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Human resource allocation in any organization is still a challenging process as the candidate should meet the requirement of the
organization’s needs and skills. During the traditional period of human resource allocation, the employer is able to meet the
candidate and perform communication directly to analyze the candidature. Though this process is preferred by most
organizations, the organizations were facing difficulties during the complex scenarios. In those circumstances, human resource
allocation can be overcome by implementing artificial intelligence with the support of terrestrial wireless sensor network. The
combination of these two technologies will make the easy communication among the employers and the employee, as like the
traditional system. In this study, Fordful Carson Method (FCM) is implemented for the human resource allocation schedule by
using intelligent networking system. The proposed model is compared with the existing Adam model for the resource
scheduling and observed that the proposed model has obtained 99.12% of accuracy in resource scheduling.

1. Introduction

Two parts of business intelligence, managerial intelligence
and equipment automation, are progressing quickly in
tandem with the development of artificial intelligence tech-
nologies [1]. Human resource management is becoming an
increasingly important part of management intelligence [2,
3]. A company’s ability to grow talent in the field of enter-
prise, improve management style, and increase total
resource utilization is considerably aided by efficient human
resource management. This strengthens the company’s over-
all integrity as well as its worth in terms of both economic
and social considerations. As a result, it is imperative for
firms to employ sophisticated and effective human resource
management [4]. Human resource management practises
are no longer sufficient to meet the massive data processing
demands of the intelligent era. An HR management system
that lacks the ability to properly analyze and deploy the
company’s manpower data wastes a large amount of data
collected by various information systems [5]. As a result of
this situation, there are losses in information resources and

a slowing of intelligent data processes. To meet this chal-
lenge, artificial intelligence algorithms, which can
significantly increase the processing capacity of firm human
resource data, are required to meet this challenge [6].

Data mining is at the very core of all data processing.
Data mining is a term used to describe the process of
extracting relevant information from large amounts of data
using software tools. With small amounts of data, statistical
approaches can be applied, but when dealing with large
volumes of data, statistical methods are less adaptable [7].
Machine learning is one of the most frequently used tech-
niques for uncovering data’s hidden properties. With the
use of these qualities, more precise data extraction can be
achieved. Future development and operational laws are stud-
ied in order to estimate and analyze the pattern of change in
various aspects [8]. Forecasting is the process of predicting
what the future holds. There are times when a model of
the real world (object) is needed to achieve this purpose,
and the term “modelling” refers to mimicking or abstracting
the real world (object). Foretelling what will happen in the
future is possible only if you know what will happen in the
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here and now, which is why it is important to study every-
thing that exists and moves [9]. From an information flow
standpoint, reality is simultaneously the future and itself.
As a result, a “good” model should not only accurately
reflect the current state of events but also accurately foresee
the future. As a result, a mathematical model must be devel-
oped to predict the future based on objective data [10].

Starting with an organization’s established goals, devel-
opment plans, and tasks, a human resource planning activity
called “human resource demand recommendation” takes
into account various internal and external factors in order
to forecast the quantity, quality, and structure of human
resources that an organization will need in the future [11].
It is not possible to accurately simulate human imagination
with traditional mathematical modelling methods, but
neural networks can do so, and they can also discover the
characteristic relationship between input and output
(human resource requirements) through the learning and
memory association of historical information [12]. Explana-
tory factors in historical sample data can be used as input
units in the artificial neural network, and the output units
are created after the neural network’s implicit layer weights,
and activation functions are applied to the neural network
[13]. Weights for the neural network are chosen to minimise
the sum of squares difference between desired output and
actual output, i.e., the goal function is determined. Multi-
sample learning, which adjusts weights based on past data
and lowers variances, can be used to add new known explan-
atory factors into a neural network and predict values
through the implicit layer [14]. An important part of artifi-
cial intelligence is the use of machine learning. Machine
learning uses complex algorithms to generate mathematical
models from a sample set of data. The more data that is
fed into the algorithms, the more intelligent the machines
become. Without being specifically taught how to do some-
thing, the models are improvising. Reward-based learning is
an example of machine learning. To train a programme
using supervised learning, it is given a predetermined collec-
tion of instances. When new data is introduced, a correct
conclusion can be drawn from this information [15]. This
type of learning is called “supervised learning,” since we
know what we want the computer to generate and we use
a predetermined answer to evaluate the program’s conclu-
sions. Once the software has achieved an acceptable degree
of accuracy, the learning process can be terminated.

In this case, a computer would be asked to find the blue
pickup truck in a collection of images of cars. In unsuper-
vised learning, we give the computer a vast amount of data
and tell the software to sift through that data in order to
uncover the patterns that are buried within it [16]. The
properties of this data are then used to sort it into several
categories. Google’s news algorithm is an example of unsu-
pervised learning. Science and technology, business, and
finance are just a few of the topics covered by this service.
In the end, we have reinforcement learning as a sort of
machine learning. Reinforcement learning is a technique
for teaching a computer new skills by having it interact with
the real environment [17]. It learns from its experiences in
the real world and continually improves in order to achieve

the set goal. Teaching chess to a computer is a good example
of reinforcement learning. It will lose in the beginning, but
through learning from its mistakes, it will finally become
unbeatable. The usage of artificial intelligence (AI) in HR
is expanding, and the trend is expected to continue [18].
Powered by artificial intelligence, AI-enabled technologies
are revolutionising human resources and improving the
quality of HR interactions. Having a basic understanding
of the terminologies now, let us move on to the various
HR segments and how AI may be used by HR.

As far as most people are concerned, AI is used for
screening candidates. Artificial intelligence (AI) technology
has had a significant impact on practically every area of
recruiting. From the creation of job descriptions to the
selection of candidates [19], artificial intelligence (AI) is
helping HR departments identify a varied pool of eligible
employees. Every hiring funnel’s purpose is to maintain a
consistent stream of applicants. Using AI-powered tools,
you may discover these issues in your writing and recom-
mend improvements that will improve your overall post-
ing. For each job posting, actual market data is mined
from the thousands of advertisements that have already
been made, and they figure out what is working to attract
the best people and cut down on application times for each
position [20]. A job description can be matched to a can-
didate’s online behavior, interests, and location using AI
to help HR locate the most qualified worker for the posi-
tion. Programmatic advertising channels can then be
recommended by artificial intelligence, which can subse-
quently offer hypertargeted ads when those people go
online. Candidates can get help from chatbots during the
application procedure [21]. For each position, the software
can generate questions that are tailored to the candidate’s
resume. Training the chatbot to provide tailored updates
and feedback, as well as suggestions for the next steps,
can benefit both the business and the candidate. Using
machine learning, the AI chatbot may call a human
recruiter and use that information for future interactions
when it does not have the answer [22]. Human resource
management has become increasingly important in today’s
highly competitive business environments. Employees and
positions should be matched as closely as possible through
human resource allocation. The distribution of human
resources has a direct impact on the efficiency of the com-
pany’s other resources [23]. When it comes to long-term
success and rapid expansion, a company’s capacity to suc-
cessfully manage its human capital is a key determinant.
By forecasting the human resource requirements of mod-
ern organizations, it is possible to provide exact guidance
for the allocation of human resources, which has far-
reaching implications for the long-term development of
firms [24]. Increasing the productivity of an organization’s
human resources is made possible by the proper distribu-
tion of human resources throughout the company [25].
Overall operational efficiency and the generation of
additional economic and societal benefits are the ultimate
goals for which a company allocates its human resource
budgets. Various cloud-based HR information systems are
now concentrating on decision support capabilities and
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research into ways to better match internal workers with
job requirements by utilizing current HR data. Addition-
ally, a data-driven strategy such as this one can provide
scientific backing for the best allocation of human
resources [26]. Conventional mathematical modelling
depends on socioeconomic politics and technology to model
an organization’s human resource structure. A recurrent neural
network with high nonlinear learning and pattern recognition
abilities can be used to illustrate the relationship between the
structure of human resources and the factors that influence it
[27]. Neural networks are widely used in financial forecasting,
managerial decision-making, and process control. To over-
come the constraints of market research, new two-loop neural
network models and algorithms based on the expertise of neu-
ral network applications in other disciplines are needed.
Planned personnel resources are mostly determined by asses-
sing the organization of the unit’s workforce and determining
the link between job requirements and employee competencies.
A person’s quality score is calculated by weighing and adding
their varied competencies [28]. This study focused on deter-
mining the intelligent scheduling model of human resources
in a complex environment using wireless sensor networks.

2. Materials and Methods

The dataset used in this study includes human resource
requirements for stores of same organization under various
departments is considered that will include the information
about the real datasets for analysis.

2.1. Motivation of the Work. The human resource allocation
using the Fordful Carson Method for human material is an
essential aspect of the critical and most considerable plan-
ning and analysis process. This study investigated a human
resource allocation framework artificial intelligence based
on neural networks. The human allocation of resource
framework based on Petri net is applied in this paper, along
with the characteristics of human resource optimization,
human resource transportation, multithreading, and observ-
able classification attributes. The specifications in the
framework and the classifier are trained on the human
resource information. Finally, the simulation result surface
effects are analyzed. According to the study results, the ordi-
nary predictive performance provides an accuracy rate
greater than 80%. The Fordful Carson Method’s population
growth could boost the accuracy rate. The population
growth using the Fordful Carson Method could increase
the accuracy rate. It will be most effective whenever the
quantity of information is related to the human resource
management. As a result, this system could also provide an
efficient and accurate allocation of candidates using small
and midhuman resource management.

2.2. Proposed Architectural Model. The employer’s tradi-
tional way of recruiting an employee will have some tedious
procedures to be followed. However, most organizations
were comfortable with the conventional human resource
allocation, as it supported real-time face-to-face interaction
with the candidate and was able to allocate much time for

the candidates. But these advantages are not suitable in all
the circumstances. During the allotted schedule, if the candi-
date faces some unavoidable situation, he may miss the
chance of resource allocation. Also, it is still more challeng-
ing to meet the persons during complex scenarios. Hence,
the traditional human resource allocation process slowly
replaces recent technological advancements. The replace-
ment is performed with artificial intelligence and terrestrial
wireless sensor network technologies (Figure 1).

For these upgrades, the datasets considered are real, pro-
cess, and simulated data. The real dataset will hold the data
about the budget or requirement of employers in any given
organization. The details such as duration of employment,
projected salary, and number of employers required each
day depending on every department are maintained in the
database. In the case of the processed dataset, details about
the necessary skill sets of the candidate, training required for
the candidate depending on the skill set are projected. At the
same time, the last case of simulated data contains the infor-
mation about the status of the organization and immediate
requirements for the candidate and the related information.
All this information is stored in the primary database
equipped with intelligent technology. When there is a primary
requirement for human resources, the smart data system can
be approached to analyze the available data. Later to the anal-
ysis, it will project the report to the organization’s employees.
When an employer notices the need for human resources,
each candidate may be available at different locations and
treated as individual nodes. The database which maintains
the complete databases is treated as the base station. During
the complex scenarios, the human resource allocation is per-
formed with internetworking support. This internetworking
plays a significant role in this resource allocation. In this
research, challenges such as network stability, video and audio
clarity without delay, and insecure communication are
assumed to be unavailable. If these challenges were overcome,
this model would suit both employers and employees in time
management and cost. In some scenarios, the employee can
be given chances to work from the remote location but with
timely delivery of the assigned task. Under these circum-
stances, Internet should be available without any restrictions
and delay which will aid the employee to be approachable
whenever the employer needs.

2.3. Proposed Work. In the text, the term “human resource
allocation,” also recognised as “flow at work,” is used to
define this cognitive process in order to encourage human
resource allocation. It incorporates the interaction effect of
testing capabilities but also motivation-oriented, as well as
the mediating impact of human allocation of resources sense
and also the mediating effects of ability. The human resource
allocation framework that effects employee behavior by
stimulating interest and motivation is not so much more
protracted than for other connections, but it is also the
current tendency of the humanistic resource management
era. Employees with a multidimensional behavior who are
engaged in exploration and production work at that time
are considered for the analysis. Independent human alloca-
tion of resources is a term used in the area of technology.
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Research is based seeks new knowledge, discovers new pos-
sibilities, but rather develops new technologies, whereas
extractive innovation seeks to consolidate and improve
existing capabilities.

Human resource allocation used for Petri net is known
as transaction in just about any firm remains a difficult pro-
cedure since the candidate must satisfy the needs and
competencies of the organization. During the typical
time of human resource allocation, the employer is allowed
to meet the candidate and conduct direct dialogue in order
to evaluate the candidate’s qualifications.

These skills are the significant quality basic foundation for
employees that participate in Petri human x allocation of
resources. M is function methodology and Petri net model;
there are many components in a Petri net, including place and
transition that are specified as in the following Equation (1).

M = x〠
x

i=1
〠
x

j=1
gij ni − �nð Þ nj − �n

� �
+ M1,M2,⋯::mxf g: ð1Þ

The transmitter and gij the receiver must be different
from the other two, and the operator can indeed be actually
connected to the required device without dispute. Transition
ni − �n is classified into instantaneous transition and time
change. Space time transformation, such as the previous M
X, that takes some time to follow the sequence is represented
in the Equation (2). In most firms like this procedure, none-
theless, the organizations encountered difficulty with com-
plex cases. In such cases, human resource allocation can

also be avoided by applying artificial intelligence with assis-
tance of a wireless sensor network.

MX =〠
x∑x

i=1∑
x
j=1gij ni − �nð Þ nj − �n

� �
∑x

i=1∑
x
j=1gij ni − �nð Þ2 : ð2Þ

The following Equation (3) represents the change in the
transition time.

MX =〠
x∑x

i=1∑
x
j≠1gij ni − �nð Þ nj − �n

� �
D2∑x

i=1∑
x
j=1gij

: ð3Þ

Then, Equation (4) deals with counting of the number of
information to transaction based on the time sequence.

trans = 〠
j

i=1

∑q
j=1∑

q
d=1∑

q
u=1∑

xd
y=1 sij − sdy
�� ��

2x2t : ð4Þ

The different kinds of A number of statements related to
the data items can indeed be depicted by places and transi-
tions, and also, sji − sdy the number of data can indeed be t j
+ td represented by focused arc weights; according to the fol-
lowing Equation (5), the Petri net description is as follows.

petrijd =
∑

dj

A=1∑
xd
y=1 sji − sdy
�� ��

xjxd t j + td
� � : ð5Þ
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Figure 1: Architectural diagram of the proposed system.
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The Petri net-based code behavior procedure is explained
in the following Equation (6) which provides the orientation
for the action sequence in Petri net and represents the same
type of transformation as in correlation between the different
object classes in a given statement. This transformation along
with the weight of oriented action sequence represents the dif-
ferent types of data items in a given declaration.

Msm = 1−〠 2ϑnϑs + B1ð Þ 2τns + B2ð Þ
ϑ2n + ϑ2s + B1
� �

τ2n + τ2s + B2ð Þ : ð6Þ

An L Petri net-based modelling method for code influence
on the performance of hi Petri net-based code behavior
modelling method is clarified; also, the vq correlating relation-
ship among q Petri net components but also code components
is constructed as follows:

L hi, gj

� �
= L hið ÞL gj

hi

� �
; L

gj

hi

� �
= 〠

q

q=1
L

gj

vq

 !
L

vq
hi

� �
, ð7Þ

lq =〠 2q
q + 1 + 1

2 + 1
2q

	 

b2 − b1

3

	 
2
+ 2 b2 − b1ð Þ

3 : ð8Þ

To accomplish the b2 − b1 evolution from rules to Petri
net, the static code analysis technique is being used to analyze
and process the executable as in the following Equation (8).

Bjd =
ð∞
0
hEj sð Þ

ðs
0
s − nð ÞhEd nð Þ: ð9Þ

A s − n single program document provides an associated
operation hEj a given input object set that has been processed,
and a Bjd digital output object that has been produced as a
result is given in Equation (9) for the process.

ln Miu

Miu − 1

� �
= α + β ln Miu − 1, ð10Þ

〠
θ

n=1
Zn ∗ l = ∑ϑ

n=1 G + Yi/∑x
1Gεð Þð Þ/Bð Þ + Y + Ybð Þ

β + α ln Miu + L/Bð Þ :

ð11Þ
Equation (10) has a set of technicians that are represented

by Miu; this same α + β set of incoming signal data objects is
represented by ϑ, and the sequence of digital output objects is
represented by Gε. Zn ∗ l is the declaration given for the input
object l conforms to the procedure Y information data object,
and the declaration is extended as the data object o equates to
the procedure ∑θ

n=1Zn ∗ l that extended data object also with
utmost priority, following the sources of Equation (11).

ln petriiu = r0 + r1ht ∗ hu + 〠
X

i=1
cjNt + εt , ð12Þ

ð
rð Þ =〠 1

Xd
〠
X

i=1
q

Ni − n
d

� �
: ð13Þ

Because the r0 + r1 activity of the original statement should
always be ht ∗ hu represented in the final outcome of the
homework operation, variable is chosen as the final output
object. The εt process of altering the amount and types of infor-
mation items could be easily summarized as in Equation (12).
The transformation of

Ð ðrÞ process from input data object to
output object can be represented in Petri net is given in Equa-
tion (13), and ∑1/Xd∑X

i=1qððNi − nÞ/dÞ represents that the
transformation process from input data object to output object
is represented by the direction and weight of the input/output
action sequence of declaration transformation.

3. Results and Discussion

Human resource allocation is used to describe human
resource management. Figure 2 represents framework allo-
cation using the questionnaire based for implementation. It
is used to develop for the online scenario; it is used to stim-
ulate Petri human resource allocation, including the
interactive effect of testing ability and motivation-oriented
Petri orientation. The mediating effect of human resource
allocation sense and the moderating effect of opportunity-
oriented Petri orientation are analyzed. As motivation
scholars have emphasized, intrinsic motivation is more
durable than extrinsic motivation.

The Petri human resource allocation system that influ-
ences cost behavior by stimulating intrinsic motivation is
not only more long term than other paths but also the gen-
eral trend of the era of human resource management. The
proposed Fordful Carson Method (FCM) for the human
resource management through intelligent networking is
compared with the existing algorithms, such as Numerical
Algorithms Group (NAG), Adagrad, Root Mean Squared
Propagation (RMSProp), Adam, and Nadam. From the
graph, it can be observed that the proposed algorithm and
the existing algorithm Nadam are providing equivalent
results in the allocation process through the intelligent ter-
restrial wireless networking technology. Hence, the model
have to be modified or improved to get improved perfor-
mance than the existing algorithm.

From Figure 3, we can observe that various abilities are
involved in human resource allocation with the support of
inspiration. Equal chance software tools could affect user
resource allocation used in the network. This challenge can
be overcome for Internet use, and the internal cognitive
online mechanism is one route to be followed. Furthermore,
this effective process should not be implemented all at once
but consider the method and the influence level. For illustra-
tion, the mediating effect of environment and correlation is
frequently discussed in the literature on results shows high,
implying invitation to human resource training. Other
research, including online tests, discover that establishing
rewards and other incentives enhances its willingness for
special problem obligation to correlate skills and ability to
play its efficiency. It also suggests the difficulties and skills
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have to be considered during the utilization of human
resources besides the timely completion of the process. As
the number of iterations of human resource allocation is get-
ting increased, the time taken for completing the process is
reduced (refer Figure 3). This process suggests that the fre-

quent access of network resources by the nodes will make
the route be available for prolonged duration.

Human resource allocation (see Figure 4) following can-
didate training may increase innovators’ willingness to dis-
cover exciting technologies. The willingness will also be
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focused on the work process, allowing them to intentionally
balance the work to avoid the stress caused by excessive
investigation or frustration caused by rapid growth. Further-
more, the FCM framework-based human training resource
allocation tool (wireless network) validation accuracy could
play a variety of roles in management. From this figure, it
can be observed that the accuracy rate during the training
and the testing process is equivalent till 50th iteration. Later,
the deviation in the accuracy can be observed. The reason
for deviation in accuracy of human resource allocation dur-
ing testing is may be due to network delay, poor noise signal
ratio, poor audio or video quality, and much more.

In Figure 5, the human allocation for the training
resources may decrease innovators’ desire to explore exciting
technologies while still focusing on workflow, enabling them
to consciously balance one in hopes of avoiding stress from
inordinate investigation or loss from fast growth. Moreover,
the FCM method approach to overcome the human training
resource allocation tool (wireless network) validation loss
may serve many functions in monitoring.

The simulation results in Figure 6 show that FCM signif-
icantly improves framework performance and reduces task
execution time when compared to the wireless network’s
definition resource target of scheduling and FCM
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algorithms, even when the significant relationship between
network node performance and organizational type is
ignored. Currently, different types of jobs are considered in
this study, which includes network or wireless.

The simulation results in Figure 6 show that FCM signif-
icantly improves framework performance and reduces task
execution time compared to the wireless network’s defini-
tion resource target of scheduling and FCM algorithms.
Even when the significant relationship between network
node performance and organizational type is ignored, FCM
shows improved performance. Currently, different types of
jobs are considered in this study, including network or
wireless parallel processing. This research discusses the
additional types of human resource allocation, such as time-
tabling for target and result-focused and intensive distribu-
tion jobs. Artificial intelligence methods are introduced to
determine the limitations of human resource allocation in

obtaining results. Dynamic human resource influencing fac-
tors will also be added to clarify node performance leanings
over time. Finally, experiments on large groups are carried
out to validate the algorithm’s efficiency. To determine the
limitations of human resource allocation in obtaining
results, artificial intelligence methods are introduced.
Dynamic human resource influencing factors will also be
added to clarify node performance leanings over time.
Experiments on large groups are carried out to validate the
algorithm’s efficiency.

The suggested accuracy rate for ordinary training in
Table 1 is 84.05%. To improve the predictive performance
of human resources during model training, 16 neurons must
be decided to increase for every 0.01 increment in dynamic
data. When the training accuracy rate exceeds 84%, the pre-
diction performance improves, but this cannot compensate
for an increase in the number of nodes (neurons), so the

Table 2: Performance analysis for human resource in training loss
and validation loss.

Number of neurons Training loss Validation loss

3 0.009975 0.010725

4 0.009985 0.010724

5 0.009950 0.010723

6 0.009954 0.010720

7 0.009947 0.010716

8 0.009944 0.010710

9 0.009940 0.010690

10 0.009938 0.010660

11 0.009932 0.010630

12 0.009928 0.010595

13 0.009926 0.010580

14 0.009920 0.010553

15 0.009916 0.010510

16 0.009912 0.010502

Table 1: Performance analysis for human resource in training
accuracy and validation accuracy.

Number of neurons Training accuracy Validation accuracy

3 86.66 80.04

4 87.04 80.20

5 87.30 80.44

6 87.44 80.52

7 87.46 80.72

8 87.80 80.96

9 87.94 81.22

10 88.00 81.44

11 88.52 81.73

12 88.64 81.93

13 89.00 82.17

14 89.50 83.08

15 89.98 83.86

16 91.76 84.05
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Figure 6: Predictive performance analysis for the simulation result surface effects is analyzed in human resource management.
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highest efficiency occurs when the volume of human
resource work schedule data is high.

In Table 2, the indicated accuracy rate for regular training
is 80%. To improve the correlation performance of human
resources throughout model training, 16 neurons are thought
to decrease with each 0.01 decrement in dynamic data. The
decrease in predictive accuracy cannot compensate for the
difference in node growth (neurons). However, when the
quantity of human resource given condition data exceeds
79 percent, the efficiency is at its maximum.

While interacting with a possible candidate, artificial
intelligence can also be used to automate time-consuming
and tedious processes. The email, calendar, and application
tracking system of a company can all be connected with arti-
ficial intelligence (AI) to spot patterns in the data and
recommend the optimal times of the day to contact possible
candidates about open positions. To run an organization,
every organization requires an intelligent timetable. This
research proposes the Fordful Carson Method (FCM) for
organizing human resource management activities utilizing
an intelligent network system. The study’s findings demon-
strated that the algorithm aids in improving human resource
performance. It compared for the existing method is a better
result provided in our proposed method (refer Table 3).

4. Conclusions

Artificial intelligence can be used to streamline tiresome and
time-consuming tasks while interacting with a potential
candidate. An organization’s email, calendar, and applicant
tracking system can all be integrated with artificial intelli-
gence (AI) to identify patterns in the data and suggest the
best times of day to contact potential candidates about job
openings. Every organization needs an intelligent scheduling
system for managing human resources. This study proposed
Fordful Carson Method (FCM) using the intelligent network
system for scheduling the activities occurs in human
resource management. The study results proved that the
algorithm helps in enhancing the performance of human
resources. The proposed model has provided an accuracy
of 99.1%.
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The data used to support the findings of this study are avail-
able from the corresponding author upon request.
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