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In the twenty-first century, every individual visualizes enough technological development on both the electrical and electronics
sides. At the same time, they were studying artificial intelligence (AI) concepts and trying to implement them in software and
hardware parts. Accuracy can be achieved by using sensors, with a combination of software and hardware. Most of the
proposed concepts might respond when both clothing technology and AI are attached. While eliminating sensors from the
technological concept, there would be a massive change while enhancing essential comfort and transformation. With the help
of human commands, the work can be performed accurately as the machines lag in self-thinking ability. In this case, accuracy
is one of the most important things to be noted. Having a shared understanding of such concepts as sensor management, cloth
adjustment, and design selection will give extra time-saving moments to complete the work. In this research, a digital filter and
a QRS (Quick Response System) detection algorithm were implemented to explore smart clothing through wireless networks
and Al technologies. The results proved that the proposed algorithm works better than the existing algorithm by providing 2%

increased accuracy.

1. Introduction

Intelligent clothing can currently detect and display vital
biological signs such as core body temperature, pulse,
blood pressure, and respiratory rate in real time [1]. We
can carry out our responsibilities of early warning and
prevention with the assistance of computer software that
can predict future illnesses and symptoms. As a result of
their incapacity to provide timely and precise input on
their health, neonates and young children would bear the
brunt of the detrimental consequences of this situation
[2]. When designing intelligent clothing for neonates,
accuracy in disease diagnosis and garment comfort are
critical considerations. In the real world, the two are fre-
quently at odds with one another. If a high-precision mea-
surement of a physiological signal, such as a body
temperature or pulse, is performed close to the skin, it
may cause pain and pose a safety hazard [3]. Data and
forecasts generated by sensors that do not physically con-
tact the skin can have a significant impact on the quality
and reliability of the data and forecasts. This has resulted

in an approach to intelligent clothing that is as comfort-
able as possible, which influences the design process and
the accuracy of its forecasts [4]. With significant technol-
ogy breakthroughs, smart clothing may now be smaller,
more energy efficient, more integrated, and more comfort-
able than ever before. A health database for use in tele-
medicine and other medical services could be created by
combining cloud computing with smart clothing [5]. One
of the most eagerly awaited technologies, intelligent cloth-
ing, has yet to be introduced to the world. It is becoming
more popular in the sports and fashion industries, as well.
Individuals would have a difficult time utilizing multiple
gadgets or sensors in the previous scenario. An intelligent
clothing technology has been introduced to overcome this
situation. Multiple sensors can be installed at the entrance
of a room, such as a clothing store. These sensors will
scan the human posture to gather data on dimensions
such as height, width, and weight, among others. This
information will be kept in a short-term storage facility.
If someone is interested in a specific piece of clothing,
an intelligent mirror can be used instead of the trial
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rooms. This intelligent mirror has the advantage of allow-
ing the wearer to virtually wear the clothing they have
selected. The use of AI in smart clothing can save the
workers’ time. The cloth itself can be made smarter by
attaching sensors to it and allowing continuous monitor-
ing of the wearer’s health to be performed. To keep tabs
on a person’s physical movement and health, this concept
is primarily used in the sports and healthcare industries.
Virtual fitness coaching systems are currently the only
use of Al in smart clothing. Many startups, such as Sen-
soria, offer an Al-based in-app coach to help runners
who wear their smart t-shirts get better at their sport by
using data generated by the garments as a source for per-
formance analytics. This study is aimed at determining the
effect of wireless networks on smart clothing based on
artificial intelligence technology. This paper is organized
into five sections. Section 1 presents the introduction and
motivation of the study, and Section 2 highlights related
studies. Section 3 focused on the proposed methodology
used for the study. Section 4 presents the results and dis-
cussion, and Section 5 discusses the conclusion.

2. Related Work

Smart clothing, on the other hand, is not without its flaws.
Traditional clothing is more comfortable to wear than
sophisticated clothing [6]. A couple of the disadvantages
are washability, the need for regular charging, and the
need for internet updates. Since individual variations and
artificial interference can affect ECG signal extraction
quality, the quality of ECG signal extraction is crucial for
health analysis and disease identification [7]. Smart clothes
sensors that do not communicate with one another in a
smart way can drain a significant amount of power. To
detect anomalies in the ECG, we describe a smart clothing
platform for ECG collection, analysis, and transmission
that can be worn by the wearer [8]. With the use of fabric
electrodes that are attached directly to the sensor node,
smart clothes may be cleaned and worn with greater com-
fort [9]. The sensor node, which is connected to a wireless
network, monitors cardiovascular health. In addition to
the filtering and matching phases, there are two additional
phases to the ECG detection technique. At this point, it is
easy to eliminate the vast majority of normal ECGs, leav-
ing only the troublesome ones for further investigation
and analysis [10]. It was suggested that morphology anal-
ysis be performed in order to improve the identification of
QRS complexes. The finite state machine can be updated
in real time using the RFSM technique [11]. It is possible
for power-saving transmission to intelligently decide
whether to transmit statistical results or raw data based
on HRV analysis. As a result of this innovative technology,
it is possible to save a large quantity of energy as well as
data. Clothing production lines are spread through the
use of a low-cost information gathering system that allows
for complete traceability of each item along the supply
chain [12]. Experience and intuition are more significant
in team leadership than statistics from the garment
manufacturing line when it comes to decision-making
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[13]. When the leader of the management team or other
employees is absent, the efficiency and capacity of the
manufacturing operation suffer. Data-gathering tools cre-
ate visual representations of supply chain data based on
the data collected. Even the most novice of executives
can make use of the data to improve their management
skills [14]. Team-based training appears to be effective,
according to the findings of the study. The rapid advance-
ments in science and technology have an impact on every-
one, including those in the clothing industry. One example
of a recent development is the use of nanotechnology in
many applications [15]. Nanomaterials offer a variety of
unique qualities that make them a significant component
of the apparel industry’s long-term future. Nanodispersion
theory can be applied to the development of wearables
that are both safe and intelligent in nature [16].

It has long been a cause of debate over the practicality
of chemical components and military gear. A graphene
electrical fabric was made by laminating graphene, a light-
weight, robust, and scalable material, to form a fabric.
Another possibility for the development of intelligent pro-
tective gear is to make use of graphene triboelectric nano-
generators, which are now under consideration [16]. A
significant sensitivity to clothes has been observed in
chemical warfare weapons, which makes them a dangerous
weapon to use. As a result of the rapid expansion of dig-
itization, traditional industries such as the garment indus-
try have begun to migrate to digital industries. Customers
are anxiously awaiting the introduction of a digital cloth-
ing customization platform, despite the fact that user satis-
faction is generally low. This is due to a lack of consumer
participation as well as poor platform communication on
the whole [17]. For personalized clothing modification to
be successful, an intelligent interactive platform is required
that analyzes the psychological demands of customers
before tailoring the sales platform to satisfy those wants.
Growing interests necessitate an increase in the need for
attire that is truly one-of-a-kind for each individual [18].
As a result of this research, we were able to construct a
SOM neural network-based customized clothing sugges-
tion system, which we refer to as an intelligent clothing
matching selection system. Customer preferences can be
determined by analyzing a combination of subjective and
objective data collected from them. With the use of this
technology, we are able to provide our clients with rele-
vant clothing suggestions [19]. The potential of wearable
computer technology has been demonstrated in recent
years, prompting scientists, engineers, and representatives
from business and application departments to collaborate
in order to bring the technology to market maturity.
Despite the fact that wearable computers have laid a solid
foundation, the public’s expectations for intelligent cloth-
ing have yet to be realized [20]. Clothing is a welcome
change from staring at a dull electrical gadget. It is cus-
tomary to dress in attire that is soft, stylish, and comfort-
able. As a result of this requirement, the computer must
be intelligently integrated into the soft, trendy, and com-
fortable textile. In the presence of such sensors, a textile
structural composite may precisely monitor the
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distribution of physical features within its own framework
[21]. Wearable computers can be used for a variety of
tasks, from monitoring health to protecting employees
from potentially hazardous situations to supporting the
physically disabled. Fashion is projected to become more
intelligent in the future, but there are a number of con-
cerns that need to be addressed by both the scientific com-
munity and those involved in real-world application before
it can be considered a fashion trend [22]. Smart clothing
has been widely used to safeguard workers in extreme set-
tings as well as to assist those with disabilities in their reg-
ular lives and recreational activities, but previous research
has revealed that its comfort still needs to be improved.
According to the assumption that was made, modern arti-
ficial intelligence may be capable of combining signals
from noncontact sensors that are positioned in various
locations around the environment [23]. For the noncon-
tact sensor to be as pleasant as possible, the accuracy of
the sensor has been increased. It was suggested that fash-
ion design and artificial intelligence should be merged into
the process, and this was accepted. By using sensors that
are close to your skin, you may avoid discomfort while
also converting erroneous measurements into accurate
ones [24]. This study focused on exploring the application
effect of wireless networks in smart clothing based on arti-
ficial intelligence technology.

3. Proposed Method

Intelligent clothing, which is one of the most anticipated
technologies, is still waiting for its launch in this world.
This technology has deeper growth in the sports and fash-
ion technology domains. In the earlier case, multiple gad-
get utilization or multiple sensor-based device utilization
would be highly difficult for individuals. To overcome this
scenario, intelligent clothing technology has been intro-
duced. This technology can be implemented in two ways:
(1) in a room like a clothing store which can be equipped
with multiple sensors at the room entrance. These sensors
will perform the scanning process on the human posture
to obtain information like height, width, and size. That
data will be stored in some temporary storage location.
If the person is interested in any clothing item, instead
of heading to the trial rooms, an intelligent mirror can
be employed. The advantage of this intelligent mirror is
that the chosen clothing can be digitized and can be made
to be worn by the individual virtually. This saves the time
of the people involved in the work; (2) the cloth itself can
work smarter by working with the support of sensors
attached to the cloth to make continuous monitoring of
the person possible to keep track of health. This idea is
mainly applied in the sports and healthcare sectors to
monitor physical movement and body conditions. These
processes are depicted in Figure 1. Designing the smart
cloth in either method has to focus on accuracy, which
is all about the working of sensors, and comfort, which
means that while having the sensors in the cloth, it should
not affect the user.

According to the principle of linear theory, a separate
prediction mechanism is implemented by defining the
human body characteristics. While placing those sensors in
the suits, they should be enlarged while wearing the technol-
ogy suit. From Figure 1, we can see different types of sensors
and their usage. Before being placed in the suit, the sensor is
checked more than twice, and by fixing the code according
to the Celsius rate, it might be working. When the data tag-
ging is over, then as a further move, machine learning con-
cepts can be started through differentiating weak and
strong signals. Whatever the things that have been launched
in recent days, there will be an average rate of advantages
and disadvantages. While the person’s mentality changes,
the way they think about the product will also change for
each person.

The implementation of artificial intelligence makes the
prediction process simpler. While analyzing such data from
its default historical path, some faster data analysis methods
are necessary. With the user’s instruction, the system will be
working and sending its output. If the user makes any mis-
take, the system will repeat the same. However, data collec-
tion is an important process in data analysis. Every single
piece of data that should be stored in the system fails to nav-
igate the data from its database, resulting in error formation.
Figure 2 represents a form that gives the actual process of
how the data is stored and accessed by the system. Finally,
the models are used to display them on the screen once the
finalization is over.

In most smart clothing, temperature microsensors
along with various other sensors are utilized. In this
research, sensor data is considered to be available earlier
and focused on the data transfer through wireless sensor
networks.

3.1. Proposed Work. The smart clothing framework com-
prises of (a) smart clothes of fabric working electrode to
gather signals, (b) a sensors incorporating a signal condi-
tioning circuit but also microprocessor device that can trans-
form vital signs to better quality data, (c) an android device
having to act as an entry point server to demonstrate analy-
sis results, and also (d) a health cloud platform which can
transfer private data to a health center for health discussion.
Fabric sensors and an [oT device are also the main compo-
nents of smart clothing. The smart clothes are washable
which have the same material characteristics as regular
clothing.

Because the signals are also too weak among the dis-
torted, a 100-gain amplifier is needed to amplify the differ-
ence signal but also constrain some in signal. A E,
frequency digital filter QRS detection (0.6 Hz to 280 Hz) is
being used to reduce noise outside of the signal band.

j
Frequency = Y E, - E,, (1)

i=0
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FIGURE 1: Sensor combination by linear model.
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FIGURE 2: Artificial intelligence in intelligent clothing.

TaBLe 1: QRS morphology with wireless network signals
parameters.

Indicator Formula Minimum  Maximum
QRS complex. Width Xs-XQ 42m 170 ms
QRS complex. Height ~ Y_R-Y.s 0.04 mV 1.5mV
Q wave horizontal YQ-YS 0 1.5mV
RR wave interval Ri-Ri-1 250 ms 1400 ms

Equations (1) and (2) show the mechanism to calculate
the frequency response E,_; for the correlating circuit. E,
and E jare the maximum (250 Hz) and minimum (0.6) cutoff
frequencies, respectively. R.A, is a quality factor that char-
acterizes the bandwidth of a resonator in relation toE,.
The n™(s) represents the narrower bandwidth value but it
is a clear peak, whereas the higher value is given as k*. To
improve the Pc ingredient in Equation (3), secondary ampli-
tude (75.3gain) is used, and a high pass digital filter (60 Hz

and 70 Hz) is required for the (Equation (4)) negation of a
Dc source.

1 +| 1
| FE,

1 1
:l -~In Py G.(FE_,) + |FE_|)

(3)

_ 1
n(s)= PR LE

5=

Where a current polarization with the moment R at an arbi-
trary location r0 inside the sphere for a circular uniform
transmission line with radius but also reflectivity 3. Assume
there is a point E_ with a radius denoted by n/s. When point
P is inside the sphere, E; - E;, the battery-powered possibil-
ity on point can also be determined as

n
P=—+ ) E-E (4)

The high pass digital filter rejects signals at 60 and 70
hertz, and the capacitance is 0.1 E. Equation (4) assists in
the selection of a suitable resistor (R) and capacitance (C).
C is 0.1 R3S, and R sin Onotch is 70Hz. The resistor has a
resistance of about 27.7k. At 10000 Hz, the digital filtered
signals are collected and fed into the microcontroller. The
following Equation (5) represents this process.

4

(o) = 4mria?

R3=
4ria

5 Rsin 6. (5)

Even though n(as) sensors are only connected to the
surface of the internal organs in actual signal measurements,
the area of the conducting sphere is taken into account. The
mentioned equation to determine the voltage differential on
point P can be seen as the signals on the surface, for any
point a? on the sphere surface, that is, E; — E;(n) determine
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FIGURE 3: Relationship between the QRS complex and the wireless
network signal in smart clothing.

TaBLE 2: Wireless network signal package smart clothing format.

Parameter X Y Z

P1 0<X<3 2<Y<10 5<Z < 65535
P2 3 <X <65535 11 <Y <65535 Z=2

P3 3 <X <65535 11 <Y <65535 0<Z<3
P4 4 <X <65535 * 0<Z<2
P5 X=7 * *

P6 10 < X < 65535 7 <Y < 65535 *

pP7 * 9<Y <27 0<Z<2

Smart cloth P1 to P7 represents P1: Under Armour; P2: Levi’s; P3: Tommy
Hilfiger; P4: Samsung; P5: Ralph Lauren; P6: Sensora; P7: Loomia.

the

2

R sin 0 (6)

k(o3) = —ZHE —E,(P

The sensor node’s microcontroller is primarily in charge
of analyzing data but also controlling the WSN with AI
module to transmit its results to the perfect introduction
server. Because once point S is within the physical
realm, E; — E;, the rechargeable possibility on point x is spec-

ified as follows:

IR T3 T
- 5;5 In s (s.(k2E5_50)+Z|k2E$_50|). (7)

The Egj-) convolution process refers to the process of per-
forming a template operation onto an & image that used a
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FIGURE 4: Performance analysis for wireless network signal package
smart clothing format.

template to determine the

1
E(]A) - ZEE?) - |KE, | +e S KE, . (8)

Eachi, j template can be a digital filter or a convolution
kernel model; the template where Ais all the parameter is

shown as
1
NI
’E —So |

The results produce a R.A [1/(|E. |) + |1/ (szHO)H
random survey smart cloths transmission map. The contri-
bution of AI with wireless networks through wearable com-
puting frequency level within the preceding process of
consolidation has become the outcome of a set of experi-
ments in the following convolution process following

(8) _ (8)

joi
k(o ZZkz] JE+1,R+])+E) R. (10)

The outcomes yield a random sample smart cloths signal
map. The contribution of the Al with wireless networks in
smart clothing frequency level with in preceding combina-
tion process has become the output of a series of experi-
ments in the subsequent convolution process. The 1 +e™"
Sigmoid functions, activation functions, and rectified linear
function are examples of commonly used standard functions



TaBLE 3: Performance result analysis for the wireless network in
signal in smart clothing frequency (low and high).

Parameter SDNN LF HF
P1 -P7 0.12-0.16 0.04-0.15 0.15-0.4
Minimum 0.06 -0.11 0.02-0.13 0.12-0.04
Maximum 0.17-0.11 0.11-0.02 0.11-0.03
Average (%) 93 96 98

that are represented as the following equations:

1 1 1 1
k(a3)) = R.A >
j( (@)= X1 + 3 R hEHU‘ * |5, ]
(11)
where
oy v E'-E" 1 1
J(E,-,j )=Y o (R + [FE ).
(12)
Then,

J(k(oc?) x E(?)) = max (E,_,.,n) +k(i,j) J(E +i, R+j).
(13)

The E" — E™" represents the smart cloth network that will
normalize the frequency level of selected features. Because
once the features are extracted it prevents the Equation
(14) specifying the max (E_,,» n) variation among neighbor-
ing frequency and it is similar to the stream of functionality
and prevents from becoming huge variation and is repre-
sented as the standardized Equation (15).

(14)

1

-—RA, |—— +
. 2 F N |:|E550
n,k)

1
KE

5=$)

. Si
[ n.k
En,k - Z .
min (k-1,i+k2)
h+ i—1
j=Max (0,i-k/2)
i—1

(15)
)

This algorithm produces RifA)Eff_l its same set of smart
clothing frequency visualizations as the initial WSN with

2
AT techniques; however, (silk) the size of every feature chart

is lowered. The neurotransmitter efficiency (Equation (16))
is as follows.

= J(k(o@)low (ESJM) + min (Eg_ , n) +k(i, ])) (16)

n—1
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To normalize the value of k(i, j) of the extracted smart
clothing frequency, we must accomplish the network again

and find the accurate linearity of El(»j.) using WSN with Al
techniques operation. The normalization mi{l and max
S—

s—1
function is used to perform normalization in a specific area.
As a result, we still must describe a parameter that specifies
the dimensions of the normalized area, and the function of
normalized Equation (17) is given as

k(as) * E{Y

[ (k(e) < E) =Y

min (kn-[E/2]+E)

min mir}(k,R—[R/2]+R) o B’

2 — s—

1+ n/E Zk':maX(O,kf[E/Z]), S:maxva*[R/Z])’( J‘k(o@)*f‘“)
pam— s—1 ij

(17)

The use of artificial intelligence simplifies the prediction
process. Some fast information analysis methods are
required when analyzing that kind of data from its norm his-
torical path. The system will work and send its output based
on the user’s instructions. If the consumer makes an error,
the scheme will repeat it. Even so, data collection seems to
be a critical step in data analysis. Every set of information
that really should be created and stored fails to traverse the
data from the database, resulting in the formation of errors.
These results depicts the actual process by which the system
stores and accesses data are processed. Finally, once the
finalization is complete, the models are being used to show-
case them on the screen.

4, Experimental Results and Discussion

Quick Response System (QRS) morphology with wireless
network signal parameters is represented in Table 1. Indica-
tors utilized in the data collection with the support of wire-
less sensor networks are QRS complex for width and
height, Q wave horizontal, and RR wave interval.

For each of these indicators, the equation for evaluat-
ing the indicators and the minimum and maximum
accepted values are defined. In this table, R; is the real-
time R peak position, and R, ; is the previous real-time
R peak position which is considered in the parametric
representation.

In Figure 3, the role or relationship between the QRS
complexity and wireless network signal is represented. It
gives a graphical representation of the metrics such as max-
imum, minimum, and accuracy, which is the identification
of the user’s width and height to select the correct fitting of
the clothes that meet their needs. The analysis was per-
formed for the minimum, maximum, and average range of
signal strength.

For any given cloth, it has specific parametric repre-
sentations depending on the gender, age, and cost of the
product. In Table 2, three wireless network signal ranges
(X, Y, and Z) are considered for data transfer from a spe-
cific sensor that provides a specific parametric value. The
“x” notation in the table signifies that the specific param-
eter cannot obtain any information from that range sen-
sor. P1-P7 also divides the signals into normal and
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FIGURE 5: Performance analysis for QRS sensitivity dataset minimum and maximum average in wireless network smart clothing.

TaBLE 4: The test result for QRS sensitivity dataset in wireless
network smart clothing.

Smart clothing Test result for QRS sensitivity

number Wgrs Minimum Maximum Average
(%) (%) (%) (%)
16256 100 89 92 98
16272 99 85 95 99
16273 95 93 89 97
16420 96 96 94 98
16483 97 89 97 96
16539 98 92 91 98
16773 99 90 92 99

abnormal parameters based on the attribute value range.
The graphical representation of this table is represented
in Figure 4. Multiple sensors somewhere at the room
entrance can be installed in a room such as a clothing
store. These sensors will scan the human posture to gain
information such as height, width, and size. That informa-
tion will be saved in a temporary storage location. Instead
of going to a trial rooms, a smart mirror could be used if
its researcher is interested in just about any clothing item.
The benefit of such an intelligent mirror would be that the
chosen clothing could be digitized and virtually worn by
the individual.

As a result in Figure 4, intelligent clothing is designed
to be as comfortable that also influences the creative pro-
cess and also the accuracy of its forecasts. Smart clothing
may be smaller, more highly saving, more integrated,
and much more comfortable than before thanks to signif-
icant technological advances. Combining cloud computing
and smart clothing could result in the creation of a health
database used in telemedicine as well as other medical ser-

vices. Smart clothing, on either hand, has some flaws. Tra-
ditional clothing is much more light and comfortable than
elegant clothing. Wash ability, a need for frequent charg-
ing, and a need for web updates are just a few of the
drawbacks.

Table 3 gives the performance result analysis of net-
work signaling in the smart clothing technology. The fre-
quency or signal strength of the sensors is critical for
performing smart clothing analysis. There is a minimum
and maximum frequency requirement to make the sensors
function properly in acquiring data about the user’s
physic. This will aid in displaying the appropriate cloth
to the user. In this table, SDNN (standard deviation of
all normal RR intervals), LF (low frequency, 0.04-
0.15Hz), and HF (high frequency, 0.15-0.4 Hz) are consid-
ered for analysis.

Figure 5 depicts the performance of the QRS sensitivity
on smart clothing technology with the help of intelligent
wireless networking concepts. The numerical representa-
tion of the figure is given in Table 4. Smart clothing num-
ber is a clothing serial number. The person is assumed to
have a variety of clothes irrespective of gender and age.
The Wqrs is used to abbreviate the QRS morphology anal-
ysis algorithm, which is given in the table. It can also be
said that Wqrs provides the accuracy of the sensitivity
analysis and for most clothing it has attained greater than
95% accuracy. Also, minimum, maximum, and average
result analysis were performed for the QRS sensitivity,
and in most cases, the proposed algorithm gave better
results.

Table 5 gives the numerical representation of the forth-
coming Figure 6.

The diagram in Figure 6 gives the performance analy-
sis of the proposed digital filter and QRS detection algo-
rithm with the existing morphology analysis. From the
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TaBLE 5: Comparison result analysis for existing method.
Algorithm Low frequency (%) High frequency (%) Accuracy (%)

Digital filter and QRS detection algorithm
Existing method: morphology analysis method

95 99
96 97

100

80

60

Accuracy

40 4

20 1

0 T

Digital filter and QRS

detection algorithm

Morphology
analysis method

Comparison result analysis

[ Low frequency
[ High frequency
[ Average

FIGURE 6: Comparison result analysis for the existing method.

results, it can be observed that the proposed model pro-
vides improved results of 99% accuracy, which is a 2%
increase over the existing method. However, the proposed
algorithm shows less performance in low and high fre-
quency recognition.

5. Conclusions

Intelligent clothing has become a trend in the modern
world. Many people prefer to get clothes through this
approach. This study focused on evaluating the application
effect of wireless networks in smart clothing based on arti-
ficial intelligence technology. The vast majority of the
ideas put forth could work if they were integrated with
both clothing technology and artificial intelligence. There
would be a massive shift in technology while enhancing
essential comfort and transformation if sensors were
removed from the concept. The work can be done accu-
rately with the help of human commands, as the machines
lack the ability to think for themselves. When it comes to
this particular situation, accuracy is critical. Time-saving
opportunities can be gained if the team understands con-
cepts like sensor management, clothing adjustment, and
design selection. Digital filters and QRS (Quick Response
System) algorithms were used in this study to investigate
smart clothing via wireless networks and AI technologies.
The study results proved that the algorithm has provided

99% accuracy and works better than the existing method.
For future research, it is highly recommended to analyze
the behavior of people buying smart clothes using artificial
intelligence.
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