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In the recent digitization era, knowledge management plays a significant role in the teaching and learning process. Collaborative
learning is becoming a trending technology in enhancing the learning process by the concept of “learning through working
together.” This learning methodology will make the students learn the courses faster. This research work focuses on applying
collaborative learning tools in the learning process of English education in classrooms. Also, knowledge management is focused
on in this research work. Multiprocessor learning algorithm (MLA) with support vector machine (SVM) is implemented over
the student response. The students’ responses indicate that the students have gained much knowledge with the English
education-learning technology from collaborative learning compared to the traditional learning method.

1. Introduction

Organizational research thrives when people can learn and
work together. Virtual Learning Environments (VLEs), or
e-learning (EL), are increasingly being used by a growing
number of educational institutions to foster collaboration.
Using a Virtual Learning Environment (VLE) allows stu-
dents to collaborate and share knowledge, which is some-
times referred to as “knowledge management” (KM). Just
like a content management system (CMS), it serves as a
repository of knowledge. For the sake of collaboration, how-
ever, knowledge must be gathered and shared. This platform
allows for the acquisition and distribution of knowledge. In
other words, KM focuses on the absence of information
exchange within an organization, and its primary goal is to
improve this situation [1]. EL emphasizes self-directed, inde-
pendent learning, whereas integrating KM with EL fosters a
more group-oriented setting. Knowledge spreads over the
world as a result of this. Structured learning content in EL
allows the user to learn about a specific topic.

In contrast, search and sort functionality in KM allows
users to collaborate on various topics via a content manage-
ment system (CMS). Traditionally, an EL system under
knowledge management (KM) has been viewed as a knowl-
edge repository that can use KM methodologies to improve
knowledge distribution [2]. The phrases “integration” and
“adoption” are used interchangeably to describe the relation-
ship between the KM and EL domains. “Integration” is a
term used to indicate when the two disciplines are working
in tandem. Using the word “adoption” means adapting
methods and tools from another field to improve effective-
ness [3]. KM technologies are vital for extending the bound-
aries of the EL system to include a broader range of
communities. If you want your employees to learn at their
own pace on their terms, you need to integrate learning
management systems (LMS) with educational technology
(ELT). The ability to rapidly expand one’s knowledge base
necessitates a collaborative learning environment.

In contrast to traditional classroom learning, e-learning
(EL) emphasizes one-on-one instruction [4]. The knowledge
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that is difficult to convey in words must be put into physical
form to be shared. Tacit knowledge is codified into physical
or explicit form to learn through knowledge management
(KM). EL systems offer preformatted educational content
and tools.

Learners are helped in developing their knowledge
through the use of intercommunication possibilities on spe-
cific themes. However, knowledge management systems
(KMS) deliver knowledge through CMSs, which feature
search and sort capabilities and also the ability to collaborate
with experts and other users on a wide range of subjects [5].
Learning and knowledge management (KM) procedures can
be integrated to produce synergies that considerably boost
the generation of new knowledge and the efficiency of learn-
ing processes [6]. There are many ways to combine the two,
but they all revolve around fundamental knowledge manage-
ment techniques. Integration of knowledge management
and educational technology (KM and EL) has become an
inevitable trend in facilitating self-directed, just-in-time
learning and the development of shared corporate knowl-
edge [7], tacit knowledge codification, i.e., physical codifica-
tion of human knowledge. Knowledge can only be helpful if
accompanied by explicit knowledge, which cannot separate
from learning. Knowledge cannot be disseminated to the
general public without codification. Knowledge manage-
ment (KM) is an area of artificial intelligence (AI) that
makes it easier to organize and store information. KM’s
expert system (ES) governs a set of rules for codification,
which is done through coding.

EL learners face the problem of acquiring new knowl-
edge from current knowledge, which can only be done
through knowledge sharing. With the help of various
internet-based tools and technologies like podcasts and
audio/video conferences, students are allowed to participate
in collaborative learning. They can learn together with vari-
ous internet-based tools and technologies such as podcasts
[8]. In addition to online discussion forums, live chat, email,
and so on, these tools also help to improve collaboration.
Capturing knowledge is the first step to acquiring and shar-
ing knowledge. Implicit and explicit knowledge is converted
to and from each other to facilitate knowledge acquisition.
Tacit knowledge can be codified into formal language by
an expert system (ES) and made available in learning con-
tent. Educators can share this information [9]. During edu-
cation, each learner is capable of acquiring new knowledge.
Another critical part of learning is the documentation of
content, which is done by recording information. Databases
and document management systems are used to store infor-
mation in the EL system.

Web tools such as wikis, tagging, social networking
(Facebook, Twitter, etc.), big data, and linked data, are used
to store and retrieve knowledge in the EL context. To verify
the accuracy and correctness of knowledge learned, periodi-
cal evaluations of students’ knowledge are necessary. Both
subjective and objective evaluation approaches are available
for conducting the assessments [10]. The use of assignments,
midterms, and final exams is an example of a subjective pro-
cedure. Verbal and nonverbal tactics such as group discus-
sion and observational techniques such as attendance are

all examples of objective methods. It is possible to submit
assignments and take quizzes via Facebook, email, and other
web-based tools and technologies, including Skype and live
chat, as well as video conferencing. One of the essential parts
of increasing literacy in an EL setting to achieve economic
growth is the application of knowledge [11]. Cooperative
exchange of knowledge can be achieved through online dis-
cussion forums, in-person lectures, or mashups. Even
though personal knowledge management is not a new con-
cept, it has become increasingly significant over the past
few years. Although human beings’ ability to get knowledge
is expanding, they are still limited in processing information.
As a result of computers, communications, and networks,
personal knowledge management is possible [12]—the abil-
ity of individuals to properly manage information. Applying
appropriate skills and tools to manage personal knowledge is
essential for success. The researcher stated that applying AI
to personal KM is necessary to obtain accurate and timely
information [13]. The use of intelligent search can minimize
the number of results returned by a search engine and
increase the relevancy of the results. Artificial neural net-
works (ANNs) have been presented to improve the perfor-
mance of existing search engines. With practice and
examples, an algorithm can search for information based
on the content, meaning, and context of a given piece of
writing.

Unstructured data can be effectively managed by auto-
matic classification of knowledge [14]. Knowledge categori-
zation can be broken down into themes and subthemes,
giving a hierarchical structure for classifying knowledge.
To find the most statistically related documents, a statistical
software program is used. New papers can be classified using
induced rules. Information technology is the basis of knowl-
edge management and information collaborative learning.
The discovery, storage, and dissemination of knowledge can-
not rely on the original methods as before with the continu-
ous expansion of information and the increasing enrichment
of knowledge [15]. The development of information tech-
nology and network technology provides new ideas for dis-
covering, storing, and disseminating knowledge. Hence, the
popularization and application of information technology
are an inevitable choice to complete knowledge management
effectively, reasonably, and systematically. This new collabo-
rative learning model must rely on information technology
to develop effectively, which is a technical problem and
indispensable. They all have a process of learning knowl-
edge. For knowledge management, knowledge is only a part
of knowledge management, while it can be taken as the
whole of collaborative learning for information collaborative
learning [16]. Both have a cognitive process of knowledge,
which is a crucial part of knowledge management. The core
idea of knowledge management and information collabora-
tive learning is that they support each other in technology
and learn in concept. Knowledge management is adopted
to mine and reintegrate knowledge, integrate it into collabo-
rative learning, and identify, acquire, share, and store knowl-
edge based on collaborative learning. This study focused on
implementing knowledge management-based collaborative
learning in the English classroom.
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2. Methods and Data

Information collaborative learning is a strategy to organize
students to study in groups. Teamwork is an indispensable
part of achieving class learning objectives. The core purpose
of the collaborative learning model is to strengthen students’
understanding and mastery of knowledge. Its core idea is to
establish collaborative groups [17]. Generally, the collabora-
tive team mainly has four components: team members,
teachers, knowledge resource base, and network environ-
ment. The collaborative group has a loose structure. As the
most fundamental component of the collaborative learning
model, its division has specific standards. Members of col-
laborative learning groups can participate in learning and
discuss under different cultural backgrounds and fields. In
addition, online teachers will regularly investigate the learn-
ing situation of team members, assess the students’ achieve-
ments, issue learning achievement certificates, and so on.

Online teachers can be full-time teachers or experts,
responsible for organizing problems, evaluating collaborative
learning results, managing discussions, supervising learners’
collaborative learning process, and giving learners some
guidance [18]. The traditional teaching model also radiates
a powerful force because of the use of this teaching resource.
Meanwhile, in collaborative learning activities, these rich
teaching resources also laid a good foundation for online col-
laborative learning. Environment mainly includes hardware
environment and organizational environment.

As the world is facing an information technology revolu-
tion, the most effective can be seen in the educational sector.
The learning of the theoretical and the practical subjects has
become simpler with this revolution. The proposed system
architecture is represented in Figure 1. This architecture
represents an image for the digital or modified traditional
classroom, sample collaborative learning, system administra-
tor, database, teacher, and students. The working concept
behind collaborative learning is “learning through working
together.” In this learning methodology, courses are studied
by sharing the learned information among the students
under the teacher’s supervision. This process will make the
students understand the concepts more accessible, and they
gain much knowledge while sharing the information and
the course materials. Digital classrooms are equipped with
recent technologies in the classroom so that the teacher and
students can easily access the available resources. This
research focuses on the knowledge management of English
education teaching and learning. Knowledge management
should also focus on maintaining the resources in the data-
base and easy retrieval of the data from the database. Multi-
processor learning algorithm (MLA) with support vector
machine (SVM) is implemented to classify the resources
and give access privileges to the corresponding teachers and
the students. Teachers play a significant role in the course
material preparation, monitoring the students during the
course and through assessment, encouraging the students
to attend the complete course and the given assessments.
The privileged students will be given access to the course
materials for offline utilization, learn the lesson, attend the
assessments, and provide feedback to the attended courses.

All the communications will be updated in the database.
They will provide automatic notifications to the teachers with
the aid of artificial intelligence technology by treating each
active participant as the node for accessing the resource with
mobile applications. The government or private universities
can define mobile applications for the usage of the teachers
and the students. When the teacher or the student is facing
any issues accessing the course materials, the system admin-
istrator will inform the system administrator through the
application accessed by them. The respective measures will
be made by the administrator and will be notified to the per-
son. Digitization and visualization of the course materials
have made the teaching and the learning process of the
theory-based course easier. This method has also increased
student and teacher interaction with improved performance
in the student results. These improved results of the students
and the teachers’ performance have made the colleges and
universities introduce new courses which will be helpful to
the students after the courses. English education-learning
technology is introduced to automate teaching and learning
of the English course and automatically activate the assess-
ment when the student completes the online courses. Artifi-
cial intelligence will be utilized with an automated
evaluation of the submitted assessment, and the scores are
updated to make this process successful. The assessment
can be objective or of varying types as decided by the teacher.
The teacher will prepare questions and answers uploaded for
automatic evaluation. The teacher will also determine the
duration of the assessment and, after submission, make a fur-
ther evaluation to prepare the performance analysis of the
students. The machine learning algorithm has been imple-
mented to evaluate the performance of collaborative-based
learning towards English education.

Collaborative learning, inside which students work
together to produce a shared understanding of concepts, is a
well-established education with significant potential in the
English teaching classroom. Students acquire a more prosper-
ous recognition for a subject through discussion and challenge
each other’s ideas than through isolation study or educational
teaching methods. Nevertheless, for collaborative learning to
be successful, a tiny framework by a teacher is required. The
application of collaborative learning techniques in teaching
classrooms in English teaching, indicating its application in
English teaching, is restricted to the deadline. However, the
potential for collaborative learning perspectives to establish
personality the student already knows is significant, so collab-
orative learning must be highly recognized as a suitable teach-
ing method for teaching the classroom.

The multiprocessor learning algorithm (MLA) would be
implemented to a support vector machine (SVM), as well as
the classification algorithm of integrated modules will be initi-
ated within the SVM structure. In particular, we would first
describe the graph’s construction method as well as the corre-
sponding optimization method predicated on semisupervised
multiprocessor learning.

∂1 dk k2 ≤
ðr0+R0

r0

UR τð Þd�� ��2ab τð Þ ≤ ∂2 dk k2, ∀r0 ≥ 0, r ∈ Cp: ð1Þ
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The sophistication of the computation grows dramatically
as the ∂1kdk2 structures lengthen throughout this method of
probability computation as given in Equation (1). The model’s

parameters jURðτÞdj2abðτÞ ≤ ∂2kdk2, ∀r0 ≥ 0 , are nearly
impossible to quantify on current hardware. The presence
f pðrÞ (Equation (2)) of such a sentence is determined solely
by the word preceding it, i.e., the English language framework
is given in the following equation.

f p rð Þ = lim
g⟶0

1
gp

〠
p

q=0
−1ð Þq

p

q

 !
f r − qgð Þ: ð2Þ

The likeness of a sentence is determined solely by −sent
ðð∇axÞ/ðj∇axj + gÞÞ, the two or more words preceding it,
and g is the corresponding optimization method predicated
on semisupervised multiprocessor learning, i.e., the English
language framework, and is represented as in the following
equation.

−sent ∇ax
∇axj j + t

� �
+ λe x − x0

� �
= 0: ð3Þ

The distinction between the learner’s cognitive stage and
the level of difficulty to learning materials is represented by
qiðhÞ , and the student’s language level objective is shown in
the following equation.

qi hð Þ = f iri − bad hð Þ
good hð Þ − bad hð Þ : ð4Þ

The distinction between helps the audience understand
enclosed learning resources and the knowledge notes the

learner wants to acquire is represented by En
i ðrÞ (refer to

Equation (5)), the learner’s progress. The relatively smaller a
distinction is, the more closely the learning resource’s exper-
tise points match randamjE

n
ijðrÞ the learner’s knowledge

points is in Equation (5).

En
i rð Þ =〠

j∈L
randamjE

n
ij rð Þ: ð5Þ

The overall spending information among teaching mate-
rial is represented in Equation (6) by ðu,w ; A, ɸÞ , the opti-
mization problem of expenditure with both educational
materials.

u,w ;A, ɸð Þ = dj j−0:6
ð+∞
−∞

d τð Þh τ − rð Þe−jbτdτ: ð6Þ

Knowledge management-based information is used as a
collaborative learning tool in English teaching classrooms.
So, we fixed the threshold value based on the network fre-
quency. And we are able to use -0.6 after the online classroom
to get the exact result.

The primary function learning period LppðuÞ of Equa-
tion (7) represents the goals that highlight the differences
between the learning time needed to complete the educa-
tional materials biUiðuÞ = BRUðuÞ and also the learning
detection time.

Lpp uð Þ = 〠
P

i=1
biUi uð Þ = BRU uð Þ: ð7Þ

The learner’s total optimization performance and also
ɸɸq,p, the learning route, created by the comment section

Teacher

Database

Digital classroom

Student

Collaborative learning

Collaborative learning for
English teaching classroom

System administrator

Figure 1: Proposed architecture for collaborative learning.
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function via recalculating coefficients, are expressed by
Equation (8) that is a functional illustration of the personal-
ized learning route optimization method.

ɸq,p =
Qq,p
�� ��2

δ2
exps

Qq,p ∗ A
� �

3δ2

 !
∗ ei Qq,p∗Að Þ − e−

δ2
3

h i
: ð8Þ

The algorithm φ also divides the notification of a particu-
lar direction of propagation into three stages: speed resistance,
self-learning, and social behavior. The ð∑O

i=1QiPiÞ/UðQi ∈QÞ
stance update of a substance within generation has been
decided by a particle’s stance t creation, and the generation
is going in the direction of motion, as detailed in the follow-
ing equations.

e = φɸ35 + φɸ04ð Þ2 + 4φɸ2
22

φɸ35 + φɸ04ð Þ2 , ð9Þ

B = ∑O
i=1QiP

∑O
i=1Pi

= ∑O
i=1QiPi

U
Qi ∈Qð Þ: ð10Þ

From the standpoint of Q′′ possibility, the state of the
∂K/∂u particle has been defined. Each particle’s q′′ bit value
within a subspace is 0 or 1, and the equation is just as
described in the following equations.

Q′′ = Q′′ ∣ q′′ = q′ × n
N

,∀q′ ∈Q′
( )

, ð11Þ

∂K
∂u

= 〠
p

i=1
hi −

exps u +∑q
j=1uijβj

� 	
1 + exps u +∑m

j=1uijβj

� 	
24 35 = 0: ð12Þ

Machine learning is a representation, and each texture
relates a transformation technique to the surface T ∈ SN×D

preceding it, referred to as nontransformation to an edge pre-

vious it.Mp ∈ Sdp−1×dp is used to achieve a dp directional recog-

nition p − 1, Tp−1 ∈ S
N×dp−1 , a matrix able to represent a linear

transformation applicable to a layer p − 1 production to
receive a dp dimensional recognizing Tp−1M

p ∈ SN×dp . These
are calculated using the following equation.

ɸ T ,M1,⋯,Mk
� 	

= ψK ψK−1 ⋯ψ2 ψ1 TM1� �
M2� �

⋯Mp−1� �
Mp� �

:

ð13Þ

It should be noted that it is an A × B matrix, in which B
= dp is the aspect of the network’s output, which is really sim-
ilar to the quantity of classes with a specific circumstance of a
classification model with the function as in Equation (14).

min
Mpf gPp=1

l,Φ H,M1,⋯,MP� ��
+ λΘ M1,⋯,Mp� �

, ð14Þ

in which hiðTÞ defines a specific various possible stem disci-
plines in response to generating precise X in an unlimited
dimensional space hiðTÞ ∈ V between all hidden alternative
machine activation functions as in the following equation.

Ti ∈D
2 Ωð Þ,Hi = f Tið Þ
 �

i∈I : ð15Þ
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Figure 2: Performance analysis for number of student (per record 2000 data’s) responses, motivation, and learning using the SVM
algorithm with machine learning.
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As a result, machine learning methods apply data that is
normally distributed and predictable to locally transcribe. A
SVM is composed of several convolutional networks of the
type T = BMðTÞ that act on a p-dimensional input TðuÞ = ð
T1ðuÞ,⋯, TpðuÞÞ by employing an institution of filtration ð
wl, l0Þ, l = 1,⋯, q, l0 = 1,⋯, p, and the argument of multi-
consistency ψ is shown as follows.

fTl uð Þ = ψ 〠
p

p=1
Tl ×wl:vð Þ uð Þ

 !
: ð16Þ

Creating a q-dimensional result, T ðuÞ = ðT 1ðuÞ,⋯, T qð
uÞÞ is an alternative name again for features extracted.

T ×wð Þ uð Þ =
ð
Ω

T u − u′
� 	

w u′
� 	

du′: ð17Þ

This symbol in Equation (17) represents the traditional
transformation function. According to the deflection prior,
the filters M have compressed spatial support. T = ZðTÞ is a

down testing process or convolution layers which can also be
used as represented in the following equation.

fTl uð Þ = Z Tl u′
� 	

: u′ ∈N uð Þ
n o� 	

, l = 1,⋯::q: ð18Þ

3. Results and Discussion

Regarding the traditional English teaching method, teachers
only introduce the contents of the textbook and do not
expand the knowledge, leading to student’s lack of interest
in learning. In the practical research, it has been found that
the student’s initiative is not strong and the classroom atmo-
sphere is not active in the traditional classroom English
learning process; students even regard learning as a heavy
work to perform. On the contrary, collaborative learning
information solves this problem, making teachers become
the leader and students become the masters of the class-
room. Students are motivated to complete their tasks and
get recognition from others to enhance their self-
confidence. In this process, learners are the main body of
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Figure 4: Analysis of overall performance for a large number of
students (per record 2000 data points) motivational response using
the SVM classification algorithm with machine learning (ML).
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Figure 3: Performance analysis of existing system for number of
student (per record 2000 data) responses in learning.

Table 1: Performance result analysis for number of student (per record 2000 data’s) responses, motivation, and learning using the SVM
algorithm with machine learning.

No. of response in learning
questionnaire

Student data 1 (2000
records)

Student data 2 (2000
records)

Student data 3 (2000
records)

Student data 4 (2000
records)

20 87 76 65 56

40 83 64 58 98

60 55 71 64 93

80 62 64 59 49

100 58 77 81 63
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learning, and their internal potential has been brought into
play. The whole classroom can reduce many passive factors
in students’ active learning state and better promote the
communication between teachers and students as expressed
in the following equation.

uð Þ = Z Tl u′
� 	

: u′ ∈N uð Þ
n o� 	

, l = 1,⋯::q: ð19Þ

The English learning framework contains 2000 data for
each student record. The behavior learning is an effective
motivator with all participants (see Figure 2). This is associ-
ated with a recurring theme throughout the effective educa-
tion spectrum using the SVM classification algorithm getting
the best result. Group members’ involvement in engaging
learners may be directly proportional to personal observa-
tions. English teachers may benefit the most, though stu-
dents are expected and encouraged to understand enough
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of the assumption. The overall performance for each student
record is 98% which helps classify the dataset and result
shown in Table 1.

This is a recurring theme all through the effective educa-
tion spectrum, with the existing work (refer Figure 3) perfor-
mance producing the best results. Observations may be
directly related to group members’ involvement in involving
learners. Although students are expected to know enough of
the presumption to be encouraged, English teachers could
benefit the most. To classify this same dataset, each student
achieves an overall performance of 92%. It is the same data-
set used to compare the existing work and SVM classifica-
tion based on the result to get the best result in the SVM
classification algorithm with machine learning.

The majority of research on the development of curiosity
focuses on the important education. Such analyses, on the
other hand, can assist us in understanding how enthusiasm
is becoming a motivation to become an increased specialist
using the SVM classification with ML (refer to Figure 4).
The distinction between evidential and conceptual genuine
interest, which are exhibited by knowledge inquiry and
motivational response for overall 97%, can be seen, for
example, whenever a child questions over a minor science
issue, he has also increased emphasis on objects within the
child’s immediate area.

There is a large percentage of investigation and develop-
ment of inquisitiveness focused on education. Those very
analyses, on either hand, can help us understand how enthu-
siasm becomes a motivation to be a greater specialist by
combining existing classification (refer to Figure 5). There
is a difference between probative and theoretical real inter-
est, as shown by knowledge inquiry as well as motivational
responding overall result analysis for 92%.

The students could have a positive experience of official
English education for many years or more, but they can also
be motivated across the vast English education data process-
ing international syllabus. Learning organizations associated
with active learning concept need to bring English topics to
life in English education. Even though effective English
teachers have been required, learning must be encouraged
at all tiers of English education, with knowledge that future
instructors will be one of the current population of students.
The possibility of being a component of a discovery is cer-
tainly enticing for everybody, including students as well as
English teachers. Overall performance analysis of English
learning, motivation, and questionnaire response using
SVM classification result for 97% with ML techniques (refer
to Figure 6).

Students may have a good experience with official
English education for more than decades, but they may also
be motivated from across the huge English education data

processing global syllabus. Learning organizations associated
with the concept of active learning must bring English sub-
jects to life in English education. The overall performance
analysis of English learning and motivation of questionnaire
response results for the existing overall method result is 89%
(refer to Figure 7).

Figure 8 illustrates that there is a considerable relationship
between organizational management, learning result (89%),
and teaching (activity, as well as innovative thinking). Like
the result of the positive and statistically significant associa-
tion, the function of knowledge management through enhanc-
ing students’ and teachers’ innovative thinking in classroom
learning organizations can be illustrated (refer to Figure 8).

The coefficient of determination of 0.784 indicates a
moderately good association (refer to Table 2). This demon-
strates that there is a significant correlation between knowl-
edge management as well as teaching and learning activity
innovative thinking. As a result of the substantially good
association, the role of knowledge management in enhanc-
ing innovation of teachers and students in teacher learning
institutions can be highlighted.

As it is with cooperative learning, assessing collaborative
learning activities could be difficult and undesirable with
students. In group work, care shall be exercised to compen-
sate for participant motivation levels for response time. To
mediate disagreements about this, average or maximum
gaps are accommodated in evaluated outputs affected by less
able to engage group members. It could be contended that
the collaborative nature of learning renders this problem
largely obsolete. If all team members are working along,
the same concern is solved instead of dividing up the process
for response time. Then different levels of involvement by
individual persons will have a greater effect on the individual
instead of the group.

The four statements have been questioned by the English
Football League (EFL) students in order to assess their view
of the implementation of knowledge creation practices (see
Table 3). A very huge percentage (82.99%) of students in
grades agreed that trainings or presentations create knowl-
edge, while 79.56% agreed that standards generate knowl-
edge sharing practices in EFL classrooms. In evaluation,
65.19% of classroom outside students indicated that extra-
curricular activities help them learn, while 89.12% agreed
that standard classroom instruction to students as individ-
uals is learned in EFL classes. The performance analysis for
the knowledge management procedures in EL classroom
result analysis is shown in Figure 9. The x-axis units are rep-
resented for the group of students in the classroom based on
the dataset male or female.

The use of technology can greatly improve collaborative
learning (refer to Table 3). In recent times, the sector of

Table 2: Result analysis of knowledge management as well as English education-learning behavior technology.

Variable Knowledge of management
Average response
time (seconds)

Maximum response
time (seconds)

Teaching/learning of
innovation activities

Knowledge of management Pearson’s association 2.86 2.97 0.784

Collaborative learning activities Group work 0.73 1.57 0.823
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collaborative learning has grown rapidly. With the introduc-
tion of tablet devices as well as connected devices, collabora-
tive activities could be enabled in a variety of ways using
equipment. As it is with student engagement, assessing col-
laborative learning activities can also be difficult and undesir-
able with students. In group work, care shall be exercised to
compensate for participating member motivation levels, to
help resolve disputes about this, and/or to accommodate gaps
in evaluated outputs induced by less able to share the knowl-
edge and practices to engage team members.

4. Conclusion

In this study, collaborative learning information based on
knowledge management in English teaching is performed.
The concept of knowledge management plays a significant
guiding role in the implementation of collaborative learning,
knowledge exchange and sharing, and the evaluation of col-
laborative learning results. Applying collaborative informa-
tion learning to English teaching and learning can produce
better teaching results. The combination of groups in collab-

orative learning should be scientific, systematic, and reason-
ably allocated in accordance with learning habits, students’
personalities, and learning situations. This study imple-
mented the multiprocessor learning algorithm (MLA) with
support vector machine (SVM) over the student response
dataset. The students’ responses indicate that the students
have gained a minimum increase of two percent of knowl-
edge with the English education-learning technology from
collaborative-based learning approach compared to the tra-
ditional learning method.

Data Availability

All data included in this study are available upon request
from the corresponding author.
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