Hindawi Publishing Corporation

The Scientific World Journal

Volume 2013, Article ID 952974, 15 pages
http://dx.doi.org/10.1155/2013/952974

Research Article

Hindawi

An Iterative Algorithm for the Reflexive Solution of
the General Coupled Matrix Equations

Zhongli Zhou and Guangxin Huang

Geomathematics Key Laboratory of Sichuan Province, College of Management Science, Chengdu University of Technology,

Chengdu 610059, China

Correspondence should be addressed to Guangxin Huang; huangx@cdut.edu.cn

Received 3 August 2013; Accepted 26 August 2013

Academic Editors: R. Campoamor-Stursberg, I. Ivanov, and Y. Shi

Copyright © 2013 Z. Zhou and G. Huang. This is an open access article distributed under the Creative Commons Attribution
License, which permits unrestricted use, distribution, and reproduction in any medium, provided the original work is properly
cited.

The general coupled matrix equations (including the generalized coupled Sylvester matrix equations as special cases) have numerous
applications in control and system theory. In this paper, an iterative algorithm is constructed to solve the general coupled matrix
equations over reflexive matrix solution. When the general coupled matrix equations are consistent over reflexive matrices, the
reflexive solution can be determined automatically by the iterative algorithm within finite iterative steps in the absence of round-oft
errors. The least Frobenius norm reflexive solution of the general coupled matrix equations can be derived when an appropriate
initial matrix is chosen. Furthermore, the unique optimal approximation reflexive solution to a given matrix group in Frobenius
norm can be derived by finding the least-norm reflexive solution of the corresponding general coupled matrix equations. A

numerical example is given to illustrate the effectiveness of the proposed iterative algorithm.

1. Introduction

Let P € ™" be a generalized reflection matrix; that is,
PT = Pand P* = I. A matrix A € %™ is called reflexive
with respect to the matrix P if PAP = A. The set of all n-by-n
reflexive matrices with respect to the generalized reflection
matrix P is denoted by Z"(P). Let #™" denote the set
of all m x n real matrices. We denote by the superscript
T the transpose of a matrix. In matrix space Z™", define
inner product as; (A,B) = tr(BTA) for all A,B € Z™",
| Al represents the Frobenius norm of A. #(A) represents
the column space of A. vec(-) represents the vector operator;
that is, vec(A) = (alT, aZT, ... ,a:)T € R for the matrix
A = (apay...,a,) € R a € R", i = 1,2,...,n
A ® B stands for the Kronecker product of matrices A and
B.

In this paper, we will consider the following two prob-
lems.

Problem 1. Let P; € "™ be generalized reflection matrices.
For given matrices A;; € R, B; € R, and M; ¢

R, find reflexive matrix solution group (X, X,,..., X )
with X; € %" (P,) such that

q
Y AyXB;=M, i=12,..,p. )
j=1

Problem 2. When Problem 1 is consistent, let S; denote the
set of the reflexive solution group of Problem 1; that is,

g
Sp=1(X, X5, X,) | Y A;X B, = M,

=1

2)
i=12,...,p, X;¢€ %:‘jxnf (Pj)
For a given reflexive matrix group
0 0 0

(X1, X3,..., X)) € ™ (Py) 6

x l%:‘zxnz (PZ) X oo X @:qan (Pq) ,



Find ()?1,)?2,...,)?,1) € Sg such that

q —_
> |- X
j=1
g (4)
_ . " 2
_(Xl,XT.I,gq)esE ].;"Xf x|t

The general coupled matrix equations (1) (including the
generalized coupled Sylvester matrix equations as special
cases) may arise in many areas of control and system theory.

Many theoretical and numerical results on (1) and some of
its special cases have been obtained. Least-squares-based iter-
ative algorithms are very important in system identification,
parameter estimation, and signal processing, including the
recursive least squares (RLS) and iterative least squares (ILS)
methods for solving the solutions of some matrix equations,
for example, the Lyapunov matrix equation, Sylvester matrix
equations, and coupled matrix equations as well. For example,
novel gradient-based iterative (GI) method [1-5] and least-
squares-based iterative methods [3, 4, 6] with highly com-
putational efficiencies for solving (coupled) matrix equations
are presented and have good stability performances, based
on the hierarchical identification principle, which regards
the unknown matrix as the system parameter matrix to be
identified. Ding and Chen [1] presented the gradient-based
iterative algorithms by applying the gradient search principle
and the hierarchical identification principle for (1) withg = p.
Wau et al. [7, 8] gave the finite iterative solutions to coupled
Sylvester-conjugate matrix equations. Wu et al. [9] gave the
finite iterative solutions to a class of complex matrix equations
with conjugate and transpose of the unknowns. Jonsson
and Kagstrom [10, 11] proposed recursive block algorithms
for solving the coupled Sylvester matrix equations and the
generalized Sylvester and Lyapunov Matrix equations. By
extending the idea of conjugate gradient method, Dehghan
and Hajarian [12] constructed an iterative algorithm to solve
(1) with g = p over generalized bisymmetric matrices. Very
recently, Huang et al. [13] presented a finite iterative algo-
rithms for the one-sided and generalized coupled Sylvester
matrix equations over generalized reflexive solutions. Yin et
al. [14] presented a finite iterative algorithms for the two-
sided and generalized coupled Sylvester matrix equations
over reflexive solutions. For more results, we refer to [15-
28]. However, to our knowledge, the reflexive solution to
the general coupled matrix equations (1) and the optimal
approximation reflexive solution have not been derived. In
this paper, we will consider the reflexive solution of (1) and
the optimal approximation reflexive solution.

This paper is organized as follows. In Section 2, we will
solve Problem 1 by constructing an iterative algorithm. The
convergence of the proposed algorithm is proved. For any
arbitrary initial matrix group, we can obtain a reflexive
solution group of Problem 1 within finite iteration steps in
the absence of round-off errors. Furthermore, for a special
initial matrix group, we can obtain the least Frobenius norm
solution of Problem 1. Then in Section 3, we give the optimal
approximate solution group of Problem 2 by finding the
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least Frobenius norm reflexive solution group of the corre-
sponding general coupled matrix equations. In Section 4, a
numerical example is given to illustrate the effectiveness of
our method. At last, some conclusions are drawn in Section 5.

2. An Iterative Algorithm for
Solving Problem 1

In this section, we will first introduce an iterative algorithm
to solve Problem 1 then prove its convergence. We will also
give the least-norm reflexive solution of Problem 1 when an
appropriate initial iterative matrix group is chosen.

Algorithm 3.
Step 1. Input matrices A;; € R, B;; € R, M; € R,
and generalized reflection matrices P; € Z"°",i = 1,..., p,
j=1L...,q

Step 2. Choose an arbitrary matrix group

(X1, X,(1),...,X, (1) € B ()
(5)
X R (By) o x B (P,

Compute

9
R(1) = diag (M1 - Y AyX, (1) By, M,

=1

9 91
=Y AyX;(1)By,..., M, = Y AyX (1) BP,> ,
I=1 I=1

HOEE

q

T T

> AL <Mi - Y Ay (1)B,-,> B}
i I=1

i=1 =
4 T L T
+) PAL | M- Y AyX; (1) By | BLP; |,
i=1 I=1

k:=1.
(6)

Step 3. If R(k) = 0, then stop and (X, (k), X,(k),... ,Xq(k))
is the solution group of (1); elseif R(k)# 0, but Sj(k) =0,
j=1,...,9 then stop and (1) are not consistent over reflexive
matrix group; else k := k + 1.

Step 4. Compute
IR (k= DIl
LIS e =D

xS; (k-1),

X;(k) =X, (k=1)+

j=L...,q

q
R (k) = diag (Ml - > AyX, (k) By, M,

=1

q q
~> AyX; (k) By, M, = Y A X, (k) Bpl>

=1 I=1
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IR (k = D)7

=R(k-1)- —— 2F
Y, I8 k=D

1 1
. dlag (ZAUSI (k - 1) Bll’ ZAZISZ (k - 1) le, e

1=1 =1

9
xzhﬁw—nmﬂ,

=1

S; (k) =

L T
DA <M

i=1

P q
T T
+) P A (Ml- - > AyX; (k) Bi,> Bl.].Pj:|
i=1 =1

. IR (R)IIE
IR (k = D)7

q
- Y AyX (k) Bil) B

1
2 I=1

S;(k—1).
(7)

Step 5. Go to Step 3.

Obviously, it can be seen that X ; (k) S; (k) € RnJ " (P ) for
al j=1,...,qand k= 1,2,.

Lemma 4. For the sequences {R(k)}, {Sj(k)} (G=12...,9
generated by Algorithm 3, and m > 2, we have

q
e ((s; )’ 1) =0,

=1 ®)

tr(R(s)'R(®)) =

sst=1,2,...,m,s#t.

The proof of Lemma 4 is presented in the appendix.

Lemma 5. Suppose that (X7,X;,...,X;) is an arbitrary

reflexive solution group of Problem I, then for any initial
reflexive matrix group (X, (1), X,(1), ..., X (1)), one has

d * T 2
(X=X, 00)'8;(0) = IRKIG k=12,
=1
)
where the sequences {Xj(k)}, {Sj(k)}, and {R(k)} are generated
by Algorithm 3.
The proof of Lemma 5 is presented in the appendix.
Remark 6. If there exists a positive number k such that

Sj(k) =0,j=12,...,9 but R(k) #0, then, by Lemma 5, we
get that (1) are not consistent over reflexive matrices.

Theorem 7. Suppose that Problem 1 is consistent; then for
an arbitrary initial matrix group (X,, X,,..., X,) with X; €

n;Xn;

R (P;), a reflexive solution group of Problem 1 can be
obtained wzth finite iteration steps in the absence of round-off
errors.

Proof. If R(k)#0, k = 1,2,....m = Y’ rs, then by

Lemma5 and Remark 6 we have Sj(k)#O for all j o=

1,2,...,qand k = 1,2, ..., m. Thus we can compute R(m + 1)

and (X;(m + 1), X,(m + 1),...,Xq(m + 1)) by Algorithm 3.
By Lemma 4, we have

tr(Rm+1)'R(K))=0, k=12,...,m,
(10)
tr(R(K)'R(D) =0, kl=12...,m k#l
It can be seen that the set of R(1), R(2),...,R(m) is an
orthogonal basis of the matrix subspace
S={L|L=diag(L,,Ly...,L,),
(1)
L,e R, 0= 1,2...,p} ,

which implies that R(m + 1) = 0; that is, (X, (m + 1), X,(m +
1),....X,(m + 1) with X;(m + 1) € &P, is a
reflexive solution group of Problem 1. This completes the
proof. O

To show the least Frobenius norm reflexive solution of
Problem 1, we first introduce the following result.

Lemma 8 (see [20, Lemma 2.4]). Suppose that the consistent

system of linear equation Ax = b has a solution x* € R(A");
then x" is a unique least Frobenius norm solution of the system
of linear equation.

By Lemma 8, the following result can be obtained.

Theorem 9. Suppose that Problem 1 is consistent. If one
chooses the initial iterative matrices Xj(l) = p AIT]K,Bz
P PALKBLP, j = 1,2,...,q, where K,. e R,
i = 1,2,...,p are arbitrary matrices, especially, X;(1) =
0 € RW(P)), then the solution group (XT,X;,...,X;)
generated by Algorithm 3 is the unique least Frobenius norm
reflexive solution group of Problem 1.

Proof. We know that the solvability of (1) over reflexive
matrices is equivalent to the following matrix equations:

(12)



Then the system of matrix equations (12) is equivalent to

T T
By®A;, - Bu®Ay
T T
B,®A, -+ B,®A,
T T
B ,P®A P --- quPq ®A1qPq

o -
BlP ®A,P - quPq®A P,

vec (X, (1))

vec ()‘(q (1))

vec ZAllKl ! +ZP AL KB P,
vec ZA,q ; ,q+ZP A KBP,
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vec (M)
vec (X,) ;
y _ vec ((]\A//I[p))
vec (Xq) : '
vec (Mp)

P T T P T T
Let X;(1) = ¥ ATK.B +¥!  P,ATK,B[P,

where K; € #' are arbitrary matrices; then

vec (K;)
T T T T :
311®A11 o By ®A, PB®PAY, - Ppr1®P1Ap1 ;
) vec(Kp)
T : . . : . VeC(Kl)
B, &AL - qu®qu P,B,,®P,AT - BB, ®PqAPq :
Vec(Kp)
T T T
Bll®A11 o By®Ay vec (K;)
BT ®A, - BT ®A,, Vec(Kp)
BT P e AP, - BquPq®A P vec(K;)
P1®A P - qupq®A P, vec(K,)
B[,®A, - B.®A !
11 11 1g 1q
L : T :
BIP @A, P - quPq®A1qPq

o :
By Pl ®@AyP, - qupchA P,

j=12,...

(13)

)q)

(14)



The Scientific World Journal

Furthermore, we can see that all reflexive matrix solution
groups (X, (k), X,(k),... ,Xq(k)) generated by Algorithm 3
satisfy

vec (X, (1))

vec(Xq(l))
T T T
B ®An B1q®A1q
T . T i
<R TBp1®AP1 B, ®A,, :
B P ®A P --- quPq®A1q i
By P ® A, P - B}T,qqu@A P,
(15)

by Lemma 8 we know that (X},Xj;,... ,X;) is the least
Frobenius norm reflexive solution group of the system of
linear equation (13). Since vector operator is isomorphic,
(X1, X505 X;) is the unique least Frobenius norm reflexive
solution group of the system of matrix equations (12). Thus
(X1, X550 X;) is the unique least Frobenius norm reflexive
solution group of Problem 1. This completes the proof. [

3. The Solution of Problem 2

In this section, we will show that the reflexive solution group
of Problem 2 to a given reflexive matrix group can be derived
by finding the least Frobenius norm reflexive solution group
of the corresponding general coupled matrix equations.
When Problem 1 is consistent, the set of the reflexive
solution groups of Problem 1 denoted by Sy, is not empty. For

a given matrix pair (x9,x9 XO) with XO € gg” %1 (P)
j= 1,2)-.-,6],Wehave
1 q .
Y AyXB; =M, & Y A;(X; _Xj)Bij
~ =
(16)
=M, - ZAU °By,
i=12,...,p.

v 0 v op
Set X; = X; - Xjand M; = M; - Z 1 A X Bys

then solving Problem 2 is equivalent to ﬁndlng the least

Frobenius norm reflexive solution group (X;, X;,. .., X;) of
the corresponding general coupled matrix equations

q

Z JXBj=M, i=12..,p. 17)

5
By using Algorithm 3, let initial iteration matrices
4 & T g T
X;(1) = Y AyKB;
i=1
(18)
+ ZP AUKBLP,  j=12,...,q,

where K; € X" i = 1,2,...,p are arbitrary matrices,
especially, Xj(l) =0¢e RV(P), j = 1,2,...,q; then we
can get the the least Frobenius norm reflexive solution group
X5, X5, X;) of (17). Thus the reflexive solution group of
Problem 2 can be represented as

(X0 X s X,) = (X + X055 + X5, X + X)),

(19)

4. A Numerical Example

In this section, we will show a numerical example to illustrate
our results. All the tests are performed by MATLAB 7.8.

Example 10. Consider the reflexive solution of the general
coupled matrix equations

AnXi B+ ApXyB= My, Ay X By + Ay XyBy, = M,
(20)

where

9]

7 -9

4 6 -1

9 6 -8

2 2 3 ’
=22 -1 -11

-6 -9 -9

(21)

56 7
8 -5 4
B,=| -15-2 3 |, (22)
9 2 -6
7 -8 1

-9
-11
-8
13 6 4 -15 ’
-5 15 -13 -11
2 9 -6 -9

\S}
NS
W A

5 1 9 -6
-4 5 -2 3

3 -12 0 8 [’
-5 8 -2 9

By, =



145-1 7 1
23 -2 5 4
An=| 1342 36|
81 -5 4 8
6 52 37
1 3-58 2
By=| -115-6 2 5 |,
1327 =97
-9 6 -5 12 1
12 -5 8
55 -7 3
An=l 32 4 9 6|
-3 7 -12 11
7 -1 5 -2 3
. _[63 9 26
27527 81 |
1 4 -3-26

-406 123 16 -74
79 290 408 -71

M. = -891 597 -664 720
1= 6 205 147 349 i
651 -2638 625 -131
652 -1923 634 -106
2814 —-239 1455 —-1634 845
M. = 439 287 480 -550 890
27 2500 -126 1199 -720 376
—-1000 630 -266 -—-24 1042
(23)
Let
00 0 10 001 0
00 0 01 00 0 -1
P=]100-100 |, P2=1000
10 0 00 0-10 0
01 0 00O
(24)

be the generalized reflection matrices.

We will find the reflexive solution of the the general
coupled matrix equations (20) by using Algorithm 3. It can
be verified that the matrix equations (20) are consistent over
reflexive matrices and the solution is

30
4 3
2

-4
-2

-6 3 -4
-6 4 -2
-2 1,
0
3

!
I
= W o
AN N B
= W o

(25)
-5 2 -1 1
2 -1 2 -3
-1 -1 -5 -2
-2 -3 -2 -1

X;

Because of the influence of the error of calculation, the
residual R(k) is usually unequal to zero in the process of
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the iteration, where k = 1,2,.... For any chosen posi-
tive number &, however small enough, for example, ¢ =
1.0000e — 010, whenever ||R(k)|| < &, stop the iteration;
(X, (k), X,(k)) is regarded to be the reflexive solution of the
matrix equations (20). Choose an initially iterative matrix
group (X,(1), X,(1)), such as

00000O0 0000
00000O0 0000
X, =[ 00000 |, X,1)= :
0000
00000O0 0000
00000
(26)
by Algorithm 3, we have
Xi =X, (31)
3.0000 -0.0000 -6.0000 3.0000 —4.0000
4.0000 3.0000 -6.0000 4.0000 -2.0000
=| 0.0000 2.0000 4.0000 -0.0000 -2.0000 |,
3.0000 -4.0000 6.0000 3.0000 -0.0000
4.0000 —-2.0000 6.0000 4.0000 3.0000
—5.0000 2.0000 -1.0000 1.0000
2.0000 -1.0000 2.0000 -3.0000

X =X%06D=1 10000 -1.0000 —5.0000 —2.0000 |

—-2.0000 -3.0000 -2.0000 —1.0000

IR (31)| = 3.186% — 011 < &.
(27)

So we obtain the reflexive solution of the matrix equations
(20). The relative error of the solution and the residual are
shown in Figure 1, where the relative error REk = (|| X, (k) —
XTI+ 1X,5(k) = X5 D/AUXT 1+ 1X5 1) and the residual Rk =
IR

Let Sg denote the set of all reflexive solution group of the
matrix equations (20). For two given reflexive matrices,

2 3 -5 3 3
-1 3 3 -52
xX=( 5 2 2 -5 2 |,
3 3 5 23
-5 2 -3 -13

—

(28)
-3 -3 4 2
o [0 1 12
Nl e 233 )
-1 2 01

we will find (X}, X,) € S, such that

% - %3] + 1% - x3]

. (29)
- i b X

that is, find the optimal approximate reflexive solution group
to the given matrix group (X%, X)) in S, in Frobenius norm.
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Let X; = X, - X, X, = X, - X3, M, = M, -
A X(By — ApXyBi, My = My — Ay X(By — ApX)By,
by the method mentioned in Section 3, we can obtain the
least-norm reflexive solution group (X T,Y;) of the matrix
equations A, X,B;, + A,,X,B,, = M, and A, X,B,, +
A,,X,B,, = M, by choosing the initially iterative matrices
X,(1) = 0and X,(1) = 0; then by Algorithm 3 we have that

X; =X, (29
1.0000 —3.0000 —1.0000 —0.0000 —7.0000
5.0000 0.0000 —9.0000 9.0000 —4.0000
= -5.0000 4.0000 2.0000 5.0000 —4.0000 |,
—0.0000 —7.0000 1.0000 1.0000 —3.0000
9.0000 —4.0000 9.0000 5.0000 —0.0000
—2.0000 5.0000 —5.0000 —1.0000
——_ _ [ 2.0000 -2.0000 1.0000 -5.0000
X=X =1 50000 1.0000 -2.0000 -5.0000 |’
~1.0000 —5.0000 —2.0000 —2.0000

IR (30)] = 3.6134e — 011 < & = 1.0000e — 010,

(30)

and the optimal approximate reflexive solution to the matrix

group (X(l), Xg) in Frobenius norm are
= T 0
X, =X] +X]
3.0000 0.0000 -6.0000 3.0000

4.0000 3.0000 -6.0000 4.0000
=1 0.0000 2.0000 4.0000

—-0.0000 -2.0000

—4.0000
—2.0000

3.0000 —-4.0000 6.0000 3.0000 0.0000
4.0000 —-2.0000 6.0000 4.0000 3.0000
—-5.0000 2.0000 -1.0000 1.0000

o o o [ 2.0000 -1.0000 2.0000 -3.0000
X=X+ X, = —-1.0000 —-1.0000 -5.0000 -2.0000
—-2.0000 -3.0000 -2.0000 -1.0000

(31)

The relative error and the residual of the solutign are shown
in Figure 2, where the relative error REk = (]| X, (k) + X(l) -

Xi+ 1X,(k) + X9 = X5ID/UIX; 1+ 1X5 1) and the residual
Rk = [R(K)Il.

5. Conclusions

In this paper, an iterative algorithm is presented to solve the
general coupled matrix equations Z?zl A;XBj; = M; (i =
1,2,..., p) over reflexive matrices. When the general coupled
matrix equations are consistent over reflexive matrices, for
any initially reflexive matrix group, the reflexive solution
group can be obtained by the iterative algorithm within
finite iterative steps in the absence of round-off errors.
When a special kind of initial iteration matrix group is
given, the unique least-norm reflexive solution of the general
coupled matrix equations can be derived. Furthermore, the
optimal approximate reflexive solution of the general coupled

Relative error/residual
S

\
\
\ N
2t \¥ \\
\ \
\\ \\
1 ).\ \\
LN N
T
0 1L T % e e 3.5 . - &
0 5 10 15 20 25 30 35
k (iteration step)
--- 10 * REk
-=- 0.001 * Rk

FIGURE 1: The relative error of the solutions and the residual for
Example 10 with X, (1) = 0 and X,(1) = 0.

12
\
10 + |
\
\\
—_— \
2 \
& T
8 6l ©
3 \‘ \\
E Lo
= VoY
é 4+ \‘ N
1 .
\
, AN
\\ \\
2r = AN
\‘—\ AN
\\k N
0 T_'\:?.:.:z— " "
0 5 10 15 20 25 30
k (iteration step)
--- 10 * REk
-=- 0.001 * Rk

FIGURE 2: The relative error of the solutions and the residual for
Example 10 with X} and X5.

matrix equations to a given reflexive matrix group can be
derived by finding the least-norm reflexive solution of new
corresponding general coupled matrix equations. Finally, a
numerical example is given in Section 4 to illustrate that our
iterative algorithm is quite effective.



Appendices

A. The Proof of Lemma 4
Since  tr((R(s))TR(t)) = tr((R(t))'R(s)) and

tr((S;(5))78;(1)) = tr((S;(1))"S(s)) for all s,¢ = 1,2,...,m
and j = 1,2,...,q, we only need to prove that

itr((sj (S))TSj (t)) -

tr(R(s)'R (1)) =
j=1 (A1)

1<t<s<m.

We prove the conclusion by induction, and two steps are
required.

Step 1. we will show that

itr((sj (k+1)'s;(k)) =0

=

tr(R(k+1))"R (k) =0,

k=12,....m-1.
(A.2)

To prove this conclusion, we also use induction.
For k = 1, by Algorithm 3, we have that

tr(R(2)"R(1))

IR (1)]7
=tr<|:R(1)——q "S(f)"z
=L F

9
xdiag<ZA1] S;(1)By;, ZAZJ (1) Byjs. s

=

T

ZAPJ j DBPJ)] R(1)

IR (1)[1%
L s o

q
tr<|:diag<ZA1] (1) By,
=1

T
ZAZJ i (D) By ZAPJJ 1)B, )]

= IR -

q
- diag <M1 - ZAIZXZ (1) By

I=1

q
M, = Y AyX; (1) By,...,
=1

= IR(D|I% -

= IR(D)|I% -

= IR(D|I% -

= IR(D|I% -
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9
Mp - ZAple (1)Bpl> )

I=1

IR (D)2
L s o

T
tr<diag< ZAUS (1) B >

q
x <M1_ZA11X1 (1) Bll) >

I=1

T
q
<ZA2151 1 sz)
=

9
X <M2 - ZAZIXZ (l)By) yeses
I=1

q T
<ZAPS (1)B >
j=1
q
X <MP—IZAPZX1(1)BPZ>)>
=1

IR (1)]1%
L s o

P a ro
tr Zl Z;Bij(sj(l)) Ay
i= j=
q
X(Mi_ZAile(l)Bil>>)
I=1

IR (1)]1%
st ol

q T P - q
x tr Z(Sj(l)) ZAij<Mi_ZAile(l)Bil>
P

=1 =1

T
i)

IR (1)]1%
L s o

tr<i(sj m)"

j=1
LAy (M- XL
2

AyX, (1) By) B}

P T
i=1 PjA1] (Ml - Zlq:l
2

le (1) le) Bl] j ] )
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IR (1)]12
L |5 o

d T
><tr<Z(Sj(1)) sj(1)> =

j=1

= IR()|I% -

q
> r((s,@)'s,m)
=
S35 (e anon )
_j=1 2\ 5 J i I=1 o )
P 9
+YPAL <Mi - AKX () Bil)
i=1 I=1

T
X BifQj>

T
||R<2)||F ] | )
NI TEAR AR

q )4 9
= Z tr < (ZA,T] <Mi - lZAile (2) Bil) BiTj
j=1 i=1 =1
T
NLICIE
IR 50 )) S (1))

zitr<(s )" A§< i—zq:AﬂXl(Z)Biz>B§>

j=1 I=1

Nk

1

”R(Z)"FZ ((Sj (1))Tsj (1)>

IR(IE S

p q q T
= Ztr(Z(Mi - > ApX;(2) B,.,> A;S; (1) By >
=1 j=1 I=1

IR ()} &
||R(1>||FZ“ ol
q T
=tr (diag((Ml - ZAUXZ ) Bll) >
=1
q T
- Y AyX;(2) le> .....
=1

. T
- l_zlAple (2) Bpl> >

1
xdiag(Z 1;S; (1) By, ZAZJS](I)BZJ .....

j=1 -

9
d IR2)3 &
Sapswm ) ) MBS g o,
> s
= w r(R@)" (R(1) - R(2)))
F
IR (2)II} &
||R(1)||pz'| ol
1 Is.1
- % wr(R@)'R()) =
F
(A.3)
Assume that (A.2) holds for k = m — 1; that is,
tr((R(m))" R(m-1)) =0,
(A.4)

q
> ((s; (m))'S,; (m - D)=
j=1

When k = m, we have that

tr (R (m+1))'R (m))

2
. ( [R(m) IRl
i I8 om

)
xdiag(ZAlj ; (m) B, , ZAZJ (M) B, ...,
j=1
q T
Y A,S;(m) B, )] R(m)>
j=1
R 2
~ R - Dl

S sy ol

1 1
tr([diag(Z 1;S; (m)Byj, Y A,S; (m) By,

-1 j=1

T
ZAPJ j (m) By, >]

q
. dlag <M1 - ZAUXZ (m) Bll’

I=1

9
M, =Y AyX;(m)B,,...,
I=1

q
- l_zlAple (m) Bpl))
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IR (m)|1%
515, oo

T
xtr<diag< ZAIJS (m) B, )

q
X <M1 - Y AyX; (m) Bu)’

I=1

= IR (m)|% -

T
q
(ZAszj (m) Bz]‘>

j=1

9
X (M2 =Y AyX; (m) BZZ> .....

I=1

T
q
(ZAPJ j (m) By, )
j=1

q
x (Mp - ;APZXI (m) Bpl>)>

IR (m)|1%

= [R(m)|; -
T s ol

9
X (Mz - ZAI'IXI (m) B11)>)
I=1

IR (m)|1%

= IRm)|z - ———F—
T s el

o

M

(;6m)"

1

.
I

X

p q

T T
YA <M,. =Y AyX; (m) Bl.,> Bl.j] >
i=1 I=1

IR (m)|I
2
Tols oml,

xtr(i(sj (m))"

= IR (m)|% -

. A?j (M; - YL, AyX, (m) By B;
2

T
i PiA;; (M; = XL, AyX, (m) By) B

= IR (m)|% -

2
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IR (m)|1%
s s, oo

e R@E )
Xtr@(sj(m)) (Sj(m) R " ”)

(A5)

q
> tr((s;0m+ )'s; (m))

j=1

P
SH(IECE A

j=1 I=1

P
+ ) PAL ( ZA,,X, (m+1) B,l>
i=1 =1
T
X Biij>

T
IR (m + DI
" TEg. S.
IR ()| ’(m)} JW))

p
= in((ZA,T]( ZAXm (m + l)B,l>

I=1

T
IR (m + 1)|I% > )
—S S
Rz ™) S

1l
M

p
(e <m>>TzAz(Mi - S aux, 1))

i=1 I=1

IIR(m+1)|I
IRGmIE =

p q q T
=Ztr(Z(Mi—ZAi,Xl(m+l)Bil> ;S; (m) B, >

i=1 j=1 =1

> (5, m)s; ()

IR+ DI
IR (m)|2 121" sl

T
q

=tr <diag<<M1 - Y AuX;(m+1) BU> ,
1=1

T
9
<M2 - ZAZZXI (m + 1) le> .....

I=1

q T
<MP Y AuX,(m+1)B, ) >
I=1

q
xdiag(ZlAlj S; (m) By, ZAZJ S;(m) Byj,...,
i
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9
ZAP] S; (m) B, >>

L IR+ DI §
IR ()7 ,Z" 5 el

IR (m)|1%

xtr (R m+ 1) (Rom) = R (m+ 1))
||R(m+1)||F
IR (m)]2 ,Z" 5

s el .
_— R R =
”R —r tr (R (m+1))'R (m))

(A.6)

Hence, (A.2) holds for k = m. Therefore, (A.2) holds by the
principle of induction.

Step 2. We show that
tr(R(k+1))"R(®)) =0,

itr((sj (k+1)'s;(0) =0, (A7)

j=1

t=1,2,...,k Vk>1.

When k = 1, (A.7) holds.
Assume that

T L T
tr ((R()'R®) =0, Ztr((sj ), (t)) -

=
t=1,2,....k-1, Vk > 2
(A8)
then we show that
tr(R(k+1)"R(1)) =0,
itr((sj (k+1)'s; () =0, (A9)

j=1
t=1,2,...., k.
In fact, we have that

tr((R(k+1)"R(D))

2
- tr( [R(k) __IR®I
T [s; ®l

1

q
xdiag<ZA1] S; (k) By;, ZAZJ ;) By,

i

T
q
Z 55; (k) B,; >] R(t)>
j=1

IR (k)II%
L s, o)

q
tr< [diag(ZAU i (k) By

T
q q

ZAZJ J(k) BZJ ZAPJ J(k)B ):I
j=1 j=1

= tr (R()'R()) -

- diag < ZAIIXZ (t) By

=1

9
M, =Y AuX(t) Bp,)>
I=1

_IR®IE
54 s, 6

T
q
tr <diag< CZA” ; (k) Bl})

q
X <M1 _ZAUXI (t) Bll)’

I=1

T
q
</ZA2] j (k) BZ]>

9
X <M2 =Y AuX (t) B2,>, s

I=1

T
(ZAPJ S; (k) B, >
9
X <Mp = YA LX () Bp,)>>
I=1

_IR®I;
M TR
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Nk

L BT T T
><tr< <<Zl ](Sj(k)) Ai])
i Jj=
q
X (Mi_ZAile (t)Bil>>>
=1
IR (k)12
xL Is w0l

xtr(/i(sj )"

_IRMIE
Sl @l

xv(i@<M>

j=1

I
—

P q

. T
ZAij (Mi - ZAﬂXz (1) Bil> Bij:|>
i=1 =1

il AT (M; = XL, AuX (t)Biz)B§
2
2, PAL (M= TL, AgX, (t) By) BiP; )
+
2
_IR®IE
37 s ®
d T IR )
t Si(k S (t)-———=S.(t-1
X(;“(»<’” Re- D" )>
|m®m (s, )"
= - $; (k) S; (1)
o s, () 50)
IROIE  IROI

+ 2 2
315 o, R
q

x 3 r((s; #)'s; (¢ - n)=o.
j=1

(A.10)

From the above results, we have tr(R(k + 1)'R(t + 1)) = 0,
t=1,2,..., k- 1,and

q
Str((s;k+ )'s; 0))
P
= Ztr([%(ZAE( ZAIIXI (k+1)Bll>
=1 =1 I=1
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p
T
+) PA (
i=1

IRk + l)IIF
IR (K117

9
M=) AyX (k+1) Bi,> ngj)

I=1

T
@]%m)

P q
=Yt (( Al <M1- - Y AuX; (k+ 1)B,.,> B,
j=1 i=1 I=1

T
IR (k + DI )
— 7S . (k S.(t
TR 0 ® J”)
q T p q
- Ztr<(s (t)) Z < = ZAi,Xl (k + l)B,-l>B£>
j=1 i=1 I=1

”R%+Dh .
S (k S.(t
" TROE &° r((s;0) s;®)

p q q T
=Y tr <Z<Mi - Y AyX; (k+ l)B,-l> A;;S; (t) B, >
i=1 j=1 I=1

T
9

= tr (diag <<M1 =Y AuX; (k+1) Bu> ,
I=1

T
9
<M2 =Y AyX;(k+1) BZI> .....

=1

q T
(Mp - ;APIXZ (k+1) BP,) >

q
x diag <ZAIJ i (1) By
j:

Ziw%wﬁ
IR ()12

xtr((R(k+1)" (R(H) —R(t+1)))

L s, 0
IR ()13

xtr((R(k+1))'R(1))

0.
(A.11)

By the principle of induction, (A.7) holds.
Note that (A.1) is implied in Steps 1 and 2 by the principle
of induction. This completes the proof.
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B. The Proof of Lemma 5

We prove the conclusion by induction for the positive integer
k.
For k = 1, we have that

q
Ztr((xj -X;()'s; )

j=1

1 P
<3 (2 (- B )
i=1 I=1
4 T L T
+ZPinj M; - Y AyX,(1) By | BLP;

)

X

u T
DA (M

i=1

q
- ZAile 1) Bil> BZ] >
i=1

p q T
=Z ((M Z lel(l)Bil>
i=1 1=1
q
x YA, (X - X;(1)B; >
j=1

T
X (1)B11> ,

q
=tr (diag <<M1 - ZA
1=1

T
q
<M2 - Y AyX, (1)321)

I=1

q T
<Mp - Y AuX (l)BPl> >
=1
X d1ag<
j

M.&

5 (X - X, (1) By
1

q
Z;Azj' (X; - X; (1)) By,
=

q
ZlApj (X -x;) Bpj))
p=

T
9

=tr (diag<<M1 - Y AuX, (1)BU> ,
I=1

13
q T
(M2 - Y AyX, (l)le>
I=1
q T
<Mp - Y AuX (1) Bpl> )
I=1
9
x diag | M, - Y A, ;X;(1)By;,
j=1
9
M, =Y AyX;(1)Byj,...,
j=1
9
M, - ZAPJ j (I)B
j=1
= IR
(B.1)

Assume that (9) holds for k = m. When k = m + 1, by

Algorithm 3, we have that

q
Ztr((X -X; (m+1)) (m+1))

J

d T
= Ztr((X;k - X;(m+ 1))

j=1

x [E (ZAfj (M,. =Y AuX (m+1) Bﬂ> B,
i=1 =1
9
Z ZA,,XI (m+1) By | B;P;

s,0m

R (m + 1)IIF
IR ()7

q . T
:Ztr((Xj —Xj(m+l))

j=1

X

p
>y (01

i=1

T
4l

q
- ZAaXz (m+1) Bil)

=1
IR (m + 1)|12
IR (m)|2

X

e

(X - X om+ )'s; (m))

T
9
tr ( (Mi =Y ApX; (m+1) Bil>
I=1

™M

I
—



xZA,.]. (X;-X;(m+1)B

L IR Gn+ l)IIF

S 2w (06 X m)'s; o)
2 q
_ IRGm+ DI tr((Sj (m))TSj (m))
q
M, - ZAUXZ (m+1) By
q
- ZAZIXI (m+1)By
q
M, - > AyX;(m+1)B,,
9
x diag(ZAlj (X =X;(m+1))B,,
j=1

q
ZAZJ- (XJ’.‘ —X;(m+1))B,,...

q
Z;Apf (X5 - X; m+ 1))Bpj>>
=

IIR(m+ 1)IIF

q
- ZAUXZ (m+1)By
q
M, - ZAZIXI (m+1) By
q
MP - ZAPZXZ (m + 1) Bpl
q
x diag| M, — Y A} ;X;(m+1)B,;,
=1
q
M, =Y AyX;(m+1)B,,...
=1

q
M, - ZAPJ-XJ- (m+1)B,
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+IR(m+ )%~ IR (m + D)7

=R (m + 1]}
(B.2)

Therefore, (9) holds for k = m + 1. Thus (9) holds by the
principal of induction. This completes the proof.
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