
Retraction
Retracted: Community Sports Facility Ant Colony Algorithm
Collocation under the Environment of National Fitness

Wireless Communications and Mobile Computing

Received 19 September 2023; Accepted 19 September 2023; Published 20 September 2023

Copyright © 2023 Wireless Communications and Mobile Computing. This is an open access article distributed under the Creative
Commons Attribution License, which permits unrestricted use, distribution, and reproduction in any medium, provided the
original work is properly cited.

This article has been retracted by Hindawi following an investi-
gation undertaken by the publisher [1]. This investigation has
uncovered evidence of one ormore of the following indicators of
systematic manipulation of the publication process:

(1) Discrepancies in scope
(2) Discrepancies in the description of the research reported
(3) Discrepancies between the availability of data and the

research described
(4) Inappropriate citations
(5) Incoherent, meaningless and/or irrelevant content

included in the article
(6) Peer-review manipulation

The presence of these indicators undermines our confidence
in the integrity of the article’s content and we cannot, therefore,
vouch for its reliability. Please note that this notice is intended
solely to alert readers that the content of this article is unreliable.
We have not investigated whether authors were aware of or
involved in the systematic manipulation of the publication
process.

Wiley and Hindawi regrets that the usual quality checks did
not identify these issues before publication and have since put
additional measures in place to safeguard research integrity.

We wish to credit our own Research Integrity and Research
Publishing teams and anonymous and named external research-
ers and research integrity experts for contributing to this
investigation.

The corresponding author, as the representative of all
authors, has been given the opportunity to register their agree-
ment or disagreement to this retraction.Wehave kept a recordof
any response received.

References

[1] Y. Sun, Y. Wu, and N. Hu, “Community Sports Facility Ant
Colony Algorithm Collocation under the Environment of
National Fitness,” Wireless Communications and Mobile
Computing, vol. 2022, Article ID 9789933, 10 pages, 2022.

Hindawi
Wireless Communications and Mobile Computing
Volume 2023, Article ID 9764058, 1 page
https://doi.org/10.1155/2023/9764058

https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://doi.org/10.1155/2023/9764058


RE
TR
AC
TE
DResearch Article

Community Sports Facility Ant Colony Algorithm
Collocation under the Environment of National Fitness

Yongmei Sun , Yifan Wu, and Nannan Hu

College of Physical Education, Anhui Normal University, Wuhu 241000, China

Correspondence should be addressed to Yongmei Sun; 718254@ahnu.edu.cn

Received 7 June 2022; Revised 13 July 2022; Accepted 22 July 2022; Published 3 August 2022

Academic Editor: Kalidoss Rajakani

Copyright © 2022 Yongmei Sun et al. This is an open access article distributed under the Creative Commons Attribution License,
which permits unrestricted use, distribution, and reproduction in any medium, provided the original work is properly cited.

The construction of sports facilities is gradually gaining public attention in the national fitness environment. Community sports
facilities make a great contribution in making up for the shortage of urban gymnasiums, but there are many similarities in the
existing community sports facilities, and the collocation is only to meet the basic needs. Based on this, this paper investigates
the study of an ant colony algorithm for the collocation of community sports facilities in a national fitness environment. Based
on a brief analysis of the construction of community sports facilities and the study of ant colony algorithms, a model of
community sports facility matching is constructed and an ant colony algorithm is introduced to optimize the design of the
scheme. The multiobjective function model is combined with the demand for community sports settings collocation, and the
optimal solution set for different planning objectives is proposed in the optimal design of sports facility collocation. The
objective function is combined with the ant colony algorithm to continuously update the objective function value and obtain
the optimal solution after stabilization, providing a more excellent configuration for sports facility collocation. The simulation
results show that the performance of this algorithm is more stable than that of traditional algorithms, and it can provide more
diverse solutions for sports facility matching with greater stability.

1. Introduction

With the improvement of people’s living standards, the
demand for fitness is also increasing [1]. The development
of sports resources refers to a series of technical and eco-
nomic measures and actions taken to make full use of sports
resources, improve the utilization rate of sports resources,
and make sports production smoothly. The purpose of the
development of sports resources is to tap and use all kinds
of sports resources to provide sports products to meet peo-
ple’s sports needs. The national level has even raised the
issue of a reasonable mix of sports resources at the National
Seminar on Sports Development Strategies, requiring that
every citizen’s demand for sports be ensured and that
strengthening the reasonable allocation of sports resources
becomes a problem that must be addressed in urban con-
struction [2]. The Singapore government has built bicycle
paths in many housing estates and connected them with
Park lanes. People can ride bicycles from home to parks
and scenic spots. Riding along the road network all over

the city, people can not only enjoy the riverside landscape
but also explore the mangrove reserve in the park. Riding
has also become a convenient way to visit Singapore. At
present, the total length of Singapore’s bicycle lane network
is 460 kilometers, and the government plans to expand it to
1300 kilometers by 2030 so that people can ride more safely
and comfortably in the city. In the construction of sports
facilities in the community, certain improvements have been
made, and in addition to traditional facilities such as tread-
mills and running tracks, various large, medium, and small
gymnasiums have been added, and a variety of community
sports facilities have been introduced to meet the needs of
residents [3]. However, the mix of community sports facili-
ties shows unbalanced characteristics, as the focus is differ-
ent, the facilities will always focus on one aspect, and the
mix is not reasonable enough and is basically the same as
the community sports facilities, without showing the differ-
ence and not much attraction [4]. In addition to the lack
of comprehensiveness in the mix of sports facilities, the most
significant feature lies in the lack of space utilization, where
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there are conflicts in space utilization and constant out-
breaks of various sports activities competing with each other
for space [5]. There are few community sports facilities,
which can be strengthened in many ways. Some communi-
ties have limited conditions and do not have enough sites
to accommodate sports facilities. This requires the commu-
nity to use their brains, revitalize resources such as idle land
and marginal land, and plan and build sports venues close to
the community and accessible. In recent years, the rainbow
trail has gradually been welcomed by citizens. Conditional
communities can lay rainbow trails along both sides of the
river, which can not only meet the fitness needs of residents
but also beautify the city’s appearance and environment and
promote the fine management of the city.

Based on this background, this paper investigates the
study of the ant colony algorithm for the collocation of com-
munity sports facilities under the environment of national
fitness, which is divided into four main chapters. Chapter 1
first makes a brief introduction about the construction of
community sports facilities and the chapter arrangement of
this study; Chapter 2 introduces the current research status
of domestic and foreign research on the construction needs
of community sports facilities and the related research and
application of ant colony algorithms and summarizes the
shortcomings in the current research. Chapter 3 constructs
an ant colony algorithm-based model for matching commu-
nity sports facilities in a comprehensive fitness environment,
analyzes the performance of the ant colony algorithm
through different examples, and improves the algorithm
for better community space utilization. Section 4 presents a
simulation of the community sports facility matching model
constructed in this paper. The parameters of the ant colony
algorithm are optimized by analyzing the accuracy, and the
performance of the algorithm is analyzed by analyzing the
variation and error of the solution. The experimental results
show that this algorithm has a greater advantage over other
algorithms in heterogeneous cases, with an optimal number
of iterations of 40, an ant population of 200, optimal solu-
tions, and measurement errors, and that this algorithm has
greater stability and can provide more solutions for commu-
nity sports facility collocation.

The innovation of this paper lies in the application of the
ant colony algorithm. Ant colony algorithm is different from
traditional programming mode. Its advantage is that it
avoids lengthy programming and planning. The program
itself is based on random operation of certain rules to find
the best configuration. In other words, when the program
first finds the target, the path is almost impossible to be opti-
mal and may even contain countless wrong choices and
extremely lengthy. Most of the studies related to the colloca-
tion of community sports facilities use the survey method,
but this paper constructs a model for the application of the
ant colony algorithm and proposes a new collocation strat-
egy to address the shortcomings of the ant colony algorithm
itself. In the initial pheromone update, a combination of ran-
dom generation and assignment is chosen, and a segmented
selection update is used to address the problems caused by
pheromone volatility. In addition, in the evaluation of com-
munity spatial use adaptation, it is integrated with a multi-

objective optimization system, which abstracts and
processes the objectives and can provide more collocation
solutions for spatial planning.

2. State of the Art

Community sports is mainly a regional mass sports within
the jurisdiction of the subdistrict office, which takes the nat-
ural environment and sports facilities as the material basis,
takes all community members as the main object, and takes
meeting the sports needs of community members and
improving the physical and mental health of community
members as the main purpose. Since the reform and opening
up, the most prominent phenomenon in urban sports in
China is the rapid rise of community sports. The issue of
matching community sports facilities is coming to the fore
in the context of a national fitness environment, and there
are many research gaps in the current studies relating to
the matching of community sports facilities, in terms of
the role of community sports facilities, differences in the
level of matching, regional differences, and differences in
services. For example, Johnston et al. conducted a study on
British children and concluded that attending schools with
inadequate community sports facilities was associated with
a statistically significant and moderate reduction in the like-
lihood of participating in sport in adulthood [6]. Of the
applications of intelligent algorithms in this area, most have
focused on site selection. For example, in a study on the sit-
ing of community sports facilities, Zhang et al. designed
SpoVis, an interactive visual analysis system that incorpo-
rates factors such as urban population distribution, con-
struction costs, existing community sports facilities, traffic
conditions, and development potential to provide a more
comprehensive siting solution [7]. Zhu et al. analyzed the
operation of sports facility sites, using the IVIFHPWG
model for solving multiattribute decision out problems [8].
Wu et al. evaluated sports risk and proposed a video summa-
rization algorithm based on block sparse representation,
dividing videos into multiple blocks based on similarity,
embedding multiple video blocks, and selecting representa-
tive video blocks to evaluate sports risk in university stadi-
ums [9]. The main focus in the study of ant colony
algorithms is on improvements and their applications. In
their study, Wang et al. combined ant colony algorithms
with optimal support vector machine algorithms to improve
the coding algorithm and optimize the design of parameters
and features to improve the adaptive nature of the algorithm
[10]. In their study, Falcón-Cardona et al. proposed a con-
tinuous search space multiobjective ant colony optimization
algorithm for continuous multiobjective optimization prob-
lems, which showed strong competitiveness in most of the
measurement metrics [11]. Ye et al. proposed an improved
algorithm with a negative feedback mechanism, using search
history information, continuously acquiring failure experi-
ence, optimally exploring the unknown space, and identify-
ing high-quality solutions superior to other algorithms
[12]. Ikhlef et al. in a study of gearbox conditions performed
a maximum overlap discrete wavelet packet transform to
calculate the time domain features. An ant colony
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optimization algorithm was then used to remove redundant
and unimportant parameters that could mislead the classifi-
cation and optimize the parameters of the classifier to obtain
the highest classification accuracy [13].

In summary, it can be seen that most of the contempo-
rary research related to community sports facilities is quali-
tative in nature, using survey methods to analyze the
deficiencies in community sports facilities and then propose
improvement strategies. As an intelligent algorithm, the ant
colony algorithm has been greatly developed in recent years,
covering all aspects of the algorithm itself in theoretical
research and in application, the ant colony algorithm has
mostly been applied to path optimization design, with good
results. However, ant colony algorithms have rarely been
applied to the study of community sports facilities, and there
have been few research results combining the two. There-
fore, it is important to carry out research on the matching
of ant colony algorithms for community sports facilities in
a whole-body fitness environment.

3. Methodology

3.1. Community Sports Facility Collocation Model. Commu-
nity sports facilities are closely related to the living standard
of residents. There are many problems in many communi-
ties, such as less sports facilities, aging facilities, low utiliza-
tion rate, and remote location, especially the problems of
old communities are more prominent. To solve these prob-
lems, we need to strengthen the construction of community
sports facilities according to the actual situation and con-
stantly improve the utilization efficiency to meet the sports
and fitness needs of residents. A popular community sports
ground is often an important place for residents to commu-
nicate. Community sports facilities are close to residents. In
the long run, building and using community sports facilities
can not only improve residents’ physique but also help to
build a harmonious community relationship. In the current
construction of facilities, they are mostly in line with the

construction of sports facilities within the community, cov-
ering indoor fitness places (gymnasiums), outdoor fitness
places (badminton places, basketball courts, football fields,
walking places, children’s play facilities, etc.), emergency
shelter places, etc. Common community sports facilities
cover space walkers, spinning machines, Tai Chi frames,
upper limb tractors, etc. In the early stages of construction,
most of the facilities were built to meet national construction
requirements, and the actual needs of the residents were not
taken into consideration, either in terms of the matching and
purchase of sports facilities or in terms of maintenance at a
later stage. In setting up the collocation construction, the
use of ant colony algorithm is considered to achieve the spe-
cific process shown in Figure 1. The community’s sports
facility site construction is collated, multiple functional units
are divided, reasonable evaluation indicators are selected,
weights are determined, the level of each facility is deter-
mined, and then a reasonable mix is made.

To facilitate the analysis, the community sports area as a
whole was divided into regular grids, on top of which the
corresponding sports sites needed to be allocated [14]. Spe-
cifically, they are divided into five categories, namely, ball,
indoor land, general land for residents’ exercise, children’s
land, and others. It is assumed that the grid land type is
denoted by G and the number of iterations is denoted by t.
As the land resources for community sports facilities are
very limited and the allocation of resources is not uniform,
so the degree of adaptation is different. In the design of the
sports facility’s collocation is to allocate the land area to dif-
ferent community sports facilities under the guidance of the
optimization objective. The scientific allocation based on
land resources is reasonable and can meet the needs of com-
munity sports facility collocation to the greatest extent. The
community area adaptability function can be expressed as

FS = 〠
I

i=1
〠
L

l=1
Silk , ð1Þ

Division unit Select indicators 

Determine weights

Determine fitness
level

Adjust collocation

Spatial
superposition Ant colony 

Quantitative
processing 

Figure 1: General process of sports facility matching.
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where S denotes the value of community vacant land adap-
tation. The degree of community sports land aggregation is
not only related to the type of land itself but also needs to
be combined with the needs of community sports facilities
themselves [15]. The current degree of distance aggregation
of community sports facility utilization is expressed using
the homogeneity index, assuming the current grid is a cen-
tral grid and all sports land within a certain unit with the
same window is the domain homogeneity index. Using the
eight-neighborhood approach, the spatial aggregation of
community sports facility sites can be expressed as

FJ = 〠
I

i=1
〠
L

l=1

Uil
k

8 : ð2Þ

Using a normalization process, this index is all less than
1. The closer to 1, the higher the degree of aggregation of
land for community sports facilities. When allocating land
for sports facilities, multiple objectives need to be achieved,
and in application, heuristic information functions need to
be created [16]. In this paper, a method of transforming it
into a single objective is used to evaluate the dominant ant
in the analysis. Combined with community building require-
ments, sports facility collocation needs to meet area require-
ments as well as terrain requirements. In the area constraint,
it is required to be able to meet the actual available area sit-
uation, and the constraint is expressed as

Areakmax > 〠
I

i=1
〠
L

l=1
Xk
il > Areakmin, ð3Þ

where max denotes the maximum area available for
community sports facilities and min denotes the minimum

area available for community sports facilities. The conver-
sion of land for community sports facilities needs to comply
with the relevant regulatory requirements and also needs to
meet the needs of the community sports facilities themselves
[17]. The constraint is expressed as

Til
kq =

1, k⟶ P allowed,
0, else:

(
ð4Þ

3.2. Improvement of the Ant Colony Algorithm. The ant col-
ony algorithm used in the community sports facility config-
uration optimization has a memory function that enables it
to find the next path based on the path taken, without choos-
ing it again; it has a global communication capability that
allows it to leave pheromones behind when constructing
paths, giving priority to paths with high concentration and
thus achieving optimal path design [18]. Ant colony algo-
rithms show greater advantages in terms of communication
as well as computation. However, there are certain problems
with the ACO in community sports facility configuration
optimization. The algorithm requires a long running time,
each step needs to be calculated as a probability before the
next path can be selected, the algorithm is too complex,
and the large scale of community sports facility configura-
tion further increases the computational difficulty [19]. Ant
colony algorithm has the characteristics of positive feedback.
The pheromones in the initial environment are exactly the
same. Ants almost complete the construction of solutions
in a random way. These solutions will inevitably have advan-
tages and disadvantages. During pheromone updating, ant
colony algorithm leaves more pheromones on the path of
the optimal solution, and more pheromones attract more
ants. This positive feedback process rapidly expands the ini-
tial difference and guides the whole system to evolve towards

Start

Optimal
solution set

End condition
satisfied Random

selection of
central network

Prioritize Update 
neighbors

Meet
clustering
conditions

Optimal
solution

Update
criteria Update type

Every ant

Initialization 

Update
pheromone Determine

probability 
transfer function 

Compute
heuristic 

information 

End 

Yes

YesYes

No

No

N
o

Figure 2: Sports setting matching process based on improved ant algorithm.
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the optimal solution. Although positive feedback makes the
algorithm have a better convergence speed, if the better solu-
tion obtained by the algorithm at the beginning is a subopti-
mal solution, then positive feedback will make the

suboptimal solution quickly take advantage, making the
algorithm fall into local optimization and difficult to jump
out of local optimization [20]. This paper therefore makes
improvements when utilizing the ant algorithm, with
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pheromones being used in both random and assigned ways.
Specifically, the ant-specific values are limited to 0 to 1, and
the other pheromones are assigned.

In the update of the pheromone, the ant transfer proba-
bility is introduced. Because the pheromone and heuristic
information of different paths are different, the probability
of transferring to each path is also different. Specific imple-
mentation can use roulette selection. The greater the transfer
probability, the more ants will choose the path. And based
on this idea, the adaptation of the sentence layout calcula-
tion method is determined, where paths are continuously
selected and the pheromone is continuously updated, and
the formula is expressed as

τil = pil, pil < p0, ð5Þ

τil = 1 − ξð Þτil + Δτil,

Δτil =
τcbestl − τilð Þ
τcbestl

:

8><
>: ð6Þ

If the updated data range is more than 0 to 1, it is
assigned a random value, or if it is 0, it takes the value
0.001. The smaller the critical value of the transfer probabil-
ity, the closer it is considered to be to the optimal solution.
When the transfer probability is less than the critical value,
the pheromone close to the optimal solution is retained; oth-
erwise, the data is updated. The smaller the pheromone vol-
atility coefficient, the more data is retained. To ensure that
the updated information has a stronger randomness charac-
teristic, the variable coefficient needs to be changed, and the
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formula is expressed as

c =

0:2, 1 ≤ k ≤ K/4,
0:5, K/4 < k < K/2,
0:8, K/2 ≤ k < 3K/4,
1, else,

8>>>>><
>>>>>:

ð7Þ

where c is the variable coefficient and k is the number of iter-
ations. In the calculation of the core function, the heuristic
information function will directly influence the next path
and is also the core function of this algorithm. In the single
objective problem processing, the function formula is
expressed as

yil =
1
dil

, ð8Þ

where i denotes the community sports facility where it is
currently located, l denotes the community sports facility
that it wants to visit next, d denotes the distance between
these two community sports facilities, and y denotes the
heuristic function. This information function transforms
the problem into an objective-maximizing solution, finding
the next community sports facility to be visited in a global
context through greedy thinking. However, in the configura-
tion of community sports facilities, which is multiobjective
optimization, even for small spatial configurations, several
factors need to be considered, so this heuristic information
function is essential and will directly affect the calculation
of the optimal solution.

In the community sports facility mix setting, the corre-
sponding type of configuration for each sports facility
requires consideration of objectives of different levels of
importance. After the scalable system, all objectives can be
transformed into maximization solution problems, so the
use of optimized multiobjectives in heuristic function selec-

tion can satisfy all objective requirements. Assuming that
there are N objective functions, the heuristic information
function can be expressed as the following equation:

yilkp =
YN
n=1

ynilkp : ð9Þ

In the positive feedback mechanism of the ant colony
algorithm, the pheromone update function is the central
problem. In foraging, the pheromone left behind by ants is
not fixed and evaporates as time changes, and the ants pref-
erentially choose the high concentration to achieve commu-
nication. The ant colony algorithm simulates this process by
constructing a function after each iteration, which is then
updated at the next iteration, with the basic function
expressed as

τil t + 1ð Þ = 1 − ξð Þτil tð Þ + Δτil tð Þ, ð10Þ

where ρ denotes the pheromone volatility factor, ranging
from 0 to 1, i and j both denote community sports facilities,
and t denotes the number of iterations. If the ant has not
walked the path, the pheromone takes the value of 0. If it
has walked the path, the pheromone is expressed as

Δτil tð Þ =
Q
dil

: ð11Þ

The need to satisfy multiobjective characteristics in
sports facility collocation, allocating each community sports
facility to the corresponding land, does not strictly guarantee
that the optimal solution is obtained, so it also needs to be
updated using a greedy algorithm, with the formula
expressed as

Δτilkp tð Þ =Q tð Þyilkp, ð12Þ
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where Q denotes the pheromone intensity factor. At this
point, the pheromone update function is changed and the
equation is as follows.

τij t + 1ð Þ = 1 − ξð Þτil tð Þ + 〠
M

m=1
Δτilkp tð Þ, ð13Þ

where M denotes the colony size. In the basic ant colony
algorithm, the next community sports facility reached is
selected based on a probability transfer function which can
be expressed as the following equation.

pkil tð Þ =
τail tð Þyβil tð Þ
∑τβir tð Þyβil tð Þ

, l ∉ tabuk,

0, else,

8>><
>>: ð14Þ

where p represents the probability of an ant moving
from a community sports facility to a community sports
facility. For the optimal pairing of community space sports
facilities, which occurs only in the current space and does
not affect other areas, the probability function can be
adjusted slightly and the equation is

pmil
kp tð Þ =

τilkp tð Þ
��� ���ct τailkp tð Þ

��� ���1−a
∑ τilks tð Þ
�� ��a τmil

ks tð Þ�� ��1−a , i, lð Þ ∈ tabua,

0, else,

8>>><
>>>:

ð15Þ

where tabu denotes the space of sports facilities already
visited by ants. The process of sports facility collocation
based on the improved ant algorithm is shown in Figure 2,
which only requires the continuous generation of optimiza-
tion solutions to achieve collocation optimization.

This improved algorithm has numerous parameters that
affect performance in its application, such as ant colony size,
pheromone volatility factor, and strength, all of which affect
the sports facility collocation situation, none of which are
currently clearly defined in this paper combined with simu-
lation experiments to determine the important parameters.
In the termination condition of the ant colony algorithm,
there is currently no clear standard, and it is generally con-
sidered that the algorithm ends after a limited number of
iterations have been exceeded or has converged. Considering
the multiobjective optimization characteristics of sports
facility collocation, the Pareto optimal solution is used as
the iteration termination condition.

4. Result Analysis and Discussion

4.1. Simulation Analysis of Ant Colony Algorithm. Simula-
tion experiments are used to optimize the design of the
parameters of the ant colony algorithm, using arithmetic
examples to carry out the calculations, containing 15 sets
of arithmetic examples of 100 each. The strong heteroge-
neous problem was selected and the initialization parameters
were set to 1, 20, and 40, and each calculation was performed

10 times and the average value was taken. Using the segmen-
tation method to select the volatile coefficient, the algorithm
proposed in this paper is compared with genetic algorithm,
forbidden search algorithm, and heuristic algorithm to cal-
culate the space utilization, and the comparison results are
shown in Figure 3. As the number of rectangular blocks con-
tinues to increase, the heterogeneity increases and the utili-
zation rate decreases, indicating that the improved
algorithm has a greater advantage in the heterogeneous
arithmetic case.

The size of the colony affects the utilization rate, as does
the number of iterations. Simulations were carried out using
some of the arithmetic examples and the results of the mea-
surements are shown in Figure 4. After 40 iterations, the
curve gradually stabilized, indicating that convergence had
been reached. The relationship between utilization and col-
ony size was then analyzed, and it was found that utilization
did not show an increase as the size increased, with the high-
est utilization occurring at an even number of iterations.

In the optimal solution search process, the ant size
affects the path collocation, so the ant size will affect the
effect of community sports facility collocation. The perfor-
mance of the algorithm is measured by changing the size
and keeping other parameters constant, and the results are
shown in Figure 5. It can be seen that when the number of
ants is 200, the optimal solution no longer changes and the
algorithm time is short, and as the size increases, the con-
sumption time starts to extend.

4.2. Simulation Analysis of Community Sports Facility
Collocation. In the simulation analysis of community sports
facility collocation, some community sports facilities are
fixed equipment and some are dynamic equipment. In the
static community sports facility collocation, the arithmetic
cases of SFLP are selected for simulation analysis, the num-
ber of these community sports facilities is large, the size is
not easy, and the land space occupied by each is different.
The corresponding parameters are adjusted for different
scales of the arithmetic cases. When the number of facilities
in the space does not exceed 14, the initial scale is set to 200,
and the number of iterations is 100, divided into 4 quality
levels. When the number of community sports facilities in
the space exceeds 14, the initial scale is set to 1000, with
900 iterations. The unit distance is set to 1. The algorithm
proposed in this paper is compared with other algorithms,
and the results are shown in Figure 6. This algorithm shows
great advantages in terms of optimal solution and measure-
ment error.

Community sports facilities are of different sizes and
have different space requirements. Many community sports
facilities can be dynamically moved in a way that the initial
size is set to 200 in the performance measurement, and the
community sports facilities are put into different combina-
tions of spaces according to the space requirements. The
area occupied by the community sports facilities and the
aspect ratio are fixed. The change of optimal solution and
running time of different algorithms is analyzed, and the
measurement results are shown in Figure 7. When the scale
of community sports facility collocation is relatively small,
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the solution (diversity) that can collocate is relatively small,
and the performance of the algorithm in this paper is basi-
cally the same as other algorithms at this time, and the run-
ning time is shortened.

Considering that the optimization of community sports
facility collocation is a multiobjective optimization solution
problem, the algorithm performance needs to be measured.
The convergence performance, the uniformity of the solu-
tion, and the range of the objective space were measured,
and each group of experiments was measured five times
and the average value was taken, and the results are shown
in Figure 8. The data show that the algorithm proposed in
this paper has higher stability and can also provide more
solutions for community sports facility collocation.

5. Conclusion

Community sports facility collocation problem can be cate-
gorized as a layout problem, which belongs to multiobjective
combination optimization design, not only related to sports
itself but also influenced by computer graphics and logical
reasoning, which is difficult to be accurately described by a
single adoption of mathematical model, and the advantages
of ant colony algorithm as a combination optimization
search algorithm are very obvious. Based on this, this paper
researches the ant colony algorithm collocation problem of
community sports settings under the environment of
national fitness and uses the ant colony algorithm to estab-
lish a collocation model and reasonably allocate land space
for the construction demand of community sports facilities.
In the optimal design of sports facility collocation, a multi-
objective function model is constructed, and the ant colony
algorithm is used to analyze the problem of sports facility
collocation in detail, improve the calculation and analysis
of important parameters, and process the core function to
transform it into the solution of a single-objective problem.
The optimal number of iterations and ant population size
are determined by the simulation analysis results. Simula-
tions were conducted for both dynamic and static matching
of community sports facilities, and the results show that the
algorithm in this paper can ensure diversity and greater sta-
bility in matching sports facilities and at the same time can
improve efficiency. It should be noted that the algorithm is
improved, and this paper only optimizes the key parameters;
the pheromone update method also has a great impact on
the performance, and this aspect is not studied in depth,
and in the spatial classification utilization, it is only classified
into 5 categories, and there are many factors that actually
affect the community sports facility collocation, and more
data need to be further obtained for in-depth study.
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