, those cities or site devices defined as nodes are denoted by 7y, where
k=1,2,...,p with p being the number of nodes. For example, Taipei City is n; and TP-1 is n,.
We denote each LPSs as I;; where [; ; € LP; means the jth segmentin LP; (j = 1,2,...,r; with
r; being the number of LPS in LP;). For example, in Figure 2, LP; is a tunnel from Taipei (11)
to Chicago (ng), which is combined with three LPS I11, 12, and I3, and goes through two
nodes n, (TP-1) and ng (San Francisco). Its connection sequence is 11 < lj1 < ny < Lo <
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Figure 1: TWAREN light path between Taiwan and US.

ng < l13 < ng. The capacity of each LP is 622 Mb, and each LP is combined by four 155Mb
channels. As each channel is regarded as one unit, there are 4 units for each LPs.

The physical line (PL) is the actual optical cable where the LP is located and used for
data transmission. For example, LPS 13, l44, l11,1 is combined in one PL from San Francisco
to Chicago, as shown as PL Pyg in Figure 3. The capacity of each PL is 2.5G and is divided
into four 622 Mb LP.

The capacity state of an LPS is the same as a PL either when connected or disconnected.
Each LPS has two capacity states: 0 units (0G) and 4 units (622 Mb with four 155 Mb LP),
respectively. That is, once the PL fails, all the LPSs that are located in this PL also fail. Those
LPSs located in the same PL have the same disconnection probability (or, conversely, the same
connection probability). For example, LPS Iy 3, I44, 11,1 located in one PL Py have the same
disconnection probability.

3.3. Model Formulation

The stochastic-flow network evaluation technology developed in [3] is a method that is not
suitable to be applied to TWAREN in Figure 2. There are some differences in this problem,
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Site denoted Light path Light path connection by

by i LP; LPSsl; j and nodes ny

ny: Taipei LPy:imeng=melpeonmneol)yonolizen

ny: TP-1 LPy:inyeny=mehieomeobyeonmeobsonohien

ns: TP-2 LP3:njeng=-nmebieomebyonohzonolion

ny: TP-3 LPy:nm ong=n ol onmeolyon olsonelyong

ns: Wada LPs:nygeng=npgeolsonolyomneol;onsols; onolssong

LPs : nige> 17 = niges leg < 3 <> lgp <> ny

ne: San Francisco
6 P7:npeng = nypge g o n oy ony ol on olyon
nz: Los Angeles LPs

Chi (M ny = N0 Is1 < n3 < g2 < ny Iis
ng: Chicago .
8 & LPyg: ng & 19 = ng <> lig 14> 19 lyq los
ng: New York LPy:ng & 1y = ng o b1 nge hioo ny ll:;r, ng ) g
. : 111 .
ny9: Hsinchu LP1y: 1y < ng = 1y & lip 145 1o hicago ! New Yor
LP13: g <> ng = ng < l13 14> ng 131
1
11 12
i o1 6
Taipei |43 - San
1 TP-1 lyp Lz |Francisc
I3 I54
ba|lao|ls2
Is, 1
11,2
nio lg1 ’
sinch I 1 33 —
1 lep
ls»
hy
Los ; "
Angeles e
ba 21

73

Figure 2: Revised network from Taipei and Hsinchu to New York using light path segments and nodes
connection.

since each LP; is combined with LPS [; ;, which cannot be divided through any nodes. To
create an easier expression, we re-sort all LPSs as ay, ay, . .., a,, where n is the total number of
LPS, instead of [; ;. Let G = (A, N, M) be a stochastic flow network where A = {a; | 1 <i < n}
is the set of LPS, N is the set of nodes, and M = (M!, M?,..., M") with M’ (an integer) being
the maximum capacity of each LPS a;. Such a G is assumed to further satisfy the following
assumptions.

(1) Each node is perfectly reliable.

(2) The capacity of each LPS is stochastic with a given probability distribution
according to historical data.

(3) The capacities of different LPS are statistically independent.

Let Taipei be the first source node denoted by s1, and let Hsinchu be the second source
node denoted by s;. Then let S = {s1,s,}. A minimal light path (MLP) is a series of LPSs
from a source node to a sink node, which contains no cycle. In particular, any segment used
by LP; cannot be divided during transmission in LP;. That is, each LPS belongs to only one
LP. Suppose mly, ml, ..., ml, are all MLPs from s; to t and ml,,1,ml;ss, ..., ml,; are all MLPs
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Figure 3: Physical line connection.

from s, to t. Then, the stochastic flow network can be described by the capacity vector X =
(x1,%2,...,x,) and the flow vector F = (f1, f2,..., f;) where x; denotes the current capacity
of a;, and f; denotes the current flow on ml;. The following constraint shows that the flow
through a; cannot exceed the maximum capacity of a;:

q .
> {filaieml} <M. (3.1)
j=1

Let the total demand to New York be p. Then demand set D, = {(d1,d2) | (d1 + d2) = p}
where d; and d, are the demand from Taipei and Hsinchu to New York, respectively. To meet
the demand pair (d, d>), the flow vector F = (f1, f2,..., f4) has to satisfy

ifj =d,
j=1
q
D fi=d

j=r+l

(3.2)

For convenience, let F(4, 4,y = {F | F satisfy constraints (3.1) and (3.2)}. For each F € F(4, 4,),
the corresponding capacity vector Xr = (x1,x2,...,x,) is generated via

X; = {fj|ai€ml]~}, xi=1,2,...,n. (3,3)

\.
i Mx:
A
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Let Q4,,4,) = {XF | F € F(a,,4,)} be such capacity vectors, and let Q4, 4,) min = {X | X be < with
respect to in Q4 4,)} (Where Y < X if and only if y; < x; foreachi =1,2,...,nand Y < X, if
and only if Y < X and y; < x; for atleast one i). For convenience, each X € Q4, 4,)min is named
a (dy,dp)-MLP in this paper. Suppose all MLPs have been precomputed. All (dy, d»)-MLP can
be derived by the following steps.

Step 1. Do the following steps for each (di, d2) € D,.

Step 2. Find all feasible solutions F = (f1, f2,..., f;) of the constraints (3.1) and (3.2).
Step 3. Transform each F into Xr = (x1,x2,...,x,) via (3.3) to get Qg, 4,)-

Step 4. Remove the nonminimal ones in g, 4,) to obtain Q 4, 4,)min, that is, (dq, d2)-MLP.
Step 5. Next (dy, d»).

Step 6. End.

3.4. Network Reliability Evaluation

Network reliability Rp, is the probability that the system can transmit p units of data to the
sink, that is, RD,, = Z(dl/dZ)GDp Pr{Y € Q(dlldz) | Y > X fora (dl, dz)-MLP X} If {Xl,Xz, ... ,Xh}
is the set of minimal capacity vectors capable of satisfying any (di,d>) € D,, then network
reliability RDp is

h
Rp, = Pr{ UQD}, (3.4)
v=1

where Q, = {X | X > Xy}, v = 1,2,...,h. Several methods such as the RSDP algorithm
(Algorithm 1) [9], the inclusion-exclusion method (IEM) [10, 25], the disjoint-event method
(DEM) [35], and state-space decomposition (SSD) [11, 12] may be applied to compute Rp,.
The IEM [10, 25] principle is a simple way to calculate network reliability, which basically is
similar to the theorem in traditional probability theory that is recursively plus (inclusion) and
minus (exclusion) the intersection portion, but easily results in memory overload as there are
lots of input data. SSDs [12] are based upon the decomposition method, in which the state
space is decomposed into three sets of states: acceptable (A) sets, nonacceptable (IN) sets,
and unspecified (U) sets, which recursively decompose the U sets into smaller A, N, and
U sets to get the whole system reliability in terms of the summation of the reliability of all
A sets. Aven [12] proved that somehow SSD has much better performance than IEM [10,
25]. Zuo et al. [9] implemented a new technique RSDP; it calculates one record’s reliability
first and then continuously and, respectively, handles another single record that is minus
the intersection portion with previous records that those reliability already been calculated,
which quite different than the IEM that recursively plus and minus the intersection portions
for all records. It has been proved by Zuo et al. [9] that RSDP has better efficiency than SSD
[12] and easier than IEM [10, 25]. Therefore, recently most network reliability evaluation
articles apply the RSDP to assess the related issue. It calculates the probability of a union
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//Calculate the network reliability R D, for all Q4, d,),min
function Rp, = RSDP(Xy,Xo, ..., Xn)
//Input h vectors (X3, Xo, ..., Xj) and connection probability of each LPS
fori=1:h
ifi==
Rp,=Pr(X > Xi);
else
Temp R_1=Pr(X > X;);
Ifi==
Temp_R_2 = Pr(X > max(Xy, X;)); /max(Xy, X;) = (X1 © X;)
else
forj=1:i-1
X] = max(Xj,Xi); //max(Xj, Xl) = (XJ (2] X,)
end
Temp,RQ = RSDP(Xl, Xz, e ,X,'_l);
end
end
Rp, =Rp, + (Temp R_1) — (Temp R 2);

Algorithm 1: RSDP algorithm.

with r vectors in terms of the probabilities unions with (r — 1) vectors or less by using a
special maximum operator [9] “®”, which is defined as

X1y = X1 @ Xp = (max(xy;, x2)), fori=1,2,...,n (3.5)

For example, if X; =(2,2,1,1,0) and X, =(3,0,1,0,1), X1, = X; ® Xo = (max(2,3), max(2,0),
max(1,1), max(1,0), max(0,1)) = (3,2, 1, 1, 1). The RSDP algorithm is presented as follows.

4. Case Study: TWAREN between Taiwan and the US through
the Light Path

4.1. Level of Demand and MLP from Taipei and Hsinchu to New York

To calculate TWAREN'’s network reliability from Taipei and Hsinchu to New York, there must
be a reasonable demand level. For each arc’s capacity, each LP occupies a bandwidth 622 Mb,
and each 622 Mb bandwidth has four 155 Mb channels. We regard each 155 Mb as one unit.
Therefore, there are four units in each 622 Mb LP channel.

Let the total demand be p = 20 units, that is, 5 x 622Mb = 3,110 Mb. For Q4, 4,) min
the demand set Dy = {(20,0), (16,4), (12,8), (8,12), (4,16), (0,20) }, we try to evaluate Rp,, =
Z(dl,dz)EDzo Pr{Y € Qu,4,) | Y > X for a (di,d>)-MLP X}. In these cases, there are 10 MLPs
from n; (Taipei) to ng (New York) as Table 1(a) and 10 MLPs from n13 (Hsinchu) to ng (New
York) as shown in Table 1(b).
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Table 1: (a) All MLPs from Taipei (11) to New York (n9). (b) All MLPs from Hsinchu (rn13) to New York
(n9).
()
MLP . L .
no. Light paths combination Nodes & LPS combination flow
ml Taipei—>LP1 —>Chicago—>LP10 — New n — 11,1 — Ny — 11,2 — Ng — 11,3 — Nng —
1 York Lo — n9
il Taipei — LP; — Chicago— LP13 — New n —h1 —-n —hy - ng — hz— ng —
2 York hiz1 — ng
ml Taipei—> LP4 —>Chicago—>LP10 — New n — 14,1 — Ny — 14,2 — N5 — 14,3 — Ng —
8 York Iys — ng — lLipg — no
ml Talpe1—>LP4 —>Chicago—>LP13 — New n — 14,1 — Ny — 14,2 — N5 — 14,3 — Mg —
4 York lyg — ng — i3y — nog
mls Taipei — LP3; — New York 71 __lel -y = by oy oy oy -
34 9
ml Talpe1—>LP2 — Los n — 12,1 — Ny — 12,2 — N3 — 12,3 — Ng —
6 Angeles — LP; — New York lyy — ny — lip1 — no
Taipei—>LP2 —Los n — 12,1 — Ny — 12,2 — N3 — 12,3 — Ny —
m17 Angeles—>LP11 —>Chicag0—>LP10 — New 12,4 — Ny — 111,2 — Mg — 111,1 — Nng —
York Loy — n9
Taipei—>LP2 — Los n — 12,1 — Ny — 12,2 — N3 — 12,3 — Ny —
mlg Angeles—>LPn —>ChiCﬁg0—>LP]3 — New 12,4 — Ny — l]],z — Mg — l]],] — Nng —
York 113,1 — Mo
ml Taipei—>LP1 eChicago—>LP11 — Los n — 11,1 — Ny — 11,2 — Mg — 11,3 — Nng —
9 Angeles—>LP12 — New York l]],] — Ng — l]],z — Ny — l]z,] — Mg
ml Taipei — LP4; — Chicago—LP;; — Los 7] __:l;ll’] : an _)_>l4’; :1115 ﬁj’sn_)_:% -
10 Angeles — LP;; — New York 44 8 11 6 11,2 7
ling — ng
(b)
MLP . . L
no. Light paths combination Nodes & LPS combination flow
ml HSil’lChu—>LP5 eChicago—>LP10 — New nipp — 15,1 — N3z — 15,2 — MMy — 15,3 — Ns
n YOI‘k l5,4 — Mg — l5,5 — Nng — 110,1 — N9
ml Hsinchu — LP5s — Chicago — LP13 — New nyg — Is1 — n3 = sy — np — sz — ns
12 York Is4 — ng — Is5 — ng — liz1 — ng
mls Hsinchu — LP; — New York ?10 : 1117/1 —ny = lzp > ng — Iz — ng
74 9
mlyy Hsinchu = LPs — Los np — lgg — n3 — lgo — ny — lpy — ng
Angeles — LP;; — New York ¢ ’ ’
Hsinchu— LP¢ — Los o s Lt = 1 — Loy —s 10— 1 _
mlys Angeles — LP;; — Chicago —LP1yp — New 10 o1 3 62 7 11,2
York ng — hi1 — ng — L1 — ng
Hsinchu— LP¢ — Los o s Lt = n > Ly —s 110 — 1 _
mlg Angeles — LP;; — Chicago — LP13 — New 10 o1 3 62 7 11,2
York ng — hi1 — ng — L1 — no
il Hsinchu — LPg — Los 0 s a1 — T — Leo —s 11y — | —n
17 Angeles — LP;; — New York 10 81 s 8.2 7 121 o
Hsinchu — LPg — Los s lat s e s Te s 10— D1 —
mlig Angeles — LP; — Chicago—LPjp — New 10 81 3 8.2 7 1.2
York ng — lhi1 — ng — L1 — ng
Hsinchu — LPg — Los s It e > Te s 10— D1 —
mlyg Angeles — LP; — Chicago— LPj3 — New 10 81 3 8.2 7 1.2

York

ng — hi1 — ng — hiz1 — ng
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(b) Continued.

MLP

no Light paths combination Nodes & LPS combination flow
il Hsinchu — LPs — Chicago— LP;; — Los ?10 : 1115’1 :ln3 : 1115/2:1712 : 1151’3 : ns =
20 Angeles — LP;; — New York 54 6 55 8 11,1 6
hip = ny = lpy — ng
Table 2: Connection probability of all physical lines and LPSs.
PL LPSin Disconnection Disconnection Disconnection Connection probability Root caused
no. thisPL  starting time ending time duration  (f = a week = 4032 mins)
Ly los; 2011/4/21 2011/4/21 . _ _ L
Py Iyi: Ly 10:17:00 AM. 11:56:00 AM 99 mins t—99/t=0.98 Circuit broken
P, 1221" bai N/A N/A N/A 1 No
52
P3 12,3; 17,2 N/A N/A N/A 1 No
2010/9/28 2010/9/28 . _
Py Iip 10:08:00 AM  02:07-00 PM 239 mins t-239/t=094 Card broken
) 2011/4/21 2011/4/22 . _ _ L
Ps Ly Is3 22:01 PM 04:29:00 AM 388 mins t—388/t=0.90 Circuit broken
) 2009/5/29 2009/5/29 . _ L
Dy lys; 154 05:16 AM 08:27:00 AM 191 mins t—-191/t =0.95 Circuit broken
I33; lep; 2009/9/16 2009/9/16 . 3 _ L
P, [ 04:40:00 PM 05:01:00 PM 211 mins t—-211/t=0.99 Circuit broken
. 2011/3/11 2011/3/12 . _ _ Japans’
B bailis g15300pPM 01:37:00 AM  704mins t-704/t=083 earthquake
P lnp gl SN 134mins t— 134/t = 097 Card disable
L35 laa; 2010/5/25 2010/5/25 . 3 _ L
P Lnviles 042800 AM  11:11:00 AM 403 mins t—403/t =0.90 Circuit broken
I34; 121,  2009/3/21 2009/3/22 . 3 _ .
Prq [ 08:58:00 PM  03:23:00 AM 385 mins t—385/t=0.90 Card disable
. 2011/2/8 2011/2/8 . B .
Py loa; s 01:17:00 AM  11:07:00 AM 590 mins t—-590/t =0.85 Card disable
Py Bl A N/A N/A 1 No

I71; 181

4.2. Probability of All LPSs Breaking

To compute the connection probability of each PL, we use the disconnection data from 2008
through 2011. The longest duration of every break for each physical line during the 168 hours
of every week is used to determine the disconnection probability of each line. For example,
as the physical line Py from San Francisco to Chicago broke for 403 minutes on 2010/5/25,
its connection probability is (168 x 60 — 403) /(168 x 60) = 0.90. Therefore, its disconnection
probability is (1 —0.9) =0.1. All the LPSs I; 3, 144 and 11,1 located in this physical line P;g have
the same disconnection probability of 0.1.

Table 2 shows all LPSs’ connection probability after screening all physical lines’
disconnection records and selecting the longest broken time for each. These breaks include
disabled card devices, circuit failures, and breaks from March 11, 2011 Japanese earthquake
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Table 3: LPS [;; redenoted by a; and its connection probability the same as the physical line P; it locates.

Arc a a as ay as ae ay as a9 aip 4nn dip a1z Ay 415 Aig Aiy

LPS  hy hp hs by by bs ha by by s ba ln lp lag lag hor g
Prob 098 094 09 098 1 1 083 098 1 099 09 098 09 095 09 085 09

Arc ailg A9 dyy Ap1 Ay dx3 Qx4 dps  dpe Qo7  dpg  dp9 Q30 d31 Az 4ss

LPS  hip lizg lsy Byp Lo Iz by Ls lg Lo Iy Do Iz g Igr Isp
Prob 097 09 085 1 1 09 095 09 1 099 1 1 083 09 1 099

and tsunami that caused the physical submarine line Ps to break. This line uses a submarine
cable connection between TP-3 and Los Angeles. Artificial devices, short circuits, and natural
disasters simultaneously influence TWAREN's network reliability from Taipei and Hsinchu
to New York. Since each failure of a node device has been included and recorded in the
physical line’s disconnection record, each node is supposed to be perfect with a reliability
of 1. For computational convenience, as described in Section 3.3, we converted LPS [;; by
using a; and the probability of a;, as Table 3 shows.

4.3. Network Reliability Computation

When line breaks occur, the suppliers of these pass-through physical lines provide all
serviceable lines as backup lines, therefore increasing the network reliability. In this study,
we do not discuss the backup lines and concentrate only on the regular lines to determine
those factors that affect their network reliability. Firstly, we focus on the demand set Dy =
{(20,0), (16,4),(12,8),(8,12), (4,16), (0,20) }, given all MLPs in Tables 1(a) and 1(b) and by
using the algorithm in Section 3.3 as follows to obtain Q4, 4,)min-

Step 1. Do the following steps for (4,16) € Dy (since there is no solution for Qo 0) min in this
example, we only demonstrate €24 16) min here).

Step 2. Find all feasible solutions F that satisfy constraints (4.1):

fitfatfo<M' =4,
fi+ fo+ fo<M? =4,

fi7 + fis + fio < M>? =4, (4.1)
fi7 + fis + fio < M> =4,
fit ot +fio=di =4

fi1+ frz 4+ fao = dp = 16.

In this step, each f; has two values, say 0 and 4, standing for the two capacity states of
failure or success. From this, we obtain 4 flow vectors as shown in Table 4(a) (column 1).
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Figure 4: (Demand, network reliability) for demand set being Doy, D16, D12, Dg, Da.

Step 3. Transform each F into LPS X to get Q416 by (4.2).
For F; = (0,0,0,0,4,0,0,0,0,0,0,4,4,0,4,0,4,0,0,0), the capacity vector X; is trans-
formed by

x1=f1+f2+f9=0+0+0=0,
X2=f1+fo+fo=0+0+0=0,

: 4.2)
X = fir+ fis+ fro=4+0+0=4,
x33=f17+f18+f19=4+0+0=4,

ThuS, Xl = (010/0/0/0/0/0/4;4,4,4,0,0,0,0,4,4,4,4,4[4[4[4,4,4’4’4,4,4,4,4,4,4)'

Similarly, we obtain 4 capacity vectors as shown in Table 4(a) (column 2).

Step 4. The non-minimal ones in Q(4,16) are removed to obtain Q4 16)min, that is, (4,16)-MLP
as shown in Table 4(a) (column 3).

When repeating the previous steps, we can also obtain €2(g 12) min (resp., £2(12,8),min and
Q(16,4)min) in Table 4(b) (resp. Tables 4(c) and 4(d)). In terms of RSDP [9], we calculate
the network reliability Rp,= 34, a,)epy PT1Y € Q) | Y 2 X for a (di,d2)-MLP X}
= 0.4140. Similarly, Rp,, = 0.8195, Rp,= 0.9707, Rp, = 0.9976, and Rp,= 0.9999 can be
evaluated, respectively. The network reliability can be observed to decrease as the total
demand increases, as shown in Figure 4.

In regard to QoS, this is only a concern when there are insufficient networks
resources. When there are enough resources and demand is low, for instance, as above
with Dy, there are still plenty of resources to handle other transmission requests, so the
network reliability is quite high. On the other hand, if demand is high, say above set
Dy, the network reliability will be low, since there are not enough resources to handle
other data transmissions. To maintain the network reliability, it is important to avoid full
transmission loads or increase line capacity. Depending on the results of our analysis, we
may decide to allocate more economic resources to TWAREN to maximize future network
utilities.
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5. Summary and Conclusion

Instead of the classical TTNR, KTNR, and ATNR analysis of a binary-state flow network, this
paper evaluates the network reliability of a stochastic-flow network with multiple sources. It
also designs an MLP-based network reliability evaluation technique for the international LP
portion of TWAREN's academic and research network. This portion contains the domestic
land surface line and the Asia Pacific submarine cables which connect to the global academic
research network, including the Internet2 Network [27]. Since the LP cannot be divided
through any of its nodes or LPSs during transmission, MLP is a new concept to evaluate
the network reliability in an LP environment. MLP is used to discuss the flow assignment
and to evaluate the network reliability. This research contributes by making real TWAREN
data available to be analyzed in a stochastic-flow network model. By using the MLP analysis
technique, we will know how to continuously adjust TWAREN's infrastructure to achieve
higher network reliability. In this study, we concentrate on the portion of the network that
includes regular lines and does not include backup cables yet. This allows us to determine
those factors that influence the dedicated regular lines” network reliability. We also consider
the effects of the earthquake that hit Japan on March 11, 2011. All factors are studied,
including artificial, machine, and cable failures and natural disasters that simultaneously
influence TWAREN'’s network reliability from the two source nodes, Taipei and Hsinchu,
to the single sink node, New York. In addition, the MLP network reliability technique used
in the multiple sources case will enable us to increase the efficiency of TWAREN and help
us to learn how to improve its network infrastructure and performance in the near future.
Subsequently, further study may be undertaken on the network reliability of TWAREN's
multisource to multisink (terminal) issue.
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For the multisensor linear discrete time-invariant stochastic control systems with different
measurement matrices and correlated noises, the centralized measurement fusion white noise
estimators are presented by the linear minimum variance criterion under the condition that
noise input matrix is full column rank. They have the expensive computing burden due to the
high-dimension extended measurement matrix. To reduce the computing burden, the weighted
measurement fusion white noise estimators are presented. It is proved that weighted measurement
fusion white noise estimators have the same accuracy as the centralized measurement fusion white
noise estimators, so it has global optimality. It can be applied to signal processing in oil seismic
exploration. A simulation example for Bernoulli-Gaussian white noise deconvolution filter verifies
the effectiveness.

1. Introduction

An important application background of white noise estimation is signal processing in oil
seismic exploration. After the explosives buried underneath earth surface are exploded,
analyzing the reflection coefficient formed by the reflections of every oil layer can be used
to determine whether there is oil underground and the geometry shape of the oil field. The
reflection coefficient can be described by Bernoulli-Gaussian white noise. So the white noise
estimation problem can be used in the oil seismic exploration. This problem has been deeply
researched by Mendel [1-3], but Mendel has not solved the system’s measurement white
noise estimation problem and also has not referred the problem of multisensor information
fusion white noise deconvolution estimation.

In order to improve the estimation accuracy of single sensor to the white noise, in [4, 5],
when input noise and measurement noise are not correlated, the multisensor information
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fusion white noise deconvolution filters are put forward, respectively, by Kalman filtering
method and modern time series analysis method. In [6-8], multisensor information fusion
white noise optimal filter is presented for the systems with correlated noise by Kalman
filtering method. In [9], modern time series analysis method and Gevers-Wouters algorithm
are used to present the information fusion white noise deconvolution filter for multisensor
systems with correlated noises. Thus, the solution of Riccati equation is avoided and the self-
tuning filter with unknown model parameters can be designed. The shortcomings of methods
presented in [3-9] are to require computing the high-dimension cross-covariance matrix and
the fusion accuracy is global suboptimal.

Recently, the weighted measurement fusion (WMF) method has gained great
attention. Its basic principle is to weigh local sensor measurements to obtain a low-
dimensional measurement equation according to some fusion criterion and then use a single
Kalman filter to obtain the final fused state estimation. It can, not only reduce the computing
burden greatly, but also give a global optimal estimation. This can be explained as the
accuracy of WMF and the centralized measurement fusion (CMF) filter [10] is the same.
Therefore, it is globally optimal. Gan and Chris [10] put forward the WMF algorithm with
the assumption that all the sensors have the same measurement matrix and the measurement
noises of each sensor are uncorrelated. Using the Lagrange multiplier method, the WMF
algorithm is presented when the measurement noises of each sensor are correlated [11]. Ran
et al. [12, 13] put forward the WMF algorithm when the extended measurement matrix of
all the sensors has full column rank or the measurement matrices of all the sensors have the
maximal right factor. Self-tuning WMF Kalman filtering algorithm is presented in the work of
Gao et al. [14] and Ran and Deng [15]. In [16, 17], full-rank decomposition and weighted least
square theory is used under correlated noises and different sensor measurement matrices; the
WMF algorithm is presented.

However, using WMF method to solve the white noise estimation value problem of
multisensor system with correlated noise and with different measurement matrices in each
sensor is always a difficult issue to be solved, since the present white noise estimation theory
is not suitable for WMF method. In this paper, we use the WMF algorithm to solve the white
noise fusion estimation problem of multisensor systems with correlated noises and different
measurement matrices. Firstly, under the assumption that the noise input matrix is of full
column-rank, we present the CMF white noise estimators by the extended measurements of
all sensors. They have a large computing burden due to the high-dimension measurement
matrix. Further, the WMF white noise deconvolution estimators are presented to reduce the
computing burden, which have the global optimality.

The paper is structured as follows. The CMF white noise deconvolution estimators
are presented in Section 2. The multisensor WMF white noise deconvolution estimators are
designed in Section 3. A simulation example follows in Section 4. Some conclusions are given
in the end.

2. Multisensor CMF White Noise Deconvolution Filter

Consider the discrete time-invariant linear stochastic control systems with L sensors

x(t+1) = Ox(t) + Bu(t) + Tw(t), (2.1)

vi(t) = Hix(t) +vi(t), i=1,...,L, (2.2)
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where x(t) € R" is the state, y;(t) € R™,i = 1,...,L are the measurements, u(t) € R’ is
the known control input, @, B, and I' are constant matrices with compatible dimensions.
H; € R™*" is the measurement matrix of the sensor i. w(t) and v;(t) are correlated white
noises with zero means, and

E{ ngg] [wT(k) "O]T(k)]} = %?} Ii];] ik, (2.3)

where the symbol E denotes the expectation, 6; = 1, 6i = 0 (t #k), Rii = R;, the superscript
T denotes the transpose. Combining L measurement equations of (2.2) yields the centralized
measurement equation:

y D) = HO(t)x(t) + oD (@), (2.4)

where

T T ’
, HO=[H],. H|, O®=[l0),. . o).
2.5)

yO® = [yl ®),.. L0

The fusion measurement white noise v (t) has variance matrix RY) = (R;;), ;. The correlated
function of w(t) and v () is S = [Sy,...,Sr].

To convert the systems (2.1) and (2.4) into the uncorrelated system, (2.1) is equivalent
to

x(t +1) = Dx(t) + Bu(t) + Tw(t) + ][y(I) (t) - HOx(t) - oD (t)], (2.6)

where ] is a pending matrix. (2.6) can be converted into

x(t+1) = Dx(t) +u(t) + w(b), (2.7)

where ® = @ — JH®D, %(t) = Bu(t) + JyD(t), w(t) = Tw(t) — JoD(t). JyD(t) as output
feedback becomes a part of the control item. Then primary system formulae (2.1) and (2.4)
are equivalent to the system formed by formulae (2.4) and (2.7). To make E[w(t)v"T ()] = 0,
introduce J = TSRD-1 which ensures that (t) and v!)(t) are not correlated. Then variance
matrix of 7 (t) is yielded as Q,, = T'(Q. — SRV ST)IT.
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Lemma 2.1 (see [18, 19]). Multisensor systems (2.1) and (2.4) with correlated noise have CMF
global optimal input white noise deconvolution estimators w(t | t+N) and the error variance matrices
P,(t|t+ N)as
Z’l\)(t|t+N)=O, (N<O)
-1
@(t|1) = S[HOPE | - )HOT+RO] e )
Pu(t|t+N) = Qu, (N <0)
-1
Py(t]t) =Qu— S[H(I)P(t [t-1)DT 4 R(I)] ST

wt|t+N)=w(t|t)+ iMw(t | t+i)eD(t+i), (N>0)
i=1

N
Po(t|t+N) = Q0w - > M(t| t+/)QP (t+ /)M (t t+]), (N >0)

j=1
-1
My (t| +1) = Dy (t, DHOT[HOPO 41 | HHOT + R 28)
= o) n]T=T nT
My (| £+ ) = Dy(t, 1) H[In - K (t+i)H >] ® tHD
i=1
-1
x[HOPO (4 t+j-1)HOT + RV
Dy(t,1) = -SK!"" ()@ +QuI" - 5]
() =D-K, (HH
—(I) — —(I)
K, (t) = cDK}” 0, K1) =K, () +]
Kty = POt £ - 1)HOTQI (1)
Dty =HOPDO (¢t |t - 1)HDT + RO,
PO (t + 1| t) satisfies Riccati equation:
— -1
PO(t+1]t) =D [P<I>(t |t—1) - POt | t-1)HDT <H(DP(I) (t|t-1)HDT + R(I)>
) (2.9)
xHOPO (¢ | - 1)]cp +T [Qw — SRID-1GT| [T,
Dt +11t+1) =xDFE+1]8) + K}”(t +1eD(t+1), (2.10)
Dt +11t) =dxD(t | t) + Bu(t) + JyD(t), (2.11)
eDt+1)=yD(t+1) - HOxD(t+1]1), (2.12)

-1
K}I)(t 1) = PO(t+1 | HHDT [H(I)p(l)(t+ 1|HHDT 4 R(I)] , (2.13)
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POt +1]t+1) = [In ~ KDt + 1)H<I>]P<I> (t+1]1), (2.14)

DA t+N) =Dt t+ N-1)+ KD | t+ N)eD(t+N), N>0, (2.15)

N
PO+ N)=PO@ | £) - SKO(t]t+7)QW (¢ +7)KDT (] £+ ). (2.16)
j=1

Smoothing gain has two computing methods:

N-1
1% (t+5) }H MTQI (¢ + N),

KO(t|t+N) =P<I>(t|t—1){
=0

(2.17)

N
1% (t+) }H(’)TQi”'l(t +N).

-1

KOt | t+N) = PO | t)ET{
]

Theorem 2.2. Supposing I' is full column-rank matrix, for systems (2.1) and (2.4), the optimal white
noise deconvolution estimator of CMF input white noise w(t) is given by

@Dt t+N)=0, (N<0), (2.18)

@ (t]t) = -AxD (| £) + C(®). (2.19)

And the variance matrices of estimator errors ) (t | t + N) = w(t) — @D (t | t + N) are given as

PO+ N)=Qw (N <0), (2.20)
PO t) = APD ¢ | AT +Q, (2.21)
Q= Q- SRI1sT (2.22)
defining
A=T*JHD = GRO-1HO) |
(2.23)
C(t) =T*(JyD () = SRO-1y D) (p),
where I'* is the pseudo-inverse of I', that is,
-1

I = <FTF> 7. (2.24)

Proof. Notice when N < 0, w(t) L L(y‘D(t+N),y® (t+ N 1) ---), then (2.18) holds obviously.
For (2.1), according to the projection theory [19], we have

ToD | t) =xD @ +1t) - DdxD (¢ ] t) - Bu(t). (2.25)
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From (2.11) and (2.24), we have

@D (t]t) =T* [53?(1)(1‘ | £) + Bu(t) + Jy D (t) - @D (¢ | £) - Bu(t)]

which can be simplified to
(] 5 =T*[-THOZD (¢ 5 + Jy O 1)].

Then, from the definition of (2.23), we easily obtain (2.19).
Subtracting (2.25) from (2.1) yields the error relation

ToD | t) =D +11t) - XD (t]t).
Notice XD(t+ N | t) = x(t) — XD (t + N | t); there is a prediction error relation
DA +1 1) = 0D (| 1) +w(t).
Substituting (2.29) into (2.28) yields
Tt | t) =—THDOXD (1| 1) +w(t).
And notice XD (¢ | t) L w(t), then we have
PPt | HIT = JHOPDO (¢t | ) HDOTJT + Q,,.

So, (2.21) holds. From (2.18), we have (2.20). The proof is completed.

(2.26)

(2.27)

(2.28)

(2.29)

(2.30)

(2.31)

O

Theorem 2.3. For (2.1) and (2.4), when I is a full column-rank matrix, one has optimal white noise

deconvolution smoothers of CMF input white noise w(t) as

wD(t|t+ N)

=Dt t+N-1)+ EOBWDT(t+ Nt + HHOTQP (£ + N)e®(t + N), N >0.

The error variance matrices are computed by

PPt 1t+N)=PP ¢t t+N-1)

(2.32)

~ED@OWOT(t+ N, t+ 1)HOTQO 4+ NYHOWD (£ 4+ N, ¢+ 1)EDT (1),

(2.33)
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Define
ED () = —APD (£ | HD' + QT (2.34)
YO (t+ N,t+N) =1,
o 0 (2.35)
YO (t+ N,i) =W, (t+ N -1)--- ¥, (i).
Proof. For (2.1), the projection theory is used, and we have
ToD | t+N)=xD(t+1]t+N)-0xD(t|t+N) - Bu(t). (2.36)
From (2.15), we have
ToDH | t+N)=xD(t+1|t+ N-1)+ KDt +1|t+N)eD(t+N)
(2.37)

- @[3?(1) (| t+N=1)+ KO | t+N)eD(t+ N)] — Bu(t).

From the recursive relation of (2.36), we have

Wt [ t+N) =D t+N-1) +r+[1<<f>(t+1 |t+ N) - dKD(t| t+N)]gU>(t+N)

(2.38)
then we obtain (2.32). In fact, from (2.17), we have
r+[1<<1>(t+ 1[t+N) - OKD( | t+ N)]
N-1 T
=0 [PO@E+1 10 TTes " (t+)) tHO Q.0
i (2.39)
—r | DT T (I)-1
x (t+N)-@PDt D =3 [¥ (t+)) pHO Q" (t+ N) |,
j=1
which is simplified to
T[KD@¢+1]t+N)-OKD(t|t+ N)]
_ N-1 2.40
- [P<1>(t +1]t) - ®PD (¢t | t)d)T] x {H‘I’;I)T(t +7) }HU>TQ§”‘1 (t+ N). (240)
j=1
Define E(D(t) as
EO(1) =T [@PO (¢ | Hod +Q,, — OPD (¢ | Ho)|
(2.41)

—T —
=T JHOPD (| Hd +TQ,.
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Then we obtain (2.34). From the definition of (2.35), (2.32) is proved. Using w(t) minus both

sides of (2.32), and from @ (t | t + N) L eD(t + N), (2.33) is proved. This completes the
proof. O

Corollary 2.4. For multisensor systems with correlated noise (2.1) and (2.4), the nonrecursive white
noise smoothers are given by

N

cwD(tt+N) =Dt t) + EO) S WO (t+j,t + 1)HOTQO (14 j)eD (t+f), N>o.
j=1

(2.42)

The error variances satisfy

PO t+ N)

N
=PPt|t) - ED ) { SO (47,6 + 1Y HOTQ ™ (4 ) HOWD (£ 4+ j,t +1) }EU)T(t).
j=1

(2.43)

Proof. (2.32) and (2.33) are iterated by N times; (2.42) and (2.43) are obtained. This completes
the proof. 0

3. Multisensor WMF White Noise Deconvolution Estimator

From [20], we know that any nonzero matrix H") has full-rank decomposition

HD = FHUD, (3.1)

where F is a full column-rank matrix with the rank r and H? is a full row-rank matrix with
the rank r, then measurement model (2.4) can be represented as

y D) = FH x(t) + oD (t). (3.2)

Given that F is a full column-rank matrix, it follows that FTRF is nonsingular. Then the
weighted least squares (WLS) [21, 22] method is used and the Gauss-Markov estimate of
HDx(t) is yielded as

L -1
y(H) (t) = ZQiyi(t) = <FTR(1)—1F> FTR(I)_ly(I)(t), (3.3)
=1

-1
[Q1,Q,..., Q] = <FTR(IHF> FTR(D-1 (3.4)
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then substituting (2.4) into (3.3) yields
y I (t) = Hx(t) + oD (¢), (3.5)

U(H) (t) — (FTR(I)*1F> _1FTR(I)71’U(I) (t) (36)

The variance matrix R/ = E[oD (H)oIDT ()] of oD (t) is given by RID = (FTRD-1F)~!,

For systems (2.7) and (3.5) using standard Kalman filtering algorithm [19], we can
obtain WMF Kalman estimators D (¢ | t), and its variance matrices PP (¢ | #), innovation
eM(t+7),j > 0.Itis proved in [16] that the WMF Kalman filter x1) (¢ | #) has the global
optimality; that is, it is numerically identical to the CMF Kalman filter xU) (¢ | t) if they have
the same initial values.

The above WMF method can obviously reduce the computing burden since the
dimension of the measurement vector for the CMF is m x1, m = my + my + - - - + mp, while that
for the WMF is r x 1, and m is much larger than r generally.

Theorem 3.1. For (2.7) and (3.5), when T is a full column-rank matrix, one has WMF optimal
nonrecursive smoothers of input white noise w(t)

wID(t | t+ N)
- (In-1 (3.7)
="t + E(H)(t)Z‘I‘(”)T(t +7,t+ )Y HITQI ™ (1 + ) (t+f), N>o0.
j=1

The error variance matrices satisfy
P+ Ny = PUV (] ) - EYD ()
N
x 4 WD (4 j, 1+ ) HITQUDT (14 jYHIDWID (4 1+ 1)

j=1
x EUDT (1),

(3.8)
where
E(II) (t) — _AP(II) (t | t)aT + Ql—uT/ (39)
Yy (t 4+ N, t+N) = I,
o R an . (3.10)
YN+ N,i) =¥, (t+ N-1)--- ¥, " (i).
IFxD(010) = xI0(0 | 0) is satisfied, then WMEF is numerically equivalent to CMF, that is,
wD(t|t+N)=wUD(t|t+N) VN, Vi,
(3.11)

PPt t+N) =Pt |t+N) VN, Vt,
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where white noise filter is

@Dt t) = AR (£ | 1) + C(t). (3.12)
Proof. From [16], when D (0 | 0) = x'D(0 | 0), we have

HOTQI ™ (1) (t) = HIDTQID ™ (1)1 (1),
I II
w0 =),
POt t)=PUD(t 1),
D@ ) = x| b).

(3.13)

So, we have E(t) = EUD(t). (2.19), (2.42), and (2.43) are compared with (3.7), (3.8), and
(3.12), then (3.11) are obtained. O

Corollary 3.2. WMF input white noise recursive smoothers are

@It t+ N) =2 (t+ N -1) + EDD @I (¢ 4 N, + 1) HIDT

. (3.14)
D7+ N)eD(t+ N), N >0.
The error variance matrices satisfy
PIO(t | t+N) =P (t+ N -1) - EP () wIDT (¢ + N, t + 1) HIDT 615)
D4 NYHIDWID (4 N, £+ 1)EIT (1), '
then, one has the following relation:
oDt | t+N) =Dt |t+N) VN, Vt, (3.16)
PPt t+N) =Pt |t+N) VN, Vt. (3.17)
Proof. From Theorem 2.3 and (3.13), we have (3.14)—(3.17). This completes the proof. O
4. Simulation Example
Consider the multisensor discrete linear stochastic ARMA signal system
A(q)st) = (g7 )wid),
yi(t) = Hos(t) +&(t), i=1,2,3,
(4.1)

A<q’1> =ag+a1qg ' +axq?,
C<q*1> =c+ cqul,
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t/step
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W
o w(t|t)
@D(t|t)

Figure 1: w(t) and optimal fusion white noise filter @w(t | t), @V (t | t),i = I,11.

0 20 40 60 80 100 120 140 160 180 200
t/step

o W(t|t+1)

o wD(tt+1)
o Ut +1)

Figure 2: w(t) and optimal fusion white noise smoother @w(t | t + 1), w® (¢ | t +1),i = I,1I.

where s(t) € R is the signal, y;(t) € R, i = 1,2,3 are the measurement signals. ¢(t) € R,
i = 1,2,3 are Gaussian white noises with zero mean and variance matrix Q;. And w(t) =
b(t)g(t), where b(t) is Bernoulli white noise satisfying b(t) = 1if P(b(t) =1) = A, and b(t) =0
if P(b(t) = 0) = 1 - A, where P denotes probability. b(t) is independent of g(t), then the
variance matrix of w(t) is o3, = Aog. g~ is the back shift operator.

Our goal is to find the optimal white noise deconvolution estimators w(t | t + N),
@Dt | t+ N),and @I (¢t | t+ N), N = 0,1,2,3, and the corresponding error variance
matrices P, (t | t+ N), P,E,I) (t|t+ N),and P,E,H)(t | t+ N), to test the estimation result values
of these three algorithms equal and to compare the computing burden.
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=N Wk G

0 20 40 60 80 100 120 140 160 180 200
t/step

o w(t|t+2)
o wD(t|t +2)
o U (¢t +2)

Figure 3: w(t) and optimal fusion white noise smoother @w(t | t +2), w® (¢ | t +2),i = I,11.

0 20 40 60 80 100 120 140 160 180 200
t/step

o w(tt+3)
o wD(tt +3)
o (¢t +3)

Figure 4: w(t) and optimal fusion white noise smoother @w(t | t + 1), w® (¢ | t +3),i = I,I1.

The system (4.1) is converted to state space models

x(t+1) = Ox(t) + Tw(t),
vi(t) = Hix(t) +vi(t), i=1,23, (4.2)
s(t) = Hx(t) + cow(t),

where we define

CUi(t) = H(),'C()ZU(t) + gi(t),
(4.3)

_ | 1 _|€1 —aico _ o
® = [_a2 0]’ I'= [ —ayco ]/ H= [LO]/ H; = Hy;H.
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Table 2: Comparison of error variance for the local and fused estimators.

(I1)
£=50 PL(t|E+N)  PA(E[t+N)  PA(t[t+N)  Po(t|t+N) PO(E|t+N) fﬁ%'
N=0 028086 0.277 50 032376 0.141 17 0.141 17 0.141 17
N=1 024502 0.242 37 0.240 57 0.130 67 0.130 67 0.130 67
N=2 023321 023071 0.219 24 0.126 07 0.126 07 0.126 07
N=3 023214 0.229 63 021913 0.125 09 0.125 09 0.125 09

In the simulation, we set

cap=1, a=02,  a=03  c=1 a=-06  1=025  o,=4,

(4.4)
CQ@1 = 0.1, ng = 0.2, Q§2 = 04, H01 = 0.7, H02 = 1, H03 =1.2.
So
07 1 121"
(O <l . 45
H [ o ] (45)

It is not full column rank, so Hermite standard model [20] can be used to compute the
full-rank decomposition of HY), HD = FHUID, where

F=[07 1 12]", HM=[1 0] (4.6)

The simulation results are presented by Figures 1, 2, 3 and 4, Tables 1 and 2. In Figures
1, 2, 3 and 4, the y-coordinates of endpoints on real lines represent real values w(t), y-
coordinates of solid round points’ centers represent w(t | t + N), N = 0,1,2,3, y-coordinates
of hollow round points” centers represent wD(t|t+N), N=0,1,2,3. The y-coordinates of
hollow squares’ centers represent wID(t | t+ N), N =0,1,2,3. It can be seen that the results
are completely unanimous.

In Figure 1, it can be seen that at some specified time, the results of these three
algorithms are also completely the same. Figure 2 represents the sameness of estimation error
variances of the three fusion methods. The fusion accuracy is better than local estimation
accuracy of every single sensor.

These results all represent that WMF is completely equivalent to CMF, and the fusion
accuracy is higher than local estimation accuracy of each single sensor.

In the other aspect, it can be seen that when the filtering algorithm of CMF is used,
the dimension of ¥ (t) is 3 x 1, the Kalman filtering needs to compute the inverse matrix of
a 3 x 3 matrix at every time, while when the WMF Kalman filtering algorithm is used, the
dimension of fusion measurement v/ (¢) is 1 x 1, then the matrix inversion computation is
converted into scalar division, so the WMF method can obviously reduce the computational
burden.
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5. Conclusions

White noise deconvolution problems have great applications background in oil seismic
exploration. Under the condition that the white noise input matrix is full column-rank, the
centralized measurement fusion and weighted measurement fusion white noise estimators
are presented based on the projection theory, respectively. Their function equivalence
has been proved. Furthermore, the proposed weighted measurement fusion white noise
estimators can obviously reduce the computational burden.
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We address a state estimation problem over a large-scale sensor network with uncertain
communication channel. Consensus protocol is usually used to adapt a large-scale sensor
network. However, when certain parts of communication channels are broken down, the accuracy
performance is seriously degraded. Specifically, outliers in the channel or temporal disconnection
are avoided via proposed method for the practical implementation of the distributed estimation
over large-scale sensor networks. We handle this practical challenge by using adaptive channel
status estimator and robust L1-norm Kalman filter in design of the processor of the individual
sensor node. Then, they are incorporated into the consensus algorithm in order to achieve the
robust distributed state estimation. The robust property of the proposed algorithm enables the
sensor network to selectively weight sensors of normal conditions so that the filter can be
practically useful.

1. Introduction

The estimation problem for a multisensor environment has been investigated for two decades
[1-5]. Mainly two schemes are discussed to design the system: centralized fusion and
distributed fusion.

Centralized fusion is a fusion architecture composed of one fusion center linked
with multiple sensors. This architecture does not require a particular fusion rule; instead
observations from multiple sensors are stacked as one sensor measurement whose size is
very large. It is relatively easy to implement; however, communication bottle neck problems,
sensor scheduling, and lack of flexibility are known as disadvantages [1]. Furthermore, if



2 Mathematical Problems in Engineering

some communication channels between the central processor and sensor node are uncertain,
it is difficult to manage in an adaptive manner.

On the other hand, decentralized fusion has been studied in the literature to tackle
disadvantages of the centralized fusion [1]. Initial study of decentralized fusion is known
as a decentralized Kalman filter in [2] which is mathematically equivalent to the centralized
one. However, its usage is restricted only when sensor nodes are fully connected each other
[2]. Namely, only one kind of network topology is allowed (e.g., all-to-all communication).

Based on this observation, the distributed fusion algorithm is suggested to consider
issues in the practical implementation of the networked system [6]. For instance, the
distributed fusion is required to resolve a network topology, measurement outliers, that is,
sensor failure and limited communication bandwidth.

The network topology in multiagent systems has been actively investigated in control
community and applied in the sensor network [3]. It was assumed that the network has fixed
topology when sensor nodes are geometrically distributed and all communication channels
operate in normal.

In parallel, regarding uncertain communication channel, single Kalman filter with
intermittent observation gets explosive attentions in the network control system applications
[4, 5]. The main direction of conducted research was the stability analysis of the system under
uncertain communication channels [4]. In this case, it is assumed that the communication
channel uses TCP-like protocol that means that a packet is dropped based on its acknowl-
edgement. Afterwards it has been extended for multisensor network systems [5]. The authors
proposed the estimation algorithm using a sequential Kalman filtering using a set of recent
observations collected from adjacent linked nodes. A tree topology is exploited for each node
to understand the network topology of limited sensing range.

In another type of applications, however, we may not know the acknowledgement
of the packet when the channel link between sensors is not reliable or changed due to the
evolution of the network topology. For instance, mobile robots may change their topology
based on the agents’ location or there exit temporal disconnections in channels. In such cases,
the packet arrival event should be estimated.

Previous research in data fusion and intermittent observation problem basically
assumes that the noise statistic is known a priori, for example, Gaussian or bounded [4, 5, 7].
However, this assumption is often violated when outlier measurement happens.

The outlier can be originated from several practical challenges such as sensor failures,
measurement outliers, or even intentional jamming. To solve this problem robust statistics has
been investigated, for example, M-estimator [8]. L1-norm optimization was also considered
as a solution because it is common that L1-norm optimization is robust against the outlier
noise compared to the L2-norm optimization (e.g., Kalman filter). However, the use of L1-
norm is overlooked due to the computational complexity. With the help of advances in real-
time convex optimization, L1-norm optimization is recently revisited and its application is
rigorously investigated [9].

In this paper, we consider the estimation problem under multisensor environment
with uncertain communication channels. Main tasks to solve this problem are (1)
estimation of the channel status, (2) robust estimation to avoid outliers and uncertainty
in communication channels, and (3) measurement fusion algorithm regarding to (1) and
(2). The proposed work has a two-stage framework, that is, channel status estimation and
L1-norm optimization-based outlier rejection. Note that to the author’s knowledge there is
no intensive research in the model-based state estimation problem (e.g., Kalman filtering)
considering communication channel uncertainty over a large-scale sensor network.
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The remainder of the paper is organized as follows. Section 2 describes the problem
formulation and the Kalman-consensus filter is introduced as a basic framework. Proposed
algorithm is subsequently explained in Section 3 including channel status estimation, sparse
optimization via L1-norm optimization, and the modified robust Kalman-consensus filter as
an overall algorithm. A test example is provided to demonstrate the efficacy of the proposed
algorithm in Section 4. Then, conclusion is made in Section 5.

2. Problem Statement and Kalman-Consensus Filter
2.1. Problem Statement

Consider a time-invariant linear system with Jump Markov measurement model as

Xpe1 = AXy + wy,
2.1)

i

yt:C<yti>xt+v;'+z§, i=1,...,M,

where x; € R" is the state (to be estimated) and yf € R™ is the ith measurement of a node in
the network at time ¢, respectively. A € R™™" is the system matrix, and C(y/) € R™" is the
ith measurement matrix of the node governed by a random latent variable y! which describes
the measurement mode )/ = 1 for packet received; y/ = 0, otherwise. w; € R", v} € R"
and zi € R™; are system noise, measurement noise, and sparse noise in the measurement,
respectively. The sparse noise term z! models the outlier measurements whose magnitude
is considerably large compared to the observation noise; thus it cannot be modeled as the
standard Gaussian distribution. The process noise wy is independent identically distributed
(i.i.d.) N(0,Q) and the measurement noise vi is ii.d. N(0,R'). Assume that the initial state
Xp, the process noise, and the measurement noise are mutually uncorrelated each other.

Then, the main goal is to estimate the state x( given measurements from M sensors up
to time f, thatis, Y; = {yl,,...,y}M} where v, = {y/},..., yi}.

2.2. Kalman-Consensus Filter

In a large-scale sensor network, it is practically impossible that all the sensor nodes are
fully connected each other. Therefore, there should be data fusion algorithm to adaptively
aggregate sensor nodes into a globally reasonable estimate. In this study, we adopt a data
fusion algorithm using a consensus protocol combined with Kalman filters of each node,
called Kalman-consensus filter (KCF) [3]. Using a simple average consensus, individual
decentralized Kalman filter called micro-Kalman filter communicates information with its
neighbors and the state estimate. The flow of the information over the whole network is
possible due to the graph Laplacian of the network topology. As illustrated in [3], even
though the target state is partially observed with different groups of sensors and there is
no fusion center, individual nodes agree with the converged estimate of the state.

Compared to other data fusion algorithms, KCF has advantages when error-cross
covariance information is not available for pairs of sensor node. In addition, because the
sensor network topology is incorporated in the data fusion algorithm, local information is
propagated all over the network.
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In KCF framework, the communication topology between sensor nodes is represented
by the directed graph G = (V,E), where V = {1,2,..., M} denotes the sensor node set. The
edge set E C V x V describes the communication links between each pair of nodes. The
neighbor of sensor node i is defined as L; : J; = L; U {i}. KCF is implemented based on the
information from of Kalman filter for each node and the consensus protocol to approach the
global estimate as follows.

Assume that the latent variable y! is known. The estimation of the latent variable will
be given in following section. Then, contribution terms of the information Kalman filter are
calculated for each node as follows:

ai=(c(r)) (%) v
ui= (e()) (%) e ().

Based on the known communication topology G, each node broadcasts its message m! =
(ui, Uﬁ,fi), where Ei is the priori state estimate of the sensor node i and collects message
m; = (u{,lJ{,?f) from its neighbors. Then, all the contribution terms are aggregated as g/ =
ey, 1], S = Sy UL

With the aggregated contribution terms, each node calculates Kalman-consensus
estimate using update step and prediction step as follows.

(2.2)

Update:
. N-1 A\
M; = <(P;) + s;) ,
A (2.3)
%, =%+ Mi(gl - Six) + e M > (5 -x)
t1 T At t\ 8t Xt - t )
1 + ”M;” rE],‘
Prediction:
Pl — AMAT +Q,
. . (2.4)
E;Jrl — Ati;ﬂ’
where ¢ is the discretization step size and || - || denotes the matrix norm.

KCF is easy to implement compared to other data fusion algorithms and scalable for
large-scale networks [3]. However, it is assumed that the communication channel links are
operating in normal which is often not the case in practical situations. When the topology has
been changed, channel links are disconnected, or corrupted with outlier measurements, the
performance of the consensus algorithm is not reliable anymore.

In this technical note, we propose the robust multisensor consensus estimator to avoid
uncertainties in channel of the sensor network. We require three strategies to solve this
problem: (1) channel status estimation, that is, mode estimation, (2) outlier rejection, and (3)
data fusion. In the following section, we propose the robust Kalman-Consensus Filter based
on the channel mode estimation, sparse optimization using L1-norm.
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3. Main Results
3.1. Robust Kalman Filtering Using L1-Norm Optimization

Kalman filter is known as an optimal estimator in linear Gaussian system. However, when
the linear Gaussian assumption is violated in practice, additional modification is necessary.
Because the outlier measurement is not able to be modeled as Gaussian, we model the outlier
measurement as z. which is sparse. To alleviate the additional sparse noise, we adopt the
robust Kalman filtering via sparse optimization using L1-norm in [9].

The standard Kalman filtering without the sparse noise is given as follows.

Prediction:
’?iu—l = Ak\i—lh—l‘ (3.1)
Update:
4 . s NT/ o NT N
%, = %, + @), (C7) <c’o:>;‘t(c1) + Rl> (vi-C'lys ), (32)
where (Dil , is the state error covariance. Here, we assume that the channel mode is completely

known, that is, C(y) £ CL. In the least square problem, Kalman filter is to minimize the cost
function defined as

(o) (R) "of + (- ) (01) (- %) 53

subject to y! = Cix; + vl. The cost function of (3.1) is modified by adding regularization term
considering the sparse noise z; as

<U§>T<Ri)_1vi + (xt - filtq)T((DIt'\t)_l (xt - 2§|t—1> + /\”Zi”l (3.4)

subject to y! = Cix; + v} + z.. The minimization problem is solved using convex optimization.
A is the regularization parameter.

The cost function of (3.4) is rewritten using residual e} = yi — C:f;lt_l as

J= (ei-) wlet-=0) a2, ®5)

where W = (I-CK})"(R)(I - C'K}) + (K{) (@)K}, I is the identity matrix of
. o S -1
appropriate dimension, and K; = (Dzlt(C;)T(C;(D;‘ t(C;)T +R') is the Kalman gain. We solve

the minimization of the cost function defined in (3.5) for the sparse noise as follows:

z = argmin J. (3.6)

i
Zy
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Then the Kalman filter estimate is represented by
%, =X, + K| <e;' - 2;;). (3.7)

Unlike the implementation in [9], our goal is to estimate the sparse noises and reject them
from the measurements for the channel mode estimation in the next stage.

3.2. Channel Mode Estimation

Motivated by the work [10, 11], we try to estimate the channel mode y; using moving horizon
strategy. We denote the channel mode for the sensor node i as y/ which is the discrete random
variable. Assume that the evolution of the channel mode has the first-order Markov chain,
its transition probability i ; is the probability that the packet will arrive between time steps,
and conversely o1y represents the probability that the channel is switched off between time
steps. Then, Bayesian update of the channel mode probability, that is, Pr(y! | y! ;) in the
moving horizon [t — A, t] is provided as follows.
For each measurement mode, /=1 — y/ =1,and =0 — y/ =0.

Prediction:
Pr(y | yis) = maPr(yiy |y ) + on (1-Pr(yl, 1 viy)) (3.8)
Update:
Pr(yi | y) = — (f_P[r\(§P lr(yyiij)yi st At (3.9)
s s 1 Ysa

where the measurement likelihood of sensor node i at time s is defined as A, £ i -C (Yé)fc’;ls_l

and fils_l is the predicted state of local Kalman filter given in (3.1). Note that the recursion
given in (3.8)-(3.9) is iterated in moving horizon [t— A, t] to obtain the channel mode estimate
asy! = 1,if Pr(y!|y!) > Threshold,, or y! = 0, if Pr(y!|y!) < Thresholdy. In the channel mode
probability calculation, we assume that the channel modes is not switched to other mode
again at least within a steps. It is similar to the mode observability assumption given in [10].
Compared to the given assumption in [10], our assumption is not strict because we are not
trying to distinguish the sequence of the mode in the horizon but to obtain the stable estimate

of the current mode.

3.3. Overall Algorithm

In previous subsections we have discussed about robust Kalman filtering via L1-norm
optimization and the channel mode estimation based on the channel mode probability. In this
subsection, we combine two methods and suggest a robust data fusion algorithm to construct
the overall implementation of our algorithm.

The overall flow of the proposed algorithm is displayed in Figure 1. The dynamic state
process is observed from multisensors. To efficiently reject the sparse measurement outliers,
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1 1
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Figure 1: Overall flow of the proposed algorithm.
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L1-norm optimization is subsequently utilized. After trimming multiple measurements by
rejection of outliers, we estimate the channel mode of each sensor node and finally fuse
the set of estimate and measurement based on the consensus protocol which is explained
in (2.2)—(2.4). According to the overall flow of the proposed algorithm described in Figure 1,
we summarize the robust distributed fusion consensus filter in Algorithm 1.

Remark 3.1. Consider that error convergence of the algorithm L1-norm optimization and
measurement mode estimation are main concerns. When we modified Kalman filtering
update step with L1-norm optimization then, it is not Gaussian estimate anymore. So, it is
not straightforward to readily analyze the error convergence in modified Kalman filtering.
Therefore, it is remained as a future work for ours.

Remark 3.2. Considering the measurement mode observability, we follow the idea similar to
[10] that there is a minimum dwell time of the measurement mode switching. Thus, we set
the horizon window size A as the minimum dwell time of the measurement mode switching.
In practice, this value is the design parameter for the network. However, the value of the
delta is not that sensitive to the minimum dwell time of the channel, that is, tuning of the
delta is not that sensitive. In addition, in cases where frequent switching happens, we regard
it as outlier measurement and it will be handled via robust Kalman filtering step in L1-norm
optimization.

Remark 3.3. In the experiment, we set the horizon size as 5 when the switching probability is
a1 = a1 = 0.05. In our experiment, if the mode is switched within 7 step which is less than
the predefined horizon size A, then the performance of the channel mode estimator is not
reliable. Thus, as already explained in Remark 3.1, frequent switching would be considered
as permanent channel link break down. However, rather fast but not abnormally frequent
switching can be handled via switching Kalman filters (e.g. interacting multiple model filter
(IMM filter)).

4. Illustrative Example

In this section, we test the efficacy of the proposed algorithm with the state estimation
problem using a large-scale sensor network.
Given the target dynamics of a circular movement [3]

Xiy1 = Axt + Bwy, (41)
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Given Zm 1, error covariance, xt| .1, previous estimate, consensus
update parameter ¢, and the window size A.

1. Obtain measurement yti = C(yf)xt + ui + zi,i =1,...,N.

2. For each measurement solve L1-norm optimization problem,
reject outliers as glven in (3.5) and then obtain the trimmed
measurements: i; = y; — .

3. Calculate the mode probablhty Pr(y! | i_a.p)-

Given Pr(y/_, | Yia)s

Fors=t-A:
Evaluate measurement likelihood for .
Evaluate the Bayesian recursion (3.8)-(3.9).

End

Decide the channel mode 7! using threshold testing.

4. Compute contribution term of information state and matrix
such that

ul = (CiF) (R >‘1yz,
ui = (Ciri) (R Cirh).

5. Broadcast message mt (ut, Lll, Ai‘ ;1) to neighbors in L;.

6. Collect messages m; = (uj, U], X}, _,) from neighbors.

-1
7. Aggregate the information states and matrices of neighbors
including node i: ]1 L;u {1}

= ug, = > uj.
refi reji
8. Compute the Kalman—Consensus estimate:
. -1 .
(M) = (@}, +Si,
. . . Mi .
Ty = By + Ml = ST ) e ”Ml”%( fit-1 ~ Xig1)-

Prediction stage
@ — AMIAT +Q,

1)t

i i
Xppqp — AXy,e

Algorithm 1: Robust distributed fusion algorithm for node i.

where Ag = 2[{ '], Bo = 521, A = I + €A + (¢2/2) A3 + (¢2/6) A}, and B = B, In addition,
I, is a 2 x 2 identity matrix which is a discretized model with a step size ¢ = 0.015, and the
initial position and uncertainty are xo = (15,-10)" and Py = 10I,, respectively. A moving
target having a circular motion can then be observed via the large-scale sensor network of
100 sensor nodes as displayed in Figure 2. Here, the sensor nodes measure the target position
with uncertain communication channel links between nodes as

1

vi=C(y)xi+vl, t=01,...,i=1,...,100, (4.2)

where either

[l =1 o ([0 1] =1
c(n) = o o], ifyi=0, or (1) = o o], ifyi=o. (43)
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Figure 2: A large-scale sensor network with 100 nodes.

In the observation model, individual sensor measures either x-position or y-position. For
each sensor node we model the channel mode latent variable y; that describes the channel
condition. To simulate the true observation mode for each node, the mode switch in the
communication channel link is modeled as Pr(y} = 0) = Pr(u(0,1) < 0.01), where u(0,1)
is a uniform random distribution. We also model the evolution of channel mode variable as
the first-order Markov chain. In this case, the transition probability between modes is given
a priori. The observation noise for each sensor is white Gaussian noise with vi ~ N(0,30%V/1).
In addition, sparse noises are generated with the probability 0.05, whose magnitude is 10
times larger than that of the measurement noise.

4.1. Comparison with KCF

In the experiment we compare our proposed algorithm with standard KCF. Figure 3 simply
and clearly demonstrates that our algorithm is robust when there are practical challenges in
the network.

To show more clearly the robustness against the outliers, we select one sensor node
experiment. That is because in KCF framework, certain amount of uncertainty can be
aggregated via consensus update. The comparison of estimated trajectory with the ground
truth is given in Figure 4. Measurements are also displayed with outliers to show that the
proposed estimation in sensor node considerably improved mean square error (MSE) as
illustrated in Figure 5.

4.2. Comparison with Switching Kalman Filter

As mentioned in Remark 3.3, rather fast switching of the channel mode can be handled
more accurately via the IMM filter that is known as switching Kalman filter [12]. From our
experiments, the proposed method (i.e., observation mode estimation via moving horizon
strategy) is more accurate when the actual switching of the channel occurs in more than
A steps. It means that the moving horizon strategy guarantees us the stable estimate of
the observation mode when the minimum dwell time assumption is held as described in
Section 3.2. On the other hand, the IMM filter shows us slightly increased errors in this case
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Figure 3: Comparison of estimated trajectories ((a) ground truth with KCE, (b) truth with robust KCF).
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Figure 4: Comparison of estimated trajectories with measurements for single node (KF: micro KF; L1:
proposed, obs: measurements).

because the IMM does not determine the exact mode as 1 or 0. Instead, the mode probability
is calculated and utilized for weighted averaging. However, the IMM filter is more robust in
cases where mode switching frequently occurs. That is because there is no minimum dwell
time assumption in the IMM filter.

In terms of computational complexity, the IMM filter is implemented using two
parallel Kalman filters for each observation mode, that is, the complexity is approximately
O(2n?|E| + n*N), where n is the dimension of the state, N is the number of nodes, and |E| is
the number of edge (e.g., links) in the network, as already mentioned in Section 2. In contrast,
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Figure 5: Comparison of MSE.

the proposed algorithm requires a recursion for mode estimation within a horizon window;
thus, the complexity is approximated as O(nA|E| + n>N). Therefore, the proposed algorithm

is less complex than the IMM algorithm. Note that the complexity of the Kalman filter is
O(n?).

5. Conclusion

In this paper we propose a novel distributed data fusion algorithm that is robust against
outlier measurements and channel uncertainty. Outliers are rejected from the Ll-norm
optimization algorithm and the channel uncertainty is reduced using the measurement mode
estimation algorithm. For the implementation in a large-scale sensor network, we adopt the
KCF framework and test the framework with an object state estimation problem. Results
successfully demonstrate that the proposed framework is able to handle practical challenges.
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Multiresolution analysis for problems involving random parameter fields is considered. The
random field is discretized by a Karhunen-Loeve expansion. The eigenfunctions involved in this
representation are computed by a wavelet expansion. The wavelet expansion allows to control
the spatial resolution of the problem. Fine and coarse scales are defined, and the fine scales are
taken into account by projection operators. The influence of the truncation level for the wavelet
expansion on the computed reliability is documented.

1. Introduction

Reliability analysis for problems involving random parameter fields is concerned with the
solution of stochastic elliptic boundary value problems. For the solution of stochastic bound-
ary value problems, the random parameter field has to be discretized. This can be accom-
plished either by a Karhunen-Loéve expansion or a projection on a polynomial basis [1, 2]. As
a result of this discretization, the random parameter field can be approximated by an expres-
sion containing only a finite number of random variables. The reliability problem reduces
then to the computation of failure probabilities with respect to a finite number of random
variables.

After introduction of the discretization, the stochastic boundary value problem
becomes equivalent to a deterministic one, for which the approximation on the physical
domain, and on the stochastic domain can be treated differently. The deterministic boundary
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value problem can be solved by standard approximation methods. On the physical domain,
finite element (FE) approximations are prevalent. Galerkin projection methods or collocation
schemes on the stochastic domain give rise to stochastic Galerkin methods [1] and stochastic
collocation schemes [3-5]. Their theoretical foundation has been laid in [6-9], where
local and global polynomial chaos expansions were investigated and where a priori error
estimates have been proved for a fixed number of terms of the Karhunen-Loeve expansion.
Approximate solutions of the stochastic boundary value problem can be viewed as local
stochastic response surfaces [10] that depend on three parameters: a discretization parameter
for the physical domain, a discretization parameter for the stochastic domain, and the
discretization level of the input random field.

Although the focus of many investigations concerning the approximate solution of
stochastic boundary value problems lies on the computation of the first- and second-order
moments of the solution, already, in [1], reliability computation techniques were described,
that are based on series representations of the response distribution, on the reliability index,
or on Monte Carlo simulation methods. In most of the papers that followed, for example,
[11, 12] and references therein, either the reliability index, or simulation methods has been
employed. Alternatively, once the random field is discretized, sampling-based response
surfaces [13, 14] can be applied as well. Except for the stochastic Galerkin method, all
methods provide nonintrusive algorithms, which allow combining the solution procedure
with repetitive runs of an FE solver for deterministic problems.

In this paper, the focus is on the discretization of the random field itself. The dis-
cretization of the random field may enforce a rather fine FE mesh and thus increase the com-
putational effort. The Karhunen-Loeve expansion of the random field requires the solution of
an eigenvalue problem for the determination of the expansion functions. Recently, a wavelet
expansion of the eigenfunctions has been introduced [15]. The advantage of wavelet bases
resides in the fact that they are of localized compact support, which lead to sparse rep-
resentations of functions and integral operators. Moreover, the discrete wavelet transform
provides an efficient means to solve the integral equation related to the determination of
the eigenfunctions. Wavelet expansions have also been studied in the context of simulation
of random fields [16, 17] and for the solution of stochastic dynamic systems by polynomial
chaos expansion [18].

Here, the wavelet representation of the eigenfunctions is introduced into the stochastic
FE approximation procedure in order to control the spatial resolution of the eigenfunctions.
This leads to a multiresolution approximation scheme, where finer scales are taken into
account by projection operators. The truncation level of the wavelet expansion has been
identified as an additional parameter of the metamodel. As the multiresolution analysis
is based on the eigenfunctions involved in the Karhunen-Loeve expansion of the random
field, it can be combined with stochastic Galerkin, stochastic collocation, or sampling-based
methods. In this paper, only the latter are considered in the examples.

The paper is organized as follows: the next section gives an introduction to multireso-
lution analysis. Section 3 discusses random field discretization by Karhunen-Loéve expansion
with emphasis on wavelet approximations of the eigenfunctions. Section 4 provides basic
information on the approximate solution of the stochastic boundary value problem. Section 5
explains the proposed multiresolution approximation, and Section 6 gives some details on
reliability assessment. In Section 7, the proposed procedure is validated by examples and
relative errors for the failure probability are given. Finally, conclusions are drawn in Section
8.
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2. Multiresolution Analysis

A multiresolution analysis is a sequence of subspaces V; C L>(R), {0} c---cV,cViCcVpC
V.1 CV,C---C L*(R), with

Uy, =12®), (V;=1{0}, f()eV,= f<2j') €V, (2.1)

JEZ JEL

generated by a scaling function ¢ € L*(R) via ¢;i(x) = 272¢p(27x - k) and V; =

span{g;x | k € Z}. Especially, from ¢ € V C V_4, there is a sequence {h } 7 of real numbers,
such that

p(x) = V2D hep(2x - k). 2.2)

keZ

For every j € Z, denote with W; the orthogonal complement of V; in V;_1: V;.; = V; @ W;. It
follows that V,, = ®j>mi1 W, L*R) = ®jezWjand that f(-) e W; & f(Zf-) e Wy.
A wavelet is a function ¢ € L?(R) with

~ 2
0< _[ |# ) dw < oo, (23)
r Wl
where
§(w) = lim ()72 f ¢ (x) exp(—ixw)dx. (2.4)

It can be shown [19] that there exists a wavelet ¢ (x), such that g (x) = 277/2¢s(27x — k) is an
orthonormal basis for W;. Thus, any function f € L?(R) can be decomposed into

F=Puf+ 3 SUf 00wk 25)

j=—oo keZ

where P, is the projection operator on V,,. As we are interested in functions with compact
support, the second sum in (2.5) is finite. For m = 0, we have after truncation at level —v

0
F0) = D p0)por(x) + D) D (frwik)win +e(x), (2.6)

keZ j=—vkeZ

where the error e(x) is an element of W_,.1). Note that all sums are finite, if f(x) has compact
support.

The same representation can be obtained for functions L?(R¢) with d € N. For example,
for d = 2, the functions

ki (X, Y) = 2_j(p<2_jx - k1>(p<2"jy - kz), ki, k> € Z, (2.7)
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constitute an orthonormal basis of V; and the functions

W (y) =274(2Tx—k)p(27y - k), ki€,
(0 y) =279 (27x -k ) (2Ty ko), ik €2, 2.8)

‘If]t'j,lkl,k2 (x,y) = 2_j‘lf<2_jx - kl)‘l’(z_jy - k2>, ki, kz €7,

where superscript h stands for horizontal, v for vertical, and d for diagonal translation of the
unidimensional wavelet ¢s(x), constitute an orthonormal basis of W;.

3. Karhunen-Loéve Discretization of Random Fields

Let D be a convex bounded open set in R" and (L, ¥, P) a complete probability space, where
Q is the set of outcomes, ¥ the o-field of events,and P : ¥ — [0 : 1] a probability measure.

We consider a random field @ : D x Q — R that has a continuous and square-
integrable covariance function

C(x,y) = fQ(a(x,w) - E[a](x))(a(y,w) — E[a](y))dP(w), (3.1)

where the expectation operator E[a](x) = fg a(x,w)dP(w) denotes the mean value of the
random field. It is assumed that a(x, w) is bounded and coercive, that is, there exist positive
constants dmin, dmax, such that

P(w e Q: amn < a(x,w) < amax VX € D) = 1. (3.2)

Due to the properties of the covariance function, the operator T : L?(D) — L*(D),
Tw = f C(x,y)w(x)dx, (3.3)
D

is compact and self-adjoint and thus admits a spectrum of decreasing nonnegative
eigenvalues {\;}72;,

ID C(x, y)wi(x)dx = Liw;i(y). (34)

The corresponding eigenfunctions {w;(x)}; are orthonormal in L?(D). The random varia-

bles given by

b(w) = \% fD(o«x, w) - Ela] (x))w; (x)dx (35)
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are uncorrelated (but in general not independent), have zero mean and unit variance, and
allow to represent the random field by the Karhunen-Loéve expansion

a(x,w) = E[a](x) + 3V (w)wi(x), (3:6)
i=1

that converges in L?(D x Q) [20]. Conditions for stronger convergence properties are given
in [8]. The Karhunen-Loeve expansion is usually truncated by retaining only the first M
terms. In order to keep the computational effort small, a fast decay of the spectrum of (3.3)
is important. It is shown in [21] that fast eigenvalue decay corresponds to smoothness of the
covariance function.

The solution of the Fredholm integral equation (3.4) can be computed by means of
the wavelet basis introduced before (cf., e.g., [15]). For the kth eigenfunction wi(x), an
approximation with a finite number of basis functions ¥;(x), i = 1,2,...,n, of Vo and W,
0<j<-v,is given by

Wi (x) = id;k)‘lfi(x). (3.7)
i=1

A Galerkin technique can be applied in order to compute the eigenvalue Ax and the
coefficients of the normalized (fD ZTJi (x)dx = 1) approximate eigenfunctions. To this end,
the representation (3.7) is inserted into the Fredholm integral equation (3.4) and the equation
is multiplied with a basis function ¥;(y). After integration over the domain D, one obtains
the algebraic eigenvalue problem

D (IIDC(x,y)Ti(x)Tj (y)dx dydf")) =4d,  j=12,...n, (3.8)
i=1

where the coefficients on the left hand side can be obtained from discrete wavelet transforms
of the covariance function C(x, y).

More details and convergence studies for this approximation of the eigenfunctions
may be found in [15]. Here, the decomposition is introduced in order to obtain a coarse
approximation (by taking scales until a certain level —y > —v into account) and a fine
approximation (scales from —p — 1 to —v).

4. Stochastic Linear Elliptic Boundary Value Problems

Consider the following model problem with stochastic operator and deterministic input
function on D x Q: find u : D x Q — R, such that P almost surely:

-V a(x,w)Vu(x,w) =g(x) on D, u(x,w)=0 on oD. (4.1)

It is assumed that the deterministic input function g(x) is square-integrable.
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We are interested in the probability that a functional F(u) of the solution u(x,w)
exceeds a threshold Fy, that is, we want to evaluate the integral

Pr = jg (o (F(u(x,)))dP(w), (4.2)

where yi(-), the indicator function, assumes the value 1 in the interval I and vanishes
elsewhere.

The variational formulation of the stochastic boundary value problem necessitates the
introduction of the Sobolev space H& (D) of functions having generalized derivatives in L?(D)

and vanishing on the boundary 0D with norm ||”||H3(D) = (fD |Vu|2dx)1/2, the space L%,(Q) of

square integrable random variables and the tensor product space H} (D) ® L%(Q) of H}(D)-
valued random fields with finite second-order moments, equipped with the inner product

(u,U)Hé(D)®LZ(Q) = J‘Q J‘D Vu(x,w) - Vo(x,w)dx dP(w). (4.3)

The variational formulation of the stochastic linear elliptic boundary value problem (4.1) then
reads find u € Hj(D) ® L3(Q), such that for all v € Hy (D) ® L% (Q):

f J a(x,w)Vu-Vvdde(w):J f g(x)v(x, w)dx dP(w). (4.4)
eJp eJp

The assumptions on the random field a(x, w) guarantee the continuity and coercivity of the
bilinear form in (4.4). Existence and uniqueness of a solution to (4.4) follow from the Lax-
Milgram lemma.

For a prescribed, uniformly bounded random field a(x,w), the random variables
¢i(w) in (3.6) would be dependent non-Gaussian random variables whose joint distribution
function is very difficult to identify. If, on the other hand, independent but bounded
distributions are prescribed for ¢;(w), i = 1,2,..., M, the random field a(x,w) is not
necessarily bounded for M — oo. Thus, one is left with Gaussian distributions for ¢;(w)
and a(x,w), with transformations of Gaussian random fields [22] or with some situations,
where nonnegative distributions for ¢;(w) lead to meaningful (e.g., Erlang-) distributions for
a(x,w).

Some authors [11, 23] consider models that contain a finite number of random
variables as parameters of a boundary value problem. For this kind of problems, Babuska et
al. [8] investigate convergence properties of several approximation schemes. The examples
studied in this paper belong to this class of problems. It is henceforth assumed that the
random field a(x, w) is given by a truncated sum

M
am(x,w) = E[a](x) + Z\/Ri (w)wi(x), (4.5)
i=1

where ¢;(w) are continuous and independent random variables with zero mean and unit
variance, where I'; = ¢;(Q2) are bounded intervals in R and the parameters \; and functions
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w;(x) are the first M eigenvalues and corresponding eigenfunctions of the operator (3.3). In
the examples, ¢;(w) are Gaussian random variables truncated at +30, o = 1.

The representation of ajr(x,w) by a finite number of random variables allows to
consider a deterministic auxiliary problem:

M
V. <E[a] (x) + Z\/)Tiyiwi(x)> Vu(x,y) = g(x), for (x,y) eDxT, (4.6)
i-1

where T' = [TM T; ¢ RM. From the expression for u(x,y), one obtains u(x, w) by replacing
the vector y with the vector of random variables ¢;(w),i=1,2,..., M.

This equation is discretized on finite dimensional approximation spaces for the
physical domain. For H}(D), a family of standard FE approximation spaces X C H(D) of
continuous piecewise linear functions in a regular triangulation C;, of D with mesh parameter
h is considered.

Denote with N;(x), i = 1,2,...,N, a basis of X;, C HS(D). The solution u(x,y) is
approximated by

N
u(x,y) = > ui(y)Ni(x). 4.7)
=1

For a fixed value y, the unknown coefficients u;(y),i = 1,2,..., N, can be computed from the
solution of the FE problem

<K<0> n fK(S)ys>u(y) =8 (4.8)
s=1

where the matrices K©, K®, s =1,2,..., M and the vector g are given by

Kf?: f E[a](x)VNi(x) - VN;(x)dx, (4.9)
D
Kf? = f w,(x) VN;(x) - VN (x)dx, (4.10)
D
g =I ¢)N;(x)dx, i,j=1,2,...,N, (4.11)
D

and u(y) is the vector containing the nodal displacements u;(y), i =1,2,..., N, for the fixed
value y. The matrices K®, s=1,2,...,M, can be interpreted, for example, as FE stiffness
matrices for a spatial variation of elastic properties.

5. Multiresolution Approximation

By means of multiresolution analysis, each of the matrices K in (4.10) can be decomposed

as K® = K¥ + Kjf), where K& contains the low-frequency content, expressed by the
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multiresolution scheme until the level -y, while K;S) takes the high frequency content of the

levels —p — 1 until —v into account.
Given a fixed value for y, the decomposition of K leads to a decomposition of the
global stiffness matrix:

(KC + Kf)u =8 (51)

where K, = K° + 3™ K and K ;= >M Kj,s). Also the solution u is decomposed into u,
and uy, where u, is represented on a coarse mesh and uy on a fine mesh. With the help
of an interpolation matrix P, the solution u is written as u = Pu. + uy. Inserting these

decompositions into equation (5.1) leads to

K.Pu, + Kcus + KfPu, + Krup = g. (5.2)

This equation is split into
K.Pu. =g, (5.3)
Kous + KfPu, + Kuy = 0. (5.4)

Multiplication of the first equation with PT projects this equation onto the coarse mesh:
P'K Pu. = PTg. (5.5)

For uy, a coarse mesh approximation is computed in the following manner:

(i) the term Kyuy in (5.4) is neglected;

(i) uy is represented on the coarse mesh by uif, thus uy = Puy.

After multiplication of (5.4) with PT, one then obtains
P'K Piif = -P"K/Pu, (5.6)

for the coarse mesh approximation tis of us. Thus, the linear system of equations in (5.5) and
(5.6) has to be resolved only on the reduced set of degrees of freedom given by the coarse
mesh, which saves a considerable amount of CPU time. The interpolation matrix P can be
generated from FE interpolation functions.
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6. Reliability Assessment

Once the algebraic problems are solved and the correction to the coarse scale solution is com-
puted, an approximation for u(x, w) has been obtained. The approximation quality depends
on the following parameters:

(i) partition of the physical domain and the stochastic domain,
(ii) truncation of the Karhunen-Loéve expansion (M),

(iii) wavelet scales (p, v).

The wavelet scales u,v appear as an additional parameter that influences the
approximation quality.

For solving reliability problems, (4.8) yields a functional relationship between the
input random variables and u(x, y). It is then possible to compute the most probable point of
failure (MPP), that is, the point ¢ € I’ with F(u(x,¢)) = Fo with lowest Euclidean norm. The
norm of the MPP may serve as a control variable for the approximation quality and for the
adaptation of the parameters mentioned above.

The MPP may also be useful for the evaluation of the integral in (4.2) by means of
variance reduced Monte Carlo simulation (importance sampling). To this end, a sampling
density p(y) is introduced by shifting the original probability density function p(y) of
the random variables ¢;j(w), i = 1,..., M, to the previously obtained MPP, and (4.2) is
approximated by

Pp = ]NZl st (F(u(x 7)) %ﬁ (v), 6.1)

where the sampling points y/, j = 1,2,..., N, are generated according to p(y).

7. Examples
7.1. Example 1: Clamped Square Plate

The first example deals with a standard problem for stochastic FE techniques, a clamped thin
square plate under uniform in-plane tension g (cf. [1]). The problem is depicted in Figure 1.
The plate has unit length I. The product of Young’s modulus and the thickness of the plate
are assumed to be an isotropic normal random field with covariance function

x| —Xx -
C(x1,y1;%2, ) = 02exp<—| 11 2l |y11 y2|>, (7.1)
x y

with standard deviation o = 0.2 and unit mean value. Poisson’s ratio is set to 0.3.

A first investigation is concerned with the efficiency of the multiresolution analysis.
To this end, relative errors for the maximum longitudinal displacement have been computed
by comparing the coarse mesh—coarse level (4 = —1) solution and the coarse solution
corrected by the fine level solution (v = —4) to the fine mesh—fine level reference solution
(i.e, p = 0, v = —4). Dividing the relative error of the coarse scale solution by the relative
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Figure 1: Thin square plate under uniform in-plane tension.
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Figure 2: Efficiency of the multiresolution scheme with respect to the number of Karhunen-Loeve expan-
sion terms.

error of the corrected solution yields an improvement factor that indicates the efficiency of
the multiresolution correction. For a coarse mesh of 2 x 2 quadrilateral elements only and a
fine mesh of 4 x 4 quadrilateral elements, Figures 2 and 3 display the improvement factors for
a varying number of Karhunen-Loéve expansion terms and for a variation of the correlation
length I, = I, = [, respectively. Here and in the following, the fine mesh is generated from the
coarse mesh by halving the edge length of the elements. For Figure 2, the correlation length
was I, = 0.5, and, for Figure 3, 12 Karhunen-Loéve expansion terms have been retained. The
figures reveal that the multiresolution scheme is more efficient if fluctuations become more
important, that is for a large number of Karhunen-Loéve expansion terms and low correlation
lengths.

Next, the influence of the multiresolution correction on the prediction of failure
has been investigated. A threshold value of 1.5 is assumed for the maximum longitudinal
displacement, and failure occurs if the maximum longitudinal displacement exceeds this
threshold value.

The random field has been discretized by a Karhunen-Loéve expansion with M = 4
terms for a correlation length [, = 1. The eigenfunctions were computed either on a coarse
(8 x 8 elements) or a fine (16 x 16 elements) mesh. A reference solution MPP has been
computed on the fine mesh including up to seven scales for the wavelet expansion of the
eigenfunctions, and a reference result for the failure probability has been obtained on the
fine mesh from importance sampling with 30000 samples. These results allow to evaluate the
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Figure 3: Efficiency of the multiresolution scheme with respect to the correlation length.

24 T T

221 1
20 1
18 1 1
16 - 1
14 + 1

Relative error (%)

12 + 1
10 + 1

Wavelet level

Figure 4: Relative error of the norm for the MPP.

error due to the multiresolution scheme. To this end, relative errors for the Euclidean norm of
the MPP and the failure probability with respect to the reference results have been computed
from the multiresolution scheme with one coarse level (# = —1) and up to seven fine levels.
Figure 4 presents the development of the relative errors for the norm of the design point.

Figure 5 displays the relative error of the failure probability. From the figure, an
exponential decrease of the error with respect to the number of fine scales involved can be
deduced. The coarse mesh solution needed less than half of the CPU time of the fine scale
solution.

7.2. Example 2: Soil-Structure Interaction

The second example, previously introduced in [24], considers a soil structure interaction
problem. In contrast to the first example, it deals with an anisotropic autocorrelation function
of the random field and an anisotropic FE mesh. The settlement of a foundation (width
2B = 10m), represented by a uniform pressure of 0.2 MPa, on an elastic soil layer of thickness
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Figure 5: Relative error of the failure probability.

Figure 6: Soil structure interaction problem.

t = 30m lying on a rigid substratum, is investigated. A plane strain deformation of the
soil is assumed with linear elastic material properties (cf. Figure 6). The Young’s modulus
is assumed to be a random field with mean value 50 MPa, 20% coefficient of variation,
and an exponential correlation function as in (7.1) but with correlation length I, = 250m,
I, = 100m. Poisson’s ratio is set to 0.3. Six truncated Gaussian random variables (M = 6) for
the representation of the random field have been considered.

Starting from the center of the foundation, the right half of the soil layer is meshed
by quadrilateral finite elements until a length of L = 60m, as indicated in Figure 6. The
coarse mesh consists of 24 elements, while the fine mesh is divided into 96 elements. The
reliability problem deals with the displacement of point A in Figure 6, situated at the
center of the foundation and on the surface of the soil, where the vertical displacements of
the corresponding deterministic problem (i.e., considering only the mean value of Young’s
modulus) attain their maximum. Failure is defined as exceedance of a limit value of 0.1 m for
the vertical displacement at point A. Figures 7 and 8 summarize the behavior of the relative
errors for the Euclidean norm of the MPP and for the failure probability, respectively. As
in the previous example, y has been set to —1 and v has been varied. It can be seen that,
while the error in the norm is relatively small, rather large errors for the probability of failure
may occur. As in the previous example, the relative error for the failure probability decreases
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Figure 8: Relative error of the failure probability.

exponentially with the wavelet level —v; however, this decrease starts only after taking a
certain number of fine scales (4 and more) into account.

8. Conclusions

In this paper, wavelet-based Karhunen-Loéve expansion has been extended to multiresolu-
tion analysis of stochastic FE problems. The proposed procedure allows to include fine scale
corrections of the FE solution by means of coarse mesh computations. Improvement due to
these corrections has been highlighted by examples, and it could be seen that the relative
error of the failure probability decreases exponentially with the wavelet level.

Although the procedure has been combined in this paper to importance sampling-
based computation of failure probabilities, it applies to stochastic Galerkin and stochastic
collocation methods as well, because it is solely based on the decomposition of the Karhunen-
Loeve eigenfunctions. However, it relies on linear problems.

Typical applications for multiresolution analysis in the context of stochastic FE
methods arise in multiscale analysis of material properties, especially if there is scale coupling
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and length scales that correspond to the length scales of the representative volume element
have to be taken into account. For this kind of application, the limitation of wavelets to rather
simple geometries, as those in the examples, will not be a drawback, since simple geometries
are frequently used on the micro- and mesoscale and more complex geometries could be
embedded into simple ones for the solution of the Fredholm integral equation.
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The robust reliable H,, control problem for a class of nonlinear stochastic Markovian jump
systems (NSMJSs) is investigated. The system under consideration includes Ito-type stochastic
disturbance, Markovian jumps, as well as sector-bounded nonlinearities and norm-bounded
stochastic nonlinearities. Our aim is to design a controller such that, for possible actuator
failures, the closed-loop stochastic Markovian jump system is exponential mean-square stable with
convergence rate & and disturbance attenuation y. Based on the Lyapunov stability theory and Itd
differential rule, together with LMIs techniques, a sufficient condition for stochastic systems is first
established in Lemma 3. Then, using the lemma, the sufficient conditions of the solvability of the
robust reliable H,, controller for linear SMJSs and NSM]JSs are given. Finally, a numerical example
is exploited to show the usefulness of the derived results.

1. Introduction

In the past few decades, Markovian jump systems (MJ]Ss) have been considerably studied
since this kind of hybrid systems consists of a number of subsystems and a switch signal,
which includes applications in safety-critical and high-integrity systems (e.g., aircraft,
chemical plants, nuclear power station, robotic manipulator systems, large-scale flexible
structures for space stations such as antenna, and solar arrays) typically systems, which may
experience abrupt changes in their structure, see, for example, [1] and the references therein.
And now, some results of stability and stabilization for It6 type stochastic Markovian jump
systems are also available in many papers, see, for example, [2-4] and the references therein.

The analysis and synthesis problems of Markovian jump systems (M]Ss) or stochastic
Markovian jump systems (SMJ]Ss) have attracted plenty of attention from many researchers.
Many important and remarkable achievements reasonable have obtained. If the control
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systems possess integrity against actuator and sensor failures, we called reliable control
systems or fault-tolerant control systems [5]. Recently, the robust reliable control and
filtering problems for time-delay systems or Markovian jump systems (M]JSs) have attracted
considerable attention, and several approaches have been developed, see, for example, [6—
11] and the references therein. Via linear matrix inequalities (LMlIs), the authors designed
the robust reliable H,, controller for uncertain nonlinear systems [6]. In [7], for admissible
uncertainties as well as actuator failures occurring among a prespecified subset of actuators,
Zhang et al. studied the reliable dissipative control of Markovian jump impulsive systems.
The reliable H,, control problem for discrete-time piecewise linear systems with infinite
distributed delays have been investigated in [8]. Recently, the study of stochastic H,
filtering for the systems governed by stochastic It6-type equations has attracted a great
deal of attention, and Zhang and Chen [9] firstly solved the nonlinear stochastic delay-
free H,, filtering problem by means of a stochastic bounded real lemma derived in [10].
The reliable H, filtering problems for discrete time-delay systems with randomly occurred
nonlinearities [11] and discrete time-delay Markovian jump systems with partly unknown
transition probabilities [12] also has been studied, respectively. The reliable control problem
for a class of Markovian jump systems with interval time-varying delays and stochastic
failure is studied in [13]. In recent years, the research begins to focusing on robust reliable
control problems for stochastic systems or stochastic switched nonlinear systems, see, for
example, [14-16] and the references therein.

However, all the aforementioned results are mainly focusing on the reliable control
and filtering problems of discrete-time-delay systems and Markovian jump systems. Up
to now, to the best of the authors” knowledge, the robust reliable H, control problem for
nonlinear stochastic Markovian jump systems (NSMJSs) has not been fully investigated,
which is an open problem and gives the motivation of our present investigation. In this paper,
our aim is to design a robust reliable H,, controller for NSM]JSs, such that the NSMJSs are
globally mean exponential stable with convergence rate a and disturbance attenuation y.

1.1. Notations

Throughout this paper, for symmetric matrices X and Y, the notation X > Y (resp., X > Y)
means that the Matrix X-Y is positive semidefinite (respectively, positive definite). I is an
identity matrix with appropriate dimensions; the subscript “T” represents the Transposition.
E(-) denotes the expectation operator with respect to some probability measure P. £, [0, co)
is the space of square integrable vector functions over [0, o0); let (2, ¥, P) be a complete
probability space which is relative to an increasing family (¥:),., of o algebras (¥:),.9 C ¥,
where Q is the samples space, ¥ is ¢ algebra of subsets of the sample space, and P is the
probability measure on .|| - ||, = [[E()[l,, while || - [|, stands for the usual £5[0, o) norm, R"
and R™™ denote the n dimensional Euclidean space and the set of all n x m real matrices,
respectively. In this paper, we provide all spaces K,k > 1 with the usual inner product
(-,-) and its corresponding 2-norm|| - ||. Let L2(Q, K¥) denote the space of square-integrable
Kk-valued functions on the probability space (Q,¥F,P). For any 0 < T < oo, we write
[0, T] for the closure of the open interval (0,T) in R and denote by L7 ([0, T]; L%(Q,KK)) the
space of the nonanticipative stochastic processes y(-) = (y(-)) te[0,7] with respect to (F+t)eqo,1]

satisfying [ly ()7, = E(fy ly(®)IPde) = [§ EQly(®)IP)dt < oo, V (x(8),£,7(t) = i) = V(x(8), i),
A(r(t) = i) = A B(r(t) = i) = B, Ao(r(t) = i) = Aw, Bo(r(t) = i) = By, C(r(t) = i) =
Ci, D(T’(t) = l) = D,’.
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2. Problem Formulation and Failure Model

In this paper, we mainly consider the following nonlinear stochastic Markovian jump systems
(NSM]JSs) with actuator failures:

dx(t) = [A(r(B)x(t) + Br())w! (t,7(t)) + E(r(t)v(t) + f(r(), x(8))]
+|Cr®)x®) + D)W (1) + Hr®)ot) + g(r(t), x(1)|dew(®),

z(t) = J(r(t)x(t),

x(to) = xo,

(2.1)

where x(t) € R" is the system state, u/(t) € R' is the control input of actuator fault,
v(t) € RI is the exogenous disturbance input of the systems which belong to £,[0, ),
z(t) € R’ is the system control output, w(t) is a zero mean real scalar Weiner processes on
a probability space (Q, ¥, P) relative to an increase family (¥:)., of o algebras (¥:).o C ¥.
Ai, B, E;, C;, Dj, F;, Hi, ]; are the known real constant matrices with appropriate dimensions.
Morever, we assume that

E(dw(t)) =0, E((dw(t))2> = dt. (2.2)

Let r(t), t > 0, be a right-continuous Markovian chain on the probability space taking
values in a finite state space S = 1,2,..., N with generator I' = (\;;) NN Siven by

{AijA+o(A) if i#],
Plr(t+A)=j|r(t) =i} = (2.3)
1+ XA +0(A) ifi=j,

where A > 0. Here \;; > 0 is the transition rate from manner i to manner j, if i# j while
Ai = — Z]-#i Aij. We assume that the Markovian chain r(-) is independent of the Wienner
process w(:). It is well known that almost every sample path of r(t) is a right-continuous step
function with a finite number of simple jump in any finite subinterval of R, (:= [0, +o0)).

f(,) : SxR* — R"is a unknown nonlinear function which describes the system
nonlinearity satisfying the following sector-bounded conditions:

(fi(x(1)) = Tux) " (fi(x (b)) - Tuix) <0, i€S, (24)

g(,-) : Sx R* — R" also is a unknown nonlinear function which describes the stochastic
nonlinearity satisfying the following:

gF (x(1)gi(x(1) <x"GIGix, i€S, (2.5)

where Ty;, T»;, G; are known real constant matrices with approximate dimensions.
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Remark 2.1. The nonlinearities fi(x(t)) are bounded by sectors, which belong to [Li;, L],
and are very general that include the usual Lipschitz conditions as a special case which is
considerable investigated and includes several other classes well studied nonlinear systems
[17-19]. The nonlinearities g;(x(t)) satisfy the norm-bounded conditions.

When the actuator experiences failure, we use uf (t,7(t)) to describe the control signal
form actuators. Consider the following actuator failure model with failure parameter F;:

ul () = Fui(t), (26)

where F; is the actuator fault matrix with

Fi:diag(filrfiZI"~/fim)/ OSJ_EUsz]Sf”, .71]21/]:1/2//1/” (27)

In which the variables f;; quantify the failures of the actuators. f;; = 0 means that jth
actuator completely fails, and f;; = 1 means that the jth actuator is normal.
Define the following:

F fz + fz]
. =ij 7Y
Foi = diag(foit, foiz, - - -, foim) = foij = — (2.8)
_ o _ T.—F. fij_i..
= d1ag<f011,f0iz,-.-,f0im> =— 5 =, foj= 5 7, (2.9)
and hence, the matrix F; can be rewritten as
F; = Foi + A; = Fo; + diag (@i, @i, - - -, Yim), lpij| < fij/ j=12,...,m. (2.10)

In this paper, our aim is to design the controller u;(t) = Kix(t), i € S, such that the
closed-loop systems satisfy the following conditions:

(i) without the exogenous disturbance input (i.e., v(t) = 0), the closed-loop control
systems (2.1) are globally exponentially stable with convergence rate a > 0;

(ii) with zero initial condition (i.e., x(fp) = 0) and nonzero exogenous disturbance input
(i.e., v(t) #0), the following inequality holds:

T T
lzllg, < y||v||2<i.e., L T (H)z(t)dt < y? fo vT(t)v(t)dt>. (2.11)

If the above two conditions hold, we also called the systems that are exponential mean-
square stable with convergence rate « and disturbance attenuation y.
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3. Main Results

Lemma 3.1 (Schur complement lemma [20]). For a given matrix S = (S*‘ g;) with ST =
S1, SY = Sy, the following conditions are equivalent:

(1) <0,

(2) S, < 0,51 - 855,51 <0,

(3) 51<0,5, - S55;'St <.

Lemma 3.2 (see [21]). Let x € R" and y € R". Then, for any positive scalar €, we have

y+yx<exTx+e'yy. (3.1)

3.1. Robust Reliable H, for LSM]Ss

To obtain our main results, we first consider the following linear stochastic Markovian jump
systems (LSM]JSs) without control input:

dx(t) = [Aix(t) + E;o(t)]dt + [Cix(t) + Hyo(t)]dw(t),
z(t) = Jix(t), (3.2)

x(to) = Xq.

Lemma 3.3. Suppose that P(t,r(t)) > 0 is continuously differentiable, then the systems (3.2) are
exponential mean-square stable with convergence rate a and disturbance attenuation y if and only if
the following matrix functional inequalities hold:

M;t)+JI'J; PBE; CT
Zi(t) = * -y’ Hf <0, i€S, (3.3)
* * —Pifl(t)

where M;(t) = AT Pi(t) + Pi(t) A + P(t) + X jcs Aij P (1).
Proof. At first, let v(t) = 0, and defining the following Lyapunov function:
V(x(b),t,i) = V(x(t),t,r(t) =i) =x" (P () =i)x(t) = x" (O P(1)x (D). (3.4)
By Ito formula, we get the following:

LV (x(b),1,1) = xT (1) <Mi(t) + CiTPi(t)Ci>x(t), (3.5)

the matrix function inequalities (3.3) imply that £V (x(t),t,i) < 0, and let a; = Amax(—=Zi(t)),
a = maX;es(a;), where A« () means the maximum eigenvalue of matrix (-), and we have

LV (x(t),t,i) < —ax (t)x(t). (3.6)
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Hence

d[e™V (x(t),t,i)] = ae™V (x(t),t,i) + e¥dV (x(t),t,i)
3.7)
< (ba — a)e™||x(®)|* + e 2xT (1) P;(£) Cix (t) dw(t),

where b; = suptZtO{Amax(B(t))}, and b = max;es(b;). Integrating the both sides of above
inequality from t; to Tand taking expectation, we obtain that

T

Ee*T [V (x(T),T,i) - V(xo,to,i)] < (ba - a)EI e™||x(s)|*ds. (3.8)
to
Set & = a/b, and the following inequality is obtained:

e min min (P(D)Ellx(D)I” < E[eV(x(T), T,)| < EV (xo,to, 1), (3.9)
1€
which implies that

E||lx(T)||* < EV (xo, to, i) ! el (3.10)

N O mingesAmin(P(T)) '

That is to say that the stochastic systems are globally exponentially stable with
convergence rate a > 0.

Then, considering the stochastic H,, performance level for the resulting systems (3.2)
with nonzero exogenous disturbance input (v(t) #0), for any ¢ > 0, we define that

J(t) = E{f [zT(s)z(s) - Y2UT(S)U(S)]ds}. (3.11)
0
By general It6 formula, we get he following:
J(t) = E{ ft [zT(s)z(s) — 20T (s)o(s) + ,ZV(x(s),s,i)]ds} — E(V(x(t),1,i))
to

< E{r [zT(s)z(s) - y*0" (s)v(s) + LV (x(s), s, i)]ds} < E{It ﬂT(S)Qi(S)n(s)ds},
° 0
(3.12)

(O+]7Ji PL(OE; ] "\
where 77 (t) = (xT ()07 (£)), Qi(t) = (ME“;:({)I Pf;;f ) + <§ )P,-(t) ( 13> From (3.3) we know
that Q(t) < 0, which implies that

J(t) <0. (3.13)

Therefore, the inequality ||z||g, < y||v[|, holds. The proof is completed. O
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In the following time, we consider the following linear stochastic Markovian jump
systems (LSM]Ss) under the state feedback controller:

dx(t) = [(Ai + B;FiK;)x(t) + Ejv(t)]dt + [(C; + D;F;K;)x(t) + Hyo(t)]dw(t),
z(t) = Jix(t), (3.14)
x(to) = Xy.

Theorem 3.4. If there exist the positive matrices X; > 0, and the constant matrices Y; with
approximate dimensions, such that the following LMIs hold

©1 E Op O3
* —YZI HlT 0

e = <0, i€s, (3.15)
* *x =X; 0

* * * Oy
where @il = XIAIT + A; X; + BiFiYi + YITFlTBlT + -)LiiXi/ @iZ = XICIT + YITFITDIT,

O = <\/)ti1Xi oAV iaXe ViiaXe o VAN X Xi]iT>/

®i4 = diag(_xll ey _Xi—lr _Xi+1/ ey _XNI _1)/

(3.16)

then the LSM]Ss (3.14) are exponential mean-square stable with convergence rate a and disturbance
attenuation y. In this case, the desired controllers are given as follows:

K; =YX (3.17)
Proof. Defining the following Lyapunov function:
V(x(t),t,i) = V(x(t),t,rt) =i) =x"({)Px(t). (3.18)
By Lemma 3.3, and similar to the proof of Lemma 3.3, we can get the following:

LV (x(t),t,1) <7’ ()Zin(t), (3.19)

M; PE; CI'+K!FI' D
where Z; = ( * —y2I HT >M, = (Al + BiFiK,')TPi + Pi(A,' + BiFiKi) + Z]ES )LUP]

* * - Pi'1
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Using Schur complement lemma together with contragredient transformation, we
know that LMIs (3.15) imply that Z; < 0. So we have

J(t) = E f; [zT(s)z(s) - ysz(s)v(s)]ds}

=E J‘t [ZT(s)z(s) -y*0! (s)v(s) +£V(x(s),s,i)]ds} — E(V(x(t),t,1)). (3.20)
to

Jd [ZT(S)Z(S) — 20T (5)v(s) + LV (x(s), s, i)]ds} <0.
0

Therefore, the inequality ||z||, < y[|v|l, holds. The proof is completed. O

Theorem 3.5. If there exist the positive matrices X; > 0, the positive diagonal matrices R; > 0, and
the constant matrices Y; with approximate dimensions, such that the following LMIs hold:

On E ©n O3 BR Vel
s 2T H' 0 0 0
~ * * —Xi 0 DiRi 0
O = <0, i€s, (3.21)
* * * Oy 0 0
* * * *  —R; 0

where éil = XlAIT + AiXi + B,’FioYi + YITFII(;BIT + )‘iiXi/ éi2 = X,ClT + YITFI)DlT, Then the LSM]SS
(3.14) are exponential mean-square stable with convergence rate a and disturbance attenuation y. In
this case, the desired controllers are given as follows:

Ki =YX (3.22)
Proof. Noticing (2.10), we can see that ©; in (3.15) can be rewritten as
©; =i+ [BT 0 DI 0]"AY; 00 0]+ [v; 0 0 0]"A;[BT 0 DT 0], (3.23)
On E ©p 03
where ©;y = [ * VI H 0 )
* * =X; 0
* * * Oy
By Lemma 3.2, we have
©; <O+ [BT 0 DI 0]'Ri[BT 0 DI 0]+[v; 0 0 0]'R'FA[Y; 0 0 0],  (3.24)
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by Schur complement, we know that ©; < 0 imply that ©; < 0. Therefore, we can know from
Theorem 3.4 that the LSM]Ss (3.14) are stabilizable with convergence rate a and disturbance
attenuation y. This completes the proof. O

3.2. Robust Reliable H, for NSM]JSs

In this section, we consider the following nonlinear stochastic Markovian jump systems
(NSMJSs) under the state feedback controller:

dx(t) = [(AI + B,-F,-Ki)x(t) + Ei‘l](t) + fi (x(t))] dt

+ [(Cl + DiFl-K,-)x(t) + Hﬂ](t) + g,-(x(t))]dw(t),
(3.25)
z(t) = Hix(t),

x(t()) = X.

Theorem 3.6. If there exist the positive matrices X; > 0, and the constant matrices Y; with
approximate dimensions, for the positive constant &; and the given scalar A;, such that the following
LMIs hold:

/ On1 E I-LXTh e, O 61‘3\
« I 0  H' HT 0
_ * * NI 0 0 O
O = <0, i€s, (3.26)
* * * -X; 0 0
* * * * —gl 0

\* * * * * 614/

where O3 = (6Gi \iXiTn ©p), Ou = diag(-&l,~\Tn,Ou), Tn = (TXTo + ThTn)/2, T =
—(T£ + T};)/ 2, then the NSMJSs (3.25) are exponential mean-square stable with convergence rate
a and disturbance attenuation y. In this case, the desired controllers are given as follows:

Ki=Y; X" (3.27)
Proof. Defining the following Lyapunov function:

V(x(t),t,i) = V(x(t),t,r(t) = i) = xT () Pix(b), (3.28)
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by Ito6 formula, we get the following;:

LV (x(t),t,1) = 2xT () P [(A; + BiIFiKy)x(t) + Eio(t) + fi(x(t)] + D Aijx" (£) Pix(t)
jes

+ [(Ci + DBiF:iKy)x(t) + Hio(t) + gi(x(£)]"
x P; [(Cl + DBiPiKi)X(i’) + Hiv(t) + gl(x(t))]

<ol (H)Zio(t) + xT (t)GI P,Gix(t) + 2[(C; + DB;F;K;)x(t) + Ho(t)] Pigi(x(t)),
(3.29)

T

itii
T
Hi

M; PE; P, Cr+KTFIDT
where o7 (t) = [xT(t),0" (1), fl (x(8))], Zi=( EB 0 0 )+ [ H P
0

CiT+I<.TF.TD.T]
i
rro o 0

By Lemma 3.2, it follows that
2[(C; + DB;FiK;)x(t) + Hio(t)]" Pigi(x(t))

Cl +KIFID! cr+KIFIDI’
<o'(b) H &'l HY o(t) + x" (1) (&G e, 1(eiP,Gi)x (1),

(3.30)

from (2.4) (fi(x(t)) - Tlix)T(fi(x(t)) —Trix) <0, i € S which are equivalent to

Tr~
x(t) Th Tn x(t)
<0, i€S. (3.31)
[f(x(t))] [T,E I] [f(x(t))]

Considering the stochastic H, performance level for the resulting systems (3.25) with
nonzero exogenous disturbance input (v(t) #0), for any t > 0, we define that

J(t) = E{ ﬂ [zT(s)z(s) - Y2UT(s)v(s)]ds}. (3.32)
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By general It6 formula, for a given positive scalar A, we get the following:

J(®)

E{It [zT(s)z(s) — Y207 (s)v(s) + LV (x(s), s,i)]ds} —E(V(x(t), 1))
to

t
< E{IO [ZT(s)z(s) Y20 (s)v(s)+ LV (x(s),5,i)—Xi (fi(x(t)) —Tlix(t))T(fi (x(t)) _TZix(t))]dS}

t
< E{J‘ O'T(S)QiO'(S)dS},
0
(3.33)
where
(eiP.G) e I(&PG)+JTTi 0 0
ﬁi = Zi + 0 —YZI 0
0 0 0
(3.34)
CT + KTFT DT CT+KTFIDIT"  /-ATy 0 -ATp
+ H 'l H +] 0 0 0
0 0 —ATE 0 -

By Schur complement lemma, we see that Q; < 0 is equivalent to the following matrix
inequalities:

/Mi - .)Li’f'ﬂ E; P - -)Lij:'iz Xl‘l@sz Xl‘l@ITZ & PG; ]IT\

* -¥I 0 HI  H 0 0
% % I 0 0 0 0
* * * -p! 0 0 0 | <0, i€s, (3.35)
* * * * —g;l 0 0
* * * * * -l 0

\ * * * * * * —I/

which is implied in LIMs (3.26). Hence J (t) < 0.
Therefore, the inequality ||z||g, < y||v[|, holds. The proof is completed. O

Similar to the proof of Theorem 3.5, we can get the following theorem without proof
immediately.
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Figure 1: The Markovian chain r(t).

Theorem 3.7. If there exist the positive matrices X; > 0, and the constant matrices Y; with
approximate dimensions, for the positive constant &; and the given scalar A;, such that the following
LMIs hold

/On Ei I-AXT, ©) 6} BR Y O3\

* —}le 0 HlT HIT 0 0 0
* * NI 0 0 0 0 0
_ * * * -X; 0 D;R; 0 0
Q; = <0, ieS. (3.36)
* * * x —gl 0 0 0
* * * * *  —R; 0 0
* * * * * * —leiz)z 0

\ * * * * * * * 91’4/

then the NSM]Ss (3.27) are exponential mean-square stable with convergence rate a and disturbance
attenuation y. In this case, the desired controllers are given as follows:

K; =YX (3.37)

1

4. Numerical Example with Simulation

In this section, we will give an example to show the usefulness of the derived results and the
effectiveness of the proposed methods (Figure 1).
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Figure 2: The state curve of uncontrolled LSM]JSs (3.14).

0

Consider linear SMJSs (3.14) with S = {1,2}, and the system parameters are given as
follows:

03 03 05\ 05 02 02\
Ar=|-02 0 -03|, A=|-02 0 -04 ],
01 0 03/ 02 0 02/
05 02 01\ 02 0.1 03\
G=[o0 02 -01| c=|01-03 05|,
03 —0.1 ~0.3/ 0 01 -05/ (4.1)

B = diag(0.5,0.4,0.5), B, = diag(0.5,0.4,0.5),
Ei=E,=(03,0.1,05)", H,=H;=(02,01,03)7,
D, = D; = diag(0.2,0.3,0.4),  J; = (0.3,0.2,0.6),
J»=(01,-0.1,04), y=09.

The actuator failure parameters are as follows:
02<f1 <04, 01<f2<07, 01<f3<09, ieS={12}. (4.2)
From (2.8) and (2.9), we have

Fio = Fy = diag(0.3,0.4,0.5),  Fjo = Fy = diag(0.1,0.3,0.4). (4.3)
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x(t)

-10

t(s)
Figure 3: The state curve of closed-loop LSMJSs (3.14).

[z =yl

£(s)
Figure 4: The curve of lz(®)] - Y2|v(#)| for controlled LSMJSs (3.14).

From Figure 2, we can see that the uncontrolled LSM]JSs are not stable, according to
Theorem 3.5. By using the LMI toolbox, the controller parameters can be calculated as follows:

-56.2264 —-6.3843 —67.8069 —41.7846 6.0578 —-200.8802
Ki; =] -1.1129 -8.9588 -3.6802 |, K, =] -11365 -7.5245 -11.0209 |. (44)
-0.9754 0.1795 -3.2600 0.1171 -0.4055 -0.7561

Figures 3 and 4 give the simulation results of the response for the closed-loop
LSM]JSs, which confirm that the closed-loop LSM]Ss are exponential mean-square stable with
convergence rate & and disturbance attenuation y.
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5. Conclusions

In this paper, we have studied the robust reliable H, control problems for a class of NSM]JSs.
The system under study contains Ito-type stochastic disturbance, Markovian jumps, sector-
bounded nonlinearities, and norm-bounded stochastic nonlinearities. Based on the Lyapunov
stability theory and Ito differential rule, sufficient condition which ensures exponential mean-
square stable with convergence rate @ and disturbance attenuation y for SMJSs has been
established in Lemma 3.3. By the lemma, together with the LMIs techniques, the sufficient
conditions for the designation of the robust reliable H, controller of linear SMJSs and
NSM]JSs have been obtained in terms of LMIs. Finally, a numerical example has been given to
show the usefulness of the derived results and the effectiveness of the proposed methods. It is
possible to extend our main results to the NSMJSs with time delay by using delay-dependent
techniques, which is one of the future research topics.
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In this paper, based on the kinematic accuracy theory and matrix-based system reliability analysis
method, a practical method for system reliability analysis of the kinematic performance of planar
linkages with correlated failure modes is proposed. The Taylor series expansion is utilized to derive
a general expression of the kinematic performance errors caused by random variables. A proper
limit state function (performance function) for reliability analysis of the kinematic performance of
planar linkages is established. Through the reliability theory and the linear programming method
the upper and lower bounds of the system reliability of planar linkages are provided. In the course
of system reliability analysis, the correlation of different failure modes is considered. Finally, the
practicality, efficiency, and accuracy of the proposed method are shown by a numerical example.

1. Introduction

Mechanisms are the skeletons of modern mechanical products and devices. The kinematic
accuracy of mechanisms greatly influences the performance and reliability of the mechanical
products and devices. Traditionally, in mechanism synthesis, a designer often tries to choose
proper mechanism configurations and component dimensions to make the designed mecha-
nism meet prespecified requirements. However, in the physical realization of any constituent
member, primary errors always occur due to technological features of production. Once a
theoretical solution is translated into physical reality, a theoretically feasible mechanism
might be unable to meet practical requirements because of the effects of uncertain factors (e.g.
manufacturing tolerances, elastic deformations and joint clearances). Since these uncertain
factors are inevitable, it is necessary to build a proper mode to quantify the effects of the
uncertain factors on the accuracy of mechanisms and optimally allocate the working ranges
of the mechanisms [1-3].

In recent years, with the continual increase of the demands of consumers on the kine-
matic and dynamic performance of mechanical products, the theory of mechanical reliability
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is more and more widely applied in mechanism analysis and synthesis. Mechanism reliability
can simply be defined as the capability that a mechanism performs its prespecified movement
accurately, timely, and coordinately throughout its lifetime. Based on the analysis of the
sources of original errors, Sergeyev [4] clarified the main failure modes of mechanisms and
presented an analytical method for reliability analysis of mechanisms preliminarily. Sub-
sequently, there have been various attempts to derive the reliability of the kinematic and
dynamic accuracy of mechanisms, such as the linear regression method [5], the mean value
first-order second-moment method [6], the advanced first-order second-moment method [7],
the hybrid dimension reduction method [8], and the Monte-Carlo simulation method [9].

As shown in practical engineering, most performance deficiencies of mechanical pro-
ducts are found in the stage of systematic analysis, therefore it’s important to build a proper
system reliability analysis model to evaluate the performance quality of mechanical equip-
ments and products. Recently, Zhang et al. [9] studied the method for system reliability anal-
ysis of mechanisms without considering the interactions of failure modes. However, to the
best of the authors” knowledge, system reliability analysis of mechanisms with correlated
failure modes has not been reported yet. Combining the mechanism theory and system reli-
ability analysis method, this paper proposes a general method for system reliability analysis
of planar mechanisms with correlated failure modes.

2. Reliability Analysis for Kinematic Performance of Planar Linkages

The kinematic performance function of planar linkages can be expressed as [10]
Q=Q(V,L U, (2.1)

where Qg1 is the performance parameter vector. For example, for a function generator, Qg
may be referred to the positions of the output link, and for a path generator, it may be the
coordinates of a point on the output link. V,,, is the input (independent) variable vector,
L,x1 is the effective dimension variable vector, and U, is the output (dependent) variable
vector which can be obtained by solving the loop closure equations of planar linkages

F(L,U,V) = 0. (2.2)

The performance errors of the mechanism under consideration can be obtained as

_0Q 0Q 0Q
AQ= 25 AL+ =S AU+ S AV, (2.3)

where 0Q/0LT, 0Q/0UT and 0Q/0V' are Jacobian matrices, whose values are got at the
mean values of the random variables. AL,x1, AUy, and AV, are the tolerance vectors
of random design variables. AV,,,; and AL, are determined by several objective factors
such as the machining accuracy, the assembly accuracy and the operation precision. From
(2.3), AU,;x1 can be obtained:

OF 17"/ OF OF
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A limit state is defined as a condition in which a mechanism becomes unsuitable for
its intended motion (i.e., a violation of the serviceability limit state). The corresponding limit
state functions (performance functions) when the mechanism meets the requirements of the
upper and lower limits are

gu(X) = €~ AQ = £ - JAX,

(2.5)
gr(X) = AQ+e=JAX +¢,
where
j-[2Q 20 arytor 09 0o (ofy'or 26)
“loavT auT\ouUT,/ ovVT’ OLT oUT \oUT/ oLT | ’

gu and gy are called the upper and lower limit state functions, X = [V3,...,V,,, Ly, .. .,LP]T
is the basic variables, € is the allowable errors, and AX = [AVy,...,AV,,, AL,,..., ALP]T are
used to represent the random error vector of basic variables.

The kinematic reliability of a mechanism is the probability that the mechanism realizes
its required motion within a specified tolerance limit. The lower limit reliability of the kth
dependent variable, Qy, is defined as:

A L 27)
8 (X)>0

where f(X) is the joint probability density function of multidimensional basic random
variables, X and gék) (X) = AQk +ek = Jk AX+¢ is the limit state function of the kth dependent
variable, Q. Note that Ji is the kth row of matrix J.

2
The mean value, y(Lk), and variance, (oik)) , of the limit state function, gik) (X), can be
expressed as

= E[s1900] = JkE@X) + &,
0\ (2.8)
<0£ )> = Var [gjsk) (X)] - JlEzlcs(CoV(AX)),

where E(AX) and Cov(AX) are the mean value vector and covariance matrix of primary
errors, respectively, J is the kth row of matrix J, (-) I = (.)®(-) is the second-order Kronecker
power of (-), and ® represents Kronecker product [11]

a11B a12B oo aqu
a21B azzB . anB

Apg®Bsa=| , (2.9)
anB apB ... a,B

psxqt
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cs(-) is the column string of (-), the column sequence

qa ., . 4
cs(Apxg) = Z(e]qxl ® IPXP>APqu]qx1’ (210)
j=1

where I, is identity matrix with p x p dimensions, and e]q . is the jth elementary vector
with g x 1 dimensions, all zeros except 1 in the jth position.

In the mechanism literature, the distribution of the random variables is always
assumed independent normal [4-8]. The distance from the “minimum” tangent plane to the
failure surface may be used to approximate the actual failure surface, and the reliability index
of the ith output variable is defined as:

© ‘u(k)
L
L= (2.11)
o

which can be used to reflect the position (the distance from the original point) and dispersion
degree of the safety margin. When the primary errors are normally and independently
distributed, the unary estimator of the kinematic performance reliability of planar linkages is
represented as follows:

R = o(p), 2.12)

where @(-) is the standard normal distribution function.
The correlation coefficient between performance functions g£ and g(t)

m+l m+l a (k) (t)

(k) ® (k) _ 5 (O] —(l‘)
Cov(g,8”) = E[ (s -31") (" -3") ZZ aX ax is (2.13)
The correlation coefficient between performance functions gék) and gg) is
Cov(g®, g
k) (a7 80) (2.14)

i \/ Var < gIEk) ) Var < gg) )

Then the joint reliability of gik) and gg) can be estimated by the joint normal distribution
function:

0 ﬂL
RED = 1- J’J’ Fu (gék),gét)>dg(k)dg;) -1 _I ¢(" D (u,v)du dv

-0 —

(2.15)

t

(k1)

- —Jﬁcb Pioew $(v)do,

o 1 <p(Lk,t)>2
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where
(s sl") = —
Zamék)of) [1 - <p(Lk’t)> ]
B I (0 W o )
ey L) el

(s -u
Var < gé”)

(2.16)

is the joint PDF of gék) and gg).

In the same way, the reliability corresponding to each failure modes and the joint reli-
ability between each two failure modes while the mechanism satisfies the upper limits could
be obtained. Then the reliability corresponding to each failure model and the joint reliability
between two failure models while the mechanism meets the upper and lower limits can be
derived as

k k k
Rf=RY + RV -1,
(2.17)
RO = RS 4 R 1

3. System Reliability of Linkage Performance

For convenience system reliability analysis of structures with multi-failure modes is often
performed by consuming that the failure modes are independent between each other. In
most cases, however, the failure modes of a mechanism (e.g., the position and pose of
a rigid-body guidance mechanism) are correlated. Consequently, it is of great meaning
to propose an accurate and efficient system reliability analysis method to evaluate the
working state of the mechanism. Ditlevsen [12] presented the well-known “narrow bounds
theory” for computing system reliability. The correlation between each of the two failure
modes is considered in Ditlevsen’s method, making it more physically reasonable. And then
the bounds method in which the system reliability is estimated by computing the bound
values developed continuously and received wide acceptance [13-15]. In this section, a
practical method for system reliability analysis of mechanisms is proposed by using the linear
programming.

Linear programming solves the problem of minimizing or maximizing a linear func-
tion, whose variables are subject to linear equality and inequality constraints. And the linear
programming for solving the possible bounds on the system reliability of linkages can be pre-
sented as follows:
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min(max) c’p
s.t. ajp=b; (3.1)
ap > by,

where p is the design variable vector of the linear programming, ¢ is a vector of coefficients,
ch is the linear objective function, and aj, ap, by, and b, are the coefficient matrices and
vectors that represent the equality and inequality constraints, respectively.

In the proposed system reliability analysis method, the kinematic failure space of a
mechanism can be divided into 2" mutually exclusive and collectively exhaustive (MECE)
events according to the number of failure modes, n. Typically, for a system with three
failure modes, the performance sample space can be depicted as Figure 1 by defining
kinematic safety of the mechanism as event S and defining the performance Q; meets the
requirement of performance quality as event E;. The space S is divided into 8 MECE events,
{81_ = E1E2E3, e _:_ELEzEg, e = E1E2E3, ey = E1E2E3, es = E1E2E3, € = E1E2E3,€7 =
E\EyE3, and eg = E1EyE3}. Letp; = P(e;),i =1,2,...,8 denotes the probability of the ith basic
MECE event. These probabilities serve as the design variables in the linear programming
problem to be formulated. According to the basic definition of probability,

2pi=1, (32)

pi>0, i=(1,2,...,8). (3.3)

The constraint (3.2) is analogous to the equality constraints in linear programming (3.1) with
a; being a row vector of 1's and by = 1, whereas (3.3) is analogous to the inequality constraints
with a, being an 8 x 8 identity matrix and by a 8 x 1 vector of 0's.

As can be seen from Figure 1,

P(E)=Pi= 3 pr (3.4)
r:e,CE;
P(EEj)=Pj= 3 pr (35)
rie,CEE;

scilicet,

P(E1) =Pi=p1+p3+ps+p7,

P(Ey) = P, = p1 +p2 + pa + pe,

P(E3) =Ps=p1+p2+p3+ps,
P(E1Ey) = Pip = p1 + pa,
P(E1E3) = Pi3 =p1+p3,
P(EyE3) = Pz = p1 + po.

(3.6)
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5

Figure 1: Sample space for the linkage.

Equations (3.4) and (3.5) provide linear equality constraints on the design variable p with a; a
matrix having elements of 0 or 1 and b a vector listing the known reliability. With the increase
of the known or computed reliability, such as the uni-, bi-, and sometimes trimode reliability,
the upper and lower bounds of the system reliability obtained by the linear programming
become increasingly accuracy. However, there is always a tradeoff between complexity and
accuracy, and with the increase of the constraints, the convergence of the linear programming
becomes more and more difficult.

By now, the coefficient matrices and vectors of the constraint functions of linear
programming (3.1) to obtain the upper and lower bounds of the system reliability of the
mechanism are completely established, which are

1111111 1]
10110010
11010100
a=[11101000]|,
10010000
10100000 (3.7)
1100000 0]

T
bi=[1 P P, Ps P Pz Py,
a =Ig s,

b,=[00000000],

where Ig g is identity matrix with 8 x 8 dimensions.
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Table 1: Coefficients of the object functions c!p.

C1 C2 C3 C4 Cs Ce Cy Cg
E; UE, UE;s 1 1 1 1 1 1 1 0
E;NE,NE;s 1 0 0 0 0 0 0 0
Ei NE, UEs 1 1 1 1 1 0 0 0
(E1UE))N(EUE;) 1 1 1 0 0 0 1 0

Figure 2: Double-rocker four-bar linkage with driving crank.

According to the relationship between failure modes (series or parallel), there are
four different kinds of systems. As shown in Table 1, the coefficient ¢; (i = 1,2,...,8) of
the object functions of linear programming (3.1) for each kind of system can be determined,
respectively. So far, the linear programming to derive the lower and upper bounds of the
system reliability of a mechanism with random parameters is completely established.

4. Numerical Examples

Consider the vector loop as shown in Figure 2, the nominal geometry characteristics of the
double-rocker four-bar linkage with driving crank are shown as: r; = 2.36cm, 1, = 1.33cm,
r3 =5.08cm, ry =3.94cm, r5 = 1.00cm, 4 = 0.45cm, 7 = 1.50cm, rg = 1.00cm, r9 = 6.00 cm,
and ag = 30°. Among them, r1, r,, 13, and r4 are random variables, which are normally and
independently distributed, and the variation coefficient of the random variables are supposed
to be ¢ = 0.001. All other variables are deterministic parameters. According to the working
condition, the maximum allowable values of the kinematic performance errors vector are
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¢ = [0.015 rad, 0.8mm,0.6mm]". The double-rocker four-bar linkage can work normally,
only if all the kinematic performance quality requirements are satisfied (i.e., the linkage
system is series). It is required to solve the system reliability of the double-rocker four-bar
linkage in its working range (as = 150°~270°).

As shown in Figure 1, in the double-rocker four-bar linkage with driving crank,
the effective dimension variable vector is L = [ry, 12, 73, 14, 15, Ts, 77, s, 19, [X9]T, the
input (independent) and output (dependent) variable vectors are V = [as] and U =
[an, as, ay, cx7]T, respectively, the performance parameter vector is Q = [a3, M,, My]T,
then the closure equations of the planar linkage are

T6COS g +T7COSA7 — g COSAp — 15
TeSinag + 17 sinay — rgsin a,
F= . (4.1)
T2 COSay +13COSA3 —14COSAy — 1

rysinay + r3sinas — rysinay

The kinematic performance functions of the linkage are

asz + g
Q= |rycosay +rycos(as + ag) |, (4.2)

ra sinay + 1o sin(as + ag)

Suppose that X = [r, 1, 13, r4]T is the random variable vector, then the Jacobian matrices are
derived as:

0 0 0 0
OF 0 0 0 0
oxT I ] CosSap COSa3 —COS g ’

0 sinap, sinaz —sinay

g sin ap 0 0 —r7sin ay
OF —7§ COS ap 0 0 77 COS a7
ouT —rpsina, -rzsinasz risinay 0 ’
(4.3)
T2 COSaxp 13COSax3 —T4COSy 0
0O 0 00O
0
—QT =10 cosa, 0 0},
oX
0 sina, 0 0
0 1 00
0Q . .
— = |-msinay -rgsin(az +ag) 0 0].
ou’

rpcosa, —rg9cos(asz+ag) 0 0
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Figure 3: System reliability of the double-rocker four-bar linkage with driving crank.

By substituting (4.3) into (2.3), the kinematic performance error vector, AQ, of the linkage
can be obtained. Then (2.12) can be used to obtain the reliability corresponding to each failure
mode. The covariance matrix of the limit sate functions of the planar linkage can be derived
from (3.5), and then the joint reliability between each two failure modes can also be derived
from (2.15).

The upper and lower bounds of the system reliability of the double-rocker four-bar
linkage can be obtained by solving the linear program (3.1), and the results are, respectively,
shown as the pan dash line and triangle dash dot line in Figure 3. Besides the system
reliability of the manipulator using Monte-Carlo simulation with 10° samples is shown as
the point solid line. What needs to be specially notified is that, in order to demonstrate the
proposed mechanism system reliability analysis method, the truncation errors caused by the
first-order Taylor expansion are omitted in the Monte-Carlo simulation. Comparing with the
results of numerical simulation, the kinematic performance system reliability of the double-
rocker four-bar linkage obtained by the proposed method is of high accuracy.

5. Conclusions

Using the mechanism accuracy theory and (system) reliability analysis method, this paper
proposes a general method for system reliability analysis of planar linkages with correlated
failure modes. The proposed method is applicable to any system defined as a logical
expression of kinematic failure modes of planar linkages. This includes series and parallel
systems, as well as general systems. Utilization of the first-order Taylor expansion technique
in error estimation of kinematic performance of mechanisms must result in a certain degree
of truncation errors. And these errors will increase with the increase of sensitivity of
performance functions to design parameters. The accuracy of system reliability analysis can
be improved by increasing of the order of Taylor expansion. However, in this process, the
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complexity of calculation will greatly increase. Further studies are needed to provide a more
precise and robust method for reliability analysis of kinematic accuracy of mechanisms.
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We study a multi-period mean-variance portfolio selection problem with an uncertain time horizon
and serial correlations. Firstly, we embed the nonseparable multi-period optimization problem into
a separable quadratic optimization problem with uncertain exit time by employing the embedding
technique of Li and Ng (2000). Then we convert the later into an optimization problem with
deterministic exit time. Finally, using the dynamic programming approach, we explicitly derive the
optimal strategy and the efficient frontier for the dynamic mean-variance optimization problem.
A numerical example with AR(1) return process is also presented, which shows that both the
uncertainty of exit time and the serial correlations of returns have significant impacts on the
optimal strategy and the efficient frontier.

1. Introduction

The portfolio selection problem, which is one of great importance from both theoretical and
practical perspectives, aims to find the best allocation of wealth among different assets in
financial market. The mean-variance analysis pioneered by Markowitz [1] is one of the most
widely used frameworks dealing with portfolio selection problems. In the past few decades,
the mean-variance model stimulates a great deal of extensions and applied researches under
single-period setting. Due to the nonseparability of multi-period mean-variance models, only
up to 2000, Li and Ng [2] develop the embedding technique and solve a multi-period mean-
variance portfolio selection problem analytically. In their work, the returns of risky assets are
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assumed to be independent and identically distributed, and this assumption is also adopted
by lots of the later literature, such as Guo and Hu [3].

A large number of empirical analyses of the assets price dynamics show that there
exist salient serial correlations in the returns of financial assets, and the correlation structure
is very complicated. The ARMA model is developed to study the feature of the financial
assets returning with serial correlations in the field of econometrics, and it is widely used in
the empirical research of financial market. Hakansson [4, 5] had already taken the impact
of serial correlations into account on his portfolio selection problems and had investigated
the myopic optimal portfolio strategies when there existed serial correlations of yields and
not. However, due to the complexity of multi-period portfolio selection problem with serial
correlations of returns, there are little relevant literature and results focused on the impact
of serial correlations on the optimal portfolio selection strategy. Balvers and Mitchell [6] first
derived an analytical solution for a dynamic portfolio selection problem with autocorrelation
assets returns, where the utility function was a negative exponential function, and the assets
returns were subject to the normal ARMA(1,1) process. Dokuchaev [7] analyzed a discrete-
time portfolio selection model with serial correlations and found the correlation structure
which ensured the optimal strategy being myopic for both the power and the log utility
functions. Celikyurt and Ozekici [8] studied such models with the assumption that the
market evolution followed a Markov chain and the states were observable, whose objective
functions depended on the mean and the variance of the terminal wealth. Canakoglu
and Ozekici [9] considered the utility maximization problem with imperfect information
modulated by a hidden Markov chain, and obtained the explicit characterization of the
optimal strategy and the value function. Wei and Ye [10] extended the work of [8] to take
the risk control over bankruptcy into consideration. Xu and Li [11] investigated a multi-
period mean-variance portfolio selection problem with one risky asset whose returns were
serially correlated. By using the embedding technique of Li and Ng [2] and the dynamic
programming approach, they obtained the explicit optimal strategy and proposed a measure
of the risky asset value. To our knowledge, up to now, quite a few papers consider serial
correlations of returns under dynamic portfolio selection framework.

On the other hand, the literature mentioned above makes an important hypothesis,
implicitly or explicitly, that an investor knows her/his final exit time exactly at the moment
of entering the market and making investment decisions, that is, the investment horizon
is deterministic, either finite or infinite. In practice, however, the investor’s exit time may
be impacted by many exogenous and endogenous factors. An investor may exit from the
market when she/he faces an unexpected need of huge consumption, sudden death, job
loss, early retirement, investment target achieved, and so forth. Thus, it is more practical
to weaken the restrictive assumption that the investment horizon is deterministic. If the exit
time is uncertain, it is a random variable. As far as we know, study on the uncertain exit
time can be dated back to Yarri [12], who studied an optimal consumption problem with an
uncertain investment horizon. Hakansson [13] extended the work of [12] to a multi-period
setting with a risky asset and an uncertain time horizon. Merton [14] addressed a dynamic
optimal investment and consumption problem, and the uncertain retiring time was defined
as the first jump of an independent Poisson process. Karatzas and Wang [15] considered an
optimal investment problem in complete markets with the assumption that the exit time was
a stopping time of the asset price filtration. Martellini and Uro$evic¢ [16] extended the original
model of [1] to a static mean-variance model in which the exit time was dependent on asset
returns. Guo and Hu [3] analyzed a multi-period mean-variance investment problem with
uncertainty time of exiting. Huang et al. [17] dealt with the portfolio selection problem with
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uncertain time horizon by adopting the worst-case CVaR methodology. Blanchet-Scalliet et al.
[18] extended the optimal investment problem of [14] to allow the investor’s time horizon to
be stochastic and correlate to the returns of risky assets. Yi et al. [19] considered a multiperiod
asset-liability management problem with an uncertain investment horizon under the mean-
variance framework.

To the best of our knowledge, there is no work that considers the multiperiod mean-
variance portfolio selection with an uncertain investment horizon and serially correlate
returns at the same time. In the present paper, we try to tackle such problem. We assume
that the distribution of the exit time is known, and the serial correlations of risky asset
returns are settled the same as Hakansson [5] and Xu and Li [11]. We first embed our
nonseparable problem, in the sense of dynamic programming, into a separable one by
employing the embedding technique of Li and Ng [2]; then transform the separable problem
with uncertain exit time into one with deterministic time horizon; finally solve the problem
with deterministic time horizon by using the dynamic programming approach.

The rest of the paper is organized as follows. Section 2 formulates our problem and
embeds it into a separable auxiliary problem. In Section 3, we solve the tractable auxiliary
problem. In Section 4, we derive the optimal strategy and the efficient frontier of the original
problem. Section 5 extends the results to the case of multiple risky assets. Section 6 gives a
numerical simulation to show the impacts of exit time and serial correlations on the mean-
variance efficient frontier. Finally, we conclude the paper in Section 7.

2. Modeling

We consider a financial market consisting of a risky asset and a riskless asset. The return
rates of the riskless asset and risky asset at period t + 1 (the time interval from time ¢ to time
t + 1) are denoted by r” and r;, respectively. It is assumed that r is a constant and r; is a
(t+1)-measurable random variable. The risky asset will not degenerate into the riskless asset
at any period, and its return rates {r;,t = 0,1,...} are correlated, that is, the value of r; is
dependent on the values of r, s < t, which are the realized returns of risky asset at the past
periods. Thus, at time t, the expectation of a random variable, denoted by E;, is a conditional
expectation based on all of the history information up to time ¢.

We assume that an investor, who joins the market at time 0 with the initial wealth xo,
may invest her/his wealth among the risky asset and the riskless asset within a time horizon
of T periods. At the beginning of each period t (t = 1,...,T), the investor may adjust the
amount invested in the risky and riskless assets by transaction. However, she/he may be
forced to leave the financial market at time 7 before T by some uncontrollable reasons. The
uncertain exit time 7 is supposed to be an exogenously random variable with the discrete
probability distribution p; = Pr{r = t}, t = 1,2,.... Therefore, the actual exit time of the
investor is T A T := min{T, 7}, and its probability distribution is

B, t=1,...,T-1,

pr=Pr{T AT =t} = T-1
1->p, t=T.
t=1

(2.1)

Let u; be the amount invested in the risky asset at the beginning of period t + 1. The
investment series over T periods, u := {ug,ui,..., ur—1}, is called an investment strategy.
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Define the excess return of risky asset at period t +1 (t = 0,1,...,T - 1) as Ry = 1 — r?,
which is assumed to be nondegenerated before time t + 1, that is, the risky asset will not
degenerate into the riskless asset at period t + 1. Let x; be the wealth of the investor at time
t(t =0,1,...,T). If the investment strategy u is used in a self-financing way, the wealth
dynamics can be described mathematically as

Xp1 =10x+ Ry,  t=0,1,...,T-1. (2.2)

The multi-period mean-variance portfolio selection problem with uncertain exit time
and serially correlate returns now can be formulated as

p(w){mliix Eo(xrar) — wVarg(xrar) (2.3)

s.t. Xip1 = r?xt + Ry, t=0,1,...,T-1,

where w is a given positive constant, representing the degree of the investor’s risk aversion,
and Vary is the variance conditional on the information available at time 0. There are some
other assumptions with respect to model P(w), which are summarized as follows: (a) short
selling is permitted at any periods for the risky asset; (b) transaction costs and fees are
negligible; (c) the investor can borrow and lend the riskless asset at any periods without
limitation.

Recall that the mean-variance model P(w) is difficult to solve due to its nonseparable
structure in the sense of dynamic programming, which is one of the most powerful and
universal methodologies for optimization problems with separable nature. Fortunately, Li
and Ng [2] propose an embedding technique, and this technique is also applicable to solve
the current problem with uncertain exit time and serially correlate returns. Instead of solving
problem P(w) directly, we first consider the following auxiliary problem:

u (2.4)

max Ey(Axrar — wx?
A()L, (U) ( T T/\T)
st. xp1=r’x;+Ruy, t=0,1,...,T-1,

for a given constant A > 0.
Let ¥4 (A, w) and ¥Wp(w) be the optimal solution sets of problem A(\, w) and P(w),
respectively, namely,

¥4\, w) = {u | uis an optimal solution of A(\,w)},
2.5)
¥p(w) = {u | u is an optimal solution of P(w)}.

The following two theorems can be proven by a similar method to that described in Li
and Ng [2], and so their proofs are omitted.

Theorem 2.1. For any optimal solution u* of ¥p(w), u* is the optimal solution of W (X*, w) with
=1+ ZLUE()(.‘X'T/\T”M*.

Theorem 2.2. If u* € W5 (X", w), a necessary condition for u* € ¥p(w) is \* =1+ 2wEy(xTr7)

u*.
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3. Analytical Solution of Auxiliary Problem A(\, w)

In this section, we translate the auxiliary problem A(\, w) into a portfolio selection problem
with certain exit time and then solve it by using the dynamic programming approach.
Since

T
Ey [)LxT/\T - wx%m] = ;Eo [)LxT,\T - wx%m | TAT = t]P(T AT =t)

(3.1)

T

=E, [Z (/\xt - wxf)p{l ,
t=1
problem A(A, w) can be written equivalently as
T
—rox2

AL w) max Ep [; (Ax; — wx; )pt:I (32)

s.t. Xtil =rt0xt+Rtut, t=0,1,...,T-1.

Define the value function
ft* (x1) = n}laxft(xt)

T (3.3)
= mu?x E, [Z <)Lxs - wx?)psjl

s=t

as the optimal expected utility using the optimal strategy conditional on the information
available at time t (t =0,1,...,T — 1), and the boundary condition is

fiter) = (Aer - i )pr. (3.4)

According to the dynamic programming principle, we have the Bellman equation

fi (i) = max £, (x:)
(3.5)
= maxE; [()th - wxf)pt + fia (xt+1)]/

Uug

fort=0,1,...,T - 1.
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First, we give the following notations:

E?(Mi1R
etleg), t=0,1,...,T-1, (3.6)
Ei(wi1R})
)LZ T-1
= =E; | — =0,1,...,T-1 7
t i[4ws_tes]/ t O/ 7 7 2 (3 )
2 E?(wi1Ry)
0 t
wi =pi + (r°) | Er(wpor) = =220 01, T =1, wr=pr, (3.8)
t =Pt <t> [t b+ Et(leRf) p
E Ry)E R
A =pr + 1| B () - Hwin Ry) t()z‘t“ 1) , t=0,1,...,T-1, Ar = pr. (3.9)
Ei(wi1RY)

For notational simplicity, we define Z;:S(-) j=0and H;:S(-) j=1lifs>t.

Note that R; and Ry, are not independent of each other for t =0,1,...,T — 1, so both
wi+1 and Ay, are dependent on the risky asset return at period t+1, R;. Then, fort =0,1,...,T-
1,

Ey(winaRe) # Ef(wia) E(Ry), Ei(MenRe) # Er(M) Ex(Ry). (3.10)
The following lemma comes from Xu and Li [11]. For the completeness, we provide

its proof here.

Lemma 3.1. Let x be a nondegenerated random variable, and let & be a positive random variable under
the information at time t, then E;(x*¢)E;(&) > (E;(x¢))>.

Proof. Since ¢ is a positive random variable, we can define a new probability measure Q as

$

Q5@

dp, (3.11)

where P is the original measure. Since x is a nondegenerated random variable, we have,
under measure Q,

Var2(x) = EX <x2> - (1—:?(x))2 > 0. (3.12)

Transforming the above inequality to under measure P, we obtain

(< Et‘ié)) (= ("Eja >)2 = G139

Multiplying both sides by (E; (¢))? in the above inequality produces

E(x%)Ei(¢) > (Ei(x))™ (3.14)

This completes the proof. O
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Theorem 3.2. Fort=0,1,...,T-1, w; >0, 6; >0,and Z; > 0.

Proof. We use induction. For t = T — 1, since the return of the risky asset at period T, Rr_1, is
a nondegenerated random variable, then

Varr 1 (Rr1) = Er (Ry) = (Era(Rr1)) > 0, (3.15)

Er_4 (R%fl) > 0. So

E}_,(prRr1) E2 (Rr-1)
= 2 = pT 2 < pT/
Er (pTRT—l) Er, (RT—I)

)LZ
Era1=Er <4—9T—1> > 0.
w

2 E2 Ry_
wra =pra+ (r,) (pT - %> > 0. (3.17)
- T-1

0<0r

(3.16)

Therefore,

Suppose that ws >0, 6; >0, and =5 > 0 hold true fors =t+1,...,T -2,T -1, then for
period ¢,

E*(\1R
= t(‘—lg) > 0. (3.18)
Et (wt+1Rt )
By Lemma 3.1, we can easily see that
E?(w1R
Ei(wt1) > t(;ﬂzt) (3.19)
Ei(winR?)
Hence, we obtain
_ T-1 )2 22 _
Z = Et<SZ:tE@s = Eet +Ei(Ep) 20,
E*(wi1Ry)
_ 0\2 f (W15t (3.20)
wt = pr + (1 Et(wtl)—— > 0.
0) [ " E(wna R
By induction, it shows that fort =0,1,...,T -1, w; >0, 6; >0, and Z; > 0. O

The analytical optimal strategy and the value function of problem A(\, w) can be
derived by using dynamic programming approach, which are summarized in the following
theorem.
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Theorem 3.3. The optimal strategy and the value functions of problem A(\,w) are, respectively,
given by

A Ej(AaR Ei(wi1R
w= — t( t+1 t2) _ t( t+1 ;) rt()xt, tZO,].,...,T—l, (321)
2w E, (wt+1Rt) E; (wt+1 Rt)

fr(x) = —wwix? + Axy +2,  t=0,1,...,T-1, (3.22)

where Z, wy, and Ay are given as defined in (3.7)—(3.9).

Proof. We will show that the above recursive formulas hold true by induction starting with
the boundary condition fr(xr) = (Axr — wx%)pr. Note that fort =T -1,

froa(xra) = max fr1(xr-1)

=max E7_1 [(/\xT_l - wx%,1>PT-1 + f;(xT)]

Uur-1

=max Er [<)th—1 - wx%_1>PT—1 + (le - wx%>pT] (3.23)

Uur-1

= max ()L.X'T,l - wx%_1>pr,1 + A[r%lpTxT,l +E7_1 (pTRT,l)uT,l]
Ur-1

2
- w |:<T'§)~_1> pTx%fl + 21’%_1 Er_q (pTRT_1)uT_1 x7-1 + ET_1 (PTR%&)uerLl:I .

Since Et_; (R%_l) > 0 by assumption, the function fr_;(xr-1) is a concave function of ur_;. The
first-order condition gives

AEr_1(prRr-1) - 2w [T%,lET—l (prRr-1)xr-1 + Era <PTR%_1>HT—1] =0, (3.24)

which yields the optimal solution u7_; as

A Er Rr_ Er_ Rr_
A 1 (pr Tl) _ Tl(pT Tl)ro_le_l. (3.25)

. =
" 2wEra(prR;,)  Era(prRi) T

*
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Substituting u}._, back into fr_1(x7_1), it follows that

froa(xra) = <)LxT—1 - Wx%_1>PT—1

A Eri(prRe- 1) Er_i(prRra)
+A[rT 1prr-s + Era (prRea) (2“’ Era(prR.) Era(prRey)

2
—w [<T9~1> pijzn_l + 27‘]0",1ET—1 (PTRT—l)

A Erg (PTRT—l) Er1(prRr-1) 0
X\ 5 > Tr_4XT-1 ) XT-1
2w Er_1(prR7_;)  Er-(prRi)

2
E R E R
+ET—1<PTR%_1>< A Eroi(prRr- 1) 7-1(prRr- 1)r% 1xT_1> ]

2wEr(prR;_)  Era(prRi_)
_ 0 )2 E7 (prRr-1) \ | ,
=-w [PT—l + (rT—l) pr— Eri(pr R% _1) X1

Ef1(prRr- 2 E2_ (prRr-
+)‘[PT1+’"%1<PT—M>]JCT1+A—M

Er-1(prR7_,) 4w Er (prR7._,)
2
= —wa_lx%_l + )L)LT_le_l + 4—w9T_1

= —wa_lx%fl + .)L)LT_le_l + Z711.
(3.26)

Hence, the conclusion holds true fort =T — 1.
Now we assume that the conclusion holds true for time t + 1, in other words,

* 2 —
ft+1 (xt41) = —WW1 Xy, 4t A1 X1 + S,

= A Epi (A2 Resn) Et+1 (w2 Res1) 0 ) (3.27)
t+1,
#1720 Eiq (Wt+2Rt+1) Ep (wia R? t

t+1

then the optimization problem at time ¢ for given state x; is

7 () = max £, (x)

= maxE; [()th - wxf)}?t + fia (xt+1)]

Ut

2 )
= rr}lax E; [()th wx; )pt WWwi1 Xy, + A1 + .:Hl]
t
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Ut

2
= max { (Axt - wxf)pt -w [(r?) xtzEt(wm) + ZT?Et (w1 Re)upxy + E¢ <wt+1Rt2>uf]

+)t<7”?xtEt()tt+1) +E; ()tt+1Rt)ut> + Et(5t+1)}
(3.28)

Noting that E¢ (w41 th) > 0 by Theorem 3.2, the function f;(x;) is also a concave function of
u;. The first-order condition yields

* A Et(f\t+1Rt) Et(wt+1Rt) 0
U = — TN T Xt
2w Ey(wpaRY)  Ej(wiaRy)

(3.29)

Therefore, for the above given u;,

fi(x) = </\xt - wxf)pt

+ )L[TtoxtEt()tHl) + Et()tt+1Rt)< A Ei(taRy) EiwaRy) o >]

— - rx
2w E (w1 R?)  Ey(wi R?) e

A E(MnRy)  E(wiaRi) roxt>xt

0\2.2 0
- E +2r, E R
w[(rt> X; Et(wri1) + 21, Ef(Wisq t)<2w Ei(@mRY)  Ed(wmP) ;

2

A E;(11R Ei(wi R

+Et<wt+1R?> = ACT! t2) - A ;) Ttoxt + Ei(Ep1)
2w Ey(wiaR?)  Ei(wiaRy)

E}(wiaR
- —w[Pt + (rto>2<Et(a)t+1) N %)]Jﬁ2

Ei(wi1 R)E (A1 R A2 _
+ )L[Pt + T? <Et()lt+1) - t(WtE:(ai 1;({23 - t) >]xt + Eet + Et(:vt+1)
+1 50

= —wwtxtz + .)L)tht + Et.
(3.30)

Hence, the conclusion is true for ¢. By induction, the theorem is true. O
4. Optimal Strategy and the Efficient Frontier of
the Original Problem P(w)

If we insert the optimal strategy given in Theorem 3.3 into the dynamic process of wealth, xr
and x7 can be expressed as

0 *
XT =TVp_1X1-1t+ RT,luT_l

_ |1 Rr1Er-1(wrRr-1) | o A RrEr_1(ArRr_1)
= - ) T_1XT-1 + 2_ ) ’
Er-1(wrR7_,) w  Era(wrRi)
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» 2Rr_1Er_i(wrRr1)  Ri_E7 ((wrRr1) ]/ o \2,
xp=|1- > t— > <7'T—1> X7
Er_i(wrR7 ) Ef  (wrR7 ;)

A RrEri(ArRr.y)  Ri_Eri(wrRr1)Era(ArRro) |,
s > - > > Yr_1XT-1
w| Era(wrR: ) E7 i (wrR7 )

)L_Z R%_l E%_1 ()LTRT—l )

4w? E%—l (“JTR%—l) '

(4.1)
Arxr = | — /\TRT—lET—l(“;TRT—l) PO xra+ A )LTRT—lET—l(J\zTRT—l)’
Er-1(wrR7 ) 2w Era(wrRi)
2ewrRyr_1Er_1(wr R wrR2_ E2  (wrRr-1) 2
wa%=[wT— TIRT-1 T1(2T T1)+ T21 T-1 . <r¥_1> x%,l
Er-1(wrR7,) E7 i (wrR7 ) 42)

A [ wrRrEri(ArRr_1)  wrRF  Er—1(wrRr—1)Er—1 (ArRr1)
_ 0

= X7
w Er, (“’TR%A) E%—l (‘UTR%A) e

A wrR3_ E%_ (ArRr-1)

+
4w B (wrRpy)

Taking expectations on both sides of (4.2) based on the information available at time T -1,
we conclude that

A
Er_i(Arxr) = AMroaX7-1 — proiXxr— + EQT—L (4.3)
)LZ
Er <wa%> = Wr1X7_ — proaxy_ + meﬁl, (4.4)

where

E2_ (AMrRr-1)
by, = LrarRr) 45)
Er-1(wrR7_))

The above equations are recursive equations, and by taking expectations on both sides
of (4.3) and (4.4) attime T -2,...,1,0 repeatedly, we obtain

- A< A
Eo(xrar) = D prEo(xi) = Aoxo + Z_ZEO(Gt—l) =Aoxo + 5O, (4.6)
t=1 w =1 2w

2 d 2 2, N g ), A
Ey (xT,\T> = gPtEO <xt> = woxy + ﬂ;EO(GH) = woxy + m@, (4.7)
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where

_EOaR) g SE@). 48)

Or=———,,
: Et(wt+1Rt2) t=1

With the results (4.6) and (4.7), the variance of the terminal wealth x7,, under the
optimal strategy (3.21) can be written as

Vary(xtar) = Eo <x%/\r> - [EO(xT/\T)]Z

(i) )]

(4.9)
, A2 IRk
= WwoX + ﬂ@ - [)LOXO + E@]
J\z 2 A 2 2
= m(@ -0 > - ;)L()@JC() + <w0 - J\O>x0.

Lemma4.1. 0<©<1, wy-1A3/(1-0) >0.

Proof. First of all, we claim that Vary(xrar) > 0, since it measures the risk of investor at the
time of exiting market, and the risky asset cannot degenerate into the riskless asset. Especially,
when xg = 0, Vary(xta;) can be reduced to

)LZ

Varo(xra) = o — (0-0%) >0, (4.10)

and it is easy to show that 0 < © < 1.
The expression of Varg(xrsz) can be further converted into

NERRE'TRE A\
Varo(xrae) = (@-e ) o TogN| w1 )X >0 (4.11)

Since we know that 0 < © < 1, the above inequality implies wy —A3/(1-©) > 0, and we finish
the proof of Lemma 4.1. O

According to Theorem 2.2, a necessary condition for the optimal solution of auxiliary
problem A()*, w) to attain the optimality of problem P(w) at the same time is

Af=1+ Z(UE()(JCT/\T) |u* =1+2w (J\OxO + 2):0@) (412)

We can easily obtain

_ 1+ 26(])LOX0

A= 4.13
) (4.13)
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Finally, substituting (4.13) back into (3.21) yields the analytically optimal strategy of the
original problem P(w), which is summarized in the following theorem.

Theorem 4.2. For the mean-variance problem P(w), the optimal strategy is given by

_ 1+2whoxg Ex(M1Ry)  Eyf(wiaRe) %, t=0,1,...T-1 (4.14)
t 4 Ay AR 7 .

*

u =
t 2w(l - O) E; (metz) E; (wt+1R%)

where ©, Ny, w1, and A are given as defined.

Referring to (4.6),

A* _ Eo(xrar) = doxo (4.15)
2w S '

Substituting (4.15) back into (4.11), the relationship between Vary(x7sr) and Eo(xrar) can be
shown as follows:

1-0© Aoxo 17 A3
( 5 ) Eo(XT/\T)—lo_xé] +<wo—1_0@>x(2). (4.16)

Therefore, the efficient frontier of the original problem P(w) is given by (4.16) for

Vary(xtar) =

A
Eo(xrie) € |17 °_xé,+oo>. (4.17)

From the efficient frontier (4.16) of the optimal dynamic mean-variance portfolio
selection problem with an uncertain exit time, when returns are serially correlated, we can
obtain the trade-off between the return and the risk when investor exits from market. Since
all of the parameters ©, \y, and wy are functions of p; and R; for t = 0,1,...,T — 1, both
the exiting time and the correlations of the risky asset returns have impacts on the optimal
strategy and the efficient frontier, and this is quite different from the cases with deterministic
terminal time, and the risky asset returns at different periods are independent.

Remark 4.3. In Xu and Li [11], a multi-period portfolio selection problem with serial
correlation and a certain exit time is studied. If p; = po = - = pr-1 = 0, pr = 1, and
r? =r, t=0,1,...,T —1in our model, our result is exactly the same as the one of Xu and Li
[11]. So we generalize the model and results of Xu and Li [11] to the case with an uncertain
investment horizon.

5. Extension to the Situation with Multiple Risky Assets

The results in the previous sections can be extended to the general situation with multiple

risky assets. Suppose that there are n risky assets and one riskless asset with period-t + 1

returns r (i = 1,2,...,n) and r°, respectively. Define el = ri =10, e, = (e}, €?,...,e") and



14 Mathematical Problems in Engineering

Uy = (u},u?,...,u") fori=1,2,...,nand t = 0,1,...,T — 1, where u! is the amount invested
in the ith risky asset at time t. In this case, the wealth dynamics is described by

X =rix+elly, t=0,1,...,T-1. (5.1)

Accordingly, the multi-period mean-variance portfolio selection problem with an
uncertain exit time and serial correlations can be formulated as

u (5.2)

~ max  Eo(xrar) — wVarg(xrar)
P(w) 0
st.  xp=rjxe+el;, t=0,1,...,T-1,

where w > 0 is a pregiven parameter, representing the degree of the investor’s risk aversion.
With the same method as in the previous section, we can show the following theorem.

Theorem 5.1. For problem P(w), the optimal investment strategy is given by

. L1+ waoxo
His 20(1-6)

fort=0,1,...,T -1, and the efficient frontier is given by

1-6 T 12 12
Varg(xtar) = Q Eo(xTAr) — )Lox~ +( @0 —2- )3, (5.4)
© 1-0 1-0©

E? (r1erey) Er (Xt+13t> ~E* ((/(N)t+1ete;)Et((:]tﬂet)rtoxt/ (5.3)

where

M-~

0 = Et<xt+1e;>Et_1 (&tﬂete;)Et(XHlet), o=

Ey <§t—1>/

2
W =pr + (Tto> [Et (&r1) — E(@pare)) Ef (&}Hlete;)Et((DtHet)] , wr=pr,

t=1

(5.5)
Vo=t 1 [E:(Ven) - B (Ve B (@) Ei(@raen)],  Ar = pr,

fort=0,1,..., T -1

Remark 5.2. When the returns rates of the n risky assets are statistically independent, our
results reduce to the results of Guo and Hu [3]. That is, we extend the model and results of
Guo and Hu [3] to the case with serially correlate returns.

6. Numerical Example

In the previous sections, we derive the optimal strategies and the mean-variance efficient
frontiers of two optimal portfolio selection problems with serial correlations and uncertain
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Figure 1: Efficient frontiers with different probability distributions of exit time.

exit time. In this section, we provide a numerical example to demonstrate the impacts of the
uncertainty of exit time and the serial correlations of returns on the efficient frontier. In the
example, we only consider one risky asset for simplicity and assume that its return rate is
subject to AR(1) progress

re=p+p(ra - p) +\/1-pPoy, (6.1)

where p is the unconditional expectation of r;, p € (=1,1) is the first-order autocorrelation
coefficient, o is the unconditional standard deviation of r;, y; is a random variable with
standard normal distribution, and y; is independent of vy (s < t).

To examine the impact of the uncertainty of exit time on the efficient frontier clearly,
we compare the efficient frontiers under three different probability distributions of uncertain
exit time t = T AT: P; = (po, p1,p2,p3) = (0,0.09,0.2,0.71), P, = (po, p1,p2,p3) = (0,0,0.5,0.5),
and P; = (po, p1,p2,p3) = (0,0.2,0.1,0.7). The remaining parameters are setas y = 0.03,b = 0.5,
0 =0.02, xp =1, and T = 3. Figure 1 implies when the investor exits from market later, the
investor enjoys more expected wealth returns at the same level of risk than the one terminates
the investment earlier.

Furthermore, to test the impact of the correlation coefficient on the efficient frontier,
we compare the efficient frontiers under three different settings of correlation coefficient p:
p1 = 01, pp = 04, and p3 = 0.7. The other parameters are given as y = 0.02, o = 0.02,
xo =1,and T = 3. It is obvious from Figure 2 that the investor who takes the risky asset with
larger correlation coefficient will suffer less risk than the one with less correlate risky asset to
achieve the same expected wealth return.
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Figure 2: Efficient frontiers with different values of correlation coefficient.

7. Conclusion

In this paper, we consider an optimal portfolio selection problem under multi-period setting
and mean-variance framework for an investor, who does not know with certainty when
she/he will exit the market in which the capital returns are serially correlated. The problem
is much more complicated than the case with deterministic exit time and/or with serially
noncorrelate assets returns. By applying the dynamic programming approach and the
embedding technique of Li and Ng [2], both the optimal strategy and the efficient frontier
of the problem are derived explicitly. Our results include, as special cases, the ones of Li and
Ng [2], Guo and Hu [3], and Xu and Li [11]. In addition, a numerical example with AR (1)
return process is presented. It shows that both the serial correlations of assets returns and
the uncertainty of exit time have significant impacts on the optimal strategy and the efficient
frontier.
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This paper investigates the problem of stability and stabilization of Markovian jump linear systems
with partial information on transition probability. A new stability criterion is obtained for these
systems. Comparing with the existing results, the advantage of this paper is that the proposed
criterion has fewer variables, however, does not increase any conservatism, which has been proved
theoretically. Furthermore, a sufficient condition for the state feedback controller design is derived
in terms of linear matrix inequalities. Finally, numerical examples are given to illustrate the
effectiveness of the proposed method.

1. Introduction

Over the past few decades, Markov jump systems (M]Ss) have drawn much attention of
researchers throughout the world. This is due to their important roles in many practical sys-
tems. That is, MJSs are quite appropriate to model the plants whose structures are subject to
random abrupt changes, which may result from random component failures, abrupt environ-
ment changes, disturbance, changes in the interconnections of subsystems, and so forth [1].
Since the transition probabilities in the jumping process determine the behavior of
the MJSs, the main investigation on M]Ss is to assume that the information on transition
probabilities is completely known (see, e.g., [2-5]). However, in most cases, the transition
probabilities of M]Ss are not exactly known. Whether in theory or in practice, it is necessary
to further consider more general jump systems with partial information on transition
probabilities. Recently, [6-9] considered the general MJSs with partly unknown transition
probabilities. But in these papers, when the terms containing unknown transition probabil-
ities were separated from others, the fixed connection weighting matrices were introduced,
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which may lead to the conservatism. As noticed, it, currently [10], have achieved an excellent
work of reducing the conservatism. The basic idea is to introduce free-connection weighting
matrices to substitute the fixed connection weighting matrices. However, this means that the
method of [10] has to increase the number of decision variables. As shown in [11], more
decision variables imply the augmentation of the numerical burden. Therefore, developing
some new methods without introducing any additional variable meanwhile without
increasing conservatism will be a valuable work, which motivates the present study.

In this paper, we are concerned with the problem of the stability and stabilization of
M]JSs with partly unknown transition probabilities. By fully unitizing the relationship among
the transition rates of various subsystems, we obtain a new stability criterion. The proposed
criterion avoids introducing any connection weighting matrix; however, do not increase
any conservatism comparing to that of [10], which has been proved theoretically. More
importantly, because the proposed stability criterion need not introduce any slack matrix, the
relationships among Lyapunov matrices are highlighted. Therefore, it helps us to understand
the effect of the unknown transition probabilities on the stability. Then, based on the proposed
stability criterion, the condition for the controller design is derived in terms of LMIs. Finally,
numerical examples are given to illustrate the effectiveness of the proposed method.

Notation

In this paper, R" and R™ denote the n-dimensional Euclidean space and the set of all
n x m real matrices, respectively. Z* represents the set of positive integers. The notation
P > 0 (P > 0) means that P is a real symmetric and positive definite (semipositive-
definite) matrix. For notation (Q, ¥, ), Q represents the sample space, ¥ is the o-algebra
of subsets of the sample space, and p is the probability measure on ¥. E{-} stands for the
mathematical expectation. Matrices, if their dimensions are not explicitly stated, are assumed
to be compatible for algebraic operations.

2. Problem Formulation

Consider the following stochastic system with Markovian jump parameters:
X(t) = A(re)x(t) + B(ri)u(t), (2.1)

where x(t) € R" is the state vector, xg denotes initial condition, and {r;},¢ > 0 is a right-
continuous Markov process on the probability space taking values in a finite state space S =
{1,2,..., N} with generator A = {im;;}, i,j €S, given by

aiiA +o(A), i#],
Priraa=jlrn=il=4 (2.2)
1+.71'ijA+O(A), i=j,

where A > 0, lima90(A)/A =0, and 7;; > 0, for i # j, is the transition rate from mode i at
time f to mode j at time t+ A, and 7r;; = — Zfiu# j Tij- A(r;) are known matrix functions of the
Markov process.

Since the transition probability depends on the transition rates for the continuous-time
MJSs, the transition rates of the jumping process are considered to be partly accessible in this
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paper. For instance, the transition rate matrix A for system (2.1) with N operation modes
may be expressed as

m ? w7
2 2 2 TN

, 2.3)
? N2 TIN3 cct TINN

where “?” represents the unknown transition rate.

For notational clarity, for all i € S, we denote S = S;{ U S;k with S;{ 2 j : 7ij is known
forj €S} and S, £ {j: m;j is unknown for j € S}.

Moreover, if S # @, it is further described as

si = {Ki, K, K, ], (2.4)

where m is a nonnegative integer with 1 < m < N and k;'. €7, 1< k;. <N, j=12..m

represent the jth known element of the set Sf( in the ith row of the transition rate matrix A.
For the underlying systems, the following definitions will be adopted in the rest of this
paper. More details refer to [2].

Definition 2.1. The system (2.1) with u(t) = 0 is said to be stochastically stable if the following
inequality holds

E{Jj lx(®)|dt | xo,ro} < o, (2.5)

for every initial condition xp € R" and ry € S.
To this end, we introduce the following result on the stability analysis of systems (2.1).

Lemma 2.2 (see [2]). The system (2.1) with u(t) = 0 is stochastically stable if and only if there exists
a set of symmetric and positive-definite matrices P, i € S, satisfying

N
AlPi +PA; + > miiP; < 0. (2.6)
j=1

Remark 2.3. Since the unknown transition rates may have infinitely admissible values, it is
impossible to be directly used the inequalities of Lemma 2.2 to test the stability of the system.

3. Stochastic Stability Analysis

In this section, a stochastic stability criterion for MJSs is given without any additional weight-
ing matrix.
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Theorem 3.1. The system (2.1) with a partly unknown transition rate matrix (2.3) and u(t) = 0
is stochastically stable if there exist matrices P; > 0, such that the following LMIs are feasible for
i=12,...,N.

Ifigst,
PA; + A] P, + D, - 7P <0, (3.1)
P-P;>0, VjeS,, j#i (32)

IfieS,
PA;+ Al P+ D, —xiP; <0, Vjes,, (3.3)

where ) = Zjes;'( ;i Py and oy = Z]-esik TTij.

Proof. Based on Lemma 2.2, we know that the system (2.1) with u(t) = 0 is stochastically
stable if (2.6) holds. Now we prove that (3.1)—(3.3) guarantee that (2.6) holds by the following
two cases.

Casel (i ¢ S};). In this case, (2.6) can be rewritten as

®; £ DA+ AP + D + 3P+ 3, P <0. (34)
e #1 ‘

Note that in this case Zjesik,j#i]fi]’ = -y — .ﬂ';( and 7;; > 0,j € S;k, j #1i; then from (3.2), we
have

®; <PA+ATP+ DL+ P+ Y P
jeSt i #i
=PA + Al-TPi + D}; + a5 P; + <—7fii - 7f11<>Pl (3

=PA;+ AP+ pi - m. P

Therefore, if i ¢ Si, inequalities (3.1) and (3.2) imply that (2.6) holds.

Casell (i € S};). Note that in this case —Jr,i =y jesi TTij and or;; >0, j € SLk. So, if —yz',i =0, then
we must have S, = . Therefore, (2.6) becomes

PA;+ ATP + pi <0, (3.6)

which is equivalent to (3.3) noticing -} = 0.
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Else, if —ﬂ',i #0, then we must have —yr,i > (. Then, (2.6) can be rewritten as

1

PA;+ AP + D,
me{( — ")+P;~}<0- (37)
k

JESi,

Obviously, (3.3) implies that (3.7) holds. Then, if i ¢ Si, (3.3) implies that (2.6) holds.

Therefore, if LMIs (3.1)—(3.3) hold, we conclude that system (2.1) is stochastically
stable according to Lemma 2.2. The proof is completed. O

Theorem 3.1 proposed in this paper does not introduce any free variable. It involves
Nn(n + 1)/2 variables, while Theorem 3.3 in [10] involves Nn(n + 1) variables. Namely,
the number of variables in this paper is only half of [10]. Generally, reducing the number
of decision variables easily results in increasing conservatism of stability criteria. However,
Theorem 3.1 in this paper does not increase conservatism while with less variables. To show
this, we rewrite it as follows.

Theorem 3.2 (see [10]). The system (2.1) with partly unknown transition rate matrix (2.3) and
u(t) = 0 is stochastically stable if there exist matrices P; > 0, W; = W], such that the following LMIs
are feasible fori=1,2,..., N,

DA+ ATP+ > i (P - W) <0,

& (3.8)
Pi-W;<0, jeS,, j#i (3.9)
P,-W;>0, jeS,j=i (3.10)

Now we have the following conclusion.

Theorem 3.3. Suppose for system (2.1) with partly unknown transition rate matrix (2.3) there exist
P> 0and W; = Wl.T, i=1,2,...,N, such that (3.8)—(3.10) hold; then the matrices P; > 0,
i=1,2,...,N,satisfy (3.1)—(3.3).

Proof. 1f i ¢ S, (3.9)—(3.10) imply that (3.2) and the following inequality hold:

P>W. (3.11)

From (3.11) and (3.8), we can obtain (3.1).
Ifi €S}, (3.9) and (3.10) guarantee that

P,-W;<0, jeSi. (3.12)
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In addition, under this circumstance, we have

Z”"" <0 (3.13)
JES)

Then, From (3.12), (3.13), and (3.8), we obtain that (3.3) holds. The proof is completed. O

Remark 3.4. The stability condition in [10] and that in Theorem 3.1 are derived via different
techniques. Now Theorem 3.3 proves that the former can be simplified to the latter without
increasing any conservatism. More importantly, because Theorem 3.1 of this paper does
not involve any slack matrix, the relationships among Lyapunov matrices are highlighted.
Therefore, it is clearer how the unknown transition probabilities affect on the stability.

4. State-Feedback Stabilization

In this section, the stabilization problem of system (2.1) with control input u(t) is considered.
The mode-dependent controller with the following form is designed:

u(t) = K(ry)x(t), (4.1)

where K(r;) for all r; € S are the controller gains to be determined. In the following, for given
Ty = i€ S, K(T‘t) = Ki.
Using (4.1), the system (2.1) is represented as

x(t) = [A(ry) + B(r) K (r) | x(b). (4.2)

The following theorem is proposed to design the mode-dependent stabilizing controller with
the form (4.1) for system (2.1).

Theorem 4.1. The closed-loop system (4.2) with a partly unknown transition rate matrix (2.3) is
stochastically stable if, there exist matrices Q; > 0 and Y;, i = 1,2,..., N such that the following
LMIs are feasible fori=1,2,...,N.

Ifigs,
Zi-m Qi T
[ 7 Th ] <0, (4.3)
* —lph'
[_Qi Qi] <0, VjeS &j#i (4.4)
* —Q]
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Ifiest,

S+ miQi T A/(-7)Qi
* ¥y 0 <0, Vjes), (4.5)
* * -Qj

where
Zi= AiQi+ QiA] + BY; + Y[ B,
I = [\/ﬂTqu VFGQi \/JTk;nQi],
W, = diag{ Quy, Quyr - Qi |- (4.6)
Mo = [T Qi -+ T, Qi T, Qi T, Q]
Wi = diag{ngz---/QkLl/Qk;'Hr---/Qkin },

with ki, kb, ..., ki, described in (2.4) and k = i.
Moreover, if (4.3)—(4.5) are true, the stabilization controller gains from (4.1) are given by

K =Y,Q;". (4.7)

Proof. It is clear that the system (4.2) is stable if the following conditions are satisfied.

Ifigst,
Pi(A; + BK;) + (A; + BIK)) P + pi — i P <0, (4.8)
P -P,<0, VjeS,, j#i. (4.9)

Ifies],
Pi(A; + BiK;) + (A + BIK) P+ P —iP; <0, VjeSi . (4.10)

Pre- and postmultiply the left sides of (4.8)—(4.10) by P;, respectively, and introduce the
following new variables:

Qi=PF'  Yi=KP" (4.11)

Then, inequalities (4.8)—(4.10) are equivalent to the following matrix inequalities, respec-
tively.
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Ifigst,
S - i Qi + Iy W TT], < 0, (4.12)
QiPQi-Qi<0, VYjeS, j#i. (4.13)

Ifies],
i + miQ; + M W5 T, + (-l )QiPQi <0, VjeS,. (4.14)

By applying Schur complement, inequalities (4.12)—(4.14) are equivalent to LMIs (4.3)—(4.5),
respectively.

Therefore, if LMIs (4.3)—(4.5) hold, the closed-loop system (4.2) is stochastically stable
according to Theorem 3.1. Then, system (2.1) can be stabilized with the state feedback con-
troller (4.1), and the desired controller gains are given by (4.7). The proof is completed. [

Remark 4.2. The number of variables involved in Theorem 4.1 in this paper is also Nn(n+1)/2
less than that in the corresponding result of [10]. Furthermore, it can be seen that no
conservativeness is introduced when deriving Theorem 4.1 from Theorem 3.1. Therefore, the
stabilization method presented in Theorem 4.1 is not more conservative than that of [10], too.

5. Numerical Example

In this section, an example is provided to illustrate the effectiveness of our results.
Consider the following MJSs, which borrowed from [10] with small modifications,

32 -7.30 0.89 -3.11
Al = ’ AZ = 7
1.48 0.81 148 0.21
-0.11 -0.85 -0.17 -1.48
Az = , Ay = ,
231 -0.10 1.59 -0.27
0.57 0.78
B, = ’ B, = ’
1.23 -0.49

1.34 -0.38
Bs = , By = .
0.39 1.07

The partly transition rate matrix A is considered as

(5.1)

-13-a 02 ? 2
? ? 03 03

A= , (5.2)
06 ? -15 ?

0.4 2?7
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0.5 1000

Figure 1: State response of the open-loop system with 1000 random samplings.

where the parameter a in matrix A can take different values for extensive comparison pur-
pose.

We consider the stabilization of this system corresponding to different a by using
different approaches. Considering the precision of comparison, we let a increase starting
from 0 with a very small constant increment 0.01. Using the LMI toolbox in MATLAB, both
the LMIs in Theorem 5 of [10] and the ones in Theorem 4.1 of this paper are feasible for all
a = 0,0.01,...,1.64, and are infeasible when a increases to 1.65. It can be seen that for this
example the stabilization method in our paper is not conservative than that in [10].

Now by some simulation results, we further show the effectiveness of the stabilization
method of this paper. For example, when a = 1.64, in our method, the controller gains are
obtained as

K, = [-15143 5252], K, = [-873700 392930],
(5.3)
Ks = [-1086.6 —290.8], Ky = [440620 -300480].

Figure 1 is the state response cures in 1000 random sampling with initial condition
xo = [1-1]" when u(t) = 0. In each random sampling, the transition rate matrix is randomly
generated but satisfies the partly transition rate matrix A in (5.2). Figure 1 shows that the
open-loop system is unstable.

Applying the controllers in (5.3), the trajectory simulation of state response for the
closed-loop system with 1000 random sampling is shown in Figure 2 under the given initial
condition xp = [1 - 1]". In this case, the transition rate matrix is also randomly generated
but satisfies the partly transition rate matrix A in (5.2). Figure 2 shows that the stabilizing
controller effectively keeps the running reliability of the system.

6. Conclusions

This paper has considered the problem of stability and stabilization of a class continuous-time
M]JSs with unknown transition rates. A new stability criterion has been proposed. The merit
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Figure 2: State response of the closed-loop system with 1000 random samplings.

of the proposed criterion is that it has less decision variables without increasing conservatism
comparing those in the literature to date. Then, the mode-dependent state feedback controller
designing method has been proposed, which possess the same merit as the stability criterion.
Numerical examples have been given to illustrate the effectiveness of the results in this paper.
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This paper analyzes the stochastic stability of a damped Mathieu oscillator subjected to a para-
metric excitation of the form of a stationary Gaussian process, which may be both white and
coloured. By applying deterministic and stochastic averaging, two It6’s differential equations are
retrieved. Reference is made to stochastic stability in moments. The differential equations ruling
the response statistical moment evolution are written by means of 1t6’s differential rule. A nec-
essary and sufficient condition of stability in the moments of order r is that the matrix A, of the
coefficients of the ODE system ruling them has negative real eigenvalues and complex eigenvalues
with negative real parts. Because of the linearity of the system the stability of the first two moments
is the strongest condition of stability. In the case of the first moments (averages), critical values of
the parameters are expressed analytically, while for the second moments the search for the critical
values is made numerically. Some graphs are presented for representative cases.

1. Introduction

The so-called Mathieu equation has attracted the attention of the scholars in the past, and
many papers and books are available on this subject such as [1, 2]. The interest in this equa-
tion stems from two facts: first, its dynamics is very rich; second, it describes the vibrations
of important mechanical systems such as a prismatic bar stretched or compressed by a sinus-
oidal axial force, a pendulum whose support is subjected to a sinusoidal motion, and an el-
liptic membrane [3, 4]. In general, attention is focused on the stability of the motion.

When the excitation acting on the Mathieu oscillator is a stochastic process, its re-
sponse is a stochastic process too. Thus, the analyst is concerned with the problem of the
statistical characterization of the response, and in the case of a system prone to instability the
problem of the stochastic stability must be solved. Nevertheless, studies on the Mathieu
systems with stochastic excitation are not numerous. Probably, the first authors who
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addressed the problem were Stratonovich and Romanovski [5]. Analyses of the Mathieu-
type equations with external random excitation were presented by Dimentberg [6] and by
Cai and Lin [7].

A Mathieu system with random parametrical excitation was considered by Rong et al.
[8] and by Xie [9] (see the references cited herein too). The first authors use the method of
multiple scale to determine the equations of the amplitude and the phase of the response.
The check for almost-sure stability is made by computing the largest Lyapunov exponent. On
the contrary, in ([9, Chapter 7]) the method of stochastic averaging is used, and the stability
in moments is analyzed. It recalled that there are different definitions of stochastic stability,
for which the reader is referred to [10, 11]. According to the selected stability definition,
different stability bounds are found. Thus, it is not surprising that the results of [8, 9] are
different. However, the conclusions that are reached are opposite: in [8] it is claimed that the
stochastic parametric excitation is always detrimental with respect to the stability, while in
[9] it is affirmed that there are cases in which the stochastic excitation stabilizes the system.

In this paper, the Mathieu damped oscillator parametrically excited by a Gaussian
noise is considered again. A suitable coordinate transformation is made, and deterministic
and stochastic averaging are applied in such a way that the second-order motion equation
is replaced by two first-order equations, are interpreted in Itd’s sense. As the Fokker-Planck-
Kolmogorov equation for the response probability density function (PDF) is not analytically
solvable, the stochastic stability in moments is considered as in [9, 12]: the differential
equations governing the response moment evolution are written by means of the rules of It6’s
stochastic differential calculus [13-16]. A necessary and sufficient condition of stability in the
moments of order r is that the matrix A, of the coefficients of the ODE system governing them
has negative real eigenvalues and complex eigenvalues with negative real parts. Because of
the linearity of the system the stability of the first two moments is the strongest condition
of stability so that only the first two moments are considered ([11, Chapter 7]). Analytical
stability bounds are established for the first moments, while the stability of the second
moments is searched numerically.

2. Statement of the Problem

Consider the Mathieu-type stochastic differential equation

X(t) +2egowoX (1) + wi[1 + efsin Qt + /eF(t)] X (t) =0, (2.1)

where {j is the ratio of critical damping, wy is the undamped pulsation of the oscillator, &
is a small parameter, f and Q are the amplitude and the pulsation of the sinusoidal term,
respectively, and F(t) is a stochastic stationary Gaussian process with zero mean. Because of
the parametric excitation F(t) the response X(t) is a stochastic process too.

The pulsations Q and wjy can be linked by writing

2
wj = gi + €6, (2.2)
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where 6 is a detuning parameter. By inserting (2.2) in (2.1), this becomes
e . . )
X))+ X(t) = [2g0w0)<(t) + (6 + w?Bsin Qt)X(t)] —Vew? X(OF().  (2.3)

The problem of the statistical characterization of (2.3) will be tackled by using the
stochastic averaging method [6, 11, 17-20]. However, in the case of a harmonic term like
that in (2.3), the classic coordinate transformation X(t) = A(t) cos ¢(t), where A(t) and ¢(t)
are stochastic processes, does not work well as the joint probability density function (PDF)
of the response is not separable ([11, chapter 7]). A suitable coordinate transformation was
proposed in [6, 17, 18], which reads as

X(t) = X1 () cos(%) + Xo(t) sin<%>. (2.4)

According to the principles of deterministic averaging for weakly nonlinear systems [21] it is
assumed that

X = _lgxl(t) sin(%) + %QXz(t) cos<%>

.. Qt 1 Qt Qt 1 . [ Qt
X(t) = ——QX1 sm( ) ) - ZQZX1 cos<?> +-QX, os( 5 )— ZQZX251n<7>.

(2.5)

The expressions in (2.5) are not exact but only approximate. The exact expression of the
first derivative is —(1/2)QX sin(Q¢t/2) + X; cos(Qt/2) + (1/2)QX; cos(Qt/2) + X, sin(Qt/2).
According to the method of deterministic averaging [21] the second and fourth terms are
neglected so that the derivative retains the same form as it would have if X; and X, were
constant.

By inserting (2.4), (2.5) into (2.3), after some algebra we obtain a pair of first-order
stochastic differential equations:

. Qt 1 ls) 26 Qt
—- - 1 2 — —_—— —_—— —_——
Xi(t) = —¢ {2§0w0 [X1 sin < > X5 sin Qt] X1 sin Qt X5 sin < > >

—wTO'BXl sinQt — wofXz sin? <%> sin Qt} (2.6)
Qt
+ \fwo[ X, sin Qf + X, sin? ( 5 )]P(t)
. 1 . 26 Qt
Xo(t) = ¢ {Zgowo [EXl sin Qf — X, cosz< >] QXZ sin Qt — o —Xj cos < > >
Oﬁ

— X, sin’Qt — woPfX; cos (%) sin Qt} (2.7)

Q X
—Vewy [Xl cos? <7t> + 72 sin Qt] F(t).
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The method of stochastic averaging is applied to (2.6), (2.7). In the field of stochastic
dynamics this method of analysis was proposed first by Stratonovich [17, 18] (see also
[11, 19, 20]) as an extension to stochastic systems of the deterministic method by Bogoliubov
and Mitropolsky [21] (see Mettler [22], too). Then, it was rigorously demonstrated by
Khasminskii [23]. It involves two phases that can be performed in either order: in the former,
the deterministic terms that do not contain the forcing functions are averaged. In the second
phase, the terms containing the forcing functions are reduced to Gaussian stationary white
noises.

The deterministic averaging of the terms in brace brackets in (2.6), (2.7) requires the

evaluation of integrals like ©7! - j(? (e)dt [6,17, 18], where © = 2or/Q. It is obtained that

Xl (t) = =€ (§0w0X1 - gXZ - UJTOI;X1> + \/E wo [%Xl sin Qf + Xz Sil’l2 <%)] F(t),
(2.8)

. Q 1
Xz(t) = —€ <§0w0X2 + gxl + WT()[}X2> - \/g wy [Xl COSZ<7t) + §X2 sin Qt] F(t)

Now, the forcing terms must be worked out. In the classic stochastic averaging method
it is required that the process F(t) is broadbanded: in order to remove this restriction, a
different way will be followed. Stratonovich [17, Volume 1, Chapter 7] suggested that, given
a stochastic process F(t), which may be even narrowbanded, the product sinQt F(t) is
replaceable by a stationary Gaussian white noise Wi (t) having the autocorrelation function
Ko6(t). The constant K is given by the following integral: Ko = 1/2 ffz Rpp(t) cosQrdr =
xSpr(Q2), where Rrp(7) and Spp(€2) are the auto-correlation function and the power spectral
density (PSD) of F(t), respectively. However, the forcing terms in (2.8) contain the contri-
butions F(t)sin?(Qt/2), F(t)cos*(€2t/2) too. These contributions are replaced by a stationary
Gaussian white noise W, (t), whose intensity is computed by adapting to the present case the
derivation of Stratonovich [17, Volume 1, Section 7.2]. We have

E[W,(H)Ws(t +T)] = 6(T) f m Rrr(T)sin® (%)sz [%(t + T)] dr. (2.9)

By expanding the product of the trigonometric functions in the integral (2.9), we obtain:
sin?(Qt/2)sin?[Q/2 (t+71)] = 1/4{1 - cos[Q(t +T)] — cos Qt + 0.5 cos QT + 0.5 cos[Q(2t + T)]}.
In the last expression, the second and the third addenda, when averaged, give rise to zero,
while the fifth term is a faster oscillatory one that according to Stratonovich can be neglected.
Thus, the integral (2.9) is equal to

j Rer(7) G + %cos m) dr = %SFF(O) + %sﬁ(g). (2.10)

—o0o

The expansion of [ Rpr(T)cos?(Qt/2)cos?[Q/2(t + T)]dT leads to the same result. In much
the same way, it results that E[W; (£)W,(t + 7)] = 0, that is, they are uncorrelated.
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Performing these operations, (2.8) simplify into

X1 (t) = —ewp <§0 - g)xl + gxz + Xlwo'\IE%SFF(Q)Wl(t)

+ XZwO\/E[%Spp(O) + 7 Ser (@) W),

Xz(t) = —Ewyp <§0 + 'g >X2 — gXl + XzWO\IE%SFF(Q)Wl(t)

+ Xlwo\/s[%SFF(O) + %SFF(Q)]Wz(t).

(2.11)

For the sake of simplicity, the white noises in the previous equations have unit intensities.
More-over, the forcing terms in the second equation have the sign plus as the white noise
processes +1/KW (t) have the same probabilistic characteristics ([24, chapter 6, section 6.3.2]).

In order to transform (2.11) into two Ito-type stochastic differential equations, the so-
called Wong-Zakai-Stratonovich corrective terms must be added to the drift terms [25, 26].
They are computed according to the following formula:

me; = E;k; 8k (2.12)

where in the present case n =m =2 and gi;, gij are elements of the diffusion matrix

o X1wo\/£%5n(9) XZWO\/E[%SFF(O) + %SFF(Q)] ' 213)
sz()‘\ /{5%5}*1:(9) X1LU()\/€[%SF1:(O) + %SFF (Q)]

Hence, the two It0 stochastic differential equations that govern the problem are

dx; = —Ew0<§o - Z) + s%wg S|xdt + gngdt + Xlwow/s%Spp(Q)dBl(t)

+ Xowo e[ r2(0) + 7 Ser (@] dBa),

(2.14)

[ T, =] 6
dX2 = -—g(,()o <§0 + g) + 52(,(]2 S‘ det - £§X1dt

+ szo‘\/E%SFF(Q) dBi(t) + Xlwo\/€[%5ﬁ(0) + %SPF(Q)]dBZ(t)/

where S = Spr(0) +Spr(Q) and B (f) and B, () are two standard Wiener processes (Brownian
motion), for which the formal relationship dB;/dt = W;(t) (i = 1,2) holds.
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From a theoretical point of view the probabilistic characterization of the random vector
X ={X;, X»}' should be obtained by solving the so-called Fokker-Planck-Kolmogorov (FPK)
equation in the joint PDF px of the state variables [11, 17, 18, 24]

apx 0 1 02
7 = —a—xi(mipx) + Em(bupx), (215)

where the summation rule with respect to a repeated index has been adopted, and m; =
[—ewo(Go — B/4) + e(r /4w S1X1 + (e6/Q)Xo, my = [—ewo($o + B/4) + e(or/4)w)S]Xo -
(6/€2) X1, bij = |GG! Jl-]-, with the matrix G being defined in (2.13), while the apex “t” denotes
transpose. Unfortunately, as in many other cases the FPK equation (2.15) does not have an
analytical solution because the excitation is a parametric one. Thus, another method has to be
chosen in order to characterize the probabilistic characteristics of the response. The moment
equation approach is used herein.

//t//

3. Moment Equation Approach

In (2.14) the excitation is multiplicative only, and there is not an external excitation. Thus, zero
solution X; = X, = 0 for all  satisfies them, even if the multiplicative excitation is a stochastic
process. We are concerned with the stability of zero solution. There exist different definitions
of stochastic stability, for which the reader is referred to Chap. 6 of [11]. Here, the stability of
zero solution is analyzed in the moments. In fact, the stability of the first two moments is the
strongest for linear autonomous systems under multiplicative Gaussian excitation [11, 27].
Thus, the stability of the first two moments only will be considered here. As the response of
(2.14) is not Gaussian, in order to characterize it statistically, from a theoretical point of view
the knowledge of the infinite hierarchy of the moments would be necessary. Nevertheless, the
system of (2.14) is linearly parametric: it has been shown that the equations for the statistical
moments of such a type of systems are a close set [28], and they can be solved in succession.
Thus, the convergence of the moments of first and second order is a necessary condition for
being stable the moments of higher orders.

In the field of dynamic stability analyses, a system is stable when it comes back to the
initial configuration after being subjected to a small perturbation. Zero statistical moments
E [X;1 X;zj (r +r2 =) correspond to a zero solution. When the zero solution is perturbed, the
response moments are no longer zero: if the stochastic Mathieu oscillator is stable, once the
perturbation is removed, they decay to zero, otherwise they grow without limits. The first
step is to write the ordinary differential equations (ODEs) ruling the time evolution of the
response moments. Since (2.14) is an It0 system, use is made of Itd’s differential rule [13-15],
which reads as

2

B op Oy 1 0%y
dg = 3 + a—xidxl + 3 dx.0x, dx;dx;. (3.1)

In (3.1) ¥ is a nonanticipating function of the state variables x; and the summation rule is
adopted. It is recalled that (3.1) retains the terms of order dt only, as dB is of orderv/dt. In
order to write the moment equations, the appropriate nonanticipating function to be chosen
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isg = Xl where i, j are positive integers or zero with the constraint i + j = r, with r being
the order of the moments to be computed.

By choosing ¢ = XiXé with i + j = 1, the ODE:s for the first order moments are

E[xi] + 2E[xy],

E[X1]=—g[w0(go—§>—ngs 3

(3.2)

|
£0] = e (30+ £ ) - 35| e - D),

where the dots mean derivatives with respect to time and S =Sgr (0) +Srr(€). Analogously,
the ODEs ruling the second moments are found to be

E[Xf] = [—Zewo (go - f—i) + swg%SFF(O) + €a)é§JZ'SFF(Q)] E[Xf]

255 E[X:1X>] +ng[ Srr(0) + —SFF(Q)] [XZ]
= anE[X ] + ale[Xle] + azzE [X ]
€0

EIXiXa] =~ E[X3] + {~2etwnto + e} T [Sre(0) + Sre (@)1 EXiXa] + SV E[X3]

Q

(33)
= a21E[X%] +anE[X1Xo] + a23E[X2]’

E[xg] - gwg[gspp(m + % sFF(Q)]E[Xf] - 2§E[Xlx2]

- {—25w0 <§0 - g) +ew) [%SFF(O) + ZJTSFF(Q)] }E[Xg]

= anE[X3] + anE[XiX] + anE|X3|.

By inspecting (3.3), it is noted that the forcing terms are absent, which due to the fact
that in (2.14) the excitation is purely parametric. Thus, (3.3) can be written in compact matrix
form as

m,(t) = A,m,, (34)

where m, (t) is a vector collecting all the moments of order r of the system states and A, is a
matrix of the coefficients a;; as shown in (3.3). The solution to (3.4) is

m, () = mp exp(A,t), (3.5)

where my is a vector whose entries are the initial conditions for the moments. These constitute
the perturbation to zero solution.

It is well known (e.g., see [4]) that, as t grows, the response moments decay to
zero whenever the matrix A, has negative real eigenvalues and complex eigenvalues with
negative real parts. Otherwise, the moments increase without limits. Thus, the condition of
stability in moments is that the eigenvalues of the matrix A, have negative real parts. In
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this way, the stochastic problem is led to the classic deterministic problem of studying the
eigenvalues of a matrix. Since the matrix A, depends on the system parameters (2.1), there
exist critical values of these quantities for which the real part of almost an eigenvalue is zero.
Increasing them further, a real part becomes positive, and the moments grow to infinity.

In order to study the eigenvalues of A,, its characteristic equation is formed:

det(AL — A,) =0, (3.6)

where I, is a unit matrix having the same order as A,. Equation (3.6) must specialized for the

order r of the moments. As previously advanced, due to the linearity of the system and to the

Gaussianity of the input, the moment stability analysis is limited to the first two moments.
Coming back to the first-order moments, from (3.2) the characteristic equation looks

A+e [w0<§0—§> wéZS] —%

like

det &5 ﬂ . = O/ (37)
a A+e w0<§0+z>—w325]
where from (2.2) 6 = ™! (w3 — Q?/4). The roots of (3.7) are
1 52
)‘1,2 =€ gowo + 4.71'(,005 :|: ﬂ?_ 16— . (38)

In examining the eigenvalues given by (3.8), it is necessary to distinguish between the case of
real eigenvalues and that of complex conjugate ones. The eigenvalues are real numbers when

o

>4—-:
ﬂ aJoQ

(3.9)

where for the sake of simplicity f is assumed to be positive. Otherwise, they are complex
conjugate numbers. Clearly, in the latter case the stability condition for the first moments is

o > %wo? (3.10)

Equation (3.10) requires that the oscillator is damped and the amount of damping depends
on both the oscillator frequency and the intensity of the exciting noise. This requirement may
be rather restrictive when wj is not small.

Now, let us consider the case in which (3.9) is satisfied. From (3.8) it is seen that there is
passage to instability when the eigenvalue with the sign plus before the square root becomes
zero, that is,

2

1 1
erOS + Zwo wip? - 166— =0. (3.11)

—Gowo + 1
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Solving (3.11) with respect to S, we obtain the critical value of this quantity:

(3.12)

where f must be larger than the value in the right-hand side of (3.9). By comparing (3.12)
with (3.10) it is found that the critical value given by the former is always smaller than that
given by the latter. Keeping into account that S = Srr(0) + Spr(Q), the critical intensity of the
excitation depends on the form of power spectral intensity of this: in Section 4 the cases of
white and coloured noises will be considered.

As regards the second moment stability, since the moment equations are three, (3.3),
the characteristic equation associated with the matrix A, is of the third order. The roots of
such a type of equation have analytical expressions. However, they are rather cumbersome as
many parameters enter them. Thus, it has been preferred to proceed numerically. By using a
computer algebra software a parameter is varied till one out of the three eigenvalues becomes
zero: the corresponding value of the parameter is the critical one. Routh-Hurwitz criteria
[4, 29] are not used. This is why in another study devoted to the stability of elastic columns
with memory-dependent damping [12] it has been found that these criteria may overevaluate
the critical values by a 30%.

4. Stability Analyses

The present section is devoted to the applications of the theory previously explained. Three
cases are considered for the parametric excitation F(t): (1) stationary Gaussian white noise;
(2) coloured Gaussian process obtained by passing a stationary Gaussian white noise through
a first-order linear filter; (3) coloured Gaussian process obtained by passing a stationary
Gaussian white noise through a second-order linear filter. This choice makes the comparisons
easier as the three stochastic processes have a common parameter that is the intensity o of
the white noise.

The power spectral density (PSD) of a stationary stochastic process X (t) is defined as

+00
Sxx = %J Rxx (1) - exp(—iwT)dT, (4.1)

where Rxx(7) is the autocorrelation function of the process and i = +/~1. Since the
autocorrelation function of a stationary Gaussian white noise W (t) can be expressed as
Rww (1) = 2r0?6(t) (6(T) is Dirac’s delta), its PSD is 02, constant on the whole real axis.
Thus, for a white noise the first criterion of stability for the first-order moments (3.10) gives

2 24

= . 4.2
&= ror (42)

The critical value of 2 increases linearly with the system ratio of critical damping ¢y and is
inversely proportional to system pulsation wy, but it does not depend on €.
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Figure 1: First moment stability: plot 02 of as a function of Q from (4.5), first-order filter, a = 10, wy = 27,
¢o = 0.05.

Now, the white noise is passed through a first-order linear filter (the Langevin
equation) to have the excitation F(t), that is,

E(t) + aF(t) = V2roW (t), (4.3)

where W (t) has unit strength. The PSD of F(t) is

20%a

Srr(w) = (4.4)

a?+w?’

The critical value 02 is found by solving (3.10) with respect to S and taking the expression of
this quantity into account, that is,

= 207

cr 2G§ra _ 4_@0

a  a2+Q2  gwy

n
)

(4.5)

The result of (4.5) is plotted in Figure 1 as a function of Q for a = 10, wy = 27, and ¢y = 0.05.
It is found that ¢ is an increasing function of Q.

The third type of excitation is obtained by passing the white noise through a second-
order linear filter, that is,

E(t) + 28w E(t) + wf,l—“(t) =2roW(t). (4.6)

In this case the PSD of F(t) is

202

Srr(w) = (4.7)

(wjzc —w2> + 4§J2fw§w2'
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Figure 2: First moment stability: plot of ¢2 as a function of Q from (4.8), second-order filter: wy = 2o,
Go =0.05, and {5 = 0.10; top plot wy = wy, bottom plot wy = 2wy.
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Figure 3: First moment stability: plot of Se as function of Q according to (3.12) for wy = 2, §o = 0.05,
and f = k6/ (woQ) with x = 4.01 (red line), 4.10 (black), 4.5 (blue), and 5.0 (violet).

o2, for the first condition of stability is computed from

_ 2062 202 4
S = ey Oer _ %o (4.8)

. _
w 2 02 2. 202 TFWo
f (wf Q) + 42w2Q

The results of (4.8) are plotted in Figure 2 for wy = 2, §o = 0.05, and ¢ = 0.05; the top plot
refers to wy = wp and the bottom plot to wy = 2wy. Both plots show resonance with a marked
minimum when € equates wy.

As regards the second condition of stability, Ecr from (3.12) is plotted in Figure 3 for
wy = 2, §o = 0.05. Since this condition is valid only when f is larger than the right-hand side
of (3.9), the plots are drawn for f = k6/(wpQ2) with x = 4.01, 4.10, 4.5, and 5.0. Equation
(3.12) gives a result with physical meaning only when S, is positive. From the plots—the
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Figure 4: (a) Comparison among the PSDs of the white noise (green line) and those given by (4.4) (black
line) and by (4.7) (red and blue lines) for ¢* = 0.01, a = 10, ¢r =0.10, and wy = 2 or 4or. (b) Comparison
between the PSDs deriving from (4.4) and (4.7): from (4.4) red line, from (4.7) blue and green lines. (c)
Comparison between the PSDs deriving from (4.7): blue line wy = 2o, black line wy = 4.

bottom is a detail—it is seen that the interval of validity is small, and it narrows as x increases.
All the curves have a peak for Q = 2wy = 4.

Before presenting the results of the stability analyses for the second-order moments,
it is necessary to compare the three PSD functions used in the analyses: they are depicted in
Figure 4.The parameter o2 is common to the three PDFs, and it constitutes the strength of the
white noise. The plots clearly show as the white noise is by far the most severe excitation that
may excite a dynamic system, if the colored excitations are obtained by passing it through a
linear filter. As a consequence of this only observation, it cannot produce stabilizing effects on
a dynamic system. The Wiener process yielded by the first-order filter of (4.3) (the Langevin
equation) is the second in order of severity. As regards the processes generated by the second-
order filter of (4.6), they have less strength as the abscissae of the peaks move farther from
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Figure 5: Second moment stability, white noise excitation: plot of 62 as a function of Q for € = 1, wy = 2o,
¢o = 0.05; p = 0.1 green line, and f = 0.15 black line.
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Figure 6: Second moment stability, white noise excitation: plot of . as a function of Q for € = 1, wy = 2,
¢o = 0.05; 62 = 0.0005 green line, and o2 = 0.001 black line.

the origin. These remarks allow to explain the results of the analyses keeping in mind that
the excitation affects the moments equations through Srr(0) and Srr(€2). The following anal-
yses are of two types: (1) search of the critical value of o? keeping f, the amplitude of the
sinusoidal term in (2.1), constant; (2) search of the critical value of § keeping ¢% constant. For
the sake of simplicity in all analyses the parameter ¢ is worth one. It is recalled that there is
passage to instability when an eigenvalue becomes zero, which happens when ¢? equates o2
or  equates fer.

For white noise excitation the plots of 02 and f as a function of Q are in Figures 5
and 6, respectively, where wy = 2or and ¢y = 0.05. Both oczr and f are constant with respect to
Q, being the stable regions below the straight lines. This result is not surprising: in fact, the
excitation enters the moment equations through Srr(0) and Spr(€2), which are equal and do
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0.01

0.009

0.008

0.007

O,
(I T T T T T N T T T N T T N S N

2 4 6 8 10 12 14 16 18 20
Q

Figure 8: Second moment stability, excitation given by the first-order filter (4.3): plot of 02, as a function of
Qforfp=01,a=10e=1, wy =2, § = 0.05.

not vary with Q in the case of white noise, whose PSD is constant on the whole frequency
axis. 02 increases as 5 decreases (Figure 5), and f; has a similar trend (Figure 6).

Figure 7 shows E[X;] as a function of time for § = 0.1, o> = 0.0012 (top plot),
and o2 = 0.00130 (bottom plot). The moment equations (3.3) are numerically integrated by
means of a fourth-order Runge-Kutta method. The initial perturbation is given by means of
the initial conditions E[X?(0)] = E[X3(0)] = 0.1. In the former case ¢? is lesser than o?, and
E|X?] starts from the prescribed value 0.1, then it decays to zero and does not show any
oscillation. In the latter case o? is larger than 02, and E|X?| grows without limit. The absence
of oscillations is due to the fact that in applying the stochastic averaging the oscillatory terms
are cancelled.

As regards the excitation given by the first-order filter of (4.3), the plots of 02 and
P as a function of Q are shown in Figures 8 and 9, respectively, where wy = 2, {o = 0.05,

and a = 10. Both quantities increase as € increases. In fact, the PSD (4.4) is a monotonically
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Figure 10: Excitation from the second order filter (4.6): plots of ¢ as a function of Q: ¢ = 1, wy = 2o,
G0 =0.05,  =0.10, &5 = 0.10, black line wy = 2ur, blue line wy = 4or.

decreasing func-tion of Q, which causes the excitation to diminish with Q. The curve in the
plot of Figure 8 is obtained by keeping f equal to 0.1. The increase of ¢2 is marked and
reaches a 70% as Q passes from 0.5 to 6.57. The curve of f, refers to o2 = 0.0005: in the
same interval the increase is less marked and amounts to about 28%. The analyses are made
in a discrete series of values of Q obtaining a set of points in the plane (6%, Q) or (8, Q). Then,
the curves are traced by means of the routine Spline of MAPLE.

The plots for the excitation given by the second-order filter (4.6) are shown in Figures
10 and 11 and are obtained for this data set: ¢ = 1, wy = 2, {y = 0.05, § = 0.10 in Figure 10
for 02, 0 = 0.01 in Figure 11 for f, {5 = 0.10, black line wy = 2., blue line wy = 4or. In both
plots the curve deriving from wy = 4ur is the higher since the excitation strength is smaller, as
already explained. In both plots there is a marked valley for Q = wy: since Spr(£2) assumes
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o = 0.05, 6% = 0.01, &f = 0.10, black line wy = 2ur, blue line wy = 4ur.

its largest value (see Figure 4), there is a kind of stochastic resonance [30], even if the system
remains stable.

5. Summary and Conclusions

In this paper the issue of stability of the stochastic Mathieu oscillator is addressed. In order to
solve the problem, a suitable coordinate transformation and stochastic averaging are applied
to the original dynamic system. In this way, two first-order stochastic differential equations
are obtained. Then, they are transformed into two Itd-type stochastic equations. For such a
type of stochastic differential equations It6’s differential rule is applicable and allows one to
derive the ODEs ruling the time evolution of the response statistical moments.

In the dynamic system considered here the excitation is merely linearly parametric.
Hence, the moments ODEs are linear and homogeneous, and the ODEs for the moments of
order r are uncoupled from the ODEs for moments of different order. Because of this feature
the ODEs for the moments of order r admit zero solution, which means that the system is at
rest, and the parametric excitation does not disturb this state. The system is stable in moments
when these return to zero after the application of an external perturbation; otherwise, it is
unstable and the moments diverge. The necessary and sufficient condition for the stability
of the moments of order r is that all the eigenvalues of the matrix A, of the coefficients of
the ODEs written for those moments have negative real part. The passage to the instability
requires that an eigenvalue becomes zero. In this way, the stochastic problem is reduced to
the deterministic problem of the study of the eigenvalues of a matrix.

The procedure developed in this paper is applied to three types of Gaussian stationary
stochastic excitations: (1) white noise; (2) white noise filtered through a first-order filter; (3)
white noise filtered through a second-order filter. In order to make it possible to compare the
results, in cases (2) and (3) the source white noise is the same as that of case (1), and it is by
far the more severe excitation (Figure 4).

As regards the stability of the first-order moments, it is substantially led by the system
damping. Several parameters affect the stability of the second-order moments: since the char-
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acteristic equation of the matrix A, is of the third order, so that its roots have complicated
expressions, it has been chosen to proceed numerically. The analyses were aimed at finding
the critical values of the white noise strength ¢ and of the amplitude f of the sinusoidal
term in the motion equation (2.1). Differently from the deterministic Mathieu oscillator the
pulsation Q of this term has little or no effects on the bounds of stability, which is due to the
presence of damping. Vice versa, in the case of excitation deriving from a second-order filter
there is a stochastic resonance when Q equates the peak frequency wy of the PSD of the
excitation. In any case, the critical values o2 and f are by far smaller for the white noise
excitation since as observed it is the strongest excitation. Thus, the statement of [9, 31] that
a white noise excitation may cause a stabilizing effect is not found true. The results of these
papers agree with those of [8]: a direct comparison of the results is not possible as the system
studied in that reference is a little different and a quite different method of analysis is used
there.
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This paper deals with the problem of robust stabilization of stochastic systems with time-delay
and nonlinear uncertainties via memory state feedback. Based on Lyapunov krasoviskii functional,
some sufficient conditions on local (global) stabilization are given in terms of matrix inequalities.
In particular, these stabilizable conditions for a class of nonlinear stochastic time-delay systems are
derived in the form of linear matrix inequalities, which have the advantage of easy computation.
Moreover, the corresponding results are further extended to the stochastic multiple time-delays
systems. Finally, an example is presented to show the superiority of memory state feedback
controller to memoryless state feedback controller.

1. Introduction

Stochastic differential delay equations are one of the most useful stochastic models in
applications, for example, aircraft, chemical or process control system, and distributed
networks. It is known that time-delay is, in many cases, a source of poor system performance
or instability. Hence, the stability and stabilization of stochastic time delay systems have been
recently attracting the attention of a number of researchers, see [1-18] and the references
therein. In [2], the authors studied the stability of linear stochastic systems with uncertain
time delay by generalized Riccati equation approach, while [3] extended the results of [2]
to nonlinear case via linear matrix inequalities. Reference [4] investigated the problems of
stabilization for a class of linear stochastic systems with norm-bounded uncertainties and
state delay, and it developed two criteria for the stability analysis: delay-dependent and
delay-independent. The memoryless nonfragile state feedback control law for nonlinear
stochastic time-delay systems was designed in [5], in which new sufficient conditions for the
existence of such controllers were presented based on the linear matrix inequalities approach.
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Reference [6] was concerned with the stability analysis and proposed improved delay-
dependent stability criteria for uncertain stochastic systems with interval time-varying delay.
The study of exponential stability of stochastic delay-differential equations was discussed
in [7-9]. The output feedback stabilization of stochastic nonlinear time-delay systems was
investigated in [10], and some stabilization criterions for nonlinear stochastic time-delay
systems with state and control-dependent noise were given in [11, 12] by means of matrix
inequalities.

We usually design memoryless state feedback controller for the stabilization of
systems because of its advantage of easy implementation. However, its performance, for
time-delay systems, cannot be better than a memory state feedback controller which utilizes
the available information of the size of delay. Reference [19] has given a general form of a
memory state feedback (delayed feedback) controller:

u(t) = Gx(t) + t Gi(s)x(s)ds. (1.1)

t-T

But the task of storing all the previous states x(-) and computing the values of time-varying
gain matrices G1(-) makes the practical realization of infinite-dimensional controller (1.1)
very difficult. For these reasons, the controller

u(t) = Gx(t) + Gox(t— 1) (1.2)

could be considered as a compromise between the performance improvement and the
implementation simplicity. Reference [20] gave the sufficient conditions for the stabilization
of deterministic state-delayed systems. References [21] and [22] designed a memory state
feedback controller for neutral time-delay systems and singular timedelay systems, respec-
tively. Reference [23] studied the stabilization problem for a class of discrete-time Markovian
jump linear systems with time-delays both in the system state and in the mode signal via
time-delayed controller and obtained a sufficient condition. What [13] actually studied is
the stabilization problem of linear stochastic time-delay systems using generalized Riccati
equation method. Up to now, to the best of the authors” knowledge, the issue on memory
state feedback stabilization of stochastic systems with time-delay and nonlinear uncertainties
has not been fully investigated in previous literatures.

In this paper, we consider the problem on robust stabilization for stochastic systems
with time-delay and nonlinear uncertainties via memory state feedback. This problem
contains three inevitable aspects of practical application: timedelay, nonlinear uncertainties
and more effective controller, which is more complex than the stabilization of pure stochastic
systems via memoryless control. These complexities result in some difficulties of memory
stabilizing controller design. By the It6 formula, mathematical expectation properties, and
matrix transformation, some sufficient conditions are obtained on locally and globally
asymptotic stabilization in probability by means of matrix inequalities. Especially for a
class of nonlinear stochastic time-delay systems, a sufficient condition for the existence of
memory state feedback stabilizing controller is obtained in terms of LMIs, which has the
advantage of easy computation. Meanwhile, a memoryless state feedback controller is also
given as a special case of memory state feedback controller. Moreover, the robust stabilization
problem for stochastic multiple time-delays systems is further studied and a general sufficient
condition is derived.
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The paper is organized as follows. Some preliminaries and problem formulations are
presented in Section 2. In Section 3, main results are given. Section 4 presents one example to
illustrate the effectiveness of our developed results. Section 5 concludes this paper.

Notation 1. A’: the transpose of matrix A; A > 0(A > 0): A is positive semidefinite (positive
definite) symmetric matrix; I: identity matrix; || - ||: Euclidean norm; Lé([O, ), RY): space of
nonanticipative stochastic process y(t) € R! with respect to an increasing c-algebra ¥ (t > 0)
satisfying E fgo ly(t)||°dt < 0. Lyxn: n x n identity matrix.

2. Preliminaries and Problem Statement

Consider the following continuous nonlinear stochastic time-delay systems:

dx(t) = (Ax(t) + Bx(t — ) + Byu(t) + Ho(x(t), x(t — ), u(t)))dt
+ (Cx(t) + Dx(t = T) + Dyu(t) + Hy(x(t), x(t — T), u(t)))dw(t), (2.1)

x(t) = o(t) € L*(w, %o, C([-7,0],R™)), te][-71,0],

where x(t) € R" and u(f) € R™ are system state and control input, respectively; w(t) is
1-dimensional standard Wiener process defined on the probability space (2, ¥, F:, P) with
F;=0{w(s):0<s<t};H;(0,-,-)=0,i=0,1; A, B, By, C, D, and D, are constant matrices; T >
0 is a certain timedelay. Under very mild conditions on H;(0,-,-),i =0, 1, (2.1) exists a unique
global solution [1]. It should be pointed out that any general nonlinear stochastic system
which is sufficiently differentiable can take the form of (2.1) via Taylor’s series expansion at
the origin.
Next, we give the following definitions essential for the paper.

Definition 2.1 (see [1]). System (2.1) with u(t) = 0 is said to be stable in probability, if for any
e>0,

limP<sup||x(t)|| > e> =0. (2.2)
x—0 >0
Additionally, if we also have

limOP (tlim x(t) = O) =1, (2.3)

then system (2.1) with u(t) = 0 is said to be locally asymptotically stable in probability.
If (2.2) holds and

13(}132o x(t) = o> =1 (2.4)

for all xy € R”, then system (2.1) with u(t) = 0 is said to be globally asymptotically stable in
probability.
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Definition 2.2. If there exists a constant memory state feedback control law
u(t) = Kix(t) + Kox(t— 1), (2.5)
such that the equilibrium point of the closed-loop system

dx(t) = ((A+ B1Ky)x(t) + (B+ B1Ky)x(t — T) + Ho(x(t), x(t — 7), Kix(t) + Kox(t — 1)))dt
+ ((C + D1K1) x(t) + (D + D1K2)x(t - T)
+Hy(x(t), x(t — 7), Kix(t) + Kpx(t — 7)))dw(t),

x(t) =o(t), [-7,0]
(2.6)

is asymptotically stable in probability [1] for all 7 > 0, then stochastic time-delay differential
system (2.1) is called locally robustly stabilizable. If (2.6) is robustly stable [2], that is, the
equilibrium point of (2.6) is asymptotically stable in the large [1] for all 7 > 0, (2.1) is globally
robustly stabilizable.

Remark 2.3. Definition 2.2 gives locally (globally) robustly stabilizable of stochastic time-
delay systems via memory state feedback control law u(t) = Kjx(t) + Kox(t — 7), which
is more general than that via memoryless state feedback control law [12]. This is because
Definition 2.2 reduces to the corresponding definition under memoryless state feedback
control law when K, = 0.

The aim of this paper is to find a constant memory state feedback control law (2.5),
such that the equilibrium point of (2.6) is asymptotically stable in probability for all T > 0.

3. Main Results

In this section, we will give some sufficient conditions of the stabilization of system (2.1).
Without loss of generality, we can give the following assumption for nonlinear function H;.

Assumption 3.1. There exists an € > 0, such that

sup||Hi(x, y, Kix + Kay) || < e(llxl + ||y

), i=0,1, (3.1)

holds for all x, ¥ € U (a neighborhood of the origin).

The following general theorem is presented, which yields several applicable corollar-
ies.

Theorem 3.2. If (3.1) holds and K, K, € R™", P > 0, Q > 0 are the solutions of the following
matrix inequality

Z+71<0, (3.2)
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then system (2.1) can be locally robustly stabilized by (2.5). If U is replaced by R", then system (2.1)

can be globally robustly stabilized by the same controller.
In (3.2), Z and Z are defined by

3 21 Z2
B [* (D + D1K,)'P(D + D1 K>) —Q:I,

33 0
Z = ,
0 24

(3.3)

where

3 =P(A+BiK;) +(A+BK;))P+Q+ (C+DK;)P(C+D:Ky),
22 = P(B + Ble) + (C + DlKl)lP(D + Dle),
(3.4)
33 = e(3+3||C| + 3|[D1]| - |K1ll + 3e + |D|| + el Da |l - |1 KD P,

2y = €@+ (DIl + D1l - [IK2ll + ICN + 1Dl - 1K1l +2€) [ PIIT-

Proof. Choose the following Lyapunov-Krasoviskii functional:
V(t,x) =x'(t)Px(t) + J x'(t - s)Qx(t — s)ds, (3.5)
0

where P > 0 and Q > 0 are the solutions of (3.2). Let £ be the infinitesimal generator of the
closed-loop system (2.6), then, by the It6’s formula, we have

LV (t,x(t)) = ' (£) [P(A + BiK1) + (A + BiKy)'P + Q + (C + D1 Ky)' P(C + D1 Ky)] x(t)
+2x' (1) [P(B + BiKy) + (C + D1Ky) - P(D + D1 Ky)] x(t - 7) + x'(t - 7)
- [(D + D1 Ky)'P(D + D1 K3) - Q] x(t - 1)
+2H}Px(t) + 2H| P(D + D;Ky)x(t - 7)

(3.6)
+2H,P(C + D1K1)x(t) + H PH,;

= x(®) lZ x(t) 2H Px(t) + H PH
_[x(t—T)] [x(t—7‘)]+ oPx(f) + B, PH,

+2H,P(D + D1 Kp)x(t - 7) + 2H, P(C + D1 K1)x(£).
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In addition, by (3.1), we obtain

2H}Px(t) + 2H,P(D + D1 K3)x(t - 7) + 2H, P(C + D1 K1) x(t) + H| PH,
< 26| P||(1 + [|CI| + | Dl - 1K || + €) [l () [IP
(3.7)
+2€||P[|[(1 +|[Cl[ + D1l - [IKall + DI + [ID1 ]| - [ K2l + €)llx(B)]] - |lx(t = 7)|

+ (2e+ )Pl - [lx(t - )P

By inequality |ab| < (1/2)(a* + b?), then (3.7) becomes

2H]Px(t) + 2H| P(D + D1 Ky)x(t - 7) + 2H, P(C + D, Ky)x(t) + H, PH,
< e(3+3||C|| +3||Dx | - [|K || +3e + || D + || D1l - [ KD IIPIT [l (8|1

+e@+ DI+ D1l - |1 K]l + [ K2MCH + D1l - [ Ka [l + 2€) [|P| [l x(t = 7) > (3:8)
x(t ' x(t
NECRMECE)
x(t-1) x(t—1)
Substituting (3.8) into (3.6), it follows

LV (t,x(t)) < [x;(t) )] (Z+Zl)[ *) ] (3.9)

x(t-T)

According to (3.2), that is £V (t,x(t)) < 0 in the domain {t > 0} x U for x #0, so the local
stabilization of Theorem 3.2 is obtained by Corollary of [1]. By the same discussion, the global
stabilization conditions can be also obtained by Theorem 4.4 of [1]. O

From Theorem 3.2, we can derive some useful results, which can be expressed in terms
of LMIs.

Corollary 3.3. If H; =0, i = 0, 1, and the matrix inequality Z < 0 has solutions P > 0, Q > 0 and
Ky, K, € R™", then the linear stochastic time-delay system

dx(t) = (Ax(t) + Bx(t — T) + Bju(t))dt + (Cx(t) + Dx(t — T) + Dyu(t))dw(t) (3.10)
is globally robustly stabilizable. If D = 0, Dy = 0, and the following LMI:

s P PC BX

P -Q 0 0
_ _ <0 (3.11)
CP 0 -P 0
XB, 0 0 -Q
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has solutions P> 0, Y € R™", X € R™™ and Q > 0, then

dx(t) = (Ax(t) + Bx(t — T) + Byu(t))dt + Cx(t)dw(t) (3.12)

is globally robustly stabilizable, where S5 = AP + PA' + ByY +Y' B + BQB' + BXB; + B1XB', and
a stabilizing feedback control law u(t) = Kyx(t) + Kox(t - 7) = YP'x(t) + XQ 'x(t - 7).

Proof. 1If H;(-,-,-) = 0,i =0,1, we can take € = 0 in (3.1), then LV (t,x(t)) < 0 for (t,x) € t >
0 x R", except possibly at x = 0.

Thus, the first part of Corollary 3.3 is proved.

Furthermore, if D =0, D; = 0, (3.2) degenerates into

_ [ 6 PB+ BlKZ)] <0, (3.13)

(B +BlK2)’P —Q

where 3¢ = P(A + BlKl) + (A + BlKl)’P + Q +C'PC.
According to Schur’s complement, (3.13) is equivalent to

S+ P(B+ B1K»)Q (B + B1K»)'P < 0. (3.14)

Then, pre- and post-(3.14) by P!, we have

P3P + (B+B1K;)Q (B + B1K;) <0. (3.15)

Setting P = P™', Y = K;P™',Q = Q!, and X = K,Q"!. Again, by Schur’s complement, (3.15)
is equivalent to (3.11). Thus, the second part of Corollary 3.3 is also proved. O

Remark 3.4. Reference [13] considered the analogous problem to Corollary 3.3 by delay
feedback, where the main result is expressed by means of generalized algebraic Riccati
equations (GAREs) GAREs. However, Corollary 3.3 gives a sufficient condition in terms of
LMIs which are easy to be solved.

Corollary 3.5. If the following LMI:

I V2PC'' P B 0 0
V2CP -P 0 0 0 0
P 0 -I 0 0 0
<0, (3.16)

B 0 0 -I v2D' K,B,
0 0 0 V2D -P 0
0 0

0 BBK, 0 -P
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has solution P> 0, Y, and K5, then the stochastic linear time-delay controlled system

dx(t) = (Ax(t) + Bx(t — ) + Biu(t))dt + (Cx(t) + Dx(t — ) + D1u(t))dw(t) (3.17)

is globally robustly stabilizable, where T = A'P + PA + BiY + Y'B, + P. Moreover, the stabilizing
feedback control law

u(t) = YP 'x(t) + Kox(t - 7). (3.18)

Proof. Applying the well-known inequality

XY +YX<yX'X+y Y'Y, Vy>0, (3.19)

and supposing y = 1 for simplicity, we have

Zx'(t)PBlex(t - T) + 2x'(t)(C + DlKl),P . (D + Dle)x(t - T)
< x'(t) [P + (C + DlKl)/P(C + DlKl)]X(t) (320)
+ x'(t — T) [K&B;PBle + (D + DlKg),P . (D + Dle)]x(t — T).

LetI'hn=21+P+ (C + DlKl)/P(C + DlKl), I, = 2(D + Dle)/P(D + D1K2) + K’ZBSPB1K2 - Q

Then,
I'n PB
Z < =T. (3.21)
* Fz

Obviously, if I' < 0, then Z < 0. Applying the Theorem 3.2, the closed-loop system of (3.17) is
robustly stable [2].

Then, pre- and post-multiplying I' < 0 by diag{P~!,I}, and by Schur’s complement,
we have I' < 0 is equivalent to

-

[ I; v2plc P! B0 0

v2cpt  -p? 0 0 0 0

p! 0 -Q' o 0 0
B 0 0 -Q V2D K}B,

0 0 0 +v2D -P' 0
0 0 BK, 0 -P7]

<0, (3.22)

where I = AP™' + P"'A + BiK{P™' + P'K/B; + P"".Set P =P, Y = K1P' = K;P,Q = I,
(3.22) is equivalent to (3.16). This ends the proof of Corollary 3.5. O

Below, for D = 0, D; = 0, we give another sufficient condition for the local (global)
stabilization of system (2.1) in the terms of LMIs.
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Theorem 3.6. For D = 0, Dy = 0in (2.1), suppose (3.1) holds for all x,y € U(x,y € R"). If the

LMIs:
[T P P +2PC' B+BK,
P -Q o0 0 0
P 0o -L1 o0 0 <0,
V2CP 0 0 -p 0
|B'+K\B, 0 0 0 -e’1
P <al,
~ al
< —
Qs 7e2’
O<a<l,

(3.23)

(3.24)

(3.25)

(3.26)

have solutions P> 0, a, Q >0, Ky, and Y € R™", then system (2.1) can be locally (globally) robustly

stabilized by

u(t) = YP'x(t) + Kox(t - 1),

where TI; = AP + PA' + BY + Y'B'; + P.

(3.27)

Proof. Applying the well-known inequality (3.19) again and supposing y = 1 for simplicity,

we have (if 0 < P < I/a for some a > 0)
2H\Px(t) + 2H,PCx(t) + HPH,

2
< 2% (Ix@)1P + 1t - D) + ¥ () (P + CPO)x(1)

which holds because
2HPx = HyP"/*. P'?x + x'P'/* . P'/>H
< HyPH, + x'Px

2¢? ) 5 ,
< = (Ix®IF + Ix(t - 7)) + ¥Px,

2¢?
1 <= 2 _ 2
HPHy < —(Ik®IF + x(t = D)),
2H{PCx = H{P"/*. P"?Cx + x'C'P'/* . P'/?H]

262

< = (@I + lIx(t -1

+ X' ()C'PCx(t).

(3.28)

(3.29)
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Substituting (3.28) into (3.6), it follows that

x®) 1. x®
LV (t,x(t)) < Z , (3.30)
x(t-T1) x(t—1)
where
* 6 2
~ IT; + —e*I P(B+ B1K3)
Z = @ 6 (3.31)
2
22 —
* ae Q
Considering (3.24), (3.25), and (3.26), it follows that
IT: + 6 2] P(B+ BK3)
Z< | ac 182 (3.32)
* -1
Let
1'["‘+é 2] P(B+ BK3)
Zi=|17g¢ 1820 (3.33)
* -1

where I} = P(A + B1K1) + (A+ B1Ky)'P+Q+ P +2C'PC.
Obviously, if Z; < 0, then Z < 0. So if (3.1) holds for all x € U (x € R"), and Z < 0,
then system (2.1) can be locally (globally) robustly stabilized by u(t) = Kyx(t) + Kox(t — ).
Note that Z; < 0is equivalent to that

P(A + B1K) + (A+ B1K{)P+Q+ P +2C'PC + 2621 + P(B + B1Ky)e ?I(K,B; + B')P < 0.

(3.34)
Then pre- and postmultiply (3.34) by P!, we have
(A+BK))P'+ P (A+BK;) + P QP!
+Pty2pic’pCcpP !t + P! geZIP‘l (3.35)

+ (B + B1Ky)e I(K,By + B') < 0.

Setting P = P™', Y = K;P™' = KiP, and Q = Q! by the Schur’s complement, (3.35) is
equivalent to (3.23). Thus, the theorem is proved. O

In the special case when K, = 0, our results reduce the corresponding results in
memoryless state feedback case. The following theorem gives a sufficient condition for the
existence of memoryless state feedback controller of system (2.1) with D =0, D; = 0.
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Theorem 3.7. For D =0, D1 = 0in (2.1), suppose there exists an € > 0,

sup [[Hi(x,y, Kix)[| < e(llxll + yll), i=0,1, (3.36)

holds for all x, y € U (x,y € R"), if the LMIs

I, P P +2PC B

P -Q 0 0 0

2 0o - g 0 0o | <0 (3.37)
V2CP 0 0 -P 0

B 0 0 0 —éI

and (3.24), (3.25), and (3.26) have solutions P >0, Q >0, a, and Y € R™", then system (2.1) can
be locally(globally) robustly stabilized by

u(t) = YP'x(t). (3.38)

Proof. It is derived by the same procedure as the proof of Theorem 3.6. O

By the above discussion about stochastic systems with single delay (2.1), we further
study robust stabilization for the following stochastic systems with multiple delays

dx(t) = [Ax(t) + iBjx(t -7j) + iBljuj(t) + Ho(x(t), x(t - Tj),u]-(t))] dt

=1 j=1
(3.39)

71 =1

q q
+ [Cx(t) + > Djx(t —7j) + > Dyjuy(t) + Hy (x(t), x(t - 7j), uj(t))] dw(t),

x(t) = o(t) € L*(w, Fo, C([-h,0],R")), t€[-h,0],

where 7; >0, j = 1,...,q, denote the state delay; h = max{;,j € [1,4]}.
For system (3.39), the following memory state feedback control law is adopted:

u]-(t)=Kj1x(t)+K]-2x(t—T]-), j=1,...,q. (340)
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Applying control law (3.40) to system (3.39), the resulting closed-loop system is given by

dx(t) = [Zx(t) + i?x(t — 1) + Ho(x(t), x(t - 75), Kj1x(t) + Kjpx (t - Tj))] dt

j=1
+ lfx(t) + zqzﬁx(t —1j) + Hy (x(t), x(t = 7j), Kj1x(t) + Kjpx (t - Tj))] dw(t),
j=1
x(t) = 0(t) € LZ(w, ?OIC([_h’ O]IRn))/ te [_h/ 0]/
(3.41)

where Z =A+ Z?:1 Ble]‘l, E = B] + Bl]'sz, 6 =C+ Z;’:1 Dlejlr 5 = D] + Dle]'z.

By the same analysis as Theorem 3.2, we obtain the following theorem which gives
a general sufficient condition for the robust stabilization of stochastic multiple time-delays
system (3.39).

Theorem 3.8. If (3.1) holds, and K1, Kj2, P > 0, and Q > 0 are the solutions of the following matrix
inequality

Z°+ 7' <0, (3.42)

then system (3.39) can be locally robustly stabilized by u;(t) = Kj1x(t) + Kjpx(t - 7). Especially if
U is replaced by R", then system (3.39) can be globally robustly stabilized by the same controller.
In (3.42), Z° and Z* are defined by

Zo — [Zgl Z?Z]
* Zgz

0 Z,,

’
q q

Z(l)l = P<A + ZB17K11> + <A + ZBl]Kﬂ) P+ Q
j=1 j=1

q ' q
+ <C + ZD11K11> P<C + ZDlej1>,
= =

'
q q q
Z?Z = PZ (B] + Ble]'Q) + <C + ZDl]Kﬂ) PZ(D] + Dl]'sz),

(3.43)

where

j=1 j=1 j=1
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Zy = [ﬁ(Dj + DleJ'Z)] [qu (Dj + leKfz)] -Q,

=i =1

q
. ZK]l + 3¢

j=1

q
DDy

Zi = €<3 +3|C|| +3
j=1

q q
+|DI[+e| >.Dy| - || D. K2 >||P||I,
=1 =1

q q
z;2=e<3+||D||+ > Dyj|| - || DK+ ICll
j=1 j=1

+

q
2Dyl
j=1

q

> K| +2¢ )IP|I.

j=1

(3.44)

Remark 3.9. From Theorem 3.7, some useful results can be easily derived for stochastic multiple time-
delays systems (3.39), which are similar to the results obtained for stochastic single time-delay systems
(2.1).

4. Numerical Example

Now, we present one example to illustrate the effectiveness of our developed result
(Theorem 3.6) in testing the stabilization of nonlinear stochastic time-delay system (2.1).
In (2.1), take D =0, D; =0, and

[—5.00 2.23] [—0.24 0.89]
A= , B = ’
-1.56 2.15 1.22 -0.76
[—2.25] [—0.05 —0.15]
B = , C= ,
4.48 0.15 -0.10
o sin(u(t)xa(t — 7)) x1(t) (4.1)
~ Leos(utyxi(t - )2 |

o exp(—(u(t) +x1(t-7) + 2ot — T))2>x2(t)
' exp(—(u2(H)x3(t = 7)) x1 (t)

$0)=[10 8], 7=05.

Obviously, (2.1) holds for all x € R"” with e = 1.
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Case 1 (Memory State Feedback Stabilization). Substituting all the above data into (3.23)
and then solving the LMlIs (3.23), (3.24), (3.25), and (3.26) by LMIs Toolbox, we can obtain
solutions

_ [04625 -0.0626
-0.0626 0.3383 ’

a =0.9015,
Y = [-0.1377 -0.6674], (4.2)

K, = [-0.2391 0.2149],

~10.1141 0.0052
= >
0.0052 0.0974

So by Theorem 3.6, system (2.1) can be globally robustly stabilized by

u(t) = YP'x(t) + Kox(t - 7)
= —0.5790x; (£) — 2.0795x, (t) (4.3)

—0.2391x1(t — 7) + 0.2149x, (t — T).

The state trajectories of close-loop system (2.6) and control curve in memory state feedback
case are illustrated as Figure 1, from which, we see that the closed-loop system (2.6) takes
only one second to have been stable.

Case 2 (Memory-Less State Feedback Stabilization). Solving LMIs (3.37), (3.24), (3.25), and
(3.26), we obtain

N 0.5609 -0.1964
- >0,
-0.1964 0.4117

Y = [0.0602 -0.5168],
(4.4)

~10.0923 0.0017
= >
0.0017 0.0790

a =0.9243.
So by Theorem 3.7, system (2.1) can be globally robustly stabilized by

u(t) = YP'x(t) = —0.4449x; (f) — 1.5770x5 (1). (4.5)
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x1(t), x2(t)

t .(s)

— x(b)
— x(t)

(a)

1.5 2 25 3
t(s)
(b)

Figure 1: State trajectories and control input in memory state feedback case.

The state trajectories of close-loop system (2.6) and control curve in memoryless state
feedback case are illustrated as Figure 2, from which, it can be seen that the closed-loop
system (2.6) takes 1.5 seconds to have been stable.

From the two simulation results, the time needed to stabilize system using memory
state feedback controller is less than that using memory-less state feedback controller, which
shows the advantage of memory state feedback control.

5. Conclusions

This paper has discussed memory state feedback stabilization of stochastic systems with
time-delay and nonlinear uncertainties. Some sufficient conditions have been given for
the existence of a memory state feedback stabilizing control law in terms of linear matrix
inequalities, which have the advantage of easy computation. The corresponding results to
stochastic single time-delay systems have been further extended to the stochastic multiple
time-delays systems. The results obtained in this paper can be reduced to the corresponding
results in memoryless state feedback case and may also be extended to other stochastic system
model.
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x1(t), x2(t)

— xi(t)
—— xa2(t)

0 0.5 1 1.5 2 25 3
t(s)
(b)

Figure 2: State trajectories and control input in memoryless state feedback case.
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This paper focuses on stochastic comparison of the Markov chains to derive some qualitative
approximations for an M/G/1 retrial queue with a Bernoulli feedback. The main objective is to
use stochastic ordering techniques to establish various monotonicity results with respect to arrival
rates, service time distributions, and retrial parameters.

1. Introduction

Retrial queueing systems are described by the feature that the arriving customers (or calls)
who find the server busy join the orbit to try again for their requests in a random order and
at random time intervals. Retrial queues are widely and successfully used as mathematical
models of several computer systems and telecommunication networks. For excellent and
recent bibliographies on retrial queues, the reader is referred to [1-3].

Most of the queueing systems with repeated attempts assume that each customer in
the retrial group seeks service independently of each other after a random time exponentially
distributed with rate 6 so that the probability of repeated attempt during the interval (¢, t+ At)
given that there were n customers in orbit at time t is n6 At + o(At). This discipline for access
to the server from the retrial group is called classical retrial policy [4, 5].

Several papers on retrial queues have analyzed the systems without customer
feedback. A more practical retrial queue with the Bernoulli feedback of the customers
occurs in many real world situations: for instance, in communication networks where data
transmissions need to be guaranteed to be error free within some specified probability,
feedback schemes are used to request retransmission of packets that are lost or received in
a corrupted form.
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Because of complexity of retrial queueing models, analytic results are generally
difficult to obtain. In contrast, there are a great number of numerical and approximation
methods which are of practical importance. One important approach is monotonicity which
allow to establish some stochastic bounds helpful in understanding complicated models by
more simpler models for which an evaluation can be made using the stochastic comparison
method based on the general theory of stochastic orderings [6].

Stochastic orders represent an important tool for many problems in probability and
statistics. They lead to powerful approximation methods and bounds in situations where
realistic stochastic models are too complex for rigorous treatment. They are also helpful in
situations where fundamental model distributions are only known partially. Further details
and applications about these stochastic orders may be found in [6-8].

There exists a flourishing literature on stochastic comparison methods and monotonic-
ity of queues. Oukid and Aissani [9] obtain lower bound and new upper bound for the mean
busy period of GI/GI/1 queue with breakdowns and FIFO discipline. Boualem et al. [10]
investigate some monotonicity properties of an M/G/1 queue with constant retrial policy in
which the server operates under a general exhaustive service and multiple vacation policy
relative to strong stochastic ordering and convex ordering. These results imply in particular
simple insensitive bounds for the stationary queue length distribution. More recently, Taleb
and Aissani [11] investigate some monotonicity properties of an unreliable M/G /1 retrial
queue relative to strong stochastic ordering and increasing convex ordering.

In this work, we use the tools of the qualitative analysis to investigate various
monotonicity properties for an M/G/1 retrial queue with classical retrial policy and
Bernoulli feedback relative to strong stochastic ordering, increasing convex ordering and
the Laplace ordering. Instead of studying a performance measure in a quantitative fashion,
this approach attempts to reveal the relationship between the performance measures and the
parameters of the system.

The rest of the paper is organized as follows. In Section 2, we describe the mathe-
matical model in detail and derive the generating function of the stationary distribution.
In Section 3, we present some useful lemmas that will be used in what follows. Section 4
focusses on stochastic monotonicity of the transition operator of the embedded Markov chain
and gives comparability conditions of two transition operators. Stochastic bounds for the
stationary number of customers in the system are discussed in Section 5. In Section 6, we
obtain approximations for the conditional distribution of the stationary queue given that the
server is idle.

2. Description and Analysis of the Queueing System

We consider a single server retrial queue with the Bernoulli feedback at which customers
arrive from outside the system according to a Poisson process with rate A. An arriving
customer receives immediate service if the server is idle, otherwise he leaves the service area
temporarily to join the retrial group. Any orbiting customer produces a Poisson stream of
repeated calls with intensity 0 until the time at which he finds the server idle and starts his
service. The service times follow a general probability law with distribution function B(x)
having finite mean f; and Laplace-Stieltjes transform ﬁ(s). After the customer is completely
served, he will decide either to join the retrial group again for another service with probability
p (0 <p <1) or to leave the system forever with probability p(= 1 - p).

We finally assume that the input flow of primary arrivals, intervals between repeated
attempts and service times, are mutually independent.



Mathematical Problems in Engineering 3

The state of the system at time ¢ can be described by the Markov process R(t) =
{C(), N(t),5(t)} 150), where C(t) is the indicator function of the server state: C(t) is equal
to 0 or 1 depending on whether the server is free or busy at time t and N (t) is the number of
customers occupying the orbit. If C(t) = 1, then {(t) corresponds to the elapsed time of the
customer being served at time .

Note that the stationary distribution of the system state (the stationary joint
distribution of the server state and the number of customers in the orbit) was found in [12],
using the supplementary variables method. In this section, we are interested in the embedded
Markov chain. To this end, we describe the structure of the latter, determine its ergodicity
condition, and obtain its stationary distribution.

2.1. Embedded Markov Chain

Let 7, be the time of the nth departure and D,, the number of customers in the orbit just after
the time 7, then C(7;;) = 0 and N(7;;) = D,, Vn > 1. We have the following fundamental
recursive equation:

Dn+1 = Dn + Ont1 — 6Dn+1 + H, (21)

where (i) v+ is the number of primary customers arriving at the system during the service
time which ends at 7,.1. It does not depend on events which have occurred before the
beginning of the (n + 1)st service. Its distribution is given by:

(-/\-T)] e—/\de(x)/ ] > 0/ (22)

k]'ZP(’UnH 2]) ZJ‘
o J

with generating function K(z) = 3, j>0 kaf = ﬁ(/{(l -z)),

(ii) the Bernoulli random variable 6p,,, is equal to 1 or 0 depending on whether the
customer who leaves the service area at time 7,,1 proceeds from the orbit or otherwise. Its
conditional distribution is given by

I[C) A

P(5DM = 1/Dn = l) = m/ P(6D,,+1 = O/Dn = l) = m, (2~3)

(iii) the random variable 7 is 0 or 1 depending on whether the served customer leaves
the system or goes to orbit. We have also that P[yy = 1] =p and P[y =0] =p(=1-p).

The sequence {D,,n > 1} forms an embedded Markov chain with transition

probability matrix P = (p;; )i,]‘z()/ where p;j = P(Dyy1 = j/ Dy, = i), defined by

Ap ip Ap iOp
= . . _F . .. 2.4
Pi = Twio® it Txio 1 Tr et Tr 4

Note that p;; #0 only fori =0,1,...,j + 1.

Theorem 2.1. The embedded Markov chain {D,,n > 1} is ergodic if and only if p = A\p1 + p < 1.
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Proof. 1t is not difficult to see that { D,, n > 1} is irreducible and aperiodic. To find a sufficient
condition, we use Foster’s criterion which consists to show the existence of a nonnegative
function f(s), s € S, and € > 0 such that the mean drift x; = E[f(Dp+1) — f(Dy)/D, = s] is
finite for all s € S and x; < —¢ for all s € S except perhaps a finite number. In our case, we
consider the function f(s) = s for all s € S. Then, the mean drift is given by

= E[f(Dps1) — f(Dy)/Dy = 5] = E[vg = 6p,,, + /Dy =s| = \p1 - Ai—ese +p.  (25)

Let x = lims_, o x5. Then x = Ap; — 1 + p < 0. Therefore, the sufficient condition is Af; + P < 1.

To prove that the previous condition is also a necessary condition for ergodicity of our
embedded Markov chain, we apply Kaplan’s condition: x; < oo, for all i > 0, and there is an
ig such that x; > 0, for i > ip. In our case, this condition is verified because p;; = 0 for j <i -1

and i > 0 (see (2.4)). O

2.2, Generating Function of the Stationary Distribution

Now, under the condition p < 1, we find the stationary distribution 7, = lim,,_, . P(D,, = m).
Using (2.4), one can obtain Kolmogorov equations for the distribution s,

m "lp m+1 1’[9]9 m nep
Tm = ./\+119 nmn Z/\ Jrn m-n+1 T Z—Jrn mn—1+nZ:O./\+n9‘7rnm (26)

Because of presence of convolutions, these equations can be transformed with the help of the
generating functions i (z) = 3,50 Tmz™ and L(z) = 3,50 (/A + m0)z"™ to

ar(z) = ﬁ()» — Az) [ApL(z) + 6zpL'(z) + OpL'(z) + ApzL(z)]

- B0 - 12) (B + p=) IL(2) + 6L'(2)]. 27
Since
7 (z) = A)‘f:i 52"+ Tf% ™ = AL(z) +0zL'(2), (2.8)
from (2.7) and (2.8), we have
oL (z) [(;5 +pz) (A - Az) - z] = AL(2) [1 —(p+pz)P(r- /\z)]. (2.9)

We consider now the function f(z) = (p + pz)ﬁ()u - Az) -



Mathematical Problems in Engineering 5

It is easy to show that

f)=p0)y-1=1-1=0,
f'(z) = -A(p +pz)f (A - Az) + pp(A - Az) -
f(1)=-1p0)+pp0)-1=p-1<0,
f"(z) = \2(p +pz) B (A - Az) > 0.

(2.10)

Therefore the function f(z) is decreasing on the interval [0,1], z = 1 is the only zero there
and for z € [0,1) the function is positive, that is, (as p < 1) for z € [0,1) we have: z <

(B +pz)f(A—Az) < 1.
Besides,

1-(p+pz)p-Az) _ p
(;_9+pz)ﬁ()t—/\z)—z 1-p

< oo, (2.11)

that is, the function 1 - (p + pz)ﬁ()t -1z)/ (;7+pz)ﬁ()L —Az) —z can be defined at the point z = 1
asp/1-p.
This means that for z € [0, 1] we can rewrite (2.9) as follows:

A1-(p +pz)ﬁ()u Az)
0 (p+pz)p(d-1z) -z

L'(z) = L(z). (2.12)

The solution of the differential equation (2.12) is given by

(2.13)

L(z) = L(l)exp< A P1- (p+pu)p(r- )Lu) >

= (p+pu) (L - Au) -

From (2.8), we have

=)L(mpz)ﬁf)‘_)‘z)(l_Z)L(l)exp<—& 1 1_(%’3”)5()‘_”)@) (2.14)
(P+pz)p(L-Az) -z 0 ). (5+pu)ph—Au) —u

We obtain from the normalization condition or(1) = 1 that L(1) = (1 - p)/\.

Finally we get the following formula for the generating function of the steady state
queue size distribution at departure epochs (which is known in the literature as the stochastic
decomposition property):

[a-p)BO-Az)(1 -2 H < V- (@rpm)pU - >]
yr(z)—[ — - z) ex . (2.15)
(P+pz)p(A-1z) -z (p+pz) exp = (p+pu)p(L—Au) —u

It is easy to see that the right hand part of expression (2.15) can be decomposed into two
factors. The first factor is the generating function for the number of customers in M/G/1
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queueing system with Bernoulli feedback (see [13]); the remaining one is the generating
function for the number of customers in the retrial queue with feedback given that the server
is idle [12]. One can see that formula (2.15) is cumbersome (it includes integrals of Laplace
transform, solutions of functional equations). It is why we use, in the rest of the paper, the
general theory of stochastic orderings to investigate the monotonicity properties of the system
relative to the strong stochastic ordering, convex ordering, and Laplace ordering.

3. Preliminaries
3.1. Stochastic Orders and Ageing Notions

First, let us recall some stochastic orders and ageing notions which are most pertinent to the
main results to be developed in the subsequent section.

Definition 3.1. For two random variables X and Y with densities f and g and cumulative
distribution functions F and G, respectively, let F = 1 - F and G = 1 — G be the survival
functions. As the ratios in the statements below are well defined, X is said to be smaller than
Y in:

(a) stochastic ordering (denoted by X<Y) if and only if F(x) <G(x),Vx >0,

(b) increasing convex ordering (denoted by X<i.Y) if and only if J‘;oo F(u)d(u) <
[ Gw)d(u), Yx >0,
(c) Laplace ordering (denoted by X<;Y) if and only if f0+°° exp(—sx)dF(x) >

[ exp(-sx)dG(x), Vs > 0.

If the random variables of interest are of discrete type and w = (wy),50, f = (Pn) >0 are the
corresponding distributions, then the definitions above can be given in the following forms:

(a) w<gPif and only if Wy, = 35, wn < ﬁm = D sm P, for all m,

(b) w<if if and only if w,, = Dnsm 2kon Wk < Em = > usm 2ukon Pr, for all m,
() w<pifand only if 3 oo wnz" > 3,50 fuz”, forall z € [0,1].

For a comprehensive discussion on these stochastic orders see [6-8].

Definition 3.2. Let X be a positive random variable with distribution function F:

(a) F is HNBUE (harmonically new better than used in expectation) if and only if
F Sich */

(b) F is HNWUE (harmonically new worse than used in expectation) if and only if
F>iF,

(c) Fis of class £ if and only if F>¢F*,

where F* is the exponential distribution function with the same mean as F.
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3.2, Some Useful Lemmas

Consider two M/G/1 retrial queues with classical retrial policy and Bernoulli feedback with
parameters \() and B?, i = 1,2. Let k;i) = ;7 ((WDx)7 /e *"*dB® (x) be the distribution of
the number of primary calls which arrive during the service time of a call in the ith system.

The following lemma turns out to be a useful tool for showing the monotonicity
properties of the embedded Markov chain.

Lemma 3.3. If A(D < A\® and BW<,B®, then {k,(ql) }Ss{k,(qz) }, where < is either <g or <jcx.

Proof. To prove that {k,(ll) }<{ k7(12) }, we have to establish the usual numerical inequalities:

—1 —
ki) = k,(,p < kil ), (for<s = <4 —ordering),
=(1) —1) —(2) (31)
k, =k, <k, b (for<s= < —ordering).
The rest of the proof is known in the more general setting of a random summation. O

The next lemma is key to proving the main result in Section 6.
Lemma 3.4. IfA® < 1@ gnd BO< B® then (k)< (k).

Proof. We have, K¥(z) = 3., kDzn = BOAD(1 - z)),i = 1,2, where K1 (z), K@ (z) are the
corresponding distributions of the number of new arrivals during a service time.
Let AV < 1@, B<; B® To prove that {k}<; {k{”}, we have to establish that

Fo <)L(1)(1 _ z)> > f@ <)‘(2)(1 _ z)>. (3.2)

The inequality B)'<; B® means that f0)(s) > f® (s) for all s > 0.
In particular, for s = A (1 - z) we have

O -2)) 22401 -2)). (3.3)
Since any Laplace transform is a decreasing function, () < 1 implies that

@ <)L<1>(1 - z)> > f@ (M(l - z)>. (3.4)
By transitivity, (3.3) and (3.4) give (3.2). O
4. Stochastic Monotonicity of Transition Operator

Let Q be the transition operator of an embedded Markov chain, which associates to every
distribution w = {p;};5, a distribution Q, = {gj} ;5 such that g; = 3; pipi;.
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Corollary 4.1 (see [6]). The operator Q is monotone with respect to <s ifand only if p,, ~p,_1,, > 0,
and is monotone with respect to <iex if and only if p,,_1,, + Priim — 2Ppm = 0, Yn,m. Here, p,, =

Z?:m Pni and ;nm = Z;:m ﬁnl'

Theorem 4.2. The transition operator Q of the embedded chain {D,,, n > 1} is monotone with respect
to the orders <¢ and <icx.

Proof. We have

_ - Ap nfp
Pum = Pnk = km—n + .)L+—719 m-n-1 — Tnekrn—m (4 1)
= — = Ap — nfp — :
Pum = Vnk = Kinn + rnekm—n—l - mkrn—n'
Thus
_ Mp+(n-1)A0 +n(n-1)6%p
pnm - pn—lm = — km—n
A+n0)(L+ (n—-1)0)
(n-1)0p Ap
>
T+ (- 1)g ¥ Ty g mon1 2 0
= = = _ /\P (1’1 B 1)6;_9
Pucim * Prsim ~ 2Pum = mkrn—n—Z + mkm—n (4.2)
Pp+ (n-p)A0+n(n+1)6%
A+n0)(L+ (m+1)g) "
2 _
+ 20 kmfn > 0.
A+n0) L+ (n-1)0)(A+ (n+1)0)
Based on Corollary 4.1 we obtain the stated result. O

In Theorem 4.3, we give comparability conditions of two transition operators.
Consider two M/G/1 retrial queues with classical retrial policy and feedback with
parameters AV, 0, p, BD and 1®, 0@, p@, B@, respectively. Let Q!, Q? be the
transition operators of the corresponding embedded Markov chains.

Theorem 4.3. If A1) <A@, 91 > 9@, p) < p@ BO< B@ where <, is either <q or <icx, then
Q'<,Q?, that is, for any distribution w, one has Q'w<;Q%w.

Proof. From Stoyan [6], we wish to establish that

Eillrzl S 55127311 vnr mr (for Ss = Sst - Ordering), (43)
—=(1 =2
_1(171)1 = 51(1721' Vn/ m, (for Ss = Sicx - Ordering) . (44)

To prove inequality (4.3), we have (fori =1,2)

mm V@) g @0 L V@) 4 g9 @)
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By hypothesis, we have that

A0 @
om S F

A0 < 1(2)’ 00 > @ — (4.6)
o 9@

>
DO R N

Since the function G(x) = x/(x + n) is increasing, we have
A A 1@ 1@
G<—> =———-< G<—> =— (4.7)
oM 10 1+ oM 0@ 1@ + no®
Moreover, pV < p@. Then

0w AP o (4.8)
A0+ o0 S0 pe0f

Similarly, the function H (x) = x/(1 + x) is increasing, we have
1) 1) 2 (2)
H(n@ > _ no 2H<n€ > _ no ‘ (4.9)
FIE) A0 + oM 1@ A2 + 1@

Besides, p < p@ implies that ) > p®. Hence

no® —) . no® —o

_ - 4.10
1012007 =T i@ 1 pe@" (410
Using inequalities (4.8)—(4.10) and Lemma 3.3 (for <; = <q-ordering) we get
M p@) MzM
S0 g0 o AP o 8P
mm = T AD) 4 g9 Tl (1) (1)

W, APpD gy m09%

T N@ @ el (@) 4 pg@ (4.11)

A(Z)E(Z) —) 119(2)5(2) —)
= m m-n m m-n+1
_)t(z)p(z) —1) ne(z)p(z) —(1) —
T 1D 1 00@ T Y@ 4 g o = P

Following the technique above and using Lemma 3.3 (for <; = <j«-ordering), we establish
inequality (4.4). O
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5. Stochastic Bounds for the Stationary Distribution

Consider two M/G/1 retrial queues with classical retrial policy and feedback with
parameters A, 0, p) B and A, 9@, p@  B®@, respectively, and let 7V, 7® be the

corresponding stationary distributions of the number of customers in the system.

Theorem 5.1. If A\() < 1@, 90 > 9@, p < p@, BO< B, then {x" )<, )}, where <, is
one of the symbols <4 0 <icx.

Proof. Using Theorems 4.2 and 4.3 which state, respectively, that Q' are monotone with
respect to the order <; and Q!<,Q?, we have by induction Q"w<,Q*"w for any distribution
w, where Q" = Q'(Q""~'w). Taking the limit, we obtain the stated result. O

Based on Theorem 5.1 we can establish insensitive stochastic bounds for the generating
function of the stationary distribution of the embedded Markov chain defined in (2.15).

Theorem 5.2. For any M/G/1 retrial queue with classical retrial policy and Bernoulli feedback the
distribution g, is greater relative to the increasing convex ordering than the distribution with the
generating function

. B (1 - p)el\ﬂl(z—l)(l _ Z) _ A (F1- (ﬁ“' pu)e/\ﬂl(u—l)
7 (z) = [ (G pz)eh D2 (p +pz) exp ). G+ )b - udu . (5.1

Proof. Consider an auxiliary M/D/1 retrial queue with classical retrial policy and feedback
having the same arrival rate A, retrial rate 6, mean service time f;, and probability p, as those
of the M/G/1 retrial queue with classical retrial policy and Bernoulli feedback. The service
times follow a deterministic low with distribution function:

0/ if x < ﬂl/

5.2
1, ifx>[31. ( )

B*(x) = {

From Stoyan [6], it is known that B*(x)<i«xB(x). Therefore, the required result follows from
Theorem 5.1. O

Theorem 5.3. If in the M/G/1 retrial queue with classical retrial policy and feedback the service
time distribution B(x) is HNBUE (or HNWUE), then {or, }<icx{7rst} (or {7} } <icx{ 7m0 }), where {or}}
is the stationary distribution of the number of customers in the M /M /1 retrial queue with classical
retrial policy and Bernoulli feedback with the same parameters as those of the M/G/1 retrial queue
with classical retrial policy and Bernoulli feedback.

Proof. Consider an auxiliary M/M/1 retrial queue with classical retrial policy and Bernoulli
feedback with the same arrival rate A, probability p, retrial rate 6, and mean service time f;
as in the M/G/1 retrial queue with classical retrial policy and Bernoulli feedback, but with
exponentially distributed service time B*(x) = 1 — exp(—(x/p1)). If B(x) is HNBUE, then
B(x)<iexB*(x) (if B(x) is HNWUE, then B*(x)<ixB(x)). Therefore, by using Theorem 5.1,
we deduce the statement of this theorem. O
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6. Stochastic Approximations for the Conditional Distribution

We consider the conditional distribution ¢, of the stationary queue given that the server
is idle. This distribution has also appeared in the stochastic decomposition law for the
stationary queue length, see equation (2.15). As we saw its generating function ¢(z) =
.50 PnZ" Was given by

_ A (1= (p+pu)BA - ) >
= —_— ~ d . 1
¢() = (F+p2) exp< 0, (p+pu)p(X—Au) —u " (1)

Theorem 6.1. Suppose we have two M/G/1 retrial queues with classical retrial policy and Bernoulli
feedback with parameters AV, 01, pO, BL gnd A@, 6@, p@ B respectively. If AV <
1@, 00 > 9@, pM < p@, BO (x)<; BA (x), then ¢V <12,

Proof. By Lemma 3.4, we have g0 (A0 (1 - z)) > O UAD (1 - z)).
Moreover, one has p@ < p@ = 51V + pWz > 5@ + p@z, for all z € [0,1].

This implies that

1- (5(1> + p<1>u> BO (AW - 1 Dy) ) 1- <;—7<2> + p<2)u> FO (1@ - \@y)

— < - . (6.2)
<;;<1> " p<1)u>[3<l> (AD = ADy) —u <ﬁ<2> " p(z)u>ﬂ(2) (A@ = 1@u) —u
Besides, A() < 1@ and M > 0@ = (AM /M) < (1@ /9@) and thus
1@ J;l 1- <5(1) + p(l)u>ﬁ<1) (AD —1Dy) 1@ J,l 1- <5(2) i p(z)u>ﬁ<z) (A = 1@y) )
a0) Us = po u.
0w ). <]g<1> +p(1>u> O AW = ADy) —y 0@ ). <]3<z> +p(2)u> FO (@ —1@y) —
(6.3)
Therefore
W 11— <p<1> + p<1>u> AW — 1My
P\ Tom f (—(1) M4, g (L 1 du
= (W +p u)ﬁ( J(AD = AWy) —y
_ (6.4)
@ 1= <5(2> + p<2>u> FO 0 - 1@y)
> exp —m f du

. <;—,<z> + p<2>u) O (A® —\@y) —u

By combining this latter inequality with the inequality: 5" + p®z > p® + p@z, we get
PV (z) > ¢@(z) for all z € [0,1], which means the stochastic inequality {(p,(f) }SL{(p,(f) .o O
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Theorem 6.2. For any M/G/1 retrial queue with classical retrial policy and Bernoulli feedback
the distribution (¢, is less relative to the Laplace ordering than the distribution with the generating
function

F1- (5 pu)eth

(P +pz)exp <—£ du>, (6.5)

0). (p+pu)eth®@D —y

and if B(x) is of class £ then the distribution , is greater relative to the ordering < than the
corresponding distribution in the M /M /1 queue with classical retrial policy and Bernoulli feedback.

Proof. Consider an auxiliary M/D/1 and M/M/1 retrial queues with classical retrial policy
and Bernoulli feedback with the same arrival rates \, probability p, retrial rates 8, and mean
service times f;.

Since B(x) is always less, relative to the ordering <;, than a deterministic distribution
with the same mean value, based on Theorem 6.1 we obtain the stated result.

If B(x) is of class £ then B(x) is greater relative to the ordering <; than the exponential
distribution with the same mean, based on Theorem 6.1 we can guarantee the second
inequality. O

7. Conclusion and Further Research

In this paper, we prove the monotonicity of the transition operator of the embedded Markov
chain relative to strong stochastic ordering and increasing convex ordering. We obtain
comparability conditions for the distribution of the number of customers in the system.
Inequalities are derived for conditional distribution of the stationary queue given that the
server is idle. The obtained results allow us to place in a prominent position the insensitive
bounds for both the stationary distribution and the conditional distribution of the stationary
queue of the considered model.

Monotonicity results are of importance in robustness analysis: if there is insecurity on
the input of the model, then our order results provide information on what kind of deviation
from the nominal model to expect. Moreover, in gradient estimation one has to control the
growth of the cycle length as function of a change of the model. More precisely, the results
established in this paper allow to bound the measure-valued derivative of the stationary
distribution where the derivative can be translated into unbiased (higher order) derivative
estimators with respect to some parameter (e.g., arrival rate (1) or retrial rate (8) parameter).
Such bounds can be used to derive information on the speed of convergence of the gradient
estimator. Finally, under some conditions (order holds in the strong sense), those results
imply a fast convergence of the gradient estimator of the stationary distribution [14-16].
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A model for a class of age-dependent population dynamic system of fractional version with
Hurst parameter h € (1/2,1] is established. We prove the existence and uniqueness of a mild
solution under some regularity and boundedness conditions on the coefficients. The proofs of our
results combine techniques of fractional Brownian motion calculus. Ideas of the finite-dimensional
approximation by the Galerkin method are used.

1. Introduction

Stochastic differential equations have been found in many applications in areas such as
economics, biology, finance, ecology, and other sciences [1-3]. In recent years, existence,
uniqueness, stability, invariant measures, and other quantitative and qualitative properties
of solutions to stochastic partial differential equations have been extensively investigated
by many authors. For example, it is well known that these topics have been developed
mainly by using two different methods, that is, the semigroup approach [4, 5] (e.g., Taniguchi
et al. [4] using semigroup methods discussed existence, uniqueness, pth moment, and
almost sure Lyapunov exponents of mild solutions to a class of stochastic partial functional
differential equations with finite delays) and the variational one (e.g., Krylov and Rozovskii
[6] and Pardoux [7]). On the other hand, although stochastic partial functional differential
equations also seem very important as stochastic models of biological, chemical, physical,
and economical systems, the corresponding properties of these systems have not been
studied in great detail (cf. [8, 9]). As a matter of fact, there exists extensive literature on the
related topics for deterministic age-dependent population dynamic system. There has been
much recent interest in application of deterministic age-structures mathematical models with
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diffusion. For example, Cushing [10] investigated hierarchical age-dependent populations
with intraspecific competition or predation.

There has been much recent interest in application of stochastic population dynamics.
For example, Qimin and Chongzhao gave a numerical scheme and showed the convergence
of the numerical approximation solution to the true solution to stochastic age-structured
population system with diffusion [11]. In papers [12, 13], Qi-Min et al. discussed the
existence and uniqueness for stochastic age-dependent population equation, when diffusion
coefficient k = 0 and k #0, respectively. Numerical analysis for stochastic age-dependent
population equation has been studied by Zhang and Han [14]. In papers [11-14], the random
disturbances are described by stochastic integrals with respect to Wiener processes.

However, the Wiener process is not suitable to replace a noise process if long-rang
dependence is modeled. It is then desirable to replace the Wiener process by fractional
Brownian motion. But this process is not a semimartingale, so that it is not possible to apply
the Ito calculus. A stochastic analysis with respect to fractional Brownian motion is faced with
difficulties.

Next, the stochastic continuous time age-dependent model is derived. In [12], the
nonlinear age-dependent population dynamic with diffusion can be written in the following
form:

OP(r,t,x) N OP(r,t,x)

—ki(r,t)AP(r,t,x)
ot or Jult
= a(r L OPEL D) + filr ) + b0 T, i Qu = (0,4)xQ,
A
P(0,t,x) = Jo pi(r,t,x)P(r,t,x)dr, in (0,T)xT, (1.1)

P(r,0,x) = Py(r,x), in (0,A) xT,
P(r,t,x) =0, on X4=(0,A)x(0,T)xarl,
A

y(t,x) = J‘ P(r,t,x)dr, inQ,

0

where t € (0,T), r € (0,A),x e T C RN (1< N <£3),Q = (0,T) xT, P(r,t,x) denotes the
population density of age r at time ¢ in spatial position, x, p1(r,t, x) denotes the fertility rate
of females of age r at time ¢, in spatial position x, y;(r,t, x) denotes the mortality rate of age
r at time ¢, in spatial position x, A denotes the Laplace operator with respect to the space
variable, and ki (,t) > 0 is the diffusion coefficient. fi(r,t, x) + g1(r,t, x)(dw(t)/dt) denotes
effects of external environment for population system, such as emigration and earthquake
have. The effects of external environment the deterministic and random parts which depend
onr,t, and x. w(t) is a standard Wiener process.
In this paper, suppose that fi(r, t, x) is stochastically perturbed, with

fi(r, t,x) — fi(r,t,x) + Qi (7, t,x)ch(t), (1.2)
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where B"(t) is fractional Brownian motions with the Hurst constant h. Then this
environmentally perturbed system may be described by the Ito equation

OP(r,t,x) OP(r,t,x)
o + p —ki(r,t)AP(r,t,x) (1.3)
= - (r,t,x)P(r, t,x) + fi(r,t,x) + (1, t,x)dB"(t), inQa=(0,A)xQ,

A
P(0,t,x) = I Pi(r,t,x)P(r,t,x)dr, in (0,T)xT, (1.4)

0
P(r,0,x) = Py(r,x), in (0,A)xT, (1.5)
P(r,t,x) =0, on X4=(0,A)x(0,T)xar, (1.6)

A

y(t,x) = Jo P(r,t,x)dr, in Q, (1.7)

new stochastic differential equations (1.3)-(1.7) for an age-dependent population are derived.
It is an extension of (1.1).

Our work differs from these references [11-14]. In papers [11-14], the random
disturbances are described by stochastic integrals with respect to Wiener processes. In this
paper, we study a stochastic age-dependent population dynamic system with an additive
noise in the form of a stochastic integral with respect to a Hilbert space-valued fractional
Borwnian motion. It is well known that a fractional Brownian motion B" is a semimartingale if
and only if h = 1/2, that is, in the case of a classical Brownian motion. For h = 1/2, Qimin and
Chongzhao discussed the existence and uniqueness for stochastic age-dependent population
equation [12]. In this paper, we shall discuss the existence and uniqueness for a stochastic
age-dependent population equation with fractional Brownian motions with h € [1/2,1]. The
discussion uses ideas of the finite-dimensional approximation by the Galerkin method.

In Section 2, we begin with some preliminary results which are essential for our
analysis and introduce the definition of a solution with respect to stochastic age-dependent
populations. In Section 3, we shall prove existence and uniqueness of solution for stochastic
age-dependent population equation (1.3).

2. Preliminaries

Consider stochastic age-structured population system with diffusion (1.3). A is the maximal
age of the population species, so

P(r,t,x) =0, Vr>A. (2.1)
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By (1.7), integrating on [0, A] to (1.3) and (1.5) with respect to r, we obtain the following
system

)
a—g — k() Ay + u(t, x)y - Bt X)y
dBh(t) .
= f(t,.‘X') + g(trx) At 7 mn Q = (OIT) X F, (22)

y(ol .X') = yo(x)/ in rr
y(t,x)=0, on Z=(0,T)xarl,

where

A A -1
Bt x) = <f0 pi(r, t,x)P(r,t,x)dr> <j0 P(r,t, x)dr) , (2.3)

where fg‘ P(r,t,x)dr = y(t, x) is the total population, and the birth process is described by the

nonlocal boundary conditions f(? Pi(r,t,x)P(r,t,x)dr clearly, B(t, x) denotes the fertility rate
of total population at time ¢t and in spatial position x.

A A -1
u(t,x) = <J‘o ui(r,t,x)P(r, t,x)dr) <J‘0 P(r, t,x)dr> , (2.4)

where p(t, x) denotes the mortality rate at time t and in spatial position x

A

flt,x) = Jo f1(r, t,x)dr,
A

g(t, x) Ef g1(r,t, x)dr.

0

(2.5)

Let

0 0
V=H'I)= {(p | p € LX(T), % € L*(T'), where % are generalized partial derivatives}.
(2.6)

Then V' = H1(T') the dual space of V. We denote by | - | and || - || the norms in V and V’
respectively, by (:,-) the duality product between V, V', and by (:, ) the scalar product in H.
We consider stochastic age-structured population system with diffusion of the form

dyy(t) — kAy()dt + u(t, x)y(£)dt — p(t, x)y(H)dt
= f(t,x)dt + g(t, x)dB"(t), in Q= (0,T)xT,

]/(0/ x) = yO(x)r in r/
y(t,x)=0, on X=(0,T)xal,

2.7)
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where d;y(t) is the differential of y(t, x) relative to t, that is, (diy(t) = oy(t)/ot)dt, y(t) =
y(t,x). T>0, A>0.
The integral version of (2.7) is given by the equation

t t t t
y(®) -y(0) - L kAy(s)ds - fo(ﬂ(s, x) — pu(s, x))y(s)ds = Jo f(s,x)ds + Jo g(s,x)dB"(s),
(2.8)

here y(t,x) =0,on X = (0,T) x OI".
Let B]}'l(t)tZO (j =1,2,...) be independent centered Gaussian processes with B]}.‘(O) =0
on a given probability space (2, ¥, P), where we assume that

2
E<B]h(f) - B?(S)) =lt-sPy (=12,..),
< (2.9)
‘I/l] > 0/ Zﬂ] < oo,
j=1

and h € [1/2,1].

The processes B]h(t)tzo are independent fractional Brownian motions with the Hurst
constant h and E(B;.i(l))2 =uj (j=12,...).

It follows from Kleptsyna et al. (cf. [15]) that

0
Bl(t) = <f (It = "2 = e 72)dw; (r) +I;|t—r|h_1/2dwj(r)>, (2.10)

where (W;(t));5 (j =1,2,...) are real independent Wiener processes with Esz(t) = ujt.
Let K be a separable Hilbert space with the scalar product (-, -)g, and (ej) ;-1 .. denotes
a complete orthogonal system in K, Then

[e/e] 2 [ee]
SEIBI®)e;ll, = "> p; < oo, 2.11)
j=1 j=1

and B(t) = Z]?‘Zl B]}.’(t)ej is called a K-valued fractional Brownian motion where the sum is
defined mean square.

Definition 2.1. A H-valued continuous stochastic process (y(t))e[o,r] With y(t) € V (P-a.s) is
a solution of (2.7) if it holds for v € V and all t € [0, T] that

t t
(y(#),0)y = (y(0), ) + f (kAy(s),v)ds + f (B(s, )y (s) = u(s, x)y(s),v) yds
0 0 (2.12)

+ f; (f(s, x),v)Hds + ft <g(s, x)ch(s),v> . P-a.s.

0
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The objective in this paper is that we hopefully find a unique process y(t) such that
(2.7) holds For this objective, we assume that the following conditions are satisfied:

(1) u(t, x), p(t, x) and k(r, t) are nonnegative measurable, and

0<ko<k(t) <o 1in (0,A)x(0,T),
0<po<u(t,x)<oo in (0,A) xT, (2.13)
0<Bt,x)<Po<oo in (0,A)xT.

(2) Let f(t,x) and g(t, x) be measurable functions which are defined on Q with
[f& 0] Vgt 0] <K, (2.14)

where K is a positive constant.

3. Existence and Uniqueness of Solutions

Consider also the K-valued fractional Brownian motion B""(t) = 3", Bl.h (t)ei. Obviously, the
following lemma holds.
If the process (y(t))[or) is a solution of (2.7), then the process Z(t) = y(t) -

fé g(s)dB"(s) solves

i Z(t) — kKAZ(t)dt + p(t, x) <Z(t) + f g(s)Bh(s)>ds - B(t, x) <Z(t) + f t g(s)ch(s)>dt
0 0

= f(t, x)dt + kA f g(s)dB"(s)dt, inQ=(0,T)xT,
0

Z(0,x) = Zo(x), inT,
Z(t,x)=0, on X=(0,T)xoal,
(3.1)

where Z(t) := Z(t, x). If Z(t) is a solution of (3.1), then exists a process Y()sepory so that Z(#)

can be written as Z(t) = y(t) - fé g(s,x)dB"(s), and consequently y(t) solves (2.7).
As a result, we shall consider (3.1) instead of (2.7). It is noted that, for fixed w € Q,
(3.1) is a deterministic problem.

Lemma 3.1. Problem (3.1) has, for fixed w € Q, a unique solution Z(t), and there exists a
nonnegative random variable n with finite expectation such that

T
sup | Z(s)I* + kof I1Z(s)IPPds < n, (3.2)
0

0<s<T

where for fixed w € Q, Z(t) is continuous with respect to t in H.
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Proof. The Galerkin approximations are defined by Z,(t) = 37", Z,,i(t)v;, where Z, ;(t) solves
the stochastic equations

Zni(t) = (y(O),vi)H + ft<kA< S Zn,k(s)vk>,vi>ds
0 k=1
t n
+ f <(ﬂ(s,x) - u(s, x))ZZn,k(s)vk, vi>ds
0 k=1

+ ﬂ (f(s,x),v;) ,ds + I <(ﬂ(s,x) — u(s,x)) I: g(urx)ch’"(u),v,->ds

; (3.3)
+ ﬂ<kA (fo g(u, x)ch?”(u)),vi>ds. (i=12,...,n).

It follows from the assumption (2) that (3.3) can be solved for every w by the method of
successive approximation, and the iterates are measurable with respect to w. Consequently,
(Zn,i()epory (i=1,2,...,n) are stochastic processes since y is a random H-valued variable

and (B""(t)), (07] is a stochastic process. It follows from (3.3) that
n t n
Z,(t) = Z(y(O),vi)Hvi + J‘ Z(kAZn(s),vi)vids
i=1 0 =1

t n n
+ _[ > <(ﬁ(s, x) - #(S,x))zzn(S),vi>vids
0 i=1 i=1

+ J: (f(s,x),v;) yoids + f <(ﬁ(s, x) — p(s, x)) J: g(u, x)ch'”(u),vi>vids

t (3.4)
+ £<kA <Jj g(u, x)dB"" su)>,vi>vids.

Using the chain rule, we get the following
n t
|Z, (1) = > (y0), vj); +2 .[0 k(AZ,(s), Z.(s))ds
j=1

t t
+ ZI ((B(s,x) = u(s,x)) Z(5), Zn(s) )ds + ZI (f(s,x),Zu(s))ds
0 0 (3.5)

t s
_ hn
+2 fo <(ﬁ(s, x) — u(s, x)) Jo g(u,x)dB"" (u)ds, Z,,(s))ds

+2 f; k<A<f: g(u,x)ch’"(u)>,Zn(s)>ds.

If we set B(t) = 0 in of Qimin and Chongzhao [11], under assumptions (1)-(2), then this result
implies that

t
sup | Zy(s) + kof 1Z.(s)|%ds < 1. (3.6)
0

0<s<T
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The following result is an analogous to that of Theorem 4 in [1]. In the Galerkin
approximation, we have

E|Z,(t) —Z(t)|2+Eft 1Zn(s) = Z(s)|*ds — 0 (3.7)
0

forallt € [0,T] and for n — oo. Z(t) is a H-valued continuous process with Z(t) € V for all
t € [0,T]P-a-s., and Z(t) is a P-a.s. unique solution.
Now let (Bh(t))te[O,T] be a H-valued fractional Brownian motion with 3772, Ajp; < oo

and 372, \; #]1_/ % < o0. We consider the finite-dimensional approximation
n t
ZI g(s,x)dBj?(s)vjds (3.8)
j=1 70

in mean square of the stochastic integral fé g(u, x)dB"(u). Obviously this is a stochastic

n
integral with respect to the V-valued Brownain motion B""(u) = ZB;‘(u)vj. Consequently,
j=1

the corresponding Galerkin equations for (2.7) are given by

diy™(t) — kAy™ (t)dt + u(t, x)y™ (t)dt — p(t, x)y™ (t)dt
= f(t,x)dt + g(t,x)dB"™(t), in (0,T) xT,

y"(0) = i(yo,vj)vj, inT, (3.9)
=1

y"(t, x) ]: 0, on X=(0,T)xarl,

diy"™(t) — kAy"dt + u(t, x)y" (£)dt — B(t, x)y" (t)dt

= f(t,x)dt + g(t,x)dB""(t), in (0,T) xT,

y"(0) = i(yo, vj)v;, inT, (3.10)
=1

y"(t x) ]= 0, on X=(0,T)xar.

Lemma 3.1 shows that these problems have solutions. ]

Theorem 3.2. If 37 Ajp; < oo and 372 )Lj‘ujl./ 2 < oo, then there exists a P-a.s unique solution
(Y (#)iero,r of (2.7) with

t
E|y(t)|2 + kOEf 1Z(s)|]*ds < M;,, VYtel0,T], (3.11)
0

where My, is a positive constant.
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Proof. We choose n > m with n = m + p and define
t t
2P () = y" () Y () - f g(u, x)dB"" (1) +f g(u,x)dB"™ P (). (3.12)
0 0

Then
1ZmP (5 < [y (0) - y™(0)|* + ZJt k(AZ™F(s), 2™P(s))ds
0
t
<2 (B, ) = s, 20) (77(5) = y7()), 277 ()l ds

t (3.13)
e2 (76,0, 200 s

t
+ZI
0

However, by Lemma 2.2 [14] and assumptions (1)-(2), we have

ds.

<kA f g, x)d(Bh""+’”(u) — ghm (u)), szp(s)>
0

ds

f;| (kA fo g(u,x)d(Bh'm+” (u) - B’”‘(u)), zmrr’>

n t
<k Z )L]'Ef

j=m+1 0

1 n t
gszZAij

j=m+1 70

n t
kT KT > Ajpj + %f E|Z™* (s)|*ds.
0

ds

fo g(u,x)dB;?(u) (v, Z™P(s))
) (3.14)
ds + % ﬂ E|Z™* (s)|*ds

fo g(u, x)vde;’ (u)

<

N —

j=m+1

Further,

E((B(s,x) = u(s,x)) (y"P (s) —y"(s)), Z"*(s))ds
_ m, 2 _ ’ h,m+ _ phn m,
< E(1po = wl1Z" )P + 1po = ol | gt 21 (B 7 ) - B ) 1277 )

ms
< 2|Bo - po|EIZ"P () + | fo — ﬂ0|K2T.Zp Hj-
" (3.15)
Consequently, in view of (3.13),
E|Z"(s)* + 2koE f 1Z"(s)IPds < (2|0 — po| + K* +1) f B2 (5) s
' ey e (3.16)

+k0ChK2T Z .)L]‘I/l] +2|ﬁ0 —/40|TK2 Z Hi-

j=m+1 j=m+1
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Then, the Gronwall’s lemma implies that
t
E|Z"P(s)]? — 0, E_[ 1Z"7 ()] — 0 (3.17)
0

form,p — oo forallt € [0, T]. In particular, there exists a process (Z(t)) o] With E|Z™(t) -
Z(H*> — 0form — oo, and consequently, there exists a process y(t) with E[y™ (t)-y(t)|> — 0
form — co. We must now show that (y(t))[o ) is solution of (2.7). We have

2 t
E +2k0EJ‘ ly™(s) -y (s)||*ds
0

Y () -y (E) + fo g, a)d(Eh”“”’(u) - Eh’”(u))

<2F f k<A(y"(s) —y™(s)), Jj g(u,x)d(Bh'"(u) — ghm (u)) >ds

0

t B
+ 2Ef (<ﬁ<s, x) = p(s,2))y" = y"(s), " (5) ~y"(5) + f g(u,x)d(B"" (w) - B"" (u) ) ds
0 0

+2E Lt ( £(s,%),y™(s) - y™(s) + fo g(u, x)d(Bh'"””(u) - Bh'"(u)>>ds.
(3.18)

Let & > 0 be chosen arbitrary. Then there exists po > 0 so that 377, A /2 < ¢forall p > py.
Let y"(t) = 37, y;"r(t)vj and y™'(t) = 374 y}"’r(t)vj be the rth Galerkin approximation of

y"(t) and y™(t), respectively. For r = m + p, we have

E fo (A0 =y @), [ glud(B ) - 5 w) s

m+p

t s
ED f Ly (s) —y;""(s))f g(u, x)dBl(u)ds
0 0

i=p+1

m+p t 5 1/2 t
kES < [[ Iy -yreo ds> AI(E [
i=p+1 0 0

m+p
< const. koE Z Aiﬂ%/z
i=p+1

<ko

2 \'? (3.19)
ds>

fsg(u,xmB?(u)
0

< const. X €.

Consequently, the first term on the right-hand side of (3.10) is also less than const. x €. It is
clear that the second term and third term on the right-hang side of (3.18) tends to zero. Then
(3.18) gives

t
E f ly™(s) — y? (s)|> — 0 (3.20)
0
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for m,p — oo, there is (y™(t)) is also a Cauchy sequence in L%,(Q x [0,T]) forall t € [0,T].

Let i be the limit a of this sequence. Then it follows from the properties of a Gelfand triple
that

¢ ¢
EI |y (s) —y(s)|2 < MEJ‘ [l (s) —y(s)”2 —0 (3.21)
0 0

for n — oo, where M is a positive constant. Consequently, i/(s) = y(s)(a.s) and it follows
from (3.9) that

dry(t) — kAy(t)ds — (B(s,x) — u(s,x))y(t)ds = f(s,x)ds + g(s,x)ch(t), (3.22)
hence, we have proved Theorem 3.2. O
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Iterative learning control (ILC) is applied to remote control systems in which communication
channels from the plant to the controller are subject to random data dropout and communication
delay. Through analysis, it is shown that ILC can achieve asymptotical convergence along the
iteration axis, as far as the probabilities of the data dropout and communication delay are known
a priori. Owing to the essence of feedforward-based control ILC can perform trajectory-tracking
tasks while both the data-dropout and the one-step delay phenomena are taken into consideration.
Theoretical analysis and simulations validate the effectiveness of the ILC algorithm for network-
based control tasks.

1. Introduction

Iterative leaning control (ILC) is a control method that achieves perfect trajectory tracking
when the system operates repeatedly. ILC has made significant progresses over the past
two decades [1-3] and covered a wide scope of research issues such as continuous-time
nonlinear system control [4], discrete-time nonlinear system [5], the initial reset problem
[6, 7], stochastic process control [8], state delays [9], and data dropout [10].

On the other hand, the research on networked control systems has attracted much
attention [11, 12] over the past few years. In network control, two frequently encountered
issues are data dropout and communication delays, which are causes of poor performance
of remote control systems. A central research area in remote control systems is to evaluate
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and compensate data dropout and time-delay factors [13-16]. Since data dropout and delay
are random and time varying by nature, the existing control methods for deterministic data
dropout and communication delays cannot be directly applied. Significant research efforts
have been made on the control problems for networked systems with random data dropout
and communication delays that are modeled in various ways in terms of the probability and
characteristics of sources and destinations, for instance [10, 17].

It is in general still an open research area in ILC when remote control systems problems
are concerned, except for certain pioneer works that address linear systems associated
with either random data dropout [10, 18] or random communication delays [17, 19-21].
This paper investigates the implementation of ILC in a remote control systems setting,
specifically focusing on compensation when both random data dropout and delays occur
at the communication channels between the plant output and the controller.

Since ILC is in principle a feedforward technique, it is possible to send the controller
signal before the task is executed. This would not be possible for feedback-based control
systems. Hence, the data dropout can be circumvented to certain extent by using network
protocols that assure the delivery of data packets. Likewise, the large delay due to large data
package can also be avoided when the package is used for repeated task executions, namely,
in future executions. ILC task is carried out in a finite-time interval, hence the time-domain
stability is not a concern. Thus, unlike most network control works that focus on the stability
issue, ILC can be applied to address trajectory-tracking tasks and the learning convergence is
achieved in the iteration domain.

On the other hand, the use of data in the feedforward fashion would require the
temporal analysis and management of data packages as well as resending the missing data
package, which may not be available in certain remote control systems tasks. In this work,
we adopt an ILC scheme that uses pastcontrol signals, as well as the error signals that are
perturbed by the data dropout and communication delay. The ILC law adopts classical D-
type algorithm and a revised learning gain that takes into consideration the probabilities of
both data-dropout and communication-delay factors. As a result, the output tracking errors
can be made to converge along the iteration axis. The ILC scheme can be applied to linear
discrete-time plants with trajectory-tracking tasks.

The paper is organized as below. Section 2 formulates the remote control systems prob-
lem. Sections 3 and 4 prove the convergence property of ILC for linear discrete-time plants.
Section 5 presents a numerical examples.

Throughout the paper, the following notations are used. Let £[-] be the expected value
of a random variable, P[] the probability of an event, || - ||, the Euclidean norm of a vector,
and || - || the maximal singular value of a matrix. Let z(t) is a discrete time signal with ¢ €
{0,1,...,T}. Forany a > 1 and any A > 1, define
A

sup a ™ M||z(t)]|,, (1.1)

[|z]] (\a)
te[0,T]

where [0,T] ={0,1,...,T}.

2. Problem Formulation
Consider a deterministic discrete-time linear time-invariant dynamics system:

Xi(t + 1) = AX,’(f) + Bui(t),

2.1
yi(t) = Cxi(t), 2D
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Figure 1: The schematic diagram of the remote control system.
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where “i” and denote the iteration index and discrete time, respectively. x;(t) € R", u;(t) €
R?, and y;(t) € R" for all t € [0, T] are system states, inputs, and outputs, respectively, at the
ith iteration. A, B, and C are constant matrices with appropriate dimensions.

The schematic diagram of the remote control systems under consideration is shown in
Figure 1.

It should be noted that the open-loop system from the ILC input to the plant output
is deterministic. The randomness occurs during the data transmission from the plant output
to the ILC input. There are two approaches in analyzing the closed-loop system. The first
approach is to treat the entire closed-loop system as a random or stochastic process. In such
circumstances, the topology of the overall system keeps changing and the control process
is either a Markovian jump process or a switching process. Another approach, which is
adopted in this work, is to retain the essentially deterministic structure of the original open-
loop system, meanwhile model the random data dropout and communication delay into two
random factors with known probability distributions. As a consequence, the signals used in
ILC, yi(t) are the modulated plant output with the two random factors.

When the control process is deterministic, an effective ILC law for the linear system

(2.2)

Iltll

(2.1) is
w1 (t) = w;(t) + Lei(t + 1),

where u;;1(¢) and u;(t) are control inputs at the (i+1)th and ith iterations, namely, the present
trial and the previous trial, respectively. e;(t + 1) = ya(t + 1) — y;(t + 1) is the output tracking
error at the time (¢ + 1)th time instance of the ith iteration. L is a learning gain matrix.

Remark 2.1. Note that in the ILC law (2.2), the control signal of the present iteration, u;.1(t),
consists of both the pastcontrol input, u;(t) and the past error with one-step temporal
advance, e;(t + 1). The current-cycle feedback errors, such as e;,;(t), are not used. Since ILC
does not require the current-cycle feedback nor the temporal stability, it is an effective control
method for remote control systems problems with random data dropout and communication
delay.

To facilitate the ILC design and convergence analysis, data dropout and one-step
communication delay are formulated. First formulate the data-dropout problem. Denote y(t)
a stochastic variable with Bernoulli distribution taking binary values 0 and 1, where y(t) = 0
denotes an occurrence of data dropout and y(f) = 1 denotes a normal data communication.
The probabilities of y(t) are

(2.3)
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where y > 0 is a known constant. Here, we assume that y(t) is a stationery stochastic process,
thus the data dropout rate is independent of the time t. In subsequent derivations, we treat y
as time invariant.

When the data dropout occurs in multiple communication channels, we can similarly
define £[y;] =¥, > 0 for the jth communication channel. Thus, denote

o -0
0y -0
I=diag(y)=|. . .| (2.4)
00 -y
the corresponding mathematical expectation is
=T, (2.5)

where T > 0 is known a priori.
Due to the data dropout, the plant output received by the controller at the (i + 1)th
iteration is

Fiayin(t). (2.6)

Generally speaking, the occurrences of data dropouts at two iterations are uncorrelated, thus
independent. On the other hand, ILC law at the current iteration, the (i + 1)th iteration, uses
only signals of the previous iteration, namely, ith iteration, as shown in (2.2). Thus yi.1(t)
with the control input u;,1(f) contains data dropouts upto the ith iteration. Therefore, I';;;
and y;.1(t) are independent, that is,

ETiyin(D)] = E[Tin]élyin(B)]

_ (2.7)
= ri+1 & [Yi+1 (t) ] .

Without the loss of generality, we assume &[] = T, namely, the data dropout rate is invariant
at different iterations.

Next formulate the one-step communication delay problem. Denote w(t) is a random
delay factor with Bernoulli distribution, which takes binary values 0 and 1 that indicate,
respectively, the presence and absence of an one-step communication delay. Here we assume
that w(t) is a stationery stochastic process, thus the occurrence of the communication delay
is independent of the time t. In subsequent derivations we treat w as time invariant. With
multiple communication channels, we define matrix W = diag(w;), where w; denotes the
occurrence of communication delay at the jth communication channel. Denote &[w] = w
and £[W] = W. The plant output received by ILC with possible communication delay is
formulated by

yi (t) = Wiyi(t) + [1 - Wilyi(t - 1), (2.8)
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where W; is the communication delay at the ith iteration. Without the loss of generality,
we assume E[W;] = W, namely, the probability of the communication delay is invariant at
different iterations. Analogous to data dropout, assume that communication delay at any two
iterations are independent, then W;,; and W; are independent, so are W;,; and yi.1 () because
yi+1(f) contains communication delays upto the ith iteration through the ILC law (2.2).

It is worthwhile noting that stochastic variables y and w are not completely indepen-
dent. A delayed or nondelayed communication occurs only when y = 1, that is, no data
dropout. Hence, we should have the condition probability for data transmission without
delay

Probly =1, w=1] =Py =1]Plw=1|y=1] =yw, (2.9)
and the condition probability for data transmission with one-step delay

Ply=1w=0]=Ply=1]Plw=0]y=1]

(2.10)
=Ply=1Q1Q-plw=1]y=1]) =71 -w).

As a consequence, we have
¢yw] =yw. (2.11)

The relationship between data drop out and communication delay, (2.11), can be extended to
multiple channels at the ith iteration

E[TiW;] =TW. (2.12)

At the ith iteration, the output signals perturbed by data dropout and one-step com-
munication delay can be expressed as

yi(t) = Liy] (t) = Ti[Wiyi(t) + (I - Wy)yi(t - 1)], (2.13)

where I is a unity matrix of appropriate dimensions. The mathematical expectation of y;(t)
can be derived using the independence property between I';, W;, and y;, as well as the rela-
tionship (2.12)

Elyi(H)] = E{Li[Wyi(t) + (I - W)yi(t - 1]}

P _ (2.14)
= T{Welyi()] + (1-W)<lyi(t - D1}

The objective of control design is to seek an appropriate ILC law that can take into
consideration data dropout and communication delay concurrently. The following ILC law is
adopted

;1 (t) = ui(t) + LEi(t + 1), (215)
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where
Ei(t + 1) = Fi[yd(t + 1) - yi(t + 1)]

=Tifya(t+1) - Wiyi(t +1) = (I - Wy)yi(t)] (2.16)
=Ti[Wiei(t+1) + (I - Wi)e;(t) + (I - Wy)d(t)],

where 6(t) £ ya(t+1) —ya(t).

3. Convergence Analysis for Left-Invertible Systems r > p

In this section, we derive the convergence property of the ILC (2.15) in the presence of data
dropout and communication delays.

In ILC, the learning convergence can be derived in terms of either the output tracking
error, e;(t), or the input tracking error, Au;(¢). In this section, we prove the learning con-
vergence property of Au;(f).

Assumption 3.1. For a given output reference trajectory y,(t), which is realizable, there exists a unique
desired control input uy(t) € RP such that

xg(t+1) = Axy4(t) + Buy(t),

3.1
ya(t) = Cxa(t), oD

where u,(t) is uniformly bounded for all t € [0, T]. It is assumed that for all i € Z,,x;(0) is a
random variable with £[x;(0)] = xo = x4(0).

Define the input and state errors

Aujg 2 uy(t) —ui(t),
(3.2)
Axi 2 x4(t) = xi01 (1),

then from (2.1) and (3.1), we have

Axi(t + 1) = AAXi(t) + BAui(t),

ei(t) = CAx(t). (3.3)

From (2.15), using the relationship (2.12), we have

Elein(t+1)] = E[Lifya(t +1) - Wiyi(t +1) = (I - Wy)yi(H)]]

= E[Li[Wiei(t+1) + (I - Wi)ei(t) + (I - Wi)(ya(t +1) —ya(t))]] (3.4)

I:{Wé[ei(t +1)] + (1 —W)é[ei(t)] + (1 —W)é[G(t)] }
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Theorem 3.2. Suppose that the update law (2.15) is applied to the networked control system and
satisfied the Assumption 3.1. If there exist p satisfying

||1,, - LWCBH <p<l, (3.5)

then the input error along the iteration axis, E[Au;(t)], converges to a bound that is proportional to
the factor 6(t).

Proof. First, subtracting u,(t) from both sides of the ILC law (2.15) yields

Aujiq (t) = Au,-(t) - Léi(t + 1) (36)

Applying the ensemble operator £[-] to both sides of (3.6) and substituting the relationship
(3.4) with e;(t) = CAx;(t), we obtain

E[Aui (D] = E[Aui(t)] - LTWCE[Axi(t +1)]

_ . _ . (3.7)
- Lr(I - W)Cé[Axi(t)] - Lr<1 - W>6(t).
Substituting the state error dynamics (3.3) into (3.7) leads to the following relationship:
E[Aup (1] = <I,, - LWCB)&[Aui(t)]
(3.8)

- L[WCA +T(1- W)C]é[Axi(t)] - LT(1-W)5().

Define p £ ||I, - LTWCB]|.
Now let us handle the second term on the right hand side of (3.8), which is related to
Ax;(t). Applying the ensemble operation to the following relationship:

1
Ax;(t) = A'[x4(0) - x;(0)] + tz:AH‘kBAui(k), (3.9)
k=0

Substituting the relation (3.9) into (3.8), taking the norm || - | on both sides, the fol-
lowing relationship is derived:

llAwa ®1 < plE[Au®], + ||LTWCA + LT(1 - W) C||a'x(0) - £ (O)]
+ ||LWCA + Ll_"<I - W)c” ||B||§at‘1‘k||é[Aui(k)] I, (3.10)
k=0
+ ||Lf(1 —W>||||6(t)||2,

where a > |A|| and in this work we choose a > 1if ||A|| < 1.
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In order to handle the exponential term with a' in (3.11), we introduce the A norm.

From Assumption 3.1, multiplying both sides of (3.10) by a* and taking the supermum
over [0,T] yield

sup a M||E[Au (D], < p Sup a M| E[Au()]]l

te[0,T] te[0,T
t-1
+py sup a M Zat‘l‘kHé[Aui(k)]Hz (3.11)
te[0,T] k=0

+ Bo sup a M[|6(H)]l,,
te[0,T]

where ff; = |[LTWCA + LT(I - W)C||||B|, B2 = |[LT(I - W)||, and #; = [|x4(0) — £[x;(0)]| that is
independent of t. Since ||6(#)|| is bounded, so is

p=sup a|[6(1)]l,. (3.12)
te[0,T]

Substituting the properties of Lemma A.1 into (3.11) yields
g A-DT
[€[AW ]l a) < <P + ﬂl—a> I€[Au 1,0 + Pob- (3.13)

Since 0 < p < 1, it is possible to choose A sufficiently large such that

A-nT
—p+ pll"‘— <1. (3.14)
-a
Therefore we can rewrite (3.13) as
[€[Au]ll(1q) < prllE[AW]]10) + Pt (3.15)
which implies
Pap
l E[Au; < 3.16
1m|| [ u]”()La) 1-p ( )
O

Note that p is proportional to 6(t), namely, the maximum difference between y,(t +
1) —ya(t) in t € [0,T], which is bounded and small when the reference trajectory is smooth
or the sampling interval is sufficiently small. When the probability associated with the data
communication delay, W, is known a priori, we can further revise the reference trajectory to
an augmented one, such that the resulting 6(t) =

Corollary 3.3. Revising the original reference y,(t) into an augmented one y§(t) = Wya(t) + (I -
W)yd(t — 1), then 6(t) = 0 and the ILC (2.15) ensures a zero-tracking error.
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Proof. Note that &[y?(t)] = WE[yi(t)] + (I - W)E[yi(t — 1)]. Suppose that y;(t) = ya(t), then
the delay-perturbed output should be WE[ya®)] + I = W)E[ya(t - 1)]. In other words, the
augmented reference trajectory for y{ (¢t + 1) should be y’(t) = Wyd(t) +(I- W)yd(t -1).Asa
result, y{ (t) = y5(t) implies y;(t) = ya(t). Now replacing y,(t + 1) in (2.16) with y’(t + 1), we
can derive
§(t+1) =T, [y;(t+ 1) - yo(t+ 1)]
=T [Wiyat +1) - Wyy;(t+1) + (I - W))ya(t - 1) - (I - W))y;(1)] (3.17)
= F]W]e](t + 1) + F](I - W])e](t)

Comparing the above expression with (2.16), we conclude that 6(t) = 0, subsequently p = 0,
which implies a zero-tracking error according to (3.16). O

4. Convergence Analysis for Right-Invertible Systems » < p
In this section, we prove the learning convergence property of e;(f).

Assumption 4.1. (I, - CBLTW) ™" always exists.

Theorem 4.2. Suppose that the update law (2.15) is applied to the networked control system and
satisfied the Assumption 4.1. If

N

p e - CBLWH <1, (4.1)

then the tracking error along the iteration axis, £[e;(t)], converges to a bound that is proportional to
the factor 6(t).

Proof. First note the relationship:

ei(t+1) =ya(t+1) -y (t+1)
=ei(t+1)+yi(t+1)—yi+1(t+1) (42)
=e;(t+1) + CA[x;(t) — xj+1(t)] + CB[u;(t) — uis1(8)],

t-1
xi(t) = A’ (0) + > A" *Buy(k). (4.3)
k=0

Substituting ILC law (2.15), (2.16), and (4.3) into (4.2) yields
ei1(t+1) =e(t+1) + CA*' [x;(0) — xi11(0)]

t-1
- CD A" BLE;(k + 1) — CBL&(t +1)
k=0
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=e;(t+1) + CA"[x;(0) - xi41(0)]
t-1
- CY A"*BLTi[Wiei(k + 1) + (I - Wy)e;(k) + (I - W;)6(k)]
k=0
~ CBLT;[Wiei(t + 1) + (I — Wy)ei(t) + (I - Wi)6(t)]
= (I, - CBLT;W;)e;(t + 1) + CA*'[x;(0) — xi41(0)]

t t-1
- C%At‘kBLFiWiei(k +1) - C%Af-k-lBLri(I - W))ei(k)

- czt;Af-kBLri (I -W)d(k).
k=0
(4.4)

Assumption 4.3. Assume E[x;41(0)] — £[x;(0)] = 0.

Applying the ensemble operator £[-] to both sides of (4.4) and substituting the rela-
tionship (4.2), we obtain

-1
Elep(t+1)] = (L - CBLm)a[e,-(t +1)] - CtZAt‘k‘lBLmé[ei(k +1)]
k=0
(4.5)

- ciAf-kBLf(I - W)é[ei(k)] - CiAt‘kBLl_“<I - W)é[{i(t)].
k=0 k=0

Taking the norm || - ||, on both sides of (4.5), the following relationship is derived

lEleia (t+ D], <

t-1
I, - CBLTW | |€[ei(t + D]ll, + ICIL Y, @ | BLITW/|&[ei (k + 1]l
k=0

t — —
+lICIY @ IBLIT(1 - W) i€ [ei ()],
k=0

t — —
+ICIX @ IBLIT(T - W) [1[6(0)]]L,
k=0
(4.6)

where a > |A|| and in this work we choose a > 1if ||A|| < 1.
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In order to handle the exponential term with a’ in (4.5), we introduce the A norm.
Multiplying both sides of (4.5) by a™ and taking the supermum over [0, T] yield

sup a || &[en1(B)]]l, < sup ||1 - CBLW” sup a )| &[e;(B)]]l,
te[0,T] t€[0,T] te[0,T]

t
+||Cl sup a* > a" ¥ BLITW||&[ei (k)]

tef0T] k=1
- (4.7)
+[Cll sup @™ Y @ BLIT(1 - W) 1€ [ei(K)]ll,
0Tl k=0
t
+|Cll sup a™ Y ' BLIT(1 - W) I£[6(®)]IL
0Tl k=0
Substituting the properties of Lemma A.2 into (4.7) yields
, 1- a—()L—l)T
€[ein]llpg < ( P+ ﬁ4m €Lei]ll,q) + st (4.8)
where f3 £ |[CI|||BLIIT and f5 = ||C|[||BLIT(I - W)((1 - a-4DT) /(a4 ~1)).
Since 0 < p’ < 1, it is possible to choose A sufficiently large such that
, 1 g-O-DT
p=p+h—ag— <L (4.9)
Therefore, we can rewrite (4.8) as
lElei]lla) < p2lléleillly,a) + Parts (4.10)
which implies
. Pap
lim ||€]e; o S —. 411
Jimligledl < 72 (411)
O
5. Numerical Examples
Consider the following linear discrete-time system:
0.50 -0.25 1.00 0
xi(t+1) =015 030 -0.50|x(t)+ [0]uit),
-0.75 025 -0.25 1 (1)

yi(t) = [0 0 1.0]x;(t),
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with the initial condition x;(0) = 0. The desired trajectory is y4(t) = sin(2srt/50). The tracking
period is {0,1,...,49}. The control profile of the first iteration is u(t) = 0 for t = 0,1,...,49.
Two sets of probabilities for the data dropout rate and communication delay are considered,
which arey = 09, w = 0.9,y = 0.6, and w = 0.6, respectively. The learning gain is L = 0.5,
which yields ||I - LywCB]|| = 0.595 < 1, and ||I — LywCB|| = 0.82 < 1 with respect to the two
sets of probabilities. The tracking performance of two ILC algorithms is given in Figure 2,
where Max Error denotes the maximum absolute error of each iteration.

6. Conclusion

In this work, we address a class of networked control system problems with random data
dropout and communication delay. D-type ILC is applied to handle this remote control
systems problem with repeated tracking tasks. Through analysis, we illustrate the desired
convergence property of the ILC. Although we focus on one-step communication delay in this
work, the results could be extended to multiple delays, which is one of our ongoing research
topics. In our future work, we will also explore the extension to more generic nonlinear
dynamic processes.

Appendix
Lemma A.1. Forall a>1, forall A > 1, for all i € Z,, the inequality:

M= 1- g-0-DT
sup a M) a"" T E[Aui(T)]|l, <

s I€[AUi] 1] 1,0) (A1)
tE[O,T] =0

holds.
Proof. Consequently

-1 t-1
sup a > a T E[Aui(T)]ll, = a”t sup a DY a T E[Aui(7)]|a DT
te[0,T] 7=0 te[0,T] 7=0
-1t _q

a
< a!|E[Aui]ll g 0 sup a7V
D o) a‘ -1

1 _ g--nr
<ﬁ lE[Aw] (1 q)-

Lemma A.2. Forall a>1, forall A > 1, for all i € Z., the inequalities

(A.2)

IN

t-1 _ gy

1

—At t-1-k

sup a ' > a= [ €[ei(k)]I, £ ———lI€[eilll1,a)

t€[0,T] % ' 2 a1 -1 tl(a) )
1 - g~@-1T ’

t

—At t-1-k

;E;r;]a D €Lkl < —an 7 I€ledllog
, k=1

hold.
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Max error

O = N W g
T T T T

0 20 40 60 8 100 120 140 160 180 200

Tteration number i

(a)

Max error

SO = N Wk O
T T

0 20 40 60 80 100 120 140 160 180 200

Iteration number i
(b)

Figure 2: The tracking error profiles for the discrete-time linear system with data dropout and one-step
communication delay. (a) is learning results with the data dropout rate ¥y = 0.9 and communication delay
rate w = 0.9. (b) is learning results with the data dropout rate ¥ = 0.6 and communication delay rate
w = 0.6.

Proof. Consequently

t-1 t
sup a MY a1 e ()], < sup a™V Y a1 es(k)] |l
te[0,T] k=0 te[0,T] k=0

t
sup a > a~¥|| £ e; (k)] [|la™ D
te[0,T] k=0

a-1t _1q

a

1€ Leilll 0 sup @ —5—
1l 'a)te[O,T] art-1-1

1 - g-(O-1T
< <W €Leilll,a),

t t

sup a 'y a" K| E[ei (k)] < sup a MY al e (K],

te[0,T] k=1 te[0,T] k=0

IN

(A.4)

IN

t
= sup a0 3 a || € le;(k)][la" D"
te[0,T] k=0
A-Dt _
a 1
I€leilll,q sup a7 —m—
tHi( 'a)te[o,T] ar-1-1

1 = g-O-T
< <W lEleilll (1, q)-

IN
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In order to achieve continuous navigation capability in areas such as tunnels, urban canyons,
and indoors a new approach using least squares support vector machine (LS-SVM) and H., filter
(HF) for integration of INS/WSN is proposed. In the integrated system, HF estimates the errors
of position and velocity while the signals in WSNs are available. Meanwhile, the compensation
model is trained by LS-SVM with corresponding HF states. Once outages of the signals in WSNSs,
the model is used to correct INS solution as HF does. Moreover, due to device reasons, there
are slight fluctuations in sampling period in practice. For overcoming this problem of integrated
navigation, the theoretical analysis and implementation of HF for an integrated navigation system
with stochastic uncertainty are also given. Simulation shows the performance of HF is more robust
compared with INS-only solution and Kalman filter (KF) solution, and the prediction of LS-SVM
has the smallest error compared with INS-only and back propagation (BP), the improvement is
particularly obvious.

1. Introduction

The demand for location-based services (LBSs) has been driving the need for the accurate
positioning techniques in the past and is expected to remain the same in the future [1, 2].
Wireless sensor network (WSN) has boomed in the last decades, it shows great potential to
develop positioning system in the environments such as tunnels, urban canyons, and indoors,
where the Global Positioning Systems (GPS) cannot provide a solution with consistent and
long-term stable accuracy due to satellite signal blockage [3-7]. So, the physical location
becomes one of key applications in WSNs recently. Most of the current wireless localization
in WSN employs the measurement of one or several physical parameters of the radio signal
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transmitted between the reference nodes (RNs) and blind nodes (BNs) [8]. For example,
Patwari et al. employed the measurements of time of arrival (TOA) and received signal
strength (RSS) to estimate relative location in WSNs in 2003 [9]. In 2002, Al-Jazzar and
Caffery Jr. estimated node location for nonline of sight (NLOS) environments by TOA
[10], then Al-Jazzar et al. used a joint TOA/AOA (so-called angle of arrival) constrained
minimization method for locating wireless devices in nonline-of-sight environment in 2009
[11]. Alsindi et al. employed TOA for ranging in indoor multipath environments in 2009
[12]. The mainstream method is to use electromagnetic waves for indoor localization, but
due to the high propagation speed, the accuracy is of the order of several meters. On
the other hand, some researchers employ ultrasonic waves to achieve high accuracy with
narrow bandwidth and narrow directional characteristics, for example, a fully distributed
localization system based on ultrasound is proposed by Minami et al., and the accuracy of
localization is about 20 cm with 24 devices [13]. Although WSN is capable of indoor wireless
localization with the characteristics of low power, low cost, and low complexity, it requires
high density of RNs for high accuracy due to its short-distance communication. Therefore,
it has to employ a large number of RNs to keep localization accuracy if localization area is
large.

Differing from WSN-based wireless localization requiring RNs, INS is a self-contained
system incorporating three orthogonal accelerometers and two orthogonal gyroscopes [1].
It is capable of providing positioning information independently. However, for the INS
accuracy deteriorates with time due to possible inherent sensor errors (white noise, correlated
random noise, bias instability, and angle random walk) that exhibit considerable long-term
growth [14-17], it is just a short-term compensation to GPS outages, and the INS cannot
maintain long-term high accuracy when GPS signals are unavailable. Thus, INS is poor in
long-term self-contained navigation.

Aiming at continuous navigation capability, many intelligent integration navigation
approaches have been employed. For instance, Kim et al. presented an integrated
GPS/INS/Vision system for helicopter navigation [18], Berefelt et al. used GPS/INS
navigation in urban environment [19]. In this mode, training the compensation model
by Artificial Intelligence (Al) techniques is widely used to improve the performance of
integrated navigation, especially the neural network (NN), as in, for example, the use of
the NN for denoising inertial outputs based on microelectromechanical system (MEMS)
in [20], and the NN for the compensation model in [21]. However, to achieve good
performance it has to select sufficient data samples of good quality for the NN [22], and
it is poor in high dimension input spaces. Current algorithms for good quality samples of
the compensation model are mainly based on integration filter, as the core of an integrated
system, the integration filter should be carefully designed. The KF is one of the most
common examples for filtering. With the stochastic state space model of the system and
measurement outputs, it is able to achieve the optimal estimation of states in multi-input,
multioutput (MIMO) systems [23]. However, due to the noises of system and measurement
should be corrupted by white noise and the state estimation is approached with the
minimization of the covariance of the estimation error, the KF is not suitable for nonlinear
systems. Through the first-order linearization of the nonlinear system, extended KF (EKF)
is able to achieve nonlinear estimation. However, for the state distribution is assumed as a
Gaussian random variable (GRV), it may generate large errors in the true posterior mean
and covariance of the transformed GRYV, which can lead to suboptimal performance and
sometimes divergence of the filter [24]. Moreover, the system with GRV is often unavailable
in practice.
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In this paper, we present INS/WSN integration using LS-SVM and HF for long-
distance continuous navigation in areas such as tunnels, urban canyons, and indoors. Aiming
at the robust performance of filtering, the HF is employed to estimate errors of position and
velocity while signals in WSNs are available. Meanwhile, compensation model is trained by
LS-SVM, which is used to correct the INS errors during signals in WSN outages. Simulation
is employed to evaluate the performance of the proposed method. The results of filtering are
compared with the INS-only solution and KF solution, moreover, the results of prediction
are compared with the INS-only method and BP method. The remainder of the paper is
organized as follows: HF for integration and LS-SVM model are described in Section 2
and Section 3, respectively. Section 4 gives the hybrid method for INS/WSN integration.
Simulations and the analyses of experiment results based on semiphysical can be obtained
in detail in Section 5. Finally, the conclusions are given.

For convenience, this paper adopts the following notations.

A': transpose of a matrix or vector A.

A >0 (A>0): Ais positive definite (positive semidefinite) symmetric matrix.

S, the set of all real symmetric matrices.

R": n-dimensional Euclidean space.

Lyixn: 1 x n identity matrix.

2. H,, Fusion Filter for Integration
2.1. Stochastic Uncertain System

In order to achieve robust performance, HF is widely analyzed and used in the nonlinear
systems [25-27]. The HF is to design an estimator to estimate the unknown state combination
with measurement output [28]. In contrast with the KF and EKF, one of the main advantages
of HF is that it is not necessary to know exactly the statistical properties of the noise but
only on the assumption of the noise with bounded energy [29], which makes this technique
useful in certain practical applications. For the above-mentioned reasons, HF technique has
been extensively developed in the last decade, and many HF-based methods have been
proposed, especially in the field of stochastic systems. For instance, Xu and Chen proposed
an H,, filtering for uncertain impulsive stochastic systems under sampled measurements
in [30]. Zhang and Chen studied the exact observability of stochastic systems in [29],
and, then, they solved the problem of filtering for nonlinear stochastic uncertain system
[28].

As WSN-based wireless localization is a relative localization, HF uses relative errors
of position and velocity of BN as the state vector. Ideally, the relative position errors of BN
measured by INS at k state are able to be illustrated in (2.1):

€xk+l = Exk T+ T- Cux,k T Wy k,
2.1)
yksl = €Eyk t T- Cyyk t Wy k,

where (ey, ey) is the relative position error of BN at k moment, (e, evy) is the velocity error
of BN at k moment, and T is ideal sample time. Due to the limitation of timing device, there
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will be a stochastic error for ideal sample time in practice. It leads the system in (2.1) to be a
stochastic uncertain system, which is expressed as follow:

€xk+l = Exk + ((T + 6t) . ﬂk) * €ux,k T Wxk,
2.2)
eyk+l = Cyk t ((T + 6t) . ﬁk) ‘Coyk T Wyk-

Here 6t is the stochastic uncertainty of system and f is a standard random scalar
sequences with zero mean. Thus, the model of the system in (2.2) can be written in matrix
form:

€x k+1 10T O 006t 0 exk Wy

e 010T 00 0 ot e w

vkt + g S T 2.3)
Cox k41 0010 000 O €ux,k Wox,k

Coy k+1 0001 000 O Evy.k Woy k

Here, we denote (2.3) as (2.4).

Xk+1 = (A +E- ﬂk)Xk + Bwk, (2.4)

where wy € R™ is stochastic process noise which belongs to I, [0, o).
The observation vectors of the HF are formed by differencing the INS and WSN
positions (rwsn, rins) and the velocities (vwsn, vins). Thus, the observation equation is

illustrated as (2.5):
Aty 1000 Exk Uy k
Ary k 0100]]eyx Uy k
ol (Al I e (2.5)

Avy 00 10| |ems
Avy 000 1] [ewyr

Uox, k

U'uy,k

where A7,k = Txk(INS) = Tx k(WSN), ATy k = Ty k(INS) = Ty, k(WSN), AUxk = Uxk(INS) — Ux,k(WsN), and
Avy k= Uy k(INS) — Uy, k(WSN)-
Here, we denote (2.5) as (2.6).

Yk = CXk + ka, (2.6)

where v, € R™ is measurement noise which belongs to [;[0, o0). For the convenience, we
assume that

EZw'kwk < oo, EZv’kvk < 0. (2.7)
k=0 k=0
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So, the stochastic uncertain system can be simply expressed as:
Xk = (A+E - i) Xk + Bigk,

Yk = CXk + Dlgk/ (2.8)
Zi = LX.

Here, Zy is the state combination to be estimated, B; = [B 0], D; = [0 D], and ¢gx =
[w'x V]

2.2. H,, Filter Formulation

In this section, we investigate the design of a linear estimator for Z; of the following form:

)A(kﬂ = Aff(k + BfYk,
J (2.9)
Ze=LXy, k=0,1,2,...,

where X and Z are the estimates of Xi and Zy, respectively, and {Af, By, L} are the constant
matrices. Here, we define state error vector and measurement error vector, respectively, as
follows:

ek = Xk — )A(k, Zk = Zk - Zk. (2.10)

Let = = Efx and A fr=A-B fC + Z, then we can obtain the following equation with
(2.8), (2.9), and (2.10):

€41 = <A + E,ﬁk>ek + Egk/

(2.11)
Zi = Ley,
where A = A — BsC and B= By — BfD;.
For a given scalar y > 0, the performance index is illustrated as (2.12):
] = EX (22K~ v6 ksr)- (2.12)

=~
]

0

In this paper, we look for an Hy, filter satisfies that for all nonzero wy and vy with the
initial state Xj = 0, ] <0, and the system (2.11) is asymptotically stable.
2.3. Asymptotic Stability

For future convenience, we give the following lemmas which are very useful for the proof of
our main theorem.
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Lemma 2.1 (see [31]).

X1 = (A + Eﬁk)Xk + ng,
(2.13)
Zy = LXx,

for any y > 0, the system (2.13) is asymptotically stable and ] in (2.12) is negative for all nonzero
Gk € 1[0, o0) if there exists P = P' > 0 that satisfies the inequality

-P+APA+APBO'BPA+LL+EPE<O, (2.14)

and also satisfies © > 0, where © = y*I — B'PB.

Lemma 2.2 (Schur’s complement). For real matrices N, M = M/, R = R’ < 0, the following two
conditions are equivalent:

(1) M- NR!N' <0,
(2) [MN] <o.
Consider the system of (2.11). We arrive at the following result.

Theorem 2.3. The condition for system of (2.11) to be asymptotically stable and y of (2.12) to be
existed is that there exists P = P' > 0 and Q satisfies the inequality (2.15):

[ -P 0 AP-CQ AP-CQ L EP]
0 -y’ B,P-D,Q 0 0 0

PA-QC PB;-QD; -P 0 0 0

PA-QC 0 0 -P 0o ol° 0 @15)
L 0 0 0 -1 0

| PE 0 0 0 0 -P]

Proof. Consider the system of (2.11) and apply Lemma 2.1, given y > 0, a necessary and
sufficient condition for J in (2.12) to be negative for all nonzero gx € I;[0, o) which is that
there exists P = P' > 0 to

-P+A'PA+ APBO'BPA+L'L+EPE<O0, (2.16)

where © = Y21 - B'PB,P>0,and © > 0.
Defining A = —P + A'PA + L'L + E'PE, so

A+ A'PBO'B'PA < 0. (2.17)
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Applying Schur’s complement, inequality (2.17) and the following inequality are equivalent:

A A'PB
. _ | <o (2.18)
BPA -(y*I- BPB)

And inequality (2.18) can be rewritten as inequality (2.19):

Ao A P(-P)'P[A B] <0. (2.19)
0 _YZI EI

Using Schur’s complement again, inequality (2.19) is able to be written as (2.20):

A 0 AP
0 -y2I BP| <o. (2.20)
PA PB -P

Then, by Lemma 2.1 and A = ~P+ A’PA + L'L + E'PE, we can obtain inequality (2.21) readily:

[P 0 AP AP L' EP]
0 -y BP 0 0 0
PA PB -P 0 0 0
- <0. (2.21)
PA 0 0O -P 0 0

L 0 0 0 -I 0

PE 0 0 0 0 -P]

Now, we substitute (2.11) into inequality (2.21) and define that Q = PBy, then we can
obtain inequality (2.15) readily.
Moreover, the matrix inequality is able to be written as following if we set y* = J:

¢(P,Q,y) <0. (2.22)

Thus, the solving of the filter is transformed to the following optimisation problem:

mion Y,
P20 (2.23)

subject to LMIs(2.22) .
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So, the filter is asymptotically stable and there exists the minimum performance index
\/?, the parameters of the HF can obtain by (2.23):

Bf=P'Q,  A;=A-P'QC+E. (2.24)

For the mean value of Z is zero, the Ay is also able to denote as follows:

Af=A-P'QC. (2.25)

3. LS-SVM Model and Training Algorithm

LS-SVM is powerful to estimate for nonlinear. It is also able to extract the optimal solution
with small training data. The LS-SVM algorithm is employed here to improve the accuracy
of the INS-only solution during WSN outages.

3.1. LS-SVM Regression Algorithm

Equation (3.1) shows the optimal linear regression function which is built in feature space.
Where b is the bias term and w is weight vector. Given a training set {xx, v« }Zzl, the LS-SVM
algorithm maps a higher dimensional feature space ¢ (x) = {p(x1), p(x2),...,P(x,)} with
nonlinear function ¢(x):

N
f(x) = {w, ¢p(x)} +b =D wipi(x) +D. (3.1)

i=1

The optimisation problem is

. 1 7 1 ZN 2
m w = —W W — -2
w,bl,rc}]( €) 2 T kzlek' (3.2)
due to the equality constraints
Yk =wT<p(xk)+b+ek, k=1,...,N. (3.3)

To solve the optimisation problem abovementioned, the Lagrangian function is
introduced:

N
L(w,b,e,a;) = J(w,e) - Zain(l)(x,-) +b+ei -y, (3.4)

i=1
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where a; are the Lagrange multipliers, according to Karush Kuhn Tucker (KKT) optimization
conditions which are illustrated in (3.5):

o — =0, — =0, — =0. (3.5)

So,

N N
w = sz,-cﬁ(x,-), Za,- =0, a;= nei,wT(])(xl-) +b+ei-y;=0,1=12,...,N. (3.6)
i=1 i=1

The solution of (3.6), a; and b, can be computed from the input of the sample sets when
the LS-SVM is trained. Applying the Mercer condition one obtains [22]:

K(xi,x1) = o(xi) (1), k,1=1,2,...,N. (3.7)

Thus, the LS-SVM model for nonlinear estimation is illustrated as (3.8).
N
y(x) = D K (x,x;) +b. (3.8)
i=1

The RBF kernel is used as the kernel function of the LS-SVM in this paper:

I = il

K(x,x;) = exp <_T>' (3.9)

As mentioned above, regularisation parameter (77) and kernel width (o) need to be
selected. In order for an optimal combination determined before the LS-SVM is trained, we
use a simplified cross-validation method developed by Xu et al. [22], which defines a training
set, consisting of the validation subsets and the verification subsets. Validation subset is
used to train LS-SVM with some empirical combinations of tuning parameters. The primary
parameters are those combinations which make the output of the LS-SVM approach the given
accuracy. On the other hand, verification set is used to further train LS-SVM. As a result, the
final selection of tuning parameters is made, and the system model is also obtained.

3.2. The Input/Output Design of LS-SVM

Due to the position and velocity changes with time, there is an HF states variation. It has been
found that there is a correlation between states measured by INS and the HF states. Although
modeling this correlation is difficult, it is able to build correlation with designed LS-SVM
after adequate training. When the signals in WSNs are unavailable, with the input of INS’s
own estimation error of position and velocity, the LS-SVM is able to output the correction
value for position and velocity, respectively, which is used to compensate the INS solution
(as the integration HF does when the signals in WSN are available). As mentioned above, the
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H,, filter H Ar, Av J

INS error
estimate

671Ns | 6VINS

INS solution
(71N, VINS)

Navigation
solution

Figure 1: Configuration of the LS-SVM/HF hybrid system.

estimation errors of position and velocity measured by INS are selected as the input of the
LS-SVM, which is illustrated as (3.10):

LS-SVMi, = {67y, 61, 60, 60y }. (3.10)

And the output of the LS-SVM can be simplified as:

LS-SVMoyt = {Arx, A1y, Avy, Av, ). (3.11)

The structure of LS-SVM is consistently implemented for the training and prediction
stages.

4. LS-SVM and HF Hybrid Method for Integration System

In this section, the LS-SVM/HEF architecture is designed. The integration navigation consists
of two stages. One is the LS-SVM/HF hybrid system. The other is the LS-SVM-based
prediction during WSN outages.

4.1. The LS-SVM/HF Hybrid System for INS/WSN

The LS-SVM is in the training mode when the signals in WSNs are available. Figure 1 displays
the configuration of the integration system for training of LS-SVM. INS estimates the errors
of position and velocity in two directions which are continuously input to the LS-SVM for
training. Meanwhile, the output of HF is employed for the target vectors of the training. The
differences of position (rwsn, rivs) and velocity (vwsn, vins) between INS and WSN are used
for the observation vectors of the HF.

4.2, The Configuration of the LS-SVM-Based Prediction during
WSN Outages.

The integrated system becomes a stand-alone INS without WSN signal. The LS-SVM is in
the prediction mode now, and the output of the LS-SVM is used for error compensation.
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INS error
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INS solution
(1N, UINs)

Navigation
solution
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Figure 3: Definition of simulation scenarios.

The errors of position and velocity estimated by INS are continuously input to the LS-SVM
as it was done during the training stage. The configuration of the LS-SVM-based prediction
during WSN outage is illustrated in Figure 2.

5. Simulation and Performance
5.1. Assumptions

In order to assess the performance of the proposed method, the simulation is implemented.
A 700 m x 450m area is defined as simulation scenario. In simulation, we assume that a BN
moves from start point (650, 0) to end point (130, 400) along the red-dotted line in Figure 3.
Based on the real-time data measured by INS, two areas (denote as green) is set as training
area, where the signals in WSN are available. The scale of one training area is about 150 m x
150 m (denote as no.l training area), and the other one is about 100m x 100 m (denote as
no.2 training area). The range between RN is 5m, and the communication range is 11 m. The
sampling period (T) in (2.3) is set to 1s. Here, we assume that the WSNs employ ultrasonic
waves for localization, which is similar to [13], and the accuracy of localization is about 20 cm.
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Table 1: LS-SVM training results with the validation set.

No. " . Errors with validation set
6(6r) (m) 6(6r,) (m) MR 5(50,) (m/s) 6(60,) (m/s) M "

1 1 1 0.5991 0.2046 0.3558 0.1338 0.0864 0.1101

2 1 100 0.2354 0.1126 0.1711 0.0913 0.0968 0.0941

3 1 1000 0.2331 0.1067 0.1699 0.0932 0.0959 0.0946

4 30 100 0.2862 0.1067 0.1967 0.0924 0.0914 0.0919

5 30 1000 0.2542 0.1071 0.1807 0.0921 0.0926 0.0924

6 50 100 0.2871 0.1071 0.1972 0.0922 0.0912 0.0917

7 50 1000 0.2610 0.1073 0.1839 0.0918 0.0924 0.0921

8 100 100 0.2933 0.1068 0.2009 0.0923 0.0903 0.0913

9 100 1000 0.2641 0.1085 0.1852 0.0915 0.0923 0.0919

10 1000 1000 0.2903 0.1063 0.1452 0.0922 0.0900 0.0911

5.2, LS-SVM Training

In this paper, we define an independent training set with 100 points, the first 50 points are the
validation subset, and other points are the verification subset. L5S-SVM training results with
the validation set are listed in Table 1. From Table 1, the final selection of tuning parameters
is 0 = 1000 and # = 1000. Finally, using both the validation and verification sets as well as
the selected tuning parameters, the LS-SVM was trained again to obtain the compensation

model.

5.3. Performance Analysis

According to Theorem 2.3, we readily obtain the following parameters for HF which is used
in training area.
To the HF used in the first training area,

0 0 -0.0012
00 0
E =
00 0
00 0
—-0.0044
0.0066

-11

—-0.0588 0.1083

0.0553

~0.0353 -0.0142|"
~0.0232 -0.0009 —0.0316

0

-0.0012

0
0

—-0.0694 0.0658 0.0082
-0.0146 -0.0296 0.0379

y = 4.0055,
(5.1)
1002 0
01 0 02
By =
001 0
000 1
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Table 2: The mean errors of position and velocity for the INS-only, KF, and HF methods in the training
area.

6(6ry) (m) 6(6ry) (m) 6(6vy) (m/s) 6(6vy) (m/s)
No. 1 area No.2area No.1larea No.2area No.1area No.2area No.1area No.2 area
INS-only  7.8315 40.6179 4.7923 36.0891 0.6584 2.0649 1.5777 2.0649
KF 2.9170 14.9663 1.7916 13.2591 0.2715 0.3155 0.5984 0.8856
HF 0.3881 0.4958 0.5338 0.8464 0.1064 0.1041 0.1008 0.0932

Mode

To the HF used in the second training area,

0008409 O
00 0 0.8409

E=¢3 , ¥y =4.0055,
00 O 0
00 O 0
(5.2)
0.0857 —0.0230 —0.0524 -0.0106 10021 0
., | -0.0087 -0.0476 0.0416 0.0153 01 0 o021
Ar=e + Br=
-0.0626 0.1602 -0.0407 -0.0571 00 1 0
-0.0153 -0.0912 0.0568 0.0495 00 0 1

Figures 4 and 5 display the position errors in x-direction and y-direction in the first
training area. The HF result is compared with the INS-only solution and the KF solution. In
those figures one can see that both the KF and HF can reduce the position errors in x direction
and y direction, respectively, and that the HF solution has the smallest error. Simulation
result shows that the proposed HF method is very effective as it decreases the mean errors of
position by about 85% in x direction and by about 80% in y direction compared with KE.

To further clearly demonstrate how the proposed HF improves the accuracy of the
solution, the velocity errors in x-direction and y-direction for the INS-only, KF, and HF
methods are shown in Figures 6 and 7. Note that the errors for the HF are smaller than
the ones for the KF and INS-only methods both in x direction and y direction, confirming
that the proposed algorithm can improve system performance. Simulation result shows that
the proposed HF method decreases the velocity errors by about 70% in x direction and in y
direction errors by about 75% compared with KF.

The mean errors of position and velocity in x direction and y direction in the second
training area are illustrated in Table 2. We can see that the improvement is also particularly
obvious.

In order to assess the performance of the hybrid method, two WSN outages are
simulated. The LS-SVM result is compared with the INS-only solution and the BP solution
during these outages. The position errors in x direction and y direction after the first training
area derived from the INS-only (in green), BP (in blue), and the LS-SVM (in red) methods
are shown in Figures 8 and 9, respectively. The BP method has the same input/output as the
LS-SVM. In Figures 8 and 9, one can see that both the BP and LS-SVM are able to reduce the
position errors, and that the HF solution has the smallest error, confirming that the proposed
algorithm can improve system performance. From these outage results it can be seen that
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Figure 4: The position errors in x direction for the INS-only, KF, and HF methods in the first training area.
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Figure 5: The position errors in y direction for the INS-only, KF, and HF methods in the first training area.

the proposed method decreases by about 80% position errors in x direction and 70% position
errors in y direction compared with BP.

Figures 10 and 11 display the velocity errors in x-direction and y-direction in the first
50-second WSN outages area. The LS-SVM results are compared with the INS-only solution
and the BP solution. In those figures one can see that both the LS-SVM and BP can reduce



Mathematical Problems in Engineering 15

Error (m/s)

—— INS-only
—— Kalman filter
—— H filter

Figure 6: The velocity errors in x direction for the INS-only, KF, and HF methods in the first training area.
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Figure 7: The velocity errors in y direction for the INS-only, KF, and HF methods in the first training area.

the position errors, and that the LS-SVM solution has the smallest error. However, there are
some fluctuations in BP’s error. The mean errors of position and velocity in x direction and y
direction in the second WSN outages area are illustrated in Table 3. Simulation result shows
that the proposed LS-SVM method is very effective as it decreases the mean errors of velocity
by about 40% in x direction and by about 70% in y direction compared with BP.
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Figure 8: The position errors in x direction for the INS-only, HF + BP, and HF + LS-SVM methods in the
first WSN outages.
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Figure 9: The position errors in y direction for the INS-only, HF + BP, and HF + LS-SVM methods in the
first WSN outages.

As mentioned above, the improvement is particularly obvious in the prediction period.
The prediction of the LS-SVM is able to maintain a higher accuracy and reduce the influence
of accuracy deterioration caused by the INS.
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Figure 10: The velocity errors in x direction for the INS-only, HF + BP, and HF + LS-SVM methods in the
first WSN outages.
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Figure 11: The velocity errors in y direction for the INS-only, HF + BP, and HF + LS-SVM methods in the
first WSN outages.

6. Conclusions

This work proposes an integrated INS/WSN system using LS-SVM and HF. The input
and output of an LS-SVM are selected on the basis of correlations between the estimation
errors measured by INS and the HF states. When the signals in WSN are available, the HF
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Table 3: The mean errors of position and velocity for the INS-only, KF, and HF methods in the prediction
area.

6(6ry) (m) 6(6ry) (m) 6(6vy) (m/s) 6(6vy) (m/s)
No. 1 area No.2area No.1larea No.2area No.1area No.2area No.1area No.2 area
INS-only  12.1524 72.4795 8.7879 70.0089 0.8897 3.0793 2.0265 6.0012
BP 5.2628 36.4784 4.9441 36.5174 0.6502 1.1008 0.8096 1.6045
LS-SVM 0.5916 5.2938 0.4676 4.6548 0.0786 0.0092 0.0754 0.0567

Mode

is employed to provide optimal estimation of position and velocity errors, which is used
to update the INS solution. Meanwhile, mapping model between the estimation errors of
INS and the HF states is trained by the LS-SVM. Based on the real-time data measured
by INS, WSNs enabled and outages areas are simulated. The results show an improved
overall performance in comparison with the results of the INS-only and KF solutions, and
the prediction of the L5-SVM has a higher accuracy than the prediction of the BP.
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We consider a discrete-time financial model in a general sample space with penalty costs on short
positions. We consider a friction market closely related to the standard one except that withdrawals
from the portfolio value proportional to short positions are made. We provide necessary and
sufficient conditions for the nonexistence of arbitrages in this situation and for a self-financing
strategy to replicate a contingent claim. For the finite-sample space case, this result leads to an
explicit and constructive procedure for obtaining perfect hedging strategies.

1. Introduction

In recent years, applications of stochastic analysis and control have entered in the field of
financial engineering in an effective and rapid way, due mainly to the powerful tools that
can be brought from these disciplines into almost all aspects of fields like, for instance, in the
study of arbitrage, hedging, pricing, and portfolio optimization. One of the classical prob-
lems in portfolio optimization is the mean-variance portfolio selection problem, which was
transformed with the seminal work of Markowitz in [1] (see also [2]). Since then, the amount
of research on this subject has increased in order to provide the development of sophisti-
cated analytical and numerical methods for financial engineering models with more real-
istic assumptions see, for instance, [3-8], among others. More recently, the multiperiod mean-
variance problem was tackled by [9] and later extended in several directions see, for instance,
[10-25]. The pioneering work of Black and Scholes [26] and Merton [27] provided a major
change in the area of pricing of derivative securities, showing that the analysis should be
based on nonarbitrage considerations rather than on preference-related concepts such as
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expected values. From the works of Harrison and Kreps [28] and Harrison and Pliska [29], it
became apparent that semimartingale theory provided a natural framework for the analysis
of financial markets and pricing.

Another fundamental result on the study of arbitrage, hedging, and pricing of financial
markets is the Dalang-Morton-Willinger theorem, also known as the fundamental theorem of
asset pricing. It states that in a frictionless security market, the existence of an equivalent
martingale measure for the discounted price process is equivalent to the absence of arbitrage
(see, e.g., [30]). Recently, there has been a number of papers dealing with contingent claim
valuation and extending versions of the aforementioned theorem in several directions (see,
e.g., [31-38]). The subject of pricing derivatives with transaction costs and portfolio selection
with transaction costs is of practical importance and has been in evidence over the last years.
Two types of transaction costs are considered; fixed costs, which are paid whenever there
is a change of position, and proportional costs, which are charged according to the volume
traded. Different approaches to the problem of pricing derivatives with transaction costs and
the portfolio choice problem under transaction costs can be found in the literature see, for
instance, [32, 37, 39—44]. The results in [45] provided a version of the fundamental theorem
of asset pricing within a short sales constraints framework and possible infinite number of
transactions within a finite period of time, using the free-lunch notion, a stronger notion of
the no arbitrage condition. The case of closed cone constraints on the amount invested in the
risky assets, which includes restrictions on short sales, has been studied in [46] for the case
in which the price process is positive and under a nondegeneracy hypothesis on the price
process. In [47], these results were generalized, and the fundamental theorem of asset pricing
was stated under polyhedral convex cone constraints and using the classical notion of no
arbitrage instead of free lunch. The general short sales constraints in [45, 47] were considered
by separating the price process into two sort of securities; those which cannot be held in
negative amounts and those that can only be held in negative amounts. The no arbitrage
condition in this case is shown in [47] to be equivalent to the existence of a positive interest
rate process and an equivalent probability measure Q under which the discounted price
processes of securities that cannot be sold short are supermartingales, and the discounted
price processes of securities that can only be sold short are submartingales.

In this paper, we consider a model closely related to the standard one (see [30, 48, 49]),
except that a withdrawal directly proportional to the amount on short positions is made from
the portfolio. As far as the authors are aware of, this model has not been studied before (see
also Remark 3.3). Theorem 3.1 provides necessary and sufficient conditions for the nonexis-
tence of arbitrages directly in terms of the price process and penalty costs at time ¢ and can
be seen as a natural extension of the standard fundamental theorem of asset pricing (see, e.g.,
[30, 48, 49]). When the penalty costs go to zero, our result reduces to that presented in [30].
From this result we derive a sufficient condition for nonarbitrage and for a self-financing
strategy to consistently replicate a contingent claim (e.g., any other superreplicating self-
financing strategy will have an initial value greater than that of the replicanting strategy).
For the finite sample space case, this result yields an explicit and constructive procedure for
obtaining perfect hedging strategies.

This paper is organized in the following way. Section 2 presents some notation, de-
finitions, and the financial model. Section 3 contains the main results of the paper. In
Section 4, we present an explicit and constructive procedure for obtaining perfect hedging
strategies for the case in which the sample space is finite, as well as some numerical examples.
Section 5 concludes the paper. The proof of some auxiliary results and the main results are
presented in the appendix.
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2. Notation, Definitions and Problem Formulation

Let the real d -dimensional vector space be denoted by R? and for x € RY we will write x; for
the ith component of the vector. The superscript will be omitted for the case d = 1. For x, y
in R4, we set

d
X-y= inyi. (2.1)

i=1

We write x > 0 to denote that all components of x are positive, thatis, x; >0 fori=1,...,d.
For x € R¥, we set the following vectors in R%: x* > 0 such that its ith component x; is equal
to x; if x; > 0, zero otherwise, x~ = (-x)* > 0 (therefore, x = x* — x~ and x/x; = 0 for
eachi = 1,...,d). The vector formed by 1 in all components will be represented by e, and
the vector with 1 at the ith component and 0 elsewhere by b'. For a real number a, we define
a® =1/aif a#0, zero otherwise.

Let (2, %¥,P) be a complete probability space equipped with a filtration {¥; }, t =
0,1,...,T. For G a sub-o -algebra of ¥, we denote by ﬂg(Q, G,P) (or simply .Zg((}) ) the
space of G -measurable random variables with values in R?, which is a complete topological
vector space if equipped with the topology of convergence measure. As any sequence
converging in probability contains a subsequence converging almost surely (a.s.), we can
assume without loss of generality that any convergent sequence in £4(G) will converge a.s.
For any probability measure Q, Eq(-) denotes the expectation with respect to Q, and we write
Q ~ P (Q << P) whenever the probability measure Q is equivalent to (absolutely continuous
with respect to) P. For any A € ¥, 14 denotes the indicator function of the set A. Let .Bg*(C})
be the set of random vectors X € ,Bg(C}) such that P(X > 0) = 1. The space of integrable
random vectors in .Zg((}) will be denoted by .E‘f(C}) and the space of essentially bounded
random vectors in ﬁg(G) by £4(G).

Consider given stochastic processes S = {S(t);t = 0,...,T} and D = {D(t); t =
1,...,T} taking values in R? with S(t) € ﬁg(%) and Sy(t) = 1 for each t = 0,...,T, and
D(t) € ﬂg*(%) foreacht =1,...,T. We define for t = 1,...,T, AS(t) := S(t)-S(t-1). A
trading strategy H = (H(1),..., H(T)) is defined such that each H (t) is a d x 2 -dimensional
random matrix with columns H*(t) € ,ﬁg*(%,l) and H™(t) € ,Eg*(g}'t,l). It describes an
investor’s portfolio as carried forward from time ¢ = 0 to time ¢ = T. In the model of a security
market, S describes the evolution of the prices of d securities, H* (t) represents the number
of units of each security hold in a long position from time t — 1 to time t, H™(t) represents
the number of units of each security hold in a short selling position from time ¢ — 1 to time ¢,
and D the evolution of the penalty costs and possible spread costs between borrowing and
lending rates due to short selling positions on each security i.

Associated to a trading strategy H, we have the value process VH = (VH(0),...,
VH(T)) describing the total value of the portfolio at each time t. For notational simplicity, we
will omit the superscript H whenever no confusion arises. The portfolio value can be written,
attimet =0, as

V(0) = (H*(1) - H (1)) - 5(0), (2.2)
and attimest=1,...,T, as

V(t) = (H*(t)-H (t)) - S(t) - H (t) - D(¢). (2.3)



4 Mathematical Problems in Engineering

The quantity V(t) represents the value of the portfolio at time t just before any change of
ownership positions take place at that time. The penalty costs due to short selling positions
are represented by the costs:

H(t)- D(t). (2.4)

The value of the portfolio at time ¢ + 1 just after the change of ownership positions is (H*(t +
1) — H™(t + 1)) - S(t). We consider in this paper self-financing trading strategies, so that no
money is added or withdrawn from the portfolio between times ¢t = 0 to time t = T. Any
change in the portfolio’s value is due to a gain or loss in the investments, and penalty costs
due to the short selling positions. Thus, we must have

V(t)y=(H"(t+1)-H (t+1)) - S(t). (2.5)
From (2.2)-(2.5), we have fort = 1,...,T that

V(t)y=V(t-1)+ (H"(t) - H (t)) - AS(t) - H™(t) - D(¢). (2.6)

We notice that the penalties can be seen as withdrawals from the portfolio value proportional
to the short selling positions.

We conclude this section with the definition of an arbitrage opportunity. We say that
there is an arbitrage opportunity if for some self-financing trading strategy H, we have a.s.
that

(i) V(0) <0,
(i) V(T) >0, and
(iii) E(V(T)) > 0.

3. Main Results

In this section, we present the main results of the paper. We start with Theorem 3.1, which
provides necessary and sufficient conditions for the nonexistence of arbitrages and can be
seen as a natural extension of the standard fundamental theorem of asset pricing (see, e.g.,
[30, 48, 49]). As pointed out in Remark 3.2, when the penalty costs go to zero, our result
reduces to that presented in [30]. In Remark 3.3, we point out the differences between our
result and previous results presented in the literature. As usual in this kind of problems, the
hardest part of the proof is to show that a certain set is closed (see Proposition A.1 in the
appendix). In the sequence, we derive a sufficient condition for nonarbitrage and for a self-
financing strategy to consistently replicate a contingent claim. In Section 4, we consider the
finite sample space case so that the results in this section yield an explicit and constructive
procedure for obtaining perfect hedging strategies.

The following theorem provides necessary and sufficient conditions for the nonexis-
tence of arbitrages. The proof can be found in the appendix. In what follows, we recall that
L% () represents the space of essentially bounded % -measurable random variables Z such
that P(Z >0) = 1.
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Theorem 3.1. The following statements are equivalent:

(i) there are no arbitrage opportunities,

(ii) for any self-financing strategy H, one has a.s. that

(H*(t) -H™(#)) - 5(t-1) <0,

(H*(t) - H (1)) - AS(t) = H(t) - D(t) > 0 } = (H'(0 - H () -a5() - H () - D) =0,

(3.1)

(iii) there exists a stochastic process {r(t)} with r(t) € L (¥:) foreacht =0,1,...,T —1and
a probability measure Q ~ P such that 0 < dQ/dP € L} (¥F), S(t), D(t) are integrable
with respect to Q and for each t =0,...,T -1,

Eo(AS(t+1) | F) <r(H)S(t) < Eo(AS(t+1) + D(t+1) | F1) a.s. (3.2)

Remark 3.2. For the case in which D(t) = 0, our results reduce to the well-known fundamental
theorem of asset pricing with finite-discrete time and infinite state space, see [30] (recall that
Si1(t) =1, AS1(t) =0, and if D1 (t) = 0, then (3.2) implies that r(t) = 0).

Remark 3.3. In [45, 47], the authors consider a financial market with two sort of securities,
those that cannot be held in negative amounts and represented by S(t), and those that can
only be held in negative amounts and represented by S(t). To write our problem in the above
set-up, we would need to define the fictitious price processes S(t), S (t) as: S(0) = S (0) = 5(0)
and fort =1,...,T,S(t) = S(t), S(t) = S(t) + D(1) + --- + D(t). Notice that there is no dis-
counting to be applied since we are considering that Si(t) = 1. By doing this, we would
have that for t = 1,...,T, AS(t) = AS(t), A§(t) = AS(t) + D(t) and this would yield that
Vit)=V(Et-1)+(H*(t)-H (t))-AS(t)—H (t)- D(t), which is similar to (2.6). Note, however,
that the models are different since we cannot guarantee that a self-financing strategy H for the
above model will be self-financing for our model, and vice versa. Indeed, for the above model,
the self-financing condition would read as (H* (t+1)~H(t+1))-S(t)-H (t+1)-3;_, D(k) =
(H*(H)-H(t))-S(t)-H"(t)-3}_, D(k), while for our model it would be (H* (t+1)~H~ (t+1))-
S(t) = (H*(t)-H™(t))-S(t)-=H~(t)-D(t). This also occurs with the nonarbitrage conditions of
the two models. Indeed, the nonarbitrage condition presented in [45, 47] states that S(t)isa
supermartingale and S (t) is a submartingale, which would involve the sum of the terms (k).
On the other hand, for our model, the nonarbitrage condition (3.2) involves only the state
price S(t), S(t + 1) and penalty costs D(t + 1) emphasizing the difference between the two
models.

In what follows, we define
X ={({r(t)},Q);r(t) and Q satisfying condition (iii) of Theorem 3.1}. (3.3)

We recall next that a contingent claim (random variable) X € £y(%r) is marketable if for
some self-financing strategy H we have that a.s. X = V(T) and, in this case, H is said to
replicate X. We say that H superreplicates X if a.s. we have that VH(T) > X. We have the
following corollary (see the proof in the appendix).
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Corollary 3.4. Suppose that H superreplicates X and there is no arbitrage. Then, for any ({r(t)},
Q) € K one has a.s. that

X
EQ((l +7(T)) - (1+7(t)) | ?t) <V (1). (3.4)

Writing T(t) = {w; V() (w)—Eo(X/(1+r(T)) - -- (1+7(t)) | ) (w) > 0} one has that if P(I'(T)) >
0 then P(I'(t)) > 0 foreveryt =T -1,...,0.

We will be interested now in deriving a condition such that the pricing of a marketable
contigent claim X € £y(%r) is obtained from a self-financing strategy H that replicates X
with H*(t)- H (t) =0 for t = 1,...,T, so that logical pricing can be obtained in this way. Let
us define J := {a = {a(t)}; fort =0,...,T - 1,a(t) € £8* (%), a;(t) = 0 or 1}. For a self-fi-
nancing strategy H satisfying H*(t) - H(t) = 0, we set a! = {a"(t)} € J as a/'(t) =
1= t+1)50 -

Definition 3.5. For a = {a(t)} € J, set

O = {Q ~P, Z—% € L. (F); S(t), D(t) are integrable with respectto Q,
fort=0,...,T,Eq(AS;i(t+1) | #:) =0 a.s.on {a;(t) =0}, and (3.5)

Eq(AS;(t+1)+ Di(t+1) | ¥:) =0 a.s.on {a;(t) = 1}}.

We have the following proposition showing that any a = {a(t)} € J will lead to an element in
K (see the proof in the appendix).

Proposition 3.6. If for some a = {a(t)} € J one has ©* # 0, then there are no arbitrages.

Finally, we have the following result, presenting a sufficient condition for a self-f-
inancing strategy to consistently replicate a contingent claim (i.e., any other superreplicating
self-financing strategy will have an initial value greater than that of the replicating strategy).
The proof can be found in the appendix.

Proposition 3.7. If H is a self-financing strategy that replicates X with H*(t) - H™(t) = 0fort =1,
..., T and ©%" 0, then for any superreplicating strategy H for X one has a.s. for t = 0,1,...,T that
VH(t) > VH(t) and if P(VH(T) > X) >0, then (VH (t) > VH (1)) > 0.

4. A Numerical Procedure

In this section, we consider the finite-state space case and present an algorithm for obtaining
the hedging strategy for a marketable claim X satisfying the conditions of Proposition 3.7. We
assume here that Q = {wy, ..., w,} and that D(t) is ¥1 -measurable. We consider the single
period case only, and suppress the time dependence whenever it is possible. The multiperiod
case follows in a similar way, by using the information structure described in [50] or [51], and
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by applying backwards in time, the procedure described here for the single period case and
each node of the information structure. Define the following matrix A: A = (A;A;), where

1 S(1)(wr) ... Sa(1)(wr)
A= : : , Ar=-(A1+D), (4.1)

1 52(1)(W1<) Sd(l)(wx)

with D = ed (recall that e is the vector formed by 1 in all components), d = (g1 ... ga). Let the
vector x € R* be such that x; = X(w;), j = 1,...,x. We have that X is marketable if and only
if there exists H*, H™ that satisfy the system:

H+
A< > - Aj(H"-H)-DH =x, (4.2)
H
H*>0, H >0. (4.3)

For the case in which x = d and A; has an inverse, we have the following explicit and con-
structive procedure for obtaining a trading strategy H that replicates X with H* - H™ = 0.
Since D = ed and A;'e = b' (recall that b' is the vector formed by 1 at the 1st component,
and 0 elsewhere), we have premultiplying (4.2) by A;' that H*, H™ satisfy (4.2) if and only
if satisfy

(H"'-H)-Aj'edH = (H"-H") -b'dH = Aj'x. (4.4)

Sety = Ailx. Let us obtain H that satisfies (4.2), (4.3) with H* - H~ = 0. Define for i = 2,
..., d: H =y;, H- = 0if y; > 0, otherwise, H; = —y;, H = 0. For i = 1, calculate

d
zZ=Yy1+ ZgiHl.‘. (4.5)

i=2

In order to have (4.4) satisfied, we must have (H; -H;)-g1H; = z.If z> 0, thenset H] = z,
H; =0, otherwise, set Hf =0 and H; =-z /(1 + g1). Thus, we have obtained in this way a
trading strategy H that replicates X with H* - H™ = 0.

Finally, notice that for the discrete sample space, the set J is finite, and thus if we
assume that for every a € J, © #0, then the conditions of Proposition 3.7 will be satisfied.
With the above procedure, we have a seller price and a buyer price for each contingent claim.
The seller price, denoted by V;(0), is obtained by applying to X backwards in time the algo-
rithm presented above. The buyer price, denoted by V;,(0), is obtained by applying the back-
ward algorithm to —X, and taking V;,(0) = -V (0). We illustrate this procedure next for the
binomial case.

Example 4.1. Let us consider the binomial model, which consists of a single risky security sat-
isfying

LuM”df-N“)sz (0), (4.6)

Sa(t) = B
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t=1,...,T, where0 <d <1 <uand N = {N(f);t =1,...,T} is a binomial process with
parameter p, 0 < p < 1, and the bank account is given by B(t) = (1 + rf)t, t=0,1,...,T. The
penalty costs are assumed to be of the form:

Sy(t-1)

Di(t) = T+7,

Dy (t) = a» (4.7)

1
1+ Tf !
It is easy to see that in this case J = {(0,0),(0,1),(1,0),(1,1)}, and we have the following

possibilities for ©% = {sry, 7, }, where a1 is associated to the probability measure Q when the
stocks goes up, o, when the stocks goes down:

(i) a = (0,0); in this case,

l+rs-d u—(1+ry)
mEsd o T Tusa “8)
(ii) a = (1,0); in this case,
l+rf—a;—d u-(l+rr—a
I = #/ I = M; (49)
u-—d u-d

(iii) a = (0, 1); in this case,

1+rf+ag—d u—(1+rf+a0).

- =__ J 7 4.10
T w—d ’ T2 w—d ’ ( )
(iv) a = (1,1); in this case,
l+rf+ag—a;—d u-—(l+rr+ap—a
me—TRA e LT 0T (411)

u-d ! u-d

From above, it is clear that the condition which guarantees that ©% #(, and thus that
the conditions of Proposition 3.7, will be satisfied, is given by u > 1+rf+a;and d < 1+7rf—as.

Let us consider the following numerical example. Suppose that S,(0) = 5, u = 4/3,
d=8/9,a1 =a, =1/30, rf = 1/9. For this case, we have 1 + rf + a; = 103/90 < u = 4/3, and
1+7rf—ay =97/90 > d = 8/9, and the conditions of Proposition 3.7 will be verified. Let us
consider the following option: X = max{S(2) — 5,0}. By applying the backward procedure
described above, we obtain that the seller price for X is V(0) = 1.3272, with the following
hedging strategy: H, (0) = 0, H; (0) = 2.796, H, (0) = 0.8246, H, (0) = 0, and for the case in
which the risky security goes up, Hy (1) = 0, H, (1) = 3.932, H; (1) = 1.0, H,(1) =0, V(1) =
2.2977, while for the case in which it goes down, H; (0) = 0, H; (0) = 1.4563, H; (0) = 0.4687,
H5(0) =0, and V(1) = 0.4652.

By repeating the procedure now for —X, we obtain that the buyer price for X is V},(0) =
0.9355, with the following hedging strategy: H; (0) = 2.6926, H, (0) = 0, H;(0) = 0, H, (0) =
0.7256, and for the case in which the risky security goes up, H; (1) =4.23, H; (1) =0, H; (1) =
0, H,(1) = 1.0, V(1) = 1.9667, while for the case in which it goes down, H;(0) = 1.5562,
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H{(0) =0, H;(0) = 0, H,(0) = 0.4688, and V(1) = 0.3542. As expected, V;,(0) = 0.9355 <
Vs (0) = 1.3272.

5. Conclusions

In this paper, we study a discrete time with infinite sample space financial model with penalty
costs on short selling positions. Unlike previous works, we consider only one price structure
for both short and long positions, with the penalties being withdrawals from the portfolio
proportional to the short selling position. Our main result, Theorem 3.1, provides necessary
and sufficient conditions for the nonexistence of arbitrages and can be seen as an extension
of the standard fundamental theorem of asset pricing. When the penalty costs go to zero
our result reduces to that presented in [30]. We also present a sufficient condition for a self-
financing strategy to consistently replicate a contingent claim. For the finite-sample space
case, this result leads to an explicit and constructive procedure for obtaining perfect hedging
strategies. Some examples are presented to illustrate the possible applications of the model.

Appendices

We present in this appendix the proof of the main results in Section 3. First, we need some
auxiliary results, presented next. In what follows, we recall that .£9(G) represents the space of
G -measurable random vectors with values in R9, ﬂg* (G) C £i(G), the space of G -measurable
random vectors Z such that P(Z > 0) and, for simplicity, £o(G) = £5(G), £5(G) = £y7(G).
The definition for ,ﬁg(?), ,ﬁg*(?) and £y(¥), £;(¥) is similar.

A. Some Auxiliary Results

Let Y € £4(G), € L4(F), and D € L5*(F). We set

Kyx = {(a-Y,a-X);ae,ﬁg*(G)}, (A1)
Nyxp={(B-Y,p-(X+D));pe £}, (A2)
Jyx,p = Kyx — Nyx,p, (A.3)
Ayxp = Jyxp — {10} x Z{(F)}. (A4)

The following propositions will be crucial for the developing of our results and are
based on the arguments presented in [47, 48, 52].

Proposition A.1. The following statements are equivalent:

(i) Avxp N {{0} x L5(F)} = (0,0),

(ii) Ayx,p N {{0} x £;(F)} = (0,0) and Ayx,p is closed.
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Proof. We have to show that (i) implies that Ayx p is closed. For this, we consider sequences

{a™}, {f"} in ,Zg*((.’,), {p"}in £Lj(¥F),and x € £o(G), ¢ € Lo(F) such thata.s.,

lim (a" - p")-Y =y,

n— oo

(A.5)
lim {(a" = p") - X = p"-D-p"} = ¢.
If we can find & and ﬁ in _eg+(c;) such that P-a.s.
(@a-p)-y=x, (A.6)
(#-§)-X-p-Dz2y, (A7)

then the result is proved since in this case, setting p = (@ — ﬁ) - X - ﬁ - D — ¢, we have from
(A7) that p € £{(¥) and ¢ = (& ﬁ) X - ﬁ D —p, thus (y,¢) € Ayxp. We set Qy € F such
that the limits (A.5) hold and {a"}, {#"}, {p"}, D are always nonnegative. It is easy to see that
(£0) = 1. . . .

We define next a” = (a" - p")" and f = (a” — ") sothata” - =a" - p", a;p. =0,
i=1,...,d|[@ -p |?=a"|>+p | and on Q that

0<a"<a", 0<p <p",
» (A8)
(@ -F")-X-B" D2 (a"-p)- X - p"
Set ¢ = liminf, [la" — p"|| = liminf, ("] + ||B”|| )2 and @ = {w € ;¢ <w> <
o}. From Lemma 2 of [52], we can find subsequences {ak ﬂk of, respectively, {a"}, {#"}

such that on @, limy_, & = & and hmkémﬁ = ,B for some a, [5 in ﬂ‘”(q) Set {ﬁk} the

corresponding subsequence of {p"}. It follows that on Q1, limj _, ., (a* —ﬂk) Y = (a- ﬁ) Y=y
from (A.5), and (20),

(2-F) X -p-D= lim {(& ) X D)

(A9)
211&2}&{(&"—[7") 'X—ﬁk-D—ﬁk} > .

If P(Qq) =1, then from (A.6) and (A.7) the result is proved. Otherwise, we define Q, = {w €
Qp; ¢(w) = oo}. As in [47, 48], we form partitions of L, and argue on each separate partition
as an autonomous space, considering the appropriate restrictions of the random vectors and
traces of the o -algebras.
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On Q,, we define ¢" = ||a" - Bn||$5", fr=a" - Bn||®ﬁn, and v" = ||a" - ,Bn||®p”. From

(A.5), (A.8), it follows that on Q,,

lim (g" - f")-Y =0,
lim inf{(g" - f*) - X = f"- D ="} > lim [|a” = p"||*{ (a" - p") - X = p" - D = p"} =0.
(A.10)

Since on Qy, ||g"]| < 1 and ||f"|] < 1, we have again from Lemma 2 of [52] that we can
find convergent subsequences {g*}, { f kY of, respectively, {g"}, { f"}, with limits, respectively,
g>0and f > 0. We denote by {@}, {¥}, {5*} the corresponding subsequences of {@"}, {§ },
{p"}, obtained from the association with {g"} and {f"}. Since for eachi =1,...,d, g/'f!' = 0,
it follows that foreachi=1,...,d,

Sifi=0. (A11)

From (A.10) we have, that on Q;,
(z-7) -szlglgo@k—fk) Y =0, (A.12)
(g-f)-x-f-Dzklgr;o{(gk—fk)-X—fkp}20, (A.13)

and from (i), it follows that (A.12) and (A.13) imply that
(§-f>'X—f-D=O. (A.14)
We also have on Q, that
1= -7 = v = (15

We proceed now by applying induction on d. Suppose first that d = 1. We can find a partition
of Q, into 2 disjoint sets, defined by Qg = {w € Q; g(w) > 0}, and Qé( ={we Qz;f(w) > 0}.
From (A.11) and (A.15) we have that indeed Qg and Qg form a disjoint partition of €,. From
(A.12) and (A.14) we have that on Qg (recalling that in this case f =0),Y =0and X =0, and
that limy _, ., 8% = 0 (since @& ¥ = 0 and > 0). This implies that on QF limg_, oo (7 — Y =0
and as in (A.9), 0 = limy_, o, (@ - f5)X - f*D) > lim infy o, (@ - p)X - p*D - p¥) > ¢, and
(A.6), (A.7) hold with & = 0, ﬁ = 0. Similarly, on Qg, Y=0,X+D=0,and limy_ & =0, so
that again (A.6), (A.7) hold with @ = 0, = 0. This completes the proof for d = 1.
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Suppose now that the equivalence between (i) and (ii) holds for d — 1, and that (i)
holds for. Define the 2d disjoint sets

0 = {w e Qi Fiw) =0, fi(w) =0,j <i-1,G(w) >0},
- . B (A.16)
Q£={we@zéwﬂ=Qﬁ«w=0JSi—L§mo=Qﬁm»>o}

From (A.11) and (A.15), we have that indeed Qg. and Q;, i=1,...,d,form a disjoint partition

1 ~
of £,. For i fixed, we will consider first a disjoint partition of Q§ .. Consider all subsets, indexed
by s, formed as v C {i+1,...,d}, ul C {i+1,...,d}, withoinul = 0. Write w! = {i+1,...,d} -
(vi Uul), and consider a disjoint partition of Q. formed by the sets:

inéug = {w € ngi,' gj(w)>0,j e, frw)>0,7r €ul,Gn(w) =0, fu(w) =0,m € wls}
(A.17)

We fix now v!, u} and for notational simplicity, we write v = v}, u = ul, w = wi, Q' = inéu; ,

and ', ¢/, respectively, the corresponding trace of the o -algebras ¥, G on Q'. Let us consider
that P(QQ') > 0 (otherwise, it could be discarded) and write P'(:) = P(-)/P('). On the set &/,
we have from (A.12) and (A.14) that

1 - ~
Y= z {Zgjyj -2 }' (A.18)

jev jEu

X; = —;{Zgjxi —ZJ?;‘(XJ“LD;‘)}- (A.19)

L jev jeu
Set the d — 1-dimensional random vectors Y’, X', D' as follows: for j = 1,...,i—-1, Y] = Y],

j
X}:Xl- andD} :D]-,forj:i+1,...,al,l/]f_1 =Y, and

B X]'+D]', jEu,
X; iduj>i+l,

(A.20)

) 0, j€euuwo,
D.1=
D;, jéuuv,j>i+1l.

For¢=1,2,..., define

7t =inf{k;§ll.‘ >§j<1 - %),Vj evu i}, fk> §r<1 - %),VT‘ € u}. (A.21)
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On Q/, we have that ¢ < oo, ijg = 0 for allj € v U {i} and §TT£] =0 forall r € u, and
consequently ﬁ;e =0forall j €vU {i} and & =0 for all r € u. Define &’ = &, B’ = p™*, and

p? = p™ . From (A.19), we obtain that

(a°-p°)-X-p*-D=(6-&)-X - D, (A.22)
where for j = 1,...,i -1, 6]‘.2 = &]‘.’, £ Af

= ﬁf, forj € w, 6].6_ =a gf ﬁf, forj € v,

~ Y N ~ P N . > T o~ naonT
60, = @ - (E/3a)) , e, = @ - (§j/g)a;) , and for j € u, &7, = (B} + (f;/Z)a) ,
sje_l = (—ﬁf +(fj/Z)al) . We notice that 6° and &/ belong to £3*(, G/, P'). Similarly, from
(A.18), we have that

(a‘-’ - ﬁ") Y = (5‘Z IRE (A.23)

Next, we show that ]y x' p» C Jy,x,p. For this, we establish a mapping (a, ) = F(6,¢) such
that & and f belong to ﬁ‘“(Q’ G, P') whenever 6 and ¢ belong to ,Bd (@, G, P), and that

(6-2)-Y = (a-p)-, (A24)
(6-¢)-X'-e-D'=(a-p)-X-p-D. (A.25)

Indeed, setting f; =0

a; =max{ {(s] 1-0j- 1) ' for je v}, {(6r_1 —sr_l)% forre u}}, (A.26)
8ij

r

and for j = 1,...,i-1,a; = 6, p; = ¢j, for j € w, aj = 6j1, fj = &j-1, f~or]' €v a; =
(6];1 - 8]‘,1) + (§j/§i)ai, ﬂ] = 0, and fOI‘j cu, lX]' = 0, ﬂ] = —(6,;1 - 67‘71) + (fj/gi)tx,-, we get
from (A.26) that a,  belong to ﬂg*(Q’, G, P') whenever 6 and ¢ belong to ,ﬁg‘“(Q’, G, P,
and from (A.18) and (A.19), we get that (A.24) and (A.25) are satisfied, yielding the desired
inclusion. From this and (i), we can conclude that Ay x p N {{0} x £;(Q',F,P')} = (0,0)
and by the induction hypothesis, we get that Ay x p is closed. Therefore, for some 5and £
belonging to £471*(Q/, G/, P'), and some p € L (Q', F,P'), we have from (A.22) and (A.23),
and taking (&, B) = F(5,€), that
x—hm( ﬂé> —lim<6€—ee>~Y'=(6—e)-Y’

P e
) o

Jim (& -p°) - X=p*-D=5")
12*;((5” )X/ - - D' - ')
=(5—5)-X’—E’3-D'—ﬁ=(&—ﬁ)-X—B-D’—ﬁ, (A.27)

showing that (A.6) and (A.7) are satisfied on €.
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The proof for the sets QJZIivi . 8oes along the same lines, bearing in mind that (A.18)
and (A.19) are replaced, respectively, by Y; = 1/ ﬁ'{Zjev 8iYi = Sjeu ijj} and X; + D; =
(1 /fi) {Xjeo §iXj— Zieu f, (Xj+Dj)}, and that the mapping F (6, €) is defined such that instead

of (A.26), we take a; = 0 and f; = max{0, {(gj_1 — 6]'_1)(ﬁ/§']') for j € v}, {(6,-1 — &r-1) (fi/ fr)
for r € u}}. This completes the proof of the proposition. O

In the next proposition let us consider that Y € .Eg(C}) is such that Y7 = 1 and X €
ﬁg(?) is such that X7 =0. Again we suppose that € £g+($)

Proposition A.2. The following statements are equivalent:

(i) for any a, pin ﬁg*((}), one has a.s. that

(a-p)-Y <0

(a—ﬂ)-x_p.mo}:><“‘ﬂ>'X‘ﬂ'D=0- (A28)

(ii) there exists r € L% (G) and a probability measure Q ~ P such that 0 < R = dQ/dP €
L (F), Y, X, D are integrable with respect to Q, and

Eo(X|G)<rY<Eo(X+D|G) as. (A.29)

Proof. First, we note that (i) is equivalent to AyxpN{{0}x£;(¥)} = (0,0). Indeed, if (i) holds,
then clearly Ayxp N {{0} x £;(¥F)} = (0,0). Conversely, suppose that for some a,  in ﬂg*((}),
(a—p)-Y <0and (a—p)-X—-p-D >0a.s. Then, by taking & = a1 — (a—-f)-Y >0, &; = a;, and
recalling that Y7 = 1 and X; = 0 we get that (a—f)-Y = 0and (@-p)-X-p-D = (a—p)-X-p-D >0
a.s., which implies that (a = ) - X - p-D =0ass.

Let us show first that (ii) implies (i). Consider a, § in .Zg*(C}) such that (a - ) - Y =0
and (a—p) - X — pD >0 a.s. From (A.29), we get that a.s.,

0<Eq((a-p) - X-p-D|G)=a-Eq(X[G)~f Eo((X+D)[G)

(A.30)
<r(a-p)-Y=0,

and thus Eq((a - ) - X - p- D) = 0. From the fact that Q ~ P, we get that (a—f) - X -5-D >0
a.s., which implies that (a—)- X -p-D = 0 a.s. and again, from Q ~ P, that (a-p)-X-3-D =0
a.s., showing that (ii) implies (i).

Next, we show that (i) implies (ii). In what follows, we recall that for a complete prob-
ability space (Q, G, P'), we denote by £9(Q, G, P') the space of integrable G -measurable ran-
dom variables with values in R?, and Z € ,2‘1’”(9, G P)ifZe ,2‘11(9, G,P)and P(Z >0) =1.
We remind that if P << P then P ~ P if and only if 4P/dP > 0 a.s., and that for any random
variable 7 there exists an equivalent probability measure P with bounded density such that
1 is integrable under P (see [52]). Consider a change of probability measure dP' = pdP with
0<peL,(F)suchthat Y € lZ‘f(Q, G P)Xe .E‘l’l(Q, F,P),and D € ﬁf*(Q, F,P’). From (i)
(which is invariant under equivalent change of probability) and Proposition A.1, we get that
Vi=Ayxp N (£1(Q,GP)x L(Q,F,P)) is a closed convex set of £1(Q, G, P') x £;(Q,F,P),
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and that V N {0} x £ (Q,¥F,P') = (0,0). Therefore, forany A € ¥, with (A) > 0, (0,14) €
{0} x £7(Q,¥,P'), and thus does not belong to the set V. By the Hahn-Banach Theorem,
(0,14) can be strongly separated from V by a nonzero linear continuous functional, so that
there exists r4 € L, (G), Za € Lo (F), (ra, Z4) #(0,0), such that

sup E'(rap + Za0) < E'(Zala), (A.31)
(pO)eV

where E' denotes the expectation with respect to P'. We note that ¢ € £;(Q,G,P') and 6 €
£1(Q,F,P) are such that ¢ = (a - ) - Yand 0 = (a — p) - X — p- D — p, with, p € £3(G)
and p € £;(G). By taking ¢ = 0 and 6 = -nlp for any B € ¥ and positive integer n (just
take a = f = 0 and p = nlp), we have from (A.31) that —nE'(Zalp) < E'(Zala) which
implies that Z4 > 0 a.s. Normalizing, we assume that Z4 < 1. Similarly by taking ¢ = nlp
for any B € G and 8 = 0 (this is possible since Y; = 1 and X; = 0, just take a; = nlp, a; = 0
fori=2,...,d, and p = 0, p = 0), we get from the same reasons as before that -r4 > 0.
Considering now ¢ = a-Y and 6 = a - X we have from (A.31) and the same arguments as
before that for every a € £2(G), E'(a - (raY + ZaX)) < 0, which implies that a.s.,

E'(Z4X | G) < -r4Y. (A.32)

Similarly, considering now ¢ = —=f-Y and 6 = —f- (X + D), we have from (A.31) and the same
arguments as before that for every g € L% (G), E'(B - (raY + Za(X + D))) > 0, which implies
that a.s.

E'(ZA(X+D)|G) > -raY. (A.33)
Consider the family of measures:
Q={Qa;dQs = ZadP', YA € F suchthat P'(A) > 0}. (A.34)

Clearly, Q is dominated by P’ (i.e., Q4 << P’ for every A € ¥ such that P'(A) > 0). From
the Halmos-Savage Theorem, Q contains a countable equivalent family Q= {Qa,; k €1},
where I is a countable set. Define I' = {w; Z4, (w) = 0 for every k € I}. Since Q and Q are
equivalent and Q4,(I') = 0 for every k € I, it follows that Q4(I') = 0 for every A € ¥ such
that P'(A) > 0. We show next that P'(I') = 0. Suppose by contradiction that P'(T') > 0, so that
Qr(T) = E'(Zrly) = 0. From (A.31), SUP(%Q)E‘/E'(TF(P + Zr0) < 0 which is clearly an absurd
(just take = 0, 8 = 0). This shows that P'(I') = 0. Define

z
Z =CY 2 e £3,(QF,P),
kel 2
(A.35)

r=cs T ¢ 6w,
kel 2

where C = (3g E’(ZAk)/Zk)_1 > 0. Note that P'(Z > 0) = 1 since P'(I') = 0, and thus C
is well defined. Define the probability measure Q as = ZdP'. It is easy to see that Q ~ P’
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(since P'(Z > 0) = 1). Finally, from (A.32), (A.33), (A.35), and the bounded convergence
theorem, we obtain (A.29) with R = pZ, completing the proof of the proposition. O

B. Proof of the Main Results

We present next the proof of Theorem 3.1.

Proof. Let us show that (i) 1mphes (ii). The proof of this fact follows from the contraposmve
Suppose we can find H= (H+H ) with H* H € l!d+(§€t) such that a.s., (H* H- )-S(t) =
R=(H"'-H")-AS(t+1)-H -D(t+1) >0and P(I) > 0, where I = {w; R(w) > 0}. Then, we
can define an arbitrage opportunity H for the multiperiod market as follows: H(s) = 0 for
s<t,Ht+1)(w)=HforweTl, Ht+1)(w) =0forw ¢ T, H{ (s)(w) = R(w) for w € T and
s >t+2,and H; (s)(w) = 0, H; (s)(w) = 0 in all the other situations. Then, clearly V(s) = 0
fors=0,...,t=1,(t) =0, and from (2.5), (2.6), V(s)(w) = R(w) fors=t+1,...,T,w €T, and
equal to zero for w ¢ T, showing the result.

Let us show now that (ii) implies (iii). We will show by backward induction on time
t =T,...,1 that we can find random variables 0 < R(t) € LL(F), 0<7(t—-1) € LL(Ft1),
and random vectors X(t) € .ﬁd(?t) D(t) € 1‘“(%) that satisfy E(||X(t)||R(t)) < oo,
E(ID@®)IIR(1) < oo, E([IS(t - 1)[|R(#)) < o0, and as., E(R(t) | F1) = 1,

E(XMR(E) | Fia) <7(E-1)S(t-1) < E(RW)(X(®) + D®)) | Fi)- (B.1)

For t = T, the result follows from Proposition A2 with ¢ = ¥r, G = ¥r-1, Y = S(T - 1),
X = X(T) = AS(T), D = D(T) = D(T), and R(T) = R, #(T) = r. Suppose the result holds for
t + 1. Define X(t) = AS(H)E(R(T)---R(t+1) | %) and D(t) = D(OE(R(T)---R(t + 1) | Fo).
Again, the result follows from Proposition A2 with F =%, G=Fi1, Y =S(t-1), X = }N((t),
D = D(t), and ﬁ(t) = R, 7(t - 1) = r, completing the induction argument. Set R(0) = 1, and
define fort = 1,...,T, (t—1) = R(0)--- R(t —= 1)7(t - 1), dQ = R(0) - - - R(T)dP. It follows that
a.s.,

EQ(AS() | Fi1) = R(0) -+ R(t = DE(AS(H)R(®) - R(T) | F11)
= RO Rt~ DE(ASHROE(RE+1) - RT) | F1) | F11)
= R()- Rt -1)E(ROX (1) | F1-1)

<R0)---R(t-1)F¢t-1)SEt-1)=r(t-1)S(t-1), (B.2)

and similarly, Eq((AS(t) + D(t)) | ¥:-1) > r(t —1)S(t — 1), showing (iii).
Finally, let us show that (iii) implies (i). Indeed, from (2.5), (2.6), and (3.2), we have
a.s. that
EQ[V(t+1) | F]=V({#)+H (t+1) - EQ[AS(t+1) | F]
-H (t+1)-Eq[AS(t+1)+D(t+1) | ]
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<@A+r)(H (t+1)—H (t+1)) - S(b)

= (L+r()V (D).
(B.3)

Suppose by contradiction that an arbitrage opportunity H exists and (iii) holds. Let us denote
by V = (V(0),...,V(T)) the value process associated to the trading strategy H. Then, V(0) =
0, V(T) > 0, and (V(T)) > 0. We have now by backward induction in time that V(t) > 0
as. forall t =T,...,0. Indeed, from the definition of an arbitrage, the result is clearly true
for t = T. Suppose V(t) > 0. From (B.3), it follows that V(t) > O(since r(t) > 0), showing
the desired result. We show now by forward induction in time that, in fact, V(f) = 0 a.s.
forallt = 0,...,T. Indeed, for t = 0, the result follows from the definition of an arbitrage.
Suppose V(t) = 0. From (B.3) and recalling that V(t + 1) > 0 we get that Eq[V (t+1) | F] = 0.
Taking the expected value, we obtain that Eq[V (t+1)] = 0, which shows that V(t+1) =0 a.s.,
completing the induction argument. In particular, we have that V(T) = 0, in contradiction
with the fact that E(V(T)) > 0, showing the desired result. O

Next, we present the proof of Corollary 3.4.

Proof. By backward induction on f, the result is true for t = T by assumption. Suppose it holds
for t + 1, that is, a.s.

X
EQ<(1+r(T))---(1+r(t+1))

| 9:”1) SV(t+1). (B.4)

Then, from (B.3) and (B.4), we have a.s. that

X 1
EQ<(1+T(T))--.(1+r(t+1)) |%>1+r(t)

X 1
- Eo(Ee((rrmy -y ) 1 %) T

SEo(V(t+1) | F1)

1
1+7() sV (B5)

showing (3.4). We apply backward induction on t to show that P(I'(t)) > 0. For t = T, the
result is true by assumption. Suppose it holds for t + 1. Thus we get that Q(I'(t + 1) | F¢) > 0
a.s. Therefore, we have from (B.3) that a.s.,

X
EQ<(1 POV S G m) A1) %>

> Eo({ V4 0~ Eo((frrayy (e | o) f e 1 ) 20 B0

which implies, after dividing by (1 + r(¢) that Eq(V(t) = X/ (1 +7(T))--- (1 +r(t)) | F:) >0
a.s., yielding the desired result. O

In what follows, we present the proof of Propositions 3.6 and 3.7.



18 Mathematical Problems in Engineering

Proof. We take r(t) = 0 and Q € ©° and show that ({r(t)},Q) € K. Indeed, recalling that
D(t+1) > 0 we have a.s. that on {a;(t) =0} :

Eq(ASi(t+1) | ) =0 < Eo(Di(t+1) [ 1) = Eq(ASi(t+1) + Di(t +1) | F+) (B.7)
and similarly on {a;(t) =1},
Eq(AS;(t+1)+ Di(t +1) | F:) =0> Eq(ASi(t+1) | F¢). (B.8)

O

Proof. Consider r(t) =0 and Q € ©". As shown in Proposition 3.6, ({r(t)},Q) € K. From
the hypothesis that H; () H; (t) = 0 and (2.6), we have a.s. that

E(VI(®) [ Fi) =VIt-1D+ 3 H(DEQ(AS(t) | Fi1)

{ie{aH (t-1)=0}}
~ 3 H (DEQ(ASi(H) + Di(t) | Fi1)
{ie{aH (t-1)=1}}
=VH(t-1), (B.9)

and thus a.s.,, VH(t) = Eq(X | %) forallt = 0,...,T - 1. From Corollary 3.4, we have the
result. O
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We propose a least-mean-square (LMS) receding horizon (RH) estimator for state estimation. The
proposed LMS RH estimator is obtained from the conditional expectation of the estimated state
given a finite number of inputs and outputs over the recent finite horizon. Any a priori state
information is not required, and existing artificial constraints for easy derivation are not imposed.
For a general stochastic discrete-time state space model with both system and measurement
noise, the LMS RH estimator is explicitly represented in a closed form. For numerical reliability,
the iterative form is presented with forward and backward computations. It is shown through
a numerical example that the proposed LMS RH estimator has better robust performance than
conventional Kalman estimators when uncertainties exist.

1. Introduction

Several criteria have been often employed for the design of optimal estimators. In particular,
the mean-square-error criterion is the most popular and has many applications since it offers
a simple closed-form solution as well as important geometric and physical interpretations.
It is well known that the optimal estimators based on the mean-square-error criterion
is obtained from the conditional expectation of the estimated variable given the known
measurements.

For state estimation, many trials have been conducted to obtain a receding horizon
(RH) estimator based on the mean-square-error criterion. At the current time k, the least-
mean-square (LMS) RH estimator is to estimate the state xy_j, at the time k—h from the inputs
uy—. and the outputs yi_. over the recent finite horizon [k — N, k — 1], which can be written as

Xi-njk = E[Xkn | WieeN -+ Uk, Ye-N - Y] S (1.1)
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System

Input uy Output yx

Unkown state: xj

Ug-1 Uk-N+1 Uk-N

1 1 1
@Iﬁ D] -
Estimated state

fk—h/ké—' E[xk_p/tk-N,"+ , Yk-1, Uk-N, " , Uk-1] |

YN YkNe Yk

Receding horizon estimator

Figure 1: The structure of the receding horizon estimator (D is a unit delay component).

where h and N, that is, the lag size and the memory size are design parameters to be
determined, respectively. Available inputs and outputs are regarded as given conditions
and the corresponding conditional expectation of the state at time k — h is obtained as
its optimal estimate. Practically, inputs and outputs are known variables and hence can
be considered as conditions. The structure of the LMS RH estimator (1.1) is depicted in
Figure 1. As mentioned before, the LMS RH estimator (1.1) minimizes the mean-square-error
criterion, E[(Xk_nk — Xk-n) (Rk-nk — Xkon) | Ukon +* Uk, Yo - Yik1]. For k > 2, h = 1, and
h < 0, the estimators (1.1) are often called the smoothers, the filters, and the predictors,
respectively. “Receding horizon” is traced from the fact that the finite-time horizon, where
inputs and outputs necessary for estimating unknown states are available, recedes with time.
In designing the controls, receding horizon schemes have already been popular [1, 2]. If N
approaches oo, the estimator (1.1) reduces to the well-known stationary Kalman estimator
with infinite-memory. So, the LMS RH estimator (1.1) can be also called a finite memory
estimator for the finite and fixed memory size N. It has been illustrated through numerical
simulation and analysis that the LMS RH estimators with finite memory have better robust
performance than conventional Kalman estimators with infinite memory [3, 4]. Also in
input/output models arising in signal processing area, it is acknowledged that the finite-
memory or finite-impulse-response (FIR) filters have been preferable for practical reasons [5].

In spite of the good performance and the usefulness of the LMS RH estimators, no one
has proposed a general result on the conditional expectation (1.1). Since it was difficult to
obtain the conditional expectation (1.1) for a general state space model, some assumptions
have been made to simplify the problem and then obtain a solution easily. At first, system
or measurement noise were set to zero, which offers a closed-form solution easily [6-10]. In
[11, 12], a priori information on the initial state on the horizon was assumed to be known for
obtaining a solution easily. Instead of directly obtaining a closed-form solution, the duality
of a control and the complicated scattering theory from a physical phenomenon were used
to show the feasibility of implementation for a general state space model [13, 14]. For easy
derivation, the Kalman filter was also employed with infinite covariance [4]. However, this
approach is so heuristic that the optimality is not guaranteed in the sense of the mean-
square-error criterion. Besides, the system matrix is required to be nonsingular. As in other
conventional estimators, there were also some trials that unbiased and linear constraints are
imposed to obtain the optimal estimator [3, 15-17]. However, external control inputs are not
considered [3] and the system matrix is required to be nonsingular [15]. Furthermore, it is not
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guaranteed that even though such constraints are removed, the optimality is still preserved.
Though computing the conditional expectation (1.1) looks like a very simple problem, there
is no result on a closed-form solution corresponding to (1.1) for a general state space model
without any artificial assumptions and requirements.

In this paper, existing artificial assumptions for obtaining a solution easily are not
made and any conditions are not required. Unlike the existing results, the system matrix is
not required to be nonsingular. Both system and measurement noise are considered together
with external control inputs. The LMS RH estimator will be directly obtained from the
conditional expectation (1.1), which automatically guarantees its optimality. It turns out that
the proposed LMS RH estimator has the deadbeat property and the linear structure with
inputs and outputs over the recent finite horizon.

The rest of this paper is organized as follows. In Section 2, the LMS RH estimator
is obtained from the conditional expectation and its iterative computation is introduced in
Section 3. A numerical simulation is carried out in Section 4 to illustrate the performance of
the proposed LMS RH estimator. Finally, conclusions are presented in Section 5.

2. LMS RH Estimator

Consider a linear discrete-time state space model with an external control input:

Xi+1 = Axi + Bu; + Gwi, (2 1)
yi=Cxi+v;, .

where x; € R", u; € R, and y; € R are the state, the input, and the output, respectively, and
the system noise w; € RP and the measurement noise v; € R7 are assumed to be zero-mean
white Gaussian with

EH’;’] [w] viT]] = [g ;] Q>0, R>0, (2.2)

where nonzero S often happens when I/O models are converted to state space models. It is
also assumed that (A, C) of the system is observable. Through this paper, the current time
is denoted by k. For mathematical tractability, the state space model (2.1) is equivalently
changed to

Xiv1 = Asx; + Bu; + Gwg; + GSR ™'y, 23)
Yi = Cxi + 0, '

where A; £ A - GSR™!C and ws; £ w; — SR'v;. It can be easily shown that w;; and v; in
(2.3) are not correlated. In other words, we have

e - [

where Q - SR™1ST > 0. It is noted that off-diagonal blocks are filled with zeros.
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For simple representations, several variables are defined as

[ C Yk-N
CA; Yk-N+1
Cn2 | CAL |, v 2 |vene|, (2.5)
[cAM Yi-1
[0 0 0 0
CB 0 - 00
ENé CAB CB -+ 00 , (2.6)
| CAN-2B CAN®B --- CB 0
N
ON2Q-SR'STe..-.¢Q-SR'ST, (2.7)
N

—N—
RN 2ReRo---9R, (28)

where @ denotes the direct sum of the matrices. Additionally, Wg_1, Vi_1, and Uk_; are
defined by replacing vy in (2.5) with w,, v, and u, respectively. Gy and Sy are also defined
by replacing B in By with G and GSR™, respectively.

First, we consider the case of 0 < h < N —11in (1.1). A prediction problem for h < -1
will be discussed later on.

By using the defined variables, the state x_j to be estimated is represented in terms

of the initial state xx_n on the horizon, inputs, and system noise on the recent finite horizon
[k=N, k-1] as

Xikn = AN "3 N + Lo N Wit + Lo nUk-1 + LonYie1, (2.9)

where L, v is given by

h
Lng £ [AN—h—lc AN—h—ZG e m]’ (2'10)

and Ly n and L n are obtained by replacing G in Ly n with B and GSR, respectively. From
(2.9), the conditional expectation E[xj_,|Uk-1, Yk-1] in (1.1) can be represented as

E[xion | Uk, Yicr] = AN"E[xin | Ut Y] (2.11)
+ Lg NE[Wio1 | Uk-1, Yi-1] + Ly, NUg-1 + Ls N Y1

Note that if E[xx-n | Uk-1, Yk-1] and E[Wj_1 | Uk_1, Yk-1] are known, E[xy_j, | Uk-1, Yx-1] can
be obtained. In order to compute E[xx_n | Uk-1, Yk-1] and E[Wj_1 | Uk-1, Yk-1], we first try
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to find the relation among xx_n, Wi-1, Uk-1, and Yj_;. For this purpose, the system (2.3) is
represented in a batch form on the recent finite horizon [k — N, k — 1] as follows:

Yi1 = Cnxin + BnUi1 + GNWi1 + Sy Y + Vi, (2.12)

from which we obtain

Wk_l] I 0 [Wk_l] 0
- & = + - - . 213
Vi [_GN —CN | [xk-N Yi-1 = SnYi-1 — BNUjk1 (213)

We can see from (2.13) that Wy_; and Vj_; are linearly, more correctly affinely, dependent
on Wi_; and xj_n. The joint probability density function of Wi_; and xj_p, that is,
fuwx(Wi-1, Xk-N), can be expressed as kfuo(Wi-1, Vi1 | Uk-1,Yk-1) = kfwo(Wi-1, Yir -
Cnxk-n — BnUjg 1 — GNWk,l -5 ~NYk-1) for an appropriate scaling factor k. How to choose k
will be discussed later on. By using the probability density function of Wj_; and Vi_; given
as

1
V@) 7N det(Qn) det(Ry)

coxp( L [wk_l]T Qn o]‘l wk_l]
2 viy 0 Ry Viai] )’

E[xi-nN | Uk-1, Yk-1] can be computed from

fuwoWi1, V1) =
(2.14)

E[xi-n | Ug-1, Yi-1]

= ka—wax(Wk—lka—N | Uk-1, Yi-1)dWi1dxi-n

= J‘xk—Nkfwv (kal,kal — Cnxp-nN — BnUj 1 - GyWi g — §NYk—1>de—1dxk—N/
(2.15)

where a constant k is chosen to satisfy the following normalization condition:

j frox Wi, xk-n | Ui, Yiee1) AW dXie-n
(2.16)
= kffwv <Wk—1rYk—1 — Cnxg-N — BNU k-1 -GN Wi — SNYk—1>de—1dxk—N =1
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In the same way, [Wk 1| Uk 1, Yk-1] can be obtained. It is noted that fu, (Wi-1, Yi-1 —
C N Xk N—BNLIk 1—GNWk 1—S ~NYk-1) is an exponential function with the following exponent:

o \T ~ ~ ~ ~ \T7T
YL, (1-8n) | [RY -RyBy  -RyGy  —RyCn | [¥Z,(1-3x)
BT p-15. BT p-15. BT p-15
uT_l * BNRNBN BNRNGN BNRNCN u]]];—l , (217)
XN * * Wi Wiz XN
L L |

where * denotes symmetric parts and W11, Wi, and W), are given by

W1/1 = éTNR]_\}éN,
Wiz = CLRUGN, (2.18)
Wz/z = é]]HVR_Nl + Q]_\}

By completing the square of the terms of the exponent and recalling the integration of
Gaussian functions from —oo to oo, we can compute E[xx_n | Uk-1,Yk-1] and E[Wj_; |
U1, Yk-1]. To begin with, we introduce the following completion of squares:

H [ O [o] = o) y(orr ey s o (wmpr ) 19)

to obtain

foexp(151" 7] 181)db

fexp(1517] i 0] 1a1)ab

for some vectors a and b, and some matrices a, , and y of appropriate dimensions. The
relation (2.20) can be easily obtained in a similar way to the mean of normal distribution.
From the following correspondences:

~ \T ~
T T -1 _p-1
a— Yk—l <I - SN) , b — |;f‘l;}N] P o — [RN NTR]\ZlB,\N ],
u}fq k-1 *  ByRyBn

—R‘N1C~;N —R‘Nl(NZN [Wu W1,2]
‘B<_[NTRI\}CN BIRICN| VL wal

=—y'pla, (2.20)

(2.21)

we have

Apa
Elxin [ Uk-1, Yial] _ (Wi Wizl |CN|  ret((1-5 )Y s — Bold 220
EWes | Uy Yis]) = [WE, Waa| |G x N<< N) k-1~ BN k—1>/ (2.22)
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where Wi 1, Wiy, and W), are given by (2.18). It is noted that if (A, C) of the system (2.1)
is observable, Wi is positive definite and W5, — WlT SWI %Wl,z is also positive definite,
which implies that the block matrix including Wi, Wl,z,’and W», is guaranteed to be
positive definite and hence nonsingular. Substituting (2.22) into (2.11), we can obtain E[x_, |
Uk-1, Yik-1]. Through a long and tedious algebraic calculation, we have the covariance matrix
of the mean-square-error E[(Xx_pnjk — Xk—r) (Xk—hjk — xk_h)T] as follows:

P =

[1

-1
Wii Wip T
A Wizl ot 223
N[sz WZ,Z] N ( )

where Zy is defined by

[l

[1

j—N+h
i [A;V-h ANIIG ANI2G L G m]’ (2.24)

for N-h<j<N.
What we have done until now can be summarized in the following theorem.

Theorem 2.1. Suppose that (A,C) of the system (2.1) is observable. Then, the LMS RH estimator
(1.1) is given by

“1r~
_ = |Wi1 Wi CN | p-t g B

k=2 ool TEN IR (1= S ) Yeon = BaUi-

e N[sz Wz,z] [GN] V(=i - Bt (225)

+ Ly nUg-1 + Lo NYi-1,

where Xi_p denotes E[xi_p, | Uk-1, Yi—1] and Wi, Wi o, and Wo are defined in (2.18).
The corresponding covariance matrix is given as (2.23).

It is noted that the proposed LMS RH estimator (2.25) is designed without requirements of
the removal of some noise and the nonsingular system matrix A. In previous work, those
requirements are adopted to solve the problems more easily. If constraints or assumptions
of existing results are applied to the proposed result, the latter reduces to the former. For
example, Q and By can be set to zero for comparison with the results on systems without
system noise and inputs, respectively.

As seen in (2.25), the LMS RH estimator is linear with respect to inputs and outputs
on the recent finite horizon [k — N, k — 1]. So, “finite memory” may be called “finite impulse
response” that is often used in linear signal processing systems. In addition, the deadbeat
property is guaranteed in the following theorem.

Theorem 2.2. If no noise is applied, the LMS RH estimator (2.25) is a deadbeat estimator, that is,
Xk-hjk = Xk—h at the fixed-lag (h > 1) or the current (h = 0) time.
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Proof. The LMS RH estimator (2.25) can be rearranged in terms of Yy_; and Uj_1, that is,
HYj_1+ LU} for some gain matrices H and L. Substituting Yi_; in (2.12) into H Y} + LU,
using (2.9), and removing all noise, we have

Hyk4+Luk1=(HEN—A§4§be+xkh+(HﬁN—LhN+L)uk1

+ <H§N - Ls,N>Yk—1' (226)

It can be easily seen that H Cn = AN" and terms associated with inputs U1 and outputs
Yi—1 become zero. It follows then that we have HYj_1 + LUk-1 = xy—p. This completes the
proof. O

According to the deadbeat property, the LMS RH estimator tracks down the real state exactly
if no noise is applied.

The prediction problem for h < -1 can be easily solved from the previous results for
h = 0. Since xi_j, is represented as

~h-1 ~h-1
Xk = Axp+ DT A'Bugeyi + Y A'Guog;, (2.27)
i=0 i=0
we have
“h-1
E[xi-n | Uk, Yie1] = AE[xk | Uy, Ye] + Z A'Bug,i, (2.28)

i=0

which means that E[xk_j | Uk-1, Yk-1] can be obtained from E[xj | Ug-1, Yik-1]. Setting h in
(2.25) to zero, we can compute E[xy | Uk_1, Yi-1] easily.

3. Iterative Computation

The LMS FM estimator (2.25) is of the compact and simple form. However, this form requires
the inverse of big matrices, which may lead to long computation time and large numerical
errors. To overcome these weak points, in this section, we provide an effective iterative form
of (2.25).

First, we represent (2.25) in another form for getting recursive equations. Recalling the
following fact:

(C‘{\,H]\}ENyl = <W1,1 - W1,2W2_,%W1T,2>71,

CLITR = CLR - WiaW;IGL RS,

(3.1)
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we obtain

éan;&] [éTN] .
+ | =N|IR
[ 0 G| N

_ [zéﬁfR;} - wl,zwzt;éTNRz&] _ [21 —Wl,szié] W R

~ _ "’T N7
GLRY 0 I G
Wi+ CT TGN Wl [20 —Wiow;! (3.2)
1,1 NHIN SN 2,2 1,2 2,2
Wi, Woa| |0 I

1.1 ~ ~ -1 -1
_ EI EWLZWZ_; W1,1 + CTNH;\} Cn Wl,Z _ W1,1 Wl,z
0 I Wi, Waa Wi, Waa| -

Note that nonsingularity of CN’TNHJ’\}CN’ N is guaranteed for the observability of (A,C). From
(3.2), it can be easily seen that the LMS RH (2.25) can be represented as

Xk-hlk = EN I:WM +1,(::/€¥2H1\}6N %2] )
y <|:6LHR} <<I - §N3Yk—1 - ENuk—l>] 4 [g%] R‘N1 <<I - §N>Yk—1 - B'Nuk—1>>

+ Lo NYk-1 + Ly NUg_1.
(33)

Now, we consider two recursive equations for the batch form (3.3). One is for obtaining
CN%HI_\}CN’N and éTNH‘Nl((I - §N)Yk_1 - ENLIk_l). The other is for (3.3) given C%HI_\}CN’N and
CI TR (I - Sn) Y1 — BNUi-1). The first one is computed in a backward time and the second
one in a forward time. Next subsections deal with each recursive equation.

3.1. Recursive Equation for Backward Computation

Here, how to obtain (NTTNI—II‘\I1 C’N and CN’%HI‘\}((I - §N)Yk_1 - ENUk_l) in (3.3) will be discussed.
These values will be computed in a backward time. ((NZTNH’Nlé N)fléTNH;\}((I - SN)Yi -
ENUk_l) and (C’TNH]_\}CN’ N)_1 will be denoted by foj and Py, respectively, for consistency with
the next section. The following theorem provides the main result.

Theorem 3.1. P = (GTNH;\}GN)_l and Poj = Pofgl_[]‘\}((l— Sn)Yi_1 - BNUj_1) can be computed
recursively as follows:

= (C'RIC+By) (3.4)

Poik = Po (CTR*lyk—N + “N\k)r (3.5)
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where P and an | are obtained from

Py = AICTRTCA, + AIP,A, - AL (CTRTC + B))G
< {Q+GT(CTRIC+ ﬁj)c}_lcT (C"R'C+B))A,, oo

. . -1
e = {AZ - AI(C'RC+ B;)G{Q + GT(CTRIC + PG GT} .
X {zx]-‘k + CTR_lyk_]' - <ﬁ] + CTR_1C> <Buk_]-_1 + GSR_lyk_]'_1> },
for1<j<N-1,Q,=Q- SR1ST, and P, and aqx are zero matrices with appropriate dimensions.

Proof. Before going into a main proof, we introduce some variables C;, N;, IT;, and P; as

- -

CA;
¢ 2|car| = [éc ]A, (3)
> i-1
CAl” !
[cAl™ ]
CG 0 -0
. CAG cG --- 0 CG 0
N/ = . . . . = — 7 (39)
: L Cj-1G [ Ny
CAI?G CAI”G -+ CG
I £ NjQjaN] + Rjq e RIGDxaGD, (3.10)
p £ c].Tn;lc,-, (3.11)
for 2 < j < N.In terms of 1:[]- in (3.10) and 13]- in (3.11), fo and Py can be represented as
ﬂOlk =D <CTR_1yk_N + é}{]ﬁ; <<IO - §l])\[>?l\] - EK,EIN>> =D <CTR_1yk_N + aN|k>, ( )
3.12

Py = <CTR‘1C + 15N)_1,

where I°, §;’, and EJ" are obtained by removing the first row blocks of I, g,-, and E,-,

respectively, and l?j, l:lj, and ajjx are given by

Y; £ [3/1{-]' y}f-l]T/ Af 2 [”i—j “i—l]Tr (3.13)

a2 é.Tﬁfl((Io - §<?) Y; - N;?a]), (3.14)
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for 2 < j < N. In order to obtain Py and fyx, we have only to know Py and anjk- Now, in
order to get Py and anjx, we try to find recursive equations for 13j and ajr on1<j < N.By
using recursions in (3.8) and (3.9), we have the following equality:

T -1 T
~ -~ ~ -~ -~
-1 _ A-1 4| C -1 r| C 4| C | C -1
M}, = A7 - A; [Aj]G{QS +G [A]] A; [A]]G} xG [A,-] A, (3.15)

where A j is given by

~ a|R O
A; = [O f[]]' (3.16)
Pre- and postmultiplying (3.15) by
cl' C
cr. :AZ[A] , Cin = [A]AS, (3.17)
" Cj G

respectively, we have (3.6). Pre- and postmultiplying (3.15) by
c1”
Cr, = ATI:A ] , (3.18)
j+1 s C]
o _ Qo v RO 17 Yi-j C -
<I - 5i+1>Y;‘+1 - Bj+1uj+1 = [(IO _ §E-)> A]_ _ D a]] - [é;] <Buk,]-,1 +GSR 1yk—j—1>/ (3.19)
j

respectively, we have (3.7). Note that (3.6) and (3.7) hold for i > 2. From (3.11) and (3.14), D,
and apjx can be written as

—~ ~~ ~ -1
P, = CIT'C, = AICT(CGQ.GTCT +R) CAl, (3.20)

Dk = égﬁgl <<IO - §g>?2 - Bgaz> 301
= ATCT(CGQ.GTCT +R) " (yict - CGSR 'yoa — CBuis ). &20

If P, and aqjk are set to zero matrices with appropriate dimensions, P, in (3.20) and ay in
(3.21) can be calculated from (3.6) and (3.7). Thus, we can say that (3.6) and (3.7) hold for
i > 1 and are initiated with P; = 0 and aqjx = 0. After obtaining Py from (3.6), we can calculate
Py from (3.4). Poji in (3.5) can be obtained from an/x that comes from (3.7).

This completes the proof. O
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3.2. Recursive Equation for Forward Computation

Here, the recursive equation for (3.3) on the horizon is derived under the assumption that
Py = (CLITICN) ™" and o = PCLITRH((I - Sn)Yier — BUi-1) are given. Py and g in
Section 3.1 are computed in a backward time while variables introduced in this section are
computed in a forward time. Before proceeding to a main result, we introduce some variables
and the necessary lemma.

Lgi, M;, and N; are defined as

Lg; 2 [AL AF'G ARG -+ AG G, (3.22)
CIR'Ci+pPy'  CIR'G?
M e |t S e SR 3.23
[ GIR'C;  GITRI'GY+ QY (3.23)
CTRC;+ P! CTR'G;
N i L - L) ! , 3.24
[0 Qs] [ GIR'C  GIRIGi+Q; o2

where 2 <i < N and éf is the matrix obtained by removing the last zero column block from
G, thatis, G; = [ @f ‘ 0 ] In particular, L1, M1, and N are defined as [ A, G ], CTR!C+p;?

and M @ Q;l. The following lemma shows how variables Lg,;, N;, and M; are related to one
another.

Lemma 3.2. The following relation is satisfied:

N; +L§,C"R'CLg; = My, (3.25)

where Lg;, N, and M; are defined in (3.22)—(3.24), respectively.

Proof. If T; is defined as

I; £ [ATIG AT2G - AG G, (3.26)
Lg, can be represented as

Lgi = [Als I, (3.27)

from which we have

ATICTRICAL ATICTRICT;

ITCTRICAL TTCTRICT; | (3.28)

L{,C"R'CLg,; =
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The four block elements in M;,; can be expressed recursively as

CI R Ciq = CTRIC; + ATICTRICAL,

i+17i+1

CLiRAGY = [ CTRAGy 0] + ATCTR CT, (3:29)
_ . GITR'G? |0 |
st [T v,

Using (3.28) and (3.29), we have N; + LgiCTR’lCLG,i = M;,1. This completes the proof. [

Lemma 3.2 is useful for breaking up big matrices of (3.3) into small matrices. We now
exploit the recursive equations for two following quantities:

L [er iy, o ol . - _
,gj|k = LG,ij1<[ N NO AN 1] + |:GIT R]'lym,j—l + LB,ju]'_l + LS,ij—h (330)
j
for1<j<N
= a7-1 CT H_lym N-1 cT 1S ~ ~
Yilk = ':‘fNj N NO ’ + é]T R] Ym,]'fl + Lb,]-ll,-,l + Ls,]'Y]',l, (331)
j

for N - h < j < N, where Ly and L are defined in a form (2.24), and lej_l, U, Lgj, Ls,
and Ym,j_l are given by

~ T ~ T
i = [yzf_N"'y;f_Nﬂ_l] ’ Ujq = [uz—N'”u};—Nﬂ'—l] ,
Lg; 2 |A'B AI°B .- B|,

5 g N ] (332)
Lsj 2 [AI'GSR™ AIPGSR™ - GSR™,

?m,jfl = <I - §j>?j*1 - Ejflj,l.

Note that ‘[50|k = C‘IT\]H‘Nl((I — §N)Yk—1 - ENLIk_l), YN-hlk = ﬂN—hlk/ and QACk_h|k = YNk- However,
PBjik is recursively computed from j = 0 to j = N and yjk from j = N — h to j = N with the
initial value yn-xjk = PN-njk- Even though B does not look useful on [k - h, k], it is still used
to compute yjx on that horizon. Now, we try to find out recursive equations for f;x and y;j«
in what follows.

3.2.1. Recursive Equation for fjx on 0 < j < N

Using Lemma 3.2, we will obtain a recursive equation for f;x, which is introduced in the
following theorem.
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Theorem 3.3. On 0<j < N, fjjx in (3.30) can be computed as follows:

4
ﬁj+1\k = As,ﬁj\k + Buk_N+j + GSR_lyk_N+j + ASI)jCT <R + CP]CT> (]/k—N+j - Cﬁj\k), (3.33)

where P; is given by

-1
Py = AP AT + GQ.GT - A.P,CT <R + CP,-CT) cp AL (3.34)

~ ~ -1 ~ ~
and initial conditions are set to Py = (CNIINCN)  and P = PoChIIN Y n-1 computed in
Section 3.1.

Proof. First, we will obtain a closed-form of P;j in (3.34) and then, using the closed-form of P;,
we show that fx in (3.30) can be computed recursively from (3.33).
Using the defined variables (3.22) and (3.24), we assume that P; in (3.34) is of the form:

Pj = LgjN; 'L (3.35)

By an induction method, we will prove (3.35). For the first step, we check (3.35) for j = 1.
Given the initial value Py, we transform P; to the form (3.35) by (3.34) as follows:

1

-1, ~Tp-1 -
P +C'R'C 0 [As G]T_ (3.36)

Equation (3.38) can be written in terms of Lg; and N; as Py = Lg1 Ny 1L2,1. Now, we check
Pj,1 under the assumption that P; = LG,]-N].‘lLé, ;- From (3.34), we have

Pji1 = AsLgiMi LG ;AL + GQsGT = Lo juiNj | L (3.37)

j+1 j+H17G,j+1"

Thus, we can see that P; in (3.34) can be represented as the form (3.35) in terms of Lg j and N;.
Using this result, we are in a position to show that f;x in (3.30) can be computed recursively
from (3.33). We can rewrite f3jx in (3.30) as

,67'|k = LG,I'N]-_lTj + LB,ji:Ij—l + Ls,ij,b (3.38)

where T; is given by

Pl o I
T; = [ 0 ]ﬂ ok [G]T]Rflymrf-l' (3:39)
]
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As in a derivation of P; in a batch form, we show by an induction method that fj in
(3.38) is equivalent to the one in (3 33) First, we show that fx can be obtained from
P() = (CT 1T 1CN and ﬂ0|k = Poc m,N-1-

-1
ﬁ1|k = A, <P0_1 + CTR_1C> <P0_1ﬁ0|k + CTR_lyk_N> + Buj_N + GSR_lyk_N, (340)

where, in terms of Lg;, N;, and T;, f1x can be written as fix = Lg, 1N’1T1 + Lp, U + L51170
Next, we show that fj,1x in the form (3.38) can be obtained from p;x of the batch form, that
is, Bjik = Lg ]N T +Lp ]LI] 1+Lg ]Y] 1. First, note that we have the following relations:

-1
{As—AstCT<R+CP]-CT> C}LG,N Tj = ALg; ML T,

(3.41)

APCT(R+CPCT ) Yin+j = AL ML LE CTR Myi ).

Substituting (3.41) into (3.33) yields

Biriik = AsLe ML T + AsLg ML LG .CTR™ Yk N

j+17] j+1

- AL ML LE CTRC(Lg U + Ls; Y1) + L jir U + Ls ¥,

j+l
s (3.42)
]T R Ym,

ML 0 Pl 6]'T+1
= [ALg,; G| i 0
[ G,j ][ 0 Qs]{[o]p0k+|: Go
Tjn +LB]+1U +L5]+1Y,

j+l

+ LB]+1U + Ls]+1Y LG]+1N]+1

where G and Qy in the first and second matrix blocks on the right-hand side of the first
equality have no effect on the equation. This completes the proof. O

It is observed that the recursive equations with (3.33) and (3.34) are the same as the
Kalman filter with initial conditions Py = (E"TNH]‘\}(? ~) " and Bog = POGJ{]H;\}Ym,N,l. Bilk on
1 < j < N provides initial values and inputs for a recursive equation of Yilk (3.31), which will
be investigated in what follows.

3.2.2. Recursive Equation for yjx on N -h < j< N

Here, we discuss the recursive equation for yjx on N —h < j < N. As mentioned before, the
recursive equation for yjj starts from j = N — h with the initial value yn_px = Pn-njk. On
N - h <j <N, yjik can be recursively computed with the help of ;. However, ynk = Xk_nx
is what we want to find out finally. The recursive equation for yj is given in the following
theorem.

Theorem 3.4. On N —h < j < N -1, yji in (3.31) can be computed as follows:

-1
Yf"’”k = Y]|k + JC]CT (CP]CT + R> (yk_N+]' - Cﬂ”k), (343)
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Backward computing

Uk-N Uk-N+1 Uk-N+2 Uk-3 Uk-2 Uk-1
Yi-N l/ ]/ka+1l/yk—N+2 yk—S/ Yi-2 / Yi-1
— LXN/}< AN-1/k€— AN-2/k  reeee eeeeen A3k — ok &— Xk = 0
- ﬁN «— 131\1,1% 131\172 e e 133 pan 132 «— 131 =0

Forward computing

Uk-N  Uk-N+1  Uk_N42 Uk—h-1 U, Uk—h+1 Uk
Yk-N \lym\m Ye-Ns2 Yi-h-1 Yk-h Ye-na1 Vi1
H,[50/1(—) Pk —> Bosk ... PN-h-1/k —> PN-h/k —> Pn-nase ﬁN’l/k% YN/k = Xk-h/k
/ / A I YN*W/
—h T Pnop1—> Pnon —> Pnopsr oo Pn-1

Figure 2: An iterative form of the LMS RH estimator.

where YNk = PN-njk, Bjjk and P; are obtained from (3.33) and (3.34), respectively, and K; is given
by

-1
K=K (I - CT(CPCT +R) CPj_1> AT, (3.44)

with the initial condition Xn-n = Pn-p.

Proof. Using Lemma 3.2, yj,1x in (3.31) for j > N — h can be represented as
-1
Yisih = Yk + EN;'LECT(CP,CT + R) (v = Chy)- (3.45)

If we denote E]-lelL(T;,]. by X;, we have only to prove (3.44). Since En-, = Lg,N-hn, KN-1 is
equal to Py_p,. Using Lemma 3.2, we can represent X ; in a recursive form as follows:

-1
K=K <1 -CT(CPCT +R) CP]-_1>AT. (3.46)

This completes the proof. O

It is noted that the recursive equation (3.43) in Theorem 3.4 is a fixed-point smoother
of the state xx_j, which runs with a recursive equation (3.33) in Theorem 3.3. Variables for
recursive equations in Sections 3.1 and 3.2 are visualized in Figure 2. Starting from P, = 0
and ay = 0, we compute PN and apnjk recursively in a backward time. From PN and ank,
we compute Py and foj, from which we drive the forward recursive equation for fj to get
YNk = Xk-h|k-
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’ Estimation errors of receding horizon and Kalman estimators

LMS RH estimator

Estimation error

-3 Kalman estimator/

_5 . . . . . . .
0 50 100 150 200 250 300 350 400

Time

Figure 3: Estimation errors of LMS RH and Kalman estimators when temporary uncertainties exist.

4. Simulation

In this section, a numerical example is given to demonstrate the performance of the proposed
LMS RH estimator. Suppose that we have a state space model represented as
_ [1.5400 +26; -0.7379
i+1 =

o [04021) )
0.7379 &i "7 07594 T (1] T (4.1)

Yi = [1+6i 1+6i]xi+vi,

where 6; is an uncertain model parameter given as

(4.2)

6 = 0.1, 200<i<220,
' 0, otherwise.

The system noise covariance Q and the measurement noise covariance R are set to 0.01? and
0.0272, respectively. The memory size and the fixed-lag size are taken as N = 10 and h = 3,
respectively. A sinusoidal input is applied as an input.

We carry out a simulation for the system (4.1) with temporary modeling uncertainties
(4.2). In Figure 3, we compare the estimation errors of the LMS RH estimator with the fixed-
lag Kalman estimator [18]. When uncertainties do not exist, the fixed-lag Kalman estimator
has the smaller estimation error than the proposed LMS RH estimator. It can, however, be
seen that the estimation error of the LMS RH estimator is considerably smaller than that
of the fixed-lag Kalman estimator when modeling uncertainties exist. Actually, one of poles
of the fixed-lag Kalman estimator is so close to a unit that even small uncertainties have a
good chance of divergence. Additionally, we can see that the estimation error of the LMS
RH estimator converges much more rapidly than that of the fixed-lag Kalman estimator after
temporary modeling uncertainty disappears. The slow response is also related to the pole
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near a unit. To be summarized, we can say that the proposed LMS RH estimator is more
robust than other estimators with infinite memory when applied to systems with modeling
uncertainties.

5. Conclusions

In this paper, we proposed a receding horizon (RH) estimator based on the mean-square-
error criterion for a discrete-time state space model, called a least-mean-square (LMS) RH
estimator. An unknown state was estimated by making use of the finite number of inputs
and outputs over the recent finite horizon without any arbitrary assumptions and any a
priori state information. The proposed LMS RH estimator was obtained from the conditional
expectations of the initial state and the system noise on the corresponding horizon. It was
shown that the LMS RH estimator has a deadbeat property and has good robust performance
through a numerical example.

To the best of authors” knowledge, the proposed LMS RH estimator would be the most
general version among existing RH or finite-memory estimators in the mean-square-error
sense. Furthermore, the LMS RH estimator could be extended to other stochastic systems
with imperfect communications, uncertainties, and so on [19, 20].
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The main purpose of this paper is to apply stochastic adaptive controller design to mechanical
system. Firstly, by a series of coordinate transformations, the mechanical system can be
transformed to a class of special high-order stochastic nonlinear system, based on which, a more
general mathematical model is considered, and the smooth state-feedback controller is designed.
At last, the simulation for the mechanical system is given to show the effectiveness of the design
scheme.

1. Introduction

In recent years, the study for deterministic high-order nonlinear systems has achieved
remarkable development, see, for example, [1-3] and references herein. Inspired by these
interesting and important results, it is natural to generalize their results to the following
stochastic high-order nonlinear systems which are neither necessarily feedback linearizable
nor affine in the control input:

dz = fo(z, x1)dt + gg(z, x1)dw,
dxi = (di(F;, D)y + filz %) )dt + g1 (z,%)dw, i=1,...,n-1, (1.1)

Axy = (dn(Xn, YUP" + fu(z,%,))dt + gl (2, %,)dw,

where (z7,x, ... ,xn)T € R™" and u € R are the measurable state and the input of system,
respectively, x; = (xy,... ,xi)T, i=1,...,n,z=(z,.. .,zm)T € R™ is referred to as the state of



2 Mathematical Problems in Engineering

my

Figure 1: A mechanical system.

the stochastic inverse dynamics, w is an r-dimensional standard Wiener process defined on
a probability space (Q, ¥, P) with Q being a sample space, ¥ being a o-algebra, and P being
a probability measure, p; > 1,1 = 1,...,n are odd integers, and the functions f;(:) and g;(-),
i=0,1,...,n are assumed to be smooth, vanishing at the origin (ZT,EZ) = (01xm, O1xn)-

For (1.1) with d;(-) = 1, Xie and Tian in [4] considered the state-feedback stabilization
problem for the first time. After considering the stabilization of high-order stochastic
nonlinear systems, [5] further addressed the problem of state-feedback inverse optimal
stabilization in probability, that is, the designed stabilizing backstepping controller is also
optimal with respect to meaningful cost functionals. When d;(-) #1, [6] designed an adaptive
state-feedback controller for a class of stochastic nonlinear uncertain systems with 0 < \; <
di(-) < pi < p, and [7] designed a smooth adaptive state-feedback controller for high-order
stochastic systems with 1;(x;) < di(-) < y;(x;,0) by using the parameter separation lemma
and some flexible algebraic techniques. Recently, more excellent results [8—28] were achieved
by Xie and his group.

However, all these theoretical results mentioned above are demonstrated only by
some numerical simulation examples. Since many practical application systems in aerospace
industry, industrial process control, and so forth, can be described by (or transformed to)
stochastic high-order nonlinear systems, so it is very necessary to apply the control schemes
to these systems. Based on this reason, we consider a practical example of mechanical
movement in this paper. By a series of coordinate transformations, the mechanical system
can be transformed to a high-order stochastic nonlinear system, based on which, we consider
a more general mathematical model and design a smooth state-feedback control law. At last,
the simulation for the mechanical system is given to show the effectiveness of the design
scheme.

This paper is organized as follows. Section 2 gives a practical example. Section 3
provides preliminary knowledge and presents problem statement. Controller design and
stability analysis are given in Section 4. The simulation for the practical example is provided
to demonstrate the control scheme in Section 5. Section 6 gives some concluding remarks.

2. A Practical Example

Let us consider the following mechanical system which consists of two masses i and m, on a
horizontal smooth surface as shown in Figure 1. The mass m; is interconnected to the wall by
a linear spring and to the mass m; by a nonlinear spring which has cubic force-deformation
relation. Let x be the displacement of mass m; and y the displacement of mass m, such that
atx = 0 and y = 0, that is, the springs are unstretched. A control force u acts on m;.
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Where the units of my, x, and u are “kg”, “m”, and “N”, respectively, and 1, = x — y.
The equations of motion for the system are described by

(2.1)

where k and k; are the spring coefficients, and their units are “N/m” and “N/ m3”,
respectively.
Introducing the smooth change of coordinates

X2=X1=Y,

X1=Y,
0 2.2)
x3=(x-y)y/—, X4 = X3,
mq

Y =x, Y =X,

X3 X4 (23)
= —— + X».

— t Y, X4
Vigm Y Ve m

one gets

The linear spring constant k has a specific nominal value kg = 1.5 which is considered
uncertain, and k € [0.75,2.25]. Let A(t) = k(t) — ko. For all t > 0, A(t) is the Gaussian white
noise process with EA(t) = 0 and EA%(t) = 6®. We can choose the value of parameter ¢ such
that k(t) obeys the bound 0.75 < k < 2.25 with a sufficiently high probability. This model
of spring rate variations leads to an uncertain stochastic system. By (2.2), one chooses the
smooth state-feedback control

m ¢ +ml+mzmx3 24
= 1X3 .
Vi m ey

which together with the property of A(t) leads to
dx1 = Xth,
dx, = @xg’dt,
m

2
dxs = x4dt, (25)
dxy =vdt+kof(x)dt +of(x)dw,

y=x,

where f(x) = —x3/mq —~/(k1/m1)(x1/m), and w is standard Wiener process.
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This stochastic high-order nonlinear systems can be generalized to a more general
system which will be given in the following section.

3. Preliminary Knowledge and Problem Statement

3.1. Preliminary Knowledge

In this section, we will introduce the concept of input-to-state practical stability (ISpS) in
probability.
Consider the following stochastic nonlinear system

dx = f(x,u)dt + g" (x,u)dw, x(0) = xg € R", (3.1)

where x € R", u € R™ are the state and the input of system, respectively. The Borel measurable
functions f : R"" — R"™ and g : R"*"” — R™ are locally Lipschitz in x, and w € R" is an r-
dimensional independent standard Wiener process defined on the complete probability space
(Q/ ql P ) :

The following definitions and lemmas will be used throughout the paper.

Definition 3.1 (see [29]). For any given V (x) € C?, associated with stochastic system (3.1), the
differential operator .£ is defined as follows:

oV (x)

2V(x) = =

flx,u) + %Tr{g(x,u) 62;;(;) gT(x,u)}. (3.2)

Definition 3.2 (see [30]). The stochastic system (3.1) is input-to-state practically stable (ISpS)
in probability if for any € > 0, there exist a class K £-function f(-), a class KX-function y(-),
and a constant d such that

P{lx()] < p(lxol, t) + y(luel) + do} 21—, x9 € R™\ {O}. (3.3)

Lemma 3.3 (see [30]). For system (3.1), if there exist a C* function V (x), class K, functions a;,
ay, x, aclass K function a, and a constant d such that

ar(|x]) < V(x) < ax(|x]), (3.4)

LV (x) < —a(|x]) + y(jul) +d, (35)

then

(1) There exists an almost surely unique solution on [0, oo);

(2) The system (3.1) is ISpS in probability.
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Lemma 3.4 (see [6]). Let x and y be real variables. Then, for any positive integers m, n and any
nonnegative smooth function b(-), the following inequality holds:

m m+n n -m/n m+n
b()x|™™ + ———b() ™"y | (3.6)

m, n
|xy|§m+1’l m+n

Lemma 3.5 (see [2]). For real variables x > 0, y > 0, and real number m > 1, the following

inequality holds:
m _ m-1
x<y+ (%) <m71> . (3.7)

3.2. Problem Statement

From (2.5), we introduce a more general class of stochastic nonlinear systems as follows:

dx; = di(x)x, dt + f;(Xin)dt + gi(X) dw, i=1,...,n-1,

i+1
dx, = dy (x)uPrdt + f(X,)dt + g, (X)) dew, (3.8)

y =X,

where x = (xq,... ,xn)T € R", u,y € R are the state, the input, and the measurable output
of system, respectively, x; = (xl,...,xi)T, pi, i = 1,...,n, are positive odd integers, f;(-) :
R* — Rand g(-) : R" — R x R" are smooth functions with f;(0) = 0 and g;(0) = 0, d;(x)
is unknown control coefficient with known sign, and w is an r-dimensional standard Wiener
process defined on the complete probability space (2, ¥, P).

The following assumptions are made on system (3.8).

Al: for each d;(x), there exist unknown constant 8’ > 0 and known nonnegative
smooth functions b;(x;) and b; (x;41) such that

0 < bi(x:) < di(x) < 0'b;(Xinn). 3.9)

A2: for functions fi(-), gi(-), i = 1,2,...,n, there exist known nonnegative smooth
functions ¢;;(x;) and g;(x;) such that

pi-1 )
|fi@i)| < Dlxinl g3 (),
j=0 (3.10)

|gi(§i)| < <|x1|(pi+1)/2 I |xi|(Pi+1)/2> @@')'

A3: the reference signal y, and its derivative y, are bounded.

The objective of this paper is to design an adaptive controller such that the closed-
loop system is ISpS in probability and the tracking error ¢; = vy — y, can be regulated to a
neighborhood of the origin with radius as small as possible.
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4. Controller Design and Stability Analysis

With the aid of Lemmas 3.3-3.5, we are ready to present the main results of this paper. In
this section, we show that under A1-A3, it is possible to construct a globally stabilizing,
state-feedback smooth controller for system (3.8). Introduce the odd positive integer p =
maxi=1,.»{pi}, and the following coordinate change

& =x1-Y,
(4.1)

§i=xi_x;<§i—lryr/9>/ i=2,...,7’l,

where x7(Xi-1, yr, é), i = 2,...,n, are virtual smooth controllers to be designed later, 6 :=

max {6, 0 ®+3)/P-ri+3} and 6 denotes the estimate of 6. Then, according to Ito differentiation
rule, one has

dg = dixh'dt + fidt + gl dw — y,dt,
1 i-1 62 *

dg = dixl" dt + fldt—z o <xk+1+ fe)dt -5 i

jk=1

T
axjaxk gj gkdt

g, = dyuPdt + dt—nz:la (s + )dt_l'” X0 T at
= dyu fn xi pe ksl fk 2jk=1axl_ax g] gk
Ox* = ox* =1y
~ g - g ar g n o dew.
00 oy, <g £ Oxk gk>

Let G = g - l,;ll(ax;“/ Oxx)gt, i =2,...,n. Next, we design the controller step by step by
backstepping.

Step 1. Consider the 1st Lyapunov candidate function

a) — 1 p-p+t Lo
Vi <§119> = m 1 + 59 p (4.3)

where 0 = 6 — 0 is the parameter estimation error. In view of (3.2), (4.1), and (4.2), one has

£V <§1,§> = f"’”3(d1(x)x§1 + f1(x2) - ]]r) + %Tl‘{gl(?ﬁ)(i? —p1+3)¢ el (xy )}

—P1 1 —p1+ — . 1 ) ~
<A OF L PP @) - 9|+ 5 (P -1+ 3)E T 1) - Be.
(4.4)



Mathematical Problems in Engineering 7

By Lemma 3.4 and A2, there exist nonnegative smooth functions ¢, (x1) and ¢ (x1) such that

pi-1 p-1
_ ; . pi-j
|f1(x2)| < Z|x2|](l’1j(x1) = Z|x |] <‘P1]/(p I)( 1)>
j=0 j=0
Pl /o — i\ J/ (=)
j (1 pLoj( 2 g/
< = ( = P
< ;‘Z(; <p1 <2jb1(x1)>|x2| + . (bl(x1)> (x1)

by (x _
<P o,

lg1(x1)| < 1&gy (1),
(4.5)

which together with the boundedness of 3, imply that

1o -] < 2 1)Iﬁle’” + 9y (x1, ), (4.6)

where ¢} (x1,y,) is a nonnegative smooth function, ¢1(x1) = @,(x1). Then, for any real

number 6; > 0, choosing a = |§f7p1+3|(p'1(x1,yr), b=6,m=(p+3)/(p-p1+3), by Lemma 3.5,
there is a smooth function ¢11(x1, y,) such that

&P fir -

< |§1|p_p1+3<b1(x1) 2 P' + ¢y (x1,]/r)> < |§1|p_pl+3m|xz|p1

2
— / 3 / —P1 3 1 1+
£6+ (p-p1+3)|&f p1+3(P1(x1,yr) (p+3)/ (p-p1+3) (- p1/ (p-p1+3)
P+3 51(P—P1+3)
. 3b1(x
=& p1+3¥|x2|m + 571“3(])11(361,%) + 64, (4.7)

where ¢u1(x1,y,) = ((p—p1+3)g; (1, y) / (p+3) P TP (o1 /61 (p - py + 3))7 PP,

Substituting (4.5) and (4.7) into (4.4), and adding and subtracting (b;(x1)/ 2)§p pﬁsx;p] on
the right-hand side of (4.4), we have

—p1 1 b X 1 1
Vi < dy ()T 1( 1) |§p 3 p | + &% (21, y,) + 61

3 ~
+ PPty () - 60
(4.8)
— . bi(x . b (x P
= dl(x)giJ P +3x§ n %1)@”10 PSP+ 1(2 1) f p +3x2p
bl(xl) p—p1+3 _*p1 p+3 p+3 ~
) 81 xy & pu(xn,yr) & dra(x1) + 61 - 66,
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where ¢12(x1) = ((p—p1 +3)/ 2)§f_p '¢2(x1). Suppose the virtual smooth controller x; =
~&1p1(x1, yr, 0) with By (x1,,,0) > 0, which together with A1 lead to

0 < —by (x1)& PP < —dy ()& PP,

b1(x1) p-p1+3 _*p1 bl(x1)|§p p1+3 *p1

5 9 X5 < dl(x)ép P *Pll 4.9)

_bi(x1) 3 3 b1(x1) | p-p1+3_»
: fr’ﬁ Pl _d, (x)gp P+ m |§p pr+ x2p1|-

Substituting (4.9) into (4.8), one can obtain

n b1 (x1) ép—p1+3x*p1

b1(x1) |§p 143 e

LV; <di ()T +

2
— dy ()P - —bl(’“) |7 x| + 61 - 60
~a10 + @08 + & (1, yr) + & pra () (4.10)
sa%ﬁ+@M@n“?§mwmmyﬂ? D) v

+ 019§p+3 + §p+3¢11 (x1,yr) + §f+3¢1z (x1) + 61 + §<T1 - é>,
where 11 = Elgf Pisa nonnegative smooth function. Choose xJ as follows:

x5 (xl, Yr, é) =-&1p (xl, Yr, §>,

h <X1,yr,é> B (bl (2x1) <C1 + 11 (x1,yr) + Pra(x1) +E1m>>l/’ﬂl,

(4.11)

where f1(x1, vy, é) > 0 is a smooth function. Then,

xb —x;pl| + 61 + 5(7‘1 - é) (4.12)

— —- _. b _
Ly < —Cléiﬁs - C19§}f+3 + <9b1(x2) + %) a7
Stepi. 2 <i < mn: Assume that at Step i — 1, there exists a smooth state-feedback virtual control

x; <x, 1, Yrs ) = —fi- 1<x, 1, Yrs )éi—lr (4.13)
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such that

i-1 i-1 i-1
Y P8 = - p+3
LVia < ‘Z - )¢ 2.\ S ckj )05
j=1 k=j+1 j=1 k=j+1

— ; . . (i ~ 2 ox e
+ <9bi—1 + %) |&ioa [P P X - xip171| + > 6+ <9 + éz pic+3 9k> <T1 1-— 9),
(4.14)

where fi.; > 0 is a smooth function, and Vi1 = (1/4) Z §p prrd 1/ 2)92 We will prove

that (4.14) still holds for Step i.
Define the ith Lyapunov candidate function

1o
Vi=Via+ g8 (4.15)
From (4.2) and (4.14), it follows that
i-1 i-1 3 i-1 i-1 3
Z Z Ckj ‘.:;j k] eéf
j=1 k=j+1 j=1 k=j+1

1 ,3 i i~
o (8B + 250 Y[ - |+
j=1

i-1 *

+ Z i pis3 ><T1 1- ) + &P ()l + P (4.16)

*

6xk k=1

(¢
( o

1 i x* ox* ox* =
1 p _ 1 _ 1
fi— Z (dk(x)xkk + fk> ~5. Z ax g] 8k 57, Yr _aé 6>
1 .
*5 Tr{Gi(P —pi+3)¢ pﬁzG?}-

By A2 and Lemma 3.4, there is a smooth nonnegative function g, (x;) such that

_ N )1 .2)
|fi®i)| < D) xial i (xi) < — ), (4.17)
j=0
then,
il ox; 1 (el G R ax* bi(x)|x), . 118
fim DS v 818k 5y I <=5t o(Fonn0), (418)

k=1



10 Mathematical Problems in Engineering

where ¢;(x;, vy, é) is a smooth function. By A2, (4.1) and (4.13), there exists a nonnegative
smooth function ¢ (X;, y,, 0) such that

Gi(®) < (| D72 4 PV g (i, y,, D). (4.19)

By (4.13), we have

(951'71 (x;) + %) |&ig [PP*3 xf“ _ P

— . big(xig) \ &S - -
- <9b,-,1(x1-) + %)chgiqlédkﬁﬂp A ¢

k=1

i-1
< Z 1k1‘§p + chkegk + i1 <x1/ Yr, >‘§f+3 + 9‘Pi2‘§f+3r (420)
k_

where ¢;1 (x;, yr,é) and @i (x;, yr,é) are two smooth functions. From Al, (4.1), and (4.13), it
follows that

1lax

_éf_pi‘*'sza ld (x)xpk

|§k + x|

<Ol p’+SZbk 1(xk)

AR 7’7‘*3)5?3%3 <§i, Yr é) + 60

< 9§f+3(,0i3 <fz‘, Yrs é) +0i1,

(4.21)
doxp . 13 o ox;
p-pi+3 i -
|l f Zaxk k— ZZax axkg]g ayr]/r
N . L |Pi R
< &GP < b:(xz)|2x1+1| vyl (fi, v, 9>> (4.22)

< b (xz 20X |p p,+3|x 1|p + ig <xz/]/r/ 6>§f+3 + 60,

where @i3(Xi, yr, é) and ¢ (X, vy, é) are two smooth functions. From (4.19), one can obtain

% Te{Gi(p - pi +3)8 7G|
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—'+3_i2 . ; oy )
< BB (a2 g 0D /2) 42 (R, 0)

i1

p+3 — A\ sp+3
< Ecikzék +(Pi5<xi,yr,9>§i ,
k=1

(4.23)

where ¢i5(Xi, yr, é) is a smooth nonnegative function. Substituting (4.20)—(4.23) into (4.16),
one gets

i-1 i-1 i i-1 i
LV; < —Z <cj - Z Ck]') §f+3 3 Z <E]. - Z Ek]-> 9§f+3 + chjé;us
= =

k=j+1 j=1 k=j+1

+ 25 + 92c1]§p+3 + R 4 Ohpd -0 + Tog "

+ b Xi . bl’ Ei —p;+. *P;
+ a0 ()BW“%huW+—%l§p3xp

1+1 3

b (xl) p-pi+3 *pl Pk+3 ) N p-pi+3 ax: N
=t 8+ ng aé <T1_1 - 9) oy 59, (4.24)

where

C;-]-=Cij1+cij2/ j=1,...,i—1,
(4.25)

h;y = @i + is + @5, hi» = ¢ip + @i3.

Suppose the virtual smooth controller x7,, = —&fi(xi, v, é) with Bi(xi, vy, é) > 0, which
together with A2 render

_bi(fi) §p pit3 P < —d; (x)ép pi+3 P b; (xl) |§P pi+3 P (4.26)

2 z+1 1+1 1+1

Substituting (4.26) into (4.24) leads to

=1 k=j+1 k=j+1

i-1 i-1 i i i-1
LV; < —Z <cj - Z ckj>§?+3 B Z <E]~ - Z Ekj> 9§?+3 n ZC;].%(HG
j=1 '

H My 4 (040)hodl 4@ (0+0)&” + & i (),

1+1

b (xi)
2

bi (xz)

i+3 i i+3 i i+3
T i SR di

z+1
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(5 S o)

0

1+1

b (xz) |§p pi+3 £

+ Zép pk+3—(hzz et - ng pk+36—§k(hi2 + )"

L 3ax gp pi+ 3ax l
69 00
(4.27)
where 7; = 7,1 + (hpp + Ei)§f+3. For (4.27), we have
-1
S ”"”—(h 2+ 3| < i (Kiryr )8,
k=2 (4.28)

| ép p,+3 a

< Z Clk3§k + @iz <x,, Yr, 9> §p+3/

where cji3 is a design parameter, @i (X;i, Yy, é) and ;7 (Xi, Yy, é) are the smooth functions. Let

Cij = C;]. + Cij3, hil = hil + @ie + Qi7. (4.27) becomes

=j+1 j=1 =j+1

i-1 i-1 i
_2‘/1 < —Z <C] - Z Ck]>§7+3 Z <E] _ Z Ck1> eép + ZC1]§P+3
k k

P *pi
Xiv1 ~ Xin

+ hllép+3 i 9h12§p+3 <9b (le) b (xl) > |§i|p—p,-+3

e e T (e ’“")( Y

k= oo

i i i i
p+3 - - p+3
<- <Cf - Ckf>§j -2 <Cf - Ckf>9‘§f
j=1 k=j+1 j=1 k=j+1

o (9 G+ P Y |+ 33+ (8 % ) (m-6),
(4.29)
by choosing
xl+1 (xll Yr, ) = _élﬂl (xll Yr, 6)
R 2 — 1/pi
pi (zi, y,,e) = (W (ci +hit + (o + ) V1 + 92)> ) (4.30)

where B;(Xi, yr, é) > 0 is a smooth function.
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2 4 6 8 10 12 14 16 18 20
Time (s)

(a)

Control input

0 2 4 6 8 10 12 14 16 18 20
Time (s)

(b)

Figure 2: Gives the response of the closed-loop system, from which, the effectiveness of the controller is
demonstrated.

Finally, wheni = n, x,.1 = x],,; = uis the actual control. By choosing the actual control
law and the adaptive law:

(%, y:,0) = ~Pu (%0 v, 0)8n  O=7 = ngng”, (4.31)

where f, > 0 and Hy, ..., Hy, are smooth functions, one gets

=

n
=1 k=j+1 =1

LV, < - <c,- - Z ck,»> &=y <z]- - Z zk,-> 0" + ia,-. (4.32)
E .

Theorem 4.1. If A1-A3 hold for the high-order stochastic nonlinear system (3.8), under the smooth
adaptive state-feedback controller (4.32), the closed-loop system is ISpS in probability, and the tracking
error &1 = y — y, can be regulated to a neighborhood of the origin in probability with radius as small
as possible (Figure 2).

Proof. For V,, = 3", (1/ 4)§f_p " (1/2)62, it is obvious that V,, satisfies (3.4). Choosing all the
design parameters c; and ¢; to satisfy

n n
> > ks Gi> DTk, j=1...,m, (4.33)
k=j+1 k=j+1

such that (3.5) holds, and then using Lemma 3.3, one can prove Theorem 4.1. O
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5. Simulation

Now, we apply the control scheme to the mechanical system (2.5). Let ¢ = x1 — y, be the
tracking error, where y, = sint is a bounded smooth reference signal. For (2.5), d;(-) = 1, and
p =max{1,3} =3.

Choose V(1) = (1/(p — p1 +4)& " = £6/6. Then,

LV (é1) =& (22— V). (5.1)
The smooth virtual controller can be chosen as x3(x1,y,) = —c1é1 + ¥, which renders

LV (é1) = —c1é) + & (x2 — x3). (5.2)

Next, defining V5(¢1,&) = Vi+(1/(p—p2 + 4))527 P §? /6+ §‘21 /4, a direct calculation
gives

ox3 ox3
LV, = —C1§? + §f§2 + é% <x§ - axj X2 — 6y2 ]]r> = —C1§? + §?§2 + 53 <x§ - hz>, (5.3)

where ¢ = x; — x5. By Lemma 3.5, choosing m = 3/2, one can obtain that for any constant
52 >0,

2840 32 1 \1/2 B
'§§h2|552+< é2> <2_52> §62+§g(p2(x2). (5.4)

Then, by (5.4) and (5.5), it is easy to see that
LV (E1,&) = ~(c1 — en)éf — 028 + B (] - ) + 6, (55)

by choosing x73(x1, x2, yr) = —&2(c2 +da + (p2)1/3.

Defining {3 = x3 — x} and the Lyapunov function V3(&1, &2, &) = Va(é1,&2) +(1/ 6)§§, one
gets

ox: oxx ox:
LV3 < —(c1 - €1)E — 08 + g;(xg - xj,;3> +62+ &3 <x4 - 6—ng - a—xzxg - a—;y'r)
r

* * 5-6
< (€1 = €21)&0 — €8S + 631 + &5p31 + 63 + Epan + &5 (xa — X)) + &3 (5.6)

= —(c1 —c1)E) — s —c3dS + & (x4 — X)) + 62 + 63,
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by choosing xj(x1,x2,x3,y,) = —&(c3 + @31 + ¢32). At last, choosing & = x4 — xj,
Via(ér, &2, 83, &) = V3(21,é2, &) + (1/6)¢8, a direct calculation gives

Vi < —(c1 - 21)80 — 0285 — 38§ + & (x4 — X)) + 62 + 63

ox* ox* ox’ ox*
5 _OXy o 0Xy 5 OXy o OXy 4 202
i §4 <U " kof aJC1 2 aX2 i aX3 = ayr yr) " 5§4O- f (5‘7)
< —(c1 = )& — €agh — €385 — cadl + 62 + 63 + 61 + Epar + 6ax + Epup + U
= —(c1 — )& — C28h — 385 — cadl + 62 + 65 + B4,
by choosing
v = —&(Ca + a1 + Pu2). (5.8)

Choose the design parameters o = 0.125, 6, = 0.01, 63 = 0.01, and 64 = 0.01. Moreover,
to satisfy (5.3), we choose c1 =1 > ¢1 =5/6, ¢, =1.5, c3 = 0.5and ¢4 = 0.5. Choose the initial
values x1(0) = 0.45, x,(0) = 0.5, x3(0) = 0.5, and x4(0) = 0.5.

6. Concluding Remarks

In this paper, a mechanical system is firstly introduced. Then, by a series of coordinate tran-
sformations, the mechanical system can be transformed to a class of high-order stochastic
nonlinear system, based on which, a more general mathematical model is considered and
the smooth state-feedback controller is designed which guarantees that the tracking error
¢1 = y—y, can be regulated to a neighborhood of the origin in probability with radius as small
as possible. At last, the simulation is given to show the effectiveness of the design scheme.
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The adaptive stabilization scheme based on tuning function for stochastic nonlinear systems with
stochastic integral input-to-state stability (SiISS) inverse dynamics is investigated. By combining
the stochastic LaSalle theorem and small-gain type conditions on SilSS, an adaptive output feed-
back controller is constructively designed. It is shown that all the closed-loop signals are bounded
almost surely and the stochastic closed-loop system is globally stable in probability.

1. Introduction

Global stabilization control design of stochastic nonlinear systems is one of the most impor-
tant topics in nonlinear control theory, which has received and is increasingly receiving a
great deal of attention; see, for example, [1-37] and the references therein. For a class of
stochastic nonlinear systems with stochastic inverse dynamics, much progress has been made
in the design of the global stabilization controller [12, 13, 15, 16, 24, 25, 31]. However, all
these controllers are only robust against stochastic inverse dynamics with stringent stability
margin. To weaken the stringent condition on stochastic inverse dynamics, a natural idea is
to benefit from input-to-state stability (ISS) in [38] and integral input-to-state stability (iISS)
in [39] which are now recognized as the central unifying concepts in feedback design and
stability analysis of deterministic nonlinear systems. Tsinias in [21], Tang and Basar in [19]
first proposed the concept of stochastic input-to-state stability (SISS) independently. Further
in-depth study on SISS and its applications are presented in [9-11, 18, 22]. Motivated by
these aforementioned important results, [34] showed that SISS condition can be weakened to
stochastic integral input-to-state stability (SiISS) and developed a unifying output feedback
framework for global regulation.
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Nonlinear small-gain theorem plays an important role in the controller design and
stability analysis of deterministic nonlinear systems in [40, 41]. While for stochastic non-
linear systems, there are fewer results on the small-gain theorem. [25] firstly established a
gain-function-based stochastic nonlinear small-gain theorem for ISpS in probability. In some
succeeding research work, [9, 11, 35] presented some Lyapunov-based small-gain type
conditions on SISS and SilISS, respectively. [4] further discusses the relationship of small-
gain type conditions on SiISS and studies the problem of GAS in probability via output feed-
back.

In this paper, inspired by [4], a more general class of stochastic nonlinear systems with
uncertain parameters and stochastic integral input-to-state stability (SilSS) inverse dynamics
is investigated. By combining the stochastic LaSalle theorem and small-gain type conditions
on SilSS, an adaptive output feedback controller is proposed to guarantee that all the closed-
loop signals are bounded almost surely and the stochastic closed-loop system is globally
stable in probability.

The paper is organized as follows. Section 2 begins with the mathematical prelimi-
naries. Section 3 presents statement of the problem. The design of adaptive output feedback
controller is given in Section 4. The corresponding analysis is given in Section 5. Section 6
concludes the paper.

2. Mathematical Preliminaries

The following notations are used throughout the paper. R, stands for the set of all nonneg-
ative real numbers, R" is the n-dimensional Euclidean space, and R™™ is the space of real
n x m-matrices. For x = (xi,...,x,), one defines x; = (x1,...,x;),i=1,...,n—1. C' denotes
the family of all the functions with continuous ith partial derivatives. LY(R;; R,) is the family
of all functions I : R, — R, such that fgo I(t)dt < co. For a given vector or matrix X, X7
denotes its transpose, Tr{X} denotes its trace when X is square. |X| denotes the Euclidean
norm of a vector X, and || X|| = (Tr{XXT})"/? for a matrix X. X denotes the set of all functions:
R, — R., which are continuous, strictly increasing, and vanishing at zero; K, is the set of
all functions which are of class X and unbounded; X£ denotes the set of all functions f(s, ):
R, x R, — R,, which are of X for each fixed t and decrease to zero ast — oo for each fixed
S.

Consider the stochastic nonlinear delay-free system
dx = f(x,t)dt + g(x, t)dw, Vx(0)=x9€R", (2.1)

where x € R", w is an m-dimensional standard Wiener process defined in a complete
probability space {Q, F, {F+}5, P} with Q being a sample space, ¥ being a o-field, {¥:}o
being a filtration, and P being the probability measure. Borel measurable functions f: R" x
R, — R" and g¢: R" x R, — R™™ are piecewise continuous in t and locally bounded
and locally Lipschitz continuous in x uniformly in t € R,. Let £V (x) denote infinitesimal
generator of function V € C? along stochastic system (2.1) with the definition of

oV 1 2V
LV (x) = % flh+3 Tr{ g (x, 1) a;f) g(x, t)}. (2.2)
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Definition 2.1 (see [34]). Stochastic process {¢(t)};s, is said to be bounded almost surely if
Supyy, 6(£)] < 0 as.

Lemma 2.2 (Stochastic LaSalle Theorem [14]). For system (2.1), if there exist functions V € C?,
a1, a7 € Ko, 1 € LY(Ry; Ry ), and a continuous nonnegative function W : R* — R such that for all
xeR,t>0,

a(|x]) < V(x) <aa(lx]), LV(x) <-W(x)+1(t), (2.3)

then for each xo € R",

(i) system (2.1) has a unique strong solution on [0, o), and solution x(t) is bounded almost
surely;

(ii) when f(0,t) =0, g(0,t) =0, I(t) = 0, the equilibrium x = 0 is globally stable in probability.

In the following, we cite two small-gain type conditions on SiISS in [35].
Consider the following stochastic nonlinear system

dx = f(x,v,t)dt + g(x,v,t)dw, VYx(0) =x9 € R", (2.4)

where x € R" is the state, v € R is the input, and w is an r-dimensional standard Wiener
process defined as in (2.1). Borel measurable functions f: R* x R” x R, — R" and g: R" x
R™ x R, — R™ are locally bounded and locally Lipschitz continuous with respect to (x, v)
uniformly int € R..

Definition 2.3 (see [34]). System (2.4) is said to be stochastic integral input-to-state stable
(5iISS) using Lyapunov function if there exist functions V' € C2(R%; R), ay, az, y € Ky, and a
merely positive definite continuous function a such that

a(|x]) < V(x) <aa(lx]), LV (x) < —a(|x]) +y(v]). (2.5)

The function V satisfying (2.5) is said to be a SiISS-Lyapunov function, and (a, y) in (2.5) is
called the SiISS supply rate of system (2.4).

Lemma 2.4 (see [35]). For system (2.4) satisfying (2.5), if there exists a positive definite continuous
function & such that limsup,_, . a(s)/a(s) < oo, limsup,_,  ‘a(s)/a(s) < oo, then there exists
a function Y € Ko, such that (&,y) is a new SilSS supply rate of system (2.4). Moreover, if
limsup, _,,,y(s)/s™ < oo, then limsup,_, ,,¥(s)/s™ < oo, where m is any positive integer.

The following lemma shows that the condition at infinity can be removed if more prior
information on stochastic system is known.

Assumption H. For functions g, V, a given in (2.4), (2.5) with liminfs_, ,a(s) = oo, there exist
known smooth positive definite functions ¢1, ¢, such that ||g(x, v, t)|| < ¢1(|x]), |0V (x)/0x| <
$2(|x|) and limsup,_,,, ¢7(s)$3(s)/a(s) < co.
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Lemma 2.5 (see [35]). For system (2.4) satisfying (2.5) and Assumption H, if there exists a positive
definite function a such that

. &(s) F o bt e [p( 1 ())|
hisolipa(s) < oo, fo e 1 [g(al (s))] ds < oo, (2.6)

where &(-) > 0, ¢(-) > 0 are smooth increasing functions with &(s)a(s) > 2a(s), {(s)a(s) >
$3(s)3(s) for any s > 0, then there exists a function § € K, such that (&,y) is a new SilSS supply
rate of system (2.4). Moreover, if limsup,_, . y(s)/s™ < oo, then limsup,_, ,, ¥ (s)/s™ < oo, where
m is any positive integer.

Lemma 2.6. Let x,y be real variables, then for any positive integers m, n and continuous function
a() >0, a()x™y" < blx|™™ + (n/(m + n))((m +n) /m) "™/ " atmm/n (Ypm/n|y ™" where b > 0
is any real number.

3. Problem Statement

In this paper, we consider a class of stochastic nonlinear systems described by

dn = o (17, x1)dt + go (17, x1 ) dw,
dxy = xpdt + 1 (1, x)dt + g1 (17, x) dw,

3.1)
dxp_1 = Xpdt + @1 (1, x)db + g1 (17, x) dw,

dx, = udt + ¢, (1, x)dt + ¢, (1, x)dw,

Y =xi,

where (xz,...,x,) € R, u, y € R represent the unmeasurable state, the control input, and
the measurable output, respectively. € R™ is referred to as the stochastic inverse dynamics.
The initial value (77 (0),x1(0),...,x,(0)) can be chosen arbitrarily. w is an m-dimensional
standard Wiener process defined as in (2.1). Uncertain functions ¢; : R* x R* — R, ¢ :
R* x R* — R™,1 < i < n, are smooth functions. It is assumed that ¢y and ¢ are locally
Lipschitz continuous functions.

The research purpose of this paper is to design an adaptive output feedback controller
for system (3.1) by using stochastic LaSalle theorem and small-gain type conditions on SiISS,
in such a way that, for all initial conditions, the solutions of the closed-loop system are
bounded almost surely and the closed-loop systems are globally stable in probability. To
achieve the control purpose, we need the following assumptions.

Assumption 3.1. For each 1 < i < n, there exist the unknown constant 6; > 0, the known

nonnegative smooth functions ¢;o, ¢i1, gio and ¢ with ¢;;(0) = 0, ¢5;;(0) = 0, j = 0,1, such that
i (17, x)| < Oi(io(In) + i1 (x1)), lggi (17, x)| < Oi(wio(I7]) + gin (x1)).
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For Assumption 3.1, there exist smooth functions @,; and ¢, satisfying

pi1(x1) = x19;1(x1), @ (x1) = 1985, (x1), (3.2)

which will be frequently used in the subsequent sections.

Assumption 3.2. For the r-subsystem, there exists an SiISS-Lyapunov function Vy(77). Namely,
Vo satisfies a(|]) < Vo(n) < a(lnl), £Vo(n) < —a(|nl) + y(|x1]), where a, @, y are class K,

functions, and a is merely a continuous positive definite function.

4. Design of an Adaptive Output Feedback Controller
4.1. Reduced-Order Observer Design

Introduce the following reduced-order observer:

Xi =X tkiny - k(X +kiy), 1<i<n-2,
. (4.1)
Xn-1 = U—kn1(X1 + k1y),

where k = (kq,..., kn_l)T is chosen such that Ay = [—k ;"’; ] is asymptotically stable. Define
the error variable

eiz%(xm—?ci—kixl), 1<i<n-1, 9*:max{l,91,...,9n}. (4.2)
By (3.1), (4.1), and (4.2), one gets

1 1
de; = (ei1 — kien)dt + o (pin (11, %) = kipr (1, ) )t + 2 (i1 (1, ) = kignn (1, x) ) deo,
(4.3)

whose compact form is
de = (Ape + (7, x))dt + ¥(n,x)dw, (4.4)
where
e=(e...,en1)",
O(r,x) = é(‘m(’l/ x) = ki1 (1,%),93(1, %) = ko1 (1,%), -, @ (1,0) = Kuapr (1, %)),

1
W, x) = g7 (@2(1,%) = kg (11,%), 953 (11, %) = kagra (11, %), -, grn (1, %) = k191 (1, x)".
(4.5)
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4.2. The Design of Adaptive Backstepping Controller

From (3.1), (4.1), (4.2), and (4.4), the interconnected system is represented as

dn = go(1,y)dt + o (1, y)dw,
de = (Aoe + (1, x))dt + ¥ (1, x)dw,
dy = (X1 + kiy + 0%e1 + p1(n, x) ) dt + g1 (1, x) dw,
dx = (%2 + kay — k1 (%1 + kiy))dt, (4.6)

d??z = (3?3 + k3y - kz()?l + kly))dt,

dxXp-1 = (u—kp1 (X1 + ky))dt.

Next, we will develop an adaptive backstepping controller by using the backstepping meth-
od. Firstly, a coordinate transformation is introduced

zZ1=Y, Zi+1ZJ?i—di(y,k\l,...,fi,l,é), i=1,...,1’l—1. (4.7)

Step 1. By (4.6) and (4.7), one has

dzi = (a1 + zp + kiy + 0%e1 + 1 (1, x) ) dt + g1 (17, x) dw. (4.8)

Since Ay is asymptotically stable, there exists a positive definite matrix P such that PA¢ +
AOTP = —I,_1. Choose

Vi (e, zl,§> - g(gTPe>2 + %52 + izﬁ, 6>0,T>0, (4.9)

where 6 = 0 — 6, 0 is the estimate of 6 = max{6*,0*4/3),0*4}. In view of (2.2), (4.4), (4.8), and
(4.9), then

T
£V, = 26¢" Pee P(Age + D (1, x)) + % Tr{‘PT(q, x) (45 ('P) P+ 266TP6P>‘P(11, x)}

1 ~= 3
+ f99 +2z3 (0 + 20+ kiy + 0%er + g1 (17, %)) + Ez% Tr{qflT(q, x) 1 (q,x)}
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= 6e! Pee” <PA0 + AgP)g + 26eTPeeTP<D(11, x)

+ Tr{‘PT (1, x) (26 <eTP>TeTP + 6eTPeP)‘P(11, x) }

+ %§§+ Zi (a1 +zo + kiy + 0%er + 1 (1, x)) + ;z% Tr{(plT(q, x) g1 (q,x)}
< ~6Amin(P)le]* + 26| P|*le | (1, x) | + 36| PIFlel* | ¥ (1, x) ||* + %éé

3
+2Z (a1 +zo + kiy + 0%er + 1(1,x)) + Ez% Tr{(plT(q, x)g1(n, x) }
(4.10)

Applying Assumption 3.1, (3.2), (4.3), (4.7), and Lemma 2.6, it follows that

26||P|Plel’®@| (1, x)| < anlel* +an |@(y, x)|*,

35| P|Plel?||% (1, %) || < aalel* + o | ¥ (1, ) ||,

3 4 | = 4 3 4 4/3 4 4 4
Zizp S awzi+ Wz, O°zjer < anel + 0"y (z1)z] <anef +Oyn(z1)z],  (4.11)

zip1(n,%) < |21 0" (9r0(|1]) + 911 (21)) < angfy(|1]) +Oy12(21)71,

3 .
2 Te{ol (1 0)g1 (n,2) | <3230 (97 ([n]) + ¢ (21)) < ansgrly (|m]) + Ona(z1)21,

where ap1, a0, y11, Y12, and yi3 are smooth functions, agi, apz, aio, aro, a11, a1z, a13 > 0 are
constants.

n
Using (aj + -+ a,)* < (x+a)" = nya?, (a+ b)* < 8a* + 8b*, y = x1, Assumption 3.1,
i

(3.2), and (4.5), one gets

|@(n,x)|* < 64(n - 1)<<k411 teet kiq) <‘P%o + y4¢£111> o+t Py Y (@31 t '+¢21>>/
1% ()11 < 64n - 1) (Kb +- 4 ki y) (o + ') + o+ @i + ¥ (T ++ Ty ) )-
(4.12)

Substituting (4.11)-(4.12) into (4.10) and using z; = y lead to

,ﬁVl < _5100|3|4 + [1116411 + A1(|71|) +Eloz‘21 + zi’(al + klzl + AOO(Zl)Zl n (11021)
1o (4.13)
+ 9(}’11 (Zl) + le(Zl) + Y13(zl))z‘11 + TQQI
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where

a0 = OAmin(P) — a1 — anz,

Av(|n]) = 64(n = D)o (K} + - + ki )plo(nl) + @l () + -+ + 9l (1))

+64(n = D) ((kf +-++ kiy)orlo (1)) + gsdo([nl) + -+ g ([

\ \ (4.14)
+angy (|1]) + asgio(|1]),
Aoo(z1) = 64(n = 1)aon (Kt + -+ Koy )Py (21) + B3y (21) + - + Py (21))
+64(n = 1)z (ki + -+ kb )T (20) + Fay (21) + -+ + T (20)).
Choosing the virtual control a; (-) and the tuning function 7;(-)
%) (yﬁ) =-z; <Cl +v1(z1) + k1 + Ago(z1) +ﬂ10+§(}”11(21) +¥12(21) +Y13(Zl))>/ w1s)
4.15
71(y) =T (yu(z1) + y12(21) + y13(21) ) 23,
one gets
,ﬁVl < —clz‘ll -V (Zl)Zzl1 - a00|e|4 + ane‘ll + Al (lTll) +Eloz§ + %§<é— T1>, (416)

where ¢; > 0 is design parameter and v;(z1) > 0 is a smooth function to be chosen later.

Step i (i = 2,...,n). For notation coherence, denote u = a,, z,.1 = 0. At this step, we can
obtain a property similar to (4.16), which is presented by the following lemma.

Lemma 4.1. For the ith Lyapunov function V;(e, z;, é) = (6/2)(e" Pe)* + (1/21")52 + Zj’:l (z?/4),

there are the virtual control law a;(y, X1, ..., Xi-1, é) and the tuning function T; with the form

a; (y, X1, Xi1, é) = -0 -z <Ci +ai10 + ajp + é(}’il + Y+ Yis + Yia)

i1 3 datiy 4.17)
AT (Y + Yo + ¥iz + yia) D — 2 +—,
(Y +Ya+7ys+Y )g‘ 5% 5

T (y, X1,.. -IJACi—bé) =T +T(yn + Y2 + Y3 + Yiu) 21,
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such that

i i i
LV; < —Zc]-z}1 + Zb]-z‘l1 - v1(z1)z] - agole|* + Za]-le‘ll +Ai(|n|) + Tz},
=1 =2 i1

1~ i1 aa] 3 BN
+ <f9 - ]_=1£Zj+1> <9 —Ti>,

where ¢; > 0 is the designed parameters, ay, ai-1,, ai, b are some positive constants, yi1, Yio, Yi3, Yia
are smooth nonnegative functions, whose choices are given in the proof.

(4.18)

Proof. See the appendix. O

Therefore, at the end of the recursive procedure, the controller can be constructed as
u=a, (y, X1, - ..,J?n_l,é>, 0= T, (y, X1, - ..,J?n_l,é>. (4.19)

Choosing parameters 6, agi, ag, i1, - ., Ani, C2,. . ., Cy to satisfy

n
ap = 6)Lmin(P) —dpl —apgp — Zaﬂ >0, Cc,...,cp >0, (420)
i=1

by (4.16) and (4.18), one has

n n
LV, <=3 izt + Dbzt —vi(z1)z) - aole|* + An(|n]), (4.21)
i=1 j=2

where

Va(ez8) = 5(e7Pe) s g5+ 302
An([nl) = 646n = 1)@ (Kt +...+ Kby )gto(ml) + oo ([l + -+ @k (ln))

+64(n = Dan (K +...+ ki) wdo (1) + oo (1n]) + -+ gk (n]))

ajagio(|n])-

n n

+ Z<0i290%0(|ﬂ|) + ai3‘l’fo(|’1|>> +
i =
(4.22)

5. Stability Analysis

We state the main theorems in this paper. This section is divided into two parts.
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5.1. Case 1

Theorem 5.1. Assume that Assumptions 3.1 and 3.2 hold with the following properties:

An(Jn]) () o

lim sup <o sup <o
s—0+ a(s) ’ §— 00 OC(S)

Iflimsup,_,,y(s)/s* < oo in Assumption 3.2, by appropriately choosing the positive smooth func-
tion vy (+) in (4.15) and the parameters 6, ap1, apz, a1, - .., Ani, C2, . .., Cy to satisfy (4.20), then

(i) the closed-loop system consisting of (3.1), (4.1), (4.2), (4.7), (4.15), (4.17), and (4.19) has
a unique and almost surely bounded strong solution on [0, o0);
(ii) for each initial value (1(0),x(0),%(0),6(0)), the equilibrium (1,x) = (0,0) is globally

stable in probability, where X = (X1, ..., Xp-1).

Proof. For any constant € > 0, by (5.1), one has

1+e)A 1+¢)A

A e 62

For the 7-subsystem, by Lemma 2.4, there exists a positive and radially unbounded Lyapunov
function Vy(17) € C? and ¥ = py such that

2V (n) < -(1+e)Au(|n]) +F(z1l), (5.3)
lirsllsolip% < oo, (5.4)

where p is a positive constant satisfying (1 + €)A,(|5]) < pa(s) for all s > 0. Choosing the
following Lyapunov function for the entire closed-loop system

V(q, ez, é) =V, (n) +Va <e, z, é) (5.5)

and combining (4.21) and (5.3), one obtains

n n
£V<11, ez, 9> < —Zciz;1 - <v1(zl) - ij> 24— aole|* — eAn(|n]) +F(|z1)). (5.6)
i=1 i=2

By (5.4), there always exists a smooth function v (-) to satisfy the following two inequalities:

2411 <V1(21) - ib1> > '}7(|Z1|), vi(z1) > ib] (5.7)
=2 =2
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Substituting (5.7) into (5.6) leads to

. n
£V<11,e,z,9> <- E CiZZ1 - f10|€|4 - €An(|’1|)
= (5.8)

£ -W(ne, z).

Noting that ¢i(-) and ¢io(-) are nonnegative smooth functions and using (4.22), it follows
that A,(-) and W(-) are continuous nonnegative functions. By (5.5), (5.8), and Lemma 2.2,
one concludes that all the solutions of the closed-loop system are bounded almost surely,
the equilibrium (77, ¢, z) = (0,0,0) is globally stable in probability. By (3.1), (4.1), (4.2), (4.7),
(4.15), (4.17), (4.19), and the almost sure boundedness of all the signals, it is not difficult to
recursively prove that the equilibrium (7, x) = (0,0) is globally stable in probability. O

5.2. Case I1

If more information about a in Assumption 3.2 is known, that is, lim inf, _, ,a(s) = oo, further
results under the weaker conditions is given as follows.

Assumption 5.2. For functions ¢ and Vj given by (4.22) and Assumption 3.2, there exist
known smooth nonnegative functions @; and @ with ¢(0) = @ (0) = 0, such that

llgo (g, 201l < g1 (I7l) and [0V (17) /07| < a(|7]).-

Lemma 5.3. For Ay, a, a, {5 and {5, given by (4.22), Assumptions 3.2 and 5.2, if

. An(s) + (;Elz(s)(’ﬁ%(s) o ,js(l/g (a”(7)))dT -1 !
11rsrlsotjp () < oo, fo e 112 [§1 (g (s)>] ds < oo, (5.9)

where & (+) > 0 and §1(-) > 0 are smooth increasing functions satisfying
G(s)a(s) 22(1+e)Au(s),  Gi(9)als) 2 F(s)F3(s),  Vs20, (5.10)

€ is any positive constant. Then there exists a function ¥ € Ko, such that (1 + €)A,,¥) is a
new SilSS supply rate of the n-subsystem in (3.1). Moreover, if y in Assumptions 3.2 satisfies
limsup, o, y(s)/s* < oo, then limsup, _, (,¥(s)/s* < co.

Since the condition (5.9) is weaker than (5.1), by using Lemma 5.3, we give further
results under the weaker condition (5.9).

Theorem 5.4. Suppose that Assumptions 3.1-5.2 and the conditions of Lemma 5.3 hold. If
limsup, ,,y(s)/s* < co in Assumption 3.2, by appropriately choosing the positive smooth function
v1(-) in (4.15) and the parameters 6, ap1, an, ai1, - - -, Anl, Ca, - - ., Cn to satisfy (4.20), then

(1) the closed-loop system consisting of (3.1), (4.1), (4.2), (4.7), (4.15), (4.17), and (4.19) has

a unique and almost surely bounded strong solution on [0, o0);

(2) for each initial value (17(0), x(0),%(0),0(0)), the equilibrium (1,x) = (0,0) is globally
stable in probability.
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6. Conclusions

This paper further considers a more general class of stochastic nonlinear systems with uncer-
tain parameters and SilISS inverse dynamics. By combining the stochastic LaSalle theorem
and small-gain type conditions on SiISS, an adaptive output feedback controller is designed
to guarantee that all the closed-loop signals are bounded almost surely and the stochastic
closed-loop system is globally stable in probability.

There are two remaining problems to be investigated: (1) an essential problem is
to find a practical example with explicit physical meaning for system (3.1). A preliminary
attempt on high-order stochastic nonlinear system can be found in [28]. (2) How to design
an output feedback controller by using this method in this paper for system (3.1) in which the
drift and diffusion vector fields depend on the unmeasurable states besides the measurable
output?

Appendix

Proof of Lemma 4.1. We prove Lemma 4.1 by induction. Assume that at Step i — 1, there are
virtual control laws

ai (y, X1,...,Xi2, 9) = -0 1 -2z

X <Ci—1 +qjg0 + Ai—10 + i1 + O (Yic1,1 + Yic12 + Yie1,3 + Yi-14)

2 0a; oa;_
+1"(Yi71,1 +Yi-12 t Yi-13 t Yi—1,4> + Za—é]Z?H) + —IAZTH,

=1

= = A 4
Ti-1 (y, X1,ee0,Xi=2, 9) =Ti2+ F(Yi—l,l +7%Yi-12 t Yi-1,3 + Yi—1,4)Zi,1,

(A1)
such that Vi_1 (e, Zi_1,0) = (6/2)(e" Pe)* + (1/21)02 + Z;;ll(z?/él) satisfies
i-1 i-1 i-1
.2‘/,'_1 < —ZC]'Z;-1 + Zb]zzll - (Zl)Zél1 - (100|6|4 + Za]-le‘ll + Al—l(lﬂl)
p=1 i =1
(A2)

ot (55524, )6-0)

where ¢;_1 > 0 are the designed parameters, a;_1,0, @i-1,0, ai-1,1, bi—1 are some positive constants,
and yi-1,1, Yi-12, Yi-13, Yi-1,4 are smooth nonnegative functions.In the sequel, we will prove that
Lemma 4.1 still holds for Step i. Choosing

Vi<€,5i, 9) =Via <3/Ei—1/§> + -z, (A3)

NN
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with the use of (4.6), (4.7), (4.15), and (A.1), the ItO differential of z; is given as follows:
oa; ‘o E)ai, i1 A
dz; = <“i+zi+1 + Qi — 6y19 ayl‘l’l(’lzx)_ = >dt
(A4)
1 82ai 1 1

- oa;_
_ v %1 T _ i—1
3 ayz V101X (1 x)dt = =5 2 (1, x)deo,

where Q; = kjy—ki1 (X1 +kiy) - Z;ﬁ(aai—l /0X;)(Xj1 +kjy—kj(xX1 +ki1y)) - (Oai-1/0y) (X1 +

kiy). Using (2.2) and (A.2)—(A.4), we arrive at

i-1

LV; < chz +Zb zi =i (z1)z] — agle|* +Zaﬂe1 +Aia(|n|) +ai- 102}
j=1 j=2 j=1

oa;_1 = a;_ oa;_1
3 X L 1 X _ * 1—
+2; <al +Q; —aé 0+ zin By 0%e1 — By p1(n,x) - 2 6y2 Ly (1, x) 9T (1, x)>

(A.5)

Now, we estimate the last five terms, respectively, in the right-hand side of (A.5). According
to Assumption 3.1, (3.2), (4.7), and Lemma 2.6, there exist positive real numbers a;o, @i, ai1,
ap, ai3, ais, big, biz, bis, smooth nonnegative functions y;1, yi2, ¥is, yia such that

3 4 38“1 1 4 —\ 4
z}zin1 < @iz} + WioZ,y, iy ——0%e1 < ane; +0yn (zi)z;,

51 Bt \2 1/2
gyl%(’l/x) <zl < <%>> (p10(|n]) + @11(z1))

< apgly(|n]) + bz} + 0y (zi) 2],

(A.6)

5 6y “21 (1, 2) ! (%) <zl

azai,l > 2
6—y2 (‘I’10(|71|> + g7, (21))
< apyly(|n|) + bz} + 0yi3(Zi) =z},
i1 \? oa;_
s (o) st wamnn | <32(%) whdal i e)

< augiy(|1]) + biz] + Oy (Zi)z;.
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Choosing a; and 7; as (4.17) and substituting (A.6) into (A.5), (4.18) holds, where ¢; > Ois a
design parameter,

Ai(In]) = Aia(|n]) + apio(|n] ) + aswiy(|n]) + augiy (1)), bi = b + bz + b,-4(. )
A7

O
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We consider European options pricing with double jumps and stochastic volatility. We derived
closed-form solutions for European call options in a double exponential jump-diffusion model
with stochastic volatility (SVDE]D). We developed fast and accurate numerical solutions by using
fast Fourier transform (FFT) technique. We compared the density of our model with those of other
models, including the Black-Scholes model and the double exponential jump-diffusion model. At
last, we analyzed several effects on option prices under the proposed model. Simulations show that
the SVDEJD model is suitable for modelling the long-time real-market changes and stock returns
are negatively correlated with volatility. The model and the proposed option pricing method are
useful for empirical analysis of asset returns and managing the corporate credit risks.

1. Introduction

The classical Black-Scholes (BS) model [1] has long been known to result in systematically
biased option valuation. By adding jumps to the archetypal price process with Gaussian
innovations Merton [2] is able to partly explain the observed deviations from the benchmark
model which are characterized by fat tail and excess kurtosis in the returns distribution.
For an overview of “stylized facts” on asset returns see Cont [3]. Statistical properties of
implied volatilities are summarized in Cont et al. [4]. In the sequel also other authors develop
more realistic models, for example, the pure jump models of Eberlein and Keller [5], Madan
et al. [6], and Duffie et al. [7], stochastic volatility models of Steven [8], and stochastic
volatility model with normal jumps of Bates [9] and Keppo et al. [10]. The double exponential
jump-diffusion (DEJD) model, recently proposed by Kou [11], generates a highly skewed
and leptokurtic distribution and is capable of matching key features of stock and index
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returns. Moreover, the DEJD model leads to tractable pricing formulas for exotic and path
dependent options [12]. Accordingly, the DEJD model has gained wide acceptance. However,
the DEJD model cannot capture the volatility clustering effects, which can be captured by
stochastic volatility models [13]. Jump-diffusion models and the stochastic volatility model
complement each other: the stochastic volatility model can incorporate dependent structures
better, while the DEJD model has better analytical tractability, especially for path-dependent
options. Since allowing interest rates to be stochastic does not improve pricing performance
any further [14], the model that combines stochastic volatility and double exponential jump-
diffusion (SVDE]D) may be more reasonable.

In the BS setting, the probability measure has a well-known analytic form [15], but,
under stochastic volatility, it can only be obtained numerically. Monte Carlo simulation and
the finite difference method are usually used to value the options. But, the two techniques
require substantially more computing time and thus are difficult to be applied in real option
pricing. Recently, being fast, accurate, and easy to implement, Fourier transforms have been
widely used in valuing financial derivatives, for example, Carr and Madan [16] propose
Fourier transforms with respect to log-strike price; Duffie et al. [7] offer a comprehensive
survey that the Fourier methods are applicable to a wide range of stochastic processes;
Carr and Wu [17] apply the transforms to time-changed Lévy processes and the class of
generalized affine models. Hurd and Zhou [18] express the spread option payoff in terms
of the gamma function and FFT technique. For an overview of option pricing using Fourier
transforms, see Schmelzle [19].

The current paper extends the study of option pricing under the DEJD model in
three ways. First, we propose a model which combines the double jumps and stochastic
volatility. Second, using the martingale method, Fourier transform formula, and Feynman-
Kac theorem, we obtain a closed-form solution for European call options pricing under the
proposed model. Third, we obtain fast and accurate numerical solutions for European call
options pricing by FFT technique.

The rest of the paper is organized as follows. Section 2 develops the underlying pricing
model. Section 3 derives a closed-form solution for European call options pricing under
the proposed model. Section 4 provides approximation solutions for European call options
pricing by FFT technique. Section 5 numerically compares the density of the solutions to the
alternative models and analyzes several effects on potion prices. Section 6 concludes. Applied
program codes in Matlab package are presented in the appendix.

2. The Model

We consider an arbitrage-free, frictionless financial market where only riskless asset B and
risky asset S are traded continuously up to a fixed horizon date T. Let {€, ¥, {F}o<i<r, P}
be a complete probability space with a filtration satisfying the usual conditions, that is, the
filtration is continuous on the right and ¥, contains all P-null sets. Suppose W (t), W, (t) are
both standard Brownian motion, which is %; adapted, and W (t) has correlation p with W, (t).

Let S(t) represent the price for a stock or a stock portfolio. Generally, instantaneous
variance of asset returns in financial markets shows randomness; thus, the continuous part
of the price process, defined as 5°(t), is

dSe(t) = rSE(H)dt + o/ V () SE(HAW (1), (2.1)
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where r is risk-free rate and o is nonnegative constant, and suppose S°(0) = s, which can
be set equal to 1 without any loss of generality. The size of the diffusion component is
determined by V/(t), which represents, absent of any jump occurring, the level of (stochastic)
return variance attributable to diffusion variations. For tractability, let V (t) follow a square-
root process:

AV (1) = (0, — ap V(1)) dt + 0,7/ V (1) dW, (1), (2.2)

where nonnegative constants 6,,0,/a,, and oy, respectively, reflect the speed of adjustment,
the long-run mean, and the variation coefficient of V (t), and suppose V (0) = Vj.

It has been suggested from extensive empirical studies that markets tend to have
both overreaction and underreaction to various good or bad news. One may interpret the
jump part of the model as the market response to outside news. Good or bad news arrives
according to a Poisson process, and the asset price changes in response according to the jump
size distribution. According to Kou [11], the jumps in the log-price are modeled as a sequence
of ii.d. nonnegative random variables that occur at times determined by an independent
Poisson process N (t) with constant intensity A > 0 such that Y = InU has an asymmetric
double exponential distribution with the density

fr(y) = pme™ 1,50 + qrpe™ 1y, 1> 1, 12> 0, (2.3)

where 1 denotes the indicator function, so 1, > 0 equals 1 if y > 0, but 0 otherwise. p,q >
0,p + g = 1 are up-move jump and down-move jump, respectively. Except for W (t) which
has correlation with W, (t), all sources of randomness, W (t), W,(t), N(t),Y;, and N(t), are
assumed to be independent.

Because of jumps and stochastic volatility, the risk-neutral probability measure is
not unique. Following Naik and Lee [20] and Kou [11], by using the rational expectations
argument with a HARA-type utility function for the representative agent, one can choose
a particular risk-neutral measure P* so that the equilibrium price of an option is given by
the expectation under this risk-neutral measure of the discounted option payoff. Throughout
this paper, we assume that there exists a martingale probability measure P* being equivalent
to P. Let X(t) be the sum of all the jumps which occur up to and including time t, J(t) =
exp[X(t)] — E[exp(X(t))], we have

J(t) = exp [X(t) - u(% T % - 1>] (2.4)

Obviously, J(t) is a P-martingale. Finally, the price process S(t) is defined as
S(t) =S°(B)J (). (2.5)

Remark 2.1. The model contains most existing models as special cases. For example, we obtain
(1) the BS model by setting A = 0 and 6, = a, = 0, = 0; (2) the SV model by setting A = 0;
(3) the DEJD model by setting 8, = a, = 0, = 0.
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Let AW (t) = pdW,(t) +1/1 — p?dZ(t), where Z(t) is standard Brownian motion that is
¥: adapted, and independent of W, (t), N(t), and random variables U;. From It&’s formula,
we have

InS(t) = In J () + In S°(t)

Cxip (P, 4
= X(t) )Lt<111_1+112+1 1>+rt

N
+ [\/1 - p2o f; VV(HAZ() - %02<1 - p2> ﬂ V(t)dt]

_ B Pm 2
=X(t) )Lt<—m_1+—112+1 1>+rt+§t+gt-

3. A Closed-Form Solution of European Option Pricing

In this section, we derive closed-form solution of a European call option pricing under the
SVDEJD model. For a European put option, we can obtain easily corresponding result by the
put-call parity [1]. For this purpose, we need the following results.

Lemma 3.1. Supposing the variance process V (t) follows (2.2) and sy, s, are any complex, one has

T
E{exp [—51 f V(t)dt - SzV(t)] } =exp[A(T) - B(T) Vo], (3.1)
0
where
2ye1/2)@))T
AT) =210 {a— ,
o5 | 2ye" T+ (ap +y+0552)(1—e7T)

(1-e77)(251 - apsy) + ys52(1+e77) (3.2)
2ye T + (ay +y +0285) (1-eT)

Y = \/a3 +202s;.

Proof. Let F(V,0,T) = E{exp[-s: fOT V(t)dt — s,V (t)]}. Because of the affine structure of the
variance process (2.2), we obtain that F(V, 0, T) has a solution of the following form:

B(T) =

F(V,0,T) = exp[A(T) - B(T)Vy]. (3.3)



Mathematical Problems in Engineering 5

From the Feynman-Kac formula, F(V,0,T) is the solution of the following backward
Parabolic partial differential equation with the Cauchy problem:

aP L1 oy OF ~
oF 0, -a,n 2L av 500V 5z ~s1IVE =0, -

F(V,0,0) = exp(-=s2Vp).
Putting (3.3) in (3.4), we have

A(T) - 6,B(T) =0, A(0) =0,

1 (3.5)
-By(T) + Ea§B2(T) +a,B(T) -5, =0, B(0)=s,.
Solving (3.5), we can obtain the result of Lemma 3.1. O
Lemma 3.2. Supposing the asset price S(T) follows (2.6) and z is any complex, one has
Pm qn2
Elexp[-rT +zInS(T)]} = exp4 (z - 17"T+)LT< +——1)
fexpl D1} =exp =~ 1) T,
Pm qmn2 po
—zZAMT( ——+ ——-1)-z—(V(T) +6,T
z\ <Tll—1+’12+1 ) Zo_v(V()+9 )
20 2ye(/D @7
+ 2v In 5
o2 2ye T + (ap + 7 + 0552) (1 - e77T)
(1-e7T)(281 — aysy) +ys2(1+e77T) v
2ye T + (ay +y + 0357) (1 - eT) °[
(3.6)
where
s1=—(z- 1)210'2 <1 - 2) - <Ea - 10'2 2> 5 =-zF2 (3.7)
! 2 p oy, © 2 P ) 2 Oy ’

Proof. Let ¢(z) = E{exp [-rT + zInS(T)]}. Because N(t) is independent of W (t), W,(t),
and Z(t), we have

$(T) = eV E[exn /D Elexbren] = =D (T)D(T). (3.8)

From (2.2) and (2.3), we have

C(T) = exp [)LT( p’zl . L/ > z);.r( P 9k _ 1)] (3.9)
m M +z M — M +1
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Because W, (t) is a standard Brownian motion, we have

E( )—-102(1- 2) jTV(T)dt Var( )—02(1- 2) J‘TV(T)dt (3.10)
6r) = 5 P . , SéT) = p . . .
Then,
15 N ("
D(T) = E{ exp (z—1)z§0 <1—p )I V(t)dt + zér
0
(5

=exp —zG—U[V(T)+9,,T]} (3.11)

1, 2 pPo 1,5 ' po
xE{exp[(z—l)zEG (1 -p ) +z<o—vav— 50°P . V(t)dt—zo—vVO .

Let 51 = —(z — 1)z(1/2)0*(1 - p?) - z((po/op)a, — (1/2)0%p?), and s, = —z(po/0y). From
Lemma 3.1, we have

Dyel/2) @)
D(T) = exp| =22 (V(T) +6,T) + 222 1n re
Oy o2 | 2ye" T+ (ay +y +03s)(1-e7)
(3.12)
(1-e77)(2s1 — apsy) +ys2(1+e77T)
2ye T + (ap + 7 +0352) (1 —eT) ’
From (3.8), (3.9), (3.10) and (3.12), we can obtain the required Lemma 3.2. O

Lemma 3.3. Suppose ¢(u) = E[exp(iuln S(T)] is the characteristic function of In S(T'); then

20, /02
(u) = 26
4 26 + (ay — 6 —iupooy,) (1 — e7oT)

v (3'13)

+)»T[ﬂ1,+£2_—1—iu<ﬂ+ﬂ—l>]
Mm—iu M +iu m-1 m+1

+iurT + €V },

where

5= \/(av - iu,ooo,,)2 +iu(l - iu)o202,

iu(iu — 1)0%(1 - =) (3.14)

T 26+ (ay — 6 —iupooy,) (1 -eoT)

€
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Proof. Let ¢(z) = E{exp [-rT + zIn S(T)]}. Because

E{exp[-rT +iulnS(T)]}  ¢(in)

Elexp(-rT)] -~ $0)’ (3.15)

¢(u) = E[exp(iuln S(T))] =

from Lemma 3.2, we can obtain the required Lemma 3.3. O

Theorem 3.4. Let k denote the log of the strike price K, xt = In(S(T)), and Cr (k) the desired value
of a T-maturity call option with strike exp (k). Assume that, under P*, the underlying nondividend-
paying stock price S(t) and its components are given by (2.1)—(2.5), ¢ (u) is the characteristic function
of xt, q(x) is the density of xr; then the initial call value Cr (k) is written as

Cr(k) = %(S(t) - e"TK>

1 (® eiuk (u _ i) eiuk (u) (3'16)
S I S(t)?R[(PT,—] - e‘rTKﬂ%I:L] du,
x ) iu iu
where R[] represents real part.
Proof. From the risk-neutral theory, we have
Cr(k) = E[e‘rT(S(T) - 1<)+]
—e T [ (s - Ky qs)as)
0 (3.17)

+00 +00

=e’T J e g(x)dx -e"TK q(x)dx
k k

= SIT; - e_rTl_Iz.

Introducing a change of measure from P* to Q* by a Radon-Nikodym derivative, we get

dQ* 3 exT

dr* ~ E[e*] (3.18)
With this new measure Q*, the Fourier transform of I'ly is defined as
EQ [ piuxr] - 91 ,
[e ] e (3.19)

Because of the no-arbitrage condition, we can obtain

=_ _f [_mk"’T(u_l)]du. (3.20)
iugr (—i)
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From the Fourier transform formula, the probability density for our model is given by

q(x) = lf e ke (u)du. (3.21)
T Jo
Hence,
+0o 1 +00 .
I, = j (- f e-mk(p(u)du> dx. (3.22)
k \T Jo

Changing the order of integration, we have

1 1 [oe] —iuk
Mh==+— m[e,—“”(”)]du. (3.23)
2 o), iu
From (3.17), (3.20), and (3.23), we can obtain the required Theorem 3.4. O

Remark 3.5. In (3.16), Cr(k) tends to Sy not zero as k goes to —oo. Hence, Cr(k) is not L!
(absolutely integrable) and a Fourier transform does not exist.

4. Fast Fourier Transform for European Option Pricing

Since the integrand in (3.16) is singular at the required evaluation point u = 0, the FFT
cannot be applied directly to evaluate the integrals we mentioned above. Therefore, instead of
solving for the risk-neutral exercise probabilities of finishing in-the-Money (ITM), Carr and
Madan [16] introduce a new technique with the key idea to calculate the Fourier transform of
a modified call option price with respect to the logarithmic strike price. With this specification
and a FFT routine, a whole range of option prices can be obtained within a single Fourier
inversion. In this section, we develop the numerical solutions of the prices by using the idea
of Carr and Madan [16].

4.1. Fourier Transform of ITM and at-the-Money (ATM) Option Prices

By introducing an exponential damping factor e with & > 0, it is possible to make the
integrand in (3.16) be square integrable. We modified the pricing function (3.16) by

Crh) = S [ etk oy, (1)

where g7 (v) = e Tor(v - (a +1)i)/(a® + a = v* +i2a + 1)v).

This method is viable when «a is chosen in a way that the damped option price is
well behaved. Damping the option price with e makes it integrable for the negative axis
k < 0. On the other hand, for k > 0 the option prices increase by the exponential e**, which
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influences the integrability for the positive axis. A sufficient condition of cr (k) to be integrable
for both sides (square integrability) is given by ¢s(0) being finite, that is,

elorClar i @2)
at+a

¢(0) =
Thus we need ¢r(—(a + 1)i) < oo, which is equivalent to
EQ [S(T)““ < oo]. (4.3)

Therefore, cr(k) is well behaved when the moments of order 1 + a of the underlying asset
exist and are finite. If not all moments of S(T') exist, this will impose an upper bound on a.
We find that one quarter of this upper bound serves as a good choice for a.

Using the trapezoid rule for the integral on the right-hand side of (4.1) and setting
v; = 1(j — 1), an approximation for Cr (k) is

—ak) N
Cr(k) = @Ze"wktﬁ (vj)1. (4.4)
j=1

The FFT returns N values of k, and we employ a regular spacing of size h so that our values
for k are

ky=-b+h(u-1) foru=1,...,N. (4.5)

This gives us log-strike levels ranging from —b to b, where

b= 1IN (4.6)
2
In order to apply FFT we define
20
h = —, 4.7
nh=-3 (4.7)

To obtain an accurate integration with larger values of 7, we incorporate Simpson’s
rule weightings into our summation. From (4.1)-(4.7)and Simpson’s rule weightings, we
obtain ATM and ITM call value as

exp(—aky,) & . o .
C(ky) = %Zef’(Z”/N)(’71)(171)6110”7(lf(Uj)g[3 +(-1) - w]._l], (4.8)
j=1

where w, is the Kronecker delta function that is unity for n = 0 and zero otherwise. The
summation in (4.8) is an exact application of the FFT.
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4.2. Fourier Transform of out-of-the-Money (OTM) Option Prices

In the previous section call values are calculated by an exponential function to obtain square
integrable function whose Fourier transform is an analytic function of the characteristic
function of the log-price. But, for very short maturities, the call value approaches its non
analytic intrinsic value causing the integrand in the Fourier inversion to be high oscillate,
and therefore difficult to integrate numerically. We introduce an alternative approach that
works with time values only, which is quite similar to the previous approach. But in this
case the call price is obtained via the Fourier transform of a modified time value, where the
modification involves a hyperbolic sine function instead of an exponential function.

Let zr (k) denote the time value of an OTM option, that is, for k < x7 we have the put
price for zr (k) and for k < xr we have the call price. Scaling Sy = 1 for simplicity, zr (k) is
defined by

zr(k) = e’ J‘jo [(ek - exT>1xT<k,k<o + (exT - ek>1xT>k,k>0]q(x)dx, (4.9)

where g(x) is the risk-neutral density of the log-price x7. Let {r(u) be the Fourier transform
of zr(k):

[oe]

or(u) = f e zr (k)dk. (4.10)

—0o0

By considering a damping function sinh(ak), the time value of an option follows a Fourier
inversion:

— ;l . —iuk
zr(k) = Sinh(ak) 7 J‘o e " Yr(u)du, (4.11)

where Yr(u) = ({r(u — ia) — {r(u +ia)) /2.

The use of the FFT for calculating OTM option prices is similar to (4.8). The only
differences are that they replace the multiplication by exp(-ak,) with a division by sinh(ak)
and the function call to ¢(v) is replaced by a function call to Y7 (u).

5. Simulation Studies

In this section, to compare across the BS, DEJD, and SVDEJD models, we analyze the
probability densities of these models. Then, we analyze mainly the impact of p and volatility
of volatility o, on option pricing under the SVDE]JD model. For our FFT methods, we used
N = 4096 points in our quadrature, implying a log-strike spacing of h = o/300 = 0.01047,
which is adequate for practice. For the choice of the dampening coefficient in the transform
of the modified call price, we used a value of a = 2.55. For the modified time value, we
used a = 1.55. Other parameter values used in the computation are listed in Table 1. (We
have used analytic moments to set plausible parameter values for the model. For a formal
econometric estimator, one could use these moments to develop a generalized method of
moments estimator within the framework of Hall and Inoue [21].)
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Table 1: Default parameters for simulation of option prices.

Parameter Value
Probability of upward p=06
Volatility of asset price c=0.16
Mean of the exponential distribution of upward 1 =40
Mean of the exponential distribution of downward 1 =40
Intensity of the Poisson process A=10
Interest rate r =0.05
Initial asset price So =100
Initial variance Vo=1
Rate of reversion a, =0.3
Long-run variance 0, =0.6
Volatility of volatility 0y =025
Correlation between returns and volatility p=-08

5.1. Probability Densities under Alternative Models

We compare the probability densities of the SVDEJD model, the BS model, and the DEJD
model to verify the rationality of our model. Suppose ¢(u) is the characteristic function of xr
and g(x) the probability density of our model. From FFT algorithm, g(x) can be approximated
by

T o/ NGt (ke
g(x) = Ez:e @r/NGDED ) k=1,...,N. (5.1)
j=1

The density g has the mean and variance given by

'(0
£ =22, .

Vary(Q) = —¢"(0) + (¢/'(0)).

Figure 1 shows the figures of the probability density g(x), compared with the normal
density with the same mean and variance given by (5.2). The first figure compares the overall
shapes of the densities of the SVDEJD model and the BS model, the second one details the
shapes around the peak areas, and the last one shows the right tail. From Figure 1, we can
see that the leptokurtic and skewness feature of the density of our model is quite evident.
Moreover, additional numerical plots suggest that the feature of skewness becomes more
significant if |p| increases, which is impossible for the DEJD model.

We also compare the short-term and long-term densities of the SVDEJD model, the BS
model, and the DEJD one. Figure 2 shows their densities under T = 3 months and T = 2
years. From Figure 2, we can see that the SVDEJD model and the DEJD model generate
virtually identical densities for short-term options, with a slight departure occurring between
the two densities in the upper tail. This means that differential pricing performance between
the SVDE]JD model and the DE]JD model is unlikely to occur when they are applied to price
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Figure 1: Comparison of the probability densities of the SVDEJD model and the BS model. Except for the
maturity time T = 2 years, the parameters used here are shown in Table 1.

short-term OTM puts and that only when they are applied to deep ITM puts (and deep OTM
calls) can differences be observed between these models. Yet, compared to the BS model
density, the densities of the two models are distinctly different: they all have leptokurtic and
skewness feature. Therefore, the two models can potentially correct the BS model’s tendency
to underprice deep OTM puts and overprice deep OTM calls. The long-term density curves
in Figure 2 still show significantly different pricing structures between the BS and its two
alternatives. But, more importantly, the densities of the SVDEJD model and the DEJD model
also exhibit different shapes now. The SVDEJD density has higher peak and assigns more
weight to both the entire lower tail and the far upper tail, but less weight to those payoffs
than the DEJD.

Our simulation studies have demonstrated that the SVDEJD model has better
performance than the DEJD one on pricing long-term options, while both the DEJD model
and the SVDEJD model have better performance than the BS model.
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Table 2: The effects of volatility of volatility, exercise price K, maturity time T, and correlation p on option

values.
Strike price p=-08 p=0

o, =0.15 o, =0.25 o, =0.15 o, =0.25 o, =0.15 o, =0.25
T = 3 months
90 11.5004 11.5122 11.4827 11.4829 11.4647 11.4527
95 7.5901 7.6000 7.5745 7.5741 7.5585 7.5472
100 4.4325 4.4323 44315 4.4307 4.4303 4.4287
105 2.5442 2.5347 2.5573 2.5567 2.5567 2.5780
110 1.1258 1.1109 1.1476 1.1476 1.1690 1.1830
115 0.5169 0.5043 0.5361 0.5364 0.5532 0.5681
T =2 years
90 22.5229 22.5682 22.4438 22.4398 22.3592 22.2959
95 19.4525 19.4825 19.3935 19.3872 19.3293 19.2776
100 16.6650 16.6750 16.6337 16.6255 16.5979 16.5633
105 14.3313 14.3225 14.3271 14.3179 14.3189 14.3018
110 11.9850 11.9507 12.0183 12.0083 12.0476 12.0549
115 10.1354 10.0809 10.1994 10.1896 10.2594 10.2871

5.2. Effects of the Main Parameter on Option Values

In Table 2, we use the SVDE]JD model to examine the effects of volatility of volatility o, the
correlation coefficient p, exercise price K, and maturity time T on option values. We analyze
the prices of three-month call options and two-year call options. To examine the effect of
the negative correlation coefficient, we have calculated the model with p = -0.8, p = 0, and
p = 0.8. The prices for three-month call options associated with volatility of volatility o, = 0.15
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and o, = 0.25 are relatively close. With p = —0.8, the largest price difference is 0.0149; with
p = 0, the largest price difference is only 0.0008; with p = 0.8, the largest price difference
is 0.0213. However, the difference is significantly larger when longer-time horizons such as
two-year call options are valued. With p = 0.8, the largest price difference is an increase
on 0.0149 to 0.0545 and the effect of volatility of volatility is an increase for ITM calls and a
decrease for OTM calls. With p = 0, the largest price difference is increase of 0.0008 to 0.01
and the effect of volatility of volatility is a small decreas that is negligible for option values.
With p = 0.8, the largest price difference is an increase of 0.0213 to 0.0633 and the effect of
volatility of volatility is a decrease for ITM and ATM calls and an increase for OTM calls. The
correlation parameter p has several effects depending on the relation between the strike price
and the current stock price. A negative p tends to produce higher values for ITM calls and
lower values for OTM money calls.

We have also compared the model with the BS model, which can be interpreted as
a first-order approximation with no jumps, and p = 0. A common practice is to set the
implied volatility in the BS model so that the model matches the price for the option with
a strike price closest to the current stock price. For some comparisons not reported here, we
have set the implied volatility in the BS model so that it matches the price generated by the
stochastic volatility model for an ATM option. The BS implied volatility is very close to the
expected volatility under the risk-neutral distribution when short-term options are valued.
When longer-term options are used, there is a significant difference between the BS implied
volatility and the expected volatility. As an approximation, the BS model tends to undervalue
ITM calls and overvalue OTM calls.

6. Conclusion

The SVDE]D model incorporates several important features of stock returns. We derive a
closed-form solution for European call options in the model by using the martingale method,
Fourier inversion transform formula, and Feynman-Kac theorem. Using FFT, we obtain fast
and accurate numerical solution to European option under the model. The comparison
of densities of the alternative models shows that the SVDEJD model has better pricing
performance on long-time options. An analysis of the model reveals that volatility of volatility
0, and the correlation coefficient p have significant impact on option values, especially
long-time option, stock returns are negatively correlated with volatility, and these negative
correlations are important for option valuation.

Appendix
A.1. Matlab Codes for ITM and ATM Options Pricing by FFT

function CV =inSVDexp](atal, ata2, lamta, sigma, thetav, alphav,
rho, sigmav, 1, p, s0, v0, strike, T)

x0 = log(s0)

alpha =2.55

N = 4096

¢ =600
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eta=c/N

b =pi/eta

u = [0:N-1]*eta

lamda = 2*b/N

position = (log(strike) + b)/lamda + 1

v =1u- (alpha+1)*i

k=p*atal/(atal-1)+(1-p)*ata2/(ata2+1)-1
l=p*atal./(atal-i*v)+(1-p)*ata2./ (ata2+i*v)
m=sqrt((alphav-i*v*rho*sigma*sigmav)."2+i*v.* (1-i*v)*(sigma * sigmav)”2)
n=2"m+(alphav-m-i*v*rho*sigma*sigmav).* (1-exp(-m*T))
A=(2*m./n)."(2*thetav/sigmav”2)

B=i*v*x0+(thetav*(alphav-m)*T) /sigmav”2-(i*v*rho*sigma*thetav*T) /sigmav. . .
+lamta*T* (1-i*v*k-1)+i*v*r*T

C=(i*v.*(i*v-1)*sigma”2.*(1-exp(-m*T)))./n

charFunc=A.*exp(C*v0+B)

ModifiedCharFunc = charFunc*exp(-r*T)./(alpha”2+alpha - u."2 + i*(2*alpha
+1)*u)

SimpsonW =1/3*(3 + (-1)."[1:N] - [1, zeros(1,N-1)])
FftFunc = exp(i*b*u).*ModifiedCharFunc*eta.*SimpsonW
payoff = real (fft(FftFunc))

CallValueM = (exp(-log(strike)*alpha))™*payoff/pi
format short

CV= CallValueM(round(position)).

A.2. Matlab Codes for OTM Options Pricing by FFT

function CV=outSVDexp](atal,ata2,lamta,sigma,thetav,alphav,
rho,sigmav,r,p,s0,v0,strike, T)

x0 = log(s0)

alpha =1.55

N=4096

¢ =600

eta=c/N

b =pi/eta

u = [0:N-1]*eta

lamda =2*b/N

position = (log(strike) + b)/lamda + 1

w1l = u-i*alpha
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w2 = u+i*alpha

vl = u-i*alpha -i

v2 = u+i*alpha -i

k=p*atal/(atal-1)+(1-p)*ata2/(ata2+1)-1
l1=p*atal./(atal-i*v1)+(1-p)*ata2./(ata2+i*v1l)
ml=sqrt((alphav-i*v1*rho*sigma*sigmav)."2+i*v1.*(1-i*v1)*(sigma*sigmav)”"2)
nl=2*ml+(alphav-ml-i*v1*rho*sigma*sigmav).*(1-exp(-m1*T))
Al1=(2*m1./n1).”(2*thetav/sigmav’2)
B1=i*v1*x0+(thetav*(alphav-m1)T)/sigmav”2-(i*v1*rho*sigma*thetav*T)/sigmav. . .
+lamta*T*(11-i*v1*k-1)+i*v1*r*T
Cl=(i*v1.*(i*v1-1)*sigma”2.*(1-exp(-m1*T)))./nl
charFuncl=A1l."exp(C1*v0+B1)

ModifiedCharFuncl = exp(-r*T)*(1./ (1+i*w1)...

-exp(r*T)./ (i*w1) - charFuncl./(w1./2 - i*w1))
12=p*atal./(atal-i*v2)+(1-p)*ata2./ (ata2+i*v2)
m2=sqrt((alphav-i*v2*rho*sigma*sigmav)."2+i*v2.*(1-i*v2)*(sigma*sigmav)”"2)
n2=2*m2+(alphav-m2-i*v2*rho*sigma*sigmav).* (1-exp(-m2*T))
A2=(2*m2./n2)."(2*thetav/sigmav’2)
B2=i*v2*x0+(thetav*(alphav-m2)*T)/sigmav”2-(i*v2*rho*sigma*thetav*T)/sigmav. . .
+lamta*T*(12-1*v2*k-1)+i*v2*r*T

C2=(i*v2.*(i*v2-1)*sigma”2.* (1-exp(-m2*T)))./n2
charFunc2=A2.*exp(C2*v0+B2)

ModifiedCharFunc2 = exp(-r*T)*(1./ (1+i*w2)- exp (r*T)./ (i*w2)....

- charFunc2./(w2."2 - i*w2))

ModifiedCharFuncCombo = (ModifiedCharFuncl - ModifiedCharFunc2) /2
SimpsonW =1/3*(3 + (-1)."[1:N] - [1, zeros(1,N-1)])

FftFunc = exp(i*b*u).*ModifiedCharFuncCombo*eta.*SimpsonW

payoff = real(fft(FftFunc))

CallValueM = payoff/pi/sinh(alpha*log(strike))

format short

CV= CallValueM(round(position)).
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This paper investigates the problem of the global stabilization via partial-state feedback and adap-
tive technique for a class of high-order stochastic nonlinear systems with more uncertainties/un-
knowns and stochastic zero dynamics. First of all, two stochastic stability concepts are slightly
extended to allow the systems with more than one solution. To solve the problem, a lot of substan-
tial technical difficulties should be overcome since the presence of severe uncertainties /unknowns,
unmeasurable zero dynamics, and stochastic noise. By introducing the suitable adaptive updated
law for an unknown design parameter and appropriate control Lyapunov function, and by using
the method of adding a power integrator, an adaptive continuous (nonsmooth) partial-state
feedback controller without overparameterization is successfully designed, which guarantees that
the closed-loop states are bounded and the original system states eventually converge to zero,
both with probability one. A simulation example is provided to illustrate the effectiveness of the
proposed approach.

1. Introduction

In the past decades, stability and stabilization for stochastic nonlinear systems have been
vigorously developed [1-13]. As the early investigation in the area, in [1-3], some quite fun-
damental notations have been proposed to characterize different types of stochastic stability
and, meanwhile for which, sufficient conditions have been separately provided. As the recent
investigation, works [4] and [3, 5] considered stabilization problems by using Sontag’s
formula and backstepping method, respectively, and stimulated a series of subsequent works
[6-13].

The control designs for classes of high-order nonlinear systems have received intense
investigation recently and developed the so-called method of adding a power integrator which
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is based on the idea of the stable domain [14] and can be viewed as the latest achievement of
the traditional backstepping method [15]. By applying such skillful method, smooth state-
feedback control design can be achieved when some severe conditions are imposed on
systems (see, e.g., [16, 17]), while, without those conditions, only nonsmooth state-feedback
control can be possibly designed (see, e.g., [18-23]). As a natural extension, the output-
feedback case was considered in [24], for less available information, which is a more inter-
esting and difficult subject of intensive study. Another extension is the control design for
high-order stochastic nonlinear systems, which attract plenty of attention because of the
presence of stochastic disturbance and cannot be solved by simply extending the methods
for deterministic systems (see, e.g., [25-31]). To the authors’ knowledge, this issue has not
been richly investigated and on which many significant problems remain unsolved.

This paper considers the global stabilization for the high-order stochastic nonlinear
systems described by (3.1) below, relaxes the assumptions imposed on the systems in [25-
28], and obtains much more general results than the previous ones. Since the presence of
system uncertainties, some nontrivial obstacles will be encountered during control design,
which force many skillful adaptive techniques to be employed in this paper. Furthermore,
for the stabilization problem, finding a suitable and available control Lyapunov function is
necessary and important. In this paper, a novel control Lyapunov function is first successfully
constructed, which is available for the stabilization of system (3.1) and different from those
introduced in [25-28] which are unusable here. Then, by using the method of adding a power
integrator, an adaptive continuous partial-state feedback controller is successfully achieved
to guarantee that for any initial condition the original system states are bounded and can be
regulated to the origin almost surely.

The contributions of the paper are highlighted as follows.

(i) The systems under investigation are more general than those studied in closely related works
[25-28]. Different from [26], the zero dynamics of the systems are unmeasurable
and disturbed by stochastic noise. Moreover, the restrictions on the system nonlin-
ear terms are weaker than those in [25-28], and in particular, the assumption in [27]
that the low bounds of unknown control coefficients are known has been removed.

(ii) The paper considerably generalizes the results in [17, 22], and more importantly, no over-
parameterization problem is present in the adaptive control scheme. In fact, the paper
presents the stochastic counterpart of the result in [22] under quite weak assump-
tions. Particularly, the paper develops the adaptive control scheme without over-
parameterization (one parameter estimate is enough). Furthermore, it is easy to
see that the scheme developed can be used to eliminate the overparameterization
problem in [17, 21, 22] (reduce the number of parameter estimates from n + 1 to 1).

(iii) The formulation of zero dynamics is typical and suggestive. In fact, to make the formu-
lation of zero dynamics more representational, we adopt partial assumptions on
zero dynamics in [8, 9]. It is worth pointing out that the formulation of the gain
functions of stochastic disturbance is somewhat general than those in [8, 9].

The remainder of this paper is organized as follows. Section 2 presents some necessary
notations, definition and preliminary results. Section 3 describes the systems to be studied,
formulates the control problem, and presents some useful propositions. Section 4 gives the
main contributions of this paper and presents the design scheme to the controller. Section 5
gives a simulation example to demonstrate the effectiveness of the theoretical results. The
paper ends with an Appendices A and B.
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2. Notations and Preliminary Results

Throughout the paper, the following notations are adopted. R"” denotes the real n-dimension-
al space. Rié 4 denotes the set {q1/q2 | g1 and g2 are odd positive integers, and 1 > ¢2}. R*
denotes the set of all positive real numbers. For a given vector or matrix X, X denotes its
transpose, Tr{X} denotes its trace when X is square, and || X|| denotes the Euclidean norm
when X is a vector. Ck denotes the set of all functions with continuous partial derivatives
up to the kth order. X denotes the set of all functions from R* to R*, which are continuous,
strictly increasing, and vanishing at zero, and X, denotes the set of all functions which are
of class X and unbounded.
Consider the general stochastic nonlinear system

dx(t) = f(t, x)dt + g(t, x)dw, (2.1)

where x € R” is the system state vector with the initial condition x(0) = xp; drift term
f: R*xR" — R" and diffusion term g : R* x R” — R” x R are piecewise continuous and
continuous with respect to the first and second arguments, respectively, and satisfy f(¢,0) =0
and g(t,0) = 0; w(t) € R™ is an independent standard Wiener process defined on a complete
probability space (Q,%¥,P) with Q being a sample space, ¥ a c-algebra on Q, and P a
probability measure.

Since both f(-) and g(-) are only continuous, not locally Lipschitz, system (2.1) may
not have the solution in the classical sense as in [7, 9]. However, the system always has
weak solutions which are essentially different from the classical (or strong) solution since the
former may not be unique and may be defined on a different probability space (Q', ¥, P').
The following definition gives the rigorous characterization of the weak solution of system
(2.1), and for more details of weak solution, we refer the reader to [32, 33].

Definition 2.1. For system (2.1), if a continuous stochastic process x(t) defined on a probability
space (£2x, Fx, Px) with a filtration {¥yt},,o and an m-dimensional Brownian motion w(t)
adapted to {Fx} 0, such that for all t € [0, 7x,1c), the integrals below are well-defined and
x(t) satisfies

t t
x(t) = x0 + fof(s,x(s))ds + fo g(s,x(s))dw(s), (2.2)

then x(t) is called a weak solution of system (2.1), where Ty ., denotes either +oo or the finite
explosion time of solution x(t) (i.e., Ty +00 = lim,; 1o Inf{s >0 : ||x(s)|| > 7}).

To characterize the stability of the origin solution of system (2.1), as well as the com-
mon statistic property of all possible weak solutions of the system, we slightly extend the
classical stochastic stability concepts of globally stable in probability and globally
asymptotically stable in probability given in [7]. This extension is inspired by the
deterministic analog in [34] and allows the above two stability concepts applicable to the
systems with more than one weak solution.



4 Mathematical Problems in Engineering

Definition 2.2. The origin solution of system (2.1) is globally stable in probabilityif, for
all € > 0, for any weak solution x(t) which is defined on its corresponding probability space
(Qx, Fx, Px), there exists a class X function y(-) such that

P x| < vx(Ixol)} > 1€, V¥t>0, Vxg € R"\ {0}, (2.3)

and globally asymptotically stable in probability if it is globally stable in probabil-
ity and for any weak solution x(t),

Px{tlim lx(t)]| = o} =1, Vxg €R" (2.4)
— +00

More importantly, we have the following theorem, which can be regarded as the ver-
sion of Theorem 2.1 of [7] in the setting of more than one weak solution, provides the suf-
ficient conditions for the above two extended stability concepts, and consequently will play
a key role in the later development. By comparison, one can see that Theorem 2.3 preserves
the main conclusion of Theorem 2.1 of [7] except for the uniqueness of strong solution. By
some minor/trivial modifications to the proofs of Theorem 3.19 in [35] (or that of Lemma 2
in [36]) and Theorem 2.4 in [37], it is not difficult to prove Theorem 2.3.

Theorem 2.3. For system (2.1), suppose that there exists a C> function V (-) which is positive definite
and radially unbounded, such that

2
LV (x) = (Z—‘;f(s, x) + %Tr{gT(s, x)g%g(s, x)} <-W(x), Vs>0, Vx eR", (2.5)

where W (+) is continuous and nonnegative. Then the origin solution of (2.1) is globally stable in prob-
ability. Furthermore, if W (-) is positive definite, then for any weak solution x(t) defined on probability
space (Qx, Fx, Px), there holds Py {lim;_, .o ||x(¢)|| = 0} = 1.

Proof. From Theorem 2.3 in [33, page 159], it follows that system (2.1) has at least one weak
solution. We use x(t) to denote anyone of the weak solutions, which is defined on its cor-
responding probability space (Q, Fx, Px) and on [0, Ty 1) Where Ty .o, denotes either +oo or
the finite explosion time of the weak solution x(t).

First, quite similar to the proof of Theorem 3.19 in [35, page 95-96] or that of Lemma 2
in [36], we can prove that Py {7y = +o0} = 1 (namely, all weak solutions of system (2.1)
are defined on [0,+00)) and that the origin solution of system (2.1) is globally stable in
probability.

Second, very similar to the proof of Theorem 2.4 in [37, page 114-115], we can show
that if W(-) is positive definite, then for any weak solution x(t), it holds Py {lim;_, .o ||x(¢)|| =
0} =1. O

We next provide three lemmas which will play an important role in the later devel-
opment. In fact, Lemma 2.4 can be directly deduced from the well-known Young’s Inequality,
and the proofs of Lemmas 2.5 and 2.6 can be found in [19, 20].
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Lemma 2.4. Forany c>0,d >0, € > 0, there holds

c
- ct+d +

c d ct+d
xlfy| < ——elx] |

g—c/d|y

i d , VxeR, VyeR (2.6)

Lemma 2.5. For any continuous function g : R™ x R" — R, there are smooth functions a : R™ —
R*",b:R" - R*, ¢c:R" — [1,+00),and d : R* — [1,+o0) such that

|g(x,y)| <a(x)+b(y), lg(x,y)| <c(x)d(y), VxeR™ VyeR" (2.7)
Lemma 2.6. Forany p > 1, and any x € R, y € R, there hold

|x+y|P <2PxP +yP

7

2.8
(L) < a1 [y < 26770+ o), Y

>1

and, in particular,if p € RZ,, , [x —y|P < 2P| xP — yP|.

3. System Model and Control Objective

In this paper, we consider the global adaptive stabilization for a class of uncertain high-order
stochastic nonlinear systems in the following form:

dn = fo(x,m)dt + go(x, 1) dw,
doxy = di(x, ) xh dt + f1(x,1)dt + gf (x,17)dw,

(3.1)

dxp1 =dpa (x, q)xﬁ”’l dt + fuo1(x,7)dt + 3571 (x,1)dw,
dx, = du(x, n)uPrdt + f(x,1)dt + g (x,7)dw,

where 7 € R™ is the unmeasurable system state vector, called zero dynamics; x =
[x1,... ,xn]T € R" and u € R are the measurable system state vector and the control input,
respectively; the system initial condition is 7(0) = 79, x(0) = x¢; pi € Ri}i q-8=1 ..., nare
said the system high orders; fo : R* x R™ — R™, f; : R" xR™ — R,i =1, ..., nand
g0 R*xR™ — R"™*™ o;: R" xR™ — R™,i=1,...,nare unknown continuous functions,
called the system drift and diffusion terms, respectively; d; : R* x R™ — R, i =1,...,n are
uncertain and continuous, called the control coefficients; w € R™ is an independent standard
Wiener process defined on a complete probability space (€, ¥, P) with Q being a sample
space, ¥ a o-algebra on Q, and P a probability measure. Besides, for the simplicity of
expression in later use, let x,.1 = u and x5 = [x1, ..., xk]T.

Differential equations (3.1) describe a large class of uncertain high-order stochastic
nonlinear systems, for which some tedious technical difficulties will be encountered in control
design mainly due to the presence of the stochastic zero dynamics and the uncertainties/
unknowns in the control coefficients, the system drift, and diffusion terms. In the recent
works [25-28], with measurable inverse dynamics or deterministic zero dynamics and by
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imposing somewhat severe restrictions on p;’s, d;’s, fi’s, and g;’s in system (3.1), smooth
stabilizing controllers have been designed. The purpose of this paper is to relax these
restrictions and solve the stabilization problem of the more general system (3.1) under the
following three assumptions.

Assumption 3.1. There exists a C? function V, : R™ — R* such that

i ([lmll) < Vo(n) < m(|lnll).

- Vo, 1 Vi 4
2 = Gy d e ) sl slmest,

2

Y —
Va2l < ()l + Bace),

805—71T

where x;, i = 1,2 are K, functions; v; : R™ — R*\ {0}, v, : R™ — R*,anda: R — R* are
continuous functions; and b > 0 is an unknown constant.

Assumption 3.2. Foreachi=1,...,n, f; and g; satisfy

I; _
|fiem)| < b Dl fi (xom), llgiCoem) || < bgg, (i, ), (33)

=1

where ?ii :R'xR™ — R*and g, : R x R™ — R* are known C! functions with ?ij 0,0)=0
and g;(0,0) = 0; by, > 0 and by, > 0 are unknown constants; [; is some positive integer; g;;’s
satisfy 0 < gi1 < --- < gi, < pi-

Assumption 3.3. For each d;, i = 1,...,n, its sign is known, and there are unknown constants
a>0and a > 0, known smooth functions \; : R — R*\ {0}, and p; : R"! — R* such that

0 < aki(xpy) < |di(x, 1) | < @i (xping), (3.4)

where x[,4+1] = x wheni = n.

Above three assumptions are common and similar to the ones usually imposed on the
high-order nonlinear systems (see, e.g., [17, 20]). Based on Assumption 3.2 and Lemma 2.5,
we obtain the following proposition which dominates the growth properties of fi’s and
gi's and will play a key role in overcoming the obstacle caused by system uncertain-
ties/unknowns. The proof is omitted here since it is quite similar to that of Proposition 2
in [22].
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Proposition 3.4. Foreachi =1,...,n, there exist smooth functions 6 : R™ — [1,+00), ¢; R —
R*, and ¢; : R' — R*, such that

di X, = i
el < B s s (sl o S ),

(3.5)

lssCe )l < 6<6<n>||n|| v i) z||>

where © > max{1,a) is obviously an unknown constant.

Remark 3.5. It is worth pointing out that in the recent related work [30], to ensure continu-
ously differential output feedback control design, somewhat stronger assumptions have been
imposed on the system drift and diffusion terms. For example, different from Proposition 1,
Assumption 1 in [30] requires that the powers of |xk|, k = 1,...,i are larger than one in the
upper bound estimations of f;(-) and g;i(-) (the case of f,(-) and gx(:) is more evident).

Furthermore, as done in [8, 9], to ensure the stabilizability of system (3.1), it is nec-
essary to make the following restriction on x;, v;, and v, in Assumption 3.1, and & in
Proposition 3.4.

Assumption 3.6. For some I € (0,1), there exist {(-) and ¢(-) which are continuous, positive,
and monotone increasing functions satisfying {(||7]l) > (Ivi(n) + v2(17))/2(1 — I)v1(77) and
&(lInl) > 6*(n) /v1 (), such that

f ol <1/g<x;1<s>>>dsd§<,ql (T)> < +oo, (3.6)
0

where KIl (+) denotes the inverse function of %1 (-).

To understand well the academic meaning of the control problem to be studied, and
in particular the generality and different nature of system (3.1) compared with the exiting
works, we make the following four remarks corresponding to above four assumptions, re-
spectively.

Remark 3.7. Assumption 3.1 indicates that the unmeasurable zero dynamics possesses the
Stochastic ISS (Input-State Stability) type property, like in [8, 9], and the restriction on g is
somewhat weaker than that in [8, 9] since the additional term bzﬁz(xl)x‘l1 in the estimation of

gl (@Vo/an™)|I

Remark 3.8. Assumption 3.2 demonstrates that the power of x;.1 in fi(x,7) must be strictly
less than the corresponding system high order. This is necessary to realize the stabilization
of the system by using the domination approach of [18]. Moreover, thanks to no further re-
strictions on fi j's or g;s, Assumption 3.2 is more possibly met than those in [25-28].

Remark 3.9. Assumption 3.3 shows that the control coefficients d;’s never vanish and other-
wise system (3.1) would be uncontrollable somewhere. Besides, from this assumption, one
can easily see that the signs of d;’s remain unchanged. Furthermore, the unknown constant
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“u

a” makes system (3.1) more general than those studied in [25-28] where the lower bounds
of uncertain control coefficients d;’s are required to be precisely known.

Remark 3.10. In fact, Assumption 3.6 is similar to the corresponding one in [8, 9]. From above
formulation of the system, it can be seen that the unwanted effects of 7, that is, “v» (1) ||7||*”
in Assumption 3.1 and “©8(7)||5||” in Proposition 3.4, can only be dominated by the term
“—vi(n)|Inl|*” in Assumption 3.1, and therefore some requirements should be imposed on
these three terms. For the sake of stabilization, we make Assumption 3.6, which clearly in-
cludes a special case where v; = v, = 6% since at this moment ¢ and ¢ can be constants and
(3.6) obviously holds.

As the recent development on high-order control systems, works [17, 21, 22] proposed
a novel adaptive control technique, which is powerful to successfully overcome the technical
difficulties in stabilizing system (3.1) caused by the weaker conditions on unknown control
coefficients. Inspired by these works, the paper extends the stabilization results in [17, 22]
from deterministic systems to stochastic ones, under quite weaker assumptions than those in
[25-28]. More importantly, instead of simple generalization, motivated by the novel adaptive
technique for deterministic nonlinear systems [23], we develop the adaptive control scheme
without overparameterization that occurred in [17, 21, 22]. (In fact, the number of parameter
estimates is reduced from n + 1 to 1.)

For details, in this paper, the main objective is to design a controller in the following
form:

8 = qr(x, 8), u= go(x, 8), (3.7)

where S(t) € R, and ¢ is a smooth function, while ¢ is a continuous function, such that all
closed-loop states are bounded almost surely, and furthermore, the original system is globally
asymptotically stable in probability.

Finally, for the sake of the later control design, we obtain the following proposition by
the technique of changing supply functions [20, 38]. The proof of Proposition 3.11 is mainly
inspired by [9, 38] and placed in Appendix A.

Proposition 3.11. Define V(1) = 3/(’(”) q(s)ds, and q : R* — R*. Then, under Assumptions 3.1
and 3.6, one can construct a suitable q(s) which is C, monotone increasing, such that

(i) Vo(n) is C?, positive definite, and radially unbounded;

(ii) there exist a smooth function @y : R — [1, +o0) and an unknown constant b > 0 such that

oV 1 0>V, _
£Vo = #fo ¥ zTr{&? Wg} <-(n+ 18" ()|l + baox)xl.  (38)

4. Partial-State Feedback Adaptive Stabilizing Control

Since the signs of d;’s are known and remain unchanged, without loss of generality, suppose
di>0,i=1,...,n The following theorem summarizes the main result of this paper.
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Theorem 4.1. Consider system (3.1) and suppose Assumptions 3.1-3.3 and 3.6 hold. Then there
exists an adaptive continuous partial-state feedback controller in the form (3.7), such that

(i) the origin solution of the closed-loop system is globally stable in probability;

(ii) the states of the original system converge to the origin, and the other states of the closed-loop
system converge to some finite value, both with probability one.

About the main theorem, we have the following remark.

Remark 4.2. From Claim (i) and the former part of Claim (ii), we easily know that the original
system is globally asymptotically stable in probability.

Proof. To complete the proof, we will first construct an adaptive continuous controller in the
form (3.7) for system (3.1). Then by applying Theorem 2.3, it will be shown that the theorem
holds for the closed-loop system.

First, let us define © = 64 max{b/a,1/a* a®}, where a and b are the same as in
Assumption 3.3 and Proposition 3.11, respectively. The estimate of © is denoted by ©(t),
for which the following updating law will be designed:

o= T<x,é), 0(0) =1, (4.1)

where 7(x, ©) is a to-be-determined nonnegative smooth function which ensures that o) >
1, forallt > 0.

We would like to give some inequalities on above defined © for the sake of use in
the later control design. Noting O > 1 (see Proposition 3.4) and max{1/a* a*} > 1, for
all a > 0, it is clear that © > 1. Moreover, since p; > 1,i = 1,...,n — 1, there hold
1< (@&-4p1---pi)/@p1---pi—-1) <0< 4/Bp1---pi—-1) <2,i=1,...,n-1, and hence
O > O gl-4-p)/Up-p) and © > © g/ Gr-pi-1),

Remark 4.3. As will be seen, mainly because that the definition of new unknown parameter
© is essentially different form that in [17, 21, 22], the overparameterization problem that
occurred in the works is successfully overcome.

Next, we introduce the following new variables:

p1-pi-1 p1-pi-1 A .
Z1 = X1, zi = X; -a, <x[i_1],@>, i=2,...,n, (4.2)

and the actual control law u = an(x,(:)), where a; : R‘' xR — R, i =1,...,n are continuous
functions satisfying a;(0,©) = 0, for all © € R. In the following, a recursive design procedure
is provided to construct the virtual and actual controllers a;’s. For completing the control
design, we also introduce a sequence of functions {W;, i =1,...,n} as follows:

1 Xi e\ 41/ (pr-pic1)
Wi=gz,  Wi= f (sremo—ay ) s, 0223, (43)
o1
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Similar to the corresponding proof in [18], it is easy to verify that, foreachi=1,...,n, W;is
C2 in all its arguments, W; = 0 when z; = 0, W; > 0 when z; 20, and W; — +o0 as |zi| — +oo.

Step 1. Choose Vi = Vo + W + (a/2)©? to be the candidate Lyapunov function for this step,
where © = O — O denotes the parameter estimation error. Then, along the trajectories of
system (3.1), we have

3 ~ 2
LVi = 2V + 2} (il + chiza + i) + S7181 g1 - ad®. (4.4)
By Proposition 3.4 and Lemma 2.4, we have following estimations:

21 < Bz Pl + 280l + bl (x0)
< %|z1|3|352|171 + %54(11)",1"4 + %64/32‘1l +§g01(x1)z‘11, ws)
%'A'?gfgl < %Z%@z(ﬁ(n)llnll + el (1) |
< %64 (n) ||11||4 + ;642‘11 + 3§2¢%(x1)z‘11,

from which, (4.4), Proposition 3.11, and the facts 0>1,a0 > max{b, 64, 1/a%} > 1, it follows
that

LV < -n6*(n) ||11||4 +d1z3z + %|21|‘°’|xz|p1 +diZ3al" +a®py(x1)z] - 200

n d \
< -né6*(1n) ||11||4 - Ez‘f +d1z3z + ?1|zl|3|x2|p1 + dlzfcx’f
+a@<n—1+§ +p1(x1))z‘11—a(:)(i) (4.6)

4 n d .
<-ns* (n)||nll" - =t + diziza + Fl (el + sign(z)a]’)
d1 P 5 ~ P A
+ azf(Ea’fl + @(n -1+ i +p1(x1))21> + a@(’rl <x1,@> - @),

where p1(x1) = 6 + @1(x1) + @o(x1) + 3¢3(x1) and 7 = (1 — 1+ (5/4) + p1(x1))z]. It will be
seen from the later design steps that a series of nonnegative smooth functions 7x (x[k],é),

k =2,...,n,are introduced so as to finally obtain the updating law of ©, thatis, © = 7 = T,,.
Mainly based on (4.6), the virtual continuous controller a; is chosen such that

1 A - 5 A
(X’; = —2@)L1(x1) ! <n -1+ Z + pl(x1)>z1 =: —hl <x1,@>zl, (47)

and such choice makes (4.6) become

~ 3—
2V, < -6t ()]l = 2521 + a8 (1 - ©) + 58y (xi) | 3z2 (48)
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Remark 4.4. 1t is necessary to mention that in the first design step, functions p; and h; have
been provided with explicit expressions in order to deduce the completely explicit virtual
controller a;. However, in the later design steps, sometimes for the sake of briefness, we will
not explicitly write out the functions which are easily defined.

Inductive Steps. Suppose that the first k-1 (k = 2,...,n) design steps have been completed. In
other words, we have found appropriate functions a;, 7;, i = 1,..., k — 1 satisfying afl"'pi =
~hi(x,0)z; and 7; = Z;zl (n—-j+(5/4)+ p,-(x[,-],(:)))z? for known nonnegative smooth
functions h;, pj, j = 1,...,i, such that

_ k-1 _ klans R
LYy < —(n—k+ 28 () )] - L2 <“@ ) aw1> (71-0)

3
A (4.9)

3= D
+ Eeﬂk*l (x[k])|2k—1|(4pl Pr-2=1)/p1-pr-2

Prk-1 _ _Pk-1
Xk

for the candidate Lyapunov function Vi1 (x[k-1], @).
Let Vi = Vi1 + Wi be the candidate Lyapunov function for step k. Then, along the
trajectories of system (3.1), we have

ow
LW, = = @ dpz 4P1 Pra-1)/pr- Pk1<xk+1 _ak ) +d, Z(4P1 Pr-1-1)/p1pia o

(4.10)

k=1 Kk k 2
pr-prr1)/prop W, 1 Tawk
+ oz TR R ox, <dx1+1+f1> —E E

i=1

Just as in the first step, in order to design ax, one should appropriately estimate the last
four terms on the right-hand side of above equality and the last term on the right-hand side
of (4.9), as formulated in the following proposition whose proof is placed in Appendix B.

Proposition 4.5. There exists nonnegative smooth function py : R* x R — R¥, such that

e Low, : 1S oW
LU Dl g Z "(d, A f,-)+§le_Zng axaalc( &
i=1j=1

Pk-1 Pk-1
k

3_
b 2Bt () g [P

k-1
< Bejgyirr o pe S )l + g o2t + 0Ozt (x10,O).
i=1
(4.11)



12 Mathematical Problems in Engineering

Then, by (4.9), (4.10), and Proposition 4.5, we have

4k k= R
2V <—tn-k+ 16 () ] - AT < ZZ—@(T’“‘@)

i=1 i=1

ow, “ -1 di _w 1
+ a@k®+d (p1-pea-1)/p1- pkl<xiil aPk) 4 2k I((Pl Pr-1-1)/pr- P e [P

+dk (4p1-pr-1-1)/p1-Pr a* +a@kak< é)

k _ .
<k sl - A St (6~ 300 ) (7 0)

[13
(Ap1-pr-1-1)/p1-pra d Pk (:) 1/P1 Pr-1 k 5 é
+ azk 2[1 + n—-—K+ Z + Pr\ X[k], )

4P1 Pr1=1)/pr-pr-1 [ px Pk dk (4p1-pra-1)/p1Pi- . Pr
+diz Xjy — X 7|Zk| Prpe PPt | g [PF + sign(zi)a,

k-1
ow;
+ —Tk + Tk — T
50 k ;a@(k kl)

(4.12)

where 7 = 71 + (n — k + (5/4) + pi) ;.
Observing that a nonnegative smooth function yx : RF x R — R can be easily
constructed such that

oW Ml 1 R
_ka Zl (T = Tk-1) < 1 3212 + azk}fk< ,@), (4.13)
if we design the continuous virtual controller aj such that
. ~ 5 . N P1Pk-1
pP1Pk _ _y“P1Pk-1 _ e
a, =M <2@ (n k+ 1 1P <x[k1,@>) + Yk <x[k],®>> Zk w14

= —hk <X[k], é) Zk,

(obviously, h is a strictly positive smooth function), then (4.12) becomes

> (m- > (4.15)

2V, < —(n—k+ D6 () ]l - PR S (a@ Z

3
a i=1

3_
+ Ee.“k (xqs1) ) |z | PP D /PP | o

P _ Pk
k1 T % |
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Noting the arguments in the last design step, we choose the adaptive actual continuous
controller u : R* x R — R as follows:

u= an<x,©>,

(5,0),

from which, (4.15) with k = n and the aforementioned x,.1 = u, X[s+1] = x, it follows that

(4.16)

(0))
Il
N]
/N
8
(0))
N—
Il

1 n
2V, <=6* () |lnll* - = Xzt
i=1

s 1 1 - BN (4.17)
=<8 )l - gt = 2 (e -l ")
1=

= =W(n,x),

where W (1, x) is a smooth function.

With the adaptive controller (4.16) in loop, we know that [0, ...,0, @]T e Rmm+l ig
the origin solution of the closed-loop system. Thus, from Theorem 2.3 and (4.17), it follows
that the origin solution is globally stable in probability; furthermore, since W (1, x) is positive
definite which can be deduced from the expressions of W(,x) and &/ ™™ (i = 1,...,n- 1),
it follows that P{lim;_ .. (||[7(H)|| + ||x()|]) = 0} = 1, and in terms of the similar proof of
Theorem 3.1 in [6], one can see that the state © converges to some finite value with probability
one. O

We would like to point out that the adaptive control scheme given above can be used
to remove the overparameterization in the recent works [17, 21, 22], where the number of
parameter estimates is not less than n + 1. For this aim, it suffices to introduce another new
unknown parameter like © defined before, and the design steps are quite similar to those
developed earlier and do not need further discussion.

5. A Simulation Example

Consider the following three-dimensional uncertain high-order stochastic nonlinear system:

dn = —<1 + 114> ndt + 0x; sin x,dt + x1dw,
dx; =0(2-0.2sin xz)xgdt + 0x1 cos(37)dt + 2nx1dw, (5.1)
dx, = 20udt + 20nx;dt + qudw,
where 6 > 0 is an unknown constant.

It is easy to verify that system (5.1) satisfies Assumptions 3.1 and 3.6 with V; (1) =
k1(n) = x2(n) = n*, vi(n) = m(y) = 1+74* and 6*(n) = (1 + 7%)*. Assumption 3.2 holds

with |61 cos(3n)| < Bxal, 21| < Slal + lxily/1+ 22, [26mx] < Ol + Pxaly/1+22),
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Figure 1: The trajectories of 7, x1, x».

104 10-3 1072 107! 10° 10! 102

Time (s)

Figure 2: The trajectory of ©.

and |07%| < 06(n)|n|. Assumption 3.3 holds with ali(x1) = ala(xp)) = 6, and api(x1) =
aps(xpy) = 2.20. Therefore, in terms of the design steps developed in Section 4, an adaptive
partial-state feedback stabilizing controller can be explicitly given.

Let 6 = 1.2 and the initial states be 7(0) = 2, x1(0) = 1, and x,(0) = -2.5. Using
MATLAB, Figures 1 and 2 are obtained to exhibit the trajectories of the closed-loop system
states. (To show the transient behavior more clearly, logarithmic X-coordinates have been
adopted.) From these figures, one can see that 7, x1, and x, are regulated to zero while e)
converges to a finite value, all with probability one.

6. Concluding Remarks

In this paper, the partial-state feedback stabilization problem has been investigated for a
class of high-order stochastic nonlinear systems under weaker assumptions than the existing
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works. By introducing the novel adaptive updated law and appropriate control Lyapunov
function, and using the method of adding a power integrator, we have designed an adaptive
continuous partial-state feedback controller without overparameterization and given a simu-
lation example to illustrate the effectiveness of the control design method. It has been shown
that, with the designed controller in loop, all the original system states are regulated to zero
and the other closed-loop states are bounded almost surely for any initial condition. Along
this direction, there are a lot of other interesting research problems, such as output-feedback
control for the systems studied in the paper, which are now under our further investigation.

Appendices
A. The Proof of Proposition 3.11

It is easy to verify that the first assertion of Proposition 3.11 holds when g(s) is chosen to be
positive, ¢!, and monotone increasing. Thus, in the rest of the proof, we will find such g(s) to
guarantee the correctness of the second assertion.

First, as defined in Proposition 3.11, V(1) = j(f/ ot g(s)ds, where g(s) is C! and, for
simplicity, 4(s) := dq(s)/ds. Thus by Assumption 3.1, we have

LV (1) = —= O(H) %'T {ggéig%gﬂzgn}

: <o<n>>a oo {88 (4(To) G2 52+ a(Bo) 5% )
(o) (o3t ;zgo}) 1<Vo<n>>

( ) (@ nll* +57Cext) + 2a(To(n) (v () 1nll* + Bae) ).

(A1)

8o a—’lT

I/\

The following proceeds in two different cases in which [ is the same as in Assumption 3.6.

(i) Case of vy ()l l|* = B (xr)

For this case, from (A.1), we have

2vi(n) <~ - Da (Vo) Jor ) Il + 5 (Fo) Yn Gl + (Vo) Y
(A.2)

Let Ii(s) = 1/4(x7'(s)), L(s) = &(x;(s))/¢(x;"(s)) for the same ¢ and ¢ as in
Assumption 3.6, and as done in [9], denote

n+1

qls) = 22 ;%“@“< g(0) - flﬂﬂe%“”“m> (A.3)
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by q(0) = ((n+1)/(1=1))(&(0) + [y e o176 Mdrqe (71 (r))) > 0. Then, it is easy to see that

(5) = h($)4(9) - T (5)

s
_ n+ 111(5)615 L(r)dr <1__iq(0) — f lz(r)e—f(; l1(T)der _ ﬂe—jg ll(T)dT>'
n+

1 (A.4)
1-1 o Ih(s

Moreover, noting the above definitions of /1, [, and using integration by parts, we have
foralls >0

’ r L(s) _p
fo h(n)dr 2 [ h(r)dr
fo L(r)e dr + ll(s)e

_ —g(kl‘l(r)>e‘f5 L (r)dT

Z + Jj e lihmdr gz <1<{1 (r)> + §<k1_1 (S)> o~ o hmdr (A5)

S 1-1
- = Jo (/40! ()dr -1
¢(0) + fo e RNy (1 (1)) < —

9(0),

which together with (A.4) concludes that 4(s) > 0, for all s € R*, and therefore, g(s) is
positive, C!, and monotone increasing on R*.
Furthermore, from (A.4) and the definitions of I1, I, ¢, and ¢ we yield

@ -0q(Tom) w1 (n) - 5 (Tt )i (n) - 5a(Vo())va(n) = (n+ )6 (), (A6)
which together with (A.2) results in
£Vo () < ~(n+1)5* () |n]|". (A7)
This shows that the second assertion of Proposition 3.11 holds for this case.

(ii) Case of vy () |Ill* < ba(x;)x?

In this case, it is not hard to find a X, function x;,(-) and an unknown constant by >0
satisfying ||77]| < Elxn(|x1|). Then from (A.1), we get

2Vo(n) <=1~ Dq(%o(m) Y ) Inll* + 54 (Vo) )va )1l + B (Vo () Yy ot

+ %Eq <\70 (q))ﬁ(xl )xi.
(A.8)

Choosing the same g(s) as in the first case and in view of (A.6), we have

(1 - Da(%o(n) )i () = 5a(%om) Y wan) = (n+ 1)5* (). (A9)
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From this, (A.4) and (A.8), it follows that

2Vo(n) < ~(n+ D6 () ]| + Ba (Vo) )atenxt + 554 (Vo(n) )atxa)et

.o 5 (A.10)
<—(n+1)8 (n)||n||* + b<1 + 511(0))q<1<2<b11<,1(|x1|)>)E(xl)x‘ll

which shows that second assertion of Proposition 3.11 holds for this case by letting b = b(1 +
-2 _ — . 7
q(r2(b1))) (1 + (1/2)1(0)) and @o(x1) = a(x1)(1 + q(rez (x5 (|x11)))). (Since 0 < by (Jxa]) <

(1/2)(5? + x5 (|x1]) < Ei when b; > x;(|x1]), and otherwise 0 < Elkq(|x1|) < %y (|x1]), from the
fact that g(-) and x,(-) are positive and monotone increasing functions on R*, it follows that

4(x2 By (1x]))) < g2 (By) + q(e2 (3 (1xa]))) < (1+ 4ra(by))) (1 + q(e2 (x5 (1x1])))).)

B. The Proof of Proposition 4.5

We first prove the following proposition.

Proposition B.1. For k = 2, ..., n, there exist smooth nonnegative functions ak(x[k],@),
Ck(x1x),©), and Dy (x[k+1), ©), such that

=~

k
ler| <op (x[k],é)lerll/(Pr-wm),
r=1

r=1

oal) "
— | <@ (511 0) (S0llall+ 321,
Pl . (B.1)
Bxox, S8 <O Gi(x < )l +r§|zrl>,
aapl Pk ) - R i+1
s (diadly + £) | < @Dk (xpca), ©) <5(71) 7]l + ler|>,
1 r=1
wherei=1,...,k, j=1,...,k, and O is the same as in Proposition 3.4.
Proof. The first claim obviously holds when k = 2, because of the following inequality:
~ 1/p ~
x| + |2 < |zq] + |Zz +z1h <x1,@1>| 1 <o <x[2],@1> <|Z1|1/p1 + |Zz|1/p1> (B.2)

and can be easily proven in the same way of Lemma 3.4 in [19].

Based on Lemma 2.4 and Proposition 3.4, the proof for the last three claims is
straightforward (though somewhat tedious) and quite similar to the proof of Lemma 3.5 in
[19] and is omitted here. O

Next, in view of Proposition B.1, we complete the Proof of Proposition 4.5 by estimating
each term of the left-hand side of (4.11).
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From Propositions 3.4 and B.1, we have

g — d P — e
Z](<4P1 pr-1-1)/p1 Pkflfk < 7k|zk|(4p1 pr-1-1)/p1 Pk—llxk+1|Pk +@|Zk|(4pl Pr1-1)/p1 Pk—lé(ﬂ)”ﬂ”

k
+ @‘i)k (x[k] )O'k (x[k], @) |Zk|(4P1"'Pk71*1)/P1"'Pk71 Z|Zi|1/P1"'Pk71
= (B.3)
1 k-1
|Z |4p1 Pr-1-1)/p1- Pkllxk 1|Pk + = 64(11)”71” _

6a® i=1

+ a@zipk,l (x[k],é>,

where and whereafter pi ;i (x[x], é), i=1,...,4 are nonnegative smooth functions and can be
easily obtained by Lemma 2.4, and for the notional convenience, their explicit expressions are
omitted.

From Lemma 2.6, Propositions 3.4 and B.1, and the expression of W given by (4.3),
we have

k-1
aWk<
dix + )
P ax1 i+1 fl
k-1| pxx BprPr-1-1)/p1-Pr-1 60{’”1 Pt
<[ () ]| T (@t )
i=1 | Xk-1
k-1 — R irl
< > 81z’ ®Dk1 (x11, ©) ( 6 1mll + >3]
i=1 j=1
<Ll + 2 STet + a0t 6
< 26" (n) |||l +_3ZZi +a09z pra( X[k, 9 ),
3 6
a3
264 i Bx; ox; xiox; &
k-1 k-1| pxx Gpr-pra-1)/pr-pr az P1-Pr-1
<2 <SP1"'Pk—1 _ar’l'"r’k—1> dsl| - Tk T,.
e f k-1 0x;0x; 8i &
i=1 j=1 Ji
o™ @pr--pr-1=1)/pr-pra dalt Pt
+6 J. <S”l""’k’1—a§71 p’“) 1 ds| - 7’5’1‘ gi
i=1 j=1]¥ Tk-1 Xi
ool Kt k-1|| 9Pt Pt
k-1 3p1-pra—1)/prepie k1
“ox, S| TS, sl
i=1

3p1--proi=1)/ pre-Pie =1 2
+2p1 -+ et |z | CP P D PP g PP g |
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. R k-1
<4(k - 1)*|z'© Cra (X[k—l]/9> <52 (n) ||’1||2 + Z|Zf|>
r=1

r=1

. R k-1 2
+12(k - ])2Zi@ Ci—l <X[k,1],@> <6(1])”1]” + Z|Zr|>

o R k-1
+4(k - 1)B)|zx| PPV ppiacy (X[k71119> <6(q) 7] + Z|2r|> Il gl
r=1

3p1--proi=1)/ pre-Pie e =1 2
+2p1 -+ et |z | CP P D PR g PP g |

1 . 1 k-1 ~
<30 )l + @EZ? +a0z{pis (x10,©).

(B.4)
For the last term, by Lemma 2.6, we get
3= e Pa=1)/py . .
5O (xig) [z [P PR -
< 36#1(71 (x[k])|Zk71|(47!’1-~-pkfz*1)/(r11~-~pkfz) . |Zk|1/(P1-~'Pkfz) (B.5)

1 -
< mzi_l + a@zipu (x[k],@>.

So far, by choosing px = 3+, pk.i, the proof of Proposition 4.5 is finished.
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This paper deals with the problem of stabilization for a class of networked control systems (NCSs)
with random time delay via the state feedback control. Both sensor-to-controller and controller-to-
actuator delays are modeled as Markov processes, and the resulting closed-loop system is modeled
as a Markovian jump linear system (MJLS). Based on Lyapunov stability theorem combined with
Razumikhin-based technique, a new delay-dependent stochastic stability criterion in terms of
bilinear matrix inequalities (BMlIs) for the system is derived. A state feedback controller that makes
the closed-loop system stochastically stable is designed, which can be solved by the proposed
algorithm. Simulations are included to demonstrate the theoretical result.

1. Introduction

Feedback control systems in which the control loops are closed through a real-time network
are called networked control systems (NCSs) [1]. Recently, much attention has been paid
to the study of stability analysis and controller design of NCSs [2, 3] due to their low
cost, reduced weight and power requirements, simple installation and maintenance, and
high reliability. Consequently, NCSs have been applied to various areas such as mobile
sensor networks [4], remote surgery [5], haptics collaboration over the Internet [6-8], and
automated highway systems and unmanned aerial vehicles [9, 10]. However, the sampling
data and controller signals are transmitted through a network, so network-induced delays in
NCSs are always inevitable [11, 12].

One of the main issues in NCSs is network-induced delays, which are usually the
major causes for the deterioration of system performance and potential system instability
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[13]. For different scheduling protocols, the network-induced delay may be constant, or
time-varying, but in most cases, it is random [14]. Hence, systems with random time delay
attract considerable attention [15-18]. Based on stochastic control theory and a separation
property, the effect of random delay is treated as an LQG problem in [15]. However, the
network-induced random delay has to be less than one sampling interval. The results in
[15] have recently been extended to the case with longer delays in [16]. It is noted that
the given controller depends only on sensor-to-controller delay. In [17], a control problem
for Bernoulli binary random delay is considered, and a linear matrix inequalities (LMIs)
problem for the analysis of stochastic exponential mean square stability is established. The
model-based NCSs with random transmission delay is studied in [18]. Sufficient conditions
for almost sure stability and stochastic exponential mean square stability are presented.

On the other hand, the study of stochastic systems has attracted a great deal of
attention [19-38]. Some of these results are applied to networked control systems with
random time delays [39—43]. In [39, 40], the network-induced random delays are modeled
as Markov chains such that the closed-loop systems are jump linear systems with one mode.
It is noticed that in [39], the state feedback gain is mode independent, and in [40], the state
feedback gain only depends on the delay from sensor to controller. Recently, stabilization of
networked control systems with the sensor-to-controller and controller-to-actuator delays are
considered in [41]. In [42, 43], a class of Markovian jump linear systems with time delays both
in the system state and in the mode signal is considered. Based on Lyapunov method, a time-
delayed, mode-dependent, and state feedback controller such that the closed-loop system is
stochastically stable is designed. It is noticed that the time delay in the mode signal is constant
in [42, 43], and the time delay in the mode signal is random. It is worth pointing out that in
all of the aforementioned papers, the plant is in the discrete-time domain. To the best of the
authors’ knowledge, the stability and stabilization problems for NCSs with the plant being
in the continuous-time domain have not been fully investigated to date. Especially for the
case where both sensor-to-controller and controller-to-actuator network-induced delays are
random and longer than one sampling interval, very few results related to NCSs have been
available in the literature so far, which motivates the present study.

The aim of this paper is to consider a class of networked control systems with
sensors and actuators connected to a controller via two communication networks in the
continuous-time domain. Two Markov processes are introduced to describe sensor-to-
controller transmission delay and the controller-to-actuator transmission delay. Based on
Lyapunov stability theorem, a method for designing a mode-dependent state feedback
controller that stabilizes this class of networked control systems is proposed. The existence of
such a controller is given in terms of BMIs, which can be solved by the proposed algorithm.

This paper is organized as follows. In Section 2, the problem is stated and some useful
definitions and lemmas are given, and then the main results of this paper are given in
Section 3. Simulation results are presented in Section 4. Finally, the conclusions are provided
in Section 5.

Notation. R" denotes the n-dimensional Euclidean space, and I is identity matrix. AT stands
for the transpose of the corresponding matrix A. The notation A > 0 (A > 0) means that
the matrix A is a positive semidefinite (positive definite) matrix. For an arbitrary matrix Y
and two symmetric matrices X and Z, [X V] denotes a symmetric matrix, where * denotes
a block matrix entry implied by symmetry, and || - || refers to the Euclidean norm for vectors
and induced 2-norm for matrices. E(-) stands for the mathematical expectation operator, and
IP(-) for probability operator.
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Figure 1: [llustration of NCSs over communication network.

2. Problem Formulation

Consider linear systems described by the differential equation
x = Ax(t) + Bu(t), (2.1)

where x(t) € R" is the state vector, and u(t) € R™ is the control input. Matrices A and B are
known matrices of appropriate dimensions.

The plant is interconnected by a controller over a communication network, see
Figure 1. The sensor and controller are periodically sampled with the sampling interval T. We
describe the sensor-to-controller transmission delay as 7. (r¢) and the controller-to-actuator
transmission delay as 7., (7;). The mode switching of 7. (7;) is governed by the continuous-
time discrete-state Markov process r; taking the values in the finite set g, := {1,..., N, } with
generator A = (\;j), i,j € g, given by

Xijh +o(h), i#],
Plrun=j|r=i] = (22)
1+)Liih+0(h), i Zj,

where \;; is the transition rate from mode i to j with A;; >0 wheni#;j and \;; = - Z]]\i'l iz Aij,
and o(h) is such that lim,_go(h)/h = 0. The mode switching of 7..(7;) is governed by
the continuous-time discrete-state Markov process #; taking the values in the finite set

6y =1{1,..., Ny} with generator I'l = (7r1), k,I € g, given by

wah +o(h), k#1,
Pl =11 mi=K] = (2.3)
1+mgh+o(h), k=1,

. N,
with orig > 0 and o = - 3] 15k KL
Throughout the paper, the following assumption is needed for the considered
networked control systems.
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Figure 2: Illustration of the time delay.

Assumption 2.1. The switching difference of consecutive delays is less than one sampling
interval, that is,

HJ)(|Tsc(rtk+1) — Tsc (Ttk)| 2 T) =0,

]P)(|Tca (Tltkﬂ) ~ Tca (ﬂtk)| 2 T) =0,

(2.4)

where t; = kT is the kth sampling instant.

Remark 2.2. Although Assumption 2.1 restricts that the switching difference of consecutive
delays is less than one sampling interval T, this does not imply that the network delay s (r¢,)
and Tc, (7, ) are less than T.

According to Figure 1, for t; <t < tx.1, the control law has the form:
u(t) = K(r, 1) x (b = Tec (1) = Tea (1) )- (2.5)
Define the time delay 7(r;, 77;) as follows:

T(re, 1) =t =t + Toc(11) + Tea (1t), (2.6)

which can be illustrated by Figure 2.
Then, we have

u(t) = K(r, m)x(t = 7(r, 1r))- (2.7)
The associated upper bounds of 7(r;, 7;) are defined as

T=T+ max Tsc (i) + max Tea(K). (2.8)
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Applying controller (2.7) to the open-loop system (2.1) results in the closed-loop
networked control system

x(t) = Ax(t) + BK (1, m)x(t = (1, 1)),
x(0) =¢(©0), 0e€l[-T,0],

(2.9)

where ¢(0), 0 € [-T,0] is the initial function.
We have the following stochastic stability concept for system (2.9).

Definition 2.3. The system (2.9) is said to be stochastically stable if there exists a constant
T(ro, 70, $(-)) such that

E[f lx(s)IPds | (ro,10, 80| < T(ro, 10, 6()), (2.10)

for any initial condition x(ry, 770, $(*)).
The following lemmas will be essential for the proofs in Section 3.

Lemma 2.4 (see [44]). Given any real matrices X1,%,, %3 of appropriate dimensions and a scalar
€ > 0 such that 33 = I > 0, Then the following inequality holds:

PHADINEDPHHTD N 2
T2 21 T 3 1 2 3 2
For the delay functional differential equation,
x(t) = f(t, x1), (2.12)
where
f:10,+00) x C([-7,0],R") — R", (2.13)
is completely continuous, f(t,0) = 0, and x;(0) is defined as
x:(0) =x(t+0), 6e€l[-r,0]. (2.14)

Then we have the following Razumikhin lemma.
Lemma 2.5 (see [45]). Suppose that u,v,w : R* — R* are continuous, strictly monotonous

increasing functions, then u(s), v(s), and w(s) are positive for s > 0, and u(0) = v(0) = 0. If
there is a continuous function V : [-T,+o0) x R* — R* such that

u(llxll) < V(t,x) <o(llxll), t€[-7,+o), xER, (2.15)
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and there is a continuous nondecreasing function p(s) > s for s > 0, and for any ty € R¥,

V(t,x) < —w(|lx[]) (2.16)

V(x(t+6,t+0)) <p(V(tx)), 6¢€[-1,0], t>tg, (2.17)

then the zero solution of (2.12) is uniformly asymptotically stable.

3. Main Results

The following theorem provides sufficient conditions for existence of a mode-dependent state
feedback controller for the system (2.9).

Theorem 3.1. Consider the closed-loop system (2.9) satisfying Assumption 2.1. If there exist
symmetric matrix Q(i, k) > 0, matrix Y (i, k), and positive scalar €1, € such that the following matrix
inequalities hold for all i € g, and k € g,

- o |<o (3.1)
* * )
1K) AQ(,K)
[ o) <o G2
—6,Q(,k) BY(i,k)
[0 S <o 39

where
J(i, k) = Q(i, k) AT+ AQ(i, k)+Y" (i, k)BT +BY (i, k) +T(e1+3€2) Q(i, k) + 1 Q (i, k) + 71 Q(i, k),
(pl(i,k)z[\/EQ(i,k),..., Xi1Q(, k), A1 QG K), ..., )Li,N,Q(i,k)],
92i,k) = [VAIQU ), ., /i 1QU k), v/ Ter1 QU ), /TN, QG K,

¢ = diag[Q(1,k),...,Q>{-1,k),Q(i+1,k),...,Q(N, k)],

g = diag[Q(i,1),...,Q(i, k= 1),QG, k +1),...,Q(i, N,)],
(3.4)

with P(i,k) = Q1(i, k), then the system is stochastically stable with the state feedback gain:

K@i, k) =Y(i,k)Q' (3, k). (3.5)
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Proof. Consider the following Lyapunov candidate:
V(x(t), ri,me) = xT (0P (ri, me) x(8), (36)

where P(r;, 1) is the positive symmetric matrix. From (3.6), it follows that

Billx(®) <V (x(t), 11, m1) < Ballx(DIP, (3.7)
where
pi = in, gq)tmin(P(rt/ m)),
(3.8)
B = nelg}%égqlmax(P(n,m)).
Note that
0
x(t—7(rr,m1)) :x(t)—f x(t+0)do
- (rem)
(3.9)

0
=x(t) - J‘ [Ax(t+6),+BK (1, m:)x(t — (s, 1) + 6)] 6.
—T(frﬂlt)
Thus, the closed-loop system (2.9) can be rewritten as

0
x(t)= [A+BK (1, ;)] x(t)-BK (11, 11) [Ax(t+6) + BK (e, 1) x(t = 7(r, 1) +6)] 6.
= (rr

(3.10)

Let £(-) be the weak infinitesimal generator of {x(t),r:,7;,t > 0}, thenforr, =i €g,, s =k €
6y, we have

LV (x(t),i,k)
r N’I
=xT (P3G, k)x(t) + xT ()P, k)x(t) + %Aiij(t)P(j, k)x(t) + Y max" (8 P(i, D) x(t)
j=1 I=1
Ny N’I
+xT(t) [ATP(i, k)+ P(i,k) A+ K" (i, k)B"P(i, k) + P(i, k) BK (i, k) + > \;; P(j, k) + > 7P (i, I) | x(t)
j=1 I=1
-2 fﬂ {x"(H)P(i, k)BK (i, k) x [Ax(t + 0) + BK(i, k)x(t — 7(i, k) + 0)] }d6.
-7 (ik)
(3.11)
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According to Lemma 2.4, we have

) fo {xT(t)p(i, kK)BK (i, k) x [Ax(t +0) + BK(i, k)x(t — 7(i, k) + )] }de
—7(i,k)

<7(i,k)[e;'x" (H)P(i,k)BK (i, k) AP (i, k) x ATK" (i, k) B P(i, k) x(t) + €' x (t)
x P(i,k)BK (i, k) BK (i, k)P~ (i, k) KT (i, k) x BTKT (i, k)BT P(i, k) x(t) ]

0
+€ IO xT(t+0)P(i, k) x(t+0)dO+e; f xT (t—7(i, k) +0)P(i, k) x(t-7(i, k) +6)d6.
- -7(i,k)

7(i,k)
(3.12)
From (3.2), (3.3), and Lemma 2.5, we can obtain
APY(i, k) AT < e,P71(i, k),
(3.13)
BK (i, k)P~ (i, k)KT (i, k)BT < e,P71(i, k),
which yields
0
- zf {xT(t)P(i, K)BK (i, k) x [Ax(t + 0) + BK (i, k)x(t — 7(i, k) + 0)] }de
—7(i,k)
0
<27(i, k)erxT ()P (i, k)x(t) + €1 f xT(t +0)P(i, k)x(t + 8)d6 (3.14)
—-7(i,k)

0
+€2J xT(t—T(i, k)+0)P(i, k) x x(t — 7(i, k) + 6)do.
-7(i,k)
Following Lemma 2.5, for —27 < 6 < 0, we assume that for any 6 > 1, the following inequality

holds:

V(x(t+0), 70, M0) <OV (x(t),11,1), (3.15)
then we have
LV (x(t),1, k) < xT () (7 (i, k), 8)x(t), (3.16)
where (7 (i, k), §) is given by
H(r(i,k),6)
= ATP(i, k) + P(i,k)A + KT (i, k)BT P(i, k) + P(i,k)BK (i, k) + %Aijp( i k) 517)
N

1
+ 3 P, 1) +27(, k)e2P(i, k) + 7(i, k)er 6P, k) + 7(i, k)e26P(i, k),
1=1
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for some positive scalars €; and ¢,. before and after multiplying H(7(i, k), 5) by Q(i, k) =
P71(i, k) and its transpose, it gives

H(7(i, k), 6)

Nr
= Q(i, k) A" + AQ(, k) + Q(i, k)K" (i, k)B" + BK (i, k)Q(i, k) + Q(i, k) D \ij P(j, k) Q(i, k)
j=1

N’l
+Q(, k)ZJZ'kIP(i, DQ®, k) +27(i, k)exQ(i, k) + 7(i, k)e16Q(i, k) + 7(i, k)e26Q(, k).

=1

(3.18)
Since
0<7(i,k)<T, (3.19)
we have from (3.16) that
LV (x(t),i,k) < xT(£)H (T, 6)x(t). (3.20)
From (3.1) and Lemma 2.5, it follows that
H(T,6=1)<0, (3.21)
which is equivalent to
H(T,6=1) <0. (3.22)

Using the continuity properties of the eigenvalues of # with respect to 6, then there exists a
6 > 1 sufficiently small such that (3.21) still holds. Thus, for such a 6, we have

H(T,6) <0, (3.23)
which yields
LV (x(t), 11, 1) < Bllx(®, (3.24)
where
= _min [Anin(-#(T,5))] > 0. (325)

i€gr, kegy
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Applying Dynkin’s formula, we have

¢
E[V(x(t),i,k)] - E[V (x0,70,10)] = E{L [LV (x(s),1s,1s)ds | x0,T0, 110]}

; (3.26)
-pE *ds | xo0,70, 70| -
<-p {fo [Ikx()1Pds | xo, 70,70 }
Note that
E[V(x(t),i,k)] 20, (3.27)
Then we can obtain
t t
ﬁE{f [le(s)llzds | xo, 10, 110] } <E[V(x(t),i,k)] + ﬁ]E{f [||x(s)||2ds | xo,ro,qo] }
° 0 (3.28)
< E[V(XQ,T(),TI())].
This completes the proof. O

Remark 3.2. In case of constant transmission delay, that is, Tsc (1) = Tsc, Tea (1) = Tea, Aij = 0,
and iy = 0, Theorem 3.1 can be directly applied to systems with constant delay.

It should be noted that the terms e1Q(i, k) and €,Q(i, k) in (3.1)—(3.3) are bilinear.
Therefore, we propose the following algorithm to solve these bilinear matrix inequality
problems.

Step 1. Set Qo(i, k) > 0, and Y (i, k) such that the following LMI holds:
TG, k) @i k) @a(ik)
* - 0 <0, (3.29)

* * ()
where
T, k) = QG, k) AT + AQ(i, k) + YT (i, k)BT + BY (i, k) + 1;Q(i, k) + 7k Q (i, k). (3.30)

Step 2. For Q(i, k) > 0 given in the previous step, find €15, €2, and Y;(i, k) by solving the
following convex optimization problem:

max T(Y (i, k), €1,€2),
Y(i,k),sl,ez (3 31)

s.t.  (3.1)—(3.3) hold for Q(i, k) > 0 fixed.
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Step 3. For Y (i, k), €2, and €; given in the previous step, find Qs(i,k) > 0 by solving the
following quasiconvex optimization problem

T(Q(i, k)),
Jmax, 7(Q(i, k))

s.t.  (3.1)-(3.3) hold for Y (i, k), €, and € fixed.

(3.32)

Step 4. Return to step 2 until the convergence of 7 is attained with a desired precision.

Remark 3.3. For a given Q(i, k), the considered optimization problem consists of minimizing
an eigenvalue problem which is a convex one. On the other hand, for given Y (i, k), €; and
€>, the considered optimization problem consists of minimizing a generalized eigenvalue
problem which is a quasiconvex optimization problem. Therefore, the proposed algorithm
gives a suboptimal solution.

4. Simulations

In this section, simulations of the position control for robotic manipulator ViSHaRD3 [46]
are included to illustrate the effectiveness of the proposed method. Combining computed
torque feedback approach [47] with friction compensation, the system is decoupled into three
systems. The first and second joints of the ViSHaRD3 are

41 21 o

and the third is

%[Z] B [(1) -}10] lg "

For simplicity, we only discuss the third joint of ViSHaRD3. Suppose that the sampling
interval is T = 0.01 s, and the Markov process r; that governs the mode switching of the SC
delay takes values in ¢, = {1,2} and has the generator

A= [‘3 3 ] (4.3)

?] u(d). (4.2)

2 -2

and the Markov process 7; that governs the mode switching of the CA delay takes values in
1 = {1,2} and has the generator

= [‘1 1 ] (4.4)

Associated with modes 1 and 2, let the system have time delay 7,.(1) = 0.03s,
Tea(1) = 0.02s and 74 (2) = 0.025 s, 7ca (2) = 0.0155s, respectively. From (2.8), we have 7 = 0.06s,
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System state

Figure 3: State response of closed-loop system.

and the initial condition is ¢(0) = [-1,0]", 6 € [-0.06,0]. By the proposed algorithm and
Theorem 3.1, we can obtain the controllers as follows:

K(1,1) = [-645.0596 —15.9109],

K(1,2) = [-623.3689 —15.4999],
(4.5)
K(2,1) = [-575.1361 —14.2296],

K(2,2) = [-616.8428 —15.3049].

The simulations of the state response and the control input for the closed-loop system
are depicted in Figures 3 and 4, respectively, which shows that the system is stochastically
stable.

5. Conclusions

In this paper, a technique of designing a mode-dependent state feedback controller for
networked control systems with random time delays has been proposed. The main
contribution of this paper is that both the sensor-to-controller and controller-to-actuator
delays have been taken into account. Two Markov processes have been used to model these
two time delays. Based on Lyapunov stability theorem combined with Razumikhin-based
technique, some new delay-dependent stability criteria in terms of BMIs for the system are
derived. A state feedback controller that makes the closed-loop system stochastically stable is
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Figure 4: Control input of closed-loop system.

designed, which can be solved by the proposed algorithm. Simulations results are presented
to illustrate the validity of the design methodology.
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This paper is concerned with a discrete-time indefinite stochastic LQ problem in an infinite-time
horizon. A generalized stochastic algebraic Riccati equation (GSARE) that involves the Moore-
Penrose inverse of a matrix and a positive semidefinite constraint is introduced. We mainly use
a semidefinite-programming- (SDP-) based approach to study corresponding problems. Several
relations among SDP complementary duality, the GSARE, and the optimality of LQ problem are
established.

1. Introduction

Stochastic linear quadratic (LQ) control problem was pioneered by Wonham [1] and has
become one of the most popular research field of modern control theory; see, for example,
[2-12] and the references therein. In the most early literature about stochastic LQ issue,
it is always assumed that the control weighting matrix R is positive definite and the state
weighting matrix Q is positive semidefinite as the deterministic LQ problem does. However,
a surprising fact was found that, different from deterministic LQ problem, for a stochastic
LQ modeled by a stochastic Ito-type differential system, the original LQ optimization may
still be well posed even if the cost weighting matrices Q and R are indefinite [5]. Follow-up
research was carried out, and a lot of important results were obtained. In [6-9], continuous-
time indefinite stochastic LQ control problem was studied. For the discrete-time case, there
have been some works. For example, the system with only control-dependent noises was
studied in [10]. The finite time and infinite horizon indefinite stochastic LQ control problem
with state- and control-dependent noises were, respectively, studied in [11, 12].

In this paper, we study discrete-time indefinite stochastic LQ control problem over
an infinite time horizon. The system involves multiplicative noises in both the state and the
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control. We mainly use the SDP approach introduced in [9, 13] to discuss the corresponding
problem. We first introduce a generalized stochastic algebraic Riccati equation (GSARE)
that involves the Moore-Penrose inverse of a matrix. The potential relations among LQ
problem, SDP, and GSARE are studied. What we have obtained extends the results of [9]
from continuous-time case to discrete-time case.

The remainder of this paper is organized as follows. In Section 2, we formulate the
discrete-time indefinite stochastic LQ problem and present some preliminaries including
generalized stochastic algebraic Riccati equation, SDP, and some lemmas. Section 3 contains
the main results. Some relations among the optimality of the LQ problem, the complementary
optimal solutions of the SDP and its dual problem, and the solvability of the GSARE are
established. Some comments are given in Section 4.

Notations. R™: n-dimensional Euclidean space. R™™: the set of all n x m matrices. 3": the set
of all n x n symmetric matrices. A': the transpose of matrix A. A > 0 (A > 0): A is positive
semidefinite (positive definite). I: the identity matrix. R: the set of all real numbers. N :=
{0,1,2,...} and N; := {0,1,2,...,t}. Tr(M): the trace of a square matrix M. A4 the adjoint
mapping of a mapping 4.

2. Preliminaries

2.1. Problem Statement

Consider the following discrete-time stochastic system:

x(t+1) = Ax(t) + Bu(t) + [Cx(t) + Du(t)]Jw(t),

x(0)=xp, t=0,12,..., (2.1)

where x(t) € R", u(t) € R™ are, respectively, the system state and control input. xo € R" is
the initial state and w(t) € R is the noise. A,C € R™" and B, D € R™™ are constant matrices.
{w(t), t € N} isasequence of real random variables defined on a complete probability space
(Q,F, ¥, P) with ¥ = ofw(s) : s € N}, which is a wide sense stationary, second-order
process with E[w(t)] = 0 and E[w(s)w(t)] = 64, where &4 is the Kronecker function. u(t)
belongs to 1%(73”‘), the space of all R™-valued, ¥;-adapted measurable processes satisfying
E (Z;ﬁoﬂu(t)llz) < oo. We assume that the initial state xg is independent of the noise w(t), t €
N.
We first give the following definitions.

Definition 2.1. System (2.1) is called mean square stabilizable if there exists a feedback control
u(t) = Kx(t) such that for any initial state x, the closed-loop system

x(t+1) = (A+ BK)x(t) + (C+ DK)x(t)w(t),

x(0) =xp, t=0,1,2,..., (2.2)

is asymptotically mean square stable, that is, the corresponding state of (2.2) satisfies
lim; oo E[|lx(1)]|* = 0, where K € R™" is a constant matrix.
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For system (2.1), we define the admissible control set

u(t) € L2(R™),
Ui = ¥ (2.3)
u(t) is mean square stabilizing control.
The cost functional associated with system (2.1) is
J(xo,u) = D E[x'(H)Qx(t) +u/ () Ru(t)], (2.4)
£=0

where Q and R are symmetric matrices with appropriate dimensions and may be indefinite.
The LQ optimal control problem is to minimize the cost functional J(xo, 1) over u € U,4. We
define the optimal value function as

V(xo) = uief&Ed](xofu)- (2.5)

Since the weighting matrices Q and R may be indefinite, the LQ problem is called an
indefinite stochastic LQ control problem.

Definition 2.2. The LQ problem is called well posed if

—oo < V(Xo) <oo, Vxg€R" (2.6)

If there exists an admissible control u* such that V(x) = J(xo, u*), the LQ problem is called
attainable and V (xy) is the optimal cost value. u*(t), t € N, is called an optimal control, and
x*(t), t € N, corresponding to u*(t) is called the optimal trajectory.

Stochastic algebraic Riccati equation (SARE) is a primary tool in solving stochastic LQ
control problems. In [12], the following discrete SARE:

—-P+A'PA+C'PC+Q- (APB+CPD)R+BPB+DPD) (BPA+DPC)=0,

2.7
R+ BPB+D'PD >0, 27)

was studied. The constraint that R + B'PB + D'PD > 0 is demanded in (2.7). In fact, the
corresponding LQ problem may have optimal control even if the condition is not satisfied.
In this paper, we introduce the following generalized stochastic algebraic Riccati equation
(GSARE),

R(P)=-P+A'PA+CPC+Q- (A'PB+CPD)R+BPB+DPD)"(BPA+DPC) =0,
R+BPB+D'PD >0,
(2.8)

which weakens the positive definiteness constraint of R + B'PB + D'PD to positive
semidefiniteness constraint and replaces the inverse by Moore-Penrose inverse. Hence, (2.8)
is an extension of (2.7).
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2.2, Semidefinite Programming

In this subsection, we will introduce SDP and its dual. SDP is a special conic optimization
problem and is defined as follows.

Definition 2.3 (see [14]). Suppose that U is a finite-dimensional vector space with an inner
product (-,-)y and S is a space of block diagonal symmetric matrices with an inner product
(,")g.#: U — Sisalinear mapping, and Ay € S. The following optimization problem:

min (¢, x)q,

(2.9)
s.t. A(x) =A(x)+ A >0,

is called a semidefinite programming (SDP). From convex duality, the dual problem
associated with the SDP is defined as

max —(Ay,Z)g,
. (2.10)
st. S Y=¢ 7Z>0.

In the context of duality, we refer to the SDP (2.9) as the primal problem associated with
(2.10).

Consider the following SDP problem:
(P) max Tr(P),

-P+A'PA+C'PC+Q A’PB+C’PD] . (2.11)
> 0.

s.t. A(P) = , ) ) )
B'PA+D'PC R+B'PB+D'PD

By the definition of SDP, we can get the dual problem of (2.11).
Proposition 2.4. The dual problem of (2.11) can be formulated as
(D) min Tr(QS+ RT),

(_S+ ASA'+ CSC' + BUA' + DUC'
+AU'B '+ CU'D' + BTB + DTD' +1 =0, (2.12)

s u
Z= > 0.
| urT

Proof. The objective of the primal problem can be rewritten as maximizing (I, P) g.. The dual
variable Z = [5 L%’] >0, where (S,T,U) € 8" x 8™ x R™". The LMI constraint in the primal
problem can be represented as

s.t. 4

(2.13)

-P+ A'PA+C'PC APB+CPD Qo
A(P)=A(P) + Ag = + .

BPA+D'PC  BPB+D'PD 0 R
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According to the definition of adjoint mapping, we have (#4(P), Z) gun = (P, AU (Z)) g, that
is, Tr[4(P)Z] = Tr[PA#*Y(Z)]. It follows #*U(Z) = -S + ASA' + CSC' + BUA' + DUC' +
AU'B' + CU'D’ + BTB' + DTD'. By Definition 2.3, the objective of the dual problem is to
minimize (Ag, Z) gnm = Tr(ApZ) = Tr(QS + RT). On the other hand, we will state that the
constraints of the dual problem (2.10) are equivalent to the constraints of (2.12). Obviously,
#24(Z) = —I is equivalent to the equality constraint of (2.12). This ends the proof. O

The primal problem (2.9) is said to satisfy the Slater condition if there exists a primal
feasible solution x° such that A(x?) > 0, that is, the primal problem (2.9) is strictly feasible.
The dual problem (2.10) is said to satisfy the Slater condition if there is a dual feasible solution
70 satisfying Z° > 0, that is, the dual problem (2.10) is strictly feasible.

Let p* and d* denote the optimal values of SDP (2.9) and the dual SDP (2.10),
respectively. Let Xopt and Z,,; denote the primal and dual optimal sets. Then, we have the
following proposition (see [13, Theorem 3.1]).

Proposition 2.5. p* = d* if either of the following conditions holds.

(1) The primal problem (2.9) satisfies Slater condition.
(2) The dual problem (2.10) satisfies Slater condition.

If both conditions hold, the optimal sets Xopt and Zp are nonempty. In this case,
a feasible point x is optimal if and only if there is a feasible point Z satisfying the
complementary slackness condition:

A(x)Z = 0. (2.14)

2.3. Some Definitions and Lemmas
The following definitions and lemmas will be used frequently in this paper.

Definition 2.6. For any matrix M, there exists a unique matrix M?*, called the Moore-Penrose
inverse of M, satisfying

MM*M =M, M'MM'=M", (MM*) = MM*, (M*M) = M*M. (2.15)

Lemma 2.7 (extended Schur’s lemma). Let matrices M = M’', N, and R = R’ be given with
appropriate dimensions. Then, the following conditions are equivalent:

(1) M-=NR*N'">0,R>0,and N(I-RR*) =0,

@ [vR]=0

@) [{ Ml =0
Lemma 2.8 (see [7]). For a symmetric matrix S, we have

(1) §* = (8%,

(2) S>0ifand only if S* > 0,

(3) S§* =S*S.
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Lemma 2.9 (see [12]). In system (2.1), suppose T € N is given, and P(t) € S", t =0,1,...,T +1,
is an arbitrary family of matrices, then, for any x(0) € R", we have

L [xo] x(t) , |
2F ) i) P = E[X(T+ DP(T+ Dx(T +1) - (0 P0)x(0)], (2.16)
t=0

where

(2.17)

OLP()] = [—P(t) +A'P(t+1)A+CP(t+1)C A'P(t+1)B+C'P(t+ 1)D:|'

B'P(t+1)A+D'P(t+1)C B'P(t+1)B+D'P(t+1)D

Lemma 2.10. System (2.1) is mean square stabilizable if and only if one of the following conditions
holds.

(1) There are a matrix K and a symmetric matrix P > 0 such that
-P+ (A+BK)P(A+ BK)'+ (C+DK)P(C + DK)' <0. (2.18)

Moreover, the stabilizing feedback control is given by u(t) = Kx(t).

(2) For any matrix Y > 0, there is a matrix K such that the following matrix equation:
-P+ (A+BK)P(A+BK) +(C+DK)P(C+DK)' +Y =0 (2.19)

has a unique positive definite solution P > 0. Moreover, the stabilizing feedback control is
given by u(t) = Kx(t).

(3) The dual problem (D) satisfies the Slater condition.

Proof. (1) and (2) can be derived from Proposition 2.2 in [15]. (3) is a discrete edition of
Theorem 6 in [7]. The proof is similar to Theorem 6 in [7] and is omitted. O

To this end, we need the following assumptions throughout the paper.
Assumption 2.11. System (2.1) is mean square stabilizable.

Assumption 2.12. The feasible set of (P) is nonempty.

3. Main Results

In this section, we will establish the relationship among the optimality of the LQ problem,
the SDP, and the GSARE.

The following theorem reveals the relation between the SDP complementary optimal
solutions and the GSARE.

Theorem 3.1. If a feasible solution of (P), P*, satisfies R(P*) = 0, and the feedback control

u(t) = K*x(t) = —(R+ BP*B+ D'P*D)" (BP*A+D'P*C)x(t), teN, (3.1)
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is stabilizing, then there exist complementary optimal solutions of (P) and (D). In particular, P* is
optimal to (P), and there is a complementary dual optimal solution Z* of (D), such that S* > 0.

Proof. By the stability assumption of the control u(t) = K*x(t) and Lemma 2.10, the equation

~-Y + (A+BK*)Y(A+BK*) + (C+DK"Y(C+DK*) +1=0 (3.2)

has a positive solution Y* > 0. Let

S*=Y*, U'=K'S" =KY", T* = K*U* = K*Y*K", (3.3)
that is,
s u Y* Y*K*' I 0][y* 0o]]1 K
75 _ _ - > 0. (3.4)
u* T1* K*Y* K*Y*K* K* 1|0 of|l0 I

By (3.2) and (3.3), we have

~S*+ AS*A' + CS*C' + BU*A' + DU*C' + AU*'B' + CU*'D’ + BT*B + DT*D' + 1 =0,
(3.5)

which shows Z* is a feasible solution of (D). A(P*) > 0 because P* is a feasible solution of
(P). By Lemmas 2.7 and 2.8,

A'P*'B+C'P*'D=(A'P*'B+CP*D)(R+BP*B+D'P*D)(R+BP*'B+D'P'D)"
= (A'P'B+C'P*'D)(R+BP*'B+D'P*D)"(R+BP*B+D'P'D). (30
In addition, we have
-P*+AP*A+CP*C+Q=K"(R+BPB+DP*D)K* (3.7)
by R(P*) =0and K* = —=(R+ B'P*B + D'P*D)"(B'P*A + D'P*C). Therefore, we have

—P*+ AP*A+CP*C+Q APB+CPD ][s* u”
A(P)Z* =

B'P*A+D'P*C R+BP*B+DPD||(U* T*

[T -K*"|[R(P") 0 1 o][s u” 68
o 1 0 R+BPB+DPD||-K* I||u* T '
T -K*][0 0] [0 0
o 1 [loof [oof

Obviously, P* and Z* are complementary optimal solutions to (P) and (D). P* is optimal to
(P), and Z* is optimal to (D). S* > 0 is trivial because S* =Y* > 0. O
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In above, the assumption that the control in (3.1) is stabilizing is not automatically
satisfied. The following theorem reveals that we can obtain a stabilizing feedback control by
the dual SDP.

Theorem 3.2. Suppose that Z = [ 5 Y] is a feasible solution of (D) with S > 0, then the feedback
control u(t) = US x(t) is stabilizing.

Proof. First, we have Z > 0 because Z is feasible to (D). By Lemma 2.7, the inequality T —
US~'U’ > 0 holds. By simple calculations, we have

ASA'+BUA'+ AU'B +BUSU'B = (A+BUS™)s(A+ BLIS’1>',

(3.9)
CSC'+DUC' +CU'D' + DUS™'U'D' = (c + DLIS‘1>S<C + DUS‘1> :
Hence,
0=-S+ASA' +CSC'+BUA' + DUC' + AU'B' +CU'D' + BTB + DTD' +1
>-S+ASA' +CSC' + BUA' + DUC' + AU'B + CU'D’
(3.10)

+BUS'U'B +DUS™'U'D +1

>-5+(A+BUS™)S(A+ BL[S‘1>/ +(c+pus)s(c+pus)

Above inequality shows (2.18) has a positive definite solution S > 0 with K = US™.
According to Lemma 2.10, u(t) = Kx(t) = US ' x(t) is stabilizing. O

The following theorem shows the relationship between the optimality of the LQ
problem and the solution of GSARE.

Theorem 3.3. If LQ problem (2.1)—(2.5) is attainable with respect to any xo € R", then (P) must
have an optimal solution P* such that R(P*) = 0.

Proof. Since the LQ problem is attainable, then the optimal value must be of the quadratic

form [16]:

inf J(xo,u) = xyMxy, Vxo€R" (3.11)

u€l zq

Let (x*(-),u*(:)) be an optimal pair for the initial state xo. Let T — oo and P(t) = P in (2.16),
where P is an any feasible solution of (P), then we have

, e [x®] [*®]
xyPxo + ;E[u(t)] Q(P) [u(t)] =0. (3.12)
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Then, a completion square means

Jou') = SE[(0Qx () + u”' () Ru* (8)]
t=0

= x,Pxo + iE{ [u*(t) — Kx*(t)]' (R + B'PB + D'PD) [u*(t) — Kx*(£)] (3.13)
t=0

+x* (HR(P)x*(t)},

where K = —(R+B'PB+D'PD)"(B'PA+D’'PC). Since P is feasible to (P), we have R+ B'PB +
D'PD >0 and R(P) > 0 by Lemma 2.7. Then, the inequality

xoMxp = J(x0,u*) > x5 Pxg (3.14)

holds for any feasible solution P to (P). This shows that M must be optimal to (P). Moreover,
taking P = M in (3.13) and considering ] (xo, u*) = x,Mxo, we know that Ex* (t)R(M)x*(t) =
0 for t € N. Setting t = 0 and noticing that x, is arbitrary, it follows that R(M) = 0.
Below, we will show M is a feasible solution of (P). We consider the following SDP
and its dual under a perturbation ¢ > 0:
(P:) max Tr(P),
~P+APA+C'PC+Q+el A'PB+C'PD 0 (3.15)
s.t. >0,
B'PA+D'PC R+¢el+B'PB+D'PD
(De) min  Tr[(Q+el)S+ (R+el)T],

(S + ASA' + CSC' + BUA' + DUC
+AU'B' + CU'D' + BTB' + DTD' + I =0, (3.16)

su
Z= > 0.
| lurT

Obviously, (P;) satisfies the Slater condition because we assume that the feasible set
of (P) is nonempty and (D,) also satisfies the Slater condition by the mean square
stabilizability assumption and Lemma 2.10. Hence, the complementary optimal solutions

s.t. A

exist by Proposition 2.5. Take any dual feasible solution Z° = [3% LTIg' ] By the weak duality in

conic optimization problems, we have

Tr(P) < Tr[(Q +€)S° + (R + sI)To]. (3.17)

Let P° be a feasible solution of (P), then PV is feasible to (P.) for all ¢ > 0. Similar to

Theorem 10 in [7], we conclude that, for any € > 0, there exists the unique optimal solution
of (P.), denoted by P, and P! > P°.
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Together with (3.17), we know that P} are contained in a compact set with 0 < ¢ <
€ (€0 > 0 is a constant). Then, take a convergent subsequence satisfying lim; . P} = P

with g — 0 asi — oo. Obviously, Py is feasible to (P) because the feasible region of (Pe)
monotonically shrinks as ¢ | 0. Define the perturbed cost functional

Je(xo,u) = D E[x'())Qex(t) + 1/ (t) Reu(t)], (3.18)
=0
where R, = R+¢l, Q. = Q +¢l. By (3.13), we have

Je(x0,u) = xyPrxo + iE{ [u(t) - Kex(t)]'(Re + D'P:D + B'PB) [u(t) — Kex(t)] 619
=0 ,

+x' (R (P)x(t)},

for any u € U4, where K, = =(R. + B'P:B+D'P:D)"(B'P: A+ D'P:C) and R.(P) is the form
of R(P?) with Q and R replaced by Q. and R,. Then, by Theorems 10 and 12 in [7],

: _ A ¥
ug&{d]g(xo,u) = X, P x0. (3.20)
Furthermore,
! % _ : —
xo P x0 = ug&ﬁd]g,- (xo,u) 2 ug&fm] (xo,u) = xoMxo. (3.21)

Taking limit, we have x,Pjxo > x;Mx,. On the other hand, x;Mxo > x,P;xo because P is
feasible to (P) and (3.14). So M = P;. The feasibility of M is proved. The proof is completed.
O

The following theorem studies the converse of Theorem 3.3.
Theorem 3.4. If a feasible solution of (P), P*, satisfies R(P*) = 0 and the feedback control u*(t) =
—(R+B'P*B+D'P*D)"(B'P*A + D'P*C)x(t) is stabilizing, then it must be optimal for LQ problem
(2.1)-(2.5).
Proof. For any u € U4, we have

J (0, u) = xyP*xq + iE[u(t) -K*x()]'(R+B'P*B+D'P*D)[u(t) - K*x(t)] (3.22)
t=0

by (3.13) and R(P*) = 0, where K* = —(R + B'P*B + D'P*D)"(B'P*A + D'P*C). Because
u*(t) = K*x(t) is stabilizing, u* () must be optimal. O

The following theorem shows we can get the optimal feedback control by SDP dual
optimal solution.
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Theorem 3.5. Assume that (P) and (D) have complementary optimal solutions P* and Z* with S* >
0. Then, R(P*) = 0 and LQ problem (2.1)—(2.5) has an attainable optimal feedback control given by
wr(F) = U*(S*) ' (1).

Proof. From the proof of Theorem 3.1, we have

. I —-K*1[R(P*) 0 I 0
A(P) = , / , (3.23)
0 I 0 R+BPB+DPD||-K*1I

where K* = —(R+ B'P*B+ D'P*D)" (B'P*A + D'P*C). By complementary slackness condition
A(P*)Z* = 0 and the invertibility of [} -K"], we have

R(P¥) 0 I 0|[s u*
0 R+BPB+DPD||-k* I||lu* T

R(P*)S* R(P*)u*l
-(R+BP*B+D'P*'D)(K*S* -U") —(R+BP'B+D'P*D)(K'U" -T*)

o]

So R(P*)S* = 0, R(P*)U* = 0. On the other hand, T* — U*(S*)*U* >0, S* > 0 and U* =
U+S*(S*)" from Z* > 0 and Lemma 2.7. From the equality constraint in (2.12) and the above
results, we have

] (3.24)

0 =R(P") [—S* +AS*A'+CS*C' + BU*A' + DU*C' + AUYB + CU*'D'
+BT*B + DT'D' + I|R(P")
> R(PY) [AS*A' +CS*C'+ BU*A' + DU*C' + AUYB' + CU*'D’
+BU*(S*)"U"B' + DU*(S*)"U*'D' + I|R(P*) (3.25)
= [R(P")]? + R(P*) [(CS* + DU*)(S*)* (CS* + DU*)'
+(AS" + BU")(S")" (AS" + BU")'|R(P")

> [R(P")]%.

The last inequality holds because (S*)" > 0 from Lemma 2.8. It follows that R(P*) = 0.
For any u € U4, by (3.13), we get

J(x0,u) = xyPxo + iE{ [u(t) - Kx(t)]'(R+ B'PB+ D'PD)[u(t) - Kx(t)] 526)
=0 :

+x'(H)R(P)x(t)},
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where P is any feasible solution of (P) and K = -(R+B'PB+D'PD)"(B'PA+D'PC). R(P) >0
because of the feasibility of P. Then,

J (0, 1) > x(Pxq. (3.27)

On the other hand, u*(t) = U*(S*) ' x*(t) is stabilizing by Theorem 3.2. Let u(t) = u*(t) and
P = P* in (3.26), then it follows that

J (xo, u*) = x,P*xo + iE[u*(t) - K*x*(t)]'(R+ B'P*B+ D'P*D)[u*(t) - K*x*(t)], (3.28)
t=0

where K* = —=(R + B'P*B + D'P*D)"(B'P*A + D'P*C). Below we prove J(xo,u*) = xyP*xo.
Applying complementary slackness condition A(P*)Z* = 0 and above proof, we have

R(P*) 0 I 0o][s u*
0 R+BPB+DPD||-k* 1||lu* T

R (P*)S*
(R + B'P*B + D'P*D)U* + (B'P*A + D'P*C)S*

(3.29)
R(PU*
(R+B'P*B+D'P*D)T + (B'P*A + D'P*C)U*

00
o
Hence, (R + BP*B + D'P*D)U* = —(BP*A + D'P*C)S*. Then,
[ (t) - K*x*(8)]' (R + BP*B + D'P*D) [u* (£) - K*x*(1)]

="' (t)(R+ B'P*B + D'P*D)u’ (t) + 2u™ (t) (B'P* A + D'P*C)x*(f)
+x"())(AP*B+CP*D)(R+B'P*B + D'P'D)* (BP*A + D'P*C)x"(t)

= u”(t)(R + B'P*B + D'P*D)u*(t) — 2u” () (R + B'P*B + D'P*D)U* () 'x* (f)
+x"(£)(S)"'U* (R + B'P*B+ D'P*D)U*(S*) ' x*(t)

= [wct) - u*(s*)—lx*(t)]'(R +B'P'B+ D'P'D)[u(t) - U (5") " (1)

= 0.
(3.30)

It follows from (3.27) and (3.28) that

J(xo,u*) = xoP*xg < J(x0,u), VYu € Uag. (3.31)

The optimality of u*(t) is proved. O
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4. Conclusion

In this paper, we use the SDP approach to study discrete-time indefinite stochastic LQ
control problem. Some relations are given and are summarized as follows. The condition
that LQ problem is attainable can induce that (P) has an optimal solution P* satisfying
GSARE (Theorem 3.3). Theorems 3.4 and 3.5 give two suffcient conditions for LQ problem
attainability by GSARE and complementary optimal solutions of (P) and (D). Moreover, by
dual SDP, we can get stabilized feedback control (Theorem 3.2). What we have obtained can
be viewed as a discrete-time version of [9]. Of course, there are many open problems to be
solved. For instance, the indefinite LQ problems for Markovian jumps or time-variant system
merit further study.
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We consider a two-stage tandem queue with single-server first station and multiserver second sta-
tion. Customers arrive to Station 1 according to a batch Markovian arrival process (BMAP). A
batch may consist of heterogeneous customers. The type of a customer is determined upon com-
pletion of a service at Station 1. The customer’s type is classified based on the number of servers
required to process the request of the customer at Station 2. If the required number of servers is not
available, the customer may leave the system forever or block Station 1 by waiting for the required
number of servers. We determine the stationary distribution of the system states at embedded
epochs and derive the Laplace-Stieltjes transform of the sojourn time distribution. Some key perfor-
mance measures are calculated, and illustrative numerical results are presented.

1. Introduction

Queueing networks are widely used in capacity planning and performance evaluation of
computer and communication systems, service centers, and manufacturing systems among
several others. Some examples of their application to real systems can be found in [1]. Tandem
queues can be used for modeling real-life two-node networks as well as for the validation
of general decomposition algorithms in networks (see, e.g., [2, 3]). Thus, tandem queueing
systems have found much interest in the literature. An extensive survey of early papers on
tandem queues can be seen in [4]. Most of these papers are devoted to exponential queueing
models. Over the last two decades or so, the efforts of many investigators in tandem queues
were in weakening the distribution assumptions on the service times as well as on the arri-
vals. In particular, the arrival process should be able to capture any correlation and burstiness
that are commonly seen in the traffic of modern communication networks [3]. Such an arrival
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process was introduced in [5] and ever since this process is referred to as a batch Markovian
arrival process (BMAP). In this paper, we deal with a tandem queue under the assumption
that the customers arrive according to a BMAP.

Tandem queues with the BMAP input were considered in [6-10]. The papers [6, 7, 10]
are devoted to the MAP/PH/1 — /G/1 system with blocking. In [8], the tandem queues
BMAP/G/1/N — e/PH/1/M — 1 with losses are studied. The tandem-queue of the
BMAP/G/1 — e/PH/1/M -1 type with losses and feedback has been studied in [9].

In the present paper, we consider a BMAP/G/1 — e/M/N/0 tandem queueing
system where the (possibly heterogeneous) customers arrive in batches of random sizes to
Station 1. Here the customers receive service individually, and upon completion of a service
the customer’s type is determined. This type identification is necessary to determine the
nature of service, if any, offered at Station 2. The customer’s type is classified based on the
number of servers (resources) required to process the request of the customer. The simul-
taneous initiation or occupation of several servers to a customer’s request is typical for the
so-called nonelastic traffic in communication networks. If the required number of servers is
not available at that instant of the request, the customer either leaves the system forever, or
awaits until the requirement is met through the release of the sufficient number of servers. In
the latter case, Station 1 will be blocked.

Possible applications of the tandem queue under study lie in the modeling of the dis-
tributed server application or web server application, see, for example, [11]. Station 1 is
interpreted as an authentication or an access step while Station 2 represents the computing
step or data base server if the processing of a job is produced by several parallel threads.
This tandem queue can model also multiaddress transmission of information. Station 1 is
interpreted as a transmission channel while Station 2 regulates the transmission rate by
providing necessary transmission windows (timers that are switched on at the moment of
a message transmission and switched off when the receipt of this message is acknowledged
or time-out expires). The performance evaluation of wireless IP networks providing hete-
rogeneous multimedia services with different QoS demands, (see [12, Chapter 8]), is the other
possible application of the model under study.

In this paper, we derive the stability condition of the model under study, and briefly
touch calculation of the stationary distribution of the system states at the service completion
epochs at Station 1 and calculation of the system performance measures. Furthermore, we
derive the Laplace-Stieltjes transform of the virtual and the actual sojourn time distributions
at both stations and in the whole system. The procedures for calculation of the moments of
the virtual sojourn time distribution and the mean actual sojourn time are discussed. Some
numerical results illustrating the behavior of the system characteristics are presented. The
problem of optimal design is numerically investigated.

To the best of our knowledge, the results of our paper are novel even for the case of
homogeneous customers. The most important and valuable, from the mathematical point of
view, result concerns the sojourn time distribution. Previously, the sojourn time distribution
in tandem queues with MAP input was considered only in [13, 14]. There, the service time
distribution at both the single-server stations is of phase type which allows the authors to
model the sojourn time as the time until absorption in suitably defined quasi-birth-and-death
processes and continuous-time Markov chains. Because we assume general service time
distribution at Station 1, we need to analyze a more complicated stochastic process.

The rest of the paper is organized as follows. In Section 2, the mathematical model is
described. In Section 3, the results concerning the stationary distribution of the embedded
Markov chain in Station 1 service completion epochs are presented. In Section 4, we focus
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on the analysis of the virtual and actual sojourn time distributions and their moments.
In Section 5, the numerical results are presented. The paper is concluded with Section 6.
Appendices contain auxiliary results, proofs, and formulas useful for computations.

2. The Mathematical Model

We consider a tandem queue consisting of two stations, say, Station 1 and Station 2. We
assume that there is no buffer between the two stations. Station 1 is represented by the
BMAP/G/1 queue. That is, the arrivals to Station 1 are described by a BMAP. The BMAP
is defined by the underlying process v;, t > 0, which is an irreducible continuous time
Markov chain with state space {0,..., W}, and with the matrix generating function D(z) =
>20Dkzk, |z| < 1. Arrivals occur only at epochs of the jumps in the underlying process
v, t > 0. The intensities of the transitions of the process v; accompanied by a batch of size
k are defined by the matrices Dy, k > 0. The matrix D(1) is the infinitesimal generator of
the process v;. The stationary distribution vector 8 of this process satisfies the equations
0D(1) = 0,0e = 1, where e is a column vector consisting of 1's, and 0 is a row vector of 0's.

The average intensity A (fundamental rate) of the BMAP is given by A = 0D’'(z)|.-1e.
We assume that A < co. The average intensity A, of group arrivals is defined by A, = 8(=Dy)e.
The coefficient of variation, cy,r, of intervals between successive group arrivals is defined by
.= ZAbG(—DO)fle — 1. The coefficient of correlation c.,, of the successive intervals between
group arrivals is given by ceor = (Ap0(=Dg) ™ (D(1) - Dy)(-Dy) ‘e - 1)/c2,,. For more
information about the BMAP and related research see, for example, [5, 15].

All arriving customers enter into Station 1. The successive service times of customers at
Station 1 are independent random variables with general distribution B(t), Laplace-Stieltjes
transform f(s) = [;° e"'dB(t), and finite first moment by = [;* t dB(t).

After receiving a service at Station 1, the customer proceeds to Station 2. At this station,
there are N identical servers. Each of these servers offers services that are exponentially
distributed with parameter p. Customers are heterogeneous with respect to the number of
servers that are required to process a customer at Station 2. With probability g, g, > 0,m =
O,_N, Zﬁzoqm =1, the customer will require exactly m servers to provide a service at Station 2
and will be called type m customer. Here and in the sequel, notation such as m = 0, N, means
that m assumes values from the set {0,1,..., N'}. Note that customers who are all in the same
batch (at the time of arriving) may belong to different types after receiving service at Station
1. Type 0 customer leaves the system for good after the service at Station 1. We assume that
qo # 1. Otherwise, the queue under consideration will be reduced to the BMAP/G/1 queue
which has been studied extensively.

If the customer is of type m, m = 1,N, and the required number of servers is available,
the customer’s service will begin immediately. Each of these m servers processes the cus-
tomer’s request independently of the others, and furthermore any server who becomes free
after completing his/her share of the processing will be available to process waiting or future
customers’ requests.

If the required number of servers is not available, with probability y, 0 < y < 1, the
customer will choose to leave the system for good and with probability 1 — y will decide to
wait until the required number of servers is available. In the latter case, the customer will
block Station 1 since we assume that there is no buffer between the two stations. Such an
assumption of blocking and loss will allow us to unify these two classes of models which are
studied separately in the literature.
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In the following, we are interested in the steady state analysis of the model under
study. For further use in the sequel, we introduce the following notation:

@

is an identity matrix of appropriate dimension;

(ii) ® and @ are symbols of the Kronecker product and sum of matrices;

) I
) ®

(iii) Dx = In+1® Di, k>0, D(2) = X2, Di2¥, |2| < 1;

(iv) P(j,t),j > 0, is a matrix function defined by the expansion 3.%2(P(j, t)z/ = eP®;
)

(v) F(t) = (Frr(t),,-gn, where F,p(t) = 0 for r < 7' and for r > 7/, F,p(t) is
the generalized Erlang distribution function with the Laplace-Stieltjes transform

frr(8) = Tpnlpllp +5) 7
(vi) Qu, m=1,4, are square matrices: Q, = diag{zgzN_qum, r=0,N},

G q1 --- 4N 0...0 gn qo g1 --- qN-1 4N

0 qo --- gN-1 0...0 qN-1 qgo 91 --- qN-1 0
Q={. .. | Q= .. | Q= . . )
(2.1)

(Vi) Om = Om® Iz, m=1,3, W=W +1;
(vii)) Q = Q1 +yQ> + (1 - y) [ (dF (t) ®eP)Qs, Q= Q1 +yQ> + (1 - ¥)EQs;
(ix)

0000 100
10..00| |oo--0f _

E=| 1= | I=1-1 e=(10,..,0). (2.2)
1110 000

3. The Stationary Distribution of the Embedded Markov Chain

Let ¢, denote the time of the nth service completion at Station 1. Consider the process ¢, =
{in, Tn, vn}, n > 1, where i,,i, > 0, is the number of customers at Station 1 (not counting
the blocked customer, if any) at epoch t, + 0; r,,, 7, = 0, N, is the number of busy servers at
Station 2 at epoch t,, — 0; v, v, = 0, W, is the state of the BMAP at epoch t,,.

It is easy to verify that the process ¢, = {in, tn, vn}, n > 1, is a Markov chain. Enu-
merating the states of this Markov chain in lexicographic order, and denoting by P, I,k >0,
the square matrix of order (W + 1)(NN + 1) governing the transition probabilities of the chain
from the set of states {I,-,-} to the set {k,, -}, the following lemma gives the entries of the
transition probability matrix of the Markov chain ¢,.




Mathematical Problems in Engineering 5

Lemma 3.1. The transition probability matrix of the chain &,, n > 1, has the following block struc-
ture:

Co G C C3 -
Yo Y1 YV, Y3

P=(Py)ys=] 0 Yo 1 Y2 o 3.1)
00 Y Y

where

i+1

Ci= Z [—Q(A ® Do) ' Dy + (1- Y)Fk@3]9i—k+1,
)
Y= (Ql + YQz)Qi +(1- Y)ZFkQSQi—k,
k=0

Q]-:f e’ @ P(j,t)dB(t), F]:I dF(ty® P(j,t), j=>0,
0

0 (3.2)
o0 0 --- 0 0
w-pu 0 - 0 0

A=|02u 2u - 0 0

0 0 0 -+ Nu -Nu

Proof. First, we write the transition probability matrices C;,Y; in block forms as C; =
(Cfr,r,))r,r’:m’ Y; = (Yi(r’rl))r,r,:QfN, where the blocks Ci(r’r,), Yl.(r’r,) correspond to the transitions
of the number of busy servers from r to 7’ at Station 2.

Denote by 6, (t) the probability that during the time interval of the length ¢ the num-
ber of busy servers at Station 2 decreases from r to r’ conditioned on the fact that none arrive
from Station 1.

For use in the sequel, we register the following probabilistic interpretations of the mat-
rices.

The (v,v')th entry of the matrix P(j, t) gives the probability that j customers arrive in
the BMAP during the interval (0, t] and the state of the BMAP at epoch t is V' given vy = v.

The (v,7')th entry of the matrix [;° &, , (t) P(j, t)dB(t) gives the probability that during
the service time of a customer at Station 1, exactly j customers arrive, the number of busy
servers at Station 2 decreases from r to r’ and the BMAP has changed from v to v'.

The (v,v')th entry of the matrix [;° 6, (t)e?! Didt gives the probability that at an arbi-
trary time instant with the number of busy servers at Station 2 equal to r, and the BMAP in
state v, the first batch to arrive is of size k; soon after that instant, the number of busy servers
at Station 2 equals ' and the BMAP is in state v'.
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F,(t) is the distribution function of the time interval during which the number of
busy servers at Station 2 decreases from r to r' conditioned on the fact that none arrive to this
station. Then the (v,7')th entry of the matrix [ P(j, t)dF, . (t) defines the probability that
exactly j customers arrive with the BMAP moving from v to v' and that the number of busy
servers at Station 2 decreases from r to 7’ during that time interval.

From the above probabilistic interpretations, analyzing the one-step transitions of the
chain ¢, with a careful analysis of the service completion epochs, in which the customers may
get lost due to lack of servers or wait (and thus block Station 1) until enough servers are avai-

lable, we obtain the following expressions for the matrices C'""”, Y, i > 0:

N-r r+m i+1
c" =N qn > f Srmi( t)eDofdtZDkf 8,0 (H)P(i - k +1,£)dB(t)

m=0 I=r'

N i+1

+y quJ 5, 1(t)eD“tdtZDkJ‘ 8, (t)P(i — k +1,t)dB(t)

m=N-r+1

+(1-y) Z Gm U e dF N () ro Sn (B e dt

m=N-r+1 I=r'

i+1 0 i+

x ZDkf 5, (PG —k+1, t)dB(t)+le P(k,t)dF; n-m(t)
k=1 0

x f B 6Ny (PG -k +1, t)dB(t)],
0

Y(rr) quf P(i, )64, (£)dB(t)

N

£y fo 6, ()P, H)dB(?)

m=N-r+1

+(1- Y)i foo P(k, t)dF,n-m(t) foo &nr(HP3 -k, t)dB(t)] .
k=070 0
(3.3)

In order to arrive at equations (3.2) from (3.3), we use the matrix notations introduced above
and the relation: (6, (1)), ,_.gx = = e2!, which follows from the fact that under the case when
none arrive to Station 2, the process r; governing the number of busy servers at this station is
Markovian with generator A. O

It is easy to see that the Markov chain ¢, belongs to the class of M/G/1 type Markov
chains, see [16]. We can use this fact to derive the ergodicity condition and calculate the sta-
tionary distribution of the chain.

Let C(z) = 3%,Ciz', Y(z) = 3%,YiZ,, |z| <1, be the generating functions of the transi-
tion probability matrices C; and Y;, i > 0.



Mathematical Problems in Engineering 7

Corollary 3.2. The matrix generating functions C(z),Y (z) can be written as

Ca) = 2[-Q e D) (B2 - Do) + 1 -V (F@) - F)di]aE), 64

Y(2) = [Q1 +7Q: + (1- 1) F(2)3] Q(2), (3.5)
where

ma:Z@ﬁ=Iemmﬂ%wm, Hm:Zaﬂ:fcwm®£W. (3.6)
n=0 0 n=0 0

Theorem 3.3. The necessary and sufficient condition for ergodicity of the Markov chain &,, n > 1, is
the fulfillment of the inequality

N

p= )L[b] +(1- y)iﬁr > Gm i (l‘u)_l] <1 (3.7)

r=1 m=N-r+l I=N-m+1
Here (&4, ...,0n) is a part of the vector & = (&, ..., On), which is the unique solution to the system
30QB*(0) =48, de=1, (3.8)

where B*(s) = [* e™'e®dB(t).

Proof. It can be verified that the matrix Y (1) is irreducible. Hence, from [16], the necessary and
sufficient condition for ergodicity of the chain ¢, is the fulfillment of the inequality

xY'(1)e<1, (3.9)
where the vector x is the unique solution of the system
xY (1) =x, xe = 1. (3.10)

The theorem will be proven if we show that inequality (3.9) is equivalent to inequality
(3.7).
Let the vector x be of the form

x=080. (3.11)

By the direct substitution into the system (3.10), where Y(1) is calculated using (3.5), we
verify that such a vector provides the unique solution of this system. Differentiating (3.5) at
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Table 1: The value of the system load p for different value of the mean service time and service time varia-
tion.

Cyar =0 Cyar = 1 Cyar =D Cyar = 9.95
b1 =0.1 0.42754 0.43016 0.45557 0.47940
by =02 0.47460 0.48228 0.53677 0.57784
b; =03 0.53173 0.54515 0.62243 0.67725
by =04 0.59698 0.61590 0.71010 0.77695
by =05 0.66879 0.69247 0.79902 0.87678
by =0.6 0.74579 0.77339 0.88883 0.97667
by =0.7 0.82687 0.85763 0.97937 1.07663
by =0.8 0.91116 0.94440 1.07051 1.17655

the point z = 1 and substituting the resulting expression for Y’(1) and the vector x of form
(3.11) into the inequality (3.9), we get

p=1 [bl +(1- y)of tdF(H)Qse| < 1. (3.12)

The stated expression in (3.7) follows from (3.12) and the expression for fg° tdF(t) given in
(C.3)-(C.4) (see Appendix C). O

Remark 3.4. The inequality (3.7) is intuitively clear on noting that the vector & gives the
stationary distribution of the number of busy servers at Station 2 at the service comple-
tion epochs at Station 1 given the latter station works non-stop. Then (1 — y)IN, 8,
SN N1 Gm N e )™t defines the average blocking time of Station 1 under overload
condition and p is the system load.

Remark 3.5. In a majority of queueing systems, the system load depends only on the first
moment of the service time distribution. In the model under study, the value of p depends
not only on the first moment b; of the service time distribution at Station 1, but also on the
shape of this distribution. In particular, p depends on variance of the service time. This fact is
illustrated in Table 1 in Section 5.

In what follows, we assume that the inequality (3.7) holds true.
Denote the stationary state probabilities of the Markov chain ¢, = {i,, 74, v,} by

x(i,r,v), i>0, r=0,N, v=0,W. Introduce the notation for the row vectors of these proba-
bilities

a(i,r) = (x(i,r,0),x(G,r1),...,x@{,r1r,W)), a; = (o(i,0),mx(,1),...,5w(i,N)), i>0.
(3.13)

Let also I1(z) = 3%,ariz", |z| < 1, be the vector generating function of vectors ar;, i > 0. To
compute these vectors as well as the vectors IT(1) and IT (1), known algorithms, see, for exam-
ple, [16], can be applied.
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Once the stationary distribution has been computed, we can calculate some key perfor-
mance measures of the system as follows.

(i) The mean number of customers at Station 1 at the service completion epochs L =
IT(1)e.

(ii) The vector of the stationary distribution of the number of busy servers at Station 2
at the service completion epoch at Station 1: r = TI(1) (In+1 ® egy).

(iii) The mean number of busy servers at Station 2 at the service completion epoch at
Station 1

Nousy = T diag{r, r=0,N }e. (3.14)

(iv) The probability that an arbitrary customer leaves the system or causes the blocking
of the server at Station 1

Pioss = YTL(1)Q2e,  Phiock = (1 - y)TL(1)Qze. (3.15)

(v) The probability that the server of Station 1 is idle at an arbitrary time pigee =
7710Q(~Dy) ‘e, where 7 is the mean interdeparture time at Station 1,

7 = by +0Q (—Do)fle - (1-y)I1)(In+1 ® €)FVQse, (3.16)

the matrix F) is defined by formula (C.3) below.

(vi) The probability that the server of Station 1 processes a customer at an arbitrary time
Pserve = T_lbl-

(vii) The probability that the server of Station 1 is blocked at an arbitrary time pyjock =
1- Pidle — Pserve-

4. Stationary Distribution of the Sojourn Time
4.1. The Virtual Sojourn Time

The virtual sojourn time in the system consists of the virtual sojourn time at Station 1 and the
sojourn time at Station 2. We assume that customers are served according to FIFO (first-in-
first-out) discipline.

For use in the sequel, we define the generalized service time of an arbitrary customer as
the service time of this customer by the first server and the possible blocking time of the ser-
ver by the previous customer.

4.1.1. The Virtual Sojourn Time at Station 1

The virtual sojourn time at Station 1 consists of (i) the residual time from an arbitrary time
instant (associated with virtual customer arrival) to the next service completion epoch at
Station 1 (ii) the generalized service times of customers staying in the queue at an arbitrary time,
and (iii) the generalized service time of the virtual customer.
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First, we study the residual time. To this end, we consider the process y; = {i;, m;, 1,
v, O}, t > 0, whose components are defined as follows: i; is the number of customers in
Station 1 (including the blocked customer, if any), m; takes values 0, 1, 2, respectively, based
on the server at Station 1 is idle, busy, or blocked at time ¢, v; is the state of the BMAP, r; is
the number of busy servers at Station 2 just before the service completion epoch following
the time t, 7; is the residual time from t to that service completion epoch.

Using the definition of semiregenerative processes given in [17], it can be verified that
the process y; is a semi-regenerative one with the embedded Markov renewal process {¢,,t,},
n>1.Let

\7(1', m,r,v,Xx)

3
Il
=
™
~
Il
=
Z
<
1l
S
=
\
N

=limP{iy=i,m=m,r,=r,vi=v,0;<x}, i>0
t— oo

be the stationary distribution of the process y:, t > 0.

From [17], the limits in (4.1) exist if the process {¢,,t,}, n > 1, is irreducible aperiodic
recurrent and the value 7 of the mean inter-departure time at Station 1 (given by (3.16)) is
finite. All these conditions hold if inequality (3.7) is satisfied.

Let V(i, m, x) be the row vector of the steady state probabilities V(i, m,r,v,x) arranged
according to the lexicographic order of the components (r,v), and let v(i,m,s) be the
corresponding vector of the Laplace-Stieltjes transforms, that is, let v(i,m, s) = fgo e‘sde(i,
m,x), i>0, m =0,2.

Lemma 4.1. The vector Laplace-Stieltjes transforms v (i, m, s) are calculated by

¥(0,1,5) =0, ¥(i,0,s) =0, i>0, ¥(0,2,5)=0, (4.2)

¥(0,0,5) = 7 'wpQ(A @ Dy) ' [B*(s) ® L], (4.3)

¥(,1,8) =1} {xoi [—Q(A ® Dy) ' Dy + (1 - y)FkQ3]

k=1

x f <eA” ® IW) f Ina®P(i— k,y)e‘s(”‘y)dy dB(u)
0 0

" gf’f [@1 +102) f : (e o 1) fo Ina®P(i-j,y)e™ " dy dB(u)

+(1- Y)ih@a foo et e P(i-k-jy)e*"Vdy dB(u)] }
k=0 0
(4.4)
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v(i,2,s) =1 (1~ y)Z:ny(J‘ dF(u) ® Iy )Q3
(4.5)

<[ e e Pl - L) dYE O o ], i
0

Proof. Let K;i’m’x’t) (r,v; r',v') denote the conditional probability that, given time 0 is an instant
of the service completion at Station 1 and the embedded Markov chain ¢, is in the state (j, 7, v)
at that time, the next service completion epoch at Station 1 occurs later than ¢, the discrete
components of the process y; take values (i,m,r’,v') at time t and the continuous-time com-
ponent 7; < x.

(i,m,x, )(T

Let us arrange the probabilities «; ; v;1',v'), for fixed values i, j, m, according to

the lexicographic order of the states (r, v;r',v') and form the square matrices

K (l, m,x, t) < im,x,t) (T, v; T' v )>v,v’=0,7W;r,r’=(),7N. (46)

Then, using the ergodic theorem for semi-regenerative processes, (see [17, Theo-
rem 6.12]), the probability vectors V (i, m, x) can be related to the stationary distribution zr;,
j >0, of the embedded Markov chain ¢,,n > 1, by

Vi, mx) =t 1Zx]f K (i,m,x,t)dt, i>0, m=0,2. 4.7)

The corresponding vector Laplace-Stieltjes transforms v (i, m, s) are defined by

[ee) [ee)
v(i,m,s) = T_lzjl'j ’[ K}‘ (i,m,s,t)dt, i>0, m=0,2, (4.8)
“~ 0

where Iz;‘(i, m,s,t) = [ e’sdezj(i, m, x,t).

From (4.8), formulas (4.2) follow immediately when we note that Iz;‘ (i,m,s,t) =0 for
the range of arguments {j >0,i =0,m=1,2} and {j > 0,i > 0,m = 0}.

Let m = 1. The lengthy but straightforward expressions for the matrices IZ;‘(i, 1,s,1),
i > 0, are presented in Appendix A. Substituting these expressions into (4.8) and after routine

algebraic manipulations including rearranging the order of integration, we get formula (4.4)
for the vectors v(i,1,s), i > 0. Similar calculations yield (4.3) and (4.5). O
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Further, we study the generalized service time distribution at Station 1.

Let B(x) be the matrix distribution function of generalized service time. More specifically,
let B(x) = (B(x) 1), g, where B(x), ,, = P{tyi — ty < X791 = 1" | 4 = 1,i, #0}. Denote
B(s) = [ e*'dB(t).

Lemma 4.2. The matrix Laplace-Stieltjes transform of the generalized service time distribution at
Station 1 is calculated as

B(s) = [Q1 +yQ2+ (1 -y)F*(s)Qs] B"(s), (4.9)

where F*(s) = [” e™'dF(t).

Proof. To prove, we need to analyze the structure of the generalized service time. The gene-
ralized service time of a tagged customer is just the service time of the customer at Station 1 if
the previous customer did not block the server of this station. In this case, the matrix Lap-
lace-Stieltjes transform of the generalized service time distribution is calculated by (Q; +
yYQ2)B*(s). However, when blocking occurs, the generalized service time consists of the time
during which the server is blocked by the previous customer and the service time of the
tagged customer. The corresponding Laplace-Stieltjes transform is defined by (1 - y)
[ e 'dF(t)Q3B*(s). The stated result (4.9) follows immediately. O

Now we are ready to derive the equation for the vector Laplace-Stieltjes transform
vi(s) of the distribution of the virtual sojourn time at Station 1. Let v1(r, v, x) be the proba-
bility that, at an arbitrary epoch, the BMAP is in state v, the virtual sojourn time at Station 1
is less than x, and the number of busy servers at Station 2 just before the end of the virtual
sojourn time is r. Then vy (s) is defined as a vector of Laplace-Stieltjes transforms vy (r, v, s) =

féﬁ e %*dv; (r, v, x) written in lexicographic order.

Theorem 4.3. The vector Laplace-Stieltjes transform v (s) satisfies the equation
vi1(s)A(s) = go®D(s), (4.10)
where

A(s) =sl + iBr(s) ® D,, D(s) =7 'Q(A @ Dp) (A @ Iy — sI) [B*(s) ® L] . (4.11)
r=0

Proof. As mentioned above, the virtual sojourn time at Station 1 consists of the residual time
from an arbitrary time ¢ to the next service completion epoch, the generalized service times of
customers that await for a service at time ¢, and the generalized service time of the virtual cus-
tomer.

Taking into account the structure of the virtual sojourn time and using the law of total
probability, we express the vector Laplace-Stieltjes transform vy (s) as follows:

vi(s) = ¥(0,0,s) + ii?(i, 1,5) [Bi(s) ® IW] + iwi, 2,5) [Bi-l(s) ® IW]. (4.12)
i=1 i=1
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Further, we multiply (4.12) by the matrix sI+Y,72B"(s)®D,, and, after some laborious
calculations, get

vi(s) <sI + iB’(s) ® Dr>

r=0

=71 {Jtoi [Ci + Eﬂjyi]#l] [Bi+1(s) ® IW] (4.13)
i=0 j=1
+a100 [—(A ® Do) <sI + 1’50) + 1] [B*(s) ® Iy] — iﬂ / [Bf+1(s) ® Iw] }
i=0

Multiplying the balance equations for stationary probability vectors sr; of the form
i+l

g = woCi+ YooY, 20, (4.14)
=1

by B'*!(s) ® ;7 and summing over i we obtain

i+1

ZJ‘[,’ [Bﬂl (S) ® IW:I = arOZCi [Bﬂl (S) ® Iw] + Z Zﬁ]’Yi—]’H [Bi+1(S) ® Iw] . (415)
i=0 i=0 i=0 j=1
Using (4.15) to simplify equation (4.13), we obtain (4.10). O

4.1.2. The Sojourn Time at Station 2

Let v, (s) be the column vector of the Laplace-Stieltjes transforms of the conditional sojourn
time distributions at Station 2. The rth entry of this vector is the Laplace-Stieltjes transform of
the sojourn time distribution of a customer at Station 2 given that the number of busy servers
is equal to r just before the end of the sojourn time of this customer at Station 1.

Lemma 4.4. The vector Laplace-Stieltjes transform of the sojourn time distribution at Station 2 is
given by

va(s) = [Qu(F* () + DI +YQa + (1-y) F*(s) diag{ fro(s), 7 = N,N ~1,..,0}Qs e. (4.16)

Proof. The sojourn time of a customer who requires m servers at Station 2 consists of:

(i) the service time of the customer when at least m servers are available at the time of
the request;

(ii) zero time, if the required number of servers is not available and the customer leaves
the system;
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(iii) the blocking time and the service time of a customer when the required number of
servers is not available and the customer awaits the release of sufficiently many ser-
vers.

Note that we assume that the service of type m is performed by m servers indepen-
dently of each other and finishes when all m servers complete the service. The distribution of
this service time is defined by the Laplace-Stieltjes transform fy,(s), m =1, N.

Taking into account this fact together with (i)—(iii) and using the matrix notation, we
obtain expression (4.16) for the vector v, (s). In the expression, the first summand corresponds
to the case (i), the second and the third summands give the Laplace-Stieltjes transform under
study in the cases (ii) and (iii), respectively. O

4.1.3. The Virtual Sojourn Time in the System

Theorem 4.5. The Laplace-Stieltjes transform of the virtual sojourn time distribution in the system is
given by

U(S) = V1(S) (IN+1 ® EW)Vz(S), (4.17)

where the vectors v (s) and va(s), respectively, are as given in (4.10) and (4.16).

Proof. Formula (4.17) readily follows from the structure of the virtual sojourn time in the
system which consists of the virtual sojourn time at Station 1 and the sojourn time at
Station 2. O

4.2, The Actual Sojourn Time

Let via) (s) and v'@ (s) be the Laplace-Stieltjes transforms of the distribution of the actual soj-
ourn time at Station 1 and in the whole system.

Theorem 4.6. The Laplace-Stieltjes transform of the actual sojourn time distribution at Station 1 is
calculated as follows:

o(9) = (X3 (6)B(6) - D e Dife @18)
-0

Proof. The actual sojourn time at Station 1 of an arbitrary-tagged customer, who arrived in
a group of size k and placed at the jth position within the group, consists of (a) the actual
sojourn time at Station 1 of the first customer in the group, which coincides with the virtual
sojourn time at Station 1; (b) the generalized service times at Station 1 of the j -2 customers of
the group who arrived with the tagged customer; (c) the generalized service time of the tag-
ged customer at Station 1.

The vector Laplace-Stieltjes transform of the sojourn time distribution at Station 1 of
the first customer of the k-size group that contains the tagged customer is evidently given by
the vector v1(s)(In+1 ® kDre/\).

Assuming that an arbitrary customer arriving in a group of size k is placed on the jth
position with probability 1/k and using the law of total probability, we immediately obtain
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the following expression:

a & kDie\ 1
v§ '(s) = > vi(s) (INH ® —= )ZEB] L(s)e. (4.19)
k=1 j=1
After some algebraic manipulations (4.19) is reduced to (4.18). O

Corollary 4.7. The Laplace-Stieltjes transform of the actual sojourn time distribution in the whole
system is calculated as follows:

2@ (s) = A"lvy (s)i [Bk(s) Bs) -1 e Dk] (In+1 ® eg7) va(5). (4.20)
k=0

4.3. Moments of the Sojourn Time Distribution

The formulas for the moments of the virtual sojourn time distribution can be obtained by
differentiating the expression in (4.10) at the point s = 0. This requires the calculation of the
derivatives of v;(s) at the point s = 0. However, the matrix A(s) in (4.10) is singular at the
point s = 0 and calculation of the derivatives at this point is the nontrivial task. The results
given below allow one to develop a procedure for calculating the required derivatives.

We will use notation vlm) (s) for the mth derivative of the vector vi(s), m > 1, and set
Vgo) (s) = vi(s). Similar notations will be used for other functions of s.

Theorem 4. 8 Let [°tmdB(t) < oo, m =1, M + 1, where M is an arbitrary positive integer. Then
the vectors v1 ™(0), m =1, M, are computed recursively by

v = [(aro@(m) (0) - le<n;> v§’><O>A<’"’><O>>T
1=0

(4.21)
1 m-l /m+ 1 ~
. <ar0cb<m+1> - < l >v§’) (0) Am+1-D (O)>eé] A
1=0
with the initial condition
vi?(0) =v1(0) = [r'r0Q(A @ Do) (AB*(0) @ Ig) T + piaic €| A7, (4.22)

where A = A0)T + A'(0)ee.

Proof of the theorem is presented in Appendix B. In what follows we assume that
[ t*dB(t) < o0, k=1,2.
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Corollary 4.9. The mean virtual sojourn time at Station 1 is given by

T = { [T-larOQ(A ® Do) <<B*(O) ~ AB* (0)) ® IW) + vl(O)A’(O)]T

1 ~ (4.23)
+|pidiebr + SV (O)A"(O)e] é}A‘le,
where the vector v1(0) is defined by formula (4.22).
Proof follows from the relation ; = —v/ (0)e and formula (4.21).
Theorem 4.10. The mean virtual sojourn time in the system is given by
V=01+V] (0) (IN+1 ® ew)VZ, (424)

where v1(0) and vy are given in (4.22) and (4.23), respectively, and v, is a vector of conditional means
of the sojourn time at Station 2,

V) = —{Q4F(1)6T +(1-y) [1—“(1) - Ediag{i(lﬁ)_l, r=N,N - 1,...,0}]Q3e}, (4.25)

=1

where FY is given by formula (C.3) below.

Proof. To calculate the value v we differentiate the expression in (4.17). Setting s = 0 and rep-
lacing the sign, we have that

U= —V’l (0) (IN+1 ® ew)VZ (O) - Vi (0) (IN+1 ® ew)v'z(O) (426)

Putting s = 0 in (4.16) we get v»(0) = [Q4(E + DI + ¥Q2 + (1 - y)EQsle = e. This implies
that the first term in the right-hand side of (4.26) is equal to —v) (0)e = ;. Using the relation
V2 = —v,(0) and differentiating (4.16) at the point s = 0, we readily verify that v, has form
(4.25). This completes the proof. O

Theorem 4.11. The mean actual sojourn time at Station 1 is given by

0 o k-1 n—
7@ = )1 {v’l(O) <e @ Zkae> +v1(0) S (Ins1 ® Dye) [Zl 218’<0>73’(0>e] } (427)

k=1 k=1 n=1 I=

(@) _
1

Proof of the theorem follows from the relation v, = —dvi“)(s)/ ds|s=o and formula

(4.19).
Corollary 4.12. The mean actual sojourn time in the system is given by
k-1

Ty =0 + 17v1(0) Y (Ins1 ® D) 3 B"(0)%2. (4.28)
k=1 n=0
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5. Numerical Examples

In this section, we demonstrate feasibility of the algorithms developed here and show numer-
ically some interesting features of the system under consideration.

Experiment 1. In this experiment, we investigate the impact of coefficient of variation in the
service process at Station 1 on the main performance measures of the system.

To this end, we consider four service processes with the same mean service time b; =
0.1, but different values for the coefficient of variation, cyar. The first process is coded as D and
corresponds to the deterministic service time distribution. The second process is coded as M
and corresponds to the exponential service time. The third and the fourth service processes

are coded as H M;l), H Méz) and correspond to hyperexponential service time distributions
of order 2. These distributions are defined by the mixing probabilities (0.05, 0.95) and the

intensities 0.62025, 48.9998 in the case of H Mél) and (0.98, 0.02) and the intensities 10000,

0.2 in the case of H Méz). The coefficients of variation of processes D, M, H Mél), and H Méz)
are, respectively, equal to 0,1, 5,9.95.

The input process is defined by the matrices

-15.7327 0.6062 0.5924 14.1502 0.3021 0.0818
Dy = 0.5178 -2.2897 0.4679 |, D=1 01071 1.032 0.1646 |. (5.1)
0.5971  0.5653 -1.9597 0.0858 0.1979 0.5136

The matrices Dy, k = 1,5, are calculated as follows: Dy = Dh*1 (1-h)/(1-h%), where h = 0.8.
Then we normalize the matrices Dy, k = 0,5, so as to get the arrival rate A = 1. This BMAP
has coefficient of correlation c.or = 0.2. The other parameters of the system are as follows:
N=5, //120.8, Y=0.5, q()ZO.l, n =q2=0.3, Q3=q4=q5=0.1.

We vary the mean service time b; for all considered service processes in the interval
[0.1,0.95] by scaling appropriately. The coefficients of variation do not change under such
scaling. Note that, as it was mentioned in Remark 3.5 above, the system load p depends not
only on the mean service time, but also on the variance of the service time. In Table 1, the
value of p is given as function of b; and cyar. The values of p that exceed 1 are printed in bold
face. The tandem queueing system is not stable for these values.

Figures 1 and 2 show the dependence of the main performance measures of the system
on the value of the mean service time b; for service processes with different service time dis-
tribution. From these figures, it is very clear that the key performance measures of the system
are very sensitive with respect to the service time variance. We also ran other examples,
besides the one presented here, involving Erlangian and uniform distributions for the service
time distribution. Since all these distributions have coefficient of variation in the range (0, 1),
the corresponding curves, as expected, were located between the two lower curves in Figures
1and 2.

Experiment 2. Here we solve numerically the following optimization problem. Find an
optimal choice for the number N of servers at Station 2 that will minimize the expected total
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Figure 1: The mean virtual and actual sojourn time as functions of the mean service time for different ser-

vice time distributions.
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Figure 2: The loss probability and the mean number of busy servers at Station 2 as functions of the mean

service time for different service time distributions.

cost per unit of time:

J = J(N) = aN + ¢1APyogs + 20",

(5.2)

where a is the cost of utilization per unit time of a server at Station 2 (maintenance cost), ¢;
is the cost of a customer leaving the system after a service at Station 1 due to lack of required
servers, and ¢; is the cost per unit of time of holding (the sojourn time) an arbitrary customer
in the system (holding cost).

Using the MAP characterized by the matrices

—6.74538

5.45412 x 1076
Dy =
5.45412 x 107°

6.700685 0.044695
D= ;o (53
-0.219455

0.122427 0.097023

we construct the BMAP with the matrices Dy, k = 0,5, similar to Experiment 1 and normalize
so as to have A = 3. The BMAP has the coefficient of correlation c.,, = 0.2 and the coefficient
of variation ¢y, = 3.5.
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Table 2: The value of the objective function for different number of servers and different service rate at
Station 2.

u=1 u=2 u=3 u=4 u=>5
N=1 o 457.0346 74.9351 51.0311 42.5146
N=2 353.7378 48.6349 34.1130 27.0826 229120
N=3 71.0480 34.6565 25.8441 22.2656 20.6657
N=4 51.7822 30.4068 25.8202 24.6008 24.2393
N=5 45.2556 31.2080 29.3925 29.1141 29.0630
N=6 43.0750 34.6437 34.0980 34.0535 34.0486
N=7 43.6867 39.0715 39.0533 39.0504 39.0476
N=8 47.2564 44.0527 44.0514 44.0495 44.0474
N=9 51.9854 49.0521 49.0511 49.0491 49.0473
N =10 57.0056 55.0458 54.6001 54.0489 54.0472

Figure 3: The objective function as a function of the number of servers in Station 2 for different service
rates.

The service time distribution at Station 1 is assumed to be Erlang of order 3 with para-
meter 20. The probability y is taken to be 0.5. The components of the vector q are: gy =
0.1, g1 =09, gn =0, m =2, N. The various costs are taken as follows: a =5, ¢; =50, ¢, = 3.

The objective function, J, as a function of the number N of servers under different ser-
vice rates yu is plotted in Figure 3. Table 2 contains the values of the objective function.

The optimal values J* of the objective function for each of the five service rates are dis-
played in bold face. It is seen from Figure 3 and Table 2 that as the service rate decreases from
5to 1, the optimal number of servers N* increases from 3 to 6. The relative gain of the optimal
configuration in comparison to a system with an arbitrary number N of the servers at Station
2 is defined as Re1(N) = ((J(N) = J*)/]*)100%.

We now focus on the result of optimal value in the case y = 5. It is seen from Figure 3
and Table 2 that the optimal value of the objective function J* is 20.6657 and the optimal num-
ber of servers N* = 3. It should be also noted that for the case under consideration the mini-
mal relative gain is more than 10% if we install the optimal number of servers N* = 3 instead
of 2 servers and maximal relative gain is more than 161% if we use N* = 3 servers instead of
10 servers.

Experiment 3. In this experiment, we show that the correlation in the input flow has a great
impact on the performance measures of the system. In addition to the BMAP defined in the
first experiment and having the coefficient of correlation c.,r = 0.2, let us consider two ano-
ther BMAPs, having the same mean arrival rate, but different coefficients of correlation. These
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(a) (b)
Figure 4: The mean virtual and actual sojourn time as functions of the system load for the BMAPs with dif-

ferent correlation.

BMAPs are defined by the matrices Dy and D; = D, from which the matrices Dy, k = 0,_5, are
defined in the same way as in Experiment 1.

The BMAP having the coefficient of correlation cq,r = 0.1 is characterized by the mat-
rices

—-13.3346 0.5886 0.6173 11.5469 0.3631 0.2187
Dy = 0.6927 -2.4466 04229 |, D=1 0.3842 0.8659 0.0809 |[. (5.4)
0.6823 0.4144 -1.6354 0.2852 0.0425 0.2111

The BMAP having the coefficient of correlation cqr = 0.3 is defined by the matrices

-25.5398 0.3933 0.3612 24.2421 0.4669 0.0763
Dy = 0.1452 -2.2322 0.2000 |, D= 0.0341 1.6668 0.1861 |. (5.5)
0.2960 0.3874 -1.7526 0.0090 0.2555 0.8047

All the three defined BMAPs have the coefficient of variation ¢y, = 2.

In addition, we consider the BMAP which is a group Poisson process. It has the same
mean arrival rate as three other BMAPs, coefficient of correlation c.,r = 0 and the coefficient
of variation ¢y, = 1.

The service time at Station 1 has the Erlangian distribution of order 3 with parameter
20. The mean service time b; = 3/20 and the squared coefficient of variation c2,, = 1/3.

The number of servers at Station 2 N = 5. Service rate y is equal to 5. Probability y that
a customer will await the release of servers is equal to 0.5. The components of the vector q,
which defines the type of the customer, are go = 0.1, g1 = g2 =0.3,and g3 = g4 = g5 = 0.1.

Figures 4 and 5 illustrate the dependence of the mean virtual sojourn time v, the mean
actual sojourn time v,, the loss probability Pjoss, and the mean number Ny of busy servers
at Station 2 on the system load p. The load p varies by means of scaling the fundamental rate
A. Note that the coefficients of correlation and variation of the BMAP do not change under
such scaling.

Figures 4 and 5 confirm the fact that values of v, v, Ploss, and Npysy increase when the
system load, p, increases. We also note that, under the same scenario for the system load
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Figure 5: The loss probability and the mean number of busy servers at Station 2 as functions of the system
load for the BMAPs with different correlation.

the correlation of the interarrival times shows a strong (negative) impact on the system per-
formance characteristics.

6. Conclusion

In this paper, the BMAP/G/1 — ¢/M/N/0 tandem queue with heterogeneous customers is
studied. The system is studied by looking at selected embedded epochs. The condition for the
existence of the stationary distribution is derived. Expressions for the loss probability, block-
ing probability, and some other performance characteristics of the system are obtained. The
Laplace-Stieltjes transforms of the distribution of the virtual and the actual sojourn time at
both stations as well as at the whole system are derived. Although the required analytical
derivations are very complicated and cumbersome, the resulting formulas have very simple
forms. The procedure for calculating the moments of the virtual and the actual sojourn time
distribution is elaborated. Illustrative numerical results highlight the important role played
by the variance of the service time. An optimization problem to illustrate the usefulness of
such problems in practice involving tandem queues is discussed. The results of this paper can
be applied to areas such as capacity planning, performance evaluation, and optimization of
real-world tandem queues and two-node networks.

Appendices

A. Expressions for the Matrices IZ;‘(i, 1,s,t), j>0,i>0

t i
R:(i,1,s,t) = <(:)1 + y@) f 0 [INH ® eP* Y DydxP(i — k,t - x)]

k=1

X f e 4t @ [dB(t — x +u) + (1 - )
0
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{f [dF(x) ® ZP(k x)P(i -k, t - x)] 05

k=1

xJ‘ e~ ) @ [dB(t — x + u)

f f [dF x)®< DWZDkdyP(z—k t—y)>]

XJ‘O P A(t X+1) ®IWdB(t—y+u)}, i>0,

R:(,1,5,8) = (1 +7Q2) [Inw @ P(i - )] Jj e~ UeA ) @ [ dB(t + )
t i-j B
+(1-7) f [dF(x) ® ZP(k, x)P(i-k-jt- x)]Q3
0 k=0

[e'e]
x f 0 e et @ [ dB(t — x + ).

(A1)
B. Proof of Theorem 4.8.
Proof. Successively differentiating the expression in (4.10), we get
m—1 m
vi" (0)A(0) = @™ (0) - Y ( z >V§” 0©A™D(©0), m>0. (B.1)
1=0

It follows from (4.11) that A(0) = 3>.72,B"(0) ® D,, where B(0) is an irreducible stochastic mat-
rix. This implies that A(0) is an irreducible infinitesimal generator, and hence A(0) is a sin-
gular matrix. Thus, it is not possible to develop a recursive scheme for computing the vectors
vim)(O), m > 0, directly from (B.1). We will now modify the system (B.1) to get the system
with a nonsingular matrix. To this end, we postmultiply the expression for m + 1 in (B.1) on
both sides with e. Taking into account that A(0)e = 07, we get

m-1
vim A (O)e = — — [.71' D (0) - 3 (m: 1>v§’>(0)A<m+1-’>(0)]e. (B.2)

1=0

It can be shown that the right-hand side of (B.2) is not equal to zero. It is positive if m = 2k
and it is negative if m = 2k +1, k > 0. Thus, replacing one of the equations in the system (B.1)
(without loss of generality, we replace the first equation) with equation (B.2), we get the
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following (inhomogeneous) system of linear algebraic equations for the entries of the vector
(m)
v, (0):

m-1
V" (0)A = [ﬂoq)(m) 0~ <T> v (AT (0>] T

1=0
(B.3)

1 m-l /m+ 1
- [aroch“) - < 1 >v§” (0) A(m+1-D (O)]eé, m > 0.

1=0

The above system has the unique solution if Ais non-singular. We prove this by showing that

det A#0. B
Let us calculate det A as

det A = VA (O)e, (B4)

where V is a vector of algebraic cofactors of the first column of the matrix A(0). Since A(0) is
irreducible, the vector V is proportional to any solution of the system

xA(0) =0, (B.5)

that is,

V =cx, (B.6)

where the scalar ¢ #0.
Let the vector ¥ be the unique solution to the system

8B(0) =08, de=1. (B.7)

Then, by the direct substitution it can be verified that the vector x = 3 ® 0 is a solution to the
system (B.5).
From (B.6), V = c¢(8 ® 0). Substituting the vector V into (B.4), we obtain

e

det A = c(0®0)A' (0)e=c(d®0) <sI + iBr(s) ® Dr>
=0 (B.8)

r=0

=c+c) rdB'(0)e® OD,e = c(1+ 188 (0)e).

r=1

In further evaluation of det A, we use the ergodicity condition given in Theorem 3.3.
Setting s = 0 in (4.9) and noting that Q1 + yQx + (1 — y)F*(0)Q3 = Q, we see that
B(0) = QB*(0) and that the vector & defined by (B.7) is the unique solution of system (3.8). It
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can be easily verified that

®B'(0)e = —

b+ (1- y)ﬂf:o tdF(t)Q3e] . (B.9)

Multiplying (B.9) by A and comparing the obtained equation with the equality in (3.12) we
see that

A3 (0)e = —p. (B.10)

It follows from (B.8) and (B.10) that det A= ¢(1-p). Since the stability condition implies that
p <1and since ¢ #0, we have det A #0. This competes the proof of the theorem.

C. Formulas for Calculation of the Mean Virtual Sojourn Time

The expressions (4.21)-(4.22) for the mean virtual sojourn time involve the matrices A, A'(0)
and the vector A”(0)e for which we derive explicit expressions below.

r—1

A= [iB’(O) ®D,]f+ [1 + i S
r=0 r=1 n=0

B"(0)B'(0) ® Dr] ee,

r-1

A'(0) =I+i

r=1 n=0

(73"(0)73'(0)73”1*1 0) ® D,), (C.1)

A"(0)e = {i i [2112_173’ (0)B'(0)B"1(0)B'(0) + B”(O)B”(O)] ® D, } e,

r=1n=1L I=0

where

B(O) = QB*(O), B/(O) — QB*(l) + (1 _ Y)F(l)QBB*(O),

(C.2)
BII(O) — QB*(Z) _ 2(1 _ Y)P(l)QsB*(l) + (1 _ Y)F(z)QSB*(O)!
(m) _ (_1\m * m — (m) —
Fm = (21) JO endr () = (L0 >0N m=1,2, (C3)
0, r<r,
fr(lr) = (C4)

SSaw? rer,

I=r'+1
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0, r<r,
2) ’
f= r ) r—r ~
T2y ey ()2, r>7r,
I=r'+1 -7
w(m) _ (_q\m * m At — (p*(m -
B*m = (-1) fo tmeAtdB(t) (ﬁ )m m=0,2, (C.5)
0, r<r,
*(m) / /
g = r =1 fr—r
" 3 (-1)f B (u(r' +i)) p, r>7.
7’ i=0 i

Remark C.1. Formulas for A, A'(0), A”(0) contain infinite sums. However, the calculations of
these should not create any difficulty as for overwhelming majority of interesting and useful
queueing models; the parameter matrices, Dy, of the BMAP process are equal to zero for k
greater than some threshold, say, K. Thus, all sums become finite. In alternative case, some
analytical formula for computing the infinite sequence of matrices D, k > 1, should be given.
If this sequence is generated such as Dy = D(1 - 0)o*™!, k > 1, where D and 0 < 0 < 1 are
given parameters, the infinite sums can be computed explicitly.
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This paper further considers more general high-order stochastic nonlinear system driven by noise
of unknown covariance and its adaptive state-feedback stabilization problem. A smooth state-

feedback controller is designed to guarantee that the origin of the closed-loop system is globally
stable in probability.

1. Introduction

In this paper, we consider the following high-order stochastic nonlinear system:

dxq = xgdt + fi(xr)dt + g1(x1)Zdw,

dxy = xhdt + fo(%2)dt + g (%) Zdw,
(1.1)

dx, =uPdt + f,(x,)dt + g (x,)Xdew,

where x = (x1,...,x,) € R", u € R, are the state and control input, respectively. x; = (x,...,
x;),i=1,...,n.p > 11is odd integer. w is an r-dimensional standard Wiener process defined
in a complete probability space (€2, F, {F+} 0, P) with Q being a sample space, ¥ being a o-
field, {F:};so being a filtration, and P being the probability measure. ¥ : R, — R™ is an
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unknown bounded nonnegative definite Borel measurable matrix function and £XT denotes
the infinitesimal covariance function of the driving noise Xdw. f; : R' — Rand gi: R — R,
i=1,...,n, are assumed to be smooth with f;(0) = 0 and g;(0) = 0.

When p = 1, system (1.1) reduced to the well-known normal form whose study on
feedback control problem has achieved great development in recent years. According to the
difference of selected Lyapunov functions, the existing literature on controller design can be
mainly divided into two types. One type is based on quadratic Lyapunov functions which
are multiplied by different weighting functions, see, for example, [1-5] and the references
therein. Another essential improvement belongs to Krsti¢ and Deng. By introducing the
quartic Lyapunov function, [6, 7] presented asymptotical stabilization control in the large
under the assumption that the nonlinearities equal to zero at the equilibrium point of the
open-loop system. Subsequently, for several classes of stochastic nonlinear systems with
unmodeled dynamics and uncertain nonlinear functions, by combining Krsti¢ and Deng’s
method with stochastic small-gain theorem [8], and with dynamic signal and changing
supply function [9, 10], different adaptive output-feedback control schemes are studied.

When p > 1, some intrinsic features of (1.1), such as that its Jacobian linearization is
neither controllable nor feedback linearizable, lead to the existing design tools hardly appli-
cable to this kind of systems. Motivated by the fruitful deterministic results in [11, 12]
and the related papers and based on stochastic stability theory in [13-15], and so forth,
[16] firstly considered, this class of systems with stochastic inverse dynamics. Subsequently,
[17-21] considered respectively, the state-feedback stabilization problem for more general
systems with different structures. [22, 23] solved the output-feedback stabilization, and [24]
addressed the inverse optimal stabilization.

All the papers mentioned above, however, only consider the case of 3T = I. In this
paper, we will further consider more general high-order stochastic nonlinear system driven
by noise of unknown covariance and its adaptive state-feedback stabilization problem. A
smooth state-feedback controller is designed to guarantee that the origin of the closed-loop
system is globally stable in probability. A simulation example verifies the effectiveness of the
control scheme.

The paper is organized as follows. Section 2 provides some preliminary results.
Section 3 gives the state-feedback controller design and stability analysis, following a simula-
tion example in Section 4. In Section 5, we conclude the paper.

2. Preliminary Results

The following notations definitions and lemmas are to be used throughout the paper.

R, stands for the set of all nonnegative real numbers, R" is the n-dimensional
Euclidean space, R™™ is the space of real n x m-matrixes. C*> denotes the family of all the
functions with continuous second partial derivatives. |x| is the usual Euclidean norm of a
vector x. ||X|| = (Tr{XXT})'?, where Tr{X} is its trace when X is a square matrix and
XT denotes the transpose of X. X denotes the set of all functions: R, — R, which are
continuous, strictly increasing and vanishing at zero; X, is the set of all functions which are
of class X and unbounded; X£ denotes the set of all functions f(s,t): Ry x R, — R,, which
are of class X for each fixed t and decrease to zero as t — oo for each fixed s. To simplify the
procedure, we sometimes denote y(t) by y for any variable y(t).

Consider the nonlinear stochastic system

dx = f(x)dt + g(x)dw, (2.1)
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where x € R" is the state, w is an r-dimensional independent Wiener process with incre-
mental covariance =X dt, that is, E{dwdw! } = Z3Tdt, where X is a bounded function taking
values in the set of nonnegative definite matrices, f : R* — R"and g : R* — R™ are locally
Lipschitz functions.

Definition 2.1 (see [13]). For any given V(x) € C? associated with stochastic system (2.1), the
differential operator £ is defined as

2v() 2 B a1 S Tr{gT(x> AL e } 22)

ox2

Definition 2.2 (see [25]). For the stochastic system (2.1) with f(0) = 0, g(0) = 0, the equilibri-
um x(t) = 0 is globally asymptotically stable (GAS) in probability if for any ¢ > 0, there exists
a class X.£ function (-, -) such that

P{lx(t)| < B(|xol, )} 21 -¢,  t>0, Vxg€ R"\ {0}. (2.3)

Lemma 2.3 (see [14]). Consider the stochastic system (2.1). If there exist a C? function V (x), class
K, function ay and a, constants ¢ > 0 and ¢, > 0, and a nonnegative function W (x) such that for
allxe R, t >0

ai(|x]) < V(x) < ax(|x]), LV < -1 W(x) + ¢y, (2.4)

then,

(a) there exists an almost surely unique solution on [0, oo) for each xo € R",
(b) when c; =0, f(0) =0, g(0) =0, and W (x) is continuous, then the equilibrium x = 0 is
Qlobally stable in probability and the solution x(t) satisfies P{lim;_, , W (x(t)) =0} = 1.

Lemma 2.4 (see [12]). Let x, y be real variables, for any positive integers m, n, positive real number
b and nonnegative continuous function a(-), then

-m/n
m.,n m+n n m+n (m+n)/ny-m/n m+n
a()x™y" < bjx|™" + +n< > (a(")) by | ™, (2.5)

when a(-) =1, b= (m/(m+n))d, d is a positive constant, then the above inequality is

xX"y" < m"j —dlx™" + ﬁd—m/ﬂw’”". (2.6)

Lemma 2.5 (see [12]). Let x,y and z;, i = 1,...,p, be real variables and let I, (-) and I,(-) be smooth
mappings. Then for any positive integers m, n and real number N > O, there exist two nonnegative
smooth functions hy(-) and hy(-) such that the following inequalities hold:

(@) [ [(y + xl (x))" = (xl (x))"]] < |x[™ /N + [y " ha (x, ),
(ii) [y™ (2} +- -+ zh + Yy (21, 25, )| < /N) ] |zl ™" + [y " ha(z1, -, 2p, )
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Lemma 2.6 (see [12]). Let xy,..., Xy, p, be positive real variables, then

(x1+-+x,)P < max{n’”‘l,l}(x’f et xﬁ). (2.7)

3. Controller Design and Stability Analysis

The objective of this paper is to design a smooth state-feedback controller for system (1.1),
such that the solution of the closed-loop system is GAS in probability. To achieve the control
objective, we need the following assumption.

Assumption 3.1. There are nonnegative smooth functions fi1, gi1, i = 1,...,n, such that

|fi(xi)| < <Z|xj|p>fi1(fi)r |gi(xi)| < <Z|x,~|p>gf1(7i)- (3.1)

j=1 j=1

3.1. Controller Design

Now, we give the controller design procedure by using the backstepping method.
First, we introduce the following coordinate change:

zZ1 = X1, Zi = Xj— i <§i—1/9>/ i= 2, ..., N, (32)

where a;_1(x;_1, é), i=2,...,n, are smooth virtual controllers which will be designed later, 0
is the estimation of 6, and

(p+3)/2 (p+3)/3

7

0= max{ |22
t>0

==

ssT || } (3.3)

Then, by It0’s differentiation rule, one has

dZi = d(xi — i1 (Ei—lz é))

i-1 aai—l p 1 i-1 aZai_l

x [ —
I+1
= ox; 2 K 0x0X,,

= <x§11 + Fi(%) - 8k () ZZT g5, (Xim) - aggl é) it (B4

+ Gl' (Ei)Zdw,

where

i-1 aai*l i-1 aai—l

Fi(x) = fi(%) - D, o1 @), Gi®)=gix) - D, o1 g1 (x). (3.5)

I=1 I=1
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Step 1. Define the first Lyapunov function
~ 1 1 ~
Vl <le 6) = Zzzll + ﬁezr (36)

where I is a positive constant, 6 =6-0is the parameter estimation error. By (3.2)-(3.4) and
Assumption 3.1, there exist nonnegative smooth functions 11 and p5 such that

3, é
LV, =23 x2 + 21f1 x1) + zlgl(xl)ZZ et (xl) - F

’—JICDZ

p) + zi’a’f + z’f i1 (z1) + zf Hi15(21)0 —

Sz‘i’(xg—al
+ =~ é = +
Y+ 2 (z) + 2 i) V1 + 02 - £ (0 -T2 s (z).

< z‘;’ (xé7 - txf) +zia) + Zy
(3.7)

Choosing the first smooth virtual controller

1/p
a <x1,§> =-z15 <Z1,§>, B <21/§> = <C11 + p11(z1) + pas(z1) V1 + §2> , (3.8)

and the tuning function

71(z1) = T20 s (1), (3.9)

one has

LV, < —c1lzf+3 + z? (x’zj - a’f) - %(é - 7'1), (3.10)

where c11 > 0 is a design parameter.

Step i (2 <i < mn). For notational coherence, denote u = x,.1. Assuming that at step i — 1, one

has

= D

i-1
Y

j=2

. .
2V < ’chli_lz?ﬁ ~ < aag) (é - T,-_l) +z0 <xf - af_l), (3.11)
j=1
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where 7;,_1 = Ti» + szf13(pti_1,4 + Hi-15)- In the sequel, we will prove that (3.11) still holds for
the ith Lyapunov function V;(z;, é) =Vi1(zi, é) +(1/ 4)zf. By (3.4) and (3.11), one has

_ L Oa; 1 22 82
LV; < LV + 2] <xf+1 + Fi(x;) - 1P i-1 >

- ax l+1 2k _1ax a g‘k(“xk)ZZ gm(xm)

35"‘1619 03 2Tr{ZTGT(xi)Gi(E,~)Z}

1

i1 5 il . .
< —ch,i_12?+3 - <? + ' z]3. aggl> (é - Ti_1> + zf_l <x§7 - cxf_1> (3.12)

i-1 -1~
o 1 o“a;_
3 P — 1. p 1 — T T ,—
+z <xi+1 + Fi(xi) - < 11 X1~ Ekmzl axkalxm gk(xk)zz gm(xm)>

oa;_ 3 i— i
3 i-1 5 2 T ~T _
-z — 6+ Tri{ X' G; (x;)Gi(x) X —Ti-1 — Z; ——Ti-1-
00 2" { } 6 00

To proceed further, an estimate for each term in the right-hand side of (3.12) is needed. Using
to’s differentiation rule, Lemmas 2.4-2.6, (3.2), and (3.3), it follows that

3 p_ P 3 . C\P _ AP
211<x a1>—zll<(zl+le,1) al._l)

+3
<&z 4 pa (zl,9>zp ,

Z)Fi(x;) < |Zi|SZ|Zj|pPi2j <Ei/ é)

j=1

—_

i—

p+ +3
S §12j j + Ui (er 9) Zp s

.
1l
—_

Loaiy p 3% p )
—Ziz axl xl+l < |Zi| Z|Z]| pi3j<zi’9)

1=1 =1

-1

Zézs] P s (7,0) 27,

j=1

Z

3 ?klllaaz g(@)=Tg (zm>slZf'3§|Zf|2”Pi4f<Eif§>||ZZT“

-1

Z§z4] pee +#i4<zi,é>zf+39,

j=1

gz,? Tr{ZTGiT(Ei)Gi(E)Z} <z? .ilz?”pﬁj (zi, é) ||22T”
<
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zl: $isjZ; pee +#i5<zi,§>zf+39,

j=1

oai_q 3 )
—Z?ETH <1zl 1zl  piej <Zi'9>

j=1

-1

Z§16] pee +Hi6<zifé>zf+3/

im1
(3.13)
where i1, §inj, &isjs Giajs &isjs Gisj, j = 1,...,1— 1, are positive constants and pi1, pio, pis, pia, pis,

His, Pi2js Pisjs Pidjs Pisjs Pisjs ] = 1,...,1, are nonnegative smooth functions. Substituting (3.13)
into (3.12), one has

j=1 j=2

n i1
P 0 S0aj1 \ /5 P
LV; < ZC111Z +énz;_ —<f+Zz]. % ><9—Ti1>+z a;
+ — ] .
+ Z? 3([/[,'1 + Ui2 + Uiz + Hie T (/’li4 + //li5) 1+ 62> + f(ﬂi‘l + ‘I/£1'5)FZ§7 3 (314)
+ Z(ézZ] + §l3] + 514] + §15] + §16])Z <Xf’+1 af)

Choosing the ith smooth virtual controller «;

w(5,6) = -=(215),
ﬂi <Ei/§> = <Cii + Uil + Hi2 + Uiz + Hie T (#14 + #iS) < V1+ 62 + 22? 5
j=2

vy (3.15)
oa.
Ylp ,
5

7i(zi) = Ti-1(Zi1) + er+3 (pia + pis), (3.16)

and tuning function T

and substituting (3.15) and (3.16) into (3.14), it follows that

(z,, ) Zcﬂ P _ <§ izf agz;) (5 -7)+2 (xf.:l ), (3.17)

j=2

6 . .
where C]'i = C]']' - §j+1,1 - Zk:zgikjl] = 1,. Lo l= 1.
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Hence at step n, the smooth adaptive state-feedback controller

u=ay, <§n,é\> = —Znﬂn (Em é)r §= Tn(Zn),

1/p
R = no0ai
ﬂn(zn/6> = <Cnn+,un1+#n2+#n3 +I1n6+ (ﬂn4+//ln5)< 1+92+ZZ? ! 1F>> s
j=2

30

Tu(Zn) = T2, pis(z1) + 2720 (uja + pjs),
=2

(3.18)
such that the nth Lyapunov function
Vn<En é) = liz‘.* s L1 (3.19)
4477701 '
satisfies
N +3
LV, < —chnz? , (3.20)
j=1

where p,;, [ =1,...,6, are nonnegative smooth functions, ¢;,, j = 1,...,n, are constants, and
6
Ci" Zij—§j+1,1 —Zénkj, ] = 1,...,n—1. (321)
k=2

3.2. Stability Analysis

Theorem 3.2. If Assumption 3.1 holds for the high-order stochastic nonlinear system (1.1), under
the state-feedback controller (3.18), then

(i) the closed-loop system consisting of (1.1), (3.2), (3.8), (3.9), (3.15), (3.16), and (3.18) has
an almost surely unique solution on [0, o) for each (xo,0(0)) € R™1,

(ii) the origin of the closed-loop system is globally stable in probability,
(iii) P{limy_, oo|x(£)| = 0} = 1 and P{lim,_, ,,0(t) exists and is finite} = 1.

Proof. It is easy to verify that V,,(z,, é) is C? on z, and 9. For j=1,...,n-1, choose the design
parameter cj;j > ;1,1 + Zizzénkj, Can > 0, then by (3.21),¢j, >0,j=1,...,n—1.Since V,,(z,, é)
is continuous, positive, and radially bounded, by (3.20), (3.21), and Lemma 4.3 in [25], there
exist two class X, functions a; and a; such that a;(|x|, |§|) < V.(z,, é) < ap(|x|, |§|). Hence,
the condition of Lemma 2.3 holds. ]

By Lemma 2.3, it follows that conclusion (i), (ii) hold, and P{lim;_,.|z(f)| = 0} = 1.
In view of a;(0,0) = 0 and x; = z; + aj_1(Xi_1,0), one has P{lim;_, .|x(¢)| = 0} = 1. By (3.20)
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and the definition of V,,(z,, é) in (3.19), it holds that 5(1‘) converges a.s. to a finite limit 0., as
t — oo, therefore O(t) converges a.s. to a finite limit as t — oo.

4. A Simulation Example
Consider a two-order nonlinear stochastic system
dx; = xgdt + f1(xy)dt + x%Zdw,

(4.1)
dxy = uldt + fa(x2)dt + ngdw,

where fi(x1) = x3, f>(X,) = x1x3. By Lemma 2.4, one gets |f1(x1)| < [x1[?, |g1(x1)| < |x1f,
If2(32)] < (1/3)|x1? + (2/3)|x2], £2(%2) < |x2[*. We choose f11(x1) = 1, g11(x1) = 1, fa1(x2) =
2/3, g1(x2) = 1, Assumption 3.1 is satisfied.

We now give the design of state-feedback controller for system (4.1).

Step 1. Define z; = x1, V1 (z1, é) =(1/ 4)2‘1l +(1/2r )52. A smooth virtual controller

241 <X1, §> = —Zlﬁl (Zl, é),

P (Zl,é) = <cn +1+ 1“15(21)@)

and the tuning function

71(z1) = 28 pr5(z1) (4.3)

yield £V;(z, 0) < —enzd + 23 (2 —a3) + (é/F)(é — 1), where

ps(z) =52, 00 =max{ [z 2oz

2 T
) ”Z(t)Z(t) || } (4.4)
Step 2. Defining z5 = x, — a1 (x, é), Vo (z,, é) =Vi(z, é) + (1/4)23, by (3.12), one has

£V2<zl,§> < —cnz? + z?(xg - a%) + g(é— T1>

da; 5 10°m

+ 2 <u3 + F (%) - Erae sl b (x1)=xT gl (§1)> (4.5)
1

_ Zg%m gzg Tr{zTGZf(?z)Gz(fz)Z}r
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where F»(x2) = f2(x2) — (0a1/0x1) f1(x1), G2(X2) = 2(X2) — (0a1/0x1)g1(x1). By Lemma 2.4,
the definition of z;, and (4.2), one can obtain

1 1
3(43 _ 3 6 -1,6 126
z] <x2 - a1> < Edllzl + §d1122 +3 dlzzl + d12 225 + d1321 + d13 hav-4

= §21Z$ + U1 <21,§> Zg,
1 2 Ooa
— 3 3 3 3 1
23 F> (%) < 2|23 <§|Zl| + §|Zz| +|z1° 7 - 6_xlzi>
= &mz8 + P <§2,é>,
o oa
—zga 1.’){,‘3 < | 2| 1 <Z§ — 3Z§Zlﬂ1 + 32221ﬁ1 — Z?ﬂ%)

6 — 5\.6
< &3127 + o3 <Zz, 9> z3,

4=

< &onz8 + pos (Ez, é) z56;

(4.6)
by (4.3), Lemmas 2.4, 2.6, and the definitions of z; and G(x>), one has
oa 3 0a
3001 3 3 1
390 <z (——r| i)
%00 2 96
< &6128 + pos <Ez, é) zS,
3 _ _ 3 o
~BT{S Gl @G @)z} < E.z§<(z2 —zp) - 2 3) =" 4.7)

<z2<<3 2960 + 3 <%)2>Z?+2522>||ZZT”

< 5128 + pos <Ez, é) 50,

where §21 (1/2)d11 + 2d12 + (5/2)d13, (3221 (1/3)d21 + d22 + d23, 5231 (1/2)d31 + (1/2)d32,
ou = (1/2)dy, &5 = (2/3)ds1, et = (1/2)de1, pai(21,0) = (1/2)dy] + d; l:31(21,9) +
(1/2)d;, ﬂ%2(21/9) l’lZZ(ZZIQ) (1/3)d21 +(4/3) + dyy it + d; 1(5011/(3351) ﬂ23(22,9) (5111/
0x1)(1 - 2637 + ) + (01 /0x1)*((1/2)d3] + (1/2)d3, ) p2a(22,0) = (1/2)d; (azal/axg 2,

Hos (Zz, 6) = 3222 +dz. 1(128[5 + 4(6&1 /axl) )Zl’ #26(22/ 9) (9/8)d (60(1 /86) FZZ d11, d12,
dis, do1, d, dos, d31, dsy, dy1, dsi1, dg1 are positive constants.
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Figure 1: The responses of closed-loop system (4.1)—(4.3), (4.8).

Choosing the smooth adaptive controller

u= —Zzﬁz <Ez, é), 0= TZ(EZ)/

72(2Z2) = T25p15(21) + T2 <,u24 (Ez, é) + Uas (52, é))r (4.8)

_ 5 [ s0a\\°
ﬂ2<22,9> = (sz + Mo1 + oo + po3 + poe + (#24+#25)< 1 +92+FZ§£>> ,

and substituting (4.6)—(4.8) into (4.5), one has

LV, < —c122] — 028, (4.9)

where c12 = c11 — &1 — &1 — €231 — 241 — €251 — 261 > 0.
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In simulation, we choose %(t) = 1, the parameters I' = 1, ¢11 = 11, cp = 1,d;1 = 1,
d12 = 1, d13 = 1, dzl = 1, dzz = 1, d23 = 1, d31 = 0.01, d32 = 1, d41 = 1, d51 = 1, d61 = 1, the
initial values 6(0) = 0, x1(0) = 0, x2(0) = —0.5, the sampling period = 0.01. Figure 1 verifies
the effectiveness of the control scheme.

5. Conclusion

In this paper, we further consider more general high-order stochastic nonlinear system driven
by noise of unknown covariance and its adaptive state-feedback stabilization problem.

There is a still remaining problem to be investigated: under current investigation, how
to design an output feedback controller for system (1.1) with Assumption 3.1?
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